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Abstract

Abstract

With the rise of e-commerce and mobile devices, social networking services
(SNS) satisfied the users not only in communicating, exchanging and searching for
information, but also in providing the users platforms to shop online. In this case,
online shopping challenges the traditional way to purchase and gradually influence
customers’ shopping behaviors. In this study, an online survey of more than 305
Instagram users was conducted, aiming at identifying the intentions to use instagram
in their purchasing decisions.

The university students of Hong Kong are surveyed. Applying the Technology
Acceptance Model (TAM) as a theoretical foundation to explore adoption of this
technology for Instagram usage, This research also consider the key factors in
communication, link the Internet interaction, users’ experience, perceived risk to
adoption of SNS retailing by Instagram users’ together, thus constructing the whole
model conceptually. The collection of data includes both online and offline. SPSS is
used to analyze the data, and results are found in relevance analysis, factors analysis
and AMOS structural equation model analysis.

It’s found that both the Internet interaction and Internet experience have a strong
negative relationship with the perceived usefulness and perceived ease of use. In
addition, the perceived usefulness and perceived ease of use positively impact the
customer purchase attitudes, which eventually influence the intention to shop in
Instagram. However, Perceived risk has no significant impact on the intention and
attitude on the social networking websites.

This study focus on exploring the new form of shopping, in hope of investigating
factors that would influence purchasing behaviors of potential shoppers in social
networking websites. It also extracted the evaluations that may affect the social
networking website marketing effectiveness and built the model for analyzing related
or similar researches. As a result, it would enrich the understanding of online

shopping behaviors and their underlying factors.



Abstract

Key Words: social networking services; purchase intention; Technology

Acceptance Model; Internet interaction



H 3%

H%
£ =1 1 1
IR IR — 1
X o AT 2
2 BRI . ..o 4
2.1 FERERIUE (SNS) e 4
2.2 BB T . . o 5
2.3 FET SNS BUPI B ST . . . o o 6
2. AP ARESEA G HEEEI. .. 7
3 IR BIE SR 10
R IS - — 10
B2BEARM (PU) . 13
B.3EMAMBAM (PEOU) ... 13
S ABEIRBETE (PR) . ..o et 14
3 SRR AR 15
4 BT - 17
AT R R . 17
N 11 18
A 3 EREIMTIT 19
4 4 B R ARUTEE . . .. 21
5 BB G T .. e 22
5.1 AR ARERRESG T M. .. 22
5.2 37 Instagram AARPERBRA#EAMSEHS ... ... L 23
5. 3 BB BEAREERMBRIY. . ... 26
5. AR ARREMESIT .. . 35
5.5 Instagram AP AR ER . .. .. o 38
6 RO G ARIE ... 40
6.1 BREKEARBIEI AT . .. oo 40
6. 2 B R R R . 44

7 BRMIB IR ..o e 46



H 3%

B AT I .o 48
B A B R T D . e 48
8. 2 BRI I I . .. 51
8. 3T IS BRI E .. ... e 52
. AT BT T . o oot 52

