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ABSTRACT
The growth of Internet technology and eectronic commerce has not been matched by
theoreticdly-guided socid science research. Clear and well desgned consumer research is
needed to describe, explain, and predict what will happen to this changing landscape. The
primary purpose of this study is to investigate the Structure for consumer preferences to make
product purchases through three avalable retall formats - store, cataog, and the Internet.
Conjoint analyss was used to assess the sructure of the decison and the importance of the
atributes in the decison-making process. The results from this sudy noticegbly show that the
gructure of the consumer decisionrmaking process was found to be primarily one of choosing
the retail format (store, @adog, or Internet) and price of product (set at low, medium or high)
desred. The drength of the retall store format suggests that fears that the Internet will take
over the retall arena seem, a least at this point in time, overblown and exaggerated. However,
there seems to be an identifiable segment of customers that has a preference for the Internet

asaretal shopping aternative.



E-TAILERS VERSUS RETAILERS: WHICH FACTORS

DETERMINE CONSUMER PREFERENCES

INTRODUCTION

Although there has been much research to identify important attributes in the consumer
decisorrmaking process for shopping at retail stores and through catalogs, research has not
yet focused on the drivers for consumer choices to use the Internet for product purchase. To
identify the impact of e-commerce, consumer behavior research is needed to illustrate a more
accurate representation of how consumers will make choices relative to avalable retall
dternatives. In the marketing literature, the focus has not been on the decison process as one
of posshble tradeoffs. Therefore, we need to examine the consumer behavior literature as well
as the more recent work on the acceptance of technology and apply them to this reatively
new consumer decision-making process.

By identifying key drivers of retaill format sdlection from both theoretical backgrounds, the
god is to find out which of the attributes are crucid in determining consumer preference
regarding retail shopping dternatives. Moreover, theoretica-driven research dlows us to
expand the power of consumer behavior theories, dlowing even grester clarification of the
practica issues. In light of these issues, this research has two main objectives. (1) to identify
the dructure for consumer intentions to make product purchases through three retall
dternatives, and (2) to examine the trade-offs consumers are willing to make when deciding
through which retail dternative to make a purchase.

Although most retalers, catalogers, and market research companies assume tha e
commerce will jolt dl other retall formats, academic research has yet to identify if this is the
case. As technology increases the dternatives for consumers, it is important to understand

what motivates consumers to shop using a paticular retal format. The potentid growth of



Internet shopping makes this area fertile for theoretica-driven research. Researchers have
examined a number of varigbles and condructs in an atempt to undersand retail formeat
sdection and nonstore purchasng behavior, but little cohesve organization is yet evident.
This reserch ams to identify how consumers chose the ting they wish for a given
consumption purpose. Invedtigating under what circumstances and what conditions different
consumers will accept dectronic commerce should provide a new dimenson to the current
literature. In addition to purchase format, we identify five key edements in the consumer
purchase decison-making process. subjective norms, attitude, percelved behaviord control,
ease of use and price.

This paper is dructured as follows. First we provide a brief synthess of the exising
literature on consumer choice behavior and technology acceptance in a retail context.
Secondly, we report on the results of a conjoint experiment designed to empiricaly assess the
consumer decisonrmaking process. We conclude the paper with a discusson of the reaults
and the theoreticad and manageria implications.

LITERATURE REVIEW
One theme that has emerged in the literature on technology use is the link between atitudes
and behaviord intentions (Adams, Nelson, & Todd, 1992, Bagozzi & Kimme, 1995;
Dabholkar, 1992, 1996; Davis, 1989, 1993; Davis, Bagozzi, & Warshaw, 1989; Davis &
Venkatesh, 1996; Hill, Smith, & Mann, 1987; Mathieson, 1991; Taylor & Todd, 1995). The
theory of reasoned action (TRA) (Fishbein & Ajzen, 1975) has been used successfully to
identify key dements of consumer decison-making (Taylor & Todd, 1995). The TRA
proposes that behavior is determined by an individud’s intention to perform the behavior,
and intention is influenced by attitudes and subjective norms (Ajzen & Fishben, 1980).
While mogt of the support for the theory has come from the socid psychology literature, there

has been success in agpplying this theory to consumer decison-making (Sheppard, Hartwick,



& Warshaw, 1988). Research usng TRA has proved to be successful across a number of
disciplines and was “designed to explain virtudly any human behavior,” (Ajzen & Fishben,
1980, p.4).

Since it has recelved support in the dtitude and behavior literature, severa researchers
have refined the theory of reasoned action to enhance its predictive nature on behavior. Two
such versons are the theory of planned behavior (Ajzen, 1991, 1988) and the technology
acceptance model (Davis, 1993, 1989). Both of these theories have been identified to predict
an individud’s intention to use some type of technology. The theory of planned behavior
(TPB) (Ajzen, 1991, 1988) was desgned to predict an individud’s behavior across many
socid and psychological settings and can be applied to Internet shopping. The theory of
technology acceptance (TAM) was specificaly developed by Davis (1993, 1989) to predict
an individud’s intention to use an information sysem and can be modified to predict a
consumer’ sintention to use Internet technology for product purchasing.

