
Enforcing Privacy via Access
Control and Data Perturbation

A thesis submitted for the degree of

Doctor of Philosophy

Jian Zhong B.E. , M.Sc,

School of Computer Science and Information Technology,

Science, Engineering, and Technology Portfolio,

RMIT University,

Melbourne, Victoria, Australia.

30th August, 2013



Declaration

I certify that except where due acknowledgement has been made, the work is that of

the author alone; the work has not been submitted previously, in whole or in part, to

qualify for any other academic award; the content of the thesis is the result of work

which has been carried out since the official commencement date of the approved

research program; and, any editorial work, paid or unpaid, carried out by a third party

is acknowledged.

Jian Zhong

School of Computer Science and Information Technology

RMIT University

26th August, 2013



Acknowledgments

This is one of the best moments in my doctoral program - to publicly acknowledge

those who have contributed, in many different ways, to make my success a part of

their own.

First of all, I would like to express my gratitude to my supervisor Associate Professor

Peter Bertok, my second supervisor Professor James Harland, and acknowledge their

contributions into this work as well as into my research career. Peter taught me how

to think creatively and how to become a good researcher. Without him, this work

would not have been possible. Thanks are due to the RMIT Computer Science and IT

department administration staff and other academic staff, for their encouragement and

intellectual inspiration. This research was partially supported by the Australian

Research Council Grant No. LP0989756.

Furthermore, it is a pleasure to express my thanks to Professor Lynn Batten and

Kalpana Singh, who helped summarizing attack methods for my work. Thanks are

also due to Dr. Vinod Mirchandani, who helped proofreading papers and part of the

thesis. Attack methods described in the Appendix were adapted to my solutions by

Kalpana Singh based on [135], and I performed the calculations for the results



presented in this thesis. I would also like to thank my officemate Shaahin Madani for

the help with using some research tools.

I want to acknowledge my special thanks to my mother Jingmei LI and father Lihong

ZHONG for bringing me up and for their lifelong love. They are the peaceful harbor

for me whenever I feel tired and frustrated. I would also like to express my thanks to

Tong LIN, the most beautiful girl in the world, for her continued encouragement,

caring, sharing and love.

30th August 2013



Credits

Portions of the material in this thesis have previously appeared in the following

publications:

J. Zhong, P. Bertok, "Maintaining Data Privacy and Utility by Data Perturbation

Based on Chebyshev Polynomials", In the Journal of Network and Computer

Applications, submitted. 2013

J. Zhong, P. Bertok and F. Han, "Privilege-orientated purpose-based access control",

In Journal of Progress in Intelligent Computing and Applications, submitted. 2013

J. Zhong, V. Mirchandani, P. Bertok, J. Harland, "µ-Fractal BASED Data perturbation

ALGORITHm for privacy protection", In proceeding of PACIS 2012, Ho Chi Minh

city, Vietnam

K. Singh, J. Zhong, L.M. Batten and P.Bertok, "An Efficient Solution For

Privacy-Preserving, Secure Remote Access To Sensitive Data", In proceeding of

ACSIT 2012, At chennai, India

K. Singh, J. Zhong, L.M. Batten and P.Bertok, "Securing Data Privacy on Mobile

Devices in Emergency Health Situations", In proceeding of MOBISEC 2012,

Frankfurt, Germany



J. Zhong, P. Bertók, V. Mirchandani, Z. Tari, "Privacy-Aware Granular Data Access

Control For Cross-Domain Data Sharing", In proceeding of Pacific Asia Conference

on Information Systems, PACIS 2011, Quality Research in Pacific Asia, Brisbane,

Queensland, Australia, 7-11 July 2011

J. Zhong, V. Mirchandani and P. Bertok, "Identity Protection against Data Linkage in

mHealth", In proceeding of Advanced Technology of Information Security (ATIS

2010), Melbourne, Victoria, Australia

J. Zhong, P. Bertók and Z. Tari, "Security, Privacy and Interoperability in

Heterogeneous Systems". In proceeding of 11th IFIP WG 5.5 Working Conference on

Virtual Enterprises, PRO-VE 2010, St. Etienne, France, October 11-13, 2010

J. Zhong, P. Bertók and Z. Tari, "Pair-Wise Privilege Control for Cross-Domain

Private Data Sharing", In proceeding of Pacific Asia Conference on Information

Systems, PACIS 2010, Taipei, Taiwan, 9-12 July 2010

This work was partially supported by the Australian Research Council and the

Distributed Systems and Networking group at RMIT University.



Contents

Abstract.........................................................................................................................1

1. Introduction......................................................................................................... 4

1.1 Overview and Motivation................................................................................. 6

1.1.1 Privacy Aware Data Access Control........................................................... 6

1.1.2 Privacy Protection of Published Data.......................................................14

1.2 Contributions....................................................................................................20

1.3 Structure of the Thesis.....................................................................................23

Part I Privacy Preserving Access Control...........................................27

2. Access Control in Cross-Domain Environments......................29

2.1 Introduction...................................................................................................... 30

2.1.1 Chapter outline......................................................................................... 32

2.2 Literature Review............................................................................................33

2.2.1 Key Concepts............................................................................................33

2.2.1.1 Privacy-Aware Access Control...................................................... 33

2.1.2 Granular Data Access Control.................................................................. 34

2.2.2 Previous Solutions.................................................................................... 35

2.2.2.1 Diverse Privileges..........................................................................35

2.2.2.2 Cross-domain Application............................................................. 37

2.3 Privacy Preserving Data Access Control Model (PPDAC)........................39



2.3.1 Basic Concepts and Notation....................................................................40

2.4 Diverse Privilege Controller of PPDAC........................................................47

2.4.1 Privacy Preserving Subject Privilege Control (PSPC) Component..........49

2.4.2 Privacy Preserving Object Control (PPOC) Component..........................50

2.4.3 Privilege Refinement (PR) Component....................................................53

2.4.4 Subject Roaming and Object Roaming.................................................... 56

2.5 Illustrating Examples and Implementation................................................62

2.5.1 General Example...................................................................................... 62

2.5.2 Specific Examples.................................................................................... 64

2.5.3 Implementation.........................................................................................69

2.6 Discussion......................................................................................................... 71

2.6.1 Comparison with Existing Solutions........................................................ 71

2.6.2 Evaluation.................................................................................................73

2.7 Summary...........................................................................................................74

3. Purpose-based PPDAC............................................................................... 76

3.1 Introduction...................................................................................................... 76

3.1.1 Chapter outline......................................................................................... 78

3.2 Background.......................................................................................................79

3.3 Privilege-oriented Purpose-based PPDAC..................................................83

3.3.1 Basic Concepts and Notation....................................................................84

3.4. Privilege-Oriented Purpose-Based Module................................................88

3.4.1 Subject-based Access Control (SBAC).................................................... 89

3.4.1.1 Subject Attributes Assignment (SAA) Layer................................ 91

3.4.1.2 Subject Privilege Interpretation (SPI) Layer................................. 92

3.4.1.3 Subject Privacy Label Generation (SPLG) Layer......................... 96



3.4.2 Object-Based Access Control (OBAC).................................................... 97

3.4.2.1 Object Attribute Assignment (OAA) Layer...................................98

3.4.2.2 Object Privilege Interpretation (OPI) Layer................................100

3.4.2.3 Object Privacy Label Generation (OPLG) Layer........................ 102

3.4.3 Privilege Refinement (PR)..................................................................... 103

3.5 Model Verification......................................................................................... 106

3.6 Illustrating Example..................................................................................... 110

3.7 Discussion........................................................................................................116

3.8 Summary.........................................................................................................117

Part II Privacy Preserving for Published Data............................. 119

4. Data Privacy Protection Framework for

Data Publishing..............................................................................121

4.1 Introduction.................................................................................................... 121

4.1.1 Chapter Outline...................................................................................... 124

4.2 Background.....................................................................................................124

4.2.1 Concepts and Notation........................................................................... 124

4.2.2 Generalization.........................................................................................126

4.2.3 Anatomization and Permutation............................................................. 128

4.2.4 Perturbation............................................................................................ 129

4.3 Data Privacy Protection Framework.........................................................130



5. Chebyshev Data Perturbation ................................................... 133

5.1 Introduction.................................................................................................... 133

5.2 Mathematical Foundations– Chebyshev Polynomials..........................135

5.3 Proposed Method - Chebyshev Data Perturbation (CDP).......................137

5.3.1 Overall Process Flow..............................................................................137

5.3.2 The Proposed Chebyshev Perturbation Algorithm................................. 138

5.3.2.1 Calculating the Perturbation Values............................................ 139

5.3.2.2 Perturbation................................................................................. 144

5.3.2.3 Restoration...................................................................................146

5.4 Experiments and Results.............................................................................. 147

5.4.1 Evaluation and Experimental Setup....................................................... 147

5.4.1.1 Distribution Tests.........................................................................148

5.4.1.2 Empirical Information Content Tests...........................................149

5.4.2 Experimental Performance..................................................................... 150

5.4.2.1 Distribution Tests.........................................................................151

5.4.2.2 Information Content.................................................................... 155

5.4.2.3 Attack Resistance.........................................................................157

5.5 Discussion........................................................................................................157

5.6 Summary.........................................................................................................159

6. μ-Fractal Data Perturbation................................................................. 161

6.1 Introduction.................................................................................................... 161

6.2 Mathematical Foundations..........................................................................163

6.3 μ-Fractal Data Perturbation (μ-FDP)................................................... 167



6.3.1 Overview of μ-FDP................................................................................ 168

6.3.2 Perturbation Algorithm...........................................................................171

6.3.2.1 Initial Parameters and Fractal Sequences.................................... 172

6.3.2.2 Perturbation Vector 1................................................................... 173

6.3.2.3 Perturbation Vector 2................................................................... 174

6.3.2.4 Perturbation................................................................................. 175

6.3.3 Restoration..............................................................................................176

6.4 Experiments and Results.............................................................................. 176

6.4.1 Evaluation and Environmental Setup..................................................... 177

6.4.1.1 Distribution..................................................................................177

6.4.1.2 Information Content.................................................................... 177

6.4.2 Experimental Performance..................................................................... 178

6.4.2.1 Distribution Tests.........................................................................178

6.4.2.2 Empirical Information Content Tests...........................................181

6.4.2.3 Attack Resistance Tests................................................................183

6.5 Discussion........................................................................................................183

6.6 Summary.........................................................................................................185

7. Conclusion and FutureWork.............................................................. 185

Appendix A

Appendix B

Bibliography



vii

List of Figures

Figure 1.1: Typical Access Control System.........................................................................6

Figure 1.2: Thesis Structure...............................................................................................25

Figure 2.1: P-RBAC Family Model [39]...........................................................................34

Figure 2.2: Data Granularity..............................................................................................34

Figure 2.3: Hospital Role Mapping Table [211]................................................................37

Figure 2.4: Privacy Preserving Data Access Control Model (PPDAC)............................ 39

Figure 2.5: Duty and Roles................................................................................................43

Figure 2.6: Hierarchical PSPC...........................................................................................46

Figure 2.7: Overall Process Flow of PPDAC on Granular Privilege................................ 48

Figure 2.8: PSPC Process.................................................................................................. 49

Figure 2.9: Core PPOC......................................................................................................51

Figure 2.10 Dynamic Hierarchy with HA and CA............................................................ 52

Figure 2.11: Privilege Refinement.....................................................................................54

Figure 2.12: Data Roaming............................................................................................... 58

Figure 2.13: Object Roaming ........................................................................................... 79

Figure 2.14: Subject Roaming...........................................................................................60

Figure 2.15: Dual Roaming Request................................................................................. 61

Figure 2.16: Module and Component Diagram for The Implemented Scenario...............63

Figure 2.17: A Scenario for A Hospital System.................................................................64

Figure 2.18: Illustrating Example......................................................................................65

Figure 2.19: Subject Grades.............................................................................................. 66



viii

Figure 2.20: Object Grades................................................................................................66

Figure 2.21: Activity List For The Three Organizations................................................... 66

Figure 2.22: Roaming Rules..............................................................................................67

Figure 2.23 The object server demo.................................................................................. 70

Figure 2.24: The subject server demo............................................................................... 70

Figure 3.1: An Example of Hierarchical Purpose [118].................................................... 80

Figure 3.2: An Example of PBAC Roles [118]................................................................. 80

Figure 3.3: Privilege-Oriented Purpose-Based Module.................................................... 88

Figure 3.4: The Three-Layer Subject-Based Access Control (SBAC) Component.......... 90

Figure 3.5 SPI Layer..........................................................................................................93

Figure 3.6 Object-Based Access Control...........................................................................98

Figure 3.7: OPI Layer......................................................................................................101

Figure 3.8: PR Process Flow........................................................................................... 104

Figure 3.9 FDR Processing Flow Chart.......................................................................... 108

Figure 3.10 FDR2 Verification Result.............................................................................109

Figure 3.11 FDR2 Debug Mode...................................................................................... 110

Figure 3.12: Illustrating Example.................................................................................... 111

Figure 3.13: Access Grades............................................................................................. 111

Figure 3.14: Illustrating Example Legend.......................................................................112

Figure 3.15: Activity List For The Two Organizations....................................................112

Figure 3.16: Object Grades..............................................................................................113

Figure 3.17: Object Type Translation Rules.................................................................... 113

Figure 3.18: Purpose Translation Rules...........................................................................113

Figure 4.1: Proposed DP2F Perturbation Process Flow.................................................. 131

Figure 4.2: Proposed DP2F Data Restoration Flow........................................................ 132

Figure 5.1: The First Few Chebyshev Polynomials −1 < x < 1 [178]............................136



viiii

Figure 5.2: CDP Overall Process Flow............................................................................148

Figure 5.3: Process for Obtaining the Perturbation Vector..............................................141

Figure 5.4: Restoration Process.......................................................................................147

Figure 5.5: Distribution Test -- Normal Distribution with PA ≈ 5%............................... 151

Figure 5.6: Distribution Test -- Uniform Distribution with PA ≈ 5%..............................152

Figure 5.7: Distribution Test -- Normal Distribution with PA ≈ 10%............................. 152

Figure 5.8: Distribution Test -- Uniform Distribution with PA ≈ 10%............................153

Figure 5.9: Distribution Test -- Normal Distribution with PA ≈ 20%............................. 153

Figure 5.10: Distribution Test -- Uniform Distribution with PA ≈ 20%..........................154

Figure 5.11: Information Content Test with PA ≈ 5%..................................................... 155

Figure 5.12: Information Content Test with PA ≈ 10%................................................... 156

Figure 5.13: Information Content Test with PA ≈ 20%................................................... 156

Figure 6.1: Bifurcation Diagram of The Logistic Map................................................... 164

Figure 6.2 (a): Time Sequences Based on μ=3.10000.....................................................164

Figure 6.2 (b): Time Sequences Based on μ=3.56990.....................................................165

Figure 6.2 (c): Time Sequences Based on μ=3.80000.....................................................165

Figure 6.2 (d): Time Sequences Based on μ=3.91230.....................................................166

Figure 6.2 (e): Time Sequences Based on μ=4.00000.....................................................166

Figure 6.2 (f): Time Sequences Based on μ=4.00010..................................................... 167

Figure 6.3: u-FDP Perturbation Process Flow.................................................................168

Figure 6.4: u-FDP Restoration Process Flow.................................................................. 168

Figure 6.5: FS Generation Flow...................................................................................... 171

Figure 6.6 PV1 Generation Flow..................................................................................... 173

Figure 6.7 FS Mapping Diagram.....................................................................................174

Figure 6.8 PV2 Generation Flow..................................................................................... 175

Figure 6.9 Perturbation Noise Combination....................................................................175



viiv

Figure 6.10: Distribution Test -- Normal Distribution with PA ≈ 6.8%.......................... 178

Figure 6.11: Distribution Test -- Uniform Distribution with PA ≈ 6.8%.........................179

Figure 6.12: Distribution Test -- Normal Distribution with PA ≈ 12.5%........................ 179

Figure 6.13: Distribution Test -- Uniform Distribution with PA ≈ 12.5%.......................180

Figure 6.14: Distribution Test -- Normal Distribution with PA ≈ 22.4%........................ 180

Figure 6.14: Distribution Test -- Uniform Distribution with PA ≈ 22.4%.......................181

Figure 6.12: Information Content Test with PA≈6.8%....................................................182

Figure 6.13: Information Content Test with PA≈12.5%..................................................182

Figure 6.14: Information Content Tests with PA≈22.4%................................................ 183



viv

List of Tables

Table 2.1: Features Comparison........................................................................................ 72

Table 3.1: Sample Activities Mapping Table.....................................................................95

Table 4.1: Example of format for micro-tables............................................................... 125

Table 5.1: Comparison of the Methods........................................................................... 158

Table 6.1: Summarized Notion........................................................................................171



vi1

Abstract

With the increasing availability of large collections of personal and sensitive

information to a wide range of user communities, services should take more

responsibility for data privacy when disseminating information, which requires data

sharing control. In most cases, data are stored in a repository at the site of the domain

server, which takes full responsibility for their management. The data can be provided

to known recipients, or published without restriction on recipients. To ensure that

such data is used without breaching privacy, proper access control models and

privacy protection methods are needed.

This thesis presents an approach to protect personal and sensitive information that is

stored on one or more data servers. There are three main privacy requirements that

need to be considered when designing a system for privacy-preserving data access.

The first requirement is privacy-aware access control. In traditional privacy-aware

contexts, built-in conditions or granular access control are used to assign user

privileges at a fine-grained level. Very frequently, users and their privileges are

diverse. Hence, it is necessary to deploy proper access control on both subject and

object servers that impose the conditions on carrying out user operations. This thesis



vi2

defines a dual privacy-aware access control model, consisting of a subject server that

manages user privileges and an object server that deals with granular data. Both

servers extract user operations and server conditions from the original requests and

convert them to privacy labels that contain access control attributes. In cross-domain

cases, traditional solutions adopt roaming tables to support multiple-domain access.

However, building roaming tables for all domains is costly and maintaining these

tables can become an issue. Furthermore, when roaming occurs, the party responsible

for multi-domain data management has to be clearly identified. In this thesis, a

roaming adjustment mechanism is presented for both subject and object servers. By

defining such a dual server control model and request process flow, the responsibility

for data administration can be properly managed.

The second requirement is the consideration of access purpose, namely why the

subject requests access to the object and how the subject is going to use the object.

The existing solutions overlook the different interpretations of purposes in distinct

domains. This thesis proposes a privilege-oriented, purpose-based method that

enhances the privacy-aware access control model mentioned in the previous

paragraph. It includes a component that interprets the subject's intention and the

conditions imposed by the servers on operations; and a component that caters for

object types and object owner's intention.

The third requirement is maintaining data utility while protecting privacy when data

are shared without restriction on recipients. Most existing approaches achieve a high

level of privacy at the expense of data usability. To the best of our knowledge, there is

no solution that is able to keep both. This thesis combines data privacy protection



vi3

with data utility by building a framework that defines a privacy protection process

flow. It also includes two data privacy protection algorithms that are based on

Chebyshev polynomials and fractal sequences, respectively. Experiments show that

the both algorithms are resistant to two main data privacy attacks, but with little loss

of accuracy.
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Chapter 1

Introduction

We live in the information age, and personal information has become one of the most

valuable resources. This includes personal data (e.g. date of birth, address, age,

gender etc.), personal preference data (e.g. habits and hobbies) and generated

personal data (e.g. medical data) [142]. Commercial data consumers can use these

data for service or product improvement to target specific customers or to reduce

market costs, and such information is also widely used for research, data modeling

and government statistics. Various data repositories store significant amount of

personal data, which include statistics bureaux, healthcare data centers, education

institutes, non-profit organizations and companies. To make the best use of the stored

data, it is usually released in one form or another, commercially or non-commercially.
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Often, data contain sensitive or confidential information. Releasing data without any

precaution (e.g. without proper sanitization) can lead to privacy problems, such as

improper use of data or the release of personally identifiable information. In fact,

privacy issues have been a major concern in the utilization of personal data [1]. To

eliminate the threat of privacy breaches and to comply with various organizational

policies, legal regulations, subscription conditions and so forth, when data is shared

with data consumers, privacy preserving techniques have to be implemented [157].

Privacy preserving techniques can be classified into two categories, based on the

target data consumers, namely data sharing with known recipients and data sharing

with unknown recipients. The former indicates the data consumers are known and

traceable by the data holder, whereas the latter indicates the data are free for any

parties to use and these parties usually cannot be traced or data access cannot be

further controlled after the data has been published.

Privacy protection techniques implemented in the first category are usually called

privacy aware data access control. These techniques regulate the data consumers’

privileges so as to prevent improper user behavior in relation to the received data.

Privacy protection techniques in the second category are usually called data privacy



CHAPTER 1 INTRODUCTION

January 14, 20146

protection or privacy preserving for data publishing. These two categories will be

discussed in Part I and Part II of the thesis, respectively.

1.1 Overview and Motivation

1.1.1 Privacy Aware Data Access Control

Data access control is one of the fundamental information management mechanisms.

It determines the availability of resources, permissible user behavior and deals with

related conditions [2]. Figure 1.1 depicts a typical access control system. The user

represents the data consumer who requests data access. A policy-based decision

maker interacts with users and when a user requests access to a resource, it forms an

appropriate access request that includes the necessary control attributes. Then, such a

request is passed to the system and applied according to the system policies. Lastly,

the decision maker permits or denies the user’s request.

Policy-based
decision maker

Resource

Identity attributes

User

Access granted
Access request

Access denied

Figure 1.1: Typical Access Control System
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Based on the general model above, there are different approaches in this category

with different focuses. Some may protect information stored in a database, or

information relating to the method or parameters of access.

A common method of requesting access is via the web, such as using web services,

social networks etc. Web-based services, such as email or location based services

(LBS), are receiving more and more attention. One problem is selective revealing the

contents to an authorized party, showing certain parts while hiding other, sensitive

content. The approach in [3] uses a pre-analysis component to split private

information from the original data, to avoid any privacy breach. In other cases, the

users’ privacy has to be protected when essential user information is accessed by the

parties who provide services for the users (e.g. in case of LBS near by shops, gas

station, restaurant etc.). Existing work includes the study of user privacy concern [4],

evaluation of risk [5, 61, 62], balancing submitted information and received services,

installation of middleware [6], grouping to hide individuals [7], adding dummy data

[8] and perturbing the path [9]. Privacy aware access control for social networks is a

new topic and the main problems are mostly related to user (data owner) behavior and

how the service providers use the sensitive data. Research on this topic includes

survey [10, 11] and evaluation of threats [12, 13] and reducing accuracy in order to

get better privacy [14]. Works also include re-assigning identity with minimal
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collusion [63-65]. Privacy aware web-based policy enforcement mainly works on

standard computer-readable formats for privacy policies and protocols that enable

web browsers to read and process privacy policies automatically, such as P3P [15]

and its improvements that include enterprise-oriented solutions [16] and how to make

use of P3P [17].

In case of databases, in addition to protection against unauthorized access, data may

also need to be protected from the database service provider. The main problems are

keeping the privacy of the queries sent by the user, privacy of the data requested and

minimizing the workload at the user front-end and maximizing the efficiency on the

server side. Iyer et al. [18, 19] proposed a solution for minimizing the client workload,

based on a graphical representation of queries as trees. Hacigumus et al [20] show a

method for splitting the equivalent query into two sub-queries so that one of them

satisfies the user’s request and the other may insert irrelevant tuples (decided by

privacy/security methods). Methods for query protected data also include a

bucket-based approach [21] that sorts non-overlapping subsets of values dividing into

buckets of the same, predetermined size. An improved bucket-based method [22]

proposed an efficient way for partitioning the domain of attributes by minimizing the

number of spurious tuples in the result of both range and equality queries. However,

bucket-based methods are vulnerable to inference attacks [138]. A hash-based
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approach [23] generates the hash of attributes instead of using plaintext but does not

support range queries. This limitation is considered by adopting B+ trees [23], which

is an indexing method allowing every vertex to store up to n-1 search key values and

n pointers and, except for the root and leaf vertices, has at least n/2 children. Some

solutions reduce the amount of irrelevant tuples [26, 27] by applying a secure hash

function to each pair of subsequent characters of each index value, e.g. index value s

has n characters c1c2..cn and the corresponding index is

hash(c1c2)hash(c3c4)...hash(cn-1,cn). Other approaches consider encrypted databases

that employ homomorphic encryption to allow query operations to be executed over

index values [20, 28, 29]. Since not all data are considered private in a database, only

the sensitive ones need protection. An approach [19] only encrypts sensitive attributes

and leaves others in plaintext; then searching keywords in encrypted documents

[30-33] will produce all documents containing a particular keyword without the need

to know any other information. Anther approach [34] modeled privacy requirements

through confidentiality constrains such as sets of attributes and approaches to enforce

privacy policies [35, 36].

In organizational scenarios, data access control usually concerns user privilege

control, user privilege in collaboration environment and purpose-based access control.

Part I of the thesis focuses on this category because it is significant for contemporary
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data sharing scenarios and improper access can lead to a privacy leak. The focuses in

these scenarios are as following [100, 101, 118].

 Unique users

 Complex (diverse) privileges, containing various privileges and conditional

privileges

 Fine-grained data control

 Cross-domain application

 Purpose-based

Unique users and complex privileges are often considered together in the literature

[100, 101]. A particularly difficult issue is administering unique users who come and

leave system and have diverse privileges that include not only simple operations, such

as read an object, but also complex onces (e.g. edit, sign) and can have associated

conditions, such as if...then.... In Role-Based Access Control (RBAC) privileges are

assigned to users via role subscriptions: privileges are assigned to roles and each user

is classified into one or more roles. In such a model, users are not able to acquire

permissions directly, only through their roles, which simplifies many common

operations, such as adding a user, or changing a user's department [37, 38].
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While RBAC is often used, unique users with diverse privileges are very hard to

assign to traditional roles [101]. A number attempts have been made to support

unique user management [102-105] and complex privileges [107-108]. To support

unique users in RBAC, roles can have attributes [49, 110] or parameters that tailor a

role to the individual user [129, 42]. Approaches include different conditional role

approaches, such as user access conditions [39, 49, 129], user component-based [97]

and situation-based [98] access control.

Other important issues are providing access to parts of data items, referred to as

fine-grained, granular access control. Mechanisms have been proposed for this in

[107, 108] and approaches considering both granular data and user privilege control

have been presented in [102-105, 108, 110]. User-oriented and data-oriented

management have to be considered together for complete access control.

As more and more parties are working together and sharing data among each others,

the control mechanisms for a single domain have to be extended for cross-domain

applications, and that involves user privilege and data access control adjustments.

These adjustments are to support subject (user) and object (data) roaming. Subject

roaming denotes that users temporarily join a foreign domain and request access to

resources in the user domain while object roaming denotes that an object is requested
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by a foreign subject and such object needs to be delivered to such foreign domain.

Different domains may have different roles, resources and access rules, and roaming

user role adjustment and privilege refinement can be difficult [44]. Solutions usually

build a roaming table to map a role in one domain to a role in another domain

[111-112], while others adopt user agents [113-115]. For the cross-domain

environments, many attempts are providing roaming adjustment support, such as

roaming table [111-112], attribute mapping [46], temporarily assigning constraints

[47], user agents [113-114], policy agents [115], threats detection [43, 45] and

multi-domain relationship approach [44].

