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Abstract

We show that the framework developed by Voiculescu for free random variables can be extended to
arrays of random variables whose multiplication imitates matricial multiplication. The associated notion
of independence, called matricial freeness, can be viewed as a concept which not only leads to a natural
generalization of freeness, but also underlies other fundamental types of noncommutative independence,
such as monotone independence and boolean independence. At the same time, the sums of matricially free
random variables, called random pseudomatrices, are closely related to random matrices. The main results
presented in this paper concern the standard and tracial central limit theorems for random pseudomatrices
and the corresponding limit distributions which can be viewed as matricial semicircle laws.
© 2010 Elsevier Inc. All rights reserved.
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1. Introduction

It has been shown by Voiculescu [25] that free random variables arise naturally as limits
of random matrices. In particular, if we take symmetric matrices whose entries form a family
of independent Gaussian random variables and we let the size of these matrices go to infinity,
their joint distribution (with respect to normalized trace composed with classical expectation)
converges to the joint distribution of freely independent random variables with the semicircle
distribution obtained by Wigner [29] as the limit distribution of one Gaussian random matrix.

Therefore, we can study free random variables, using at least two different frameworks: op-
erator algebras and random matrices. However, it is to some extent surprising that a random
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matrix framework, of quite different nature than that of operator algebras, exists for free random
variables, and the connection between these two approaches does not seem to be very transparent.
In this connection, our first motivation is to better understand the relation between the operatorial
approach to free probability and random matrices.

The second motivation comes from the question whether different types of independence, like
freeness of Voiculescu, monotone independence of Muraki [19] and boolean independence based
on the regular free product of Bozejko [5], can be included in one natural framework. Note in
this context that models with more than one state on a given algebra, like conditional freeness
of Bozejko and Speicher [6] and freeness with infinitely many states of Cabanal-Duvillard and
Tonesco [8,9] extend free probability and include, as shown by Franz [12], certain elements of
monotone probability. For instance, this can be done for convolutions, but including monotone
independence in the framework of conditional freeness can be done only under additional (rather
restrictive) assumptions on the considered algebras. We show in this paper that one can remedy
this situation by introducing a concept of ‘independence’ which reminds freeness, but at the same
time has some ‘matricial’ features which places it somewhere between freeness and the model
of random matrices.

A different reason to look for a new concept of independence arises from concrete exam-
ples of interpolations between free probability and monotone probability [17,18]. In particular,
the continuous (p, g)-Brownian motions with Kesten distributions and related Poisson processes
studied in [2,18] lead to the first example of a two-mode interacting Fock space introduced di-
rectly and not by means of orthogonal polynomials. This example has certain matricial features
which also call for a new model of ‘independence’ that would be related to freeness.

The main result of our paper is the construction of a model, called matricial freeness, which
is related to the concept of the free product of states introduced and studied by Ching [10] in
the context of von Neumann algebras and by Avitzour [3] and Voiculescu [24] in the context of
C*-algebras. The underlying concept is that of the matricially free product of an array of Hilbert
spaces with distinguished unit vectors

(H. &) =", (Hi . &.})

which reminds the free product of Hilbert spaces, to which we associate the matricially free
product of states. Multiplication of ‘matricially free random variables’ under this product of
states reminds the free product but it also satisfies the condition imitating matrix multiplication.
Similarities between free probability and ‘matricially free probability’ hold also on other levels,
some of which are studied in this paper.

Strictly speaking, however, one needs to take a ‘restriction’ of matricial freeness, in which
not all products imitating matrix multiplication are included, called strong matricial freeness,
to recover freeness and monotone independence without using the asymptotics. In particular, let
(X, ;) be a finite array of strongly matricially free random variables from some unital algebra A
which includes the diagonal. Then

(A) the sums corresponding to the rows of a square array,
A; = Z Xi,j
J

are free with respect to ¢,
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(B) the sums corresponding to the rows of a lower-triangular array,

Bl' = in’j

Jsi

are monotone independent with respect to ¢,
(C) the diagonal variables X ; ;, j € I, are boolean independent with respect to ¢,

where ¢ is a distinguished state on .4 which lies everywhere on the diagonal of the associated
array of states (¢; ;). In the case of triangular arrays, we tacitly assume that the index sets in-
volved are linearly ordered. Let us add that upper triangular arrays give anti-monotone random
variables.

In this paper, of main interest to us are limit theorems, in which we consider a sequence
(X;,j(n))1<i,j<n of matricially free arrays of variables taken from unital %-algebras A(n), re-
spectively, equipped with distinguished states ¢ () and associated states (¢;(n))1< j<n called
‘conditions’. We study sums

Smy= " Xi )

i,j=1

called random pseudomatrices, and their asymptotic distributions with respect to the states ¢ (n)
and with respect to normalized traces

1 n
ym == 6,

j=1

respectively. We assume that the distributions of the X; ;(n) in the states ¢ (n) and ¢; (n) depend
on 7 in a suitable way and are block-identical.

It turns out that the central limit theorem for the distributions of random pseudomatrices in
the states ¢ (n) may be viewed as an analog of the central limit theorem for free random variables
(especially, if we take square arrays). In turn, the ‘tracial’ central limit theorem for random pseu-
domatrices in the states v (n) is related to the limit theorem for random matrices (especially,
if we take square arrays with block-symmetric variances). The limit distributions play then the
role of multivariate generalizations of the semicircle distributions. Let us point out, however, that
when we consider lower-triangular arrays, the central limit laws can be viewed as generalizations
of the arcsine law.

More importantly, refinements of our limit theorems give a deeper analogy between random
pseudomatrices and random matrices. By a refinement we understand the scheme in which pseu-
domatrices are replaced by smaller sums which play the role of blocks. Namely, in the case of
block-symmetric variances

(D) the v (n)-distributions of symmetric blocks of random pseudomatrices agree asymptotically
with those of random symmetric blocks,
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where random symmetric blocks are symmetric blocks of random matrices in the approach of
Voiculescu [25] and Dykema [11]. It is worth mentioning that in this scheme the difference
between blocks built from matricially free random variables and strongly matricially free random
variables disappears as n — oo (in both cases blocks are asymptotically matricially free).

This and other asymptotic properties of random pseudomatrices and their blocks are studied in
a subsequent paper [16]. Among these properties are also asymptotic versions of (A)—(C) which
refer to matricial freeness. Thus, the subarrays corresponding to row blocks of pseudomatrices
are asymptotically free, asymptotically monotone independent, or asymptotically boolean inde-
pendent, depending on whether the pseudomatrices are square, block lower-triangular, or block
diagonal, respectively. Therefore, matricial freeness can be treated as a notion of independence
which underlies the fundamental types of noncommutative independence as well as the asymp-
totic structure of random matrices.

In Section 2, we introduce the concepts of the ‘matricially free product of states’ and the ‘ma-
tricially free Fock space’. We obtain from these structures their strong counterparts in Section 3.
In Section 4, we introduce the notions of ‘matricial freeness’ and ‘strong matricial freeness’ and
discuss the example of the discrete (strongly) matricially free Fock space. In Section 5, of com-
binatorial nature, we define and study certain real-valued functions on the set of non-crossing
partitions, defined in terms of traces of certain matrices. In Section 6, we study the asymptotic
behavior of random pseudomatrices and we prove standard and tracial central limit theorems. The
limit distributions, which can be interpreted as matricial multivariate generalizations of semicir-
cle laws, are studied in Section 7. Their decompositions in terms of s-free additive convolutions
in the case of two-dimensional arrays are proved in Section 8. Two geometric realizations of the
limit distributions, in terms of walks on weighted binary trees and in terms of weighted Catalan
paths, are given in Section 9.

2. Matricially free products

In this section we introduce the notion of the matricially free product of states as well as the
corresponding notions of the matricially free product of Hilbert spaces and the matricially free
Fock space.

When speaking of arrays indexed by two indices, say i, j, we shall assume that (i, j) € J C
I x I, where {(j, j): je€l}=A CJ and [ is an index set. This refers to the situation when we
deal with arrays which contain the diagonal. In particular, this includes lower-triangular arrays
of the form J :={(i, j): i > j, i, j € I}, in which case we shall tacitly assume that [ is linearly
ordered. Without loss of generality we can use the square array formulation most of the time
and take their subarrays if needed. Of special interest will be the finite-dimensional case when
I =[n]:={1,2,...,n}.

Definition 2.1. Let H:= (H;,;) be an array of complex Hilbert spaces. By the matricially free
Fock space over H we understand the Hilbert space direct sum

o
MH=Cceed P HIOHT @ N

i1,02 i2,i3 im,im’
m=1 (i1,i2)##m,im)
ni,...,npeN

where 2 is a unit vector, with the canonical inner product.
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Let us observe that the Hilbert space tensor powers which appear in the above direct sum have
the following three properties:

(P1) the ‘matricial property’ — the second index of the preceding power agrees with the first
index of the following power,

(P2) the ‘freeness property’ — the consecutive pairs of indices are different,

(P3) the ‘diagonal subordination property’ — the last pair is ‘diagonal’.

The last property is needed to ensure existence of limit mixed moments in limit theorems with
the square-root normalization. The term ‘subordination’ follows from the ‘subordination’ of the
related additive convolution of an array of measures to the diagonal measures. Although we do
not study this convolution in this paper, the basic idea can be understood on the example of the
binary tree in Section 9, which can be viewed as a comb product of two graphs, of which the first
one is labelled by a diagonal variance.

Of course, if the index set I consists of one element and thus H is just one Hilbert space H,
the corresponding matricially free Fock space reduces to the usual free Fock space F(H). In
general, however, M(ﬁ) is a (usually, proper) subspace of the free Fock space F (@i’ j Hi )=
*; j F(Hi j).

Related to the ‘matricially free Fock space’ is the ‘matricially free product of Hilbert spaces’.
The terminology parallels that introduced in free probability [24,28].

Definition 2.2. Let (H; ;, & ;) be an array of Hilbert spaces with distinguished unit vectors. By
the matricially free product of (H; j,&; ;) we understand the pair (H, &), where

o0
HZ(CS@@ @ H?l,i2®Hl(')2,l'3®.”®Hgmim’
m=1 (il’i2)¢"'¢(imsim)
with ng ="H; ; ©C§; ; and & being a unit vector. We denote it (H, ) = *ZMJ (Hi,j, & j)-

Proposition 2.1. It holds that

(M(F). £) = (MM ). &)

Proof. We use the definition of the matricially free Fock space, the isomorphism M(H; ;) =
F(H;, ;) for any i, j and regroup terms. O

For any j, introduce diagonal subspaces of 'H of the form

o
win=co@® @ M, 50

msim’
m=2 (jsi2)7é_"'7é‘(im Jim)
ir#]

and the associated diagonal partial isometries V; j : H; j ® H(j, j) — H:
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§j,j®5—§,
0 0
0 0 0 0
£ @M ; ® - @H) ;) > H ;@ OH; ;.
0 0 0 0 0 0
Hi® (W, @ ®H ;) > M @M, @ @M
where m > 1.
For any i # j we introduce off-diagonal subspaces of ‘H of the form
x
H(l’ ‘]) = @ @ H(}viZ ® HlQZsi3 ® o ® H?msiln

m=1 (j,i2)7F(im:im)

and the associated off-diagonal partial isometries V; j : H; j @ H(i, j) — H for i # j:

®...®’]—(0.

0 0 0
%_l,]®(H Q- --QH; - H; JmsJm’

JsJ1 ]m,jm) JsJ1

M) ® (H)

0 0 0 0

J Jmsjm’
where m > 1.

Each H(i, j) is spanned by simple tensors which do not begin with vectors from Hg i and
for that reason it is suitable for the left free action of the operators creating such vectors. Thus,
roughly speaking, both types of partial isometries jointly replace the unitary maps used in free
probability. It is the diagonal subordination property which is responsible for distinguishing two
types of isometries.

Consider an array of C*-algebras (A; j), each with a unit 1; ; and a state ¢; ;, and let
(Hi,j, i j, &, j) be the associated GNS ftriples, so that ¢; j(a) = (m; j(a)&; ., & ;) for any
ac A; j. Foranyi, j,let A; ; be the x-representation of A; ; given by

Aij(@) =V j(mij(a) ® IH(i,j))Viikj forae A ;,

where Iy, jy denotes the identity on H(i, j). Note that these representations are, in general,
non-unital. In fact,

*
Ai i j) = Vi jViiy =rij +sij,

where 7; ; and s; ; are canonical projections in B(H) given by

rij=Pnajy and  sij=Pxq,j,

where (i, j) = ’H? ;i ® H(i, j). For given i, j, the projections r; ; and s; ; are orthogonal and
their sum is the canonical projection onto the subspace of H onto which A; ;j(A; ;) acts non-
trivially.
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The A; ;’s remind the representations A; of free probability [24,28], but the corresponding
operators A; j(a) have larger kernels. Using A; ;’s, we shall define product representations on

A=| | A
i,j

the free product without identification of units, equipped with the unit 1 4, and products of states
which are analogs of the free product representation and the free product of states, respectively.

Definition 2.3. The matricially free product representation 7wy = *lem, ; is the unital *-homo-
morphism A : A — B(H) given by the linear extension of

A1) =1 and A(a1az...ay) =Ai j@DAiy, jp(@2) ... Ai,, j, (Gn)

for any ay € A, j., k =1,...,n, with (i1, j1) # (i2, j2) # -+ # (in, ju). The associated state
Q= *%gﬂi,l‘ : A — C is given by

(@) =Ty ()&, £)
and will be called the matricially free product of (¢; ;).

