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Abstract

Three techniques are presented to include the structural variation always
present in measured data in statistical analysis. The methods are investigated and
compared using cross sectional data, generated based on an exponential model as if
gathered by destructive measuring methods. All three methods are based on
optimising objective functions based on the data and the biological shift model. These
objective functions are calculated for each separate measuring point in time either
according the specific density function belonging to the model applied, or after
conversion into biological shift factors (also according to the model applied) according
to a Gaussian distribution. The procedures used need to be improved, embedded in
the existing statistical framework and all available statistical expertise and skills need
to be combined into robust procedures capable of analysing everyday data.

INTRODUCTION

Usually in postharvest research data are gathered using destructive measuring
techniques (leading to cross sectional data). Only in special cases non-destructive
techniques can be used (leading to longitudinal data) that allow proper analysis including
the always present biological variation using mixed-effects non-linear regression
techniques. The success and the power of this last methodology can be taken from recent
reports (Hertog et al., 2002, 2004; Tijskens et al., 2003, 2005, 2007, 2008a,b; Schouten et
al., 2004, 2007; De Ketelaere et al., 2006). Until now, however, no such methodology
exists for data gathered using destructive measuring techniques, which are used in
horticultural research in about 80 to 90% of the cases.

From the information and understanding of the dynamics of biological variation in
time for different batches of product obtained from the analysis of longitudinal data, some
rules and plausible assumptions can be deduced that should also apply to cross sectional
data. In this paper three techniques are presented to include information on the dynamics
of biological variation in the analysis of cross sectional data: optimising the fidelity to the
Gaussian distribution of the biological shift factor using the Shapiro-Wilk test statistic,
optimising the distribution of the measured data directly on the density function for that
model using the Kolmogorov-Smirnov test, and optimising the log likelihood, also based
on the density function.

Setting Up an Example

Exponential behaviour is one of the most frequently encountered models in day to
day physiological research. Chemically, it is based on a simple first order reaction. A
generic formulation of this type of behaviour is shown in Equation 1.
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Converting the pre-exponential factor to the biological shift factor notation,
expressing the state of development as a difference in time (Tijskens et al., 2005), one
gets:
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In these equations, y is the measured variable (e.g., firmness), k the rate constant, t
the time and dt the biological shift factor (normally distributed), while subscript 0 refers
to initial conditions, min to the asymptotic value and ref to an arbitrarily chosen reference
value.

with dt =-

2)

(t+dt)

The assumption that the biological shift factor dt should be normally distributed is
supported by analysing longitudinal data applying mixed effects non-linear regression
analysis on individual fruit (Hertog et al., 2002, 2004; Schouten et al., 2004, 2007; De
Ketelaere et al., 2006; Tijskens et al., 2007, 2008a,b). Applying this assumption, the
density function for this model can be derived (Schouten et al., 2004; Hertog et al., 2004)
as shown in Equation 3.
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The density function is closely related to the frequency as encountered in
histograms. It describes in the formal statistical framework the stochastic distribution of
data (y) at any moment (t) that change in time according to an exponential behaviour.

All mathematical deductions and conversions were conducted using Maple 10
(MapleSoft, Waterloo Maple Inc, Waterloo, Canada). All simulations, analyses and graphs
were using R (R Development Core Team, 2005). Based on these equations, data were
simulated using the exponential dynamics (Egs. 1 and 2) including normally distributed
random variation by means of the biological shift factor (mean p=0, standard deviation
c). To mimic also unstructured variation a small technical random error was added to the
variable y directly (mean 0, standard deviation €). In Table 1 the values of the input
variables used to generate the data are shown. In Figure 1 left, the behaviour of the
simulated data is shown. In Figure 1 right, the distribution is shown, changing shape with
increasing time.

Destructive Measurements in Stochastic Terms

Following a product property, e.g., firmness of fruit, using a destructive technique
(e.g., compression until rupture), for every repetition at every measuring point in time a
new sample is taken out of a mother population with variation in that property. That
means that the measured firmness changes between the samples as a consequence of
drawing at random another sample from the mother population. But the distribution of the
repetitions should all follow the same pattern (Eq. 3). So, when analysing the measured
data points, information is available in the variation that is not fully used in standard
regression analysis. Not only should the measured data points (either mean value or
individual values) follow the same kinetic behaviour (regression analysis), but also the
distribution of the measured points, either expressed as measured (y), or converted into
the biological shift factor (dt), should obey the same underlying distribution pattern
(defined by the applied model), with the same mean value and standard deviation.

