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Abstract
We study the sources of women’s underrepresentation in hiring for top management jobs, by
focusing on the context of executive search. Using data that include proprietary information on
10,970 individuals considered by a search firm, we examine the sources of the low proportion of
women placed in senior roles. Contrary to received wisdom, we find limited evidence that
demand-side screeners strongly contribute to gender disadvantage in this setting. What gender
differences exist tend to play out at the start of the hiring process and are driven both by supply-
side and demand-side actors. Once considered for a position, women are no less likely than men
to be hired—though they are slightly less likely to be interviewed by the search firm. Our
findings highlight the theoretical importance of disentangling candidates’ “self-steering” behavior
from the “pipeline bending” of hiring agents. We discuss the implications of our results for
understanding gender inequality at upper echelons of the labor market.
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Introduction

Top management is still a man’s business. Although women represent approximately 40% of the
workforce in most developed economies, they account for less than 16.9% of top executives and
directors in Fortune 500 firms and only 5.2% of chief executive officers (CEOs; Catalyst 2013).
Given the disproportionate rewards accruing to those who reach the highest echelons of the
corporate world, the stark underrepresentation of women at this level has been a continuing
concern of organizational scholars (e.g., Kanter 1977; Ragins al. 1998; Carli and Eagly 2001;
Eagly and Carli 2007). There is also a lively debate over whether women differ from men in
positions of authority (Adams and Funk 2012), and whether having females in leadership
positions affects firm performance (Herring 2009; Ahern and Dittmar 2012; Dezso and Ross
2012), management behavior (e.g., Matsa and Miller 2013), or the gender distribution of rewards
and resources within firms (Cohen and Huffman 2007; Cardoso and Winter-Ebmer 2010;
Kurtulus and Tomaskovic-Devey 2012; Shin 2012; Srivastava and Sherman 2015). Although far
from resolved, these issues have garnered increasing attention in policy circles (see e.g. United
States Government Accountability Office 2010; Women on Boards 2011) and have prompted a
variety of initiatives that aim to increase the number of women in top executive and board-level
positions (Ahern and Dittmar 2012; Armstrong and Walby 2012; Bertrand et al. 2014).
Understanding why women do not reach those positions in the first place is thus of paramount

theoretical and empirical relevance.

There is no shortage of explanations for the underrepresentation of women in top management.
Much research argues for the importance of supply-side factors, claiming that the paucity of
women in top positions reflects, at least in part, the limited pipeline of experienced female
candidates available to fill senior executive roles (Colaco et al. 2011; Barsh et al. 2012; Parrotta
and Smith 2013). In contrast, other work focuses on organizational demand-side barriers that
prevent women’s advancement to higher-level corporate positions—whether through internal
(DiPrete and Soule 1988; Cohen et al. 1998; Barnett et al. 2000; Yap and Konrad 2009; Smith
et al. 2013) or external labor market transitions (Brett and Stroh 1997; Lyness and Judiesch
1999).

Although distinguishing between supply- and demand-side factors is vital for clarifying the
mechanisms of inequality (Reskin 2003), disentangling these factors is an empirical challenge.
This is especially the case in the context of top management jobs, where it is difficult to observe
the supply of candidates considered (not just those who were actually hired) and the demand-side

selection process into these positions (Fernandez and Abraham 2010). Yet irrespective of the
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hierarchical level of the job in question, researchers face the problem of determining how supply-
side choices might be affected in anticipation of gender-biased treatment on the demand side.
Women who expect demand-side actors to be biased against them may well be less likely to put
themselves forward as job candidates. Indeed, Storvik and Schone (2008) argue that this is the
case in their study of barriers to women’s advancement in Norway’s state bureaucracy. To the
extent that women engage in such pre-emptive behavior, researchers can develop only limited
insight regarding what their supply-side choices would have been in the absence of anticipated
discrimination (for similar arguments, see Goldsmith et al. 2004; Barbulescu and Bidwell 2013;
Pager and Pedulla 2015). The problem is exacerbated when one considers that women may
harbor biased self-assessments of their own abilities that could, in turn, affect their decisions to

pursue certain jobs (Correll 2001, 2004).

One way to make progress on this thorny problem is to find settings in which the actors are blind
to the information needed to make gendered distinctions. On the demand side, a famous study by
Goldin and Rouse (2000) examined the selection of orchestra musicians when the candidate’s
gender was hidden from demand-side screeners. That setup enabled direct inferences about the
extent of gender bias in the demand-side selection process. Of course, one could hardly blind
supply-side candidates to their own gender. So what is needed—if we are to approximate the
individual’s “anticipation free” supply-side behavior—is a situation where individuals are being
considered for jobs without their knowledge. This occurs whenever employers pursue “passive
candidates” who are not actively searching for jobs (Osberg 1993; Granovetter 1995; McDonald
and Elder 2006). Following this strategy for isolating the anticipation-free gender distribution of
supply-side choices requires that we compare employers’ attempts to recruit passive candidates
against a baseline defined by what the gender distribution of supply-side choices for those jobs

would otherwise be.

In several respects, executive search firms provide an ideal context for addressing these
challenges. First, studying such firms provides unique empirical evidence on gender allocation in
a vital yet difficult-to-study sector of the labor market. In fact, search firms are the dominant
player in senior management recruitment as they are involved in filling a substantial portion of
top management jobs (Khurana 2002; Cappelli and Hamori 2014). Second, search firms maintain
detailed records on all stages of the hiring process from the formation of candidate pools to final
placement, and these records include information on which candidates were considered but did
not make it through each stage. Third—and of critical importance for the goals of our study—

executive search firms conduct searches for both active and passive candidates, most often
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assembling initial lists of prospects without the candidates’ knowledge. Since passive candidates
do not know they are being considered, individuals identified by this procedure cannot be
selecting out of the pool because they anticipate being discriminated against (or for any other
reason). In this setting, then, we are in a position to observe the gender distribution of the
candidate pool not only when prospects are aware of being considered for a job but also when
they are not; thus we can establish an anticipation-free baseline. Hence we can develop a greater
understanding of the extent to which supply-side choices may be affected by self-steering,

including that due to candidates’ anticipation of discrimination.

Following this strategy does raise the question of whether the search firms themselves
demonstrate gender bias in conducting searches for top management jobs (e.g., in the initial
identification of passive candidates). There is not much research that addresses gender inequality
in executive search, but the few studies that have done so suggest that these organizations’
practices contribute to preventing women’s access to senior roles (Bonet et al. 2013; Tienari et al.
2013; but see Sardiello 2011). Especially in policy circles, there is a widespread assumption that
search firms “bend the pipeline” for top management jobs in ways that disadvantage female
candidates (Women on Boards 2011; EHRC 2012); however, no empirical studies have examined
whether (much less how) they do so. Our paper probes this prevalent assumption by directly
examining (i) whether search firms contribute to bending the pipeline of candidates for top

management jobs and (ii) if so, just where in the executive search process such bending occurs.

For the first time in the literature, we have access to the records of a high-end executive search
firm that contain data on candidates and on how they are allocated to jobs at the top management
level. We use information provided by a leading UK executive search firm (“Execo”, a
pseudonym) that corresponds to 219 C-level and board vacancies that Execo worked to fill during
the period 2005-2009. Given this information on all candidates considered for each of these jobs
(10,970 individuals), we follow them through the hiring pipeline and identify (i) whose decision
it was if the candidate did not proceed and (ii) the stage at which this decision was made. We
complement these data with qualitative information from 45 interviews with search consultants.
In addition, we have access to a rare data source from the Association of Executive Search
Consultants (AESC) on executives who are willing to be contacted about senior executive
positions. Hence we can compare the gender composition of candidates who actively identify
themselves as looking for executive jobs with our anticipation-free, supply-side baseline of

passive candidates considered by Execo.
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Women constitute a small fraction of the candidates considered (11%) and hired (13%) by Execo.
We find evidence consistent with women self-steering away from the active pursuit of top
management jobs—that is, as compared with the baseline proportion of female passive
candidates. Once women are included in a candidate pool, they are no less likely overall than men
to be hired; but they are less likely to be interviewed by search consultants at the beginning of the
process. We show that this result is driven by search consultants bending the pipeline against
female candidates and by female candidates self-steering away from being interviewed. Finally,
at the end of the pipeline, comparing positions filled by Execo with those filled by other means
reveals that Execo-placed candidates are actually more likely to be female than are candidates

hired through other channels.

This study makes several theoretical and empirical contributions to research on gender inequality.
Theoretically, and for the first time in the literature, we are able to disentangle some of the
supply- versus demand-side processes that result in female underrepresentation in hiring for top
management jobs. We highlight the importance of distinguishing between self-steering behavior
and pipeline bending, by identifying appropriate counterfactuals of what supply-side choices
might look like when candidates do not fear being subject to discriminatory screening.
Empirically, we provide the first systematic analysis of hiring pipelines for top management jobs.
Contrary to the widely held belief that women are greatly disadvantaged in their chances of being
recruited for these positions, we find only small gender differences. This result calls into question
established understandings of the role of executive search firms in gender inequality, and it opens
up avenues for further investigation on the types of organizational practices that could contribute

to increased gender balance at the highest levels of the corporate ladder.

Gender Inequality in the Executive Labor Market

Numerous studies document the lack of women in top corporate positions (e.g., Bertrand and
Hallock 2001; Dezso and Ross 2012), but our understanding of the factors contributing to this
pattern is rather limited. The literature on gender differences in labor market processes can be
grouped into two classes of theories depending on whether they emphasize demand-side factors
(employer behavior) or supply-side factors (workers’ behavior). Demand-side explanations of
women’s difficulties in advancement focus on how implicit or explicit job-related, sex-based
stereotypes result in patterns of female disadvantage via gender discriminatory screening and
evaluation processes. Examples include theories of gendered organizations (Acker 1990;
Williams 1995), Reskin and Roos’s (1990) queuing theory, status expectations theory (Correll
2004; Ridgeway 2011, 2014), role congruity theory (Eagly and Karau 2002), and double-
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standards theory (Foschi 2000). Although they emphasize different reasons, all these theories
posit that employers have definite preferences for men. Support for this view is found in a large
number of laboratory studies (Heilman 1995; Cejka and Eagly 1999; Rudman and Glick 1999;
Heilman 2001; Rudman and Glick 2001; Foschi 2009; Foschi and Valenzuela 2012; Moss-
Racusin et al. 2012), field studies (Roth 2006; Castilla 2008), and employer audit research
(Azmat and Petrongolo 2014).

Many demand-side studies focus on promotion barriers that prevent women’s advancement to
high-level positions within firms (Cohen et al. 1998; DiPrete and Soule 1988; Barnett et al. 2000;
Yap and Konrad 2009; Smith et al. 2013). While internal barriers are undoubtedly important,
recent studies show that many executive jobs are filled by external hires (Lazear and Oyer 2004;
Cappelli and Hamori 2005; Fernandez and Abraham 2010; Hassink and Russo 2010; Fernandez
and Abraham 2011; Fernandez and Campero 2015) and that managers hired externally tend to be
better paid than those promoted from within the firm (Harris and Helfat 1997; Bidwell 2011; but
see Hassink and Russo 2008). Demand-side gender biases can occur also in the external labor
market, and some authors argue that female executives benefit less than men from external labor
market transitions (Brett and Stroh 1997; Lyness and Judiesch 1999; Hom et al. 2008; but see
Gorman and Kmec 2009). Indeed, extant research suggests that discriminatory screening is more
likely to occur at the hiring interface than at any other point in the employment process (Petersen
and Saporta 2004). For example, employer audit studies—in which researchers submit fictitious
resumes for well-matched candidates of different genders—often find evidence of gender-biased

screening in hiring (Azmat and Petrongolo 2014).

