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Abstract The behavior of mammalian cells within three-dimensional structures is an area
of intense biological research and underpins the efforts of tissue engineers to regenerate
human tissues for clinical applications. In the particular case of hepatocytes (liver cells),
the formation of spheroidal multicellular aggregates has been shown to improve cell via-
bility and functionality compared to traditional monolayer culture techniques. We propose
a simple mathematical model for the early stages of this aggregation process, when cell
clusters form on the surface of the extracellular matrix (ECM) layer on which they are
seeded. We focus on interactions between the cells and the viscoelastic ECM substrate.
Governing equations for the cells, culture medium, and ECM are derived using the prin-
ciples of mass and momentum balance. The model is then reduced to a system of four
partial differential equations, which are investigated analytically and numerically. The
model predicts that provided cells are seeded at a suitable density, aggregates with clearly
defined boundaries and a spatially uniform cell density on the interior will form. While
the mechanical properties of the ECM do not appear to have a significant effect, strong
cell-ECM interactions can inhibit, or possibly prevent, the formation of aggregates. The
paper concludes with a discussion of our key findings and suggestions for future work.

Keywords Cell aggregation · Tissue engineering · Multiphase model

1. Introduction

The liver is the most metabolically complex organ in humans, weighing approximately
1.5 kg, and performing an estimated 500 different functions. Diseases of the liver, in-
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cluding hepatitis and cirrhosis, caused about 46,000 deaths in the USA in 1998 (Cen-
ters for Disease Control and Prevention, 2003), and at present there are few successful
treatments for such conditions apart from organ transplant. While waiting lists for trans-
plants continue to lengthen, the level of organ donation has remained static (OPTN, 2003;
NHS, 2001), so interest is now turning to the development of liver support devices. Pas-
sive systems to remove blood toxins accumulated during liver failure (e.g., haemodialysis,
haemofiltration, and plasma exchange) have shown disappointing results in terms of pa-
tient survival, and so attention has focused on cell-based liver support devices (Jauregui,
2000). The engineering of liver tissue for such devices, for drug testing, and potentially for
transplantation, has stimulated new interest in understanding the interactions between the
cell populations in the liver, various growth factors, and the extracellular matrix (ECM).

In vivo, under normal physiological conditions, around 80% of liver tissue is composed
of hepatocytes (Mitaka, 1998). These epithelial cells perform most of the liver’s impor-
tant functions (Selden et al., 1999), and hence have received the greatest attention from
tissue engineers. Hepatocytes cultured in vitro often form a monolayer, have a tendency to
de-differentiate (lose their ability to function normally) within hours, and die after a few
days (Riccalton-Banks et al., 2003; Bhandari et al., 1997). Techniques that have been de-
veloped to overcome this problem include coculture with other cell types (such as stellate
cells, also found in the liver), culture on polymer scaffolds, and the use of growth factors
and cytokines (Bhandari et al., 1997). Some of these techniques result in the hepatocytes
forming multicellular spheroids. The structure of the spheroids appears to mimic, in some
respects, that of liver tissue in vivo; for example, channels resembling bile canaliculi are
seen (Abu-Absi et al., 2002). Spheroid culture also results in prolonged expression of
liver-specific functions (commonly measured by albumin production (Riccalton-Banks,
2002)) and hepatocyte viability (Richert et al., 2002).

A common procedure for culturing hepatocytes as spheroids involves seeding the
freshly isolated cells in culture wells coated with ECM and bathed in a culture medium,
which supplies them with nutrients. On suitable substrates, the cells aggregate over a pe-
riod of approximately one day (Riccalton-Banks, 2002) (Glicklis et al., 2000 also report
clustering over a similar timescale for hepatocytes seeded in alginate scaffolds). These
aggregates then detach themselves from the surface of the ECM and reorganize to form
multicellular spheroids, the diameter of which is around 100–150 µm (Thomas et al.,
2005), as we can see from Fig. 1 (compared to a representative cell diameter of 10–30 µm
(Higuchi and Tsukamoto, 2004; Glicklis et al., 2000)). The migration of hepatocytes dur-
ing the early stages of aggregation is described in detail in Powers and Griffith-Cima
(1996). They found that only around 6% of observed cells exhibited “classical single-cell
locomotion,” defined as occurring when a cell translates one body length, without contact-
ing another cell. More frequently, direct cell-cell contact caused by membrane extension
facilitated the formation of aggregates. Translation of groups of cells was not quantified
in their study, although the authors state that many of the cells translated more than one
body length following cell-cell contact.

Hepatocytes are anchorage-dependent cells (Bhandari et al., 1997; Selden et al., 1999),
and their interactions with the ECM are believed to be of great importance, both in vivo
(Bedossa and Paradis, 2003) and in vitro. Significantly, experiments have shown that the
material properties of the ECM affects the morphology of the cells, the likelihood of ag-
gregation, and the ability of the cells to sustain liver specific functions (Moghe et al., 1996;
Powers et al., 1997). Tissue engineers employ a wide variety of ECM types; often these
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Fig. 1 Scanning electron micrograph of a multicellular liver spheroid (courtesy of L. Riccalton-Banks).

are artificial substrates such as tissue culture plastic or polylactic acid; however, unlike
the ECM in vivo, such substrates lack specific recognition groups for cells. Matrix pro-
teins such as fibronectin can be employed to modify such surfaces, and provide a more
favorable environment for attachment (see Whitaker, 2003, Chap. 5). Another approach is
to culture the cells on natural ECM components, such as Matrigel or in a collagen sand-
wich (Richert et al., 2002). In addition to cell-ECM interactions, cell-cell contacts appear
to play a significant role, and studies have shown that spheroid formation is inhibited if
the initial cell plating density is too high or too low (Peshwa et al., 1994, 1996). Cell-
cell interactions are also important in maintaining the viability and functionality of the
hepatocytes (Moghe et al., 1997).

Previous modeling work on this problem appears limited. Glicklis et al. (2004) as-
sumed the diameter of individual liver cell spheroids undergoes logistic growth, and de-
termined the values of the relevant parameters by fitting to experimental data. They then
used this solution to determine the rate of albumin production. By contrast, cell aggrega-
tion in the slime mold Dictyostelium discoideum has been extensively studied by theoreti-
cians. In this organism, when nutrients are scarce, aggregation is stimulated by gradients
of a cell-derived chemical (cAMP) (Vasiev and Weijer, 2003). This phenomenon pro-
vided the motivation for the development of the best known model for chemotactic cell
movement, due to Keller and Segel (1970, 1971). Although chemotaxis is also a potential
mechanism for hepatocyte aggregation (see Section 6), for simplicity we do not explicitly
consider chemical signals in this paper. Instead, we base our approach on the ideas of
Murray and co-workers (Murray, 1993), who developed continuum models which include
the effects of cell interactions with the ECM. They propose a general equation for the
evolution of the cell density, in which cell movement involves a combination of random
motion, chemotaxis and advection with the ECM. The principles of mass and momentum
balance are used to derive equations for the density and deformations of the ECM. Models
of this type offer enormous scope for generating many different types of spatial patterns,
and have been studied in connection with a wide variety of systems, including limb-bud
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formation, wound healing, and cancer. An alternative approach that has been used to de-
scribe the formation of vascular networks in vitro, involves coupling a mass conservation
equation for the cell density to a Burgers-type equation for the cell velocity (Kowalczyk et
al., 2004 and references therein), rather than simply prescribing the cell flux as a function
of cell density and ECM displacement as in Murray (1993). The velocity equation also
contains a Keller–Segel type term describing chemotaxis, which is in turned coupled to a
reaction diffusion equation for the chemoattractant in the conventional way.

As the review above suggests, there is increasing interest in developing mathematical
models which describe interactions between cells and other constituents of their environ-
ment, such as extracellular fluid (Breward et al., 2002), ECM (Jackson and Byrne, 2002;
Lemon et al., 2006) and other cell populations, e.g., macrophages (Owen et al., 2004).
Multiphase models, in which the different components are treated as distinct phases, rep-
resent a natural framework within which to study such systems. The principles of mass
and momentum conservation are applied to each phase, and the physical properties of the
different phases, and the interaction forces between them, specified by constitutive rela-
tions. We use this approach here to study the early stages of liver cell spheroid formation.