Basic properties of the product state ¢ are collected in the proposition given below. Roughly
speaking, they show that this state (on the free product of C*-algebras without identification of
units) has similar properties as the free product of states (on the free product of C*-algebras
with identification of units) except that the units of these algebras act as units only on ‘matricial’
tensor products and otherwise they act as null projections.

For that purpose, it will be useful to introduce sets of indices associated with ‘matricial’ tensor
products:

An={(G1,02), (i2,13), .., (inys ing1)): (i1, 02) # (2, 83) # -+ # (insing1) }

and their union A = |J;2 A,. Finally, Z stands for the unital subalgebra of A generated by
the units 1; ;. In analogy to the notion of marginal laws in classical probability, by marginal
moments we shall understand moments of the form ¢; j(aj ...ax), where a; ...ar € A; ; and i,
Jj are arbitrary.

Proposition 2.2. Let ¢ be the matricially free product of states (¢; ;) and let ay € A;_j,, where
ke [n]and (iy, j1) # - -+ % (in, Jn)-

1. If ay € Kerg; j, for k € [n], then ¢p(a1az . ..a,) =0.
2. Ifa, =1,, j, and ay, € Kerg;, ;, forr <m < n, then

olar...ar_1ar41...an) i ((r, jr), ..., G, jn)) € A,

plar...ap) = {0 otherwise.
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3. Foranya € A, uy,uy € Z and i, j € I, it holds that

p(ujaur) = pue(@)ez) and ¢(1; ;) =9 ;.

4. The restriction of ¢ to A; ; is @j j forany j € I.
5. The mixed moments p(aiaz .. .ay,) are uniquely expressed in terms of marginal moments.

Proof. If a; € Kerg;, ; for k € [n], where (i1, j1) # - -+ # (in, jn), then it follows from the
definition of the A; ; that

Lomy(ar...an)§ =01if (1, j1), ..., (in, jn)) ¢ AOLin # jn,

2 wmar...a)E €H) . ®--@H) L if (1, 1), -+, (ins jn) € A and iy = jy.
In both cases we obtain a vector orthogonal to & on the RHS, which proves (1). Suppose
now that the assumptions of (2) hold. If (G, jr),..., (i, ju)) € A, then X;_; (1;, ;) acts
as a unit on 7—[3%]}+1 R - ® H?nvjn by the definition of the representations A; ;. On the
other hand, 4;, ; (1;. ;) kills any simple tensor beginning with /& € H?M’ v if jr #iy41 Or
(Grats Jra1)s -+ -5 Gns Ju)) ¢ A since V;, ;. does, which completes the proof of (2). In turn,
(3) follows from the action of the A(1; ;) onto &. That ¢ agrees with ¢; ; on A; ; for any
J € I follows from the action of the A; ;(a), a € A; ;, onto &, namely my (a)§ = (nj,j(a)é)o +
@j,j(a)§, which gives (4). Finally, (5) is a consequence of (1)=(2). O

In a similar way we can define states associated with other unit vectors from H. We shall
consider the simplest case of states associated with unit vectors e; € H(; T j € I, which are in
the ranges of 7; ;(A; ;), respectively, namely ¢; : A — C defined by the formulas

pj(a) =(mp(ae;, e;),

called conditions associated with ¢, which will be used for computing normalized traces. Most
properties of the states ¢; are inherited from ¢ as the proposition given below demonstrates.
However, ¢;|Z is quite different than ¢|Z due to different normalization conditions.

Proposition 2.3. Let ¢;, j € I, be the conditions associated with ¢ and let a; € A;, j,, where

ke [nland (j, ) # (i1, jO) # -+ # (n, Jn) 7 (J, J)-

L. If ay € Kerg;, j, for k € [n], then ¢j(a1a; .. .a,) =0 for each j.
2. Ifa, =1;, j, and a;, € Kerg;, j, forr <m <n, then

{‘Pj(al .. -arflar+l . -'an) lf‘((lra jr)a ) (Zl’l’ Jn)) € A’
0

i(ay...ay) =
¢l 2 otherwise.

3. Foranya € A, uy,uy € Z and i, j, k € I, it holds that

pjuraur) = g;jw)j@)pjw) and @j(lix) =36;k.

4. The restriction of ; to A; j is ¢; j for any i # j.
5. The mixed moments ;(aiaz . ..ay,) are uniquely expressed in terms of marginal moments.
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Proof. Properties (1) and (2) follow from (1) and (2) of Proposition 2.2. The normalization in
(3) follows directly from the action of X; x(1; x) onto H(])', .. In this context, notice that the unit
vectors ¢; play the same role with respect to the action of the A; j(a) for any i # j as & ;
plays with respect to the action of 7; j(a), where a € A; ;, and thus ¢;(a) = (A; j(a)ej, ej) =
(mi,j(@)& j, & ;) = @i j(a), which gives (4) for i # j. Finally, there exists b; € A; ; N Kerg
such that

vj(w) = p(biwh))

forany w € | ]; ; A;, j, which reduces computations of mixed moments in each state ¢; to com-
putations of mixed moments in the state ¢. This proves (5). O

Remark 2.1. The states ¢ and (¢;) share together the property of extending the array of states
(¢i,j). Thus, ¢ extends the diagonal states ¢; ; for all j, but it does not extend the off-diagonal
states ¢; ; for i # j since my(a)é =0 for any a € A; ;. In turn, ¢; extends the off-diagonal
states ¢; j, where i # j, but it does not extend ¢; ;. This is a natural consequence of differences
in the definitions of the diagonal and off-diagonal partial isometries.

Finally, let us denote by A(Z) the unital commutative *-subalgebra of B(H) generated by the
A(1;;), where i, j € I. By abuse of notation, A(1; ;) will also be denoted by 1; ; (in general,
these projections are not mutually orthogonal).

3. Strongly matricially free products

Of special importance is the subspace of the matricially free Fock space, called the ‘strongly
matricially free Fock space’, in which the diagonal Hilbert spaces appear only at the end of tensor
products. The main reason is that it is related to both free and monotone Fock spaces. We also
study the associated product states which can be viewed as direct generalizations of both free
and monotone products of states.

Definition 3.1. By the strongly matricially free Fock space over H:= (H;, ;) we understand the
subspace of M (H) of the form

o0
R=Ceo O HLeH e oM.
m=1iyFtin
Nyenny npeN

with the canonical inner product.

A justification for the word ‘strong’ is that in this case the words i1i3...i, which label the
tensor products in the above definition satisfy iy # iy # -+ F# iy

Example 3.1. The simplest space of this type is associated with a two-dimensional square ar-
ray ‘H. Then

R(H) =P R™ H),

m=0
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where the first few summands are of the form

ROMH) =Ce,
R(l)(ﬁ) =Hi1,1 ®Hz2,
R (H) = HET ©HES @ (12 ® Ha) © (Haa @ Hi ),
RO () = 2} &S @ (e 8 77%) @ (h12 0 753) © (153 ©700.)
® (H‘f’% Q@ H22) ® (Hi2 ® Ho1 @ Hi,1) @ (Ha, 1 ® Hi2 @ Ha o),

etc. In contrast to M (), we do not have tensor products like H> > ® Hz,1 @ Hi,1 and Hi1 ®
H1.2 ® Hz 2 in the summand of the third order.

Remark 3.1. For a given array of Hilbert spaces H= (Hi,j), we have inclusions

R(H) € M(H) € f(@H,-,,-)

i,j

which, in most cases, are proper. Moreover, if we have a square array and H; ; = 'H; for any
i, j €1, where (H;)ies is a family of Hilbert spaces, then there is a natural isomorphism

R(H) = ]-"( P Hl->
iel
since Myl @ HE2 @ - @ Ho ' ZHY @ HY? @ -+ @ H™ for any i, i, ....im €1,
nt,...,n,m, m € N. Similarly, if we have a lower-triangular array and H; ; = H; for any i > j,
then R(H) is isomorphic to the monotone Fock space.

Moreover, as expected, there is a product of Hilbert spaces related to the strongly matricially
free Fock space, and an analog of Proposition 2.1 holds.

Definition 3.2. By the strongly matricially free product of (H; ;,&; j) we understand the pair
(G, &), where G is the subspace of H of the form

oo
g=CtoP P H ,®H,, ®  H

i2,03 moim
m=1 i'#“-#iﬂl
We denote it (G, &) = *;-S:j(Hi,j, &)

If we consider a family of unital C*-algebras (A;);er, each equipped with a family of states
(@i,j) jer, then we can look at this product space as follows. If (H; ;, m; j, & ;) is the GNS triple
associated with the pair (A;, ¢; ;), then the Hilbert space H; ; (as well as the corresponding state
and representation) taken as the representation space for the algebra .4; at some given tensor site
depends on the algebra A; represented at the following tensor site on the space H ; x for some k.
It is worth noting that in this framework we can assume that for fixed i € I all vectors §; ;,
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J € I, are identified since we can take the tensor product of Hilbert spaces X) j Hi,j and set
§=Q jer §i,j foreachi € I. It is not hard to see that in this framework our model is related to
freeness with infinitely many states [8,9].

The construction of the product state is similar to that of the matricially free product. The only
difference in all definitions is that the sets A,, are replaced by

L= {(G1,02), (2, 83)s ooy (ins ing1)): i1 F i - Fin )

and their union A by I" = J2; I',. Note that the conditions which define I',’s are stronger than
those which define A,,’s and therefore all objects constructed in the strong case are obtained from
the standard ones by a projection-type operation.

The partial isometries in the strong case, denoted by W; ;’s, remind V; ;’s except that they
refer to G rather than . In particular, the diagonal partial isometries W; ; :'H; ; @ G(j, j) = G
are given by

£,,®&—>& and H.(/?,./' ®&— H(},j,
where G(j, j) = C& for any j, whereas the off-diagonal partial isometries W; ; and the associated
subspaces G (i, j) are similar to those in the standard case.

Definition 3.3. Let p; ; be the *-representation of A; ; on G given by the formula
pi,j(@) =W (mi (@) ® Ig(i»j))WiTj where a € A; ;,

for any (i, j) € J. The corresponding strongly matricially free product representation mwg =
*ls T and strongly matricially free product of states *ls ;i) are defined in terms of the p; ;
as in the matricially free case.

Using appropriate direct sums of these representations, we can reproduce products of C*-
probability spaces in free probability of Voiculescu and in monotone probability of Muraki. If
(H;, &) is a family of Hilbert spaces with distinguished unit vectors, then in the decomposition
theorem given below, *x;c; (H;, &), D>ic; (H;, &) and W;c; (H;, &), respectively, stand for free,
monotone and boolean products of Hilbert spaces.

Theorem 3.1 (Decomposition theorem). Let (A; j, ¢ ;) = (Ai, @) for any i, j and let
(i, H;, &) be the GNS triple associated with (A;, ¢;) for any i € I.

L If (Ai j, @i.j) is a square array, then (G, &) = %;e;(H;, &) and each &; = @jel 0i,j 1s the
canonical x-representation of A; on xjc;j(H;, &).

2. If (Aij, i ;) is a lower-triangular array, then (G,§) = >icj(H;i, &) and each t; =
@i}j pi,j is the canonical x-representation of A; on >;er(H;, &).

3. If (Aij, @i, ) is a diagonal array, then (G, &) = Wic;(H;, &) and each p; ; is the canonical
x-representation of A; on Wic;(H;, &).

Proof. First, let us remark that the representations A; and 7; are well defined since the corre-
sponding direct sums of operators P j Pi,j(@) are convergent in the strong-operator topology on
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B(G) forany a € A; andi € I. Now, since H; ; = H; forany i, j, we have a natural isomorphism

0 0 0 ~4/0 0 0

Hiy iy ® My iy ® - @MN,, ; =H, @H, @ @M,

for any iy #ip # -+ # iy or any i; > ip > --- > i, in the case of square or lower-triangular
arrays, respectively, which leads to the corresponding isomorphisms

(G, &) =xici(Hi &) or (G, &) =i (Hi &)

(recall our tacit assumption that / is linearly ordered when dealing with triangular arrays). Then
partial isometries which lie in the same row of the array (W; ;) are orthogonal in the sense
that W; jW;x =8 W; ; for any i, j, k (in the monotone case the array of partial isometries
is lower-triangular and we have here i > j > k). Therefore, we have an orthogonal direct sum
decomposition

Pwij=v. iel

jel

of the unitaries V; used in the definition of the free product representation [21,24], and an analo-
gous decomposition in the monotone case. The direct sum decompositions of A;(a) and t;(a) in
terms of p; j(a)’s, where a € A;, follow then immediately from Definition 3.3, which completes
the proof of (1) and (2). In particular, it follows that each A; is unital, but 7; are, in general,
non-unital. Since the case of a diagonal array is rather elementary, the proof is completed. O

Consequently, if A is the C*-algebra generated by the family {A; (A;)} of subalgebras of B(G)
and ¢(.) = (., &), then (A, @) is the free product of C*-probability spaces. Similar statements
hold for the monotone and boolean products of C*-probability spaces, except that the identity
I € B(G) has to be added to the generators. In the natural way this leads to properties (A), (B)
and (C) of the introduction, of which the first two can be viewed as decompositions of free and
monotone independent random variables in terms of strongly matricially free ones.

The above theorem allows us to view the strongly matricially free product of states as a defor-
mation of the free product of states, obtained by a natural direct sum decomposition of the free
product of Hilbert spaces. The matricially free product of states is then obtained from its strong
counterpart by an extension to a slightly larger Hilbert space which includes all products which
arise naturally in matrix multiplication. It is clear that basic results on the strongly matricially
free product of states are similar to those for the matricially free product and therefore we state
them in an abbreviated form without a proof.

Proposition 3.1. Let ¢ be the strongly matricially free product of states (¢; ;) and let ¢j, j € 1,
be the associated conditions. Then the statements of Propositions 2.2-2.3 remain true, with A
replaced by I'.

