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Abstract

This paper discusses the case for expanding detiag market policy in recession. We
find that there is reasonable case for relying nin@avily on certain kinds of programs.
The argument is tied to the varying size of thekioceffect in boom and recession. If
programs with relatively large lock-in effects shibever be used, they should be used
in a downturn. The reason is simply that the cddbmoing search time is lower in
recession. We also provide new evidence on thévelaffectiveness of different kinds
of programs over the business cycle. In particularcompare an on-the-job training
scheme with (traditional) labor market training. \Wed that labor market training is
relatively more effective in recession. This regaltconsistent with our priors since
labor market training features relative large latleffects.
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1 Introduction

Active labor market policies (ALMPs) have becomeiregral part of the tool kit for
combating unemployment. In 2008, total expenditunesabor market policies amoun-
ted to 2.1 percent of GDP in the average OECD cguand 42 percent of the total was
devoted to active measures. During 1985-2008 taemesif ALMP in total expenditures
increased substantially in continental Europe &edUK, stayed constant (and high) in
the Nordic countries and was reduced substantiallthe US. As a result of these
trends, the spending patterns across the OECD mesihtave become more similar.
Expenditures on ALMPs typically vary with the busss cycle, as do any kind of
expenditure relating to unemployment. But expemdgwon ALMPs relative to overall
unemployment expenditures are in fact pro-cyclithk share devoted to ALMPs

increases in a boom. Figure 1 illustrates this fiaca selection of European countries.
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Figure 1: Share of expenditure devoted to ALMP over the business cycle

! The structure of ALMP expenditure is more diffictd compare across countries for many reasonsirads of
programs are not available in every country angjfanms with the same names may have different ctmtgrst to
mention two obvious points.
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The analysis in this paper provides a discussiotwof related questions. First, is
there any good reason to vary the spending on AloM& the cycle? Second, should
different programs be relied on more heavily infetgnt phases of the cycle? Or, to
bundle both questions into one: What active labarket policy works in a recession?

This is essentially an empirical question. Howevhe evidence on this important
guestion is extremely scant. So rather than progidioncrete policy advice based
firmly on the evidence, we try to identify the cialcpolicy considerations and discuss
to what extent the general evidence on the efficdcLMPs apply to the question at
hand.

The paper proceeds as follows. Section 2 setstdige dy illustrating how we think
about ALMP and introducing some concepts that we lager on. Section 3 discusses
the positive question of why we might expect ALMPhiave different effects across the
business cycle. In Section 4 we raise the normajivestion of why it might be optimal
to adjust ALMPs in response to the business cymtevehether certain kinds of ALMPs
should be preferable over others. The questionheitiaer the efficacy of a given ALMP
varies with the business cycle constitutes a véficdlt evaluation problem. In Section
5 we make this evaluation problem more precise.

Remaining sections are devoted to the evidenceb&yge by analyzing the nature of
a recession in Section 6. Among other things, waraiterize the extent to which
recessions should be thought of as cyclical octitral shocks and describe the changes
of the composition of individuals who lost theibp in different states of the labor
market. We also examine if the composition of pggyéints in ALMP changes with the
business cycle. Section 7 turns to the evaluatiisteace: We present the evidence that
directly relates to the question at hand and dsedsat we can infer from other types of
evidence.

Since the evidence which is directly relevant isseant, we devote section 8 to an
empirical example. Specifically, we provide evideran the relative efficacy in boom
and recession of two Swedish labor market progrtrat have both been used fairly
extensively: an on-the-job training schemarbgtspraktik and vocational training
programs g@rbetsmarknadsutbildning)To identify the effects of the cycle we use the

variation in unemployment rates within local lalmoarkets over time. This enables us
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to abstract from institutional changes affectinghbprograms, since they are common
across regions. This is an improvement relativeht® previous literature. Section 9
concludes.

Before turning to the analysis let us mention stiméations. We focus solely on an
efficiency argument for expanding (various form$ ALMPs in a recession. To be
more precise, we only discuss whether certain kaigmlicies are more beneficial in a
recession because they improve the earnings paitteriitthe participating individuals.
Thus, we do not discuss purely distributional argata for using ALMPs (if one is
concerned with distributional issues it seems mefficient to use targeted cash
transfers instead). Neither do we discuss argunretdting to the possibility that firms
may shed too much labor in a recession. Nor do iseuds general equilibrium effects
of ALMPs. Yet another omission is that we do natsider “threat effects” or other pre-
program effects. Such effects are likely to be lagsortant in recessions, which could
motivate a down-sizing of programs in recessiongally, we ignore the fact that
ALMPs may improve the targeting of Ul by making binefit receipt conditional on
passing the work test implied by program partiégrat The latter issue is discussed in
Fredriksson and Holmlund (2006). The upshot ofrthealysis is that it is better to use
a monitoring scheme or a time-limit on Ul beneéther than a time-consuming labor
market program to improve the targeting of Ul.

A final remark is that all our own data analysib#&sed on Swedish data. We do not
expect that this has any implications for the gelitgr of the analysis. After all,

practically all OECD countries make extensive usaAldVIPs today.

2 Preliminaries

Before probing deeper into analysis it is usefuiake clear what we mean by active

labor market policies and to define some concdjatswe will use later on.
Unemployment is typically an eligibility conditidior ALMP. While this is not true

everywhere, it is generally the case that the gpetnts should be searching for a job in

order to take part in an active measure.
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We think it is useful to distinguish policies byetlifferent time investments they
require on the part of workers. Those requiringoa-negligible time investment we
will refer to as “programs”. Other policies — farstance job search assistance (JSA) and
counseling and monitoring — generally require samisilly smaller amounts of time
investment.

Programs are analogous to schooling. They are timezds in current time and
money for a future increase in earnings. The cltaaealogy, of course, pertains to
labor market training. But we would also like tanthof subsidized employment in this
way; we think of subsidized employment as investmenon-the-job training which
may increase the chances of the participants orethdar (unsubsidized) market.

While pursuing an investment activity you are fongpsomething. In this case you
are forgoing time that could have been used tockefr a regular job, and thereby
increasing the probability of finding one.

