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ABSTRACT

Unsafe drinking water is a substantial health risk contributing to child diarrhoea. We investigated
impacts of a program that provided a water filter to households in rural Rwandan villages. We
assessed drinking water quality and reported diarrhoea 12-24 months after intervention delivery
among 269 households in the poorest tertile with a child under 5 from 9 intervention villages
and 9 matched control villages. We also documented filter coverage and use. In Round 1 (12-18
months after delivery), 97.4% of intervention households reported receiving the filter, 84.5%
were working, and 86.0% of working filters contained water. Sensors confirmed half of
households with working filters filled them at least once every other day on average. Coverage
and usage was similar in Round 2 (19-24 months after delivery). The odds of detecting faecal
indicator bacteria in drinking water were 78% lower in the intervention arm than the control

arm (odds ratio (OR) 0.22, 95% credible interval (Crl) 0.10-0.39, p<0.001). The intervention arm



also had 50% lower odds of reported diarrhoea among children <5 than the control arm
(OR=0.50, 95% Crl 0.23-0.90, p=0.03). The protective effect of the filter is also suggested by
reduced odds of reported diarrhoea-related visits to community health workers or clinics,

although these did not reach statistical significance.

KEYWORDS: household water treatment; water quality; faecal contamination; Rwanda

INTRODUCTION

Unsafe drinking water and household air pollution are two significant environmental health risks
and contribute to diarrhoea and pneumonia, two major causes of death for children under 5
years of age (GBD 2015 Risk Factors Collaborators, 2016; Liu et al., 2014; Priss-Ustiin et al.,
2014). In 2011, an estimated 700,000 deaths among children under 5 were due to diarrhoea
(Fischer Walker et al., 2013b). In Rwanda, diarrhoea is a leading contributor to mortality in
children under 5 years and is second after pneumonia, accounting for 9% of deaths in this age
group (Liu et al., 2014), and unsafe water is estimated to be the third leading risk factor for

overall disease (GBD 2015 Risk Factors Collaborators, 2016).

The 2014-15 Rwanda Demographic and Health Survey estimated 27.6% of the population use
unimproved drinking water sources, with the majority residing in rural areas (National Institute

of Statistics of Rwanda (NISR) et al., 2015). Access to improved water sources does not



necessarily result in consumption of safe drinking water since not all improved sources are free
of microbiological contamination (Bain et al., 2014). Moreover, since water is often collected
and stored within the household after collection, additional contamination can occur during
transit and storage (Wright et al., 2004). A recent nationally representative study found that
more than 75% of households had drinking water with detectable thermotolerant coliforms
(TTC), exceeding World Health Organization (WHO) guidelines for drinking water (Kirby et al.,

2016; WHO, 2011).

There is increasing evidence that household drinking water quality is a determinant of diarrhoea
(Hodge et al., 2016; Luby et al., 2015), and efforts to improve drinking water quality, such as by
using filters, may reduce diarrhoea (Clasen et al., 2015; Wolf et al., 2014). Household water
treatment is recommended by the WHO as an intermediate step towards ensuring safe drinking
water supply and is part of a 7-point plan for comprehensive diarrhoea control (UNICEF/WHO,
2009; WHO, 2007). However, most of the studies to date have been short-term studies and use
of interventions can change over time (Hunter, 2009). A recent systematic review and meta-
analysis found that while shorter-term (<12 months) trials yielded protective effects from
household water treatment interventions, none of the four trials with follow-up exceeding 12
months reported an effect on diarrhoea (Clasen et al., 2015). This could be due to a combination
of declining usage over time, as well as non-exclusive use of the filter for consumption of
drinking water. Moreover the health impact among non-blinded trials may be exaggerated due
to reporting bias (Clasen et al., 2015). There is a lack of evidence regarding the long-term

effectiveness of these technologies, particularly within a programmatic, scalable context.