As we have mentioned earlier, one of the advantages of using the strong structures is that
they are straightforward generalizations of those in free probability (in the case of square arrays)
and monotone probability (in the case of lower-triangular arrays). However, it is the matricial
freeness which gives a connection with random matrices.
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Remark 3.2. Slightly more general is the case when the diagonal and off-diagonal states differ,
but the latter stay the same within each row, namely

(Aiis0ii) =(Ai @) and (A j, i) = (A, ¥;i) fori#j,

where each A; is equipped with two states, ¢; and v;, respectively. Similar reasoning to that
in the free case leads then to the conditionally free product of states (for square arrays) and
conditionally monotone products of states (for lower-triangular arrays).

4. Matricial freeness

Guided by the notion of the matricially free product of states, we shall introduce now the
associated concept of independence called ‘matricial freeness’, and closely related to it, ‘strong
matricial freeness’. They involve arrays of noncommutative probability spaces and to some extent
they remind models with many states [6,8,9], but they cannot be reduced in a natural way to
any of these (freeness with infinitely many states has some non-empty intersection with ‘strong
matricial freeness’ and conditional freeness is its special case). Moreover, we will study discrete
(strong) matricially free Fock spaces.

Let A be a unital algebra with an array (A; ;) of subalgebras of .4. We will assume that each
A; ; has an internal unit 1; ; which may be different from the unit of .4, and we assume that the
unital subalgebra 7 generated by all internal units is commutative. Let ¢ be a distinguished state
on A and let {¢;: j € I} be a family of additional states on .A, where by a state we understand
a normalized linear functional. If 4 is a unital x-algebra, then we assume that A;, j’s are x-
subalgebras and all states are positive functionals. Further,

Definition 4.1. States ¢;, j € I, will be called conditions associated with ¢ if for any j € I there
existh;,cj € A;j ; NKer(p) such that ¢;(a) = ¢(cjab;) for any a € A. The array of states on .4
given by

pjj=¢ and ¢;;j=¢; foranyi#j

will be said to be defined by ¢ and the associated conditions ¢;. In addition, if .4 is a *-algebra,
we assume that ¢; = b7 for any ;.

Throughout this paper we will assume the following normalization conditions:

o(1;;)=26;; and @;j(l;x) =26k

for any i, j, k. Although they are natural in view of the Hilbert space formulation presented be-
fore and will be assumed in this paper, we prefer to exclude them from the definition given below.
In particular, the normalization of each ¢; implies that if a € A; ; and j # k, then ¢;(a) = 0.
Moreover, it is equivalent to scaling the variables c¢;, b; according to ¢(c;b;) =1.

Definition 4.2. Let (¢;, ;) be the array defined by ¢ and the associated conditions ¢ ;. We say that
(1;,;) is a matricially free array of units associated with (A4; ;) and (¢; ;) if
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1. p(uiauz) = @ui)e(a)e(uy) foranya € Aand uy,uy € Z,
2. forai € A, j, NKerg;, j,, where r <k <n,

o _ (P(aar+l .ooap)  if (G, Jr)s.o (n, jn)) € A,
vlalijaret...an) = { 0 otherwise,

where a € A is arbitrary and (i, j,) # -+ # (in, jn)-

The array (1; ;) is called a strongly matricially free array of units if A is replaced by I".

The above definition enables us to define the concepts of matricial freeness and its strong
version called strong matricial freeness. They both bear some resemblance to freeness, but the
main difference is that the identified unit in the context of freeness is replaced by the (strongly)
matricially free array of units. In fact, as we have already remarked, it is the strong matricial
freeness which can be viewed as a direct generalization of freeness.

Definition 4.3. We say that (A4; ;) is matricially free with respect to the array (¢; ;) defined by
¢ and the associated conditions ¢; if

1. for any a € Kerg;, j, N Ay j,, where k € [n] and (i1, j1) # -+ # (in, jn)s

plaaz...a,) =0,

2. (1;, ) is a matricially free array of units associated with (A; ;) and (¢; ;).

In an analogous manner we define strongly matricially free arrays of subalgebras.

Definition 4.4. The array of variables (4;, ;) in a unital algebra A will be called (strongly) matri-
cially free with respect to the array (¢; ;) of states on A if the array (Cla; j, 1; ;1) is (strongly)
matricially free with respect to (¢; ;) for some array of elements (1; ;) of A which is a (strongly)
matricially free array of units. If A is a unital *-algebra, then, in addition, we require that the
functionals ¢; ; are positive, the A; ; are x-subalgebras and the 1; ; are projections. Then an
array of variables (a; ;) will be called *-(strongly) matricially free if the array of x-algebras
(a,j, a;fj, 1;,)) is (strongly) matricially free.

Using the above definitions, we can uniquely express mixed moments under ¢ and thus under
@;’s of arbitrary matricially free random variables in terms of marginal moments under ¢; ;’s.
To see how this computation works, it is convenient to assume that neighboring variables come
from different algebras and use the recurrence given below.

Remark 4.1. Suppose that (A; ;) is matricially free with respect to the array (¢;, ;) defined by ¢
and the associated conditions ¢ ;. Writing a; = a,? + @i (@)l € A j, forany 1 <k <n,
we obtain the recurrence
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p@ay...ay) = Z (p,-k,jk(akyp(a(])... Lig, ji ...ag)
1<k<n

0 0
+ Z Pireji @iy jy (az)go(al e L Lig gy - 'an)
1<k<i<n

+ iy @) - @iy, @)oo Ly )

If we assume that neighboring variables come from different algebras, we can reduce the mo-
ments under ¢ which appear on the RHS to sums of products of marginal moments (repeated
application of Definitions 4.1 and 4.2 is needed). Let us remark that the recurrence generalizes
that for free random variables [3] except that the units on the RHS are not equal to the unit of A.

The above recurrence can also be used even if neighboring variables belong to the same alge-
bra. In that case, with each product a = ay ...a, we can associate a partition 7 = {my, ..., s}
of the set {1, ..., n} in a natural way. Namely, numbers &, r will belong to the same block of =
if and only if (i, jx) = (ir, jr). This allows us to derive basic properties of the mixed moments,
collected in the lemma given below (compare with the free case [22]).

Moreover, observe that in the definition of (strong) matricial freeness, the mixed moments
under ¢ and ¢;’s are uniquely determined by marginal moments under ¢i|A; for i # k
and those under ¢| A for any k (cf. Proposition 2.3). Therefore, in order to determine ¢
uniquely on |_|l-’ j A; j, it suffices to specify linear functionals ¢; ; on subalgebras A; ; such
that ¢; ;(1;, ;) =1, where i, j are arbitrary, and set ¢(1) = 1. Then ¢;’s are determined uniquely
on | |; ;A j, provided a pair ¢;,bj € A; j NKerg; ;, such that ¢; j(c;b;) = 1, is chosen for
any j.

We assume now that (A; ;) is an array of subalgebras of a unital algebra A, equipped with an
array of states (¢; ;) defined by ¢ and associated conditions ¢, with respect to which (A; ;) is
matricially free. Without loss of generality, we assume in the lemma given below that neighbors
come from different algebras.

Lemma 4.1. Let a = ay ... .a,, where ay € A;_j, for 1 <k <nand (i1, j1) # - -+ % (in, ju), and
let 1 ={my, ..., s} be the associated partition of the set {1, ..., n}.

If there exists k such that (iy, jr) # (ik, ji) for r #k, and ai € Kerg;; _j,, then p(a) =0.
If 7w is arbitrary, then @(a) is a sum of products of at least s marginal moments.

If w is crossing, then ¢(a) is a sum of products of more than s marginal moments.

If iy = ji for any k, then p(a) = ¢(a1) ... ¢(ap).

If among iy, j1,...,im, jm there are more than s different indices, then ¢(a) = 0.

kv =

Proof. The proof of (1) is similar to that of the recurrence of Remark 4.1. In fact, it is an easy
consequence of the equation

(@) = @i, j (a)p(ar ...ar—11i jag+1 .. .an),

which, in turn, follows from

go(al ...ak_la,({)akﬂ ...an) =0.
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To justify the latter, we assume (without loss of generality) that neighboring variables come from
different algebras. Then, decomposing a, = a9 + i, j (a;)1;, ;. for any r # k, we repeatedly ap-
ply Definitions 4.2—4.3 to the above moment until we are left with a sum of products of moments
which do not contain units, have neighboring variables in the kernels of the corresponding states
and come from different algebras. However, this means that each of these products vanishes since
the variable a,? does not participate in any reductions as it is the only one from A;, ;, and that is
why a,? appears in one of the factors. This proves (1). Next, (2) follows from a repeated applica-
tion of the recurrence of Remark 4.1 and Definitions 4.1-4.2. In order to prove (3), it suffices to
consider the case when m has no singletons since if 7 is crossing, the partition obtained from &
by removing singletons is still crossing (note that in the case when neighbors come from different
algebras, each non-crossing partition has a singleton). Then consider a summand from the RHS
of the same recurrence of the form

(pik,jk (ak) e go,'“,'r (a,)go(al . lik,jk e lir’jr .. .an).

There are two possibilities. If among (ix, jk), ..., (ir, j-) there are no repetitions, among the
remaining pairs there are still s different ones and further reduction of the above summand gives
products of more than s marginal moments in view of (2). In turn, if among (i, ji), ..., (i, jr)
there is a repetition, then there must be at least s — (r — 1) different remaining pairs, and therefore,
in view of (2), we obtain again a sum of products of more than s marginal moments, which
completes the proof of (3). Property (4) follows from the proof of (1). In order to prove (5),
it is enough to consider a; € {a,?, L, ji} for any k. It is obvious that the number of different
indices among i1, ji, ..., i, jo 1S smaller or equal to 2s, where s is the number of blocks of .
However, in order to obtain a non-vanishing moment, the last variable in the product a; ... a,
which belongs to a given block 7., say a,, must have the second index equal to the first index of
one of the variables which follow a;, and are associated with blocks different than - (this is not
necessarily ap 1 if some variables which follow a, are units). In particular, in order that

<p(a1 cAplpy] . ..aq_lag .. .a,?) #0,

where a,y1, ..., a,_1 are units, we must have j,_1 =i, and thus, by Definition 4.2, ji =i, for
p <k < g — 1. In that case, the moment reduces to ¢(aj ... a,,ag .. .ag), which implies that we
must have j, = i,. This shows how the indices associated with different blocks are tied together
if they are separated by units. Therefore, the number of different indices among iy, ji, ..., in, jn
is reduced to a number smaller or equal to s (strictly smaller if among them there are diagonal

variables other than the last one), which completes the proof of (5). O

Let us note in this context that, in contrast to the free case, property (1) does not entail the
factorization of pyramidally ordered products (see the computation of ¢ (ab’a) in Example 4.1).

In general, strong matricial freeness generalizes freeness, monotone independence as well as
boolean independence. This fact is rather natural in view of Theorem 3.1, but we shall state it
below on the more abstract level of independence in the category of noncommutative probability
spaces rather than on the level of products of states. For that purpose, assume that (A4; ;) is an
array of subalgebras of a unital algebra A which is strongly matricially free with respect to some
array (¢;, ;) defined by a distinguished state ¢ and the associated conditions ¢;.
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Proposition 4.1. Let A; j be a replica of A;; with a; j being a replica of a;; € A;; such that
@i, j-distribution of a; j agrees with @-distribution of a; ; for any i, j.

1. If (A;j) is a finite square array, then the family {a; == Zj a; j, i € I} is free with respect
to @.

2. If (Ai.}) is afinite lower-triangular array, then the family {a; == Zj a;j, i € 1}is monotone
independent with respect to ¢.

3. If (A; ) is a diagonal array, then the family {a; ;, i € I} is boolean independent with respect
to @.

0._ 0 L e— . i i
Proof. Let us denote a; := Zj a; ;and 1; := Zj 1;,j for any i, where the summation runs over

those j’s for which (i, j) € J, with J denoting the index set of the array, and where a? j=aij—
@(a;, j)1; ; (in the case of lower-triangular arrays, the summation runs over j < i). Moreover,

vi,j(ai ;) = @(aii) = ¢@(a;) forany (i, j)eJ

by the assumption on identical distributions of replicas and by the normalization ¢(1; ;) =4; ;.
In the case of a square array, we obtain the implication

0 0 _ 0 0y _
<p(ai1’jl "'ain,jn) =0 = (p(ail "'ai,,) =0
for ij # -- - # i,. Moreover, using the assumption about identical distributions of replicas once
again, we can write

a; =a) + p(a)l;

for any i, and thus it is enough to observe that for any r it holds that

. .0 0 _ L. 0 0
(p(al]’jl e ll"air+l»./r+l o 'ainvjn) - ('o(all’/1 o 'ail‘+l>jr+l o 'ainsjn)

for any r < n, which can be used repeatedly to conclude that the 1;’s can be identified with
the unit of A in all mixed moments under ¢ which involve the a;’s. This completes the proof
for the free case. In the monotone case we have to slightly modify the approach since we have
triangular arrays and units do not become identified. Note that monotone independence of the
a;’s essentially follows from the following two equations:

ewi1i1;liwz) =@(wiljwz) and  @(wilaflwz) =0

for any i < j, where wy, w, are products of a;’s. These equations are proved by induction with
repeated use of Definitions 4.2-4.3. In fact, it is enough to show that such equations hold if
w» is an alternating product of a,?’ ;s and 1y ;’s, and that can be reduced to the proof for mixed
moments of the above type, in which w is an alternating product of variables from the kernels,
say b,(()’ ; € Ari N Kerg; ;. To obtain the first equation, it then suffices to observe that in any such
mixed moment 1;1; can be identified with 1; since the latter acts as a projection onto products
wy which begin with some b,?y ; for k < i, and therefore 1; maps 1; w; onto itself. The same kind
of argument is used to prove the second equation, which completes the proof of (2). The proof
of (3) is omitted since it is straightforward. O
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We assumed above that sums ) j ai,j are finite since in the considered category we do not
have a topology. However, appropriately defined inductive limits of mixed moments of these
sums considered above can be shown to exist for arbitrary arrays since under ¢ all mixed mo-
ments of these sums reduce to finite sums of mixed moments of the a; ;’s. This implies that in
the category of C*-probability spaces these sums converge in the strong-operator topology on
some Hilbert space (isomorphic to the associated free product of Hilbert spaces).

