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Abstract

A one parameter family of iteration functions for finding simple and multiple zeros of analytic functions is derived. The family
includes, as a special case, Traub’s quartic square root method and, as limiting cases, the Kiss method of order 4, the Halley and
the Newton methods. All the methods of the family are locally quartically convergent for a simple or multiple zero with known
multiplicity. The asymptotic error constants for the methods of the family are given. The decreasing ratio at infinity of iteration
functions is discussed. The optimum parameter of the family for polynomials is given.
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1. Introduction

Let ¢(z) be an iteration function with a fixed point {. If there exists an integer p > 1 and a nonzero constant C
such that

then the iteration function ¢(z) is said to be of order p at { and the constant C is called the asymptotic error constant
for ¢p(z). When p = 3 the convergence is cubic. When p = 4 the convergence is quartic.

Let f(z) be an analytic function in a region R. A zero { € R of f(z) is of multiplicity m(m>1, m € Z) if there
exists an analytic function g(z) in R such that f(z) = (z — )" g(z), g({) # 0. If m =1, { is said to be simple; if m > 1,
{ is said to be multiple.

The Laguerre family

B v(f(@)/f'(@)
1+ sign(v — M)\/((v —m)/m(v = 1) =v(f @) f"@)/(f'@))]

Z=z (1.2)
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where v(# 0, m) is a real parameter, is a one parameter family of iteration functions for finding a simple or multiple
zero of multiplicity m(>1) of an analytic function f(z). This family is algebraically equivalent to the multiple zero
counterpart of Hansen—Patrick family [6] (see, e.g. [12,14]). All the methods of the Laguerre family are locally cubically
convergent for a simple or multiple zero with known multiplicity. When f(z) is a polynomial of degree n, the method
(1.2) with v = n is the Laguerre method [1,2,11], whose initial behavior is superior, i.e., when starting from a point z
for which |z| is large, the next approximation Z is close to one of zeros of f(z) (see [6]).

The purposes of this paper are to give a one parameter family of quartically convergent zero finding methods for
analytic functions and to propose the optimum parameter of this family for polynomials.

In Section 2, we derive a one parameter family of iteration functions for finding simple zeros of analytic functions.
This family includes Traub’s quartic square root method [15, p. 96] and, as limiting cases, the Kiss method [10] of
order 4, the Halley, and the Newton methods.

In Section 3, we modify the family to be quartic convergence in the case of multiple zeros. The modified family
includes, as limiting cases, Farmer—Loizou’s method [3] of order 4, the multiple zero counterpart of Halley’s method
[6], and the Schroder method.

In Section 4, we prove that all the methods of the family are locally quartically convergent for a simple or multiple
zero with known multiplicity.

In Section 5, we introduce the decreasing ratio at infinity and propose the optimum parameter of the family for
polynomials.

In Section 6, we exhibit the local convergence and the initial behavior of some methods of the family defined in
Section 3. Next we test the global convergence of the method with the optimum parameter and the Laguerre method
by a numerical experiment on a large number of polynomials.

2. Derivation of the family for simple zeros
2.1. Notation

The sign function is defined by

1 if x >0,
sign(x) =3 —1 ifx <0,
0 if x =0.

Letw= rei("(r >0, —n < < 1) be anonzero complex number. It is well known that the equation 72

two solutions iﬁeio/ 2. We define the square root of w by
\/— = \/7619/2.

We remark that v w? = w if Re(w) > 0, and vw? = —w if Re(w) < 0.
For an analytic function f(z), define

f@ F9@)
A —A. =L
o YO=A= 50

= w has exactly

uiz)=u= for j =2,3,4.

2.2. Derivation

Following the derivation of the Laguerre method found in [13], let f(z) = []/_, (z — {;) with n>4. Define

(=D a1 () :
i(z)=s;= , f =1,2,3.
5j(2) =s; TEEEASTE) or j
By computing the derivative of log | f(z)|, we have
, n
(z) 1 1
n=1® _ > - @2.1)

i@ =G
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Twice differentiating (2.1), we find that

/ / n
(2) 1 1 2A,
f@) o @=0)° u u
1@\ < 1 1 34; 3A;3
s3=_( ) ) 2.3)
2\ f(2) o @=0)7 uwu u
Let {,, be the zero we want to determine and let z be an approximation to {,,. Define
1 [
o= N = N
z2—§ b n—1 ; 7=
1 .
o = —p fori=1,..,n—1, 2.4)
z—§

n—1
PV )=09=>"45.