The effects of treatment are fundamentally diffesehile taking part in the program
and after program completion. Figure 2 graphs twengles of hypothetical treatment

effects for a given set of individuals.
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Figure 2: Two hypothetical profiles of treatment effects

The two programs differ in terms of intensity. Tingensive program has a planned
duration of 9 months while the less intensive anelanned to last for 3 months. The
intensity of the program is also reflected in thetfthat the intensive one is assumed to
have bigger "lock-in" effects than the less inteagine. After program completion, the
"post-program" effects are uniformly larger thantfte less intensive one.

The first stage of the evaluation is to determirteetuer the sequence of treatment
effects observedfter program entnjis positive. In a second stage of the analysis, on
would like to compare the net benefit to other sa@dtrunning the program -- this cost-
benefit analysis is rarely done, however.

We provide the illustration in Figure 2 to makeasldhow we think one should
estimate the treatment effects. Having said thes sivould note that this is not how it is
always done in the literature. Some researchessexdmine the post-program effects,
and consider these as the "only" treatment eff8tsfind this approach strange and it
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answers an ill-posed question (it would be likecakting the return to schooling,
ignoring the investment period).

Another reason for showing the example in Figures 2hat we want to use the
terminology we have introduced later on. Therefare,will use lock-in effects to refer
to the treatment effects while taking part in thegspam, and post-program effects to

refer to the treatment effects after program cotigie

3 Why would treatment effects vary with the cycle?

The clearest argument for why the treatment effeatg with the business cycle relates
to the lock-in effects. The lock-in effect should émaller in a downturn. Intuitively, it
is easy to see that if program participants doseatrch at all, then a downturn only
affects the effect of the alternative to treatmgmet, job search) and thus the lock-in
effect is reduced in a recession. More generdily Jack-in effect is smaller in recession
if individual search effort and the state of thedamarket have complementary effects
on the probability of finding a job.

It is more difficult to have a definitive prior ragling the post-program effects.
Nevertheless, an intuitive argument is based oarfsw” (i.e. the fact that exposure to
unemployment at the time of labor market entry hegative consequences for future
earnings; e.g. Ellwood 1982). For those who doemdér the program in a recession, the
bad state of the labor market will influence thearnings prospects with certainty.
Those who enter a program, however, enter the laiaoket at some future time point.
Chances are that the economy has turned for ther biet which case their employment
prospects will not be hurt as much as for those diilonot enter treatment.

Other arguments for why average treatment effemtg with the cycle are related to
heterogeneous effects. Such treatment heterogeme#ty provide an efficiency
argument for an expansion of program activity ireeession. Therefore we relegate a

discussion of these arguments to the next section.

2 Complementarity simply means that the job offaivat rate is increasing in search effort holdimg tbusiness
cycle constant. Conversely, a given search effostigces more job offers in a booming labor markeintin a
depressed labor market.
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4  Why should ALMPs vary with the cycle?

Positive treatment effects are in themselves noraegt for subsidizing ALMP — some
market failure is required. If the unemployed faxedit constraints, it is optimal to
provide public insurance. If unemployment impli&gldoss, an optimal policy package
will typically involve ALMP; see Wunsch (2010). Teuthe combination of credit
constraints and skill loss provides an efficienoyuanent for having ALMPs in general.
The questions we raise here is if there is a caseeXpanding program activity in
general during recession and whether certain kifigslicies are more beneficial than

others.

4.1 The general case
In a labor market where it is optimal to providebpe insurance, individual search

decisions are distorted. In particular, individsahrch effort is too low from society’s
point of view (see Fredriksson and Holmlund 2000)e reason is that there is an
“externality” working through the public budget. dveryone would search a bit more,
employment would increase; with higher employmeaakes can be lowered which
represents a gain for everyone. This general dgiuiin effect is not taken into account
by the individual agent, and hence represents tarreity.

The marginal cost to society of this distortionlikely higher in a booming labor
market. The complementary effects of search effod the state of the labor market on
the probability of finding a job are key to thisudt. If this is the case, then a reduction
of search intensity by a given amount decreasedoyment more in boom than in
recession.

Andersen and Svarer (2009) have recently madeptiig in relation to the question
of whether unemployment benefits should be madeergenerous in a recession. Their
answer is “yes” (provided that the balanced budgegtirement applies across states of
nature), and the reason is precisely the one gibene.

As argued earlier, the typical active labor mangeigram involves an investment
activity which is completely analogous to investmeneducation. Since participation
in such programs is a time-consuming activity, paogs distort the incentives to

search, which is also a time-consuming activite ghis ample evidence that there are
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these so-called lock-in effects associated witlgranm participation; see, e.g. van Ours
2004, and evidence on search behavior of prograticipants in Ackum Agell 1996 or
Regnér and Wadensjo 1999). The costs of such tisterare smaller in a recession,
which provides one rationale for increasing progeativity during a recession.

A crucial issue is to what extent recessions ingobtructural shocks, rendering
worker skills obsolete. If the prevalence of sutthcural shocks is greater in recession
than in boom this is another rationale for increggirogram activity during a recession,

since programs, at least to some extent, offeairetry to workers.

4.2 Relative efficiency of different kinds of programs
Active labor market policy comprises many formsaativities, not just “programs”.

Some policies do not involve a time investment |latMoreover, different programs
distort search incentives to a varying degree. dfioee intuition suggests that different
kinds of ALMPs should be used more extensively doanturn.

Job search assistance and monitoring of searclvioelzae two examples of policies
that involve marginal investments in time. Job skassistance presumably raises the
efficiency of search and monitoring increases tidividual return to search for each
unit of time that the individual searches for a.jdfituition would suggest that these
kinds of ALMPs should be used more extensively boam than in a recession.

For the programs involving different extents ofdiimvestments, there is arguably a
case for using the most intensive programs in asson. Thus, one would think that
training programs which have larger lock-in effeate relatively more efficient in a
downturn than programs that distort search inceatte a smaller extent.

