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Abstract— The space limitation and the channel acquisition
prevent Massive MIMO from being easily deployed in a practical
setup. Motivated by current deployments of LTE-Advanced, the
use of multi-polarized antenna elements can be an efficient
solution to address the space constraint. Furthermore, the dual-
structured precoding, in which a preprocessing based on the
spatial correlation and a subsequent linear precoding based
on the short-term channel state information at the transmitter
(CSIT) are concatenated, can reduce the feedback overhead
efficiently. By grouping and preprocessing spatially correlated
mobile stations (MSs), the dimension of the precoding signal
space is reduced and the corresponding short-term CSIT di-
mension is reduced. In this paper, to reduce the feedback
overhead further, we propose a dual-structured multi-user linear
precoding, in which the subgrouping method based on co-
polarization is additionally applied to the spatially grouped MSs
in the preprocessing stage. Furthermore, under imperfect CSIT,
the proposed scheme is asymptotically analyzed based on random
matrix theory. By investigating the behavior of the asymptotic
performance, we also propose a new dual-structured precoding
in which the precoding mode is switched between two dual-
structured precoding strategies with i) the preprocessing based
only on the spatial correlation and ii) the preprocessing based on
both the spatial correlation and polarization. Finally, we extend
it to 3D dual-structured precoding.

Index Terms— Multi-polarized Massive MIMO, Dual struc-
tured precoding with long-term/short-term CSIT

I. INTRODUCTION

By deploying a large number of antenna elements at the base
station (BS), high spectral efficiencies can be achieved. Fur-
thermore, because low-complexity linear precoding schemes
can be efficiently exploited to serve multiple mobile stations
(MSs) simultaneously, Massive MIMO plays a key role in
beyond 4G cellular networks ( [1]-[4] and references therein).

Assuming large scale arrays, several linear single-user and
multi-user precoding schemes are asymptotically analyzed
by using random matrix theory in [5]-[9]. In [5], single-
user beamforming in MISO with a large number of transmit
antenna elements has been analyzed under the per-antenna
constant-envelope constraints and its extension to multi-user
MIMO is treated in [6]. In [7], by utilizing a Stieltjes transform
of random positive semi-definite matrices, the asymptotic
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signal-to-interference-and-noise ratio (SINR) of linear precod-
ing in a correlated Massive MISO broadcasting channel has
been derived under imperfect channel state information at the
transmitter (CSIT). In [9], by considering multi-cell downlink
with massive transmit antenna elements, the asymptotic SINR
is analyzed by using random matrix theory which gives an
insight about the cooperative transmission strategy of BSs.

However, in FDD, where channel reciprocity is not ex-
ploitable, the multi-antenna channel acquisition at the trans-
mitter prevents Massive MIMO from being easily deployed.
To resolve the channel acquisition burden at BS, a dual
structured precoding, in which a preprocessing based on the
long-term CSIT (mainly, spatial correlation) and a subsequent
linear precoding based on the short-term CSIT (that generally
has lower dimension than the number of transmit antenna
elements) are concatenated, can be exploited to reduce the
feedback overhead efficiently [8], [10]. Note that the long-
term CSI is slowly-varying and can be obtained accurately
with a low feedback overhead. Because of the low feedback
overhead and the attractive performance, the dual structured
precoding has been also considered in the 4G and beyond 4G
wireless standards [10], [11]. In [8], when MSs are clustered
as several spatially correlated groups, joint spatial division
and multiplexing scheme has been proposed in which the
precoding matrix is composed of the prebeamforming matrix
based on the spatial correlation and the classical precoder
based on short-term CSIT. Furthermore, its performance is
asymptotically analyzed for a large number of transmit antenna
elements.

Another challenge of the Massive MIMO system is the
antenna space limitation. An increasing number of antenna
elements is difficult to be packed in a limited space and
if it can be deployed, the high spatial correlation and the
mutual coupling among the antennas elements may cause
some system performance degradation, especially for a small
numbers of active MSs [12], [13]. The multi-polarized an-
tenna elements can be one solution to alleviate the space
constraint [14], [15]. The multi-polarized antenna systems
have been investigated under various communication scenarios
including the picocell/microcell [16], indoor/outdoor [17], and
the line of sight (LOS)/non LOS (NLOS) [15] environments.
However, despite the importance of polarized antennas in
practical deployments, the Massive MIMO system with multi-
polarized antenna elements has not been addressed so far
together with the multi-user linear precoding. Note that due
to space constraints, closely spaced dual-polarized antennas is
considered as the first priority deployment scenario for MIMO
in LTE-A and is therefore likely to remain so as the number



of antennas at the base station increases [10], [11], [18].

In this paper, we first model the Massive multi-user MIMO
system, where the BS is equipped with a large number of
multi-polarized antenna elements. For simplicity and practical
issue of MS, we consider that MSs are equipped with a single
single-polarized antenna element. We then present the dual
structured precoding based on long-term/short-term CSIT. As
done in the Massive MIMO system with a single-polarized
antenna element [8], by grouping the spatially correlated MSs
and multiplying the channel matrix of the grouped MSs with
the same preprocessing matrix based on spatial correlation,
the dimension of the precoding signal space is reduced and
the corresponding short-term CSIT dimension can also be
reduced from the Karhunen-Loeve transform [19]. Considering
the multi-polarized Massive multi-user MIMO system for the
first time, the contributions of this paper are listed below:

« To reduce the feedback overhead further, we first propose
a dual structured linear precoding, in which the sub-
grouping method based on the polarization is additionally
applied to the spatially grouped MSs in the preprocessing
stage. That is, by subgrouping co-polarized MSs in each
group, we let the MS report the CSI from the transmit
antenna elements having the same polarization as its
polarization. Then, the MS can further reduce the short-
term CSI feedback overhead, compared to the case with
the conventional preprocessing based only on the spatial
correlation.

o Under the imperfect CSIT, two different dual structured
precodings with preprocessing of i) grouping based only
on the spatial correlation (i.e., spatial grouping) and ii)
subgrouping based on both the spatial correlation and
polarization are asymptotically analyzed based on random
matrix theory with a large dimension [7]. Because, in
this paper, the polarized Massive MU-MIMO channel
is considered, the asymptotic inter/intra interferences are
evaluated over the polarization domain as well as the spa-
tial domain, which addresses a more general (polarized)
channel environment compared to [7], [8]. Accordingly,
the asymptotic performance can be further analyzed in
terms of both the polarization and the spatial correlation
and therefore, we can understand the performance be-
havior of dual structured precoding with respect to the
long-term CSIT.

« We then propose a new dual precoding method to switch
the precoding mode between two dual structured precod-
ing strategies relying on i) the spatial grouping only and
ii) the subgrouping based on both the spatial correlation
and polarization.

« Motivated by 3D beamforming [8], [20], we extend the
design to the 3D dual structured precoding in which the
spatial correlation depends on both azimuth and elevation
angles.

« Finally, we also discuss how we can modify the proposed
precoding mode switching scheme when the polarization
at the BS and MS is mismatched (due to e.g. random MS
orientation).

Note that, from the asymptotic results, we can find that even

though the proposed dual precoding using the subgrouping
can reduce the feedback overhead, its performance can be
affected by the cross-polar discrimination (XPD) parameter.
Here, XPD refers to the long-term statistics of the antenna
elements and channel depolarization that measures the ability
to distinguish the orthogonal polarization. That is, under the
same feedback overhead, the dual precoding with subgrouping
can utilize more accurate CSIT on half of the array, compared
with precoding with spatial grouping, but exhibits performance
more sensitive to the XPD. The precoding with spatial group-
ing can only utilize less accurate CSIT, but its performance is
not affected by the XPD. Accordingly, we identify the region
where the dual precoding with subgrouping outperforms that
with spatial grouping. The region depends on the XPD, the
spatial correlation, and the short-term CSIT quality, which
motivated us to develop the new dual precoding method.

