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Abstract

Little research looks at the relationship between macroeconomic indicators and material
hardship. High unemployment rates as a result of economic downturns are likely to lead to lost
income, increased poverty, and material hardship. We examine the effect of the unemployment
rate on hardship — food insecurity, difficulty paying bills, housing insecurity, unmet medical
needs, and having utilities cut off — and investigate the role that government safety nets play in
mitigating the effects of unemployment on the experience of material hardship. We use data
from the Fragile Families and Child Well-being Study. The latest wave of data was collected
during the Great Recession, the worst recession since the Great Depression, providing a unique
opportunity to look at how high unemployment rates affect the well-being of low income
families.
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Introduction

The Great Recession that began in December, 2007 and officially ended in June, 2009
was one of the worst recessions in the US since the Great Depression. Among families in the
lowest 10 percent of the income distribution, estimates from the Current Population Survey show
that unemployment rates were still as high as 31 percent in October to December 2009. In the
second lowest income decile unemployment was almost 20 percent (Sum and Khatiwada, 2010).
High unemployment rates are likely to influence the health and well-being of low income
families. In addition to lost income and increased poverty due to unemployment, low-income
families are likely to experience other material hardships as a result of the economic downturn.
Research that has focused on material hardships has generally looked at the relationship between
poverty or income and the occurrence of hardship. Little research has looked at the relationship
between macroeconomic indicators, like the unemployment rate, and material hardship.

This paper focuses on the relationship between material hardship and the unemployment
rate using data from the first five waves of the Fragile Families and Child Wellbeing Study
(Fragile Families). These data are uniquely suited to looking at the effects of unemployment as
the most recent data collection (May 2007 to February 2010) coincided with the Great
Recession. To our knowledge, it is the first paper to examine the effect of the unemployment rate
on material hardship, and it is one of the few studies to be able to exploit longitudinal data in
order to control for many potential confounders. We examine the effect of the unemployment
rate on individual hardships including: food insecurity, inability to pay bills, housing insecurity,
unmet medical needs and having utilities cut off. We also investigate the effect of the
unemployment rate on the usage of government assistance programs and the role that these
government programs play in mitigating the effects of unemployment on the experience of

material hardship.

Our study finds that the unemployment rate is related to the summary measure of material
hardship, inability to pay bills and having your utilities cut off. We also find that the
unemployment rate is related to the receipt of two government assistance programs: the
Supplemental Nutrition Assistance Program (SNAP) and unemployment insurance (Ul). Lastly
we find that cash assistance programs — in particular, TANF, Ul and SNAP — appear to be

helping families avoid food, bill, housing, medical and utility hardships.



Literature on Economic Wellbeing and Material Hardship

A large literature relates the business cycle to measures of economic wellbeing. Many
studies focus specifically on the unemployment rate and poverty, income inequality, and family
income (Blank and Blinder, 1986; Blank 1989, 1993; Cutler and Katz, 1991; Blank and Card,
1993; Tobin, 1994; Haveman and Schwabish 2000; Freeman, 2001; Hoynes, 2002; Gunderson
and Ziliak, 2004). These studies generally find that increased unemployment rates are associated
with poorer economic outcomes. For example, Blank and Card (1993) find that a rise in the
unemployment rate is associated with an increase in the numbers of weeks unemployed, a
decrease in the number of weeks employed, real average weekly earnings and mean earnings.
Despite the large literature that looks at poverty and income measures, no studies look at the
effect of changes in the business cycle on material hardship. This study is the first to look at the

association between the unemployment rate and hardships.

Many economists believe that consumption based indicators of economic well-being are
superior to income based measures (Citro and Michael, 1995). Measures of income do not
always fully capture all the resources that families have to make ends meet. In addition, other
sources of income such as government transfers, wealth, and the ability to draw on credit or free
services may also aid families in avoiding hardships. Measures of consumption are likely to
better capture other sources of income. Material hardship measures are designed to capture forms
of foregone consumption that threaten health and well being—such as going without food,
housing, or needed medical care. Besides capturing the effects of economic resources that
income measures may miss, hardship measures are also heuristically attractive because they
measure concrete adversities. Measures of material hardship can provide some perspective on
what it means to be poor by measuring families’ living conditions (Federman et al, 1996). Some
researchers have suggested that the general American public is more interested in understanding
whether families can obtain basic necessities rather than whether they have a certain level of
income (Mayer and Jencks, 1998; Rector, Johnson and Youssef, 1999; Heflin, Sandberg and
Rafail, 2009). Meyer and Sullivan (2003) find that those who are income poor are not
necessarily the same as those who are consumption poor and that the experience of material
hardship is more closely related to consumption poverty than income poverty. Moreover, short-

term fluctuations in income have relatively little impact on material hardship once average



income is controlled (Short, 2005; Mayer and Jencks, 1989; Iceland and Baumann, 2007).
Finally, high unemployment rates may affect not only individual and family members’
probability of employment, but also whole neighborhoods and family support systems. Few
researchers advocate for the replacement of income or poverty measures in favor of a material
hardship measure, but many argue that material hardship measures are a useful complement to

other economic well-being measures.