Another aspect of program heterogeneity involves ttming of ALMPs. A given
program may have differential effects dependingsven (in an unemployment spell)
an individual enters. A couple of recent papersri@wijn 2010; Wunsch 2010) have
analyzed the issue of when the programs shouldfbeed in an unemployment spell. It
turns out that the answer depends on the natwskilbfoss associated with job loss and
unemployment. If job loss in itself involves sulvgial skill loss relative to the gradual
skill loss occurring over the course of unemployméor example if job loss renders

job-specific skills obsolete, then it is bettertéwget individuals early on in the spell.
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One crucial question, then, is whether recessioms displacement have significant

structural components. We discuss this questi@eition 6.

5  The evaluation problem

Treatment effects are likely to vary across indiat$, i.e. they are heterogeneous. This
heterogeneity presumably applies to the observalslewell as the unobservable
dimension.

An evaluation amounts to estimating actual and tartactual outcomes for a given
program and a given set of individuals who areileliggfor a program. To examine
whether the effects of ALMP vary with the businegsle one has to compare treatment

effects over time. Such comparisons raise sevesaks:

1. Is it the same program?
2. Do eligibility or selection rules change?

3. Does the population of eligible individuals charyer time?

Regarding the first point, there may be changethénfine details of the program
even though the name of the intervention stays dtmme. Consider occupational
retraining, for instance. At various points in title Public Employment Service (PES)
may decide to offer retraining for different occtipas depending on what it thinks is in
high demand. Retraining for different occupatiomplies that there is variation both in
the content of the program and presumably alsdethgth of the program. Since both
content and length are likely to affect the sizehef treatment effect, the effect for the
overall program -- occupational retraining -- isely to vary even though the treatment
effect for each individual occupation stays the sam

The second point refers to the overall institutiondes that govern eligibility and
selection. For instance, at one point in time aegiprogram may cater only for
unemployment insurance recipients, at other pointgime the entire population
registered at the PES office may be eligible ferphogram.
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Institutional rules may also affect selection itie program — both self-selection on
the part of individuals and PES selection rulesr Fsstance, the introduction of
performance criteria may cause PES officers tockeldferent sets of individuals. One
example of such performance criteria pertain totatarket training in Sweden. In
1999, a new target was introduced: 3 months aftegram completion at least 70
percent of the participants should be employeds Teform arguably changed the
incentives in favor of enrolling individuals witlelatively good employment prospects
with and without the program. Another example (frddweden) of changes in
institutional rules pertains to the relationshiptvieen Ul eligibility and program
participation. Prior to 2001, program participatmould be used to renew Ul eligibility.
During 2001 this opportunity was abolished. Suchnges clearly affects incentives
and, hence, the selection of individuals into thegpam.

Even if the first and second points are not a condée population of eligibles (who
are usually the unemployed) may change over tinies Will affect the size of the
average treatment effects if there is treatmengrbgeneity. Treatment heterogeneity
may occur in the observed and the unobserved dioren&igure 3 illustrates a
hypothetical example. It graphs the distributiortreitment effects for individuals who
are unemployed in boom (dashed) and recessiord)stii Figure 3 we have assumed
that in a recession the distribution is skewed tawadhose who have less to gain from
the progrant. This will give the impression of a smaller averageatment effect in
recession, even though there is no variation ireffects of treatment at the individual

level.

3 This is consistent with the results in de Lunale(2008), where it was found that the treatméfeice of training
programs was decreasing in the level of educalioBection 6.2 we show that job losers in recesarendrawn from
the higher end of the wage distribution to a greatdéent than job losers in boom, so that job lpsarterms of
observedand unobserved characteristics are drawn from a highdrof the distribution in depression than in boom
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Figure 3: The distribution of treatment effects in boom and recession

To make matters even more difficult, there may fe {(as opposed to spurious)
duration dependence. With duration dependence ulegmpnt has a causal effect on
the unemployed individuals, so individuals beconssichilar in terms of job chances
even though they may have been identical at thé ataan unemployment spell. This
complicates the evaluation problem if there is atéwn in the duration until program
start. If treatment effects vary systematicallyhnibe timing of the intervention, the
estimates may differ across the cycle even tholgtetis really no difference.

It is useful to ask the question: Would a seriesqferiments (or quasi-experiments)
run at different points of the business cycle hedpsolve the evaluation problem? The
short answer is that they would, if treatment €fesmre homogenous. But if there is
treatment heterogeneity along the lines shownguié 3, we have to impose additional
assumptions in order to solve the evaluation prable

To see this, note that experiments provide int&nehlid estimates, i.e., they

estimate the mean causal impact for the populagtodied. With treatment hetero-
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geneity, however, the results do not extend to re@ropopulation, i.e., they are not
externally valid. If the observed and unobservedratteristics of the eligible
population vary with the state of the labor markets, in general, not possible to
extrapolate the results from one time point to heot

When would the variation in experimental estimatesoss the cycle have a causal
interpretation? One would have to assume thatnrewait heterogeneity is only in the
observed dimension. Under this assumption it migititforward to adjust the estimates
to take the variation in the distribution of obssshcharacteristics across the state of the
business cycle into account. But in the generat géth treatment heterogeneity also in
the unobserved dimension, the adjustment in teringbeerved characteristics only
provide unbiased estimates under a "selection-@emhbles" assumption (this
assumption is sometimes referred to as the conditindependence assumption). This
assumption effectively says that it is sufficiemtcbntrol for observed characteristics to
obtain unbiased estimates of the treatment effect.

But if you are forced to make a selection-on-obskles assumption to interpret the
variation in the experimental estimates acrossstates of the business cycle, it seems
equally valid (and certainly more feasible) to babe entire analysis on this
assumption. In short, the value added of experismsninore limited than usual for the
guestion at hand.

Whether the selection on observables assumptioredible or not depends crucially
on the richness of the information in the data ukedthe analysis. In recent years,
administrative data sets containing, e.g., earnargs unemployment histories prior to
program participation have become available. Thalahility of these data sets seems
to have reduced the potential bias associatedthélselection-on-observables assump-
tion. Indeed, a recent meta analysis by Card g28D9) suggests that the qualitative
conclusions do not differ systematically betweepesimental and non-experimental

approaches.

