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Abstract

Robust control system analysis and design is based on an uncertainty description, called a linear
fractional transformation (LFT), which separates the uncertain (or varying) part of the system from
the nominal system. These models are also useful in the design of gain-scheduled control systems
based on Linear Parameter Varying (LPV) methods. Low-order LFT models are difficult to form
for problems involving nonlinear parameter variations. This paper presents a numerical
computational method for constructing an LFT model from a given LPV model. The method is
developed for multivariate polynomial problems, and uses simple matrix computations to obtain an
exact low-order LFT representation of the given LPV system without the use of model reduction.
Although the method is developed for multivariate polynomial problems, multivariate rational
problems can also be solved using this method by reformulating the rational problem into a
polynomial form.

1.0 Introduction

Formulation of linear fractional transformation (LFT) models of systems involving
nonlinear parameter variations is of interest for robust control system analysis and design, as well
as for control of linear parameter varying (LPV) systems. Moreover, the LFT models should be of
low order for efficient computation during analysis and design. A matrix singular value
decomposition (svd) approach was presented in 1985 in references [1] and [2] for computing
LFT’s for problems involving linear parameter variations. However, construction of low-order
LFT models for problems involving nonlinear parameter dependencies is very difficult, because it
is equivalent to a multidimensional minimal state-space realization problem for which there is no
general theory. The approach that has been taken to date for solving nonlinear parameter-
dependent problems is to successively decompose the system until all components are linear, and
then to compute an LFT for each linear component based on the result presented in [1] and [2].

The LFT’s associated with each system component are then combined using LFT properties to
form the LFT model of the full system. Model reduction is usually required using this approach,
because unnecessary repetitions of the varying parameters usually result. A decomposition method
for LFT modeling of nonlinear parameter-dependent systems was first presented in reference [3],
and later refined in reference [4]. This latter paper presented a special decomposition approach
which reduces the number of unnecessary repetitions of the varying parameters, although model
reduction is still employed to reduce the dimension of the resulting LFT model of the full system.

The approach presented in this paper is an extension of the computational approach of
references [1] and [2] for nonlinear parameter-dependent systems, and is based on reference [5].
Specifically, the computational approach is developed for multivariate matrix polynomial problems,
although multivariate rational problems can be solved using this approach by reformulating the
rational problem to be in a multivariate polynomial form. Reference [6] presents a method for
doing this. The LFT modeling approach presented in this paper requires no matrix decompositions
for multivariate polynomial problems, and achieves a low-order LFT model directly - i.e., without
the use of model reduction. Moreover, the computations are based on simple matrix operations,
including the svd and solving linear matrix equations.

2.0 LFT Modeling Problem Definition

The LFT modeling problem to be addressed in this paper is defined below. It is assumned
that the problem to be solved is in a multivariate matrix polynomial form. However, as shown in
reference [6], multivariate rational problems can be reformulated as multivariate polynomial
problems and solved using this approach. The problem is stated as follows.



Given: A linear parameter varying (LPV) model of a nonlinear parameter-dependent system, as
represented by the following equation

X A@®) B()][x X
)l v a] =512
6=[61,62,-~-,6m]€Rm (2.1b)

where S(8) has been separated into nominal and varying components, and the varying (or
uncertain) component, S,(0), has been formulated as an LFT problem given by the following

equation
S, (0) = Py A(I-P,A) P, = P, (1- AP, AP, (2.2)

in which each element of S5(8) is a multivariate polynomial function of the varying parameters, 6

Find: A low-order state-space uncertainty model that satisfies equation (2.2) and is characterized

by the constant matrices P,;, P|,, and P;; and the uncertainty matrix A(d), as depicted below in
Figure 1.
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Figure 1. LFT Model of the Uncertain System

The P,, matrix represents the nominal part of the system, and is characterized by the nominal A,

B, C, and D system matrices. The SA(0) matrix of equation (2.2) is a known matrix of
multivariate polynomials based on the LPV model for the system. Formulation of this matrix was
discussed in reference [6]. The LFT model equations associated with Figure 1 are given below.
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wy = Az, (2.3¢)

where: A®) = diag [ 8114y, d2Iny, ..., Olp,, 1 € RUAX DA (2.4a)
m

n, =% n , n =dim(L) (2.4b)
i=1

The LFT modeling problem consists of solving equation (2.2) for P, , P,,, and P,, over some
low-order A matrix (as defined by equation (2.4)). This is equivalent to a multidimensional

minimal state-space realization problem over the m varying parameters ind. Unfortunately, there
is no existing minimal realization theory for general multidimensional systems (i.e., for m = 3) that
can be used in solving this problem. In fact, there are no general minimality tests for
multidimensional systems given a realization. This paper presents a numerical computational
approach for solving equation (2.2) for P, , P,,, and P,, such that the resulting A matrix is of low
order. These results are summarized in Section 3.

3.0 Main Results: LFT Model Computation

As discussed in Section 2, the LFT problem to be solved is given by the following
equation:

SA®) = Py —A®P;) AB)P1y , Sa(d) € P rows™eols (3.1

The term SA() is a known matrix function of the normalized uncertain parameters in d, and P31,

P12, and Pqp1, are the unknown matrix variables to be determined. The dimension of A(8) must
also be determined in constructing the LFT model such that the resulting dimension is low-order.

It is assumed that the functional form of the elements of SA(0) is multivariate polynomial.
However, as discussed in Section 2, rational problems can also be solved by reformulation of the
rational problem (see Reference [6]).

3.1 Numerical LFT Solution Approach

As can be seen in equation (3.1), solving for the matrices P21, P12, P11 and A(d) involves
the inversion of the matrix [I —A(8)P11]. For multivariate polynomial problems, this matrix

inversion can be exactly replaced by a finite series and an associated nilpotency condition. This is
expressed in the following equations.

(I-A®)P11)1 =1+ (AB®)P1) + (A®P11)? + ... +(A®P1)"  (3.2)
[A@®)P11]+! = 0 (3.3)
Substituting equation (3.2) into equation (3.1) results in the following equation for SA(d).

