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Abstract

Opinion dynamics provides a modeling tool for the public opinion management. The existing studies mainly focused on

building the evolution model of opinions. However, the control of public opinions has been a key problem in practical opinion

dynamics. The objective of this paper is to propose an opinion control rule to support the consensus reaching. Based on the

bounded confidence model, the consensus model with the minimum adjustment is proposed. Next, based on the proposed

consensus model, we propose the opinion control rule to support the consensus reaching. Furthermore, a numerical example

is given to illustrate the feasibility of the proposed opinion control rule. Through simulation experiments, we investigate the

effects of adjustment thresholds and bounded confidences on the opinion control rule.
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1. Introduction

Opinion dynamics can be defined as a dynamic and iterative process. In opinion dynamics, a group of agents

express their initial opinions over the same issue. Based on the communication regime, their opinions are continu-

ously updated as the time elapses. At the final stage, a consensus (or fragmentation) among the agents [2-3, 8-12,

24] is formed.

The studies on opinion dynamics went back to French. French [15] proposed the social power model to explore

the patterns of interpersonal relations and agreements. Later Harary [18] provided a necessary and sufficient con-

dition to reach a consensus in French’s model. According to French’s study, different types of studies on opinion
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formation have been proposed [20]: (i) opinion formation with continuous or discrete time [2,27,34], (ii) opin-

ion formation based on different communication regimes [5-6,21,26,35], (iii) opinion formation with the multi-

dimensional space of possible opinions [15,18,24], (iv) opinion formation in a specified network [16,30,33,36-37],

and (v) opinion formation considering noises [22,32]. Among the studies mentioned above, bounded confidence

model has become one of hot issues in opinion dynamics. Bounded confidence model assumes that each agen-

t only communicates with the peers whose opinions are closely to its own. The earliest bounded confidence

models are presented independently by Hegselmann and Krause [21] and by Deffuant and Weisbuch [6]. The

two bounded confidence models are called the HK model and the DW model, respectively. In the HK model,

agents synchronously update their opinions by averaging all opinions in their confidence sets; in the DW model,

agents follow a pairwise-sequential updating procedure in averaging. Based on the HK model and DW model, the

scholars conducted some extended studies. For example, Blondel et al. [1] discussed both the agent-based and

density-based homogeneous HK models. Lorenz [28-29] reformulated the HK model as an interactive chain and

analyzed the effects of heterogeneous confidence bounds. Dong et al. [13, 25] extended the HK model into the

linguistic and uncertain environment.

The existing studies have made significant contributions on opinion dynamics. The existing studies mainly

focused on building the evolution model of opinions. However, the control of opinions has been a key problem in

practical opinion dynamics. With the rapid development of Internet, people can express their opinions convenient-

ly. But the emergence of Internet also accelerates the spread of gossip in public opinions. If the public opinions

are not controlled, it is easier to trigger the social conflicts and mass incidents. Furthermore, when controlling

the public opinions, the opinion managers always hope that the opinions of all the agents reach a consensus with

minimum adjustments.

The objective of this paper is to propose an opinion control rule with minimum adjustments. The reminder

of this paper is arranged as follows: Section 2 introduces the HK bounded confidence model and consensus in

opinion dynamics. Then, Section 3 proposes the opinion control rule. In Section 4, a numerical example is given,

and several simulation experiments are designed to discuss the effects of adjustment thresholds and bounded

confidences on the opinion control rule.

2. Preliminary

This section briefly introduces the basic knowledge regarding the HK model [21], and the consensus in opinion

dynamics, which will provide a foundation for this study.

2.1. Bounded confidence model: the HK model

Consider a standardized opinion dynamics problem. Let A = {A1, A2, . . . , AN} be a set of agents. Let t be the

discrete time, t = 0, 1, 2, . . .. The crisp opinion of agent Ai ∈ A at time t is represented by oi(t) ∈ [0, 1]. Let

O(t) = (o1(t), o2(t), . . . , oN(t))T be the vector of the opinions of all the agents at time t called the opinion profile.