BN ... . 54

1 -2 58



Contents

Contents
i V| € o [¥e3 A o] o AP P 1
1.1 Background of the researCh....cccceeeieiieiieiiiiiiieiieinieniinciecercrensennenn 1
1.2 Significance of the researCh....cccceeeieiieiiiiiiiiiieiieiiiiiiieeiecerenrenseannnn 2
2 LITErature rBVIEW...vu i eiuiieiiniiereinetsesnssaresssasessnssssoiasssnsonses 4
2.1 Social Networking ServiCeS(SNS)...iveieeeeiieiieierenrenreeserensensiasnsiiasenn. 4
2.2 Online shopping related researCh.....ccceeveeveciiiiieiiineninineioeiencannnn 5
2.3 SNS online shopping related research.....ccceeeeeeeeiiiiiiieiiesecninieeenieannn. 6
2.4 Technology Acceptance Model (TAM)..cuiiiieiieiiiicaneicoreressnsescenionnns 7
3 Hypothesis and model.....ccceuiiiiiiiiiieiiiiiniiiiiiinienniiensennens 10
3.1 External variableS.....cceveiiniiiiieiiiiiiniiiiiiiiiiiiirrereaaa, 10
3.2 Perceived USefUINESS(PU)..ieiceieieiiiarieieiieecerensensessessnseasescnssnsiiane 13
3.3 Perceived ease Of USE(PEOU) . c.iveineiiiiiiiiieiiiiniiaseecnssnteacscnssnniiane 13
3.4 PerceivVed FSK(PR).uceireiiieiieieeeiiteaiieseiieecessnseasessessnsessescnssnsimanes 14
3.5 Proposed MOl ...cccuiieiiieniieiieieeenrenteaseesensescessnsonsessnsonsansscnnsns 15
Vi3 \VI = 1 g oo 0] [0 | V28 PPt 17
O Y /=Y T o oL P 17
4.2 QUESTIONNAITE. e eeueereeeniiereenerensessesnsenseiiesssensensssssensenssansensansnionss 18
4.3 Pre-SUNVEY @NalySiS..cieeteeeeeeeenteaiieecesensensescessniionsessescnsansonseriones 19
4.4 Samiple COIECHION . ieiiiiiiiiiieiiieiitieteeeceiteeceectencaecscnsansanann, 21
5 Data @nalySiS.ceeeeeeeiiiiiiiiiieteeetsesssnsessasosassssssnscsnsoniiisosasonias 22
5.1 Descriptive Statistics of basiC featuresS......cceieeeeiieeiorierceeeeenreacnniann. 22
5.2 Descriptive Statistics Of INStagram USErS...ccceeeereieenreeceiiieenrencnniane. 23
5.3 Credibility and Reliability....ccceeeeuiieeineiiieeiiiireaeeieeaniecnecnsencenniann, 26
5.4 Correlation analysSiS...c...ceeereenrenteeeeeenteiieecerensenceisensesiiscnsensesiianes 35
5.5 Internal variables among INStagram USErS....c.ceeeeeeeeeeeerenrenceniieannnn. 38

6 Findings and intepretation........cccevvviiieeieiieiiaierecsersnsnssnsiies 40



Contents

6.1 Regression analySiS.c....cceverereeenrenreaseesnsssonssnsonseisoniasssssssnsssninss 40
6.2 RESUILS SUMIMANY . .uiiuiiuiieiniiiiiiintietentiasereassesnssnsssssscnssnssssersonnione: 44
7 Interview of experienced PUFChaSErS..ceeeeeeeereeeeeerenarennecansenians 46
8 Conclusion and diSCUSSION........ceeeeeereteateatsnsenntonsonsoriissnssnnions 48
8.1 Discussion on research fiNdiNgS....c...eeeeeeieeeiareeceiseesnsenniaseisensaniane. 48
8.2 Theoretical SIgNIfICANCE....vuiivuiiiiiiieieiiiiiiiieiiriiienerereraesiesenans 51
8.3 Practical SIgNifiCANCE...cci.veieiieiiiiiniiatiernieeenrenteisontensiessocussasiasians 52
8.4 LIMITAtIONS. . iueieinieiainiieinrninererteesasntsesasessesnseissssesssccocsnsessnse: 52
RO ENCES . ctieiitietiieiinteneenetintenmmesnsonsonsssssssccscacosmmmssnsanions 55
ApPPeNdixX:QUESTIONNAITE.c.iieeiiieretietenereacinseieseneonssnnsiosernions 58

ACKNOWIEAQEMENTS. e ieeeieeeireteneennnionnteiaecasaseniasecnscaniiienniiiions 61






ulf|3

1 5|

=Y
L
i

L1HMRER

o [ AR R B (b X 2 — o 4 B 484 5L HR 0 CONNTC)
RATHIEE 37 Ik (R E BB K AR Ll ) iax, #ubF| 2015 4 12
A, FRE MR CAT 6. 8814, HIKM M K 3IAH] 50. 3%, ZiE ., ML
P AR 4. 13 42, WBImis7SH. ML T KRG, iR 25
NI, ARRRYE A HEG AR R B, 2015 4F 9 H, FEIAHETGIES,
B 2014 SE R H BB SR R L R K 6. 4%, RHB 4> Z 85 i 2 I B B BRIE B R

KIILK, T &FSEEXTE LERIE, 1EMYIT HA I 2L G 2 &
R, BUAE R Ll DLSAR R S 248 . B i T i S5 IS, Ik, BHEMY
WH I URE AT EIOYIM T Sk o R4 A (Visa HFRISHTE L) WA
BoR, 96%IIHER A A H ERAMS T —k, BEHFSAE 3.5 ANl 2.
86% Bk YA A 3 B R AE I &5 — P G AT IS M BIa, I 4 A K ARk F
32.8% ", {HM Adobe K #filf) {2014Digital Index Online Shopping Forecast)
TRBGR S, AUSTEM R N7 AL 25 #0, s S T H AR H A
EARXERS,