In October 2012, a public-private partnership between the Rwanda Ministry of Health and
DelAgua Health provided portable biomass-burning “rocket” cookstoves and household water

filters to all households (1,943) in 15 villages located in 11 of Rwanda’s 30 districts. The



intervention was distributed at a central location within each village and accompanied by
behaviour change messaging and monitoring conducted by trained community health workers
(CHWs) through quarterly-biannual visits (Barstow et al., 2014). A 5-month household
randomized controlled trial (RCT) was conducted in three of the villages to assess the
intervention’s impact on household drinking water quality and household air pollution. The trial
showed high uptake of the filter and was associated with a 97.5% reduction in TTC in drinking
water despite non-exclusive use (Rosa et al., 2014b; Thomas et al., 2013a). However, the study
did not assess health impact, and evidence for the sustained uptake and effectiveness of the

intervention outside of a short-term intensive trial remains unclear.

We undertook a matched-cohort study to assess medium-term uptake of the filter 12-24 months
after intervention receipt in order to determine its impact on faecal contamination of drinking
water in the home and child diarrhoea. We used a matched cohort design since the intervention
was pre-existing and was not randomly allocated to households or villages. The matched cohort
design seeks to minimise the risk of unmeasured confounders by matching on characteristics
likely to impact outcomes of interest (Austin, 2011; Stuart, 2010). This design has been used in
other studies of pre-existing interventions where randomization is not possible (Arnold et al.,

2009, 2010; Ercumen et al., 2015a).

MATERIALS AND METHODS

Village selection and matching

This study was based in the Southern and Western provinces of Rwanda, where most of the
study population are engaged in agriculture. The setting is primarily rural, with study villages
ranging from 1400-2500m in elevation. The area experiences two rainy seasons, with the “short

rains” typically in September, October, November and December, and the “long rains” typically



in March, April and May (Rwanda Meteorology Agency, 2016). Of the 15 villages that received
the intervention in October 2012, nine were purposely selected for follow-up in this study. Three
of the original 15 villages were excluded due to the previous RCT (Rosa et al., 2014b), and 3 were
excluded due to low number of estimated eligible households and programmatic development

activities.

Village-level matching was performed using a combination of restriction, propensity score
matching, and rapid assessment (Arnold et al., 2009, 2010). Intervention villages were first exact
matched to non-bordering potential control villages within the same health centre catchment
area (sub-district). A post-intervention structured phone survey was then conducted in July 2013
and administered to one CHW from all intervention and potential control villages. The phone
survey contained categorical questions on cooking and drinking water practices within the
village, including drinking water sources and household water treatment methods, which the
CHW answered as percentages by estimation. Additionally, pre-intervention household survey
data from the nine intervention villages, originally collected by village CHWs for programmatic
purposes in October 2012, were aggregated by village for additional matching to the indicators
collected by the phone survey. Finally, the 2012 National Ubudehe Database was accessed to
obtain the proportion of households and average household size by ubudehe category for each
village (Rwanda Ministry of Local Government, 2011). Ubudehe categories are based on
socioeconomic designations for each household by the Rwanda government in collaboration
with community members. There are six ubudehe categories, with ubudehe 1 and 2 households

comprising approximately the poorest 30% of the population.

Village-level data were thus combined from the above three sources. For intervention village-
level data, characteristics likely to change due to the intervention, such as water treatment and

cooking practices, were derived from the DelAgua household survey since it assessed these



practices prior to receipt of the intervention. All other village-level characteristics were derived
for intervention and control villages from the CHW phone survey and National Ubudehe
Database. Potential control villages were restricted based on the implementer’s original
intervention village selection criteria which was intended to represent a typical rural village's
water service and energy use (Barstow et al., 2014). Villages were restricted if more than 20% of
households had piped water, more than 60% used water treatment other than boiling, more
than 20% used cooking fuel other than biomass or charcoal, or more than 20% used a non-
traditional stove (Barstow et al., 2014). After restriction, the pool of potential control villages for

each intervention village ranged from 6-61 (mean=23 villages).

Propensity score matching using probit regression was then conducted using different
combinations of the village-level covariates described above, given their potential relationship to
drinking water quality and household air pollution which were the primary outcomes of interest
(Brookhart et al., 2006). The mean bias of each fitted model was examined in an iterative
process across the range of potential matching variables in order to obtain optimal covariate
balance for all available covariates between arms (Imbens and Rubin, 2015). Using the
propensity score from the optimal model, each intervention village was then matched to a
control village within the same health centre catchment area using the nearest neighbour
method (Austin, 2009; Rosenbaum and Rubin, 1985). Propensity score matching was performed

using the Stata add-on package PSMATCH2 (Leuven and Sianesi, 2003).