Key dements from these two extensons of the theory of reasoned action are used in this
research to identify behaviora purchase intentions of consumers for a retall product purchase
decison. From research on these two models, four variables were identified as applicable to
this research: 1) subjective norms, 2) attitude, 3) perceived behaviora control, and 4) ease of
use. Another element that has been identified in both academic and Internet literature, but not
extensvely tested, is the effect of price on using technology (i.e. would consumers use the
Internet only if there was a price savings or would they be willing to pay a premium to use
the Internet). Therefore, price was examined in this research as wel.

The Theory of Planned Behavior

The theory of planned behavior can be thought of as an extenson of the theory of
reasoned action in that it “accounts for behaviors that a decison maker regards as potentialy

subject to interference by internd or externd impediments’ (Bagozzi & Kimmd, 1995, p.



437). According to the theory, the immediate determinant of behavior is intention to perform
the behavior. One of the mgor limitations of the theory of reasoned action is that it did not
ded with behaviors in which individuds have “incomplete volitiona control,” (Ajzen, 1991,
p.181).

The theory of planned behavior (TPB) assarts that behaviord intention is a function of
atitude and subjective norm, smilar to TRA, but with the addition of perceived behaviord
control (PBC). Attitude towards the behavior is determined by the individud’'s evduations of
the outcomes and an assessment as to how likely the outcome is to occur. Subjective norm
refers to the individua’'s perceptions of the socid pressure to perform (or not) the behavior.
In respect to the modd, Ajzen (1991) defines PBC as the “perception of ease or difficulty of
peforming the behavior of interest,” (p.183). It is beieved that behavior is grongly
influenced by an individud’s confidence in hisher ability to perform a behavior (Ajzen,
1991). Madden, Ellen, and Ajzen (1992) examined the effect of control of ten different
behaviors and found that perceived behaviora control predicted intention for al categories.
The more an individud beieves that the resources and opportunities exit to perform the
behavior, the greater their perceived behaviora control over the behavior should be.

Each of the determinants of intention, attitude, subjective norm, and perceived behaviora
control are determined by underlying bdief dructures. It is important to note that these
beliefs are the ones that are sdient to the individua a the time, not just a broad range of
beliefs that could occur (Ajzen, 1991). Attitudes toward the behavior, subjective norm,
perceived behaviord control, and intention “each reveds a different aspect of the behavior,
and each can serve asapoint of attack to changeit,” (Ajzen, 1991, p.206).

The Technology Acceptance Modd

Davis (1993, 1989) derived a specific theory of reasoned action reating to technology

acceptance. The god of the modd is “to provide an explanation of the determinants of



computer acceptance that is general,” (Davis & d., 1989, p.985). By extending the attitude
toward behavior — behaviord intention reaionship esablished in the TRA and TPB, Davis
(1993, 1989; Davis et a., 1989; Davis & Venkatesh, 1996) studied adoption of computer
software in a workplace setting. The attitude-behaviord intention relationship in the modd
implies that al ese bang equd, individuds form intentions to perform behaviors toward
which they have a positive effect (Davis, et d., 1989).

The modd was desgned to understand the causd link of externa variables to its usar’s
computer acceptance and use. According to Davis, et d. (1989) the technology acceptance
modd (TAM) “...is specificdly designed to explain computer usage behavior...(p.983). The
god of TAM is to be...capable of explaining user behavior across a broad range of computer
technologies and user populations..by identifying a smdl number of fundamentd
variables...for modeling the theoretical relationships among these variables,” (p.985).

In this mode, behaviora intention (Bl) to use the technology is determined by the
individud’s attitude toward using the technology. Attitude (A) toward using is therefore
determined by two specific beiefs, perceived usefulness (U) and percelved ease of use
(EOU), which were identified from previous research to influence user acceptance (Davis
1993, 1989; Davis, et a.,1989; Hill, et d., 1987). Ussfulness is the individud’s perception
that using the technology will improve hisher peformance (Davis, 1993, 1989; Davis & 4.,
1989; Davis & Venkatesh, 1996). Assumed to have a direct effect on intention, usefulness is
a0 linked with ease of use to determine dtitude. Ease of use is the individua’s perception
that using the technology will be free of effort (Davis, 1993, 1989; Davis et d., 1989; Davis
& Venkatesh, 1996). Ease of use is thought to have a large amount of influence over first
time trids and then influencing the consumer to use the technology again.

The technology acceptance model has received a lot of support in predicting user

acceptance. Davis (1986) pioneered the model and continued to validate it (1989, 1993). It



was then successfully replicated (Davis et a., 1989; Adams et d., 1992, Mathieson, 1991)
and research was extended to examine user acceptance (Moore & Benbasat, 1991; Taylor &
Todd, 1995).
METHODS AND PROCEDURES

The primary purpose of this sudy was to explore the sructure for consumers behaviora
intentions to use available retall formats (ore, cataog or Internet) for product purchases.
Usng the theory of planned behavior (Ajzen, 1988) and the technology acceptance mode
(Davis, 1993, 1989) to guide the research, severd dtributes were identified as likey
predictors of consumer intentions to use a particular retail format to make a product purchase.

