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Abstract

The rapid growth of mobile users and emergence of high data rate multime-
dia and interactive services have resulted in a shortage of the radio spectrum.
Novel solutions are therefore required for future generations of wireless net-
works to enhance capacity and coverage. This thesis aims at addressing this
issue through the design and analysis of signal processing algorithms. In
particular various resource allocation and spatial diversity techniques have
been proposed within the context of wireless peer-to-peer relays and coordi-
nated base station (BS) processing.

In order to enhance coverage while providing improvement in capacity,
peer-to-peer relays that share the same frequency band have been consid-
ered and various techniques for designing relay coefficients and allocating
powers optimally are proposed. Both one-way and two-way amplify and for-
ward (AF) relays have been investigated. In order to maintain fairness, a
signal-to-interference plus noise ratio (SINR) balancing criterion has been
adopted. In order to improve the spectrum utilization further, the relays
within the context of cognitive radio network are also considered. In this
case, a cognitive peer-to-peer relay network is required to achieve SINR bal-
ancing while maintaining the interference leakage to primary receiver below
a certain threshold.

As the spatial diversity techniques in the form of multiple-input-multiple-
output (MIMO) systems have the potential to enhance capacity significantly,
the above work has been extended to peer-to-peer MIMO relay networks.
Transceiver and relay beamforming design based on minimum mean-square
error (MSE) criterion has been proposed. Establishing uplink-downlink MSE
duality, an alternating algorithm has been developed.

A scenario where multiple users are served by both the BS and a MIMO
relay is considered and a joint beamforming technique for the BS and the
MIMO relay is proposed. With the motivation of optimising the transmis-
sion power at both the BS and the relay, an interference precoding design is
presented that takes into account the knowledge of the interference caused
by the relay to the users served by the BS.

Recognizing joint beamformer design for multiple BSs has the ability to
reduce interference in the network significantly, cooperative multi-cell beam-
forming design is proposed. The aim is to design multi-cell beamformers
to maximize the minimum SINR of users subject to individual BS power
constraints. In contrast to all works available in the literature that aimed
at balancing SINR of all users in all cells to the same level, the SINRs of
users in each cell is balanced and maximized at different values. This new
technique takes advantage of the fact that BSs may have different available
transmission powers and/or channel conditions for their users.
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Statement of Originality

The contributions of this thesis are mainly on the development and analysis
of novel coordinated resource allocation and spatial multiplexing techniques
for wireless networks. The following aspects of this thesis are believed to be

originals:

e Spatial diversity and power allocation techniques for peer-to-peer relay
networks have been proposed in Chapter 3. The novelty of the work
in this chapter is the consideration of user fairness in the form of
signal-to-interference and noise ratio (SINR) balancing for the design
of peer-to-peer relays as supported by [4]-[7]. The algorithms were
first proposed for multiple one-way amplify and forward (AF) relays
[4] and then it has been extended for multiple two-way AF relays
[5]. An SINR balancing technique for underlay cognitive peer-to-peer
relay network, where the ratio between the achieved SINR and the
target SINR is balanced for all secondary users while satisfying the
primary users’ interference and total transmit power constrains was
also proposed [6]. The SINR balancing algorithm has been extended

to a two-way relay based cognitive radio (CR) relay network [7].

e A spectrum sharing peer-to-peer relay network has been proposed in
Chapter 4, where multiple source nodes with multiple antennas com-
municate with their desired destination nodes with multiple antennas
through a multiple-input and multiple-output (MIMO) relay. Initially
the duality between uplink and downlink peer-to-peer MIMO chan-
nels with any number of antennas at each node has been established
to demonstrate that the mean square error (MSE) of a downlink peer-
to-peer network can be achieved in a virtual uplink network with the
same total network transmission power. Using this MMSE duality

result the weighted MSE minimization problem was solved using an



Contents vi

iterative algorithm that optimized the source, relay and receiver pro-

cessing matrices. The novelty of this work is supported by [1].

e A new precoder design technique for a BS serving a number of users
directly and another set of users through a MIMO wireless relay has
been proposed in Chapter 5. The novelty of the work is the exploita-
tion of the knowledge of the interference caused by the relay to the
users served by the BS to perform more efficient interference mitiga-
tion which results into a lower overall network power consumption.

The novelty is supported by [2].

e A coordinated multi-cell beamforming technique has been proposed
for SINR balancing under multiple BS power constraints in Chapter
6. Instead of balancing SINR of all users in all cells to the same level
as considered in the literature, a novel approach to balance SINR of
users in various cells to different maximum possible values has been
proposed. This has the ability to allow users in cells with relatively
more transmit power or better channel condition to achieve a higher
balanced SINR than that achieved by users in the worst case cells. This
multi-level SINR balancing problem was solved using SINR constraints
based SINR balancing criterion and subgradient method. The novelty

of this work is supported by [3].
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Chapter 1

INTRODUCTION

Traditionally, different parts of the radio spectrum are licensed exclusively
for different applications and services. For example, ultra-low frequencies
in the range of 300-3000 Hz are used for submarine communications and
super high frequencies in the range of 3-30 GHz are used for satellite com-
munications. The current radio frequency (RF) spectrum allocation in the
United States of America is presented in Figure 1.1. As seen in Figure 1.1,
the spectrum is very crowded and there is not much radio spectrum avail-
able for new applications and services. Generally, cellular networks use the
ultra high frequencies in the range of 300 MHz to 3 GHz. This range of
frequency spectrum is very valuable and called a “sweet spot”as it has many
advantages in terms of good transmission capabilities compared to other
parts of the radio spectrum. This is because at lower frequencies, the signals
will experience very good propagation characteristics, however the available
bandwidth is very limited, but at high frequencies, considerably high band-
width is available, but the signals would experience very poor propagation
characteristics. The frequencies in the range of 300 MHz to 3 GHz provide
a good balance between propagation characteristics and bandwidth.

When multiple wireless devices operate in the same frequency band,
they often interfere with each other. Spectrum management is essential for
mitigating interference among various wireless devices. The spectrum man-

agement process is called frequency or spectrum allocation. The current
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Figure 1.1. A visual representation of the congestion in radio spec-
trum allocation in the United States of America [3]

spectrum management regime is known as “command and control” [4]. In
this approach, the spectrum is licensed by frequency regulators to various
operators or service providers for predefined services for a longer period with
strict rules on the physical layer technologies employed. However, this fixed
spectrum assignment policy is a bottleneck for achieving efficient spectrum
utilization. This has motivated the development of communication technolo-

gies that can exploit the wireless spectrum in a more intelligent and flexible



way.

The first breakthrough technology that enhanced significantly the utiliza-
tion of the radio spectrum can be attributed to cellular architecture, as it
offered high capacity without requiring any major technological changes [5].
This technique exploits the exponential propagation loss and reuse of the
same frequency at spatially separated locations. More specifically, in this
traditional cellular architecture, the coverage area is divided into smaller ar-
eas called cells and each cell typically consists of a base station (BS), often
located at the center of the cell, providing coverage to mobile stations. This
basic design of the cellular network has not changed considerably in the last
30 years. At the same time the growing adoption of rich multimedia services
and smart phones has led to unprecedented demand for wireless data capac-
ity as seen in Figure 1.2.

The global mobile data traffic grew 70 percent in 2012 and it is ex-

Exabytes per Month 66% CAGR 2012-2017

12
- M Mobile File Sharing (3.5%)

W Mobile M2M (5.1%)
6
———
.
e———g

2012 2013 2014 2015 2016 2017

Mobile Web/Data (24.9%)
M Mobile Video (66.5%)

Figure 1.2. Mobile Video Will Generate Over 66 Percent of Mobile
Data Traffic by 2017. Source: Cisco Mobile Forecast 2013 [1]

pected to grow to 11.2 exabytes per month by 2017, resulting in a 13-fold
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Figure 1.3. Cisco Forecasts 11.2 Exabytes per Month of Mobile Data
Traffic by 2017. Source: Cisco Mobile Forecast 2013 [1]

increase (Figure 1.3 [1]). This rapid increase of the traffic volume and the
subscriber number, has led to the need for more efficient way of utilizing the
radio spectrum.

The possible ways of achieving this includes use of even smaller cells for
delivering sufficient capacity. The gains from employing smaller cells come
from higher area spectral efficiency [6]. Nonetheless, this approach leads
to degradation of performance, in particular to the users at the cell edge
who suffer from both high signal attenuation and severe inter-cell interfer-
ence (ICI). One of the promising approaches to mitigate interference is array
processing. The use of antenna arrays was an active area of research during
World War II in radar systems [7]. Since 1970, more wider and sophisticated
applications have emerged due to advances in digital signal processors.

One of the antenna array processing techniques that offers high diversity

gains is beamforming [8]. In wireless communications, beamformers can be



employed at the transmitter as well as at the receiver. At the receiver side,
the beamformer is designed in such a way to steer beam towards the direc-
tion of the interest and to attenuate signals arriving from other directions.
Beamformer designs can be classified into different categories depending on
various requirements and optimization criteria. The design based on the lin-
early constrained minimum variance beamformer (LCMV) [9], aims to put
a constraint on the response of the beamformer so that signal from the di-
rection of interest is passed with a specific gain and phase while interfering
signals are attenuated. The weights of the beamformer are chosen to mini-
mize output variance subject to the response constraint. This has the effect
of preserving the desired signal, while minimizing the contributions to the
output due to interfering signals arriving from directions other than the di-
rection of interest. To determine this beamformer, the estimate of the angle
of arrival is required. For uncorrelated sources, algorithms such as mini-
mum variance distortionless response (MVDR) (also known as Capon) and
MUSIC can be used. However, all of these methods i.e. LCMV, MVDR,
MUSIC, require calibration of the array of antennas. In communication
networks, generally pilot signals are available for the estimation of the chan-
nels or to design appropriate receivers directly. Hence, beamformers based
on minimum-mean-square error (MMSE) can be designed with the aim of
minimizing the difference between a desired response and the actual filter
output. The optimum set of weights of the beamformer depends on the cross
covariance between the beamformer input signal vector and the training sig-
nal [10]. This category of beamformer is distinguished from the LCMV from
the fact that the direction of the desired signal is not required to be known.
If the requirement is to maximize the signal to noise ratio (SNR), then for
the design of the beamformer, the knowledge of both the desired and noise
covariance matrices is required [11].

As mentioned already, the beamformers can be employed not only at the



receiver but also at the transmitter. The main motivation for the design of
the beamformers at the transmitter is that the deployment of antenna arrays
at the mobiles maybe impractical. In addition, BS’s higher processing power
capability enables easier deployment of the beamformers. The beam-pattern
of each antenna array can be adjusted to maximize the signal in the direc-
tion of interest and minimize the induced interference to other receivers. For
determining appropriate transmit beamformer, either a feedback channel is
required to obtain the channel state information (CSI) from the receiver or
the receiver needs to calculate the transmitter beamforming coefficients and
inform to the BS [12]. In either way, the bandwidth required for transmis-
sion of information back to the BS is considerably high and for this reason,
quantized information is required, for example Grassmannian Beamforming
techniques can be used [13,14]. The transmit and receive diversity have
been widely adopted in third-generation (3G) code division multiple access
(CDMA) cellular systems [15] as well as in 802.16 worldwide interpretability
for microwave access (WiMaX).

In wireless networks, when a BS aims to transmit signals simultaneously
to multiple users in the same frequency band, directional antennas has to be
employed at the transmitter. This innovative means of using the available
spectrum efficiently is called spatial multiplexing and it requires multiple
antennas at the transmitter to steer multiple beams to multiple users. In
this case, it is crucial that the BS allocates power optimally to each user.
Joint power control and beamforming techniques have been proposed in the
literature to satisfy different Quality of Services (QoS) criteria. There are
numerous different optimizations that are of interest. Some examples in-
clude maximizing total throughput given a constraint on total transmission
power, or minimizing transmission power subject to a set of QoS constraints.
An overview of the problem of minimizing transmission power under a set of

signal to interference plus noise ratio (SINR) constraints for each user can



be found in [16]. Another interesting problem that was studied in [17] is the
user fairness based beamformer design. The aim is to maximize the SINR, of
the worst case receiver in a multiple user scenario subject to a total power
constraint. This leads every user achieving the same SINR, namely SINR
balancing.

Spectral efficiency, coverage and quality of wireless links can be improved
further by employing multiple antennas at both the transmitter and the re-
ceiver [18]. This scheme is known as multiple-input-multiple-output (MIMO)
system. The large spectral efficiencies associated with the MIMO systems
is based on the assumption that a rich scattering environment provides in-
dependent paths from each transmit antenna to each receive antenna. The
gain obtained is called spatial diversity gain. Space-time coding to exploit
spatial diversity gain in a point-to-point MIMO channel has been studied
in [19,20].

Different assumptions can be made about the CSI at the transmitter
and the receiver. Consider a MIMO channel with M transmit and N re-
ceiver antennas and assume that the channel side information is not known
at the transmitter. This yields a system of N equations with M unknowns.
The most simple way of estimating the transmitted signal at the receiver,
is to process the received signal through the inverse of the MIMO channel
matrix. Assuming the channel matrix is of full rank and has independent
entries based on the assumption of a rich scattering environment, the ca-
pacity of this scheme scales linearly with min(M, N) compared to a system
with one antenna at the transmitter and the receiver [21]. The capacity can
be increased further if the channel is known at the transmitter. If the CSI is
known to the transmitter via feedback from the receiver or due to the reci-
procity of channels as in a time division duplex (TDD) system, the MIMO
channel can be decomposed into parallel independent spatial sub-channels.

The power can also be allocated optimally to each sub-channel based on wa-



ter filling techniques. MIMO is being widely considered for next-generation
cellular systems such as IEEE 802.16/WiMAX and Third Generation Part-
nership Project (3GPP) Long Term Evolution (LTE).

For applications such as cellular telephony, MIMO systems can be de-
ployed in an environment where a single BS must communicate with many
users simultaneously. Multi-user systems with multiple antennas both at the
BS and the users have the advantage to combine the high capacity achievable
with MIMO processing, with the benefits of space-division-multiple access
(SDMA). Adding multiple antennas at each user facilitates the transmission
of multiple parallel data streams to multiple users . The CSI at the trans-
mitter is very useful not only for achieving a high SNR at the receiver but
also to reducing the interference introduced to various users.

For multiuser MIMO systems, two problems can be considered. The
downlink, where the BS attempts to transmit signals to multiple users and
the uplink where a group of users transmits data to the BS. In the uplink
no coordination between users is assumed and for this reason the downlink
problem differs from the uplink problem. In the uplink, the challenge is
for the BS to separate the signals transmitted by different users using ar-
ray processing, multi-user detection or other methods. In the downlink, the
main challenge is the multiple access interference caused by the BS due to
simultaneous transmissions of signals. The inter-user interference can be
mitigated by intelligent beamforming techniques or by dirty paper coding
techniques [22].

So far the uplink and downlink transmissions within the context of single
cell based processing have been described. Due to characteristics of wire-
less propagation, signals transmitted from the BS do not confine within the
corresponding cell only. Users will experience interference from other BSs
as well. In the 3rd generation partnership project (3GPP) LTE systems,

ICI coordination or avoidance has been proposed to deal with the ICI by



managing time or frequency or power resources available for each cell in a
coordinated way [23]. Such approaches provide improvement in the SINR
ratio.

Coordinated Multipoint Transmission (CoMP) is the first cooperative
MIMO scheme proposed for cellular networks. The BSs have the ability to
communicate to each other through high-speed reliable connection, possi-
bly consisting of optical fiber links that is capable of having very high data
rates. This enables them to cooperate and process different users’ signals.
These multi-BS MIMO cooperation is expected to play an important role in
terms of interference mitigation. Coordinated multi-cell beamforming tech-
niques can improve substantially the received signal quality and decrease the
received spatial interference. Relays also form an important part of coordi-
nated processing.

Instead of cooperating through backhaul links, a separate relay node
that assists the direct communication within each cell has similar benefits
to multi-cell MIMO network because it can strengthen the effective direct
channel gain between the BS and the remote users and helps with ICI miti-
gation. Relays are also beneficial to reduce infrastructure deployment costs.
This is essential under the demand for high data rates envisioned for fourth
generation (4G) wireless systems.

Transmission power for relays are generally less than that is required by
BSs, as relays are expected to cover a region smaller than that of a BS. The
wireless relays receive the data from the BS and forward them to the users.
The costs for provisioning the wired backhaul connection is not required for
the wireless relays [24]. With the deployment of relays, the distance be-
tween the transmitter and receiver decreases, hence the propagation loss is
smaller than if only the BS is employed. This becomes more important as fu-
ture generation wireless networks are likely to use very high radio frequency

resulting into higher channel attenuation, lower coverage while providing in-
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creased bandwidth. Relays will form an important part of the network.

Capacity can be increased further by exploiting spatial diversity and en-
abling simultaneous transmissions by both the BS and the relays. Regardless
of the benefits, it should be understood that there are certain disadvantages
as the relays may introduce additional delays and increase interference due
to frequency reuse at the relays.

Even though relays and multi-cell processing have the ability to enhance
capacity and coverage, the ever increasing demand for spectrum requires
more advancement in terms of spectrum usage. As stated earlier, wire-
less technologies and users’ demands are growing rapidly and the conven-
tional fixed spectrum allocation approach is inefficient to meet this increas-
ing demand. Cognitive radio (CR) is a promising technology that aims to
mitigate the spectrum scarcity problem by allowing secondary (unlicensed)
users (SUs) to access licensed frequency bands under the condition of pro-
tecting primary (licensed) users (PUs) from harmful interference. Various
approaches have been developed regarding the way the SUs can access the
licensed spectrum [25]. The first one is through opportunistic spectrum ac-
cess, by using a frequency band only when it is detected to be idle. This is
called an interweave approach, through which the utilization of the spectrum
is improved by opportunistic reuse of temporary frequency voids, which are
called spectrum holes. The second approach is through spectrum sharing,
when the SUs coexist with the primary users by keeping the interference in
the primary users below a certain acceptable threshold. This is also called
underlay approach and allows only short-range communication for the SUs
due to interference power constrains.

In summary, use of multiple antennas, exploitation of spatial diversity,
intelligent resource allocation techniques, together with efficient interference
management and coordinated multi-cell and relay processing techniques are

the promising technical approaches for enhancing the spectral efficiency of
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wireless networks. All these approaches have been exploited to propose var-

ious novel algorithms in this thesis.

Thesis Outline

Spectrum scarcity is one of the most important challenges that wireless
communications need to address, especially due to increasing demand for
wireless services and ever increasing number of users. The work in this the-
sis is focused on techniques that improve spectral efficiency, coverage and
quality of wireless links. New resource allocation and spatial multiplexing
techniques have been proposed for cooperative communication networks in-
cluding peer-to-peer, relay and multi-cell networks.

In Chapter 2, a detailed literature survey is provided together with the
necessary theoretical background. The chapter includes characterization of
wireless channels followed by a detailed discussion on spatial diversity tech-
niques, such as transmit and receive beamforming. Existing wireless relay
techniques have also been summarized. Non-regenerative, regenerative and
two-way relay techniques are introduced and the advantages and the disad-
vantages are discussed. Finally, a discussion on cooperative diversity schemes
is provided.

In Chapter 3, spatial diversity and power allocation techniques for peer-
to-peer relay networks, where the source and the destination nodes are
equipped with single antenna have been investigated. An SINR balancing
based relay signal forwarding scheme is proposed. The beamforming prob-
lem is formulated using a semidefinite programming (SDP) framework and
the power allocation problem is solved using geometric programming (GP).
Initially, this resource allocation problem is considered for multiple one-way
amplify and forward relays and then it is extended for multiple two-way am-
plify and forward relays. SINR balancing technique for an underlay cognitive

peer-to-peer relay network is also proposed, where the SINR is balanced for
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all secondary users while satisfying the primary users’ interference threshold
and total transmit power constrains.

In Chapter 4, the work in Chapter 3 on peer-to-peer relay networks
are extended for multiple antennas at the source and the destination nodes
as well as the relay. The uplink-downlink duality for this problem is es-
tablished. The MMSE of a downlink peer-to-peer network is shown to be
achieved by a virtual uplink network with the same total network trans-
mission power. Based on this result, an iterative algorithm is proposed to
determine the source, relay and receiver processing matrices, such that the
sum mean square error (MSE) of the retrieved signal at the receivers is min-
imized.

Chapter 5 investigates coordinated beamforming design in a network
with one BS and a relay. Most of the works in the literature considered
optimal beamformer design at the BS and the relays but they have not ex-
plicitly considered the backhaul overheads required to transmit the signal
from the BS to the relay. The knowledge of the interference caused by the
relay to the users served by the BS is exploited to enhance the overall net-
work performance. The optimization problem is solved using second order
cone programming (SOCP) and GP. The proposed method is shown to re-
duce significantly the transmission power by using interference precoding at
the transmitter for various sets of data rates requirement.

In Chapter 6, a coordinated multi-cell beamforming technique is pro-
posed for SINR balancing under multiple BS power constraints. Instead of
balancing SINR of all users in all cells to the same level, a new approach is
proposed to balance SINR of users in various cells to different maximum pos-
sible values. This has the ability to allow users in cells with relatively more
transmit power or better channel condition to achieve a higher balanced
SINR than that achieved by users in the worst case cells. This multi-level

SINR balancing problem is solved using SINR constraints based SINR bal-
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ancing criterion and subgradient method.
Conclusions are drawn in Chapter 7. Possible future research directions

are also discussed.



Chapter 2

SPATIAL DIVERSITY AND
WIRELESS RELAY
NETWORKS

2.1 Introduction

In this chapter a literature review and the underlying technical background
required for the contributing chapters are provided. Starting with the de-
scription of various communication channel models, various techniques that
are important to maximize spectrum efficiency are provided. In particular,
the focus is on spatial diversity techniques, such as beamforming, multiuser
spatial diversity, MIMO technologies, wireless relay technologies including
one-way and two-way relays and cooperative communication networks. Par-
ticular emphasis is placed on cooperative relay networks and coordinated

multi-cell processing.

2.2 Characterization of the channel

Due to non-ideal transmission media that could also vary over time and fre-
quency, the transmitted signal gets distorted. For example, when a pulse is
transmitted, the received signal may appear as a pulse train due to multi-

paths. For this case, a typical impulse response may appear as depicted in

14
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Figure 2.1. An example of delay profile

Figure 2.1. In addition, the nature of multipath could vary over time. This
variation happens because either the transmitter or the receiver moves and
also possibly as a result of variations of the location of the reflectors in the
transmission path. In this case, the received signal strength could change as
depicted in Figure 2.2. Generally, the time-variant channel response h(t,t)
can be modeled as a complex-valued Gaussian random process in time vari-
able t and delay 7. The envelope |h(7,t)| at any instant ¢ is generally char-
acterized by Rayleigh or Ricean distribution. If the real and complex parts
of the channel impulse response are modeled by a zero-mean Gaussian ran-
dom process, then this channel is said to be Rayleigh fading. In addition if
there is a strong line of sight (LOS) path, then the channel will obey Ricean
fading [26]. However, throughout this thesis, the channel is assumed to be

Rayleigh fading.

The channel impulse response is generally assumed to be wide-sense sta-

tionary with uncorrelated scattering h(7,t), where 7 represents the impulse
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response associated with a given multipath delay and ¢ represents the time

variation. The autocorrelation is given by

Opp(7,t) = E{h(r;t)h" (15t + At)} (2.2.1)

when At = 0, ®pp(7,0) = Ppp(7) is called multipath intensity profile or
power delay profile when At = 0. The range of values of 7 for which ®p(7)
is non zero is called the multipath spread of the channel, denoted by T5,.
The time-varying multipath channel can be characterized in the fre-
quency domain by taking the Fourier transform of h(r,t) with respect to
7, denoted by H(f,t). The autocorrelation in the frequency domain is given

by:

enn(Af,At) = E{H(f: ) H*(f + Af;t + At)} (2.2.2)
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and it is called the spaced-frequency, spaced-time correlation function of the
channel [26].

If At = 0 is set to 0 in (2.2.2) the autocorrelation function in the fre-
quency variable op,(Af) can be obtained, which provides a measure of the
frequency coherence of the channel i.e. the correlation between two frequen-
cies. The bandwidth of this function (Af)y is called coherence bandwidth
of the channel and it is the reciprocal of the multipath spread as described

by the equation:

(Af)n ~ T; (2.2.3)

If the bandwidth of the transmitted signal is greater than (Af);, the
channel is called frequency-selective and the channel amplitude values for
frequencies separated by more than the coherence bandwidth are indepen-
dent. On the other hand, if the bandwidth of the signal is narrower than the
coherence bandwidth (Af), then the fading across the entire bandwidth is
highly correlated and referred as flat fading.

The frequency selective channel can be also interpreted in terms of inter
symbol interference (ISI). If the period of a transmitted symbol T is assumed
to be smaller than 7T,, then the received signal will consist of a number of
past symbols introducing ICI.

The time variations of the channel is characterized by another statistical
property, namely the coherence time (At)y, which is a measure of the corre-
lation of the channel impulse response at times separated by (At). Mathe-
matically, it is the range of At values over which ppp, (A f, At) is non zero. If
Fourier transform is performed on ¢p, (A f, At) with respect to the variable
At and Af = 0 is set, the function S(A) is called the Doppler power spec-
trum of the channel. The range of values A over which S(\) is nonzero is

called the Doppler spread B, of the channel. The coherence time is related
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to the Doppler spread of the channel as (At);, ~ B%l' The coherence time is
a measure of the speed of change of the channel.

All the techniques that will be described in this chapter and through-
out the thesis will consider only flat channels. It is also possible to have
multipath channels, known as frequency selective channels, as described in
this section. However, throughout the thesis, technology based on OFDM is
assumed, hence in each subcarrier, the channel is considered to be flat and

may or may not fade.

2.3 Spatial Diversity Techniques

One of the favorite techniques to mitigate the effects of fading is spatial diver-
sity method. When a particular channel goes into a deep fade, the possibility
of losing information is high. However, if the same signal is transmitted pos-
sibly through many uncorrelated paths, the information could be recovered
with high probability. Suppose two independent fading paths undergo deep
fading with probabilities P, and P» respectively, then the probability that
both paths undergo deep fading simultaneously is P; P>, which is much less
than the marginal probabilities P, and P». Such independent paths can
be obtained by using multiple transmit or receive antennas when they are
placed sufficiently distant. The underlying technique is called spatial diver-
sity.