Let ε be the bounded confidence.

The process of opinion evolution in the HK model include three steps:

(1) Determination of the confidence set

In opinion dynamics problem, agent Ai only trusts the opinions which differ not more than ε from his/her

opinion. Let I(Ai,O(t)) be the confidence set of agent Ai at time t, where

I(Ai,O(t)) = {Aj||oi(t) − o j(t)| ≤ ε}, i = 1, 2, . . . ,N, t = 0, 1, 2, . . . (1)

(2) Calculation of the weight

Agent Ai assigns the same weight to the agents in his/her confidence set I(Ai,O(t)). Let wi j(t) be the weight

that agent Ai assigns to agent Aj at time t, where

wi j(t) =
{

1/|I(Ai,O(t))| Aj ∈ I(Ai,O(t))
0, Aj � I(Ai,O(t)) , i = 1, 2, . . . ,N, t = 0, 1, 2, . . . (2)

Clearly, wi j(t) ≥ 0 and
∑N

j=1 wi j(t) = 1.
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(3) Evolution of the opinions

The evolutions of the opinions in the HK model are modeled as the weighted arithmetic means of opinions in

the confidence sets, i.e.,

oi(t + 1) = wi1(t)o1(t) + wi2(t)o2(t) + · · · + wiN(t)oN(t), i = 1, 2, . . . ,N. (3)

2.2. The consensus in opinion dynamics

Generally, the stabilized structures refer to the case that the opinions of all the agents are not changed after a

fixed time. Consensus [19, 31], which is a typical stabilized structure, refers to the cases that all the agents hold

the same opinions. Thus, the mathematical definition for the stabilized structures and consensus can be given as

follows:

Definition 1 Let t0 and t1 (t1 ≥ t0) be any two times, if oi(t1) = oi(t0) (i = 1, 2, . . . ,N), and o j(t0 − 1) � o j(t0),

∃ j ∈ {1, 2, . . . ,N}, then we call the opinion profile converge to the stabilized structures at time t0.

Definition 2 Let t0 as defined before. If oi(t0) = o j(t0) (i, j = 1, 2, . . . ,N), then a consensus among the agents

is reached. Otherwise, the fragmentation among the agents are formed.

In the framework of bounded confidence, the existing studies (eg., [27]) have provided the sufficient conditions

to the consensus reaching, i.e., Theorem 1.

Theorem 1 [27] Let I(Ai,O(t)) and I(Aj,O(t)) be as defined before. If there exist a time t0, such that

I(Ai,O(t)) ∩ I(Aj,O(t)) � ∅, for all i, j ∈ {1, 2, . . . ,N}, then a consensus among the agents will be reached.

3. The proposed opinion control rule

In this section, we propose the consensus model with minimum adjustments. Then, based on the proposed

consensus model, we propose the opinion control rule.

3.1. The consensus model with minimum adjustment

In the proposed opinion control problem, let oi(t) as before, and let ōi(t) be the adjusted opinion of agent

Ai ∈ A at time t. Let x(t)
i be the 0-1 variable which counts the number of adjusted opinions, i.e.,

x(t)
i =

{
1, oi(t) � ōi(t)
0, oi(t) = ōi(t)

, i = 1, 2, . . . ,N. (4)

Then, minimizing the number of adjusted opinions can be described as:

Min
N∑

i=1

x(t)
i (5)

Meanwhile, it is natural that the distance between oi(t) and ōi(t) has the acceptable level, i.e.,

|ōi(t) − oi(t)| ≤ β, i = 1, 2, . . . ,N, (6)

where β is the established adjustment threshold. The larger β values indicate the agents can accept the bigger

changes of their opinions.