Lastly, a rapid assessment was conducted in each of the selected control villages after visiting its
respective intervention village. The rapid assessment consisted of a transect to qualitatively
observe similarity to its paired village, and an in-person meeting between the staff supervisor
and village’s chief and CHWs. During the in-person meeting, the supervisor confirmed key

variables used in the matching, including estimated total number of households, children under



5 years of age, percent of households using improved water supply, primary household fuel
type, primary household stove type, household cook times, and water treatment practices.
Additionally, the chief and CHWs were asked to describe any changes in the village since October

2012 that could affect the primary and secondary outcomes.

Enrolment and eligibility

Households were enrolled and visited once between November 2013 and May 2014 (Round 1)
and visited a second time between May 2014 and November 2014 (Round 2). The first
household visit attempt at each round was unannounced. In each village, we enrolled all
consenting households with a child under 5 years of age that belonged to the poorest socio-
economic tertile (ubudehe groups 1 and 2) according to the 2012 National Ubudehe Database
which includes head of household names for each village (Rwanda Ministry of Local
Government, 2011). The large-scale rollout of DelAgua Health’s carbon credit-financed
distribution programme, which started in late 2014, targeted ubudehe groups 1 and 2, so we
were most interested in assessing the long-term uptake and impact of the pilot within this
demographic group (Nagel et al., 2016). Participating control households received a water filter

and stove after completion of the study.

Description of water treatment intervention

The intervention, described in detail elsewhere (Barstow et al., 2014), included a household
water filter, an advanced cookstove, in-home training, instructional materials, and repeated
household visits to monitor and reinforce behaviour change. The filter was the Vestergaard-
Frandsen Lifestraw Family 2.0, a table-top microbiological purifier with 5.5 litres of built in
storage (Barstow et al., 2014). The filter utilizes gravitational pressure to remove bacteria,
viruses and protozoa as the water passes through hollow fibre membranes. In laboratory

testing, an earlier version of the filter with the same filtration membrane was found to have a 6-



log reduction for bacteria, 4-log reduction for viruses, and 3-log reduction for protozoan cysts,
and thus meets EPA standards (Clasen et al., 2009). The filter is designed to provide sufficient
drinking water for a household for at least three years without replacing any consumables
(Clasen et al., 2009). More recently, in results from the first round of the WHO International
Scheme to Evaluate Household Water Treatment Technologies, the Lifestraw 2.0 was ranked 2
out of 3 stars offering “Comprehensive protection” (removing at least 2 logio of bacteria, at least

3 logio of viruses and at least 2 logio of protozoa) (WHO, 2016).

Household survey

The field and laboratory team used for data collection and lab assays were trained and worked
under the supervision of the study authors; they did not participate in the delivery or promotion
of the intervention. At each visit, a household survey was administered to the primary cook of
the household consisting of questions addressing household demographics and characteristics
related to sanitation, hygiene, and drinking water practices. A socioeconomic status (SES)
indicator was developed using polychoric principal component analysis (PCA) (Kolenikov and
Angeles, 2009) based on household characteristics and durable goods ownership (household
electricity, flooring material, wall material, radio, mobile phone, and bicycle ownership). The
continuous PCA variable was divided into quintiles, and the variance explained by the first
principal component was 0.535. Usage and condition of the filter was assessed using self-
reported and observational indicators including frequency of use, whether the filter appeared to
be accessible and in use (based on filter location and signs of non-use such as dirt/dust in and on

the filter), and whether water was in the filter.

Primary and secondary outcome

The primary outcome for this study was household drinking water quality according to TTC in
colony forming units (CFU) per 100mL, a WHO approved indicator of drinking water quality

(WHO, 2011). Secondary outcomes included reported and observed use of the filter and primary



caregiver-reported diarrhoea within the previous 7 days for children under 5 years of age.
Diarrhoea was defined as three or more loose stools within a 24-h period, with a loose stool
defined as any that can take the shape of a container (WHO, 2005). Additional self-reported
outcomes according to the respondent included whether care from a CHW or health facility was
sought for diarrhoea within the previous 7 days, and whether care was sought within the

previous 3 months. Toothache was included as a negative control (Lipsitch et al., 2010).