By a straightforward modification of the free case in Proposition 4.1 we obtain conditional
freeness. We just need to take the array (¢;, ;) defined by ¢ and associated conditions ¢; which are
assumed to agree with another state ¥ on off-diagonal replicas (as in the free case, the conditions
remain different as states on .4). Then the considered family of sums is conditionally free with
respect to (¢, ¥). Some simple examples of mixed moments are given below, where we can
also see that the factorization of mixed moments of (strongly) matricially free random variables
depends not only on the associated partition, but also on the algebras to which variables belong.
In particular, in contrast to the free case, a non-crossing partition associated with a given product
may give products of more marginal moments than the number of blocks.

Example 4.1. Consider a two-dimensional array of strongly matricially free subalgebras of A,
with variables and states

a da Ain Az %)
' ' d
(b’ b)e<A2,1 Asp) O o9 )’
respectively. Using Remark 4.1 and Definitions 4.1-4.2, we obtain

plaba) = p* (@),  ¢(ab'a) = (p(a*) — o*(@))e1 ().

Similar computations give higher-order mixed moments

o(ab'ab) = p(B)p1 (V') (¢(a?) — ¢*(@)),
p(abab) = ¢*(a)¢* (b).
o(aba'b) = p(@)p2(a') (p(b?) — ¢* ().

These are all non-vanishing moments that contribute to ¢(ABA) and ¢(ABAB), respectively,
where A =a +a’ and B = b + b’. However, the latter agree with the mixed moments of A and
B which are conditionally independent with respect to (¢, V), where ¥ agrees with ¢; on C[B]
and with ¢, on C[A]. In turn, ¢(aBa) and ¢(aBaB), corresponding to the associated lower-
triangular array, agree with the mixed moments of @, B which are monotone independent with
respect to ¢ if ¢ agrees with ¢; on C[B].

Definition 4.5. By a discrete matricially free Fock space we understand M = M (H), where
H; j =Ce;, ; for any (i, j) € N, and the array (e; ;) forms an orthonormal basis of some Hilbert
space. In an analogous manner we define the discrete strongly matricially free Fock space R =
R(H).

Both M and R are subspaces of the discrete free Fock space F(€P; ; Ce;,;) and thus allow
for the canonical action of free creation and annihilation operators. In order to specify the arrays
of units, let us distinguish two types of their subspaces.
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In the case of M these are

1. M, j), spanned by simple tensors which begin with e; ; for some k, where (j, k) # (i, j),
and, in addition, by §2 if i = j,
2. K(@, j), spanned by vectors which begin with e; ;, where i, j are arbitrary,

and the direct sum C(i, j) & M(, j) is the subspace of M onto which the x-algebra generated
by £(e; ;) restricted to M acts non-trivially, where £(e; ;) denotes the canonical free creation
operator associated with vector e; ;.

The canonical projections onto such direct sums are natural candidates for the matricially free
units 1; ; and therefore we set

1,',/' = PIC(i,j)eaM(i,j) and E,',j = @(el',j)l,"j

for any i, j. The adjoint of ¢; ; will be denoted by E* . Note that the projection 1; ; is an internal
unit in the %-algebra A; j = C(¢; j, €] ;) and €7 ;¢; j =1; j for any i, j. However, in the algebra
C(; j, E;ﬁ I i, j € N) there are more relations as the proposition given below demonstrates.

Proposition 4.2. In the algebra C(¢; ;, Z* : 1, j € N) the following relations hold:

1. £} Z]=1”f0ranyij,

2. Z Ekl = 0 whenever (i, j) # (k,1),

3. Z, jﬂkl =0and 1; jL;; =0 whenever (i, j) # (k,1) and j #k,
4. 1; j8j =1L foranyi, j, k.

Proof. We omit the elementary proof. [

In the case of R, we proceed in a completely analogous fashion and distinguish the following
subspaces:

R3UE, j)=M>GE jH)NR and LG j)=K3G j)NR

which lead to the definitions of the strongly matricially free array of units and of the creation
operators, respectively,

lij =P pera and ki j=~Lij)lij,

where, slightly abusing notation, we use the same symbols for the units as before.

Finally, we specify the states: ¢ will denote the vacuum state associated with £2, the ¢; will
be the states associated with the e;, ;, j € N, and (¢;, ;) will be the array defined by ¢ and the ¢;.
Here, the same notation is used for states on B(M) and B(R).

Proposition 4.3. The array of x-subalgebras A; ; = C{{; ;, ZT,,') of B(M), where i, j €N, is
matricially free with respect to (¢;, ;). The array of x-subalgebras B; ; = C(k; j, k;’j/) of B(R),
where i, j € N, is strongly matricially free with respect to (¢, ). ‘
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Proof. The proof is similar to that of Voiculescu for the discrete free Fock space given in [27].
We shall look at the case of (A; ;) since the case of (B; ;) is analogous. Each algebra A; ; is
spanned by operators of the form

E:Ijﬁl*[; where p +¢q > 0,

and the projection 1; ;. However, the corresponding moments vanish:

oij (€] ;4:5) =0
for any i, j since p + g > 0. Moreover, ¢; j(1; ;) =1 for any i, j. Therefore, in order to show
that condition (1) of Definition 4.2 holds, it is enough to show that

* n * n
(Ktqll Ji Ellpjl giqmjngin[?jn) =0

whenever (i1, j1) # - -+ # (in, ju) and p1 +q1 >0, ..., pn + g» > 0. The same argument as in

[27] allows us to reduce the proof to the case when ¢; = - - - = g;, = 0, which implies that p; >

0,..., pn > 0. But then the moment clearly vanishes. This proves condition (1) of Definition 4.2.

Condition (2) follows easily from the definition of the projections 1; ; in view of the relations

given in Proposition 4.1. This completes the proof. O

Example 4.2. For i, j € I, let G; ; = F(1) be the free group on one generator g; ; with unit ¢; ;.
Consider the subspace ljzw of [ 2(*,-, jGi,j) spanned by vectors of the form 8(g), where g is either

the unit e of the free product *; ;G;, j, or a product of the form g1 g> ... g, where g; € G?k e =

Gipigyr \€iy.ipy, } foreach k, with (i1, i) # - -+ # (iy, im+1) and im+1 =I,,. The space 12, which
is a simple example of the matricially free Fock space, can be viewed as the space of square
integrable functions on the ‘matricially free product of groups’ (which is not a group). Let 1; ;
denote the projection from /2 (x; ,j Gi,j) onto the subspace of 112‘,1 spanned by vectors §(g), where
g begins with an element from G . or GO for some k or, in the case of i = j, also g = e. We
can now define

hj@ =i (@i

for g € G; j, where by A; ; we denote the left regular representation of G; ; on 12 (*1 jGij)-
Then the array (A; ;), where A; ; is the *-subalgebra of B(I%(%; ,jGi,j)) generated by A, i (&)
and 1; ;, with the standard involution, is matricially free with respect to the array (g; ;),
where the diagonal states coincide with ¢(.) = (.6(e), 6(e)) and the associated conditions are
@;j(.) =(.8(gj, ). 6(gj,j)), where j € I.In a similar way we proceed in the case of functions on
the ‘strongly matricially free product of groups’. For classical results on random walks on free
groups, see [13].

Example 4.3. To be more concrete, we consider a two-dimensional square array of free groups
on one generator. Then our Hilbert space is

13 = span{8(e), 8(g): g € Hy U H>},
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where

ok kol kL oom okl o.m )
Hy = {81,1’81,282,2’81,181,282,2v81,282,131,1v~'~ k,l,m e Zo}

and

ok ko k 1 m kI .m .
Hy = {82,2’82,181,1»82,282,181,1v32,181,282,2’ Stk lm EZO}’

respectively, with Zg denoting the set of non-zero integers. The diagonal units 17 1 and 15 are
projections onto subspaces spanned by §(e) and 5(g), where g € H; and g € H», respectively.
The off-diagonal units 11 2 and 15 ; are defined in a similar way, so that we have decompositions
11,1+ 1i2= 121 + 125 =1 of the unit 1 on 13,.

Example 4.4. In the case of square integrable functions on the ‘strongly matricially free product
of groups’, the Hilbert space is smaller, namely

l% = span{(S(e),(S(g): gekKU Kz},

where

ok k1 kI .
Ki:={g] 1 812822 81285.18""1----: k.l,m € Zo}

and

Kai={85,.851811 851812832 -+ k. 1,m € Lo},

which reflects the fact that the diagonal generators act non-trivially only on §(e). Internal units
are reduced accordingly. Note that in this case lé 2 ]2(F(2)), which conforms with Theorem 3.1
and the resulting decomposition of the left regular representation.

Example 4.5. In the case of an n-dimensional square array of copies of F (1), we form a tree
(a subtree of the homogeneous tree H,,») which corresponds to the ‘matricially free product
of n? free groups’. Suppose the root e corresponds to the ‘father’. We distinguish ‘sons’ and
‘daughters’ in each ‘generation’ which correspond to the left action of g; ; or g;}, and g; ;

org; jl, respectively, where i # j. The rules of drawing the tree follow from matricial freeness
and are the following: each ‘son’ has 1 ‘son’ and 2n — 2 ‘daughters’, whereas each ‘daughter’
has 2 ‘sons’ and 2n — 1 ‘daughters’. Therefore, ‘sons’ and ‘daughters’ correspond to vertices
of valencies 2n and 2n + 2, respectively. In Fig. 1 we draw such a tree for n = 2 (black and
empty circles are assigned to ‘sons’ and ‘daughters’, respectively). If we make an additional
assumption, for instance that ‘daughters’ cannot have ‘sons’ (this fact corresponds to strong
matricial freeness, where diagonal generators kill words beginning with the off-diagonal ones),
we recover Hl,, of free probability.

Example 4.6. Let R(ﬁ) be the discrete strongly matricially free Fock space and let R(ﬁ) =
F( P j Ce;) be the natural isomorphism of Remark 3.1, where {e;: j € N} is an orthonormal
basis of some Hilbert space. If (w; ;) is an infinite matrix with non-negative parameters p and g
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Fig. 1. Matricially free analog of Hy.

above and below the main diagonal, respectively, and 1’s on the diagonal, then it is easy to see that
the (p, g)-creation operators studied in [18] can be identified (with the use of this isomorphism)
with the strongly convergent sums

Ai =" wi ki,
J

where i € N and the (p, ¢)-annihilation operators are their adjoints. A similar approach can be
applied to square arrays of arbitrary Hilbert spaces and x-representations, which leads to some
notion of ‘(p, g)-independence’. Moreover, it can be carried out for more general matrices (w;, ;)
within the framework of the strong matricial freeness, which generalizes notions of independence
of this type.

5. Traces

In this section we introduce some real-valued functions on the set of non-crossing pair-
partitions. These functions are obtained by computing traces of a square real-valued matrix. We
will assume later that this matrix has non-negative entries which represent variances of probabil-
ity measures on the real line Mp and we will demonstrate that the functions introduced in this
section describe the asymptotics of matricially free random variables in central limit theorems.

Let A'C,, denote the set of non-crossing partitions of the set [m], i.e.if 7 = {my, 72, ..., M4} €
NC,,, then there are no numbers i < p < j < g such that i, j € 7, and p, g € 75 for r # 5. The
block 7, is inner with respect to 7w, if p <i < g forany i € 7, and p, g € 7 (then 7y is outer
with respect to ). It is clear that if 77, has outer blocks, then there exists a unique block among
them, say 7, which is nearest to m,, i.e. if another block, say r;, is outer with respect to 7, then
we must have a < p < b for any a,b € m; and p € 7. In that case we shall write 73 = o(7,)
and call the pair (77,, o(7)) the nearest inner—outer pair of blocks. If 7; does not have an outer
block, it is called a covering block. It is convenient to extend each partition 7 € N Cf” to the
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partition 7 obtained from 7 by adding one block, say mo = {0, m + 1}, called the imaginary
block.

If B(x) is the set of blocks of m, we shall denote by F,(w) the set of all mappings
f : B(mw) — [r] called colorings of the blocks of 7 by the set [r] := {1,2,...,r}. Then the
pair (7, f) plays the role of a colored partition.

Let N'CC,, denote the set of non-crossing covered partitions of [m], by which we understand
the subset of A'C,, consisting of those partitions in which 1 and m belong to the same block (if
m = 1, we understand that the partition consists of one block). In terms of diagrams, all blocks of
7 € NCC,,, where m > 1, are covered by the block containing 1 and m. We denote by N’ C,zn and
N CC%,, the sets of non-crossing pair-partitions of [m] and non-crossing covered pair-partitions
of [m], respectively, and we set NC? = J°_; N'C2, and NCC* = J°_, NCC2,.

It is easy to see that each w € N'C,, can be decomposed as

r=rVur@u...uzr®, (5.1)

where 7, ... 7 are non-crossing covered partitions of subintervals Iy, I, ..., I, of [m]
whose union gives [m]. By a partition of a set I consisting of r elements we understand the
corresponding partition of [r].