Let r(t)
i j be the 0-1 variable for determining whether agent Aj belongs to the confidence set I(Ai,O(t)), i.e.,

r(t)
i j =

{
1, ōi(t) − ε ≤ ō j(t) ≤ ōi(t) + ε
0, otherwise , i, j = 1, 2, . . . ,N. (7)

Let g(t)
ik j be the 0-1 variable for determining whether agent Aj belongs to both the confidence sets I(Ai,O(t))

and I(Ak,O(t)), i.e.,

g(t)
ik j =

{
1, r(t)

i j + r(t)
k j = 2

0, otherwise
, i, k = 1, 2, . . . ,N, (8)
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where r(t)
i j + r(t)

k j = 2 denotes that agent Aj belongs to the confidence sets I(Ai,O(t)) and I(Ak,O(t)).

Let f (t)
ik be the 0-1 variable for determining whether the confidence sets I(Ai,O(t)) and I(Ak,O(t)) have the

common agent, i.e.,

f (t)
ik =

⎧⎪⎪⎪⎪⎪⎪⎨⎪⎪⎪⎪⎪⎪⎩
1,

N∑
j=1

g(t)
ik j ≥ 1

0,
N∑

j=1
g(t)

ik j = 0

, i, k = 1, 2, . . . ,N. (9)

Let z(t) be the threshold which counts the pairs of agents who have the common agents in their confidence sets.

In practical opinion dynamics, the opinion manager can set the value of z(t) by the real need.

As a result, the consensus model can be constructed as follows:

Min
N∑

i=1

x(t)
i (10)

s.t. |ōi(t) − oi(t)| ≤ β, i = 1, 2, . . . ,N, (11)

N−1∑
i=1

N∑
k=i+1

f (t)
ik ≥ z(t) (12)

x(t)
i =

{
1, oi(t) � ōi(t)
0, oi(t) = ōi(t)

, i = 1, 2, . . . ,N, (13)

r(t)
i j =

{
1, ōi(t) − ε ≤ ō j(t) ≤ ōi(t) + ε
0, otherwise , i, j = 1, 2, . . . ,N, (14)

g(t)
ik j =

{
1, r(t)

i j + r(t)
k j = 2

0, otherwise
, i, k = 1, 2, . . . ,N, (15)

f (t)
ik =

⎧⎪⎪⎪⎪⎪⎪⎨⎪⎪⎪⎪⎪⎪⎩
1,

N∑
j=1

g(t)
ik j ≥ 1

0,
N∑

j=1
g(t)

ik j = 0

, i, k = 1, 2, . . . ,N, (16)

where x(t)
i (i = 1, 2, . . . ,N) are the decision variables in model (10)-(16).

Note: In this paper, we don’t discuss the method to obtain the optimal solutions to model (10)-(16). In the

future, an extended version of this conference paper will be provided to discuss this problem in detail.

3.2. The proposed algorithm

The details of the opinion control rule based on the consensus model are depicted in the following algorithm.

Input: The initial opinions oi(0) (i = 1, 2, . . . ,N), the bounded confidence ε, and the adjustment threshold β.
Output: The adjusted opinions ōi(t) (i = 1, 2, . . . ,N), and the number of the iterations t.
Step 1: Let t = 0 and oi(t) = oi(0), i = 1, 2, . . . ,N.

Step 2: Let ōi(t) be the adjusted opinion of agent Ai at time t. Then, using model (10)-(16) obtains the adjusted

opinions ōi(t).
Step 3: Based on the adjusted opinions ōi(t), we use the HK model (i.e., Eqs. (1)-(3)) to calculate the opinion

oi(t + 1), i = 1, 2, . . . ,N.

Step 4: If the conditions regarding the consensus (See Definition 1) are satisfied, then go to Step 6, Otherwise,

go to Step 5.

Step 5: Let z(t) be as defined before, and let t = t + 1. If z(t) =
N(N−1)

2
, then go to Step 3; Otherwise, go to Step

2.

Step 6: Output ō(t)
i (i = 1, 2, . . . ,N) and t.