Measures of material hardship were first used in the United States by Mayer and Jencks
(1989) in a study of Chicago residents. Since then a number of surveys have included similar
measures of material hardship, most notably the Survey of Income and Program Participation
(SIPP) conducted by the U.S. Census Bureau. The Fragile Families study includes measures of
hardship that are very similar to those collected by Mayer and Jencks and SIPP. In spite of 20
years of use of material hardship measures, there is little agreement on how to operationalize the
measure (Beverly, 2001; Ouellette, Burstein, Long and Beecroft, 2004; Carle, Bauman and
Short, 2009: Heflin et al. 2009). Some researchers use an index of all material hardships, others
look just at a specific hardship (i.e. phone disconnected) and some look at hardship domains such
as housing or food hardships. In addition, the number of measures included in studies of
hardships varies greatly (Rose, Parish and Yoo, 2009). Despite these discrepancies, most studies
of material hardship cover the domains of health, food insecurity, ability to pay bills and housing
hardships. Heflin et al (2009) find that models that separate the domains of hardship are superior
to fully aggregated or disaggregated measures of material hardship. Other studies of material
hardship that use the Fragile Families data use both individual and aggregate measures (Teitler et
al. 2002; Reichman et al, 2005; Schwartz-Soicher, Geller and Garfinkel, 2009; Nepomnyaschy
and Garfinkel, 2008; Osborne, Berger and Magnuson, 2010). Heflin and Iceland (2009) create
five hardship domains in their analyses using the Fragile Families data. We construct our domain
measures to closely match theirs and also include a summary measure of hardship in our

analyses.

No previous study has examined the effect of the unemployment rates experience in the
Great Recession on measures of material hardship. The most recent wave of the Fragile Families
data are ideally suited to examining the effects of the Great Recession. The 9-year follow up

survey (5™ wave) was collected from May 2007 through February 2010. Therefore we have data



from just before the large crash in December 2007 through the end of the Great Recession.
Studies of changes in poverty and the income distribution during recessionary periods find that
the bottom of the income distribution and lower educated workers are most affected by
recessions (Blank and Blinder, 1986; Blank and Shierholz, 2006; Blank, 2010). The Fragile
Families study follows an economically disadvantaged population providing us with information
on families who are most likely to be hit the hardest by an economic crisis. The panel data and
timing of the most recent survey provide us with a great deal of variation in the unemployment

rate over time making it ideal for our study.

We expect that as the unemployment rate increases the incidence of material hardships
will increase but that some hardships may be more responsive to the unemployment rate than
others. Hardships that reflect the individual’s inability to purchase or pay for something on a
regular basis, such as food or paying bills, may be more affected by a change in the
unemployment rate. The consumption of these goods may be more easily affected by fluctuations
in income. Or it may be the case that these hardships are not greatly influenced by the
unemployment rate as inability to make a bill payment or buy food may be the type of hardship
that occurs commonly for low income families even in the best of times. For this reason we may
see that it is the more extreme hardships, such as experiencing housing insecurity or having your
utilities cut off, that are more closely linked with the unemployment rate. These hardships are
likely to occur after extended periods of economic hardship, many months of inability to pay rent

or hills.

Previous research provides little guidance on which hardships may be more affected by
the unemployment rate. Sullivan et al (2008) and Iceland and Bauman (2004) find that food
insecurity was more highly affected by recent fluctuations in income or poverty; Lovell and Oh
(2006) find that utilities and phone disconnection are most affected by bouts of unemployment;
and Beverly (2001) and Danziger et al. (2000) find that employed respondents are more likely to
experience unmet medical needs. Given these mixed findings, we investigate the relationship
between individual dimensions of material hardship and the unemployment rate to better
understand the processes underlying different dimensions of hardship. Understanding if a
particular type of hardship is more closely linked with changes in the unemployment rate may

aid policy makers in targeting specific programming during recessionary periods.



The experience of material hardship may be mediated by public safety nets. The ability to
access government aid from programs such as Temporary Aid to Needy Families (TANF) or the
Supplemental Nutrition Assistance Program (SNAP) might help families avoid hardships. For
hardship domains such as food insecurity where government assistance is regularly available the
effect of the unemployment rate on hardship may be less pronounced. However in domains such
as utility payments, or housing insecurity, where government programs are less available, we
might see more hardship. We investigate several sources of government support; TANF, SNAP,
Medicaid, unemployment insurance (Ul), supplemental security insurance (SSI), the earned
income tax credit (EITC) and public housing vouchers/section 8 housing to see whether they

help mitigate material hardship.

Several studies have examined the relationship between individual employment or
individual unemployment and material hardship (Elder, 1999; Conger and Elder, 1994; Lovell
and Oh, 2006; Moffit and Cherlin, 2002; Danziger, Corcoran, Danziger and Heflin, 2000; Edin
and Lien, 1997; Teitler, Reichman and Nepomnyaschy, 2004; Bauman, 2002). However, there
are many reasons to expect such an association even in good economic times, as those who are
unemployed may have other problems that cause both unemployment and material hardship. We
focus instead on the unemployment rate, a measure that is not affected by the choices of the
individuals in our sample. In addition, the unemployment rate allows us to get at shocks that
affect the whole household, not just the employment of one particular member.* Households (and
in particular low income households) often have multiple earners and a wide network of people
who may help out in the event of an individual shock to employment or income. However, the
whole network is likely to be affected by a shock as large as the Great Recession. Our data allow
us to look at the effect of the unemployment rate on material hardships over a long time span (9
years) and during both good economic times and a time of economic crisis — the Great

Recession.