The rest of this paper is organized as follows. In Section II,
we introduce the Massive MIMO system model with multiple
multi-polarized antenna elements at the BS and a (either
vertically or horizontally) single polarized antenna element at
the multiple MSs. In Section III, we discuss the dual structured
precoding based on the long-term/short-term CSIT. In Section
IV, we investigate the asymptotic performance of the dual
precoding schemes and their behavior over the XPD parameter.
Based on the asymptotic results, in Section V, we propose
a new dual structured precoding/feedback. In Section VI, we
provide several discussion and simulation results, respectively,
and in Section VII we give our conclusions.

Throughout the paper, matrices and vectors are represented
by bold capital letters and bold lower-case letters, respectively.
The notations (A)7, (A)H, (A);, [A];, tr(A), and det(A)
denote the transpose, conjugate transpose, the ith row, the
ith column, the trace, and the determinant of a matrix A,
respectively. In addition, [A];,; (resp., (A);;) denotes the
submatrix from the ith column (resp., row) to the jth column
(resp., row) of A. The matrix norm ||A| and the vector
norm |lal| denote the 2-norms of a matrix A and a vector
a, respectively. In addition, A > 0 means that a matrix A
is positive semi-definite, ® denotes the Kronecker product,
and © denotes the Hadamard product. The operation E4[A]
means the average of A, over index g. Finally, Ins, 1arxn,
and 0,7« n denote the M x M identity matrix, the M by N
matrix with all 1 entries, and the M by N matrix with all 0
entries, respectively.

II. SYSTEM MODEL

We consider a single-cell downlink system with one BS
with M polarized antenna elements and N active MSs, each

with a single polarized antenna element, where M and N are

assumed to be even numbers. As in Fig 1, the BS has %

pairs of co-located vertically/horizontally polarized antenna
elements and the MSs have a single antenna element with
either vertical or horizontal polarizationl. Furthermore, since

IThroughout the paper, we consider the dual-polarized antenna elements
at the BS for ease of explanation, but our approach can be extended to the
tri-polarized case without difficulty. In addition, all the antenna elements are
perfectly aligned with either vertical or horizontal polarization. In Section
V-C, we discuss the polarization mismatch due to the random orientation of
MSs.
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Fig. 1. Block diagram of a dual-polarized multi-user downlink system.

human activity is usually confined in small clustered regions
such as buildings, locations of MSs tend to be spatially
clustered, e.g., G groups. Then, the received signal y, € CNs
of the gth group with an assumption of flat-fading channel is
given by

Yo = {yz ] = Hx +n,, (1)
Yg
where y; and y;’ are the received signal for MSs with vertical

. o . ny | .
and horizontal polarization, respectively, and n, = { ng ] is

a zero-mean complex Gaussian noise vector having a cgovari-
ance matrix Iy, , denoted as ny, ~ CN(0,Iy,). Here, N,
denotes the number of MSs in the gth group. For 31mp11c1ty,
it is assumed that Ny = ... = Ng = N, where N is even, and
both y; and y’; are % X 1 vectors. The channel of the kth MS
in the gth group is then given as hgy, = [Hg|g. The M x 1
vector, X, is the linearly precoded transmit signal expressed as

G
x=Y Vyd,, V,eCM*N, (2)
g=1

where V, and d, dZ are the linear precoding matrix

and the data symbol vector for the MSs in the gth group,
respectively. The precoded signal x should satisfy the power
constraint E[||x||?] < P.

A. Channel model

By using the Karhunen-Loeve transform [19] and the po-
larized MIMO channel modeling with infinitesimally small
antenna elements described in [10], [14], the downlink channel
to the gth group, H, can be represented as

H, = ([ 1 7y

Tep 1
where r,), is the correlation coefficient between vertically and
horizontally polarized antenna elements, A, is an ry X 7y
diagonal matrix with the non-zero eigenvalues of the spatial
covariance matrix Ry for the gth group?, where the eigen-
values are assumed to be ordered in decreasing order of

]@(UQAE)) (6,0Xe1, 5) @

2For simplicity, it is assumed that the spatial covariance matrix is the same
for both polarizations.

magnitude. Note that generally, r, < M, and U, € CzxTs
is composed of the eigenvectors of Ry as its columns. The
matrix G, is defined as

VU hv
Gy & } , 4)

Gg |: Ggh GZh
and the elements of GEY € C"v*%, p,q € {h,v} are iid.
complex Gaussian d1str1buted w1th zero mean and unit vari-
ance. The matrix X describes the power imbalance between
the orthogonal polarizations and is given as

R

where the parameter 0 < y < 1 is the inverse of the XPD,
where 1 < XPD < oo. Note that, based on the reported
measurement in [21], [22], r,, ~ 0. Accordingly, (3) can be
rewritten as

H, = (I2®(UgA§)) [ \/gggh \/éZthv]
_ [ U,AiGy JXU,AG G ]
VXUy AQG”” UgAngZh
- [ 0
and its covariance matrix is given as
R, — { (1 +3<)R§ 1 +(§<)RZ ] 7
- H}Z X;g%[xsz lgz}:Rg”Rgh’

where Ry, and Ry, are the covariance matrices of the
vertically and the horizontally co-polarized MS subgroups,
respectively.

Note that the long-term parameters R and x are slowly-
varying and assumed to be obtained accurately with a low
feedback overhead. However, the short-term CSI parameter
G, is varying independently over the short-term coherence
time. The feedback to the BS of the CSI is imperfect (due to
e.g. quantization) and incurs a significant overhead. Accord-
ingly, the imperfect CSIT Gg available at the transmitter is
modeled as

Gy = V1= 745Gy + 7,2, ®)

where the elements of Z, are complex Gaussian distributed
with zero mean and unit variance and 7, € [0, 1] indicates the
accuracy of available CSIT for the gth group. That is, the case
of 7, = 0 implies the perfect CSIT. From (6), H and pr
can be defined as the imperfect CSI knowledge of H, and
HI? at the transmitter, respectively, by using G Throughout
the paper, it is assumed that ; = ... = 7¢ = 7, but it can be
easily extended to the scenario that T; # 7 for ¢ # j.
Remark 1: The imperfect channel model (8) comes from
the scenario that when both BS and MS know the long-term
statistics perfectly (i.e., Ry), the kth MS in the gth group
quantizes gg, = [Gg4]x by using the random codebook [23]
and feeds the codeword index back to the BS. Note that the



kth MS in the gth group can have a much smaller feedback
overhead by sending the essential channel information of
gk € C?ro*1 rather than hyy.

III. DUAL STRUCTURED PRECODING BASED ON
LONG-TERM/SHORT-TERM CSIT

Thanks to the computational complexity reduction and the
feedback overhead reduction (i.e., the dimension reduction
using long-term statistics), the dual precoding scheme based
on long-term/short-term CSIT has been widely utilized [8],
[10], [11]. That is, the precoding matrix for the gth group is
given as

V,=B,P,, 9)

where B, € CM*B s the preprocessing matrix based on
the long- term channel statistics with N < B < 2r, < M
and P, € CB*N s the precoding matrix for the effective
(instantaneous) channel Hf B,. Here, B is a design parameter
that determines the dimension of the transformed channel
using the long-term CSIT. The system equation (1) can then
be rewritten as
G
vy =HB,P,d,+ Y H/IBPd +n,.
1=1,l#g

In what follows, we introduce the conventional dual struc-
tured precoding scheme with the preprocessing using block
diagonalization (BD) based on spatial correlation and the
regularized ZF precoding for each decoupled group. Then, we
propose the dual precoding scheme with BD and subgrouping
(BDS) exploiting both the spatial correlation and the polariza-
tion (another long-term channel statistics parameter).