Spatial diversity techniques are widely used in wireless communications.
There are various kinds of spatial diversity methods such as beamforming,
space-time block coding, multiuser multiplexing and use of multiple antennas
at the transmitter and the receiver, known as MIMO network. Spatial diver-
sity techniques have the ability to enhance the SINR at the receiver, thereby

facilitate increased coverage and better link quality. They have the potential
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to enhance the data rate for wireless communication systems substantially.
In the following subsections, various diversity techniques commonly used in

wireless communications are presented.

2.3.1 Beamforming

Beamforming is a signal processing technique used in the physical layer of
a communication system to control the directionality of transmission or re-

ception of signals using an array of antennas [8].

Receiver Beamforming

A typical receiver beamforming structure is shown in Figure 2.3,

W
AW

r,(n)
y(n)>

M (M) )

Figure 2.3. A receiver beamformer design.

The signals picked up by M antennas are linearly combined by complex co-
efficients, w;, known as beamformer coefficients. The output of the beam-

former y(n) is written in terms of the signals picked up by the anten-
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nas x(n) = [r1(n)---zp(n)] and the beamformer weight vector w(n) =
[wy wy -+ wyi]T as follows:

y(n) = wil(n)x(n) (2.3.1)

where n is the time index. When the arrays are placed linearly and if the
source is located far away from the receiver, satisfying far field assumption,
the signal impinged on the array of the antennas, x(n), can be written in
terms of the source signal s(n) and the array response vector s(§) € CM*!

as:
x(n) = s(n)s(f) + n(n), (2.3.2)

where the M-by-1 steering vector is defined:
s(0) = [1,e79% ... eI (M=1)oIT (2.3.3)

o is the angle of arrival of the source and n is the noise vector.
In the absence of interference, as we assumed in this case, the optimum

beamformer vector can be written as
w = s(0) (2.3.4)

which coherently combines the signal at the receiver. It is also known oth-
erwise as a matched filtering. However, in the presence of multiple users in
the environment, the signal impinged on the array of the antennas x(n), can

be written using the following equation:

l

x(n) = s(0o)so(n) + Z s(0;)si(n) + n(n) (2.3.5)

i=1
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where 6 is the angle of arrival of the desired source sg(n) and 6; is the angle
of arrival of the interfering source s;(n). In this case, in order to retrieve the
source signal so(n), it is important that the beamformer should suppress the
undesired interference.

Various criteria can be used to design appropriate receiver beamformer
in this case. A well known criterion that aims to keep the beamformer
gain for the signal of interest syp(n) at 1 and minimizes the interference
induced by all other sources at the output of the beamformer, is known as
minimum variance distortionless response (MVDR). In this case, the MVDR

beamformer can be written as in the following equation

. Rfls(eo)
W, = SH(Qo)R_IS(Qo) (2.3.6)

where R = E{x(n)x"(n)}CM*M is the correlation matrix of the signal ar-
ray input vector x(n) and s(6) is the array response vector for angle 6 = 6.
In order to design the above beamformer it is important to have the knowl-
edge of 6y. Traditionally various algorithms can be used to estimate this
angle of arrival, such as Capon spectral vector estimation, Multiple Signal
Classification (MUSIC) and estimation of signal parameters via rotational
invariance techniques (ESPRIT) [27]. In order for these above algorithms
to work properly, the antennas need to be calibrated, which is not viable or
attractive in wireless communication environment. However, angle of arrival
6o, or the array response vector s(fp), can be estimated if the source could
transmit a training signal. If the channel can be estimated in this way, the
above technique can still be used. However, it is also possible to determine
the optimum beamformer directly based on the training signal.

There are various criteria, such as MMSE, Least Squares (LS) and SINR,
that can be used to determine the beamformers. In terms of beamformer

design based on MMSE, the error signal e(n) is written as the difference
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between the desired response d(n) and the beamformer output y(n) as
e(n) = d(n) —y(n) = d(n) — w"x(n). (2.3.7)

The beamformer that maximizes the MSE, J(n) = E{|e(n)|*} can be written

as
Wopt = R7'P (2.3.8)

where R = E{x(n)x(n)} is the covariance matrix of the array signal vector
and P = E{x(n)so(n)} = s(fy)o? is the cross correlation between the array
signal vector x(n) and the desired signal so(n). Here the desired signal is the
same as the transmitted training signal, the variance of which is 0?0. The
above technique is also known as Wiener filter.

In order to use SINR criterion, we have to first formulate the SINR ratio

in terms of the beamformer weight vector w as follows:

H
wiAw
SINR = ——— 2.3.9
wHBw ( )

where A = s(fp)s (6p)c? and B = Z§:1 S(Hi)s(ﬁi)Hagi + 02. In this case,

0
the beamforming vector w that maximizes the SINR is the generalized eigen-

vector corresponding to the largest generalized eigenvalue of the matrix pair

A and B given by

B AW = \paxW, (2.3.10)

where Apax is the largest eigenvalue of the matrix B lA.
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Transmitter Beamforming

Even though beamforming has the ability to enhance the performance sub-
stantially, employing multiple antennas at the receiver may not be so at-
tractive due to the computational complexity. It would be better if this
complexity can be transferred to the transmitter (downlink is assumed), by
employing beamforming at the transmitter. Designing beamforming at the
transmitter (downlink beamformer) substantially differ in several aspects
from designing a beamformer at the receiver. In the latter, the design deter-
mines the performance of a specific user, whereas the transmit beamformer
affects the performance of all users in its coverage area. Another difference
concerns the channel knowledge. For designing the receiver beamforming,
the receiver could estimate the channel coefficients using the training signal
or by exploiting certain properties of the desired signal as discussed in the
previous section. For transmitter beamformer, the channel knowledge could
be made available to the transmitter by sending the estimates of the CSI
from the receiver through a finite rate feedback channel [13,28-31].

A typical transmitter beamformer structure with M antennas is shown

in Figure 2.4. The transmitted signal can be written as

x(n) = ws(n) (2.3.11)

where w is the transmitter beamforming vector and s(n) is the information
symbol. For the case of a single user, if the channel between the transmitter
and the receiver is denoted as h, then the beamformer that maximizes the
SNR at the receiver, is the conjugate of the channel h. In other words, the
beamformer rotates the phase of the signals, so that the signals arriving at
the receiver through different paths add coherently in phase.

When there are multiple users in the environment, spatial multiplexing

is possible at the transmitter, i.e., multiple beams can be steered to multiple
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Figure 2.4. A transmitter beamformer design.

users. In this case, we can enable multiple users to access the same frequency

band simultaneously, thereby enhancing the overall network throughput. A

very simple mechanism to design such a spatial multiplexing technique is

to use a zero forcing, also known as block diagonalization [32-36]. In this

case the precoder of a particular user is determined as the one that is in

the nullspace of the channels of all other users. However this scheme has a

limitation as it requires substantially large number of antennas. In particular

the number of antennas that are required at the transmitter should be at

least greater than the number of users in the environment [37]. The received

signal at the kth user is written as:

yi(n) = hilx(n) + ny(n) (2.3.12)
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where hy, = [hgk) e hg\’f[)]H is the channel coefficient vector between the BS
and the kth user and the ng(n) is the zero-mean additive white Gaussian
noise with variance o2. The transmitted vector x(n) € C**! can be written

x(n) = Ws(n) (2.3.13)

where W = [wy ---wg]|, wi, € CM*! is the beamforming weight vector for
the kth user, s(n) = [s1(n)---sx(n)]T and si(n) is the symbol intended
for the kth user. The received signals for all users can be written into the

following matrix equation:
y(n) = Hx(n) + n(n) (2.3.14)

where H = [h; - - - hg|¥ and assumed to be full row-rank.
y(n) = [y1(n) - yx(n)]T and n(n) = [n1(n)---nx(n)]’. The SINR of the

kth user can be defined as

[HW];,

SINR, =
iz HWIE S+ 0f

(2.3.15)

For zero forcing technique, W is designed such that the interference be-
tween the users is forced to zero, i.e., [HW]; ; = 0 when k # j. In addition,
without loss of generality, it is assumed that HW], ;> 0for k =1,--- , K.
If it also assumed that E{s(n)s”(n)} = I, then the aforementioned condi-

tions can be stated as:
HW = diag{,/7} (2.3.16)

where /7 = [\/7, -+ V7" and 4 /0} is the target SINR of the kth user.

These restrictions yield a simple beamforming design that decouple the mul-
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tiuser channel into K independent sub-channels

yr(n) = Vksk(n) + ng(n) (2.3.17)

Other possible criteria for transmit beamformer design is to use what is
known as signal to interference leakage ratio, where the precoder is designed
to maximize the power at the receiver while minimizing the interference
leakage to all other users in the environment. This is not very attractive
criterion, because it does not guarantee a particular performance for every
user in terms of BER or SINR. Therefore, a more attractive criterion is to
design beamformers while ensuring the SINR achieved for every user is above

a certain threshold ~;, as shown in the following optimization [16,38].

K
min Y ||will3
W

k=1

Hpy 1|2
= sz 117«"22 2272Z2177K
Zk:l,k;ﬁz‘ Wi hi|[5 + o

subject to

(2.3.18)

The problem in (2.3.18) is a quadratically constrained non-convex problem.
However, this problem can be converted into a semidefinite programming
(SDP) problem with Lagrangian relaxation and it can be solved efficiently
using convex optimization toolboxes [39-41]. In addition, it has been proven
that the relaxed problem always yields an optimal rank-one solution [16].
If the transmission power is very limited or if the channels do not have
enough diversity, it may not be possible for all users to attain the target
SINR. In this case, other possible criteria that can be used is called SINR
balancing. It is a max-min fairness approach where beamformer is designed

to maximize the SINR of the worst case user [17,42-44]. This SINR balancing
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technique can be stated as

max mm ———————
Up 1<k<K Yi

subject to  17p < Pae

p>0 (2.3.19)

where U = [uy---ug], ||ug|l2 = 1 and p = [p1---px]’. up € CM*! s
the unity norm transmit beamforming weight vector and py is the allocated
power for the kth user respectively i.e., w = ug,/pg. In [17], an iterative
algorithm has been proposed using uplink-downlink SINR, duality to design

the beamformers and power allocation.

Joint Transmitter-Receiver Beamforming Design

The techniques described so far considered either one antenna at the trans-
mitter or one antenna at the receiver. A communication link with multiple
antennas at the transmitter and the receiver is referred to as a MIMO sys-
tem [45-47]. When multiple antennas are used at the transmitter as well as
at the receiver, it is possible to obtain multiple spatial channels for the users
thereby increasing the data rate directly by a factor up to the rank of the
MIMO channel matrix [48].

For a point-to-point network, with M; antennas at the transmitter and M,
antennas at the receiver, the underlying MIMO network is shown in the Fig-
ure 2.5, where the received signal y(n) € CMr*! is written as the transmitted
signal x(n) € CM**! multiplied by the MIMO channel matrix H € Cr>*M:

plus the noise n(n) € CMx1 as

y(n) = Hx(n) + n(n). (2.3.20)
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Figure 2.5. A MIMO system with M, transmit antennas and M,
receive antennas.
It is assumed that the channel matrix H is known both at the transmitter

and at the receiver. The matrix H can be decomposed using singular value

decomposition (SVD) as [49]

H(n) = UZVY (2.3.21)

where U € CMr>Mr and V e CMtxMe gre unitary matrices, ¥ € RMr*M: jg
a diagonal matrix of singular values {¢;} of H. Let Ry denote the rank of the
matrix H. These singular values have the property that ¢; = v/A; where \;
is the ith eigenvalue of HHY . The parallel decomposition of the channel is
obtained using linear transformation of the input and output signal through
transmit precoding and receiver shaping. In transmit precoding the input x

to the antennas is generated as

x = VX (2.3.22)
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where X is the modulated symbol stream. Similarly, the received signal is

shaped as

y = Uy (2.3.23)

as shown in Figure 2.6. The transmit precoding and receiver shaping trans-
form the MIMO channel into Ry parallel single-input single-output (SISO)

channels as follows:

= UHUZVHEVk + UHn
=¥Xx+n
(2.3.24)
where i = UHn.
— > > >
—> N > o PN B
X(n) = VX(n) y(n) = Hx(n) +n(n) Y =U"y(n)
> —

x(n) X(n) y(r) y(r)

Figure 2.6. Transmit precoding and receiver shaping.

Since the parallel channels do not interfere with each other, the MIMO
channel can support up to Ry times the data rate of a SISO channel. The
performance of each channel depends on its gain ¢;.

The channel capacity of this system is equal to the sum of capacities of

each independent parallel sub-channels.

Ry
C= maximize Y Blog, <1 N

2p.
x % Z) , (2.3.25)
Pty A pi<P i=1 Tin
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Figure 2.7. Parallel decomposition of the MIMO channel.

where P and P; are the total transmit power and power allocated to the
i*h independent channel respectively. B, v; and o2 are the bandwidth, ith
independent channel gain and the noise power at the receiver respectively.
The power allocation problem can be formulated into a convex optimization

framework as

Ry ’U2p
maximize g Blog, (1 + ’21>
o
i=1 n

subject to 17p < P,

pi >0, (2.3.26)

where 1 € Rf#X1 is a vector with all elements equal to one and p =
[p1 -+~ pRH]T. From KarushKuhnTucker (KKT) conditions, the following

are obtained [40].

Ai >0 V4 (2.3.27)
)\ipi =0V i, (2.3.28)

B 2
Y%= Vo (2.3.29)

1_‘_'012171 02

n
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where \; 'and y are the Lagrangian variables. From complementary slack-

ness as in (2.3.28) and (2.3.29), the power allocations are obtained as

B o2
2 7n’ )\ — 0’
p=4 * v (2.3.30)
0, A #0
The optimal value of u is given by
Ry 9
B
17p =Y max {0, < - Ug)} =P (2.3.31)
i=1 peoou

This is called the water-filling solution where the water level is equal to %

as shown in Figure 2.8. The parameter p* is the optimal value of u. It is

Figure 2.8. Water filling power allocation

also possible to have multiple users with multiple antennas at the transmitter
and at the receiver. In this case more sophisticated techniques are required
to design the precoders and the receivers. All the techniques described so
far considered frequency flat channels. It is also possible to have frequency

selective channels. However, throughout the thesis, technology based on

! Please note that the same notation has been used for eigenvalues earlier
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OFDM, is assumed, hence in each subcarrier, frequency flat channel, either

fading or non fading, is considered.

2.4 Relay Techniques

Since communication over a wireless channel is limited by fading, multi-
path, path loss and shadowing, direct communication between nodes requires
high transmission power and consequently causes increased interference. To
achieve reduced power consumption, information can be conveyed to a des-
tination through multiple intermediate nodes. These nodes are known as
relays. In this section, an overview of commonly used relay architectures is
presented with a focus on regenerative and non regenerative relays as well

as one-way and two-way relays.

2.4.1 Non Regenerative Relays

Non regenerative relays perform some linear or non-linear operation in the
analog domain that does not modify the information represented by a chosen
waveform, before retransmitting the signal. Very simple operations, such as
simple amplification, phase rotation, etc are usually performed [50]. One
important class of wireless non regenerative relay, is known as amplify-and-
forward (AF) relay. Though inherently affected by noise propagation effects,
the AF relay is attractive because it provides a reasonable trade-off between
performance and practical implementation costs [51].

A typical relay network consists of a source, a destination and N relay
nodes is shown in Figure 2.9. During the first phase of transmission, the
source transmits the signal v/Ps to the relays, where s is the information
symbol and P is the transmit power. The received signal at the ith relay is

given by

xT; = \/ﬁfls + v, (2.4.1)
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Relay 1

Transmitter Receiver

Relay 6

Figure 2.9. Relay network

2

where v; is the noise at the i¢th relay whose variance o;. In the second
phase of transmission the ith relay transmits y;, y; = w;x;, where w; is the
complex relay beamforming weight that is used by the ith relay to adjust the
phase and the amplitude of the signal. Relay beamforming is a combination
of receive and transmit beamforming as the same weights are used for the
signal reception and transmission. Moreover, each relay knows only its own

received signal and does not know the signals received by other relay nodes.

The signal received by the destination is given by:
T
2= giyi+n (2.4.2)
i=1
Using (2.4.1), (2.4.2) is rewritten as
T T
z = \/]32 w; figis + Z w;giVi + n. (2.4.3)
i=1 i=1

The following optimization problem can be employed to determine the relay

beamforming weights w; [52].

min Pr subject to SNR >~ (2.4.4)
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where Pr is the total relay transmit power and + is the target SINR. In [52],
it has been shown that the SNR is given by (wfRw)/(c2 + w#Qw) and

T is the vector that contains the

Pr = wHDw, where w £ [wy,---,wy]
complex beamforming weights used by the relays, R is the correlation ma-
trix of the vector h = f ® g, that is R £ PE{hh'}, Q £ s2E{gg}
and D £ Pdiag([E{|f?|} E{|f2|}--- E{|f?|}]) + 021. Finally, the vectors
f=[fifo---fr]" and g = [g1g2---g+]T include the channel coefficients from
the transmitter to the relays and the channel coefficients from the relays to

the receiver respectively. By defining w = D'/2w, the optimization problem

in (2.4.4) can be written as:

min | |W%|[*
w

subject to WD Y2(R —4Q)D V3% > 402 (2.4.5)

The inequality constraint in (2.4.5) should be satisfied with equality at the
optimum. Hence a closed form solution can be obtained using Lagrangian
formulation.

Another possible optimization criterion is to maximize the SNR subject

to a power constraint at each relay node as

wHRw
max -———————
w o o2 +wlQw
subject to Dii|wi|2 <P, fori=1,2,---,r (2.4.6)

where P; is the maximum allowable transmit power of the ith relay and

D;; is the ith diagonal entry of the matrix D. Defining X £ ww!!, this
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optimization problem can be rewritten as

Tr(RX)
max ————
X o2+ Tr(QX)
subject to DXy < P,Vi=1,--- rrank(X) =1, X > 0,

(2.4.7)

Using the idea of semidefinite relaxation [40] and dropping the non convex
rank-one constraint, (2.4.7) can be converted into a convex form.

The results of [52] are applicable when the relays are synchronized at the
symbol level and when the source-to-relay and relay-to-destination channels
are frequency flat. When the channels are frequency selective or the time syn-
chronization between the relays is not perfect, then the signal replicas passed
through different relays and/or channel paths will arrive at the destination
node with different delays, which will result in ISI. In [53] an asynchronous
flat-fading relay network is viewed as an artificial multipath channel and
orthogonal frequency division multiplexing (OFDM) scheme is used at the
source and destination nodes to deal with this artificial multipath channel.

The above optimization can also be applied in multiuser networks. In
[54], a network of relays is used to establish communication between mul-
tiple source destination pairs. The relays amplify and adjust the phase of
the signal they receive from all transmitting sources by multiplying it with
a complex beamforming weight. To obtain optimal beamforming weights,
the total relay transmit power is minimized subject to QoS constraints on
the received SINRs at the destinations. Using semidefinite relaxation, this
power minimization problem is converted into a convex SDP problem and
solved.

The authors in [55] considered the same problem but use additional con-
straints. They enforced the signals received by the destinations to be all

in-phase. This turns the aforementioned power minimization problem into a
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second-order-cone programming (SOCP) problem, which is computationally
less expensive as compared to the SDP problem.

The relay networks described so far, considered only one antenna at the

source j Y_ relay j/ Y_destination

Y oy it

1 1 T

SR B O

m
m

Figure 2.10. A two-hop MIMO AF relay network

transmitters, receivers and the relays. However, as mentioned earlier, the
use of multiple antennas at wireless transmitters and receivers has significant
advantages for high-rate multimedia transmissions over wireless channels. A
block diagram of a one-way two-hop MIMO relay network in which linear
processing is employed at all nodes is shown in Figure 2.10. The source vec-
tor s = [s1, 892, -+, 5] is first linearly processed by a matrix B € CVs*K
and then transmitted over the source-relay link in the first phase. At the re-
lay, the received signal is first processed by F € CN2*N& and then forwarded

to the destination during the second phase [56]. Vector y at the input of the

decision device is given by:

y = THBs + Tn (2.4.8)

where T € CK*Ns is the processing matrix at the destination and H =
H,FH, is the equivalent channel matrix, H, € CN2*Ns and H, € CNs*Nr
are the source-relay and the relay-destination channel matrices respectively.
In addition, n € CVsX1 is a zero-mean complex Gaussian vector whose co-

variance matrix is pR,, with p > 0 accounting for the noise variance over



Section 2.4. Relay Techniques 37

both links and
R, = H,FF/H? | Ty, (2.4.9)

A popular approach in the design of AF MIMO relay systems is to max-
imize the capacity between the source and destination [57, 58]. Another
optimization problem is the minimization of the sum of the MSEs. The

MSE matrix is given by :
E = (THB - I1,)(THB - I) + TR, T (2.4.10)

and the minimization problem is written as:

i > Bl
k=1

subject to Tr{BB} < Py

Tr{F(H,BB"HY + oIy, )F} < Px (2.4.11)

where Pg and Pgr denote the power available for transmission at the source
and the relay, respectively. Since E is increasing in each argument, the
optimal T in (2.4.11) must be such that each [E]yy is minimized for any

given (B, F) [56]. This is achieved by choosing T equal to Wiener filter
T = BTHY(HBBYH + pR,)! (2.4.12)

The optimal F and B match the singular vectors of the corresponding chan-
nel matrices. In this way, the strongest spatial channels of the source-relay
and relay-destination links are matched together. As a result the overall
channel matrix becomes diagonal and the AF MIMO relay system becomes
equivalent to a set of parallel single-input single-output (SISO) channels. A

similar result was obtained for single hop systems [59]. However, as opposed
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to [59], where the optimal power distribution over the parallel SISO channels
can be easily found by means of water-filling inspired algorithms, (2.4.11)
is not convex. To overcome this problem, [60] proposed an alternative ap-
proach in which the power is allocated separately at the source and the relay
by means of a water-filling algorithm. This leads to a suboptimal procedure
whose solution is shown in [60] to be close to the optimal one.

The block diagram of a linear one-way two hop MIMO system with mul-

relay
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Figure 2.11. A two-hop MIMO AF relay network

tiple parallel relays is shown in Figure 2.11 in which the number of active re-
lays is denoted by K and the matrix that contains the channel gains between
the source and the kth relay for k = 1,2,--- , K is called Hy,., € CN-*Ns,
The vector y € C5*! can be expressed as in (2.4.8) with the only difference
that the matrices Hy € CN"E*Ns and H, € CV*NrK now take the form
H,, = [HZ HY ... HI ] while F € CNE*NK g block diagonal and given
by F = diag{F1,Fs,--- ,Fg}. In [61], the authors set W and B equal to the
identity matrix and found the optimal structure of F by minimizing the sum

of the MSEs subject to a global power constraint. The solution is found in

closed-form only for the simple case in which relays are equipped with single
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antenna i.e. IV, = 1, while the multiple antenna case is addressed without
imposing any power constraint at the relays. The design of F' that mini-
mizes the total power consumption while satisfying a set of SNR constraints
is studied in [62] and a power efficient solution is derived in closed-form after
solving a two-step optimization problem. Another optimization problem of
the minimization of the sum of the MSEs was studied in [63]. It was found
that the optimal W matrix is the Wiener filter and the diagonalization of
the overall channel matrix is achieved up to a unitary matrix. The evalua-
tion of the diagonal matrices requires to solve a non-convex power allocation

problem, which is solved using the same arguments outlined before.

2.4.2 Regenerative Relays

Another important relay protocol is regenerative relaying, where the infor-
mation bits or waveforms are modified and regenerated at the relay prior
to transmission towards the destination. The most prominent examples
of regenerative relays is the Decode and Forward (DF) relay, that decodes
the received signals and forwards the re-encoded signals to the destination
node [64,65]. This scheme is attractive when the channel between the source
and the relay is of good quality, otherwise the decoding will result into errors
due to low SINR and the errors will propagate to the destination. For this
reason more complex coding schemes are required at the relays. The earlier
implementations were based on convolutional codes [66]. Implementations
based on Turbo-codes and low-density parity check (LDPC) codes have also
been proposed [67-71].

Optimal precoder design for DF relay systems have been extensively
studied based on various optimization criteria. In [72] a two-hop system is
considered with and without direct link between the source and the destina-
tion. The aim is to find the optimal power allocation for the source and the

relay while satisfying specific outage performance. In [73] a distributed sum
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transmit power minimization with QoS constraints is considered for a net-
work consisting of a single source and destination communicating through
multiple relays. The algorithm in [74] attempted to minimize the uplink
sum transmit power with relay selection, where two-stage transmission over
parallel channels with user cooperation during the latter stage was used to
improve the system performance. The sum transmit power minimization
with BER constraints was addressed in [75] for a multi-hop system with
one source and destination. The DF relaying was modified in such a way
that perfect decoding was not required at each relay. In [76,77] throughput
maximization for DF relay assisted cellular orthogonal frequency-division
multiple access (OFDMA) systems has been considered. In [76] the problem
of downlink outage probability minimization and throughput maximization
have been addressed. The BS is assumed to have local subcarrier CSI knowl-
edge so that it could decide whether it is more beneficial to serve users di-
rectly or via relays. A different approach to multi-cell OFDMA throughput
maximization was provided in [77] where the problem was approximated to
convex and decoupled between the interfering cells via dual decomposition.
In [78] relay beamforming for two-hop multi-relay system was considered
with multiple antennas at the relay and single-antenna at the source and

destination.