In contrast to demand-side explanations, theories emphasizing labor supply factors argue that—
for various reasons—men and women pursue different kinds of positions, thereby affecting the
gender distribution of candidates considered for jobs (Polachek 1981). Scholars debate why these
gender differences in career patterns emerge; suggested explanations include gender differences
in socialization (O’Leary 1974; Marini and Brinton 1984; Betz and O’Connell 1989; Subich et al.
1989; Marini et al. 1996), segregated social network processes (Belliveau 2005), and
stereotypical cultural beliefs about gendered job roles (Cejka and Eagly 1999) or gendered family
roles (Becker 1991; but see Bielby and Bielby 1984, 1988). In addition, Correll (2001, 2004)
argues that women have downwardly biased self-assessments of their own competences, and
these biases are manifested in women’s job choices. Although the reasons differ, supply-side
theories all suggest that gender segregation will already be evident in the pipeline of people

seeking different jobs (Fernandez and Friedrich 2011; Schweitzer et al. 2011; Barbulescu and
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Bidwell 2013). This “limited pipeline” argument has also been used to explain the paucity of
women in top positions (Colaco et al. 2011; Barsh et al. 2012; Parrotta and Smith 2013) and has
been reflected in the popular discourse by which women are encouraged to put themselves

forward more aggressively and actively compete for senior roles (e.g. Sandberg 2013).

The relative importance of demand- and supply-side factors in determining the lack of women in
top positions is a subject of much controversy, both in scholarly work (Blau et al. 2006; Barreto
et al. 2009; Ridgeway 2011) and the popular press (Farrell 2005). Theoretical clarity is hampered
by the challenges of empirically disentangling the influence of supply and demand processes,
which is especially problematic in the case of senior executive jobs. The first challenge is the
difficulty of obtaining adequate data on allocation processes — either internal or external — at this
level. In fact, the few extant studies of gender inequality in top management have selected on the
survivors of the selection process—that is, they observe only the outcome of hiring processes, the
men and women who fill the top jobs (Bertrand and Hallock 2001; Huffman et al. 2010; Matsa
and Miller 2011; Smith et al. 2011; Gregory-Smith at al. 2013; Smith et al. 2013). Yet studies at
lower levels of the organizational hierarchy have shown that accurate inferences about gender
differences in allocation require observing not only those who were hired but also those who were
considered but not hired (Fernandez and Weinberg 1997; Petersen et al. 2000; Fernandez and

Sosa 2005).

However, even with proper data (either internal external) on the set of candidates who competed
for particular jobs, distinguishing the extent to which supply-side and demand-side processes are
at work remains a challenge. First, if demand-side screeners steer men and women toward
applying for different jobs, then the nominally supply-side behavior of applying to different
positions may also reflect discriminatory processes originating among demand-side screeners. For
instance, Pager et al. (2009) find evidence of race-based steering in their employer audit study.
Fernandez and Mors (2008) found direct evidence of such gender-based steering of job
candidates in the letters that HR used to communicate with job candidates, although this process
did not explain the observed levels of gender segregation across candidate pools for jobs in their
setting. Second, in addition to the supply side factors discussed above (e.g. gendered family roles
or downwardly biased self-assessments), job candidates could be self-steering in anticipation of
how demand-side screeners are likely to react to them. If people avoid pursuing certain jobs
because they expect to be discriminated against, then the candidate pool will not only reflect
supply-side choices, but will also be influenced by expected discriminatory behavior by demand-

side screeners (cf. Goldsmith et al. 2004; Barbulescu and Bidwell 2013; Pager and Pedulla 2015).
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In their qualitative study of the Norwegian state bureaucracy, Storvik and Schone (2008) argue
that fear of discrimination is the most significant barrier to women’s advancement in that setting.
Interestingly, these authors claim that contrary to women’s perceptions, males and females are, in
fact, treated in a gender-neutral way by demand-side screeners:
“...female managers are treated just as well as male managers in central parts of the state
bureaucracy. Employers give equal shares of respect and attention to both genders.
Female managers are encouraged to apply for the same number of jobs as men and are
offered an equal number of jobs as men when they apply; in fact, women are offered
more jobs than men, when one controls for the number of job applications. This indicates
that organizational barriers are not the problem.” (Storvik and Schone 2008, p. 729)
These researchers also see no supply-side gender differences in work orientation, ambition, or
ability to combine work and family life. Even so, they find that “female managers apply for
management jobs less often than their male colleagues” (p. 729). Storvik and Schone attribute this
pattern of job seeking to women’s (apparently mistaken) sense that they will be discriminated
against in management jobs.' To the extent that this pattern of women pre-emptively avoiding

discrimination is a general one, it will be difficult for researchers to gain insight on what their

supply-side choices would have been in the absence of perceived demand-side discrimination.

Executive search firms provide a strategic research site for addressing these challenges, both for
empirical and theoretical reasons. First, as already mentioned, the study of executive search firms
yields unique evidence on gender allocation in a vital, yet very difficult to study sector of the
labor market. These organizations manage most of the external hiring for senior jobs. In the
United Kingdom, for example, 73% of the largest corporations report using executive search
firms in their Board appointment process (EHRC 2012). In the United States, estimates indicate
that search firms are involved in hiring nearly half of all executives (Association of Executive
Search Consultants 2011); however, the actual percentage is probably much higher for the very
top positions, such as C-level hires and board appointments (see Khurana 2002). According to
Cappelli and Hamori (2014), most senior searches that do not use a search firm would have been
internal, and thus the proportion of external hiring not involving an executive search firm is
small. Second, when studying top management jobs, the data used by executive search firms do
not suffer from survivorship bias because these firms routinely keep information not only on

those who were hired, but also those who were considered and not hired. Furthermore, they keep

" In essence, Storvik and Schone (2008) are arguing that women candidates’ anticipatory self-steering is a
result of their statistically discriminating against managers in the state bureaucracy. Perhaps ironically, this
is the mirror image of one common account for why employers might avoid hiring women: they
statistically discriminate against women by supposing, for example, that women might be less attached to
their jobs than are men (see e.g. Correll and Benard 2006).
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this information for all the stages of the search —i.e. long-list of initial candidates, shortlist of
candidates interviewed by the search firm, candidates interviewed by clients, and candidates that

are ultimately hired.

Third, and most importantly, studying executive search firms allows us to make theoretical
progress on the relative contribution of both supply-side and demand-side factors that affect the
hiring of women for top management jobs. These firms conduct searches for both active and
passive candidates. At the early stages they assemble lists of candidates most often without the
client firms’ or the candidates' involvement (Cappelli and Hamori 2014). On the supply-side, this
aspect of the procedure yields unique insight into the phenomenon of self-steering. Since passive
candidates by definition do not know they are being considered for a job, they cannot select
themselves out of the pool—irrespective of any supply side factors such as gender-biased self-
assessments of ability (Correll 2001, 2004) or expectations of demand-side discrimination
(Storvik and Schone 2008). On the demand-side, the executive search firm serves as a buffer
between its client and the pool of prospective candidates and so, at this early stage, any demand-
side client steering of candidates to particular jobs can only occur indirectly through the search
firm (for a similar argument in the context of contract employment, see Fernandez-Mateo and
King 2011). Search firms have, indeed, been said to shape the hiring process early on, as they are
responsible for assessing their client’s needs and for deciding where to look for leads as well as
whom to include on the long-list of possible candidates, whom to short-list, and whom to
interview (McCool 2008; Hamori 2010). Given the extent of its involvement in the hiring
process, a search firm could potentially “bend the pipeline” in ways that disadvantage female
candidates. The few studies that have mentioned gender in the context of executive search
suggest that headhunters do precisely that and thus contribute to restricting women’s access to

senior roles (see Dreher et al. 2011; Bonet et al. 2013; Tienari et al. 2013).

Beyond the early stages of the process, we can also distinguish demand-side from supply-side
factors by examining whose decision it is to stop being considered as candidates progress through
the later stages of screening. For example, the gender-biasing effects of some supply-side
processes — biased self-assessments of one’s own ability, or self-censoring to avoid
discrimination — would manifest as candidates declining further participation in the search
process. In contrast, demand-side biases would be evidenced by the search firm (or its client)
preferentially selecting men versus women at each stage. Much of the extant research presumes

that demand-side processes dominate and hence contribute to the scarcity of women hired for top
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management jobs; however, no study to date has been able to observe whether or not this is

actually the case. The next section describes how we tackle this important theoretical question.

Research Setting

Executive search firms operating in the top management space work on a “retained” basis. In
contrast with “contingency” search firms, which do not have exclusive contracts with clients and
are paid only if they fill the position (see Finlay and Coverdill 2002), retained firms work under
exclusive agreements and receive a fee from the client regardless of whether they place a
candidate in the job under consideration (see Khurana 2002). The process starts with
conversations between the client and the search consultant, which result in a document (“brief”)
detailing the characteristics of the job and describing the ideal candidate, often with a list of
industries and companies to target (Jupina 1992; McCool 2008). After an overall strategy for the
search is agreed upon with the client, the search consultant and a team of researchers spend a
considerable amount of time (typically three to four weeks) identifying potential candidates. They
do so by searching their database and by contacting people — often by telephone — who could
direct them to qualified candidates (i.e. “sourcing names”). The goal is to compile a long list of
potential candidates, typically 40 or 50 in number. If the position is advertised (which is not the
norm), then the long list includes both applicants and nonapplicants. The latter constitute the
majority of candidates included in this initial list, and they are unaware of being considered for
the job—that is, they are passive candidates (Cappelli and Hamori 2014). Clients are rarely
involved at this stage; in fact, search consultants emphasize that clients pay for an advisory
service and prefer not to participate in the initial identification and evaluation of candidates. Once
the long list is assembled, search consultants screen the long list for qualifications and potential
interest in pursuing the search. A consultant will phone candidates who seem qualified in order to
gauge both their suitability for an interview and their willingness to be considered. In most cases,
the client firm is not involved until the search firm presents it with a short list of vetted candidates
who have been interviewed and shown interest in the job. The client then determines which

candidates it will interview and chooses the candidate to whom it will make an offer.

Our empirical investigation of this context draws on several sources of data. First, the main
quantitative data set comes from the proprietary archives of a leading executive search firm
located in the United Kingdom: “Execo” (not its real name). We detail these data in what

follows.> Second, for the purpose of comparing women’s representation in Execo’s database with

? For more information on the setting and data collection procedures see Fernandez-Mateo and Coh (2015).
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a supply-side baseline of female executives in the outside labor market, we use data provided by
the Association of Executive Search Consultants (www.aesc.org). The members of this global
professional association include the top firms in the retained search industry; the association also
maintains a database, called BlueSteps, to which executives can subscribe if they are willing to be
contacted (confidentially) by search consultants. BlueSteps thus represents a set of both willing
and potential candidates for top management positions. We focused on the subset of BlueSteps
members seeking to be contacted for UK-based jobs between 2005 and 2009 (10,603
individuals). We also use data from the UK Labor Force Survey. Finally, we conducted 45
interviews with 42 search consultants in Europe and the United States.” We used these interviews
to learn about the institutional context and understand the process that Execo and other search

firms use to source candidates and move them through the hiring process.

