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risk on their guaranteed loan portfolio, however, has been hampered by of U.S. farm operators as of year- obligare ey WC RATIO .0.998 1167 0.731 0.393 Corn-soybean - Gl | ito\ of 4 risk classes
: - i el end 1996 and 1997. It includes balances owed, payment — - - - - e B a0 1e 33.6% ' -
a lack of data on borrower financial characteristics. Historically, FSA hal o _ | » T o T 57 5 26 Young/ beginning e BANK e _— A B or D) as
has only maintained data bases necessary for loan accounting— alance s eetél income I staltlus, < ozses pald, as ' ' | | farmer I e N | Avg. PD = 2.8% Blefined by S&P cred
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Secondary data sources can be used to provide information on a Merged —— 193 0399 1162 0001 VGuaranteed borrowers with direct indebtedness were predicted to *There were no borrowers with a PD (w/PD estimated on observed
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