The paper is organized as follows: in Section 2, we derive the governing equations
and show how they may be reduced to a system of four coupled PDEs; in Section 3,
we apply linear stability analysis to the model, to determine the parameter regimes in
which we can expect to observe aggregation, while in Section 4, we consider behavior
for long times. This is followed in Section 5 by numerical simulations of the governing
equations. (A weakly nonlinear analysis of a modified version of the model is presented
in Appendix A.) The paper concludes with a discussion in Section 6, summarizing our
main results, and suggesting possible directions for future work.

2. Model formulation

We consider an in vitro population of cells (hepatocytes) bathed in culture medium, which
we treat as a two-phase mixture. The cells adhere to a deformable layer of ECM which
occupies the base of the culture well (see Fig. 2). For simplicity, a one-dimensional slab
geometry is adopted, we neglect the effects of chemotaxis and assume that the cells are
nutrient-rich. The model is then developed, in Section 2.1, as a series of mass and momen-
tum balances for the cells, culture medium and ECM. We close the model in Section 2.2
by introducing appropriate constitutive laws for the mechanical properties of each of the
three species. Finally, interaction forces and suitable boundary and initial conditions are
specified in Section 2.3.

2.1. Governing equations

We assume the culture well occupies the region −L ≤ x ≤ L. We denote the local volume
fractions of the cells and culture medium by n(x, t) and w(x, t) and their horizontal veloc-
ities by vn(x, t) and vw(x, t). The ECM density and displacement are denoted by ρ(x, t)

and s(x, t), respectively. For simplicity, we consider only small ECM displacements, so
that linear theory is valid, and the ECM velocity is given by ∂s/∂t .

In the cell and culture medium mixture, we assume there are no voids, so

n + w = 1. (1)
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Fig. 2 Definition sketch.

As cells consist predominantly of water, we assume that cells and culture medium have
an equal, constant density (≡ 1, without loss of generality) and exclude this factor from
the relevant mass balance equations. Data on the rates of proliferation and death of he-
patocytes in culture are limited. Enat et al. (1984) report that the ratio of the number of
cells on day 7 of culture compared to that on day 1 is 1.0–2.9 (depending on the type of
ECM and culture medium used), while Thomas et al. (2006) found around 10% of cells
died between 24 and 48 hours in culture. Since the timescale of interest for aggregation
is around 1 day, this suggests that cell proliferation is not the main cause of cluster for-
mation. For simplicity, we thus neglect hepatocyte proliferation and death, and likewise
production and degradation of ECM, and hence obtain the following mass conservation
equations for n,w, and ρ:

∂n

∂t
+ ∂

∂x
(nvn) = 0, (2a)

∂w

∂t
+ ∂

∂x
(wvw) = 0, (2b)

∂ρ

∂t
+ ∂

∂x

(
ρ

∂s

∂t

)
= 0. (2c)

We denote by σn,σw, and σρ the Cauchy stresses in the cells, culture medium, and
ECM. Neglecting inertial effects, the momentum balance in each phase is given by:

∂

∂x
(nσn) + Fn = 0, (3a)

∂

∂x
(wσw) + Fw = 0, (3b)

∂σρ

∂x
+ Fρ = 0, (3c)

where Fn,Fw, and Fρ represent the net sources of momentum in each phase, the precise
forms of which are discussed in Section 2.2.

2.2. Constitutive relations

We model the culture medium as an inviscid fluid for which

σw = −p, (4)
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Fig. 3 nΣn against n (n∗ = 0.8, Γ1 = 1).

where p is the fluid pressure.
We model the cells as an incompressible viscous fluid, with constant viscosity μn.

The viscous effects are intended to capture the tendency of cells to align and match their
velocities with the local average cell velocity (Babak et al., 2004). In the context of liver
cell aggregation, the viscous term represents migration of hepatocytes as coupled pairs
or groups (Powers and Griffith-Cima, 1996). Obviously, cells differ from viscous fluids
in that they are able to generate forces in response to cues from their environment, such
as variations in the local cell density. We assume these forces manifest themselves in the
cellular phase as an additional pressure term, Σn Thus, following Breward et al. (2002),
we write

σn = −p − Σn + 2μn

∂vn

∂x
, (5)

where

Σn = Γ1
(n − n∗)
(1 − n)2

. (6)

In the above, the tension constant, Γ1, describes the cells’ affinity for the close-packing
volume fraction n∗ ∈ (0,1). We note from Eq. (3a) that it is, in fact, nΣn that is key for cell
movement. This function has a single turning point at n = nc = n∗/(2 − n∗). For n < nc,

the effect is for cells to move up gradients of n (i.e., cell-cell interactions are attractive),
and conversely for n > nc. A graph of nΣn(n) is presented in Fig. 3.

We model the ECM as an isotropic, viscoelastic material, over which the cells move
(see Fig. 2). In general, mechanochemical models are sensitive to the particular consti-
tutive laws adopted (Byrne and Chaplain, 1996). However, in the absence of appropriate
experimental data, we use the Voigt model of viscoelasticity (see, e.g., Gracheva and
Othmer, 2004) to describe the mechanical properties of the ECM. This model exhibits
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viscous behavior over short timescales, and elastic behavior at long times. The stress and
displacement in the ECM are related as follows:

σρ = ∂

∂x

(
μE

∂s

∂t
+ E′s

)
, (7)

where μE and E′ are the viscous and elastic constants for the material. (In fact, μE is
the sum of the bulk and shear viscosities of the material, and E′ is related to the Young’s
modulus E and Poisson ratio ν by E′ = E(1 − 2ν)(1 − ν)/(1 + ν) (Murray, 1993)).

Turning to the momentum source terms, Fn,Fw, and Fρ , we assume that the culture
medium and ECM exert drag forces on the cells (and vice versa), but neglect any drag
between the ECM and the culture medium. Our choice of cell-ECM interaction term thus
differs from that of Murray (1993), where a “tethering” force proportional to the ECM
displacement, s, is used. We denote by knw and knρ the cell-culture medium and cell-ECM
drag coefficients and, following Breward et al. (2002), we fix knw = k1nw and knρ = k2nρ

for nonnegative constants k1 and k2. Consequently, there is no drag if either of the two
species concerned is not present.

Combining the above information, we write

Fn = −k2nρ

(
vn − ∂s

∂t

)
− k1nw(vn − vw) + p

∂n

∂x
, (8a)

Fw = −k1nw(vw − vn) + p
∂w

∂x
, (8b)

Fρ = k2nρ

(
vn − ∂s

∂t

)
. (8c)

The last term in Eqs. (8a) and (8b) represents the contribution of interfacial forces, as-
suming surface tension effects are negligible (see Drew and Segel, 1971; Drew, 1983 for
a detailed derivation).

2.3. Initial and boundary conditions

The model comprises Eqs. (2)–(3), together with the constitutive relations (4)–(8). We
close the model by specifying appropriate boundary and initial conditions. The initial
distribution of cells is given by

n(x,0) = n0(x). (9)

Initially, the ECM layer is taken to be undeformed and spatially uniform with constant
density ρ0, so that

ρ(x,0) = ρ0, s(x,0) = 0. (10)

We assume that the system is symmetric about x = 0; accordingly, we restrict attention to
0 ≤ x ≤ L and impose

s(0, t) = vn(0, t) = vw(0, t) = 0. (11)
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The ECM is taken to be pinned at the edge of the culture well, so the displacement is zero
at x = L, i.e.,

s(L, t) = 0. (12)

We also assume there is no flux of cells or water out of the culture well, so

vn(L, t) = vw(L, t) = 0. (13)

2.4. Model simplification

The model developed in Sections 2.1–2.3 can be reduced to coupled PDEs for n, ρ, vn,

and s. This allows us to focus on the four physical quantities with which we are most
concerned. Although we eliminate the variables w, vw, and p, these quantities may be
determined, if required, using expressions derived below.

