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Abstract: Based on field data simultaneous with Landsat overpasses from six different
dates, we developed a robust linear model to predict subpixel fractions of water cover. The
model was applied to a time series of 174 Landsat TM and ETM+ images to reconstruct
the flooding regime of a system of small temporary ponds and to study their
spatio-temporal changes in a 23-year period. We tried to differentiate natural fluctuations
from trends in hydrologic variables (i.e., hydroperiod shortening) that may threaten the
preservation of the system. Although medium-resolution remote sensing data have rarely
been applied to the monitoring of small-sized wetlands, this study evidences its utility to
understand the hydrology of temporary ponds at a local scale. We show that the temporary
ponds in Doñana National Park constitute a large and heterogeneous system with high intra
and inter-annual variability. We also evidence that the conservation value of this
ecosystem is threatened by the observed tendency to shorter annual hydroperiods in recent
years, probably due to aquifer exploitation. This system of temporary ponds deserves
special attention for the high density and heterogeneity of natural ponds, not common in
Europe. For this reason, management decisions to avoid its destruction or degradation
are critical.
Keywords: remote sensing; wetlands; Mediterranean temporary pond; spatio-temporal
variation; fluctuations; Landsat; multi-temporal
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1. Introduction
Conservation strategies should take into account the spatial distribution of habitats because it
conditions the distribution and dynamics of the species associated with them [1-4]. However, the
spatial distribution of habitats that change over time (fluctuating habitats), such as temporary ponds, is
not constant. Thereby, conservation programs focused in such fluctuating ecosystems should also
incorporate the monitoring of temporal changes in their distribution and extent. Temporary ponds are
shallow water bodies with a recurrent annual dry phase that remain flooded long enough to allow the
development of (semi) aquatic vegetation and animal communities [5-7]. They present wide variability
in filling onset and duration, depending on rainfall input and pattern [8], evapotranspiration and
groundwater inputs. Temporary ponds are the main breeding habitat of many aquatic
invertebrate [5,6,9] and amphibian species [1,7,10]. Due to their conservation value, temporary ponds
are a priority habitat under the European Union Habitats Directive, code 3170 [11]. However, pond
ecosystems are threatened worldwide by their drastic reduction in number [12]. For this reason,
long-term studies recording the temporal changes in the number, distribution, extent and duration of
flooding (hydroperiod) of temporary pond ecosystems are necessary, although they have been scarce
until now. Moreover, one of the most important assessments would be the discrimination of natural
fluctuations from trends of habitat degradation or disappearance, which may threaten the population
stability of species associated with them.
Remote sensing is a valuable tool for monitoring ecosystems and, in particular, of wetlands [13].
Satellite images have been used to map large permanent wetlands [see 14 for a review] and,
occasionally, to reconstruct their temporal dynamics over the past decades [15-17]. However, its
application on seasonally flooded systems has been scarce [18-21], and, in particular, for small-sized
wetlands [22] due to the difficulty of identifying waterbodies if below pixel size, e.g., [23]. High
spatial resolution remote sensing may be an alternative for the delineation of small-sized wetlands.
However, its application has been scarce [19,24] due to the high cost of such imagery. Landsat images
may provide adequate data for long-term reconstruction of wetland dynamics due to its temporal
resolution (16 days repeat cycle) and the continuity of the missions (operational for more than 30
years). However, its spatial resolution (30 m pixel) may compromise the identification of small sized
ponds. A retrospective study of the presence of water in temporary ponds can constitute a high quality
data set to analyse the relationship between rainfall and pond dynamics. The relation between rainfall
and water presence, as derived from remote sensing data, has been previously evaluated in mediumsized and large temporary wetlands, e.g., [15,16], but such an approach has never been attempted for
small temporary ponds.
Doñana National Park is one of the most important wetlands in southern Europe. It is located in
southwestern Spain, eastwards from the mouth of the Guadalquivir River. Apart from the
Guadalquivier river marshes, it preserves a large network of small temporary ponds [25,26]. These
temporary ponds are a critical habitat for many species of aquatic flora and fauna: macrophytes [27],
invertebrates [28-30], and amphibians [10,31,32]. Although Doñana temporary ponds are mainly fed
by rainfall, its hydrology is also directly dependent on groundwater. The aquifer system in the Doñana
region consists of two units: a relatively thick unconfined aquifer overlying a lower and more
permeable aquifer [33]. It is mainly the unconfined aquifer, which has a shallow water-table and
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several flow systems, that feeds temporary ponds [34]. Groundwater feeding is complex in some ponds
due to temporal variation in the connection to aquifer flow systems [35]. The water-table follows the
hydraulic head gradient, which roughly corresponds to topographic elevation. So, the water-table is close
to the surface everywhere except beneath the dunes ridges [33]. Doñana temporary ponds have no direct
connection to the sea except through airborne salt deposition [35]. Serrano and Zunzunegui [36], in a
study conducted in six ponds, indicated that some of them may be under threat, since their hydrologic
regime may have been damaged by aquifer water extraction by a nearby tourist resort [see also 37].
Scientifically-based management of Doñana National Park requires information on historical flooding
patterns, both spatially and temporally, and their relationship with natural fluctuations and
anthropogenic modifications [38].
In this study, we investigate the applicability of Landsat satellite images to assess the
spatio-temporal dynamics of a large system of temporary ponds (more than 800 waterbodies). We
assess (i) the usefulness of Landsat imagery for identifying the presence of water in small temporary
ponds; (ii) the intra-annual pattern of flooding and drying out; (iii) the spatial variation, i.e.,
differences in flooded area or duration of flooding, among ecosections within the National Park; (iv)
the variations in water presence during a 23-year period, mainly to discriminate natural fluctuations
from trends of habitat degradation (i.e., reduction in flooded area or annual hydroperiod shortening);
and (v) the lagged response of temporary ponds extent to rainfall.
2. Study Area
The study was conducted in the Doñana Biological Reserve (6,794 ha), within Doñana National
Park [see 39 for a geo-morphological description], in southwestern Spain (Figure 1a). Two main
ecosystems are differentiated within Doñana Biological Reserve: the aeolian sands and the marshes.
The object of the present study was the system of temporary ponds located on the aeolian sands. In this
ecosystem, dominant vegetation is Mediterranean scrub (Halimio halimifolii-Stauracanthetum
genistoides and Erico scopariae-Ulicetum australis as defined by Rivas-Martínez et al. [40]) with
small patches of pine (Pinus pinea L.) and juniper forests (Juniperus phoenicea L. subsp. turbinata
(Guss.) Nyman). We followed the ecosection zonation proposed by Montes et al. [41], who
differentiated six ecosections (areas with similar ecosystems) within the aeolian sands (see
Supplementary Material Table 1 for details). We further divided the largest ecosection into its northern
and southern part, thus identifying seven zones in the aeolian sands of the study area. Those
ecosections showed different temporary pond density and different geomorphologic, stratigraphic and
hydrodynamic characteristics (Figure 1b and, for details on characteristics, Supplementary Material).
A total of 883 temporary ponds and two permanent ponds were delineated in this study area at a
time of a large flooding event in April 2004 using a hyperspectral remote sensing image with high
spatial resolution (5 m pixel size) [see 42 for details on cartographic methods]. A detailed description
of these temporary ponds can be found elsewhere [43]. Filling dates and flooding duration of
temporary ponds are highly variable among years depending on rainfall pattern and quantity. The wet
season may extend from September to May and the dry season from June to August. In this study, we
consider a hydrological year to be the period from September 1st to August 31st, which corresponds to
the traditional farming year in many Mediterranean countries. Mean annual rainfall, from 1984–1985
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to 2006–2007, was 585.0 ± 230.8 [S.D.] mm, with minimum values of 169.8 mm recorded in
2004–2005 and maximum values of 1,027.8 mm recorded in 1995–1996. Rainfall data were obtained
from a meteorological station located at “El Palacio de Doñana” within the study area (Doñana
Biological Reserve-CSIC).
Figure 1. (a) Location of Doñana National Park in southwestern Spain. Solid black line
delimits Doñana Biological Reserve (study area). (b) Study area with the Ecosections as
defined in this work: 1. Low stabilized sands (exorheic zone) [LOW SANDS]; 2. Northern
part of wet high stabilized sands (endorheic zone) [NORTHERN SANDS]; 3. Southern
part of wet high stabilized sands (endorheic zone) [SOUTHERN SANDS]; 4. Dry high
stabilized sands (arheic zone) [DRY SANDS]; 5. Semi-stabilized dunes
[SEMI-STABILIZED DUNES]; 6. Mobile dunes [DUNES]; 7. Ecotone marshes-stabilized
sands [ECOTONE MARSHES-SANDS]; 8. Marshes (excluded from the study). Solid
black area represents areas of permanent water, which were excluded from this study.