! We do find the expected relationship between individual employment and the unemployment rate in our sample.
In a model in which an indicator for whether the mother was employed last week is regressed on the log of the
current unemployment rate in the baseline city and an individual fixed effect, the estimates indicate that a
doubling of the unemployment rate would decrease the probability that she was employed by 0.058. We could
not investigate the association between the unemployment rate and employment of all the individuals in the
family household as only some of this information was collected in the survey.



Data and Methods

Data

We use data from the Fragile Families and Child Wellbeing Study, a sample of
approximately 5,000 births in 20 large U.S. cities (in 15 states). Births were randomly sampled
between 1998 and 2000 with an oversample of non-marital births. The study is designed to be
representative of births in large cities (populations over 200,000). Mothers and fathers were
interviewed at the time of the birth of the child and follow-up interviews were conducted when
the child was one, three, five and nine years old. The survey is designed to cover questions of
parental relationships, economic wellbeing, parenting and child wellbeing. Ninety percent of the
mothers who completed baseline interviews were re-interviewed when their children were
approximately one year old. Eighty-eight percent of mothers who completed baseline interviews
were re-interviewed when their children were about 3-years old, 87 percent were interviewed
when their children was about 5-years old and 76 percent were interviewed when their child was
about 9-years old. The 9-year follow-up started in May 2007 and continued through February
2010, throughout the Great Recession.

In this study we focus on the mothers’ reports as they are both more complete than the
fathers’ reports and they are more likely to be residing with children, a population who may be
more vulnerable to the effects of hardship. We used multiple imputation to impute values for
missing data on our covariates (we estimated all our analyses on the non-imputed data and the
results were nearly identical). Multiple imputation utilizes the observed data to impute values for
individuals who are missing data (Allison, 2002; Rubin, 1976). We imputed 5 data sets and the
estimates are averaged over these data sets. The pooled data has a sample of 19,592 (person-year
observations). Three thousand forty seven person-year cases are missing from a survey wave.
Our final sample is 16,245 person-year observations and 4327 respondents contribute to the
estimates. Analyses of the respondents who attrite from the sample show that they are more
disadvantaged than the sample. Those who attrite are more likely to have less than a high school
degree and lower income to needs ratios than those who do not attrite. Attriters are also more

likely to be Hispanic and be immigrants than those who do not attrite.



Unemployment

We construct an average unemployment rate over the last year since the date of the
mother’s interview in order to match our key dependent variable which is a measure of hardship
over the previous year®. We use the log of the unemployment rate as it was the functional form
that best fit our data. Information about the monthly unemployment rate was appended to the
data set using data from the Bureau of Labor Statistics’ Local Area Unemployment Statistics
(LAUS). We append two different unemployment rates. First, using the mothers’ current
Metropolitan Statistical Area (MSA) and based on the date of the interview (for each interview
wave), we attach the unemployment rate for the MSA in which she lives at the time of the
interview. Second, we append the unemployment rate from the mother’s original MSA
(regardless of whether the mother moved) to the data for each wave of data based on the date of
the interview. For example, if a mother was sampled in Boston, MA and she moves to
Indianapolis, IN, in the first version of the unemployment rate (current city) the analyses are
done using the unemployment rate faced in Indianapolis. In the second unemployment rate
(original/baseline city) the analyses are conducted using the Boston unemployment rates. We
discuss reasons for doing both of these analyses in the methods section.

Our study focuses on the unemployment rate; however, as the latest recession illustrated,
unemployment and employment do not always move together since people can also drop out of
the labor force. Hence, we also looked at employment rates using data from two different
sources: the LAUS and the Current Employment Survey (CES). LAUS data primarily comes
from the Current Population Survey and CES data comes from Employment Statistics. For both
data sets, rates were calculated using the number employed divided by population data that was
appended from Census data and then averaged over the last year. Using the employment rate
(instead of the unemployment rate) did not substantively change our results. In addition, the
results of the analyses conducted with the LAUS and the CES were very similar. Results from
these analyses are not reported here but are available from the corresponding author upon

request.

>We investigated the relationship between the outcome variables and different lags in the unemployment rate but
it did not substantively change our results.
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Material Hardship

We create measures of five hardships and a summary variable that includes 10 hardships.
A dichotomous measure is created for each of the five domains representing whether or not an
individual had experienced the hardship. All hardship questions refer to the past 12 months. The
food insecurity measure includes two questions: “In the past twelve months, did you receive free
food or meals” and “Were you ever hungry, but didn’t eat because you couldn’t afford enough
food?*” Inability to pay bills is measured using two questions: “Did you not pay the full amount
of rent or mortgage payments” and “you did not pay the full amount of a gas, oil or electricity
bill?” Housing insecurity is measured by three questions: “Did you move in with other people
even for a little while because of financial problems?”, “Did you stay in a shelter, in an
abandoned building, an automobile or any other place not meant for regular housing, even for
one night?”” and “Were you evicted from your home or apartment for not paying the rent or
mortgage?” The measure of medical hardship is based on the question “Was there anyone in
your household who needed to see a doctor or go to the hospital but couldn’t because of the
cost?” The utilities cut off variable includes two questions: Whether or not “your gas or electric
service was ever turned off, or the heating oil company did not deliver oil because there wasn’t
enough money to pay the bills”, and “was your telephone service ever disconnected by the
telephone company because there wasn’t enough money to pay the bill?”” Lastly, the summary
measure is constructed by summing all of the hardship questions included in the individual

dimensions*.