Adopting the functional forms introduced in Section 2.2, the momentum balance
Eqs. (3) become:

∂

∂x

(
2μnn

∂vn

∂x
− nΣn

)
− n

∂p

∂x
− k2nρ

(
vn − ∂s

∂t

)
− k1nw(vn − vw) = 0, (14a)

w
∂p

∂x
+ k1nw(vw − vn) = 0, (14b)

∂2

∂x2

(
μE

∂s

∂t
+ E′s

)
+ k2nρ

(
vn − ∂s

∂t

)
= 0. (14c)

Summing Eqs. (2) leads to the incompressibility relation:

∂

∂x
(nvn + wvw) = 0, (15)

which following integration and imposition of (11) yields

vw = −nvn

w
(16)

(assuming w �= 0). We combine Eqs. (1) and (16) to eliminate w and vw in (14b) and
deduce that

∂p

∂x
= k1n

(1 − n)
vn. (17)

Using (17) in Eq. (14a) gives

k1n

(1 − n)
vn + k2nρ

(
vn − ∂s

∂t

)
+ ∂

∂x
(nΣn) − 2μn

∂

∂x

(
n

∂vn

∂x

)
= 0. (18)

The reduced model comprises Eqs. (2a), (2c), (14c), and (18) for n, ρ, s, and vn,

respectively, together with the initial and boundary conditions specified by Eqs. (9)–(10),
(11)–(13).
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Table 1 Summary of dimensional parameter values and the corresponding references

Parameter Symbol Units Value Source

Aggregate lengthscale λ m 10−4 Thomas et al. (2005)
Domain half-length L m 10−2 Measured
Cell close-packing volume fraction n∗ none 0.8 Powers et al. (2002)
Aggregation timescale T ∗ s 105 Riccalton-Banks (2002)
ECM density ρ0 kg m−3 0.5–8 Namy et al. (2004) and refs.

therein
Cell-water draga k1 kg m−3 s−1 107–1011 Swabb et al. (1974), Lubkin

and Jackson (2002)
Cell-ECM drag k2 kg m−3 s−1 no data N/A
Tension constant Γ1 kg m−1 s−2 no data N/A
Cell viscosityb μn s−1 104–106 Forgacs et al. (1998),

Lubkin and Jackson (2002)
ECM viscosity (collagen) μE kg m−1 s−1 105 Velegol and Lanni (2001)
ECM shear modulus (collagen) E′ Pa 100–101 Velegol and Lanni (2001)
ECM viscosity (PLA) μE kg m−1 s−1 105–108 Namy et al. (2004), Chen et

al. (2003), Gunatillake and
Adhikari (2003)

ECM shear modulus (PLA) E′ Pa 106–109 Namy et al. (2004), Chen et
al. (2003), Gunatillake and
Adhikari (2003)

aMeasurements in Swabb et al. (1974) relate to hepatoma
bMeasurements in Forgacs et al. (1998) are for spherical aggregates of embryonic chick liver cells

2.5. Parameters

Here, we estimate the physical parameters in the model. The associated lengthscales range
from the diameter of a cell (∼10 µm) to that of a liver cell spheroid (λ ∼ 150 µm) to that of
the culture well (L ∼ 1 cm). Our interest in aggregation prompts us to use λ to fix a typical
lengthscale. Our timescale T ∗ is related to the time for aggregation to occur (T ∗ ∼ 1
day, Riccalton-Banks, 2002; Thomas et al., 2005). We estimate the packing density to be
n∗ = 0.8 (see Powers et al., 2002).

The types of ECM used in liver tissue engineering include collagen gels and polylactic
acid (PLA); for the former, μE ∼ 105 Pa and E′ ∼ 100–101 Pa (Velegol and Lanni, 2001),
while for the latter, μE ∼ 105–108 Pa and E′ ∼ 106–109 Pa (Chen et al., 2003; Gunatillake
and Adhikari, 2003; Namy et al., 2004). We thus consider a range of values for these
parameters. The values of the cell viscosity μn, cell-culture medium drag constant k1

and the initial ECM density ρ0 are estimated from similar experiments reported in the
literature. The parameter values and supporting references are summarized in Table 1.

At present, values for the cell-ECM drag constant, k2, and the tension constant Γ1

cannot be determined from the literature and so must be estimated. We assume that the
drag force between the cells and ECM is stronger than that between the cells and culture
medium, and hence take k2ρ0 ≥ k1. We estimate the timescale for aggregation in the ab-
sence of drag effects to be T ∗ ∼ 2μn/Γ1, and use this to estimate Γ1. Given T ∗ ∼ 105 s
and using the range for μn stated in Table 1, we predict Γ1 ∼ 10−1–101 kg m−1 s−2.
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2.6. Dimensionless governing equations

We nondimensionalize as follows

x̃ = x

λ
, t̃ = Γ1t

2μn

, ρ̃ = ρ

ρ0
, ṽn = 2μnvn

Γ1λ
, s̃ = μEs

2λμn

,

where tildes denote dimensionless quantities. Note that in the above, we have adopted
the timescale T ∗ = 2μn/Γ1, which gives a balance between the cell viscosity and cell-
generated forces. The dimensionless governing equations are then (dropping tildes for
convenience):

∂n

∂t
+ ∂

∂x
(nvn) = 0, (19)

∂ρ

∂t
+ 1

μ̂

∂

∂x

(
ρ

∂s

∂t

)
= 0, (20)

k̂1n

(1 − n)
vn + k̂2nρ

(
vn − 1

μ̂

∂s

∂t

)
+ ∂

∂x

(
n(n − n∗)
(1 − n)2

)
− ∂

∂x

(
n

∂vn

∂x

)
= 0, (21)

−k̂2nρ

(
vn − 1

μ̂

∂s

∂t

)
= ∂2

∂x2

(
∂s

∂t
+ τs

)
, (22)

where

k̂1 = k1λ
2

2μn

, k̂2 = k2λ
2ρ0

2μn

, μ̂ = μE

2μn

, τ = 2μnE
′

μEΓ1
, ε = λ

L
.

The parameters k̂1 and k̂2 are the ratios of cell-culture medium and cell-ECM drag to
viscous forces; μ̂ is the ratio of the ECM and cell viscosities; and τ is the ratio of the
aggregation timescale to the ECM relaxation time, TR = μE/E′ (i.e. TR is the time taken
for an ECM deformation to decay by a factor e−1 in the absence of external forces).

The initial conditions are now applied over the large domain [0, ε−1] (given the length-
scales stated in Section 2.5, ε−1 ≈ 50). They give

n(x,0) = n0(x), ρ(x,0) = 1, s(x,0) = 0, (23)

while the boundary conditions for vn and s become

vn(0, t) = vn

(
ε−1, t

) = 0, s(0, t) = s
(
ε−1, t

) = 0. (24)

3. Linear stability analysis

Equations (19)–(22), together with their associated boundary conditions (24) have a
spatially homogeneous steady state solution for which (n,ρ, vn, s) = (n0,1,0,0) with
0 < n0 < 1 constant. This solution approximates the conditions immediately after the
liver cells have been seeded in the culture wells. We examine the linear stability of this
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steady state to determine parameter ranges in which aggregation may occur. We consider
perturbations of the form

n = n0 + n̂eiqx+ωt , ρ = 1 + ρ̂eiqx+ωt ,

vn = v̂ne
iqx+ωt , s = ŝeiqx+ωt , (25)

where the real part is to be understood, and |n̂|, |ρ̂|, |v̂n|, and |ŝ| � 1. Here, q is the
wavenumber of a given perturbation and ω = ω(q) is the corresponding growth rate. The
no-flux boundary conditions impose the constraint q = mπε, where m is an integer.

For a given q , if there exists an ω(q) for which R(ω) > 0 (< 0), then the steady state
is linearly unstable (stable) with respect to perturbations of the form (25). We expect
aggregation to occur in parameter regimes for which the steady state is linearly unstable.

We substitute (25) into Eqs. (19)–(22), linearize, and obtain the following dispersion
relation for ω(q):

A
(
q2

)
ω2 + B

(
q2

)
ω + C

(
q2

) = 0, (26)

where

A = k̂2n0

(
k̂1

(1 − n0)
+ q2

)
+ q2μ̂

(
k̂1

(1 − n0)
+ k̂2 + q2

)
,

B = q2μ̂τ

(
k̂1

(1 − n0)
+ k̂2 + q2

)
+ q2β(n0)

(k̂2n0 + q2μ̂)

(1 − n0)3
,

C = q4τ μ̂β(n0)

(1 − n0)3
,

and β(n0) = 2n0 − n∗(1 + n0). With the exception of β(n0), all model parameters are
positive. Hence, A > 0 and the behavior of (26) depends, via β(n0), on the signs of B

and C. If β(n0) > 0, then B,C > 0 and the system is linearly stable (R(ω(q)) < 0).
If β(n0) < 0, then C < 0 and the system is unstable (the roots of (26) are real and of
opposite sign).