What active labor market policy works best in eession? 14



6 The anatomy of arecession

Recessions are not just cyclical shocks. They nmaglve a significant amount of
structural adjustment. If recessions involve mdracsural adjustment than the secular
adjustment going on in a normal state of the labarket, then this has an effect on the
optimal timing of ALMPs as argued above.

A further issue is that different kinds of indivala are likely to lose their job in a
recession than in other labor market states. Tdss(at least) two implications. First, if
different kinds of individuals lose their jobs in ®@ecession, this substantially
complicates the evaluation problem; the reasohasindividuals differ in a number of
respects, not only in the dimensions that we cpit#jly observe in the data. Second, if
there are heterogeneous effects of ALMPs, and rdifte individuals become
unemployed in a recession, this has implicationsHe appropriate mix of ALMPs.

In this section we use Swedish data do address thsises.

6.1 To what extent do recessions involve structural shocks?
We have used the OECD composite leading indicatoidéntify Swedish business

cycle peaks and troughs in the 1990s and 2000kihgat employment by industry,
we have then classified employment changes asceyatir structural depending on
employment changes before and after peaks or teougfe consider employment
changes where employment either grows or contfaatis before and after a turning
point as employment in industries with structutadege; see Groshen and Potter (2003)
for a discussion of the methods used. Using thishaumlogy, we get the results
presented in Table 1.
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Table 1: Share (%) of total employment in sectors with structural change

Beginning of 1990s Beginning of 2000s
(Date (month) of peak/trough) (Date (month) of peak/trough)
Boom 40.6 75.5
(1990:2) (2000:9)
Recession 50.8 32.7
(1993:4) (2003:2)

Note: Computations based on industry employmentraiatg the Labor Force Surveys (44 industries).
The employment growth rate in each industry is messrelative to the national average growth rate.

According to Table 1, the recession in the begigroh the 1990s involved more
structural adjustment than the boom that preceldeddcession. However, for the peaks
and troughs occurring in the beginning of the 20@0e opposite is true. On average,
there thus seems to be about as much structurageha boom as in recession. At least
there are no clear indications that structural gleas concentrated to recessions.

The main message of Table 1 is that it is diffiee#t anteto determine from the
business cycle position whether aggregate job $osse cyclical or structural. The
targeting of labor market programs should argudddybased on predicted individual

risks instead.

6.2 Who loses the job in arecession?
Here the purpose is to characterize the skillsndividuals who lose their jobs in a

recession. We follow Juhn et al. (1991) in usingg@saas a summary measure of skills.
We further decompose wages in a part explainedtdoydard observed characteristics
and an unexplained part.

We have chosen the years 1992 to represent resemsib2005 for boorhHence,
we identify individuals who were employed in 199idantered unemployment in 1992

as individuals who lost their job in recessfotifose who were employed in 2004 and

4 One may discuss the choice of 2005 to represdmbom year. Nevertheless we think this choice isragt
innocuous. The important point is that the statthefbusiness cycle is much better in 2005 that®B2. According
to the OECD composite leading indicator, a susthibesiness cycle expansion started in February 2@@6h
peaked in January 2008. For the analysis conduwted, 2006 or 2007 would perhaps have been morgahat
choices. The reason for choosing 2005 rather ti0@® ®r 2007 is that we characterize selection liabor market
programs during boom and recession later on. Far dhalysis the change in government in 2006 dotesi a
problem. Along with the change of government canmaagor restructuring of labor market policy. Themef, we
think it is better to use 2005 rather than therlggars since otherwise the analysis may be contted by the
“structural change” of ALMP.

5 Data on unemployment entry come from the registétthe National Labor Market Board. It should Heat that
individuals may have left employment for other m@@sthan having been laid off.
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entered unemployment during 2005 lost their job om. The question we are asking
is whether the distributions of observed and unolegkskills are different over periods
of boom and recession.

Figure 4 plots the density of the job loss distiidnu by age and wage percentile for
men, while Figure 5 presents an analogous plowfonen. The solid lines relate the job

loss to skills irecessionwhile the dashed lines pertaintoom

Age: 35-39 Age: 40-44

2

‘0

g Age: 45-49 Age: 50-54
o

oA
0 5 10 5 1
Percentile ranked wage
Recession (1992) ——=-—-—- Boom (2005)

Figure 4: Job loss by wage percentile in boom and recession, men
Notes: Calculations based on the unemploymenttergisd wage registest(ukturlénestatistiken

Job losers in recession are drawn from the highdra# the wage distribution to a
greater extent than job losers in bobffhis pattern is most pronounced for older men.
At lower ages, the picture is probably distortedtbg fact that employment security
legislation (last in — first out) interacts witheagnd the business cycle. The pattern that

individuals at the higher end of the wage distiifmutare hit relatively harder is less

5 Interestingly, Mueller (2010) presents similardarice for the U.S.
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clear-cut for females. A possible explanation et tiis reflects the larger employment
share for females in the public sector, but dudatta limitations, we have not been able

to examine this thoroughly.

Age: 35-39 Age: 40-44

b
‘»
< Age: 45-49 Age: 50-54
0«4

o4

0 5 10 5 1
Percentile ranked wage
Recession (1992) —=—-—-—- Boom (2005)

Figure 5: Job loss by wage percentile in boom and recession, women

Notes: Calculations based on the unemploymenttergisd wage registest(ukturlénestatistiken

When decomposing skills into observed and unobseoves (not shown here), we
note that much of the pattern for men is driveriti®/residual wage distribution, i.e., by
unobserved skillS. This may be a warning against too much relianceesiimated
treatment effects using models where identificatielies on selection on observed
characteristics (such as, e.g., matching modelsharacteristics of job losers change
over the cycle and a non-negligible part of thidrisen by unobserved characterisfics.

" As the measure of observed skills we use predistges. Predicted wages are generated from a sthncdme
regression (run separately by gender), where lageware explained by a fourth order polynomialga,aducation,

immigrant status, and years since migration.
8 Perhaps one should not be overly alarmed. Usiaghypical register data set one can condition thayais on

wages and earnings prior to program entry.