Government assistance variables

We investigate the relationship between the unemployment rate and a number of
government safety net programs. Respondents are asked if they received TANF, SNAP, Ul, and

SSlin the last year. For the EITC, respondents were asked if they filled out a form to receive the

*In Year 3 the food hardship variable is based on just one question: “Did you receive free food or meals” as the
second question was not asked.

*The Year 3 survey has two exceptions. The question about whether the respondent was ever hungry was not
asked in Year 3. In order to retain sample we carried forward the value from the previous year’s survey for the
respondent. Fewer respondents replied yes to this question in year 1 than in year 5 so we felt it was a more
conservative approach. We conducted analyses restricting the hardship measure to the questions that were asked
in all waves of the survey and the results did not change. In addition, in year 3 the question about whether the gas
or electric service was ever turned off was asked in two questions rather than one. We have combined those
guestions into a single question to be comparable with the other survey waves.
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credit with their last Federal income tax return. Respondents were also asked if they were
currently covered by Medicaid. In the year 9 survey mothers were not asked if they received
Medicaid. We assumed mothers received Medicaid in year 9 if they reported that their child
received Medicaid. This measure may overestimate the use of Medicaid so these estimates
should be interpreted with caution. Lastly, respondents were asked if they were currently living
in public housing project or receiving government aid to pay for housing. These questions are all

coded as yes/no responses.

Other variables

The main focus of our analyses are the individual fixed effects models. However, the
pooled OLS models include a number of basic demographic controls found to be important in
other studies of material hardship. Previous research on material hardship finds that marital
status is significantly related to the experience of material hardship (Lerman, 2002). Other
important predictors of hardship include race/ethnicity, education levels and age (Mayer and
Jenks, 1989; Ouellette et al, 2004; Mirowksy and Ross, 1999). We include a measure of mental
health using the conservative threshold of the Composite International Diagnostic Interview-
Short Form as it has been found to explain a lot of the variation in hardship (Sullivan et al, 2008;
Heflin and Iceland, 2009) We also include a control for immigrant status, income-to-needs ratio,
city of residence, an indicator of whether the mother was in the last quartile of interviews within
her city (harder to find) and year of interview. All of our control variables are measured at the
baseline survey except mental health which was collected at the 2™ wave of the survey (when the

child was one) but asks about depression in the last year.

Methods

First we examine the relationship between material hardship and the unemployment rate
using an Ordinary Least Squares (OLS) model where we have pooled all of the waves of data.

We estimate the following equation:
MH; = Bo + B1UR + B2X + & 1)

where MH; denotes the i'th respondent’s material hardship score, UR denotes the log
unemployment rate over the past year, X; is a vector of covariates that includes demographic
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characteristics of the individual, and ¢; is the disturbance term. The 4 4 is the main parameter of

interest. In addition to the control variables discussed above, model (1) includes a measure of
whether the respondent was in the last quartile of interviews within their interview city, as a
measure of being difficult to find, city fixed effects and year of interview.

Our second model includes person specific fixed effects using the following equation:
MH; = Bi + B1UR + B2Xi + & 2)

Individual fixed effects models exploit the longitudinal nature of our data and allow us to control
for personal characteristics that might be correlated both with residing in an area with higher
unemployment rates and with suffering from material hardship. For example, if a person is
constrained to stay in a high unemployment area (perhaps because they lack the assets necessary
to move) then their lack of assets may also increase the probability that they suffer from material
hardship. In model (2), the only covariates are an indicator of whether the mother was harder to
find (last quartile of interviews within her city) and interview year.

Each analysis is conducted using the original/baseline city unemployment rate as well as
the current city unemployment rate. In preliminary analyses we found (not surprisingly) that
those who lived in a city with a higher baseline unemployment rate at the time of the survey were
more likely to have moved to a new city when they were followed up. Hence, the unemployment
rate experienced by an individual in their current city is to some extent the result of an individual
choice. Using the (current) unemployment rate in the baseline city solves this problem in models
that also control for individual fixed effects. The fixed effect controls for the baseline city (a
characteristic of the person that is fixed over the analysis). Analyses using the original/baseline
city unemployment rate allow us to assess the association between the unemployment rate that
individuals would have faced in the baseline city, and material hardship. However, we find very
similar results whether we use the unemployment rate in the baseline city or the current city, and

whether or not we drop movers entirely.

For both models (1) and (2) we tested several functional forms (entering unemployment
as a set of dummies, linear, and quadratic) and found that the substantive results were very

similar between the different models. The log unemployment rate fit the data best and we report
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those results. We estimate models (1) and (2) for each of the material hardship domains, the

summary hardship measure as well as the government assistance measures.

Results

Figure 1 shows the unemployment rate over the years in which the survey data was
collected in each of the 20 cities in our sample. The gaps in the graph represent the periods when
no interviewing took place. Figure 1 shows a general upward trend in the unemployment rate in
all cities in the early 2000’s that appears to remain relatively flat through the mid 2000’s with a
decreasing trend in 2004 to 2006. In the latest data collection (2007 to 2010) there is a dramatic
upward trend in the unemployment rate over time in all cities, corresponding to the Great
Recession. This graph demonstrates the large variation in the unemployment rate during data
collection which makes these data particularly suitable to investigating the effects of the
unemployment rate on the well-being of families.