The above analysis suggests that the stability of the system depends only on the ini-
tial cell seeding density, n0. In particular, if n0 > nc = n∗/(2 − n∗), then β(n0) > 0, the
cell-cell interaction force is repulsive and the spatially uniform steady state is locally sta-
ble. If instead n0 < nc, then β(n0) < 0 and the steady state is unstable, the cells moving
to achieve their preferred density. We note from Eq. (26) that ω is bounded (but may
be positive) as q → ∞, since the highest power of q is the same in A, B, and C. As a
result, modes with large wavenumber grow at almost equal rates. In order to distinguish
between these modes, the impact of nonlinear effects must be investigated. We use numer-
ical methods to do this in Section 5, and illustrate how analytical methods may be used in
Appendix A, where we perform a weakly nonlinear analysis of a modified version of the
model. First, however, we consider the long-time dynamics.

4. Long-time behavior

We consider the long-time behavior of the model, by adopting the timescale t = δ−1T

(where δ � 1). This has the effect of eliminating the time derivative term in Eq. (19)
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at leading order, and upon integrating and applying the boundary conditions, we find
nvn = 0. At leading order, Eq. (22) then becomes

∂2s

∂x2
= 0.

On integrating and applying the boundary conditions, we find s = 0, and thus Eq. (20)
(which is unchanged by the rescaling at leading order) implies ρ is an arbitrary function
of x (which will depend on the behavior at earlier times). Assuming n �= 0 (otherwise Eq.
(21) is trivially satisfied), we find at leading order:

∂

∂x

(
n(n − n∗)
(1 − n)2

)
= 0. (27)

We observe that two types of behavior may satisfy (27). The first possibility is that n =
const., but as we have seen from Section 3, the spatially uniform state is unstable for
n < nc, so we would not expect to observe this behavior if at any time n < nc anywhere in
the domain. The second possibility is that n is piecewise constant, taking the values 0 and
n∗ in different regions. This suggests that at long times, we may tend toward a situation
in which there are aggregates within which the cells achieve their close-packing density,
alternating with regions devoid of cells.

Since the role of cell-ECM adhesion is of particular interest, we also briefly consider
the long-time behavior in the limit of large k̂2, for which cell-ECM drag is strong. Taking
k̂2 � 1, we introduce the long timescale t = k̂2T and the slow cell velocity scale vn =
V/k̂2. Under these rescalings, Eqs. (19) and (20) are unchanged at leading order, while
Eqs. (21) and (22) become

nρ

(
V − ∂s

∂T

)
+ ∂

∂x

(
n(n − n∗)
(1 − n)2

)
= 0, (28)

−nρ

(
V − ∂s

∂T

)
= μ̂τ

∂2s

∂x2
. (29)

Combining Eqs. (28) and (19) gives the following nonlinear diffusion equation for n

∂n

∂T
+ ∂

∂x

(
n

∂s

∂t
− 1

ρ

∂

∂x

(
n(n − n∗)
(1 − n)2

))
= 0. (30)

We note from (28) that V includes a term representing advection of the cells with the
ECM as it is deformed. The form of this term is identical to that prescribed by Murray
(1993), though we have derived it here from a momentum balance. We also note that
Eq. (30) is ill-posed when n < nc = n∗/(2 − n∗); this would suggest the formation of
localized regions of high or low cell density (Oliver et al., 2005). This is indeed what is
seen numerically, with the formation of smaller aggregates for larger k̂2 (see, e.g., Fig. 7).
(We remark that although the above equation is ill-posed, retention of a small viscous
term in the full system renders it well posed.)

The type of solution described in this section, in which the value of n changes abruptly
in space, is similar to those involving the formation of shocks described in Byrne and
Preziosi (2003) for a two-phase model of tumor growth (in which the cell viscosity is
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neglected). While the above analysis provides useful qualitative information on the long-
time behavior of our model, it does not tell us the positions at which n “jumps,” and
hence the number of aggregates we can expect to observe. This will depend on the ini-
tial conditions, and the evolution of the model over O(1) timescales, and must hence be
investigated numerically. This is undertaken in the following section.

5. Numerical simulations

5.1. Numerical methods

The governing Eqs. (19)–(22) were discretized using second-order accurate finite differ-
ence methods, and simulations were performed using MATLAB as follows. Firstly, given
the initial conditions for n, ρ, and s, we solved the discretized versions of Eqs. (21) and
(22) by a simple matrix inversion to obtain vn and ∂s/∂t . These values were then used to
update n and ρ at the next timestep, using Eqs. (19) and (20). The latter two equations
are solved using a Crank–Nicholson type method (Strikwerda, 1989) (with the relevant
velocities evaluated at the current timestep). We found it convenient to include a small
stabilizing diffusion term in Eq. (19) (with diffusion coefficient D = 10−4) to reduce the
number of points in the spatial discretization needed to obtain satisfactorily smooth solu-
tions. The solution for s was then updated using the values of ∂s/∂t found in the initial
step, using a method which is first-order accurate in time. The updated solutions for n,
ρ, and s were then used to determine vn and ∂s/∂t at the new timestep, and the process
described above was repeated until the desired end time was reached. The growth rates of
the numerical solutions for early times were verified against those predicted by the linear
stability analysis.

For convenience, the domain is truncated to 0 ≤ x ≤ 10 (numerical experiments with
longer domains give the same qualitative results; results not presented). For the simula-
tions presented in the following section, a timestep �t = 0.01 and N = 2001 grid points
were used.

5.2. Numerical results

Unless otherwise stated, henceforth, we fix n∗ = 0.8 and k̂1 = k̂2 = τ = μ̂ = 1, which is
consistent with the ranges suggested in Section 2.5. For simplicity, we begin by setting
n(x,0) = 0.5 + 0.01 cos 0.6πx (other initial conditions will be considered later). The cor-
responding numerical simulations show the formation of aggregates which have sharply
defined edges (except for those where the edge of the aggregate coincides with the edge
of the domain), and uniform cell density (equal to n∗ = 0.8) on the interior (Fig. 4).
This agrees with the predictions of the long-time behavior in Section 4. Note that in this
simulation, the number of aggregates corresponds to the number of peaks in the initial
condition.

During the early stages of aggregation, cell movement is slow (in Fig. 5 |vn| < 0.05
for 0 ≤ t ≤ 2 ). Between t = 2 and t = 4, the cell velocity increases considerably and
aggregation proceeds relatively quickly (Fig. 5a). For t ≥ 5, we note that we tend to ob-
serve vn = 0 within aggregates (compare Figs. 4 and 5b); elsewhere vn �= 0, with the few
remaining cells moving toward the nearest cluster. As the cells begin to aggregate, the
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Fig. 4 Numerical solution for cell volume fraction, n, at times t = 0,5,10,15 (k̂1 = k̂2 = μ̂ = τ = 1).

Fig. 5 Numerical solution for cell velocity, vn at: (a) t = 0,1,2,3,4 (arrow indicates increasing time);
(b) t = 5 (dashed), t = 10 (dotted) and t = 15 (solid). Parameter values as for Fig. 4.

ECM is at first pulled along with them, so that its density is increased within the growing
aggregates (Fig. 6a). At later times, when most of the cells have stopped moving, elastic
forces begin to reduce the deformation of the ECM (Fig. 6b) until its density becomes
spatially uniform once again.

We now investigate the effect of varying key model parameters on the behavior of the
system. The parameters over which tissue engineers have most control are: the strength
of cell-ECM adhesion k̂2, which can be changed, for example, by surface modification of
the substrate with various proteins; the physical properties of the ECM, represented by μ̂

and τ ; the degree of drag between the cells and the culture medium k̂1, which will depend
on the viscosity of the culture medium; and the initial cell seeding density, n(x,0).

Increasing the cell-ECM drag parameter k̂2 has two effects on cell aggregation. It in-
creases the number of aggregates formed (with a corresponding reduction in their size)
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Fig. 6 (a) Numerical solution for ECM density, ρ, at t = 0,1,2,3,4,5 (arrow indicates increasing time);
(b) t = 6 (dashed), t = 10 (dotted) and t = 15 (solid). Parameter values as for Fig. 4.