(10)

A. Preprocessing using block diagonalization based on spatial
correlation

To null out the leakage to other groups, it is desirable that
the preprocessing matrix B, based on the spatial correlation
is designed as

HB, ~0, forl # g. (11)

Then, P, in (10) can be computed based on the decoupled
system model y, ~ H'B,P,d, + n, where the inter-group
interferences have been eliminated. 3

To obtain B satisfying the condition (11), the BD can be
utilized. That is, due to the block diagonal structure in (7), we
first define

U, =[Uf,., U, Ul .., Ul e CT i (12)
where Uy = [Ug]izr; and r_g(g ry) is a design parameter

reflecting the number of dominant eigenvalues of Ry. That is,

3Note that if the BS has a large number of antenna elements and the number
of antenna elements at the BS is larger than the number of MSs, we can
find the “approximated” null-space satisfying (11), in general. Furthermore,
from [8], [24] considering the one-ring channel model (see also Section VI),
if the angle-of-departures (AoDs) of the multipaths from different groups
are disjointed, the spatial covariance matrices of different groups become
asymptotically orthogonal to each other as the number of antenna elements
increases.

if we increase r close to 74, the BD can find the subspace
more orthogonal to the signal subspace spanned by other
groups’ channel (the perfect orthogonality is guaranteed when
rg = Tg), while the dimension of corresponding orthogonal
subspace decreases as %4 - 2q "1

The matrix U_, in (12) then has a singular value decom-
position (SVD) as

1 0
U—g*iE(—g)vE( )i —g»

€]
A A ]VH E(O) GC*X* Z#g rl
-9

E(,O)) is the left singular vectors
M

2
Zz 7& ;" non-dominant) singular values A (respectively,

) Then, because (E° ))HU, =0, by deﬁning H,
(I ®E(_0;)HH9, Hg is orthogonal to the dominant eigen-space

spanned by other groups’ channel. Note that the covariance
matrix of Hy is then given by

where E(f; (respectively,
associated with the ), 477 dominant (respectively,

R, = (L@ EY)PR, (L  E¥)), (14)
and by defining RZ = (E(_(E)H RZE(_O;, we have its eigenvalue

decomposition (EVD) as

R} =F,AF], (15)
where F is the eigenvectors of f{;. Then by letting Fgl) =
[Fy],. 5, the preprocessing matrix can be given as

h 2
B,-L®B;, B;=E"FY, (16)

Accordingly, through the preprocessing matrix By, we can
transform the transmit signal for the gth group into the B
dimensional dominant eigen-space that is orthogonal to the
subspace spanned by other groups’ channel. Note that, from
(9) and (12), B and rg should be chosen properly to satisfy
the conditions of N < B < 2(& — D14y 7)) and B < 2rg.
Without loss of generality, we assume that r{ = ... =1¢ =1
with a fixed r satisfying the above two constraints.

B. Multi-user precoding for each decoupled group

l§ecause, from (10), the effective channel for the gth group
isHy = Bf H,, the corresponding covariance matrix is given
by

Rg = BngBg = B;{ (Rgv + Rgh)Bg = Rgv + Rgh
(BS)HRSBS 0
= (1+ 9 99 s O (17)
(1+%) 0 (BS)"R;B;,

Furthermore, due to the preprocessing, the interferences from
other groups in (10) are almost nulled out. Accordingly, the
precoding matrix P, is designed such that the intra-group
interferences are nulled out based on the short-term CSIT of
the gth group. That is, assuming the equal power allocation,
the regularized ZF precoding matrix [8], [25] with imperfect
CSIT can be computed as

g = §9KQI:I97 (18)

, (13)



fay o — 71 Y A
K, = (H,HY + Balz) , H,=BIH, (19

Here, H, is the effective channel estimate that is available
at the BS and « is a regularization parameter. Throughout the

paper, itis set as o = B—A}, which is equivalent with the MMSE
linear filter [26]. The normalization factor ¢ is then given as

2 N _ N

; (20)

gg_ 2 £

L (AUKIBIB,K,H,) tr(HTKIK,H,)

where the second equality is due to the fact that Bf B, =13

from (16). Denoting hy, = [Hy|i as the effective channel
estimate of the kth MS in the gth group, the SINR of the kth
MS in the gth group with p polarization is then given as shown
at the top of the next page. Accordingly, the sum rate is given
by

N2

¢
RBD:Z Z Zlog2(1+v£€),

9=1pe{v,h} k=1

(22)

where the subscript and superscript BD indicate the dual
precoding with Block Diagonalization based on spatial cor-
relation.

C. Dual precoding using block diagonalization and subgroup-
ing based on both spatial correlation and polarization

In Section III-A, the preprocessing matrix is computed
based only on spatial correlation. However, when x becomes
small (i.e., the antenna elements can favorably discriminate
the orthogonally polarized signals), the interference signals
through the cross-polarized channels can be naturally nulled
out. This suggests that we can make the subgroups of co-
polarized MSs in each group (see the second MS group in
Fig. 1.) and let the BS precode the signal for the co-polarized
subgroup by using the short-term CSIT of the transmit antenna
elements having the same polarization with the associated
subgroup. That is, from (1) and (10), the received signal for
the co-polarized subgroup with p polarization, for p € {h,v},
in the gth group can be written as

yb = HIB,,P,d+ E H B, P,,d}
qe{h,v}
qF#p

G
+ 3 > HEB,PLA! +nk  (23)
I=1,I#g q€{h,v}

VU hv

th ] and Hgp, = [ gﬂh } from (6). Here,
B, for p € {h, v}gare given as !

B’ 0
Bgv B |: Og :| 7 th - |: BS :| ’
g

where Bf] is given in (16). Note that, when x ~ 0, we can
easily find that

where H,, =

(24)

H{/B,, ~ 0, for p #q. (25)

Furthermore, because Hyqy, ¢ # p has no influence on P,
the MSs do not need to feed back the instantaneous CSI from
cross polarized transmit antenna elements at BS. That is, the
kth MS having vertical (horizontal) polarization in the gth
group can quantize the first (last) r entries of gy (see also
Remark 1) and feed them back to the BS with the feedback
amount reduced in half.

The precoding matrix Pg, is then designed such that
the intra-subgroup interferences are nulled out using the co-
polarized short-term CSIT. That is, letting ﬂgp denote the
imperfect CSI knowledge at the transmitter of Hg,, p €
{h,v}, the regularized ZF precoding matrix with imperfect
CSIT can be computed as

Py, = fnggpI:Igpa (26)

1 - A
7 _ RpH —
» and Hy, =B, Hy, =
(Bg)"HEP, the effective channel estimate that is available at
the BS. The normalization factor &g, is then given as

) _ N/2
gp - 2~ B o B .
tr(ngKg)Knggp)

where K, = (flqpfqu + galg)

27

Assuming equal power allocation, the SINR of the kth MS
in the subgroup with p polarization of the gth group is then
given by

BDS _ %’fﬁplhikngKnggh;hgm ‘2 (28)

gpk )
INgpt

where

INpgr = % Zj;ék €§p|hg;kngKnggahgpj‘2
+& D atp 2 §§q‘hgjkngK9qu;hgqj 2
+% Zl;ég Zq Zj 512(1|h§1;)kquKquZhlqj |2 +1 (29

and hy,y = [H,,lx and by, = [F,,]s, respectively. Accord-
ingly, the sum rate is given by

G 2
Rpps = Z Z ZlogQ(I i)

g=1pe{v,h} k=1

[

(30)

where the subscript and superscript BD.S indicate the dual
precoding with Block Diagonalization and Subgrouping based
on both spatial correlation and polarization. Note that because,
when x = 0, the interference from cross-polarized groups are
perfectly nulled out, we can easily find that

BDS

’ngk) (3 1)

_ _BD

- ’ngk .

IV. ASYMPTOTIC PERFORMANCE ANALYSIS FOR DUAL
PRECODING METHODS

In [7], when the number of transmit antenna elements
(M) is large, the asymptotic SINR of the regularized ZF
precoding has been analyzed in spatially correlated MISO
broadcasting systems with uni-polarized antennas under the
imperfect CSIT and, in [8], the asymptotic SINR of the
dual precoding with BD has been analyzed under the perfect
CSIT and the uni-polarized antenna system. In this section,
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Ngﬂhka Kghgi|?

Vgpk =

N Z ¢k£ ‘hHB K h.]J‘ + ZL;éqZ §l|h BlI{thP‘i’1

LemliB, K, B) Hhg)?