5 N HIARES, AEABA W X" NI, TR BA AR A
FUHIHIE T 5 o V52 A& P IR e 8 7 A AL AS 48 Ia), Bokh Tk
WWHrBte 2015 £ 9 H, #% Instagram Gtit, A3 E4EAZ A EAT Instagram
FI P 98 4 fC ARG, Hik E%hmmmmfﬁ%ﬂ%ﬂ%““

78 F R 2850 F P g B AL AZ M 45~F & Instagram /EH—Fl
IRIH, EMH AN 2T & B P AMER DU A S5 B - g L, 1.
PPN B F A, AR BRI S EoRIE . 2015 4F Iconosquare [R5 H 2
7N, A{E 16000 2 FH R, T0%HIHH ' &R H Instagram 258 ARAT AR ZE )
L= S S B A A 2 . RAERTEES, [EAMY Mangold S5 # EMF AL A O
AR, AW AT L] 3 50U AR o6 R, RO AT

1



ARSI T NS (I T 7T ——L Instagram 4152 [t 9l

W EBESAT TG, HERE 2 el o ETF GRS P e XA TTaiL s,
HEBERKESF".

R 2015 KATH) (LR AL RS BRI ) SR E RN, &
TR T AL B BRI B OOE 460 J7, A A N CLE B 64% 7o A s 78 (8 F 4 A8 1
RN LIS, FE K P R T A58 I 2% VR AV B

2015 4F Jessica Braojos—Gomez “#F fEMf FLH 48 H , {4 Facebook. Instagram
AT W 2% TR AT A 9 5 AN AL B B 2 A7 8 B, BUMAR 2 1R 2 v 2ot g
HE I Ut A58 P A 58 T 36 R A AT T AR 1 7 o R 55 SR A N ™ . i
2010 4 [E S8 3SR EIRT NG, #ESE ST G AT 1 AT LR I ) 75 2
Thie, BT L@ HE) ., SR s, SOnT LAZE R RSt

140 Instagram #E52MZ5-F &, B BN DIE R 23, BN
Iy WENAATRESIALZ ML B & o FIP AT DR A EmBis I h, b a4t
=, BEERCPUE . Instagram FEWRESINA, H P REAFHAAT, @k
U, B GEA “FFRE 7. RBC Capital Markets f—% 43 HIlHi, 7€ 2016
F Instagram #5326 b7 HOEA AR R BB, X RE XA E
AR 2 SRR I PRI IR o 2 P X AR R X 45 AR ABORE IR,
P O AR P b % AL i, B TE8) T /IR R 4T3 .

T, VB DU AT X 2% I ) e S R SN DA S AR AT b LYY, R o
BT RAIR 2, B A A L0 52 P 28 TP R 2 10 LA R 7L,
TREAT A 2% e T LA R AL ST A DA R A S I 48 A4V 2l 2 2 TR RE R R AT 7 il AR
F WIS, AN FENAE IR 00 B2 R, AL 2 F P S A kAT T B Al
SR FRT AT R FEMa AR, 4 0 4 B3y DA R R 0 X 28 JRU R 1 Sy 28 S 5

HICAEAT T, K@ aZ M (Instagram) NANREEF, LA
AR G, R b AT WA 28 F- 5 O T30 9 2 D) S R SE 2 7 A R S e DA S
R AFET Instagram #1:58 W 45-F & I WIAT 9 3R

1.2 IREX

R E T RN, P a8 5 sUHE 3RO A HY BRI 88, DA ELIER A
S FAR BRI VIR R L — R S EE R < i 1Y X IER AT

2



155

SR NS Z RN . AR, R P8 OE BBl %, (139
i A EHE AR AL SC B, JF Ak s 2% B B I ORI T BE— P iU 4
I A SREG™ i A5 B BRI 04 (AL 581 & AR 5 AT ACZ 181K & (7438
TR, BN FIEsEss 7.