However, the existing solutions are not able to cater for diverse privileges with

conditions on fine-grained granular data. They also overlooked server constraints

either on the user or on the data side. Furthermore, none of them are able to fully

satisfy the needs of user roaming, data roaming and both happen at the same time.

Therefore, a new user privilege control model is needed for roles with diverse

privileges, and to allow many unique users come and leave in cross-domain

environments.

The main problems of building the new user privilege control model are i) a large

number of users need different complex privileges, which makes it hard to group all
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users into roles; ii) collaboration control on granular data and iii) user roles and

privileges maintenance in cross-domain environments. Once users and resources are

roaming across multiple domains, the management of responsibility becomes

complex, such as who should be responsible for a roaming user requesting access to

roaming data. The problems stated above are addressed by the proposed dual control

model containing user privilege and granular data, with a roaming adjustment

mechanism (Chapter 2).

Although the problem of unique users with diverse privileges in cross-domain

environments has been looked at, for privacy preserving access control the purpose of

access also need to be considered [118]. To address this problem, purpose-based

access control (PBAC) has emerged that regulates access according to purpose. A

classic PBAC model, such as [118], uses access purpose as the basis of access control.

This was later improved with the definition of intended purpose [116], developing an

organizational model [50] and the introduction of usage control [126]. Other

extensions include the support of conditional roles [127], conditional intended

purpose [125], spatial role and spatial purpose [44], intended purpose management

[117, 122], privilege chain [119] and purpose flow management [120, 123]. In

addition, a data element-oriented model was proposed in [124]. These models

improve the applicability of PBAC to practical scenarios. However, these purposes
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depend heavily on users, application domains and environments. The meaning of a

purpose can be translated to different operations and may lead to distinct privileges in

cross-domain environments. Ignoring this can cause privilege conflicts in

collaborating scenarios.

The main problem that needs to be investigated in purpose-based access control is

cross-domain purpose translation and privilege adjustment. This will be addressed by

the proposed purpose based access control model (Chapter 3).

The problems of data publishing to known recipients have a significant impact on

many privacy-aware access control models. Models that solve these problems are able

to provide privacy protection for data sharing to known recipients, provide better

flexibility for large enterprises, and enable total management for data in cross-domain

environments. Lack of concerns of the problems can cause privacy breach and affect

operation performance during data sharing.

1.1.2 Privacy Protection of Published Data

As there is a loss of control over data once published, in such scenarios data require

additional protection, such as anonymization (or de-identification [48]), to avoid any
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privacy or security breach [51]. Data anonymization is widely adopted by the census

bureau, healthcare data centers and government agencies [57].

Traditional data anonymity approaches simply removed identifying fields from the

released data, such as social security number and name. However, some studies have

shown that even without any personally identifiable information (PII) [138], a

collection of certain personal attributes can still enable the identification of a large

proportion of the population. In an example described by Sweeney [52], a dataset

collected by an insurance commission contained medical records of Massachusetts

state employees. Although any identifiers such as name, social security numbers and

phone numbers were removed from the data, a large number of individuals were still

identified by using information such as date of birth, post code and gender from a

voter registration list. As it turned out, among those identified was the state governor

who authorized the data release [52]. Another research [53] showed that around 87%

of the population of the United States can be uniquely identified using the seemingly

innocuous attributes of gender, date of birth and 5-digit zip code. In another case,

AOL published a 2 GB file containing approximately 20 million search queries from

650,000 of its users and the anonymization scheme used to protect the data consisted

of assigning a pseudonym random number to each AOL user and replacing the user

ID with this number [55]. Later on, two New York Times reporters used the search
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key words such as name of the town, last name, age-related information etc to

re-identify a few persons from the published data [57]. Netflix, a movie rental service,

announced the Netflix Prize for the development of an accurate movie

recommendation algorithm based on a large amount of movie rating information for

18,000 movie titles [58]. Soon Frankowski et al [59] pointed out the potential risk and

then the amount of rating data was successfully attacked [60].

The information used to identify individuals in the above three examples is called

Quasi-identifier (QI). Clearly, whether a piece of information can be a QI depends on

its usability to identify individuals rather than on the data type. The principle behind

the identity revealing process is that by linking several released data sets, the overlap

of the data sets becomes smaller until the overlap can uniquely identify individuals.

This identity revealing process is also called data linkage or triangulation attack.

The three main approaches to providing data privacy are generalization and

suppression, anatomization and permutation, and perturbation [73].

Generalization and suppression is one way of resisting data linkage attacks. It is

exemplified by k-anonymity [53,66] that ensures that for every record in the released

data table, there are at least k-1 other records that have exactly the same values for the
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quasi-identifiers. This can be achieved by data suppression or generalization for

example. However, several limitations of the k-anonymity were found later [68] and

an improved method called l-diversity was proposed [67]. The l-diversity model

requires that every group of indistinguishable records contains at least one distinct

sensitive attribute value. Later, several privacy models were proposed, that quantified

adversarial knowledge such as (c,k)-safety [69] limited the maximum privacy

disclosure to less than c, and 3D privacy criterion [70] for safe data release. These

models are stricter than k-anonymity but are hard to implement in real life as the data

can be random, and satisfaction of these models can require even more modification

than k-anonymity does. Also, there are some extensions to k-anonymity and

l-diversity such as [72] presented a model by combining randomization and data

transformation, but it is yet to be realized. The full domain generalization method,

such as [74], generalizes attributes to the same value, while in the subtree

generalization approach [75-78] at a nonleaf node (attribute), either all child values or

none are generalized. Such generalization method is also called global re-coding. At

the same time, cell generalization [79-80], also called local re-coding, allows some

values of an attribute remain un-generalized. For example, let us have two classes

called “professionals” and “artists”. “Professionals” contains “engineers” and

“lawyers”, and “artists” contains “writers” and “dancers”. Global re-coding happens

if every “lawyer” is generalized to “professional”, as well as every “engineer” to
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“professional”. Local re-coding happens if one “engineer” is generalized to

“professional”, while allowing other “engineers” to remain unchanged. An extended

generalization method, called multi-dimentional generalization considers multiple QI

attributes as a tuple, and each QI can be decided whether to be generalized regardless

of other QI attributes [81-83]. There are also different suppression schemes. Value

suppression [84-85] refers to suppressing every value of a given attribute in a dataset,

while cell suppression [86], also called local suppression, refers to suppressing some

values of a given attribute in a dataset.

Anatomization and permutation: Anatomization de-associates QIs and sensitive

attributes rather than modifying either of them, such as in [87]. Permutation partitions

a set of data records into groups and shuffles their sensitive values within each group

[88].

Perturbation is similar to generalization as it also modifies the data, but has the

advantage of being reversible if an accessor has the restoration key. A data linkage

attack cannot be performed as the real data is not available to unauthorized users [96].

Perturbation works with additive or multiplicative noise [89-92, 149, 152], data

swapping [79, 87, 93, 150, 167] and/or synthetic data generation [94, 95].
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Although generalization and suppression cannot totally eliminate the threat of data

linkage attacks, the principle of changing the target values and making them

indistinguishable from the original effectively reduces the possibility of such attacks

[73]. Data privacy is preserved if the adversaries are not able to derive the original

data from the modified (e.g. perturbed) data or the re-constructed results are not close

enough to the original data.

By adopting the above privacy preservation definition, most generalization techniques

are able to meet this requirement. However, such techniques pay a high cost in data

utility; generalization changes the distribution and other data features of the data

partly or totally. Anatomization and permutation are vulnerable to data linkage attacks,

while perturbed data changes the data format or range, and keeps only certain data

statistical properties [73].

The central problem of privacy preserving data publishing is how to keep data

privacy while maintaining data utility. Depending on the application, utility can be

data distribution, data format and data range, and an authorized data recipient should

be able to restore the original data while others can only access processed data [48].
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1.2 Contributions

There are two main research questions that will be investigated in Part I and Part II

of the thesis:

i) How to preserve privacy of data shared with known users?

ii) How to protect privacy of published data while maintaining data utility?

In Part I, the thesis proposes a privacy preserving data access control (PPDAC) model

that can be instantiated for practical applications. The model is built according to the

information privacy protection concept in [51] and it considers three aspects: users

(subjects), sensitive data (objects) and controlled disclosure (access privileges). In

addition, the model extends the features of the privacy aware role-based access

control model (P-RBAC) and the purpose-based access control model (PBAC) by

creating a multi-layer control model that deals with collaboration management of

both users and resources. The model focuses on user privileges and builds a solid,

controllable, label-based mechanism to handle granular data.

Part II of the thesis proposes data perturbation algorithms to protect the privacy of

published data and maintain data utility. The algorithms generate perturbation noise

and combine it with the original data in order to thwart data reconstruction attacks
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[73]. In addition, a controllable perturbation mechanism ensures the processed data’s

utility.

The contributions of this thesis are as follows.

When sharing data with known recipients, the proposed model:

1) Provides flexible user privilege control that

 Allows large number of unique users be handled;

 Controls user privileges in combination with user roles and user attributes, so

that in an organization the same role can have different privileges;

 Supports a hierarchical user attributes model for accessing fine-grained data;

2) Supports complex diverse user privileges, by:

 Enabling compound user privileges that contain diverse privileges and

privilege conditions;

 Allowing for complex user behavior management and complex data access

tasks via user operation sequence control;

 Enabling multiple conditions for user access, which can contain logical

expressions.
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3) Catering for granular data control, to assist:

 Individual control for each fine-grained granular data item;

 Hierarchical granular data attribute control incorporating a user hierarchical

attribute model to form a dual control model

 Handling multiple data attributes, data categories and category specifications

4) Includes purpose-based control that considers:

 User access purpose, user obligations and server constraints

 Data purpose containing data type, allowed purpose and prohibited purpose,

and data server constraints.

 Hierarchical purpose to handle fine-grained data access requests

5) Supports cross-domain applications via:

 User role and attributes adjustment and

 data attribute adjustment when roaming across domains;

 Dynamic purpose translations between domains;

 Identifying responsibility of access enforcement when dispute occurs

Systems that use the proposed approach can implement privacy protection for data

shared between known recipients.
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When data is shared with unknown recipients, the proposed methods:

6) Allow the restoration of the original data by authorized users

7) Keep the data

 In the same format as the original data;

 In the same range as the original data;

 Indistinguishable from the original data;

 Distribution close to the original data (when the original data follows normal

or uniform distribution)

8) Resists different attacks, in particular:

 Data linkage attacks;

 Spectral Filter (SPF) attacks;

 Bayes-Estimated Data Reconstruction (BE-DR) attacks.

9) Increase entropy more than k-anonymity and l-diversity in most cases.

10) Allow the control of perturbation magnitude to meet different needs.

1.3 Structure of the Thesis

As illustrated in Figure 1.2, the thesis consists of seven chapters in two parts.
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The first part addresses the issue of data sharing with known recipients. Chapter 2

presents the first functional module of the proposed Privacy Preserving Data Access

Control (PPDAC) model, supporting unique users with diverse privileges in

cross-domain environments. Chapter 3 presents the other module of PPDAC model

for cross-domain purpose translation, purpose representation, purpose management

including multiple purposes for users (user access purposes, server constraints) and

hanlding granular data with hierarchy data type attributes, allowed purposes,

prohibited purposes and data server constraints.

Part II addresses the issue of data sharing with unknown recipients by developing

data perturbation techniques. Chapter 4 explains a data privacy protection framework

(DP2F) and reviews the literature. It also introduces evaluation methods. Chapters 5

and 6 present two data privacy protection algorithms that are based on Chebyshev

polynomials and fractal sequences, respectively. Attack resistance is introduced and

examined in the Appendix. Finally, the thesis is concluded in Chapter 7 and future

work is suggested.
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Figure 1.2: Thesis Structure
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Part I

Privacy Preserving Access Control
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Data has become a valuable commodity, and to avoid its misuse access to it needs to

be controlled. When data is meant to be shared with others, its protection is even

more important. Data can be shared with known recipients such as within an

organization or among controllable domains, or with unknown recipients which

usually indicates data made public.

This section discusses privacy preserving data sharing with known recipients. Here,

privacy indicates the prevention of improper use of data or the release of data which

can be used to identify individuals. In such scenario, privacy protection is usually

enforced by access control mechanisms. A widely used mechanism is role-based

access control (RBAC) which assigns user privileges according to roles. Since it was

not designed to protect privacy, many other improved and enhanced solutions have

been proposed. However, RBAC also lacks in some other features, such as support of

unique users with diverse privileges and cross-domain applications [101].

To address these issues, this section builds a privacy preserving access control model

with two built-in functional modules that deal with the enforcement of privacy

preserving access control for granular data in both single-domain and cross-domain

environments.

Chapter 2 looks into access control of unique users with multiple privileges in cross-

domain environments. Then chapter 3 presents enhanced, purpose-based access

control and focuses on user purpose and data owner's intention management, and
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proposes a privilege-oriented purpose-based access control mechanism. The overall

model will be verified in Chapter 3.
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Chapter 2

Access Control in Cross-

Domain Environments

This chapter details a privacy preserving access control model for diverse privileges

that are constrained by access conditions and granular data. Privacy preserving role-

based access control (P-RBAC) is the traditional and common way in which a third

party can be prevented from accessing information by not granting certain privileges.

The proposed solution further looks into diverse privilege control for cross-domain

applications by implementing a dual control model, which contains a subject server

and an object server. As the names suggest, the subject server focuses on user

management while the object server focuses on object management. The proposed

model enables user privilege control on granular data and complex user privilege
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management. The proposed model is formally verified and the verification is

presented in chapter 3.

2.1 Introduction

Data integration and sharing is no longer restricted to office computers and local

networks but has become an integral part of our everyday lives. It is utilized on a

large scale by various organizations, corporations and government agencies [201].

Access control is crucial in case of sensitive data, for example when improper access

can compromise a person’s/organization’s privacy. While a security breach in case of

a credit card can be addressed by cancellation and re-issuance of the card, a personal

privacy breach cannot be remedied the same way. To enforce proper access control, a

widely used method is Role-based Access Control (RBAC), in which a role is viewed

as a set of access permissions for people performing certain tasks, such as a division

manager can read and edit particular data, and a sales person can only read the same

data. A major shortcoming of traditional role-based access control is that it was not

designed to enforce privacy policies and barely meets privacy protection requirements

[39]. To mitigate this limitation and support privacy policies and address privacy

protection, an extension of RBAC termed Privacy-aware Role-based Access Control

(P-RBAC), has been proposed [39].

As requirements become more stringent, access to different parts of shared data needs

to be controlled separately, and for that granular privilege control can be introduced.
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A solution has been proposed for granular privileges that are constrained by access

conditions and granular data, such as sign if no amendments required and read only

certain parts if not using an office computer [130]. Various user privileges and data

granularity make the existing solutions difficult to deploy in environments that

involve many unique users with diverse access rights. As these users can have many

distinct privileges, it is difficult to group them into roles [201]. At the same time, data

sharing between different domains becomes more and more common, but existing

approaches (such as simply mapping a subject from one role in a domain to a

different role in another domain [211]) are not able to cater for privilege adjustment

[46]. In addition, responsibility of data management in multiple domain environments

is not clearly identified either.

Considering the restrictions of existing work, this chapter addresses the problem of

granular privilege access control in both single-domain and cross-domain

environments. The problem has several challenges that were not investigated in

previous research.

 Single user account: It is desirable to define a framework that allows users in

different domains access a data server by using their original accounts in the

home domains, and without having an account in each domain.

 Granular data control and granular privilege control: For compound, multipart

data, such as used in healthcare or in collaborating organizations, fine grained

access permissions, are required.
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 User liability: When privacy is breached, the party responsible has to be clearly

identified.

To deal with these three challenges, this chapter presents a granular privilege control

model, that can be employed in both single-domain and cross-domain environment.

The module controls overall access permissions, permissions on granular data and

granular privileges on granular data. The experiments show that in multiple user

domains and data domains users with granular privilege requests are able to access

different data domains without applying for new accounts. Also, once data are

distributed without permission, it is possible to identify the party responsible.

The proposed solution not only encompasses the advantages of existing privacy-

aware access control mechanisms, but makes granular privilege adjustable for cross-

domain organizations such as in collaborating scenarios.

2.1.1 Chapter outline

The remainder of this chapter is organized as follows. Section 2.2 reviews the

literature on privilege control mechanisms and multiple domain applications. Section

2.3 presents basic concepts on data access control that will be used later in the thesis.

Section 2.4 proposes a privacy preserving data access control mechanism based on

granular privilege and cross-domain environments. Section 2.5 presents general and

specific examples, and implementation. This is followed by the discussion of the

proposed mechanism and a comparison with existing solutions. The chapter is

summarized in section 2.7.
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2.2 Literature Review

Privacy-aware subject (user) access control and granular data access control are key

concepts in user privilege assignment. In this section, existing approaches are

examined from two aspects: (i) how they can handle granular privileges from unique

user requests and (ii) their suitability for cross-domain application.

2.2.1 Key Concepts

2.2.1.1 Privacy-Aware Access Control

The strategy of using a formal model to represent user rights based on role

assignment is called policy-based provisioning or role-based access control (RBAC)

[2, 38]. In a role-based access control system privileges are assigned to users through

role membership: privileges are attached to roles and each user is classified into one

or more roles. The fact that users are not able to acquire permissions directly, only

through their roles, simplifies many common operations, such as adding a user, or

changing a user's department [37-38].

However, traditional role-based access control was not designed to enforce privacy

policies or to address privacy protection requirements [39]. Privacy-Aware Role-

based Access Control (P-RBAC) is a family of models that extends the traditional
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RBAC model to support privacy policies by providing hierarchical and conditional

access control [39]. The overall architecture is shown in Figure 2.1. The foundation is

the core P-RBAC model, which defines the basic elements. Hierarchical P-RBAC

introduces the notions of role hierarchy and object hierarchy. Role hierarchy

describes an inheritance relationship among roles, while object hierarchy defines a

partial ordering relation between different objects. There is one more component,

conditional P-RBAC, that introduces permission assignment, indicating the condition

under which user is granted access. In Figure 2.1, universal P-RBAC integrates the

features of conditional P-RBAC and hierarchical P-RBAC.

Figure 2.1: P-RBAC Family Model [39]

2.1.2 Granular Data Access Control

Granular data refers to the fineness with which data fields are sub-divided [40]. For

example, a postal address can be recorded with coarse granularity as a single field

shown in Figure 2.2, or broken down into individual items in a fine grain model.
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Figure 2.2: Data Granularity

Granular Data access control is generally governed by label-based mechanisms, i.e.

the functions or algorithms are executed based on the information in the labels that

are attached to subjects and objects. In some cases, different label-based policies may

apply to fine-grained data to satisfy different requirements [41].

2.2.2 Previous Solutions

2.2.2.1 Diverse Privileges

Several attempts have been made to support diverse privileges [202-205]. A solution,

by combining role-based and granular data access control, provides a goal-driven

mechanism via incorporating context information to support variable privilege

requests [207]. Users submit requests to get privileges via roles and get proper

information through object models. Conditions denote privacy policies that must be

satisfied before a data access request can be granted. A two-phase role engineering

process is used to refine proper privileges: (i) role-permission analysis produces role

and permission candidates with corresponding contexts, and then (ii) role-refinement

eliminates any ambiguity and redundancy from the roles and permissions [207].
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Another solution uses conditions that can be added to permissions to keep the number

of roles manageable and make user privilege management flexible [208]. Similarly, in

[202-205] attributes are added to the traditional role-based model to realize multiple

privileges in diverse unique user scenarios. These approaches’ central idea asserts that

allowing access can be determined based on various attributes presented by a subject

[210]. Rules specify conditions under which access is granted or denied. For example,

a bank might allow access if the subject is a teller working between the hours of 7:30

am and 5:00 pm, or the subject is a supervisor or auditor working those same hours

who also have management authorization. Specifically, in [202], a requester is

granted access to a collection of services based on a given collection of attributes,

while in [203] multiple policies are involved in refining user privileges. The method

introduced in [205] uses semantic web technologies to extend attribute-based access

control to both subject server and object server, and so user privilege and data

granularity are considered at the same time. In [229], diverse privileges are managed

by a parameterized role model. Different from previous models, this approach

replaces some parts of the roles by parameterized rules, in order to meet more

complex user requirements. The model in [42] combines attribute-based solutions

[202] and hierarchical access control [230], and proposes a user hierarchy to cater for

unique users with diverse privileges. The model in [44] uses separation of duty (SoD)

in unique user access management, and it was extended in [47] with access conditions.

Nevertheless, the object model in [207-208] is not sufficient to meet granular data

access control requirements, due to the lack of a systematic granular data control

model. In [229], role models are difficult to build before the users lodge their requests.
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Approaches [202-204, 208, 210] connect subject-based with object-based privilege

control, but do not address granular data control satisfactorily. This is because these

methods either overlook the control of different privileges on different granular data,

or overlook different conditions on both subject server and object server when user

requests are lodged. Although [205] explores the combination of subject and object

control in one model, it overlooks unique users with diverse privileges and object

granularity. The approach in [42] lacks access condition support, and the model in [44,

47] overlooks access control of granular data and user privileges associated with

duties.

2.2.2.2 Cross-domain Application

A cross-domain application requires user roaming and object roaming. Subject

roaming refers to a user lodging an access request through a domain other than the

user’s home domain. Object roaming indicates that an object is transferred to another

domain’s data server (called object server in this thesis) rather than directly to a user.

For roaming scenarios, a role-to-role mapping table, also called roaming table is used

in [211]. By building such a table, the method supports users operating in multiple

domains at the same time. Figure 2.3 gives an example of a hospital role mapping

table. However, building mapping tables for each pair of domains complicates table

management. In [212], a historical role mapping table is employed in order to reduce

the size of mapping tables created for the global environment. But when a user

requests privileges different from his role or when the conditions of the object server

the user is accessing change, maintaining historical mapping tables becomes an issue.
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In [46], attribute mapping is involved to assist user roaming, but it does not solve the

user privilege adjustment.

Figure 2.3: Hospital Role Mapping Table [211]

Another attempt [213, 214] introduces a user agent to allow subjects moving between

different domains. To gain access to a certain data in a foreign domain, the user has to

activate his role in an external organization via his home subject server. But the

approach only considers subjects in different domains; it does not address object

roaming across domains when data is transferred between servers in a global system.

Similarly, methods in [215] also adopt policy agents to address cross-domain data

sharing, but they overlook diverse user privileges and data granularity. In [43, 45], the

approach works on detecting privacy access threats in cross-domain environments but

does not provide a proper solution for privilege control in such environments. In [44],

a concept called multi-level domain relationship is defined for cross-domain

applications, but the paper does not discuss user privilege adjustment in remote

domains.

To summarize the literature, the key concepts of privacy-aware subject access control

and granular data access control have been implemented by existing data

management mechanisms, and some previous solutions have embraced these two

concepts to address strict privacy requirements in different application environments.
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For users with diverse privileges, previous approaches focused on formal models of

user privileges, which can be used to assign roles to users based on user classification

and other user attributes. Some tried to add different modules to handle diverse

privileges for users [207-209, 229]. However, in such an environment, role models

are difficult to build before users lodge their requests. In addition, the overhead of

unique users coming and going can represent a significant load. In real-world

deployments, formal role models have not scaled well, because when many users are

unique, there is no significant leverage to be gained by grouping them into roles [101].

For cross-domain applications, the issue was addressed when only a limited number

of users are involved in data sharing [211], but as the number of users grows and

multiple domains are involved, maintaining a roaming table becomes very complex.

2.3 Privacy Preserving Data Access Control

Model (PPDAC)

This section outlines the structure of Part I of the thesis graphically, with emphasis on

a privacy preserving data access control model (PPDAC, see Figure 2.4) that lays the

foundation for the model detailed in chapter 3. Additionally, basic concepts and

notation are introduced.
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Object Server (OS)

Purpose-based
access controller
(Chapter 3)

Diverse privilege,
granular data, cross-
domain controller
(Chapter 2)

Subject Server (SS)

Users /
Subjects

Data Server
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granular data, cross-
domain controller
(Chapter2)

Purpose-based
access controller
(Chapter 3)

Figure 2.4: Privacy Preserving Data Access Control Model (PPDAC)

The model shown in Figure 2.4 illustrates the two main components to realize the

proposed approach, which are the subject server and the object server. Each

component has two main functional modules: diverse privilege controller and

purpose-based access controller. This chapter focuses on PPDAC model and the

diverse privilege controller module, and the purpose-based access controller module

will be detailed in the next chapter.

2.3.1 Basic Concepts and Notation

This section defines the concepts and introduces notation first appearing in this

chapter; those used in the purpose-based access controller module will be defined in

chapter 3. In general, the concepts and notation will be illustrated and explained

where they are first used.
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Definition 2.1 (Subject): A Subject is an active participant such as a user or an

organization. A set of subjects is S={Si | i=1,2,...,n}, where n is the number of

subjects in a data sharing environment.

To make it consistent, the term ‘subject’ is used instead of ‘user’ in the rest of the

thesis.

Definition 2.2 (Object): An Object is a passive entity. A set of objects is O={Oi |

i=1,2,...,m}, where m is the number of objects in a data sharing environment.

Objects are the target that should be fully or partly protected, such as a patient

healthcare record or a finer-grained object like blood pressure within a patient’s

healthcare record.

Definition 2.3 (Subject Activity): A subject activity (SA) is a user operation. A

set of subject activities is SA={SAi | i=1,2,...,k }, where k is the number of subject

activities and Ω(SA) denotes a subset of SA.

Examples of user operations are read, edit, comment, redistribution and represented

by SAread, SAedit and so on.

Definition 2.4 (Subject Activity Sequence): A subject activity sequence (SAS) is

a container of subject activities, their relationships and order of execution.
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The relationship between two activities in an SAS can be the following.

Subject Activity Sequence Relationships

 SA1→SA2 denotes that for a subject S, activity in SA2 must be executed after

activity in SA1. For example, activity comment must follow activity edit:

SAedit→SAcomment

 SA1←SA2 denotes that for a subject S, activity in SA2 must be executed before

activity in SA1. For example, activity read must precede activity comment:

SAcomment←SAread

 SA1↔SA2 denotes that for a subject S, activity in SA2 and activity in SA1 are

mutually exclusive, and only one of the two activities will be processed. For

example, a medical diagnosis can be waiting for either to be approved or to be

edited and commented.

 SA1↕ SA2 denotes that for a subject S, activity in SA2 and activity in SA1 can be

processed simultaneously or in any order. For example, the object can be read

and redistributed at the same time.

So the relationship between two activities in an SAS can be, for example, that subject

activity comment has to be executed after subject activity edit.

Note: to make the notion clearer, multiple subjects are represented by SA, SB, SC etc.;

multiple objects are represented by Oα, Oβ, Oγ etc.; multiple subject activities are

represented by SA1, SA2, SA3 etc.
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Definition 2.5 (Duty): Duty is a collection of a subject, an object and the

subject's activities on the object. A duty D={(SA, SAS, Oα)}, indicates that a duty

of subject A requires access to object α for a set of activities.

A duty can be, for example, a medical staff member needs to read and append to a

patient’s healthcare record. The relationship between duties and roles is shown in

Figure 2.5. The circles denote different roles and the shaded parts belong to a duty. It

shows a duty not only contains roles (the roles are usually described by SAS), but

also contains a subject and the target object.