Water quality testing

At the end of each visit, a 100mL sample of water a child under 5 would drink, be it directly from
the water filter or other storage container, was collected and assessed for TTC using the
membrane filtration technique (APHA, 2001). If a child under 5 was too young to drink water,
the water the primary cook would drink was sampled. Source water quality was collected within
24 hours of the collection of a household sample. All water samples were collected in sterile
Whirl-Pak bags (Nasco, Fort Atkinson, WI). After collection, samples were put on ice and
processed within six hours of collection. Water samples were assayed for TTC on membrane
lauryl sulphate medium (Oxoid Limited, Basingstoke, Hampshire, UK) and incubated for 18 hours
at 44°C. Plates that yielded in excess of 300 CFU were deemed too numerous to count and were
assigned a value of 300 CFU. One lab blank using distilled water and one duplicate were typically

processed each sampling day and assessed for quality control purposes.

Sensors

In a random subsample of 79 households in Round 1 and 73 households in Round 2, use of the
filter was monitored by temporarily replacing the householder’s filter with an identical filter
fitted with a cellular-reporting SweetSense usage sensor (Thomas et al., 2013b) (Figure 1).

Households were eligible for sensor monitoring if the filter they owned was reported to be



working properly at the time of the survey. Up to 21 households in each of the nine intervention

villages were randomly selected to participate.

The sensored water filter was calibrated to detect changes in pressure in the upper container,
indicating filling of the filter. The usage algorithms have been validated and described elsewhere
(Thomas et al., 2013b). Sensor-equipped filters were deployed to households within two weeks
after the household survey was conducted. Households were informed the sensor would collect
performance data of the filter, but not told they would detect changes in water volume or
frequency of use. Consenting households had the sensored water filter for a period of 7-30 days.
During this monitoring period, the household’s original water filter they had originally received
was temporarily locked to prevent use. Sensor data were uploaded and interpreted as described
elsewhere (Thomas et al., 2013a). The deployment and retrieval days were not included in

analyses to reduce potential reactivity and have whole-day samples.

Precipitation data

In order to control for the potential impact of precipitation on water quality and diarrhoea (Kirby
et al., 2016; Levy et al., 2016; Mukabutera et al., 2016), total precipitation within the previous 10
days to each household’s survey date was included in analyses as a potential confounder
(Ercumen et al., 2015b). Data were downloaded in Network Common Data Format (NetCDF) for
each village centroid from Climate Hazards Group InfraRed Precipitation with Station data 2.0
(CHIRPS) (Funk et al., 2015), which comprises daily gridded precipitation data derived from
satellite and in-situ station data at 0.05 degree spatial resolution (approximately 5.3km).
Precipitation data were converted from NetCDF into raster format and joined to village centroid

locations using ArcGIS 10.3 (ESRI, Redmond, CA, USA).

Sample size and study power




In the design phase of this study, sample size calculations were based on the number of
households needed to observe a 40% reduction in personal exposure to fine particulates among
cooks in order to evaluate the impact of the improved cookstove component of the intervention.
Thus, for the outcomes of household water quality and child diarrhoea we calculated minimum
detectable effect size post-hoc using inputs (proportions in the control condition and intracluster
correlation coefficients (ICC)) derived from the study data. Given a 61% prevalence of water
samples with > 0 TTC/100mL in the control households, a within-village ICC of 0.05, a within-
household (over time) ICC=.07, an average of 15 households per village, 9 villages per arm, and
15% attrition, the sample size allowed for a detectable 32% reduction from 61% to 42% of
samples with TTC contamination, with 80% power. Minimum detectable effect for diarrhoea
assumes one child per household. Given a 20% prevalence of diarrhoea in the control
households, a within village ICC of 0.01, a within-child (over time) ICC of 0.05, an average of 15
households per village, 9 villages per arm, and 15% attrition, we were powered for a 50%

reduction from 20% to 10% prevalence at 80% power.