Fig. 7 (a) Numerical solution for cell volume fraction, n, at t = 0 (dashed), t = 5 (dotted) and t = 10
(solid); (b) t = 20. Parameter values as for Fig. 4, except k̂2 = 10.

and reduces the cells’ speed. Taking the same initial condition as for Fig. 4, and setting
k̂2 = 10 (with other parameters unchanged), we see that initially four aggregates begin to
form as before. However, at later times, additional aggregates begin to form in the spaces
between the original ones (Fig. 7a). By t = 20, 7 aggregates have formed (Fig. 7b). A fur-
ther increase to k̂2 = 30 produces a further increase in the number of aggregates to 9.
In each case, there is a corresponding reduction in |vn| (results not presented). A similar
effect occurs when the cell-culture medium drag parameter k̂1 is increased. Setting k̂1 = 5
(with other parameter values and initial conditions as for Fig. 4) results in the formation
of 7 aggregates; while for k̂1 = 10 this number increases to 9 (results not presented).

Repeated simulations suggest that altering the ECM compliance (by changing μ̂ and
τ ) does not affect the qualitative nature of the cells’ aggregation (results not presented).
We do, however, see predictable changes in the ECM, with density variations almost elim-
inated for stiff substrates (large μ̂, τ ) and increased deformation with increased compli-
ance.
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Fig. 8 Numerical solution for n at t = 0 (dotted) and t = 20 (solid). Reduced cell seeding density
n(x,0) = 0.3 + 0.01 cos 0.6πx. Parameter values as for Fig. 4.

The final factor we wish to consider is the effect of the initial cell seeding den-
sity, n(x,0), on the formation of aggregates. We begin by setting the parameter val-
ues as for Fig. 4, and rerunning the simulation for the initial condition n(x,0) =
0.6 + 0.01 cos 0.6πx. The result is that the same number of aggregates are formed as
before, but the aggregates are larger, as there are more cells in the system (results not
shown). If we continue to increase the cell seeding density, so that the initial condition
has n(x,0) > nc = 2/3 (for n∗ = 0.8), then the cells spread so that n becomes spatially
uniform, as predicted by the linear stability analysis in Section 3. Still using the same
parameter values, but with n(x,0) = 0.3 + 0.01 cos 0.6πx, we find that seven, rather than
four, aggregates form (Fig. 8). The additional aggregates (which form between the four
peaks of the initial condition) are extremely narrow.

A further question of interest is: How does the initial distribution of the cells affect
the final number and size of aggregates? Our previous simulations, using sinusoidal ini-
tial conditions, impose a degree of symmetry on the solution which is unrealistic (though
using these initial conditions is useful in identifying the effects of changing parameter
values). In order to determine if the system dynamics naturally favor the formation of ag-
gregates of a particular size, we considered the effect of using random initial conditions.
These were obtained by taking the Fourier transform of a vector of length N , the en-
tries of which were uniformly distributed on the interval [0,1]. The higher-wavenumber
(q > 20) modes were then eliminated, and the inverse transform of the real part of the re-
sulting vector was then normalized to give a perturbation with amplitude 0.01. We then set
n(x,0) = const.+f (x), where f (x) is the perturbation obtained as just described. Taking
the parameter values as for Fig. 4, with the constant part of the initial condition set at 0.5,
we performed five simulations for different realizations of the initial conditions. These
resulted in the formation of the following numbers of aggregates: 7 (twice), 9 (twice), 11
(once). The average lengths of the aggregates (defined as regions where n > 0.79) were
in the range 0.55 to 0.87. These results are broadly similar to those obtained with dif-
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ferent random initial conditions, reported in Green (2006). This suggests that the initial
conditions have only a limited influence on the number of aggregates that form.

6. Discussion

In this paper, we have developed a new model of liver cell aggregation in vitro. The
mass and momentum balances for the cell phase are similar to those of Kowalczyk et al.
(2004), except that we neglect “inertia” terms (which represent directional persistence).
In addition, we have used a two-phase modeling framework to couple the motion of the
cells and culture medium, postulating constitutive laws for the interaction forces between
phases. Our simulations show the formation of “aggregates” with clearly defined outer
boundaries, and spatially uniform cell density in the interior. This is in good qualita-
tive agreement with images of aggregates cultured in vitro (Riccalton-Banks et al., 2003;
Thomas et al., 2005).

It is well known that both the strength of cell-ECM adhesion and the material proper-
ties of the ECM contribute significantly to cell mobility (Powers and Griffith-Cima, 1996;
Thomas and DiMilla, 2000). Our results show that strong cell-ECM adhesion results in
the formation of larger numbers of smaller aggregates, and increases the time taken for
aggregates to form. Our results agree with experimental findings reported in Powers and
Griffith-Cima (1996), that strong cell-substrate adhesion inhibits migration, and are con-
sistent with the hypothesis that aggregates do not form when cell-ECM adhesions are
stronger than cell contractile forces. When cell-ECM adhesion is extremely strong, we
found cell movement was almost completely eliminated, which reproduces the experi-
mental findings of Riccalton-Banks (2002) for cells seeded on tissue culture plastic. On
the basis of these results, we predict that reducing the strength of cell-substrate adhesion
may promote the formation of large aggregates. In practice, some degree of cell-substrate
adhesion may be necessary for cell locomotion, which would make the elimination of this
effect undesirable.

In our model, the properties of the ECM (i.e., its viscosity and elastic modulus) do
not have a significant effect on cell aggregation. This suggests any effect of changing
the ECM’s mechanical properties must come about through an ECM-modulated change
in cell behavior, e.g., the strength of cell-ECM adhesion (characterized by the parameter
k2). This hypothesis could be further investigated experimentally. Evidence already ex-
ists that some cell types form weaker adhesions to compliant substrates (Gracheva and
Othmer, 2004), suggesting a more complex relation between the physical properties of
the ECM and the strength of cell-ECM adhesion than has been assumed here. We could
extend our model by replacing the parameter k2 with a more complex function involving
μE and E′. However, although the current experimental literature contains a number of
studies of spheroid formation on a variety of substrates, the mechanical properties of the
substrates are not well characterized. We would suggest that further experimental investi-
gation of the impact of the material properties of the substrate on cell adhesion may prove
fruitful, and might allow us to postulate the form of a function to replace k2. Furthermore,
our use of a drag term to model cell adhesion is also an idealization of the biological
situation. An alternative approach has been taken by Preziosi and Astanin (2005), who
when modeling the formation of capillaries, distinguished between a “viscous” cell-ECM
interaction force (equivalent to our cell-ECM drag term) and an “elastic” force, which
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acts if the cells have had sufficient time to anchor to the ECM (or alternatively, if cells
are moving sufficiently slowly), and is proportional to their relative displacement. We
also remark that cell motility may depend on ECM properties, as a recent model of cell
crawling (Thomas and DiMilla, 2000) suggests that cells move with maximum speed on
rigid substrates: on compliant materials the ECM may deform preferentially relative to
the cell, retarding cell motion. We could incorporate this effect by making the function
Σn dependent upon ρ and the ECM’s mechanical properties.

Our simulations and analytical work suggest that the cell seeding density plays an im-
portant role in aggregate formation. In Section 3, we showed that if the cells are seeded too
densely (i.e., n > nc), then aggregation will not occur. Our numerical results also suggest
that reducing the cell seeding density leads to the formation of smaller aggregates. This
agrees with experimental observations reported by Tong et al. (1994). We thus believe it
would be profitable to undertake a quantitative experimental study of the relationship be-
tween cell seeding density and spheroid size to see if these predictions can be confirmed.
Taken together with the findings above, this result suggests that the most favorable con-
ditions for the formation of large-scale aggregates are high (but not too high) cell seeding
density, and low cell-ECM and cell-culture medium drag.

The most obvious weakness of our model is the ad hoc adoption of a one-dimensional
geometry. Furthermore, although we have not considered chemical signaling explicitly,
aggregation is almost certainly influenced by chemical factors. For example, when he-
patocyte conditioned medium (culture medium in which hepatocytes have previously
been grown) is added to freshly isolated cells, their rate of aggregation increases (Fujii et
al., 2000). This suggests that the hepatocytes produce a chemical signal which enhances
their motility. Moreover, hepatocytes are known to respond chemotactically to hepatocyte
growth factor (HGF) and epidermal growth factor (EGF) in vitro (Stolz and Michalopou-
los, 1997). Extending our model to investigate the impact of chemical signaling on cell
aggregation would require us to augment our system of equations with an expression de-
scribing the production and diffusion of the chemical species and incorporate dependence
upon the chemical concentration into the function Σn (Byrne and Owen, 2004). As a first
step toward addressing these points, a two-dimensional version of the model (representing
a vertical slice through the culture well), which also includes chemotaxis, has been devel-
oped by Green (2006). Thin-film approximations are then used to obtain one-dimensional
systems of governing equations in two scaling regimes.