On the other hand, each 7 € N'CC,, can be decomposed as

7=0QurzDuy...ux", (5.2)
where 7@ is the block containing 1 and m and 7MW 7@ 7™ are non-crossing covered
partitions of subintervals Iy, I, ..., I, of [m] \ 7.

Consider now a square real-valued matrix V = (v; ;) € M, (R), where n € N. The usual trace
and the normalized trace will be denoted

n n
1
Tr(V):E v;; and tr(V):ZE Vi
j=1

j=1

respectively. For each n, we define the ‘diagonalization mapping’
T:M,(R) > D,(R), t(V)= diag(Z Vidi Y v{,,n),
J J

where D, (R) is the set of square diagonal real-valued matrices of dimension n (by abuse of
notation, the same symbol 7 is used for all n). In other words, T computes the sum of all elements
of V in each column separately and puts this value on the diagonal.

Using the above trace operations, we shall define two real-valued functions on the set A/ C2,
denoted v and vo, associated with given V € M, (R). Although there is a close similarity be-
tween these functions when restricted to N’CC? (in particular, they are defined as traces of certain
matrix-valued quasi-multiplicative functions), note that they are extended to NV'C? in two different
ways.

Definition 5.1. For a given matrix V € M, (R), we define a mapping from N'C? to D, (R) by
assigning to each 7w € N'C? the matrix V (r) by the following recursion:
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imaginary block k imaginary block [ imaginary block [
[ A ety P s a
} i : j ko | k |
| i | l i ﬂ l | i |
LT ] | LT T
@ n ¢

Fig. 2. Colored partitions with imaginary blocks.

1. if 7 consists of one block, we set V() = t(V),
2. if 7 € NCC? consists of more than one block, then

Vim)=t(V(zD)...v(z")V) (5.3)

according to the decomposition (5.2),
3. if 7 € NC?, then

Vi) =V(EV)v(r@)...v(xP) (5.4)
according to the decomposition (5.1).
Let v : NC? — R be the function defined by v(mr) =tr(V(1)).

Example 5.1. For some V € M,,(R), consider three partitions given in Fig. 2. Color each block
by a number from the set [r]. Computation of the corresponding values of the function v gives

v(r) =tr(z(z(V)V)) = Zv,,v,k,

le

() =t(r(x(VI)V)r(V)) = Z Vi, V)1V 1

l]kl

() =t(r(x(V)T(V)V)) = Z Vi KV AV

ljkl

One can see that to each nearest inner—outer pair of blocks (7, wy) we assign the matrix ele-
ment v, 4, where p and g are the colors of 7, and 75 respectively. Moreover, if a block does
not have any outer blocks and is colored by ¢, then we assign to it the matrix element v, ,,
where ¢ is assumed to be the same for all such blocks (one can imagine that we have an addi-
tional ‘imaginary block’ colored by ¢ which covers all other blocks). At the end we sum over all
colorings.

The function vy is defined on the set A'CC? in a very similar manner, except that we replace
the right multiplier V in (5.3) by its main diagonal

VO = diag(vl,lv ce Un,n)s
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which corresponds to changing only the contribution of the covering block. Then we extend vg
to all of N'C? by multiplicativity of vy.

Definition 5.2. For a given matrix Vy € M,,(R), we define a mapping from N CC? to D, (R) by
assigning to each 7w € N'CC? the matrix Vo (i) by the following recursion:

1. if 7 consists of one block, we set V(1) = Vy,
2. if 7 € NCC? consists of more than one block, then

Vo) =t(V(zD)...V(x ) Vo) (5.5)
according to the decomposition (5.2).

Let vy : NC? — R be the function defined by vg(rr) = Tr(Vo()) for m € NCC?, extended to
NC? by multiplicativity vy () = vo(r M) .. vy () according to the decomposition (5.1).

Example 5.2. Let us compute the values of vy corresponding to the partitions in Fig. 2. We have
vo(m) =Tr(t(V)Vo) = Y vi.jvj.j.
iJj
vo(n) = Tr(t(V) Vo) Tr(Vo) = Z Vi jVj, jVk.k,

i,j.k

v (&) =Tr(z(z (V)T (V)W) = Z Vi kU k Vk k-

i,j.k
Note that the main difference (apart from normalization) between vo(sr) and v(;r) concerns the

blocks which do not have outer blocks. Here, if such a block is colored by g, we assign to it the
matrix element v, , and we do not use ‘imaginary blocks’.

Below we shall prove a lemma which gives explicit combinatorial formulas for v(;r) and
vo (7). For that purpose, to the blocks

B(x, f)= {1, ), (r2, s .., (w, )
of each colored non-crossing partition (7w, f), where f € F,.(m), we assign entries of a given
real-valued matrix V € M, (R) according to the definition given below. If the imaginary block is

used, it is convenient to assume that it is also colored by a number from the set [r].

Definition 5.3. Let (7, f) be a colored non-crossing partition with blocks as above, where f €
F(m) and let V € M, (R) be given. For any 0 < j < r we define

vi(m, f) =vj@m, i, f)...vj(me, ),

where the functions v; : B(z, f) — R are given by the following rules:
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Lovj(m, f)=vpqif f(r;)=pand f(o(m;)) =g, where 0 < j <r,
2. vj(m;, f)=vp ;if f(m;) = p and 7; does not have outer blocks, where 1 < j <r,
3. wo(mi, f) =vp, pif f(m;) = p and 7; does not have outer blocks.

We are ready to prove purely combinatorial formulas for v; () forany 0 < j <n andany 7 €
NC?.In particular, if V is a square n-dimensional matrix with all entries equal to 1/n and f runs
over Fy(m), then vo(r) =1 and v; () = 1/n for any 7. In that case we get ZHENC% vo(m) =

Z?:l 3 xeNCl Vi () = ¢, the m-th Catalan number. Limit theorems studied in Section 6 will

give matricial deformations of Catalan numbers induced by the formulas given by the lemma
proven below.

Lemma 5.1. For any V € M, (R), where n € N, and = € NC?, it holds that
vo(m)= Y wolr,f) and v(r)=- Z Z v (T, f),
feFu(m) feF () jeln

where the summation over j corresponds to all colorings of the imaginary block.

Proof. We provide an induction proof for the function v (the proof for vy is similar). The main
induction step will be carried out on the level of the (diagonal) matrices V (;r). We claim that its
diagonal entries are of the form

V), o= X valm f)

feF ()

for any 7 € NCC? and g € [n]. In view of (5.4), the required formula for v(r) is then a straight-
forward consequence of the claim. Of course, if 7 consists of one block, then

V(n) Zv]q

and thus our assertion easily follows. Assume now that & has k > 2 blocks and suppose the
assertion holds for non-crossing covered partitions which have less than k blocks. Since 7 has
a decomposition of type (5.2), the assertion holds for 7D, 7@ 7 in this decomposition.
We know that the matrix assigned to 7 has the form (5.3) and therefore the product of (diagonal)
matrices corresponding to these subpartitions has (diagonal) matrix elements of the form

V), =Eww),, ZW“U,C,

where ¢ is the color of the imaginary block of 7 and

Wj,j= Z vj(ﬂ(l),ﬁ)... Z vj(n(r),f,),

fIEFn(”(l)) freF (™)



R. Lenczewski / Journal of Functional Analysis 258 (2010) 40754121 4101

by the inductive assumption. Now, since the blocks of 71, ..., 7" are colored independently,
we have

iV fi) 0 (77, fr)vjg = v, f)

for a uniquely determined coloring f of the blocks of 7 in which j can be interpreted as the
color of 7@ since 7© covers 7V, ..., 7 and ¢ can be viewed as the color of the imaginary
block of 7. This and the above formula for W; ; gives the desired formula

V(mgg= Y v, f),

fEeFu(m)
which proves our claim and thus completes the proof of the theorem. O
Under suitable assumptions on V, there is a simple connection between functions v and vy if
Vo = al,/n, where I, is a unit matrix and a is a positive number. We shall express this relation
in terms of the corresponding formal Laurent series, which turn out to be Cauchy transforms
of (compactly supported) probability measures on the real line associated with appropriately

constructed random variables.

Proposition 5.1. Let V € M,(R) be such that Vo = al,/n, where a > 0. If G(2) =
Yo axz= 2 and Go(z) = Yo bokz~**=2 are formal Laurent series, where

Az = Z U(T[) and b2k = Z UO(”)?
reNCh TeNCy

and both v(ir) and vo(rr) are associated with V, then Go(z) = 1/(z — aG(z)).

Proof. Observe that in the case when v; ; =a/n for all j € [n], we have

_vp(rr')

v(m) =

for any w € N’ Cfn, where the partition 7’/ € N/ CCfn 4o 1s obtained from 7 by adding to 7 the
block that covers all blocks of 7, say {0, m + 1}. This leads to

oo oo
A@ =) amZ" =1+ Y v@"
m=0 m=1 7eNCh,

=14 é Z Z vo(m) 22" = 4C(Z)2_ 1,

2 az
m=1 NGNCCZMH»Z
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where C(z) = Zm 0 C2m 22" and ¢oyy = Zn eNeel, vo (7). Now, using the multiplicativity of vy,
we obtain

o0 S 1
B(z) := Z bszZm = Z C(z) — 2——C(Z)’

m=0

which leads to

1 1
A(Z) = a—Z2<1 — m) and G()(Z) =

1 1 1 1
G(@)= —A(—> and Go(z) = —B(—),
z \z z \z

which completes the proof. O

z—aG(z)’

where

6. Random pseudomatrices

In this section we will study the asymptotic behavior of random pseudomatrices for two se-
quences of states: the sequence of distinguished states, with respect to which our variables will
be matricially free, and the sequence of traces which are normalized sums of conditions in the
definition of matricial freeness. Under suitable assumptions, we will later obtain two types of
limit theorems: the ‘standard’ central limit theorem as well as the ‘tracial’ central limit theorem
for matricially free random variables, the latter being related to random matrix models.

Suppose we have a sequence (A(n)) of unital x-algebras, each equipped with a distinguished
state ¢ (n) and associated conditions {¢;(n): 1 < j < n}. For each n, let (X; ;(n))1<;, j<n be an
array of self-adjoint random variables in .A(r). We are going to study the asymptotic behavior of
random pseudomatrices

Smy="Y_ Xi (), 6.1)

i,j=1

where we assume that each array (X; ;j(n)) is matricially free with respect to the array (¢;, (1))
defined by ¢ (n) and ¢;(n)’s. In the first setting we shall compute the asymptotic moments of
random pseudomatrices with respect to ¢ (n). This corresponds to the ‘standard CLT’ reminding
the CLT for free (or, monotone) random variables [24].

In the second setting, we shall compute the asymptotic moments of random pseudomatrices
with respect to the convex linear combinations of conditions

1 n
Y= - ¢ (6.2)
j=1

which play the role of traces in the context of random pseudomatrices, with ¢ (n) corresponding
the classical expectation [E composed with the state associated with vector e; of the canonical
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orthonormal basis (e;)1<;<n in C"*. This will lead to the ‘tracial CLT” for matricially free random

variables reminding the limit theorem for random matrices [25]. Thanks to the properties of

the matricially free product of states which essentially boil down to properties (P1) and (P3)

of Section 2, the normalization of square root type works in both cases since the number of

summands in S(n) which give a non-zero contribution to the limits is in both cases of order n.
We partition the set [1] := {1, 2, ..., n} into disjoint non-empty intervals,

[n]=N{UNyU---UN,,

where r € N, such that their relative sizes nj/n — d; as n — oo, where n; is the cardinality
of N; for any j € [r]. Then the numbers d; form a diagonal matrix D of trace one called the
dimension matrix.

Our results will involve the following assumptions:

(A1) (X;, j(n)) is matricially free with respect to (¢;, j(n)) for any n € N,
(A2) the variables have zero expectations,

¢i,j(n)(Xi,j(n)) =0

foralli, j €[n] andn € N,
(A3) their moments are uniformly bounded, i.e. Vm 3M,,, > 0 such that

My,
nm/2

|1 () (X[ ()| <

foralli, j €e[n] andn € N,
(A4) their variances are block-identical and are of order 1/n, namely

2 _Hpa
$i.j () (X7 () = ===
foranyi € Ny, j € Ny, where each u, ; is a non-negative real number.

Of course, the uniform boundedness assumption is satisfied if we take variables of type X; j(n) =
Xi,j/+/n, where (X; ;) is an infinite array of random variables whose distributions in the states
@i, j (n), respectively, are identical and do not depend on 7. Although it is convenient to think of
the X; j(n) as if they were of this form, we want to study similar variables, whose variances are
of order 1/n and stay the same within blocks whose sizes become infinite as n — oo.

If the tuple ((i1, j1),---> (im, Jm)) € (I x I)™, where I is an index set, defines a partition
7w ={m,...,m} of the set [m], i.e. (ip, jp) = (iy, jg) if and only if there exists r such that
p,q € m,, we will write

P((ilvjl)a--w(imvjm)) =7.

Of course, if 7 is a non-crossing pair-partition, then each m, is a two-element set. By a k-block
we will understand a block consisting of k elements. In particular, a 1-block will be called a
singleton. We will also adopt the convention that if m is odd, then N Ci = (J and the summation
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over m € N Ci gives zero. This allows us to state results for moments of the S(n) of all orders
without distinguishing even and odd moments.

