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Abstract
The study examines some of the factors which determine the type of non-agricultural

activities in rural Nigeria an individual engages in. It is argued that diversification from
subsistence farming and support for rural on-farm employment opportunities could be
poverty-reducing. It has been noticed that an increase in foreign remittances reduces the
incidence, depth and severity of poverty in developing countries. This study considers
remittances as a source of income which could possibly reduce poverty in the rural sector
of the economy. We focus on the non-farm sector because of its potential for development
and poverty alleviation in Nigeria.
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Proportion of the rural poverty accounted for by the major occupational groups was
estimated using Distributive Analysis STATA Package (DASP) version 1.4 developed by
Abdelkrim and Duclos (2007), Universite Laval, Canada.

Poverty curves

We present very useful and informative tools in portraying the whole distribution of poverty
gaps on a simple graph. The poverty gap curve plots g(p,z) as a function of p where p is the
poverty measure of group g, and z is the poverty line. The curve naturally decreases with
the rank p in the population, and reaches zero at the value of p equal to the headcount. The
integral under the curve gives the average poverty gap, and its steepness indicates the
degree of inequality in the distribution of poverty gaps (Duclos and Araar, 2006).

Here we are interested in knowing whether poverty in one region is higher than in the
other, based on our poverty measures. In other words, we want to assert that poverty in a
distribution A, is higher than poverty in a distribution B. Our concern is in ordinal
comparisons and we do not attempt to put a precise numerical value on the extent of
poverty in each occupational group. We only attempt to rank poverty across the income
distributions, indicating whether one is unambiguously higher or lower than the other. We
are of the opinion that this method is robust to the choice of measurement assumptions
and can be sufficiently informative when considering the choice of good policies to alleviate
poverty, or determining the distribution that has the highest poverty level. This method
also saves most of the considerable energy and time often spent on estimating poverty
lines and on selecting and calculating poverty indexes.

The decomposition of income inequality by sources of income

Following Foster (1985) and others, the chosen measure of decomposition should have
five basic properties: (1) Pigou-Dalton transfer sensitivity; (2) symmetry; (3) mean
independence; (4) population homogeneity; and (5) decomposability.

Several measures of inequality meet these five properties. These measures include
Theilís entropy index T, Theilís second measure L, the coefficient of variation and Gini
coefficient. The two Theil measures, however, are not decomposable when sources of
income are overlapping and not disjointed (Adams, 1993). While the need for non-
overlapping groups is not restrictive when inequality is decomposed, this restriction rules
out using the two Theil measures here because many of the survey households receive
income from several different sources. This study will therefore use the Gini coefficient.

Gini coefficient

Here, an attempt is again made to decompose income inequality by sources of income to
assess the contribution of sources of income to total income inequality. The focus is on
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Figure 2: Poverty gap curves for agricultural income and non-farm income
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This is indicative of the importance and the positive role remittances can play in the
rural economy of Nigeria. Wage employment and non-farm self-employment sources of
income have almost the same impact on the rural working population in Nigeria. However,
wage employment income seems to have a greater impact on the alleviation of poverty
among the working population. Figure 2, which is a subset of Figure 1, presents a clearer
picture of both agricultural and non-farm sources of income. It is evident that non-farm
sources of income offer great potential as a route out of poverty if sufficiently developed
as a veritable source of investment in Nigeria.

Income inequality decomposition by income source:
Gini index

The issue of income inequality is further discussed because the link between income
inequality and poverty has been the focus of discussions of poverty (Ravallion and

Datt, 1995). This is important because it is widely believed that reducing income
inequality could benefit the poor both immediately and in the long run by facilitating
economic growth (Lanjouw, 2001).

To this end, an attempt is made to decompose the Gini coefficient to identify which
income sources contribute to overall income inequality. First, it can be asked whether an
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Table 6: Probit model of non-agricultural employment
Explanatory variables Any non-agricultural Low-productivity High-productivity

employment non-agricultural non-agricultural
(Model 1) employment employment

(Model 2) (Model 3)

DF/ds (Prob value) DF/ds (Prob value) DF/ds (Prob value)

Male (dummy variable) 0.037(0.014) -.0013(0.935) 0.0011(0.93)
Age 0.0086 (0.00) -0.00088(0.79) 0.002311(0.071)
Age squared -0.0000830.000) -0.0000038(0.83) -0.000025(0.110)
Household size 0.020(0.000) 0.0080.00) 0.0064(0.00)
Educational group 0.022(0.00) -0.014(0.00) 0.061(0.00)

Number of observations 13612 13612 13612
◊2 417.34 84.13 824.38
Prob > ◊2 0.00 0.00 0.00

Log likelihood -5953.79 -7047.49 -5303.79
Observed probability 0.17 0.22 0.15
Predicted probability 0.16 0.21 0.13
Pseudo R2 0.034 0.0069 0.072

Large families would probably gravitate towards non-farm employment, particularly
high productivity high-return employment to earn more income to make ends meet. In line
with most studies, the educational level is positively and significantly associated with the
probability of non-farm employment. Holding other variables constant at their sample
means, the model reveals that a 10% rise in the level of education would increase the
probability of non-farm involvement by 2.2 percentage point.

Let us now consider the situation when we split non-farm employment into two types:
Low and high productivity. One striking result is the changes observed: While men were
more likely than women to be employed in the non-farm sector in general (Model 1), the
reverse is the case when we focus on low-remuneration non-farm activities. Here men
have a 1.3 percentage point lower probability of participating in these activities. It seems
no one naturally has an incentive for low-productivity, low-income employment. The
negative sign on age for both young and old indicates that no age level would want to
engage in low-return employment. Household size is still positive and significantly related
to employment in non-farm activities, still suggesting that households with many family
members may well need to spread their net wider for more income. Unexpectedly,
educational level is negatively associated with low-return non-farm employment
participation. Perhaps average level of education considered is higher than what would
be expected to take on low-return non-farm employment.After all, low-return rural non-
farm activities are largely a coping mechanism that enables families to alleviate the
hardship associated with poverty, rather than a route out of poverty altogether (Ferreira
and Lanjouw, 2001). Controlling for other characteristics, Model 3 follows the results
of Model 1 with greater association of educational group with the probability of non-
farm participation in high-return activities.
