2.4.3 Two-way Relaying

The work described so far considered one-way relay networks that cooperate
with each other to deliver information symbols from one or more sources
to one or several destinations. In two-way relaying schemes, bidirectional
connection is established between two transceivers. Two-way relay was first
introduced in [79] where an achievable rate region and an outer bound for

the case in which nodes operate in full-duplex were obtained. The capacity
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and achievable region for two-way relay channels were studied in [80,81].
The most straightforward approach for two or more transceivers to ex-
change information is to deploy two successive one-way relaying schemes as
shown in Figure 2.12a. This approach demands 4 time slots to accomplish
the exchange of symbols s, so between the two transceivers, thus it is band-
width inefficient. To improve efficiency, a time division broadcast (TDBC)
approach was introduced in [82] for a single relay where a network coding
was introduced to reduce the number of time slots to three as shown in
Figure 2.12b. The relaying scheme of [82] requires the relay to decode the
signals it receives during the first two time slots and then broadcast the XOR
of the decoded signals in the third time slot. Each transceiver can retrieve
its signal of interest by performing an XOR on its transmitted symbol and
its received signal. In [83] the performance of TDBC was studied in detail
and is compared with that of the four time slot scheme. It was concluded
that the TDBC approach provides a throughput which is significantly higher
than that of the traditional four time slot scheme shown in Figure 2.12a.
In [84, 85] another scheme has been introduced, which is called mul-
tiple access broadcast (MABC) scheme as shown in Figure 2.13. The two
transceivers transmit their information simultaneously and a relay node re-
transmits a processed version of its received signal. This was extended to
multi-antenna relaying MABC scheme in [85,86]. A hybrid TDBC-MABC
scheme has been proposed in [87]. Designing optimal MABC based relay-
ing schemes for a network with multiple relays has been considered in [8§].
More specifically, a wireless network which consists of two transceivers and
n, single-antenna two-way relay nodes was considered. Each relay adjusts
the phase and the amplitude of the mixture it receives in the first time slot
by multiplying it with a complex weight and then each relay retransmits the
so-obtained signal in the second time slot.

During the first time slot, both transceivers simultaneously transmit
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Figure 2.12. (a) Four-time slot two-way relaying scheme. (b) Three-
time slot TDBC scheme
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Figure 2.13. Two-time slot MABC approach

their data to the relays. The signals received at the relays x € C**! can be

represented in a vector form as

X =/ Pif1s1 +/ Pofoss +v (2413)

where, P, P, are the transmit powers of transceivers TR1 and TR2, respec-
tively and s, sy are the corresponding transmitted information symbols,
v € C™*! is a vector consisting of noise at the relays and fj, f; are the

vectors of the channel coefficients from the transceivers to the relays. In
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the second time slot the ith relay multiplies its received signal by a complex
weight w; and broadcasts the signal. The signal vector t € Cn ! transmit-

ted by the relays can be expressed as

t = Wx (2.4.14)

*

where W = diag([wjws - --w;; |). The signals 31 and y2 received at the two

transceivers can be written as:

Yyr =/ P1WHF1f181 “+ \/ PQWHFlfQSQ + WHF1V 4+ nq (2.4.15)

Y2 = 1/ P1WHF2f181 —+ \/ PQWHFQfQSQ + WHFQI/ —+ N2 (2416)

where Fj, = diag(fy) for k¥ = 1,2 and w = diag(W). The first-term in
(2.4.15) depends on the signal s; transmitted by TR1 during the first time
slot. Also, /PiF1f; and W are known to TR1. Therefore, the first term in
(2.4.15) is known at TR1. Hence, this term can be subtracted from y; and
the residual signal is processed at TR1 to extract the information symbol
s9. Similar procedure is followed by TR2 to extract s;. The residual signals

71 and 7 can be written as

71 = VPowlFofis) + wlFiv+ny (2.4.17)
G2 = V/PwTFof 51 + W Fov 4 ny (2.4.18)

In order to design w, various optimization criteria can be used. One com-
mon approach is to minimize the total transmit power subject to constraints
on the received SNRs at the two transceivers. It is proven that this power

minimization problem has a unique solution and the optimal beamforming
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weight vector (relay coefficients) can be calculated using a gradient-based
steepest descent algorithm [88]. Another optimization approach is called
SNR balancing technique, which uses a max-min fairness approach, where
the smaller of the two transceivers’ received SINRs is maximized subject to
a constraint on the total transmit power [88]. This problem is shown to have
a unique solution which can be obtained through a gradient-based iterative
procedure.

The two-way relay channels have been studied jointly with other physi-
cal layer transmission techniques, for example OFDM [89,90] and multiple
transmit and/or receive antennas [91,92]. For the multi-antenna two-way
relay channel, the DF relay strategy was studied in [91,93] and the AF re-
lay strategy or analogue network coding was studied in [94]. A distributed

space-time coding strategy was also studied in [92].

2.5 Cooperative Diversity Schemes

One commonly used method for achieving diversity employs multiple an-
tennas at the transmitter and the receiver. However the benefits of the
MIMO systems in terms of combating channel fading and increasing system
throughput are limited in practical systems mainly due to two reasons [95].
In a collocated MIMO system, due to space limitation, antennas have to be
placed close to each other. Thus, radio signals in the collocated antennas
experience similar scattering environment and this results in loss of diver-
sity [96,97]. Also due to the terminal size limitation, the nodes cannot be
equipped with many antennas. This issue can be solved using the concept
of virtual array of antennas where multiple user terminals share their an-
tennas to receive signals for each other in a coordinated way. However, this
approach is not perused in this thesis.

An important problem in cellular networks arises from the fact that mul-
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tiple users share common resources and the frequency reuse among adjacent
cells brings co-channel interference (CCI) [98]. Cooperative communications
in wireless networks aim to combat the aforementioned problems. Two sce-
narios are considered for cooperative communications. The first one assumes
a coordination at the BS side via the exchange of global CSI and possibly
exchange of user data information over backhaul links among several cells.
Another possibility is cooperation between BS and relays.

In conventional non-cooperative approach, users placed at the edge of
the cell suffer from interference. This ICI is treated as noise at the receiver
side and is handled by improved point to point communications between the
BS and the mobile station [99]. The performance of conventional networks
can be significantly improved if joint signal processing is enabled across dif-
ferent base-stations. There are mainly two types of coordination among
different BSs. In the first one, all antennas of the relevant multi-cell BSs
can be jointly employed for data processing and transmission and all BS are
effectively connected to a central processing site. The BS share not only
the CSI, but also the full data signals of their respective users. This way of
transmission is equivalent to a single giant BS or processing center. The up-
link channel can then be modeled as a multiple access channel with multiple
transmitters and a single multi-antenna receiver. The downlink channel can
be modeled as a broadcast channel with a single multi-antenna transmitter
and multiple receivers.

This kind of full BS coordination was investigated in [100-102] for the
uplink. The information-theoretic capacity of the uplink of cellular networks
with full BS cooperation was performed in [103,104]. In these works, it was
shown that with full BS cooperation, the traditional approach of frequency
re-use is suboptimal and that full BS cooperation reduces the ICI penalty
to zero. A network of M fully connected t-antennas BS can serve a total

of Mt terminals in an interference-free manner simultaneously, by employ-
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Figure 2.14. Joint Transmission

ing multi-user spatial precoding and decoding techniques similar to the ones
used for the MU-MIMO channel [105]. Moreover, the key difference from
the single-cell scenario with co-located antennas at one BS are the widely
distributed antennas and independent large-scale fading experienced in for
each link between a mobile-BS pair and its potential in co-channel cancela-
tion [106-110]. Many coding strategies have been proposed in the literature
for this setting [111-115]. This mode of operation is called multi-BS MIMO
joint transmission and illustrated in Figure 2.14. The objective is to coor-
dinate the BS transmissions so that the signals from multiple base antennas
can be coherently received to improve signal quality. Similar techniques as
used in multi-antenna based single BS can be used for decoding optimum

beamformers for the transmission and the reception.
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The multi-BS MIMO joint processing comes at a cost of signal-level
coordination. The data intended for different mobile users belonging to dif-
ferent cells need to be shared among the BSs. The amount of backhaul
communications required to achieve joint processing is substantially high.
This motivated a second mode of coordination between BS of different cells,
namely coordinated beamforming (CB) as illustrated in Figure 2.15. In this
mode, a basic level of coordination is employed where only the CSI of the
direct and interfering channels are shared among the BSs. There is no need
for sharing the information symbols among different BSs. This information
allows the transmission strategies across different cells to adapt to the chan-
nel state jointly. Transmission strategies include scheduling, power control,
beamforming and advanced coding methods as well.

Coordinated power control and scheduling across the multiple BSs in
order to adapt to the channel condition of the entire network brings improve-
ment over traditional per cell power control. When the BSs are equipped
with multiple antennas, the availability of additional spatial dimensions al-
lows the coordination of beamforming vector across the BSs. This idea has
been explored in [116-120].

An optimization problem associated with coordinated beamforming is
the minimization of the transmit power across the BSs subject to a set of
SINR constraints. This optimization is applicable to constant bit-rate ap-
plications with fixed QoS constraints.

Let w;j, denote the downlink transmit beamforming vector for the kth
user in the Ith cell. For users with single antenna, the downlink SINR for

the kth user in the [th cell can be expressed as:

T 2
r— B W (2.5.1)
Dontk \h;,z,kwl,n|2 + 2254 |h;,z,kwj,n|2 +1
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Figure 2.15. Coordinated Beamforming

where h;; ;. is the vector channel from the jth BS to the kth user in the /th
cell. Let 7, be the SINR target for the kth user in the Ith cell. Thus, the

total downlink transmit power minimization problem is formulated as [118]:

M K
min Y > ffwi
=1 k=1
subject to Ty <y, VI=1,--- M, k=1,--- | K

(2.5.2)

The minimization is over w;;, which implies both the power and beam-
formers are optimized. When the number of antennas at the BS is larger

than the users in each cell, the BS has adequate spatial dimension for inter-
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ference mitigation. In this case, a per-cell ZF solution is also possible [121].

The transmit downlink problem for the single-cell system was first con-
sidered in [122], where an iterative algorithm was proposed for optimizing
the beamforming vectors and power allocations. The key idea is to con-
sider the virtual uplink network where it is easy to find the optimal uplink
receiver beamformers and then to iterate between the beamformer update
step and the power update step to satisfy the target SINRs. The optimality
of this algorithm was established for single-cell network using several con-
vex optimization based techniques [17,123-126]. Moreover, in [127] it was
shown that the uplink-downlink duality is an example of Lagrangian duality

in optimization.

The duality result is also used to solve the optimization problem of min-
imizing the weighted per-BS or per-antenna powers. The objective is to
minimize the weighted sum power. The weights are adjusted to tradeoff
the powers among different BS antennas [127,128]. When the users are
equipped with multiple receive antennas duality holds as well [129]. How-
ever, the iterative updating of transmit, receiver beamformer and the power
is no longer guaranteed to provide globally optimal solution. The single-cell
uplink-downlink duality has been extended for multi-cell and multi-user set-
ting in [118].

Regardless of potential advantages of coordinated multi-cell processing,
there are many practical issues that need to be addressed carefully. First of
all, downlink MIMO cooperation across multiple BSs requires tight synchro-
nization so that there is ideally no carrier frequency offset between the local
oscillators and the BSs. Moreover, sufficient resources must be allocated to
pilot signals to ensure reliable estimation of the channel state for network
coordination with spatially distributed BSs. Finally cooperative networks

need an enhanced backhaul network connecting BSs with each other and
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with a central processor. Hence, this is a challenging area for further re-

search.

2.6 Conclusion

As discussed in this chapter, coordinated processing of signals and spatial di-
versity techniques have significant potential to meet ever increasing demand
for radio spectrum. The techniques proposed in this thesis aim to address

this issue through BS and relay cooperation and spatial diversity techniques.



Chapter 3

WIRELESS PEER-TO-PEER
RELAY NETWORKS

Ad hoc networking capabilities are expected to become key components of
overall next-generation wireless networks, because of their flexibility and the
absence of a fixed infrastructure. This distinguishes them from traditional
mobile wireless networks and makes them interesting for a wide range of
applications, such as vehicle-to-vehicle communications, emergency services
etc. These types of networks may also provide solutions on future multi-
hop wireless communication to a subscriber over wireless pico BSs or relay
stations that are connected wirelessly among each other having access to the
wired network by some access points. The simplest ad hoc networks that
will be demonstrated in this chapter are peer-to-peer networks formed by a
set of stations that communicate through intermediate nodes. Hence, our
focus in this chapter will be on fixed wireless peer-to-peer relay networks.
Initially, beamforming design and power allocation techniques are proposed
for peer-to-peer wireless networks consisting of multiple source-destination
pairs communicating through a number of amplify-and-forward (AF) one
way relay nodes. This framework is then extended to AF two-way-relay

nodes. An underlay cognitive peer-to-peer relay network is also studied.

51
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3.1 Introduction

The wireless peer-to-peer relay network, despite its advantages, such as en-
hancing link reliability, coverage and combat fading, has a problem of mul-
tiple access interference due to multiple transmission links in the network.
This chapter proposes various optimization techniques to minimize interfer-
ence and to enhance power efficiency. In order to maintain fairness among
users, the resources are allocated such that each user’s SINR is balanced and
maximized. The associated optimization problem is commonly referred to as
“SINR Balancing”. The SINR balancing technique has been introduced for
a downlink network without relays in [17], where the principle of “downlink-
uplink duality” has been applied to transform the original downlink problem
into an equivalent uplink problem that is more easily solved. Another ap-
proach to solve this problem is to apply conic convex optimization [124].
One can find a number of articles on AF relay beamforming. In [130]
and [131] a distributed beamforming technique has been developed for a
relay network which consists of a number of source-destinations pairs and
relay nodes. The total relay transmit power dissipated by all relays is min-
imized, while the quality of the services at all destinations is guaranteed to
be above certain pre-defined thresholds. Many algorithms have also been
developed for the case of a single source-destination pair [52] and [132].
These techniques maximize the receiver SNR under the relay transmitted
power-constraints. In [133] and [130], algorithms have been formulated such
that the relay power is minimized to satisfy SINR constraints for each user.
Two-way AF relays have also been studied in [85] and [134]. However, the
SNR balancing problem for two-way relay network has only been studied
in [88], where one pair of terminals is considered. The solution is based
on the assumption that the phase of the beamforming vector has to match

the aggregated phase of the channel coefficients from the relay to the two
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transceivers.

In this chapter peer-to-peer networks consisting of a number of source
destination pairs are considered. Due to poor quality of the channel between
the source and the destination no direct communication is assumed. For this
purpose, the destination nodes cooperate with a number of single or multi-
ple antenna AF relay nodes, which receive information transmitted by the
source nodes in the first phase and retransmit it to the destination nodes in
the second phase. By employing multiple relays, spatial diversity gains are
exploited without the need of multiple antennas at each node. In addition,
the focus is on AF half duplex relays because they have many advantages
from an implementation viewpoint. The same set up but for a two-way
multi-user AF relay is also investigated.

Later in the chapter, motivated by the observation that the licensing
based conventional radio spectrum allocation is inefficient as the spectrum
is under-utilized most of the time at various geographical locations, an un-
derlay CR approach is investigated for relay networks. The SUs access the
spectrum occupied by the PUs, given that the interference they cause to
the PUs is less than a specific threshold such that the Quality-of-Service
(QoS) of the PU can be ensured. More specifically, an AF based relay net-
work with multiple peer-to-peer cognitive radio users is considered. Both
the transceivers and the relay nodes are cognitive terminals. It is assumed
that all transceivers are equipped with single antenna, while relay nodes
consist of multiple antennas. In the context of CR networks, cooperative
transmission between SUs aims to increase the secondary throughput, while
ensuring the PU terminals are not affected harmfully. Both a one-way and a
two-way AF relaying scenario has been considered. The aim is to maximize
the worst-case SU SINR subject to satisfying the total transmission power
and ensuring that the interference leakage to PUs is below a specific thresh-

old. Similar work for cognitive radio networks has been proposed in [135],
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where the relay transceiver matrices have been designed to achieve a specific
target SINR for every users while ensuring the interference leakage towards
a primary receiver is below a certain threshold. These methods have an in-
herent problem that for a limited transmission power, the SINR targets may
not be achieved all the time and the optimization problem may turn out to
be infeasible. As a remedy to this kind of problems and also to introduce
fairness among users, the approach considered in this chapter is based on an

SINR balancing criterion under a CR environment.

3.2 An SINR Balancing Based Multiuser Relaying Scheme

In this section, a relay network with multiple users is considered. The re-
lay coefficients and the transmission powers are optimized to maximize the
worst-case user SINR. This problem is solved through an iterative procedure
that uses SDP and GP along with bisection search method. The performance
of the proposed scheme in terms of the mean SINR is evaluated for different

number of relays and transmission power at the relays.

3.2.1 System Model

As shown in Figure 3.1, a network with d source-destination pairs and R
relays is considered. Each node in the network has been assumed to have a
single antenna to transmit and receive data. The ¢th relay received signal x;
is given by

d
xi:Zfipsp—i—Vi, t1=1,--- R (3.2.1)
p=1

where s, is the information symbol transmitted by the pth source, v; is the
additive zero-mean noise at the ith relay node, f;, represents the channel
coefficient from the pth source to the ith relay and g;, stands for the channel
coefficient from the ith relay to the pth destination. The following assump-

tions are made:
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Figure 3.1. A relay network of d pairs of nodes and R relay nodes.

Al : The relay noises are assumed to be spatially white, i.e., E{v;v;} =
035“'/, where a,% is the relay noise variance and §;; is Kronecker’s delta

function.

A2 : The transmission power of the pth source is E{|s,|*} = P, for p =
1, ,d

A3 : The information symbols transmitted by the different sources are un-

correlated,i.e., E{sps;} = Ppdpg-

A4 : The ith relay noise v; and the information symbols {Sp}gzl are statis-

tically independent.

The above assumptions hold for the rest of Chapter 3 as well. Using vector

notations, (3.2.1) can be rewritten as

d
x=> f5,+v (3.2.2)
p=1
where the following definitions are used: x £ [x1 x5 --- zg]7,

vEavuv - vrlt, £, 2 [fip fop -+ frplt. The ith relay multiplies its
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received signal by a complex weight coefficient w;. As a result, the vector

of the signals transmitted by the relays is given by
t=Wix (3.2.3)

where W £ diag([wy, wa, -+ ,wg]) and t is an R x 1 vector whose ith entry
is the signal transmitted by the ith relay. The notation diag{ai,---,an}
denotes a diagonal matrix whose diagonal elements are ay,--- ,aa;.

Let gx = [g1x gor -+ 9grk)’ denote the vector of the channel coefficients
from the relays to the kth destination. The received signal y; at the kth

destination is expressed as

d
ve=git+ne=gi W'Y~ 5, + gl Wv
=1
o (3.2.4)
= gt W fis) + g WY Z 5 + g WHv + 1y
p=1,p#k

where ny is the zero-mean noise at the kth destination with a variance of

o2. Tt is also assumed that:

d

A5 : The channel coefficients {gy}{_,,{f,}%_,, the source signals {sptp=1

p=D
the relay noise v, kth destination noise nj are statistically indepen-

dent.

3.2.2 SINR Balancing Technique

The goal is to optimally calculate the relay weights {wi}zR:1 with the aim of
maximizing the minimum SINR perceived by the user subject to the relay

power constraint. Hence, the optimization problem is stated as:

max min SINRj
Wk (3.2.5)

s.t. Pr < Primaz, k=1,---,d
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where Prp and Prpq. are, respectively, the actual and maximum allowable
total transmit power of the relays and SINRy is the SINR at the kth desti-
nation which is defined as

Pk

SINRj = ——°—
" Pk Pk

(3.2.6)

Here PS’“, Pl-k, and P,’f are the desired signal component power, the interfer-
ence power, and the noise power at the kth destination, respectively. Using

(3.2.3), the total transmit power at the relays is expressed as

Pr = E{t"t} = E{x"WW#x} = Tr(WHE{xx}W) (3.2.7)
If the correlation matrix of the relay received signals is denoted by Ry £
E{xx}, the total transmit power can be written as
R
P =Te(W7RW) = > |w, [ [Re]i; = w/Dw (3.2.8)
r=1
where D2 diag([Ry]11, [Ra]2.2, -+ » [Ra]r.r) and w £ diag(W). Note that

using (3.2.2) as well as Assumptions A1-A4, the matrix R, is expressed as

d
R, = Y E{ff/}E{s;s;} + 021
pq=1
. . (3.2.9)
=Y PE{LL} + 02T =) PR} + 01
p=1 p=1

where RZ} £ E{fpff }. It follows from (3.2.9) that the relay transmit power
Pr depends not only on the variances of the source-relay channel coefficients
but also on the relay noise powers. To express the SINR at the kth destina-
tion, the expressions for the desired signal component power Psk , the inter-
ference power Pf, and the noise power Pﬁ in terms of {wi}f; 1 are derived.

Using (3.2.4) and Assumption A5, the noise power at the kth destination
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can be written as

Py =E{v"Wgigi Wv} + o7
= Tr{W"E{vw/}WE{g;g/ }} + o2 (3.2.10)

= O‘ST?“{WHRZW} +02

where R’; = E{grgl’}. As a result, the noise power PF is given by

R
PF =2 Z |wr|2[R§]ii + 0 =wlDyw + 02 (3.2.11)
r=1
where Dk £ agdiag([R'g“hl, [R§]227 ety [RS]RR)

The kth desired signal power can be obtained as

PF = E{gl WHE £ Wei E{|si|*}

= P.E{w! diag(gy)fi £ diag(g})w}
(3.2.12)
= P.E{w" (g © f) (£ © g )w}

= P.wE{h;hi\w = P.wR}w

where ® stands for Schur-Hadamard (element-wise) multiplication, h; =

(gr © £r) = [fikgik forg2k - fregre)t, RE 2 E{hyhiT}. The vector hy, con-
tains the total path coefficients between the kth source and its corresponding
destination via different relays. Using (3.2.4), the interference power at the

kth destination is given by

Pik = E{g;;FWH< Z fpquspsg> Wg,’;}

p,q€Dg

= E{deiag(gk) ( Z prpff> diag(g}i)w} (3.2.13)

peDy,

= E{WH( > Polee © f1) (gl @ka))W}

peDy,
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H
=W ZpeDk PkaW

where Dy, = {1,2,...,d} — {k} and h}, Q; are defined as h} £ g, ® £,
Qw2 ) by,

peDy,
Summarizing (3.2.6), (3.2.8), (3.2.11), (3.2.12) and (3.2.13), the optimiza-

tion problem in (3.2.5) can be rewritten as

. wh PkRﬁw
max min

vk wH(> " P,Qp+ Dy)w + o)
peDy,

(3.2.14)

s.t WHDW S PRma:c for k= 172’... 7d'

Let us define X £ ww'. In this case the problem in (3.2.14) becomes

e Tr(P.R}X)
max min
Xk Te(() BQi+Dp)X)+o02

peD
* (3.2.15)

s.t. Tr(DX) < Primaz for k=1,2,---.d
Rank(X) =1, X >0

where X > 0 means that X is a positive semidefinite matrix. Following
the semidefinite relaxation approach and dropping the non-convex rank-one
constraint, the optimization problem in (3.2.15) is rewritten as

ma;

jax &

st. Tr(X(PRE — £ P,Qx + Dy))) > 02, (3.2.16)
peDy,

Tr(DX) < Pgmae for k=1,2,--- ,d; X >0

For any given value of £, the feasible set in (3.2.16) is convex and as a result
the optimization problem in (3.2.16) is quasiconvex.

Due to the relaxation, the matrix X,,; obtained by solving the optimiza-
tion problem in (3.2.16) will not be of rank one in general. If X,,; happens

to be rank one, then its principal component will be the optimal solution to
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the original problem in (3.2.15). Otherwise, one has to resort to randomiza-
tion techniques developed in [136] to obtain a rank-one solution from X.

Using the bisection method and solving (3.2.16), the maximum possible
value of ¢ that satisfies the constraints in (3.2.16) and the corresponding
value of w are obtained. Let &4, be the maximum possible value of &.
Based on [40], the following assumption is derived. If, for any given value of

&, the convex feasibility problem

find X

st Tr(X(PRE — () P,Qx +Dy))) > 028, (3.2.17)
peDy,

wiDw < Ppimaz fork=1,2,---,d; X >0

is feasible, then &nar > & If (3.2.17) is not feasible, then respectively
Emazr < €. Therefore, one can check whether the optimal value &4, of the
quasiconvex optimization problem in (3.2.16) is smaller than or greater than
a given value £ by solving the convex feasibility problem (3.2.17).

Based on this observation, the quasiconvex optimization problem (3.2.16)
can be solved by using a bisection algorithm, where (3.2.17) has to be solved
at each step. We begin with an interval [§; &,] known to contain the op-
timal value &4, The convex feasibility problem can then be solved at its
midpoint £ = (§ + &,)/2, to determine whether the optimal value is larger
or smaller than £. If (3.2.17) is feasible for this value of &, then & = & is set,
otherwise &, = £ is chosen and the convex feasibility problem in (3.2.17) is
solved again. This procedure is repeated until the difference between &, and
& is smaller than some preselected threshold §.

The optimization in (3.2.17) maximises the worst case user SINR. If the
number of relays is substantially higher than the number of users, all users’
SINR will tend to be equal to the worst case user SINR ¢,,,,. However, in

general, this optimization at the relay will not be able to ensure SINR bal-
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ancing. This is because, unlike transmit beamforming techniques, the relay
transceiver is unable to control the power usage for each user separately at
the relays. Therefore, in order to balance the SINR of all users, the trans-
mission power should be controlled at the source level using the following
GP approach.

The optimization of SINR with regards to the power at the transmitters
P, is considered, when the beamforming vector at the relay is fixed. In this

case, the following optimization problem has to be solved:

max mkin SINRj,

p
d (3.2.18)

s.t. Z Pdk < Pdmax
k=1

where Py, and Py, are, respectively, the actual and maximum allowable
total transmit power at the transmitters and p = [p1x pak - * - Pdk]-

Using (3.2.6), (3.2.12), (3.2.13), and considering that the relay weights
{w;}E | are fixed, the optimization problem in (3.2.18) becomes:

) PG
max min 2
Pk Z P,Ej + Ny + 02
peDy,

d

s.t. Zpdk < Pdmax-
k=1

where Gf £ Tr(RFX), E; £ Tr(QrX) and Ny £ Tr(DyX).

The above problem can be rewritten as:

max t
Pd.t
st. By Y BpP T+ olNy P+ P < Gy
peDy,
d

Z Pdk S Pdmax-
k=1

(3.2.19)

The problem (3.2.19) is convex and belongs to the class of GP [137]. As a
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Table 3.1. Algorithmic solution of the SINR balancing problem

1) Initialize P, = P\

2) Repeat

3)  Solve the problem (3.2.17) of maximizing the minimum SINR,
with fixed P, and obtain an updated X.

4)  Solve the SINR balancing problem (3.2.19) with fixed X
and obtain an updated Py.

5) Until the SINR converges.

result, it can be efficiently solved using numerical methods such as cvx [138].