3. Methods
3.1. Pre-Processing of Time-Series Landsat Images
We used 174 cloud-free Landsat TM and Landsat ETM+ images of the study area (scene = path
202, row 34) taken between November 1984 and July 2007 (see Supplementary Material Table 2) and
processed by the GIS and Remote Sensing Lab of the Doñana Biological Station (LAST-EBD). The
number and dates of the images for each year differed because of cloud cover or acquisition failures.
This set constitutes the largest remote sensing time-series with comparable sensors for the area.
Pre-processing of Landsat data was carried out by the LAST-EBD. A total of 62 images, including
those with ground-truth data, were co-registered with 80–100 control points (GCPs) to a Landsat
ETM+ reference image acquired on July 18th 2002 (RMS < 1 pixel). Due to time constraints, the rest
of the images were georeferenced using a short-cut approach that consisted on using nine GCPs to
georeference the image (RMS < 1 pixel). The resampling method was cubic convolution. Images were
radiometrically corrected and transformed into reflectance values using Pons and Solé-Sugrañes [44]
method implemented in MIRAMON [45]. Images were then normalized using a set of
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pseudo-invariant areas expected to have low seasonal changes in reflectance and covering all the range
of reflectance values [see 46 or 47 for a detailed description of the image processing procedure]. In
images georeferenced with nine GCPs, radiometric correction and normalization was applied only to
Band 5 (λ = 1.55–1.75 µm) due to time constraints. We chose Band 5, an infrared spectral band,
because we expected an accurate discrimination between water and land classes due to differences in
absorption of radiation in the near-infrared part of the spectrum [48].
3.2. Ground-Truth Data: In Situ Delineation of Flooded Area
During the two periods 2005–2006 and 2006–2007, we systematically surveyed different portions
of the study area in six different dates, coincident with an overpass of Landsat 5 or Landsat 7 satellite
(day of overpass ± one day). On each survey date, we visited all the temporary ponds in the portion of
the area surveyed (see Supplementary Material Table 3 and Supplementary Material Figure 1).
Surveyed ponds were located in the LOW SANDS, NORTHERN SANDS or SOUTHERN SANDS
ecosections. The water presence was recorded and the limit of surface water was registered with a
differential Leica GS20 GPS receiver. GPS data were post-processed to achieve sub-meter locational
accuracy. Field visits were guided with the map of ponds with a resolution of 5 m (see Figure 1).
3.3. Model Development and Validation
3.3.1. Model Building
Using the limits of temporary ponds, as delineated in situ, and the Landsat image of the closest date,
we fitted a Generalized Linear Model (GLM) [49] using as response variable the fraction of a 30 m
pixel covered by water, with binomial errors and a logit link. The response variable was in the form of
a bound vector (number of 3 m flooded pixels/number of 3 m dry pixels, within each 30 m pixel, as
extracted from field data projected on a 3 m grid, see Figure 2). As field-assessed completely dry
pixels outnumbered flooded pixels and this could be a severe bias in model building, we balanced the
data in order to have the same number of flooded and dry pixels in each sampling date. We balanced
the data by means of randomly selecting a sample of dry pixels equal in number to those partially or
totally covered by water (balanced data set). We tested as potential predictors the pixel normalized
reflectance in each spectral band (B) as well as the value obtained when correcting for its reflectance
in the absence of water [Corrected band: CB = (B − BDRY) / BDRY] (Table 1). Soil reflectance in the
absence of water (BDRY) was extracted from a Landsat image taken in August 2006, when all
temporary ponds were dry. Predictor selection was based on percentage of deviance reduction using a
manual stepwise procedure.
3.3.2. Model Validation
Model validation was assessed by calculating the Spearman correlation coefficient between the
observed fraction of water cover in a given pixel and the ratio predicted by the model. We assumed
that the predicted probability of flooding is a surrogate of the fraction of the area covered by water. We
used a cross-validation procedure to test the model. In each turn, we split the data set into a
construction set (with data from five of the six sampling dates) and a validation set (data from the date
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that was left-out from model construction). We used the balanced data set for the construction and all
the data available (unbalanced data set) for the validation set. The process was repeated until all dates
were used as validation sets.
Figure 2. Scheme of the model development and application procedure.