621 Zhaogang Ding et al.  /  Procedia Computer Science   91  ( 2016 )  617 – 624 

4. Numerical example and simulation experiment

In this section, we firstly provide a numerical example. Then, through simulation experiments, we investigate

the effects of adjustment thresholds and bounded confidences on the opinion control rule.

4.1. Numerical example

In this example, assume that there are 50 agents who are participated in opinion dynamics. Their initial

opinions oi(0) (i = 1, 2, . . . , 50) are given as: oi(0) = i
50

.

Let ε = 0.1. If the evolution of opinions is not controlled, we can obtain the evolution of the original opinions,

which are shown in Fig. 1.

From Fig. 1, we obtain the following observations: The opinions of all the agents become stabilize at time

t = 10. And four clusters among the opinions of all the agents are formed in the stabilized result.

Let β = 0.15. Then we use the proposed opinion control rule to determine the adjusted opinions of the agents,

which are shown in Table 1.

Table 1. The adjusted opinions at each time.

t ōi(t) z(t)
t = 0 ō1(0) = 0.17, ō2(0) = 0.19, ō49(0) = 0.83, ō50(0) = 0.85 454

t = 1 ō1(1) = 0.3325, ō6(1) = 0.3247, ō8(1) = 0.2817, ō41(1) = 0.6736, ō43(1) = 0.6518 567

t = 2 ō10(2) = 0.3325, ō12(2) = 0.3745, ō45(2) = 0.6518, ō49(2) = 0.6407, ō50(2) = 0.6407 617

t = 3 ō3(3) = 0.4385, ō4(3) = 0.4385, ō5(3) = 0.4385, ō18(3) = 0.5219, ō19(3) = 0.5619, ō22(3) = 0.5266 724

t = 4 ō10(4) = 0.4847, ō12(4) = 0.4561, ō14(4) = 0.4451, ō15(4) = 0.4561, ō26(4) = 0.5519, ō28(4) = 0.5883 795

t = 5 ō11(5) = 0.4936, ō13(5) = 0.4916, ō17(5) = 0.5243, ō28(5) = 0.5270, ō30(5) = 0.5473, ō35(5) = 0.5641 913

t = 6 ō5(6) = 0.4922, ō9(6) = 0.5175, ō36(6) = 0.5043, ō39(6) = 0.5275, ō30(6) = 0.5447, ō41(6) = 0.5775 1070

t = 7 ō4(7) = 0.5072, ō(7)
7
= 0.5055, ō32(7) = 0.5235, ō42(7) = 0.5235, ō43(7) = 0.5229, ō45(7) = 0.5392 1176

Then, based on the adjusted opinion ōi(t), we obtain the evolution of adjusted opinions, which are shown in

Fig. 2.

From Fig. 2, we obtain the following observations: The opinions of all the agents become stabilize at time

t = 12. And a consensus among the agents is formed in the stabilized result.
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4.2. Discussion
In this subsection, we propose Experiments I and II based on the example presented in Subsection 4.1. Specif-

ically, in Experiment I, we set different adjustment thresholds (i.e., β). Let ε = 0.1, then based on the example 4.1,

we use the proposed opinion control rule to the obtain the average amounts of adjusted opinions at each iteration

(i.e., AOE =
l∑

t=0

N∑
i=1

xt
i

/
l). The experimental results are shown in Fig. 3.

In Experiment II, we set different bounded confidences (i.e., ε). Let β = 0.15. Then, based on the Example 4.1,

we use the proposed opinion control rule to the obtain the total amounts of adjusted opinions (i.e., AO =
l∑

t=0

N∑
i=1

xt
i).

The experimental results are shown in Fig. 4.
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From Figs. 3-4, we obtain the following observations: (i) The AOE values decrease as β increases. This

implies that less amounts of adjusted opinions at each iteration will be yielded with the increase in the adjustment

thresholds. (ii) The AO values decrease as ε increases. This implies that less amounts of adjusted opinions will be

yielded with the increase in the bounded confidences.