Hence, the iterative SINR-balancing algorithm is described as follows:

3.2.3 Simulation Results

In order to assess the performance of the proposed scheme three numerical
examples are considered. A network of two source-destination pairs is as-
sumed. The noise power at the relays and at the receivers are assumed to be
equal to each other and the initial signal power at each source is equal to 1.
The channel coefficients between the sources and the relays as well as those
between the relays and the receivers have been generated using zero-mean
circularly symmetric i.i.d Gaussian random variables.

In the first case, a network with R = 3 relays, 2 users and maximum
allowable relay transmit power Pp,q, = 2 is considered. Figure 3.2 displays
the histogram of the achievable SINR. In Figure 3.3 the maximum allowable
transmit power at the relays versus the mean SINR is plotted. The SINR
shown in Figure 3.2 is the worst case user SINR and not the balanced SINR.
This means that the simulations have been performed without controlling
the power usage at the transmitters. In Figure 3.4 the same simulation has
been performed but this time the balanced SINR is calculated. The maxi-
mum allowable power at the transmitters is P; = 2. From these two Figures,

it can be noticed that the performance of the users is improved as the maxi-
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Figure 3.2. SINR histogram. SINR is shown in linear scale
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Figure 3.3. The mean SINR versus the maximum allowable transmit
power P,,..(Watts) at the relays for a network with 3 relays without
controlling the power usage for each user.

mum allowable transmit power at the relays is increased and that the second
Figure has better performance than the first one. In Figure 3.5 the mean
SINR versus different number of relays is plotted, while the maximum al-
lowable transmit power at the relays is fixed to Ppqe = 2. Again, it can be
seen that the performance at the receivers is substantially improved when

the number of the relays is increased.
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Figure 3.4. The mean balanced SINR versus the maximum allowable
transmit power P,,,, at the relays for a network with 3 relays.
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Figure 3.5. The mean SINR versus different number of relays for a
network with maximum allowable transmit power P,,,,=2 Watts.
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3.3 An iterative semidefinite and Geometric programming tech-
nique for the SINR balancing in two-way relay network

In this section a solution to the problem of designing distributed beamformer
and allocating power for a two-way multi-relay network is proposed. In such
a network, the relay nodes use AF relaying protocol to help two transceivers
exchange information in a bidirectional manner. Two-way AF relays have
been studied in [85,88,134]. However the SINR balancing problem for two-
way relay network has only been studied in [88], where one pair of terminals
is considered. The solution is based on the assumption that the phase of
the beamforming vector has to match the aggregated phase of the channel
coefficients from the relay to the two transceivers. In this section, a two-
way, multi-user AF relay is considered and an SINR balancing technique is
proposed, which uses a max-min fair design approach. The smaller of the
transceivers’ received SINRs is maximized subject to two constraints, the

total transceivers transmit power and the total relay transmit power.

3.3.1 System Model

The model shown in Figure 3.6 consisting of r relays and d source-destination
pairs is considered. All nodes of the network are single-antenna units and
can either transmit or receive information. For simplification purposes,
the sources-destinations on the left side of the Figure will be referred as
Transceivers 1 and the sources-destinations on the right side of the Figure
as Transceivers 2. The r x 1 complex vector x of the received signals at the

relays can be written as:

X = Z fpsp + Z 8qSq tV (3.3.1)



Section 3.3. An iterative semidefinite and Geometric programming technique for the SINR balancing

in two-way relay network 66

Figure 3.6. A relay network of d pairs of nodes and r relay nodes, all
single-antenna units.

where f;,, represent the flat fading channel coefficients from the pth source
of Transceivers 1 to the ith relay and g;, represent the flat fading channel
coefficients from the ith relay to the gth source of Transceivers 2 respectively.

Additionally, the following definitions are used: x 2 [z1 z2 --- z,]7, v =

ive - vl £ & [f1p fop - Frpl"s 8q = (919 920 -+ Grq)" 5 Sp» Sq are the
information symbols transmitted by the pth and gth sources of Transceivers 1
and 2 respectively and v is the r x 1 complex vector of the noise at the relays.
The ith relay multiplies its received signal by a complex weight coefficient
w;. As a result, the vector of the signals transmitted by the relays is given
by:

t=W'x (3.3.2)
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where W 2diag([w1,ws, - - - ,w;]). The received signals at the kth destina-

tion of Transceivers 1 and 2 are given by

d d
Y1k = fth +ny = fkTW(Z fsp + qusq + V) + nig
p=1 q=1
4 4 (3.3.3)
Yor = gt +ng = gZW(Z fsp + Z 8qSq + V) + nag
p=1 q=1

N1k, Nog is the receiver noises at the kth transceiver for Transceivers 1 and

2 respectively. Since a’diag(b) = b’ diag(a), we can rewrite (3.3.3) as:

d
Y1g = WHFkngQk + WHF]€ Z 8q5q + WHkakslk
q=1,q#k
d
+wiF, Z £,5, + WIFv + nyy, (3.3.4)
p=1p#k
d
yor = WGfysiy + wGy Z f,5p + W' Grgrso
p=1,p#k
d

+wiGr > gesg + WGy 4 ny, (3.3.5)

q=1,q#k
where F, =diag(fy,), G =diag(gy). The third term in (3.3.4) depends on the
signal s transmitted by transceiver k during the first time slot. As Fyfy sy is
known at transceiver k, the third term in (3.3.4) can be subtracted from yj
and the residual signal can be processed at the kth transceiver to extract the
symbol sg. Similarly, the third term in (3.3.5) can be subtracted from yo

to extract the symbol s;. That is, the residual signals 71 £ y1 — wZFyfisp
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and Yor, = yor, — w Grgrsy are expressed as:

d
ik = wHFrgesoe + W Fe > ggsy
q=1,g#1
d
+wiFe Y fysp + wHFw + nyy (3.3.6)
p=1,p#1

d
ng = WHkakslk +WHGk Z fpSp +
p=1,p#1

d
+wl Gy, Z 8qSq + wil Gy + nog (3.3.7)
q=1,g#1

and can be used at the corresponding transceivers to extract the desired

information symbols.

3.3.2 SINR Balancing

The optimal powers Py, Py of the Transceivers 1 and 2 should be obtained,
as well as the relay weight vector w through maximizing the worst-case user
SINR under a total power constraint. Mathematically, the optimization
problem is formulated as:

in(SIN IN
T

d d (3.3.8)

s.t. Zplk"i_ZPQkSPdmama PRSPRma:c
k=1 k=1

where SINR;jg, SINRog, is the receive SINRs at the kth transceiver for
Transceivers 1 and 2 respectively, Pr, Prma: is the actual and the given
maximum transmit power at the relays and Py, is the given maximum
total allowable transmit power at the users, p; = [P11 Pia--- Pig], p2 £

[Po1 Paa--- Payl, and p1 = 0, p2 = 0 means that all entries of the vectors

P1, P2 are non-negative.
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Using (3.3.2) the total transmit power at the relays can be expressed as:
Pr = E{t"t} = w/'Dw (3.3.9)

where D £ E{X/X}, X £diag(x).

Using (3.3.1) the matrix D can be written as:

d d
D=> P,FyF” + ) PyGqGq" + 0’ (3.3.10)
p=1 q=1
In order to derive the expressions for SINR;x, SINRgs, that represent the
desired signal component power P¥, the interference power Pik and the noise

power P¥ at the kth destination of the Transceivers 1 and 2 are calculated.

The kth desired signal power at the Transceiver 1 can be obtained as:

P = E{w"Figrgt Fi wiE{[sox|*} = PuE{w" (fr © &) (£ © g’ )w}

= Pyw?E{h;hf }w = Py wlRiw
(3.3.11)

and at the Transceiver 2 as
P — pwlRFw (3.3.12)

where hy, £ (£, 0gx) = [fikg1k forgor - fregrk)” and R £ E{h;h/’}. The
vector hy contains the total path coefficients between the kth source and its
corresponding destination via different relays.

Denoting Dy, = {1,2,...,d} — {k} and using (3.3.6), the interference power

at the kth destination of Transceiver 1 is given by:

Pt — E{WHFk< S P+ Y p,,f,,f;f> Fgw}

qeDy, peDy,

- E{WH< Y Pl o) (B ogg) + Y Po(fe © £) (£ @ff))w}

(]ED}C p€Dk
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=w'( Z PQix + Z PpDig)w = wiTyew (3.3.13)
qeDy peDy,
where
h 2, 0 g, Que 2 Y hi(h))” and Dy, 2 Y (£ 0 £,) (K © £1).
qeDy, peDy,

The interference power at the kth destination of Transceiver 2 is given by:

P2k — wh( Z PpQa + Z PDop)w = w Topw (3.3.14)
peDy qeDy,
where
b L 60 gy, Qu 2 3 W) and Doy 2 3 (g 0 ) (el © 8.
peDy qeDy,

Using (3.3.6) and Assumption A4, the noise power at the kth destination of
Transceiver 1 is written as:

(3.3.15)

P — B{(wiF o Flw) + 02 = WHRIJ?W +o?

and Transceiver 2 as:

where R’;e = a,%Fka and RZ = agGkaH.

Before using the above derivations to rewrite the optimization problem,
we note that (3.3.8) is equivalent to two subproblems. The first one, cal-
culates the relay weights {w;};_; and maximizes the worst case user SINR.

Hence, it is formulated as:

max min(SINR, SINRgg)

s.t. Pr < Prmaz, k=1,---.,d

where Pprpq: is the maximum allowable total transmit power of the relays.

Using (3.3.10) to (3.3.16) and defining W 2 ww', the optimization
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problem in (3.3.17) is written as

e min( Tr(Po REW) Tr(PREW) )
Wk Tr((Tig + RE)W) + 02" Tr((Ta, + REW) + 03

s.t. Tr((DW) < Prpae for k=1,2,--- .d (3.3.18)

Rank(W) =1, W >0

The rank constraint in (3.3.18) is not convex. Using a semidefinite relaxation
[38], optimization problem is formulated as follows:
max ¢
Wt
s.t. To(W (Py,RE — t(Tq + RY))) > o2t,
(W(Py Ry, — (T, + R}))) > 0y (3.3.19)
Tr(W (P Rj — t(Tar + RY))) > ot

Tr(DW) < Prpar for k=1,2,--- d

Due to the relaxation, the matrix W* obtained by solving the optimiza-
tion problem in (3.3.19) will not be of rank one all the time. If W* happens
to be rank one, then its principal eigenvector yields the optimal solution to
the original problem. Otherwise alternative techniques such as randomiza-
tion techniques have to be used (e.g. [136,139,140]), to obtain a suboptimal
rank-one solution from W¥*. The probability of obtaining higher than rank-
one solution at varying users is summarized later in the Table 3.3. The
simulation parameters for this Table are mentioned at the Simulations sub-
section.

For any fixed value of ¢ the set of feasible W in (3.3.19) is convex. It
follows that the optimization problem in (3.3.19) is quasi convex [40]. To
solve (3.3.19), the following observation has to been used. Let ¢4, be the

maximum value of ¢ that is obtained by solving the optimization problem
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(3.3.19). If for any given t, the convex feasibility problem

find W

s.t. Tre(W(Py R — t(Tyy, + RE))) > ot
(3.3.20)
Tr(W (PR}, — t(Ta + Ry))) > ot

Tr(DW) < Prpas for k=1,2,---.d W =0

is feasible, then t,,,, > t. Conversely, if (3.3.20) is not feasible, then t,,4, <
t. Based on this observation, one can check whether the optimal value £, of
the quasi-convex problem (3.3.19) is smaller or greater than any given value ¢
using a bisection technique and solving a convex feasibility problem at each
step. Starting with a preselected interval [[,u], that contains the optimal
value ty,qz, the convex feasibility problem at the midpoint ¢t = (I 4+ u)/2 is
then solved, to determine whether the optimal value is larger or smaller than
t. If (3.3.20) is feasible for this value of ¢, then | =t is set, otherwise, u = ¢
is chosen and the convex feasibility problem in (3.3.20) is solved again. This
procedure is repeated until the difference between u and [ is smaller than
some preselected threshold 6.

It should be noted that the optimization in (3.3.19) maximizes the worst
case user SINR. If the number of relays is substantially higher than the
number of users, all users SINR will tend to be equal to the worst case
user SINR t,4,. However, in general, this optimization at the relay will
not be able to ensure SINR balancing. This is because, unlike transmit
beamforming techniques [17], the relay transceiver has the inability to control
the power usage for each user separately at the relays. Therefore, in order
to balance the SINR of all users, transmission power control at the source
level is essential, using the following GP approach.

Optimization of SINR with regards to the power at the transmitters P,

Py is considered, when the relay coefficient vector w is fixed. In this case,
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the following optimization problem has to be solved:

in(SINR;., SINR
plgéfg;tom,gn( 1k %)

J J (3.3.21)
S.t. ZP1k+ZP2k§Pdmax
k=1 k=1

where Pj,,q. is the maximum allowable total transmit power at the trans-
mitters.
Using (3.3.11) to (3.3.16) and assuming that the relay weights {w;}]_,

are fixed, the optimization problem in (3.3.21) is rewritten as:

k
max min( ParG) )
P10 kN PEF+ Y PFF 4+ Ny,
qeDy peDy,
k
max min( PG )
P20 kN PEF 4+ ) PFY 4+ Ny,
peDy, qeDy
d d
st. Y P+ Pou < Pima (3.3.22)
k=1 k=1

where GF £ Tr(RfW), E* £ Tr(QuW), E¥ £ Tr(QuW), FiF £
Tr(D1, W), F3¥ £ Tr(Dy W), Ny, 2 Tr(RFW) and Ny, 2 Tr(REW).

The above problem can be rewritten as:

max_ ¢
P1,p2,t

d d
st. > P+ Y Pu < Pimaa-
k=1 k=1

Ef Y PPt Y PP+ Ny Pyt < G
qeDy, peDy,

(3.3.23)

EY Y BPt+FF Y PP+ Ny Pl < GY
peDy, qeDy

The problem (3.3.23) is convex and belongs to the class of GP [137]. As a

result, it can be efficiently solved using numerical methods such as cvx [138].
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The iterative SINR-balancing algorithm is summarized in Table 3.2.

Table 3.2. Algorithmic solution of the SINR balancing problem

1) Initialize P\ = [1,... 1)7, P =1, . 1]".

2) Repeat

3)  Solve (3.3.20) with fixed P14, P24 to obtain an updated W.
4)  Solve (3.3.23) with fixed W, to obtain an updated P14, Pag.
5) Until the SINR converges.

3.3.3 Simulation Results

In order to assess the performance of the proposed SINR balancing technique,
two numerical examples are considered. A network of 2 source-destination
pairs is assumed. The noise power at the relays and at the receivers is as-
sumed to be equal to 0.1. The initial signal power at each source is equal
to 1 and the maximum allowable sum power at the transmitters is set to
Piae = 4. In Figure 3.7 the maximum allowable transmit power at the
relays versus the mean SINR is plotted for a network with 5 relays. From
this Figure, we see that the performance of the users is improved as the max-
imum allowable transmit power at the relays is increased. In Figure 3.8 the
mean SINR versus different number of relays is plotted, while the maximum
allowable transmit power at the relays is fixed to P4, = 5. Again, it can be
seen that the performance at the receivers is substantially improved when
the number of the relays is increased. Finally, for producing the results of

Table 3.3 a network of 5 relays with Py, = 5 is assumed.

Table 3.3. The probability of non-one rank solution for various num-
bers of users

Users: 4 6 8 10
Probability :0.005 0.11 0.23 0.4
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Figure 3.7. The mean SINR versus the maximum allowable relay
transmit power P,,,, at the relays for a network with 5 relays.

15

Mean SINR
=
=)
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Relays

Figure 3.8. The mean SINR versus different number of relays for a
network with maximum allowable transmit power P,,,,=5

3.4 SINR balancing techniques for a cognitive radio relay network

with multiple peer-to-peer users

In this section, an SINR balancing technique for a CR based peer-to-peer
relay network is proposed. The main motivation behind this, is that the
radio spectrum is becoming a scarce resource due to ever increasing growth

in wireless devices and emerging high data rate interactive and multimedia
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applications. Most of the useful spectrum with good propagation charac-
teristics is already very crowded and not much spectrum is available for
emerging and future generations of wireless networks. CR [25] is a dis-
ruptive technology that has the potential to provide solutions for spectrum
scarcity. The idea of CR technology originated from the observation that
the licensing based conventional radio spectrum allocation is inefficient as
the spectrum is under utilized most of the time at various geographical lo-
cations. Hence a dynamic spectrum allocation based on CR principle is
actively considered for future generations of wireless networks. The basic
idea behind CR technology is that an opportunistic user (namely secondary
user) could access the spectrum of the licensed user, namely PU, provided
that the SU transmissions do not affect the PU network harmfully. There
are generally three types of CR networks namely overlay, underlay and inter-
weaved networks [141]. In the interweave approach, cognitive transmitters
are required to sense availability of spectrum and transmit signals only when
frequency holes are available. This is also known as white space filling. In
the overlay approach, the secondary users help the primary users to offset
the interference caused by the secondary transmission by assisting and re-
laying PU signals. For the underlay approach, the SUs could coexist with
the PU network; however they need to ensure the interference caused to the
primary receivers is below a predefined threshold to ensure that the primary
network is not affected harmfully.

In this section, resource allocation techniques for an underlay CR re-
lay network with multiple peer-to-peer users are considered. All SUs have
single antenna at their transmitter and the receiver, hence interference free
simultaneous transmission of signals is not possible for the CR transmitters.
However, multiple MIMO relays placed between the paths of the transmit-
ters and the receivers can perform spatial multiplexing of the transmitted

multiuser signals and forward them to the corresponding receiver destina-
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Figure 3.9. The two-way multi-antenna relay channel with multiple
users
tions by appropriately processing the received signal at the relay through a

set of transceiver matrices.

3.4.1 System Model

As shown in Figure 3.9, a collaborative relay network consisting of one PU,
N relays and K number of secondary peer-to-peer users is considered. No
direct communication link between the transmitter and the receiver of the
secondary users is assumed. The channels are assumed to be quasi-static
flat-fading. In this scenario, the SUs use relays to enhance their spectrum
efficiency and to increase coverage, while the interference leakage to the PU
must be below a certain threshold. During the first time-slot, the K users
transmit their data simultaneously to the relay node. In the second time-slot,
the relay retransmits the received data towards the receivers of the secondary

users. Our model consists of a set of NV cooperative relays each equipped with
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M antennas. The transmitter and the receiver of each secondary user consist
of a single antenna. Let h;, represent the flat fading channel coefficient
vector from the ith source to the pth relay and g, represent the flat fading
channel coefficient vector from the pth relay to the jth destination. The

received signal at the relays yr € CMV>1 can be written as:
K
YR = Zhi\/PiSi + nR. (3.4.1)
i=1

where the following definitions are used: h; £ [h} hl, ... hiy|T, s, is the
1th source transmitted signal with the corresponding power P; and ng is the
MN x 1 complex Gaussian noise vector at the relays. The noise power at
the relays is 012%. In the second time slot, the relays process the signals and
retransmit the received data towards the secondary users’ destinations. The

linear operation at the relays can be represented as:
XR = WyR7 (342)

where xg € CMN*1 is the transmitted signal at the relays and W €
CMN)X(MN) is the relay processing matrix, W = blkdiag{W7,..., W},
where Wy is the relay amplification matrix at the kth relay. The received

signal at the kth secondary user destination is given by:

K
Y = gZXR + TLngW Z h;\/FP;s; + g%WnR + ng, (343)
i=1
where g; = [gfl g;-g g?N]T and ny is the receiver noise at the kth

secondary user destination. The signal v received at the PU is written as:

K
v = zTWyR +ny = zTWZhi\/Pisi + zTWnR +ny
i=1
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where z = [z17 ...zNT]7 is the vector of channel coefficients between the
PU and the cognitive relays, and n, is the noise at the PU receiver. The
channel state information between the relays and PU can be obtained based
on cooperation. The required protocols to obtain these channel state infor-
mation have been provided in [142], [143].

The transmitted power at the relays is equal to:
K
Pr = Te(E{xpx}) = > _[[Whi||*P; + Te(WW ). (3.4.4)
i=1
The interference and the relay noise leakage to the PU is formulated as:
K
Pr =) |2"Wh|’P; + [[WHz"||o%. (3.4.5)
i=1

For later analysis, we have to formulate the SINR cost function. Thus, the

received signal power at the kth secondary receiver is written as:
PF = |gF'Wh, 2P, (3.4.6)

The received interference power at the kth secondary receiver is given as:

K
Pf= > |giWh,[*P, (3.4.7)
Jj=1,j#k
The thermal noise power at the kth secondary user destination can be written

as:

PF = |WHgi||?0% + o} (3.4.8)

3.4.2 Optimization Problem

Our goal is to jointly adjust the relay coeflicient weights and the transmission
powers to maximize the worst case user SINR (i.e. SINR balancing), while

keeping the interference leakage Pr to the PU below a certain threshold.



Section 3.4. SINR balancing techniques for a cognitive radio relay network with multiple

peer-to-peer users 80

Thus, the problem is formulated as P1:

P1: max minSINRy

pzOW &k
K
s.t. Zpk < PKmaz:
i=1
Py < PImzzma PR < PRmaz (349)

where SINRy, = Pi’“PT;CP,’f is the receive SINR at the kth secondary user receiver,
Prinar and Prmee are the given maximum total allowable transmit power
at the relays and the secondary source transmitters, Prpq. 1S the maximum
allowable interference leakage to the PU receiver, while p 2 [P ... Px| and
p ~ 0 means that all entries of the vectors p are non-negative. Next, we
break the above problem into two subproblems P1(a) and P1(b). The first
Pl(a), aims to maximize the worst-case user SINR over all possible relay
beamforming weights.

Pl(a) : max min SINRy
\)\% k

s.t. Pr < Prmazs Pr < Prmaz, (3.4.10)

while the second P1(b), aims to balance all the users’ SINR over all possible

transmission powers.

P1(b) : max min SINRy
p=0 k

K
s.t. Z-Plc < PKmaxa
k=1
P; < Praa- (3.4.11)
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The first subproblem P1(a) can be written equivalently as:

max t (3.4.12)
Wt
s.t. SINRjy >t

PRSPRmama PISPImam-

Next, we focus on how to solve problem (3.4.12). For the convenience of
analysis, we modify PF, P¥ and P* as follows.
Using the Kronecker product identity Vec(AXB) = (BT @ A)Vec(X) and

by defining wy = Vec(Wy), the equations (3.4.6), (3.4.7) can be rewritten

as:
Pf = |(hf; @ gi)w1 + ...+ (hiy ® giywn)[* P (3.4.13)
K
P = Z (b}, ® giy)wi + ... + (hjy @ gly)wn|*P) (3.4.14)
j=1
itk

Let fp = [(hf; @ gf)) ... (hiy @ gly)], aix = [(b]; @ gf)) ... (W] @ gly)]
and x = [wi ... wi]T.

Then it follows from (3.4.13) and (3.4.14) that:

P = |fix* Py

K
Pf =" |apx|*P;. (3.4.15)

j=1

Gk

Furthermore, by defining:
Gy = blkdiag{Gy1, ..., Gpn}, for k=1,... K, (3.4.16)
gknlyl 0 gan,l 0

G = - (M, 1) (3.4.17)

0 gkn(l,l) 0 g;m(M,l)
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forn=1,... N, we have |[Wlgr||? = ||Gex||2 and (3.4.8) becomes:
PF = ||Gx||?0% + o7 (3.4.18)

Using above transformations, (3.4.5) can be rewritten as:

K
Pr="> " |t;x]’P; +||Z2"x"||*0% + oy, (3.4.19)
j=1
because ||ZFx*||2 = |[WHz*||2. The matrix Z has been generated from z in

a similar way that Gy, has been from g1 Moreover, t; = [(h]T1 ®zl)... (h]TN®

z")]. Next we can express Pp in (3.4.4) as Pp = Yr, |Hyx||2P; +

Tr(xx)o%, where
Hy = blkdiag{Hy1, ..., Hin?}, for k=1,... K (3.4.20)
Hy, = blkdiag{hyy, ..., hy}, forn=1,...N (3.4.21)

Using the above transformations, (3.4.12) can be rewritten as

max t
x,t
subject to
|fex|* Py
K ~ i )
> =1 1djkx2P; + [|Gxl|20% + o}
J#k
fork=1,... K
K

Y l6x* Py + |1Z7x"| 0%, < Prona,

j=1
K
> Hx|[? Py + Tr(xx")o% < Pr.
j=1

(3.4.22)

The above problem is still non-convex. However, the optimal solution could
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be obtained via a relaxed SDP.
We first define: X = xx, ©® = Zszl ﬁfﬁkPk + o031, Ex = fiffl, Dy =
qj,kqfk, Nk = ékHlékO']Q%, C; = tjt}{.

Then problem (3.4.22) can be equivalently rewritten as:

max t
x,t
T
s.t. HBEX) >,
Zj:l TI“(DjX)Pj + Tl"(NkX) + O}
J#k
fork=1,... K
K ~ ~
ZTI‘(CJX.P]) + ZHZU%{ < Prmaazs
j=1
Tr(©kX) < Pp
Rank(X) =1, X>0. (3.4.23)

The above problem is still not convex due to the rank-one constraint.
However, if we remove this constraint, the problem is relaxed into a SDP

problem formulated as:

max t
x,t

Tr(P,ExX) -,
>2j=1 Tr(D;X) P; + Tr(NyX) +ofp —
ik
fork=1,...K
K

ZTI‘(CJXP]) + ZHZO’%{ < Prnaz
j=1
Tr(©X) < Pr, X = 0. (3.4.24)

s.t.

The above relaxed SDP can be solved using standard convex optimiza-
tion toolbox. Note that the above subproblem only maximizes the worst
case user SINR, but may not balance the SINR, of all users. This is because,
unlike transmit beamforming techniques [17], the relay transceiver has the

inability to control the power usage for each user separately at the relays.
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Therefore, in order to balance the SINR of all users, we need to control the
transmission power at the source level.