What active labor market policy works best in eession? 18



6.3 Program activity and the timing of interventions over the cycle
Here we examine two questions: The first quest®nvihether the characteristics of

program participants change with the cycle; theosdajuestion is how the probability
of entering a program varies by elapsed duratiar twe cycle.

Regarding the first question, there are severakoms to suspect that the
characteristics of participants vary with the cydtest of all, the skill composition of
the eligible population changes in a recessiorgessonstrated in the previous section.
Second, if there are capacity constraints, recessimply more competition for the
available program slots.

Skedinger (2010) examined if the skill compositmihprogram participants varies
with the cycle. He regressed, inter alia, the shafréow-educated in programs on
unemployment, holding constant the share of loweatkd among all individuals who
are at risk of participating in a progranHe performed the analysis on monthly
aggregate data including seasonal fixed effectthénanalysis. Table 2 reproduces a

sub-set of the results from Skedinger (2010).

Table 2: Cyclical variation in the relative risk for low-educated of participating in ALMP

Dependent variable: Share low-ed. in programs

Overall LMT JSA Subsidized jobs
Unemployment -0.86 -0.89 -1.52 0.66
(4.68) (3.94) (3.11) (2.77)

Note: Monthly data 1996:(-2009:11. The regressions include seasonal FE:themshare lo-ed.
among the eligible. T-ratios in parentheses.
Source: Skedinger (2010).

The first column of Table 2 illustrates that if theemployment rate increases by 1
percentage point, the relative risk that the loweaded (those with compulsory
education or less) participates in a program deehy —0.86 percentage points. When
decomposing the overall effect into separate efféat different kind of programs, he

found that this conclusion applied to labor markatning (LMT; see col. 2) and job

9 Since being recorded as unemployed is a pre-Gondior partaking in a program, he controlled fbe tshare of
low-educated in the unemployment register.
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search assistance (JSA; see col. 3) but not fosidizbd jobs (col. 4). Thus the
increasing number of high-educated in a recessi@oie extent crowds out the low-
educated. Lechner and Wunsch (2009) presentedasiavildence for Germany.

Skedinger (2010) conducted the same analysis faratharacteristics. In short he
found that youths are more likely to participateaiprogram during recession, that the
participation rates of refugee immigrants are wtesl to the cycle, and that the relative
risk of participating in a program decreases ireeession for individuals with: (i) a
work impairment; and (ii) more than 2 years of up&sgment.

We have used micro data to revisit this issue. ddtheantage of using the micro data
is that we can control for a (potentially large)ymher of characteristics simultaneously
to isolate the unique contribution from each of dmaracteristics. The results of Cox
regressions for hazards to all programs in boomraecession are shown in Tablé®3.

10 The Cox regression models the flow (hazard ratgirograms as the product of a baseline hazayet)) and a
part that depends on characteristis f; (t) = ho(t)e*#, wherep denotes (a vector of) parameters to be estimated.
An estimate of —0.06 on (say) immigrant status redhat it is 6 percent less likely that an immigresil enter a
program (per unit time) relative to an individuadrb in Sweden. Note, that this interpretation isdahon the
common practice of approximating relative changéh l@g changes. For sizable estimates, one shzalilate the
relative change agf — 1.
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Table 3: Determinants of ALMP patrticipation in boom and recession

@)

)

®3)

VARIABLES Recession (1992) Boom (2005) Differen¢B)-(2)
Less than upper-secondary ed. —0.11** 0.0051 -0.11*
(0.0053 (0.0087 (0.010
Immigran -0.061** -0.004: —-0.057**
(0.0065) (0.0082) (0.010)
Age 20-29 0.37** 0.13** 0.24**
(0.0051 (0.0077 (0.0092
Age 55+ —0.87** —0.28** —0.59**
(0.014) (0.015) (0.020)
Child under 10 —0.062** 0.046** —0.11**
(0.0054 (0.0084 (0.010
Male —-0.072** 0.13** —0.20**
(0.0046) (0.0071) (0.0084)
Married —0.033** 0.00086 —0.033**
(0.0059 (0.0088 (0.011;
Outside big citie 0.40** 0.63** —0.23**
(0.0066) (0.011) (0.013)
Observation 572,71¢ 522,71 1,095,43i

Notes: The results are generated using Cox regressin data from the Swedish unemployment register.
The analysis only includes individuals ages 20-88@ndard errors in parentheses: ** p<0.01, * p<0.05

By and large, the micro data convey the same messaghe analysis in Skedinger
(2010); the only substantive difference pertainsninigrants. On the one hand, the
program hazards are significantly lower in recassior: those with less than high
school education, immigrants, and individuals ag&d60 (relative to individuals aged
30-44). On the other hand, the probability of éntea program is higher in recession
for young persons. To take an example of the madeg involved, the estimates
indicate that the program hazard for those wifls ldhan upper-secondary education is
(roughly) 11 percent lower in recession than inrboo

In Figure 6 we present cumulative distribution fiioies (the CDFs) for time until
program entry in boom (2005) and recession (1982)tfiose who actually enter a
program. Since the probability of having starteel phogram before a certain time point
is always higher in boom than in recession, ther&gimplies that individuals enter

programs earlier in an unemployment spell in a gatatk of the business cycle.
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Figure 6: CDF for time to program in a boom and in a recession
Note: Calculations based on the Swedish unemploynegister using individuals aged 20-60.

7 The evidence

To what extent do the effects of ALMP vary with thasiness cycle? As we have
emphasized repeatedly, there is not so much ewddmat directly pertains to the
qguestion we are interested in. Notice that thecgakelevant question relates to the state
of the labor markeat the time of program starf\ few papers (Johansson 2001; Raaum
et al. 2002) have examined whether the state ofldber market at the time of
measuring outcomes matters. Although this mightibenteresting factual, it is less

clear why policy makers should be concerned witt tuestion.