5. Conclusion

In the present study, we propose the opinion control rule to support the consensus reaching. The primary

contribution of this study are as follows:

(1) We propose the consensus model with the minimum adjustment. Then, based on the proposed consensus

model, we propose the opinion control rule to support the consensus reaching.

(2) We provide a numerical example to illustrate the feasibility of the proposed opinion control rule. Through

simulation experiments, the effects of adjustment thresholds and bounded confidences on the opinion control rule

are investigated. The experimental results shows that: (i) less amounts of adjusted opinions at each iteration will

be yielded with the increase in the adjustment thresholds, and (ii) less amounts of adjusted opinions will be yielded

with the increase in the bounded confidences.

In practical opinion dynamics, due to the limitation of knowledge and experiences, the opinions of the agents

often exhibit the uncertainty. However, in this paper, the proposed opinion control rule is based on the exact

opinions. Therefore, it would be an interesting future topic to propose the opinion control rule based on the

opinions with the uncertainty.

Acknowledgements

This study is supported by in part by NSF of China under Grants Nos. 71171160 and 71571124, FEDER funds

under Grant TIN2013-40658-P, and the Andalusian Excellence Project Grant TIC-5991.

References

[1] Blondel VD, Hendrickx JM, Tsitsiklis JN. On Krause’s multi-agent consensus model with state-dependent connectivity, IEEE T Automat
Contr 2009; 54: 2586-2597.



624   Zhaogang Ding et al.  /  Procedia Computer Science   91  ( 2016 )  617 – 624 

[2] Cabrerizo FJ, Moreno JM, Prez IJ, Herrera-Viedma E. Analyzing consensus approaches in fuzzy group decision making: advantages and

drawbacks, Soft Comput 2010; 14: 451-463.

[3] Chen X, Zhang HJ, Dong YC. The fusion process with heterogeneous preference structures in group decision making: A survey. Inform
Fusion 2015; 24: 72-83.

[4] Chiclana F, Tapia Garcła JM, Moral del MJ, Herrera-Viedma E. A statistical comparative study of different similarity measures of

consensus in group decision making. Inform Sciences 2015; 221: 110-123.

[5] Deffuant G, Neau D, Amblard F, Weisbuch G. Mixing beliefs among interacting agents. Adv Complex Syst 2000; 3: 87-98.

[6] De Groot MH. Reaching a consensus. J Am Stat Assoc 1974; 69: 118-121.

[7] Deffuant G, Carletti T, Huet S. The Leviathan model: Absolute dominance, Generalised distrust, small worlds and other patterns emerg-

ing from combining vanity with opinion propagation. Jasss-J Artif Soc S 2013; 16.

[8] Dong YC, Zhang HJ. Multiperson decision making with different preference representation tructures: A direct consensus framework and

its properties. Knowl-Based Syst 2014; 58: 45-57.

[9] Dong YC, Li CC, Xu YF, Gu X. Consensus-based group decision making under multi-granular unbalanced 2-tuple linguistic preference

relations. Group Decis Negot 2015; 24: 217-242.

[10] Dong YC, Zhang HJ, Herrera-Viedma E. Integrating experts’ weights generated dynamically into the consensus reaching process and its

applications in managing non-cooperative behaviors. Decis Support Syst 2016; 84: 1-15.

[11] Dong YC, Herrera-Viedma E. Consistency-driven automatic methodology to set interval numerical scales of 2-tuple linguistic term sets

and its use in the linguistic GDM with preference relation. IEEE T Cybernetics 2015; 45: 780-792.

[12] Dong YC Chen X, Herrera F. Minimizing adjusted simple terms in the consensus reaching process with hesitant linguistic assessments

in group decision making. Inform Sciences 2015; 297: 95-117.

[13] Dong YC, Chen X, Liang HM, Li CC. Dynamics of linguistic opinion formation in bounded confidence model. Inform Fusion 2016; 32:

52-61.