We conducted four different model validations to evaluate (i) if the GLM model should be applied
to all pixels in the area or (ii) applied only to pond pixels (those that could be potentially flooded). And
additionally, (iii) if the large tail of pixels with a low probability value of being flooded should be
considered as flooded pixels, with a very small fraction of water cover, or alternatively (iv) these
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pixels should be considered as dry pixels using a threshold probability value. The rationale behind is
that zero values (completely dry pixels) are not easily obtained from such GLM models and, thereby,
we could expect low values of flooded area to be predicted for field-assessed dry pixels. In that case,
the original lowest values of model predictions should be recoded to zero values. To compute the
zero-codification, we established a value as threshold that misclassified as partially flooded less than
5% of ground-truth-assessed dry pixels. On the other hand, we considered a pixel as a potentially
flooded pixel if it was included as water in the 5 m resolution pond map layer, or in a buffer area of
30-m from the edge of the temporary pond. The radius of the buffer area equals Landsat pixel size to
overcome georeferencing biases (note that RMS < 1 pixel).
We also evaluated the temporal differences in model performance. So, we assessed whether the date
of image acquisition explained the difference in the magnitude of model errors obtained during the
validation phase. We computed an ANOVA analysis with posthoc Tukey test. We considered the
log-transformed model absolute residuals (observed fraction-predicted fraction) as response variable
and the date of image acquisition as grouping factor.
Table 1. Parameters of the final GLM model used to predict the fraction of water cover in
a 30 m pixel from Landsat TM and ETM+ normalized reflectance. F-value, degrees of
freedom (df) and p-value are shown. We tested as potential predictors the normalized
reflectance of each spectral band (Band, B) and its value correcting for its reflectance in
the absence of water (Corrected band, CB).
Adjusted model parameters
Final model parametization
Fraction of water cover = −3.392 − 6.706×CB5

F
1,215.70

df
1,1817

p
0.001

Manual step-wise predictor selection (Explained deviance [%])
Band (B)
Corrected band (CB)
Band 1 (λ = 0.45 − 0.52 µm)
8.81
15.23
Band 2 (λ = 0.52 − 0.60 µm)
14.86
22.22
Band 3 (λ = 0.63 − 0.69 µm)
19.24
32.00
Band 4 (λ = 0.76 − 0.90 µm)
41.57
43.43
Band 5 (λ = 1.55 − 1.75 µm)
36.49
47.09
Band 7 (λ = 2.08 − 2.35 µm)
25.93
33.86
3.4. Historical Reconstruction of Water Coverage in the Study Area (November 1984–July 2007)
The final GLM model, fitted to data from all ground-truthing dates, was applied to the time-series
of Landsat images to obtain a map of the fraction of water in each potentially flooded pixel on each
date. We modified model predictions by applying the zero-threshold value yielded by the validation
procedure. Pixels in permanent ponds that contained water in August 2006 (136 pixels) were excluded
from further pixel-based analyses, and analogously, those permanent ponds were removed from further
pond-based analyses (i.e., average hydroperiod, pond annual hydroperiod or pond density).
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3.5. Spatio-Temporal Variation in the Distribution of Water
We assessed the spatio-temporal differences in flooded area and duration of flooding (temporary
pond hydroperiod). We measured flooded area as the sum of the predicted fraction of water cover for
all pixels. We measured temporary pond hydroperiod as the ratio between the number of images in
which it appeared to be flooded (at least one pixel of water) and the total number of images. We
transformed ratio values to hydroperiod values measured in months. For each temporary pond, we
computed two different values of temporary pond hydroperiod: average hydroperiod to depict its
hydrological behavior over the entire study period, and computed using all remote-sensing images, and
annual hydroperiod computed for each particular year. Average hydroperiods were used to assess
spatial differences in flooding duration between the ecosections over the entire study period and annual
hydroperiods were used to evaluate inter-annual trends in temporary pond flooding duration. We only
computed temporary pond annual hydroperiods in years with seven or more images and at least one
image in each season (autumn, winter, spring, summer), thus resulting in hydroperiod data for
12 years.
3.5.1. Differences in Hydrologic Behavior among Ecosections
We assessed the flooded area, temporary pond density and temporary pond size in each ecosection
at the time of the largest flood event predicted for the study area (February 15th, 1990). We computed
an ANOVA with post-hoc Tukey test to test for differences in average hydroperiod among
ecosections. We square-root transformed average hydroperiod values in order to achieve normality in
model residuals, a critical ANOVA assumption.
3.5.2. Seasonal Hydrologic Behavior of Temporary Ponds
To summarize seasonal variation in flooded surface, we plotted the estimated flooded area for each
image in an annual scatter graph. The date of acquisition (number of days from September 1st) was
plotted in the X-axis and the total flooded surface in the Y-axis.
3.5.3. Inter-Annual Variation in Hydrologic Behavior
We conducted a trend analysis of annual rainfall, maximum flooded area and pond annual
hydroperiod during the entire study period. Analyses were computed both for the entire study area and
for each ecosection. In the case of pond annual hydroperiod, we also computed a trend analysis for
each temporary pond in order to build a map representing such tendency.
3.5.4. Relationship between Flooded Area and Rainfall
We built a multiple linear regression model to assess the effect of rainfall timing in the predicted
flooded area for each Landsat-acquisition date. We evaluated six rainfall-derived predictors: rainfall in
the previous (i) 1 to 15 days, (ii) 16 to 30 days; (iii) 31 to 90 days; (iv) 91 to 180 days; (v) 181 to 365
days and (vi) 366 to 760 days. We square-root transformed the dependent variable (flooded area) to
achieve normality in model residuals, a critical ANOVA assumption. We conducted an automatic
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forward stepwise procedure of variable selection. We searched for the standardized regression
coefficients in order to compare the relative contribution of each independent variable in the prediction
of flooded area.
We built eight different multiple linear regression models, one for each ecosection and one for the
entire study area. In the model conducted for the entire study area, we searched for temporal
differences in model performance with an ANOVA of the regression residuals with posthoc Tukey
test. We conducted two ANOVAs, one testing the year in which the image was taken as grouping
factor and the other testing the month.
4. Results
4.1. Model Development and Validation
We monitored 64 different temporary ponds during the ground-truthing campaigns in 2005–2006
and 2006–2007. Since each temporary pond was visited on different sampling dates, we delineated a
total of 164 temporary pond perimeters.
The best model consisted in a single predictor (CB5) and significantly explained 47.09% of the
deviance (Table 1). The inclusion of the second best predictor (CB4) contributed to a 9.1% increase in
explained deviance. However, we did not include CB4 in the final model because its inclusion would
yield a reduction of 64% in the available satellite images due to the fact that radiometric correction of
band 4 was not available for 112 out of the 174 images due to time constraints. Model validation
showed that the best model predictions were obtained when only potentially flooded pixels were
considered and the zero-threshold value was applied (Table 2). Threshold value of the predicted
fraction of water coverage was set to 0.21 and this implied that temporary ponds smaller than 189 m2
could not be identified. The mean size of temporary ponds that were flooded but were classified as dry
with the threshold value was 0.20 ± 0.21 [S.D] pixels, corresponding to 180 ± 189 m2. Applying this
threshold both to the observed and predicted values of pixel flooding, we correctly classified 72% of
the temporary ponds visited during the ground-truth campaign (Table 3). The analysis of model
residuals showed that there were differences in model adjustment among sampling dates (ANOVA
F5,2891 = 191.93; p < 0.001). Significantly larger residuals were observed in data from the 2006–2007
cycle (02 March 2007 and 18 March 2007), when temporary ponds reached the largest
observed extension.
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Table 2. Model validation with Spearman correlation between the observed fraction of
water cover in a given pixel and the ratio predicted by the model. The number of pixels
used for the correlation (N), the test statistic (Spearman R) and p-value are shown. The
model was validated under four different circumstances: (1) Model predictions of all
pixels; (2) Only pixels in potentially flooded areas could be flooded and those outside were
assumed dry; (3) All pixels were considered but model predictions below 0.21 were
considered as dry pixels and (4) Only pixels in potentially flooded areas with predictions
equal and above 0.21 were flooded.
MODEL VALIDATION CIRCUMSTANCES
Predictions
Pixels
1 Raw
All
2 Raw
Potentially flooded
3 Modified All
4 Modified Potentially flooded