This research has two main objectives. (1) to identify the Structure for consumer intentions
to make product purchases through three retail aternatives, and (2) to examine the trade-offs
consumers are willing to make when deciding where to purchase. To accomplish the research
objectives, conjoint anayss was seen as the appropriate tool to use. According to Green and
Srinivasan (1978), conjoint andlysis can be used to determine the contributions of predictor
vaiables and ther levels when atempting to determine consumer preferences and to
edablish a vadid modd of consumer judgements. Once this modd is identified, predictions
can be made about consumers acceptance of any combinations of attributes. Severd
researchers have provided excdlent overviews of the conjoint technique (Carroll & Green
1995; Green & Srinivasan, 1990; Louviere, 1988).

Design of the Conjoint Andyss Study

For the conjoint analysis study we choose the part-worth function modd, as it provides the
most flexibility in terms of functiond form of the preference function (Green & Srinivasan
1978, 1990). Moreover, the full-profile method was employed to collect the data for the
conjoint andyds. The full-profile method was utilized because of the redism that the method

displays to respondents (Green & Srinivasan 1978, 1990). A limitation to this gpproach is the



possihility of information overload, as it utilizes the complete set of factors. However, the use
of fractiond factorid desgns has been suggested to ameiorate information overload
(Addelman 1962; Green & Srinivasan 1978, 1990).

The respondents were presented with a verbd description for the simuli usng a simulus
cad. The dependent varigble in the sudy was intention to purchase. The Sx independent
variables were retal format (three options. Internet, retail, and catdog), price (three options:
high, medium, low), control (two options. high, low), esse of use (two options easy,
difficult), subjective norm (two options high, low), and attitude (two options podgtive,
negative). Two sample profiles are included in Appendix A. The respondent was requested to
respond to the hypotheticd profile by giving a rating, on a 0-100 scde, of how likey they
would be to purchase the product given that specific profile. Findly, the OLS procedure was
employed to obtain estimates of the parameters, or part-worth utilities.
| nstrument
From a measurement perspective, a researcher collecting conjoint data has respondents rate a
dimulus conggsing of multiple attributes That is, in conjoint messurement, a respondent
consgders dl factors concurrently for each trestment combination (dso cdled a dimulus,
profile, or scenario). Using this andyss, the researcher is able to decompose the evauations
into separate utilities, or part-worths (Green & Srinivasan 1978, 1990). Data collection is,
therefore, more holistic and more ecologicaly vaid because complete Stuations rather than
ample questions are consdered. The choice Stuation for this study is consumer’s preferences
for aretail format of purchase of consumer products.

This research uses a questionnaire (conjoint rarkings) and a scenario. Several researchers
in the consumer behavior fidd have advocated this process ingead of the traditiond
laboratory experiments (Bateson, 1985; Dabholkar, 1992, 1996; Surprenant & Solomon,

1987). With respect to the terminology that was used for operationdizing the absract



conceptudisations encountered in the literature, we felt that we had to ‘trandat€ those into
eadly underdandable and unambiguous (layman's) terms in order to facilitate the data
collection procedure. Previous ressarch implicitly and explicitly suggested some of the terms
that we could use in our study. For instance, Davis (1989, 1993) defines ease of use as the
individua’s perception that usng the technology will be free of effort. Furthermore, we aso
had to use terminology that could be kept consgtent for dl three modes of purchase, i.e,
retail shopping could hardly be described as ‘easy to use'.

Product Categories

Two product categories, a music CD and a personad computer, were tested in this sudy. Each
product was chosen based on frequency of purchase on-line In mogt dudies examining the
shopping trends for Internet purchases, music sales and computer products are consistently
lised in the ‘top threg’ for category purchase frequency among Web users (Boston
Consulting Group, 1998; Ernst & Young, 1998, 1999; Forrester Research Inc., 1998, 1999;
Nielsen Media Research & CommerceNet 1999). In addition to purchase frequency, other
criterion that was used for selecting the products was that each product ould reasonably be
assumed to be purchased in al three retall dternatives (Internet, catalog, and store-based
retailers) and be purchased by awide range of consumers.

Compared to one another, CDs offer a lower levd of risk with the purchase from the
consumers point of view then would a computer. Musc CDs ae usudly low-cost
entertainment items purchased for the ability to persondly sdect the musc you wish to lisen
to. Computers have a higher levd of risk associated with them since there is larger cost
involved in the product. A computer usudly has an effect on the ability to peform certan
functions, whether for work or for pleasure. Thus, these two product classes offer a good
opportunity to develop the theory and implications for academics and practitioners. In

addition, researchers who utilize conjoint analyss recommend that some familiarity with the



product is necessary for a rationad evauation of intent to purchase, which tend to make the
evauations more valid (Nataragjan, 1993).

Sample

The sample conssted of 290 mall shoppers in a Chicago suburb. The use of the mal intercept
technique gave the researchers the ability to have face-to-face interviews with the
respondents, which was more desrable since the conjoint method was used (Green &
Krieger, 1991; Green & Srinivasan, 1990). Bush and Hair (1985) found in their comparison
dudy that the overal qudity of mal intercept data surpassed that of teephone interviewing
and provides for more complete and less distorted responses. Since we wanted to ensure that
respondents understood the terms that were used in the scenarios, it was important to provide
an opportunity for a more in-depth data collection procedure, which the mall intercept survey
provides (Bush & Hair, 1985).