Figure 2.5: Duty and Roles

Definition 2.6 (Access Level): Access level indicates the importance of an object

or the rank (position) of a subject. In the proposed model, access levels are

represented by numeric values.
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Definition 2.7 (Subject Grade): Subject Grade (SG) is the subject's overall

access level.

A subject can access an object only when its SG is equal to or greater than the object

grade (definition 2.9).

Definition 2.8 (Object Granular Data): Object granular data (OGD) is partial

data. Every object can include a set of granular data {OαGDi| i = 1, 2,..., n},

where n is the number of granular data in object α.

An example of an object granular data is a paragraph in a document or a sentence in a

paragraph.

Definition 2.9 (Subject Sub-Grade): Subject Sub-Grade (SSG) is the subject's

access level for a piece of granular data of an object.

Each SG contains a set of Sub-grades (SSGs) indicating the access level to each piece

of granular data of the object. Each SSG contains an SAS indicating the execution

order of the subject activities.

Rule 2.1: If there is no SSG in a duty request, by default the SSG is set to the same

value as the SG of the subject, and different SSGs different from the same SG are

handled independently.
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Definition 2.10 (Object Grade): Object Grade (OG) is the minimum access level

for a subject to be able to access the object.

If SG ≥ OG, then access to the object is authorized, although access to some object

granular data (OGD) of this object may require a higher SSG.

Definition 2.11 (Object Sub-Grade): Object Sub-Grade (OSG) is the minimum

access level for a subject to be able to access a piece of granular data.

Each object (O) can have one or more pieces of object granular data (OGD). Each

OGD is optionally assigned an object sub-grade (OSG). If a piece of OGD is assigned

with an OSG, access is granted to this OGD only when the SSG for the ODG is equal

or greater than the OSG of the ODG. If an OGD is not assigned with an OSG, access

is granted to this OGD only when both SG is equal or greater than OG and SSG for

the OGD is equal or greater than the OG of this object. If there is an OGD, but no

OSG is associated with, the OGD uses OG as the access level. In addition, if there is

no SSG for such OGD, the subject access level for the OGD is by default equal to SG.

Rule 2.2: The access level of each object granular data OSGi must be no smaller than

the object grade OG. When a subject with SG ≥ OG is able to access an object, but

has no permission to any granular data in the object, i.e. SSGi < OSGi i , then

access will be granted only to the general information that is not assigned an OSG. .
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Definition 2.12 (Negative Permission): Negative Permission (NP) defines

operations that are not allowed to be executed on an object.

NP has the highest process priority in the proposed mechanism. An example of NP is

No edit permission for a certain piece of object granular data (OGD) unless SSG for

OGD is greater than θ (i.e. θ is the minimum access requirement).

Negative permissions are used only in the object privacy label which is handled by

the PPOC, and will be detailed in section 2.4.2.

Definition 2.13 (Special Condition): Special Condition (SC) defines conditions

that apply on an object or object granular data.

SP is processed after NP in the proposed mechanism. An example of SP is must sign

if edit.

In summary, a subject can access an object only when its SG is equal to or greater

than the object grade (see definition 2.9). Each SG contains a set of subject sub-

grades (SSGs) indicating the access levels to each piece of granular data of the object.

For each piece of object granular data, a set of SAS indicating the relationship of the

activities are attached. The relationship between SG, SSG and SAS is illustrated in

Figure 2.6.
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Subject Grade

Subject Subgrade 1 Subject Subgrade 2 Subject Subgrade 3

SAS 1 SAS 2 SAS 3
Subject
activity 1

Subject
activity 2

Subject
activity 3

Subject
activity 4

Subject
activity 5

Subject
activity 6

SA1 ↕SA2 SA3←SA4 SA5 ↔SA6

Figure 2.6: Hierarchical PSPC

The first part of Figure 2.6 shows subject sub-grade 1 (SSG1) for access to object

granular data 1, where the SSG1 is used for comparison with OSG1, and a subject

activity sequence 1 (SAS1) containing two subject activities SA1 and SA2. The activity

relationship is ‘processing in any order’. The other two parts indicate the activity

relationships are SA4 must be executed before SA3, and SA5 and SA6 are executed

mutually exclusive.

2.4 Diverse Privilege Controller of PPDAC

This section describes the privilege control module shown in Figure 2.4. The module

is composed of three functional components: privacy preserving subject privilege

control (PSPC), privacy preserving object control (PPOC), and privilege refinement

(PR). The PSPC component caters for granular privilege support and roaming user
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privilege adjustment, PPOC provides support for object conditions and special

requests, and adjustment of roaming data, and the PR component evaluates the

privileges of users against the requested objects. Apart from the above functional

components, roaming processes in cross-domain environments are also considered in

section 2.4.4, which helps to identify responsibility for privacy breach such as data

being redistributed without authorization. Before examining the first functional

component, the overall process flow of the diverse privilege controller is explained

with the help of Figure 2.7.

Privacy Preserving
Subject Privilege Control
(PSPC)

Privacy Preserving Object
Control (PPOC)

Privilege

Refinement

(PR)

Figure 2.7: Overall Process Flow of PPDAC on Granular Privilege

When a user submits a request, the PSPC module first checks the user's identity and

computes the proper permissions. For instance, a user requests a medical document

with read, edit, comment and redistribute privileges, but PSPC may ascertain that the

user is only allowed to have read and comment privileges on the destination object

server (explained in section 2.4.1). At the same time, the required document is

processed by PPOC, and a set of negative permissions (NPs) and special requests

(SPs) are attached according to the data owner’s preferences (further explained in

section 2.4.2). Finally, the privilege refinement module evaluates the permissions and
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assigns the final access rights (see section 2.4.3). When roaming into a foreign

domain, a user will first connect to the home subject server, which will communicate

with the foreign subject server to procure proper privilege constraints. If an object

needs to be copied to a foreign domain, a dynamic hierarchy is computed on the

destination object server. The roaming scenarios are discussed in section 2.4.4.

2.4.1 Privacy Preserving Subject Privilege Control (PSPC)

Component

The PSPC is explained via its three parts: PSPC process, hierarchical PSPC and

subject privacy label generator. The core PSPC defines the PSPC process flow that is

depicted in Figure 2.8. Hierarchical PSPC is responsible for putting forward subject

granular privilege candidates that are used by a label-based privilege system for

subject activity control. The subject privacy label generator encapsulates privilege

candidates that are derived from hierarchical PSPC into a privacy label and sends the

label to the Privilege Refinement component (See Figure 2.7).

Subject Hierarchical
PSPC

Subject Privacy
Label Generator

Duty Request
Attributes
Assignment

Figure 2.8: PSPC Process
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There are three main elements defined in the PSPC process: subject (S, definition 2.1),

duty (D, definition 2.5), and subject privacy label (SPL) generator. A Subject is an

active participant, and a typical subject is a human user. Duty is defined in definition

2.5 and expressed by D={(S, SAS, O)}, which composes of a subject, subject activity

sequence and target objects. A subject privacy label (SPL) is a control frame

containing privilege candidates. In the PPDAC module, no negative permissions (see

definition 2.12) are assigned to an SPL.

The processing in PSPC starts with a subject submitting a duty request to the

hierarchical PSPC, which compiles the subject grade-subgrade hierarchy for the

subject and object involved, produces a list of privilege candidates, and sends it to the

subject privacy label generator.

The last part of the PSPC module is the subject privacy label generator. It takes

privilege candidates from the hierarchical PSPC and encapsulates them into a subject

privacy label (SPL) represented by equation (2-1), where i denotes the index of

required object granular data pieces and n is the number of requested object granular

data. The privilege candidates correspond to the subject activities that are evaluated

by the subject server. They will be used in the privilege refinement component

(section 2.4.3) to calculate proper permissions.

SPL={SG, SSGi, SSGi.SAS} , i∈ n (2-1)



CHAPTER 2 ACCESS CONTROL IN CROSS-DOMAIN ENVIRONMENTS

51

2.4.2 Privacy Preserving Object Control (PPOC) Component

The PPOC component implements label-based control for granular data in cross-

domain applications. PPOC is designed to cooperate with subject diverse privilege

control over granular objects. In this section, the three parts of PPOC are explained:

core PPOC, dynamic hierarchical control and object privacy label (OPL) generator.

The core PPOC works on granular data and defines the process flow of PPOC (see

Figure 2.9). There are three main elements defined in core PPOC: object (O,

definition 2.2), dynamic hierarchy, and object privacy label (OPL) generator. The

essential concepts are explained below , with some examples showing how they fit in

the core PPOC.

Figure 2.9: Core PPOC

Object here indicates the requested target, such as a file, a part of a file, data sheets or

several pieces of information for example date of birth, email address etc. Granular

object is a relative concept that refers to finer bits of the object. For instance,

compared with object ‘address:414-418 Swanston street, Melbourne VIC 3000’, the

granular ones can be ‘address: Street number: 414-418; Street name: Swanston; City:

Melbourne; State: Victoria; Post code: 3000’. The dynamic hierarchy module is the
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place where a requested object is assigned the privacy control codes, such as object

grade (OG), object sub-grade (OSG), negative permissions (NPs) and special

conditions (SCs). The OPL generator assembles all control codes into a privacy label.

The central module of PPOC is called Dynamic Hierarchy. It has two core functions:

hierarchy assignment (HA) and condition assignment (CA). Hierarchy assignment is

the process of OG and OSG assignment, and data transformation (i.e. masking or

perturbing original data. Perturbation algorithms are detailed in Chapters 5, 6 and 7).

Condition assignment attaches NPs and SCs to the object privacy label. Figure 2.10

illustrates an example of dynamic hierarchy with object grade, object sub-grade and

condition assignment.

Figure 2.10 Dynamic Hierarchy with HA and CA
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In the example, object sub-grade 1 indicates the access requirement of the first piece

of granular data. If a subject does not meet the grade required by the object, access

will be denied. Both OG and OSG are assigned by hierarchy assignment. ‘No edit

permission unless SSG1 is greater than θ’ is an example of an NP coming from

condition assignment. There is no SP in OSG1. In OSG2, ‘anyone who read this has to

sign’ is an SP indicating a mandatory requirement for a subject who wants to read this

piece of granular data.

With proper control assignments from Dynamic Hierarchy, all of these control codes

are encapsulated into an object privacy label (OPL). An OPL is a carrier of PPOC

control code shown in equation (2-2), where n denotes the number of required

granular data pieces in an object, and the numbers x and y depend on the object's

conditions.

OPL={OG, OSGi. OSGi.Ω(NP)x, OSGi.Ω(SP)y , i∈ n (2-2)

2.4.3 Privilege Refinement (PR) Component

After the derivation of a subject privacy label (SPL) from PSPC (section 2.4.1) and an

object privacy label (OPL) from PPOC (section 2.4.2), the final proper privileges of

the subject on the object are calculated in the Privilege Refinement (PR) component.
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Privilege Refinement (PR) introduces a structure to assist in defining and enforcing

rules of granular privilege control. It implements dual control of subject granular

privileges and object granular data.

Figure 2.11 shows that after both subject and object privacy labels are produced,

authorized privileges will be calculated by PR. The calculation has four steps. First a

validation check of both subject and object access levels, such as SG and OG, SSG1

and OSG1, is performed. It is followed by privilege refinement that derives proper

permissions for the required object. These steps are detailed below.

Subject Privacy
Label

Object Privacy
Label

Privilege Refinement

Grade Computing

Sub-grade Computing

NP, SC Processing

Activity Refinement

Figure 2.11: Privilege Refinement

Step 1: Grade computing

The subject grade (SG) in the subject privacy label (SPL) is represented by SPL.SG

and similarly, the object grade (OG) in the object privacy label (OPL) is OPL.OG. If
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SPL.SG is equal or greater than OPL.OG, PR will continue the refinement process,

otherwise access is denied.

Step 2: Sub grade computing

The subject sub-grade (SSG) in the SPL is represented by SPL.SSG and similarly for

the object sub-grade in OPL is OPL.OSG. Each object granular data (OGD) is

assigned an OSG and there is an SSG for access request. PR goes through each OGD

and compares the SSG and the OSG associated with it. If the SSG is equal or greater

than OSG, PR will continue processing, otherwise access to such object granular data

is denied. Even if access to a piece of granular data is denied, the decision will not

affect other sub-grade computing.

Step 3: Subject activity sequence computing

A subject activity sequence in the subject sub-grade is represented by SPL.SSGi.SAS,

where i refers to the index of object granular data (OGD) and j refers to an activity

such as read, add, remove etc. Object negative permission (NP) and special condition

(SC) are represented by OPL.OSGi.NP and OPL.OSGi.SC respectively, where i

indicates the index of OGD. For each OGD, the activities in OPL.OSG.NP will be

removed from the SPL.SSG.SAS. If the removed activity is in a sequence relationship,

the activities after it will not be executed. For example, if SAadd →SAsign and

OPL.OSG.NP is SAadd, then the SAsign will be not executed either. After processing

NP, object special condition (SC) will be added to the subject activity sequence. If the

subject fails to satisfy a special condition, the activities in the SC will not be executed.

For example, if a subject activity sequence is SAadd →SAsign and the OPL.OSG.SC is
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‘no add permission after 1st Feb’, then an add privilege request will be denied after

that date, and in the sequence SAsign will not be executed either.

Step 4: Execution of the refined privileges

If the access to an object and object granular data (OGD) is granted, the execution of

activities starts from the object’s general information, such as object identifier and the

information that is not assigned with OSG, then proceeds with each OGD.

This section explained how the subject privacy label and object privacy label help to

calculate the subject’s final proper permissions over the requested object, and the

solution for single domain environments was explained. The next section introduces

the scenario of cross-domain environments.

2.4.4 Subject Roaming and Object Roaming

This section starts with the concepts of subject roaming and object roaming. Then it

explains the roaming process in both PSPC and PPOC components. At last, three

different examples are provided to help understanding the roaming concepts. An

important feature of the solution is that the responsibilities are clearly identified.

Subject roaming happens when a subject leaves his own home domain and moves to

another domain where the subject does not have an account. Object roaming happens

when an object is required to be duplicated on another domain’s object server. During

object roaming, the subject’s home subject server is responsible for data sharing,
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whereas in subject roaming, the remote (foreign) subject server is. The roaming

process in PSPC and PPOC are explained in detail below.

First let us look at an example of hierarchical PSPC processing. Let us assume that

subject S submits a duty query D={S, SAS, O} to subject server SS, and the subject is

a valid user in the system, while O represents the required object. After receiving the

request, the subject server establishes (i) whether the request contains subject roaming

and (ii) whether the required object is stored on the home object server or on a remote

object server. Assume that the subject grade of S is SG and it has subject activities

allowed by the local subject server SS. If subject S does not require subject roaming,

the Hierarchical PSPC module will send SG and the subject activities to the privilege

refinement component (see section 2.4.3). If the request refers to an object that can

only be accessed on a remote server, subject roaming is needed. Let us assume

subject S, with home subject server SS, has no account on the remote subject server

RSS. If the roaming request is accepted by server RSS, it will generate a new subject

grade represented by R(SG) based on SG and an allowed activity set R(SA) in the RSS

is used instead of original SA. Subject roaming can be represented as SG(Foreign

Domain) = F [SG(Local Domain)]. Here function F denotes a mapping function that

is predetermined in each server based on the privacy level in each domain (in reality,

this may require experienced administration). Here a simple mapping function is used

only. Assume subject S in his home domain is assigned SG and in domain RSS, a

predetermined R(SG) is associated with subject S. Then for each subject sub-grade in

the RSS is calculated by
SG

SGRSSGSSGR i
i

)()( 
 .
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When an object is required by a subject in the same domain, hierarchy assignment

(HA) produces the object's original OG and puts it into the OPL (see section 2.4.3),

while condition assignment (CA) puts negative permissions (NP) and special

conditions (SC) into the OPL. In a data roaming situation a remote server requires a

copy of object O, but the original OG and OSG may not be suitable for evaluation by

the remote server directly. Figure 2.12 shows the concept of HA applied adjustment.

In such cases, the home object server will first assign OG (from HA) and conditions

(from CA) to the object. Then the object will be sent to the remote object server,

where the Dynamic Hierarchy component will map OG into R(OG). This can be

represented as OG(Foreign Domain)=F [OG(Local Domain)]. The function F is a

mapping function that is predetermined in object servers and works in a similar way

to that of subject roaming. Finally, the object will be sent to the remote subject server

to satisfy the user’s request. In Figure 2.12, OG associated with object O is shown

with a list of OSGis that are the object sub-grades. When object O (including its

granular data) is created, it is associated with an OG. For instance, the object grade of

all data on an organization’s data server are determined based on the users in this

organization.

Figure 2.12: Data Roaming
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The following example illustrates object roaming. A researcher wants to access a

medical data sample that is only available on a remote server, on which the researcher

has no account. Also, the researcher’s home server has no right to create a temporary

account on the remote server. If the home server is eligible to acquire and store an

authorized copy on the home object server for a period of time, object roaming can

take place. The object roaming process can be expressed as follows, where n indicates

the total number of granular data.

In home servers: {OG (home Domain), OSGi(home Domain), Conditions}

In remote server: {OG(Foreign Domain), OSGi(Foreign Domain), Conditions}

Where OG (Foreign Domain)= F [OG(Local Domain)]

OSGi(Foreign Domain)={F(OSGi(home domain)) | i }

Next, the roaming process is discussed in three typical cases: (i) local user accessing

roaming objects, (ii) roaming user accessing remote objects on the home server and

(iii) roaming user accessing roaming objects.

Figure 2.13 shows that a user is trying to access an object stored on a remote object

server via the home server of the local user. For example, a doctor needs a document

from another hospital's data server but has no permission to access it directly. The

doctor has to access this file via his home hospital. Step (1) shows that the doctor

sends a request for a patient’s medical record O stored on a remote server. After the

doctor submits his request, the home hospital makes a request for object O to the

remote subject server. In step (3) the request has been accepted and in step (4) object

O is sent to the remote subject server and is ready for roaming. Steps (5) and (6) show
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that the home hospital has received a copy of object O and is available for access. In

this procedure, the home hospital has to be responsible for the copy of O.

Figure 2.13: Object Roaming .

Figure 2.14 shows the process when a user is roaming to a remote server and requires

an object stored on that server. For example, a doctor is invited to another hospital

and he needs to access data stored on the server of that hospital. The process of

subject roaming extends the basic local request by linking the home subject server to

a remote subject server i.e. in the visited hospital. The process is similar to object

roaming, but this time the data remains on the remote server, it does not propagate to

the doctor’s home hospital. In this procedure, the remote subject server has to be

responsible for the requested object O.
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Figure 2.14: Subject Roaming

Figure 2.15: Dual Roaming Request
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Figure 2.15 shows the process when a user S is roaming to a remote server RSA and

requires an object stored on another remote server RSB, and the data has to be

accessed via server RSA. For instance, a doctor is invited to a foreign hospital for a

certain period of time and needs a group of medical documents that are stored at

another data centre. The dual roaming request process is used in this case. Steps (1)

and (2) represent the doctor’s roaming privileges calculation, and in step (3) a request

is made to the remote object server RSB. This step is the same as step (2) in the object

roaming request process. Steps (4) and (5) represent encapsulation of the group of

medical documents' conditions, while step (6) is the data roaming process which is

the same as step (5) shown in Figure 2.13. Eventually, the roaming object is delivered

to remote server RSA. In this procedure, remote server RSA has to be responsible for

the copy of O.

2.5 Illustrating Examples and

Implementation

2.5.1 General Example

This section presents the demonstration of the proposed diverse privilege controller of

PPDAC in a simple medical environment. The two scenarios described are a normal

access request and a roaming request. The operational flow of the normal access

request is depicted in Figure 2.16. At first, users submit requests to the PSPC

component via a user interface. Then, the Hierarchical PSPC module calculates the

allowed privileges and produces a subject privacy label (SPL, section 2.4.1). In the
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PPOC component, the requested object is passed to the Dynamic Hierarchy, in which

hierarchy assignment (HA) and condition assignment (CA) take place (section 2.4.2).

After this, the allowed privileges and conditions are used for generating an object

privacy label (OPL). After both SPL and OPL have been generated, the labels are

passed on to the privilege refinement component to calculate the final proper

privileges.

Figure 2.16: Module and Component Diagram for The Implemented Scenario

Figure 2.17 shows how the proposed approach can be used to manage and share data

in a collaborative and cross-domain environment. The figure contains the

participating organizations (domains), Departments (sub domains), positions (roles)

and requests.
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In this example, it is assumed that all doctors, nurses and researchers are in the same

medical area of specialization. It is further assumed that doctors can work both in

medical and research departments, and they can work in other hospitals if needed (the

latter representing subject roaming). Nurses can only work in medical departments

and in their home hospitals. Researchers can be contractors or university students, and

they can only work in research departments. Researchers can ‘roam’ to other

hospitals’ research departments only if accompanied by their supervising doctor.

Figure 2.17: A Scenario for A Hospital System
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2.5.2 Specific Examples

To help understanding of the proposed model, this section describes a medical

example, including the involved parties (domains), participants (subjects and objects),

code base (privilege table and roaming rules) and individual cases that illustrate how

the proposed model works.

There are three parties involved and shown in the Figure 2.18. Each party is an

organization, and represents an individual domain which contains its own subject

server and object server. Assume that organization A is a small regional healthcare

clinic, organization B is a national level healthcare center and organization C is a

national healthcare data repository and research center. Users in organization A

cannot directly access data stored in organization C but have to request it via

organization B.

Organization B (Domain B)Organization A (Domain A)

Subject
Server A

Object
Server A

Subject
Server B

Subject
Server C

Object
Server B

Object
Server C



CHAPTER 2 ACCESS CONTROL IN CROSS-DOMAIN ENVIRONMENTS

66

Figure 2.18: Illustrating Example

In this section, assume there are five kind of participants, which are:

 ICT support (IS): IT support and management for the organizations

 Specialist (S): Specialist for certain category of disease.

 General practitioner (GP): general doctors

 Nurse (N): staff who collect patients’ data and input data to the system but do not

make any diagnosis.

 Head-Nurse (HN): leader of nurses in healthcare organizations

The rules for three organizations are shown in figures below.

Subject grades
Subject roles Subject grades
Specialist SG=9
GP SG=8
Head-nurse SG=7
Nurse SG=6
ICT support SG=5

Figure 2.19: Subject Grades

Object grades
Object category Object grades and sub-grades
General information in a patient’s record OG=5
Medical record field in a patient’s record OSG=7

Figure 2.20: Object Grades

Activity list for the three organizations
Activity Explanation
read Read the specified granular data
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add Add information to the granular data. Note: this
activity does not allow to remove information

remove Delete information from granular data. Note: this
activity does not allow to add information

edit Add and remove information of granular data
comment Comment to granular data. Note: this activity does

not allow editing original granular data.
sign Sign an object or certain part of an object. This

activity is used when someone approves or
acknowledges something

distribute Distribute to other domains’ subjects
manage Manage the object

Figure 2.21: Activity List For The Three Organizations

Roaming rules
Roaming option Roaming adjustment rules
DomainA.subject S roams to DomainB The subject’s SG decreases by 1 when

the subject is roaming to domain B
DomainC.objectS roams to DomainB The object’s OG increases by 1 when

objects in domain C roam to domain B

Negative permissions are edit,
distribution, manage when objects in
domain C roam to domain B.

Special condition is comment and sign
after all activities

Figure 2.22: Roaming Rules

Case 1: Assume DomainB.subject is a specialist, who wants to update a patient’s

medical record object O that is stored in domain B as well. The specialist sends a duty

request to subject server B which is D={DomainB.subject, edit, DomainB.object}.
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The subject server checks and confirms that the DomainB.subject is a specialist and

sets the DomainB.Subject.SG to 9.

The object server has set the DomainB.object.OG to 5 and the medical record field of

the patient’s record to 7 according to the system rules. In addition, the object server

requires confirmation by the person updating the medical record, which is represented

as DomainB.object.SP=sign. As the medical record can not be deleted,

DomainB.object.NP = remove.

The subject label is SPL = {SG = 9, SSG=9, SSG.SAedit} and the object label is OPL

= {OG=5, OSG=7,OSG.NP = remove, OSG.SP=sign}. The privilege refinement

process is:

i) Compare SG and OG. Because SG is greater than OG, the subject is allowed to

access the record’s general information, such as the record’s identity (Note: not

the patient’s identity).

ii) Compare SSG and OSG. Because no specific SSG is assigned to the specialist,

then the assigned SSG is equal to the value of SG. As SSG is greater than OSG,

access is granted and privileges need to be refined.

iii) The subject request is SSG.SAedit (updating the record), which means the

specialist requests edit privilege for the granular data medical record. As the

OSG.NP is remove, it means no delete privilege is granted for this data item.

Thus, the remaining privilege is add because edit contains add and remove.
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iv) The object contains OSG.SP=sign, which means a confirmation of the specialist

is required after operation add.

v) Thus the refined privilege will be SAadd→SAsign for the medical record.

Case 2 (dual roaming): Assume DomainA.subject is a GP, who is asked to diagnose

a patient at the patient’s home. The GP needs extra information about the patient and

the information is stored in domain C, represented by DomainC.object. The GP has

no direct access permit to the domain C and has to require the object via domain B.

The roaming processing steps are as follows.

 The GP sends a duty request to the subject server A which is

D={DomainA.subject, read, DomainC.object}.

 The subject server sees that the DomainC.object cannot be accessed directly and

has to be accessed via domain B. The subject privacy label sent from domain A to

domain B is SPL={SG=9,SSG=9, SSG.SAread}. By applying the roaming rules

specified in Figure 2.22, the roaming subject privacy label R(SPL) is set to

{DomainA.subject.SG=8, SSG=8, SSG.SAread}.

 As domain B has to obtain the patient’s record from domain C, object roaming is

required as well. The roaming object privacy label R(OPL) is

{DomainC.object.OG=6, OSG=8, OSG.NP=edit, distribution, manage,

OSG.SP=comment, sign}.

Then by adopting the above five step procedure from i) to v), the refined privileges

are SAcommnet→SAsign.
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2.5.3 Implementation

The diverse privilege controller of PPDAC model was written in Java 1.6. Figure 2.23

shows the object server loading an XML file and processing it for the incoming

request from the subject server. Binary code is used in the example, which represents

subject activities read, edit ,add, delete, comment, declare, replicate and manage;

binary 1 indicates the represented activity is allowed while binary 0 indicates the

represented activity is prohibited. Permission binary code 11001010 in this example

allowing read, edit, comment and replicate but not other operations on the required

target.

Figure 2.24 shows a simple subject server monitoring window. It shows the subject’s

ID, required data and the subject’s basic control codes.

Figure 2.23 The Object Server Demo
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Figure 2.24: The Subject Server Demo

Figure 2.24 demonstrates the subject server which sends a request for an object. It

also shows the permission allowed for the second granular data which is called

granular data 2. The text area displays the outputs of the subject server.