N
5,778
2,897
5,778
2,897

Spearman R
0.367
0.457
0.502
0.562

p
< 0.001
< 0.001
< 0.001
< 0.001

4.2. Historical Reconstruction of Water Coverage in the Study Area
Using Landsat imagery, we detected 864 out of 883 temporary ponds flooded at least once over the
entire study period (see Supplementary Material Figure 2). The flooded area in any one date ranged
between 0.81 ha, equivalent to nine pixels, (October 2005) and 246 ha (February 1990). At the time of
a maximum flood (February 1990), we detected 718 flooded temporary ponds. Mean values of annual
hydroperiod ranged from 3.7 ± 2.9 [S.D.] months in 1994–1995 to 6.3 ± 3.7 [S.D.] months in
1988–1989.
Table 3. Confusion matrix showing the correspondence between ground-truth-assessed
temporary ponds and the flooding status predicted with the GLM models after applying the
zero-threshold value both for observed and predicted values of pixel flooding (flooded
pixel: fraction of water cover ≥ 0.21).

Predicted
temporary
ponds

Dry
Flooded
Total

Correct classification

Observed temporary ponds
Dry
Flooded
Total
64
33
97
14
57
71
78
90
168
82%

63%

72%

4.3. Spatio-Temporal Variation in the Distribution of Water
4.3.1. Differences in Hydrologic Behavior among Ecosections
The seven ecosections showed different flooded areas and temporary pond densities (Figure 3),
although similar distribution of temporary pond sizes (Figure 4) at the time of the largest flood event
predicted for the study area (February 1990).
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Figure 3. (a) Flooded area and temporary pond density (number of temporary ponds/km2)
predicted for each ecosection at the time of the largest flood event in the study area
(February 15th, 1990), as predicted from Landsat data. The percentage of flooded area is
also shown. (b) Mean and standard error of average hydroperiod for each ecosection.

The maximum flooded area occurred in the ecosections NORTHERN and SOUTHERN SANDS,
whereas the maximum temporary pond density occurred in the SEMI-STABILIZED DUNES. The
minimum flooded area and temporary pond density occurred in the DRY SANDS. Small temporary
ponds (<1,500 m2) were the most frequent size class in all ecosections (Figure 4).
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Figure 4. Distribution pattern of temporary ponds size in each ecosection at the largest
flood event in the study area (February 15th, 1990).

Ecosections also differed in the average hydroperiod over the entire study period (ANOVA
F6,916 = 22.918, p < 0.001) (Figure 3). The highest average hydroperiod was found in the ECOTONE
MARSHES-SANDS ecosection, where water lasted twice as long as in other ecosections during the
entire study period. Among the others, the average hydroperiod in the LOW SANDS and SOUTHERN
SANDS was significantly larger than in the rest of the ecosections (Figures 3 and 5).
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Figure 5. (a) Cartography of average hydroperiod (frequency of water occurrence) over
the entire study period. (b) Cartography of the trend in annual hydroperiod for each
temporary pond over the entire study period. Hydroperiod trend is estimated as the slope of
the regression between annual hydroperiod and year (months/year).

4.3.2. Seasonal Hydrologic Behavior of Temporary Ponds.
Flooded area presented a large intra-annual variability, mainly in years with annual rainfall higher
than the long-term average (Figure 6). As a rule, flooded surface was low during the dry season
(June–August) and continued low in September-November until the first autumn-winter rains (Figure
6). Values of flooded surface at the beginning of autumn were similar between rainy and dry years;
however, flooded surface in summer months was notably higher in rainy years. Flooded surface tended
to increase from September to December and tended to decrease from April-May up to August. We
observed a notably increase in flooded surface, especially in rainy years, at the end of autumn months
(December). Similarly, we observed a marked decrease in flooded surface between April–May and
June–July in rainy years while such decrease was more gradual in dry years.
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Figure 6. Synoptic characterization of intra-annual variation of flooded area as obtained
from pooling pond model predictions from the entire time-series data (1984–2007).