SA(8) = P21A(0)P12 + Py A(®)Py; + (A(a)Pll)z + ... (AOP) JAQ)P  (3.4)



The first term on the right side of equation (3.4), i.e. P21AP12, represents the linear uncertain

components of SA(J), and the second term adds in the nonlinear terms. For the case of
multivariate polynomial uncertainties, the nonlinear terms of SA(8) consist of crossterms of the &
parameters and nth-order terms. Thus, the order (r) of the highest term in the series of equation

(3.4) is determined by the degree of the highest term appearing in SA(d), where crossterm degree
can be defined as follows.

g g g 3 '
degree (8] ' 822 83°...8") = (E,+E+..+E)-1 ; i=sm (3.5
Then, the exponent r in equation (3.4) can be defined by the following inequality.

r s (M+mn+..+n,)-1 (3.6)

where 1), is the maximum degree of 9; in S,(9).

Since the uncertain system matrix, SA(0), has as its elements multivariate polynomial

functions of 9, it can be easily expanded in a similar manner as the right side of equation (3.4),
ie.:

SA(S)=SA0(6)+SA1(6)+-~-+SAr(6) (3.7)

Then like terms from equations (3.4) and (3.7) can be equated as follows.

S, ®) =P A@P)A®P, . i=0,1,...r (3.8)

1

The uncertainty modeling problem therefore requires that equations (3.8) be solved for Py, P12,

P11, and A(9) such that the nilpotency condition of equation (3.3) is satisfied.

In order to evaluate equations (3.8) and (3.3) in more detail, consider an expanded
definition of Py , P|,, and P, containing partitioned submatrices associated with the 6;l; blocks
of the A matrix given in equation (2.4a), as shown below.

P P . P '
g5, g5, g5
1 1 1
8,0 850 8,0
P = 21 22 2'm (3.9)
P | S s 5
P
12
91
Pios
P,=| 2 (3.10)
P
12
S |




where: P116o6- ERnixnj, P126« ERnixnCOls, P216« &R "rows ™M (3.12)
i9j i i
Equation (2.4a) is repeated here for convenience.
A= éllnl 621n2 émlnm (3.13)

Substituting equations (3.9) - (3.13) into equations (3.8) and (3.3) leads to a set of extremely
complicated equations to solve. In order to satisfy the nilpotency condition of equation (3.3), the
matrix P, must itself be nilpotent. Allowing P,, to have a pre-defined nilpotent structure provides
a means of somewhat simplifying these equations while assisting in satisfying the nilpotency
condition of equation (3.3). The following Lemma establishes a general nilpotency structure that
will be used throughout this paper.

Lemma 3.1

Let A €R"™ " be a quasi-triangular partitioned matrix whose main-diagonal blocks are nilpotent,
as defined below.

All A12 A

Im
Arr - A
A= 2 . am (3.14a)
0 0 .. A__
. %N; n;
A, R A; =0, =0 L i=1,2,..,m (3.14b)

Then matrix A is a nilpotent matrix with index of nilpotency, 1, as defined below.
A =0, m=3n=n (3.15)

Proof:

Nilpotency of matrix A is clearly established by considering the eigenvalues of A. Since A is
upper triangular, its eigenvalues are comprised of the eigenvalues of its main-diagonal blocks.
Since each main-diagonal block is itself nilpotent, the eigenvalues of each must be zero (see
Reference [7]). Hence, the eigenavalues of A must be zero and A must therefore be nilpotent. The

index of nilpotency, 1, of matrix A is established by the following.
Let: r=m+ny+...+1M,

N, +M 4+..+1 n n n
r 1 2 n 1 2 m
= A=A = A A “eeA



Then, each matrix Ani contains a zero diagonal block corresponding to A;;, since 1); is its index of
nilpotency. It can therefore be shown that multiplication of these matrices to obatin A forr= N+
1M, + ... + M, results in the zero matrix, since each main-diagonal block is zero. However, if r <
M + M, + ... + 1, then one of the main-diagonal blocks will not be zero, hence A’ will not equal
zero. Thus, the nilpotency index for A must be equal to r =1 + 1, + ... + 1,,- As can be

verified in Reference [8], the nilpotency index for any matrix must be less than or equal to its
dimension (i.e., n for matrix A). This can also be verified by the following.

Mn;=<n; forevery i=1,2,...,m

m m
= n=.2nis.2ni=n

i=1 i=1
Thus, equation (3.15) is satisfied.
QED

Note that the quasi-triangular structure defined by Lemma 3.1 is sufficient but not necessary for
nilpotency. Other special structures can also be found. In fact, nilpotent matrices can be fully
populated with nonzero elements. However, assuming some special structure for P;; simplifies
the solution of equations (3.8) and (3.3). For implementation purposes, allowing the special
structure to be more general than upper-quasi-triangular may result in a less conservative (i.e.,
lower order) P-A model for some problems. However, for purposes of this paper, Lemma 3.1
will be used to fix the structure of P;; so that the solution can be clearly derived.

The quasi-triangular structure defined by Lemma 3.1 can be used in expanding equations

(3.8) and (3.3). Thus, let P be defined to have the following upper quasi-triangular structure.

P P . P ;
a8, oo, P11515m
11 o 11
P, = 2% . %2%m (3.16)
0 0 P
”ﬁmam
" )
where: (P, ) =0, mMy=n , 1=1,2,..,m (3.17)
11
9;9;

Then substitution of equations (3.10), (3.11) and (3.16) into equations (3.8) yields the following
set of equations.