7.1 Direct evidence on the efficacy of ALMPs over the cycle
Lechner and Wunsch (2009) is the only paper thatdugectly addressed the question

we are interested in. The lack of research onisgkise is presumably not driven by lack
of interest — the question is certainly highly pglirelevant. Rather we think that the

lack of evidence is driven by the fact that thigibard evaluation problem (see section
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5) and the fact that extraordinary data are reduire particular, the time dimension of
the data should cover both boom and recession.nGheag Lecher and Wunsch (2009)
is the only paper available, we spend some timénhem paper.

Lechner and Wunsch considered training in (Westh@eay. The treated population
may have entered training at some time point betwi¥86 and 1995. Labor market
outcomes are observed until 2003. Their analydim$®d on a selection-on-observables
assumption (there is presumably no other alterentiv

They estimate short-run program effects (outconbseiwved 6 months after program
entry) and long-run effects (outcomes observeda8syafter program entry). The short-
run effects primarily capture the lock-in effectgpoogram participation.

Lechner and Wunsch found that, on average, progsarticipation reduced the
employment probability by 15 percentage pointshe short run and increased the
employment probability by 10 percentage pointshie iong run. Cumulated over the 8
years that outcomes can be observed (which is bBigtiae most relevant metric), the
estimates imply a relative increase in months gblegment by 5 percent.

The main point of the Lechner and Wunsch (2009gpéay however, to correlate the
estimated treatment effects with the unemploymen¢ @t program entry. Table 4

reproduces their baseline results.

Table 4: Correlations between program effects and unemployment rate at program entry

Dependent variable: Programs effects (Outcome: employment)

Correlation with unemployment at program entry

Short-run effect (6 mths.) 0.25%*

Long-run effect (8 yrs.) 0.31%*

Note: Based on Lechner & Wunsch (2009), Table 2 sfgnificant at 5 % level; ** = significant at 1 %
level

As shown in Table 4, their analysis suggests th@nwunemployment at the time of
program entry is high: (i) lock-in effects are lesgative; and (ii) long-run effects are

more positive.
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Table 4 reports the baseline results of Lechner\&ndsch (2009). These baseline
estimates are potentially plagued by (at least)gvadlems. First, the skill composition
of program participants changes with the cycleGiermany, participants tend to be
more positively selected in a downturn. Secondifiing” is a heterogeneous group of
programs; the composition may change over the @&lmight the planned duration of
a given program. Lechner and Wunsch found thaeth&e problems raise no concerns.
The correlations with the unemployment rate at @ogentry do no change much when
the characteristics of the participants and thepmmition of training programs are held
constant.

What are the caveats to Lechner and Wunsch (2@D8&?obvious caveat is that this
is only one study of a single program for a singbeintry. Of course, this is too little
empirical evidence to base definitive conclusions levertheless, we see no obvious
reason for thinking that the correlation betweerermployment and the effects of
training in Germany should be different from otheuntries. However, we are reluctant
to extrapolate from training to other forms of ALMPhe best case for expanding
ALMP is probably labor market training.

But there are also aspects of the Lechner and Wiustsicly that could be improved
upon. A maintained assumption in their study ist ttreere are no changes in the
institutional set-up for training during 1986—95utBhis is argued rather than shown,
and it is not possible for us to assess whetheassamption is credible. In this respect,
it would have been preferable to examine if treaimedfects vary systematically with
changes in unemployment within regions over timee Virtue of this approach is that
one can abstract from institutional changes siheg tare common across regions (at
least in centralized systems such as the Nordis)one

Another maintained assumption is that there is awirfelevant) variation in the
duration until program start. Programs on averaget $ater in a recession (see the
evidence in Section 6.3). Because of capacity caimss, there is some “weeding-out”
of the unemployment pool. This is a concern singeiibn dependence implies that
individuals become different even though they wdemtical to begin with. It should be

straightforward to adjust for the differences im tturation until program start across the
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cycle; after all the duration until program stast abserved (see Fredriksson and
Johansson 2008).

In principle one could also raise concerns abow $election-on-observables
assumption. This critique, however, seems rathetsiace there is no other alternative
in practice (see Section 5).

7.2  Other (related) evidence
Given the lack of directly relevant evidence, itéasonable to look for other evidence

that can shed light on the issue. A meta-study hyvé& (2010) indicates that the
average rate of unemployment during the prograni dpes not interact significantly
with overall program effectiveness. However, thexea positive interaction with the
effect of labor market training, suggesting th#lamarket training is more effective in
a downturn. Since, a meta-analysis just pools tegedifferent estimates from different
studies it is not possible to adjust for changesha& composition of participants and
programs over the cycle.

A few papers correlate treatment effects with urlegmpent at the time of
measuring outcomes. The paper by Raaum et al (2002)nstance, found worse
effects of labor market training when unemploymenthigh. But this finding has
unclear implications for policy design.

A relevant issue is whether there are more indaisiwho would benefit from a
program in a slump. This relates to the questiohedérogeneous treatment effects. But
there is fairly limited systematic evidence on sumterogeneous effects. A general
conclusion, however, is that programs do not bégefiths to the same extent as older
age categories (see Card et al. 2009). Also tresoine limited evidence that low-
educated and immigrants have more to gain fronmitrgi(e.g., de Luna et al. 2008).
Taken at face value, these two results suggesttibatariation in the characteristics of
program participants that we observe over the apc®wveden is not optimal.

If the rate of skill obsolescence is higher in s=ten, there are indeed more
individuals who benefit from a program in a downtu©n basis of the evidence we
presented in Section 6.1, there is no such gepattdrn.

Finally, another kind of related evidence is présdnn Schmieder et al. (2009),

where it is found that the changes in the gengraditunemployment insurance have
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very similar effects in boom and recession. Thiy maicate that we should not expect

very large differences between locking-in effeatslifferent phases of the cycle.

8  An application for Sweden

Here we provide new evidence on the effects of AkMiRer the business cycle. More
specifically, we compare the effects of a Swedightthe-job training scheme
(arbetspraktil to the effects of labor market trainingT) over the cycle. The on-the-
job training scheme, which we will refer to as waractice (WP), has been used fairly
extensively in both boom and recession. In our nsmgihisticated regressions, we
identify the effects of the cycle using the vapatwithin local labor markets over time
and adjust the estimates for differences in théntinof the start of the program. We
thus address two points of criticism that can beel on the study by Lechner and
Wunsch (2009).