One of the mgor concerns when udng mal intercept surveys is ensuring the sampling
procedure so that the correct respondents are chosen (Bush & Hair, 1985). Since we preferred
a more random sample of the population, quota sampling was not used. Instead, every fifth
shopper who passed our data collection point was invited to participate in our study. In order
to avoid respondent bias, the research was done over a six-day period that included weekend
days and weekdays, as well as different shopping hours. Shoppers were asked if they were
familiar with both catalog and Internet modes of shopping before they were asked to
complete the survey to assure that they were familiar with each of the retall dternatives that
were presented (Nataragjan, 1993). The sample characteristics can be found in Table 1.

[U Insert Table 1 about here b ]

As can be seen in Table 1, we received consstent results across the two product groups in

teems of characterigics. In terms of age, dthough we did have a variety of ages in the

samples, nogt of the respondents fel into the <35 years age category. This could be one of
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the problems of not usng the quota sampling procedure advocated by some mal intercept
researchers (Blair, 1983; Sudman, 1980). Since we had a greater proportion of younger (<35
years) respondents, it resulted in having a larger proportion of lower income respondents
compared to those with incomes of $55,000 and higher. The one characterigtic in which our
two product group samples differed the most was in terms of level of education. For the CD
product class, there was a higher percentage of college graduates than in the computer
product class, while the computer product class had a higher percentage of graduate school
respondents than the CD sample.

The questionnaire was sdf-adminigered under the guidance of a surveyor in a private
location within the mall. Each respondent was randomly assigned to answer either the CD or
computer survey, but not both, to ensure that there would not be respondent fatigue. In
conjoint analyss, respondent fatigue is more likdy if respondents must assess large number
of profiles in the survey (Green & Srinivasan, 1978, 1990). Therefore, respondents answered
the questionnaire for only one product type. Of the 290 surveys that were collected, 281 were
usable. For the CD product survey, 143 responses were usable. For the computer product
survey, 138 responses were usable.

ANALYSISAND RESULTS
In this paper, we will fird edimae the pat-worth utiliies for individud leves of the
attributes for the two product classes, CD’s and PC's. On the basis of the part-worth utilities,
importance scores can be derived usng the range of the part-worth utilities. Furthermore, we
will invedigate the internd vdidity of the results usng of Pearson’s product moment
correlation coefficient (r) and choice amulations. These importance scores will be used for
post hoc segmentation purposes (Green & Krieger, 1991). Findly, we will use choice

amulation to further validate the results of our study.
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Product classes were examined for differences in their importance level to respondents.
Since the products are quite different in cost and risk of purchase, it would be assumed that
the attributes guiding the purchase would be different. Our results indicate an adequete leve
of interna vdidity in terms of Pearson’s product moment corrdaion coefficient (r) for both
product classes, as they both exceeded 0.99 (p<0.001). Aggregate importance scores for each
sample are shown graphicaly in Figure 1 and with dataand utility scoresin Table 2.

[U Insert Figure 1 and Table 2 about here b ]

Once the product classes were segregated, differences are apparent in what is most
important in the purchase decisons. For the CD product class, retal format had an
importance score of 26.6, while price was second most important. For computers, price had
an importance score of 26.1 and retail format was viewed as the second most important
atribute. For a lower cog, lower risk item like a CD, retal format may outweigh price
because of the convenience factor in the purchase. Most consumers want the CD immediatdy
and may be willing to pay a higher price in order to have the CD in-hand quickly.
Alternatively, with a high cost purchase, consumers would probably shop around for the best
price and then make the purchase. For these types of products, it may be worth it to do price-
comparison shopping and then wait for the product.

For the computer product, price was seen as the most important attribute for consumers to
make the product purchase. Low cost computers were preferred with a differential of 22.1,
meaning that for this product class, it was the driving indicator of whether a purchase would
be made or not. For the CD, price was the second most important attribute in the study. The
differentia between high and low price for this product class was 19.4, indicaing tha there is
quite a high preference for low price dternatives.

Attitude was rated as the third most important attribute for each of the product classes. The

importance was greater for the CD product than for the computer product. Differentias
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between postive, pleasant experiences and negative, unpleasant experiences were 22.9, with
the preference for the postive, pleasant experience. For the computer sample, the differentiad
was 184, with the preference for the podtive, pleasant experience. Control was sdected as
the fourth most important atribute for each of the product classes, but was higher for the
computer product. The differentid for the computer product was 13.3, with the preference for
higher control. Although the preference for the CD product was dso for high levels of
control, the differentidd was only 85. It would gppear that for higher codt, higher risk
products, control would be more important than for lower cost, lower risk products. One
perception of control may be the consumer's feding that they could return the product, if
necessary, which would be much esser with a CD than with a computer. In accordance with
the previous reaults, effort and subjective norms had the lowest level of importance for each
of the product classes.

Pooled regresson andyds was used to test for the differences between the product
classes! Our results indicate that a a=0.05, the only attribute that exhibits a Statisticaly
ggnificant difference in importance scores between the product classes is  control
(CD=10.4%; PC=13.98%).