Linear Terms:

P2161 P1261 = SAO ’ i = 1, 2, cee g m (3.18)



Eth -Degree Terms:

P (P ) _1P =S , 1= 1, 2, .., m (319)
BT 125, AE—I(a %5
1
Crossterms:
gil -1 ’giz -1 EinT -1
215, ( s, 5. ) s, 5. ( s, s, ) P ( g s, ) 12,
1 11 12 2 72 np-1 "np np o np nT
=5 . (3.20)
(51 ) (61 ) '”(5i )
1 2 np
where: E=E, +&, +..+E;
1 2 np

i1=1,2,...,m—(nT—1)
12=i1+1,i1+2,...,1’n—(1’lT—2)

iIl =i1 +(1’1T—1), e, M
T
nt = number of parameters in the crossterm

Note that the S, terms on the right-hand side of equations (3.18) - (3.20) are the known constant
matrix coefficients associated with the indicated parameter terms in Sy (8). Moreover, depending
on the number of parameters and the degree of each appearing in S, (d), there can be literally
hundreds of S, coefficient terms - and hence equations to be solved.

3.2 Numerical LFT Model Solution

This section presents a numerical approach for solving all equations of the form defined by
equations (3.18) - (3.20) such that the nilpotency condition of equation (3.3) is satisfied and the
resulting P-A model is of low-order. The results of this section are divided into three sub-sections.
The first sub-section presents a solution for P, , P,,, and the main-diagonal blocks of P,, ; the
second sub-section presents a solution for the off-diagonal blocks of P, ; and the third sub-section
presents results relating to nilpotency and reducibility of the resulting model.

3.2.1 Simultaneous Solution of P,,, P,,, and P,; Main-Diagonal Blocks for each §; Parameter

The P,,, P,,, and P,, main-diagonal blocks are solved simultaneously for each uncertain

parameter 0; using the linear and Eth -degree terms defined by equations (3.18) and (3.19).
Moreover, the solution is accomplished such that the resulting main-diagonal blocks of P, are
nilpotent with the appropriate index of nilpotency - as required by equation (3.17). This solution is



accomplished numerically with a matrix singular value decomposition (svd) by recognizing that
this part of the problem is equivalent to a 1-D state-space (minimal) realization problem and by

appropriately defining an equivalent Hankel matrix. The solution is accomplished for each §;
parameter as shown by the following theorem (which is based on Theorem 6-4, pages 268 - 272,
of reference [9]).

Theorem 3.1

Consider the linear and Cth—degree terms of SA(d) € P nrowsXHCOIS, which can be expanded as
follows

2 N
Sap (8 = [Suy 18 + 1Sa, 187 + o 4 1Sy 19, (3.21a)
3 S n 3.21b
—= = . .
AL,?; nzl[ An—15,n ]61 ( )
i

and use the constant coefficient matrices of equation (3.21) to form the Hankel matrices defined
below

S S S < S ]
A A 2 A 3 Ap. _ .
05, 165, 2(5,) M 1(51 i
S S 0
Al(ﬁi )2 Az(éi )3
_ S : S :
Sy - 825 it i (3.22)
. 1
O N 0 0
LI
0 0 0
Ap. .
0"
A 2 A 3 .- .
1(5i) % i i 1(51 yNi
0 0
Az(ai 3
S = : S : : (3.23)
A A, .
161 nl 1(61 )nl
S 0 0 0
Ap. - .
0 0 0 0]
Using a matrix svd, factor equation (3.22) as follows
Q _ T _ 1/2 1/2 Ty _p P
SAO = Uﬁizﬁivﬁi = (Uﬁizﬁi )(2ai V5i ) = P216‘ Plza' (3.24)

i 1 1



where: rank(§ ) = rank(ﬁ )= rank(ﬁ )
A 21 12
%5, 5 8

1

Then the matrices P216 . Pné ,and P,,  form an irreducible realization of SAL c(f)) as definedby
i i i O g

1
equation (3.21), where:

P215i =[Inrows 0]§2151 (3.25)
P P, L, 1 (3.26)
= COlSs .
125, 1251[ 0 ]
Prigs. =By 'S, @y (3.27)
171

and the notation (A)Jr designates the pseudoinverse of matrix A.
Proof:

From equation (3.24), define the following:

(§A06. ) =@, N )T(Elﬁi ) (3.28)

1

Then it is easy to show that:

S, ¢, s =P
A A A 21
06' 06' 06'

1 1 1

P, (P, )@, )P, P
126.(126. (216. 21, 112

6i i i i i

S:

1

Define the following relationship between the Hankel matrices of equations (3.22) and (3.23):

Sy, =M,S,

L Sy, =Sa, Ny (3.30)

S 8 !

which generalizes to:

My "Sy, =Sy, Np" i n=0.12.. (3.31)

where:



[0 In 0 0
rOWS
0 In 0
rOWS
Mér =0 0 0 : (3.32)
1 . . . .
) Inrows
0 0 0 0
0 0 0 0
Incols 0 ) 0 0
No.o=| @ Ty = = 0 (3.33)
: : . 0
0 0 Neols

Consider the following:

P
( 116'6’

171

S:

1

¥ =Py 'S, @, NP =@ 'S, @, Y@y S, @, )
8 Is. d; 8 Is. d; 8 Ls.
1 1 1

= (P i S P Tp i S P T
= (lea. ) Mg Sy . (Plza. ) (leé. )M S . (P126. )

i 61 i i 61 i

-®, Y'M,P,, P, (P, )@, M, S P, )
215 ) Ve 21 126.( 12, ( 215, 7 1y, Aoa.( 12,

1 1 1 1 1 i 1

-, Y'M.?2S P, )f
( 257 Vo Aoai( 1261)

n_ p T I o t

171 1 i

Now, the constant coefficient matrices of equation (3.26) can be rewritten as follows:

n-1

— |

-1

S, =[Inrows 0]M6in SAO [ nt(t)olSl (3.35)
3;" i

Substituting equation (3.29) into this expression yields:

_ _ 1
= S =[1 0]M -5 (S, )S lncolsl
A S: A A A
n—la.n Nrows i O6i O6i O6i 0

1

Substitution of equation (3.31) into this equation yields the following:

10



_ n-1,g
= SAn—1 _[Inrows 0]§A0 Né’i (SAO
§.n 51 51

1

Substituting equation (3.29) into this expression yields:

— 1
TS Neols
5; ) A0, l 0

1 1

= S < n-1,Q
= SAn—1 _[Inrows 0]§AO6 (SAO ) SAO& Né’i (SAO
i i

Substitution of equation (3.31) into this equation yields the following:

— — — — 1
= S =[I 0|S (S )TM n-1g (S )TS l nCOlSl
A A A hE A A A
5,1 Nrows O6i O6i i O6i 06' 06' 0

1 1

Substituting equations (3.24) and (3.28) into this equation yields the following result:

5 B . M-S . VP P P
St [lns O, Fizy Pro 1By M Sy (B VB Ty B

§. 0 i i 9; i i i

_ _ _ Y (
= S =1 0F P,, )M, -1 P, P Neols
sact [T 0P 1P M s, Py VP |5

n-1 . .
. i
i

Then, using equations (3.25) - (3.27) and (3.34) yields the following result:

S =P
Ay 21,

6,11 1

1

(P116~6~ )n_lplza ; n=1,2,...,1; (3.36)
i

1 1

Recalling equations (3.18) and (3.19), equation (3.36) shows that equations (3.25) - (3.27) are a
realization of S AL c(f)), as definedby equation (3.21). To show irreducibility, consider the

following:

n; = dim(P, 15151 )= rank(SAO

) < min{rank(P,; ),rank(P, )} (3.37)
8; dj i

1

Using equations (3.18) and (3.19), the following matrices can be defined to be consistent with the
Hankel matrix given by equation (3.22) and its svd given by (3.24).

11



P
216i

P P
2161( 116151)
Py, = P215i (Pllaiai) » Py eRMiMrows) i (3.38)

1

!

P,, (P
216i( 116i6i

125' 126i ( llaiai) 126i ( llaiai) 126i ( 115‘5‘

1

ﬁlza =3 & x(MiNgols) (3.39)

1

Since 5216 eRMiMrows XM 4pq Ezé eR"i*Mi%ols) are tall and wide matrices (respectively)

1 1

that result from the svd computation of equation (3.24), the rank of each equals n and equation
(3.37) can be evaluated as follows.

n; = dim(P 15151 )= rank(SAO

) = rank(P,; )= rank(P), ) (3.40)
8; dj 8

1

Hence, the realization given by equations (3.25) - (3.27) is irreducible. QED

Note that as stated in equation (3.17), each main diagonal block of P;; must be nilpotent of
index m);, i.e.:
ni _
P 5:6; ) =0

The following theorem establishes the nilpotency of P, .
1¥1

Theorem 3.2

The P“6~ N matrix computed using the result of Theorem 3.1 is nilpotent with index n;.
141

Proof:

Consider the following equation:

(Byyy o )" =1y 'S, By )T

i i i

12



Substituting from equations (3.24) and (3.30), and using the fact that Us and V;_are unitary
1 1
matrices yields the following result
(Plla.a ) _[(U5 1/2)TM S 6 (Zﬁil/zvﬁi )T]Tli
1
M -1/2 T T -1/21M;
Prig o ) =12 U, Mg Us 2o, Vo, Vo, =5, 17
P, i _ 3 —1/2U TM U. 3. 3 -124M
- (llaiai) 26,7 "Us; Mo, Us; 26,25, ]

n; A2q T 172
= P L =[Z2 U, "M, U, X !
( Uaiai) 2, Vs, Mo, Us; 25,

Then, the right-hand side of the equation can be separated into the product of matrix components as
follows.

( 11 6 )7]1 _[2 —1/2[]6 TM U5 1/2] [2 —1/2[]6 TM U5 1/2]7]1

Squaring the first term yields the following.
(Pl 1 )T]i = [(26i -1/2U6i TM6i U6i 26i 1/2 )(26i -1/2U6i TM6i U6i Zéi 172 )][26| -1/2U6i TM6i U6i Zéi 1/2 ]ni -2
= nj _ 12y T 2 12 12y T 1/2qn;i -2
(P 15,8 V= TUs M U 2y, s T M U 25,
Continuing this process yields the following result (which is consistent with equation (3.34) for n
=1;).

P ni=2 -1/2U TM Ny, = 172
(“aiai) O TH TR TdTY

i

Since M has 1); block rows and columns and is defined by equation (3.32), it is a nilpotent matrix
1

with index 1 (see Reference [10]). Therefore, the deired result is obtained, i.e.:
QED

In summary, this section has presented a simple numerical technique for computing P216 ,
i
Pné., and P“6~ N for each uncertain parameter. The result is irreducible, and each main-diagonal
1 1 %1
block is guaranteed to be nilpotent of index n; , where y; is the highest degree of §; appearing in
SA(0).

13



3.2.2 Solution of P, Off-Diagonal Blocks

The P, off-diagonal blocks are each solved using the appropriate crossterms of S,(0), as
defined by equation (3.20). The number of off-diagonal blocks to be solved is given by the
following equation.

m-1
Nopp = .E(m -1i) (3.41)

1=

The equation to be solved for each oft-diagonal block of P, is a generalized linear matrix
equation. The general equation is given below for computing the off-diagonal block P,, ‘
wheren=1, 2, ..., m-1 and j = n+1, n+2, ... , m. !
(P,, [Ip.  [nl)p P, )=S, M 3.42)
216n g 115n5j 126j A (
The matrices Elé [n] ﬁl 1 [n] Eza ,and S Ag (n] i equation (3.42) are comprised
n n j n
of known matrices as well as matrices that have already been computed at this point in the solution
process. Their explicit general definition is given in the following pages.
The matrix P216 (0] jn equation (3.58) is a block-diagonal matrix with n partitions along
n

the main-diagonal, which is comprised of known matrices (i.e., matrices that have already been

computed at this point). This matrix can be defined as follows.