£, &2 BK,BIh, 2+ £ 5 €2[h’

= " . 2D
2B K;Bfh;[2 +1

based on random matrix theory results [4], [7], [27], we first
derive the asymptotic SINR for two different dual precoding
schemes — dual precoding with i) BD and ii) BDS under
the imperfect CSIT and dual-polarized antenna system. Note
that the asymptotic inter/intra interferences are evaluated over
the polarization domain as well as the spatial domain, which
can encounter a more generalized channel environment with
a polarization. Based on the asymptotic results, we analyze
the performance as a function of the XPD parameter y, and
propose a new dual precoding/feedback scheme in the next
section.

A. Dual precoding with block diagonalization based on spatial
correlation

Before we proceed with the derivation of the asymptotic
SINR for the dual precoding with BD, we introduce an
important theorem about the asymptotic behavior of a random
matrix with a large dimension developed in [7].

Theorem 1: ([7], Theorem 1) Let H be the M x N matrix,
in which each column is a zero-mean complex Gaussian
random vector having a covariance matrix R; fori =1,..., N.
In addition, let S,Q € CM*M be Hermitian nonnegative
definite. Assume limsup,;_, .. sup;<;<n ||Ri|| < 0o and Q
has uniformly bounded spectrum norm. Then, for z < 0,

1 1
—tr(QHH +8 — 21,,)"Y) — —tr(QT(2)) =50, (32)
M M
where
N -1
1 R;
— ———+S—-zI 33
1\4;1+ej(z)+ i 59
Here, e;(z) for i = 1,..., N are the unique solution of
N —1
1 1 R,
=—tr|R; | — e | 34
ei(2) ik MZ +€j(Z)+ 2y ; (34)

Jj=1

which can be solved by the fixed-point algorithm and its
convergence is also proved in [7].
Then, by using Theorem 1, the asymptotic SINR for the dual
precoding with BD can be derived.

Theorem 2 When M,N, B goes to infinity and % is fixed,
the SINR, “ngk in (21) asymptotically converges as

BD BD,o M—oo

Vgpk; - ’ygpk 07 (35)

where ’yfllz " is the asymptotic SINR, given as shown at the top

of the page. Here, mg,, 17, , and ¥{ are the unique solutions

gp° ~glg’

of
L= -1
mgp_EtT(RypTg)ng (QBZqE{h v} T+me_ 1+m0 +aIB> )
_ 1 P 7n/
Vi = 35C 2gcihw) TFme) (37
o — N/Q_l P m;lgpp N i m;/.‘lp‘l
ngp B N (1+mg,)? + ﬁﬁ(umgq)%
o P N my
Tglp 2N B ge{h,v} (1+7r’L;’ )2 (38)
" _ T _
In / addltl?n, ;né = [mg,myl", and my,, =
[mggpv,mggph] given by
=L —3) vy, my, =T —J) Vg (39)
where
tr(Rgo TyRewTy)  tr(RgTgRnTy)
N B(1+mg,)? B(1+my,)?
J=55 | & (RgnT, R,,T,) tr(ﬁgthﬁZth) ; (40)
B(1+mg,)? B(1+mg,)?
v.—1 tT(R Tg) v, —1 t’”(f:{gngli{ngg)
7B | tr(RyTy) |7 79 B | tr(Ry TRy, Ty)

with Ry, defined in (17). In addition, m,, = [m/,,m, ;1"
given by
my;, = (I = J) "'y, (41)
where
- tr(Ri, TiRi,Ty)  tr(Riy TiRu Th)
_ N B(1+my, )2 B(1tmy, )2
" 9B tT(thTszsz) tr(Rin TiRinTi) )
(1+ml )2 B(1+m§’h)2
1 B, H
Vglq _ § t’l‘(RlleBl RnglTl) (42)

tr(thTlBlHRnglTl)

Proof: See Appendix A. [ ]
Thanks to the structure of the dual polarized antenna elements,
we can have a simple asymptotic SINR in Theorem 2 com-
pared to that for the case of the general antenna covariance
matrices [7]. This gives a useful insight into the behavior of the
asymptotic SINR as a function of the polarization parameter in
Section IV-C. Furthermore, when the spatial covariance matrix
is the same for both polarizations, we can further simplify the
asymptotic SINR in Theorem 2.

Corollary 1: When the spatial covariance matrix is the
same for both polarization, i.e., infinitesimally small dual-
polarized antenna elements are co-located (see footnote 2),
the asymptotic SINR ’ny ° in (35) can be written as in a
simpler form as shown at the top of the page. Here, mj T



7 ()2 =7 (my,)?

’yBi o _ , (36)
IR (€9)20 g (1 — T2(L— (14+mg)2)) + (1 + 32, (67)270,,) (1 + mg,)?
with (£9)% = G{;g.
Tor 0= (€)1 7)(my)” 3)

with (£9)% = 5o

Q|

(€75, (1= 72(1 = (Lt mg)) F (1 X1y (67X g0) (L F 5%

and W are the unique solutions of

_ -1
o 1 / N ;7
my = girRyTy), Ty Bizme tals] (b
1 b, 2
g LP_me o p®T) g
¢ BG(1+my)? 9 BUrRT,RT,)
B(1+m3)?
N—-1P m PN my
o N1 Mg 0 946
9T "B N(1+mg? 9 NB(I+ 7)2’( )
ol — %tr(_;TgR;Tg) 7itr(RlTlBl R;B,T)) 47
9 Ler(R,T,R,T,) 9 1 Ftr(RTiR{Ty)
B(14+mg)? B(1+my)?

where R = JR, and R} = JR,. Here, Ry and R, are
defined in (7) and (17).

Proof: From (7) and (17), we can see that m¢, =

by R; = %Rg. That is, it can be described as if the BS and
MSs are co-polarized and the correlation matrices for the MSs
in the gth group are the same as I» ® R and the effective
transmit power of BS is reduced from P to 1J”CP Note that
this is valid only when the spatial covariance matrix is the
same for both polarizations. That is, Theorem 2 is extended to
more general covariance matrices addressing the polarization
of antenna elements.

B. Dual precoding with block diagonalization and subgroup-
ing based on both spatial correlation and polarization

By using Theorem 1 and an approach similar as that used
for the dual precoding with BD, the asymptotic SINR for the
dual precoding with BDS can be derived.

Theorem 3: When M, N, B go to infinity and % is fixed,

oh the SINR, 775 in (28) asymptotically converges as
mg, = Etr(3RyTy) in (37). Accordingly, by letting m$ =
+tr(3RyTy), Ty in (37) can be rewritten as that in (44). B2 — gli)gs"’ M=o, (50)
Furthermore, because, in (40), BDS
_ _ _ where v, 7 is given by
tr(RgoT2) = tr(RgnT2) = 3tr(R,T2), (48)
_ _ _ _ P _ o \2
tr(RgoTyRgyTy) +1r(Rgy TyRynT,) = Ltr (R, T,R,T,), BDS0 _ ¥ (£55)” (IlNOT J(migp)” 1)
mgv =m/ oh = mg as in (45). Similarly, we can prove that gpk
the parameters m’ gipq are given as (47). By substituting m’g, where
mqq, m’ gl into Wg, Y7 ., and TO of (37) and (38), we can o 2201 _ 0 \2
prove that yo, ngp, and T can be written as in (45) and I qpk ( ) T‘”p”( (1-Q+ Mg ) )+
(46). m (1+ Z Tgopa T Z Z 5lq atpg) (1 +mg ) , (52)
From Corollary 1, the asymptotic SINR is independent of a#p I#g9 4
MS index k and polarization index p. Accordingly, by letting . 0oV _ P o o
7”2[) ° £ ~!BDo for k = 1,..., N, the asymptotic sum rate Wth (&p) . GYgy where mg,, Y5, and WG, are the
ca(lln be apprgximated as unique solutions of
- -1
N Rgp _
b = 3 X Slon(i 2% = Fr T, T = (5 cfi +oTs)
BD ~ 08 ( Yok . 1p m
9= 1p€{v h} k=1 ng:§§W7 (53)
__N/2-1p m, o _ PN m/
_ ZNlogQ 1 _’_,y/BD 0) (49) ngpp_ B/2 N(Hfrfg:)?’ Tglpq_ﬁﬁ(lﬂgvigq)?v (54)
. _ 2tr(RgpT2 )
/BD,o with mgp_ Qi«(ﬁ 'gr rgcp Tgp)
Remark 2: We note that, when 7 =0, v, in Corollary 1-B B/Z’(’HL”’ q)’; 9p
1 is analogous to the asymptotic SINR of the dual precoding -
with BD derived in [8] under the perfect CSIT and uni- , tr(RypTypRypTyp) s
polarized system. That is, when the infinitesimally small dual- Mggpp = g r(RgpTgpRypTyp) (53)
polarized antenna elements are co-located, the asymptotic B/2(1+mg,)?
SINRs of the MSs in the same group are the same irrespective , < tr(f{ququgRngqulq)
of their antenna deployment, i.e., vertical or horizontal polar- Mgipg = S0 (RigTigRigTig) (56)

ization. In addition, the effective covariance matrix is given

B/Q(l+m§’q 2



where Ry, is defined in (17).