i=1

Cubing ¢;, we obtain

n—1 n—1
1
5™ = Y +32) —— —m—-D. 25)
; (z— é,>3 2; 61)2 iRl
Using (2.1)—(2.4), we have
51 . n—1 -
=s;—of forj=1,2,3.
T e cm ! !

i=1
Eliminating {;(i =1, ...,n — 1) and f from (2.5), we get

3 _ n(n +1) 3 3(n+ 1)sy 2 3(n— 1)so — 6512 (n — 1)2S3 —3(n — 1D)sisy + 2s1
0 7o+ 7+ 7 & 2
(n—=1) (n—1) (n—=1) (n—=1)

(2.6)

Lemma 2.1. Suppose that all of {;(i =1, ...,n — 1) are distant from {,,. Then

(1) 0 =0()asz — (,.
) (n— 1253 =30 — Dsiso +253 (0 —2)(n —3) L
~ as .
n—1)° 12 —() T

Proof. (1) Let n = min;—; . ,—1{|{, — {;|}. Let ¢ be a real with 0 <& <. Let z be an approximation to {,, such that
lz—{,|<e Thenfori=1,...,n—1,

lz = GlIZ1 =Gl =z =Gl > 16 = Gl —e2n —e.
Thus

| 1
181 < <
”—1§|Z—Ci| n—e

1 2
[6)| < —— +|fl<—— fori=1,...,n—1,
| _é/1| n—e

n—1
1691 < ZW )3)
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(2) By the assumption, we find that

lim s3()(z— ()’ =1, lim 51202 E - )’ =1,

I=>Gn I=>6n

lim s1(2)°(z = &) = 1.

=Gy
Therefore
_ (m—D%3 =30 — Dsysa +253 (n—1)%(z = )3
lim 3 = O
P n—1 (n—2)(n—3)

By Lemma 2.1, when all other zeros are distant from {,, we can ignore 53 in (2.6). Setting 0@ =0, we have the
cubic equation for «

—n(n 4 Do 430 + Dsio? + B — 1)sa — 65+ (n — 1)2s3 — 3(n — 1)sys2 + 257 =0. 2.7)
Using (2.1)-(2.3), Eq. (2.7) becomes

3n+1) , 3(=n+3+4+2(n—1)Asu)
o+ o
u

n(n+ o’ — -

u
_ (n=2)(n=3) =3 — 1)(n — 3)Agu +3(n — 1)* Az
u3

—0. 2.8)

On the other hand, by Taylor’s expansion we have

0=f@) — F@e—G+L Z(Z) (2= {)? = %@ — L) 0 = LY.
Neglecting the term (z — {,,)*, we get
@ & @
A PR P R 0
and by multiplying o/ f (z) we have
BNV N P ) 29)

u u u
Eliminating the term o3 from (2.8) and (2.9), we get
n+ 1 —23) 2 3n—3)+m—2)(n —3)Aru "

u u?
(n—2)(n—3)—=3(n—1(n—23)Awu+ 2n — 1)(n — 3)Azu?
— — =0,
which yields the quadratic equation
5 3 n—2 3n-1)
m+D" = | -+ n-=DAr o+ |(——5—+ Ay — (2n—1)A3 ) =0. (2.10)
u u u

Solving this equation for o, we obtain

g Bt —2A £ (1/u)v/Ry
B 2(n+ 1) ’

where

Ry, =(2n —1)? —6n(2n — DAy + (n — 2)>A3u® + 4(n + 1)(2n — 1) Azu’.
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Since o = 1/(z — {,;), we have

2(n + Du

R Y PO

2.11)

Let choose the sign in (2.11) to be maximize |3 + (n — 2) Aou + /R, | as 7 — {,,. Since {,, is a simple zero of f(z),
we have

u(@) =0, Aylu) =0, A3 ))?*=0,
hence we obtain

R,— 2n—1)72 asz—¢(,.
Because

3—@2n—DI<B3+Qn—1D], nxl,
(2.11) becomes

2(n + u
34+ (n—2)Aswu + Ry

lh=z (2.12)
Let n(# —1, %) be any real. Let f(z) be an analytic function and let { be a simple zero of f(z). Let z be an
approximation to { and put « =1/(z — {). Suppose { equals to the right hand of (2.12). Then « satisfies (2.10). By (2.9),
o approximately satisfies (2.8). Hence a polynomial f(z) and its degree n in (2.12) can be generalized to an analytic
function and a real number, respectively.
Let f(z) be an analytic function and let v(# —1, %) be a real parameter. Now we define a one parameter family of
iteration functions by