P, [ _diaglP,, .P 21 p 21 p 2] ...
21 21, 721 *521 0121 LA
P 1. p 2]
21 021
where:
P
216n
P,, (P )
21 11
oy o0, ) n—1
Partition 1: B, | Py (P, ) , ( )=1Block
216n 216n %lanan 0
-1
P, (P "In
216n( llanén)
Partition 2: P (2] - diag[P (2] p 21...p (2]]
21 21 0521 021
6il n 616n 626n 6n—16n

14



n-1
( { ):n—lBlocks

P (A 1 © iy,=1,2,...,n—1
215 214 Ny 1

il n 11
Partition 3: P. (2] = diag[P 21 p 2. p (2]
21 21 K91 L 03 ,
3j,9i,9n 91920, 91939, 919.19n
p 2] p [2]...p [2]..p 2]y .
21 1 R D) L D3| ’
97930, 92040, 920,19y 920519y
n-1 -D(n-2
( ) ) = (n)z# Blocks
P 21_Pp ) | :
21 21 o ;
511512511 6i1 nlz Mn
i1=1,2,...,n—2 . i2=i1+1,i1+2,...,n—1
Partition 4:
P (2] = giag[P 2] p 2l..p (2]
21 21 11 L O3 ,
3j,9i,9i,9 8192930, 8192940, 81929,-19n
p 2] p 2]...p 21... p 2); .
21 11 L O3 L O3 ;
8193949 8193950, 8193919, 91-395-29n-19n
n-1 —D(n-=2)n -
( ) = (n-1n -2)@n-3) Blocks
3 3!
P 21-p QL. . . ;
216i16i26i36n 216i1 nlz T'|13 nn
i1=1,2,...,n—3; i2=i1+1,i1+2,...,n—2;i3=i1+2,i1+3,...,n—1
Partition k:

15



_21 2=
& 0: -8 O

~

i1%1 ik 1n
diag[P,, (2] p (2 .. Py, 2]
91850y 20k_18y 9198y _20kdy 81990y 26,18

P, 2lp,, 2,...p,, 2],
91930y 18y 0y 91930 19419, 919301918

Py, 2 .
6n-36n—26n—16n

Blocks

(n—l)_ (m-1)!  (-Dm-2)--@-k+1)
k-1 k-D!n-k! (k =1)!

9 —

- ;
611612611(_1611 611 2 1 'n

i1=1929"'9n_k+1; i2=i1+1,i1+2,...,n—k+2;
iy, =i +k=-3,..,0-2; i, =i +k-2,..,0-1

Partition n:

P 21-p ®1 ; (n—l) =1 Block
216162"‘6n_16n 2161 n2n3nn—1nn n-

Note that all 521 terms in the above equations are defined by the 521 equation given for
d; oy

Partition 1.

The matrix E Iy [n] i equation (3.42) is a block-column matrix with n partitions, and is
n

comprised of known matrices (i.e., matrices that have already been computed at this point). This

matrix is defined as follows.

16



(n] _

P11

P11

8,81, %

ﬁ“a 5 8

(4]

(k]

Partition 1: I, = Identity Matrix of Dimension determined by o,
n
P (2] 7
11515n
— P (21 n-1
Partition 2: P, (2] 2 970, ; ( ) =n -1 Blocks
8,9 : 1
P (2]
| 116n—lan
P 2l_p (11p,
11 11 11
6ilan 6ilan oy
511511 511511 n
Inn
P,
B Py 5,5, )
P, = .
11 :
3, . :
Py )™
6n6n

17



Partition 3:

P 3]
115152511
P 3]
115153511
P 3]
11
616n-16n

o, P (3] 2 2!

i19iy
He048,

Pll 3]
6261.1-16n

P, [3]
6n—26n—16n

3
P11 Bl = P11

611612 611612 612
(1] _
P115. S P115. 5. ®Ini2
11712 1712
P - p ®1
116 5 115' 5 um

i1=1,2,...,n—2 . i2=i1+1,i1+2,...,n—1

18

3]
P 12| Miasg, : (“ A 1) _(n-Dn-2)
11 - ’ -

Blocks



Partition 4

Pll 41
8192830,
P, (4]
8182848,
P, (4]
5152511-1511[4]
P —
P o] Mod3940 (0 _(-Dm-2)n-3) o
11 n ; '
8;,8;,8;,0 P 3 30
11 12 13 n 11
5193350,
P11 41
81939,.19
P, (4]
6n—36n-26n-16n
P, “4l_p B31p 1lp
9j,9i,9i,%, 8i,9i,9i,0n 8i,8n 8,
P [3] =P [3] ®I
11 11
6i16i26i36n 6i16i26i3 Mn
P Bl_p 2lp [11p
3j,9i,9i, 8, 9i,9i, 8,3, di,
etc. (see above)
1=12,..,n=-3 ; ip=ij+1,i;+2,..,0-2 ; i3=ij+2,ij+3,..

19
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Partition k:

P, (k]
9197 +-0k.28k 18,
P, (k]
8182 0k29dy
P, (k]
01850y 20,10,
P (k]
= (k] 11
P“a o s 5 T 818391199y ;
81933191419
P, (k]
81833k 19p.19y
P, (k]
6n—k+16n—k+2'”6n—16n
n-1 -D! -Dn-2)-(n-k+1
( ) ___@-D!_ (-Do-Dt-keD o
k-1 (k-D!(n-k)! (k =1)!

P k]l - p (k-11p (1Ip
11 11 11 11
P [k-1] _ P [k-1] ®1I

g s 5. s 5. ... Mn
611612 61k—l6n 611612 61k—l
[k-1] _ [k-2] (1Tp
P115. FYR _P115. FY P115. 5. P115.
1171 k-1 1171 NS g 271k1 NS
k-2] _ [k-2]
P115. 8§ -9 _P115. 8§ -9 ®Iﬂk-1
1171 k1 1171 1k 2
P 2l _p 2le1
11 11 :
511512513 511512 T]13
2 1
Pll6 5 []=P116 5 []Plla
i1%ip i1% i

20



(1]
P115. S- - P115. S- ®IT]12
11712 11712

i1=1,2,...,n—k+1 . i2=i1+1,i1+2,...,n—k+2

ik—2=il+k_3a---an—2 ’ ik_1=i1+k—2,...,n—1

_ n-1
Partitionn: P, ] _p | [n'l]Pll [1]P11 ; ( ) =1 Block
1

1 1
8192018y 8192018y dp-19p oy n-

The first two matrices on the right side of the above equation for Partition n are defined by the

preceeding equations for Partition k. Also, all E 1y terms in the above equations are defined by
i
the P;; equation given for Partition 2.
61’1
The matrix 5126 in equation (3.42) is a block-row matrix with j partitions, and is

J
comprised of known matrices (i.e., matrices that have already been computed at this point). This

matrix can be defined as follows.