Three methods will be explored to include the variation in the mother population
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in the regression analysis to obtain information on the variation in that mother population.
The results will be compared to the standard regression analysis without taking the
variation into account.

Normality of the Biological Shift Factor Distribution

The first method is based on the indication that the biological shift factor (Tijskens
et al., 2005) should be distributed according to a normal or Gaussian distribution. Within
the repetitions of the optimisation procedure (optim procedure in R), the biological shift
factor for each data point is calculated from the actual kinetic parameters values using
Equation 2. The standard Shapiro-Wilk test on normality (standard available in every
statistical package) is applied to this calculated shift factor. The higher the p-value of this
test, or the lower the D value, the more the distribution tested can be considered normal.
Optimising the model parameters with respect to the p- or D-value of the normality test of
Shapiro-Wilk on the calculated biological shift factor (calculated according to Eq. 2),
would then deliver a reliable indication of the model parameters (ymin, k) and the standard
deviation in the mother population (c). The p- and D- values are normalised between 0
and 1, which easily allows combined loss functions for the optimisation procedure.

Optimising the Distribution of the Property Directly

The second method is based on the theoretical density function for the model
applied without converting the measured y-values into individual biological shift factors
(Eq. 3). For every time point in the data, the distribution of the y-data is compared to the
theoretical distribution function using the Kolmogorov-Smirnov procedure. Maximising
the p-value (or, equivalently, minimising the D-value) with respect to the parameters in
the model will then deliver not only estimated values for the model parameters but also a
characterisation of the biological variation present. The p- and D- values are normalised
between 0 and 1, which easily allows combined loss functions for the optimisation
procedure.

Optimising the Log Likelihood

A well known general method in statistics, related to the second method just
described, is based on optimising the log likelihood. This quantity is the sum of the
logarithm of the density function (Eq. 3) over all times and repetitions of measurement.
Maximising this log likelihood directly as the objective function delivers an estimate of
the model parameters, taking into account that the data have to be distributed according to
the density function, which changes with time (Eq. 3). A problem that arises using this
system is that the range of log likelihood is not normalised between 0 and 1, and strongly
depends on the number of data points used. Consequently, combined loss functions are
more difficult to apply, because the relative importance will depend on the actual data.

Combined Loss Functions and Numerical Problems

Relying solely on optimising stochastic criteria (p-, D- and log likelihood values),
the analysis completely neglects the kinetic behaviour. To ascertain that the kinetic
behaviour (simple non linear regression) is not too much mutilated by the stochastic
estimation systems, loss functions can be combined, e.g., 20% of pure kinetics combined
with 80% of stochastic as applied in Table 2.

A problem that arises using the third, log likelihood method, since the range of the
parameter is not standardised, and strongly depends on the number of data points used.
Consequently, no combined loss functions can be applied (yet).

All approaches applied rely somehow directly (dt) or indirectly (density function,
log likelihood) on data transformation. With an exponential behaviour as in this example,
an asymptote is present, very strongly determining the calculated dt in its neighbourhood.
As soon as data points are present at the wrong side that asymptote, due to variation in the
data not covered by the assumptions (g), numerical problems arise (e.g., logarithm of a
negative number). At this moment no clear strategy is available for dealing with this
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problem. For the time being these points are just disregarded. This will however, affect
the results of the analysis. More study is required to solve this problem properly.

RESULTS AND DISCUSSION

The results of the analyses using the three estimation methods, as well as the
values of the input parameters, used to generate the data, and the simple non linear
regression are shown in Table 2. The estimated behaviour for the analyses are shown in
Figure 1 (Left), while the density function for the model used with the input parameter
values are show in Figure 1 (Right). The estimations shown in Table 2 are clearly
different. Estimation directly on p(y).p and p(y).D in combination with pure kinetics seem
to provide the most reliable results, considering the values for the asymptote (ymin) and
the rate constant (k) compared to the input values. The estimation based on p(dt).p,
p(dt).D and LogLik seem to overemphasise the value of the asymptote. Probably these
latter methods are more sensitive to the numerical problems mentioned above. In Figure 2
the histogram of y values at 4 time points is shown for input, regression and the 5
stochastic analysing methods. In Figure 2 one can clearly see that at low values of t, the
agreement between the methods and the data is generally better. That is also an indication
of the major influence of the asymptotic value ymin on behaviour and estimation.