200+ Du

(2)=2— R 2.13

9v(2) 34 (v —2)Asu + sign(2v — 1)/R, @13)
where

Ry=(Q2v—1?—6v2v— DAsu + (v — 2)2A3u® + 4(v + D)2y — 1) Azu>. (2.14)
2.3. Special or limiting cases
Example 1. When v =2 in (2.13),

2u
$r(2) =27 — , (2.15)
14+ V1 — 44 + 4A3u2
which is Traub’s quartic square root method [15, p. 96].
Example 2. Rationalizing (2.13), we have
uB+ (v—2)Au —sign(2v — 1)v/ R,
bo(o) = 2 4 MOF 0= Ddou—sign@y— DYR) 016

20 —2) — 6(v — DAru +22v — 1) Azu?’
Whenv=—11in(2.14), R_; =9(1 — Azu)z. If Re(1 — Apu) >0, letting v — —1 in (2.16), we obtain

(1 — Aru)u
1 —2Au + Azu?’

which is the Kiss method [10] of order 4.

2=z
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Example 3. Whenv = % in(2.14), Ry = (%Agu)z.

(1) Suppose Re(Asu) > 0. Letting v — % —01n (2.16), we get

u

1A

z

which is the Halley method. Letting v — % + 01in (2.16), we have

Z=z—u,

which is the Newton method.
(2) If Re(Asu) <0, then we get the Newton method and the Halley method by letting v — % —0andv — % + 0,
respectively.

3. Modification for multiple zeros
3.1. Derivation

Let f(z) be an analytic function and let { be an m-fold zero of f(z). Let v(# —1, %) be a real number. Let
h(z) = ¥/ f(2). Since { is a simple zero of /(z), we can apply ¢, (z) to h(z). Define

_ h@@ W@
@ i@
By differentiating /(z) three times, we find that

for j =2,3.

1—m
U = mu, BZU=T+mA2u,

B3U? = 1(1 — m)(1 — 2m) + m(1 — m) Aou + m* Azu*.
Substituting U, B;, and B3 for u, A>, and A3, respectively, in (2.13), we have
2m(v + 1)u

Pmy@) == S 2)(L(1 = m) + mAyu) + sign(@v — 1)/ Rony G-
where
Rmyv= % Smv —v+2m —4)(Tmv+5v—2m —4) — 3mv(Bmv+v —2)Aru
+ (v=2)’m?A3u® + 40 + Qv — Hm? Azu®. (3.2)

It is easy to see that ¢, (z) in (2.13) coincides with ¢; ,(z) in (3.1).
3.2. Special or limiting cases

Example 4. When v=21n (3.1),

2mu

¢m,2(z) =

1+ \/§(4m2 — 1) — 4m2Ayu + 4m? Azu?
which is the multiple zero counterpart of Traub’s quartic method (2.15).

Example 5. Letting v — oo in (3.1), we obtain

2mu

%(1 —m)+mA2u+\/ﬁm’

7=z—
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where

= . Rm v
R, = lim 5
V—>00 Y

1
- E(sm — 1)(Tm +5) = 3mBm + 1) Aou + m?> A3u® + 8m> Azu®.
Example 6. In a way similar to Example 2, if Re(1 +m — 2mAsu) > 0, letting v — —1in (3.1), we get

m((1+m) — mAyu)u
tom+D@m+ 1) —m(m + 1) Asu + m2 Azu?’

2=z

which is Farmer—Loizou’s method [3] of order 4.

Example 7. In a way similar to Example 3, letting v — % 4 0 in (3.1), we obtain the multiple zero counterpart of
Halley’s method

u
Cm+1)/2m — A’

=z

or the Schroder method Z = z — mu.
4. Order of convergence

Let £(2) = (z — )™ g(z) be an analytic function with g({) # 0, m > 1. In this section, we denote g({), g'(0), g” (),

and g"'({) by go, g 8- and g,’, respectively. In the asymptotic formulas we omit the qualifying phrase “as z — (”.