Figure 1: Unemployment Rate During Interviewing
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Table 1 provides descriptive information on material hardship, government safety net
programs, and the demographic characteristics of our sample by different rates of the
unemployment rate. Because the Fragile Families study focuses on unwed parents, by design
three quarters of the sample are unwed parents and consequently the population is highly

disadvantaged with the overall average income-to-needs ratio just over 200 percent of poverty.
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About one third of respondents have less than a high school degree and another third have a high
school degree or equivalent. Blacks and Hispanics comprise %2 and 1/4 respectively of the

sample.

[Table 1 about here]

Mean levels of material hardship increase with the unemployment rate. The summary
hardship measure in areas with less than 4 percent unemployment is 0.95 whereas in areas with
more than 9 percent unemployment it increases to 1.39. Frequency of experiencing food
hardship, bill hardship and having your utilities cut off steadily increase with the unemployment
rate (differences between individuals who live in areas of less than 4 percent unemployment and
those who live in areas of more than 6 percent unemployment are statistically significant).
Medical problems and housing hardships are relatively stable as the unemployment rate
increases, but when the unemployment rate is above 9 percent more respondents experience both

types of hardship.

We might expect that government assistance programs would increase in usage as the
unemployment rate increases and for SNAP, Ul, SSI and Medicaid this is the case. TANF receipt
appears to be decreasing in receipt as the unemployment rate increases. This decrease could be
because in later waves of the survey (when the unemployment rates were higher and in particular
during the Great Recession) individuals may have reached the time limit of their TANF
eligibility rather than TANF being less available. Respondents in areas with higher
unemployment rates also appear to be significantly less likely to receive public housing. EITC
receipt increases from areas with less than 4 percent unemployment to areas with higher
unemployment. This may reflect that in earlier waves of the survey, when the unemployment rate
was lower, mothers were less likely to be employed (and hence receive the EITC) because they
had newly born children. We might also see more EITC receipt at higher rates of unemployment
because mothers who would normally be ineligible for the EITC are experiencing more spells of

unemployment that lower their incomes and make them eligible for participation.

Results from pooled OLS models (1) and individual fixed effects models (2) of the effect
of current city the unemployment rate and original/baseline city the unemployment rate on the

summary material hardship measure are reported in Table 2. Turning to the current city results
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(columns 1 and 2) a 100 percent increase in the unemployment rate (akin to moving from 5 to 10
percent unemployment) is associated with a .36 increase in the summary hardship measure in the
pooled OLS or a .24 increase in the summary measure in the individual fixed effects model. The
results for the original/baseline models (columns 3 and 4) are similar. We find a change from 5
to 10 percent unemployment is associated with a .37 increase in hardship in the OLS and a .33

increase in hardship in the fixed effects model.

A few covariates are significantly associated with material hardships in the OLS models.
Hispanics have significantly lower levels of material hardship. Education is associated with
material hardship, those with lower levels of education are more likely to experience hardship
whereas those with a college degree or higher are less likely. Being an immigrant is associated
with a lower likelihood of experiencing hardship. Respondents who are single or cohabiting are
significantly more likely to report experiencing material hardships than those who are married.
An increase in the income to needs ratio measured at baseline is significantly associated with a
decrease in the summary hardship measure. Depression is also significantly associated with

higher levels of hardship.

[Table 2 about here]

The individual fixed effects model is a more conservative test of the association between
the unemployment rate and hardship because it controls for all fixed characteristics of the
respondent, measured and unmeasured. In general, we find that the size of the coefficient on
logged the unemployment rate is somewhat attenuated in the fixed effects models. We focus our
discussion on the individual fixed effects results moving forward. We also concentrate on the
analyses using the original/baseline city unemployment rate for the remaining analyses as we

feel it is a better test of the relationship between the unemployment rate and material hardship.

Table 3 reports the results of the individual fixed effects regression of the log
unemployment rate in the original/baseline city on individual hardships. As predicted, some
hardships are more strongly associated with the unemployment rate than others. Inability to pay
bills and having utilities cut off are the only two individual hardships that are significantly
related to the unemployment rate. A doubling of the unemployment rate is associated with a 9.4

percent increase in the probability of experiencing a bill hardship and a 8.2 percent increase in
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the probability of having your utilities cut off. Food insecurity, housing hardship and medical
hardships are not significantly associated with the unemployment rate. It may be that safety net
programs such as SNAP and Medicaid are doing a good job of preventing hardship, a hypothesis
that is investigated further below.