Our fieldwork confirmed that Execo’s practices are very similar to those of other large retained
search firms serving the top management space. According to the Executive Grapevine
Directory,* there are about ten firms of this type operating in the United Kingdom (in addition to
many smaller, “boutique” search consultancies). Besides studying several search firms’ training
materials, we probed our interviewees—especially those who had worked both at Execo and at
other search companies—about perceived differences in practices across firms. Invariably we
were told that search methods are “pretty much the same ... it’s not rocket science, it is an
established process that you go through.” Although focusing on a single firm limits somewhat the
statistical generalizability of our findings, the interviews with search consultants from a variety of
firms and locations give us confidence that Execo is not an unusual case. Moreover, properly
examining the drivers of gender inequality in the search process requires detailed within-firm

information, which could not be obtained from a large sample of organizations.

We have data on all the vacancies that Execo attempted to fill over the period 2005-2009, but in
this paper our attention is limited to 219 jobs that qualify as top management positions (i.e.,

board- and C-level jobs). The average base salary for these positions is £185,204 (approximately

Sof these, 33 interviews were conducted in the United Kingdom; we remark that 13 of our informants
worked as search consultants for Execo. We also reviewed published materials on executive search, visited
several search firms (that allowed us to examine the structure of their databases), and read instructional
material used by these firms to describe their search processes.

* The Executive Grapevine Directory (http://www2.askgrapevine.com/news/executive-search/) is compiled
by a private market intelligence company and is the most complete list of search firms in the United
Kingdom and other developed economies. Confidentiality considerations preclude our offering details
about Execo, but we confirmed that the firm was included in this directory during our period of
observation.

11
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$300,000), which places them well within the top 1% of the UK salary distribution.” For each
vacancy, we have information on job characteristics, know which candidates were considered,
and know who made it through each stage of the hiring process. We build a data set of all
candidates considered for these 219 jobs. This amounts to 13,089 observations corresponding to

10,970 candidates (since some individuals are considered for more than one job).
[[ Insert Figure 1 about here ]

Figure 1 illustrates the hiring pipeline. This depiction is consistent with our interviewees’
descriptions of the search process at Execo and other search firms. Candidate pools at Stage 1
(“long lists”) include an average of 59 people per vacancy, of which Execo interviews eight
candidates on average (Stage 2). Recall that deciding who is interviewed at this stage is up to the
search firm. Clients are seldom involved until Stage 3, when they receive a short list of candidates
(four, on average) to interview. Thus Execo’s decision of whom to formally interview initially is
the stage at which the number of candidates is reduced the most. These Execo interviews are
taken seriously by candidates and search consultants alike; they last from one to three hours and
require candidates to think seriously about their interest in the position. We were told by our

informants that this procedure is the norm across search firms (see also Hamori 2010).

Analytical Strategy

Our analysis proceeds in two steps. First, we provide descriptive statistics on the gender
composition of the initial consideration set and compare the proportion of women among active
and passive (i.e., anticipation-free) candidates. Doing so allows us to examine whether there is
any evidence of women self-steering away from being considered for top management jobs.
Second, we analyze the progress of candidates through the hiring process to see if the search firm
bends the pipeline against female candidates and/or if women voluntarily drop out of
consideration. Toward this end, we perform a series of multivariate regressions designed to
predict (a) the probability of candidates being selected at each stage of the process and (b) whose
decision it was when the candidate was not selected. The latter analysis is made possible by

Execo’s classification procedures, under which an unselected candidate is generally labelled

> During our observation period (2005-2009), Execo sought to fill 998 vacancies; all of these were for
professional and executive jobs. Despite these jobs paying salaries in the top 1% of the UK wage
distribution (£154,000 on average), most were not for the top management positions of interest to us. The
job titles for such “non-top” vacancies are not standardized and often ambiguous (e.g., “purchasing
director”, “business unit director”), which hinders comparability across vacancies and precludes our
properly controlling for job title. So in order to keep the analysis as focused as possible, we study only
those jobs that Execo unambiguously classified as top management vacancies. Nonetheless, in separate
analyses (available from the authors upon request) we confirmed that the paper’s main results are
substantively the same when we consider both top management and non-top management jobs.

12

Page 12 of 41



Page 13 of 41

Management Science

either “not suitable” (if unfit for the vacancy) or “not interested” (if he/she declined to proceed

with the process).

Analysis and Results

Self-steering versus bending in the initial consideration set

We first compare the proportion of women among active versus passive candidates within the
Execo dataset. Active candidates are those who applied for the job (13.7% of the 13,089
observations). Men are more likely to apply than are women (14% of the male observations are
applicants, as compared to 11.2% of the female observations). Thus most candidates (86.3%)
included by Execo in long lists are passive ones, since they are initially unaware of being
considered. As such, they represent a supply-side baseline of anticipation-free candidates—in
other words, they are not selecting themselves out of consideration for jobs. Our interviews
suggest that the process used by search consultants to find these passive candidates is based on a
simple heuristic: identifying those who already work in roles similar to the job vacancy that needs
to be filled. For example, if the client is looking for a chief financial officer (CFO) then Execo
will search among CFOs or, at most, one level below that. As one of our interviewees explained,
“the client would not want you to look two levels below ... they are looking to find experience
rather than potential.” Similarly, if the job pays £200,000 then Execo will likely target individuals
who are already earning similar salaries. In this respect, our interviewees’ descriptions are

consistent with those of Khurana (2002), who focuses on the market for CEOs.

Of the 13,089 observations in Execo’s data set, 11.09% are female candidates; this figure
includes both active and passive candidates. For active candidates (i.e., applicants), the female
percentage is 9.05% and for passive candidates (nonapplicants) it is 11.41%. This difference is
statistically significant (p = 0.003), which suggests that Execo’s actions when assembling
candidate pools increase the number of female candidates as compared to what would obtain if

candidates selected themselves into applying for jobs.°

We also compare the percentage of female candidates in the Execo database with the
corresponding percentage in an external baseline of active candidates, the BlueSteps data set.

Because that data set consists of individuals who self-identify as both looking for an executive

% As described below, we have some information on candidates’ characteristics for a small subset of the sample.
Separate descriptive analyses of this subset indicate that both active and passive female candidates are slightly younger
than male candidates. Female applicant’s current salary does not statistically differ from male applicants’ salary, but the
salary of female passive candidates is £16,000 lower than that of male passive candidates. Although this evidence is
only suggestive and based on a small number of observations, it is consistent with the idea that Execo may be trying to
“cast a wide net” when including women in candidate pools.
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job and willing to be contacted by search firms, this supply-side baseline is not an anticipation-
free one. BlueSteps includes 10,603 individuals—seeking to be contacted for UK-based jobs
between 2005 and 2009—who specify the salary range of jobs for which they would be interested
in being contacted.” We examined the gender composition of individuals seeking jobs around two
salary levels: (1) the average base salary for jobs included in Execo’s database (£185,204 per
year); and (2) the average current salary of candidates included in our sample (£156,958 for
candidates on which this information is available). For (1), we calculated the percentage of
females among BlueSteps candidates willing to be contacted for only those jobs paying at least
$300,000 (about £190,000) annually. Women constitute 7.5% of these 3,335 individuals. For (2),
we calculated the percentage of women among those interested in positions paying between
$200,000 and $300,000 (between £130,000 and £190,000, approximately). This interval includes
the average current salary of candidates in our sample, and it is populated by 3,634 individuals of

whom 8.34% are women.

These external baseline figures show that women are underrepresented among the active
candidates in BlueSteps as compared with the Execo database. This statement holds whether the
comparison is made to all candidates in the Execo database, where both 7.5% and 8.34%—for
salary levels (1) and (2)—are less than the 11.09% female proportion at Execo, or only to passive,
non-applicant candidates considered by Execo (7.50 and 8.34 are also less than 11.41%). As with
the difference in percentage of female applicants and nonapplicants within the Execo database,
these figures suggest that women may be self-steering away from top management jobs, as
compared to what the search firm does. Although self-steering may reflect preferences for
different types of jobs arising for a variety of reasons (e.g. family constraints, biased self-
assessments of one’s own competence, etc.), the evidence is also consistent with female
candidates anticipating demand-side discrimination. Once we eliminate this anticipation problem

by examining passive candidates, the proportion of women is higher.

Nevertheless, it is possible that this latter proportion is still lower than the proportion of women
in the external labor market who are qualified for these jobs. Identifying this hypothetical pool of
passive candidates is, of course, extremely difficult. We assayed an approximation by collecting

data from the UK Labor Force Survey (http://www.esds.ac.uk/government/1fs) for the years

2006-2009. For each year, we calculated the percentage of women who reported annual gross

salary within the top 1% of the distribution, which starts at £81,750 in 2006 (at £96,150 in 2009).

7 Individuals who sign up for inclusion in the BlueSteps database can choose from among six salary ranges
for their target compensation: $100K—-$150K; $150K-$200K; $200K-$300K; $300K-$500K; $500K—
$1 million; and more than $1 million.
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The calculated percentages are as follows: 10.4% in 2006; 21.6% in 2007; 22.2% in 2008, and
9.38% in 2009. The source data are unfortunately rather thin: in each year they include fewer than
50 observations of salaries exceeding £100,000. That being said, the percentage of women
(11.41%) among passive candidates considered by Execo is within the range of statistical

variation observed in the UK Labor Force Survey sample.

In sum, we can assert with confidence that Execo does not underrepresent women in comparison
with active candidates’ own application choices, and the search firm’s actions yield a proportion
of female passive candidates that is in line with the only data available for the external labor
market (i.e. the UK. Labor Force Survey).® Thus there is little evidence of pipeline bending
against female candidates yet reasonable evidence of women self-steering away from

consideration for these jobs.

Self-steering versus bending through the hiring pipeline

Figure 2 plots the percentage of male and female candidates at each stage of the hiring pipeline.
Women account for 11.09% of the initial set of candidates but 13.16% of the hires. The only
stage in the process at which the percentage of women declines with respect to the previous stage
is Stage 2, where 9.03% of the Execo interviewees are female (a decrease of 2.06 percentage

points from Stage 1).
[[ Insert Figure 2 about here ]

We next examine whether the descriptive patterns shown in Figure 2 survive a multivariate
analysis; we do this by estimating the probability that a given candidate is interviewed by Execo,
interviewed by the client, and offered the job. The dependent variables for this analysis are
dichotomous indicators set to 1 if the candidate made it through each stage of the process (and
to 0 otherwise); see Table 1 for descriptive statistics. We use logit models with robust errors
clustered by candidate, because some candidates are considered for multiple vacancies. We next

describe the control variables used in the various regressions.

[[ Insert Table 1 about here ]]

¥ In separate analyses (available from the authors) we examined variation in the proportion of female
candidates included in a given consideration set by Execo, by using both linear regressions as well as two-
limit and GLM specifications to predict the proportion of women considered for a given job. We found a
few differences relating to job title and industry. In particular: vacancies for the chief marketing officer
position generated a higher percentage of female candidates than did CEO vacancies; and jobs in the media
industry generated a higher percentage of female candidates than did those in the finance industry.
However, we found no statistically robust evidence that Execo’s actions shape the proportion of female
candidates considered for a given job.
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Candidate controls

Female candidate. This variable takes value 1 if the candidate is a woman.