For this purpose, we solve problem P1(b):

. TI‘(PkEkX)
max min 5
p-0 k Zj:l Tr(DjX)Pj =+ Tl”(NkX) + oj,
J#k
fork=1,...K
K
s.t. Zpk < PKma33>
k=1
K ~ ~
> Tr(CiXP)) + Z"Zok < Prinaa- (3.4.25)
j=1

The above problem can be written as:

max t s.t. to
p1t

D Tr(D5X) P + Te(NiX) + o < Tr(EyX) Pt

j=1
Gk
fork=1,...K
K
Z Pk < PKmaam
k=1
K ~ ~
> Tr(CjXP)) + Z¥Zok, < Prmas (3.4.26)
j=1

The problem (3.4.26) is convex and belongs to the class of GP [137] . As a
result, it can be efficiently solved using interior point methods [138].

Based on the above we get the following algorithm for P1:

3.4.3 Simulation Results

The performance of the proposed scheme is assessed with the help of two
numerical examples. The elements of channels H, G and Z are assumed to
be circularly symmetric complex Gaussian (CSCG) variables with zero mean

and unity variance. The noise variance at the destination nodes and at the
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Table 3.4. Algorithmic solution of the SINR balancing problem

1) Initialize p.

2) Repeat

3)  Solve problem P1(a) to obtain optimal value of W

4)  Solve problem P1(b) to obtain optimal value of p

5)  Update the old values of p before solving P1(a)

6) Until SINRcurrent - SINRprevious S &,

where ¢ is a small positive constant for controlling the accuracy
The converged value of SINR is the optimal solution of SINR
in (3.4.11).

relay was set to 0.1W and the stopping criterion for the iterative method
was set to 1073,

In the first example, we study the effect of the different maximum allow-
able relay transmit power Pgy,q. to the mean SINR for a two-user network
with four relays, each equipped with two antennas. The maximum transmit
power at the users is Pxme:=10W and the maximum allowable interference
leakage to the PU is Pr;0.=0.2W. In Figure 3.10 it is observed that the
mean SINR increases as the maximum allowable relay power increases.

In the second example, a two-user network with different number of relays
is simulated, each of them equipped with two antennas. The maximum al-
lowable relay transmit power Pgy,q=5W and the maximum transmit power
at the users is Primqe=10W. The results were generated by using a Monte
Carlo experiment with 100 independent realization of the channel gains. As
can been seen in Figure 3.11, the average mean SINR increases as the num-

ber of relays in the network increases.
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Figure 3.10. The mean SINR versus the maximum allowable relay
transmit power Prq. at the relays for a network with 2 users on both
sides, 4 relays, equipped with 2 antennas each and Pr,,,=0.2W.
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Figure 3.11. The mean SINR versus different number of relays for
a network with maximum allowable transmit power Pg,..=5W and
Pra:=0.2W.

3.5 An SINR Balancing Technique for a Cognitive Two-Way Re-
lay Network

In this section the SINR balancing technique proposed in section 3.4, is ex-
tended to a two-way AF relaying scheme with multiple source-destination
pairs of SUs under a CR environment. The aim is the design of relay beam-
forming complex coefficients in order to maximize the worst-case SU SINR

subject to total transmit power constraint, while ensuring that the interfer-
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Figure 3.12. The two-way multi-antenna relay channel with multiple
users

ence leakage to PUs is below specific thresholds.

3.56.1 System Model

A wireless two-way cognitive relay network is considered, which consists of K
single-antenna source-destination pairs and L multiple-antenna relay nodes,
each equipped with M antennas, all operating in the same frequency band
allocated to IV single-antenna PUs PU,, n =1,..., N. The pair of sources k
and K + k exchange messages through the set of L relays. All the channels
are assumed to be independent, frequency-flat Rayleigh block-fading and the
channel links are established through a two-step AF cooperative scheme. In
the first step, the 2K sources transmit simultaneously their source informa-
tion to the L relays. In the second step, the L relays amplify their respective
faded mixtures of their received signals and relay them to the destination

receivers. Let si be the information symbol transmitted by the kth source,
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which transmits with power pg, i.e. E{|sg|?} = pp for k = 1,...,2K. Tt
should hold that

1'p< Py (3.5.1)

where p £ p1-.. pgK]T and P; is the total power available at the sources.
Let hyy 2 [hug, - .., hane)” stand for the channel between the kth source and
the lth relay, then we introduce hy = [thk, .. ,hgk]T. Thus, the (ML x 1)

received signal vector at the relays is given by

2K
Yr= Y hgsp+ng (3.5.2)
k=1

where ng = [nf ... nT]7 contains the noise components present at the relay

and the noise components are assumed to be zero-mean, spatially uncorre-
lated and unity variance. The [th relay multiplies its received signal by a
processing matrix W;. Thus, the vector of signals transmitted by all relays

is given by
xp = WynRr (3.5.3)

where W = blkdiag{W; ... W_}. From (3.5.2) and (3.5.3) the relays’ total

transmit power is given by

2K
P, = E{xjixg} = Z [Why||*py + Tr(WWH)
k=1
2K
= > ||Agb|]’pi + Tr(bb™) (3.5.4)
k=1

where

Ak = blkdlag{Akl . 'AkL}7 for k = 1, ceey QK,

Mtimes

—
Ay, = blkdiag {hy; ... hy}, b = [wi ... wl]T and w; = Vec(W)). It is also

required that

P. <P, (3.5.5)
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where P» is the upper-bound on the relays’ total transmit power.

Let £,y = [fin--- farmi)? denote the channel gains between the Ith relay
and the nth PU, f, = [f], ... fT]T the channel gain between all the relays
and the nth PU and If is the acceptable interference power threshold caused

by the relays on PU,, then it should hold that

2K
EB{IEIxrl’} = Y IfT Why[pi + [[WE,||* + o7
k=1
2K
= > [tib’pe+ |[Fub||* +0p < IfF
k=1
forn=1,2,...,N (3.5.6)

where t;, = [(h], ® fT)...(h, ® £1)] has been obtained by applying the

Kronecker product identity Vec(AXB) = (BT ® A)Vec(X) and

Mtimes

——f—
F, = blkdiag{F,; ... F,p}, forn=1,...,N, F,; = blkdiag {f,; ... £, }.

The received signal at the kth destination is given by
2K
Y = hsz +ng = hng h;s; + h;‘anR + ng

i=1
(3.5.7)
where ny is the noise at the kth destination. Note that the first term of
the above equation contains the self-interference hys;. Assume that hy is
known at kth user via training-based estimation [57] before data transmis-

sion. Thus, kth receiver can subtract its self-interference from y;. From

(3.5.7), subtracting the self-interference, we obtain:

2K 2K
Je =h{W> his; + hf Wng + ng = hf Whys; + hfW > hs;
Zh ik
+hIWnpg + ny (3.5.8)

where

K+k itkE<K

-K+k ifk>K



Section 3.5.  An SINR Balancing Technique for a Cognitive Two-Way Relay Network 90

The first term of (3.5.8) is the desired signal, the second is the interference
and the last two terms describe the total noise received at the kth destina-
tion.

Thus, the received signal and interference power at the kth receiver may be

represented as:

PF = |h{Wh;[*p; = |dxb|*pk

s

2K 2K
Pl =) |hfWhi|’p; = ) |q;b*p;
ik ik

(3.5.9)

where
d, = [(hrfj ® h{k) ... (hfj ® hfk)] and q; = [(hr{Z ® hfkr) ... (h:LFZ ® h:LFk)]

The aggregated noise power received at the kth destination is

Py = |[Why||* + o} = [[Ngb|[* + o}

n

(3.5.10)
where
Ny = blkdiag{Ny; ... Ny}, for k =1,...,2K and
Mtimes
—
Nkl = blkdlag {hkl e hkl}
Using (3.5.9), (3.5.10) the SINR at kth destination is:
d;.b|?
SINRk(p,b) _ — ’2]€ ’ Pk - -
> Ci=1 |aib*p; + ||[Ngb||?> + o
1#k,j
(3.5.11)

3.56.2 Optimization Problem

The design goal is to jointly adjust the relay coefficient weights b and the
transmission power vector p to maximize the worst user SINR (i.e. SINR
balancing), while keeping both the interference leakage to the PUs and the

total transmit and relays’ powers below a certain threshold. Thus, the prob-
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lem is formulated as P1:

P1: max
p=0,b

s.t.

in SINR b
1&%%}{ k(p.b)
1'p<p

2K

> 1|Agb|[’pi + tr(bb”) < P,

k=1

2K

S 6By + |[Fab|? + 02 < IE,

k=1

forn=1,2...N (3.5.12)

The above optimization problem is not convex with respect to both design

parameters b, p and is thus difficult to solve jointly via standard convex op-

timization techniques. Therefore we need to break the above problem into

two subproblems P1(a) and P1(b).

The first P1(a) aims to maximize the worst-case user SINR over all pos-

sible relay beamforming weights b for a given sources’ transmit power.

Pl(a):
(a) max

s.t.

min SINR,
1<k<2K

2K
> " [|Akb|[*py, + tr(bb") < Py

k=1

2K

> [tk by + [[F,b|* + op < I,

k=1

forn=1,2...N (3.5.13)

while the second P1(b), aims to balance all the users’ SINR over all possible

transmission powers for the given beamforming vectors.

P1(b) : max
p=0

s.t.

min SINRg
1<k<2K
1"p<p
2K
Z |Axb||*pi + tr(bbf) < P,
k=1
2K
S [tF by + [Fabl? + 02 < 17,
k=1
forn=1,2...N (3.5.14)
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Introducing B = bb”, D;, = dpdf, Qp = qiq/’, N = NN/ R, =
AkAkH and T}, = tktkH + F,F the first subproblem P1(a) can be written

equivalently as:

max t
B,t
Tr(D,B
Sy p— (DB > t,
ik,

fork=1,...,2K
2K
> ppTr(RiB) + Tr(B) < P,
k=1
2K
Zkar(TkB) + 02 < Ik
k=1
form=1,2...N
rank(B) =1, B > 0. (3.5.15)

Due to the constraint rank(B)= 1, the optimization problem in (3.5.15)
is not convex. Hence we remove the rank constraint so that the problem is

relaxed into SDP [136], [144] as follows:

max t
Bt
s.t. 5K Tr(DiB)p 5 = b
Zi%]_ piTr(QxB) + Tr(NB) + o,

fork=1,...,2K
2K
> prTr(RyB) + Tr(B) < P
k=1
2K
> ok Te(TyB) + o5 < IF,
k=1
forn=1,2...N
B>0 (3.5.16)

For any given ¢ = t, the feasible set in (3.5.16) is convex. Given the con-

vexity of the above SDP problem, the optimal solution could be efficiently
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found by using bisection method. By solving (3.5.16), we obtain the maxi-
mum value of t that satisfies the constraints and the corresponding value of
B.

SDP relaxation usually leads to an optimal B with rank one for the prob-
lem in (17). However, if rank of the matrix B turns out to be greater than
one, randomization techniques [145] can be used to obtain a rank one solu-
tion.

Note that the above subproblem only maximized the worst case user
SINR. However, if the number of the relays is substantially higher than the
number of users, the resulting SINR will tend to be equal for all users. This is
because, unlike transmit beamforming techniques [17], the relay transceivers
has the inability to control the power usage for each user separately at the
relays. Therefore, in order to balance the SINR of all users, we need to
control the transmission power at the source level.

For this purpose, we solve problem P1(b):

. Tr(DyB)px
max min
pr0  1<k<2K 22% piTr(QiB) + Tr(NB) + o2
7Ry
s.t. ]_Tp < P1
2K
> prTr(RyB) + Te(B) < P,
k=1
2K
> prTe(TyB) + o < I,
k=1

forn=1,2...N (3.5.17)
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The above problem can be rewritten as:

max ¢
p=0,t

s.t. 1Tp < P1

2K
t Z piTr(QB) + Tr(NB) + o} | < Tr(Dy.B)py
i
2K
> prTr(RyB) + Te(B) < P
k=1
2K

> ppTr(TyB) + o < IF,

k=1

forn=1,2...N (3.5.18)
The problem (3.5.17) is convex and belongs to the class of GP [137] . As a

result, it can be efficiently solved using interior point methods [138].

Based on the above we get the following algorithm that optimizes p and b:

Table 3.5. Optimization of the relays’ beamforming vectors and
sources’ power

1) Initialize p > 0.
2) Repeat
2a)  Solve problem (3.5.16) to obtain optimal value of B

if B is rank-one, then the principal eigenvector

of Bisb

if B is of higher rank we use randomization

techniques to obtain b
2b)  Solve problem (3.5.18) to obtain optimal value of p,

for given b

2c)  Update the old values of p before solving (3.5.16)
3) Until SINRcyrrent — SINRppevious < € where € is a small
positive constant for controlling the accuracy of the algorithm.
The converged value of SINR is the optimal solution of SINR
in (3.5.12).
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3.6 Simulation Results

In order to assess the performance of the proposed scheme three numerical
examples on the achievable mean SINR with different number of users, relays
and relay powers are considered. For convenience, all PUs’ and SUs’ channel
coefficients hy, f,, are modeled as Gaussian random variables. Figure 3.13
shows the mean SINR for different number of maximum allowable transmit
power at the relays for a network with 2 secondary users on both sides,
2 relays, each of which is equipped with 2 antennas and 1 PU. Moreover,
in all the simulations the noise power at the relays and at the transceivers
is assumed to be equal to 1 and 0.1 respectively. It is observed that the
achievable SINR is increased as the maximum allowable transmit power gets
larger. In Figure 3.14, we show the achievable mean SINR for different num-
ber of secondary users, for a network with 2 relays, each equipped with 2
antennas and one PU. As the number of users decreases, the performance
at the transceivers is improved. The maximum allowable transmit power at
the relays is 10W. Finally in Figure 3.15 the mean SINR versus different
number of relays is plotted. The maximum allowable transmit power at the

relays is set to bW and each of the relays is equipped with one antenna.

mean SINR

6 10
Prmax(W)

Figure 3.13. The mean SINR versus the maximum allowable relay
transmit power P, at the relays for a network with 2 users on both
sides, 2 relays, equipped with 2 antennas each and P;=TW.
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mean SINR

Users

Figure 3.14. The mean SINR versus different number of users for a
network with 2 relays, each with two antennas and maximum allowable
transmit power P,=10W and I'=7W.

15

mean SINR
[S=Y
Q

3 4 6 8 10
relays

Figure 3.15. The mean SINR versus different number of relays for a
network with maximum allowable transmit power P,=5W and I7*=7TW.

3.7 Conclusion

In this chapter, an SINR balancing based relay signal forwarding scheme was
proposed for peer-to-peer networks. First, a one-way AF relay network with

multiple users and single-antenna relay nodes was considered. Then, for
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enhancing the total network throughput, a two-way AF relay network was
considered. Additionally, in order to meet the needs for emerging and future
generations of wireless networks, both sources and relays were assumed to be
part of a cognitive radio network. More specifically, the cognitive terminals
i.e., secondary users, are considered to access the spectrum occupied by
the PUs, given that the interference they cause to the PUs is less than a
certain threshold, such that PUs can be protected. This setup has also been
extended for a cognitive two-way relay network and for relay nodes with
multiple antennas in order to improve the quality of the received signal. It
was demonstrated that the relay beamforming problem can be solved using
SDP and the power allocation problem can be solved using GP. The final
solution consists of an iterative procedure between the beamforming design
and the power allocation. Simulation results have been provided to validate
the performance of the proposed spatial multiplexing and power allocation

techniques.



Chapter 4

TRANSMITTER-RECEIVER
AND RELAY OPTIMIZATION
FOR SPECTRUM SHARING
MULTIPLE-INPUT AND
MULTIPLE-OUTPUT
PEER-TO-PEER USERS

In this chapter a spectrum sharing peer-to-peer relay network is considered
where multiple source nodes with multiple antennas communicate with their
desired destination nodes with multiple antennas through a MIMO relay.
The work available in the literature on peer-to-peer network [146] consid-
ers multiple users with multiple antennas at the transmitters and receivers,
however, only one data stream per user was considered. Hence beamformers
are used at the transmitter and receiver. However, if multiple data streams
are to be considered for each user, the transmitter and receiver processing
units should be matrices instead of beamformers. Such a network with mul-
tiple data steams for each MIMO wuser is considered in this chapter. The
focus is on optimizing the MMSE of the peer-to-peer MIMO relay network
with linear transmit and receiver filters. In the first transmission phase K
multiple-antenna sources transmit their signals through a spectrum shared
channel and a multiple-antenna relay receives differently faded and noisy

mixture of the source signals. In the second phase, the relay linearly pro-

98
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cesses its received signals and then retransmits them to the destinations.
The goal is to determine jointly the optimal precoding, receiver and relay
processing matrices that minimize the weighted sum-MSE, while concur-
rently satisfying constraints in terms of the total transmission powers of the
sources and relay.

As the first step to solve this optimization problem, it is shown that
for any multipoint-to-multipoint MIMO network with linear beamformers,
a dual equivalent network exists that attains the same MSE under a total
power constraint. More specifically, the duality that preserves the individ-
ual users’ MSEs in a peer-to-peer network is derived. Early work on this
field focused on the MSE duality of the broadcast and multiple access chan-
nels [147], [148]. This property is then used to transform the optimization
problem to an equivalent one that provides an iterative solution. The pre-
coding and receiver filters for a given relaying matrix are shown to be the
solutions to an alternating optimization-based algorithm, while for a given
set of transmitter and receiver filters, the relaying matrix optimization is

formulated using second order cone programming (SOCP).

4.1 System Model and Problem Formulation

A peer-to-peer network depicted in Figure 4.1 is considered that consists of
K pairs of multiple-antenna transceivers and one MIMO relay. The source
and the destination of the kth pair are equipped with N, ;, and Ny antennas
respectively, whereas the relay has N, antennas. The vector s, € CMr con-
tains the M}, uncorrelated unity variance symbols of user k. U, € CNs.kxMsk
denotes the precoding matrix and V;, € CMar*Mk ig the receiver matrix

of the kth user. No direct link between the sources and the destinations is

assumed. In the first time slot, all sources transmit simultaneously. The
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Figure 4.1. A MIMO relay with multiple peer-to-peer MIMO users

signal picked up by the relay is written as:

K
yr = Z F,U;s; +n, € N

i=1

(4.1.1)

where F; € CN~*Nsk ig the frequency flat MIMO channel of user k to the

relay and n, € C™*!is the zero-mean additive white Gaussian noise (ZM-

AWGN) vector at the relay with covariance matrix E{n,n’} = 62 Iy,. The

relay multiplies its received signal vector by a matrix W € CN*Nr_ Thus

the signal vector transmitted by the relay can be written as:

xr = Wy,

The received signal at the kth destination is written as

K

yi=GiW ) FUsi+G;Wn, +

=1

(4.1.2)

(4.1.3)

where G, € CNax*Nr g the frequency flat channel from the relay to the kth

user and n, € CNar*1ig the zero mean additive white gaussian noise vector
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at the kth destination with covariance matrix E{nynf’} = o2 I, ,. Since
the noise at the relay is also propagated to the destination, the noise present
at the receiver is coloured. This can be whitened by sending the received
signal at the kth terminal through a whitening filter (G, WWH Gf 072% +

U%kINd’k) 3. Hence, the input-output relationship of the kth user can be

written as

’

K
_1 ’
Yi = (GWWYGlo? +07 In,,) 2G W > F;Uis; +ny
i=1
K
= G,W) F.Us; +n, (4.1.4)
i=1
where y;C is signal at the output of the noise whitening filter and G;C and n;g
are the effective channel matrix and the noise vector corresponding to the
kth user. Note that by formulation, E{n,n,7} = Iy,.

The symbol estimate 5, € CM+*! generated by the linear filtering matrix

V,f can be written as
K
8, = VIIG,W Y F,Uss; + Viin,. (4.1.5)
i=1

Thus, the kth user MSE is written as

ex = E {||sx —Si|3} = Tr(Iy, — VI G,WF, U, — UIFIWIG TV,

K
+VIGW Y FUUIFI WY GV, + 02V V.
=1

Note that 02/ = 1, because E{n;fn;H} = Iy,. We assume that the users’

total transmit power is

K K
Pr=E{) |[Usill3} =) IIUill%, (4.1.6)
i=1 i=1
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and the relay’s transmit power is

K
Pr =E{xx,} =Tr (W(Z F,U,U’FH + JZT‘IM)WH> . (4.1.7)

=1

where we assumed that the symbol vectors sy, - -+ ,sg are mutually uncor-
related with identity covariance matrix, i.e., E{sys?} = I, Vk. The aim
is to design transmit, relay and receiver filters so as to minimize the sum of

the weighted user-wise MSEs of all users:

K
min E WEEk
U;..Ug,W, V..V 1

K
s.t. Z HUZH% < PTmaa: and PR < PRmax (418)

i=1

where w; ... wg are certain positive weights. The power-constrained opti-
mization problem is very difficult to solve directly, as all variables Uy, W,
Vf are coupled in (4.1.8) and the problem is non-convex. For this reason,
we use an iterative approach to obtain the precoder, receive filters and relay
matrix. Specifically the transmit and receiver filters are first obtained for a
given relay amplification matrix and then the relay matrix is obtained for a

given set of transmit and receiver filters iteratively.

4.2 Linear Downlink-Uplink Duality in Peer-to-Peer Networks

In this subsection, in order to facilitate solving problem (4.1.8) with respect
to U, and Vf , it will be shown that each user’s MSE that is achievable in
the downlink can also be achieved in the virtual uplink under the same total
transmit power constraint using MSE duality.

For a fixed relaying matrix W, the weighted user-wise MSE optimization

problem (4.1.8) is a function of the transmit matrix Uy and the receive
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Figure 4.2. Multiple peer-to-peer MIMO users and downlink channel.
The combined effect of the original channels and the relay transceiver
matrix is shown with an equivalent set of channels Hy.

matrix V as follows,

K
Un U, v D
k=1
K
s.t. Z HUZH% < PTmaz (421)
=1

4.2.1 Equivalent Downlink and Uplink Description

For a given relaying matrix W, the Ny X N} equivalent MIMO channel
matrix from the i¢th source to the jth destination node can be denoted as
H,;;, = G,WF; (see Figure 4.2). Substituting this relationship in (4.1.5),

the estimate of the signal in the downlink can be written as

K
S = V]f Z Hk,iUiSi + \711?11;f (4.2.2)
=1
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Figure 4.3. Multiple peer-to-peer MIMO users and the equivalent
virtual uplink channel

We derive its downlink MSE ePL = E {||s, —8;//3} as

K
ert =Tr(In, — VI H U — UVHLV, + V! Z H;,; U U HY; Vi
i=1

The equivalent uplink model is obtained by reversing the direction and
swapping the roles of the source and destination nodes as shown in Figure
4.3. For the virtual uplink, the precoders are denoted by T), € CNak*Ms,
and the channel from user k needs to be Hermitian transposed for matching
the dimensions. In this case, the received signal at the kth destination can

be written as:

K
Yk = Z HZI'jIkTiSi + 1, (4.2.4)

=1

The symbol estimate S of user k in the dual uplink is written as

K
S = RkH Z kaTzSz + R,kHl’l;g (4.2.5)
=1
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where R, € CNs+x*Mr ig the receiver filter at the destination. Thus, we

obtain the uplink MSE e/Z = E {||s; — 8i|[3} of user k as

ent = Tr(Ly, — RYHY, Ty, — TYH Ry +

K
R} Z HngiTzHHi,kRk + R;RY) (4.2.6)
i=1
In the uplink the same average transmission power should be used, i.e.,

K K
Proe: = B{Y_ | Tisil 5} = S 1Tl 3 (4.2.7)
=1 =1

4.2.2 Uplink-Downlink Conversion

The switching of the roles between the uplink and the downlink is depicted
by interchanging every transmit filter in the uplink with the respective re-
ceive filter in the downlink and by choosing the transmit filters from the
downlink as the respective receive filters in the uplink (see Figure 4.3 ). As
the dual domain has to consume the same amount of transmit power, we
need to weight every user’s precoder with a scalar a; and the respective
receive filter with the reciprocal of this scalar, such that (4.1.6) and (4.2.7)
hold simultaneously.

In this particular section, we construct an equivalent downlink setup for
an uplink channel. Given arbitrary RkH and T} for all users k =1,..., K,
we derive matrices Uy and V such that users’ MSEs do not change in the
uplink and in the downlink.
In order to leave users’ MSE unchanged, different scalars ay € R4 €{1,..., K}
have to be assigned to different users. For this reason, we set the respective

filters in the dual downlink as:

1
Uk = akRk and Vk = ka (4.2.8)
ag
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Substituting (4.2.8) in the MSE ePL expression in (4.2.3) and equating with

(4.2.6) we obtain

K
UL _ _DL HygH
et =t =) IRFHEETIE + [IRIE

1=1
= a—’zRHHHTQ iTQVk 4.2.9
—Z 5| IR Hy Tl |7 + — || Tkl (4.2.9)
i=1 %k A

We can rewrite (4.2.9) as:

K
k[ S IRIEATE 4[R2
i=1,itk
K
= Y @ IRIETE = ||Thl[7 (4.2.10)
i=1,i#k

In matrix form (4.2.9) can be rewritten as

Xa="T (4.2.11)

where
X], = Zi[il,iyék IRFHAT|% + [|Re|3 k=
— IR H Tl 7 e
a=[ar...ax]" and T = [||T1[|% ... ||Tk|[Z]". From (4.2.11), it is shown

that there exists ay € R’ , such that the same MSE target can be achieved in
the downlink. This is because X is a Z-matrix, real-valued with off-diagonal
entries less than zero, and also strictly column diagonally dominant [149].
Consequently, X is non-singular and and its inverse has only nonnegative

entries. As a result, the desired weight vector a is given by:

a=X"'T (4.2.12)
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Summing up all users’” MSEs and by means of (4.2.8), we obtain

K K K K
S @ RilE =Sl = YR =D (4213)
i=1 i=1 i=1 i=1

The left-hand side (LHS) of (4.2.13) is the transmitted power in the down-
link, while the right-hand side (RHS) of (4.2.13) is the transmitted power in
the uplink, which means that by setting Uy = axR; and Vi = iT’f and a
total power threshold Pr,.., we find the transmit and receiver filters in the
uplink that achieve the same MSE values that were obtained with the filters

U, and V. in the downlink.

4.2.3 Downlink-Uplink Conversion

In the previous section, we have shown that the MSE region in the uplink is
also a subset of the MSE region in the downlink. In order to establish the
duality, we have to show that the MSE region in the downlink is a subset of
the MSE region in the uplink.