Lemma 6.1. Let (A(n), ¥ (n)) be a sequence of noncommutative probability spaces, each with

an array (¢;,j(n)) defined by ¢ (n) and ¢ ;(n)’s, for which (A1)—(A3) hold, where v (n) is given
by (6.2). Then

I/I(H)(Sm(n)) = Z v(m,n) + 0(%),

neNCs,

where v(mr,n) = tr(V (;r, n)) is given by Definition 5.1 and corresponds to the variance matrix
V(n) = (v;,j(n)), where v; j(n) = d)(n)(X,-z,j(n))-

Proof. We have

Y () (S" () = Z () (Xiy i (n) ... Xi,, j, (n))

U J1seeesims Jm
= Z Z w(”)( i1, ll(n) lm /m(n))
T€Pn i1 ims Jm

P((i1,j1)sees(ims Jm)) 4

where P, denotes the set of all partitions of [m]. Arguments presented below allow us to con-
clude that for large n only non-crossing pair-partitions give relevant contributions.

1. If  has a singleton associated with some (ix, jx) # (j, j), then the moment

¢ () (Xiy ji () ... Xi,y jn (1)

vanishes by Lemma 4.1 since in that case the variable X;, ; is the only variable from
A, Jk in the corresponding moment under ¢ (n), by which we mean ¢ (n)(b%ab;), where
a=X;,;;n)...X;, j,(n)and b; € C[X j(n),1; ;1N Ker¢(n). For that reason, in the re-
maining cases we can assume that there are no such singletons.

2. If m has exactly one singleton associated with some (ix, jx) = (j, j), then the extended
partition 7 associated to b%ab; does not have singletons and has at least one 3-block (this
is the imaginary block colored with j). Therefore, 7 has the same number of blocks as 7
and s < (m + 1)/2. Since with each block we can associate at most one independent index
to sum over (by Lemma 4.1), the sum of the above moments over iy, ji, ..., i, jn and j for
the given 7 (with the 1/n normalization coming from v (n)) is O(1/4/n) by (A3).

3. If 7 has no singletons and is not a pair-partition, then the number of blocks of 7 is either s
@if (j, j) is present among (i1, j1), ..., (im, jm)) or s + 1 (in the opposite case). In both
cases, we have that s < (m + 1)/2 and the summation of the considered moments over
i1, j1,---»im, jm and j for the given 7w is O(1//n).

4. If 7 is a crossing pair-partition, then the associated 7 is a crossing partition for any j. It
suffices to consider the case when 7 is a pair-partition since otherwise it has a 4-block and
a similar argument to that in (3) works. In turn, if 7 is a pair-partition for some j, then by
Lemma 4.1 and the mean zero assumption, the corresponding moment under ¢ ; (n) vanishes,
which implies that the corresponding moment under v (n) also vanishes.
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The above arguments imply that only non-crossing pair-partitions contribute to the limit and we
can write

1
Y (S"m)= Y > v () (Xi () ... Xy, ,,n(n>)+0< ﬁ>

7T€./\/’C2 . l‘];jl ----- i_ms/:m
" P((ll,]l) »»»»» (lm»]m))=7T

Now, suppose that m is even, 7 € NCfn and the sequence of pairs ((i1, j1),---> (m, jm)) 18
compatible with the matricial multiplication, i.e. such that if (ig, jx) and (i, j,) label an inner—
outer pair of blocks, then ji =i,. If w; = {r, r + 1} is the last block which has no inner blocks,
then we can pull out the variance corresponding to that block, namely:

l/f(l’l)( i1, jl(n) lm Jm (I’l))
= Uir»erﬂ(n)( i ()Xo WX G () Xy (n))

where we use the proof of Lemma 4.1. Continuing this procedure with other blocks which
have no inner blocks, and summing over indices i1, ji,...,im, jm, for which it holds that
P((G1,j1)s -+ (im, jm)) = 7, we arrive at

! 1
n Z Vky ko1 (n)... Uk kom) n)+0 (ﬁ)’

n
ko,k1....km

where o(r) = 0 if 7, has no outer blocks (kg labels the imaginary block) and o(r) = j if the
nearest outer block of 7, is labelled by & ;. Let us observe that we included in the above sum all
possible labellings of the blocks of . Th1s is done for convenience since it enables us to express
the final result in terms of v(w). More explicitly, we allow ko, k1, ..., k;, to assume arbitrary
values from the set [m] (in particular, they can all be equal), which produces certain terms which
cannot be obtained from the summation over all ((i1, j1), ..., (im, jm)) Which define &. For ex-
ample, no nearest inner—outer pair of blocks can contribute v; jv;, ;, which appears in the above
sum. However, all such terms are of order 1/4/n due to insufficient number of different summa-
tion indices (there are fewer than m /2 independent indices) and therefore they can be included
in the sum without changing the asymptotics. Using Lemma 5.1, we obtain our assertion. 0O

Lemma 6.2. Let (A(n), ¢ (n)) be a sequence noncommutative probability spaces, each with an
array (¢;,j(n)) of states defined by ¢ (n) and conditions ¢ ;(n), for which (A1)~(A3) hold. Then

1
pm(S" ()= > Uo(ﬂ,n)+0<ﬁ>,

neNC?

where vo(m, n) = Tr(Vy(r, n)) is given by Definition 5.2 and corresponds to the variance matrix

Vn) = (vi,j(n)).

Proof. The proof is similar to that of Lemma 6.1 (in fact, it is simpler since we only need to
compute the moments under ¢ (n) and thus the complications involving moments under ¢; (n)’s
do not appear). O
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In order to ensure existence of the limits of v(r, n) and vy (rr, n) as n — oo, we need to specify
the sequence of matrices (V (n)),en more closely. We shall assume that (A4) holds. Assuming
that the variance matrices V (n) are of this form, we can now state the standard and tracial central
limit theorems, with limit distributions described in terms of traces of Section 5.

Theorem 6.1 (Tracial central limit theorem). Under the assumptions of Lemma 6.1, if V (n) is of
the block form (A4) for each n € N, then

Tim y(s"m) = Y. b, 63)

JIENC,%,

for any m € N, where b(;r) = Tr(B(xw)D) and B(w) is the diagonal matrix of Definition 5.1
corresponding to w and the matrix B = DU.

Proof. Clearly, if m is odd, we get zeros on both sides of the above formula (we use our
convention that in this case N C%; = {}). The proof for m = 2k, where k € N, is based on
Lemmas 5.1 and 6.1. If, in the combinatorial expression for v(r, n), we substitute for the ma-
trix elements of V(n) the assumed block form, then, using the partition of the set of colors
[n]= N1 UNyU---UN,, we can perform summations over the colorings which belong to each
interval N; separately. Thus, the contributions of various [n]-colorings of 7 to the limit laws
reduce to those corresponding to [r]-colorings and are described in terms of numbers u ; (7;, f),
where i € [k], j € [r] and f € F,(;r) (the number j is the color of the imaginary block). We have

. . 1
nlngov(ﬂ,n): lim (W an Z nf(l)uj(m,f)...nf(k)uj(rrk,f)>

n—00
Jelrl  feFr(m)

:Zdj Z df(])uj(n’l,f)...df(k)uj(n’k,f)ZTI”(B(TL’)D),

Jelrl  feFr(m)

where w — B(sr) is the matrix-valued function which corresponds to the matrix B = DU in
accordance with Definition 5.1. In terms of matrix multiplication, the expression on the right-
hand side is obtained from that of Lemma 5.1 corresponding to matrix U by multiplying U from
the left by the dimension matrix D and multiplying the whole product of matrices from the right
by D. This proves our assertion. [

Theorem 6.2 (Central limit theorem). Under the assumptions of Lemma 6.2, if V(n) is of the
block form (A4) for each n € N, then

lim pm)(S™m) = > bo(r), 6.4)

reNC

for any m € N, where m — bo (1) is the real-valued function of Definition 5.2 corresponding to
the matrix B = DU.

Proof. The proof is similar to that of Theorem 6.1 and is based on Lemmas 5.1 and 6.2. The
only difference is that we do not use imaginary blocks to describe the colorings of all blocks
of m. Thus, the contributions of various [n]-colorings of 7 to the limit laws reduce to those
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corresponding to [r]-colorings and are described in terms of numbers uo(r;, f), where i € [k]
and f € F,(r). Namely, we have

. . 1
nlglgo vo(mr, n) = nlglgo<n—k Z nyyuo(ey, f)...npwpuo(mk, f))
feF:(m)

= Y drayuolmi, f)...dpayuor, ) =Tr(Bo(r))
feF(m)

as n — 0o, where m — By () is the function defined by Definition 5.2, which proves our asser-
tion. O

7. Matricial semicircle distributions

The results of Section 6 lead to combinatorial formulas for the asymptotic moments in the
corresponding central limit theorems. In this section we are going to express the limits in terms
of their Cauchy transforms represented in the form of continued fractions. They play the role of
the (standard and tracial) ‘matricial semicircle distributions’.

For that purpose let us recall definitions of certain convolutions of distributions, or more gen-
erally, of probability measures. If F, is the reciprocal Cauchy transform of some probability
measure i € Mg, then the K-transform of p is given by K, (z) = z — F;,(2). The boolean addi-
tive convolution W v can be defined by the equation

Kuw(2) = K, (2) + Ky (2),

where 1, v € Mg and z € CT, respectively. In fact, this equation shows that the K-transform is
the boolean analog of the logarithm of the Fourier transform [23].

We will also need another convolution, which reminds the monotone convolution [20], called
the orthogonal additive convolution and defined by the equation

Kuv(2) = Ku(Fy(2)),

where p, v € Mp and z € CT. It was introduced in [14], where we showed that the above for-
mula defines a unique probability measure on the real line. Moreover, if © and v are compactly
supported, both ¢ - v and p W v are compactly supported.

Using these convolutions, we will now define certain important continued fractions (or,
‘continued multifractions’) which converge uniformly on the compact subsets of C* to the K-
transforms of some probability measures u; ; € Mg.

Lemma 7.1. For given B € M,(R) with non-negative entries, continued fractions of the form
bi.i ’

-
i- Y, 2k

K; (z)=

Z_Zk

where i, j € [r], converge uniformly on the compact subsets of CT to the K-transforms of some
Wi, j € Mg with compact supports.
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Proof. Let us define a sequence of functions which approximate the K; ;. Namely, set K i(,(}) (2) =
b; j/z for any i, j € [r], which are the K-transforms of probability measures on R for any i, j
(Bernoulli measures if b; ; > 0 and d¢ if b; j = 0). In order to use an inductive argument, let us
establish the recurrence

2= g K(m 1)(z)

(m)
K, (2)=

form > 1. If the K (m D are the K-transforms of some u D e Mg for any i and k, respec-

tively, then the sums Z K ,E”l’ D are the K-transforms of the1r boolean convolution

Ml(m 1. _’ugrri l)UpL(m l)U H_)M%—I)GMR’

and next, each K l.(";) is the K-transform of the orthogonal convolution

Ml(n;) =K M(m b € Mg,

where the k; ;’s are the Bernoulli measures with K-transforms K; ;(z) = b; j/z, respectively. It
is easy to see that all these measures are compactly supported. Moreover, the properties of the
orthogonal additive convolution (Corollary 5.3 in [14]) say that the moments of u ) of orders
< 2m agree with the corresponding moments of uf /.) for any n > m and any grven i, j. More
precisely, in the formal Laurent series expansion

oo
K,-(,’;')(z) =) ez

the coefficients c_1, ..., c_2,—1 are uniquely determined by the constants which appear in the
continued fraction of the correspondmg Cauchy transform G(m) at depths < 2m, and these de-

termine the moments of ,u ) of orders < 2m. The recurrence for the K-transform given above is

such that the correspondlng Cauchy transforms G( ™) and G( agree down to depth m — 1 for
any given i, j, which proves our assertion. Therefore we have weak convergence

w— lim u(j)—u,,
m— 0o
to some f;, j € Mp for any i, j. These measures are also compactly supported since sup; ; b;, j
is finite. In turn, this implies that the corresponding Cauchy transforms (and thus K-transforms)
converge uniformly to the Cauchy transform (K-transforms) of w; ; on compact subsets of Ct.
This completes the proof. O

We are ready to state a theorem, which is another version of the tracial central limit theorem
for matricially free random variables.
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Theorem 7.1. Under the assumptions of Theorem 6.1, the v (n)-distributions of S, converge
weakly to the distribution given by the convex linear combination

,
w=>y dju;,
j=1

where pj =1 jWus jW--- W, foreach j =1,...,r and u; ; is the distribution defined by
K; ;foranyi, j.

Proof. By Theorem 6.1, we have combinatorial formulas for the moments M,, of the limit law
in the tracial central limit theorem. The associated distribution extends to a unique compactly
supported probability measure & on the real line since its moments are bounded by the moments
of the Wigner semicircle distribution o, with variance a = sup; ; b; ;. Using the multiplicative
formula (5.4) for B(xr), we can formally write the Cauchy transform of y in the form

o0
Gux)=) Myz !

k=0

= —+Z< > m( B(n)D)) —2k-1

k=1 nENC%k
=Tr((z: - K(2))"' D),

which can be called the ‘trace formula’ for G, where

K@= > B@mz > (7.1)
k=1 zeNcCCy,

is a diagonal-matrix-valued formal power series. Moreover, we will show below that each func-
tion K; on its diagonal is, in fact, the K-transform of some u; € Mpg. Then, the formal power
series given by the trace formula is the Cauchy transform of w as a convex linear combination of
Cauchy transforms of probability measures. In fact, using the definition of B(;r) and (5.3), we
obtain the equation

K@ =1((z— K@) 'B), (7.2)

where K (z) = diag(K(z), ..., K,(z)). By analogy with the scalar-valued case, we can find its
solution in the form of a continued fraction. Namely, observe that each K ;(z) has the form of a
formal Laurent series

o0
Kj(z) = ZC—2n—1z72"71

n=0
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for some c_1,c_3,..., and therefore the above vector equation can be solved by successive
approximations. Namely, we set ; to be the (compactly supported) probability measure asso-
ciated with the K-transform K;(z) = ) ; K; j(z) for each j € [r], where the K; ; are given by
Lemma 7.1 for B = DU. These K-transforms solve (7.2). This, together with the trace formula
for G, gives

.
Gu= Zdj Guj»
j=1

where G,;(z) = 1/(z — Kj(2)) is the Cauchy transform of p; for j =1, ..., r. That completes
the proof. O

Remark 7.1. The Cauchy transform of each 1 ; can be written as a continued fraction of the
form

Gu; ()= b

by i
bp i
P
Z_sz_...

z=2

i
Z_Zk

which converges on the compact subsets of CT.