2.6 Discussion

2.6.1 Comparison with Existing Solutions

In Table 2.1, User diversity denotes the capability to support large number of unique

subjects, roaming/reorganization is the capability of supporting subjects in multiple

roles or changing position/job. Diverse privilege extensible refers to the mechanism

of supporting personalized privileges for special environments. The term granular

data levels indicates the capability of individual granular data access control: full

support means flexibility to adjust granular data access levels as required, while



CHAPTER 2 ACCESS CONTROL IN CROSS-DOMAIN ENVIRONMENTS

72

partial support means that either the granular data structure is fixed or cannot be

adjusted to different application scenarios. The feature dynamic data access levels

denotes the capability of supporting variable access levels in diverse data sharing

environments: full support means that the data access level can be set as required and

can be adjusted to a remote domain while partial support means only one, the former

or the latter is supported. The term cross-domain environments denotes roaming-

enabled features of the mechanism and the capability of identifying the responsible

party when an access event happens in a cross-domain environment. Full support

means an approach adjustable for diverse application scenarios including subject

roaming and object roaming, and a clearly identifiable server responsible for

enforcing data access restrictions. Partial support means any of object roaming,

subject roaming or identification of access management responsibilities is supported,

but not all of them.

Table 2.1: Features Comparison

HASBE

[42]

RMAMD

[212]

Proposed

Solution

1. Subject privilege

- User diversity

- Roaming/reorganization

- Diverse privilege extensible

Full Support

Not Available

Partial Support

Partial Support

Partial Support

Not Available

Full Support

Full Support

Full Support

2. Granular data

- Granular data levels Partial Support Not Available Full Support
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- Dynamic data access levels Partial Support Not Available Full Support

3. Cross-domain environments Partial Support Partial Support Full Support

HASBE [42] combines attribute-based solutions [202] and hierarchical access control

[230] to support user hierarchy and unique users with diverse privileges. The model

does not support access conditions and privilege relationships or constraints, such as

‘no privilege edit is granted for roaming users’. Also, for granular data management,

the model in [42] lacks in support of access levels of granular data and conditions of

granular data. Roaming is partially supported, which is benefited from the user

hierarchy model, but the way the roaming process works was not clearly discussed in

the paper. In addition, data roaming is not supported by the model [42].

RMAMD [212] proposed an enhanced roaming table mechanism. It built mapping

links between roles in different domains. Once a domain in the path of a mapping link

is not available, roaming is disabled. Roaming users are unique, lack support of

conditions (also used as user attributes) and fixed roaming tables are not able to

satisfy roaming needs. The following example illustrates the shortcomings of

RHAMD. A marketing team leader in the home domain has privilege pr1, pr2 and pr3.

When required to roam to an other department twice, for the first time the subject

requires privilege pr1 and pr4 and for the second time he requires privilege pr1 and

pr2, but all required privileges are denied due to a special condition, so only pr5 is

granted. In this case, the RMAMD is not able to deal with the request.
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The limitation of the proposed model includes its requiring a properly managed level-

based system as the model highly relies on appropriate administration of subject and

object levels.

2.7 Summary

The focus of this chapter was on data access control using both diverse privileges and

granular data in cross-domain environments. A mechanism for combined subject

granular privilege control and object granular data access control was proposed, and

the issues of cross-domain data sharing environments were also addressed.

The proposed method addressed the problems of access control of unique users with

diverse privileges in cross-domain environments.

The proposed model enables large amount of unique users, which makes the model

more practical for large organizations. The support of diverse privileges brings more

flexibility of management to access control and a dual control mechanism,

hierarchical user attributes and hierarchical object attributes, offers better access

management for fine-grained granular data. In addition, the user activity sequence

and multiple conditions gives more power of control over work flows.

In cross-domain scenarios, full support of dual roaming is embedded in the proposed

model. It enables user roaming, data roaming and privilege adjustment. The model
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maps roles in one domain into roles in another domain, and thereby avoids the need

of an additional role assignment when a subject roams into another domain. A clear

responsibility of access enforcement in cross-domain application can be identified,

which helps when dispute occurs.

The main advantages of the proposed mechanism are in it supporting diverse user

privileges and accommodating application conditions in both single-domain and

cross-domain environments. The object server can control granular data access with

cooperating subject servers. With the subject and object roaming mechanisms, both

user and data re-deployment are properly handled. Furthermore, the proposed method

clearly defines the responsibility for data management in a multiple domain

environment.

The next chapter (chapter 3) turns the focus on the purpose of access when requests

lodged.
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Chapter 3

Purpose-based PPDAC

The previous chapter introduced a privacy preserving data access control model

(PPDAC) that addressed the issue of unique users with diverse privileges in

cross-domain environments. This chapter examines another perspective of privacy

preserving access control. It deals with the purpose of accessing target data and how

the requested data is intended to be used, and presents a solution to enhance the

PPDAC model in terms of purpose translation and adjustability.

3.1 Introduction

To maintain proper data privacy, traditional access control methods that only focus on

privilege management are not sufficient. Byun emphasized that privacy protection
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cannot be fully achieved by traditional access control mechanisms mainly for two

reasons: i) traditional access control models focus on subjects’ privileges on objects,

while privacy requirements are also concerned with the purpose an object is used for

and ii) the comfort level of data usage varies from individual to individual [116].

Meanwhile, Yang et al. pointed out that a privacy requirement ensures that data can

only be used for its intended purpose and an access purpose is compliant with the

data’s intended purpose [117].

To enhance privilege control methods to consider purpose, a method called

purpose-based access control was proposed [116, 122] and then widely adopted and

extended [50, 97-99, 118-128, 130]. The original purpose-based access control

(PBAC) built a bridge between role-based access control (RBAC) and subject

intentions. Later works enhanced PBAC with conditional roles, obligations, usage,

purpose hierarchy and purpose process [39, 99, 116-127]. However, purposes heavily

depend on users, application domains and environments. The meaning of a subject's

purpose can relate to different user operations and may lead to distinct privileges in

cross-domain environments, and ignoring such issues can cause privilege conflicts.

This chapter enhances the PPDAC model detailed in the previous chapter by adding a

privilege-oriented purpose-based access control module. It includes an improved
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PSPC component (section 2.4.1) that integrates PPDAC principles, a multiple

attribute-based object control component and a privacy preserving privilege

refinement component. The main contributions are that the enhanced PPDAC model

enables an access control incorporating both subject and object control, fills the gap

between purpose and privilege control in cross-domain environments, and thereby

enables the use of purposes for granular data and purpose translation in cross-domain

environments. Moreover, the chapter designs a hybrid access control approach which

enables flexible control for large organizations.

3.1.1 Chapter outline

The rest of this chapter is organized as follows. Section 3.2 reviews existing privacy

preserving methods that focus on purpose. Section 3.3 presents preliminary concepts

on purpose-based theory that will be used in this chapter. Section 3.4 proposes a

privilege-oriented purpose-based module for the PPDAC model. The verification of

the proposed PPDAC model is presented in section 3.5. This is followed by section

3.6, which shows an example of the proposed module. Section 3.7 discusses the

advantages of the proposed method and then the chapter is summarized in section 3.8.
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3.2 Background

Role-based privilege control and purpose-based control are key concepts in access

control assignment as they address two main aspects of privacy policies: who can

access the target and with what privileges, and for what purpose. The former was

discussed in the previous chapter, and the latter is examined in this chapter. In this

section, existing approaches that consider purpose in access control systems are

reviewed.

Purpose is one of the most essential components of privacy-preserving access control,

and is a central concept in privacy protecting access control models [100, 125]. A

formal purpose-based model (PBAC) was proposed in 2005 by Byun and Li [116]. In

[116, 117], purposes are classified into two categories that are widely adopted in

many other solutions as well [118-130]: intended purposes (IPs) and access purposes

(APs). Intended purposes are purposes associated with data and express the data

owners’ wish. Access purposes refer to the way the accessor wants to use a certain

object. The PBAC model builds on these purpose principles. When a user submits a

request, the access control system verifies whether the APs complies with the IPs of

the requested data object: permits access if it does, otherwise denies the request. The

key feature of PBAC is that it supports explicit prohibitions and organizes purposes in

a hierarchical structure. Moreover, granular data object administration can be
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achieved via associating IPs with a data object, which can be a whole table, a column

in a table or a tuple in a table. Figure 3.1 shows an instance of a hierarchical purpose

and Figure 3.2 shows an example of how PBAC extends RBAC [118].

Figure 3.1: An Example of Hierarchical Purpose [118]

Figure 3.2: An Example of PBAC Roles [118]

To improve the PBAC model by incorporating existing RBAC models, the authors of

[116] extended their own work and presented an improved the PBAC model with



CHAPTER 3 PURPOSE-BASED PPDAC

81

extra control on IPs [118]. It divided IPs into strong IPs (sIPs) that cannot be

overridden and weak IPs (wIPs) that can be overridden, thereby giving more

flexibility to purpose control. Similarly, the authors of [117] extended their previous

work to improve management by a process flow control mechanism over IPs [122].

There is also a large volume of literature on improving PBAC in relation to purpose

management. In [121], the authors added purpose extension [131] to PBAC in order

to enhance purpose control. In [123], PBAC’s purposes are declared explicitly by the

users themselves. The key feature of this approach is that the user purpose is

determined in a dynamic manner, based on subject attributes, context attributes and

authorization policies, but the solutions lacks support of object related attributes. In

[124], the key feature is supporting prohibitions specifying that some data cannot be

used for certain purposes. The approach in [125] is designed for a variety of purposes,

including conditional purposes. The authors of [127] proposed a conditional role

model based on PBAC, where users dynamically activate conditional roles that are

associated with purposes. Another work [50] explores the connection between

permissions and roles with respect to purposes. Also, the author points that out a

subject should specifically assert the purpose of accessing data in a request. The

method presented in [50] directly assigns purpose to subject roles and employs two
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components: server constraints determination and subject obligation determination.

By using these components, conditions are also considered in the approach.

In addition to purpose management improvements, purpose translation is also

discussed in the literature. In [119], the author proposes a personal information flow

model that specifies a limited number of subject activities on each type of information.

An alternative to intended purposes is proposed in [120]: the authors map each

subject to a sequence of activities with personally identifiable information, in order to

ensure such information is used solely for the intended purpose.

In summary, existing solutions explore purpose management and the connection

between purpose and subject activities. To further look into purpose-based access

control, two issues have to be addressed and yet have been overlooked. (i) Purposes

are not only associated with subjects, but the object side also needs to be considered.

In addition to the object owner’s wish (IP), data type and other data related attributes

can affect IPs as well. (ii) Purpose heavily depends on users, application domains and

environments. The meaning of a subject's purpose can be translated to other user

operations and may lead to varied privileges in different environments.
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3.3 Privilege-oriented Purpose-based

PPDAC

This section first presents a privacy preserving data access control (PPDAC) model.

After a general description, it focuses on a PPDAC functional component named

privilege-oriented purpose-based module (Figure 2.4). Using this module, the

complete PPDAC model is proposed. Also in this section, basic concepts and notation

relating to this chapter are introduced and explained.

The model shown in Figure 2.4 depicts two main components that realize the

proposed system, namely the subject server and the object server. Each component

has two main function modules: granular privilege control and purpose-based control.

In chapter 2, the granular privilege control modules were discussed; this chapter

focuses on the purpose-based access control modules.

3.3.1 Basic Concepts and Notation

This section starts by introducing definitions and notation for the purpose-based

module. For clarification, the essential concepts will also be explained where they are

used in this chapter.
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Definition 3.1 (Subject purpose): Subject purpose (SP) is the purpose

associated with an activity sequence of a subject, and it indicates what the

subject intends to use the object for after gaining access.

SP is composed of subject main purpose (SMP) and subject special purpose (SSP).

SMP indicates the overall aim of the subject while SSP relates to certain granular data.

For each SMP, there can be none, one or more SSPs, that is, SSP does not have to be

provided when the subject lodges a request. SSP and SMP are related concepts. SSP,

compared with SMP, refers to some detail of the requested granular object. An

example is as follows. In a building some unknown chemical material is reported to

be leaking. Investigators’ SMP can be “want to know chemical materials used in this

building”. The requested documents contain information about the building, including

chemical materials, building structure, management summaries, business related

information, customer information and other, restricted information. By default, only

the granular data about the chemical materials will be disclosed to the investigators,

as that matches the SMP. An investigator may request access to another piece of

granular data “building structure” for the purpose of “evacuation”. This is an SSP and

is optional, as if there is no one in the building, this granular data will not be needed.
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Definition 3.2 (Subject Obligation): Subject obligation (SO) is a subject role

related constraint.

Subject obligation is assigned to a subject based on the subject role. An example of a

subject obligation is “for marketing manager, the document marketing report must be

signed if no more addition is required from marketing team”.

Definition 3.3 (Subject Server Constraint): Subject server constraint (SC)

consists of subject server related access conditions, represented as a sequence of

subject activities that must or must not be performed before or during an access.

Subject server constraints are assigned to a subject according to the subject server’s

conditions. An example of SC is “access are denied for all incoming requests after 5

pm”(which may be due to scheduled maintenance or other special events).

Definition 3.4 (Object purpose): Object purpose (OP) represents the object

owner’s wish regarding valid and invalid use of the object.

There are two mutually exclusive categories, allowed object purposes (AOP) and

prohibited object purposes (POP). AOP denotes the only purposes that are allowed
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for an object while POP denotes the only purposes that are prohibited for an object.

An example of AOP is “read permission for all employees in the company, edit

permission for employees in the marketing department”. An example of POP is “no

data roaming to other departments or other organizations”.

Definition 3.5 (Object obligation): An object obligation (OO) is a sequence of

subject activities on an object that must or must not be conducted before, during

or after an access.

Object obligation is generated by the object server according to the object server

access conditions. An example of OO is “subjects who edit the object must sign a

declaration form”.

Definition 3.6 (Object Type): Object type (OT) describes an object’s usage

called category, and related temporal and organizational constraints called

object category specifications.

Category and specification are used for imposing object constraints. An example of

OT is “2012 Q1 Marketing report” where “report” is the object’s category, “2012”,

“Q1” and “marketing” are specifications. An OT is associated with one object, and
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can contain more than one categories, and more than one specification can be

assigned to each usage category.

An example constraint can be "files in sub-domain X" can only be accessed via

sub-domain X. On one hand, object purpose (OP) denotes the owner's wish or

requirement applying to those who want to access it, on the other hand, object

obligation (OO) describes the object server's requirements. The object privacy label

(OPL) used in section 2.4.2 is extended, by adding purposes, obligations and

constraints.

3.4. Privilege-Oriented Purpose-Based

Module

This module is designed to enable a purpose-based mechanism in the proposed

PPDAC model. This section extends the functions of the three main components

discussed in chapter 2, which are privacy preserving subject privilege control (PSPC),

privacy preserving object control (PPOC) and privilege refinement (PR).

The module shown in Figure 3.3 consists of three functional components which are

subject-based access control (SBAC), object-based access control (OBAC) and

privilege refinement (PR). SBAC is extended from PSPC (chapter 2.4.1) and caters
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for subject purposes, subject obligations and subject server constraints, OBAC is

extended from PPOC (chapter 2.4.2) and provides support for object types,

obligations and object purpose. PR determines the most appropriate privileges for

users with regards to the given purpose. In Figure 3.3, SPL indicates the subject

privacy label and OPL denotes the object privacy label, which will be introduced in

sections 3.4.1 and 3.4.2, respectively.

Privilege-Oriented Purpose-Based Module

Privilege

Refinement

Subject-Based
Access Control

Object-Based
Access Control

SPL

OPL

User
request

Refined
privileges

Figure 3.3: Privilege-Oriented Purpose-Based Module

The privilege-oriented purpose-based module (Figure 3.3) processes user requests.

For each request, SBAC generates an SPL which gives all subject-based access

control codes; while for the OBAC, OPL is generated that contains all access control

codes regarding the object. Then, both SPL and OPL are forwarded to the PR

component and permitted privileges are derived.
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3.4.1 Subject-based Access Control (SBAC)

SBAC has three layers (Figure 3.4): subject attributes assignment (SAA), subject

privilege interpretation (SPI) and subject privacy label generation (SPLG).

The SAA layer derives subject role from the subject server’s database, extracts the

subject’s purposes from user requests and obtains subject server constraints from the

subject server (section 3.4.1.1). The SPI layer translates the attributes in SAA layer

into subject activity sequence (SAS, definition 2.5) and adjusts the translations

depending on different domains (section 3.4.1.2). The SPLG layer encapsulates all

subject-based control codes into a subject privacy label (SPL, introduced in chapter 2).

The detailed contents and functions of the three layers are presented later in the

sections below.
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Subject privacy
label generation
(SPLG) layer

Subject attributes
Assignment (SAA) layer

Subject privilege
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Subject
obligation
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sequence
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Assignment
(SPA)
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(SCA)

Role
assignment
(RA)
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privacy
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purpose (SP)
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sub-grade
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Subject
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(SO)

Subject main
purpose
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Subject
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Figure 3.4: The Three-Layer Subject-Based Access Control (SBAC) Component

3.4.1.1 Subject Attributes Assignment (SAA) Layer

The SAA layer has three functions: subject role assignment (RA), subject purpose

assignment (SPA) and subject constraint assignment (SCA).

RA is a functional unit dealing with Hierarchical PSPC processes. It receives subject

role from the subject server’s user authentication database and obtains subject grade
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(SG, definition 2.6), subject sub-grades (SSG, definition 2.8) and subject obligation

(SO, definition 3.2) from an organization’s policy database. The SG and SSG will be

sent directly to the SPLG layer, while the SO will be passed on to the SPI layer for

further processing (Figure 3.4).

SPA extracts the subject purpose (SP, definition 3.1) hierarchy from the subject

request, which contains subject main purpose (SMP, see explanation of definition 3.1)

and subject special purpose (SSP, see explanation of definition 3.1). The SMP and

SSP will be forwarded to the SPI layer for further processing.

SCA obtains the subject server constraints (SC, definition 3.3) from the subject server.

The SC will be sent to the SPI layer together with SMP, SSP SO for translation.

The RA, SPA and SCA together to form a whole subject-based access control

foundation. Each of them represents one factor that affects the access results. RA

represents administrative control in an organization, such as the human resource

department or the role management team; SPA represents the needs of subjects to

perform their work and SCA represents constraints from the subject server. The

designation of this three functional control units is provides subject-based three

dimensional control, by considering the organizational environment that assigns roles,
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the access request originator’s aim (subject purpose) and server constraints (e.g. time

restrictions).

3.4.1.2 Subject Privilege Interpretation (SPI) Layer

The subject privilege interpretation (SPI) layer translates subject purposes (SP),

subject obligations (SO) and subject server constraints (SC) to subject activity

sequences (SAS) (Figure 3.5). The translation process is described below.

A purpose hierarchy containing SMP and SSP is translated to an SAS representing the

requested subject activities on the target object. The translation result depends on

organizational access purpose policies and the results can vary due to varying policies

in different organizations (domains). For example, the main purpose “prepare report

for distribution” and the target object “customer data” can be translated to “read all

fields of customer data” in one domain, while in another it may be translated to “read

customer age, gender only”. Such variation can happen due to data content or policy

diversity.
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SPI layer

Subject main
purpose (SMP)

Subject special
purpose (SSP)

Subject
obligation (SO)

Subject server
constraints (SC)

Translation

SP activity
sequence

SO activity
sequence

SC activity
sequence

Figure 3.5 SPI Layer

Subject obligation (SO) needs to be translated when the subject moves to another

domain (roaming). This translation is performed on the subject server the subject

sends the request to. When roaming (presented in chapter 2), all associated subject

servers’ SO will be attached to the subject. For instance, when a technician in domain

DA roams to domain DB, DA gives subject obligation “add report” and DB gives

subject obligation “roaming technicians can only read object granular data (OGD)

titled maintenance manual”. Then both obligations will be translated to activity

sequence “SAadd Oreport” and “SAread OGDmaint”.
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Subject constraint (SC) can take different forms, such as “no access request is

accepted after 5pm” due to server maintenance or “no distribution” due to company

policies regardless of the subject roles. These constraints will be translated to an SAS

as well.

To instantiate the model, expression syntax can be used. To help understanding the

model, let us use a simple syntax and explain it in an example. A request expression

"subject S requests to do marketing through the file repository Repo" needs to be

converted to formal language; such as "<subject S> check <file> existence {and}

read <profile section> {with the purpose of} [marketing]" clearly specifies the

subject’s activities. In this example,

 < > indicate the subject or object in a request,

 { } indicate built-in conditions or logical expressions, such as “and”, “or”,

“with”,

 [ ] indicate purposes,

 italics denote activities

The main function of the SPI layer is to convert subject purposes, obligations and

constraints into subject activity sequences that can be directly controlled by the model.

Such translation can be managed via domain-based purpose-activity mapping tables,
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such as that shown in Table 3.1. Using “main purpose is marketing” as the example,

the activity sequence is SiAcheck→[(SiAread→ SiAdeliver) ↔ (SiAfinish→ SiAreport)] {and}

{time=10am to 3pm} which means for the subject i, the subject activity sequence is

first check the condition whether the access time is between 10am and 3pm. If the

condition is satisfied, then check availability of the requested object. If this object is

available, then either perform “read the object and then deliver it” or “finish updating

and then report to manager”.

In summary, the SPI layer takes subject purposes, subject obligations and subject

server constraints to build a connection between subject requests and subject activity

sequences. It translates the subject’s request into a policy-manageable syntax.

Moreover, it provides manageable privilege control elements for the next layer: the

subject privacy label generation (SPLG) layer.

Table 3.1: Sample Activities Mapping Table

Acts Description of requests and purposes Associated activities
A Preparing quarterly report for general manager Read, copy, comment, sign
B Prepare report for division manager Read, edit
C Marketing List, read
D Case study List, read, log
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3.4.1.3 Subject Privacy Label Generation (SPLG) Layer

Subject privacy label generation (SPLG) is an extension of the subject privacy label

(SPL) component in chapter 2, to encapsulate the subject grade, sub-grade, SP

activity sequence, SO activity sequence and SC activity sequence into a single subject

privacy label (SPL).

A typical SPL has the form <domain.subject, domain.subject.role,

domain.subject.purpose, domain.subject.SG, domain.subject.SSG, domain.subject.SP.

SAS, domain.subject.SO.SAS, domain.subject.SC.SAS>, where

 domain.subject indicates the domain where the subject is located. This attribute

affects subject obligations, subject grade, object purposes and object obligations.

 domain.subject.role indicates the role assigned to the subject. This attribute

affects subject grade, subject sub-grade, subject obligations and object

obligations.

 domain.subject.purpose is the purpose of the subject.

 domain.subject.SG, SSG are access level attributes (subject grade and subject

sub-grade) that are needed for privilege refinement and authorization.

 domain.subject.SP.SAS denotes the subject activity sequence translated from the

subject purpose.
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 domain.subject.SO.SAS denotes the subject activity sequence translated from the

subject obligation.

 domain.subject.SC.SAS denotes the subject activity sequence translated from the

subject server’s constraints.

3.4.2 Object-Based Access Control (OBAC)

The OBAC component implements object purpose-based access control. It supports

object purpose (definition 3.4), object obligation (definition 3.5), object type

(definition 3.6) and fine-grained object granularity (OGD, definition 2.7).

The OBAC consists of three processing layers: object attributes assignment (OAA)

layer, object privilege interpretation (OPI) layer and object privacy label generation

(OPLG) layer as shown in Figure 3.6.

The OAA layer obtains the object owner’s intension, stored int he form of object

purpose (OP), object type (OT) and object obligation (OO), from the object server.

These attributes will be then sent to the OPI layer and translated into activity

sequences. These activity sequences will be passed on to the OPLG layer.
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Figure 3.6 Object-Based Access Control

3.4.2.1 Object Attribute Assignment (OAA) Layer

The OAA layer caters for three attributes shown in Figure 3.6: object purpose (OP,

definition 3.4), object type (OT, definition 3.6), and object obligation (OO, definition

3.5).
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OP is dealt with by the functional unit object purpose assignment (OPA). Object

purpose represents the object owner’s intension regarding what the object can be used

for. It is either allowed object purpose (AOP) or prohibited object purpose (POP).

The purpose will be sent to the OPI layer for processing.

Object type assignment (OTA) deals with object types (OT) representing temporal and

organizational constraints. OT is composed of category and specifications that are

usually set by the object server or the owner. For example, an OT can be quarterly

report, where report is the object category and quarterly is a specification qualifier of

the report. The specification may be used to limit the object purpose and obligations

based on privacy policies and management rules, such as a quarterly report can be

updated within a week after it was submitted, and after such time the file will be

automatically locked and will be set to read only. Also, it is possible to add extra

specifications to the object, such as organizational attributes, e.g. marketing quarterly

report, so that the key specification marketing affects object purpose and obligations,

and in other departments only managers or above can access the marketing quarterly

report.

The function unit object obligation assignment (OOA) deals with object obligations

(OO) representing the constraints from the object server. These constraints are
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different to those provided by OP and OT. The constraints brought by OO may not

apply to a specific object only. For example, an OO ‘subjects who edit the object

must sign a declaration form’ can be a requirement for all objects.

OPA, OTA and OOA together form a holistic foundation of object-based access

control, each of them represents one factor that affects the access of objects. OPA

expresses access limitation by the object owner; OTA indicates inherent limitation of

the data while OOA focuses on constraints other than OPA and OTA. The access

limitations will then be forwarded to the OPI layer for translation.

Compared with PPOC (section 2.4.2), the major feature of the OAA layer is

structuring object attributes into a hierarchy to facilitate the definition and

administration of object purposes and obligations. For example, in an organization,

managers handle data types and obligations, while data owners set object purposes.

3.4.2.2 Object Privilege Interpretation (OPI) Layer

The object privilege interpretation (OPI) layer translates object purposes (OP), object

type (OT) and object obligation (OO) to a subject activity sequence (SAS) (Figure

3.7).
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PPI layer

Translation

Specifications

Allowed object purpose (AOP) or
Prohibited object purpose (POP)
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sequence

OT activity
sequence

OO activity
sequence

Figure 3.7: OPI Layer

Object purpose contains either allowed (AOP) or prohibited purposes (POP) that will

be translated to SAS representing the owner’s intension on what the object can be or

cannot be used for.

Both OT elements, category and specifications, will be translated depending on the

organization’s data classification policy that can change with time. For example, the

old policy states “marketing report can be accessed by marketing department only”

and after a new department being set up, the new policy can be “marketing report can

be accessed by marketing department and customer service department only”. In this
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example, although the OT remains the same, the translation has to be changed

according to the updated policy.

The translation of OO is similar to that of subject constraints (SC). These three

attributes OP, OT and OO will be translated into an activity sequence (SAS) in the

OPI layer and then be passed on to the OPLG layer.

3.4.2.3 Object Privacy Label Generation (OPLG) Layer

The object privacy label generation (OPLG) layer encapsulates the output of the OPI

layer into an object privacy label (OPL) and sends it to the privilege refinement

component (section 3.4.3).

A typical OPL has the form <domain.object, domain.object.OG, domain.object.OSG,

domain.object.OP.SAS, domain.object.OT.SAS, domain.object.OO.SAS>, where

 domain.object indicates the domain where the object is stored. This attribute

affects object constrained privileges and OG, as each domain has its own policies

that can constrain objects and pre-determined object grade.

 domain.object.OG and OSGx are access control attributes needed for privilege

refinement that were discussed in chapter 2.
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 domain.object.OP.SAS denotes an activity sequence associated with either

allowed or prohibited object purposes.

 domain.object.OT.SAS relates to object category and specification. This attribute

affects the object grade (OG) and object sub-grade (OSG), as different data types

can be assigned pre-determined object grades, object sub-grades (for granular

data) and access conditions.

 Domain.object.OO.SAS denotes the translation of object obligations into an

activity sequence.