P, =[P, ,P P, (P P, (P YU P, ]
12 12. 11 12. ‘11 12. * V11 12
dj dj ¥ Td; 09, dj 30; d;

The matrix S Ay (0] on the i ght side of equation (3.42) is a block-column matrix with n
n

partitions, and is comprised of known coefficeint matrices from the expansion of Sy(8). This

matrix can be defined as follows.
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Partition 1:

Partition 2:

A
611

72}

A

S, -

A
8,900,

A
8 15n25 i

6i16nnn6j

j=n+1,n+2, ..

n-1“n%j
S
A2 2
89
S
A0
5,28,
S
Am,+1)
8,nd 2

22

80;j

S
Amj+D

8,28 Mj

S
Amy+nj-1)

6nnn6jnj




ngéj

S

g

)

S
Amj+0)

SA(nj+£+1)

5112511[51'"1' 0 =1,2, ...

S
A(nil +nj+€—1) ,
6117]11 oy Bjnj

Partition 3:

Sx ’
8;,8;, iz 849
2 Ay

S
A
8i,8i, 903

; 2
il :

Sa

ailaizfizanﬂnaj
i1=1,2,...,n—2 . i2 =i1+1,i1+2,...,n—1

Z-Z = 1,2,...,7]12 ; j=n+1,n+2,...,m

23



S

_ S _ S _
A(1+€) _ A(2+£) - 2 A(“r]j+€) _
5; 85, 5,88 b, 56,
S B S _ S _
_ A(2+£) oz A(3+£) 9s 2 A(“r]j+£+1) B
SA : — 611 66] 611 66] 6i 266]T'|J
5 8. ) 1
11 ] .
S S
A - A - A -
(nil +£) ~ (nil +/+1) ~ (nil +nj+€—1) ~
8; Mij 89 o; iy 8 5; iy 80M;
S £i2 fn . _
6=(612) (én) ; Ly = 1,2,..0.m, £=£12+£n
Note: giz is updated before £,
Partition 4:
S
A . .
5;,8;, ‘i ai3f13anaj
SA
S 21 | 788, bip 8, b3 8,29,
As. & 8 6.6 223
11 12 13 n-j .
A . .
5;,8;, ‘i ai3f13anﬂnaj
1 = 1,2, ..,n—3 . i2 =i1+1,i1+2,...,n—2
iy =1;+2,i1+3,...,n—-1 ; j=n+1,n+2,..,m
giz = 1, 2, e s M 12 N £i3 = 1, 2, e s M i3

24




Partition k:

- S _ S _
A(1+€) A(2+£) - 2 A(nj+€) B
i199] 9,99 ;,81j
S _ S _ S _
A(2+£) z A(3+£) 9s 2 A(“r]j+£+1) _
— 611 66] 611 66] 6i1266j7]j
S S RN
A - A - A -
(T]il+f) _ (T]il+f+1) ~ (ﬂil+ﬂj+f-1) ~
5; iy 89 5; Mij 88, 5;, iy 86,1

_ 4 4 ,
8=(0) 2 ) B@)™ 5 Ly = L2my 1 L=+l + L,

Note: giz is updated before £i3 ; £i3 is updated before ¢

L

2 _ | 788 fip b
5.5 172

i iy i On® :

% 4
6i16i2 12'”6ik—1 lk—lénnnéj

i1=1,2,...,n—£+1 N i2 =i1+1,i1+2,...,n—£+2

i[_z =i1+£-3,i1+£-2,...,n—2 N i[-l =i1+£-2,i1+£'1,

j=n+1,n+2,...,m
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S

A1+7) Basd) _ 5 A(nj+2) _
5;, 89 8;, 89 8, 5,1
S - S _ e S ~
_ A(2+£) oz A(3+£) 9s 2 A(“r]j+£+1) B
SA _ = 611 66] 611 66] 61 266]7]]
8;. 85, : . i
11 ]
S S e S
A - A - A _
(i, +0) ) (nj, +£+1) ) (nj, +nj+£=1) B
8; Mij 89 o; iy 8 5; iy 80M;
< 4 4 ¢
0=(8,) 2@ ) TGO 4y =12,

{ = Ziz +£i3 +-~-+£ik_1 +4,

Note: giz is updated before £i3 ; £i3 is updated before €i4 S e Eik | is updated before ¢,

Partition n:

§A
81822 dp_1Pn-189;
§A
S, 20 | T8y852-8, 1 n-18,25;
8187 +9 199 :

S
A6

182728 _1Pn-18,"Mn3; _

j=n+1,n+2,...,m

£2 = 1, 2, e s M2 5 e 3 gn—l = 1, 2, N
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S

A(1+Z)6 A(2+Z)6 ’ A(nj+Z) _
S _ S _ S _
A(2+£) 7% A(3+£) 2s 2 A(“r]j+£+1) B
S - 1799 517089, 8,288 M;
A £ J
6166j ) :
S S - S
A - A - A -
M+ . (M +£+1) . (n1+nj+€—1)
158 1552 M- n.
& 66] ¥ 661 8 55].711
Y Y4 Y4 Y4
0= (62) 2 -~-(6n_1) n-1 (f)n) sl =12,.00,m,

L=Ly+ly+-+ Ll 1 +L)

Note: ¢, is updated before /5 ; /5 is updated before ¢, ; ...; ¢, is updated before ¢,

The above general equations, which define the matrices given in equations (3.42) for
generating the off-diagonal block equations, are complicated due to the large number of cross-
product terms that can arise in solving the general problem and due to the notation required to
generate the associated equations. As an illustration of generating these equations based on

equations (3.42) and the above defining equations, the off-diagonal block equations for the case of

three parameters (m = 3) with maximum degree of 2 for each 6, parameter (1); =1, =13 =2) are

shown below.