Smulations

We used choice smulations to further vaidate the results of our studies”. By using conjoint
amulations, we were able to trandate the utility vaues for eech of the retall dternatives into
“market shares’ to identify the impact of attributes on the consumers sdection of purchase
forma. These amulations give the probability of choosng a paticular bundle of attributes as
the mogt preferred. In order to classfy the most redigtic scenarios for each of the retail
formats, we consulted the literature used for the study and identified the following Stuations

which were used as basdline scenarios for each product class:

! We like to thank an anonymousJBR reviewer for this suggestion.
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(1) Internet format, little effort, alot of control, 5% subjective norm, negative attitude, and
low price;

(2) Cadogformat, little effort, little control, 85% subjective norm, positive attitude, and
medium price; and

(3) Retal format, alot of effort, little control, 85% subjective norm, positive attitude, and
high price.

In our smulaions, we used the maximum utility modd and the logigic modd (Wiley &
Low, 1983). With respect to the maximum utility modd, the market shares of a smulated
dternative reflects the probability of choice of the fraction of first choices divided by the tota
number of observations. The logistic modd estimates the probability of choice by taking the
naturd log of dividing the utility of a smulated dternative by the sum of dl smulation totd
utilities (Wiley & Low, 1983).

[U Insert Table 3 about here b ]

As can be seen in Table 3, we ran three amulaions againgt the basdine, changing severd
of the attributes for each. Using this procedure, it is clear that there are certain effects by
changing the atribute levds for each of the retal formats. In amulaion A, the levd of
control was changed in the Internet and retail formats. By decreasing the leve of control for
the Internet format and increasing it in the retall format, for both product classes we are able
to see the impact that control has on the purchase scenario. In concluson with our previous
results, the more control that is given, the more likdy a consumer will chose the dternative
with the most control, as can be seen by the increase choice for the retall dternaive, which
was much more dragtic for the PC product class (CD: MU: +14.69; Logistic: 10.50; PC: MU:
21.74; Logidic: 16.87). This market share gain for the retal format can be mainly attributed

to market share loss of the Internet format. Therefore, this is in line with our previous

2 We like to thank an anonymousJBR reviewer for pointing this out to us.
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assumptions that the higher risk, higher cogt dternative control would be more important that
for the lower codt, lower risk products. In smulation B, we changed the levd of dtitude D
postive for the Internet format. This leads to an increase of market share for the Internet
format in the computer product class (MU: +12.32; Logidic. +12.09). An even more
subgtantial increase can be observed in the CD product class (MU: +24.47; Logistic: +24.38).
This gain in market share of the Internet format can be mainly attributed to a market share
loss for the catdog forma. These results are dso in line with previous results where the
importance for atitude was greater in the CD product class. The greater differentia could be
the cause that in a lower price, lower risk product, atitude might have more weight on the
decison making process whereas in the higher price, higher risk product category it would
dill be important, but price might have more weight. In smulation C, we changed the leve of
control to little control and the subjective norm to 85% for the Internet format and the leve of
control to a lot of contral for the retail format. As can be observed, this results in consderable
market share gains, dthough for different retail formats based on the product class. In the CD
example, this smulation resulted in a condderable market share gain in the Internet format
(MU: +11.89; Logidtic: +12.10), whereas for the PC product class, most of the gains were for
the retail format dternative (MU: +15.94; Logidic: +15.82). Again, we can see the impact
that the level of control has on the higher risk, higher price product class of the PC. The more
control the consumer has over the Stuation, the more likely they are to use that retail format.
While for the lower risk, lower price CD product class, control did not enable consumers to
choose the retal format over the Internet. In dl smulations, catdogs lost market share
potentid, which would be in line with the current suggestions that catalogs will loose market

share with the emergence of the Internet.
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Cluger Analyss

Clugter andlysis is identified by severa past research studies as appropriate to use to segment
conjoint analysss utility vaues (Green & Krieger, 1991; Johnson, 1995; Louviere, 1988;
Moore & Semenik, 1988). Clusters can be used to group the subjects according to some
measure of distance, relatedness, or Smilarity between importance reatings or utility measures
(Aldenderfer & Blashfield, 1984). Once the clusters are identified, tests can be performed on
vaious segmentation meesures to identify wha are the defining variables in the clugters
(Green & Krieger, 1991). Punj and Steart (1983) suggest a two-stage clustering approach. In
the fird dage, hierarchicd clugering is used to determine the number of clusters and in the
second stage, nonhierarchical is used to “fine-tune’ the results.

Hierarchica Clusering

For hierarchicd dudering, we used Wards minimum variance method with Eudidian
digance to obtan a preiminay solution. This method is desgned to minimize the variance
within the clusters as opposed to the variance between the clusters (Ward, 1963). We used the
ungtandardized importance weights as inputs in the hierarchica clustering procedure and to
determine the number of clusters, we grgphed the number of clusters againg the fusion
coefficient; an agpproach analogous to the “scree test” in exploratory factor andyss. Results
for the both the CD product class and the PC product class showed that there were ether four
or five clusters present in the data. Subsequently, the centroids of the four-cluster solution
and five-cluster solution were used as gtarting point for nonhierarchica clustering.

Nonhierarchica dusering

In the second stage, the K -means procedure with Euclidian distances was employed to “fine-
tune’ the reaults, asiterative or nonhierarchica clustering methods are superior to
hierarchical clustering methods. For each product class, it was seen as appropriate to choose

the proper numbers of clusters based on the number of respondents per cluster (Moore &
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Semenik, 1988). After examining the results, it was found that four clusters were the most
appropriate for the data. The five-cluster solution revedled that there were afew clusters that
had twelve or less subjects in the cluster and since the distributions had smdl cdlls, four
clusters were selected to segregate the data.