Candidate applied for job. This variable takes value 1 if the candidate applied for the job and 0 if
included in the candidate pool by Execo without having applied. If the job is not advertised, then
all candidates are included in the long list without their knowledge and thus the variable takes a
value of 0 in each case. If the job is advertised, then this variable takes a value of 1 for candidates
who applied and 0 for candidates who did not (63% of the candidates for advertised jobs are

nonapplicants—that is, passive candidates).

Prior number of jobs considered. We have information from 2001 on all candidates about their
relationship with the search firm before the start of the focal vacancy (i.e., from four years prior
to our observation period). We count the number of jobs for which the candidate was considered

in the past before being considered for the focal vacancy.

Prior contacts in other roles. Sometimes search consultants contact candidates to chat about the
industry, to ask for referrals, and so forth. These calls or meetings are taken seriously and
diligently recorded by Execo. Consultants claim that they “need to keep connected to the good
candidates” because, “in order to be chosen by a client, we have to show that we are clued to the
best candidates.” We thus count the number of prior contacts between Execo and the candidate in

which the executive did not play a candidate role.

One drawback of the data is that they do not include complete data on human capital for all
candidates.” Even so, we have some candidate characteristics for a small subset of the sample;

these are described as follows.

Candidate has an MBA. This is a dummy variable that takes value 1 if the candidate has acquired
an MBA degree (and 0 otherwise).

Age. This variable measures the candidate’s age at the time of being considered for the job.

Women for whom we have these data are, on average, two years younger than men.

Current salary. This is the salary that the candidate reports to be earning when considered for the
focal position. In the subsample for which we have this information (2,829 out of 13,089

observations), women earn nearly £12,000 less per year than men.

? Even if such data were available, we would not be able to address the effect of unobserved factors in these
models. Only in the case of experiments where we could rely on blind screening (e.g., Goldin and Rouse
2000) or random assignment audit procedures (e.g. Pager et al. 2009) can this concern be addressed.
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Vacancy controls

Job salary. This variable records the maximum annual salary (in British pounds sterling, GBP)
that the client firm is willing to pay for the job. The amount is agreed upon between Execo and its

client before the search process begins.

Number of candidates considered. It is reasonable to expect that the probability of a given
candidate making it through the different stages of the hiring process depends on how many other

candidates are considered. We thus control for this number.

Execo—client prior relationship. This variable counts the number of searches that Execo

conducted for the client firm between January 2005 and the start of the focal job.

Client firm size. For each client firm, we used external databases to code the number of its
employees at the time in which the search took place. We were able to find company size for 96%
of our observations. Because this variable is skewed, we use its logarithm in the regressions;

however, the results do not change if we use the nonlogged value.

Advertised job. We use an indicator that takes value 1 only if the job is advertised, which it is for

26.4% of the vacancies.

Public-sector firm. Our interviews suggested that the search process is affected by whether or not
the client firm is in the public sector; therefore, we include an indicator that takes value 1 for
public-sector firms (and 0 otherwise). Execo does not record this information. Hence we used a
variety of external sources to find it, including databases (e.g., Datastream and Thomson Reuters)
and Internet searches of company websites. We were able to code this variable for 218 of the 219
vacancies. Note that firms coded as “public sector” can operate in a variety of industries. For
example, a government agency that regulates public health is classified as “public sector” for this

indicator and as “health industry” for industry indicators (whose description follows).

Executive board. We control for whether the job includes membership on the executive board of

the company.

Job title. We account for the type of job with a set of dummy variables, one each for
nonexecutive director, chief executive officer, chief financial officer, chief operating officer,
chief technology officer, chief investment officer, chief scientific officer, chief marketing officer,
chief information officer, partner, and “other C-level”. The last type includes jobs that Execo

categorizes as top management but are not easily classified within the usual C-level categories—
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for instance, “managing director” and “group director of strategic support”. For all regressions we

use the dummy with the largest number of observations (CEO) as the omitted category.

Industry. Execo codes the industries associated with the job for which the hiring firm is
recruiting. We include dummies for 15 industries: media (3.14% of the observations), information
technology (9.61%), pharmaceuticals (2.14%), agriculture (0.9%), finance (17.72%), professions
(12.48%), leisure (9.11%), engineering and manufacturing (13.71%), retail (15.01%), energy
(1.06%), infrastructure (6.93%), health (1.58%), education (0.43%), nongovernmental
organization (1.21%), and “other” (4.8%). In the regressions we use the dummy with the largest

number of observations (finance) as the omitted category.

Year controls. We use year dummies to control for exogenous factors (e.g., economic cycles) that
could affect the hiring process. Note that space limitations prevent our inclusion of industry and

year dummies in Table 1, but detailed information is available from the authors upon request.

Likelihood of candidates’ progressing through the pipeline

We first ask a simple question: Are women less likely than men to be hired for a job in this
setting? Model 1 in Table 2 estimates a logit model predicting the likelihood that a given
candidate is hired while including candidate and vacancy controls. We report odds ratios (ORs);
these indicate an increase in probability for values higher than 1 in a given variable, and a
corresponding decrease in probability for values lower than 1. Fewer than 1% of the candidates
initially considered are hired, and a woman’s likelihood of being hired is no different from a
man’s (OR = 1.108, p = 0.741). In separate analyses we estimated this model using a “rare
events” logit specification and found the same results. We also confirmed that there is no gender
difference when including vacancy fixed effects—that is, when men and women compete for the
same job. Women are thus as likely as men to be hired once they are considered for a job by
Execo. However, this final outcome could mask gender differences throughout the process. We

therefore disaggregate the final hiring decision into outcomes at different stages; see Figure 2."

[[ Insert Table 2 about here ]

' The number of observations for this analysis declines with each stage, since a given candidate can be
assigned an “interviewed by client” indicator only if interviewed by Execo in the prior stage. Of the
candidates who receive an offer, 87.6% accept it; there is no gender difference in the probability of
accepting an offer. We thus omit analyses for this last stage of the process. We remark that Execo does not
place a candidate in all vacancies. According to our interviewees, the average proportion of filled vacancies
in the retained search industry is around 50-60%. The percentage of filled vacancies in our sample is 51%.
Separate analyses reveal no substantial differences (with respect to proportion of female candidates, job
salary, or company size) between filled and nonfilled vacancies. The only significant difference is that
advertised jobs are more likely to be filled.
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Model 2 in Table 2 estimates a logit model predicting the likelihood that a candidate is
interviewed by Execo while controlling for individual and job characteristics. A few of the
control variables are significant. For example, a candidate is less likely to be interviewed when
there are more candidates considered for the role and also when the job is advertised. Candidates
who had more prior contacts with the search firm are more likely to be interviewed. Observe that
applicants (active candidates) are not disadvantaged with respect to candidates who are included
in the consideration set by Execo (passive candidates); in fact, applicants are more likely to be

interviewed (OR = 1.249, p = 0.034).

Consistent with Figure 2, women are less likely than men to be interviewed by Execo. The odds
ratio (0.741; p = 0.015) translates into an approximately 2.3% decrease in the likelihood of a
female candidate being interviewed, ceteris paribus.'’ Although statistically significant, the
magnitude of this decrease is not large. We ran a battery of tests to check the robustness of this
finding. First, we examined whether female candidates’ lower probability of being interviewed is
driven by women being considered for different jobs than men. For this purpose we estimate the
Execo interview model including job vacancy fixed effects, which holds all job characteristics
constant (Model 3 in Table 2). The odds ratio is still less than 1, which confirms that—even when
women are considered for the same job as men—they are less likely to be interviewed. Second,
search consultants may differ in their individual tendency to interview female candidates, which
could contribute to the observed results. Model 4 estimates the probability of a candidate being
interviewed while including consultant fixed effects (there are 47 consultants in the data set). The
odds ratio for women (0.772) is less than 1 and statistically significant at the 1% level (p =
0.007). So even when men and women are evaluated by the same search consultant, female
candidates are less likely to be interviewed. Consistent with this finding are separate analyses in
which we confirmed that the search consultant’s gender has no effect on the likelihood of a
woman being interviewed; in other words, there is no evidence of gender homophily in interview
decisions.' Finally, also in separate analyses, we estimated the Execo interview model including

client fixed effects and found the same substantive results. That is, women’s lower probability of

" This corresponds to an estimation of the marginal effect in a linear probability model (see Waguespack
and Sorenson 2011). In separate analyses we also calculated the changes in predicted probability of being
interviewed while using different combinations of the predictors (a candidate considered for a CEO role
who had not been placed before, etc.). The resulting decrease in the likelihood of a woman (rather than a
man) being interviewed is similar to that expressed by the marginal effect. All these results are available
from the authors.

2 Of the 47 consultants, we have gender information for only 30 (19 men and 11 women). Controlling for
the search consultants’ gender thus reduces the number of observations, but all our main results do not
change.
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being interviewed is not driven by clients’ unobserved characteristics (e.g. demographic

composition of the client firm’s top management team).

The result that women are less likely to be interviewed by Execo is thus robust to a number of
statistical specifications. However, a plausible reason for this effect is the existence of quality
differences between male and female candidates. It is very difficult to rule out this explanation
because there are many unobservable and ambiguous dimensions that consultants use to evaluate
members of this highly qualified group of candidates. For a subset of the sample we have
information on age, current salary, and whether or not the candidate has an MBA. It turns out that
these measures are poor predictors of a search consultant’s decision to interview a candidate for
top management jobs. For both men and women there is no difference in age, possession of an
MBA, or current salary for candidates who are interviewed versus those who are not interviewed.
Nonetheless, in separate analyses (available from the authors) we introduced these variables as
controls in the Execo interview model (Model 2 in Table 2). Doing so severely reduces the
number of observations: from 12,552 to 1,684. The female odds ratio becomes 0.673 (as
compared with 0.792 without those controls) but is not statistically significant. In further analyses
we found that the nonsignificance of the coefficient for women is not due to any substantive
effect of the controls but rather to the lower number of observations included in the estimation."
Although this analysis suggests that candidates’ observed quality is probably not the only factor
driving the lower female interview rate, we cannot completely rule out that there may be some
unobserved differences between male and female candidates. Yet even if there were such

differences, they would translate into a small difference in the likelihood of being interviewed.

Once candidates have made it through the interview with Execo, we examine their probability of
being interviewed by the client (Model 5) and receiving an offer (Model 6). In both cases the
odds ratio for females is greater than 1 but not statistically significant. In separate analyses we
estimated these models using a selection correction to account for the fact that candidates can be

interviewed by the client or receive an offer only if they made it through the previous stage.'* In

1 We did so by estimating Model 2 in Table 2 (without human capital controls) on the sample for which we
do have human capital controls (1,684 observations). The odds ratio for women (0.668, p = 0.094) is of
almost exactly the same magnitude and level of significance as when those controls are included. This
result suggests that such controls have no substantive effect on our results.

'* Because the dependent variables for both stages are dichotomous, at the client interview stage we
estimated bivariate probit models with selection—a version of the Heckman (1979) selection model for a
dichotomous dependent variable. The selection equation predicts whether the candidate was interviewed by
Execo. Observe that this estimation is hampered because the model is only weakly identified off of the
nonlinearity of the selection effect. In order to obtain better estimates, we would have to define
instruments—variables that by assumption affect the selection stage, but not the substantive stage. Yet
because the later-stage screeners rely on the same factors used at the earlier stages, it would be extremely
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both cases the results do not change and the selection term is not significant. The results in
Table 2 thus indicate that women are slightly less likely to advance through the process at one
stage only: that is, where the search firm decides whom to interview. Once women make it to the
interview with a search consultant, there is no gender disadvantage. Women are also not

disadvantaged in terms of final placement.