4.3.3. Inter-Annual Variation in Hydrologic Behavior
Maximum flooded surface and annual pond hydroperiod fluctuated on an inter-annual basis. We
observed a significant temporal trend to shorter annual hydroperiod values for the entire study area
(y = 6.00 − 0.10t; F1,10 = 11.632; p = 0.007) and for all ecosections except in the ECOTONE
MARSHES-SANDS and in the LOW SANDS (Table 4). We did not observe trends in annual rainfall
nor in maximum flooded surface for the entire study area (Figure 7). In contrast, we did observe a
negative trend in maximum flooded surface in the drier ecosections: DUNES and DRY SANDS
(Table 4).
4.3.4. Relationship between Flooded Area and Rainfall
Focusing on the entire study area, rainfall-derived variables explained the 80% of the variance in
the percentage of flooded area (Table 5). The predicted flooded area in a given sampling date was
significantly related to all the periods of accumulated rainfall we considered. In particular, rainfall
fallen in the previous 31–180 days had the greatest contribution to model, evidencing that ground
water has an important influence in the temporary ponds hydrologic regime. Model adjustment varied
widely among ecosection. Those of the driest ecosections, DRY SANDS and DUNES, showed the
lowest values of explained variance. Such models did not include all the periods of accumulated
rainfall. The relevance of groundwater was also evident in all ecosection models since rainfall in the
previous 31–90 days showed the largest contribution to the model along with rainfall in the previous
91–180 days in the case of the SOUTHERN SANDS ecosection.
The performance of the rainfall-flood model for the entire study area differed among years
(ANOVA F22,151 = 2.709; p < 0.001) and among months (ANOVA F11,162 = 2.946; p = 0.001). The
rainfall-flood model predicted a smaller extension of flooded area than the one observed with Landsat
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data in December, which usually corresponds to the month of maximum flooding. The same
inconsistency was observed for the most recent years (2001–2007), mainly in 2003–2004, a very rainy
year. On the contrary, Landsat data indicated a smaller extension of flooded area than the rainfall-flood
model predicted for 2000–2001, a year following a dry period (1998–2000) in which the rainfall was
scarce in autumn and spring, being concentrated in the months of December and January.
Figure 7. Inter-annual trends in (a) annual rainfall, (b) maximum flooded area and (c)
annual hydroperiod (mean and standard error) for the entire study area. Linear fit and
adjusted equation is also shown. Years in grey indicate that no representative or enough
images were available to compute annual hydroperiod that year.
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Table 4. Trend analysis of flooded area and annual hydroperiod in each ecosection. Model parameterization, where t corresponds to “time”, F
statistics, degrees of freedom (df) and significance (p) are shown.

1
2
3
4
5
6
7

Flooded area
Model parameterization
F (df)
LOW SANDS
y = 5.57 + 0.03t
0.053 (1,21)
NORTHERN SANDS
y = 36.23 + 0.07t
0.006 (1,21)
SOUTHERN SANDS
y = 60.09 + 0.09t
0.010 (1,21)
DRY SANDS
y = 1.34 − 0.04t
4.254 (1,21)
SEMI-STABILIZED DUNES
y = 10.56 − 0.11t
0.157 (1,21)
DUNES
y = 2.04 − 0.06t
4.409 (1,21)
ECOTONE MARSHES-SANDS y= 8.33 + 0.08t
0.418 (1,21)

Annual hydroperiod
Model parameterization
F (df)
y = 5.87 − 0.12t
3.483 (1,10)
y = 5.81 − 0.10t
12.728 (1,10)
y = 7.42 − 0.16t
11.273 (1,10)
y= 5.78 − 0.15t
6.761 (1,10)
y = 5.01 − 0.12t
16.765 (1,10)
y = 6.22 − 0.20t
16.488 (1,10)
y = 6.10 + 0.02t
0.268 (1,10)

p
0.820
0.940
0.921
0.052
0.696
0.048
0.524

p
0.091
0.005
0.007
0.026
0.002
0.002
0.616

Table 5. Model results for predicting the flooded area from rainfall data. Models were conducted for the entire study area and for each
ecosection. Predictor nomenclatures correspond to the number of days the accumulated rainfall was computed (i.e., P1-15 = Rainfall collected
during the days 1 to 15 before the image date).

Entire study area
Ecosection
1 LOW SANDS
2 NORTHERN SANDS
3 SOUTHERN SANDS
4 DRY SANDS
SEMI-STABILIZED
5
DUNES
6 DUNES
ECOTONE
7
MARSHES-SANDS

P1-15
0.228

Standardized coefficients
P16-30
P31-90
P91-180 P181-365 P366-730
0.179
0.643
0.575
0.235
0.196