Given the precoders Uy and the receive filter matrices Vi in the downlink,

the respective filters in the uplink are set to
1 ~
Ry = —U; and Ty =a;Vy (4.2.14)
a

Inserting this in the uplink expression (4.2.6) and equating with (4.2.3) we

obtain

K
ePL = (UL — Z IIVIH U3+ |[ Vil |7

=1
K ~
= a—?VHH-UQ iUQVk 4.2.15
—Z~2H ;1 Url|z + = || Ul|7 (4.2.15)
im1 %k Ak
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Rearranging (4.2.15) and using ||(.)||r = ||(.)¥||F, we obtain
Ya=o0,U (4.2.16)

and similarly with (4.2.12) we have:

a=Y 'U (4.2.17)
where
K .
Zi:u;ék ”VJ?szUzHZF + HVkH%“ k=
(Yl =
—|[VIH; 1 U |% k#J,
a=[a...ax)7, U =||U]|%...]||Uk]|%]" and a € R*_ due to the properties

of the matrix Y.

Summing up all rows of (4.2.15), we obtain

K K K K
Y @GIVillk =Y [[Uilfh =D _ITillE =) _[[UlF  (4.2.18)
i=1 i=1 i=1 i=1

This means that the total power consumption is the same during the conver-
sion from the downlink to the uplink. It is proven that both links, downlink
and uplink, have the same achievable MSE region under a sum power con-

straint.

4.3 Uplink and Downlink MMSE Receiver Filter Matrices

In this subsection, the uplink and downlink MMSE receive filters are ob-
tained for a given set of transmit filters in both the links. Please note that
the relay transceiver has already been absorbed into the channel H; ;.

In the downlink channel, for a fixed transmit precoder Ug, the optimum
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linear receiver Vi, that minimizes each user’s MSE ¢y, is:
Vi = Zp5;  Hy U VE (4.3.1)

where Zpri = Zfil H;“UszIHkHZ +I. The MMSE of user k, when it uses

the optimum V}, is then written as
e (U) = Tr(1 - UYHL Z 5, Hy 1 Us) (4.3.2)

Similarly, for the virtual uplink channel, for a fixed transmit filter T}, the

MMSE receiver filter is given by
Ry, = Z;; HY T VE, (4.3.3)
where Zyrr = Efil HfIleTfIH,k + I. The kth user MSE is written as

en(T) = Te(1 — T Hy 1o Zp, Hi Th). (4.3.4)

4.4 MSE Alternating Optimization Framework for Peer-to-Peer
Networks

By applying the above shown duality for a peer-to-peer network, MSE opti-
mization problem can be solved by optimizing the MSE values of the equiv-
alent uplink system. However, in peer-to-peer networks, complexity of the
equivalent uplink problem is still high, since downlink MSEs, P ... ,EQL
are all coupled by the choice of the transmit filters Uy, ..., Uk, while the
uplink MSEs are coupled by the filters T, ..., Tx. For this reason, the fil-

ters using an alternating manner by switching between the equivalent uplink
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and downlink channels are optimized. The algorithm in this case is summa-
rized in Table 1. Here the superscript (n) denotes the number of iteration

number.

Algorithm 1 Table I: Procedure for solving the problem in (4.2.1) via
alternating optimization between the uplink and the downlink

1. dnitialize: TY = (\/ Prmaz/ My K )1, ¥k and choose maximal number
of iterations Ny,qx
2. Repeat

3. n+—n+1
4. Uplink channel:

a) For a given set of T\" ™V Vk , update R\, Vk using (4.3.3).
k k
(b) Compute weight vector a™ using (4.2.12).

5. Downlink channel:

(a) Update U,(Cn),Vk using (4.2.8).
(b) Compute receive filters Vlin),Vk using (4.3.1).
(c) Compute weight vector a™ using (4.2.17).
(d) Update transmit filters T\ using (4.2.14).

(e) Compute the weighted sum MSE, and denote this €,

6. Until |e, — ,-1| < &, where & is stopping threshold.

4.5 Weighted Sum-MSE Optimization

In this section, it is demonstrated how the proposed duality can be applied to
the weighted sum MSE optimization problem (4.1.8). The matrices, Uy, Vk,
Vi, Vk and W that minimize the weighted sum-MSE as in (4.1.8), subject to
a transmit sum-power constraint Pr < Prp... and a relay-power constraint
Pr < Primae cannot be found using a closed form. However, given the relay
matrix W, the transmit matrix Uy, Vk and the receive filters Vi, Vk can be

calculated by using the above alternating optimization algorithm, based on
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the MSE duality. Then for a given set of transmit and receive filters, the
optimum relaying matrix W can be obtained using interior point methods,

as this problem is convex.

4.5.1 Deriving Transmit and Receiver Filters for a fixed Relaying

Matrix

The aim in this section is to minimize the weighted sum-MSE of a peer-to-
peer relay network for a fixed relaying matrix. The transmit and receive
filters cannot be optimized jointly. This leads to optimizing the filters using
an alternating way by switching between the uplink and the downlink. The
scaling factors from (4.2.12) and (4.2.17) need not to be calculated from
the duality according to the previous section. They can be calculated using
the Lagrangian function associated with (4.2.1). The motivation for this
approach is to achieve lower computational complexity.

The Lagrangian function of the optimization problem (4.2.1) is:

K K
LU, p) = wieMy — > wiTr(UY A, ZppHy 1, Uy
k=1 k=1
K
+u0O) |[Ukl|E = Prmas) (4.5.1)

k=1

where p > 0 is the Lagrange multiplier associated with the total transmit
power constraint. It is apparent that the precoding filters Uy satisfy the
Karush-Kuhn-Tucker (KKT) conditions of (4.2.1). So differentiating (4.5.1)

with respect to U} yields:

oL
ou*

= uUk — wngkzl_)lLka,kUk

K
+> wHEZ HU,UMHEZ ) H .U, (4.5.2)
=1
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According to the first-order KKT condition:

K
pUy = wkaH,kZBILk(Z szUleHHkHz +1)Z5;, Hy o Uy
ik
K
> wHAZ5 B U UHZ) H, U (4.5.3)
=
Multiplying (4.5.3) with U from the left and taking its trace, it can be
noticed that wy, satisfies the same linear system of equations as the scalars
ay, of the downlink-uplink conversion except from a constant ULQ Therefore,
k}l

the following relation is obtained

~2 =2 ~2

a a a

-2 K (4.5.4)
w1 w2 WK

From (4.5.4), (4.2.16) does not need to be solved for the downlink-uplink
transformation, as a1, as, ..., ar have already been determined by the rela-
tionship ay = ag/wy, where ag is chosen such that Uy, satisfies the transmit
power constraint in the downlink. In the same way, using the KKT condi-
tions of the weighted sum-MSE for the uplink and following the same ap-
proach, a1, as,...,a, can be determined by setting ay = ag./wy, where the

coefficient ag is determined from the transmit power constraint in the uplink.
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4.5.2 Deriving Relay Transceiver for fixed Transmit and Receiver
Filters

For a given transmit filter Uy and receive filter Vy, the relaying matrix W

can be obtained by reformulating problem (4.2.1) as:

K
n‘lﬂifn ; Wi [Tr(IMk) - 2real<Tr(V,?GkWFkUk)) +

T(VEG, WR,WHG Vk)]

st. Tr(WR, W) < Prae (4.5.5)

where R, = (XK, F,U,UIFH + o2 I) and the relay power is denoted as
P, = E{xfx,} = Tr(WR, W¥H). By setting w = Vec(W), where Vec is
an operator that forms a vector by stacking the columns of a matrix and by
using the matrix identity: trace(ATH) = (Vec(A))T Vec(H), (4.5.5) can be

equivalently expressed as:

K
. _ Tx* 11T T
min kg_l wg [Mk 2real (Vec(Gk, V; U, F; )W)

1 f T
+w! (R} @ VIG)T(R? © VIGy))w]

1 T
st. wl(R2 DT (R? @ )W < Prias (4.5.6)

where ® denotes the Kronecker product. The above problem is a SOCP and
can be solved using interior point methods [138].

Now the original weighted sum-mse minimization problem (4.2.1) can be
solved using an iterative algorithm as shown in Table II. Based on the above,

the overall algorithm to determine Uy, Vi and Wy, is summarized as below.
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Algorithm 2 Table II: Weighted Sum-MSE Algorithm for MIMO Peer-
to-Peer Relay Network via Alternating Optimization between Uplink
and Downlink and SOCP Optimization

1. initialize: T = (\/Praz/M.K)I,Vk and W = bI, where b is
chosen to satisfy the relay power constraint. Choose the maximal
number of iterations 1,4z, Mmaz-

2. Repeat

3. m+—m-+1

(a) Repeat
(b) n<+n+1
(¢) Uplink channel:

i.

ii.

iil.

For a given set of precoder T;nil),Vk and relay matrix
W1 find R, Vk using (4.3.3).
For Uplink/Downlink conversion compute ay =

Pr

Find afgn) = ag\/wy, Yk

(d) Downlink channel:

1.
11.

iil.

1v.

V.

Update U™, Vk using (4.2.8).
Compute receive filters V,(C"),‘v’k using (4.3.1).
For Downlink/Uplink conversion compute a, =

Pr
\/Zi Tr(w,ul'n; ;2% B U,)
Find a,(gn) = ao/wy, Yk
Update transmit filters T{" using (4.2.14).

(e) Until |e, —e,1] < &

4. For a given transmit filter U ’gm—n and receive filter Vk(m_l) , com-
pute W™ using (4.5.6)

5. Compute the weighted sum MMSE and denote this [,

6. Until |5, — B,_1] < &, where &, is a stopping threshold.
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4.6 Convergence Analysis

In this section, the convergence of the algorithm shown in Table II is demon-
strated. Consider an arbitrary iteration number n. First consider the in-
ner repeat loop (3) for the design of transmitter and receiver filters. Step
3c returns the receiver filters R,(Cn),Vk, which were aimed at minimizing the
weighted sum-MSE for given transmit filters T,(gn_l) ,Vk, relay matrix W (=1
and a total power limit P,,4;. Let the minimum weighted sum MSE obtained
at this stage e(mstep3c),

At step 3d(i) and the design of the transmit filters U,E/,n),Vk:7 the MSE

(n,step3¢) can be achieved

duality ensures that the same weighted sum MSE €
with the same total transmit power Py, in the downlink. In step 3d(ii),
using these transmit filters U,(gn),Vk, the receiver filters V,(gn),Vk:, have been
designed so that the minimum weighted sum-MSE value should be further
reduced, i.e. elmstep3d(ii)) < ¢(n.stepc),

In step 3d(v), the transmit filters T}, Vk and the same receiver filters
R}, Vk achieve the same weighted sum-MSE, e(step3d(v)) = ¢(n.step3d(ii))

For the subsequent iteration n+1, step3c minimizes further the weighted
sum-MSE by choosing optimal R,E:nJrl),Vk for given T,(Cn),Vk, e(nt1Lstepdc) <
((n.step3d(v))

As a result, the weighted sum-MSE value monotonically decreases at
each iteration. However, since there is a total power limit, the weighted
sum-MSE e converges to a limit as n — oo.It was shown so far that for
the inner-loop, at each iteration the sum-MSE decreases monotonically and
converges. Let us now look at the outer loop for the design of the relay.

1)

At step 4, for a given set of transmit filters U,(fmf , Vk and receiver filters

Vlim_l), Vk, the optimal relay filter W™ Yk is chosen so that the sum-MSE

(m,stepd) 6(m—l,step4)

value is reduced further, i.e. € . Since there is a relay

power constraint, the weighted sum-MSE value € must converge to a limit
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as m — 0o0. This concludes the proof that the weighted sum-MSE decreases
monotonically and the iterative algorithm converges.

However, since the overall problem (4.1.8) is not convex, the global op-
timality of Algorithm I cannot be guaranteed. In general, different initial-
izations may affect the convergence speed and the minimum weighted sum-
MSE value of Algorithm I. The initial values of transmit filters Ty, Vk can
be chosen as matrices containing the right singular vectors of the channels

for better convergence instead of choosing random matrices.

4.7 Simulation Results

A number of simulations was performed to characterize the performance of
the proposed scheme under various scenarios. In all simulations, the ele-
ments of the channel matrices Fy, Hy and Gy are assumed to be circularly
symmetric complex Gaussian random variables with zero mean and unity
variance per dimension. Also, in all simulations, we have assumed two peer-
to-peer users, each employing two antennas at the transmitter and receiver,
hence allowing two simultaneous data streams for each user.

For the first simulation, the total power at the transmitters was set to
unity and the power available at the relay to 10W. A set of random channels
was generated and the achieved MMSE was computed for different num-
ber of antennas at the relay as shown in Figure 4.4. The results have been
shown for two different values of noise variances 0.01W and 0.001W. Both
relay and user terminals have identical noise variances. To generate results
for different number of relay antennas, the simulation started by choosing
random channel matrices F;, H; and Gy, for the case of six antennas at the
relay and then the rest of the simulations has been performed by reducing

the dimensions of the initial matrices according to the number of relay an-
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Figure 4.4. The sum MMSE against number of antennas at the relay
for a network with 2 users on both sides equipped with 2 antennas each.
Pr=1W, Pgry..=10W

tennas required. The stopping criterion for the iteration was &1,&2 = 0.005
and approximately four to eight iterations have been observed. As seen in
Figure 4.4, the MMSE value decreases as the number of antennas at the
relay increases. As there are two users transmitting two data streams each,
the relay needs at least four antennas to perform satisfactory spatial mul-
tiplexing, as such the MMSE value drops significantly beyond the use of
four antennas. When there is adequate number of antennas at the relays,
the achieved MMSE is of the order of the variance of the noise, confirming
satisfactory performance of the proposed iterative method.

According to the proposed iterative method, the relay matrix had to
be initialized when designing the transmitter and receiver filters in the first
iteration. For the above simulation, the relay matrix W has been initialized
with randomly generated circularly symmetric complex Gaussian variables.
However, as the overall problem is non-convex, the algorithm is not expected

to converge to the same final MMSE value for different initializations. In
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Figure 4.5. The histogram of the final sum MMSE due to different
random initializations of the relay matrix. The results are shown for
two different noise variances 0.01W and 0.001W.
order to investigate the susceptibility of the algorithm for different initial-
izations, the above simulations have been performed for 25 different random
initializations and the histogram of the final sum MMSE values obtained has
been plotted. The number of antennas at the relay is five. The histograms
are shown separately for two different noise variances 0.01W and 0.001W.
As seen in Figure 4.5, the final MMSE values differ only slightly for different
random initializations of the relay matrices. Moreover, the higher MMSE
values occur only with small probabilities.

Finally, the sum MMSE for various values of SNR has been computed.
The simulation scenario was set the same as before, i.e. two users, two an-
tennas at the transmitter and receiver and five antennas at the relay. The
SNR (SNR1) of the link from the transmitters to the relay has been set at
30dB and the SNR (SNR2) of the link between the relay and the users has

been varied. SNR1 has been defined as the ratio of the total transmitter
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Figure 4.6. The sum MMSE against SNR of the relay-user terminal
link, averaged over 10 set of random channels. The results are shown
for sum MMSE of both users and sum MMSE of user 1 and user 2.
SNR of transmitter-relay link was set to 30dB.

power and noise variance at the relay and SNR2 as the ratio between the
relay power and the noise variance at the user terminals. To obtain 30dB
for the first link (SNR1), the transmitter power was set to unity (W) and
the noise variance at the relay to 0.001 W. In order to change SNR2, the
relay power has been varied but the noise variance has been set at both user
terminals to 0.001W. Ten monte-carlo simulations have been performed for
various random channels and averaged the sum MMSE values. The average
sum MMSE of all users as well as averaged sum MMSE of each users (i.e.
summed over multiple data streams for each user) is depicted in Figure 4.6.
As seen in Figure 4.6, the sum MMSE decreases as the SNR increases. More-
over, even though sum MMSE has been considered as the design criterion,
both users attain more or less the same averaged sum MMSE values over a

set of random channels ensuring a degree of fairness.
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4.8 Conclusion

Based on the derivation of the mean square error uplink-downlink duality
for a MIMO peer-to-peer relay network, a transmitter, receiver and relay de-
sign technique has been proposed. The algorithm was based on an iterative
method and second order cone programming. The simulation results demon-
strate satisfactory performance in term of achievable mean square error and

susceptibility to local minimum.



Chapter 5

A COORDINATED
MULTIUSER RELAYING
TECHNIQUE THROUGH
INTERFERENCE PRECODING
AT THE BASE STATION

A new precoder design technique for a cooperative BS and relay station
network is proposed. The system model considered is a BS serving a number
of users directly and another set of users through a MIMO wireless relay. A
set of beamformers are designed at the relay and the BS to achieve a set of
target rates for users. Most of the works on relay design have not focused on
the backhaul overhead required in terms of transmission of the data from the
BS to the relay. The work in [150], however, proposed a clever optimization
approach to include this overhead in the design of BS and relay transceivers.
A set of beamformers for BS and relay was designed while ensuring the users
served by the BS and the relay achieve a set of target data rates and the
data throughput from BS to relay is no less than the sum data rate of users

served by the relay. Inspired by this work in [150], a technique is proposed

121
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Figure 5.1. Block diagram of a cellular relay system consisting of one
BS, one MIMO Relay and a number of users served by either BS or
relay.

in this chapter to improve the network power usage of this coordinated BS
and relay scheme by exploiting the knowledge available at the BS in terms
of the interference caused by the relay transmission. The benefit of the
proposed scheme is demonstrated in terms of transmission power usage by

the simulation results.

5.1 System Model

A downlink multiuser network in a cellular relay as depicted in Figure 5.1
is considered with a single BS, a DF based relay in half duplex mode and
users attached to BS and relay denoted by the set B and R respectively.The
transmitters are assumed to have complete CSI, and there are |BU R| = K
number of users with single-antenna, where |.| is the cardinality of a set.
The BS and relay are equipped with N and Ni antennas, respectively. The
communications between the BS, the relay and the users are established in
two time-slots. In the first time slot (TS1), the BS is concurrently sending
independent information to its |B| single-antenna users and to the relay.

The channel Hy, between the BS and the relay is assumed to be of rank
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Np, = min{Np, Ng}, thus allowing up to Nz, data streams to be transmitted
to the relay. The relay decodes the received signal relevant to its assigned
users and during the second time slot, it transmits the decoded messages to
|R| users. At the same time, in the second time slot, the BS also transmits
new independent messages to its |B| users. Consequently, both the users
belonging to BS and relay experience interference in the second time slot.

The work in [150] presented joint beamformer design and power allocation
techniques for BS and relay so that users served by both the BS and the
relay achieve a set of target data rates. To avoid an iterative design and
to maintain low complexity, the work in [150] suggested performing singular
value decomposition of Hp, and set the receiver filter of the relay at the
first time slot as the left singular vectors of Hy,. In this case, the output
of the relay can be considered as Ny, single antenna users. So, in first time
slot, the problem is reduced to designing Ny, + |B| number of beamformers
to serve |B| users and the relay. In the second time slot, the BS transmits
data to its |B| users and the relay transmits data to its |R| users. Hence,
beamformers are required at the BS and the relay to ensure the users belong
to the BS and relay attain certain data rate targets. However, the design of
the beamformers should incorporate a constraint that the data rate achieved
between the BS and the relay in the first time slot should be equal to the

sum rate of users served by the relay in the second time slot.

5.2 Beamformer design with interference precoding

When designing the beamformers for BS in the second time slot, the work in
[150] considered the signal transmitted by the relay as interference. However,
the information transmitted by the relay in the second time slot is the very
same information that was conveyed to the relay by the BS in the first

time slot. Hence, the interference induced at the receiver of users served
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by the BS is already known at the transmitter. Therefore, this knowledge
of the interference structure is exploited at the transmitter (BS) to design
beamformers which is the main focus of the work presented in this chapter.
The optimization required in the first time slot will remain the same as
in [150], however, optimization of the proposed algorithm will be different
in the second time slot due to interference precoding. For completeness, the
optimization for the first time slot is summarized before proceeding to the
second time slot. In the first time slot, the BS transmits signal to both the
users attached to it and to the relay by processing the signal through a set
of beamformers, W,()’llz € ¢NX1 k =1,---,|B| and wl()?’l e ¢Nsx1 | =

1,---, Ny, designed through the following optimization:

|B|

Np,

. 1 1
amin WP
Wy oWy B =1 =1

st. TW>2 _1vkeB

R N S T
IR

Ny

> Ri=) R (5.2.1)

=1 j=1
where the parenthesis (t) denotes time slot ¢, I' ,(Cl) is the signal-to-interference
plus noise ratio (SINR) achieved by user k € B and f‘l(l) is the SINR achieved
through the [** spatial sub channel between the BS and relay. Both the F,(;)
and fl(l) are functions of Wl(,}g and wl(:g’l [150]. The last constraint ensures
that the data rate of the BS-relay link is equal to the sum-rate of the users
attached to relay. For a given set of R;, the overall optimization problem
is SOCP, however, it is necessary to determine the optimum split of data
throughput (i.e. R;) through the BS-relay channel, which can be achieved
iteratively through GP together with signomial approximation [150]. In the

second time slot, the BS transmits signal to only its | B| users while the relay

transmits signal to its | R| users. The users attached to BS will receive signals
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transmitted by both the BS and the relay. The work in [150] considered the
relay signal at the BS users’ terminals as interference in the optimization.
However, as the BS knows the messages transmitted by the relay to its users
(which were transmitted by the BS to the relay in the first time slot), the BS
could aim to cancel the interference seen by its own users in the second time

slot by performing the following linear preprocessing at the transmitter:

2) (2) 2) (2)
=S willsh+ > 6)s (5.2.2)

(2)

where 6,7, € CNBX1 is an interference precoding vector aimed at mitigating

interference caused by the relay to the users k € B served by the BS and
(2)

W, € CNBX1 are the beamformers for the users attached to BS. xp is the
signal transmitted by BS in the second time slot. In this case, the received

signal at the kth BS user can be written as

|B|
Zhb szsbz +Z hbbkzel(”) £Z)+h f?} iz))+n,(€)
i=1

(5.2.3)

()

where w7 € CNrX1 are the beamformers at the relay for its users. The

subscripts b and r indicate the channel considered corresponds to BS and
relay respectively. For example, h, ;. denotes the channel vector of the

kth stream (considered as the kth user) from the BS to the relay. sl(, ,2
(2)

and s, are the normalized complex data symbols transmitted from the

(2)

BS and relay, while n;” is circularly symmetric additive white Gaussian

noise with zero mean and variance a,%. The optimization is expected to

determine an appropriate set of interference precoders 01() ,2, in addition to the

(s) ()

beamformers Wik and w7 to ensure that the users achieve the target data

2)

rates with minimum possible transmission power. Since the same signal s,
b

is transmitted from both the BS and the relay, we define augmented vectors
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v?/,(f) = [053,?; wf,zT]T and hy, = [hy b1 hyp i) in order to write (5.2.3) as

IR
Zhb, ,kaz Sb, + Zh w2s? 4 n® (5.2.4)

Hence, the SINR of the above kth user can be written as

h W(2) ’2
(2) | b,b,k b,k
Iy 5 (5.2.5)
Z |hbbk;WbZ 2+ Z WP 2 + o7
17ék
The signal received by users served by relay can be written as
(2) a 2.2 (2) (2) ( (2)
Y = Z(hﬁﬁkwr,i Sr,i + h b K r 7 + Z hb T Wb i Sb ) nk
i=1
(5.2.6)

In the second time slot, the BS could also help the users served by the relay
(2 )

by coherent transmission of messages s,.; - However, since the channel gains
from BS to relay users are likely to be very small (otherwise these users are
not needed to be served by the relay) and since the relay users will experience
considerable delay on signals from BS as compared to signals coming from
relay, it is not viable to coherently add the signals transmitted by BS and
relay at the receiver of the relay users. Hence, the signals transmitted by
the BS, including 91(;,22 37("721-) that was intended to cancel BS user interference

is considered as interference to relay users. Therefore, the SINR of the relay

users k € R is written as:
2
(2) _ ‘hr‘rkw( )‘2
’ il 2 (2) 2 B 2) |2 2
E|h7"rkwrz| +Z|hbrk0 ‘ +Z|hbrk’wb | +Uk
1=
z;ék

(5.2.7)
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Since (5.2.7) is written in terms of wﬁ, wfnzlz and 05()2]2, we write 05)2,2 and

(2)

w, ;. in terms of the optimization variable w as:

91()212 = [INpxNg ONBxNR]\;'Vf) — MIWI(S) and

W) = [ON g DN W = Mawy.

Hence, the user-rate constrained power minimization problem for the second

time slot is written as:

| B| |R|

. 2 - (2 .
min Z ||WI(),2H2 + Z HW/,(C )H2 , subject to
W, WE k=1 k=1

hbka(2) 2
hy b,k Wy | >ofr 1 VEkeB

|B| ) IR _ - ()1 )
> [hep w2 + Zl|hkwi *+ o3
1=

=1
ik
|h,4,r’km2\7v,(€2) ’2
|R| - @)y IR - @) |B| )19 )
2 (bt MW, o 3 [l e MO, o 3 [l w12 + 0
1= 1= 1=
i£k
> 1 VEkeR (5.2.8)

The above optimization can be solved using SOCP and 6y}, W, can be
obtained from wy. This proposed scheme requires symbol level synchroniza-
tion between BS and relay transmission, however this is not impossible as
both the BS and relay as well as all users belong to the same network, and
the BS will have direct control channels to relay and the users attached to
it. Technical requirement and benefits of coherent multi-point transmission
have been investigated in [151] and references therein.

As the overall problem has been approximated to convex, the complexity
is polynomial time. The overall complexity is limited by the complexity of
SOCP. Compared to the work in [150], the extra complexity of the proposed
method is due to the increased dimension of the optimization variable (i.e.
w instead of w,). Assuming Np > Np, the worst case complexity of the
algorithm in [150] is O(K!-5(2Np)?) whereas it is O(K'°(2(Ng + Ng))?3) for

the proposed algorithm, [152].
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For a given set of users, optimum allocation of users to BS and relay is a
combinatorial optimization problem which is NP hard. However, a subopti-
mum solution was proposed in [150] which assumed zero interference between
users, however, for both methods proposed here and in [150] that were based
on SOCP allow interference between users in the SINR formulation. For both
these cases, the user allocation algorithm in [150] can still be used, but they
will be suboptimum. If the complexity is tolerable, it is possible to develop
user allocation based on mixed integer programming and SOCP based on
branch and bound method as similar to the work in [153]. The complexity
can be reduced further by allocating users that have strong channel gains
to either BS or relay to the corresponding transmitters and performing op-
timization only for those users whose channel gains are approximately the

same to either BS or relay.