Self-steering or bending at the interview stage?

The result that women are less likely to make it through the first filter of the executive search
firm—but not thereafter—is consistent with hiring studies at lower levels of the labor market,
which have found demand-side gender sorting only at the very beginning of the process (see e.g.
Fernandez and Mors 2008; Fernandez-Mateo and King 2011). However, previous studies have
examined only active candidates (i.e., job applicants), who by definition were interested in the
position. At the very top of the labor market managed by search firms, most of the initially
considered candidates are passive and so it is feasible that they refuse to interview when first
approached by the search firm. If the likelihood of such refusal is higher for female candidates,
then this would constitute evidence of self-steering; if that greater likelihood is due to decisions
made by the search firm, however, then we would have evidence of search consultants bending

the pipeline against female candidates.

As mentioned previously, when a candidate is not interviewed by Execo, we generally know if it
is because he/she was “not suitable” or “not interested.” Search consultants typically phone
candidates in the consideration set in order to assess their suitability for the role and their
willingness to go forward with an interview. If a candidate refuses to pursue the search
consultants classify him/her as “not interested,” while candidates who are deemed not appropriate

for the job are classified as “not suitable.”"” Because Execo’s consultants sometimes fail to record

difficult to identify such instruments in this setting. For the offer stage we were unable to estimate the
bivariate probit model because the model did not converge (we also have the same issue of lack of
appropriate instruments). This problem is a common one when working with large data sets and multiple
variables because the maximum likelihood formulation is computationally complex (Baum 2006). As an
alternative, we estimated the computationally simpler traditional two-step Heckman procedure while
treating the dependent variable as continuous; this method has been shown to produce unbiased point
estimates (Gujarati 1995). The selection equation is whether the candidate was interviewed by the client.

' Although some candidates may be classified as “not suitable” without receiving a call, search consultants
only register the code given to the candidate — not any details about the phone calls they make. It is
plausible that all search consultants do not apply the exact same criteria when classifying candidates as “not
suitable” versus “not interested.” Although we have no evidence that this is the case, coding differences
across consultants might introduce some error. However, in separate analyses we confirmed that the pattern
of results shown in Table 3 is substantively unchanged even within consultant. This suggests that potential
inconsistencies in coding procedures across consultants are unlikely to be a concern for our analysis.
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this information, there are missing data for these variables (2,242 observations out of 13,089; see
Table 1 for descriptive statistics). In separate analyses we examined the determinants of a given
observation having missing data; we found that it is less likely for women, for candidates who
applied for the job, and for jobs that are more highly paid. We are unable to establish why search
consultants do not record this information, since our interviewees simply attribute the oversight to
a lack of diligence. Nevertheless, we have no reason to suppose that consultants’ diligence on this

score is a function of whose decision it was not to proceed.

There are three possible outcomes for any given candidate who is considered for a job:
interviewed; not interested, or not suitable. We therefore model this process using a multinomial
logit specification with errors clustered by candidate and with “Execo interview” as the base
category. The results of this regression are reported in Table 3. The relative risk ratios for the
female coefficient are greater than 1 and statistically significant in both cases. The implication is
that female candidates are more likely to be “not interested” in an interview and to be considered
“not suitable” by search consultants. Table 3 includes all candidates, but we obtained the same
results when restricting the analysis to nonapplicants (passive candidates). Thus it seems that both
self-steering and pipeline bending occur at the interview stage. In separate analyses we confirmed
that there are no statistically significant patterns at later stages of the process. This result is
consistent with the lack of gender differences at the client interview and offer stages presented

above.
[[ Insert Table 3 about here ]

We cannot be sure why women are more likely to decide not to participate in the process; it could
be for any number of the supply side reasons discussed above, including self-steering in
anticipation of demand-side discrimination. With regard to the search firm’s decision, we are
unable to deduce from the quantitative data why search consultants are more likely to consider
women than men to be not suitable for an interview. Although quality differences are not
mentioned by our interviewees, they might play a role. Our informants’ explanation hints at their
tendency to be conservative when screening candidates - so as to make sure the client will be
pleased. This tendency is revealed in the following comment, which is typical: “we are very
conservative, quite risk-averse, so we tend to put forward people with a proven track record,
rather than the non-traditional diversity candidate.” Having said that, the magnitude of this effect
is not large; it corresponds to a 3.6% higher probability of being classified as “not suitable” for
women— when compared to being interviewed. Therefore it is difficult to envision how exactly

search consultants’ decision-making process operates in this regard. Establishing the cognitive
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mechanisms that drive this finding would require experimental data. Still, the evidence is clear:
the lower interview rate for women in this setting results from both supply-side and demand-side

processes. e

Discussion and Conclusions

Using novel proprietary data from an executive search firm, this paper examines the sources of
women’s underrepresentation in hiring for top management jobs. We find that, contrary to
expectations, the role of demand-side screeners in producing gender disadvantage is limited.
While women are a low proportion of candidates considered for these roles, a set of
counterfactual comparisons indicate that the search firm actually increases the proportion of
female candidates with respect to supply-side application choices. Also, women are no less likely
than men to be hired once they are included in a candidate pool—although women are less likely
to be interviewed at the very start of the hiring process. Both supply-side and demand-side
choices contribute to women’s early disadvantage, but neither has an effect in later stages of the
hiring pipeline. Our findings have both empirical and theoretical implications for research on

gender inequality; we discuss each of these in turn.

Both public discourse and extant academic literature on executive hiring identify search firms as a
key actor keeping women out of top management jobs (Dreher et al. 2011; Bonet et al. 2013). At
the same time, search firms pay considerable attention to meeting their clients’ needs, and social
and institutional pressures to increase gender diversity among top managers have increased in the
last few years (Felix 2012). These trends suggest that it would be possible for search firms to
“bend the pipeline” in ways that advantage women as well."” So far, however, such expectations
have been based on purely anecdotal evidence. More generally, the few studies using any type of
top management data to examine gender inequality have been able to observe only its outcome—
that is, the proportion of men versus women actually hired for top jobs (Bertrand and Hallock

2001; Huffman et al. 2010). This paper offers the first systematic empirical evidence on hiring

' In separate analyses we found additional evidence of demand-side behavior contributing to the lower
female interview rate; we did this by examining search consultants’ variation in the probability of
interviewing women for different types of clients. In particular, search consultants are not less likely to
interview women for public-sector clients. This result is robust to candidate fixed effects—in other words,
the same woman is more likely to be interviewed when the job is for a public-sector firm than when it is
not. The result holds also when we control for consultant fixed effects. There is thus evidence that search
consultants adjust their behavior when searching for certain types of clients and that such behavior is
independent of candidates’ observed (or unobserved) quality.

17 A recent survey of the boards of 108 S&P 500 firms (Spencer Stuart 2014) reports that 71% of them state
that their board is actively looking for female directors. In fact, some large search firms have begun to
advertise their experience in placing women (e.g., “Spencer Stuart marks milestone: 1000th female board
placement,” https://twitter.com/SpencerStuView/status/321993759451672577).
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pipelines for top management jobs. The findings show a striking lack of strong gender
differences, which is unexpected in light of the widespread assumption that women experience

significant disadvantage in recruitment processes for executive roles.

Although women are a minority of candidates in the search firm’s database, prior work has not
considered how low one should expect this proportion to be. Our comparison of female
representation in Execo’s database versus that in two external baselines shows that the proportion
of women in the executive labor market appears to be lower, especially among active candidates
for top management roles. The limited supply of female candidates translates into a low
proportion of women hired, even though gender differences throughout the screening process are
small. To make empirical progress on our understanding of gender inequality at the top of the
labor market, it is therefore crucial to assess gender outcomes with respect to appropriate
baselines of comparison. Comparing Execo’s candidates with two other external datasets allows
us to do so. Along these lines, we point out that another baseline for assessing how search firms
shape gender outcomes is to consider what outcomes would have been observed had they not
mediated the search process. Our research design does not permit fully settling this question,
since the only data we have are from searches in which the headhunter was engaged by the client.
However, we can provide some indication of these counterfactual outcomes by comparing job

searches filled by Execo with those filled by other means.

As mentioned above, Execo does not place a candidate in nearly half (49 percent) of the
vacancies for which it engages in a search. Given that clients work with only one search firm at a
time, it is safe to assume that the focal vacancies not filled by the search firm were filled directly
by the client. We investigated whether those hired through Execo are more or less likely to be
women than are those hired directly by the client. Since we have the name of the client firm, the
job title, and the search date, we could perform Internet searches to identify the individuals who
were eventually placed in the jobs not filled by Execo. We used online sources to identify
individuals who ended up holding the job for which the client company performed a search. We
also used press releases and newspaper articles, annual reports, and public records that UK
companies must submit when appointing board members. We were able identify individuals who
held the job for 89 out of the 107 vacancies not filled through Execo. We classify the outcomes of
these searches as “external hire” (if somebody was hired from the outside, without the search firm
involved) or “internal hire” (if an internal candidate was hired or promoted, or if the incumbent
stayed in the job). We then compared the percentage of women for these categories with the

percentage of vacancies in which Execo placed a woman. Execo placed a female candidate in
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12.5% of the vacancies on average;18 in contrast, for those vacancies that Execo did not fill, the
percentage of female hires was only 6.7% —a figure that reflects 9.4% female hires for jobs that
were filled by the client with an external candidate, and 0% for those filled with an internal
candidate. Thus candidates hired though the search firm are more likely to be women than those
hired externally by the client, which in turn are more likely to be women than are internal hires.
We have no data that would allow us to reliably establish why this is so, but the comparison
reinforces our finding that the role of search firms in gender inequality has probably been

overstated in the literature.

Beyond providing much-needed empirical evidence on recruitment at the top of the labor market,
this study has two theoretical implications. First, we identify the importance of distinguishing
between the self-steering and pipeline-bending behaviors that underlie (respectively) the supply-
and demand-side mechanisms of hiring inequality. Although extant research acknowledges that
processes on both sides of the market might contribute to women’s underrepresentation in certain
jobs, it rarely attempts to disentangle their relative contributions (for exceptions, see Barbulescu
and Bidwell 2013, Fernandez and Campero 2015). A crucial problem is that of job seekers
anticipating demand-side discrimination: if pre-emptive self-steering is at play, then individual
behaviors that look like supply choices may instead be due—at least in part—to demand-side
processes (Goldsmith et al. 2004; Pager and Pedulla 2015). Our paper makes some progress on
this front by exploiting a feature of the executive labor market that is atypical of most other
employment settings: most candidates do not apply for jobs. Studying differences between active
and passive candidates gives us theoretical traction to identify the elusive phenomenon of gender-
based self-steering in ways that have not been possible before. In other words, we point out the
importance of identifying appropriate counterfactuals: what supply-side choices might look like
when candidates’ actions are not shaped by their expectations of how demand-side actors may
behave during the screening process. Only in this way can we make further progress on that

important theoretical question.