Alternatively, by extending our model to allow for multiple cell populations, we could
investigate the impact of cellular heterogeneity on the rate of aggregation and the size of
aggregates formed. Recent experimental research has looked at the effect of coculturing
hepatocytes with other cell types, such as hepatic stellate cells (Riccalton-Banks et al.,
2003), fibroblasts (Bhandari et al., 1997) and pancreatic islet cells (Lee et al., 2004). Un-
der such conditions, spheroids appear to form more quickly, and may also be larger than
those which arise in hepatocyte-only cultures. These cell types could easily be included
as an additional phase within our multiphase framework.

In conclusion, this paper represents a first attempt to use mathematics to gain insights
into the dynamics of spheroid formation, and our model predictions show good qualitative
agreement with independent experimental results. In the absence of relevant experimen-
tal data, we were forced to make several modeling assumptions concerning, in particular,
the nature of cell-substrate interactions and the constitutive law which describes the cells.
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While we believe the form chosen for Σn is consistent with the type of interactions re-
quired to form aggregates of bounded cell density, other choices with the same qualitative
behavior (i.e., that the function is unbounded and positive as n → 1, and has only one
stationary point and one zero) might equally well have been considered. Extensions to the
model, and careful validation against experimental results will be needed if our predic-
tions are to be made quantitatively accurate. However, an advantage of our general model
framework is that it can easily be extended or modified to take into account more complex
experimental situations, as described above.
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Appendix A: Weakly nonlinear analysis

In this Appendix, we undertake a weakly nonlinear analysis (Maini and Murray, 1988) of
the 1D model developed in Section 2.1, and construct approximate solutions to the gov-
erning equations when the system is close to marginal stability. To perform this analysis,
we introduce an additional diffusion term (with coefficient D) on the RHS of Eq. (19)
which stabilizes the highest wavenumber modes; without it, standard techniques cannot
be applied, as there are an infinite number of unstable modes. (We justify the inclusion of
a diffusion term on the basis that it describes more realistically the behavior of the cells,
which will undergo a small amount of random motion, and that it replicates the numerical
method used in Section 5.) We focus on the limit k̂2 = 0 in which cell-ECM adhesion is
negligible, as this simplifies the analysis considerably. The equations under consideration
are thus

∂n

∂t
+ ∂

∂x
(nvn) = D

∂2n

∂x2
, (A.1)

κ(n)vn + ∂

∂x

(
nΣn(n)

) − ∂

∂x

(
n

∂vn

∂x

)
= 0. (A.2)

In (A.2), we have left the additional pressure term Σn in general form, and introduced
κ(n) as a general form of the cell-culture medium drag term. (For the choice of drag
coefficient specified in Section 2.2, we would have κ(n) = k̂1n/(1 −n).) We solve (A.1)–
(A.2) subject to the boundary conditions:

vn = 0,
∂n

∂x
= 0 at x = 0,

1

ε
. (A.3)
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We now repeat the linear stability analysis of Section 3 for Eqs. (A.1) and (A.2). We
consider small-amplitude perturbations to the spatially homogeneous steady state of the
form:

n = n0 + n̂eiqx+ωt , vn = v̂ne
iqx+ωt , (A.4)

where q and ω are, respectively, the wavenumber and growth rate of the perturbation and
|n̂|, |v̂n| � 1. Substituting (A.4) into Eqs. (A.1) and (A.2) yields

ω = −q2

(
D + n0Λ

′(n0)

(κ(n0) + n0q2)

)
, (A.5)

where Λ(n) = nΣn and a prime denotes differentiation. We hence note that for instability
to occur, we require:

Λ′(n0) <
−D(κ(n0) + n0q

2)

n0
. (A.6)

The addition of the diffusion term is stabilizing, as we would expect, since in the limit
D → 0, we require Λ′(n0) < 0 (or equivalently β < 0 in the notation of Section 3).

We note from (A.5) that if

D + n0Λ
′(n0)

(κ(n0) + n0q2)
= 0, (A.7)

then ω = 0 (i.e., the growth rate is undetermined at leading order). Condition (A.7) can
be viewed as specifying a critical wavenumber, q , given fixed values of n0 and D. Al-
ternatively, (A.7) may be used to determine critical parameter values for which a given
wavenumber q has w(q) = 0. We note further that in order to satisfy the boundary con-
ditions at x = 0,1/ε, we require that the additional condition q = mπε (where m is an
integer) must hold. In fact, it is necessary to assume the stronger constraint m = 1, as for
m > 1, there exists a smaller permissible wavenumber, for which R(ω) > 0. We would
then expect this longer-wavelength mode to dominate.

To determine the growth rate, we rescale the governing equations on a longer
timescale. We introduce a small parameter, 0 < δ � 1, and adopt a long timescale
t = δ−2T . Equation (A.2) is unchanged as a result of this rescaling, while (A.1) becomes

δ2 ∂n

∂T
+ ∂

∂x
(nvn) = D

∂2n

∂x2
. (A.8)

We seek solutions of the form:

n = n0 + δn1(x, T ) + δ2n2(x, T ) + · · · , vn = δv1(x, T ) + δ2v2(x, T ) + · · · ,
(A.9)

and also write D = D0 + δ2D1 + · · · , where D0 is the value of D satisfying (A.7), i.e.,

D0 = − n0Λ
′(n0)

(κ(n0) + n0q2)
. (A.10)
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At O(δ), Eqs. (A.8) and (A.2) give

n0
∂v1

∂x
= D0

∂2n1

∂x2
, (A.11)

n0
∂2v1

∂x2
=

(
κ(n0) + n0Λ

′

D0

)
v1. (A.12)

Solving the above subject to the boundary conditions yields, and using (A.7) gives

n1 = −
(

n0

D0q

)
A(T ) cosqx, v1 = A(T ) sinqx, (A.13)

where q = πε and A(T ) is the amplitude of velocity (which is also related to the ampli-
tude of n1), which is determined at O(δ3).

Continuing to next order, we find

n0
∂v2

∂x
+ ∂

∂x
(n1v1) = D0

∂2n2

∂x2
, (A.14)

κ(n0)v2 + κ ′(n0)n1v1 + Λ′(n0)
∂n2

∂x
+ Λ′′(n0)n1

∂n1

∂x

− n0
∂2v2

∂x2
− ∂

∂x

(
n1

∂v1

∂x

)
= 0. (A.15)

We seek solutions of the form:

n2 = N2A
2(T ) cos(2qx), v2 = V2A

2(T ) sin(2qx), (A.16)

where N2 and V2 are constants. Substituting these forms into Eqs. (A.14) and (A.15)
yields

N2 = n0

(2D0q)2

[
1 −

(
1

3q2

(
Λ′(n0)

D0
+ κ ′(n0)

)
+ 2

3
+ n0Λ

′′(n0)

3D0q2

)]
, (A.17)

V2 = 1

6D0q3

(
κ ′(n0) + Λ′(n0)

D0

)
+ 1

3D0q
+ n0Λ

′′(n0)

6D2
0q

3
. (A.18)

At O(δ3), we have

∂n1

∂T
+ ∂

∂x
(n1v2 + n2v1) + n0

∂v3

∂x
= D0

∂2n3

∂x2
+ D1

∂2n1

∂x2
, (A.19)

κ(n0)v3 + κ ′(n0)(n1v2 + n2v1) + κ ′′(n0)

2
n2

1v1 + Λ′(n0)
∂n3

∂x
+ Λ′′(n0)

∂

∂x
(n1n2)

+ Λ′′′(n0)n
2
1

2

∂n1

∂x
− n0

∂2v3

∂x2
− ∂

∂x

(
n1

∂v2

∂x
+ n2

∂v1

∂x

)
= 0. (A.20)

In order to suppress the resonant terms, we require

−κ ′(n0)A
3

2

(
N2 + n0V2

D0q

)
+ κ ′′(n0)A

3

8

(
n0

D0q

)2

+ q2A3

2

(
N2 − 2n0V2

D0q

)
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− Λ′(n0)