5.3 Simulation Results

In order to assess the performance of the proposed design using the in-
terference precoding and compare this with the design proposed in [150] a
scenario where BS and relay are equipped with 4 and 2 antennas respectively
and both BS and relay serve two single-antenna users each is considered. A
set of random channels using zero mean complex Gaussian random variables
has been generated. The average channel power gain from BS to relay, the
BS to its users and the relay to its users was set to one. The channel gain
from BS to users assigned to relay was set to 0.01, however for the first
simulation an additional value of 0.1 was also considered for this channel
as well as the channel gain from relay to users served by the BS was set to
0.1 . In Figure 5.2, the required total transmission power (in dB) against
the users’ target data rates (in bits/sec/Hz) is depicted with and without

interference precoding. As target rate increases, a substantial reduction in
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Figure 5.2. The total transmission power against various target data
rates.

transmission power using our proposed scheme is observed. For example, at
4 bits/sec/Hz, a power saving of up to factor 10 is achieved.

For the second simulation, the channels have been set the same as before
except that the average channel gain between the relay and the users served
by the BS has been varied from -20dB to 10dB. The target data rates for all
4 users were set to 9 and 5. The required transmission power for the pro-
posed scheme and the scheme that does not consider interference precoding
is depicted in Figure 5.3. As seen, the proposed design provides substan-
tial reduction in transmission power for a range of channel gains between
the relay and BS users. For example, at 0dB channel gain, for target rate
of 5 bits/s/Hz, we observe 15dB reduction in transmission power using our
scheme.

The BS to relay channel may introduce bit errors that may affect the
SINR of BS users in the second time slot due to mismatch between the

precoded interference and the true interference from relay. However, for
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Figure 5.3. The total transmission power against various interference
channel gains. The unit of target data rates is bits/sec/Hz

the DF relay, the relay should normally perform code redundancy check on
each packet and forwards the signals to the users only when packets are re-
ceived correctly, otherwise it should seek retransmission of packets from BS.
Therefore, by setting appropriate delay between BS transmission and relay
transmission of signals, the BS and relay could coordinate to avoid trans-
mission of precoded interference whenever relay does not transmit signals.
If for any reason, the relay forwards the signal without performing code re-
dundancy check check (e.g. for the case of voice packets or real time services
where delay is unacceptable), certain bits transmitted by relay may be in
error. Consequently, the interference precoding performed at the BS may
not match exactly the interference seen from relay at the BS user terminals.
In this case, the SINR achieved at the BS users will be lower than the target

SINR. Normally, the BER will be very small due to forward error control
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coding. However, in order to consider a worst case scenario, a simulation to
include possible errors caused at relay is performed when the signal from the
BS to relay is transmitted without forward error control coding. The target
rate for the 2 users attached to relay is set as 1bit/s/Hz and 0.5 bit/s/Hz
respectively. Since, only one out of two time slots is used for relay users,
the capacity of BS to relay channel should be above 3bits/s/Hz. The SINR
required to achieve this is 7 (i.e. 8.4510 dB). Hence Eb/No is 3.6797 dB.
Considering 8 phase-shift-keying modulation for the BS-RS transmission and

using the BER formula (BER = logiMQQ /Q%ZOQQMSZ'H(%))), M =8, the
BER is computed as 0.15. A packet of 300 bits has been considered; 200

bits for the relay user 1 and 100 bits for the relay user 2. From relay to
the first user, a quadrature phase shift keying modulation has been consid-
ered and for the other user a binary phase shift keying modulation. With
0.15 BER and assuming grey coding, 15 quadrature phase shift keying and
15 binary phase shift keying symbols are in error. These errors have been
randomly generated and the true SINR achieved at the BS user terminals
using the beamformer designed has been computed. As the achieved SINR
is lower than the target SINR, the target SINR of the users attached to
the BS has been increased in the optimization until the data rate achieved
meets the target rate in the presence of bit errors. The average transmission
power required for 300 different random realizations of channels has been
computed and the result has been compared with our scheme (assuming no
error propagation) and with the scheme of [150]. As seen in Figure 5.4, even
in the presence of errors, the proposed scheme achieves the target rates with
substantially lower transmission power. Having presented the worst case sce-
nario, it should be highlighted that the signals should be transmitted with
appropriate forward error control coding, and the SINR operating points
are normally set slightly above the theoretical SINR value obtained from

the Shannon capacity. This together with advanced forward error control
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coding such as Turbo codes will result into arbitrarily small BER, e.g., in
the range of 1072 to 107¢ [154]. To account for this possible scenario, our
simulation has been repeated with a lower BER than the uncoded BER of
0.15. Even though, it is possible to get very low BER with forward error
control coding such as Turbo codes, once again a worst case scenario has
been considered by setting the BER as 0.01, and obtained the result as in
Figure 5.4. As seen, the required transmission power is very close to as if

there is no error in relay transmission.

15

=—B— Without interference precoding
—f— Interference Precoding, but relay BER = 0.15
—©— Interefrence precoding, but relay BER = 0.01
10| —e@— Interefrence precoding, no error at the relay

Power Consumption (dB)
o

_10 -

1 2 3 4 5
Data Rates (bits/s/Hz)

-15
0

Figure 5.4. The total transmission power against various target data
rates for BS users, averaged over 300 random channel realizations.

5.4 Conclusion

An interference pre-subtraction based design technique for coordinated BS
and relay beamforming has been proposed. Since the interference introduced
by the relay to the users served by the BS is known to the BS, the BS is

able to mitigate the interference seen by its users through interference pre-
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cancelation. The proposed method outperforms the coordinated BS and
relay beamforming technique that does not consider interference precoding
at the transmitter, in terms of transmission power for a wide range of target

data rates.



Chapter 6

A BASESTATION
BEAMFORMING TECHNIQUE
USING MULTIPLE SINR
BALANCING CRITERIA

A coordinated multi-cell beamforming technique for SINR balancing under
multiple BS power constraints is proposed in this chapter. Instead of bal-
ancing SINR of all users in all cells to the same level, a new approach to
balance SINR of users in various cells to different maximum possible val-
ues is proposed. This has the ability to allow users in cells with relatively
more transmit power or better channel condition to achieve a higher bal-
anced SINR than that achieved by users in the worst case cells. According
to the proposed approach, first, minimum SINR of all users in all cells is
maximized. After this optimization, certain BSs may not use all of their
transmission power. Hence, a subsequent optimization to design beamform-
ers is proposed to enable users in the BSs that have excess power to maximize
their balanced SINR values while keeping the SINRs of users in other BSs
unchanged. This problem is solved using SINR constraint based SINR bal-

ancing techniques with multiple linear power constraints.

134
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6.1 Signal Model and Problem Formulation

A multi-cell multiuser downlink beamforming design problem with N cells
that operate in the same frequency band is considered. At each cell, a BS
consisting of M antennas performs spatial multiplexing through beamform-
ing and transmits signals simultaneously to K single-antenna terminals. Let
s;j denote the information symbol for the jth user in the ith cell, with
E{|S¢7j|2} =1,u; € CM>*1 is the associated unity-norm beamformer vec-
tor (ie., [|u;j|l2 =1, ¥ 4, j) and p; ; is the power allocated to the jth user
in the ith cell. Moreover, p; = [pi1 ---pik]” and p = [p] ---p&J? is intro-
duced. Let U; = [u;1---u; k] € CM*K denote the beamforming matrix
for the users in the ith cell and U € {U;,Usg,--- , Uy} denotes the set of
all beamforming matrices. The received signal at the jth user in the ith
cell consists of the desired signal, intra-cell and inter-cell interference, as

expressed by

K

N K
H
Yij = Z hi,i,j VPi kWi kSik + Z Z pm Uy 1Sm,l + T,
m=1[=1
i

k=1

(6.1.1)

where h,, ; ; denotes the channel vector from the BS of the mth cell to the
jth user in the ith cell and n; ; is the complex additive white Gaussian noise
(AWGN) with zero mean and variance afj, .., n;j ~CN(0,0? ;). Fig. 6.1
illustrates the system model.

Let P™** be the maximum possible transmit power of the ith BS.

Then it should hold that 1% xPi < P, By defining R;;; = hz,wh

—= 1,4,5°

the
downlink SINR for the jth user in the ith cell is expressed as
DL _ Piui R i
i T K N K :
Zé;l, piaufiRig iy + Zm;l, 21t Py R 0 + 07
j m#i

(6.1.2)
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Figure 6.1. Multicell wireless network

The goal is to jointly optimize the beamformers U and the power allocation
vector p of all cells, so that the SINRs of users in each cell are balanced and
maximized. Let ¢; be the balanced SINR of the users in the ith cell. The

problem of interest can be stated as

ti \Vie{1,2,--- N 6.1.3
Jhax, i Vie{l,2,--- N} (6.1.3a)
rPru,
st. min Mzti,\ﬁ (6.1.3b)
1<j<K Pi,j
1hp; < P v, (6.1.3c)

where p; ; is a priority factor for user j in the ith cell. It should be high-
lighted that all available works in the literature so far considered t; = to =
.-+ =1ty =1t, i.e., SINRs of all users in all cells are balanced to an identical
t value, however by considering different t; = 1,2,--- , NV, we aim to balance

SINRs of all users in various cells to different possible maximum values.
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6.2 SINR-Balancing in the Coordinated Multi-cell

The first stage of the proposed algorithm aims to balance the SINR of all
users in all cells. This is achieved using the SINR balancing techniques
proposed, for example, [17], [155] and [156]. For the purpose of completeness
and to facilitate development of the proposed algorithm in Section IV, the
SINR balancing technique for multi-cell beamforming is summarized in this
section. The minimum SINR of users in any cell is maximized, subject to

an upper bound on the transmit power as follows:

rPhu,
max min M (6.2.1a)
U,p=0 ij Pij
st. 1Lp; < P Vi, (6.2.1b)

The multiple per-BS power constraints in (6.2.1b) can be put into a single lin-
ear constraint by introducing auxiliary variables a; € R™ as vaz Lai(1Ep; —
pmary < 0. The auxiliary variables need to be adapted using a subgradient
method as described in [156]. Defining a vector a = [a;1% -+ - an1%]T and

a scalar Pma® & Zfil a; P/"** | the problem in (6.2.1) can be restated as

rPHu,
max min M (6.2.2a)
U,p=0 i, Pij
st. alp < pmae, (6.2.2b)

This problem can be solved iteratively using the following three sub-problems:

downlink power allocation, uplink power allocation and beamforming design.

6.2.1 Downlink Power Assignment for a given set of Beamformers

Let p be the optimal power allocation for the problem in (6.2.2). At the
optimum, the inequality constraint should be satisfied with equality [17].

Hence for a given set of beamformers U, the optimization in (6.2.2) should
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satisfy

rP’Hu,p)
pZ,]
alp = pmer, (6.2.3b)

= +PL(U, pmer), (6.2.3a)

where vPL (U, P™*) is the balanced SINR. Substituting the definition of
SINR given in (6.1.2) and using the method proposed in [17], the following
eigensystem can be constructed to determine the optimum downlink power

allocation p:

DV Do D 1 D
(®) = g (5): 629
L TPy I 1 ADL(U, praz) \ 1

pmazx a pmazx a

where D = blkdiag{D,--- ,Dxn},

Dn - dlag[(ﬁfan,n,lﬁnl) (ﬁnHKR"’n’Kﬁ"K )]’
o=[o1 oy, on= [‘7721,1"'0”’1(

vy ‘1’271 R ‘I’N,l
‘1’1,2 ‘I’Q e ‘IIN,Q
U= , (6.2.5)
Uiy oy ... Ty

ﬁannkﬁm ifi£ki=1--- K, j=1,--- K

(Wolki = (6.2.6)
0 ifi==%

and

(P nlki = {ﬁl}iIRlnkﬁli k=1, ,K,i=1,--- K, l#n- (6.2.7)

where blkdiag{Si,---,Sas} denotes a block-diagonal square matrix with

S1,---, S as the diagonal square matrices and diag{as,--- ,ay} is a diag-
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onal matrix whose diagonal elements are ai,--- ,ap;-

6.2.2 Uplink Power Assignment for a given set of Beamformers

Designing beamformers directly in the downlink is difficult due to coupling of
all beamformer vectors and power allocation in the SINR equation of every
user. Hence, SINR uplink-downlink duality has been proposed in [17,156]
which states that the set of SINRs achievable in the downlink can also be
achieved in a virtual uplink using the same set of beamformers under identi-
cal total power constraint. Using the results in [156], for the multiple linear
constraints as well, it can be shown that for a given set of beamformers u; ;,
the downlink optimization problem in (6.2.1) is equivalent to the following

virtual uplink optimization problem:

ngL(ﬁl,jv (Nl)

max min (6.2.8a)
q-0 ij Pi,j
st. olq < P™?, (6.2.8b)
where FZI{JL is the uplink SINR of user j in the ¢th cell given by
~ NH ~
Gi,j 0 ;Rii,j Wi j
il = Cad : (6.2.9)

K N K
ﬁg(z GiaRiir+ >0 Y GmaRimg + Qi)ug
=1 m:]_ =1
l#j m#i

and ; = a;I is the equivalent noise covariance matrix in the uplink, g; ;
is the virtual uplink transmit power allocated to the jth user in the ¢th
cell, @; = [¢i1, - ,Gix)? and @ = [@}, -+ ,q%]T. Similar to the downlink
solution in (6.2.4), the uplink power allocation can be obtained by solving

the following eigensystem:

Dw?T Db <(~1) _ 1 (a) (6.2.10)
ﬁUTD\I/T Pnlmmo_TDb 1 "}/UL(U,Pmax) 1)’
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where b = [by,--- ,by]? and

[bnh:{ﬁgﬂiﬁm n=1,---,N,i=1,-- K.

6.2.3 Beamformer Design for a Given Power Allocation

For a given uplink power allocation q, beamformers in the uplink are de-
signed by solving the following generalized eigenvector problem
uliRi i,

u;,j = argmax —;
w15 Qi

, S.t. Hui’j ‘2 =1.

K N K

where Qij =Y GRiii+ > Y GmiRimy+ i, Vi, Vj
=1 m=11=1

I#j m#i

(6.2.11)

6.2.4 lterative Solution

The optimization in (6.2.1) is solved using an iterative algorithm. For a
given set of auxiliary variables a, the beamformers from (6.2.11) and the
power allocation from (6.2.10) are iteratively obtained until convergence.
From the uplink-downlink duality, the same SINR values can be achieved in
both the uplink and the downlink with the same set of beamformers and total
transmit power but with different power allocation. Hence, the beamformers
U that have been computed in the virtual uplink, are used in the downlink
to obtain the downlink power allocation using (6.2.4). In order to update
the auxiliary variables, a subgradient method is used as follows [156], [157]:

al™ = o™y Lp™ — prery i=12,... N, (6.2.12)

7 [
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Algorithm 1

2) Repeat

3 m<<=m+1

4) Repeat

) n<n+1

6 Solve (6.2.11) using g™V to obtain U™~

Solve (6.2.10) and obtain 4™ and g™
Until y"=D — 4™ < ¢
) v* =+ and U* = U1
) Obtain p(™ using (6.2.4)
) Update auxiliary variables using (6.2.12)
13) Until (6.2.13) is satisfied.

)
)
)
)
)
) "
7) Compute DD ®r—1) H=1D yging Y-
)
)
0
1
2

Table 6.1. Algorithmic solution of the SINR Balancing Problem
(6.2.1)

where ¢ denotes the step size of the subgradient method. The algorithm
stops when the following criterion is satisfied

"L ™ — pmany < i=1,2,... N, (6.2.13)
where € is a very small positive constant. The algorithm is summarized in
Table I. The quantities that are associated with the nth iteration are denoted

by the superscript (n). We also use the shorthand notation v, which is

the inverse of the largest eigenvalue obtained in (6.2.10).

6.3 SINR-Balancing with per Basestation SINR-Target-Constraint

Once the SINR balancing is achieved as described in section III, at least
one of the BS power constraints must be active, i.e., at least one of the BSs
should be drawing the maximum possible transmit power. The rationale
behind this argument is that suppose at the optimum, if all BSs do not use
the maximum transmit power, the transmit power of all BSs can be scaled up

by a factor o > 1 until one of the BSs attains its full transmit power. Since
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SINR increases monotonically with increasing transmit power, the balanced
SINR will be increased. As the aim was to maximize the balanced SINR, at
least one of the BS power constraints must be active. Let us denote this BS
as [. The corresponding balanced SINR ~; obtained from Algorithm 1, is the
maximum SINR that this BS can achieve. At this stage, other BSs may not
have used all of their transmit power. Hence, a second stage optimization is
performed to enable other BSs to increase their balanced SINRs using their
remaining transmit powers while ensuring SINRs of all users’ in the [th BS
are kept at ;. Hence, the aim of the optimization problem is to maximize
minimal SINR of all users in all BSs except the [th BS, while keeping all
transmit power constraints and introducing an additional constraint that

the users in the /th BS should achieve a target SINR ~; as follows:

rPHu,
max min M, Vi, i # 1,Vj (6.3.1a)
U,p=0 %, Pi,j
rPlu,p
1) (6.3.1b)
Pij
1Lp; < P v, (6.3.1c)

The above optimization aims to maximize SINRs of users in the remaining
(N-1) BSs, while ensuring the balanced SINR of users in the /th BS is ;.
At this stage, the BS [ and possibly one of the remaining (N-1) BSs will use
the available transmit power fully. Let us denote the BS that uses its full
transmit power from the remaining (N-1) BS as [' and the corresponding
balanced SINR as 7. It should be noted that v, > «;. This is because if
v <, then BS I should have used all of its transmit power at the first stage
of the optimization. This target SINR based SINR balancing beamforming
design is repeated until SINR of users in the last BS is maximized. At the
end of this repeated optimization, users in various BSs should have achieved
different levels of balanced SINR. Suppose we are at the Nith stage of this

repeated optimization. Also, without loss of generality, assume the first Ny
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BSs have achieved full use of their transmit power. Hence, the optimization
is formulated as maximizing the SINR of all users in all BSs except the
first N1 BSs subject to the maximum transmit power constraints and SINR

target constraint for the users in the first Ny BSs as follows:

. IPlu,p) .
max min —>——— =Ny +1,---N,Vj (6.3.2a)
U,p=0 ij Pij
rPLu,
s.t. i (U.p) > i, i=1,--+ Ny, V7, (6.3.2b)
Pij
1% p; < P v, (6.3.2¢)

where I‘Z%-L (U, p) is the SINR of the jth user in the ith cell in the downlink,
which is given by (6.1.2) and ~; is the balanced SINR achieved by the ith
BS. First, the multiple linear constraints are put in (6.3.2c) into a single lin-
ear constraint by introducing the auxiliary variables b = [b11% .- by1%]T.
These auxiliary variables are updated based on the subgradient method de-
scribed in [158]. Defining P4 £ Zfil b; P/"**, the problem in (6.3.2) can

be written as

I'PL(U, p)
max min ———> i=N;+1,---N,Vj (6.3.3a)
U,pz0 i, Pi,j
rPi(u,
s.t w >, i=1,---N,VYj (6.3.3b)
17]
bl'p < pmaz, (6.3.3¢)

Based on the uplink-downlink duality [17,156], for a given set of auxiliary

variables, the dual uplink problem can be formulated as

Y} (U,q)
max min —2——— i=N;+1,---N,Vj (6.3.4a)
U,qz0 4,j Pi,j
rvl(u,
s.t W;m >, i=1,---Ni,Yj (6.3.4Db)
7‘7]

olq < pmer, (6.3.4c)



Section 6.3. SINR-Balancing with per Basestation SINR-Target-Constraint 144

where ngL (U, q) is the uplink SINR, given by (6.2.9). Now, this problem can
be solved iteratively using the following three sub-problems: uplink power

allocation, downlink power allocation and beamforming design.

6.3.1 Uplink Power Allocation for a given set of Beamformers

As the first step, for a given set of beamformers u;; V ¢, j, in the uplink,
we determine the uplink power allocation q. The optimal power allocation
should satisfy the following set of equations:

VLG, 5,9 ~
M B A(U,Pma’x), 1= Nl + 17 ,N,Vj, (6353)

pi
VLG, 5, q .
Dy Wig @ gy, ey =1, Ny, (6.3.5b)
Pij
I — (6.3.5¢)

where )\(ﬁ, Pmar) is the balanced SINR of users in the cells that have not
used their full transmit power. g4 = [q1---qn,|” is defined as the power
allocation of users in the first Ny cells and g = [dn,+1---dn]? as the
power allocation of users in the remaining cells. By evolving an earlier
approach [159] to write power allocation of a set of users in terms of power
allocation of the remaining users and solve the uplink power allocation in

(6.3.4), it can be shown from (6.2.9) and (6.3.5) that ga and gp satisfy

a4 =DusPaqa+Da¥pqp + Daby, (6.3.6a)

1. . .
NdB = Dp¥cqa + Dp¥pap +Dpbp, (6.3.6b)

P —glq,+ okqp, (6.3.6¢)
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where o4 = [o1---on |, 08 = [on, 41+ on]7,

D 4 = blkdiag{; D!, --

v,
v,y =
WN171
Wy N 41
U=
‘IlN1,N1+1
YN 41,1
Vo =
WY1
W, 41
vy =
W N N +1

by = [by,--- ,by] and bp = [by, 11, -+ ,by].

, v, DM}, Dp = blkdiag{D™*!, ...

‘Plle

Wy,

Wy N

YN, N

‘I’N1+1,N1

Yy N,

YN, 41,8

¥y

7DN}7

(6.3.7)

(6.3.8)

(6.3.9)

(6.3.10)

According to [159], (I —

D4 W 4) is invertible and (I — D4 ¥ 4)~! is nonnegative. Therefore, g4 can

be written in terms of qp as

Ga=T-DsP4) 'Ds¥pap+ (I -DsP,4) 'Daba.

Substituting (6.3.11) in (6.3.6b), we can get

1
A

7aB = BaB +t7

(6.3.11)

(6.3.12)
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where

B=Dp¥-(I1-Dy¥,) 'D,¥g+Dp¥p

t=Dp¥c(I-D,¥,) 'Dyby+Dpbp

By substituting (6.3.11) into (6.3.6¢), we obtain the following

CTaB — pmar _ c,

where

' =0 i(I-D ¥ L) DT, +05%

c= 0'5(1 — DA‘IIA)_IDAbA.

(6.3.13a)

(6.3.13b)

(6.3.14)

(6.3.15a)

(6.3.15D)

Multiplying both sides of (6.3.12) by ¢’ and using (6.3.14), we obtain

1 1 1
X: Pmax_cc BqB+Pmax_Cc t.

From (6.3.12) and (6.3.16), Qest = [q5 1]7 satisfies

1 B t .
quzt - Qext
ﬁCTB ﬁCTt
Let
~ B t
W(U) =
ﬁCTB ﬁCT‘t

In [159], it was also shown that the conditions

p(DaPy) <1

c < Pmax

(6.3.16)

(6.3.17)

(6.3.18)

(6.3.19a)

(6.3.19b)
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~

will imply that W(U) is a nonnegative matrix.

According to the Perron-Frobenious theory [160], among all eigenvalues
of W(U), Amnae(W(U)) is the unique cigenvalue of maximum modulus. It is
real and positive and associated with a positive eigenvector qe,:. Hence, qp

can be obtained from qez¢ by scaling the elements such that the last element

is equal to one. Then g4 can be obtained using (6.3.11).

6.3.2 Beamformer Design for a Given Power Allocation

For a given power allocation, the optimal beamformers for all the users in
the virtual uplink are obtained by maximizing independently the SINR of
each user in the uplink. Hence, the same optimization problem as in (6.2.11)

has to be solved.

6.3.3 Downlink Power Allocation and lterative Solution

From the uplink-downlink duality, the same SINR values can be achieved
in both the uplink and the downlink with the same set of beamformers and
total power constraints. Thus, the uplink beamformers U obtained in the
virtual uplink can be used to achieve the same SINR values in the downlink.
Let us denote the power allocation in the downlink by p = [p£ pg]T, where
p4 and pp are the downlink power allocation vectors for the users belong-
ing to the first N7y BSs that have already used their powers fully and the

remaining (N — Np) BSs, respectively.

Similar to (6.3.12), (6.3.13a) and (6.3.13b), the following equations for the

power allocation of the users in the downlink can be written:

1. ~
1P =BY"ps + 7" (6.3.20)
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where

BPL = Dp®L(1- D49 'D4wcT + Dp¥] (6.3.21a)

tPL =D L(I1-D,¥L)'Dyos + Dpop (6.3.21b)

It can be shown that (I — BPL) is nonsingular and (I — BPL)~! is a
nonnegative matrix. Using this assumption, the power allocation in the

downlink is given by

N 1
pp = (31~ BPL)~1¢PL (6.3.22a)

pa=I-DsTY) ' DT ps + (I -DsTY) 'Daos (6.3.22b)

Having obtained the beamformers and the power allocations for a given set
of auxiliary variables b, the auxiliary variables are updated according to the

following subgradient method [156], [157].

B = b (1 pi™ — Py, i =1,2,--- N, (6.3.23)

7

where ¢ denotes the step size of the subgradient method. The algorithm

stops when the following criterion is met

‘b(m—i_l)(l};pgm) - Pmax)| < €, i = 17 27 -+ N. (6324)

%

The proposed algorithm is summarized in Table II.
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Algorithm 2

1) Initialize m < 0, n < 0, G5, 4% b©, ¢, ¢

2) Repeat

3) m<m+1

4) Repeat

5) n<n+1

6) Solve (6.2.11) using agﬁl), ag‘fl) to obtain U™
7) Compute D%_l), Dg_1)7 lIlfff_l), \Il(g_l)’

e gl Bl Bl ging U

) Solve (6.3.17) and obtain A™ and ag)

) Obtain G from (6.3.11)

10) Until A=) — \(W) < ¢

11) A =\® and U* = UMD

12)  Obtain p"”, p7™ using (6.3.22a) and (6.3.22b), respectively.
13)  Update auxiliary variables using (6.3.23)

14) Until (6.3.24) is satisfied.