Off-Diagonal Block Equations form=3 (n | =1 =13 =2)

S S
A A
P2151 P P, P P 1% o ? 1.2
P P Hss. | 125, Mss. 125 |~ Sy Sa = h
8 99 | ] % j 26126. 35,25 .2
J 17
S S
A A
P 829 2525],2
2y S S
2 A A
P, P 25,25 35,252
21 Mg o 279 279j
2 020
P, P Sa, Sa,
216 1166 818,98 516182
P, P : 11 g P Po Py P =g J S e
8,8 5 8:8. 78,
oy Mooy Moy, > ! ree A3612626~ A4612626~2
P P, P, J J
21 g o M1l o S S
1 9192 920 Az, 4. 5 o
Py P Pi Py 819279 819279
O 919 913y 838y Sa, S
812872 8128,25,>
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The general equation for computing each P, off-diagonal block, Pllé 5’ given by

n
equation (3.42), can be written as a generalized linear matrix equation of the foll(;wing form:
AXB = C (3.43)

where A, B, and C are known constant matrices. The following Lemma is stated without proof as
an extension of Lemma 2.2 given in Reference [11].

Lemma 3.2

Consider the generalized linear matrix equation given by equation (3.43), where A € R". Be
R, and CER™ are given matrices. Then the following statements are equivalent:

(1) there exists a solution X € Rmxr;

(2) the columns of C € Im [A] and the rows of C €Im [BT];

(3) rank[A C] = rank [ A] and rank[BT CT]T =rank [ B];
(4) Ker (A)C Ker (C) and Ker (B)C Ker (C).

Furthermore, the solution, if it exists, is unique if and only if A has full column rank and B has
full row rank.

Equation (3.43) and Lemma 3.2 can be used in computing a solution for each off-diagonal block of
P,, based on equation (3.42). This solution has the following form.

X! = M\N (3.44)
where: M=B"® A : N=C (3.45)

Note: C* is the column-form vector of matrix C obtained by
stacking the columns of C into one column vector

!

=  X=[X'X' . X' ;x!'erR™ ; i=12.,1 (3.46)

T
Then the following theorem is stated.
Theorem 3.3

Given a general linear matrix equation of the form given by equation (3.42) for each off-diagonal
block of P, i.e.

P, p_  [lyp P. y-§, [l
( 216n 116n 116n6j( 126j) Aan

where: n=1,2,..,m-1landj=n+l,n+2, ..., m

then a solution for P, N of the form given by equations (3.43) - (3.46) and which satisfies rank

j
test (3) of Lemma 3.2 always exists and is irreducible.
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Proof: (Sketch)

The rank test (3) of Lemma 3.2 can be used to determine whether a solution for P“é N exists,

. . . . )

based on the P216 , Py, 5 and Pna 5 matrices computed as described in Section 3.2.1. If not,
i i i 9

these matrices can be augmented using the appropriate columns and/or rows of the matrix S Ay [n]

n
given on the right side of equation (3.42). Thus, a solution can always be found. The resulting
solution is irreducible, because satisfaction of rank condition (3) in obtaining a solution prevents
unnecessary redundancy from being built into the solution process.

QED

To summarize, this section has presented a simple numerical technique for computing the
off-diagonal blocks of P, i.e. P11 .5 , for each block-row, n, and each block-column, j, (as

defined by equation (3.16)), Where n =1,2,..,m-1and j=n+l, n+2, ..., m. The numerical
computation involves the solution of a generahzed linear matrix equation, and such a solution can
always be found by augmenting the previously computed P21 , P, N P“a 5 , and Pna .

1 1 %1
matrices as required to obtain a solution for equation (3.42) based on equatlons (3.43) - (3. 46)

The result is irreducible, because a solution for each off-diagonal block is computed to just meet
the rank conditions (3) given by Lemma 3.2.

3.2.3 Full P-A Model Solution, Nilpotency and 1-D Irreducibility

Once the P216 , P126 , Pllé 5 and Pllé 5 partitions for each parameter have been
i i idi idj

determined as described in Sections 3.2.1 and 3.2.2, the full solution is determined using
equations (3.9) - (3.12). This is a simple matter of collecting the matrix partitions together into a

single matrix for P,;, P,,, and P;;. The A matrix is also known and given by equation (3.13),

where the number of repetitions for each parameter, n;, was determined in solving the P216-’ P126;
1 1

Pllé.é. , and Pllé.& matrices.

1+1 1

The followf]ng theorem is given regarding the satisfaction of the nilpotency condition of
equation (3.3) for the full P-A model solution.

Theorem 3.4

The P, ; matrix defined by equation (3.9) and computed using Theorems 3.1 and 3.3 as described
in Sections 3.2.1 and 3.2.2 satisfies the nilpotency condition of equation (3.3), as defined below.

[AP“]r+1 =0 ; rl sn+m+..+n,
Proof: (Sketch)

For r+1 =m; +n, + ... + n,,,, nilpotency is satistied by Lemma 3.1. For this case, solution of the
off-diagonal blocks does not enter into satisfying the nilpotency condition. That is, the nilpotency
of the main-diagonal blocks is sufficient to satisfy the nilpotency of the full solution.
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For r+1 <mn; + 1, + ... + n,,,, nilpotency is satisfied by the solution of the off-diagonal blocks.
That is, this case arises when there are zero crossterm coefficient matrices that are factored into the
solution of the off-diagonal blocks. Thus, inclusion of these zero matrix coefficients in the
solution of the off-diagonal blocks automatically satisfies the nilpotency of the full solution.

QED

An objective of the P-A modeling process was to determine a model which is low-order.
The following theorem is therefore given regarding the reducibility of the full P-A model solution.

Theorem 3.5

The P-A model matrices defined by equations (3.9) - (3.13) and solved using Theorems 3.1 and
3.3 is 1-D Irreducible.