3.4.3 Privilege Refinement (PR)

Privileges that allow subjects to perform activities are refined in four steps, as shown

in Figure 3.8. Each step deals with one or more subject and object attributes and

passes the results on to the next step.

Step (1) deals with the highest priority attributes: subject grade (SG), object grade

(OG), subject main purpose (SMP) and allowed object purpose (AOP)/prohibited

object purpose (POP). The evaluation of SG and OG was detailed in section 2.4.3.

For SMP, the following rule applies.
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Rule 3.1: Subject main purpose (SMP) is allowed only when SMP is an allowed

object purpose (AOP) or SMP is not a prohibited purpose (POP).

If SMP satisfies rule 3.1 and SG passes the algorithm detailed in section 2.4.3, the

process moves to step (2). Otherwise, access is denied.

SG and OG
Purposes

(1)
Subject grade (SG)
Subject main
purposes (SMP)

Object grade (OG)
Object purposes

(OP)

Passed

Passed

Subject constraints
Subject obligations

Object obligations
(OO)

Pass to (4)

Subject sub-grade
(SSG)

Subject special

Object sub-grade
(OSG)

(2)

Constraints

(4)

SAS
Subject activity
sequence

Object type (OT)

SSG and OSG

Refined privileges

(3)

Figure 3.8: PR Process Flow
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Step (2) works on the granular data level and focuses on subject sub-grades, object

sub-grades and subject special purpose (SSP). Evaluation of SSG and OSG has been

detailed in section 2.4.3. It is not necessary to have SSP for each granular data items;

if a subject does not specify any special purpose for granular data, rule 3.2 applies. If

the SSP complies with the OP, and the result of SSG and OSG evaluation is a pass,

step (3) will follow.

Rule 3.2: A subject special purpose (SSP) inherits its content from the subject main

purpose (SMP) only when the subject does not specify SSP for the relevant granular

data.

Step (3) works on combining subject constraints (SC), subject obligations (SO) and

object obligations (OO) together. These three attributes aim at either limiting the

subject privileges under certain conditions or requiring further activities. This step

merges conditions and obligations within the same category. For example, the

conditions "subject cannot access if out-of-office" and "cannot access between 6pm -

9am" are combined into "if time is between 9am - 6pm, and the subject is in-office,

then allow further privilege processing, otherwise access denied."
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Step (4) focuses on privilege selection. The privilege refinement algorithm was

detailed in section 2.4.3.

3.5 Model Verification

This section describes the formal model verification of PPDAC by using the

verification tool Failure Divergence Refinement (FDR), build 2.83 for academic

purposes.

FDR [132] is a model verification tool based on Communicating Sequential Processes

(CSP) state machines, where CSP is a processing language used in describing process

state switching. FDR has been widely used in formal model verification since 1996

[133], when Lowe found a man-in-the-middle attack in the Needham-Schroeder

public key protocols [134]. The system’s correct operation is verified in this section.

The steps to set up the verification tool were as follows:

1. Build the abstract model based of the proposed PPDAC and process as specified

in Figure 3.9, by using the CSP language.

2. Provide specifications for the FDR, which is by giving a valid requirement and

the requester can retrieve the proper required information, otherwise return errors.
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3. Run the model check to see whether the proposed PPDAC model satisfies the

specifications mentioned in step 2. If it does not, the model checker will provide a

counterexample.

The whole process can be briefly described as follows: a subject submits its identity

and request, and finally obtains the required object if the request is authorized. There

are four participants in the process flow: subject, subject server and object server. The

legend of Figure 3.9 is shown below.

Legend Explanation

chk_sg Evaluate SG and OG, SMP and OP

error Error message, a common syntax in FDR indicates errors,

authentication failure and any other unsuccessful process endings

get_obj Retrieve object from the data server

get_pobj Receive processed object

open_obj Get the required granular data

process_obj Remove unauthorized granular data and put in tracking seed if

required by the security need

pl_mat Evaluate SSG, OSG, access conditions and SAS

perform Refine privilege on the requested granular data

req_get Get object request

spl_gen Subject privacy label generation

warning A warning message indicates the failure of the SG and purpose

validation results
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Figure 3.9 FDR Processing Flow Chart
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The object database only communicates with the object server, and hence, they are

combined together in the modeling. The verification result is shown in Figure 3.10.

Figure 3.10 FDR2 Verification Result

Figure 3.10 indicates that the process flow defined by the PPDAC model has satisfied

the requirement (in FDR, the requirement is called specification, see section 3.5 step

2) of the system and passed the sequence tests. To illustrate the information flow, the

debug window is shown in Figure 3.11. The debug window at the right displays the

data transferred in each step in the system during the verification test.
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Figure 3.11 FDR2 Debug Mode

The left window in Figure 3.11 shows the system structure. By clicking each

component node, the debug window gives the control codes that are processed within

it. This helps to determine how control codes are processed and where errors occur.

3.6 Illustrating Example

To help understanding the PPDAC model, this section presents an example of access

control in a cross-domain environment. It describes the involved parties (domains),

participants (subjects and objects), code base (privilege tables and roaming rules) and

a case that illustrates how the proposed model works.
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There are two organizations involved and shown in the Figure 3.12, each representing

an individual domain with its own subject server and object server. Organization A

(OA) has its own groups called sub-domains and denoted by domainAA and

domainAB. For example, organization A (OA) can be an international enterprise and

organization B (OB) can be a customer and marketing analysis company. Figure 3.13

to Figure 3.17 described the organization policies that are used by the proposed

model.

Organization A (Domain A) Organization B (Domain B)

Object
Server B

Object
Server A

Subject
Server B

Subject
Server A

Sub domain AA Sub domain AB

Figure 3.12: Illustrating Example

Access grades
Subject roles Subject grades
General Manager SG=9
Department Manager SG=6
Marketing staff SG=4

Figure 3.13: Access Grades
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Illustrating example legend
Components in privacy labels Explanation
DomainA.subjectX subject X in domain A
DomainA.subjectX.SG subject grade of subject X in domain A
DomainA.subjectX.constraints subject X’s constraints for request an object via

domain A
DomainA.subjectX.purpose The subject’s purpose when requesting an object
DomainB.objectY object Y in domain B
DomainB.objectY.OG object grade of object Y in domain B
DomainB.objectY.OT Object Y’s object type, including two attributes

category and specification
DomainB.objectY.purpose Is either AOP or POP
DomainB.objectY.obligation States the constraint related to the object server

Figure 3.14: Illustrating Example Legend

Activity list for the two organizations
Activity Explanation
read Read the specified granular data
add Add information to the granular data. Note: this

activity does not allow to remove information
remove Delete information from granular data. Note: this

activity does not allow to add information
edit Add and remove information of granular data
comment Comment to granular data. Note: this activity does

not allow editing original granular data.
sign Sign an object or certain part of an object. This

activity is used when someone approves or
acknowledges something

distribute Distribute to other domains’ subjects
manage Manage the object

Figure 3.15: Activity List For The Two Organizations
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Object grades
Object Object grades and sub-grades
report OG=5

Figure 3.16: Object Grades

Object Type Translation rules
Attributes in OT Explanation
category=report The “report” category means only the

data ower can edit and have to be
signed after every update.

Specification1=customer analysis Only marketing department and custom
service department are allowed to
access

Specification2=2010 Q1 Once created, no edit permission after
2010 Q2.

Figure 3.17: Object Type Translation Rules

Purpose translation rules
Purposes Activity in home domain Activity for roaming subject
Marketing Read,add, remove,distribute read

Figure 3.18: Purpose Translation Rules

In the example let us assume DomainA.subjectX is a marketing manager, who is

requesting the latest customer analysis report (ObjectY) from domain B and wants to

distribute this report to sub-domains within domain A.
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The marketing manager sends a duty request to the subject server in domain A which

is D = {DomainA.subjectX, SAread, SAdistribute, SAmanage, DomainB.objectY} together

with purpose “marketing”. The subject server identifies the DomainA.subjectX as a

marketing manager and sets DomainA.subjectX.SG = 6. The SPL is

{DomainA.subjectX, DomainA.subjectX. role = marketing manager,

DomainA.subjectX.purpose=marketing, DomainA.subjectX.SG = 6,

DomainA.subjectX.SP.SAS = [(SAread→ SAdistribute) ↕SAmanage], DomainA.subjectX.

SO.SAS = N/A, DomainA.subjectX.SC.SAS=N/A}

The object server sets DomainB.objectY.OG =5. DomainB.objectY.OT contains the

object category and specifications, which are represented as

DomainB.objectY.OT.category = report, DomainB.objectY.OT.specification1 =

customer analysis, DomainB.objectY.OT. specification2 = southeast suburbs and

DomainB.objectY.OT.specification3 = 2013 Q1. Each component of OT has its

privilege constraint for the subject who requests the object.

Then the OPL is {DomainB.objectY, DomainB.objectY.OG = 5,

DomainB.objectY.POP. SAS = SAedit, DomainB.objectY.OT.SAS = {if} <subject=data

owner> {then} SAedit <objectY> {and} SAsign [prepare report], {if} <domainA =

marketing department {or} domainA = customer service department> {then} SAread



CHAPTER 3 PURPOSE-BASED PPDAC

115

[marketing {or} customer service], DomainB.objectY. OO.SAS = {if} <licence> {then}

SAdistribute {and} SAmanage}.

The privilege refinement process is:

i) Compare SG and OG. Because SG is greater than OG (6>5), the subject is

allowed to access the record’s general information such as the file identifier.

ii) Compare SSG and OSG. Because the object does not have granular sections, no

comparison of SSG and OSG takes place.

iii) Generate the constraints: there is no constraint from the subject side. OT and

POP impose the following constraints, “{if} <subject=data owner> {then} SAedit

<objectY> {and} SAsign [prepare report]; {if} <domainA.subjectX = marketing

department {or} domainA.subjectX = customer service department> {then} SAread

[marketing {or} customer service], POP = SAedit”. In addition, the constraints

from the object server object obligation indicate that distribution and

management is allowed only if the subjectX has valid license, represented as “{if}

<license> {then} SAdistribute {and} SAmanage}”.

iv) If subjectX has a valid license, the refined subject activity sequence (SAS) will be

(SAread→SAdistribute)↕SAmanage for the report and the constraints from iii) apply; if

the subjectX does not have a valid license, the refined privilege will be SAread .
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3.7 Discussion

The model proposed in this chapter enhanced the privacy preserving access control

model of the previous chapter with purpose management; conditions and constraints

can be imposed on what the accessed data will be used for.

The proposed model enables access control that considers subjects, objects, as well as

purposes. The control module on the subject side is “three dimensional”, enabling

access management from three perspectives, namely organizational positions and

roles, access request with purposes and access restriction from the environment called

subject constraints. Similarly on the object side, the model has a “three dimensional”

object control module enabling object administration that considers the data owner’s

intentions in the form of object purposes, manage organizational and data repository

requirements that are expressed as object type and the environment by imposing

object obligations. The model overcomes the limitations of existing solutions, such as

lacking consideration of environment constraints and cooperation between subject

side control and object control.

From the perspective of purpose, the proposed model considers both subject purpose

and object purpose. Subject purpose can describe a user’s request along with access

conditions given by the role, and called subject obligation, and by the environment,
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called subject constraints. Object purpose takes intended purposes from the object

owner, and reduces the complexity of intended purpose control by permitting only the

allowed purposes and prohibited purposes. This can dispense with professional IT

knowledge of the data owners. In addition, the proposed model enables purpose

translation in roaming scenarios.

The overall model converts purposes to conditional and sequential privileges, so that

the various purposes can be controlled properly via a privilege control mechanism.

The model reduces the possibility of conflicts between different translations when

roaming occurs by decomposing a purpose into three parts that are easier to translate.

3.8 Summary

This chapter presents a purpose based access control model that incorporates a three

dimensional subject and object control mechanism.

It supports hierarchical subject (user) purpose and object (data) purpose. For subject

purpose, the proposed method supports user access purpose containing subject main

purpose and subject special purpose, user obligations and server constraints; while for

object purpose, it supports data type containing data category and specification, data
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owner’s purpose containing allowed purpose and prohibited purpose, and data server

constraints. In addition, the model supports purpose adjustment in roaming scenarios.

It also support complex conditions along with privilege sequences in both subject

control side and object control side.
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Part II

Privacy Preserving for Published Data
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Part I discussed data sharing with known recipients. This part of the thesis focuses on

privacy preserving of data shared with unknown recipients, which is also called data

publishing. For example, the Census Bureau publishes data regularly and healthcare

organizations publish medical data for data modeling and research purposes.

This part investigates the problem of protecting privacy by modifying the data, while

also maintaining data utility. Data privacy of published data is preserved if the

adversaries are not able to derive the original data from the modified (e.g. perturbed)

data or the re-constructed results are not close enough to the original data.

Maintaining Data utility means preserving data distribution, data format and data

range of the original data, so the modified data is still usable by unauthorized

recipients. At the same time, an authorized data recipient should be able to restore the

original data [48]. Chapter 4 reviews privacy protection of published data and related

literature. It also introduces evaluation methods. Chapters 5 and 6 present two data

privacy protection algorithms that are based on Chebyshev polynomials and fractal

sequences, respectively. Attack resistance is examined in the Appendix.
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Chapter 4

Data Privacy Protection for

Data Publishing: Basic Concepts

This is a short chapter that introduces the concept of perturbation and explains how the

methods proposed in the following two chapters are used.

4.1 Introduction

Protecting the privacy of individuals is a challenging task in today's world. The amount

of individual information published by various data holders is continually increasing.

Some organizations, such as governments and census bureaus, are required to make

personal information available, while other organizations, such as hospitals, may want to
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publish their data voluntarily for research purposes [154]. For example, a hospital may

release its patients’ medical/healthcare records to data analysts to facilitate the building

of a classification model. On the other hand, data publishers are prohibited by law from

disseminating any person-specific information that compromises an individual's privacy.

Therefore, a common precaution adopted by data publishers is to remove all explicit

identifiers such as name, address and social security number to make the resulting data

look completely anonymous [165].

Although explicit personal identifiers are usually removed before data is published, the

rest of the data can still make the data owner identifiable. A study conducted by Sweeney

[52] estimated that 87% of the population of the United States can be uniquely identified

using the seemingly innocuous attributes of gender, date of birth and 5-digit zip code.

Such identifiable attributes are termed as quasi-identifiers (QIs). Clearly, released data

containing such information about individuals should not be considered anonymous.

When such information is linked to a medical dataset that contains all the above

information along with diagnosis and medication data, they together constitute sensitive

information on individuals, which should not be leaked.

Accordingly, the data should be processed before being published so that it is resistant to

privacy leakage while still offering maximum utility to data analysts by allowing various

information to be derived from the processed data. A number of techniques have been

proposed to maintain privacy. Traditional encryption methods, including homomorphic
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encryption [146] prevent information leakage, but they compromise utility, because

encrypted data usually cannot be used for data analysis. Alternatively, data publishers

frequently apply data generalization techniques or data transformation algorithms for

privacy protection.

The generalization technique works by substituting the original values of given attributes

with more generalized ones, based on the generalization hierarchy built on top of each

attribute's domain [136], such as a student in computer science department can be

generalized to a student at RMIT University. However, most generalization techniques

suffer from a significant drawback in that the processed data is not restorable [67, 166].

If authorized users require access to the data, their request has to be responded to without

generalizing the data. To deal with such cases, data perturbation algorithms are employed,

which allow the restoration of the original data. Data perturbation works by combining

noise with the original data, by addition or by multiplication [171].

This part of the thesis focuses on the question of reducing the risk of privacy leak while

maintaining data utility when data is made available to different users. It presents a

solution that ensures that: (i) publicly available data preserves data privacy; (ii) analysts

who are not authorized to access real data are still able to utilize the publicly available

data; and (iii) authorized users have full access to the original data. This chapter proposes

a data privacy-preserving framework based on data perturbation. The original data is

modified by multiplication and addition in a way that preserves important features of the
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data, which allows its use for general analysis. The method is fully reversible, so

authorized users can restore the data to its original form without any information loss.

4.1.1 Chapter Outline

The rest of this chapter is organized as follows. Section 4.2 reviews the literature with

regard to the relevant algorithms for data privacy, so as to ascertain their limitations and

enable an attempt to overcome them. Section 4.3 introduces the proposed data privacy

protection framework (DP2F).

4.2 Background

This section first introduces the basic concepts and notation used in Part II. Then, it

reviews the literature on three types of approaches to data privacy: generalization,

anatomization and permutation, and perturbation.

4.2.1 Concepts and Notation

The data privacy usually relates to within a micro-table in which each row represents a

subject such as a person, a project or a company and each column indicates a particular

attribute of each subject, such as age, gender or personal income, or budget and bidder
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for a project, turnover of a company etc. Two examples of micro-tables are shown in

Table 4.1.

Table 4.1: Example of format for micro-tables

In Table 4.1, attribute ‘Age’, ‘Sex’ and ‘Education’ can be used to identify individuals.

These attributes are called quasi-identifiers (QI). Formally, a quasi-identifier is a set of

attributes that, in combination, can be linked with external information to re-identify or

reduce uncertainty about all or some of the subjects [165]. Strictly speaking, a successful

data privacy attack results in the attacker being able to find additional information on an

individual or reduce the uncertainty about individuals’ data from this attack. To reduce

the chance of data privacy attack, many techniques focus on QI as this is one of the most

important factors in launching privacy attacks [52].
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One approach to fending off privacy attacks is data perturbation, in which the original

data is combined with noise and its values are changed. This part of the thesis proposes

perturbation methods, that keep the processed data readable and in the same form, e.g. if

it is numeric before processing, it is still numeric afterwards.

4.2.2 Generalization

Each generalization operation hides some details in QI attributes by replacing some

values with a parent value, and the replaced values are not disclosed. This section first

looks at four generalization schemes for protecting published data. Full-domain

generalization indicates that all values in an attribute are generalized to the same level,

such as in k-anonymity [53, 66] and incognito [74]. For example, for the attribute Career,

Lawyer and Engineer are generalized to Professional, and, Career, Dancer and Writer

are generalized to Artist. In k-anonymity, if a subject has a particular attribute value, then

at least (k-1) other subjects must have the same attribute value. While k-anonymity

addresses a major issue, it also has some weaknesses. Machanavajjhala et al. presented

two cases in which tables that satisfied k-anonymity did not protect privacy [67]. A

homogeneity attack is possible if sensitive values lack diversity, and results in the

sensitive values being revealed. To counter the attack, a stronger privacy scheme, called

l-diversity, was proposed [68]. It requires every QI group having at least l different

values for the sensitive attribute, and the proportion of each sensitive value in every QI

group should be less than or equal to 1/l. While l-diversity is a stronger privacy scheme

than k-anonymity, it still has limitations [166]. When the distribution of the sensitive data
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in the overall data set is skewed, l-diversity, in fact, can increase the probability of

identification [166]. Also, when the data in an l-diverse group are syntactically different

but semantically similar, important information can be learnt by an adversary. The

method t-closeness [166] addresses these issues by requiring that the difference between

distribution within each group and that of the general data set should not be more than a

threshold t. The second generalization category is called Sub-tree generalization. [75-78].

These solutions require only the same sub-tree elements to be generalized. For example,

if Engineer is generalized to Professional, Lawyer will also be generalized to

Professional, but Dancer and Writer can remain unchanged as they belong to the parent

Artist, a different sub-tree. An improved sub-tree method has been proposed in [74],

which keeps some siblings unchanged. For example, if Engineer is generalized to

Professional, Lawyer can still remain unchanged and Professional refers to all jobs under

this sub-tree except Lawyer. The third generalization scheme is called Cell generalization

developed in [79, 80]. These solutions keep some values of an attribute unchanged while

other values of the same attribute are generalized. For example, one Engineer is

generalized to Professional and another Engineer can remain unchanged. The fourth

generalization is called Multidimensional generalization [81-83] which considers

multiple QI attributes as a tuple and each QI can be decided whether to be generalized

independently. For example “engineer, male” can be generalized to “engineer, Any

Gender” while “engineer, female” can be generalized to “professional, female”.
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In summary, different generalization schemes bring distinct data utility and data

distortion (data privacy). Most of them satisfy privacy requirements but provide

insufficient data utility [136]. Generalization schemes are used as a baseline for

comparison with the proposed methods, in the experiment as these schemes keep some

original data features, such as data value range and data value form.

4.2.3 Anatomization and Permutation

Anatomization dissects the data and de-associates the relationship between QI and

sensitive attributes rather than modifies QI. The approach in [87] divides the original data

into two separate tables: QI table containing QI attributes and sensitive data table

containing sensitive data attributes. Both QI table and sensitive data table have only one

common attribute called group ID. The values in the same group will be linked then the

data can be used.

Permutation proposed in [88, 151] de-associates the relationship between a QI and a

numerical sensitive attribute by partitioning a set of data records into groups and

shuffling their sensitive values within each group. Another form of anatomy is called data

table fragmentation, which divides original data table into several tables and links them

via certain chosen attributes [143, 144].

As anatomization and permutation do not modify the original data, they may still need

support from a generalization scheme such as k-anonymity and l-diversity. Also, without
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both tables being available at the same time, data utility reduces significantly; while with

both tables released together, privacy protection cannot be maintained without an other

privacy protection method.

4.2.4 Perturbation

There are many data perturbation methods. Data re-ordering [150] and nearest neighbor

data-substitution [167] techniques work by substituting values of the same attribute,

while approaches in [79, 87] divide the original table into several sub-tables and re-group

the sub-tables [79, 87]. Rotation-based transformation is usually applied in multi-

dimensional space and transforms the whole data set [147, 174], or different sub-tables

by using different parameters [148, 168, 175], to another form while still keeping the

Euclidean distance between each pair of values. As the names suggest, additive

perturbation adds noise to the original data [89-92] while multiplicative perturbation

multiplies the data by some noise to hide sensitive information [149, 152].

The re-ordering, re-grouping and data splitting techniques are vulnerable to data linkage

attack as they did not modify original data values. Rotation-based techniques lose data

utility by changing data format, data value range or distribution. Additive and

multiplicative perturbation techniques are either vulnerable to data reconstruction attack

or lose data utility [160, 161].
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This thesis proposes two methods for generating noise that can be combined with the

original data for perturbation, and be removed afterwords in the restoration phase. The

proposed methods use a hybrid perturbation mechanism to overcome the drawbacks in

existing solutions.

4.3 Data Privacy Protection Framework

In the following a privacy protection framework is described, that can employ the

perturbation methods proposed in chapters 5 and 6. To implement the proposed

framework, the data is assumed to be numerical and stored in micro-tables. The

perturbation algorithms work on one attribute stored as a column in the micro-table and

is represented as a vector A=[a1, a2,...,aM]T,where ],[ qpai  , ],1[ Mi , M is the number

of records/individuals (rows), and p and q are the bounds of the attribute. Typically, the

original data has a pre-determined format and value range, such as age should be from 1

to 99, disease code should be within a certain range etc.

The proposed framework is shown in Figures 4.1 and 4.2. Figure 4.1 shows the

perturbation process flow and Figure 4.2 depicts the process in which the original data is

restored from the perturbed data. The heart of the proposed method is the data

perturbation algorithm that takes the original data and transforms it to similar data in the

same format. The perturbation parameters are the key used for both the data perturbation

and restoration, in the same way as in symmetric-key encryption. In order to keep the
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difference between the original and perturbed values within a well-defined range, data

scaling is used.

In the first step, the perturbation noise is generated and a privacy-preserving

transformation is applied. In the proposed framework, two individual perturbation noise

values are calculated for each data item in the series, and then combined with the original

data; one noise is for multiplicative perturbation and the other for additive perturbation.

The second step is scaling the perturbed data to ensure that the perturbed and original

data will be in the same value range. The reason to use a hybrid method is that compared

to either additive or multiplicative methods, hybrid ones have better resistance to data

reconstruction attack methods [162].

To restore the original data, the perturbation noise is recalculated, the scaling is reversed

and the privacy-preserving transformation is inverted. As both scaling and the privacy-

preserving transformation are lossless operations, the original data can be accurately

restored.
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Chapter 5

Chebyshev Data Perturbation

5.1 Introduction

This chapter presents a data privacy preserving method called Chebyshev data

perturbation (CDP). CDP implements the data perturbation part of the Data Privacy

Preserving Framework (DP2F), presented in chapter 4. Hybrid data processing is used,

which comprises an additive part and a multiplicative part. Both parts use Chebyshev

polynomials to generate initial noise sequences. Such sequences are then scaled,

based on the perturbation parameters and the features of the original dataset, to ensure

that the perturbation values fall into the same value range as the original data values.
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The proposed method is evaluated in terms of data utility and information added by

the perturbation noise. Attack resistance tests are also presented in the Appendix.

The distinguishing features of the proposed method are the following. i) It is able to

keep the perturbed data in the same value range as the original data, and so it is

computationally hard to distinguish the original from perturbed data; ii) the data

utility in terms of data distribution is maintained; iii) it resists two classic data privacy

attacks.

The rest of this chapter is organized as follows. Section 5.2 introduces the

mathematical fundamentals. In section 5.3, the proposed method will be detailed via

perturbation values, scaling perturbation values, the perturbation process and the

restoration process. Section 5.4 implements the evaluation methods introduced in

chapter 4 and evaluates the proposed method by these methods in terms of added

information and data utility. Section 5.5 discusses the proposed method against

existing solutions and section 5.6 summarizes the chapter. Attack resistance

experiments are described in the Appendix.
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5.2 Mathematical Foundations– Chebyshev

Polynomials

To assist the generation of perturbation sequences, Chebyshev polynomials of the

first kind are adopted. These are first introduced in this section, followed by a

discussion of the reasons why they are used in the proposed method.

Chebyshev polynomials of the first kind are defined by the recurrence relation shown

in equations (5-1).

1)(0 xT

xxT )(1

)()(2)( 11 xTxxTxT nnn   (5-1)

Each polynomial degree leads to a differently shaped curve. Figure 5.1 illustrates the

polynomial curve for some degrees of n in the [-1, 1] interval.
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Figure 5.1: The First Few Chebyshev Polynomials −1 < x < 1 [178]

Chebyshev polynomials of the first kind are used in the perturbation algorithm for the

following reasons.

i) within the range of -1<x<1, the value of Tn(x) is in the range [-1, 1], and

ii) for a given value of Tn(x), the original x cannot be calculated without knowing

the polynomial degree n [179];

In the rest of this chapter, the term Chebyshev polynomials is used instead of the full

title of Chebyshev polynomials of the first kind.
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5.3 Proposed Method - Chebyshev Data

Perturbation (CDP)

This section first provides an overview of the Chebyshev Data Perturbation (CDP)

process flow, components, assumptions and scenarios. Then it details the proposed

hybrid perturbation algorithm. Hybrid perturbation indicates the combination of

additive and multiplicative techniques, that is, perturbation values are added to and

multiplied by the original data. This section concludes with the restoration process.

5.3.1 Overall Process Flow

Figure 5.2 shows the CDP data perturbation process which is explained as follows.

First, two Chebyshev polynomials are generated, with the polynomial degrees of n1

and n2; the generated polynomials are represented by N1 and N2. Then, N1 and N2 ,

together with four perturbation parameters (α, β, γ and ) and segmentation parameter

k, are used to calculate perturbation values. Finally, the perturbation values are

merged with the original data.