Proof: Because the proof is similar to that of Theorem
2, it is omitted. [ |
From Theorem 3, the asymptotic SINR is independent of

MS index k. Furthermore, because X in (5) is symmet-
ric, vfff,zs'o = yﬁlgso Accordingly, by letting fyﬁ)fs °
thl,z & yBDSo the asymptotic sum rate can be approx-
imated as

BDS, 0)

BDS logQ (1 +Ygpr

ZZ

9=1 pe{v, h}

Nlogy(1+~7P5). (57)

HMQ

C. Asymptotic performance analysis as a function of the XPD
parameter x

In this section, we investigate the effect of the XPD pa-
rameter x on the asymptotic SINRs of the dual precoding
schemes. Based on the asymptotic results in Theorems 2 and
3 and Corollary 1, we can have the following propositions.

Proposition 1: For a large M, the asymptotic SINR of the
dual precoding with BD in (36) is approximately independent
of the XPD parameter x. That is, if we define the asymptotic
SINR as the function fy_if,:’o(x) of x, then fyi)f °(x) =~
Yori” (0)-

Proof: See Appendix B. ]

Proposition 2: For a large M, the asymptotic SINR of the
dual precoding with BDS in (51) can be approximately written
as the function = ka °(x) of x given by

BDS,o

BDS,O( )% gpk (O) (58)

gpk L+cox ’

where
. (€,(0))* Y54, (0) “
“0=Eqop | TG00 1,20 PR 59
et (T2 (14mg, (0)2 = 1) +1)+1

Proof: See z&ppendlx C. ]

Remark 3: Note that, from Proposition 2, the asymptotic
SINR of the dual precoding with BDS decreases when y
increases. This is because the subgroups are formed with the
assumption that the interferences through the cross-polarized
channels are perfectly nulled out in Section III-C and P, in
(26) is determined based only on co-polarized CSIT. There-
fore, the interference power increases proportionally to x.
In contrast, because the dual precoding with BD nulls out
the intra-group interferences based on both co/cross polarized
CSIT, it exhibits performances somehow robust to the variation
of the polarization parameter Y. In addition, from Theorem

2, 3, and Corollary 1, we can also see that fyﬁf,?so(())

Yopi " (0)-

V. DISCUSSION
A. A new dual structured precoding/feedback

Even though the sum-rate performance of the dual precod-
ing with BDS decreases as y increases, it can utilize more

accurate short-term CSIT compared to the dual precoding
with BD under the same number of feedback bits as stated
in Section III-C. Assuming the CSI is perfectly estimated at
MSs, when random vector quantization (RVQ) with Ny bits
is utilized [23], the quantization error for the short-term CSIT
in the dual precoding with BD (i.e., the columns of G in (4))
is upper bounded as*

P2, < 27w (60)
For the dual precoding with BDS, the quantization error is
upper bounded as

Np

Thpg <2771, (61)

Because th?V bound is tight for a large Np [23], by assuming
T3, = 2_%(% TBDs), we have the following proposition.
Proposition 3: For a given x and a large M, when

(1+mgp(0))2 -1

e s (274_1)@%(1“5”(( sp<o>>?r;gpp<o><l+msp<°>>2>>

—log, X) ,

the dual precoding with BDS outperforms that with BD.
Proof: From (51) and Proposition 2, the SINR of the
dual precoding with BDS can be written as

_ Ao(1—78ps)
(Bo(1+ Dot pg) +(1+Eo) (Do+1)) (1+cox)

where AO - %( ;p(o))2(mgp(0)) By = ( o (0))2T2gpp(0)
Do = (14 mg,(0))* — 1, and Ey = Z#g(&p( )Y gipp 0)-
Note that WngjZ °(0) = 7{1}31)1]:35 °(0) in Remark 3, assuming the
same channel accuracy (i.e., T4, = Thpg). Therefore, by
setting xy = 0 in (63), from Proposition 1, the SINR of the

dual precoding with BD can then be given as

Ap(1 _7'}23D)
Bo(1+ Dot3p) + (1+ Eo)(Do +1)°

BDS,
Ygpk O(X) =

Yopi " (X) = (64)

Because the dual precoding with BDS outperforms that with

BD when fyBi)SO(X) > vﬁ)g’o(x), by letting 73, £ 72 =
2- 2 1( TBDs), we have
(1-4
(Bo(1 4+ Do14) + (1 + Eo)(Do + 1))(1 + cox)
(1-72)
> 5 . (65)
Bo(1+ Do72) + (14 Eo)(Do + 1)
After a simple calculation, we have
(BoDo + By + (1 + Eg)(Dg + 1))72 66)

- Co(BOD0T4 + By + (1 + Eo)(Do + 1)) '

“Here, the codebook is fixed given r and there is no adaptive codebook
that would adapt as a function of r and XPD. Of course, if r changes, the
codebook can be adaptively designed with respect to r, but it is out of scope
of this paper.

(63

(62)

)
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Fig. 2. Block diagram of a new dual precoding/feedback scheme.

From (59) and the fact that £y < 1 due to the BD, ¢y =~

Bo(D0+1)
BoDor*+Bo+Do+1 and we have

Dy
Bo(Do + 1)
(14+mg,(0))* -1 P
<1 &, (0)7,, (01 + mZp(O))2> a

which induces (62) by taking the expectation over g and p in
(67). ]

Remark 4: From Proposition 3, when the feedback bits are
not enough to describe the short-term CSIT accurately, the
dual precoding with BDS exhibits a better performance than
that with BD. That is, it is preferable that by forming the co-
polarized subgroup, each MS feeds back the short-term CSI
from the co-polarized transmit antenna elements. In addition,
from (62), when xy — 0, the dual precoding with BDS
always exhibits better performance than that with BD. Note
that for high SNR (i.e., m;p(O) > 1), the expectation term

O ) Which
is inversely proportional to the intra-subgroup interference
power from (52). Hence, a smaller intra-subgroup interference
widens the region where BDS outperforms BD. That is, if the
transmit signals to the co-polarized MSs can be asymptotically
well separated by the linear precoding (less intra-subgroup
interference), the feedback of the short-term CSI of the co-
polarized channel with a higher accuracy is preferable.
Therefore, motivated by Proposition 3, a new dual precod-
ing/feedback scheme can be described in Fig 2. Note that,
depending on the long-term CSI (spatial correlation, polar-
ization) and the number of feedback bits (or, the short-term
CSIT accuracy 7), the dual precoding is switched between
BD and BDS. In other words, by analyzing the asymptotic
performance of BD and BDS, we can propose a new dual
structured precoding which outperforms both BD and BDS
by balancing the weakness of BD (low CSIT accuracy across
the whole array) and BDS (performance degradation due
to large polarization parameter y). That is, given the same
feedback overhead, for small y, the dual precoding with
BDS will exhibit better performance, while, for large x, that
with BD will show better performance. However, because the
new dual precoding is switched between BD and BDS based
on Proposition 3, the new dual precoding will show better
performance than other two schemes.

