
 

Abstract— This research explored the Exponentiated 

Generalized Inverse Exponential (EGIE) distribution to 

include more statistical properties and in particular, 

applications to real life data as compared with some other 

generalized models. 
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I INTRODUCTION 

The Inverse Exponential (IE) distribution is a life time 

model which is capable of modeling real life phenomena 

with bathtub failure rates. The model is a modification of 

the Exponential distribution as it accounts for a short-

coming of the Exponential distribution (a model with 

constant failure rate). The application of the model can be 

found in biology, engineering and medicine. Details about 

the IE distribution can be found in [1], [2], [3] and [4]. 

     Various generalized models have been proposed in 

recent years and their flexibilities over their baseline 

distributions when applied to real life data have been 

established. The Beta-Gompertz distribution, Weibull-

Exponential distribution, Transmuted Exponential 

distribution, Beta-Nakagami distribution and 

Kumaraswamy-Dagum distribution are notable examples in 

the literature. see [5], [6], [7], [8] and [9] respectively. 

Details about various classes of generalized distributions 

can be found in [10] and [11]. 

      

     Attempts to increase the flexibility of the IE distribution 

birthed the Generalized Inverted Exponential (GIE) 

distribution; [12], Exponentiated Generalized Inverted 

Exponential (EGIE) distribution; [13], Kumaraswamy 

Inverse Exponential (KIE) distribution; [14] and 

Transmuted Inverse Exponential (TIE) distribution; [15]. 

But, of interest to us in this research is the EGIE 

distribution. The reason being that, [10] demonstrated that 

the Exponentiated Generalized Gumbel (EGGu) distribution 

is more flexible than the Beta Gumbel and Kumaraswamy 

Gumbel distributions based on application to real life data. 
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This article is therefore aimed at demonstrating the 

usefulness of the EGIE distribution using three real life data 

in order to assess its flexibility over its sub-models and 

some other generalized models. 

 

 

II THE EXPONENTIATED GENERALIZED INVERSE 

EXPONENTIAL (EGIE) DISTRIBUTION 

The EGIE distribution was derived using the Exponentiated 

Generalized family of distributions due to [16]. The 

following models were also derived using the same concept; 

The Exponentiated Generalized Frechet distribution, 

Exponentiated Generalized Normal distribution, 

Exponentiated Generalized Gamma distribution, 

Exponentiated Generalized Gumbel distribution; see [16], 

Exponentiated Generalized Inverse Weibull distribution; 

[17] and Exponentiated Generalized Weibull distribution; 

[18]. 

     The cdf and the pdf of the EGIE distribution with 

parameters ,   and   are given by; 
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respectively 

For 0, 0, 0, 0x        

where;   and   are shape parameters whose role are to 

vary tail weights 

   is a scale parameter 

 

Further Properties of the EGIE distribution 

Some properties of the EGIE distribution are available in 

[13] but here, some further basic properties are provided in 

some details. 

 

Asymptotic Behavior 

The behavior of the cdf of the EGIE distribution is being 

investigated as x  . 

Lemma 1: It can be shown that for EGIE distribution, 

 lim 1
x

F x


   

 

On the Exponentiated Generalized Inverse 

Exponential Distribution 

Pelumi E. Oguntunde, Member, IAENG, Adebowale O. Adejumo, and Enahoro A. Owoloko 

Proceedings of the World Congress on Engineering 2017 Vol I 
WCE 2017, July 5-7, 2017, London, U.K.

ISBN: 978-988-14047-4-9 
ISSN: 2078-0958 (Print); ISSN: 2078-0966 (Online)

WCE 2017

brought to you by COREView metadata, citation and similar papers at core.ac.uk

provided by Covenant University Repository

https://core.ac.uk/display/85162305?utm_source=pdf&utm_medium=banner&utm_campaign=pdf-decoration-v1
mailto:pelumi.oguntunde@covenantuniversity.edu.ng
mailto:peluemman@yahoo.com
mailto:adejumo.adebowale@covenantuniversity.edu.ng
mailto:aodejumo@gmail.com


Proof: 
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Therefore; 
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Odds Function 

Odds function is derived by: 

 
 

 

F x
O x

S x
  

Therefore, the odds function for the EGIE distribution is 

given by: 
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Reversed Hazard Function 

This can be obtained from: 
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Therefore, the reversed hazard function for the EGIE 

distribution is given by: 
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III APPLICATION 

In this section, the EGIE distribution is applied to three real 

life datasets, the aim is to assess its flexibility over its 

baseline distribution and some other generalized models. 