Next, we state a theorem, which is another version of the standard central limit theorem for
matricially free random variables.

Theorem 7.2. Under the assumptions of Theorem 6.2, the ¢ (n)-distributions of S, converge
weakly to the distribution

mo=p1,1Ypu2 oWy,
where uj ; is the distribution defined by K ; j for each j.

Proof. By Theorem 6.2, we have combinatorial expressions for the limit moments M,,. The
proof is similar to that of Theorem 7.1 and is based on the trace formula for the K-transform

of uo

K@ =Tr((z — K(2)) ™' Bo)

derived from the definition of the function bg, which leads to the equation for the Cauchy trans-
form

1

Guy(z) = m,

which completes the proof. O
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Remark 7.2. The Cauchy transform G, can be written as a continued fraction of the form

Guy(2) = b

which gives a matricial extension of the continued fraction of the Wigner semicircle distribution.
8. Decompositions in terms of subordinations

In the one-dimensional case, the limit distributions o and p are related by Proposition 5.1.
In particular, if each variance matrix V (n) has identical entries equal to one, both central limit
theorems (standard and tracial) give the Wigner semicircle distribution with variance 1 (of course,
the standard case also follows from free probability, whereas the tracial case is related to random
matrices).

In this section we will analyze in more detail the limit distributions for the two-dimensional
case, namely when each variance matrix V (n) consists of four blocks. They will be expressed in
terms of two-dimensional arrays of distributions. Finding simple analytic formulas for the corre-
sponding four-parameter Cauchy transforms and densities does not seem possible in the general
case. However, we shall derive decomposition formulas for those measures in terms of s-free
additive convolutions [14], which gives some insight into their structure (see also [21] for recent
results on the multivariate case). The s-free additive convolution refers to the subordination prop-
erty for free additive convolution, discovered by Voiculescu [26] and generalized by Biane [4].
As shown in [14] and [15], there is a notion of independence, called freeness with subordina-
tion, or simply s-freeness, associated with the s-free additive convolution and its multiplicative
counterpart.

Recall that the s-free additive convolution of p, v € Mg is the unique probability measure
uBv e Mp defined by the subordination equation

vBu=v> (uBv),

where > denotes the monotone additive convolution [20]. Equivalently, the above subordination
property can be written in terms of Cauchy transforms or their reciprocals.

Using s-free additive convolutions and the boolean convolution, we obtain a decomposition
of the free additive convolution of the form

uwHy=@Bv)Y@Bu),

which allows us to interpret both s-free additive convolutions appearing here as (in general,
non-symmetric) halves of u B v. We find it interesting that the limit distributions in the two-
dimensional case will turn out to be deformations of the free additive convolution of semicircle
laws implemented by this decomposition. In other words, the subordination property and the
associated convolutions give a natural framework for studying matricial generalizations of the
semicircle law.

For simplicity, it will be convenient to use the indices-free notation for the two-dimensional
matrix of K-transforms:
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(a(z) b(z))z(m,l(z) K1,2<z)>
c() d@) K21(2) K22(2)
and

A= §)=(% j%):@

where the square root is interpreted entry-wise.
Moreover, we will distinguish two laws by special notations: we denote by o, the Wigner
semicircle distribution with the Cauchy transform

7 — 22 —4a?
Go,(2) = T g2

I

where the branch of +/z2 — 4«2 is chosen so that v/z2 —4a2 > 0 if z € R and z € (2w, 00), and
by «, we denote the Bernoulli law with the Cauchy transform

G Z = 77
ie. .oy, =1/2(6_, +6,).

Finally, we will also use the boolean compressions of u € Mg, where t > 0, defined by
multiplying its K-transform by 7, namely we define T;u to be the (unique) probability measure
on R, for which

K Tinw =1 K we
These transformations were introduced and studied in [7] and called ‘¢-transformations’ of w.

We allow ¢t = 0, in which case Tou = §p. In particular, we shall use two-parameter boolean
compressions of semicircle distributions, o4, g = T;04 for t = (8 /oz)2, with

0% — Az — B2/22 — 4a?
(2012 _ 2,32)22 + 2[34

Go'a.ﬂ (z) =

being their Cauchy transforms, where the branch of the square root is the same as in the case
of G, .

Theorem 8.1. If a, B, v, 8 # 0, then the diagonal measures ;. ; defined by K ;, where 1 <
Jj <2, have the form

1,1 ="Ti/1(0apMos,y),
w22 =Tis(05,, Moy p),

with the off-diagonal measures given by 12 = Tiju1,1 and 2.1 = Tspuo 2, where t = (/3/0()2 and
s= (/8%
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Proof. It is easy to see that the following algebraic relations hold:

a? §2
W= —cw ™ P T aw
_ B v
PO= o= ™ W o —de

Thus, b(z) = ta(z) and c(z) = sd(z), which gives w12 = Tyu1,1 and po 1 = Tspp 2. In turn,
from the equation for a(z), we get

— —J(z— 2 _4q2
at) = SENEZAI I g ()

and thus 1,1 = 0y = p2,1. In a similar manner we obtain us » = os = p1,2. Therefore, we arrive
at the equations

p1,1 =0y b (Tyos =Ty 1),

p22 =05t (Tiog = Tsii22)

since T; (u = v) = (T; ) = v. In order to express the u ; ; in terms of s-free additive convolutions,
we need to use the properties of the orthogonal convolution. We have shown in [14] that the
moment of order k of u v depends on the moments of orders < k of © and the moments of
orders < k — 2 of v. This leads to the conclusion that for any compactly supported u, v € Mg
and the associated sequence of measures (u ,, v), defined recursively by

pbEmv=pkE@hkp_pn) with pkrv=pkv,

we have weak convergence w — lim,,,_, oo it -, v = B . If we take u = Ty0 and v = Tso;
(these measures are compactly supported), we get the desired formulas. O

Corollary 8.1. The measures g, (1, 2 can be decomposed as
o =Ti/i(0a.pHos ) WTiys(0s,y Hoap),

u1="Ti/(0q,8B0s,) W (05, Howp),

w2 =Ty5(05,y Bogp) W (0,pBos,,),
where the assumptions and notations are the same as in Theorem 8.1.
Proof. These decompositions follow immediately from Theorems 7.1, 7.2 and 8.1. O
Remark 8.1. The formulas for the diagonal measures (; ; in the proof of Theorem 8.1 remind
those for two-periodic continued fractions if we take ¢+ = s = 1. The latter are of the same form,

except that the semicircle distributions are replaced by much simpler Bernoulli laws. Neverthe-
less, if t = s = 1, the formulas for the y; take a simple form

nj = oy Hos,
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where j =0, 1, 2. By Theorem 7.1 and Corollary 8.1, the same formula holds for u. Therefore,
all measures (o, (1, 2, 4 can be viewed as deformations of the free additive convolution of
two semicircle distributions, implemented by means of boolean compressions.

Let us consider now the situation in which some of the numbers «, 8, y, § vanish. Suitable
formulas can be derived algebraically, as we did in the proof of Theorem 8.1. However, one can
also obtain the same results by taking weak limits in the formulas for the measures (; j, using
the fact that all measures involved have compact supports. For that purpose, let us state a few
useful facts about weak limits which will be of interest to us. Then, we consider eight cases, to
which the remaining cases are similar (for instance, « = 8 =0 is similar to y = § =0).

Proposition 8.1. Let t = 2 /a?, where a, B > 0, and let u € Mg be compactly supported.

1. Ifa — 0%, then
(a) w—limo, =¥,
(b) W — lim(aa,,g) =Kg,
(©) w—1lim(7T1 (0, B @) = do.
2. If B — 0t then
(a) w—limogy g = do,
(b) w—lim(7; ) = do,
() w—1im(T1/(0q, Bp)) = 0o = .

Proof. If « — 0T, then K5, (z) — 0, which proves 1(a). Here, as well as in the remaining cases,
convergence is uniform on compact subsets of CT. Moreover, Ko, g = ,82/ (z — azKUa) —
B%/z = Ky,, which gives 1(b). In turn, if B — 0%, then Ko, ,(z) = B?/(z — K4, (2)) = 0,
thus also w — limoy g = 8o, which proves 2(a). If, in addition, ¢ — 0*, then Ty — 8¢ for
any u € Mp, which proves 2(b). Finally,

T1/1(0a,g B ) =T1)i (Tioa b (0 How,p)) = 0o b (1[Hog,p)

and thus the right-hand side tends weakly to 8y as o — 0, which gives 1(c), and tends weakly
to 0q F (u @ 8y) =0y - as B — 0T, which gives 2(c). This holds for any u € Mg, and
we also use the right unit property of § with respect to the s-free additive convolution, namely
nwBS=pn O

Corollary 8.2. If some of the entries of the matrix A vanish, we can distinguish eight different
cases, for which the distributions ; j are given by Table 1.

Proof. If a; ; =0, then w; ; = 8, which easily follows from the algebraic equations for the
corresponding K-transforms. An alternative proof can be given by taking weak limits of the
formulas of Theorem 8.1, as we proceed with the remaining measures. Thus, if § — 0%, then

pi,1=w—Um7i, (00, Bosy) =Ti(0qsBky),
H12 =W — lim(aa,,g (H Gé,y) =0qu,B [HKV’

M2,1 =W — ]im((fg’y [Eo'a’ﬁ) = Ky [Ega,ﬁv
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Table 1

Distributions u;, ; in the case A has zero entries.

a1 a2 az. 1 azn 1,1 "1,2 2.1 w22
o B y 0 T1 /1 (0a,p Biy) oa,p By ky Bog g 80

0 B y 0 80 kp By y Brg 80

o 0 y ) oa o5,y 8o o8,y o

0 B 0 8 8o kg 8o os kg
0 0 Y ) 3() 3() 05,y (e}

o 0 0 8 Ou 8o 8o o

o 0 0 0 Oa 3() 30 3()

0 B 0 0 8o kg 8o 8o

by 1(b) of Proposition 8.1, which proves the first case in Table 1. The remaining cases are proved
in a similar manner. O

In the case of arbitrary matrix A, finding the four-parameter densities of (¢ and p is unwieldy.
Below we shall just consider two special cases, in which we can find nice formulas for these
measures for matrices A of arbitrary dimension. These two cases are of special interest since
they are associated with (asymptotic) freeness and (asymptotic) monotone independence.

Proposition 8.2. If A is a square r-dimensional matrix with identical positive entries o in the
Jj-th row, then

nj=0q Boy, B---Hoyg,
foreach j € [r], and the measures i coincide with (v and fvo.

Proof. Since the columns of A are identical, the functions K; ; are the same for all j’s. Denote
them L; = K; j, where i, j € [r]. Moreover,

b; d diz1bi
Li = 7 < d Li =—=
(@) YL an ; (@) =Y L@

for any i € [r]. Therefore, Z?:l L;(z) is the K-transform of the measure
Og Hoy, BH---Hoyg,

and since K,;(z) = ) i_; Ki j(z) = 3_j_; Li(2), the proof for 1 is completed. It is then easy

i=1
to see that we get the same result for u and po. O

Proposition 8.3. If A is a lower-triangular r-dimensional matrix with identical positive entries
aj in the j-th row below and on the main diagonal, then

/LjZO'ajI>O‘aj+l B DOy,

for each j € [r]. Moreover, po = ju1 and pu is the convex linear combination of the measures [
as in Theorem 7.1.
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Proof. As in the proof of Proposition 8.2, note that the measures p; ; do not depend on j and
thus we can set L; = K; j forany i > j.If i =r, we have

b

Lr(Z)ZZ—Lr(Z)’

using the continued fraction for the K, ; of Lemma 7.1. Therefore, u, j = 0q, for any j <r.
Next, we have

by

Li@) =~
k(2) ST L)

which leads to
-
Li(2) =Ko, (z - > Li<z)>,
i=k+1

giving the orthogonal decomposition of i,

Mk, j = Ocy = (Wicq1,j W - W ey )
for any j < k < r. Now, we claim that

Wi, j H‘J'“H'J/,LrJ =0q; D> Og B D> Og,

for any 1 < j <i < r. Clearly, it holds for i = r and any j < r since we have already shown that
Wr,j = 0g, for any j <r. Suppose now that this formula holds for i > k and any j <i. We will

show that it holds for i = k and any j < k. Using the orthogonal decomposition of p ; given
above and the inductive assumption, we obtain

Mk, j =0 = (Ogpy B>+ >0g,).
However, for any u, v € Mg, we have a simple relation
(MEV)Hyv=uv,
which gives
Wi, j W Wy j =0g D> Oy D> D> 0O,
and the desired expression for ;. In a similar manner we obtain uo and w. 0O
Example 8.1. If « =38 #0 and 8§ = y =0, then we can use Table 1 to obtain uy = o4 ¥ gy,

which is the arcsine law with Cauchy transform G, (z) = 1/+/z> — &> whereas p is the Wigner
semicircle distribution oy. In turn, if « =8 =0 and 8 = y # 0, then po = &g, whereas u = og.
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9. Weighted binary trees and Catalan paths

In this section we show how to express the limit distributions in terms of walks on weighted
binary trees, or equivalently, in terms of weighted Catalan paths. The binary tree serves here as
an example of the strongly matricially free Fock space.