x < (1+ )72

in (62) is approximated as E,

B. 3D dual structured precoding

Motivated by 3D beamforming [8], [20], the proposed
scheme can also be extended to the scenario of 3D dual
structured precoding. Assuming that the Mg x M4 uniform
planar array with dual-polarized antenna elements is exploited
at BS and there are L elevation regions. For simplicity, each
elevation region has the same number of groups, G, as in Fig 3.
Note that the elevation angular spread depends on the distance
dg between the BS and the gth group of the /th region and
the radius of the ring of scatterer s4;. By letting hy,; be the
2M Mg x 1 vectorized channel of the kth MS in the gth
group of the Ith region, it can be written as

1 1
hy = (T ®Uga) @ Uip) (A2 4 @ Afg)8ga,  (68)

where Ag 4 and A are the rg;4 X744 and ;g X7 g diagonal
matrices with non-zero eigenvalues of the spatial correlation
matrices R, , and R over the azimuth and elevation direc-
tions, respectively, and Ug 4 and U;g are the matrices of the
associated eigenvectors. Here, g,,1 = [g) 1., x&f " (resp.
8oxt = (X8 10 &oon|T) for vertically (resp. horizontally)
polarized MSs and gg,;, is a rgame X 1 vector whose
elements are complex Gaussian distributed with zero mean and
unit variance. Then, the 3D dual structured precoding signal
can be given as

L @
x=> 3 Vadg) @ aq, (69)

=1 g=1
where q; is the preprocessing vector based on Rjj
that nulls out the interferences from the other ele-
vation regions. Similarly to Section III-A, q; can be
computed such that qu U_ g = 0 with U_jp =

[Uig, .. Ui—1r, Uit1g, ..., Upg]. Then, after a simple ma-
nipulation, the received signal y ; of the gth group in the /th
region is given as

G
1 1
Yo=Y GHAZ @A (A20U )™V gidyn)  Ulhay) +ng
g'=1
G ~ 1
=Y VAGHAZ (L@ Uya)!Vyidg +ng,  (70)
g’'=1

where \; = qu Rjzq;. Note that after the vertical prepro-
cessing based on long-term CSIT (elevation), (70) is the (2-D
spatial domain) equivalent system in Section II and the new
dual structured precoding in Section V-A can be applied to
(70) with a channel scaling constant \; for the Ith elevation
region.

C. Polarization mismatch

When the antenna polarization between the transmitter
and the receiver is not perfectly aligned (i.e., polarization
mismatch), the performance can be degraded for both single
polarized antenna system and dual polarized antenna sys-
tem [21], [28]. In [28], the polarization mismatch can be
expressed by the rotation matrix with a mismatched angle

ms (; cos 0™ —sin ™7 : ms
0™ (i.e. [sin9ms o gms ]). Accordingly, we let 67}
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Fig. 3. Block diagram of a 3D dual polarized multi-user downlink system.

Ul-07s ,0ms | denote the mismatched polarization angle
for the kth user in the gth group, where Ula,b] indicates
the uniform distribution between a and b and 617 is the
maximum value of the mismatched angle. Note that the case of
o = 0 indicates the MSs are perfectly aligned with either
vertically or horizontally polarized antenna elements of the
BS. Then, from (6) and the above observation, the polarization
mismatched channel hy;* for the kth MS in the gth group can

be given as

3 5 ms
’;Y;CS — Ugix; (COS 9:(’]7;: - \/D?SIDH )(ggk>157’g ) (71)
) | UyAj (sin 0% + /X cos Hg}cs)(ggk)Tg+1:2Tg |
for vertical polarized MSs, and
_ i o _
ms _ Ugixé? (y/X cos 927: — sin egk )(8gk)1:r, (72)
T UL A (YRS O+ cos 072 ) (8 ) sy 4121, |

for horizontal polarized MSs. From (71), the covariance matrix
of the vertically co-polarized MS subgroup Ry,* can be given
as

polarization is perfectly aligned. Interestingly, it is known
that the effect of the polarization mismatch can be captured
by the multiplication of the long-term channel with a scalar
(< 1) [21], which is also consistent with c.ry in (74).
Furthermore, considering the polarization mismatch, we can
use Xy instead of x in the dual precoding with the mode
switching described in Remark 4 and Fig. 2.

VI. SIMULATION RESULTS

Throughout the simulations, we consider the one-ring model
for the spatially correlated channel [29], [30]. The correlation
between the channel coefficients of antenna elements 1 <
m,n < M is given by

R® _ 1 B —j7AG  R(a+0g) (rm—rn) g 75
[ g]m,n - K / e a, ( )
where 0, and A, are, respectively, the azimuth angle at
which the gth group is located and the angular spread of
the departure waves to the gth group which is determined
as A, = tan~'(s,/d,). Here, s, and d, are, respectively,
the radius of the ring of scatterers for the gth group and the
distance between the BS and the gth group. (see Fig. 1). The
parameter )\ is the wavelength of signal, r,, = [, Ym]?
is the position vector of the mth antenna element, and Q(«)
indicates the wave vector with the angle-of-departure (AoD),
a, given by Q(«a) = (cos(a), sin(«)).

1) Suitability of multi-polarized antenna elements in multi-
user Massive MIMO system: To see the suitability of the
dual polarized antenna elements in multi-user Massive MIMO
system, we have compared the performance of the linear
array antennas with dual polarized antenna elements and
single polarized antenna elements, when the dual structured
precoding scheme with BD is applied. The number of antenna
elements in both single polarized and dual polarized linear

U A%Dms A% UH 0 arrays are set as M = 120. The dual polarized linear array is
Ry = g e T g i oom |5 (73) then composed of 60 vertically and 60 horizontally polarized
0 Uy,Ag Dy Ag Uy antenna elements. Here, the XPD parameter is set as xy = 0.1.
where Total 32 MSs with a single antenna element are clustered into
- N - 4 groups having the same number of MSs per group (N = 32,
2 T .
. G =4, N = 8). Here, we assumed that when the single polar-
Dms — il L Ams __ . ms\2 I ) '3 k 5
oY N ;(C% g’ — VXS 0g)” | L, ized linear array is deployed at the BS, the antenna elements
) B - of all MSs are co-polarized with those of BS (which is the
1 S 293};)( 1 sin 20&1;)( : 1 io f h inel larized li F h
R e e B b optimal scenario for the single polarized linear array). For the
2 4075, 2 4075, dual polarized array case, in each group, & vertically polarized
[ 9 g 1 and % horizontally polarized MSs coexist.’ For preprocessing,
=K ﬁ Z(sm@ + /X cos O 5)? L, we set B = 14 for both the single/dual polarized cases such
k=1 | that N < B < (M — (G —1)r’) and B <7/, where 1’ is the
1 sin 29ms 1  sin26™s minimum among the rank of Ry, g =1,...,G.. In addition,
=\l = txl st =) ) Ly, Al =..=A; = A = 46, = —= 4+ (g1
2 40ms 2 40ms g 1 4 1507 and 0, itTsle-1
max e for g = 1, ...,4. Fig. 4 shows the sum-rate curves for the
Therefore, we can have arrays with dual polarized antenna elements, d; = 2¢ and
R™ — ¢ R; 0 R™ — ¢ Xef Ry 7 4)vv1th single polarized antenna elements, d; = {)‘2‘), %}, where
gv effl o XeffRS 1 Thgh eff 0 Rg ds is the inter-antenna distance. We can see that the dual
N B L, sin2oms. Gin 2075 4 polarized array with the array size of 30\ exhibits better
where cepr = 5+ ggme T X2 Tagme an
1 (1 sin 2077% sin ngdx SNote that this environment can be made by choosing proper & Vertlcally
Xeff = Cers \ 2 40ms, +X (7 + 40ms. ) Note that polarized and g] horizontally polarized MSs when we have enough MSs in
cefr < 1 and the equahty is satisfied when 67 = 0, i.e., a cell. user selection (multi-user diversity) in this paper.
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Fig. 4. Sum rates of the dual precoding with BD with dual/single polarized
linear arrays.

performance than the single polarized one with the size of
60\ (corresponding to ds = %). Furthermore, we can see
that, if we let the single polarized array have the same size
as the dual polarized one by reducing its inter-antenna space,
its performance worsens significantly. Accordingly, the multi-
polarized antenna can be one possible solution that partially
alleviates the space limitation of Massive MIMO system.