0.285
0.244
0.193

0.204
0.144
0.165

0.561
0.629
0.587
0.222

0.333
0.399
0.639

0.107
0.347

0.183

0.179

0.626

0.498

0.183

0.146

0.432

0.300

0.217

0.211

0.492

0.380

-0.154

0.185

R2

Adj.R2

F

df1

df2

p

0.803

0.795

113.1

167

6

< 0.001

0.144
0.237

0.650
0.653
0.778
0.049

0.642
0.641
0.770
0.044

78.6
52.4
97.6
8.9

169
167
167
172

4
6
6
1

< 0. 001
< 0.001
< 0.001
<0.01

0.141

0.693

0.682

62.8

167

6

< 0.001

0.283

0.266

16.7

169

4

< 0.001

0.646

0.634

50.8

167

6

< 0.001

0.102
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5. Discussion
5.1. Application of Remote Sensing for the Monitoring of Temporary Ponds
Landsat imagery proved to be useful for reconstructing the retrospective spatio-temporal dynamics
of a network of Mediterranean temporary ponds along a 23-year period. With this basis, this study
contributes to the understanding of the hydrology of these temporary ponds at a local scale. As a main
advantage, the proposed methodology easily enabled mapping the status of small water bodies, many
of them at sub-pixel size, with medium spatial resolution imagery (i.e., Landsat) and accurate
knowledge on the spatial location of ponds. It constitutes an alternative to spectral unmixing
techniques (i.e., linear mixture modelling, fuzzy-c means clustering), which map the fractional
coverage of each land cover class in a pixel (i.e., pond cover, tree cover…) based on knowledge of
their pure reflectance spectra [50-52] or similar techniques which also require spectral records of the
cover types of interest [i.e., 22]. It should be noted that we could have not applied unmixing techniques
since we lacked “pure” land cover classes. The “temporary pond” cover class was expected to be
“mixed” itself, as a combination of water, macrophyte and pond bottom reflectance, and to vary from
pond-to-pond, according to changes in macrophyte cover and pond depth. The proposed methodology
also constitutes an alternative to traditional methods used for pond cartography (i.e., interpretation of
aerial photographs), which are usually more time-consuming. Besides, the application of aerial
photography to map wetlands has produced both successful [53] and inadequate results [54]. Applying
traditional photointerpreation techniques to delineate temporary ponds is usually difficult because of
the date of acquisition of most orthophotos, in spring or summer, when most temporary ponds are dry.
The detection of dry ponds is difficult because there is no difference in the reflectance of the pool
bottom from the surrounding [53] and they usually lack an identifiable basin.
The main drawback of our methodology was the decrease in its performance at times of large
flooding, when water levels overflowed temporary pond basins and extended over areas that do not
frequently flood. Those areas were included in this study through the use of a 30-m buffer around
temporary pond basins in order to control for potential positional errors. The decrease in model
performance could be explained by the fact that the spectral response of these outside-basin pixels
probably had a larger contribution of bottom reflectance than of water reflectance due to the low water
depth. We should also be aware that the accuracy of model predictions is expected to get worse
towards the beginning of the time-series data, due to changes in Landsat sensors, caused by their
degradation over time, i.e. radiometric drift [55], and changes in the vegetation cover in the temporary
pond basin and surroundings, as detected in particular ponds [36,57].
5.2. The System of Mediterranean Temporary Ponds in Doñana National Park
Mediterranean temporary ponds in Doñana Biological Reserve (6,794 ha) may extend up to 200 ha
in very rainy years, thus conforming a large system of temporary ponds of different sizes. Their
contribution to the wetland system is remarkable in spite of the fact that they have been frequently
overlooked in many previous studies, only focused to the marshes [i.e., 47], permanent ponds [i.e.,
35,58] or large temporary ponds with long hydroperiod [i.e., 59,60]. This study, which is the first
considering such a large period of time, reinforces the complex hydrology of the study area previously
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reported in more temporally restricted studies [61]. For instance, a remarkable fact is that the largest
flooded area was recorded in February 1990 despite the period that accumulated more rainfall took
place from 1995 to 1997. This study also gives additional support to the ecosection zonation proposed
by Montes et al. [41]. Ecosections presented differences in flooded area, temporary pond density,
average hydroperiod, pond annual hydroperiod and response to rainfall input. Such wide spatial
variability evidenced that the system of temporary ponds in Doñana Biological Reserve is a widely
heterogeneous system, being this characteristic an evidence of its importance for biodiversity
conservation. Ecosystem heterogeneity favors the diversity of their associated species since it provides
more niches and diverse ways of exploiting the environmental resources [see 62 for a review]. For
example, a wide diversity of temporary pond hydroperiods has been reported to benefit
macroinvertebrate and amphibian communities at a landscape scale [1,63-65].
The conservation importance of this temporary pond system is enhanced by its temporal variability,
since it increases habitat heterogeneity over time. Temporary ponds varied from
year-to-year in their flooded area and hydroperiod, both habitat characteristics critical for
pond-breeding species, such as amphibians or macroinvertebrates [1,63,66-68]. The ecological
relevance of such environmental fluctuation is that it provides opportunities for temporal niche
partitioning: habitat conditions of a pond will favor different species in different years, depending on
their niche requirements [69]. As an example, inter-annual differences in the timing of pond filling and
desiccation may be critical for pond-breeding species, depending on their phenology. In the case of
amphibians, early-breeding species [i.e., Pelobates cultripes or Pelodytes ibericus, following 70] will
be favored in years with abundant autumn rainfall whereas years with late pond filling and early
desiccation will likely favor the reproduction success of species breeding in ephemeral ponds [i.e. Bufo
calamita or Discoglossus galganoi, after 10].
It is of special relevance that we have detected a generalized inter-annual tendency to shorter annual
hydroperiods, but not to lower annual flooded area or rainfall input. This fact suggests that annual
hydroperiod shortening may have a cause independent of the natural flooding regime of temporary
ponds and it is probably related with groundwater dynamics. Notably, the ecotone was not affected,
probably because ponds here receive deep aquifer water discharges [71] and hence are less sensitive to
changes in water-table depth. A plausible driver of hydroperiod deterioration is groundwater
exploitation [72,73], which started in the 1970s, peaking in the 1980s, and currently is more or less
stable but with variable emplacements. The exploitation of the aquifer is causing a progressive
lowering of the phreatic level [74] and a probably damage to ponds hydrology [36], such as a decrease
in the frequency of appearance of temporary ponds [75]. Since pumping is concentrated in the more
permeable layers of the lower aquifer, it is supposed to affect a large area through a small lowering of
the water-table [33]. This would explain that a trend that had been already reported for some particular
ponds [36] is general for the whole study area, as it was earlier predicted [76] and this study evidences.
It should be noted that, along with the potential anthropogenic cause, the progressive lowering of the
water-table level also has a natural origin due to slow transient evolution of the aquifer system that
cannot be avoided. From an ecological perspective, a progressively wetland desiccation is critical for
amphibian communities, as revealed in the amphibian populations decline reported for Yellowstone
National Park [77]. In particular, in the study area, the reduction in pond annual hydroperiod may
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severely compromise the medium term population stability of pond-breeding species with an aquatic
phase requiring a long period of time to complete metamorphosis, such as P. cultripes.
The flooded area was related both to immediate and previous rainfall inputs, including rainfall input
in the previous year. Similar results have been reported in a different temporary pond system, such as
the playa-lakes in the Monegros Dessert [15]. This result adds to evidence of the relevance of
groundwater influxes in the hydrological regime of the ponds in the area [34]. Temporary ponds in
Doñana National Park are shallow depressional wetlands that flood when the water-table raises above
the topographical surface. So, the accumulation of rainfall water is necessary both to initially recharge
the aquifer and then to fill the ponds. The amount of water required to completely recharge the aquifer
depends on the aquifer level at the end of the previous year and thereby on the annual rainfall during
the previous year. Serrano and Zunzunegui [36] provided an analogous result, showing that the rainfall
input in a given year was related to pond hydroperiod in the following one.
The conservation value of Doñana National Park for pond-breeding species lies on its heterogeneity
across space and time [43], since communities in wetland ecosystems require from spatial variability in
order to be able to persist under high environmental variability [78]. Areas with such a high density
and heterogeneity of natural temporary ponds are not common in Europe, where the number of
temporary ponds are probably a mere fraction of what they would naturally had been in the past [79].
For all these reasons, we think that the system of temporary ponds in Doñana deserves special attention
and conservation measures focused to avoid its destruction or degradation. In particular, we should be
concerned for the tendency to lower hydroperiods which may severely compromise their suitability as
habitat for pond-breeding species.
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in Doñana protected area (SW Spain): An overview. Limnetica 2006, 5, 71-80.
28. Serrano, L.; Fahd, K. Zooplankton communities across a hydroperiod gradient of temporary ponds
in the Doñana National Park (SW Spain). Wetlands 2005, 25, 101-111.
29. Millán, A.; Hernando, C.; Aguilera, P.; Castro, A.; Ribera, I. Los coleópteros acuáticos y
semiacuáticos de Doñana: reconocimiento de su biodiversidad y prioridades de conservación.
Boletín de la Sociedad Entomológica Aragonesa 2005, 37, 157-164.
30. Bigot, L.; Marazanof, F. Notes sur l'écologie des Coléoptères aquatiques des Marismas du
Guadalquivir et premier inventaire des Coléoptères et Lépidoptères du Coto Doñana (Andalucía).
Ann. Limnol. 1966, 2, 491-502.
31. Díaz-Paniagua, C.; Gómez-Rodríguez, C.; Portheault, A.; de Vries, W. Los Anfibios de Doñana;
Organismo Autónomo de Parques Nacionales; Ministerio de Medio Ambiente: Madrid, Spain,
2005.
32. Díaz-Paniagua, C.; Gómez-Rodríguez, C.; Portheault, A.; de Vries, W. Distribución de los
anfibios del Parque Nacional de Doñana en función de la abundancia y densidad de los hábitats de
reproducción. Rev. Esp. Herpetol. 2006, 20, 17-30.
33. Trick, T.; Custodio, E. Hydrodynamic characteristics of the western Doñana Region (area of El
Abalario), Huelva, Spain. Hydrogeol. J. 2004, 12, 321-335.
34. Serrano, L.; Reina, M.; Martín, G.; Reyes, I.; Arechederra, A.; León, D.; Toja, J. The aquatic
systems of Doñana (SW Spain): watersheds and frontiers. Limnetica 2006, 25, 11-32.
35. Sacks, L.A.; Herman, J.S.; Konikow, L.F.; Vela, A.L. Seasonal dynamics of groundwater-lake
interactions at Doñana National-Park, Spain. J. Hydrol. 1992, 136, 123-154.
36. Serrano, L.; Zunzunegui, M. The relevance of preserving temporary ponds during drought:
hydrological and vegetation changes during a 16-year period in Doñana National Park (south-west
Spain). Aquat. Conserv.: Mar. Freshw. Ecosyst. 2008, 18, 261-279.
37. Serrano, L.; Serrano, L. Influence of groundwater exploitation for urban water supply on temporary
ponds from the Doñana National Park (SW Spain). J. Environ. Manage. 1996, 46, 229-238.
38. Haberl, H.; Gaube, V.; Díaz-Delgado, R.; Krauze, K.; Neuner, A.; Peterseil, J.; Plutzar, C.; Singh,
S.J.; Vadineanu, A. Towards an integrated model of socioeconomic biodiversity drivers, pressures
and impacts. A feasibility study based on three European long-term socio-ecological research
platforms. Ecol. Econ. 2009, 68, 1797-1812.