Cluster Andyss Reaults for the CD Product Class

After four cdugers were chosen, additiond andyss was run to determine the defining
characterisics of the segments in the individua clusters. Since dtribute importance was
criticd to the study, this varidble was used to profile the clusers. In determining what was
important to each clugter, saverd strong segments were identified. The results of the profile
andysisfor the CD sample are shown in Table 4.

[U Insert Table 4 about here b ]

By examining the importance levels of each of the duder, four very drong clusters are
identified based on the leve of importance for a particular attribute. This segments the data
nicdy by attribute importance. For the first clugter, subjects don't redly have a particular
atribute that is most important to them, rather it is the bundle of attributes that are important
to this cluster. Therefore, there is not a particular atribute that is most important to this
cluster, but ingtead it is the entire profile of the product experience that atracts them to make
the purchase and so0 they were named the “ Generdist” cludter.

In the second clugter, format is very prominently the defining reason why these subjects
would make a purchase so they were named the “Formatters’. This attribute has the most
important vaue to the consumers. Most of these people in the sample will only purchase
productsin aretail store and would not even consider purchasing the CD in another format.

For the third cluger, the “Price Sengtives” price is the dominant driver as to why a

subject would purchase the CD. These consumers are driven by price first, and then format
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second. Therefore, they will seek the lowest price, even if they have to purchase through the
Internet or a catalog.

Attitude was the most important attribute for subjects in the fourth cluster. Previous
positive experience with the retall format is the reason these subjects would make a purchase
0 this cluser was labeled the “Experiencars’. Format was second in importance to this
cluster, but attitude was twice as important to them when purchasing aCD.

In order to assure that each attribute importance score was sgnificantly different for each
clugter, one-way ANOVA was conducted on the importance scores for each of the attributes
as the dependent variable and the cluster membership as the independent variable (See Table
4). These results suggest that each of the clusters can then be identified as different on which
attribute the subjects have placed the most importance on.

Cluster Andysisfor the Computer Product Class

Since four dusters were appropriate for both the CD and the computer product classes, it was
important to identify characteristics of these clusters. Since dtribute importance was critica
to the study and found to be significant in the CD product class, the profile andysis was aso
conducted for the computer product class. Just as in the CD product, severd strong segments
were identified. The results of the importance andyss for the computer sample are shown in
Table5.

[U Insert Table 5 about here b ]

By examining the importance levels of each of the cluster, four very strong clusters are
identified based on the levd of importance for a paticular dtribute These clugders
correspond nicey to the clusters that were identified for the CD product class. For each
product class, there was a segment that valued price as the most important attribute, the
“Price Sendtives’; both product classes had a cluster that identified subjects who fdt that

format was more important to them (the “Formatters’); and each had a cluster that identified
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atitude as mogt important, the “Experiencers’. The only difference was that for the CD
sample, the “Generdidts’ cluster represented subjects that had very smilar importance levels
for each of the attributes (between 11% and 19%), and dthough the cluster for the computer
product was smilar, control was viewed as the most important attribute (25%), with the other
five atributes had very amilar ratings (12%-18%), but each was labeled as “ Generdidts’.

This suggests that for each product class, the segmentation is smilaly based on
importance ratings of attributes. It aso strengthens the results that four attributes - mode,
price, dtitude, and control - had high importance raings in the prdiminary conjoint andyss
and that is exactly how the subjects were clustered.

As with the CD product, it is important to vaidate that each eattribute importance score
was dgnificantly different for each cduger. A one-way ANOVA was caried out on the
importance scores for each of the attributes as dependent variable and cluster membership as
independent variable (See Table 5). With this result, each of the clusers can then be
identified as different from one another on which attribute the subjects have placed the most
importance.

These results ae helpful snce the clusters are s0 clearly defined by their attribute
importance. By having such specific segments defined, it will have implications on many of
the research and practica issues that are being raised by the entrance of the Internet into the
retail marketplace.

CONCLUSIONS
Mogt experts agree that current retaling trends show a shift from traditiona store-based
retailling to an increased use of the Internet. Store based retailers have grest concern that the
Internet will make the Store obsolete. This fear has driven many of them to build an
expendve Internet presence. The findings from the dructure of the consumer decisont

making process in this study clearly show that, under the hypotheticad dtuations provided in
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the research, retail sores may have a large advantage over both catalogs and the Internet. The
utility scores rank in the order that consumers are currently spending — the most money is
soent in retall gores, and then catdogs and findly, the Internet. The importance scores
indicate that retall format may 4ill be the first choice for consumers and the utility scores
underscore the advantage that retail stores currently have in the market place.

It should be pointed out that the structure of the consumer decision is not adtatic structure
but is tied to a particular place and time. It would be expected that as the retail landscape and
consumer experiences change, the structure uncovered in this sudy would aso change. Thus,
the conclusons about the strength or weskness of the Internet and the vaue of important
decison factorsis of thistime and not of the future.