© o

Table 6.2. Algorithmic solution of the mixed SINR balancing based
beamforming design (6.3.2)
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6.4 Complexity and Convergence Analysis

6.4.1 Complexity Analysis

For a given set of auxiliary variables, the complexity of the proposed algo-
rithms in Table I and Table IT mainly depends on the complexities of the
matrix inversion and the eigenvalue decomposition. For a given [ x [ matrix,
the required arithmetic operations to determine its inverse and the eigen-
vectors are given by O(I®) and O(I1® + (Ilog?l)logh)), respectively, where b
is the relative error bound [161]. Based on this, the number of arithmetic
operations required for every iteration of the algorithm in Table I and Table
IT are shown in Table IIT and Table IV, respectively. Only steps 6, 8 and 11
of Algorithm 1 and steps 6, 8, 9 and 12 of Algorithm 2 require matrix in-
version or eigenvalue decomposition. Hence the total arithmetic operations
required for each iteration is the summation of arithmetic operations needed
for matrix inversion and the eigenvalue decomposition. In both tables, n
denotes the number of iterations required to satisfy the stopping criterion,
i.e., step 9 in Table I and step 10 in Table II. It has been observed through

simulations that the average number of iterations n is equal to two.

Table 6.3. Complexity of the 1st stage of the algorithm
’ \ Matrix Inversion ‘

| Step 6 | nKNO(M?) |
] \ FEigenvalue Decomposition ‘
Step 6 nKNO [M? + (Mlog” M)logb|

Step 8 | nO{(NK + 1)> + [(NK + 1)log*(NK + 1)] logb)}
Step 11 | O{(NK + 1) + [(NK + 1)log”(NK + 1)] logh)}
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6.4.2 Convergence Analysis

Here, we discuss the convergence of the auxiliary variables. Assume that the

ith constraint (i.e., 1% p; < P™9%) is not satisfied at the first iteration. Since

7
lﬂpgl) > P/ the corresponding auxiliary variable a; will be increased
based on the subgradient method as follows:

o™t = o™ 4L pl™) — pmary (6.4.1)

7 7

At the next iteration, the corresponding uplink noise covariance will be in-

creased as agl) > ago) (i.e., ©; = a;I). This reduces the achievable SINR
1 S

at the next iteration and yields into less power allocation (i.e., 1§pi

1};p52)). Hence, the corresponding auxiliary variable a; increases with the
iteration number n until the stopping criterion |al(-m+1) (lzl;pl(-m) — Py < e

is satisfied as follows:

a;’ < agl) <. < agn). (6.4.2)

The stopping criterion is satisfied when either a; reaches a small value or the
associated constraint is satisfied. Since, one of these conditions is achieved,
the auxiliary variable adaptation converges. The similar argument holds for
the scenario where the constraint is satisfied at the first iteration. In this
case, the corresponding auxiliary variable will be decreasing with the itera-

tion. This monotonic convergence of the auxiliary variable can be observed

Table 6.4. Complexity of the 2nd stage of the algorithm

’ H Matrix Inversion ‘

Step 6 nKNO(M?)
Step 8 -
Step 9 nO{[N(K — 1)+ 1]*}
Step 12 20{[N(K — 1) +1]3}
] I Eigenvalue Decomposition \
Step 6 nKNO [M? + (Mlog” M )logb]
Step 8 || nO{[(N — DK + 1]3 + [(N — K + L)log”[(N — 1)K + 1]] logb)}
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Adaptation of Auxiliary Variables alphal and alpha2
15 T T T T

0.5 4

0 I I I I I I
0 2 4 6 8 10 12 14

Adaptation Number

Figure 6.2. Evolution of auxiliary variables a; and a, against adap-
tation number.
in Figure 6.2.

Having established the monotonic convergence of the auxiliary vari-
ables, SINR convergence of the inner-loop and the outer-loop of the pro-
posed algorithm is investigated. In the inner-loop, the beamformers and
the power allocations are determined for a given set of auxiliary variables
whereas the outer-loop updates the auxiliary variables through a subgradient
method. In the inner-loop, the optimal beamformers and the power alloca-
tions are iteratively determined by maximizing the virtual uplink SINR of
each user [17,156]. Hence, the virtual uplink SINR increases at each iter-
ation. Since the available transmit power is limited, the achievable uplink
SINR is upper bounded. Hence, the inner-loop converges to a fixed solu-
tion. In addition, the inner-loop provides the optimal solution for a given
set of auxiliary variables [17,156]. If the auxiliary variables are chosen to
satisfy the constraints through the outer-loop, then the beamformers and
power allocation obtained from the inner-loop is optimal solution for the
original problem. As discussed earlier, the auxiliary variables are updated

to satisfy the constraints and they either monotonically increase or decrease.



Section 6.5. Simulation Results 153

Hence, the proposed iterative algorithms yield optimal solution which has
been verified in the simulation section using the SDP formulation of the

power minimization problem.

6.4.3 Beamforming Design based on SDP

For a given set of target SINRs, beamformer weight vectors can be designed

using the following optimization [162]. footnotesize

N K
min ) [|lwigll3
i.j

=1 j=1
s.t.
w; i RiijWi,j >~
K HR. . w. N K o H - 2 = b
Zl:l,l;éj Wi,sz,sz,l + Zm:l,m;éi di=1 Wm,lRmvz,JWm,l +03;
Vi, j, (6.4.3)

where w; ; = p; ju; ; includes both the power allocation and beamformer
vector. The above optimization can be converted into convex form and solved
using SDP [162], hence it provides optimum solution. This formulation is
used to verify the optimality of the results in Section VI. However, it should
be highlighted that the SINR balancing problem cannot be solved directly
using the SDP approaches because the optimal balanced SINR values are

not known a priori.

6.5 Simulation Results

First, the performance of the SINR balancing algorithm without considera-
tion to balancing SINR of each BS at different levels is assessed i.e., balanc-
ing SINR of all users in all BSs together but subject to individual BS power
constraints. A scenario with two BSs has been considered, each serving two
users. The BSs and the users consist of four antennas and single antenna,

respectively. The noise power at each user terminal is set to 0.01. Random
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channels for each user from both BSs using zero mean complex Gaussian
random variables have been generated. The average channel gain from ev-
ery BS to the corresponding users was set to one while the gain of channels
from each BS to users in other BS (co-channel gain) was normalized to 0.1
so that the average power gain for the co-channels is 0.01. The maximum
power limitations at the first and the second BSs were set to 0.1W and 10W,
respectively. In all the simulations, the priority factor is set to p; ; = 1 for
all users. The SINR balancing algorithm described in Section III has been
employed. The stopping criterion threshold e in (6.2.13) and (6.3.24) is set
to 0.1 and the adaptation step size ¢ in (6.2.12) and (6.3.23) to 0.015. The
adaptation of auxiliary variables for a given set of random channels is shown
in Figure 6.2. The adaptation is stopped when one of the auxiliary variables
goes to zero or when there is insignificant change in subsequent values of
both the auxiliary variables. In this example, the second auxiliary variable
converges to zero. At the convergence, it was observed that the first BS uses
all available power of 0.1W while the second BS uses only 0.5425W. i.e., the
second BS is not able to use all its available power, hence the constraint
associated with the second BS power is inactive confirming as to why the
second auxiliary variable converges to zero.

After the convergence, it is observed that for the random channels used,
the SINRs of users belonging to both the BS were balanced at 15.35. In
order to confirm the optimality of this result, the SDP based beamforming
design [162] as described in Section V has been used and the SINR con-
straints for all four users are set to 15.35 and the power constraints for the
two BSs at 0.1W and 10W, respectively as in the previous simulation. It is
observed that the SDP based design consumed the same power for BS1 and
BS2, as obtained by the proposed algorithm i.e., 0.1W and 0.5425W. Also, it
is observed that the beamformers obtained using the proposed method and

the SDP method are identical. When the SINR target of all four users has
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Table 6.5. Power allocations and the achieved SINRs using the pro-
posed method.

Power Allocation Total Power
BS1 BS2 BS1 | BS2
Channels | User 1 | User 2 | User 1 | User 2
Channel 1 | 0.0634 | 0.0366 | 7.0120 | 2.9868 | 0.1 10
Channel 2 | 0.0466 | 0.0534 | 3.2116 | 6.7878 | 0.1 10
Channel 3 | 0.0581 | 0.0419 | 3.9419 | 6.0579 | 0.1 10
Channel 4 | 0.0295 | 0.0705 | 3.2601 | 6.7399 | 0.1 10
Channel 5 | 0.0479 | 0.0521 | 1.4086 | 8.5912 | 0.1 10
Achieved SINR (in linear scale) | Total Power

BS1 BS2 BS1 | BS2
Channels | User 1 | User 2 | User 1 | User 2
Channel 1 | 15.35 | 15.35 | 34.54 | 34.54 | 0.1 10
Channel 2 | 1852 | 18.52 | 341.46 | 341.46 | 0.1 10
Channel 3 | 22.37 | 22.37 | 806.82 | 806.82 | 0.1 10
Channel 4 | 18.95 | 18.95 | 659.56 | 659.56 | 0.1 10
Channel 5 | 15.08 | 15.08 | 280.01 | 280.01 | 0.1 10

been increased to slightly above 15.35, the SDP confirmed that the problem is
infeasible. This confirms that the balanced SINR obtained using our method
is optimum. It should be noticed that for a given set of target SINRs, the
beamforming design based on SDP is optimum. However the SDP method
cannot be used directly to design beamformers for SINR balancing, because
the balanced SINR value is not known a priori. SDP method is used only to
verify the optimum resource allocation for a given set of target SINRs which
in this case is the balanced SINR obtained using the method proposed.
Having confirmed the optimality of the first algorithm, the second algo-
rithm described in Section IV has been used to optimize the SINR of users in
the second BS to a higher level. For the set of random channels considered,
as can be seen for the first Channel of Table 6.5 the BS2 achieved a higher
SINR of 34.54. The power allocations and the balanced SINR values for each
user at each cell for five different set of random channels have been obtained,
as depicted in Table 6.5. The results with the solutions obtained using the

SDP approach in Table 6.6 have been compared. The random channels used
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Table 6.6. Target SINRs and the user power consumptions using the

SDP-Based Method.
Target SINR (in linear scale) | Total Power

BS1 BS2 BS1 | BS2
Channels | User 1 | User 2 | User 1 | User 2
Channel 1 | 15.35 | 15.35 | 34.54 | 34.54 | 0.1 10
Channel 2 | 1852 | 1852 | 341.46 | 341.46 | 0.1 10
Channel 3 | 22.37 | 22.37 | 806.82 | 806.82 | 0.1 10
Channel 4 | 18.95 | 18.95 | 659.56 | 659.56 | 0.1 10
Channel 5 | 15.08 | 15.08 | 280.01 | 280.01 | 0.1 10
Power Allocation Total Power
BS1 BS1 BS2
Channels | User 1 | User 2 | User 1 | User 2
Channel 1 | 0.0634 | 0.0366 | 7.0120 | 2.9868 | 0.1 10
Channel 2 | 0.0466 | 0.0534 | 3.2116 | 6.7878 | 0.1 10
Channel 3 | 0.0581 | 0.0419 | 3.9419 | 6.0579 | 0.1 10
Channel 4 | 0.0295 | 0.0705 | 3.2601 | 6.7399 | 0.1 10
Channel 5 | 0.0479 | 0.0521 | 1.4086 | 8.5912 | 0.1 10

in both Tables are the same and the SINR targets in Table 6.6 are the same
SINR values achieved in Table 6.5. For example, for Channel 2 in Table 6.6,
the SINR targets for the two users in the first BS is set to [18.52 18.52] and
for the two users in the BS2 to [341.46 341.46] as obtained with our method
in Table 6.5. Comparing Table 6.5 and 6.6, for the same SINR targets, the
power allocation obtained using the SDP approach and the proposed method
is the same. In addition, it is observed that both methods provided the same
set of beamformers. For all five random channels, for the verification of re-
sults using SDP, the SINR target of users has been increased slightly above
the balanced SINR values obtained by the proposed method and observed
that SDP optimization turns out to be infeasible. Since the SDP method for
the beamforming design for a given set of SINR targets is optimum [162],
and since both the proposed method and the SDP method provide the same
result, as in Tables 6.5 and 6.6, the proposed method of balancing SINRs of
users at different BSs to different levels is optimum.

Figure 6.3 depicts the balanced SINRs (in dB) that the users achieve
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Figure 6.3. Achieved SINR (dB) of the users in the 1st and 2nd cell
versus the transmit power constraint of the 2nd cell.

in the first and the second cells against the maximum transmit power of
the second BS for a given set of random channels. The transmit power of
the first BS has been set to 0.1W and the maximum power of the BS2 has
been varied. As observed in Figure 6.3, the balanced SINR achieved from
the users belonging to the second cell grows substantially as the maximum
transmit power of BS2 increases, while the balanced SINR of the first cell
remains at the same value.

For the results presented so far, four antennas for each BS have been
used. Since there are only four users altogether in both BSs, each BS has
adequate degrees of freedom to mitigate interference satisfactorily, hence
they are able to fully utilize the available transmit power to maximize the
balanced SINR as high as possible. However, if the number of antennas are
limited, while one of the BS uses its full transmit power (usually the one
with lower maximum transmit power), the other BSs may not fully use its

transmit power as otherwise significant interference may be introduced to the
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users in the first BS. For example, a scenario has been simulated as before
for a set of random channels, but with three antennas for each BS. The first
BS power was set to 1W, while the second BS power was set to 10W. The
first BS used all its transmit power of 1W and achieved a balanced SINR of
57.81 for its users, however, the second BS used only 1.7279W and achieved
a balanced SINR of 57.81 for its users. The second BS could not increase
its transmit power beyond 1.7279W, because it may introduce interference
to the first BS and it will result into lower balanced SINR for the first BS.
However, a slight decrease in the SINR target for the first BS will increase
the second BS transmit power utilization and will enhance the second BS
users balanced SINR significantly. This tradeoff has been depicted in Fig-
ure 6.4. Again, the proposed algorithm has the ability to first determine
the maximum possible balanced SINR that the first BS could achieve and
secondly to balance and maximize the SINR of the users in the second cell,
while satisfying a wide range of target SINRs for the users in the first cell.
Finally, the performance of the proposed algorithm has been compared
with that of an extension of the work proposed in [2]. The work in [2] pro-
posed to perform SINR balancing of all users in all the cells with multiple
BS power constraints. Observing that after SINR balancing, certain BSs
may not have used all the available transmit power, as also described in the
proposed algorithm, the authors in [2] proposed to use any excess power
available at these BSs to increase the SINR of the best performing users in
those cells without affecting the SINR of other users. However, the work
in [2] did not aim to balance the SINR of users in other BSs. Therefore, for
the purpose of comparison, the work in [2] is extended to perform a second
level of SINR balancing for the users in the BS that has not used all available
power, by distributing the remaining power among all users in that BS such
that the SINR of users in that BS is balanced and maximized. Assume, that

the ith BS used all its transmit power. Suppose if we wish to use all the
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Figure 6.4. Achieved SINR (dB) of the users in the 2nd cell for
decreasing values of target SINRs (dB) for the users in the 1st cell with
M=3.

excess transmit power of the jth BS to its kth user, according to the work

in [2], a new beamformer should be designed for the kth user as follows:

0 ZF
uy’ =g+ aj e’ vy (6.5.1)
where 60,1, = é(ufkhj7j7k) and a;y, is determined such that [[u{"|| = P*"

and v]Z,f is the projection of h; ; ;. onto the complement of the column space
of Hyje = [hjia - hyiachyjn b1, By by, e, vET = (I-
ﬁj,k(ﬂfkf{j,k)*lﬁfk)hj7j7k. However, since the aim is to balance SINR
of all users in the jth cell, rather than allocating all the excess power to
only one user, the work in [2] is modified and extra beamformers for all
the users are designed and the total excess power is distributed among all
users in the jth cell in such a way the SINRs of all users in the jth cell are
balanced. Bisection method has been used to determine the optimum excess

power allocation. Then the performance of our proposed algorithm has been



Section 6.5. Simulation Results 160

compared with the above said extension of [2]. In order to compare the
proposed method with the method described in [2], a scenario with 2 BSs
and 3 users for each BS has been considered. The transmit power at the
first and second BSs were set to 0.1W and 10W respectively. Five sets of
different random channels were generated as shown in Table 6.7. As can be
seen, for example in the first row of Table 6.7, the second BS achieved a
higher SINR of 34.2 using the proposed method as compared to the SINR
of 25.89 achieved using the extended work of [2]. For all the set of random
channels depicted in Table 6.7, the SINR values achieved using the proposed
method are higher than that achieved using the extended work of [2]. This is
because, the work in [2] proposed to use the remaining power by using extra
beamforming vector components that were obtained by projecting each user
channel onto the complement of the column space of all other user channels.
This can be viewed as zero forcing multiplexing. Due to zero forcing there
is loss of flexibility, however, the proposed work does not impose this strict
zero forcing condition, but aims to maximize minimal SINR directly using
an optimization framework. Hence, it outperforms the extended work of [2].

Simulation Remarks: Some additional key points that have been used to
assist the simulation are summarized. If any of the BSs does not use all its
transmit power, the associated auxiliary variable during the adaptation as in
(6.2.12) will converge to zero. In this case, €; in the SINR of the equivalent
uplink in (6.2.9) is zero. Suppose, the number of antennas at the BS is greater
than the number of interference components shown in the denominator of

K N K

the SINR in (6.2.9), the matrix M = (> g Riii+ > D gmRimg + i)
g

will become rank deficient. Therefore, the beamformer for this case cannot

be designed using the generalized singular value solution. For this case,
the beamformer is designed as the vector that is in the null space of the
above matrix M. Also, when the number of antennas is higher than that of

the users, the BS has the ability to manage interference if possible through
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Table 6.7. The achieved balanced SINRs using the extended work
of [2] and our proposed method

Extended work of [2]

SINR of U1-U3

SINR of U4-U6

Channels i.e., BS1 i.e., BS2
Channel 1 14.4 25.9
Channel 2 9.5 186.5
Channel 3 8.7 337.1
Channel 4 13.7 302.7
Channel 5 8.8 151.5
Our method
Channels SINR of U1-U3 | SINR of U4-U6
i.e., BS1 BS2
Channel 1 14.4 34.2
Channel 2 9.5 199.9
Channel 3 8.7 351.4
Channel 4 13.7 317.3
Channel 5 8.8 154.9
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steering appropriate nulls. In this case, the multiple BSs have the ability
to perform SINR balancing efficiently and the BSs are likely to use the
maximum available transmit power. However, with fewer antennas, if the
whole network is severely interference limited, certain BSs may not have the
flexibility to trade off the power between users and use all available transmit
power. The auxiliary variables associated with these BS will be non-zero in

this case.

6.6 Conclusion

A coordinated multi-cell beamforming for multiple cells with various trans-
mit power constraints has been considered. The aim was to balance and
maximize the SINR of users in various cells to different maximum possible
levels. This facilitates BSs with better channel conditions and more power
to balance SINR of their serving users to a higher level than the balanced
SINR of users attached to BSs with either low transmit power or bad chan-
nel conditions. The algorithm was solved sequentially by balancing SINR
of users in various cells with constraints on transmit power and already
achieved balanced SINRs. The results have been compared with SDP based

beamforming design for optimality.



Chapter 7

SUMMARY, CONCLUSION
AND FUTURE WORK

In this chapter, the novel results of this thesis and the conclusions that can
be drawn from them are summarized, followed by a discussion on future

work.

7.1 Summary and Conclusions

The focus of this thesis has been on proposing and analyzing signal pro-
cessing algorithms, in particular mathematical optimization techniques, for
the enhancement of coverage and capacity of wireless networks. There are
various techniques that have the potential to enhance capacity and cov-
erage, for example spatial diversity techniques, cognitive radio techniques,
relay networks, heterogenous networks and advanced error control coding
techniques. Among these available techniques, the spatial diversity and cog-
nitive radio techniques have the ability to enhance the usage of the spectrum
and to increase the capacity substantially. Relay technology has the abil-
ity to enhance the coverage and also to minimize the power consumption for
transmission of signals in the network. The emphasize on the work presented
in this thesis has been on spatial diversity techniques and relay network as
well as cognitive radio technology. In particular, various mathematical opti-
mization techniques have been proposed for optimal resource allocation and

163
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spatial diversity for wireless relay networks. The work also considered de-
signing such systems under interference constraints, so that is applicable to
cognitive radio networks as well. Having designed various relay networking
technologies, the final part of the thesis focused on coordinated multi-cell
processing, in particular coordinated beamformer design for enhancing ca-
pacity.

The first contributing chapter “Wireless Peer-to-Peer Relay Networks”
had four contributions on peer-to-peer wireless networks. There have been
various works available in the literature on designing wireless relay networks
to achieve a certain QoS. However the work considered in this thesis fo-
cused on designing wireless relay networks while ensuring users’ fairness in
the form of maximizing the worst case user SINR in the network. This is
termed as SINR balancing. The work considered both one way and two
way relay networks with and without consideration to interference leakage
to primary users as in a cognitive radio network. Accordingly, the work
considered multiple peer-to-peer users and a number of spatially distributed
relays. The aim of the relay is to receive the signal from multiple users,
amplify and rotate the phase and forward them to the destinations. In that
process, the relay is expected to perform spatial diversity, as the aim is to
maximize the worst case SINR of the users at the destination. This problem
was solved using a combination of SDP and GP and the simulation results
shown multiple spatially distributed relays have the ability to perform spatial
multiplexing and forward the signal to the destination, even in the presence
of multiple users and even if the relays have only one antenna. This work
has been extended to two-way relay networks as well. Finally the work has
been extended to a CR network, where the aim of the relay is not only to
perform spatial multiplexing and to forward the signal to the destination,
however the relay should also need to ensure the interference leakage to a

number of primary users is below a specific threshold.
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In the second contributing chapter, we extended the peer-to-peer wire-
less relay network to a relay that consists of multiple antennas and the peer
to peer users have multiple antennas at both the transmitting and the re-
ceiving end. Hence, we used MMSE as the criterion for optimization. The
aim of the MIMO relay as well as the transceivers of the peer-to-peer users
is to minimize the weighted sum MMSE of the network for a given total
network power. This problem has been solved using uplink-downlink du-
ality and SOCP. According to the uplink-downlink duality, the receiver is
fixed and the transmitter is designed by converting the problem into a vir-
tual uplink problem. Once the transmitter has been designed, it is fixed
and the receivers are designed directly using MMSE technique. The op-
timum relay transceiver matrix has been designed using SOCP. Hence an
iterative method was proposed. It is understood that the overall problem
is not convex, however this iterative method has provided reasonably good
performance for a variety of random channels.

The third contributing chapter focused again on relay network problem.
Specifically a BS with multiple antennas serving a number of users directly
and another set of users through a MIMO relay has been considered. The
aim is to jointly design the beamformers required at the BS and at the re-
lay to ensure that the users served by both the BS and the relay achieve a
set of target SINRs (for a given transmission power at the BS and at the
relay). According to this setup, for each complete transmission, there are
two time slots. In the first time slot, the BS sends information to the users
that serves directly and to the relay. In the second time slot, both the BS
and the relay transmit signal to their corresponding users. The signal that
needs to be transmitted to the corresponding users of the relay, has been
transmitted by the BS during the first time slot. The work available in the
literature, considered the signal received by the users in the second time slot

that are directly served by the BS from the relay as interference. However,
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as this is the very same signal that has been transmitted by the BS in the
first time slot, it should not be considered as interference, as the interference
structure is already known at the BS. This concept has been exploited and
a novel technique has been proposed. The BS in the second time slot not
only designs beamformer to send information to the users it serves, however
also to mitigate interference caused by the relay as the BS knows the exact
interference structure. This technique has been shown to outperform other
techniques available in the literature.

Final contributing chapter has been on multi-cell beamforming. Tradi-
tionally, spatial diversity or beamforming techniques, have been designed
for each BS considering the interference from other BSs as noise. However,
coordinated multi-cell processing aims to design beamformers jointly for a
set of BSs. There are various beamforming techniques known in the litera-
ture, including designing beamformers to achieve a set of SINR targets for
users served by various BSs and also to maximize the worst case user SINR,
namely SINR balancing. However, all the techniques available in the lit-
erature on SINR balancing based beamformer design aimed to balance the
SINR of all users in all cells together. This is however, not desirable, because
users that are in a BS with good channel conditions or higher transmission
power may be disadvantaged as the balanced overall SINR values are limited
by the worst case user in the worst case BS. Therefore, a new approach has
been proposed that aims to balance SINR of users in various cells to various
levels. This has been solved using an SINR target based SINR balancing
technique. The results have been proved to be optimal using a set of simu-
lation results that compares the performance with that obtained using SDP
techniques.

In summary this thesis has investigated various spatial diversity tech-
niques and resource allocation techniques for enhancing the capacity and

coverage of wireless networks. The solutions were based on exploitation of
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uplink-downlink duality and convex optimization techniques, in particular

SDP, SOCP and GP.

7.2 Future Work

The work presented in this thesis can be extended in a number of ways. First
of all, all the techniques presented in the thesis considered perfect channel
state information. It is possible to design spatial diversity techniques and
resource allocation techniques considering certain level of uncertainty in the
channel state information. Various forms of robust optimization techniques
can be applied to solve this problem. In Chapter 3, we considered the relays
to have single antennas. It is possible to employ multiple antennas at the
relay and can be solved within the context of one and two way relay networks.
Employing multiple antennas has the potential to enhance the capacity and
coverage further. The work in Chapter 4 can extended to MIMO peer to
peer network with multiple relays with multiple antennas. This has also the
potential to enhance the capacity and coverage further. The work presented
in Chapter 5 considered single antennas for the user terminals. Again it is
possible to extend this work to multiple antennas based users. In this case
MIMO based transmission from the BS to users as well as from the relay to
users will be established. In this setup, instead of SINR target either data
rate target or MMSE target should be considered. The work in Chapter 6
could also be extended in a number of ways. First we considered multiple
BSs with coordinated multi-cell processing to balance the SINR of users in
various cells to different levels. This technique can be extended to achieve
distributed design, either using Lagrangian duality or using game theoretic
methods. This work can be extended further to consider multiple antennas
at the users terminals. Here instead of SINR balancing, either data rate

balancing or MMSE balancing criteria should be considered.
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