Remote Sens. 2010, 2

1460

39. Siljeström, P.A.; Moreno, A.; García, L.V.; Clemente, L.E. Doñana National Park (south-west
Spain): geomorphological characterization through a soil-vegetation study. J. Arid Environ. 1994,
26, 315-323.
40. Rivas-Martínez, S.; Costa, M.; Castroviejo, S.; Valdés, E. Vegetación de Doñana (Huelva,
España). Lazaroa 1980, 2, 5-189.
41. Montes, C.; Borja, F.; Bravo, M.A.; Moreira, J.M. Reconocimiento Biofísico de Espacios
Naturales Protegidos. Doñana: Una Aproximación Ecosistémica; Junta de Andalucía. Consejería
de Medio Ambiente: Sevilla, Spain, 1998.
42. Gómez-Rodríguez, C.; Bustamante, J.; Koponen, S.; Díaz-Paniagua, C. High-resolution remotesensing data in amphibian studies: identification of breeding sites and contribution to habitat
models. Herpetol. J. 2008, 18, 103-113.
43. Gómez-Rodríguez, C.; Díaz-Paniagua, C.; Serrano, L.; Florencio, M.; Portheault, A.
Mediterranean temporary ponds as amphibian breeding habitats: The importance of preserving
pond networks. Aquat. Ecol. 2009, 43, 1179-1191.
44. Pons, X.; Solé-Sugrañes, L. A simple radiometric correction model to improve automatic mapping
of vegetation from multispectral satellite data. Remote Sens. Environ. 1994, 48, 191-204.
45. Pons, X. MiraMon: Geographic Information System and Remote Sensing Software; Universidad
Autónoma de Barcelona: Barcelona, Spain, 2000.
46. Aragonés, D.; Diaz-Delgado, R.; Bustamante, J. Estudio de la dinámica de inundación histórica de
las marismas de Doñana a partir de una serie temporal larga de imágenes Landsat. In Proceedings
of XI Congreso Nacional de Teledetección, Puerto de la Cruz, Tenerife, Spain, 21–23 September
2005; pp. 407-410.
47. Bustamante, J.; Pacios, F.; Díaz-Delgado, R.; Aragonés, D. Predictive models of turbidity and
water depth in the Doñana marshes using Landsat TM and ETM+ images. J. Environ. Manage.
2009, 90, 2219-2225.
48. Lillesand, T.M.; Kiefer, R.W. Remote Sensing and Image Interpretation, 3rd ed.; John Wiley &
Sons, Inc.: New York, United States of America, 1994.
49. McCullagh, P.; Nelder, J.A. Generalized Linear Models, 2nd ed.; Chapman and Hall: London,
UK, 1989.
50. Lucas, N.S.; Shanmugamb, S.; Barnsley, M. Sub-pixel habitat mapping of a costal dune
ecosystem. Appl. Geogr. 2002, 22, 253-270.
51. Foody, G.M. Estimation of sub-pixel land cover composition in the presence of untrained classes.
Comput. Geosci. 2000, 26, 469-478.
52. Settle, J.J.; Drake, N.A. Linear mixing and the estimation of ground cover proportions. Int. J.
Remote Sens. 1993, 14, 1159-1177.
53. Lathrop, R.G.; Montesano, P.; Tesauro, J.; Zarate, B. Statewide mapping and assessment of vernal
pools: A New Jersey case study. J. Environ. Manage. 2005, 76, 230-238.
54. McCauley, L.A.; Jenkins, D.G. GIS-based estimates of former and current depressional wetlands
in an agricultural landscape. Ecol. Appl. 2005, 15, 1199-1208.
55. Liu, Y.; Hiyama, T.; Kimura, R.; Yamaguchi, Y. Temporal influences on Landsat-5 Thematic
Mapper image in visible band. Int. J. Remote Sens. 2006, 27, 3183-3201.