[Table 3 about here]

Table 4 shows the results of the individual fixed effects regressions on sources of
government support programs. SNAP and Ul receipt are significantly associated with the
unemployment rate. A move from 5 to 10 percent unemployment would be associated with a 12
percent increase in the probability of receiving SNAP and a 4.1 percent increase in the
probability of receiving Ul. The receipt of TANF, SSI, EITC, and public housing are not

associated with the unemployment rate.
[Table 4 about here]

In order to explore how government safety net programs may be helping families avoid
hardship we conducted a series of counterfactual analyses. We created “counterfactuals” by
generating new measures of hardship using the assumption that had an individual not received
government aid they would have experienced a hardship. For example, if an individual reported
receiving Medicaid but did not report experiencing a medical hardship, in the counterfactual
model we assigned them a medical hardship. We recognize that this is a rough approximation of
the effectiveness of the government program in assisting families because we cannot know for
certain that someone who received SNAP would have in the absence of that government
assistance experienced food insecurity, however it provides an upper bound estimate of the
ability of that program to aid families in avoiding hardship. A mother who receives government
assistance may still experience hardship. We estimated both the pooled OLS and the individual
fixed effects for these models (including the same covariates as in the previous models) for both
the original/baseline city unemployment and the current city unemployment. We report the fixed
effects results for the original/baseline city the unemployment rate in Table 5. Again, we found
that the differences between the OLS and the individual fixed effects models were minimal as

well as the difference between current and original/baseline city unemployment.
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First we looked at individual government programs that were related to the individual
hardships. Model (1) in Table 5 shows these counterfactual models. The first column of the table
assigns mothers who received SNAP but did not report a food hardship a point on the food
hardship scale. We then regress food hardship on the log of the unemployment rate. We find that
if we assign respondents who receive SNAP a food hardship (41 percent of the sample) the
unemployment rate is associated with experiencing food insecurity (coefficient of 0.106).
Looking at model (1) under housing insecurity we find no statistically significant relationship
between the unemployment rate and housing insecurity when mothers who receive public
housing (14 percent of the sample) are assigned a housing hardship. When mothers who received
Medicaid (59 percent of the sample) are assigned a medical hardship the association between the

unemployment rate and medical hardship is marginally significant with a coefficient of 0.066.
[Table 5 about here]

Model (2) shows the results of a counterfactual model where we combined the receipt of
TANF and Ul into “cash assistance”. As in previous analyses, we assign mothers a hardship if
they report receiving cash assistance (19 percent of the sample). Starting with food hardships we
find a statistically significant relationship between the unemployment rate and food insecurity in
the cash assistance counterfactual (coefficient 0.107). Bill hardships are also associated with the
unemployment rate in the cash assistance counterfactual model. A change in the unemployment
rate from 5 to 10 percent is associated with a 13 percent increase in the probability of
experiencing a bill hardship. Similarly we find a statistically significant relationship between the
unemployment rate and housing, medical and utility hardships. A doubling of the
unemployment rate is associated with a 0.093 increase in the probability of experiencing a
housing hardship, a 0.07 increase in the probability of experiencing a medical hardship and a

0.127 increase in the probability of having utilities cut off.

We estimated a number of other counterfactual models not reported here. We estimated
the same models where we created a SNAP counterfactual for bills, housing, medical and utility
hardships. The results from the SNAP counterfactuals were almost identical to the cash
assistance counterfactuals. Although SNAP is in kind assistance, receipt of SNAP appears to
help families avoid other non-food related hardships as well. We estimated an additional model
where we combined TANF, Ul, SNAP, SSI and EITC receipt into a single counterfactual. The
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results from these models are less conclusive and none of the models reached statistical
significance. This result may in part be because assistance like EITC is generally collected in a
lump sum (although individuals can get funding back in parts over the year) and therefore we do
not see the same relationship with material hardships.

Summary and Conclusion

This paper looks at the effect of the unemployment rate on material hardships and various
government safety net measures as well as the role that government aid plays in mitigating the
effect of unemployment on material hardship. Focusing on the unemployment rate allows us to
exploit an exogenous economic shock to families and neighborhoods. To our knowledge, ours is
the first analysis to have focused on the relationship between the unemployment rate and
material hardship as well as on particular dimensions of hardship. Another important
contribution of this study is that we examine the relationship in a panel data context, so that
many unobservable characteristics of households that might be correlated with the propensity to
experience hardship are controlled. Lastly, the last wave of our data was collected during the
Great Recession providing us with large variation in the unemployment rate. These data also
focus on mostly low-income families, households we might expect to be most affected by a

recession.

Our results show that material hardship increases with the unemployment rate.
Moreover, the results are generally very similar in pooled OLS models and individual fixed
effects models, and are robust to various ways of treating movers suggesting that they are not
driven by unobserved characteristics of families or migration. We find that the summary measure
of hardship is strongly related to the unemployment rate; when we look at individual hardships,
only utilities and bills are associated with the unemployment rate though this may be because

safety net programs buffer the effects higher unemployment rates on some types of hardship.

We find that use of SNAP and Ul increases with the unemployment rate but other safety
net programs are surprisingly unresponsive. However, our counterfactual analyses suggest that
government safety nets may play an important role in mitigating the effects of unemployment on
material hardship. In particular, the counterfactual models show that cash assistance programs

like Ul and TANF play a large role in helping families avoid hardships. The counterfactual
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models suggest that cash assistance helps families avoid food, bill, housing, medical, and utility
hardships. Our analyses suggest that SNAP similarly plays a role in mitigating food hardship, as
well as other hardships, but that Public housing and Medicaid do little to mitigate the effects of
housing instability and medical hardship respectively. Public housing and Medicaid may not
have the ability to be as responsive to macroeconomic changes as other government policies such
as SNAP. In addition, we may not be able to pick up effects of Medicaid because if you are
eligible for Medicaid and you have a medical problem, you are likely to be signed up for
Medicaid upon admission to a hospital. Conversely, many individuals who are signed up for
Medicaid use it for preventive care and may not experience any severe medical episode. Medical
hardships are more unpredictable than bill, food or utility hardships. An individual may or may
not have a medical need arise during a given period, whereas individuals must regularly pay
bills, purchase food and pay for utilities. The episodic nature of medical needs makes it harder to
detect any relationship between medical needs and use of Medicaid in our data. Lastly, the lack
of a relationship between the unemployment rate and Medicaid may be due to measurement error

in this variable, as discussed above.