Lemma 4.1. The following asymptotic formulas are valid:

m—1 1 g 3m+1) g\ 3 & 5
A = — _— — _ | — _— —
U= +m2go(z O+ a5 g t53 % z—-0

2(m + 1)2 g/ 3 3m +4 g/g// 1 g///
+ (—4 ) - 2 = 0P+ 0 - O,
m 80 m 80 m= 8o

m—17% m—1g| 5—3m? (g 2 3m—1) g0 )
A 2 — —_— — — | — - a -
(Azu) 4m? + m3 g =0+ 2m* g0 + 2m3 g =9

3 2 i "
(m+ DH2m? =5) (g, B3m:—-m+7g,g] m—1g
+< 5 %) T Toofy (80 ) d 0z - DY)
m 80 m 80 m> 8o

/ 7\ 2 ”
At = 1= DOn=2) +m—1%(Z_C)+(_(m—1)(3m+4)(g_o) +3m—2g_0> oo

6m?2 m3 2m* g0 2m3  go

2m?> — D)GBm+5) (gh\° 3m>+3m—dglgl 3m—1g/
+ . ) - > 0+ =52 )@= 0+ 0 - 0.
3m 20 m 85 3m>  go

Proof. It is simple so we omit the proof. [J
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Lemma 4.2. Suppose v # % and m > 1. For R,y in (3.2),

o I Tv—2 m+1g_(’)2_lg_g 2
V Ry =12v 1|<1 (2V_1)mg0(z C)+2(2v_1)(m2( ) )(z 0

80 m go

(e 1)(—20v2m — 25v* + 26mv + 19y — 8m — 10) <g6)3
32v — 1)%m3 80
N 10v2m + 15v2 — 13mv — 15v + 4m + 6 g}g{ 5v—4 g

— 50 3 4
2v — 1)?m? g 3Q@v—1Dm go) €= Hoe =0 )) '

Proof. By means of Lemma 4.1, we can prove it. [

Theorem 4.3. Let f(z) = (z— )" g(z) with g({) #0,m>1.Then ¢,, ,(z) in (3.1) withv # —1, % converges locally
quartically to {, i.e.,

o Pna@ = om ot D@my —v —2m —4)(

g6>3 2mv+v—m—2 g\gl o
=0 (-0 6m3(2v — 1)

0% , 1 &
g0 2m*Q2v—1)  (go)*> 6m go
Proof. Using Lemma 4.2, we have

34(v—2) (%(1 —m) + mAgu) +sign(2v — 1)/ Ry

/ I\ 2 1"
=20+ 1) [1—lg—°(z—C)+ <m+21<g—0> —l&> (- 07
m go m 80

m go

N _(m A+ DBmy + 13y — 4m —2) (@)3
6(2v — )m? £0

"

4my +Tv —2m — 2 g(8; 1 g 3 4
— 50 —pP o - 0Y .
2D @ 3mg )¢ OGO

Therefore,

o _(mAD@my—v—2m—4) (g, ’
Pmy(@=2-1(z C)[l+( 62y — Dym? <g0>

2mv+v—m—2g,8, 1 g

= 50 _ 3 _ 4
22y — )m? g% ~ om go) (z=0"+0({(z—=0 ):|

a

The result follows from this formula. [

Remark 4.1. As an immediate consequence of Theorem 4.3, the asymptotic error constant for (2.13) is

v—2<g_6>3_Mg6g8 Lgy
2v—1\go 22v—1)(g9)> 680
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In particular, when v = 2, the asymptotic error constant for (2.15) is
Clss et 1 1OMO 1 YO
2 (g0)° 680 2 (fro? 24 O
= — A2(DA3(0) + A4(D),
which is given by Traub [15, p. 96].

5. The optimum parameter
5.1. The decreasing ratio

Let f(z) be a polynomial of order n. Let @, (z) be the pth (p > 1) order Newton iteration function [4,5], e.g., Newton
(p =2), Halley (p = 3), Kiss (p =4), etc. When |z] is sufficiently large, @, (z) satisfies

p—1
@ —{~l-— -0, 5.1
@) = ( n+p_2>@ 0 5.1)
where ( is one of zeros of f(z) (see [9]). Here the expression x ~ y means that x/y nearly equals to unity. In this
subsection we extend the behavior (5.1) to one-point iteration functions.
Let ¢(z) be a one-point iteration function with a fixed point (. If there exists a constant D (|D| < 1) such that
im 2@
im ——=

z—>00 7

=D,

then D is called the decreasing ratio for ¢)(z) at infinity. In this case, since

im 2@ —C_ )

7—>00 Z—C

we have
¢(z) =~ D(z—0),

when |z] is sufficiently large.