To restore the original data, the same perturbation noise is calculated again, and is

removed from the perturbed data.
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Figure 5.2: CDP Overall Process Flow

5.3.2 The Proposed Chebyshev Perturbation Algorithm

To facilitate the mathematical treatment of the proposed perturbation algorithm, it is

assumed that the data to be privacy protected is a series of items, such as a row or

column in a micro table. Treating this data as a vector, the calculations are performed

on this vector. The basic perturbation equation takes the form of

21 PNPNODPD  , where PD is the perturbed data, OD is the original data, PN1

and PN2 are perturbation noise calculated as follows. )]1()[( 1111 SFNSFPN 
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and 222 NSFPN  , where N1 and N2 are calculated using Chebyshev polynomials

of the first kind, but the degree of the polynomials is different for the two components;

while SF1 and SF2 are scaling factors to keep the perturbed data values in a defined

range. The main advantage of the Chebyshev polynomials here is that their values

oscillate between +1 and -1 on the [-1, +1] interval. Note: PN1 must never be zero to

ensure reversibility of the process. If the calculations produce a zero for PN1, it is

replaced by a preliminarily agreed value that is used for multiplication during

perturbation and for division in the restoring phase.

5.3.2.1 Calculating the Perturbation Values

The actual values of the perturbation noise are used for both data transformation and

restoration. The calculation of these values is performed in three steps. This section

first introduces the overall calculation process and then explains each step in detail.

The overall calculation process can be described as follows. First, the original data

series is divided into k groups or subvectors, as shown in Figure 5.3. The number of

data elements need not be the same in each group, for example, group 1 may have 5

data elements, group 2 may have only 4 data elements, group 3 may have 5 data

elements again, and so on. Then each group is linearly mapped to the (-1,+1) interval,
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i.e. each data element is mapped to a number between -1 and +1, and the Chebyshev

polynomial’s value is calculated at each mapped point as shown in Figure 5.3. This

polynomial value is used to calculate the perturbation noise. Three parameters (α, β, γ)

are introduced for information hiding and one () for scaling. The first parameter, α is

used to shift the Chebyshev polynomial along the x axis, the second parameter, β is

used to compress the polynomial along the x-axis, and the third parameter, γ is used to

compress (or expand) the polynomial along the y-axis. Another parameter  is used

for scaling, so that the perturbed data remains in the same value range as the original

data.

The calculation of the perturbation values involves three steps:

i) division of the original data into groups;

ii) calculation of the perturbation values for each original data item (vector

element), and

iii) performing the perturbation and scaling operations. Here, a data item is an

attribute record presented as ai. Each of these steps is explained below.
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Figure 5.3: Process for Obtaining the Perturbation Vector
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Step 1 Data grouping

The original data is divided into k groups or subvectors as follows. Division length

(DL) is defined as kMDL / , where M denotes the number of the original data

elements and
2

2 Mk  . Let group i have ti number of elements (see Figure 5.3),

and t0 = 0. Then )(1 DLfloort  , where floor() represents the integer part of a

number, 12 )2( tDLfloort  and 





1

1
)()(

i

j
ji DLtfloorDLifloort , where

ki 1 . The number of elements in the different groups may not be the same, but

this has no effect on the perturbation calculations. In this way, the original attribute

vector rA is divided into k number of subvectors, which can be expressed as

}1,1|{)( )( ijtr tjkiaiA
i

  , where a(ti+j) denotes the j-th element in group i

of the original dataset. Parameter β, where 0 < β < 1, is a compression factor that is

used to map the range [-1,+1] to [-β, +β]. In the whole process, element j in group i is

associated first with a point between -1 and +1, and subsequently with a point

between –β and +β. The point in the [-β, +β] interval which corresponds to ai(j) is

denoted as xij and is given by the formula
i

ij t
jx  2

 .

Step 2 Perturbation noise calculation:

The perturbation noise is calculated for each element ai(j) in each group. Group i has

it elements, and for each element )( jai in interval i, two perturbation values
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cdp1i(j) and cdp2i(j) are calculated as shown in equations (5-2) and (5-3). The first

value, cdp1i(j) is for the multiplicative component and cdp2i(j) is for the additive

component of the perturbation. In the calculations, the polynomial values are

calculated at a modified x’ij point, which is calculated as





i

ij t
jx 2' . The

factor α is introduced as an additional security parameter that is known by authorized

users only. The effect is a shift of the x values in the negative direction, and the

magnitude of the shift changing from zero at x = –β to



it

at x = +β in a linearly

decreasing fashion. By decreasing the shift magnitude in this way, I can keep the

shifted value in the [-β, +β] interval. The actual perturbation values are calculated by

the following formulas: cdp1i(j) = Tn(x’ij) and cdp2i(j) = Tn+1(x’ij). Here, Tn is the

Chebyshev polynomial of degree n, while j indicates the index of an element within

group i. To reduce possible correlation between cdp1 and cdp2, the degrees of the

Chebyshev polynomials were chosen so that one polynomial is not a divisor of the

other; Tn and Tn+1 satisfy this criterion according to [180]. Inserting the values of x’ in

the formulas equations (5-2) and (5-3) are obtained..

)2()(





i

ni t
jTjcdp1 1 ≤ j ≤ ti (5-2)

)2()( 1 



 
i

ni t
jTjcdp2 1 ≤ j ≤ ti (5-3)

The values of cdp1i(j) and cdp2i(j) are in the range of [-1, +1], as 0 ≤ β ≤ 1.
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Step 3: Scaling the noise

The utility of the perturbed data can be improved if some statistical parameters of the

original data are maintained in the perturbation process. This requires additional

processing that restores these characteristics of the data. Two cases are presented here.

First, the perturbed data has the same mean as the original; in the second case,

maximum difference between the perturbed and original data is kept within

well-defined limits. In both cases, two scaling factors γ and  are used to achieve the

aim. The next section explains how the original data is perturbed.

5.3.2.2 Perturbation

This section presents two perturbation methods. One is to maintain the mean of the

original data and the other is to limit the difference between the perturbed and

original data.

To maintain the mean of the original data, two scaling factors γ and  are introduced

as follows.
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The multiplicative and additive parts can be calculated using formulas (5-6) and

(5-7).

pt1i(j)=cdp1i(j) ·γ + (1 - γ) (5-6)

pt2i(j) =cdp2i(j) ·δ (5-7)

The perturbed data are then calculated by equation (5-8).

ai’(j)=ai(j) · pt1i(j) + pt2i(j) (5-8)

Based on equations (5-4) to (5-8), the mean of the perturbed data is

M
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Which is the same as that of the original data.
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The second method limits the difference between the perturbed and the original data.

In this case, the values of scaling factors γ and  can be directly assigned, and the

additive and multiplicative parts can be calculated using the same formulas as the first

method, equations (5-6) and (5-7). In the second method γ and  are the perturbation

scale controllers; they scale the )( jcdpi in order to limit the magnitude of the

perturbation noise. The perturbed data are then calculated by equation (5-8).

5.3.2.3 Restoration

In order to accurately restore the original data, all parameters have to be correctly

procured, i.e. the Chebyshev polynomial degrees (n1 and n2), data segmentation

parameter (k) and scaling parameters (α, β, γ and ) have to be known. The restoration

steps are listed below and are shown in Figure 5.4.

1. Initialize factors and parameters, and derive the perturbation Chebyshev

polynomials.

2. Calculate division intervals and compute both additive and multiplicative

parts according to Section 5.3.2

3. The output sequence from step 2 is applied on the perturbed data to restore the

original data, based on equation (5-9).
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Figure 5.4: Restoration Process

5.4 Experiments and Results

5.4.1 Evaluation and Experimental Setup

This subsection describes how the evaluation methods, introduced in chapter 4, are

used to examine the proposed method and the setup of the experimental environment.
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The datasets in the experiments followed particular distributions and were generated

randomly.

5.4.1.1 Distribution Tests

The number of data samples was M=4000, and their value was in the range of 30 to

50 for the normal distribution and 25 to 65 for the uniform distribution. For the

proposed method, three sets of the parameters were chosen as follows.

i) k=11, n=13, α=4.7, β=(n+5)/(n+6), δ=2, γ=0.05, results in PA ≈ 5%.

ii) k=11, n=13, α=4.7, β=(n+5)/(n+6), δ=5, γ=0.1, results in PA ≈ 10%.

iii) k=11, n=13, α=4.7, β=(n+5)/(n+6), δ=10, γ=0.5, results in PA ≈ 20%.

For the comparison, the generalization technique used 5 as value intervals, such as

[25-29], [30-34], etc. The parameters for the proposed method were chosen as

reasonable values for the generated dataset.

The experiments were carried out on an Intel® i7-3770 machine with 16G RAM on a

Linux Fedora operating system, and Matlab was used for data generation in all tests.
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5.4.1.2 Empirical Information Content Tests

Information content is a common metric of a dataset [154, 184], and is calculated

according to equation (5-10),

)(log)( 2 ixPXI  (5-10)

where vector X has x1, x2..., xM total M elements (original data samples) and )( ixP

denotes the probability to have xi identified [184]. By measuring information content

added to the data, in other words the distortion of the data, we can characterize the

effectiveness of a particular data protection method.

Assuming each data item has the same probability to be identified, the information

content for the whole data set can be expressed as equation (5-11).

W(X) = -M log 2P(xi) (5-11)

For the original data, as no added information is involved, W(X) = 0. For

k-anonymized data set, the added information content of the data set is kM 2log .

For l-diversity on k-anonymized data set, the information content is calculated by

lkM  2log and in the tests, l = k.
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For the proposed method, each data is perturbed by the hybrid perturbation method

and the noise value added is pti(j) denoting the perturbation value for the j-th element

in the i-th interval. Let Max(pt) denote the maximum difference between the original

data and the perturbed data value. Given a perturbed data )(' ja i , the original data is

))](()(')),(()('[)( jptMaxjajptMaxjaja iiiii  . Therefore, P(xi) can be

calculated as
))((2

1
jptMax i

. Then, the information content for the proposed method

can be calculated as ))](([2log 2 jptMaxM i .

The information content tests were carried out three times and each of them uses the

same parameters as those in the distribution tests. These experiments not only

compare the results of different methods, but also show the impact of the proposed

method’s parameters on information content. The parameter k in k-anonymized data

set is 5 and l = k = 5 for l-diversity.

5.4.2 Experimental Performance

This section shows the experimental results generated by the evaluation methods

presented in section 5.4.1. Two experiments are described in this section, which are

the distribution and information content. Attack resistance is described in the

Appendix.
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Figures 5.5 to 5.10 depict the distribution of the original, perturbed and generalized

data. Three sets of parameters were used and each set generated one normal

distribution and one uniform distribution.

5.4.2.1 Distribution Tests

Figure 5.5: Distribution Test -- Normal Distribution with PA ≈ 5%
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Figure 5.6: Distribution Test -- Uniform Distribution with PA ≈ 5%

Figure 5.7: Distribution Test -- Normal Distribution with PA ≈ 10%
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Figure 5.8: Distribution Test -- Uniform Distribution with PA ≈ 10%

Figure 5.9: Distribution Test -- Normal Distribution with PA ≈ 20%
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Figure 5.10: Distribution Test -- Uniform Distribution with PA ≈ 20%

As expected, Figures 5.5 and 5.6 show the distribution of the perturbed data is almost

the same as that of the original data, when the PA is approximate 5%. From the

Figures 5.7 and 5.8, it can be seen that the distributions of the perturbed data,

obtained by using the proposed method, and the original data still closely follow each

other, while when the PA reached approximate 20%, the distribution of the perturbed

method deviated from the original data. In all distribution tests, the generalization

method changes the distribution.
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5.4.2.2 Information Content

The information content tests show the added distortion to the original data by the

proposed method, k-anonymity and l-diversity. In the tests, different data sizes were

chosen so that the trend also can be seen from the diagram. The parameters used for

the proposed method in these tests were the same as that of the distribution tests.

Figures 5.11 to 5.13 show that the proposed algorithm significantly increases the

distortion and outperforms k-anonymity or l-diversity when the magnitude of the

perturbation noise is at least 10% of the original data. Even when the noise is only 5%,

the proposed method still outperforms k-anonymity.

Figure 5.11: Information Content Test with PA ≈ 5%
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Figure 5.12: Information Content Test with PA ≈ 10%

Figure 5.13: Information Content Test with PA ≈ 20%
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5.4.2.3 Attack Resistance

Attack resistance is examined in the Appendix.

5.5 Discussion

The proposed perturbation method provides a significant contribution in the data

privacy preserving area by being able to maintain data utility in terms of (i) the

perturbed data closely follows distribution as that of original data, (ii) the data format

is kept and (iii) the data value range is kept. And above all, it provides data privacy.

Compared to the generalization technique, although both of them are able to protect

data privacy, the generalization method impairs data utility in terms of data

distribution while the proposed method is able to maintain it. In addition, other

methods are vulnerable to classic data reconstruction (SPF and BE-DR) attacks [145,

162]. On the other hand, the proposed method not only maintains data utility but also

resists these two attacks.

As Figures 5.5 to 5.8 illustrate, the transformed values maintain almost the same

distribution as the original data. Figures 5.11 to 5.13 show the information content

added by the processed data of different methods. The experiments showed that while

PA is equal to 5%, the proposed method is not as good as l-diversity and the actual
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noise added by the perturbed value is very small. When PA reaches 10%, the

proposed method has better results than both k-anonymity and l-diversity. Under the

same circumstance, the proposed method can still maintain the data distribution, as

shown in distribution test. The proposed method can also keep the perturbed data in

the original value range, and so the perturbed data cannot be distinguished from the

original data.

A comparison of the various features of the proposed method with other techniques in

the literature is summarized in Table 5.1.

Table 5.1: Comparison of the Methods

Privacy
protection

method

Proposed CDP
method

Existing
perturbation
methods

Generalization
methods

Perturbed data
range

Can be fixed within
a range

Arbitrary Can be fixed
within a range

Privacy
protection

High level Medium level Medium level

Flexibility for
adaptation

Yes No Yes

Robustness to
attacks

High Low Medium

Data utility of
perturbed data

Medium – High Medium Low to Medium

Attributes
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5.6 Summary

In this chapter, a hybrid, multiplicative and additive data perturbation method was

proposed to protect the privacy of published data. The perturbation maintains data

utility by keeping certain characteristics of the original data. This chapter presented

two options: the first maintained the mean of the original data, while the second kept

the amplitude of the perturbation (the ratio of the original to perturbed data) within

limits determined by the user. As the perturbation is reversible, authorized users who

know the perturbation parameters can restore the original data. Unauthorized users

who do not know the parameters cannot restore the original values, but still utilize the

perturbed data.

The quality of perturbation is measured as the added distortion. It was shown that the

method performs better than others and considerably increases the distortion when the

perturbation noise is large. In the case of smaller perturbation noise, the increase is

smaller while the distortion is still larger than that of the original data but other

methods, such as l-diversity, can produce better results.

With regard to privacy protection, the proposed method resists the Spectral filtering

(SPF) and Bayes-Estimated Data Reconstruction (BE-DR) attacks.
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The proposed method was originally designed for small datasets. The next chapter

introduces another data privacy perturbation algorithm that deals with a large

volumes of data.
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Chapter 6

μ-Fractal Data Perturbation

6.1 Introduction

This chapter presents a data privacy preserving technique named μ-Fractal data

perturbation which is used for privacy protection of data publishing. It implements

the data privacy preserving framework (DP2F, detailed in chapter 4), and incorporates

fractals to take advantage of its self-similarity characteristic and chaotic feature

(when the initial parameter is unknown) [181].
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The evaluation and experiments are carried out in three categories, namely

distribution and information content of the processed data. These methods have been

introduced in chapter 5. Attack resistance tests are explained in the Appendix.

The main features of this chapter are the following. The proposed method (i) resists

spectral filter (SPF) and Bayes-Estimation Data Reconstruction (BE-DR) attacks, ii)

keeps the perturbed data in the same value range and data format as the original data,

and iii) maintains the data distribution.

The rest of this chapter is organized as follows. Section 6.2 introduces the

mathematical fundamentals of fractals and chaos. In section 6.3, the proposed method

is detailed via perturbation values, the perturbation process and the restoration

process. Section 6.4 describes experiments to evaluate the methods in terms of

distribution and information added by processing the data. Section 6.5 discusses the

proposed method against existing solutions and section 6.6 summarizes the chapter.

Attach resistance tests are described in the Appendix.
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6.2 Mathematical Foundations

The adopted fractal function, called Bifurcation diagram of the logistic map, [182] is

represented by equation (6-1), where μ is a parameter in the fractal value sequence

generation.

)1(1 nnn xxx   (6-1)

Figure 6.1 illustrates the fractal nature of the Bifurcation diagram of the logistic map

[181], which shows the output sequences based on different μ values. This is a typical

fractal function and each sub-sequence of the fractal is similar to the overall sequence

[181]. Also, in such a fractal, when μ is between 3.5699 and 4, the system is chaotic

[182, 183]. Chaotic here can be explained as “when the present determines the future,

but the approximate present does not approximately determine the future” [181-183].

In other words, the chaotic fractal sequence heavily depends on the initial parameters

and different initial parameters cannot derive the same fractal sequence.

To illustrate the fractal’s characteristics, Figure 6.2 (a-f) shows time sequences (n in

equation 6-1) based on different μ values. It can be seen that the fluctuations in the

fractal’s value become irregular when μ is between 3.5699 and 4. This figure shows
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the uncertainty of the fractal feature. NOTE: this chapter focuses on the fractal only

when μ is greater than 3.5699 and less than 4.

Figure 6.1: Bifurcation Diagram of The Logistic Map

Figure 6.2 (a): Time Sequences Based on μ=3.10000
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Figure 6.2 (b): Time Sequences Based on μ=3.56990

Figure 6.2 (c): Time Sequences Based on μ=3.80000
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Figure 6.2 (d): Time Sequences Based on μ=3.91230

Figure 6.2 (e): Time Sequences Based on μ=4.00000
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Figure 6.2 (f): Time Sequences Based on μ=4.00010

The features used in this chapter are the fractal and chaos characteristics of this

function. The fractal feature indicates self-similarity which means any part of the

generated sequence has a similar shape to the overall sequence. The chaos feature

indicates that without the initial values of the sequence, the whole sequence shows a

random manner [181].

6.3 μ-Fractal Data Perturbation (μ-FDP)

This section first provides an overview of μ-FDP, including the overall process flow

and algorithm brier. Then, it details the proposed algorithm in terms of the calculation
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of fractal sequences and perturbation vectors. At the end of this section, the

restoration process is presented.

6.3.1 Overview of µ-FDP

The main components of the perturbation process flow are the original data, fractal

sequences 1 (FS1) and 2 (FS2), and perturbation vectors 1 (PV1) and 2 (PV2).

Original data

Additive portion
Perturbation Vector 2
(PV2)

Multiplicative portion
Perturbation Vector 1
(PV1) Perturbed

data
Fractal Sequence 1

FS1

Fractal Sequence 2
FS2

Figure 6.3: u-FDP Perturbation Process Flow

Perturbed data

Additive portion
Perturbation Vector 2
(PV2)

Multiplicative portion
Perturbation Vector 1
(PV1) Original

data
Fractal Sequence 1

FS1

Fractal Sequence 2
FS2

Figure 6.4: u-FDP Restoration Process Flow
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The main components in both perturbation and restoration flows are explained in the

following.

1) Original Data denotes the attributes that are being protected, which can be a

column in a micro-table or a vector. The data being protected have to be numeric,

such as age, post code, disease code etc. As non-numeric data can be converted to

numeric based on certain rules [169], this is not a real restriction. Typically, the type

of original data has a determined format and value range, for example, an age should

be within [1, 99], disease code should be within [1-001, 1-110] ∩ [2-001, 2-045] ∩ ....

Usually, these two features, namely format and value range are used to justify

whether the data is valid or not.

2) Fractal Sequence (FS) are the results of the fractal equations. Given the initial

parameters and the total number of the results, a fractal sequence is derived. In the

proposed method, there are two fractal sequences represented by FS1 and FS2. Both

are generated from the equation (6-1) with different initial parameters. Each value in

the sequences is within (0, 1) according to the feature of the applied fractal function

[182].
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3) Perturbation Vector (PV) is the noise sequence used to perturb the data. There are

two perturbation vectors, PV1 and PV2 that are used as the multiplicative and additive

portion of the perturbation noise, respectively.

To facilitate mathematical treatment, we assume that the data to be privacy-protected

is in a row or a column in a micro-table. This data is used as a vector, and the

perturbing calculations are executed on this vector. The perturbation, according to the

DP2F (chapter 4), is performed in two steps: (i) noise calculation; and (ii) scaling. In

the first step, two individual perturbation noise sets, FS1 and FS2, are calculated - one

is for multiplicative perturbation and the other is for additive perturbation. The

second step is scaling the FS and generating the PV to ensure that the perturbed data

maintains data utility while protecting data privacy.

The perturbation can be written in the form of PD = OD × PV1 + PV2, where PD is

the perturbed data, OD is the original data, PV1 and PV2 are perturbation noise. PV1 is

a function of FS1 and PV2 is a function of FS2.

To obtain the original data, the fractal sequences are recalculated, the scaling is

reversed and the perturbation process is inverted. As both scaling and the proposed
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perturbation are lossless operations, the original data can be accurately restored. The

restoration process is detailed in section 6.3.3.

Table 6.1: Summarized Notion

Parameters Explanation
μ1 and μ2 Fractal initial parameters for generating fractal sequence 1

and fractal sequence 2, see equation (6-1)
x0 and y0 Fractal initial parameters for generating fractal sequence 1

and fractal sequence 2, see equation (6-1)
ρ Scaling parameter for the multiplicative part of the

proposed method
 Scaling parameter for the additive part of the proposed

method
FS1 and FS2 Fractal sequence 1 and fractal sequence 2, which are

derived from equation (6-1)
PV1 and PV2 Perturbation vector 1 and perturbation vector 2, which are

calculated from FS1 and FS2.
A and A’ The original dataset and the perturbed dataset
ai and ai’ The i-th data of the original dataset and of the perturbed

data set
M The number of data items in the original dataset
p and q The lower bound and upper bound of the original dataset
gi and hi The i-th element of perturbation vector 1 and perturbation

vector 2

6.3.2 Perturbation Algorithm

The proposed algorithm has three parts, namely the generation of fractal sequences

(subsection 6.3.2.1), the generation of the multiplicative perturbation vector

(subsection 6.3.2.2) and the generation of the additive perturbation vector (subsection

6.3.2.3). Before introducing the algorithm, all symbols are summarized below.
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6.3.2.1 Initial Parameters and Fractal Sequences

The parameters are used to initialize the perturbation process are the following: μ1

and X0 for the generation of fractal sequence 1 (FS1), and μ2 and Y0 for fractal

sequence 2 (FS2). The algorithm operates progressively column-by-column. Here the

explanation is given for one column (one attribute) and the extension of it to the other

columns is trivial. The attribute can be represented as a vector Ar = [a1, a2,....aM]T,

where M denotes the total number of the original data, ai denotes the i-th original data

element, ai[p, q] and i[1, M].

Fractal Sequence

FS

Initial parameter
X0

Initial parameter
μ

Figure 6.5: FS Generation Flow

In the proposed method, a value for µ and for x0 is chosen respectively, where μ

 (3.5699, 4). With the parameters μ1 and x0, the first fractal sequence can be

calculated based on equation (6-1) and represented by FS1= [x1, x2... xM]. Similarly,

the second fractal sequence is calculated with the parameter μ2 and Y0 and represented

by FS2= [y1, y2... yM].
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6.3.2.2 Perturbation Vector 1

The process of generating perturbation vector 1 (PV1) is depicted in Figure 6.6. The

calculation is carried out in two steps, which are explained below.

Original data
feature

Perturbation Vector 1
PV1

Fractal sequence 1
FS1

Scaling parameter
ρ

Figure 6.6 PV1 Generation Flow

The perturbation algorithm transforms the fractal sequence 1 (FS1) to perturbation

vector PV1 by first mapping elements x1 in FS1 into the original attribute data range

[p, q]. This process is illustrated in Figure 6.7 and in

],[')1,0(: qpxxf ii  , where i is from 1 to M. The mapping equation is

ppqxix ii  )()(' .
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x1
x2
...
xM

x’1
x’2
...
...
...
...
...
...
...
...
...
...
...

x’M

0

1

p

q

Figure 6.7 FS Mapping Diagram

The second step applies scaling parameter ρ to all elements gi in PV1 by

iiii axag  )'( , where ai denotes the i-th original data element.

6.3.2.3 Perturbation Vector 2

The process of generating perturbation vector 2 (PV2) is depicted in Figure 6.8. The

calculation of element hi in PV2 is  ii yh , where  is the scaling parameter for

additive part of the proposed method.
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Perturbation Vector 2
PV2

Scaling parameter


Fractal sequence 2
FS2

Figure 6.8 PV2 Generation Flow

6.3.2.4 Perturbation

After the calculation of both perturbation vectors, the perturbed data is derived by

combining these vectors (see Figure 6.9). Let a'i be the perturbed data of ai. With both

PV1 and PV2, the perturbed data a'(i) can be derived from iii hga ' .

Perturbed

data

Perturbation
vector 1

Perturbation
vector 2

Figure 6.9 Perturbation Noise Combination
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6.3.3 Restoration

The restoration key is the same to the perturbation key. In order to calculate the

original data sets, the restoration key is composed of x0, μ1 and ρ for the calculation of

PV1, and y0, μ2 and  for the calculation of PV2. Then the original data ai is calculated

via the following steps:

 Both fractal sequence 1 (FS1) and 2 (FS2) are calculated based on equation (6-1)

 Perturbation vector 1 PV1 is calculated as explained in section 6.3.2.2 and PV2 is

calculated as explained in section 6.3.2.3.

 Original data set ai is calculated based on equation (6-10)

1
''







 iii
i

xyaa (6-10)

6.4 Experiments and Results

This section starts with the evaluation methods used to examine the proposed method

and then shows the experimental results.
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6.4.1 Evaluation and Environmental Setup

6.4.1.1 Distribution

The number of original data samples was M = 6400, which was the upper limit of the

test environment; the fractal sequence parameters were x0=0.1876, y0=0.2859,

μ1=3.8123 and μ2=3.7983. For the proposed method, three experiments were

conducted with parameters as follows:

i) ρ=0.05,  = 3, results in PA≈6.8% .

ii) ρ=0.1,  = 5, results in PA≈12.5%.

iii) ρ=0.5,  = 12, results in PA≈22.4%.

These parameters resulted in perturbation amplitude PA≈6.8%, 12.5% and 22.4%

respectively. In the generalized method, the generalization interval was set to 5, such

as [25, 30], [31, 35] and so on. The parameters for the proposed method were chosen

as reasonable values for the generated dataset.

6.4.1.2 Information Content

The calculations of the added information content for the proposed method,

k-anonymized data and l-diversity were introduced in the chapter 5. The test
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environment was similar to that in chapter 5. Three sets of parameters were used to

evaluate the distortion information content, which were the same as that in the

distribution tests.

6.4.2 Experimental Performance

The experiments were conducted with regard to the quality of perturbation, i.e. to

examine the distribution and the added distortion for the original data. Attack

resistance results are explained in the Appendix.