When repeating the analyses using newly generated data based on the same input
values, the results are of course every time slightly different. The general pattern however
is the same. How to present the overall ‘goodness of fit’, that is the kinetic explained part
of variation combined with the explained part of the stochastic estimation is not yet
known. Statistical expertise, knowledge and skills are needed to develop these
rudimentary systems into robust and applicable procedures.

All methods presented heavily rely on the model formulation or dynamics of
change in the property under study. The behaviour and shape of the data distributions is
specific for each particular mechanism. Irrespective of the problems and difficulties in the
statistical area (how to do the analysis technically), the main problem analysing cross
sectional data is to find the proper model mechanism for the property under study. Due to
the always present and mostly huge variation, that mechanism is most of the time not
known and certainly not readily found. With these analysing techniques available and
working, we can start a search for proper models for destructively measured properties in
the postharvest sector.
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Tables

Table 1. Input values to generate simulated data.

Parameter Value Meaning

Vmin 10 asymptote: y value at + infinite time

Yo 50 initial y value

Vref 50 referene y value

k 0.1 rate constant of the process

o 5 standard deviation biological shift factor (dt) of the mother population
€ 2 standard deviation of real measuring (technical) error

Ntim 11 number of times in a time series

Nyep 60 number of repetitions at one point in time

Table 2. Analysis results of the simple regression and the five stochastic methods.

Code Stoch. Crit.  Kin. Crit. Vmin k u o Rzadj
input - - 10.00 0.100 0.00 5.00 -

regres. 0.80 0.2 12.22 0.117 1.54 6.00 0.56
p(dt).D 0.80 0.2 1.56 0.134  -2.33 471 0.15
p(dt).p 0.80 0.2 3.78 0.185 -4.43 422 0.37
p(y).D 0.80 0.2 10.05 0.112 -0.83 5.44 0.81
p(y).p 0.80 0.2 9.71 0.110  -0.67 5.53 0.51
LogLik 0.02 0.2 3.84 0.154  -3.33 4.39 0.28
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Fig. 1. Left: Behaviour of simulated data, together with the results of the 6 analysing
techniques applied. Right: Dynamic behaviour of the distribution in time of the

same data as a function of time.
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Fig. 2. Measured and simulated distributions at 4 different time points, based on the
estimated parameter values in Table 2 and the density function (Eq. 3).

494




<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /SyntheticBoldness 1.00
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize false
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveEPSInfo true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputCondition ()
  /PDFXRegistryName (http://www.color.org)
  /PDFXTrapped /Unknown

  /Description <<
    /ENU (Use these settings to create PDF documents with higher image resolution for high quality pre-press printing. The PDF documents can be opened with Acrobat and Reader 5.0 and later. These settings require font embedding.)
    /JPN <FEFF3053306e8a2d5b9a306f30019ad889e350cf5ea6753b50cf3092542b308030d730ea30d730ec30b9537052377528306e00200050004400460020658766f830924f5c62103059308b3068304d306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103057305f00200050004400460020658766f8306f0020004100630072006f0062006100740020304a30883073002000520065006100640065007200200035002e003000204ee5964d30678868793a3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /FRA <>
    /DEU <>
    /PTB <>
    /DAN <>
    /ESP <>
    /SUO <>
    /ITA <>
    /NOR <>
    /SVE <>
    /KOR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe7f6e521b5efa76840020005000440046002065876863ff0c5c065305542b66f49ad8768456fe50cf52068fa87387ff0c4ee575284e8e9ad88d2891cf76845370524d6253537030028be5002000500044004600206587686353ef4ee54f7f752800200020004100630072006f00620061007400204e0e002000520065006100640065007200200035002e00300020548c66f49ad87248672c62535f0030028fd94e9b8bbe7f6e89816c425d4c51655b574f533002>
    /CHT <FEFF4f7f752890194e9b8a2d5b9a5efa7acb76840020005000440046002065874ef65305542b8f039ad876845f7150cf89e367905ea6ff0c9069752865bc9ad854c18cea76845370524d521753703002005000440046002065874ef653ef4ee54f7f75280020004100630072006f0062006100740020548c002000520065006100640065007200200035002e0030002053ca66f465b07248672c4f86958b555f300290194e9b8a2d5b9a89816c425d4c51655b57578b3002>
    /NLD <>
  >>
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [595.000 842.000]
>> setpagedevice