[14] Etesami SR, Basar T, Nedic A, Touri B. Termination time of multidimensional Hegselmann -Kause opinion dynamics. Proceedings of

the American Control Conference 2013; 1255-1260.

[15] French JRP. A formal theory of social power. Psychol Rev 1956; 63: 181-194.

[16] Friedkin NE, Johnson EC. Social influence and opinions. J Math Soc 1990; 15: 193-206.

[17] Fortunato, S, Latora, V, Pluchino, A, Rapisarda, A. Vector opinion dynamics in a bounded confidence consensus model. Int J Mod Phys
C 2005; 16: 1535-1551.

[18] Harary F. A criterion for unanimity in Frenchs theory of social power. In D. Cartwright, editor, Studies in Social Power, pages 168C182.

University of Michigan.

[19] Herrera-Viedma E, Cabrerizo FJ, Kacprzyk J, Pedrycz W. A review of soft consensus models in a fuzzy environment. Inform Fusion
2014; 17: 4-13.

[20] Hegselmann R, König S, Kurz S, Niemann C, Rambau J. Optimal opinion control: The campaign problem. Available at SSRN 2516866

2014.

[21] Hegselmann R, Krause U. Opinion dynamics and bounded confidence models, analysis, and simulation. Jasss-J Artif Soc S 2002; 5.

[22] Hernández-Garcła RTAE. Noisy continuous-opinion dynamics. J Stat Mech-Theory E 2009; 32: 55-62.

[23] Laguna, MF, Abramson G, Zanette DH. Vector opinion dynamics in a model for social influence. Physica A 2003; 329: 459-472.

[24] Li CC, Dong YC, Herrera F, Herrera-Viedma E, Martłnez L. Personalized individual semantics in computing with words for supporting

linguistic group decision making. An application on consensus reaching. Inform Fusion 2017; 33: 29-40.

[25] Liang HM, Li CC, Dong YC, Jiang YP. The fusion process of interval opinions based on the dynamic bounded confidence. Inform Fusion
2016; 29: 112-119.

[26] Lim DW, Lee, HS, Zo, HJ, Ciganek A. Opinion formation in the digital divide. Jasss-J Artif Soc S 2014; 17.

[27] Lorenz J. A stabilization theorem for dynamics of continuous opinions. Physica A 2005; 355: 217-223.

[28] Lorenz J. Convergence of products of stochastic matrices with positive diagonals and the opinion dynamics background. Lect Notes
Contr Inf 2006; 341: 209C216.

[29] Lorenz J. Heterogeneous bounds of confidence: Meet, discuss and find consensus! Complexity 2010; 4: 43C52.

[30] Mckeown G, Sheehy N. Mass media and polarisation processes in the bounded confidence model of opinion dynamics. Jasss-J Artif Soc
S 2006; 9.

[31] Palomares I, Estrella FJ, Martłnez L, Herrera F. Consensus under a fuzzy context: taxonomy, analysis framework AFRYCA and experi-

mental case of study. Inform Fusion 2014; 20: 252-271.

[32] Pineda M, Toral R. The noisy Hegselmann-Krause model for opinion dynamics. Eur Phys J B 2013; 86: 490-499.

[33] Righi S, Carletti T. The influence of social network topology in an opinion dynamics model, Proceeding of the European Conference on

Complex Systems, 2009.

[34] Salzarulo L. A continuous opinion dynamics model based on the principle of meta-contrast. Jasss-J Artif Soc S 2006; 9.

[35] Urbig D, Lorenz J, Herzberg H. Opinion dynamics: The effect of the number of peers met at once. Jasss-J Artif Soc S 2008; 11.

[36] Weisbuch G. Bounded confidence and social networks. Eur Phys J B 2004; 38: 339-343.

[37] Wang HJ, Shang LH. Opinion dynamics in networks with common-neighbors-based connections. Physica A 2015; 421: 180-186.