6.4.2.1 Distribution Tests

Figure 6.10: Distribution Test -- Normal Distribution with PA ≈ 6.8%
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Figure 6.11: Distribution Test -- Uniform Distribution with PA ≈ 6.8%

Figure 6.12: Distribution Test -- Normal Distribution with PA ≈ 12.5%
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Figure 6.13: Distribution Test -- Uniform Distribution with PA ≈ 12.5%

Figure 6.14: Distribution Test -- Normal Distribution with PA ≈ 22.4%
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Figure 6.14: Distribution Test -- Uniform Distribution with PA ≈ 22.4%

Figures 6.10 to 6.15 show the distribution of the original, perturbed and generalized

data. As can be seen from the Figure 6.10 to 6.13, the distribution of the perturbated

data is very close to the original data, while generalization changed the data

distribution.

6.4.2.2 Empirical Information Content Tests

Figures 6.12 to 6.14 show the added information (distortion) from the proposed

method, k-anonymity and l-diversity. As depicted, distortion is higher in the proposed

method than in the other methods, even when perturbation amplitude (PA) is
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relatively low. The figures also show that the added information from the proposed

method increases as PA increases.

Figure 6.12: Information Content Test with PA≈6.8%
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Figure 6.13: Information Content Test with PA≈12.5%

Figure 6.14: Information Content Tests with PA≈22.4%

6.4.2.3 Attack Resistance Tests

Attach resistance tests are presented in the Appendix.

6.5 Discussion

One of the main features of the proposed method is that the μ-FDP is able to

effectively increase the added distortion to a very high level. The method also keeps

the perturbed data within the same data format and value range as the original ones.
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From the data distribution test, the proposed perturbation method maintains the

distribution of the data, and the magnitude of the introduced change can be controlled,

while generalization methods compromise on data utility and alter the distribution of

the original data.

The data privacy attack experiments clearly show that the proposed method is able to

resist both spectral filtering (SPF) and Bayes-Estimated Data Reconstruction (BE-DR)

attacks which have successfully attacked many data transformation-based privacy

protection techniques [145, 162]. The proposed method also ensures that no matter

what the original data value(s) is, the perturbed data are able to keep the perturbed

values in the same value range as the original. The significance of this feature is that

the perturbed data cannot be distinguished from the original data. The perturbation

parameters control the perturbing effects in the process.

The proposed method requires more parameters compared with the approach

proposed in chapter 5, but provide a better support for large volume of data.
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6.6 Summary

This chapter presents an effective method for data perturbation to provide privacy

protection of numeric data. The effectiveness of the data perturbation method lies in

the fact that it is based on fractal and chaos theory to derive perturbation vectors. A

distinguishing contribution of the proposed method is that it provides maximal utility

for public data analysts who do not have a restoration key while at the same time, it

protects sensitive data from data linkage attacks (discussed in chapter 4). The

usefulness of our algorithm was shown by conducting detailed experiments to

demonstrate its impact on both the data perturbation and maximal data utility features.

The results of the experiments also showed that our perturbation algorithm could be

applied as desired on data with different distributions, namely uniform and normal.
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Chapter 7

Conclusion and Future Work

This thesis looked at two privacy preserving data sharing approaches: data sharing

with known recipients (chapters 2 and 3) and with unknown recipients (chapters 4 to

6).

For sharing data with known recipients, a privacy preserving access control model

was proposed. The model addressed three challenges, namely i) the capability to cater

for unique users, ii) multiple privileges, conditional and sequential, controlled

privileges, and iii) user roaming and data roaming in cross-domain environments. The

proposed functional module in chapter 2 contains a system framework based on a

label-based mechanism. The hybrid role-based and attribute-based user privilege

control supports unique users, and a hierarchical control structure on both user and
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data servers is proposed for diverse privileges, conditional privileges and operation

sequences. The designation of a collaborating subject server and an object server

gives more crafted and flexible capability for subject roaming, object roaming and

identifying responsibility of data management in roaming scenarios. A label-based

privilege refinement mechanism enables the management of privilege hierarchies.

Next, the thesis investigated the problem of involving access purpose in the privacy

preserving model and addressed two challenges: the involvement of purpose in both

user control and granular data control, and purpose translation in cross-domain

environments. Chapter 3 presented a hierarchical subject purpose control mothed to

handle user purpose, user obligations and server constraints for unique users. It has an

object classification and description mechanism to deal with object related purpose

that is made up of data owner’s intended purpose, conditional purpose and object

obligations. A purpose translation layer on both subject server and object server

provides consistent translation of the same purpose between different domains. With

incorporating the two functional modules proposed in chapters 2 and 3, the overall

access control model is able to deal with complex, collaborating and organizational

environments, and can be instantiated for practical applications.
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When sharing data with unknown recipients, which is also called data publishing the

challenge was to keep data privacy while optimizing data utility. Data privacy is

preserved if authorized receivers can obtain the original data, while others can only

access processed data and an adversary can not derive the original data, or the

re-constructed results are not close enough to the original data. Utility can indicate

data distribution, data format, or data range.

To balance data privacy and data utility, the thesis proposed two hybrid data privacy

algorithms that combine additive and multiplicative perturbation. The algorithm in

chapter 5 was built on Chebyshev polynomials, and it generated two sequences, one

for the additive and one for the multiplicative step. The involvement of scaling

parameters ensured the perturbed values were in the same data range as the original

data.

The effectiveness of perturbation was examined by looking at entropy, comparison of

distributions and performing two, previously published, classic data privacy attacks.

The attack methods introduced in chapter 4 were Spectral Filter (SPF) and

Bayes-Estimated Data Reconstruction (BE-DR). The entropy results showed that the

proposed algorithm significantly increased the entropy of the data and outperformed

k-anonymity and l-diversity when the magnitude of the perturbation amplitude was at
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least 40% of the original data. Even when the noise was only 10%, the proposed

method still outperformed k-anonymity. The distribution tests showed that for two

common distributions, normal and uniform, the method proposed in chapter 5 was

able to maintain data utility. The RMSE results showed that the two classic data

reconstruction attacks were not able to reconstruct the original data from the

perturbed data.

The algorithm in chapter 6 was built on a fractal, called Bifurcation diagram. Again,

an additional and multiplicative hybrid scheme was used to incorporate the two

generated fractal sequences. Scaling parameters were used to control the perturbation

and keep the perturbed data similar to the original data.

The method proposed in chapter 6 was examined the same way as in chapter 5. The

entropy test results showed that the proposed algorithm increased the entropy of the

data. The results outperformed k-anonymity and l-diversity for the magnitude of the

perturbation amplitude was at least 5% of the original data. The distribution tests

showed that when the original data was following either of two common distributions,

normal and uniform, the distribution of the perturbed data was close to the original’s.

The RMSE results showed that the two classic data reconstruction attacks were not

successful.
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Future work can look at devising a high level language for the proposed model in Part

I so that it would be easier to deploy to existing organizations; building proper user

management based on the proposed model for contemporary authentication server

databases and evaluating the instantiation performance of privilege refinement in

terms of runtime complexity and memory consumption.

Future work to Part II may investigate the application of the proposed method to

multiple data attributes at one time; applying the proposed methods to information

hiding; evaluation of the performance in terms of runtime complexity for different

scenarios.



Bibliography

[1] Samarati, Pierangela, and Sabrina De Capitani di Vimercati. "Data protection in
outsourcing scenarios: Issues and directions." Proceedings of the 5th ACM Symposium on
Information, Computer and Communications Security. ACM, 2010.

[2] Ferraiolo, D.F. and Kuhn, D.R. "Role-Based Access Control." Proceedings of the
15th National Computer Security Conference. 1992. 554–563.

[3] Boufaden, Narjes, et al. "PEEP-An Information Extraction base approach for Privacy
Protection in Email." CEAS. 2005.

[4] Barkhuus, Louise, and Anind K. Dey. "Location-Based Services for Mobile
Telephony: a Study of Users' Privacy Concerns." INTERACT. Vol. 3. 2003.

[5] Bettini, Claudio, X. Sean Wang, and Sushil Jajodia. "Protecting privacy against
location-based personal identification." Secure data management. Springer Berlin
Heidelberg, 2005. 185-199.

[6] Gruteser, Marco, and Dirk Grunwald. "Anonymous usage of location-based services
through spatial and temporal cloaking." Proceedings of the 1st international conference
on Mobile systems, applications and services. ACM, 2003.

[7] Chow, Chi-Yin, Mohamed F. Mokbel, and Xuan Liu. "A peer-to-peer spatial cloaking
algorithm for anonymous location-based service." Proceedings of the 14th annual ACM
international symposium on Advances in geographic information systems. ACM, 2006.

[8] Kido, Hidetoshi, Yutaka Yanagisawa, and Tetsuji Satoh. "Protection of location
privacy using dummies for location-based services." Data Engineering Workshops, 2005.
21st International Conference on. IEEE, 2005.

[9] Hoh, Baik, and Marco Gruteser. "Protecting location privacy through path confusion."
Security and Privacy for Emerging Areas in Communications Networks, 2005.
SecureComm 2005. First International Conference on. IEEE, 2005.

[10] Rosenblum, David. "What anyone can know: The privacy risks of social networking
sites." Security & Privacy, IEEE 5.3 (2007): 40-49.

[11] Krishnamurthy, Balachander, and Craig E. Wills. "Characterizing privacy in online
social networks." Proceedings of the first workshop on Online social networks. ACM,
2008.

[12] Gross, Ralph, and Alessandro Acquisti. "Information revelation and privacy in



online social networks." Proceedings of the 2005 ACM workshop on Privacy in the
electronic society. ACM, 2005.

[13] Dwyer, Catherine, Starr Roxanne Hiltz, and Katia Passerini. "Trust and Privacy
Concern Within Social Networking Sites: A Comparison of Facebook and MySpace."
AMCIS. 2007.

[14] Zhou, Bin, and Jian Pei. "Preserving privacy in social networks against
neighborhood attacks." Data Engineering, 2008. ICDE 2008. IEEE 24th International
Conference on. IEEE, 2008.

[15] W3C P3P 1.1 Specification. http://www.w3.org/TR/P3P11/ , published in 2006

[16] Ashley, Paul, et al. "E-P3P privacy policies and privacy authorization." Proceedings
of the 2002 ACM workshop on Privacy in the Electronic Society. ACM, 2002.

[17] Cranor, Lorrie Faith, Manjula Arjula, and Praveen Guduru. "Use of a P3P user agent
by early adopters." Proceedings of the 2002 ACM workshop on Privacy in the Electronic
Society. ACM, 2002.

[18] Hacigumus, Hakan, Bala Iyer, and Sharad Mehrotra. "Providing database as a
service." Data Engineering, 2002. Proceedings. 18th International Conference on. IEEE,
2002.

[19] Iyer, Bala, et al. "A framework for efficient storage security in RDBMS." Advances
in Database Technology-EDBT 2004. Springer Berlin Heidelberg, 2004. 147-164.

[20] Hacıgümüş, Hakan, Bala Iyer, and Sharad Mehrotra. "Efficient execution of
aggregation queries over encrypted relational databases." Database Systems for
Advanced Applications. Springer Berlin Heidelberg, 2004.

[21] Hacigümüş, Hakan, et al. "Executing SQL over encrypted data in the
database-service-provider model." Proceedings of the 2002 ACM SIGMOD international
conference on Management of data. ACM, 2002.

[22] Hore, Bijit, Sharad Mehrotra, and Gene Tsudik. "A privacy-preserving index for
range queries." Proceedings of the Thirtieth international conference on Very large data
bases-Volume 30. VLDB Endowment, 2004.

[23]Damiani, Ernesto, et al. "Balancing confidentiality and efficiency in untrusted
relational DBMSs." Proceedings of the 10th ACM conference on Computer and
communications security.ACM, 2003.

[24] Agrawal, Rakesh, et al. "Order preserving encryption for numeric data." Proceedings
of the 2004 ACM SIGMOD international conference on Management of data. ACM,
2004.

[25] Wang, Hui, and Laks VS Lakshmanan. "Efficient secure query evaluation over
encrypted XML databases." Proceedings of the 32nd international conference on Very



large data bases. VLDB Endowment, 2006.

[26] Wang, Zheng-Fei, et al. "Fast query over encrypted character data in database."
Computational and Information Science. Springer Berlin Heidelberg, 2005. 1027-1033.

[27] Wang, Zheng-Fei, Wei Wang, and Bai-Le Shi. "Storage and query over encrypted
character and numerical data in database." Computer and Information Technology, 2005.
CIT 2005. The Fifth International Conference on. IEEE, 2005.

[28] Boyens, Claus, and Oliver Günther. "Using online services in untrusted
environments: a privacy-preserving architecture." ECIS. 2003.

[29] Evdokimov, Sergei, Matthias Fischmann, and Oliver Gunther. "Provable security for
outsourcing database operations." Data Engineering, 2006. ICDE'06. Proceedings of the
22nd International Conference on. IEEE, 2006.

[30] Boneh, Dan, et al. "Public key encryption with keyword search." Advances in
Cryptology-Eurocrypt 2004. Springer Berlin Heidelberg, 2004.

[31] Brinkman, Richard, Jeroen Doumen, and Willem Jonker. Using secret sharing for
searching in encrypted data. Springer Berlin Heidelberg, 2004.

[32] Goh, Eu-Jin . Secure Indexes. http://eprint.iacr.org/2003/216/, published in 2003.

[33] Song, Dawn Xiaoding, David Wagner, and Adrian Perrig. "Practical techniques for
searches on encrypted data." Security and Privacy, 2000. S&P 2000. Proceedings. 2000
IEEE Symposium on. IEEE, 2000.

[33] Waters, Brent R., et al. "Building an Encrypted and Searchable Audit Log." NDSS.
Vol. 4. 2004.

[34] Aggarwal, Gagan, et al. "Two can keep a secret: A distributed architecture for secure
database services." CIDR 2005 (2005).

[35] Biskup, Joachim, David W. Embley, and Jan-Hendrik Lochner. "Reducing inference
control to access control for normalized database schemas." Information Processing
Letters 106.1 (2008): 8-12.

[36] Biskup, Joachim, and Jan-Hendrik Lochner. "Enforcing confidentiality in relational
databases by reducing inference control to access control." Information Security.
Springer Berlin Heidelberg, 2007. 407-422.

[37] Sandhu, Ravi S., et al. "Role-based access control models." Computer 29.2 (1996):
38-47.

[38] RBAC Ocial Website. An Introduction to RBAC. Available at http://csrc.nist.gov/

rbac/

[39] Ni, Qun, et al. "Conditional privacy-aware role based access control." Computer
Security–ESORICS 2007. Springer Berlin Heidelberg, 2007. 72-89.



[40] SOA Glossary. Available at http://www.soaglossary.com/data_granularity.php

[41] Bertino, Elisa, Silvana Castano, and Elena Ferrari. "Securing XML documents with
Author-X." Internet Computing, IEEE 5.3 (2001): 21-31.

[42] Wan, Zhiguo, Jun'E. Liu, and Robert H. Deng. "HASBE: A Hierarchical
Attribute-Based Solution for Flexible and Scalable Access Control in Cloud Computing."
Information Forensics and Security, IEEE Transactions on 7.2 (2012): 743-754.

[43] Moen, Pirjo, et al. Safeguarding against new privacy threats in inter-enterprise
collaboration environments. University of Helsinki, Department of Computer Science,
2010.

[44] Tahir, Muhammad Nabeel. "C-rbac: Contextual role-based access control model."
Ubiquitous Computing And Communication Journal 2.3 (2008).

[45] Kim, Yoonjeong, and Eunjee Song. "Privacy-aware role based access control model:
Revisited for multi-policy conflict detection." Information Science and Applications
(ICISA), 2010 International Conference on. IEEE, 2010.

[46] Long, Yi-Hong, Zhi-Hong Tang, and Xu Liu. "Attribute mapping for cross-domain
access control." Computer and Information Application (ICCIA), 2010 International
Conference on. IEEE, 2010.

[47] Baracaldo, Nathalie, Amirreza Masoumzadeh, and James Joshi. "A secure,
constraint-aware role-based access control interoperation framework." Network and
System Security (NSS), 2011 5th International Conference on. IEEE, 2011.

[48] Di Vimercati, Sabrina De Capitani, Sara Foresti, and Pierangela Samarati.
"Protecting information privacy in the electronic society." e-Business and
Telecommunications. Springer Berlin Heidelberg, 2011. 20-36.

[49] Kuhn, D. Richard, Edward J. Coyne, and Timothy R. Weil. "Adding attributes to
role-based access control." IEEE Computer 43.6 (2010): 79-81.

[50] Masoumzadeh, Amirreza, and James BD Joshi. "PuRBAC: Purpose-aware
role-based access control." On the Move to Meaningful Internet Systems: OTM 2008.
Springer Berlin Heidelberg, 2008. 1104-1121.

[51] Pfleeger, Charles P. and Shari Lawrence Pfleeger. Chapter 10 Privacy in Computing.
Security in computing, 4th Edition. ISBN 0-13-239077-9

[52] Sweeney, Latanya. "Uniqueness of simple demographics in the US population."
LIDAP-WP4. Carnegie Mellon University, Laboratory for International Data Privacy,
Pittsburgh, PA (2000).

[53] Sweeney, Latanya. "k-anonymity: A model for protecting privacy." International
Journal of Uncertainty, Fuzziness and Knowledge-Based Systems 10.05 (2002): 557-570.



[54] Sweeney, L. "Achieving k-anonymity privacy protection using generalization and
suppression." International Journal of Uncertainty, Fuzziness and Knowledge-Based
Systems 10.05 (2002): 571-588.

[55] M. Arrington, "AOL proudly releases massive amounts of private data," TechCruch:
http://www.techicrunch.com/2006/08/06/aol-proudly-releases-massive-amounts-of-user-s
earch-data/, August 6, 2006

[56] Barbaro, Michael, Tom Zeller, and Saul Hansell. "A face is exposed for AOL
searcher no. 4417749." New York Times 9.2008 (2006): 8For.

[57] Chen, Bee-Chung, Daniel Kifer, Kristen LeFevre and Ashwin Machanavajjhala.
"Privacy-Preserving Data Publishing." In Foundations and Trends in Databases, Vol. 2
Nos. 1-2(2009) 1-167

[58] Netflix. The Netflix Prize Rules: http://www.netflixprize.com/rules.

[59] Frankowski, Dan, et al. "You are what you say: privacy risks of public mentions."
Proceedings of the 29th annual international ACM SIGIR conference on Research and
development in information retrieval. ACM, 2006.

[60] Narayanan, Arvind, and Vitaly Shmatikov. "Robust de-anonymization of large
sparse datasets." Security and Privacy, 2008. SP 2008. IEEE Symposium on. IEEE, 2008.

[61] Gruteser, Marco, and Baik Hoh. "On the anonymity of periodic location samples."
Security in Pervasive Computing. Springer Berlin Heidelberg, 2005. 179-192.

[62] Krumm, John. "Inference attacks on location tracks." Pervasive Computing.
Springer Berlin Heidelberg, 2007. 127-143.

[63] Backstrom, Lars, Cynthia Dwork, and Jon Kleinberg. "Wherefore art thou r3579x?:
anonymized social networks, hidden patterns, and structural steganography." Proceedings
of the 16th international conference on World Wide Web. ACM, 2007.

[64] Hay, Michael, et al. "Resisting structural re-identification in anonymized social
networks." Proceedings of the VLDB Endowment 1.1 (2008): 102-114.

[65] Narayanan, Arvind, and Vitaly Shmatikov. "De-anonymizing social networks."
Security and Privacy, 2009 30th IEEE Symposium on. IEEE, 2009.

[66] Samarati, Pierangela. "Protecting respondents identities in microdata release."
Knowledge and Data Engineering, IEEE Transactions on 13.6 (2001): 1010-1027.

[67] Machanavajjhala, Ashwin, et al. "l-diversity: Privacy beyond k-anonymity." ACM
Transactions on Knowledge Discovery from Data (TKDD) 1.1 (2007): 3.

[68] Machanavajjhal, Ashwin, et al."L-diversity: Privacy beyond K-Anonymity", in
Proceedings of the IEEE International Conference on Data Engineering (ICDE), IEEE,
2006



[69] Martin, David J., et al. "Worst-case background knowledge for privacy-preserving
data publishing." Data Engineering, 2007. ICDE 2007. IEEE 23rd International
Conference on. IEEE, 2007.

[70] Chen, Bee-Chung, Kristen LeFevre, and Raghu Ramakrishnan. "Privacy skyline:
Privacy with multidimensional adversarial knowledge." Proceedings of the 33rd
international conference on Very large data bases. VLDB Endowment, 2007.

[71] Evfimievski, Alexandre, Johannes Gehrke, and Ramakrishnan Srikant. "Limiting
privacy breaches in privacy preserving data mining." Proceedings of the twenty-second
ACM SIGMOD-SIGACT-SIGART symposium on Principles of database systems. ACM,
2003.

[72] Aggarwal, Charu C. "On unifying privacy and uncertain data models." Data
Engineering, 2008. ICDE 2008. IEEE 24th International Conference on. IEEE, 2008.

[73] Fung, Benjamin, et al. "Privacy-preserving data publishing: A survey of recent
developments." ACM Computing Surveys (CSUR) 42.4 (2010): 14.

[74] LeFevre, Kristen, David J. DeWitt, and Raghu Ramakrishnan. "Incognito: Efficient
full-domain k-anonymity." Proceedings of the 2005 ACM SIGMOD international
conference on Management of data. ACM, 2005.

[75] Bayardo, Roberto J., and Rakesh Agrawal. "Data privacy through optimal
k-anonymization." Data Engineering, 2005. ICDE 2005. Proceedings. 21st International
Conference on. IEEE, 2005.

[76] Fung, Benjamin CM, Ke Wang, and Philip S. Yu. "Top-down specialization for
information and privacy preservation." Data Engineering, 2005. ICDE 2005.
Proceedings. 21st International Conference on. IEEE, 2005.

[77] Fung, Benjamin CM, Ke Wang, and Philip S. Yu. "Anonymizing classification data
for privacy preservation." Knowledge and Data Engineering, IEEE Transactions on 19.5
(2007): 711-725.

[78] Iyengar, Vijay S. "Transforming data to satisfy privacy constraints." Proceedings of
the eighth ACM SIGKDD international conference on Knowledge discovery and data
mining. ACM, 2002.

[79] Wong, Raymond Chi-Wing, et al. "(α, k)-anonymity: an enhanced k-anonymity
model for privacy preserving data publishing." Proceedings of the 12th ACM SIGKDD
international conference on Knowledge discovery and data mining. ACM, 2006.

[80] Xu, Jian, et al. "Utility-based anonymization using local recoding." Proceedings of
the 12th ACM SIGKDD international conference on Knowledge discovery and data
mining. ACM, 2006.

[81] LeFevre, Kristen, David J. DeWitt, and Raghu Ramakrishnan. "Mondrian



multidimensional k-anonymity." Data Engineering, 2006. ICDE'06. Proceedings of the
22nd International Conference on. IEEE, 2006.

[82] LeFevre, Kristen, David J. DeWitt, and Raghu Ramakrishnan. "Workload-aware
anonymization." Proceedings of the 12th ACM SIGKDD international conference on
Knowledge discovery and data mining. ACM, 2006.

[83] Nergiz, M. Ercan, and Chris Clifton. "Thoughts on k-anonymization." Data &
Knowledge Engineering 63.3 (2007): 622-645.

[84] Wang, Ke, Benjamin CM Fung, and Philip S. Yu. "Template-based privacy
preservation in classification problems." Data Mining, Fifth IEEE International
Conference on. IEEE, 2005.

[85] Wang, Ke, Benjamin CM Fung, and S. Yu Philip. "Handicapping attacker's
confidence: an alternative to k-anonymization." Knowledge and Information Systems
11.3 (2007): 345-368.

[86] Meyerson, Adam, and Ryan Williams. "On the complexity of optimal k-anonymity."
Proceedings of the twenty-third ACM SIGMOD-SIGACT-SIGART symposium on
Principles of database systems. ACM, 2004.

[87] Xiao, Xiaokui, and Yufei Tao. "Anatomy: Simple and effective privacy
preservation." Proceedings of the 32nd international conference on Very large data bases.
VLDB Endowment, 2006.

[88] Zhang, Qing, et al. "Aggregate query answering on anonymized tables." Data
Engineering, 2007. ICDE 2007. IEEE 23rd International Conference on. IEEE, 2007.

[89] Brand, Ruth. "Microdata protection through noise addition." Inference control in
statistical databases. Springer Berlin Heidelberg, 2002. 97-116.

[90] Evfimievski, Alexandre, et al. "Privacy preserving mining of association rules."
Information Systems 29.4 (2004): 343-364.

[91] Du, Wenliang, and Zhijun Zhan. "Using randomized response techniques for
privacy-preserving data mining." Proceedings of the ninth ACM SIGKDD international
conference on Knowledge discovery and data mining. ACM, 2003.

[92] Huang, Zhengli, Wenliang Du, and Biao Chen. "Deriving private information from
randomized data." Proceedings of the 2005 ACM SIGMOD international conference on
Management of data. ACM, 2005.

[93] Domingo-Ferrer, Josep, and Vicençc Torra. "Theory and Practical Applications for
Statistical Agencies," North-Holland, Amsterdam, 2002. 113-134

[94] Aggarwal, Charu C., and S. Yu Philip. "A framework for condensation-based
anonymization of string data." Data Mining and Knowledge Discovery 16.3 (2008):
251-275.



[95] Aggarwal, Charu C., and Philip S. Yu. "On static and dynamic methods for
condensation-based privacy-preserving data mining." ACM Transactions on Database
Systems (TODS) 33.1 (2008): 2.

[96] Domingo-Ferrer, Josep. "Privacy-Preserving Data Mining: Models and Algorithms,"
Privacy-preserving data mining. Springer US, 2008. 53-80

[97] Sodiya, A.S. and A.S Onashoga, "Component-based Access Control Architecture,"
Issues in Informing Science and Information Technology, Vol 6 (2009), 699-706

[98] Peleg, Mor, et al. "Situation-Based Access Control: privacy management via
modeling of patient data access scenarios." Journal of Biomedical Informatics 41.6
(2008): 1028-1040.

[99] Zhang, Xinwen, et al. "Toward a usage-based security framework for collaborative
computing systems." ACM Transactions on Information and System Security (TISSEC)
11.1 (2008): 3.

[100] Bertino, Elisa. "Privacy-preserving Database systems," Lecture notes, Department
of Computer Science, April, 2009

[101] Hitachi ID Systems. Beyond Roles: A Practical Approach to Enterprise User
Provisioning. http://www.idsynch.com/docs/beyond-roles.html

[102] Bobba, Rakesh, et al. "Using attribute-based access control to enable
attribute-based messaging." Computer Security Applications Conference, 2006.
ACSAC'06. 22nd Annual. IEEE, 2006.

[103] Lang, Bo, et al. "A flexible attribute based access control method for grid
computing." Journal of Grid Computing 7.2 (2009): 169-180.

[104] Jin, Xin, Ram Krishnan and Ravi Sandhu. "A United Attribute-Based Access
Control Model Covering DAC, MAC and RBAC". Institute for Cyber Security &
Department of Computer Science, 2012

[105] Cirio, Lorenzo, Isabel F. Cruz, and Roberto Tamassia. "A role and attribute based
access control system using semantic web technologies." On the Move to Meaningful
Internet Systems 2007: OTM 2007 Workshops. Springer Berlin Heidelberg, 2007.

[106] Zhong, Jian, et al. "Privacy-Aware Granular Data Access Control For
Cross-Domain Data Sharing." PACIS. 2011.