In particular, when D = 0 and the absolute value of an initial approximation |zg| is sufficiently large, the next
approximation z; = ¢(z) is expected to be close to one of fixed points.

The constant 1 — (p — 1)/(n + p — 2) in (5.1) is the decreasing ratio for the pth order Newton method.

5.2. The decreasing ratio for the family: the polynomial case

Let f(z) be a polynomial of degree n. It is easy to see that

1 —1 — -2
im Y= dim oAw=""1 i ap2= 0D =2 (5.2)
00 7 n z—00 2n z—00 6n?

Forv # —1, % let ¢,, ,(z) be the iteration function defined in (3.1) and let Dy, .y = lim;—, 50 ¢,, ,(2)/z. By using
(5.2), we have

2m(v+ 1)
3n + %(n —m)(v—2)+ (I/Zﬁ)sign(Zv — 1),/R,,,m,v’

Dn,m,v =1-

where
Rumyv= (—Sn2 + 18nm + 35m2)v2 + (—16n2 — 36nm + 4m2)v +16n% — 4m>.

When Dy, ,, v =0 and |zo]| is large, the next approximation z; is expected to be close to one of zeros of f(z). In the
next subsection we give the necessary and sufficient condition for D,, ,, , = 0.
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5.3. Derivation of the optimum parameter for polynomials

Proposition 5.1. Lerv # —1, % and 0 <m < n. Then D, ,, v = 0 if and only if

n—>Sm (5.3)
o0 if n=">5m.

2(m —2n) .
- e

Proof. The case v <o00. D, .y = 0 if and only if

1 5 1
__ -z -2 = ——sien(2v — 1)/R .
< 2n+2m>v n+m 2\/§s1gn( v—DvRym,y

Squaring the both sides, we have

12((—%n + %m)v —2n +m)? = (=51 + 18nm + 35m*)V? + (—16n> — 36nm + 4m?)v + 16n°> — 4m?,
That is,

n—m)(v+ 1)(—2m +4n — Smv + nv) = 0. 5.4

The case v = 0co. Because

4m

Dymoo= lim Dymy=1—
o0 = Hm Dy,

n—m+ \/%(—n + 5m)(5n + Tm)

Dy.m.0co = 0 if and only if

Sm—n= \/%(—n + 5m)(5n + Tm).
Squaring both sides, we obtain,

(n—m)5m —n) =0. (5.5)
The result follows from (5.4) and (5.5). O

The parameter v in (5.3) is called the optimum parameter.

Remark 5.1. By using (5.2), we have the decreasing ratio of the Laguerre family (1.2):

v/n
1 +sign(v — m)/OO—m)(v = 1)/m —v(n — (v — m)/nm

Dn,m,v =1-

Thus D, .y = 0 if and only if (n — m)(v — n) =0, i.e., v = n. Therefore, the Laguerre method is excellent initial
behavior (see [6]). By approximating f(zo) ~ zgj, f'(z0) & nzgfl, "(z0) =~ n(n — 1)z872, for large |zo|, Igarashi [8]
proved this fact in the case m = 1.

6. Numerical examples
6.1. The local convergence

In this subsection we demonstrate the local convergence of the methods of the presented family on the polynomial
[2, p. 246; 3]

F(2)=2'0=20z° + 17528 — 88227 + 283528 — 60722 + 8777z* — 84582 + 5204z> — 18487 + 288
=z-D*2=-23%@-3)>%*z-4. 6.1)
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Table 1
f@Q=Gc-D*Gz-23@-3)2G@-4,m=1,z =41

v=10 v=2 v— —1 V— o0 v=-7.6 Laguerre Newton twice
21 3.9326 3.9957 4.0014 3.9366 4.0471 4.0324 4.0040
22 391171 3.9,87 4.0911 3.91336 4.01631 4.01,43 4.0728
z3 3.94527 3.92989 4.03336 3.95721 4.060 4.03423 4.0,871

Table 2
f@Q=c-D*Gz-23@-3) -4, m=4,z=1.1

v=10 v=2 v— —1 vV — 00 v=3.2 Laguerre Schroder twice
21 0.9454 1.0418 0.9386 0.9441 0.9485 1.0475 0.99981
22 0.91785 1.01917 0.91557 0.91749 0.92046 1.01325 0.91483