2) Performance comparison of dual precodings with BD
and BDS: To evaluate the performance of the dual precoding
schemes with BD and BDS, we have also run Monte-Carlo
(MC) simulations. Here, it is assumed that BS has a dual
polarized linear array antenna with M = 120. It is also
assumed that N = 32, G = 4, N = 8. For preprocessing,
we set as B = min(2N, 2r), where 7 is the minimum among
the rank of R7, g =1, ... G In addition, Rf] is generated by
(75) with dy = 22, A = 7. and 6, = —5 + Z(g — 1) for
g=1,..4.

Fig. 5 shows the sum rate of the dual precoding with BD
and BDS when the perfect CSIT is assumed (i.e., 72 = 0).
Note that when x = 0, the dual precoding with BD and
BDS exhibit the same sum rate performance, as mentioned in
Remark 3 and (31). However, when x = 0.1, the performance
of the dual precoding with BDS is degraded, while that of
the dual precoding with BD does not change significantly
compared to the case of x = 0. Fig. 6 shows the sum rates
when y = 0 for the imperfect CSIT with 72 = 0.1 (i.e.,
T73p = 72 and T3¢ = 7 from (60) and (61)). We can see
that the BDS exhibits better performance than the BD because
the BDS can exploit more accurate short-term CSIT due to
the feedback of the smaller dimensional channel instance.
Interestingly, the gap between the analytic results and MC
simulation results becomes larger as SNR increases. This is
because the analytical derivation is based on Theorem 1 with
z = —a and the approximation error bound is proportional
to é = %, which is also addressed in [Proposition 12, 7].
In Fig. 7, we provide the sum rate curves of dual precoding
schemes as a function of y for 72 = {0,0.5,1.0,1.5} when
SNR = 15dB. Here, the approximated sum-rate is obtained
from the approximated SINR in Proposition 1 and 2. Note
that the performance of the dual precoding with BD is not
affected by the variation of ), while that with BDS decreases

12’

Sum rates of dual precodmgs with BD and BDS, perfect CSIT

w
@
=}

—BD with X 0 MC 5|mulanon

|| P BD with x =0, Analysis

——BDS with x =0, MC simulation
& BDS with x =0, Analysis

[| —BD with x =0.1, MC simulation

BD with x =0.1, Analysis

{{ ——BDS with x =0.1, MC simulation

O BDS with x =0.1, Analysis

w
=]
=]

N
a
=]

N
o
=]

Sum Rate (bps/Hz)
=
o
2.

N
o
=]

o
=]

2

0 5 10 15 20 25 30
SNR (dB)
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Fig. 6. Sum rates of the dual precoding with BD and BDS under the imperfect
CSIT, 72 = 0.1.

as x increases. However, the dual precoding with BD is
largely affected by 72. As 72 increases, the region that BDS
outperforms BD becomes wider. Note that the crossing point
in Fig. 7 is located where xy =~ 72, which agrees with (67)
when By > 1.
In Fig. 8, we also compare the sum rates of BD and
BDS versus the number of feedback bits per user when
{0.1,0.2}, SNR = 25. Per Remark 4, when the
feedback bits are not enough to describe the short-term
CSIT accurately, the BDS exhibits a better performance than

the BD. Here, the cross point corresponds to Np =~ (2r —
(1+mg,(0))*—

1) (log, (1+ By (mmreg, ot ome)) ~ 108X
in (62).

3) Performance comparison of the proposed dual precod-
ing: To verify the performance of the proposed dual structured
precoding in Section V, we have compared its sum rates with
those of dual precodings with BD and BDS. In Fig. 9, we set
Np = {50,65} and x is uniformly distributed on [0, 0.5]. We
can find that the sum rates for Ng = 65 is higher than that for
Np = 50 and the sum rates of all schemes are saturated at high
SNR due to the imperfect CSIT. Note that the proposed scheme
exhibits higher performance than the other two schemes, as
mentioned in Section V.A.

In Fig. 10, we have evaluated the 3D dual structured
precoding in Section V-B when 10 x 50 uniform planar
array is deployed at BS with a height of 60m and there are
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of feedback bits for x = {0.1,0.2}.

three elevation regions with dg; € {30,60,100}m, each with
4 groups. We assume the equal power allocation over the
elevation region, SNR = 25dB, and that 72 is uniformly
distributed on [0, 1]. Each group has 8 MSs and all groups
have the same angular spread A = {5. The radius of ring of
scatterer is then given as sy = dgtan(A) and the path loss
is modeled as P55 = ﬁ Then, the elevation angle
6
spread can be computed as tan ! (%) —tan~! (j—ol)
(see Fig. 3). In addition, the mismatch angle for each user
is randomly generated as 67}° ~ U[—0[1:, 01 ] with (a)
o =0 and (b) 6775, = 0.227. We can see that the overall
performances for 67 = 0.227 is outperformed by those
for 672 = 0 (i.e., the polarization is perfectly aligned). In
addition, the performance of dual precoding with BDS is more

sensitively degraded than that with the BD. For small x the
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dual precoding with BDS exhibits better performance than that
with BD regardless of polarization mismatch. Furthermore,
the proposed dual precoding in Section V also outperforms
the two other schemes. That is, by switching between BD
and BDS based on the long-term CSIT parameters (spatial
correlation and XPD) jointly with the number of short-term
feedback bits (or, short-term CSIT quality), the performance
of the dual structured precoding can be improved, regardless
of the polarization mismatch. In addition, using the effective
XPD parameter . sy shows better performance than the actual
XPD parameter .

VII. CONCLUSION

In this paper, we have investigated the dual structured
linear precoding in the multi-polarized MU Massive MIMO
system. In the dual precoding with BD, MSs are grouped



based only on the spatial correlation. However, in that with
BDS, by subgrouping the co-polarized MSs in the spatially
separated groups, we can further reduce the short-term CSI
feedback overhead. Based on the random matrix theory, the
system performances of dual structured precoding schemes
are asymptotically analyzed. From the asymptotic results,
we have found that the performance of the dual precoding
with BD is insensitive to the XPD, while that of BDS is
affected by the XPD parameter. Because the dual precoding
with BDS can have more accurate CSIT (across half of the
array) than that with BD under the same number of feedback
bits, the region of the number of feedback bits where the
BDS exhibits better performance than the BD is analytically
derived. That is, assuming the CSI is perfectly estimated at
MSs, when the number of feedback bits is not large enough
to describe the short-term CSIT accurately and the XPD
parameter () is small, the dual precoding with BDS exhibits
a better performance. Finally, based on that observation, we
have proposed a new dual structured precoding/feedback in
which the precoding mode is switched between BD and BDS
depending on the XPD, spatial correlation, and the number
of short-term feedback bits (short-term CSIT quality) and
extended it to 3D dual structured precoding.

APPENDIX A
PROOF OF THEOREM 2

We note that our derivation is based on the derivation of
the asymptotic SINR of regularized ZF precoding in spatially
correlated MISO broadcasting under the imperfect CSIT [7].
The main difference is that the asymptotic inter/intra interfer-
ences are evaluated over the polarization domain as well as
the spatial domain. We first consider the normalization factor
&2 in (20). By letting ¥ £ Lir(HIKIK H,), £ can be
rewritten as

, P1

Y=o

(76)
By substituting f{g in (19), due to the matrix inversion lemma,
W can be written as shown at the top of the page. From Lemma
4 in [7], we have

N/2 -2

PPy

pE{U h}k= 1 1+ fT(BHRng

str(BfRg,By (A 7 +alp) )
(A7 +alp) )2

M —o00
— 0.