Our study has some other limitations. First, our sample is restricted to mothers who gave
birth in large cities in the US and over-samples those who were unmarried at the time of the
birth. Hence, it is not a nationally representative sample though it does focus on a group who are
likely to be particularly vulnerable to hard times. Second, fixed effects models, although they
control for time invariant unobservable characteristics, cannot account for unobserved time
varying individual characteristics that may be associated with both the unemployment rate and
material hardship. However, the small differences between the OLS and the individual fixed
effects estimates provide some reassurance that such unobservables are unlikely to be driving the
relationship between the unemployment rate and material hardship. Lastly, although our
counterfactual analyses suggest that government programs have mitigated the effects of the Great
Recession, they do not provide a direct test of that hypothesis.

Our findings are suggestive for public policy and future research. We find that the receipt
of SNAP and Ul increase with the unemployment rate suggesting that these policies may be
more responsive than other programs. Our counterfactual models suggest that SNAP and cash

assistance (through Ul and TANF) are providing a real bridge in income for low income families
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and helping them pay bills, avoid food insecurity, and avoid having their utilities shut off.
Extending unemployment insurance could have real implications in terms of the frequency with
which families go without food, electricity, or other basic needs. As Federal, state and local
governments face the need to make budget cuts, reducing funding to programs like SNAP, Ul or
TANF could have real effects on the material hardships families will face. We also find that the
unemployment rate is most strongly associated with difficulty paying bills and with utilities
being cut off. This may be because very few government programs directly provide assistance
with utility payments (phone, gas, or electric) or general bill payments. Hence, in times of
economic crisis families may be more likely to experience these hardships than other hardships.
Programs currently available in some locations allow low income families to lower their gas or
electric rates, and may help families avoid having their utilities disconnected. Research that
further investigates the role of public safety net programs would provide valuable information to

policymakers.

Future research should also investigate the effect that hardship has on families and
children. Some research suggests that material hardships — utilities cut off in particular — have
effects on child aggressive behaviors (Zilanawala and Pilkauskas, 2011). Material hardships may
affect many aspects of the family unit. Given the growing literature linking childhood
circumstances to adult outcomes, mitigating the effects of hardship on children should be a

particular priority for public policy (c.f. Currie, 2010).
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Table 1: Sample Descriptives (means and frequencies) by the Unemployment Rate (N=16,245)
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<4% 4-4.9% 5-5.9% 6-6.9% 7-8.9% 9+%
Unemployment Rate (n=4,320) (n=4,015) (n=3,471) (n=2,757) (n=1,358) (n=324)
Mor % M or % M or % M or % M or % M or %

Material Hardships
Aggregate Hardship (0-10) 0.95 0.95 1.00 1.03 1.23 1.39

SD (1.46) (1.42) (1.47) (1.03) (1.63) (1.39)
Food Hardship 12.00 12.00 12.00 12.74 16.84 17.95
Bill Hardship 29.00 29.00 30.00 28.19 35.42 38.14
Housing Insecurity 12.00 10.00 11.00 10.98 12.68 15.06
Medical Problems 6.00 5.00 6.00 6.75 6.93 8.97
Utilities Cut Off 18.00 21.00 21.00 22.40 26.25 28.53
Government Safety Nets
TANF 22.00 22.00 19.00 18.33 16.42 16.67
SNAP 38.00 40.00 41.00 43.91 43.76 44.23
ul 4.00 5.00 7.00 7.01 10.06 10.58
SSI 4.00 5.00 6.00 5.92 8.54 7.74
EITC 39.00 46.00 46.00 45.61 51.00 48.07
Public Housing 20.00 17.00 14.00 14.81 13.06 10.51
Medicaid 57.00 58.00 57.00 61.42 62.53 61.22
Covariates
Age 24.94 25.20 25.37 25.18 25.46 25.11

SD (5.97) (6.04) (6.17) (6.01) (6.03) (6.03)
White 22.00 22.00 24.00 18.61 18.18 25.00
Black 52.00 58.00 43.00 40.33 46.59 27.22
Hispanic 22.00 17.00 29.00 37.77 30.64 42.09
Other 4.00 3.00 4.00 3.28 4.60 5.70
Less than High School 36.00 31.00 30.00 34.89 36.50 40.51
HS graduate/GED 31.00 32.00 32.00 29.75 28.41 30.06
Some college 22.00 26.00 26.00 26.14 25.07 23.42
College and above 11.00 11.00 12.00 9.22 10.01 6.01
Immigrant 15.00 12.00 13.00 17.30 19.94 27.22
Married 24.00 24.00 26.00 23.14 23.28 21.84
Cohabiting 36.00 35.00 36.00 37.98 36.99 41.46
Single 40.00 41.00 38.00 38.88 39.73 36.71
Poverty Ratio (0-12) 2.20 2.31 2.30 2.11 2.39 2.09

SD (2.40) (2.47) (2.47) (2.37) (2.51) (1.91)
Depression 13.00 12.00 13.00 10.78 12.37 12.80

Note: Data is in person-years. TANF= Temporary Aid to Needy Families, SNAP= Supplemental Nutrition Assistance
Program, Ul=unemployment insurance, SSI=Supplemental security income, EITC=Earned income tax credit. All
covariates are measured at the baseline survey with the exception of depression which is measured at year 1.