Table 3

f@=Gc-D"c-2 @3 —4,m=1,2=1000
v=2 Vv — 00 v=-7.6 Laguerre Newton twice
D =0.8485 4 0.08571i D =0.7955 + 0.2215i D=0 D=0 D =0.81

21 849 4 86i 796 + 221i 4.99 4.99 810

22 728 — 0.0518i 682 + 0.0418i 4.045 4.056 657

z3 618 + 62i 543 — 1510 4.0539 4.0446 532

24 530 — 0.0537i 466 — 0.0414i 4.02129 4.01329 432

Initial approximations are zo=4.1 and 1.1 and the multiplicity is m = 1 and 4, respectively. We consider five parameters
of the family: v=deg f =10,v=2,v — —1,v — 00, and v the optimum defined in (5.3). For comparison we take
up the Laguerre method and the Schréder (Newton, for m = 1) method twice:

f@ _ fe=mf@/f'@)
7@ fl@=mf@)/f' @)

which is quartic convergence but is not one-point.

It is well known that the attainable number of correct significant digits of { of multiplicity m is about //m decimal
digits for / decimal digit computation (see, e.g., [16, p. 62]). In order to avoid round-off errors we carried out using
g + + (gcc version eges-2.90.29) with MPPACK [7] with 60 significant digits, in this and the next subsection.

We show numerical results in Tables 1 and 2. A subscripted digit in a number indicates the number of repetitions of
this digit. e.g., 3.9326 = 3.99926.

Z=z—m (6.2)

6.2. The initial behavior

In this subsection we demonstrate the initial behavior of three methods of the presented family on the polynomial
(6.1). Parameters of the family are v=2, v — 00, and the optimum. For comparison we take up the Laguerre method and
the Schroder method twice. Initial approximations are zo = 1000, —1000 and the multiplicity is m = 1, 4, respectively.
We show decreasing ratios D and numerical results in Tables 3 and 4.

The methods with v=2 and v — 0o and the Schréder method twice linearly converge when |z; — (] is large. On the
other hand, when |zg| is sufficiently large, the next approximations z; by the methods of decreasing 0, i.e., the method
with the optimum parameter and the Laguerre method, are close to one of zeros. The local convergence of the method
with optimum parameter is better than that of the Laguerre method.
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Table 4
f@Q=c-D*2z-23z-3)%@—4),m=4,z9=—1000

v=2 V— 00 y=3.2 Laguerre Schroder twice
D =0.2857 + 0.2474i D =0.2768 D=0 D=0 D =0.36

Z1 —284 —248i =275 0.78 0.78 —359

22 —141 — 0.0370i =75 0.99988 0.99956 —128

23 —39 + 35i —19 0.91682 0.91150 —45

Table 5
Number of successful convergence (A) and average number of iteration times (B) for 10 000 polynomials
Degree Optimum parameter Laguerre method

A B A B
10 9973 4.30 9990 4.26
20 9746 4.92 9772 4.84
30 9483 5.31 9485 5.19
40 9266 5.62 9256 5.46
50 9034 5.89 8985 5.67
60 8845 6.05 8791 5.83
70 8642 6.24 8600 6.00
80 8502 6.37 8462 6.12
90 8382 6.56 8335 6.24

6.3. A comparison of the global convergence

In this subsection we test the global convergence of two methods of the decreasing ratio 0. We experiment numerically
on polynomials with complex coefficients with real and imaginary parts obtained random from a uniform distribution
over (—1, 1). Ten thousand polynomials each of degree 10, 20, 30, ..., 90 are tested. All of the initial approximations
are 1000 + 1000i and all zeros are assumed to be simple. We decide that the iteration successfully converges if
| f(zi)| < 107° for some i <50. We show in Table 5 the number of successful convergence and the average number of
iteration times in this case. Numerical computation are carried out using gcc version 3.3.2. on Pentium III, approximately
16 digits.

Numerical experiments show that the global convergence of two methods of decreasing ratio 0 are similarly excellent.
More precisely, the percentage of successful convergence is more than 90% for polynomials of order less than 50.

7. Conclusions

All the methods of our family except for limiting cases converge locally quartically to a simple and multiple zero
with known multiplicity of analytic functions.

For polynomials the initial behavior and the global convergence of the method with the optimum parameter and the
Laguerre method are similarly excellent. However, the local convergence of the former method is better than that of
the latter method.
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