This study examined attributes that were identified in previous literature on acceptance of
technology from two modifications of the theory of reasoned action: the technology
acceptance moddl and the theory of planned behavior. From research on these two models,
five varidbles were identified as agpplicable to examining technology use 1) subjective norms,
2) dtitude, 3) perceived behaviora control, 4) ease of use, and 5) price.

Consumers rated profiles on their intention to purchase under the hypothetical conditions
outlined in the profiles. Each profile had one level of each of the sx aitributes. Importance
ratings and utility scores were identified by the conjoint andyss for each individud and for
the aggregate data Aggregate data was the primary andyss for the research. The use of
conjoint analyss dlowed a unique look at both the dructure of the decison as wdl as the
relative impact of levels of the factors in the decision.

The dructure of the retail decison process was found to be primarily one of choosing the
format (store, catalog, or Internet) and price dedred. Both of these factors were twice as
important as the possble other factors of ease of use, control, subjective norm, and attitude

(positive or negative). The drength of retall format suggests that the choice of where a
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consumer will shop may occur fird and independent of a formula based on attributes and
information. Thus, dores that have the grestest market share will, for the near term, have a
large advantage in the market place. Fears that the Internet will take over the retall arena
seem thus overblown and exaggerated. However, there seems to be an identifiable segment of
customers that has a preference for the Internet as aretail shopping dternative.
STUDY LIMITATIONSAND THEIR IMPLICATIONS

The results of this research mugt be taken in light of some limitations. In this research, only
two extensons of the theory of reasoned action are discussed and tested. Other theories that
identify other possible important attributes clearly exist and should be tested.

The theory of reasoned action, the technology acceptance modd, and the theory of
planed behavior are not without their criticisms. For example, the models require that
individuds are motivated to peform a given behavior, which is problemaic when sudying
consumer adoption behaviors. Also, the modds assume identical belief Sructures across
respondents. While these theories are robust in predicting a wide variety of behaviors, these
limitations provide boundaries to the generdizations of its results,

Caution must be exhibited when trandating expectations to purchase via the Internet to
actud behavior in the market. The novdty of this shopping dterndive may aso limit its
generdizability. Examining a new innovation & an ealy dage in the diffuson process may
not be typical of results that would be revedled in a later stage of adoption. The advantages of
the Internet feed into those factors that consumers say are important in making a decison -
high degrees of control, ease of effort, lower price, and positive experience.

This research aso prescribes what Internet retailers need to do to attract consumers. They
should emphasize their high degrees of control (7 days a week, no out of stock, 24 hours a
day, no parking hasdes, 365 days a year, and many other things) and their ease of use (Ssmple

clicks get you what you want). They should emphasize lower prices that are possible because
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Internet companies do not have the expense of brick and mortar (less personnel, no taxes paid
by the consumer). Mogt importantly, Internet retaillers must insure that consumers have a
positive experience each and every time the consumer vigts.

Ancther point, which is vdid for both the traditiond retall dternatives and e-retallers, is
that they mug redize that the competitive Structure of the retall environment has dramatically
changed. Customers now consider both catalogs and the Internet as a viable dternative to the
more traditionad retail store. As Bdasubramanian (1998) shows from a retailer perspective,
remotely Stuated dternatives (catdogs and the Internet) are a threat to competition, just as
much as other “neighborhood” Stores are. Therefore, areas of the country that have a high
market penetration of Internet shoppers should be a “red flag” for retaillers who are thinking
of moving into the area, as competition would be grestly affected by this Stuation.

The digribution of information should adso be examined by both traditiond and eretalers.
Since Internet and catdog retallers may have an advantage over the extent of customer
information they have access to, which traditiond sore retalers do not, the leve of control
from an information Standpoint needs to be examined by the dore retailers. While sore
retalers typicadly send maketing information to customers tha is quite generd in nature,
Internet and catadog retailers can provide cusomers with more targeted one-to-one direct
marketing campagns. In line with Baasubramanian's (1998) findings, retalers can only
effectively compete with other retallers in areas that have very smdl amount of catdog and
Internet penetration. This makes the job of the Internet and catadog retallers dso more
difficult, since there are very few areas of the market that have no retall store penetration.
They must dso take into account costs and consumer prices to see which is the best tool for
competing with the traditiond store retailers (product offering, service, price or information).

Therefore, with these things in mind, and snce retallers cannot redidicaly send information
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to every customer in the marketplace, the question for dl retall dternatives becomes which
customers do they send their information to in order to make it most effective?
DIRECTIONS FOR FUTURE RESEARCH

The growth of dectronic shopping will have mgor implications for the marketing of
consumer goods. For example, exising channd and power reationships could change
dramaticdly, if manufacturers, agencies, and media owners sart to by-pass exiding retalers.
The possible reduction of market share may have dgnificant implications for investors in, and
operators of, mgor stores and mals. More research is needed to assess these phenomena
Other dtuations, besdes CDs and computer purchases, could dso be examined to see if
differences arise in the type of retall product or service would affect a consumer’s intention to
purchase viathe Internet.

In this dudy, no dStudiond influences were manipulated. Influences, such as time
pressures, may be examined in future research, or the presence of other customers
(crowding). Like this research, crowding would be better tested on a larger population than
gudents since undergraduates (and some graduate students) are more used to the Stuation
when deding with technology usage (long lines in computer labs, severd hundred computers
in one room).

