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Abstract

As we known, social public opinion is an important link to maintain social and
economic development and progress. With the wide application of the progress of
social technology and the Internet, network tool is gradually becoming one of the
key ways that public opinion spread around or be got through, which means that
network public opinion has become a main part of social public opinion. As the
main part of the content of network public opinion, text data, which is semi
structured has always been one of the main analysis objects in the analysis of the
traditional public opinion. At the same time, the characteristics of the network
public opinion information also highlights the important status of the time attribute
in its data structure. With the continuous progress of statistics and research of
data mining, text mining and temporal data mining technology get more and more
attention in academia, taking both them in the modern network public opinion
system analysis framework is important and inevitable for the development of
network public opinion analysis.

According to the elaboration of the important concept in text mining and
association rules, in this paper we apply the text mining of temporal text
association rules method in the network public opinion analysis. With the
characteristics of the network public opinion itself, this paper puts forward a vector
space storage mode which is suitable for public opinion event analysis, and
combined with the Fisher optimal segmentation theory, we present a method that
can be used for the temporal partitioning of network public opinion information. At
the same time, from the needs of network public opinion analysis, this paper
make a study on the temporal association rule generation algorithm which can be
used in web text and network public opinion.

October 2015 to December 2015, the Chinese central bank cut both interest rates

and reserve ratio, which certainly have impact on the real estate market in China.



To this incident as a case, this paper dida temporal text mining and analysis on
China's real estate representative network public opinion. With the observation
correlation network change, we found the target network public opinion in different
temporal phases of obvious stage characteristics, which further verify the
rationality of the application of temporal text association rule in network public

opinion analysis.

Keywords: Network Public Opinion; Text; Temporal Association
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