Second, we highlight the theoretical relevance of studying hiring as a process rather than an
outcome. If we had measured hiring outcomes only at the end of the process in this setting — as
most research still does - all we would know is that women are a low proportion (13%) of the

hired candidates. Without any more information on the pool of initially considered candidates and

' Our sample includes 112 vacancies in which a candidate is placed but also 114 placed candidates. The
reason is that one of the vacancies—for nonexecutive directors of a government agency—was filled by
three individuals (two females and one male). We coded this vacancy as “Execo placed a female
candidate”. This is why, even though Execo placed at least one woman in 12.5% of the vacancies, women
account for 13% of the placed candidates.
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their progress through the pipeline, one would be led to conclude that demand-side screeners play
a substantial role in gender inequality. Yet a thorough analysis of the hiring pipeline paints a

different picture.

The empirical and theoretical contributions just described are important not only because they
expand our academic understanding of gender inequality in the executive labor market but also
because they have significant policy implications for how best to tackle this problem. The
widespread assumption that headhunters are instrumental in keeping women out of top
management has, in some countries, called for the explicit regulation of search firms’ practices—
for example, requiring them to include a certain percentage of women on their short lists.'” Our
findings indicate that, though such an approach may be sensible for a variety of reasons, we must
acknowledge that the problem of gender inequality at the top starts lower down in the hierarchy.
In other words: by the time women have made it to the executive labor market, the role of
demand-side hiring agents may be less influential than has been supposed. Their role also seems
to be limited at the very beginning of the hiring process, before the client is involved in screening
candidates and before shortlists are assembled. This observation is consistent with prior research
on hiring and gender segregation (e.g., Fernandez and Mors 2008; Fernandez-Mateo and King
2011) and underscores the necessity of any proposal for intervening in the search process to do so
at the very start of the hiring pipeline. However, most current discussions on this issue focus on

the composition of short lists (i.e., the set of candidates presented to the client).

Of course, our study is not without limitations. First, even though we have shown that screeners
in this setting tend to increase the proportion of women with respect to their rates of application,
we are hard pressed to fully identify the “true” set of potential candidates qualified to be
considered for these roles. In other words, the supply of passive female candidates may be larger
than the set of those that make it into search consultants’ databases. This would imply that self-
steering is even more of an issue than what our data suggest, but also that demand-side screeners
may still be underrepresenting women with respect to what they could possibly do. It would be
ideal to have a baseline of how many women are qualified for these positions in the absence of
bias on either the supply or demand sides. We attempted to address this issue by using data from
the UK Labor Force Survey, but the scope of these data are limited and so more research is

needed to identify this hypothetical candidate pool.

19 See “Vince Cable Considers All-Female Shortlists for City Firms’ Top Jobs,” The Guardian, March 4,
2014.
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Second, our analysis is confined to behavioral outcomes: we study what actors do and how they
do it, but we do not examine why they do it. We are thus following Reskin’s (2003) suggestion to
identify the actionable mechanism which produce inequality. Although our interviews provided
some interpretations of search consultants’ actions, in the end one cannot identify the
psychological mechanisms that drive search consultants’ and candidates’ behavior by using
archival and interview data. For example, a relevant question is why these very highly qualified
women sometimes refuse to be considered for top management positions. Research in progress
(using archival, survey and laboratory evidence) indicates that women’s experiences of being
rejected for executive jobs may shape their views of the hiring process and contribute to them
refusing interviews in the future (Brands and Fernandez-Mateo 2015). Similar studies could be
done to establish the reasons why search consultants are less likely to interview women; such
reasons might include implicit bias and/or anticipation of client preferences — e.g. if consultants
are less likely to select women because they believe that female candidates are a “riskier choice

(cf. Fernandez-Mateo and King 2011).

Our research approach reflects a trade-off between broad data across many settings and detailed
information on one particular company. Although the executive search firm whose data we use is
typical of others in the retained search sector, the extent to which our findings generalize to other
settings can be established only by collecting data from a representative sample of search firms.
That being said, we can offer another bit of relevant evidence on the extent of bending in the
hiring pipeline for CEOs over a comparable period collected from another large search firm (see
Figure Al in the Appendix). Although in that context we lack the detailed information on controls
that are available in the Execo case, it is noteworthy that a very similar descriptive pattern
emerges when using this second data source. Here, too, we find little evidence of the screening
process bending the CEO pipeline against women. And just as in the case of Execo, the only
stage of the process at which the percentage of women drops at all is at the search firm interview.
We can only speculate regarding why this might be the case. But what we can say with assurance

is that the magnitude of the effect produced by those unobserved processes is modest.

While the specific magnitude of the findings may vary, the approach and mechanisms to which
we call attention should be applicable to the general context of hiring. Given the increased
frequency of recruiting top executives from the external labor market (Cappelli and Hamori 2005;
Bidwell and Mollick 2014), it is important to understand how such recruitment shapes gender
outcomes. Especially in light of the paucity of available quantitative evidence in this context,

additional studies that follow our approach are needed if theoretical progress is to be made on the
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issue of gender inequality in top jobs. Whether or not the processes we identify also operate in
internal selection processes is an open empirical question. In particular, more evidence is needed
on whether searches handled by search firms are somehow different from those that firms
perform directly. On the one hand, companies that seek to increase gender diversity, particularly
for jobs in functions in which women are in short supply (e.g., in engineering and operations),
may be more likely to use search firms. If so, then our study would represent a lower bound of
gender inequality in hiring for executive roles. On this note, several of the consultants that we
interviewed suggested that clients often hire them to perform “diversity searches.” These
consultants believe that it is more feasible for them to explicitly consider gender as a search
criterion than it would be for Human Resource Managers. On the other hand, if offering the
search to a headhunter is a way for some firms to “outsource bias”, then our results would be a
conservative estimate of the overall level of gender inequality in hiring for top management
positions. Either way, assessing the relative importance of supply-side and demand-side factors—
as we have done here—should prove a fruitful avenue for future research both within and across
firms. Hence we hope to open up new avenues for understanding the drivers of gender inequality

at the top of the corporate ladder.

28

Page 28 of 41



Page 29 of 41 Management Science

References

Acker, J. 1990. Hierarchies, Jobs, Bodies: A Theory of Gendered Organizations. Gender &
Society 4 (2): 139-158.

Adams, R.B., P. Funk. Beyond the Glass Ceiling: Does Gender Matter. Management Science 58
(2):219-235.

Ahern, K.R., A K. Dittmar. 2012. The Changing Value of the Boards: The Impact on Firm
Valuation of Mandated Female Board Representation. Quarterly Journal of Economics 127:
137-197.

Armstrong, J., S. Walby. 2012. Gender Quotas in Management Boards. Report to the European
Parliament’ Committee on Gender Equality.

Association of Executive Search Consultants. 2011. Retained and Contingency Executive Search:
The Key Differences. White paper, AESC, New York.
http://members.aesc.org/eweb/upload/Retained%20and%20Contingency Text%20version.pdf

Azmat, G., B. Petrongolo. 2014. Gender and the Labor Market: What Have We Learned From
Field and Lab Experiments? Labour Economics 30:32-40.

Barbulescu, R., M. Bidwell. 2013. Do Women Choose Different Jobs From Men? Mechanisms of
Application Segregation in the Market for Managerial Workers. Organization Science
24(3):737-756.

Barnett, W.P., J. N. Baron, T. E. Stuart. 2000. Avenues of Attainment: Occupational Demography
and Organizational Careers in the California Civil Service. American Journal of Sociology,
106: 88-144.

Barreto, M., M.K. Ryan, M.T. Schmitt. (eds.) 2009. The Glass Ceiling in the 21*' Century:
Understanding Barriers to Gender Equality. Washington, D.C.: American Psychological
Association.

Barsh, J., S. Devillard, J. Wang. 2012. The Global Gender Agenda. McKinsey Quarterly
(November):1-9.

Baum, C. F. 2006. Introduction to Modern Econometrics Using Stata. Stata Press, College
Station, TX.

Becker, Gary S. 1991. 4 Treatise on the Family. Enlarged Edition. Cambridge, MA: Harvard
University Press.

Belliveau, M. 2005. Blind Ambition? The Effects of Social Networks and Institutional Sex
Composition on the Job Search Outcomes of Elite Coeducational and Women’s College
Graduates. Organization Science 16 (2):134-150.

Bertrand, M., K. Hallock. 2001. The Gender Gap in Top Corporate Jobs. Industrial and Labor
Relations Review 55: 3-21.

Bertrand, M., S.E. Black, S. Jensen, A. Lleras-Muney. 2014. Breaking the Glass Ceiling? The
Effect of Board Quotas on Female Labor Market Outcomes in Norway. National Bureau of
Economic Research Working Paper 20256.

Betz, M., L. O’Connell. 1989. Work Orientation of Males and Females: Exploring the Gender
Socialization Approach. Sociological Inquiry 59 (3):318-330.

Bidwell, M. 2011. Paying More to Get Less: The Effects of External Hiring versus Internal
Mobility. Administrative Science Quarterly 56(3): 369-407.

29



Management Science Page 30 of 41

Bidwell, M., E. Mollick. 2014. Shifts and ladders: Comparing the role of internal and external
mobility in executive careers. Wharton School of Management Working paper.

Bielby, D.D., W.T. Bielby. 1984. Work Commitment, Sex Role Attitudes, and Women's
Employment. American Sociological Review 49 (2): 234-247.

. 1988. She Works Hard for the Money: Household Responsibilities and the Allocation of
Work Effort. American Journal of Sociology 93 (5): 1031-1059.

Blau, F.D., M.C. Brinton, David B. Grusky (eds.). 2006. The Declining Significance of Gender?
New York: Russell Sage Foundation.

Bonet, R., P. Cappelli, M. Hamori. 2013. Labor Market Intermediaries and the New Paradigm for
Human Resources. The Academy of Management Annals, 7: 341-392.

Brands, R., I. Fernandez-Mateo. 2015. Gender Differences in Responses to Rejection in
Executive Recruitment. London Business School Working Paper.

Brett, .M., and L. K. Stroh. 1997. Jumping Ship: Who Benefits from an External Labor Market
Career Strategy? Journal of Applied Psychology, 82: 331-341.

Cappelli, Peter, M. Hamori. 2005. The New Road to the Top. Harvard Business Review, 83: 25-
32.

. 2014. Understanding Executive Job Search. Organization Science 25 (5):1511-1529.

Cardoso, A.Rute, R. Winter-Ebmer. 2010. Female-Led Firms and Gender Wage Policies.
Industrial and Labor Relations Review 64: 143-163.

Carli, L.L., A.H. Eagly. 2001. Gender, Hierarchy, and Leadership: An Introduction. Journal of
Social Issues 57 (4):629-636.

Castilla, E.J. 2008. Gender, Race and Meritocracy in Organizational Careers. American Journal
of Sociology 113 (6):1479-1526.

Catalyst. 2013. Catalyst 2013 Census of Fortune 500: Still No Progress After Years of No
Progress. http://www.catalyst.org/media/catalyst-2013-census-fortune-500-still-no-progress-
after-years-no-progress.

Cejka, M.A., A H. Eagly. 1999. Gender-Stereotypic Images of Occupations Correspond to the
Sex Segregation of Employment. Personality and Social Psychology Bulletin 25 (4):413—423.

Cohen, L.E., J. P. Broschak, H. A. Haveman. 1998. And Then There Were More? The Effect of
Organizational Sex Composition on the Hiring and Promotion of Managers.” American
Sociological Review, 63: 711-727.