D0

[(
n0

D0q2

)(
dA

dT
+ q2D1A

)
+ A3

2

(
N2 + n0V2

D0q

)]

+ qΛ′′(n0)N2

2

(
n0

D0q

)
A3 + qΛ′′′(n0)

8

(
n0

D0q

)3

A3 = 0. (A.21)

The above hence reduces to the Landau equation (Maini and Murray, 1988)

dA

dt
= α1A + α2A

3, (A.22)

where the coefficients are given by

α1 = −q2D1, (A.23)

α2 = q2D2
0

n0Λ′(n0)

[−κ ′(n0)

2

(
N2 + n0V2

D0q

)
+ κ ′′(n0)

8

(
n0

D0q

)2

+ q2

2

(
N2 − 2n0V2

D0q

)

− Λ′(n0)

2D0

(
N2 + n0V2

D0q

)
+ qΛ′′(n0)N2

2

(
n0

D0q

)
+ qΛ′′′(n0)

8

(
n0

D0q

)3]
,

(A.24)

and, D0 is related to Λ′, q, and κ by Eq. (A.10).
The long-time behavior of the amplitude equation is thus:

(i) For D1 > 0 and α2 > 0, A → 0 if A(0) <
√

(|α1|/α2); A → ∞ if A(0) >√
(|α1|/α2).

(ii) For α2 < 0 < D1, A → 0.
(iii) For D1 < 0 < α2, A → ∞ .
(iv) For D1 < 0 and α2 < 0, A → √

(α1/|α2|) .

A sketch illustrating how the system dynamics vary in different regions of (D,n0)

parameter space is presented in Fig. A.1, with q = 0.1π , κ(n0) = n0/(1 − n0) and
Λ(n0) = n0(n0 − 0.8)/(1 −n0)

2 (these are equivalent to the dimensionless functions used
in Section 2.6 with k̂1 = 1 and n∗ = 0.8). The space is divided up by the curves α1 = 0
(i.e., D = D0), and those across which α2(n0) changes sign; the latter are vertical lines
occurring at n0 = nα ≈ 0.5 (corresponding to a root of α2(n0) = 0) and n0 = nc = 2/3,
where nc is as defined in Section 3 (corresponding to a discontinuity across which α2

changes sign, since D0(nc) = Λ′(nc) = 0). The behavior of α2 is quite sensitive to the
choice of n∗, e.g., for n∗ = 0.9, there is an additional root of α2 = 0 for n < nc. (Note
that owing to the assumption that D = D0 + δ2D1, the predictions of the analysis are only
valid for choices of D close to the α1 = 0 curve.)

Numerical simulations of the governing PDEs in the relevant region of parameter space
confirms the predictions of the weakly nonlinear analysis (results not shown). The analysis
presented above is valid for a finite interval and breaks down on an infinite domain. In this
case, variation of the dependent variables on the long lengthscale (i.e., much longer than
the critical wavelength) must be included, together with the potential for mode interaction
(Matthews and Cox, 2000).
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Fig. A.1 Behavior of solutions in different regions of (D,n0) parameter space (with q = 0.1π ,
κ(n0) = n0/(1 −n0) and Λ(n0) = n0(n0 − 0.8)/(1 −n0)2). Labels (i)–(iv) refer to the regimes described
in the main text. Note that nα and nc are the values of n0 across which α2 changes sign (see main text for
details). For the given parameter values, nα ≈ 0.5, and nc = 2/3 (see Section 3).

References

Abu-Absi, S.F., Friend, J.R., Hansen, L.K., Hu, W.S., 2002. Structural polarity and functional bile canali-
culi in rat hepatocyte spheroids. Exp. Cell Res. 274, 56–67.

Babak, P., Magnusson, K.G., Sigurdsson, S., 2004. Dynamics of group formation in collective motion of
organisms. Math. Med. Biol. 21, 269–292.

Bedossa, P., Paradis, V., 2003. Liver extracellular matrix in health and disease. J. Pathol. 200, 504–515.
Bhandari, R.N., Riccalton, L.A., Lewis, A.L., Fry, J.R., Hammond, A.H., Tendler, S.J.B., Shakesheff,

K.M., 1997. Liver tissue engineering: A role for co-culture systems in modifying hepatocyte function
and viability. Tissue Eng. 7, 345–357.

Breward, C.J.W., Byrne, H.M., Lewis, C.E., 2002. The role of cell-cell interactions in a two-phase model
for avascular tumour growth. J. Math. Biol. 45(2), 125–152.

Byrne, H.M., Chaplain, M.A.J., 1996. The importance of constitutive equations in mechanochemical mod-
els of pattern formation. Appl. Math. Lett. 9(6), 85–90.

Byrne, H.M., Owen, M.R., 2004. A new interpretation of the Keller–Segel model based on multiphase
modelling. J. Math. Biol. 49(6), 604–626.

Byrne, H.M., Preziosi, L., 2003. Modelling solid tumour growth using the theory of mixtures. Math. Med.
Biol. 20, 341–366.

Centers for Disease Control and Prevention, 2003. Compressed Mortality File (CDC WONDER On-line
Database. http://wonder.cdc.gov), Accessed 12 May 2003

Chen, C., Chueh, J., Tseng, H., Huang, H., Lee, S., 2003. Preparation and characterisation of biodegradable
PLA polymeric blends. Biomaterials 24, 1167–1173.

Drew, D.A., 1983. Mathematical modelling of two-phase flow. Annu. Rev. Fluid Mech. 15, 261–291.
Drew, D.A., Segel, L.A., 1971. Averaged equations for two-phase flows. Stud. Appl. Math. 3, 205–231.
Enat, R., Jefferson, D.M., Ruiz-Opazo, N., Gatmaitian, Z., Leinwand, L.A., Reid, L.M., 1984. Hepato-

cyte proliferation in vitro: Its dependence on the use of serum-free hormonally defined medium and
substrata of extracellular matrix. Proc. Natl. Acad. Sci. USA 81, 1411–1415.

Forgacs, G., Foty, R.A., Shafrir, Y., Steinberg, M.S., 1998. Viscoelastic properties of living embryonic
tissues: A quantitative study. Biophys. J. 74, 2227–2234.

Fujii, Y., Nakazawa, K., Funatsu, K., 2000. Intensive promotion of spheroid formation by soluble factors
in a hepatocyte-conditioned medium. J. Biomater. Sci. Polym. Ed. 11(7), 731–745.

http://wonder.cdc.gov


A Mathematical Model of Liver Cell Aggregation In Vitro 929

Glicklis, R., Shapiro, L., Agbaria, R., Merchuk, J.C., Cohen, S., 2000. Hepatocyte behaviour within three-
dimensional porous alginate scaffolds. Biotechnol. Bioeng. 67(3), 344–353.

Glicklis, R., Merchuk, J.C., Cohen, S., 2004. Modelling mass transfer in hepatocyte spheroids via cell
viability, spheroid size and hepatocellular functions. Biotechnol. Bioeng. 86(6), 672–680.

Gracheva, M.E., Othmer, H.G., 2004. A continuum model of motility in ameboid cells. Bull. Math. Biol.
66, 167–193.

Green, J.E.F., 2006. Mathematical modelling of cell aggregation in liver tissue engineering. Ph.D. thesis,
University of Nottingham, UK.

Gunatillake, P.A., Adhikari, R., 2003. Biodegradable synthetic polymers for tissue engineering. Eur. Cell.
Mater. 5, 1–16.

Higuchi, A., Tsukamoto, Y., 2004. Cell separation of hepatocytes and fibroblasts through surface-modified
polyurethane membranes. J. Biomed. Mater. Res. Part A 71A: (3), 470–479.

Jackson, T.L., Byrne, H.M., 2002. A mechanical model of tumour encapsulation and transcapsular spread.
Math. Biosci. 180, 307–328.

Jauregui, H.O., 2000. Principles of Tissue Engineering, 2nd edn. Liver, Academic, New York, Chap. 39,
pp. 541–551.

Keller, E.F., Segel, L.A., 1970. Initiation of slime mold aggregation viewed as an instability. J. Theor. Biol.
26, 399–415.