Proof: (Sketch)

The PZI&"’ Plza" and P“a-a- matrices determined using Theorem 3.1 represent an irreducible
1 1 101

realization of the linear and nth—degree terms of S,(d) associated with the §; parameter. Solving
equation (3.42) using Theorem 3.3 results in an irreducible solution of the off-diagonal blocks of

P,, based on the solution obtained previously for P216., Plza" and P, s Thus, putting the full
1 1 101

solution together results in a 1-D irreducible LFT model of the given system.

QED

4. Example: Multivariate Quadratic Problem (See Reference [4])

Consider the following compound inertia matrix problem presented in [4], and first posed
in [13].

0 2yz 2y2 4(y2—zz) -3xy XZ
J=|2yz 0 -2xy -4xy 3(x*-z%) yz (4.1)

—2y2 2xy O 4xz -3yz y2—x2

The X, y, and z terms represent displacement parameters from some reference (zero) point for the

system. Thus, the parameters x, y, and z are the uncertain parameters, 8, of the system. The
results obtained using the above computational solution (in Matlab) are shown below. However,
the details of obtaining this solution are omitted for brevity.

P, = [P216x leay P2161] (4.2a)
0 0001 0211470 0 000

P,, =|173210000], 5% =0 0 0 0 000 (4.2b)
X 0 0100 Y 1o 0 0-14953000
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20 0 000
Py, =[0017321000 (4.2¢)
2 loo 0 001

P,
ox
P, =P, (4.32)
dy
P
2y,
0 0.94574 1.8915 0 0
(0000 O O] 0O 0 0 0O 0 0
0000173210 1.3375 0 0 0 0 -.66874
P, -[0000 0 0. P, =| 0 0 0 0 0 0 (4.3b)
dx dy
0000 O 1 0O 0 0 0 1
0000 0 0 0 1 0 0 0 0
1 0 0 0O 0 1

0000 0 0

0002 0 0

0000 0 0

P, - (4.3¢)
52 |00 00173210

0000 0 1

0000 0 o0

P P P
g 5 115x5y g 5,
P, = 0 P, 0 (4.4a)
11 11
0 PéyayP
115Z5y 1y 5,
(0000 00 07 ) .
0-10000
010 0 0] 1000000
000000
00000 0000000
000-100
000-10 0010000 (4.4b)
000000
00000 0000000
000000
00000 0000000
- - 000000
0000000 - -
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0

0
XUy O
0

[-1.2209 0 0 0 0 0 07

0000O0O0
000020
0000O0O0

000-300

00 0 O
00 0 O
00 .28778 0
00 0 O
00 0 O

00 0

0
0
0
0
0

0-3

A = dlag [6x159 6yI7a 6zI6]

0000007
000000
020000 (4.4c)
000000
000010

(4.4d)
(np=18) 4.5)

Note that the solution of this problem was not restricted to a quasi-upper-triangular P;; matrix. In

particular, it was determined in solving this problem that the quasi-upper-triangular structure for

P, required an extra repetition in A to obtain a solution.
A comparison of this solution with those obtained in [4] and [13] is shown in Table 1.

Method

LLVA

Comments

Belcastro & Chang

18

Direct Numerical Solution for Nonlinear
Problem, No Decomposition, No Model
Reduction

Cockburn & Morton [4]

28

Decomposition to Linear Components,
Solution for Each Linear Component,
Combination of Component Solutions

20

Same As Above with Model Reduction

19

Special Decomp. to Linear Components,
Solution for Each Linear Component,
Combination of Component Solutions

17

§ame As Above with Model Reduction

Doyle, Elgersma, et. al. [13]

27

Decomposition to Linear Components,
Solution for Each Linear Component,
Combination of Component Solutions

13

Special Matrix Decomp. to Linear
Products, Solution for Each Linear
Component, Combination of
Component Solutions

Table 1. Comparison of LFT Models Obtained Using Current Methods
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The solution obtained using this LFT modeling approach required a total of 18 parameters in A,

with 5 repetitions for 0, (n, =5), 7 for f)y (ny =7), and 6 for 3, (n, = 6). Note that the LFT
modeling approach of this paper does not require matrix decompositions for a solution to this
example, since it was already in a multivariate polynomial form. Moreover, this approach achieves
a low-order model directly (without the use of model reduction), and can be readily implemented in
Matlab. The result presented in [4] for a direct decomposition required 28 and 20 parameters in A
before and after model resuction, respectively. The result obtained using a specialized
decomposition approach developed in [4] to reduce the resulting LFT model dimension required 19
and 17 parameters in A before and after model reduction, respectively. Note that this approach
decomposed the J matrix of equation (4.1) to linear matrix products and sums. Then an LFT
model for each linear matrix was obtained separately, the individual LFT models combined to form
the full LFT model, and reduction methods applied to remove unnecessary repetitions. The result
presented in [13] required 27 parameters in A using a linear decomposition approach, and 13
parameters in A by recognizing that J can be factoed into the product of two matrices containing
only linear x, y, and z terms. Although this yields the lowest-order LFT model, it is specific for
this particular matrix structure and can therefore not be generally applied to other problems.

5. Concluding Remarks

A numerical approach was presented in this paper to directly compute low-order LFT
models for multivariate polynomial problems. The LFT modeling approach does not require
matrix decompositions for multivariate polynomial problems, and a low-order model is directly
obtained without model reduction. The computations depend only on simple matrix computations,
including the singular value decomposition (svd) and solving generalized linear matrix equations.
A matrix svd is used to simultaneously compute a solution for the P216 P, 5 and P,

1 1 1 %1
matrices for each 6, parameter. Generalized linear matrix equations are used to solve for the

P, 5 matrices. The full LFT model is constructed by simply collecting the partitioned solutions
i)

together into the P,;, Py,, and P, matrices. The resulting LFT model is low-order, because

matrix structure is exploited during the computations in satisfying the rank conditions required for

a solution. Future work will include developing a Matlab implementation of this LFT modeling

approach.
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