Cohen, P.N., M.L. Huffman. 2007. Working for the Woman? Female Managers and the Gender
Wage Gap. American Sociological Review 72: 681-704.

Colaco, H.M.J., P. Myers, M. Reiss Nitkin. 2011. Pathways to Leadership: Board Independence,
Diversity and the Emerging Pipeline in the United States for Women Directors. International
Journal of Disclosure and Governance 8:122-147.

Correll, S.J. 2001. ‘Gender and the Career Choice Process: The Role of Biased Self-Assessments.
American Journal of Sociology 106: 1691-730.

. 2004. Constraints into Preferences: Gender, Status, and Emerging Career Aspirations.
American Sociological Review 69 (1):93-113.

Correll, S.J., S. Benard. 2006. Biased Estimators? Comparing Status and Statistical Theories of
Gender Discrimination. Advances in Group Process 23:89-116.

30



Page 31 of 41

Management Science

Dezso, C.L., D.G. Ross. 2012. Does Female Representation in Top Management Improve Firm
Performance? A Panel Data Investigation. Strategic Management Journal 33: 1072-1089.

DiPrete, T., W. T. Soule. 1988. Gender and Promotion in Segmented Job Ladder Systems.
American Sociological Review, 53: 26-39.

Dreher, G. F., Lee, J.-y., T. A. Clerkin. 2011. Mobility and Cash Compensation: The Moderating
Effects of Gender, Race, and Executive Search Firms. Journal of Management, 37: 651-681.

Eagly, A.H., L.A. Carli. 2007. Through the Labyrinth: The Truth About How Women Become
Leaders. Boston, MA: Harvard Business School Press.

Eagly, A.H., S.J. Karau. 2002. Role Congruity Theory of Prejudice Toward Female Leaders.
Psychological Review 109 (3):573-598.

EHRC. 2012. http://www.equalityhumanrights.com/uploaded_files/research/rr85_final.pdf.

Farrell, W. 2005. Why Men Earn More: The Startling Truth Behind the Pay Gap — And What
Women Can Do About It. New York: American Management Association.

Felix, P.M. 2012. Advancing Board Diversity: Search Firms Can Do More. Directors & Boards
36: 27.

Fernandez, R.M. M. Abraham. 2010. From Metaphors to Mechanisms: Gender Sorting in(to) an
Organizational Hierarchy. MIT Sloan Research Paper No. 4779-10.

2011. Glass Ceilings and Glass Doors? Internal and External Hiring in an Organizational
Hierarchy. MIT Sloan Research Paper No. 48950-11.

Fernandez, R.M., S. Campero. 2015. Gender Sorting and the Glass Ceiling in High Tech.
Working paper, MIT Sloan School of Management.

Fernandez, R.M, C. Friedrich. 2011. Gender Sorting at the Application Interface. Industrial
Relations 50: 591-609.

Fernandez, R.M., M. L. Mors. 2008. Competing for Jobs: Labor Queues and Gender Sorting in
the Hiring Process. Social Science Research, 37: 1061-1080.

Fernandez, R.M., L.M. Sosa. 2005. Gendering the Job: Networks and Recruitment at a Call
Center. American Journal of Sociology 111: 859-904.

Fernandez, R.M., N. Weinberg. 1997. Sifting and Sorting: Personal Contacts and Hiring in a
Retail Bank. American Sociological Review 62: 883-902.

Fernandez-Mateo, 1., Z. King. 2011. Anticipatory Sorting and Gender Segregation in Temporary
Employment. Management Science 57: 989-1008.

Fernandez-Mateo, 1., M. Coh. 2015. Coming with Baggage: Past Rejections and the Evolution of
Market Relationships. Forthcoming in Organization Science.

Finlay, W., J.E. Coverdill. 2002. Headhunters: Matchmaking in the Labor Market. Ithaca, N.Y:
Cornell University Press.

Foschi, M. 2000. Double Standards for Competence: Theory and Research. Annual Review of
Sociology 26:21-42.

. 2009. Gender, Performance Level, and Competence Standards in Task Groups. Social
Science Research 38:447-457.

Foschi, M., J. Valenzuela. 2012. Who is the Better Applicant? Effects From Gender, Academic
Record, and Type of Decision. Social Science Research 41:949-964.

31



Management Science Page 32 of 41

Goldin, C., C. Rouse. 2000. Orchestrating Impartiality: The Impact of “Blind” Auditions on
Female Musicians. American Economic Review, 90: 715-741.

Goldsmith, A.H., S. Sedo, W. Darity Jr., D. Hamilton. 2004. The Labor Supply Consequences of
Perceptions of Employer Discrimination During Search and On-The-Job: Integrating
Neoclassical Theory and Cognitive Dissonance. Journal of Economic Psychology 25:15-39.

Gorman, E., J. Kmec. 2009. Hierarchical Rank and Women’s Organizational Mobility: Glass
Ceilings in Corporate Law Firms. American Journal of Sociology 114 (5):1428-1474.

Granovetter, M.S. 1995. Getting a Job: A Study of Contacts and Careers. 2nd edition. University
of Chicago Press.

Gregory-Smith, 1., B.G.M. Main, C.A. O’Reilly III. 2013. Appointments, Pay and Performance in
UK Boardrooms by Gender. The Economic Journal 124:F109-F128.

Gujarati, D.N. 1995. Basic Econometrics, 3" McGraw-Hill, New York.

Hamori, M. 2010. Who Gets Headhunted - and Who Gets Ahead? The Impact of Search Firms on
Executive Careers. Academy of Management Perspectives, 24: 46-59.

Harris, D., C. Helfat. 1997. Specificity of CEO Human Capital and Compensation. Strategic
Management Journal, 18: 895-920.

Hassink, W.J., G. Russo. 2008. Wage Differences Between Internal and External Candidates.
International Journal of Manpower 29 (8):715-730.

. 2010. The Glass Door: The Gender Composition of Newly-Hired Workers Across
Hierarchical Job Levels. IZA Discussion Paper 4858. Bonn: 1ZA.

Heckman, J. 1979. Sample Selection Bias as a Specification Error. Econometrica, 47(1): 153-161.

Heilman, M.E. 1995. Sex Stereotypes and Their Effects in the Workplace: What We Know and
What We Don't Know. Journal of Social Behavior and Personality, 10(6): 3-26.

. 2001. Description and Prescription: How Gender Stereotypes Prevent Women’s Ascent
Up the Organizational Ladder. Journal of Social Issues 57 (4):657-674.

Herring, C. 2009. Does Diversity Pay? Race, Gender, and the Business Case for Diversity.
American Sociological Review, T4: 208-224.

Hom, P.W., L. Roberson, A.D. Ellis. 2008. Challenging Conventional Wisdom About Who
Quits: Revelations From Corporate America. Journal of Applied Psychology 93 (1):1-34.

Huffman, M.L., P. N. Cohen, J. Pearlman. 2010 Engendering Change: Organizational Dynamics
and Workplace Gender Desegregation, 1975-2005. Administrative Science Quarterly, 55: 255-
277.

Jupina, A. 1992. The Handbook of Executive Search Research: A How-To Guide for Researchers,
Search Consultants, Corporate Recruiters and Line Executives. Fitzwilliam, New Hampshire:
Kennedy Publications.

Kanter, R.M. 1977. Men and Women of the Corporation. New York: Basic Books.

Khurana, R. 2002. Searching for a Corporate Savior: The Irrational Quest for Charismatic
CEQO:s. Princeton University Press, Princeton, NJ.

Kurtulus, F.A, D. Tomaskovic-Devey. 2012. Do Female Top Managers Help Women to
Advance? A Panel Study Using EEO-1 Records. The Annals of the American Academy of
Political and Social Science 639: 173-197.

32



Page 33 of 41

Management Science

Lazear, E. P., P. Oyer. 2004. Internal and External Labor Markets: A Personnel Economics
Approach. Labour Economics, 11:527-54.

Lyness, K.S., M.K. Judiesch. 1999. Are Women More Likely to be Hired or Promoted into
Management Positions? Journal of Vocational Behavior 54:158-173.

Marini, Margaret Mooney, and Mary C. Brinton. 1984. Sex Typing in Occupational Socialization.
Pp. 192-232 in Sex Segregation in the Workplace: Trends, Explanations, Remedies, edited by
Barbara Reskin. Washington, D.C.: National Academy Press.

Marini, Margaret Mooney., Pi Ling Fan and Erica Finley. 1996. “Gender and Job Values.”
Sociology of Education 69 (1):49-65.

Matsa, D.A., A.R. Miller. 2011. Chipping Away at the Glass Ceiling: Gender Spillovers in
Corporate Leadership. American Economic Review: Papers and Proceedings 101 (3):635-639.

.2013. A Female Style in Corporate Leadership? Evidence from Quotas. American
Economic Journal: Applied Economics 5(3): 136-69.

McCool, J. D. 2008. Deciding Who Leads: How Executive Recruiters Drive, Direct and Disrupt
the Global Search for Leadership Talent. Mountain View, CA: Davies-Black Publishing.

McDonald, S., G.H. Elder, Jr. 2006. When Does Social Capital Matter? Non-Searching For Jobs
Across the Life Course. Social Forces 85:521-549.

Moss-Racusin, C.A., J.F. Dovidio, V.L. Brescoll, M.J. Graham, J. Handelsman. 2012. Science
Faculty’s Subtle Gender Biases Favor Male Students. Proceedings of the National Academy of
Sciences 109 (41):16474-16479.

O’Leary, V. E. 1974. Some Attitudinal Barriers to Occupational Aspirations in Women.
Psychological Bulletin 81:809-26.

Osberg, L. 1993. Fishing in Different Pools: Job Search Strategies and Job finding Success in
Canada in the Early 1980s. Journal of Labor Economics 11:348-86.

Pager, D., D. S. Pedulla. 2015. Race, Self-Selection, and the Job Search Process. American
Journal of Sociology 120 (4):1-50.

Pager, D., B. Western, B. Bonikowski. 2009. Discrimination in a Low Wage Labor Market: A
Field Experiment. American Sociological Review, 74: 777-799.

Parrotta, P., N. Smith. 2013. Why So Few Women on Boards of Directors? Empirical Evidence
from Danish Companies 1997-2007. Working paper 1Z4 DP No. 7678.

Petersen, T., I. Saporta. 2004. The Opportunity Structure for Discrimination. American Journal of
Sociology, 109: 852-901.

Petersen, T., . Saporta, M. L. Seidel. 2000. Offering a Job: Meritocracy and Social Networks.
American Journal of Sociology, 106: 763-816.

Polachek, S. 1981. Occupational Self-selection: A Human Capital Approach to Sex Differences
in Occupational Structure. Review of Economics and Statistics 63: 60—69.

Ragins, B.Rose, B. Townsend, M. Mattis. 1998. Gender Gap in the Executive Suite: CEOs and
Female Executives Report on Breaking the Glass Ceiling. Academy of Management Executive
12 (1):28-42.

Reskin, B.. 2003. Including Mechanisms in Our Models of Ascriptive Inequality. American
Sociological Review 68:1-21.

33



Management Science

Reskin, B., P. Roos. 1990. Job Queues, Gender Queues: Explaining Women'’s Inroads into Male
Occupations. Philadelphia, PA: Temple University Press.