The models compared in this research are; Kumaraswamy 

Inverse Exponential (KIE) distribution, Generalized Inverse 

Exponential (GIE) distribution and Inverse Exponential (IE) 

distribution. The model with the lowest Alkaike 

Information Criteria (AIC) or the largest Log-likelihood 

value is regarded as the best. The pdf of the models under 

study are given in Table 1; 

 

DATA I: The first data represents the real life times (in 

minutes) of patients receiving an analgesic. The data was 

given by [19]. The summary of the data is given in Table 2 

and the performances of the selected models are given in 

Table 3. 

 

DATA II: The second data set represents the life of fatigue 

fracture of Kevlar 373/epoxy subjected to constant pressure 

at 90% stress level until all had failed. The data has been 

previously studied by [20], [21] and [22]. The summary of 

the data is given in Table 4 and the performances of the 

selected models are given in Table 5. 

 

DATA III: The third data represents the number of million 

revolutions before failure for each of 23 deep groove ball 

bearings in the life tests. The data was given by [23]. The 

summary of the data is given in Table 6 and the 

performances of the selected models are given in Table 7. 

 

 

 

Table 1: The pdfs of competing models  

Models Pdf 

EGIE distribution 
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Table 2: Summary of data on relief times of patients 

n mean variance skewness kurtosis 

20 1.90 0.4958 1.5924 5.9241 

 

Table 3: Model Performance with respect to DATA I 

Models Estimates LL AIC 

EGIE 4.6762,

484.5728,

0.4869













 

-15.4 36.8 

KIE 0.0457,

20.7662,

134.9988













 

-17.1 40.2 

GIE 20.766, 6.171    -17.1 38.2 

IE 1.7247   -32.7 67.3 

 

Table 4: Summary of data on life of fatigue fracture of 

Kevlar 373/epoxy 

n mean variance skewness kurtosis 

76 1.9590 2.4774 1.9406 8.1608 

 

Table 5: Model Performance with respect to DATA II 

Models Estimates Log likelihood AIC 

EGIE 1

3

5

7.595 10 ,

1.446 10 ,

5.649 10











 

 

 

 

-153.6 313.2 

KIE 24.1684,

0.7904,

0.0216













 

-161.9 329.9 

GIE 0.79036,

0.52254








 

-161.9 327.9 

IE 0.62487   -163.1 328.2 

 

Table 6: Summary of data on ball bearings 

n mean variance skewness kurtosis 

23 72.23 1404.783 0.8812 3.4889 

 

Table 7: Model Performance with respect to DATA III 

Models Estimates LL AIC 

EGIE 2.0621,

27.2256,

10.7126













 

-115.3 236.6 

KIE 27.069,

5.314,

4.806













 

-113.5 233.1 

GIE 5.314,

130.096








 

-113.5 231.1 

IE 55.074   -121.7 245.5 

  

 

 

 

 

IV CONCLULSION 

The study on EGIE distribution has been successfully 

extended to include real life applications. The EGIE 

distribution is capable of modeling data sets that are 

positively skewed and that have inverted bathtub failure 

rates. The model was found to be better than competing 

models (Kumaraswamy Inverse Exponential distribution, 

Generalized Inverse Exponential distribution and Inverse 

Exponential distribution) except for data sets where the 

variance is far larger than the mean. The model can be 

successfully be used to model lifetime data sets and real life 

phenomena with inverted bathtub failure rates. 

 

 

ACKNOWLEDGMENT 

 

The authors are grateful to the anonymous reviewers and to 

Covenant University for their financial support. 

 

 

REFERENCES 

[1] A. Z. Keller and A. R. Kamath. “Reliability analysis of 

CNC Machine Tools”. Reliability Engineering. 3, 449-

473, 1982. 
[2] C. T. Lin, B. S. Duran and T. O. Lewis. “Inverted 

gamma as a life distribution”, Micr. & Rel., 29, 619-

626, 1989. 

[3] S. K. Singh, U. Singh and M. Kumar. “Estimation of 

Parameters of Generalized Inverted Exponential 

Distribution for Progressive Type II Censored Sample 

with Binomial Removals”, Journal of Prob. & Stat., 

Vol. 2013, Article ID 183652, 2013 

[4] S. Dey and B. Pradhan. “Generalized Inverted 

Exponential distribution under hybrid censoring”, Stat. 

Meth., 18, 101-114, 2014. 

[5] A. Jafari, S. Tahmasebi and M. Alizadeh. “The Beta-

Gompertz Distribution”, Rev. Col. de Est., 37 (1), 139-

156, 2014. 