The usual framework which gives a description of distributions in terms of walks on graphs
is the following. Let W (n) denote the set of root-to-root walks of length » on a rooted graph
(G, e) and let u be the spectral distribution of (G, e), i.e. the distribution given by the moments
of the adjacency matrix A(G) in the state ¢ associated with the vector §, on the space of square
integrable functions on the set V (G) of the vertices of G. Then the n-th moment of A(G) in the
state ¢ is equal to the cardinality of the set W (). In particular, it is well known that the moments
of the Wigner semicircle distribution of variance 1 can be expressed in terms of walks on the
half-line (T, e) with the first vertex denoted by e and chosen as the root.

For many distributions we have to use a more general framework, in which the moments of
these distributions are expressed in terms of root-to-root (random or, more generally, weighted)
walks on some rooted graph, except that to each walk w on this graph we have to assign a real-
valued weight £(w). Then we can write

My(y= Y &w)

weW (n)

for any n > 1, where u is the considered distribution. In particular, we obtain the moments of o,
for any @ > 0 by putting &(w) = «", where n = |w| is the length of w.

In the cases which are of interest to us, the weight function £ is first defined on the set of
edges E(G) of G and then is extended to W = Un21 W (n) by multiplicativity. Namely, if we are
given a mapping & : E(G) — R, we set

§(w) =E8(EDE(ED) ... E(Eyp),

where w = (Ey, Ea, ..., E,) and Eq, Es, ..., E, are the edges of w (we choose to describe
walks on graphs as sequences of edges). Such extension, by abuse of notation denoted also by &,
will be called multiplicative.

For instance, it is easy to see that the moments of © = o, H o5 can be expressed in this form.
It is enough to take the free product of two half-lines, which is the binary tree (T5, ) with root e.
Let us color this graph in the natural way, namely each edge which belongs to a copy of the first
half-line is colored by 1 and each edge which belongs to a copy of the second half-line is colored
by 2. Then the above formula holds for the moments of u if we take £(E) = o whenever E is
colored by 1 and £(E) = § whenever E is colored by 2.

We will demonstrate below that we can express our distributions jg, (1, (2 in a similar form
(in particular, we can use the binary tree), except that the weight function £ will depend on all
four parameters which appear in the matrix A. Before formulating the theorem, let us introduce
special weight functions related to matricial freeness.

Definition 9.1. Let T, be an r-ary rooted tree with root e and let A € M, (R). The weight function
& : E(T,) — R which assigns the entries of A to the edges of T, is called matricial if, for any
pair of edges E1, E; € E(T,), incident on the same vertex and such that E is the ‘father’ of E»,
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Fig. 3. Binary tree with a matricial weight function.

the following implication holds:

§(E1)=a;; forsomei,j = &(E;)=uar,; forsomek.

The unique multiplicative extension of this weight function to the set of all walks on T, will also
be called matricial.

We specialize to p =2 and the binary tree. Note that any matricial weight function & on the
binary tree is uniquely determined (up to equivalence) by the set of those entries of the matrix
A which are assigned to the set {E1, E2} of two edges incident on the root of the tree, called the
initial weights. In order to establish a connection with our limit distributions, we will assume, as
in Section §, that A is the ‘square root’ of B = DU of Section 6. Then, in particular, the binary
tree with the matricial weight function associated with A and the initial weights {«, §}, shown in
Fig. 3, describes g as we show below.

Finally, recall after [1,14] that if (G, e1) and (G2, e2) are two locally finite simple graphs and
w1 and wo are the associated spectral distributions, then the s-free product of G; and G, (in that
order) can be interpreted as this half of the free product G| % G which ‘begins’ (starting from the
root) with a copy Gi. Moreover, the associated spectral distribution is given by w [H uy. Let us
add that a similar result holds in the multiplicative case: both the s-free multiplicative convolution
and the associated s-free loop product of graphs were introduced in [15].

Below we shall use the s-free product of half-lines, which are (left and right) halves of the
binary tree.

Theorem 9.1. Let &), &1, & be the multiplicative matricial weight functions on the set of walks
on Ty associated with matrix A and the initial weights {«, 8}, {8, 8} and {«a, y}, respectively.
Then

My,(my= Y &(w) ©.1)

weW (n)
for j =0,1,2and any n € N, where W (n) denotes the set of root-to-root walks on T of length n.

Proof. We need to translate the result of Corollary 8.1 to the language of graphs. It is well known
that the moments of oy, can be interpreted in terms of walks on the half-line with the weight «
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assigned to each edge. The boolean compression 7; of o, changes only the weight assigned to
the edge incident on the root, namely it multiplies it by /7 = 8/a, which can be illustrated as

T;
a a a a « f a a a «
—eo—o—0o—0o— e
[ Oa,B

Now, the s-free additive convolutions of compressed semicircle distributions which appear in the
decompositions of Corollary 8.1, namely

Oapltos, and o5, [Hogp

are the spectral distributions of the s-free products of these half-lines (taken in two different
orders). These turn out to be the spectral distributions of the two halves of the binary tree T, with
the weight function defined by the initial set {8, y}. In order to obtain g, we still need to apply
Ti/; and T/, respectively, to the left and right halves of the tree, which amounts to changing
the initial weights from B and y, respectively, to « and §. As a result, we obtain the weight
function associated with A and the initial set {«, 6}. This proves the statement concerning ¢
(the corresponding weight function on the binary tree is shown in Fig. 3). The cases of 1 and
W2 are very similar (at the end, a boolean compression is applied to only one half of the binary
tree). O

Another geometric interpretation of Corollary 8.1 can be given in terms of Catalan paths. In
order to define a Catalan path, we begin with a function f : [2n] — [r], such that f(0) = f(2n)
and |f(i) — f(@ — 1)| =1 for any 1 < i < 2n, and then we define a Catalan path as its unique
extension f : [0, 2n] — [0, n] (by abuse of notation, denoted by the same symbol) obtained by
connecting each (i — 1, f(i — 1)) with (i, f(i)) with a segment, where 1 <i < 2n. Clearly, each
Catalan path consists of segments of two types: ‘rises’ Ry, Ra, ..., R,,and ‘falls’ Fy, F>, ..., F;.
Moreover, to each ‘rise’ R; there corresponds the closest ‘fall’ F(;y lying to the right of R; and
on the same (vertical) level.

There is a natural mapping from the set W (2n) of walks of length 2n on the binary tree and
the set C(n) of Catalan paths of length 2n. In order to rephrase Theorem 8.1 in terms of Catalan
paths, we need to take the sets of weighted Catalan paths, by which we understand pairs (f, £),
where f is a Catalan path and £ is a real-valued weight function defined on the set of segments
of f. The multiplicative formula

E(f)=&(R1)...E(R)E(FL) ... E(Fy)

assigns the corresponding weight to f. Weighted Catalan paths of special type defined below
allow us to rephrase Theorem 8.1.

Definition 9.2. A weighted Catalan path (f, £) of length 2n is called matricially weighted if &
assigns entries of A € M, (R) to the segments of f in such a way that the following implications
hold:

§(R1)=a;; forsomei,j = &(Ry)=ay, forsomek,

&(F1)=a;; forsomei,j = &(F2)=aj; forsomek,
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Fig. 4. A weighted Catalan path associated with A.

for any two consecutive ‘rises’ Ry, R> and two consecutive ‘falls’ Fi, F>, and the same weights
are assigned to R; and Fr(; for each i € [n].

We will consider below the set of matricially weighted Catalan paths of length 2n associated
with the matrix A. In order to rephrase Theorem 9.1, using weighted Catalan paths, we need to
restrict the set of weights which can be assigned to the first segment of each path (by analogy
with trees, we call them initial weights). An example of a weighted Catalan path contributing to
Wo is given in Fig. 4.

Corollary 9.1. Let Co(n), Ci(n) and Co(n) be the sets of matricially weighted Catalan paths
associated with A, with the initial weights {«, 8}, {8, 8} and {y, a}, respectively. Then

My;Cny= Y &)
(f.§)€Cj(n)

for j=0,1,2and any n € N.

Proof. This is an easy consequence of Theorem 9.1 since there is a natural bijection between
each C;(n) and the pair (W(2n),&;) forany n. O

Acknowledgments

The remarks and suggestions of the anonymous referees were very helpful in the preparation
of the revised version of the manuscript.

References

[1] L. Accardi, R. Lenczewski, R. Satapata, Decompositions of the free product of graphs, Infin. Dimens. Anal. Quan-
tum Probab. Relat. Top. 10 (2007) 303-334.
[2] M. Anshelevich, Free Meixner states, Comm. Math. Phys. 276 (2007) 863-899.
[3] D. Avitzour, Free products of C*-algebras, Trans. Amer. Math. Soc. 271 (1982) 423-465.
[4] Ph. Biane, Processes with free increments, Math. Z. 227 (1998) 143-174.
[5] M. Bozejko, Uniformly bounded representations of free groups, J. Reine Angew. Math. 377 (1987) 170-186.
[6] M. Bozejko, R. Speicher, ¥ -independent and symmetrized white noises, in: L. Accardi (Ed.), Quantum Probability
and Related Topics VI, World Scientific, Singapore, 1991, pp. 170-186.
[7]1 M. Bozejko, J. Wysoczariski, Remarks on 7-transformations of measures and convolutions, Ann. Inst. H. Poincaré
Probab. Statist. 37 (6) (2001) 737-761.
[8] T. Cabanal-Duvillard, Probabilités libres et calcul stochastique. Application aux grandes matrices aléatoires,
PhD thesis, 1I’Université Pierre et Marie Curie, 1998.
[9] T. Cabanal-Duvillard, V. Ionescu, Un théoréme central limite pour des variables aléatoires non-commutatives, C. R.
Acad. Sci. Paris, Sér. 1325 (1997) 1117-1120.
[10] W.M. Ching, Free products of von Neumann algebras, Trans. Amer. Math. Soc. 178 (1993) 147-163.
[11] K. Dykema, On certain free product factors via an extended matrix model, J. Funct. Anal. 112 (1993) 31-60.



R. Lenczewski / Journal of Functional Analysis 258 (2010) 40754121 4121

[12] U. Franz, Multiplicative monotone convolutions, in: M. Bozejko, et al. (Eds.), Quantum Probability, in: Banach
Center Publ., vol. 73, 2006, pp. 153-166.

[13] H. Kesten, Symmetric random walks on groups, Trans. Amer. Math. Soc. 92 (1959) 336-354.

[14] R. Lenczewski, Decompositions of the free additive convolution, J. Funct. Anal. 246 (2007) 330-365.

[15] R. Lenczewski, Operators related to subordination for free multiplicative convolutions, Indiana Univ. Math. J. 57
(2008) 1055-1103.

[16] R. Lenczewski, Asymptotic properties of random matrices and pseudomatrices, arXiv:1001.0667 [math.OA], 2010.

[17] R. Lenczewski, R. Satapata, Discrete interpolation between monotone probability and free probability, Infin. Di-
mens. Anal. Quantum Probab. Relat. Top. 9 (2006) 77-106.

[18] R. Lenczewski, R. Satapata, Noncommutative Brownian motions associated with Kesten distributions and related
Poisson processes, Infin. Dimens. Anal. Quantum Probab. Relat. Top. 11 (2008) 351-375.

[19] N. Muraki, Monotonic independence, monotonic central limit theorem and monotonic law of small numbers, Infin.
Dimens. Anal. Quantum Probab. Relat. Top. 4 (2001) 39-58.

[20] N. Muraki, Monotonic convolution and monotonic Levy—Hincin formula, preprint, 2001.

[21] A. Nica, Multi-variable subordination distribution for free additive convolution, J. Funct. Anal. 257 (2009) 428-463.

[22] R. Speicher, A new example of ‘Independence’ and “White Noise’, Probab. Theory Related Fields 84 (1990) 141-
159.

[23] R. Speicher, R. Woroudi, Boolean convolution, in: D. Voiculescu (Ed.), Free Probability Theory, in: Fields Inst.
Commun., vol. 12, Amer. Math. Soc., 1997, pp. 267-279.

[24] D. Voiculescu, Symmetries of some reduced free product C*-algebras, in: Operator Algebras and Their Connections
with Topology and Ergodic Theory, in: Lecture Notes in Math., vol. 1132, Springer-Verlag, 1985, pp. 556-588.

[25] D. Voiculescu, Limit laws for random matrices and free products, Invent. Math. 104 (1991) 201-220.

[26] D. Voiculescu, The analogues of entropy and of Fisher’s information measure in free probability theory, I, Comm.
Math. Phys. 155 (1993) 71-92.

[27] D. Voiculescu, Lectures on free probability theory, in: Lectures on Probability Theory and Statistics, Saint-Flour,
1998, in: Lecture Notes in Math., vol. 1738, Springer, Berlin, 2000, pp. 279-349.

[28] D. Voiculescu, K. Dykema, A. Nica, Free Random Variables, CRM Monogr. Ser., vol. 1, Amer. Math. Soc., Provi-
dence, 1992.

[29] E. Wigner, On the distribution of the roots of certain symmetric matrices, Ann. Math. 67 (1958) 325-327.



	Matricially free random variables
	Introduction
	Matricially free products
	Strongly matricially free products
	Matricial freeness
	Traces
	Random pseudomatrices
	Matricial semicircle distributions
	Decompositions in terms of subordinations
	Weighted binary trees and Catalan paths
	Acknowledgments
	References