Ridgeway, C.L. 2011. Framed by Gender: How Gender Inequality Persists in the Modern World.
New York: Oxford University Press.

. 2014. Why Status Matters for Inequality. American Sociological Review 79 (1):1-16.

Roth, L.M. 2006. Selling Women Short: Gender and Money on Wall Street. Princeton: Princeton
University Press.

Rudman, L.A., P. Glick. 1999. Feminized Management and Backlash Toward Agentic Women:
The Hidden Costs to Women of a Kinder, Gentler Image of Middle Managers. Journal of
Personality and Social Psychology 77 (5):1004-1010.

. 2001. Prescriptive Gender Stereotypes and Backlash Toward Agentic Women. Journal of
Social Issues 57 (4): 743-762.

Sandberg, S. 2013. Lean In: Women, Work, and the Will to Lead. Random House Group.

Sardiello, T. 2011. Playing the Matching Game. An Institutional Analysis of Executive
Recruitment and Selection in Software Startups: Silicon Valley and Stockholm. Doctoral
Thesis in Sociology at Stockholm University, Sweden.

Schweitzer, L., E. Ng, S. Lyons, L. Korun. 2011. Exploring the Career Pipeline: Gender
Differences in Pre-Career Expectation. Relations Industrielles 66 (3): 422-444.

Shin, T. 2012. The Gender Gap in Executive Compensation: The Role of Female Directors and
Chief Executive Officers. The Annals of the American Academy of Political and Social
Science 639: 258-278.

Smith, N., V. Smith, M. Verner. 2011. The Gender Pay Gap in Top Corporate Jobs in Denmark:
Glass Ceilings, Sticky Floors or Both? International Journal of Manpower 32 (2):156-177.

. 2013. Why are So Few Females Promoted into CEO and Vice President Positions? Danish
Empirical Evidence, 1997-2008. Industrial and Labor Relations Review 66: 381-408.

Spencer Stuart. 2014. Spencer Stuart Board Index.
https://www.spencerstuart.com/~/media/PDF%20Files/Research%20and%20Insight%20PDFs
/SSBI2014web14Nov2014.pdf (retrieved 5/11/2015).

Srivastava, S.B., E. Sherman. 2015. Agents of Change or Cogs in the Machine? Reexamining the
Influence of Female Managers on the Gender Wage Gap. American Journal of Sociology 120:
1-31.

Subich, L.M., G. Barrett, D. Doverspike, R. Alexander. 1989. The Effects of Sex-Role-Related
Factors on Occupational Choice and Salary. Pp. 91-104 in Pay Equity: Empirical Inquiries,
edited by Robert T. Michael, Heidi Hartmann, and Brigid O’Farrell. Washington, D.C.:
National Academy Press.

Storvik, A.Elise., P. Schone. 2008. In Search of the Glass Ceiling: Gender and Recruitment to
Management in Norway’s State Bureaucracy. British Journal of Sociology 59 (4):729-755.

Tienari, J., S. Merilainen, C. Holgersson, R. Bendl. 2013. And Then There Are None: On the
Exclusion of Women in Processes of Executive Search. Gender in Management: An
International Journal 28 (1):43-62.

United States Government Accountability Office. 2010. Women in Management: Analysis of
Female Managers’ Representation, Characteristics, and Pay. Report GAO-10-892R.

34

Page 34 of 41



Page 35 of 41 Management Science

Waguespack D.M., Sorenson O. (2011). The Ratings Game: Asymmetry in Classification.
Organization Science 22(3): 541-553.

Williams, C.L. 1995. Still a Man’s World: Men Who Do “Women’s Work”. University of
California Press.

Women on Boards. 2011.
https://www.gov.uk/government/uploads/system/uploads/attachment_data/file/31480/11-745-
women-on-boards.pdf

Yap, M., A. Konrad. 2009. Gender and Racial Differentials in Promotions: Is There a Sticky
Floor, a Mid-Level Bottleneck, or a Glass Ceiling?. Relations Industrielles 64:593-619.

35



Management Science

Figure 1. Hiring pipeline at Execo

Consultant
Consultant/
Consultant client
Execo
Database/
Applicants
Consultant/
Consultant client
Consultant

Stage 1 Stage 2
219 vacancies 219 vacancies
13,089 observations 1,750 observations
10,970 candidates 1,636 candidates

Page 36 of 41

Client Client Candidate
Interview Offer
Client Client .

Interview > Offer Candidate
Stage 3 Stage 4 Stage 5
207 vac. 117 vac. 112 vac.
874 obs. 130 obs. 114 obs.
831 cands. 129 cands. 113 cands.

Note: The number of vacancies decreases at later stages of the process because clients sometimes decide to discontinue the search before it is finished.
Our interviews indicate that this can happen for a variety of reasons, which are usually related to the client’s organizational changes. Less often, the
search is discontinued because the client is unsatisfied with the short list presented by the search firm.
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Figure 2. Gender Composition Across Stages of the Hiring Pipeline
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36.84
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N=114

Note: This figure includes all observations in the data set. Owing to missing data on some client characteristics, the total number of observations for the

regression models is 12,552 (rather than 13,089). The corresponding figure for the sample with no missing data shows similar percentages for females across all
stages of the pipeline (respectively 11.02%, 9.02%, 9.00%, 10.08%, and 11.54%).
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Table 1. Summary of descriptive statistics

Candidate variables

. All Male Female
Variable N candidates candidates candidates
Dependent variables
Candidate interviewed by Execo 13,089 0.133 0.136 0.108**
Candidate interviewed by client 13,089 0.066 0.068 0.056"
Candidate receives an offer 13,089 0.009 0.009 0.010
Candidate “not interested” in interview 10,847 0.220 0.217 0.238"
Candidate “not suitable” for interview 10,847 0.618 0.615 0.636
Controls
Candidate applied for job 13,089 0.137 0.140 0.112*
Prior number of jobs considered 13,089 1.154 1.176 0.984*
Prior contacts in other roles 13,089 4.51 4.520 4.45
MBA 6,118 0.175 0.174 0.179
Age 8,077 46.52 46.71 44.57*
Current salary (GBP) 2,829 156,958 158,085 146,367*

Vacancy variables
Variable N Mean S.D.
Job salary (GBP) 219 185,204.1 96,096.6
Number candidates considered 219 59.76 42.07
Execo—client prior relationship (# jobs) 219 0.821 2.013
Client firm size (# employees) 201 19,024.04  55,489.22
Advertised job 219 0.264 0.442
Public-sector firm 218 0.123 0.330
Executive board 219 0.187 0.390
Nonexecutive director 219 0.059 0.236
Chief executive officer 219 0.356 0.479
Chief financial officer 219 0.305 0.461
Chief operating officer 219 0.077 0.268
Chief technology officer 219 0.022 0.149
Chief investment officer 219 0.013 0.116
Chief scientific officer 219 0.009 0.095
Chief marketing officer 219 0.054 0.228
Chief information officer 219 0.013 0.116
Partner 219 0.018 0.134
Other C-level 219 0.068 0.253

Notes: Descriptive statistics for candidate variables are calculated at the “individual by vacancy”
level (N = 13,089); this corresponds t010,970 individuals considered for 219 vacancies (since

some individuals are considered more than once). Differences between men and women:

*¥p < 0.01, *p <0.05, p<0.1.

Descriptive statistics for vacancy variables are calculated at the vacancy level (N =219).

GBP = British pounds sterling; S.D. = standard deviation. Descriptive statistics calculated at

the observation level (N = 13,089) are very similar and available from the authors.

38

Page 38 of 41



Page 39 of 41 Management Science

Table 2. Probability of candidates’ advancing through the hiring process (logit models — odd ratios reported)

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

Execo interview Execo interview
Hire Execo interview (vacancy FE) (consultant FE) Client interview Client offer

Female candidate 1.108 0.792* 0.741** 0.772%* 1.126 1.213
(0.345) (0.076) (0.074) (0.075) (0.210) (0.466)
Candidate applied for job 1.896" 1.249* 1.139 1.214" 0.583** 2.067*
(0.725) (0.131) (0.133) (0.128) (0.111) (0.758)
Candidate prior number jobs 0.997 1.025" 1.025 1.030" 0.985 0.985
(0.058) (0.015) (0.017) (0.016) (0.033) (0.068)
Candidate contacts other roles 1.018%* 1.008%** 1.010%* 1.0171%** 1.019%* 1.012
(0.007) (0.003) (0.004) (0.003) (0.008) (0.012)
Job salary (GBP) 1.000 1.000%** 1.000** 1.000 1.000
(0.000) (0.000) (0.000) (0.000) (0.000)
Number of candidates 0.986%** 0.992%%*%* 0.99]*** 0.950%** 0.807***
(0.004) (0.001) (0.001) (0.011) (0.048)
Execo—client prior relationship 1.012 0.984 0.979 1.050 0.993
(0.062) (0.017) (0.020) (0.034) (0.065)
Client firm size (logged) 1.042 1.025° 1.030" 1.072* 1.029
(0.059) (0.015) (0.018) (0.030) (0.059)
Advertised job 1.186 0.828* 0.791* 1.059 1.366
(0.433) (0.072) (0.084) (0.170) (0.490)
Public-sector firm 1.038 0.930 1.239 1.148 1.099
(0.485) (0.107) (0.189) (0.247) (0.532)
Executive board 1.281 0.895 0915 0.940 1.176
(0.597) (0.101) (0.125) (0.194) (0.584)
Constant 0.009%*%* 0.314%%* 0.953 0.179**
(0.005) (0.051) (0.295) (0.116)
Observations (V) 12,190 12,552 12,551 12,552 1,640 801

Notes: Robust standard errors (in parentheses) are clustered by candidate. All tests are two-tailed. All models include controls for job title,
industry, and year. FE = fixed effects; GBP = British pounds sterling.

wx%p < 0.001, **p < 0.01, *p < 0.05, p < 0.1
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Table 3. Probability of candidates being classified

“not interested” or “not suitable” (multinomial model — relative risk ratios reported)

Candidate
not interested not suitable

Candidate

Base (0) = Interview

Female candidate

Candidate applied for job
Candidate prior number jobs
Candidate contacts other roles
Job salary (GBP)

Number of candidates
Execo—client prior relationship
Client firm size (logged)
Adyvertised job

Public-sector firm

Executive board

Constant

Observations (N)

1.381%*
(0.159)

0.013%%*
(0.005)

1.015
(0.020)

0.994*
(0.004)

1.000%*
(0.000)

1.006%**
(0.001)

1.065%*
(0.022)

0.947%*
(0.018)

1.516%%*
(0.161)

1.734%%%
(0.248)

1.098
(0.154)

0.834
(0.170)

10,443

1.324%*
(0.134)

1.393%*
(0.153)

0.966*
(0.016)

0.984%#x
(0.004)

1.000%*
(0.000)

1.008**
(0.001)

1.032"
(0.019)

0.981
(0.016)

1.516%%*
(0.139)

1.052
(0.133)

1.505%%*
(0.177)

1.406*
(0.242)

10,443

Notes: Robust standard errors (in parentheses) are clustered by

candidate; all tests are two-tailed. All models include controls for job

title, industry, and year. GBP = British pounds sterling.
*¥p < 0.001, **p < 0.01, *p <0.05, p<0.1
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Appendix: Data from CEQO vacancies at “Large Search Firm”

Figure Al. Gender Composition Across Stages of the Hiring Pipeline for CEOs
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