There are three main reasons for comparing tredtretfects of two programs
(instead of estimating the treatment effect of pragram relative to non-participation).
First, we believe that selection on observed charastics (or conditional indepen-
dence) is a more credible assumption when compahiegwo programs. Second, by
comparing two programs we take account of facttiesting all programs that correlate
with the regional unemployment rate. Third, thetiee comparison answers the highly
policy relevant question: What kind of program € tin-the-job training scheme or the
labor market training scheme — is more effectiva gdownturn?

We first perform one-to-one propensity score maighof treated WP) and
comparison individualsLMT) on year of inflow and duration of unemploymengelsp
before program entry as well as a battery of cawast' We use individuals aged 25—
55 and consider programs that start within thet fisar of unemploymerif. Under
conditional independence we can use the matchathitest and control group to make

a straightforward comparison of the two programe. thiis end we estimate a Cox

11 The covariates include gender, age, level of ditutacountry of origin, if the unemployed is willi to accept
part-time employment, citizenship, region and pvesi unemployment (number of days and number of
unemployment spells during each of the four yeafere the start of the unemployment spell.)

12 We consider open unemployment and time in any rlaarket program as unemployment. Temporary
employment and part-time employment that last ntioae 30 days are considered as employment.
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regression model where we allow the treatment &ffex vary by time since program
entry (100 days)® Column (1) in Table 5 presents the estimates fiftimmexercise. The
idea is that any locking-in effects will be occagimainly during the first 100 days,
while any post-program effects will mainly occuteafthe first 100 days. If so, the
relative size of the locking-in effects will be ¢aped by the estimate of the main effect
(denotedWP), while the relative size of the post-program efifewill be captured by the

sum of the coefficients on the main effect anditiveraction term\(VPxT > 100).

Table 5: The efficiency of Work Practice (WP) relative to Labor Market Training

) @) 3 4 ®)
VARIABLES General effec  + bycycle + byyearanc + bytimeto + by incividual
county program start  characteristic
WP 0.25** 0.25** 0.18** 0.14* 0.29**
(0.012) (0.012) (0.043) (0.046) (0.090)
WEXT > 10C —0.45** —0.45** -0.08: -0.10* —0.35**
(0.014 (0.014 (0.049 (0.053 (0.099
WPx(regionalu) —0.015** —0.0038 —0.029* —0.030*
(0.0042) (0.012) (0.013) (0.013)
WEXT > 100x -0.0021 0.01¢ 0.008t¢ 0.005:
(regionalu) (0.0054) (0.016) (0.016) (0.016)
Observations 163,422 163,422 163,422 163,422 183,42

Note: The estimates are based on Swedish datagdl®®9—-2005. Regional unemployment is measured
at the county level and corresponds to the unempéoy rate during the month when the program started
Regional unemployment rates are deviations frommtean unemployment level during the observation
period, so that main effects can be interpreteti@snean effect at mean unemployment. Standardserro
in parentheses: ** p<0.01, * p<0.05

Using these two estimates one can also get a sértbe relative size of the total
effect (the sum of lock-in effects and post-progmiects) over some time horizon. The
two estimates imply that training outperforms weractice in the longer run, because
the post-program effect will eventually outweigle testimated lock-in effect. Indeed,
the survivor functions implied by column (1) suggtet the probability of remaining
in unemployment is lower fdtMT thanWP for evaluation horizons that extend beyond
7 months (218 days) after program entry. This swshin Figure 7, which plots the
relative probability of leaving unemployment for glmyment (computed as the

difference between the survivor functions for twe {programs). Alternatively, one can

13 We present Cox regression estimates since they ai$ to summarize the relative effects in two ficiehts. We
have also estimated the relative effects on théalrrates. It produces similar patterns.
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calculate the relative effect on unemployment doratLMT reduces unemployment
duration for evaluation horizons beyond 15 mon#&(days) after program entf.

The estimates in column (1) correspond well to ey Swedish work on related
issues. Forslund and Nordstrom Skans (2006) estdnatative treatment effects of two
programs for young participants, and found sigalifity better long-run effects of
training programs along a number of labor marketcames. Arbetsférmedlingen
(2010a) presented estimated treatment effects @b pprograms. They found that
training had a more favorable effect on the outffoom unemployment to work, over a
one year horizon.
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Figure 7: Effect of work practice relative to labor market training on the flow to jobs

Next we examine whether the effectsWP relative LMT depend on the business

cycle. We thus interact the treatment dummies vétiional unemployment (regional

14 The difference in the survival functions integsate the difference in mean duration. Theref@®-participation
will reduce unemployment duration relative tMT-participation when the two survival functions gogt 218
days). Thusl.MT only outperform&VP with respect to unemployment duration with an edésl evaluation window.
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denotes the regional unemployment rate at the mohgbrogram entry) to estimate

differential relative program effects over the & Column (2) presents estimates
without any additional controls. These estimatediceie that higher unemployment

contributes to a smaller difference in locking-ffeets between the programs. The post-
program effect ofWP relative toLMT also becomes more negative. All in all, this
indicates that training is relatively more efficiém recession than in boom.

Note that even if the matched treatment and corgroup are comparable these
estimates may be biased. One reason is that thitygod programs may vary
systematically with unemployment. Another reasornh@t the population of eligible
individuals may differ systematically between regiowith high and low unemploy-
ment. We address these issues in two ways. Firshin@duce regional fixed effects.
These regional fixed effects take care of any ueotesl differences across regions
influencing program effectiveness, provided thasthare constant over time. Second,
we allow the treatment effects to vary by a numddemportant characteristics like age,
gender and level of education. This extension shdutther alleviate any problem
associated with differences in the compositionhaf pool of unemployed individuals
across high and low unemployment states.

This refined analysis is presented in columns &)-first we add year and region
fixed effects and allow the general effect to vayyyear and region (col. 3); then we
also add fixed effects by program start dates dlodvdhe treatment effects to vary by
program start date (col. 4). Finally, we add indial characteristics on top of the other
covariates, and the treatment effects are againwed to vary by individual charac-
teristics (col. 5}° In our most elaborate model (see col. 5) we beligat it is highly
unlikely that there are observed characteristicat ttmay confound the correlation

between the treatment effects and regional unempoy.