[107] He, Qingfeng, and Annie I. Antón. "A framework for modeling privacy
requirements in role engineering." Proc. of REFSQ. Vol. 3. 2003.

[108] Li, Xueli, Nomair A. Naeem, and Bettina Kemme. "Fine-granularity access control
in 3-tier laboratory information systems." Database Engineering and Application
Symposium, 2005. IDEAS 2005. 9th International. IEEE, 2005.



[109] Acevedo, Marta Teresa, David Fillingham, and John Lucas Nicolettos. "Enterprise
security applications of partition rule based access control (PRBAC)." Enabling
Technologies: Infrastructure for Collaborative Enterprises, 1997., Proceedings Sixth
IEEE workshops on. IEEE, 1997.

[110] Karp, Alan H., Harry Haury, and Michael H. Davis. "From ABAC to ZBAC: the
evolution of access control models." Hewlett-Packard Development Company, LP 21
(2009).

[111] Martino, Lorenzo D., et al. "Multi-domain and privacy-aware role based access
control in ehealth." Pervasive Computing Technologies for Healthcare, 2008.
PervasiveHealth 2008. Second International Conference on. IEEE, 2008.

[112] WANG, Xiaoqing, et al. "An Algorithm for Role Mapping Across Multi-domains
Employing RBAC." Chinese Journal of Electronics 18.1 (2009).

[113] Au, Richard, et al. "Secure authorisation agent for cross-domain access control in a
mobile computing environment." Information Security and Cryptology—ICISC 2001.
Springer Berlin Heidelberg, 2002. 369-381.

[114] Li, Ming, et al. "Securing personal health records in cloud computing:
Patient-centric and fine-grained data access control in multi-owner settings." Security
and Privacy in Communication Networks. Springer Berlin Heidelberg, 2010. 89-106.

[115] Gowadia, Vaibhav, et al. "Secure cross-domain data sharing architecture for crisis
management." Proceedings of the tenth annual ACM workshop on Digital rights
management. ACM, 2010.

[116] Byun, Ji-Won, and Ninghui Li. "Purpose based access control for privacy
protection in relational database systems." The VLDB Journal 17.4 (2008): 603-619.

[117] Yang, Naikuo, Howard Barringer, and Ning Zhang. "A purpose-based access
control model." Information Assurance and Security, 2007. IAS 2007. Third International
Symposium on. IEEE, 2007.

[118] Byun, Ji-Won, Elisa Bertino, and Ninghui Li. "Purpose based access control of
complex data for privacy protection." Proceedings of the tenth ACM symposium on
Access control models and technologies. ACM, 2005.

[119] Al-Fedaghi, Sabah S. "Beyond purpose-based privacy access control." Proceedings
of the eighteenth conference on Australasian database-Volume 63. Australian Computer
Society, Inc., 2007.

[120] Al-Fedaghi, Sabah, Bashayer Al-Babtain, and Maha Al-Fahad. "Purpose-based
Versus Flow-Based Access Control for Privacy." Journal of Computer Science 8.4 (2012):
564.

[121] Farzad, Faranak, Eric Yu, and Patrick CK Hung. "Role-Based Access Control



Requirements Model with Purpose Extension." WER. 2007.

[122] Yang, Naikuo, Howard Barringer, and Ning Zhang. "A purpose-based access
control model." Information Assurance and Security, 2007. IAS 2007. Third International
Symposium on. IEEE, 2007.

[123] Peng, Huanchun, Jun Gu, and Xiaojun Ye. "Dynamic purpose-based access
control." Parallel and Distributed Processing with Applications, 2008. ISPA'08.
International Symposium on. IEEE, 2008.

[124] Emilin Shyni, C., and S. Swamynathan. "Purpose Based Access Control for
Privacy Protection in Object Relational Database Systems." Data Storage and Data
Engineering (DSDE), 2010 International Conference on. IEEE, 2010.

[125] Kabir, Md Enamul, and Hua Wang. "Conditional purpose based access control
model for privacy protection." Proceedings of the Twentieth Australasian Conference on
Australasian Database-Volume 92. Australian Computer Society, Inc., 2009.

[126] Sun, Lili, and Hua Wang. "A purpose based usage access control model."
International Journal of Computer and Information Engineering 4.1 (2010): 44-51.

[127] Kabir, Md Enamul, Hua Wang, and Elisa Bertino. "A conditional role-involved
purpose-based access control model." Journal of Organizational Computing and
Electronic Commerce 21.1 (2011): 71-91.

[128] Li, Min, Hua Wang, and Ashley Plank. "Privacy-aware access control with
generalization boundaries." Proceedings of the Thirty-Second Australasian Conference
on Computer Science-Volume 91. Australian Computer Society, Inc., 2009.

[129] Abdallah, Ali E., and Etienne J. Khayat. "A formal model for parameterized
role-based access control." Formal Aspects in Security and Trust. Springer US, 2005.
233-246.

[130] Ni, Qun, et al. "Conditional privacy-aware role based access control." Computer
Security–ESORICS 2007. Springer Berlin Heidelberg, 2007. 72-89.

[131] Cheng, Vivying SY, and Patrick CK Hung. "Health Insurance Portability and
Accountability Act (HIPPA) Compliant Access Control Model for Web Services."
International Journal of Healthcare Information Systems and Informatics (IJHISI) 1.1
(2006): 22-39.

[132] Goldsmith, M. "FDR2 User’s Manual Version 2.82," Formal System (Europe) Ltd.

[133] Kim, Il-Gon, and Jin-Young Choi. "Formal verification of PAP and EAP-MD5
Protocols in wireless networks: FDR Model Checking." Advanced Information
Networking and Applications, 2004. AINA 2004. 18th International Conference on. Vol. 2.
IEEE, 2004.

[134] Brodie, Carolyn, et al. "Usable security and privacy: a case study of developing



privacy management tools." Proceedings of the 2005 symposium on Usable privacy and
security. ACM, 2005.

[135] Liu, Kun, Chris Giannella, and Hillol Kargupta. "A survey of attack techniques on
privacy-preserving data perturbation methods." Privacy-Preserving Data Mining.
Springer US, 2008. 359-381.

[136] Hua, Ming, and Jian Pei. "A Survey of Utility-based Privacy-Preserving Data
Transformation Methods." Privacy-Preserving Data Mining. Springer US, 2008.
207-237.

[137] Thomas, Dilys. Algorithms and architectures for data privacy. Diss. Stanford
InfoLab, 2007.

[138] Foresti, Sara. Preserving privacy in data outsourcing. Vol. 51. Springer, 2011.

[139] Wong, Raymond Chi-Wing, and Ada Wai-Chee Fu. "Privacy-preserving Data
Publishing: An Overview." Synthesis Lectures on Data Management 2.1 (2010): 1-138.

[140] Xiao, Xiaokui, and Yufei Tao. "Personalized privacy preservation." Proceedings of
the 2006 ACM SIGMOD international conference on Management of data. ACM, 2006.

[141] Truta, Traian Marius, and Bindu Vinay. "Privacy protection: p-sensitive
k-anonymity property." Data Engineering Workshops, 2006. Proceedings. 22nd
International Conference on. IEEE, 2006.

[142] Privacy Victoria Info Sheet 03.11, Information Sheet: Cloud Computing, Office of
the Victorian Privacy Commissioner, May 2011

[143] Steele, Aaron, and Keith B. Frikken. "An index structure for private data
outsourcing." Data and Applications Security and Privacy XXV. Springer Berlin
Heidelberg, 2011. 247-254.

[144] di Vimercati, Sabrina De Capitani, and Sara Foresti. "Privacy of outsourced data."
Privacy and Identity Management for Life. Springer Berlin Heidelberg, 2010. 174-187.

[145] Kargupta, Hillol, et al. "On the privacy preserving properties of random data
perturbation techniques." Data Mining, 2003. ICDM 2003. Third IEEE International
Conference on. IEEE, 2003.

[146] Tao, Yufei, et al. "Angel: Enhancing the utility of generalization for privacy
preserving publication." Knowledge and Data Engineering, IEEE Transactions on 21.7
(2009): 1073-1087.

[147] Ketel, Mohammed, and Abdollah Homaifar. "Privacy-preserving mining by
rotational data transformation." Proceedings of the 43rd annual Southeast regional
conference-Volume 1. ACM, 2005.

[148] Hong, Dowon, and Abedelaziz Mohaisen. "Augmented Rotation-Based



Transformation for Privacy-Preserving Data Clustering." arXiv preprint arXiv:1006.1948
(2010).

[149] Chen, Keke, and Ling Liu. "A survey of multiplicative perturbation for
privacy-preserving data mining." Privacy-Preserving Data Mining. Springer US, 2008.
157-181.

[150] Choi, WonGil, et al. "Simple data transformation method for privacy preserving
data re-publication." Web Society, 2009. SWS'09. 1st IEEE Symposium on. IEEE, 2009.

[151] Poovammal, E., and M. Ponnavaikko. "Task independent privacy preserving data
mining on medical dataset." Advances in Computing, Control, & Telecommunication
Technologies, 2009. ACT'09. International Conference on. IEEE, 2009.

[152] Liu, Kun, Hillol Kargupta, and Jessica Ryan. "Random projection-based
multiplicative data perturbation for privacy preserving distributed data mining."
Knowledge and Data Engineering, IEEE Transactions on 18.1 (2006): 92-106.

[153] WANG, Bo, and Jing YANG. "Personalized (α, k)-Anonymity Algorithm Based on
Entropy Classification." Journal of Computational Information Systems 8.1 (2012):
259-266.

[154] Voulodimos, Athanasios S., and Charalampos Z. Patrikakis. "Quantifying privacy
in terms of entropy for context aware services." Identity in the Information Society 2.2
(2009): 155-169.

[155] Dutta, Haimonti, Hillol Kargupta, Souptik Datta, and Krishnamoorthy Sivakumar.
"Analysis of privacy preserving random perturbation techniques: further explorations."
Proceedings of the 2003 ACM workshop on Privacy in the electronic society. ACM,
2003.

[156] Daglish, David, and Norm Archer. "Electronic personal health record systems: a
brief review of privacy, security, and architectural issues." Privacy, Security, Trust and
the Management of e-Business, 2009. CONGRESS'09. World Congress on. IEEE, 2009.

[157] Gkoulalas-Divanis, Aris, and Grigorios Loukides. "Privacy-Preserving Medical
Data Sharing." SIAM Data Mining, Anaheim, CA, USA, April, 2012

[158] Ciriani, Valentina, Sabrina De Capitani Di Vimercati, Sara Foresti, Sushil Jajodia,
Stefano Paraboschi, and Pierangela Samarati. "Keep a few: Outsourcing data while
maintaining confidentiality." Computer Security–ESORICS 2009. Springer Berlin
Heidelberg, 2009. 440-455.

[159] Ciriani, Valentina, Sabrina De Capitani Di Vimercati, Sara Foresti, Sushil Jajodia,
Stefano Paraboschi, and Pierangela Samarati. "Fragmentation and encryption to enforce
privacy in data storage." Computer Security–ESORICS 2007. Springer Berlin Heidelberg,
2007. 171-186.



[160] Evfimievski, Alexandre Valentinovich. Privacy preserving information sharing.
Diss. Cornell University, 2004.

[161] Oliveira, Stanley Robson De Medeiros. Data transformation for
privacy-preserving data mining. University of Alberta, 2005.

[162] Singh, K. and L. Batten, "Recovering Private Data: A Comparison of Three
Methods", Applications and Techniques in Information Security (ATIS), 2012. .

[163] Brickell, Justin, and Vitaly Shmatikov. "The cost of privacy: destruction of
data-mining utility in anonymized data publishing." Proceedings of the 14th ACM
SIGKDD international conference on Knowledge discovery and data mining. ACM,
2008.

[164] Martin, David J., et al. "Worst-case background knowledge for privacy-preserving
data publishing." Data Engineering, 2007. ICDE 2007. IEEE 23rd International
Conference on. IEEE, 2007.

[165] Zhang, Yihua. "On data utility in private data publishing." Electronic Thesis or
Dissertation. Miami University, 2010. OhioLINK Electronic Theses and Dissertations
Center. 07 Aug 2013.

[166] Li, Ninghui, Tiancheng Li, and Suresh Venkatasubramanian. "t-closeness: Privacy
beyond k-anonymity and l-diversity." Data Engineering, 2007. ICDE 2007. IEEE 23rd
International Conference on. IEEE, 2007.

[167] Parameswaran, Rupa. A robust data obfuscation approach for privacy preserving
collaborative filtering. Diss. Georgia Institute of Technology, 2006.

[168] Li, Liming, and Qishan Zhang. "A privacy preserving clustering technique using
hybrid data transformation method." Grey Systems and Intelligent Services, 2009. GSIS
2009. IEEE International Conference on. IEEE, 2009.

[169] Ketel, Mohammed. "Quantification of a Privacy Preserving Data Mining
Transformation." DMIN. 2006.

[170] Christine M. O'Keefe, Ming Yung, Lifang Gu, and Rohan Baxter. 2004.
"Privacy-preserving data linkage protocols". In Proceedings of the 2004 ACM workshop
on Privacy in the electronic society (WPES '04). 2004, 94-102.

[171] Liu K., Multiplicative data perturbation for privacy preserving data mining, Dept.
of Computer Science and Electrical Engineering University of Maryland, Baltimore
County (UMBC), 2007

[172] Sramka, Michal, Reihaneh Safavi-Naini, and Jörg Denzinger. "An Attack on the
Privacy of Sanitized Data That Fuses the Outputs of Multiple Data Miners." Data Mining
Workshops, 2009. ICDMW'09. IEEE International Conference on. IEEE, 2009.

[173] Yao, Andrew Chi-Chih. "Protocols for secure computations." FOCS. Vol. 82. 1982.



[174] Chen, Keke, and Ling Liu. "A random rotation perturbation approach to privacy
preserving data classification." (2005).

[175] Oliveira, Stanley RM, and Osmar R. Zaïane. "Achieving privacy preservation
when sharing data for clustering." Secure Data Management. Springer Berlin Heidelberg,
2004. 67-82.

[176] Gionis, A., "Approximation Algorithms for K-anonymity and Privacy Preservation
in Query Logs", available at http://langtech.jrc.ec.europa.eu/mmdss2007/htdocs/

Presentations/Docs/MMDSS_Gionis_PUBLIC.pdf. Villa Cagnola, Gazzada, Italy 2007

[177] Brillouin, Leon. Science and information theory. DoverPublications. com, 1956.

[178] Weisstein, Eric W., "Chebyshev Polynomial of the First Kind", MathWorld.
Available at http://mathworld.wolfram.com/ChebyshevPolynomialoftheFirstKind.html

[179] Rivlin, Theodore J. Chebyshev polynomials: from approximation theory to algebra
and number theory. New York: Wiley, 1990.

[180] Rayes, M. O., V. Trevisan, and P. S. Wang. "Factorization properties of Chebyshev
polynomials." Computers & Mathematics with Applications 50.8 (2005): 1231-1240.

[181] Collet, Pierre, and Jean Pierre Eckmann. Iterated maps on the interval as
dynamical systems. Vol. 1. Springer, 1980.

[182] Paul Glendinning, Stability, Instability and Chaos, Cambridge University Press,
1994.

[183] Steven Strogatz, Non-linear Dynamics and Chaos: With applications to Physics,
Biology, Chemistry and Engineering, Perseus Books, 2000.

[184] Borda, Monica. Fundamentals in Information Theory and Coding. Springer, 2011.



APPENDIX A
ATTACK RESISTANCE

Appendix A

Attack Resistance

1. Description of the Attacks

This section introduces two classic attack methods that are used to evaluate the

proposed data perturbation methods in terms of attack success. The two attacks were

evaluated and summarized in [162].

The assumptions in both attacks are as follows [145].

i) The introduced noise is random, has a zero mean (μnoise=0).

ii) The original data, noise, and perturbed data are in the form of an R by C matrix

respectively, and R = C to facilitate experiments and comparison of different

attack results [162].

iii) The original data set O is square and the elements in the original dataset (O) are

independent of each other, so that O and the covariance of the original data (Ocov)

have distinct and non-zero eigenvalues. This assumption holds in most practical

situations [162].
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iv) The noise dataset matrix and the original dataset are uncorrelated and the

distributions of the noise dataset matrix and the perturbed dataset matrix are

known to the attacker [162]. Since the attacker does not know the distribution of

the original data, the initial assumption is that the original dataset follows a

normal distribution.

v) The perturbed data (P~ ) is public.

1.1 Spectral Filtering

The first attack used for resistance testing is called spectral filtering (SPF) [145, 173],

and is a random matrix-based approach for reconstructing the original dataset from

the perturbed data. Arranging the perturbed data in a matrix, the eigenvalues of this

matrix are used to estimate the introduced noise, while assuming the noise has a

normal distribution. The attack result has two parts: i) the estimated original dataset

matrix and ii) the estimated noise matrix [135, 162].

The calculation steps were presented in [145], evaluated in [162] and are briefly

summarized as follows. According to the assumption, the noise distribution is known

and the variance is σ2. First the eigenvalues of the covariance matrix of the

perturbation noise λmin and λmax are calculated based on 22
min )/11( Q and

22
max )/11( Q , where Q represents the asymptotic value of M/N when the
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number of data samples approaches infinity[145]. In the experiments, Q=1 [162]. The

the eigenvalues λi of the covariance matrix cov
~P are computed, and the noise

eigenvalues satisfying λi ≥ λmin and λj ≤ λmax are identified [155].

The metric used to evaluate the success of an SPF attack is the Root Mean Square

Error (RMSE) that measures the difference between the original (oi) and

reconstructed ( io
 ) data, i.e. RMSE =

2

1
)ˆ(1 




m

i
ii oo

m
. An RMSE value between 0 and 1

indicates that attackers have a high probability of reconstructing the original data O.

If RMSE =0 then O has been accurately reconstructed; if RMSE is equal or greater

than 1, then it means no data in O has been recovered.

1.2 Bayes-Estimated Data Reconstruction

The second data reconstruction method is called Bayes-Estimated Data

Reconstruction (BE-DR) which is proposed in [92] and evaluated in [162].

The BE-DR attack steps are briefly summarized as follows. Calculate Ocov by

2
covcov

~  PO for all elements in cov
~P and derive the mean vector O of the

original data matrix from the mean vector P~ of perturbed data matrix by PO ~ 

(according the assumption i) that the noise mean is zero), Then, the estimated original
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data elements are calculated by 121
cov

21
cov )/~)(./1(~    POIOo oij [162]. The

success of the EB-DR attack is measured by the RMSE explained in SPF attack.

2. Attack Results

A 6400-item dataset was generated to test the attack resistance of the proposed

method. The data was stored in vector form and then re-formed to matrix form to be

easier to implement attack methods.

In each data reconstruction case, the attack method obtained an estimated data set

which was then evaluated by measuring the Root Mean Square Error (RMSE).

2.1 Chebyshev Data Perturbation

For the attack resistance test, two classic data reconstruction attacks were used,

namely spectral filtering (SPF) and Bayes-Estimated Data Reconstruction (BE-DR).

Spectral Filtering

This test shows the result of the special filtering (SPF) for varying numbers of data

samples. For each data set, the Root Mean Square Error (RMSE) test was executed

five times and the average was calculated. In this test, every RMSE was far greater
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than 1 and the average was 26.1621, so the attack was considered not able to attack

the proposed method. Note: RMSE varied between test runs.

Figure 1: RMSE for SPF Attack

Bayes-Estimated Data Reconstruction

This test was executed on the same number of data samples, used RMSE to evaluate

the success of the attack. The RMSE result of BE-DR was also far greater than 1, the

average was 23.3614. Therefore, the attack was not successful.
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Figure 2: RMSE for BE-DR Attack

To summarize the evaluations, the proposed method is able to maintain the data

distribution, brings higher added entropy than the compared method and also resists

to SPF and BE-DR attacks.

2.2 μ-Fractal Data Perturbation

Figure 3 shows the SPF attack results. The mean square error (MSE) is more than 39,

which is far above the acceptable value 1, and this means the attack failed to

re-construct the original data. Figure 4 shows the BE-DR attack result. The root mean

square error (RMSE) is more than 23 which is again far above the acceptable value of

1, which means the attack failed to re-construct the original data.
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Spectral Filter (SPF)

Figure 3: SPF Attack Result

Bayes-Estimated Data Reconstruction (BE-DR)

Figure 4: BE-DR Attack Result
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Appendix B

Program Code--Experiments of
Data Perturbation Methods

%Created by Jian Zhong

%Contact email: jian.zhong@rmit.edu.au

%You are free to use this code but you cannot remove the author's

info.

function cdpDiff(M,k,n)

%orgdata=zeros(M);

alpha=4.7; %shift

beta=(-1+n+6)/(n+6);

groupindex=zeros(k);

gamma=1.5;

meancdp=0;

RMS=0;

%M=100;
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MEAN=39;

SD=3;

ptSD=0;

ptvar=zeros(M);

%orgdata=zeros(M);

%orgdataX=normrnd(MEAN,SD,M,1);

%orgdataX = random('norm',MEAN,SD,M, 1);

orgdataX = randi([25,65],1,M);

ptdata =zeros(M,1);

cdpt=zeros(M,1);

cdpt2=zeros(M,1);

pt=zeros(M,1);

diff=zeros(M,1);

orgfid = fopen('orgdata.txt','w');

fprintf(orgfid,'%f\n',orgdataX);

fclose(orgfid);

fid=fopen('orgdata.txt','r');
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for i=1:M

orgdata(i)=fscanf(fid,'%f\n ',1);

end

% A=fscanf(fid,'%f')

% size(A,1)

fclose(fid);

DL=M/k;

t=zeros(k);

t0=0;

t(1)=floor(DL);

groupindex(1)=0;

for i=2:1:k

t(i)=floor(i * DL);

for c=1:1:i-1

t(i)=t(i) - t(c);

end

end

for a=2:1:k
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for j=1:1:a-1

groupindex(a)=t(j)+groupindex(a);

end

end

T1=ChebT(n);

T2=ChebT(n+1);

parafid = fopen('para.txt','w');

fprintf(parafid,'M = %i ; ',M);

fprintf(parafid,'k= %f ; ',k);

fprintf(parafid,'n= %i ; ',n);

fprintf(parafid,'Alpha= %f ; ',alpha);

fprintf(parafid,'Beta= %f ; ',beta);

fprintf(parafid,'Gamma= %f \n',gamma);

fprintf(parafid,'DL= %f \n',DL);

fprintf(parafid,'t = %i ; ',t);

fprintf(parafid,'GroupIndex = %i ; ',groupindex);

fprintf(parafid,'Tn = %i \n',T1);

fclose(parafid);
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%disp(cdpt);

for b=1:1:k

%groupindex(i)=t(i)+groupindex(i);

temp=0;

for j=1:1:t(b)

x=-beta+(2*beta*j)/(t(b)+alpha); %CHANGED to cal cdpt it

is ok to use -beta, I also change the beta vaule accordingly.

for p=1:1:n

%cdpt(groupindex(b)+j)=cdpt(groupindex(b)+j)*(x^p)*T(n-p+1)+(x

^p)*T((n+1)-p+1);

cdpt(groupindex(b)+j,1)=cdpt(groupindex(b)+j,1)+(x^p)*T1(n-p+1)

-floor(cdpt(groupindex(b)+j,1)+(x^p)*T1(n-p+1));

%temp=temp+cdpt(groupindex(b)+j);

end
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for q=1:1:n+1

cdpt2(groupindex(b)+j,1)=cdpt2(groupindex(b)+j,1)+(x^q)*T2((n+

1)-q+1)-floor(cdpt2(groupindex(b)+j,1)+(x^q)*T2((n+1)-q+1));

end

%temp=temp+cdpt(groupindex(b)+j);

%meancdp=floor(temp*1000)/t(b);

%if cdpt(groupindex(b)+j)>=0 && cdpt2(groupindex(b)+j)>=0

%pt(groupindex(b)+j,1)=mod(floor(gamma*cdpt(groupindex(b)+j,1)

*100),11);

%pt(groupindex(b)+j,1)=floor(gamma*cdpt(groupindex(b)+j,1));

%else

%pt(groupindex(b)+j,1)=-mod(floor(gamma*cdpt(groupindex(b)+j,1)

*100),11); %same mod as above

%pt(groupindex(b)+j,1)=-mod(floor(gamma*cdpt(groupindex(b)+j,1)

));
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%end

%pt(groupindex(b)+j)=mod(floor(cdpt(groupindex(b)+j)*100),SD);

%temp=temp+pt(groupindex(b)+j,1);

%meancdp=temp/t(b);

%ptdata(groupindex(b)+j,1)=orgdata(groupindex(b)+j)*(cdpt(grou

pindex(b)+j,1)*0.05+0.95)-floor(orgdata(groupindex(b)+j)*(cdpt

(groupindex(b)+j,1))*0.05+0.95)+cdpt2(groupindex(b)+j,1)+floor

(pt(groupindex(b)+j,1)-meancdp);

ptdata(groupindex(b)+j,1)=orgdata(groupindex(b)+j)*(cdpt(group

index(b)+j,1)*0.01+0.99)+cdpt2(groupindex(b)+j,1)*gamma;

pt(groupindex(b)+j,1)=ptdata(groupindex(b)+j,1)-orgdata(groupi

ndex(b)+j);

RMS=RMS+pt(groupindex(b)+j,1)*pt(groupindex(b)+j,1);

diff(groupindex(b)+j,1)=abs(pt(groupindex(b)+j,1))/orgdata(gro

upindex(b)+j);
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end

end

RMS=sqrt(RMS/M);

disp(RMS);

%disp(cdpt);

%disp(cdpt2);

%disp(pt);

%disp(T1);

%disp(T2);

%disp(diff);

ptvar=var(pt(:,1));

%disp(ptvar);

%for o=1:1:M

% ptSD=ptSD+ptvar(o);

%end

%for o=1:1:M
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ptSD=ptSD+ptvar;

%end

%disp(ptSD);

ptSD=ptSD/M;

midfid = fopen('mid.txt','w');

fprintf(midfid,'ptSD = %f \n',ptSD);

fprintf(midfid,'cdpi(j) = %f \n',cdpt);

fprintf(midfid,'meancdp = %f \n',meancdp);

fprintf(midfid,'pti(j) = %i \n', pt);

fprintf(midfid,'ptdata = %i \n',ptdata);

fclose(midfid);

compfid = fopen('comp.txt','w');

for d=1:1:M

fprintf(compfid,'%f ',orgdata(d));

fprintf(compfid,'%f \n',ptdata(d,1));

end

fclose(compfid);



APPENDIX B
PROGRAM CODE

pertrbfid = fopen('pertrb.txt','w');

for d=1:1:M

fprintf(pertrbfid,'%f \n ',ptdata(d,1));

end

fclose(pertrbfid);

%ptmean=mean(ptdata);

yorgdatamin=min(diff);

yorgdatamax=max(diff);

yptdatamin=min(diff);

yptdatamax=max(diff);

xorgdata=linspace(yorgdatamin,yorgdatamax,10);

yyorgdata=hist(orgdata,xorgdata);

yyptdata=hist(diff(:,1),xorgdata);

yyorgdata=yyorgdata/M;

yyptdata=yyptdata/M;
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hold on

plot(xorgdata,yyptdata,'c','LineWidth',3);

hold off
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