TS 432 W 28 NI B 1 SR LRI B AN DU LS N PR ok SR S A
HEM ¥ H P AT IR E A AT N IR T, AR A R
ETY 2 w2 e s ST e TN v

5 B8 B4 A A2 WA PR R PRV 9% 3 W ST A 1 R4S B A 8 119 T, PSR
TR TIAT R R 2 R NGETE S DHEFEM IR, B0 A KT
TH B & AT T FeEL D, HARSE M 2% B PRI e , it T AR A 2% B3 94T
N, B A SR LL AU, T H. 215 B B G SEpl g R (I S AT % 52
DRI, A 396 R PR G187 3 AR AL T T «

1D WERJRTHORE A SCIRGEE 988 /2 15 S AE AL S W 2% B AT ik A
QBRI A Davis ££ 1986 SRSt IUEORIL AR (TAM) DL HAT A
G, FET AL PR B L BN 2 O BE R, B T (K R R AL SE I 45 D [
HMRAE . K5 Instagram FHAZ RZ& (R 2% ELBNHRE, DAR 2 s K 2 A I 2% 4
LU NP L BYESE, 45 S BB, IR TE & T irsg
P& TR R TR AT O I R R A, I N B A A M 2 PR (I B AT — e (B AR s
WS, AR R R BAT B = T

2) MR HIZERE , AT A RN ARG, 9B
P28 Mg 0o BEANAT D77 o DA RTINS AL SZ 0 28 A, VA Bl BRI AT 9 S 3
T HOAT s, QR B e ST B R A 2SR G, Az AR e A &
PirAi, BRSBTS RIZRI K EE). 0 E RS Wik, RITHA
W0 28 R OV B o W S T 5 T S i TR R A R T f 1 T 55 O R



ARSI T NS (I T 7T ——L Instagram 4152 [t 9l

2 XERERiA

2.1 #3Z@us (SNS)

SNS #3ZMut (Social Networking Services) Bitt2PEMZ8ARS:, f8H)2
E R NAT R 5 A 22 P X 285 (10 E 6 DO 9 R R 25 7 o e IO Sl A — ol £ 41 8% Bl
%, P E A2 HA— o 2SI, 1k L RISER ) A TR L
RET —RZHEE, 7525 BEEMW A . Boyd il Ellison & LA AE M
Wi RAEM SRS T, RVFHPWEE SN ANRTRETT: ey il A AL
KGR, RrEE AR A AT . ARATIEER T PO IZR X ) SNS
5 Ad FU R R T R BRI P BRI S BRARLBOCE SRHIE . A
TR,

PR X i A AT R H B AR AE B2 VAl T 22—, 2013 4F Fan—Yun 55223550 HoE
N ARAEAAZ W 2 i A AT LE A O T R AR 3 OIS HAhdh 5
W28 I O DTED, AEIX AN ZE B2 AT A 5 ST 28K, o m) BLEE
MNP PEFIAT BN o A P AU AT A — P o7 {5 1) 7 v ok At AT ]
WA SRK R, IHHBA LIS NELF R R, WRaAbE — a4

IR Kim 238 2011 AE AR 2 A A SE Sl AN R AT it — o5 & 1 7
R HABATINA BAE ok R, A 5 HAb A o i R B 2 R P A N LR R
RITFE" . McDowel 23 M A4k 38 W f&— A A T4 BRI A 25 A 0T
JR IS, . LAk, FR4E Correa, Hinsley I Zuniga & IS #EA . 4L
DGR BN b P 22K B A G AR T 20, JF HARMME FH & 1 Web2. 0 A1tk
B IE R AR S VRS LS IHLE] ™ .

Salt f£ 2011 FEZAE P RIR, AT W ZE BERIE W 248 5 I A 2 7 o3 i s i
65T H, flln: Facebook. twitter 5%, HAFEAE: (1D S PAE
W HFSHE N, AT DL I A AE  2 SR B A T = B UR,, FF BT DA
BT TR EInAE S IR AS I S E BLE Instagram FHATIRIERR Fr o (2) fLiktt
2 AR FIRLE AT BES 5 1R IF B S RARM =, 0 — Pt AR
Mo PLan M 2% R RA AL S, TR ERE SN, HEEF AR

4



Degree papers are in the “Xiamen University Electronic Theses and
Dissertations Database”.

Fulltexts are available in the following ways:

1. If your library is a CALIS member libraries, please log on
http://etd.calis.edu.cn/ and submit requests online, or consult the interlibrary
loan department in your library.

2. For users of non-CALIS member libraries, please mail to etd@xmu.edu.cn

for delivery details.