Keller, E.F., Segel, L.A., 1971. Model for chemotaxis. J. Theor. Biol. 30, 225–234.
Kowalczyk, R., Gamba, A., Preziosi, L., 2004. On the stability of homogeneous solutions to some aggre-

gation models. Discrete Contin. Dyn. Syst. B 4(1), 203–220.
Lee, K.W., Lee, S.K., Joh, J.W., Kim, S.J., Lee, B.B., Kim, K.W., Lee, K.U., 2004. Influence of pancre-

atic islets on spheroid formation and functions of hepatocytes in hepatocyte-pancreatic islet spheroid
culture. Tissue Eng. 10, 965–977.

Lemon, G., King, J.R., Byrne, H.M., Jensen, O.E., Shakesheff, K.M., 2006. Mathematical modelling of
engineered tissue growth using a multiphase porous flow mixture theory. J. Math. Biol. 52, 571–594.

Lubkin, S.R., Jackson, T., 2002. Multiphase mechanics of capsule formation in tumours. J. Biomech. Eng.
124, 237–243.

Maini, P.K., Murray, J.D., 1988. A nonlinear analysis of a mechanical model for biological pattern forma-
tion. SIAM J. Appl. Math. 48(5), 1064–1072.

Matthews, P.C., Cox, S.M., 2000. Pattern formation with a conservation law. Nonlinearity 13(4), 1293–
1320.

Mitaka, T., 1998. The current status of primary hepatocyte culture. Int. J. Exp. Pathol. 79, 393–409.
Moghe, P.V., Berthiaume, F., Ezzell, R.M., Toner, M., Tompkins, R.G., Yarmush, M.L., 1996. Culture

matrix configuration and composition in the maintenance of hepatocyte polarity and function. Bioma-
terials 17, 373–385.

Moghe, P.V., Coger, R.N., Toner, M., Yarmush, M.L., 1997. Cell-cell interactions are essential for mainte-
nance of hepatocyte function in collagen gel but not on matrigel. Biotechnol. Bioeng. 56(6), 706–710.

Murray, J.D., 1993. Mathematical Biology, 2nd edn. Springer, New York.
Namy, P., Ohayon, J., Tracqui, P., 2004. Critical conditions for pattern formation and in vitro tubulogenesis

driven by cellular traction fields. J. Theor. Biol. 227, 103–120.
NHS, 2001. Liver activity. UK transplant activity 2001, UK Transplant—NHS.
Oliver, J.M., King, J.R., McKinlay, K.J., Grant, D.M., Scotchford, C.A., Wood, J.V., Brown, P.D., 2005.

Thin film theories for two-phase reactive flow models of active cell motion. Math. Med. Biol. 22,
53–98.

OPTN, 2003. Donors and waiting list 1993–2003. Organ Procurement and Transplantation Network.
www.optn.org. Accessed 16 Sept. 2003.

Owen, M.R., Byrne, H.M., Lewis, C.E., 2004. Mathematical modelling of the use of macrophages as
vehicles for drug-delivery to hypoxic tumour sites. J. Theor. Biol. 226, 377–391.

Peshwa, M.V., Wu, F.J., Follstad, B.D., Cerra, F.B., Hu, W., 1994. Kinetics of hepatocyte spheroid forma-
tion. Biotechnol. Prog. 10, 460–466.

Peshwa, M.V., Wu, F.J., Sharp, H.L., Cerra, F.B., Hu, W., 1996. Mechanistics of formation and ultrastruc-
tural evaluation of hepatocyte spheroids. In Vitro Cell Dev. Biol. 32, 197–203.

Powers, M.J., Griffith-Cima, L., 1996. Motility behaviour of hepatocytes on extracellular matrix substrata
during aggregation. Biotechnol. Bioeng. 50, 392–403.

Powers, M.J., Rodriguez, R.E., Griffith, L.G., 1997. Cell-substratum adhesion strength as a determinant of
hepatocyte aggregate morphology. Biotechnol. Bioeng. 53, 415–426.

http://www.optn.org


930 Green et al.

Powers, M.J., Domansky, K., Kaazempur-Mofrad, M.R., Kalezi, A., Capitano, A., Upadhyaya, A., Kurza-
wski, P., Wacka, K.E., Stolz, D.B., Kamm, R., Griffith, L.G., 2002. A microfabricated array bioreactor
for perfused 3D liver cultures. Biotechnol. Bioeng. 78(3), 257–269.

Preziosi, L., Astanin, S., 2005. Modelling the formation of capillaries. In: Quarteroni, A. (Ed.), Integration
of Complex Systems in Biomedicine. Springer, New York. Chap. 4.

Riccalton-Banks, L., Liew, C., Bhandari, R., Fry, J., Shakesheff, K., 2003. Long-term culture of functional
liver tissue: Three-dimensional coculture of primary hepatocytes and stellate cells. Tissue Eng. 9(3),
401–409.

Riccalton-Banks, L.A., 2002. Maintenance of primary rat hepatocytes in vitro using co-culture techniques.
Ph.D. thesis, University of Nottingham.

Richert, L., Binda, D., Hamilton, G., Viollon-Abadie, C., Alexandre, E., Bigot-Lasserre, D., Bars, R.,
Coassolo, P., LeCluyse, E., 2002. Evaluation of the effect of culture configuration on morphology,
survival time, antioxidant status and metabolic capacities of cultured rat hepatocytes. Toxicol. In Vitro
16, 89–99.

Selden, C., Khalil, M., Hodgson, H.J.F., 1999. What keeps hepatocytes on the straight and narrow? Main-
taining differentiated liver function. Gut 44, 443–446.

Stolz, D.B., Michalopoulos, G.K., 1997. Synergistic enhancement of EGF, but not HGF, stimulated hepa-
tocyte motility by TGF-β1 in vitro. J. Cell. Physiol. 170, 57–68.

Strikwerda, J.C., 1989. Finite Difference Schemes and Partial Differential Equations. Wadsworth and
Brooks/Cole Advanced Books and Software, Belmont.

Swabb, E.A., Wei, J., Gullino, P.M., 1974. Diffusion and convection in normal and neoplastic tissues.
Cancer Res. 34, 2814–2822.

Thomas, R.J., Bhandari, R., Barrett, D.A., Bennett, A.J., Fry, J.R., Powe, D., Thomson, B.J., Shakesheff,
K.M., 2005. The effect of three-dimensional co-culture of hepatocytes and hepatic stellate cells on key
hepatocyte functions in vitro. Cells Tissues Organs 181, 67–79.

Thomas, R.J., Bennett, A., Thomson, B., Shakesheff, K.M., 2006. Hepatic stellate cells on poly(DL-lactic
acid) surfaces control the formation of 3D hepatocyte co-culture aggregates in vitro. Eur. Cell. Mater.
11, 16–26.

Thomas, T.W., DiMilla, P.A., 2000. Spreading and motility of human gliobastoma cells on sheets of sili-
cone rubber depend on substratum compliance. Med. Biol. Eng. Comput. 38, 360–370.

Tong, J.Z., Sarrazin, S., Cassio, D., Gaulthier, F., Alvarez, F., 1994. Application of spheroid culture to
human hepatocytes and maintainance of their differentiation. Biol. Cell 81, 77–81.

Vasiev, B., Weijer, C.J., 2003. Modelling of Dictyostelium discoideum slug migration. J. Theor. Biol. 223,
347–359.

Velegol, D., Lanni, F., 2001. Cell traction forces on soft biomaterials. I Microrheology of type I collagen
gels. Biophys. J. 81, 1786–1792.

Whitaker, M.J., 2003. Supercritical fluid processing of polymers, proteins and cells for tissue engineering
applications. Ph.D. thesis, University of Nottingham.


	A Mathematical Model of Liver Cell Aggregation In Vitro
	Abstract
	Introduction
	Model formulation
	Governing equations
	Constitutive relations
	Initial and boundary conditions 
	Model simplification  
	Parameters
	Dimensionless governing equations

	Linear stability analysis 
	Long-time behavior
	Numerical simulations
	Numerical methods
	Numerical results 

	Discussion  
	Acknowledgements
	Appendix A: Weakly nonlinear analysis
	References



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (ISO Coated v2 300% \050ECI\051)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Perceptual
  /DetectBlends true
  /DetectCurves 0.1000
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /Warning
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 150
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /Warning
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 150
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 600
  /MonoImageMinResolutionPolicy /Warning
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU <>
  >>
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [595.276 841.890]
>> setpagedevice