Remote Sens. 2010, 2

1461

56. Zunzunegui, M.; Díaz Barradas, M.C.; García Novo, F. Vegetation fluctuation in mediterranean
dune ponds in relation to rainfall variation in water extraction. Appl. Veg. Sci. 1998, 1, 151-160.
57. Sousa Martín, A.; García Murillo, P. Historia ecológica y evolución de las lagunas peridunares
del Parque Nacional de Doñana; Organismo Autónomo de Parques Nacionales, Ministerio de
Medio Ambiente: Madrid, Spain, 2005.
58. López, T.; Toja, J.; Gabellone, N. Limnological comparison of two peridunar ponds in the Doñana
National Park (Spain). Arch. Hydrobiol. 1991, 120, 357-378.
59. Montes, C.; Amat, J.A.; Ramírez-Díaz, L. Ecosistemas acuáticos del bajo Guadalquivir (SW
España). I. Características generales físico-químicas y biológicas de las aguas. Studia Oecol.
1982, 3, 129-158.
60. Serrano, L.; Toja, J. Limnological description of four temporary ponds in the Doñana National
Park (SW, Spain). Arch. Hydrobiol. 1995, 133, 497-516.
61. García-Novo, F.; Galindo, D.; García Sánchez, J.A.; Guisando, C.; Jaúregui, J.; López, T.;
Mazuelos, N.; Muñoz, J.C.; Serrano, L.; Toja, J. Tipificación de los ecosistemas acuáticos sobre
sustrato arenoso del Parque Nacional de Doñana. In Proceedings of III Simposio sobre el Agua en
Andalucía, Córdoba, Spain, 1991; pp. 165-176.
62. Tews, J.; Brose, U.; Grimm, V.; Tielborger, K.; Wichmann, M.C.; Schwager, M.; Jeltsch, F.
Animal species diversity driven by habitat heterogeneity/diversity: The importance of keystone
structures. J. Biogeogr. 2004, 31, 79-92.
63. Beja, P.; Alcazar, R. Conservation of Mediterranean temporary ponds under agricultural
intensification: an evaluation using amphibians. Biol. Cons. 2003, 114, 317-326.
64. Jakob, C.; Poizat, G.; Veith, M.; Seitz, A.; Crivelli, A.J. Breeding phenology and larval
distribution of amphibians in a Mediterranean pond network with unpredictable hydrology.
Hydrobiologia 2003, 499, 51-61.
65. Whiles, M.R.; Goldowitz, B.S. Macroinvertebrate communities in Central Platte River wetlands:
patterns across a hydrologic gradient. Wetlands 2005, 25, 462-472.
66. Wellborn, G.A.; Skelly, D.K.; Werner, E.E. Mechanisms creating community structure across a
freshwater habitat gradient. Annu. Rev. Ecol. Evol. S. 1996, 27, 337-363.
67. Brooks, R.T. Annual and seasonal variation and the effects of hydroperiod on benthic
macroinvertebrates of seasonal forest (“vernal”) ponds in central Massachusetts, USA. Wetlands
2000, 20, 707-715.
68. Spencer, M.; Blaustein, L.; Schwartz, S.S.; Cohen, J.E. Species richness and the proportion of
predatory animal species in temporary freshwater pools: relationships with habitat size and
permanence. Ecol. Lett. 1999, 2, 157-166.
69. Chesson, P.; Huntly, N. The roles of harsh and fluctuating conditions in the dynamics of
ecological communities. Am. Nat. 1997, 150, 519-553.
70. Díaz-Paniagua, C. Temporal segregation in larval amphibian communities in temporary ponds at a
locality in SW Spain. Amphib.-Rept. 1988, 9, 15-26.
71. Suso, J.; Llamas, M.R. Influence of groundwater development on the Doñana National Park
ecosystems (Spain). J. Hydrol. 1993, 141, 239-269.

Remote Sens. 2010, 2

1462

72. Coleto, C. Funciones hidrológicas y biogeoquímicas de las formaciones palustres hipogénicas de
los mantos eólicos de El Abalario-Doñana. Ph. D. Thesis, University Autonoma of Madrid,
Madrid, Spain, 2003.
73. Lozano, E. Las aguas subterráneas en Los Cotos de Doñana y su influencia en las lagunas. Ph. D.
Thesis, University Politecnica of Catalunya, Barcelona, Spain, 2004.
74. Suso, J.M.; Llamas, M. El impacto de la extracción de aguas subterráneas en el Parque Nacional
de Doñana. Estudios Geológicos 1990, 46, 317-345.
75. Custodio, E. Aquifer overexploitation: what does it mean? Hydrogeol. J. 2002, 10, 254-277.
76. Manzano, M.; Custodio, E. The Doñana aquifer and its relations with the natural environment. In
Doñana. Water and Biosphere; García Novo, F., Marín Cabrera, C., Eds.; Spanish Ministry of the
Environment: Madrid, Spain, 2006; pp. 141-150.
77. McMenamin, S.K.; Hadly, E.A.; Wright, C.K. Climatic change and wetland desiccation cause
amphibian decline in Yellowstone National Park. P. Natl. Acad. Sci. USA 2008, 105,
16988-16993.
78. Shurin, J.B. How is diversity related to species turnover through time? Oikos 2007, 116, 957-965.
79. Williams, P.; Biggs, J.; Fox, G.; Nicolet, P.; Whitfield, M. History, origins and importance of
temporary ponds. Freshwat. Forum 2001, 17, 7-15.
© 2010 by the authors; licensee MDPI, Basel, Switzerland. This article is an Open Access article
distributed under the terms and conditions of the Creative Commons Attribution license
(http://creativecommons.org/licenses/by/3.0/).