Another influence that was not explored in this ressarch was the differences between
expert and novice Internet users. There may be differences in ther intention behavior based
on their ill, which should be addressed in future studies. Findly, we acknowledge that it
may have been preferable to use a choice-based, rather than a full-profile conjoint
methodology to obtain a vaid assessment of consumer preferences. In future research, both

methodol ogies should be compared in order to vaidate our findings.
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APPENDIX A: SAMPLE PROFILES

PROFILE A

Y ou decide to use the Internet to purchase the CD.

Purchasing the CD on-line takes a lot of effort.

Buying the CD on-line givesyou little control over the purchase.

85% of the people important to you have made an on-line purchase like this.

Y ou had an unpleasant buying experience the last time you purchased a CD on-line.

The CD costs $13.99.

Likelihood of purchase (0-100):

PROFILEB

Y ou decide to buy the computer from a mail-order catalog.

Purchasing through a catalog takes little effort.

Buying the computer through a catalog gives you little control over the purchase.

85% of the people important to you have made a catalog purchase like this.

You had an unpleasant buying experience the last time you purchased a computer by catalog

The computer costs $1,199.99.

Likelihood of purchase (0-100):
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Figure 1: Importance Scores for Each Product Class
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Table 1: Sample Characteristics for Each Product Class

Variable Categories Product Class
CD PC
n % n %
Gender Male 71 49.7 65 478
Female 72 50.3 71 52.2
Age 18-25 years 58 40.6 49 355
26-35 years 53 371 52 37.7
> 35 years 32 224 37 268
Income < $25,000 79 56.5 77 570
$325,000-55,000 32 228 30 222
> 855,000 17 20.7 28 208
Level of High school (and some college) 26 184 26 19.7
Education College grad. 61 433 45 A1l
Graduate school 4 383 61 46.2
Marital Status Married 65 458 60 435
Single or divorced 77 542 78 56.6
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Table 2: Importance Scores and Part-Worth Utilities per Level for Each Product Class

Importance Score (%) Part-Worth Utility
Group CD PC CD PC
Format Internet 26.57 23.05 -9.77 -4.47
Catalog -4.79 -3.08
Retail 1455 754
Effort A little 1054 958 4.89 355
A lot -4.89 -355
Control A little 1049 13.98 -4.24 -6.64
A lot 424 6.64
Norm 5% 840 955 -2.39 -2.61
85% 2.39 261
Attitude  Positive 20.64 17.80 1145 918
Negative -1145 -0.18
Price Low 23.36 26.05 7.72 956
Medium 396 230
High -11.69 -12.56

31



Table 3: Results of Simulations

Simulation CD PC
MU Model Change Logistic =~ Change MU Model Change Logistic ~ Change
(%)* (in%)  Model (%) (in%) (%) (in %)  Model (%) (in %)
Baseline Internet 2238 n® 2275 na 4348 na 4159 na
Catalog 41.96 na 43.69 na 33.70 na 36.33 na
Retail 35.66 na 3356 na 22.83 na 2208 na
Simulation A Internet 11.89 -10.49 13.37 -9038 2029 -23.19 21.69 -19.90
Catalog 37.76 -4.20 4258 -111 3H14 +1.44 39.36 +3.03
Retail 50.35 +14.69 44.06 +1050 4457 +21.74 38.95 +16.87
Simulation B Internet 46.85 +24.47 4713 +24.38 5580 +12.32 53.68 +12.09
Catalog 23.78 -18.18 2490 -18.79 21.38 -12.32 24.71 -11.62
Retail 29.37 -6.29 27197 -559 2283 0.00 2161 -047
Simulation C  Internet 34.27 +11.89 34.85 +1210 4565 +217 4503 +3.44
Catalog 23.78 -18.18 2534 -18.35 15.58 -1812 1707 -19.26
Retail 41.96 +6.30 3981 +6.25 3877 +1594 3790 +15.82

a Maximum utility model.

b Not applicable.
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Table 4: Profile Analysis for Clusters in CD Product Class

Attribute Importance Score (%) Oneway-Anova
Generalists  Formatters Price Sensitives Experiencers F p-value
(n=50) (n=21) (n=41) (n=31)
Format 19.27 66.09 2044 16.69 91.32 p<0.001
Effort 16.25 345 7.79 9.78 20.34 p<0.001
Control 16.61 4.87 782 794 18.99 p<0.001
Norm 1047 417 7.98 850 4.85 p=0.003
Attitude 18.68 784 1461 4043 86.83 p<0.001
Price 1871 1358 41.36 13.66 85.27 p<0.001
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Table S: Profile Analysis Clusters in PC Product Class

Attribute Importance Score (%) Oneway-Anova
Experiencers Formatters Generalists  Price Sensitives F p-value
(n=37) (n=23) (n=45) (n=33)
Format 16.94 54.34 18.09 14.86 84.31 p<0.001
Effort 10.69 6.34 1227 6.91 6.99 p<0.001
Control 7.78 6.22 2530 10.88 40.34 p<0.001
Norm 852 7.85 12.40 8.00 381 p=0.012
Attitude 34.78 858 1384 10.57 91.38 p<0.001
Price 2129 16.67 18.09 48.79 83.19 p<0.001
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