Because the covariance matrix of users in the same co-

Ttr(BgI;iRngg (Ag+ O‘IB)_l) -

from (17)). The trace in the denominator of (79) is then equal
to mg,(—a) and, from Theorem 1,

M—)oo

1
Sir(ReTg) =50, 80)
where T is given by (37) from (33) and (34). Furthermore,
the trace in the numerator of (79) is the derivative of mg,(z)
at z = —aq, i.e., my,(—a). Therefore,

a1 oo
~tr(BYR,,B, (A, + aljp) 2)—§tr(Rng’)M” 0, (81)

where
N R,,m'
T =T, | — — 9P L1 | T, (82)
9 2Bp€%;h} (1 +mg(—a))2 P )7
/ 1 N /
my, = Etr(Rngg). (83)

Then, by putting T; in (82) into (83), m’g can be obtained as
in (39) and ¥ is converged as

PN Mgy Moo
“ONB 2 {Trmep O (84)
pe{v,h} 9p

£|hZ€B K ng|2 and the

intra-group interference component 2:J7,5,€|hH B, K hgj |2in
(21), because G4 and Z, in (8) are 1ndependent by taking
a similar approach described in (77) and (78) (See also
Appendix II.LB and C in [7]), we can have the following
relations:

For the signal power component

(1 - 7'2)(7”2;;)2 M —o00

IhlB, K hy|? — —=°0, (85)
’ (1+mg,)?
Tk 2 1—(14+mo 2 -
2 B,K hy;[2— gop(1 =T (1= (1EmG)) arovee ) o)
iz 9 (1+mg,)?
where
1 o ~
k SH1y1/2 H Hpl/24
ngp B Zgijgz/i BQKQBQ RgPBgK!JBg Rgz/7 8gj
J#k
N/2

4= Z s R!/?B,K,BIR,,B,K,B/R/?g,;. (87)

Note that by taking a similar approach described in (77) and

(78) (78).

k N/2 -1 %tr(Rgp(Ag + aIB)_lf{gp(Ag + aIB)_l)

polarized subgroup is equal, from Lemma 6 of [7], we have ggp — B (1+ %tr(Rgp(Ag +alg)1))2
NP Z %tT(Bngz’Bg (Ag+ alp)™?) _E %tT(qu(Ag+aIB)flep(Ag +alp)™h) M50 () gg)
YN - B 1:.0(R _\—1))2
2NB pe{v,h} (1+ %tr(BglepBg (Ag +alp) 1))2 2B (1+ gir(Rgq(Agt+alp)™))
. = = -1
Ml?o 0, (79) By defining 1mggp4(2) £ %tr(qu (Ag +olp — ZRgp) )>
the trace in the numerator of (88) is the derivative of mggpq(2)
where A, = <+ H HH : Then we define mg,(z) = at z=0. Furthermore, by using Theorem 1,

str(BI'R,, B, (A zIB)
in Theorem 1 by setting S =

), which is analogous to (_32)
0and Q = BngpBg(: Ry,

(89)

1 _ M—c0
Mggpq(2) — Etr(quTgp(Z)) = 0,



_ _ ~ -2 ~
P&, ey - N2 e p & BhEB,(A7*+alg) Bifh
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where A;k = %ﬁ;k(ﬁ;k)H and IfI;k = [Egl, ...,Egk,l,ﬁgk+1}igﬁ].
where T, (2) = (% qu{v’h} %4—&13—2}7{”)_1. First, let us consider the high SNR regime (i.e., small «).
Accordingly, we have Because
N R,,m z _ _ 1 _
T =Ty Y B g p 00 rRER D) = Lir(RR +a/50) )
2 ge{oh} (1+mggep(2)) ﬁl
. ~<trRR+aeD)7), 97
Note that T,,(0) = T, in (37) and from (89), B

° M —o0

Mggpq(0) — mg, 0. Together with my, .(2) —

M—o0

Htr(RgyT},(2)) "— 0, m,, can be obtained as (39).
Accordingly,
k o M—oo
Toop— Togp — 0, 1)
where T7  is defined in (38).

Now let us consider the inter-group interference component

Th, = >, bl I B,K,B!"hy;|? in the denominator of (21) for

l#g. Then T » can be rewritten as

N2

1 CHol/21 2 1/2 -
Tk = Z 3 &l'R,/*BKBI'R,,BK/BI'R,/g,.92)

BT oy

Note that (92) has a similar form with (87). Therefore,
similarly done in (88), we have

vk N Z %tT(qu(Al+CVIB)71B{IR9PBZ(AZ—&-OZIB)*l)
l >, > _
gip 2qu{v7h} (1o +FtrRig(Ay+alz)—1)?
M —oc0
— 0.

Furthermore, by following the steps similarly done in (89)-
(90), we can obtain

M— o0
Th — Yo =0,

gl (94)

where T;lp is defined in (38). By substituting (84), (85), (86),
(91), and (94) into (21), we can have (35).

APPENDIX B
PROOF OF PROPOSITION 1
Let R, (x) = (14+x) [ 1?)9 1;)5 ] from (7). Then, we have
R, (x) = (14 )R, (0) (respectively, R, (x) = (1+x) R, (0))

and, from Corollary 1, vfpg (x) can be evaluated by using
(43) with 2R (x). From (44), we define

—1

0 = (gpriadrat) . o9
M) = —=tr(Ry(0)Ty(x): 96)

2B

for any Hermitian nonnegative definite matrix R and small «,
by substituting (95) into (96), we have

N (14+x)Ry4(0)
2B

w00 = gpptr(10Ry0) (5 TR Dy ) ),

~ N R,0) N
~ ﬁtr(Rg( )(2Bl+79ng(x) +aIB) ), (98)

which implies that

my(x) = m5(0) 99)
Furthermore, by substituting (99) into (95),
1 (N R,0) a -
T = — g 15 100
s(x) 1+x(231+mg(0) T+x B) (100

By using (97), (99) and (100), we can also derive
1

!

©8Y9 (X) = 7= (0), migy () =g (0), migy (x) 2 me, (0)101)

+X
which implies that

o 1 (o] o o
\Ilg(X) ~ mq}g(o)v ng(X) %ng(()),
() =T0(0), €500~ (1+x)€7(0). (102)
Then, based on (99) and (102) together with (43), yfp f °(x) ~
Yoot (0).
For low SNR regime (i.e., large o), in (95), Ty(x) =~ +15

and accordingly, mg(x) = (1 + x)m{(0) < 1. Furthermore,

m;(0), my,(x)~
miy (x) =~ (1+x)

m! (x)~ (1+x) (1+x)%my, (0),

*my(0), (103)

and Wo(x) ~ (1 + x)¥g(0), Tg,(x) ~ (14 x)*Tg,(0).
o (x) ~ (1+ x)?7(0), and £5(x) ~ 1+x§0( ). Accord-
ingly, in the low SNR regime, we can have that 'ygE;]Z °(x) =~

V(ii) °(0). Accordingly, in the low SNR regime, we can have

BD, BD,
that 7, (x) = 7, °(0)-



APPENDIX C
PROOF OF PROPOSITION 2
From (7) and (24), we have R, (x) = Rgn(x) =
(B:)"R:B;. That is, Ry, (x) and Ry (x) are independent
of x and expressed as Ry, (x) = Ry, (0). Accordingly, from
(53) and (55),

Mg, (x) = mg,(0),  Tgp(x) = Typ(0),
Mg (X) = Mg, (0), Mg, (X) = Mg, (0).

BFRgp(O)qu forg=p
Xququ(O)qu forqg#p ’

(104)

Because BgRgp(X)qu = {

m!, (0) forg=p
/ — glpg
from (53), mglpq(x) { Xm;qu(O) forgtp - Therefore,
from (51),
0 % (&5,)2(1 = 72)(mg,)?
ngji& ( ): N \Sgp gp (105)

;pk(X) ’
where I N ;pk(x) is given as shown at the top of the page.

Because of the preprocessing with BD,
To,0p(0) > Yo,,(0)  for g # [ and
aok(X) = INJ L (0)(1 + cogprx). Wwhere cogpr =
(£95(0)27,,,(0)(1+mg, (0))? By

(€9,(0))%Y 54, (0) (72 (1+m,(0))>—1)+1)+(1+mg, (0))2
averaging co gpk OVEr g, p, we can have (59).
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