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As the number of Earth pointing satellites has increased over the last several
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decades, the data volume retrieved from instruments onboard these satellites has Spatiotemporal Analysis
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advancements in computational efficiency allow for the Earth science community
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to leverage machine learning to identify interesting atmospheric phenomena.
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specialized machine learning model is required for accurate detection of these clouds
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can be used to more easily use/subset larger spatiotemporal datasets. The user atitude Dust, Smoke) E— e

interface also incorporates additional features to enhance the user experience * Dust events occurring in higher latitudes
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