Table 2: Pooled OLS (Model 1) and Individual Fixed Effects (Model 2) Regressions of Summary Hardship: The
Unemployment Rate in Current City and Original/Baseline City
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Summary Hardship Current City Original/Baseline City
(1) (2) (1) (2)
Logged Unemployment Rate 0.361%** 0.243** 0.370%*** 0.327***
(0.087) (0.097) (0.104) (0.107)
Last quartile of interviews in city 0.147%** 0.134%** 0.145%** 0.129%**
(0.027) (0.031) (0.026) (0.029)
Mom’s Age 0.003 0.004
(0.003) (0.003)
Black -0.052 -0.056
(0.055) (0.056)
Hispanic -0.151** -0.150**
(0.058) (0.057)
Other 0.096 0.104
(0.081) (0.079)
Less than HS 0.124*** 0.121%**
(0.037) (0.037)
Some College 0.091** 0.088**
(0.032) (0.031)
College + -0.190** -0.201***
(0.068) (0.067)
Immigrant -0.241%** -0.246%**
(0.067) (0.069)
Cohabiting 0.319*** 0.324***
(0.058) (0.058)
Single 0.224%*** 0.231%**
(0.042) (0.042)
Poverty Ratio -0.075*** -0.075***
(0.006) (0.006)
Depression 0.768%*** 0.763***
(0.058) (0.057)
Constant 0.292* 0.579*** 0.290* 0.493***
(0.142) (0.112) (0.149) (0.123)
Observations 16,126 16,126 16,224 16,224

Note: Robust standard errors in parentheses. OLS models also include city fixed effects and all models include year

fixed effects not shown here.
**%* p<0.01, ** p<0.05, * p<0.1
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Table 3: Individual Fixed Effects Regressions of Individual Hardships on the Unemployment Rate in
Original/Baseline City

Food Bill Hardship Housing Medical Utilities Cut
Hardship Hardship Hardship off
Logged Unemployment Rate 0.038 0.094** 0.024 0.003 0.082**
(0.023) (0.038) (0.019) (0.016) (0.037)
Last quartile of interviews in city 0.004 0.013* 0.027%*** 0.003 0.042%**
(0.008) (0.007) (0.006) (0.005) (0.010)
Constant 0.071** 0.179*** 0.104*** 0.039** 0.075*
(0.028) (0.043) (0.025) (0.017) (0.042)
Observations 16,227 16,203 16,222 16,232 16,201

Note: Robust standard errors in parentheses. Models include year fixed effects not shown here.
*** n<0.01, ** p<0.05, * p<0.1
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Table 4: Individual Fixed Effect Regression Models of Government Safety Net Programs on the Unemployment
Rate in Original/Baseline City

TANF SNAP ul SSI EITC Public Medicaid
Housing

Logged Unemployment 0.045 0.117***  0.041** 0.005 -0.032 0.007 0.064
Rate (0.027) (0.025) (0.018) (0.013) (0.026) (0.031) (0.037)
Last quartile of interviews 0.006 0.001 -0.004 0.003 0.029%*** 0.001 -0.029***
in city (0.008) (0.010) (0.004) (0.004) (0.009) (0.009) (0.009)
Constant 0.239*** 0.331%** -0.016 0.024 0.320***  0.255***  (Q.516***

(0.036) (0.051) (0.019) (0.014) (0.029) (0.045) (0.083)
Observations 16,219 16,214 16,210 16,204 15,098 16,097 16,139

Note: Robust standard errors in parentheses. Models include year fixed effects not shown here.
*** n<0.01, ** p<0.05, * p<0.1



Table 5: Individual Fixed Effects Regressions of Government Safety Net Hardship Counterfactuals on the

Unemployment Rate in Original/Baseline City
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Food Hardship Bill Housing Hardship Medical Hardship Utility
Hardship Hardship
SNAP  TANF/UI | TANF/UI | Public TANF/UI | Medicaid TANF/UI | TANF/UI
housing
(1) (2) (2) (1) (2) (1) (2) (2)
Logged Unemployment ~ 0.106*** 0.107*** | 0.129*** | 0.030 0.093** [ 0.066*  0.070** | 0.127***
Rate (0.026)  (0.021) | (0.039) | (0.035) (0.032) (0.036) (0.031) | (0.031)
Last quartile of -0.003 0.004 0.009 |0.024*** 0.018** | -0.026**  0.003 0.027**
interviews in city (0.009) (0.010) | (0.009) | (0.007)  (0.008) (0.009) (0.010) | (0.011)
Constant 0.384*** (0.270%** | 0.363*** [ 0.317*** (0.295%** [ 0.539%** (.273*** | 0.292***
(0.054)  (0.048) | (0.050) | (0.039) (0.037) (0.083) (0.043) | (0.047)
Observations 16,230 16,228 16,214 16,226 16,226 16,235 16,235 16,213

Note: Robust standard errors in parentheses. Models include year fixed effects not shown here.
*** n<0.01, ** p<0.05, * p<0.1