15 Regional unemployment is measured at county I@&g). It is defined as the number of individuals (ag&e-55)
in each region registered as openly unemployed pagticipants in a labor market program at theleympent office
relative to the total number of individuals (agéd-35). The former is measured on th& #ach month and the latter
is measured once a year using official statistiomfStatistics Sweden. Due to its small size wéuebecthe county of
Gotland.

15The reference individual is a woman with less thaaper-secondary education living in Stockholm 999
Regional unemployment rates are deviations fromban, so that main effects can be interpretedeamean effect
at mean unemployment for the reference personettfibove.
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Our preferred model is thus the one presented ianao (5). According to these
results, it is still the case that, on averagenimg outperforms work practice in the
longer run, despite the fact that the lock-in dfigctraining is larger than that of work
practice. Moreover, the lock-in effect of trainifgsmaller in recession, and the post-
program effects also work in favor of training. Téstimates in column (5) thus imply
that training is relatively more efficient in res@n than in boom, both because lock-in
effects are less severe and because post-progriaeiseire more beneficial when
unemployment is high.

As argued above, it makes intuitive sense thatdifference in locking-in effects
between the programs is smaller in recession (higfmployment), since this is what
one would expect if one thinks that the returndarsh is smaller when job-finding rates
are low. We have no strong prior regarding the 4pasticipation effects. But one may
note that Lechner and Wunsch (2009) obtained anakgesults.

What magnitudes are implied by the estimates imroal (5)? To come up with a
realistic evaluation point we calculated the d#fgre in unemployment across time
within region and then took the median of thesded#nces. Over the studied time
period (1999-2005) a median region experiencedfarence between high and low
unemployment states in the order of two percenpayets. Thus we take an increase in
unemployment by one percentage point to represeetession, while a decrease of a
percentage point represents a boom. Figure 8ridliest the estimates by plotting the
relative probability of leaving unemployment for gloyment across states of the
business cycle.
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Figure 8: Effect of work practice relative to labor market training on the flow to jobs in boom and
recession

Figure 8 shows that the lock-in effect of trainisgmaller in recession (the solid line
is below the dashed line), that “break-even” ocaeaslier in recession, and that the
long-run treatment effect of training exceeds tbhtthe practice program more in
recession than in boom. Relative to work-practtcaining has the long-run effect of
increasing the probability of leaving for employmédry 4.8 percentage points in a
recession and 3.1 percentage points in a boom.

9 Concluding remarks

In this paper we have considered the case for edpamprogram activity in a recession.
We find that there is reasonable case for doingsich is tied to the varying size of
the lock-in effect in boom and recession. Thugrifigrams with relatively large lock-in
effects should ever be used they should be usestassion. The reason is simply that

the cost of forgoing search time is lower in rec@ss
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The above argument is primarily a case for expanpdmining in a recession.
ALMPs affecting the returns to search (JSA and neoimig) should probably be
reduced in recession.

The empirical evidence is extremely limited. Hitloer_echner and Wunsch (2009)
is the only credible paper on this issue. They findt training appears to be more
effective in a downturn. Nevertheless, this is onlye study of a single program
(training) for a single country (Germany).

To provide some more evidence we have compareceffieets of an on-the-job
training scheme to labor market training. On averéayer the cycle), the on-the-job
training scheme is associated with smaller (negatiock-in effects and smaller
(positive) long-run effects than labor market tnagn Our evidence also shows that the
relative size of the lock-in effect is smaller cession and that the long-run effects
become less beneficial in a downturn. This suggésiisit is relatively more efficient to
use the labor market training scheme in recesbkiam in boom.

In some respects our analysis is an improvementhenanalysis by Lechner and
Wunsch (2009), in others it is not. Despite thdedénces in the two approaches, our
results are remarkably consistent with those ofhbec and Wunsch. Nevertheless,
more evidence on this issue would be extremely ove&

It is somewhat ironic that the clearest case fopaexliing program activity in
recession pertains to training. A real problemhigt ttraining features relatively large
fixed costs and capacity constraints. Therefore,sttale of this program is not easily
adapted to the state of the business cycle.

Another caveat is that labor market training i€ljkto be more expensive than the
on-the-job training scheme ("work practice"). Adatiog to Arbetsférmedlingen
(2010b) the direct cost per participant was SEKO0Q, in 2008. Assuming that
participants in labor market training (and workgiiee) would be paid a wage equal the
wage on the 25 percentile (SEK 20,900), and adjusting this nurbetake pay-roll
taxes into account (pay-roll taxes roughly equalpédcent) we conclude that labor

market training would have to prolong employmentation by 2.5 months relative to
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work practice in order for the benefits to outweitje costs! This is substantially
larger than the effects on unemployment duraticat the can observe during the
evaluation window. Our estimates suggest thatitrgimeduces (truncated) unemploy-
ment duration over a two-year follow-up horizon 1%.6 days in recession and by 4.4
days in boom relative to work practice. This rouggticulation thus implies that the
effects of training would have to persist well begidhe evaluation window in order for
the cost-benefit analysis to come out in favoraining*®

It seems to us that program effects in differerdaggls of the cycle would be a very
fruitful area for further research. Having saidsthive are the first to recognize that this
is a hard evaluation problem. Nevertheless, thegaats for conducting a well designed
study increases over time along with the build-bipaministrative registers covering a
sufficient time span.

17 To be more precise: 72,000/(20900x4.5.

18 Obviously, there are many caveats to this calimratEven during the follow-up horizon there aresens to
expect that we underestimate the benefits of mgirfirst, we ignore the fact that training mayusslthe probability
of losing the job; the estimates in Forslund anddstsom Skans (2006) suggest that improved emplaystability
relative to the alternative programs that they aered. Second, we assume that participants inimgireceive the
same wage upon employment as participants in wagtipe; if anything we would expect that contribtd higher
wages relative to work practice.
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