[6] P. E. Oguntunde, O. S. Balogun, H. I. Okagbue and S. 

A. Bishop. “The Weibull-Exponential Distribution: Its 

Properties and Applications”,  Journal of Appl. Sci., 15 

(11), 1305-1311 , 2015a. 

[7] E. A. Owoloko, P. E. Oguntunde and A. O. Adejumo. 

“Performance rating of the transmuted exponential 

distribution: an analytical approach”, SpringerPlus, 4 

:818, 1-15, 2015. 

[8] O. I. Shittu and K. A. Adepoju. “On the Beta-

Nakagami Distribution”, Prog. in Appl. Maths., 5 (1), 

49-58, 2013. 

[9] S. Huang and B. Oluyede. “Exponentiated 

Kumaraswamy-Dagum distribution with applications 

to income life data”, Journal of Statistical 

Distributions and Applications, 1:8, 2014. 

[10] A. Andrade, H. Rodrigues, M. Bourguignon and G. 

Cordeiro. “The Exponentiated Generalized Gumbel 

Distribution”, Rev. Col. de Est., 38 (1), 123-143, 2015. 

[11] F. Merovci, M. Alizadeh and G. G. Hamedani. 

“Another Generalized Transmuted family of 

distributions: Properties and Applications”, Aust. 

Journal of Stat., (to be published), 2016 

[12] A. M. Abouammoh and A. M. Alshingiti. “Reliability 

of generalized inverted exponential distribution”, 

Journal of Stat. Comp. & Sim., 79, 1301-1315, 2009. 

Proceedings of the World Congress on Engineering 2017 Vol I 
WCE 2017, July 5-7, 2017, London, U.K.

ISBN: 978-988-14047-4-9 
ISSN: 2078-0958 (Print); ISSN: 2078-0966 (Online)

WCE 2017



[13] P. E. Oguntunde, A. O. Adejumo and O. S. Balogun. 

“Statistical Properties of the Exponentiated 

Generalized Inverted Exponential Distribution” Appl. 

Maths., 4 (2), 47-55, 2014a 

[14] P. E. Oguntunde, O. S. Balogun and A. O. Ogunmola. 

“Theoretical Analysis of the Kumaraswamy Inverse 

Exponential Distribution”, Int. Journal of Stat. & 

Appl., 4 (2), 113-116, 2014b 

[15] P. E. Oguntunde and A. O. Adejumo. “The 

Transmuted Inverse Exponential Distribution”, Int. 

Journal of Adv. Stat. & Prob., 3 (1), 1-7, 2015. 

[16] G. M. Cordeiro, E. M. Ortega and D. C.  da Cunha. 

“The Exponentiated Generalized Class of 

Distributions”, Journal of Data Sci., 11, 1-27, 2013. 

[17] I. Elbatal and H. Z. Muhammed. “Exponentiated 

Generalized Inverse Weibull Distribution”, Appl.Math. 

Sci., 8 (81), 3997-4012, 2014 

[18] P. E. Oguntunde, O. A. Odetunmibi and A. O. 

Adejumo. “On the Exponentiated Generalized Weibull 

Distribution: A Generalization of the Weibull 

Distribution”, Indian Journal of Science and 

Technology, 8(35), 1-7, 2015b. 

[19] A. J. Gross and V. A. Clark. “Survival Distributions: 

Reliability Applications in the Biom. Sci., John Wiley, 

New York, USA, 1975. 

[20] R. E. Barlow, R. H. Toland and T. Freeman. “A 

Bayesian Analysis of Stress Rupture Life of Kevlar 

49/epoxy Sphere-cal Pressure Vessels”, Proc. Conf. on 

Appl. of Stat., Marcel Dekker, New York, 1984. 

[21] D. F. Andrews and A. M. Herzberg. “Data: A 

Collection of Problems from Many Fields for the 

Student and Research Worker”, Springer Series in 

Statistics, New York, 1985. 

[22] I. B. Abdul-Moniem and M. Seham. “Transmuted 

Gompertz Distribution”, Comp. & Appl. Maths., 1 (3), 

88-96, 2015 

[23] J. F. Lawless. “Statistical models and methods for 

lifetime data”, John Willey and Sons, New York, 

USA, 1982. 

Proceedings of the World Congress on Engineering 2017 Vol I 
WCE 2017, July 5-7, 2017, London, U.K.

ISBN: 978-988-14047-4-9 
ISSN: 2078-0958 (Print); ISSN: 2078-0966 (Online)

WCE 2017