Data Analysis

In order to compare the balance of household characteristics between arms, the standardized
difference was calculated (Arnold et al., 2009; Rubin, 2007). The standardized difference is the
difference of the means in terms of standard deviations, with a value of 0 indicating equal means
and a value of 1 indicating a one standard deviation difference (Austin, 2011). Descriptive
statistics, means, and cluster-robust confidence intervals of water quality measurements were
adjusted for village-level clustering, which was the highest level of clustering in the data
(Bottomley et al., 2016). Due to the skewed nature of the water quality TTC counts, Williams
means are presented. To calculate the Williams mean, a value of 1 TTC was added to all water
quality values, the geometric mean was calculated, and then 1 was subtracted (Alexander, 2012;

Rosa et al., 2014b)



We examined differences in water quality and 7-day reported diarrhoea between the control
and intervention households using Bayesian multilevel logistic regression to account for the
longitudinal, hierarchical data structure. For reported diarrhoea diarrhoea-related medical care
visits, we fitted a 4-level, random intercept model, with two observations (level 1) per child
(level 2), who were clustered within households (level 3) and villages (level 4). Models of
household drinking water quality were 3-level random intercept models, with observations (level
1) nested within households (level 2) and villages (level 3). The dependent variables for water
quality models were binary indicators of any detectable TTC/100mL vs. no detectable
TTC/100mL and a separate model evaluating >10 TTC/100mL) vs. <10 TTC/100mL. Models were
adjusted for individual, household, and village-level characteristics, and model coefficients were

exponentiated to yield odds ratios.

Models were estimated using Markov Chain Monte Carlo (MCMC) with the Metropolis-Hastings
algorithm. For multilevel models with discrete outcomes, MCMC methods yield unbiased
estimates of both fixed and random model parameters and are robust to small numbers of
clusters and small sample sizes (Browne and Draper, 2006; McNeish and Stapleton, 2016). We
used diffuse, non-informative priors and estimated starting values for the MCMC chain using
penalized quasi-likelihood. Given the complexity of the models, we used orthogonal
parameterization to improve chain mixing and specified a burn-in length of 50,000 with a chain
length of 2,000,000. We assessed chain mixing by visually examining traceplots and
autocorrelation plots and convergence using the Raftery-Lewis and Brooks-Draper diagnostics
(Browne, 2009). We obtained the means, 2.5%, and 97.5% values of the posterior distribution to
calculate the point estimates and 95% credible intervals (Crl) of the true model parameters. The
95% Crl can thus be interpreted as the interval within which there is a 95% chance the true

population values are included. All analyses were conducted using MLWin Version 2.1 (Browne,



2009; Rasbash et al., 2009) and Stata 14 (College Station, TX) with the RunMIWin add-on

package (Leckie et al., 2013).

Ethics and Consent

Primary cooks gave written informed consent to participate in the study. If the respondent could
not sign their name, they supplied a thumbprint and a literate witness signed on their behalf
after ensuring comprehension. This study was approved by LSHTM Ethics (6457) and Rwanda
National Ethics Committees (494/RNEC/2013). This study was registered at ClinicalTrials.gov

(NCT01998282).

RESULTS

Village matching

After restriction according to pre-defined characteristics, CHW phone surveys resulted in 201
potential control villages out of 336 villages that were within the same health centre catchment
areas as intervention villages. Propensity score matching resulted in 9 potential control villages
that were visited and confirmed during rapid assessment. Median bias, a summary indicator of
the distribution of the absolute value of the standardized percentage bias measures of the
individual matching variables, was 27.8 prior to matching, and reduced to 7.2 after matching
(Table S1), indicating improved balance among potential confounders (Rosenbaum and Rubin,
1985). Bias was reduced in all variables except mean daily cooking times, which is unlikely to be

a confounder of drinking water quality or diarrhoea.

Table 1 shows balance of household and child characteristics at enrolment between the
intervention and control arms. Overall, the arms were well balanced on demographic, sanitation,

hygiene, and water practice characteristics. However, source drinking water quality showed



signs of slight imbalance, with a higher proportion of samples in the intervention arm having
higher TTC contamination than controls (Table 1). Treatment of household water was higher in
the intervention arm, and travel time to health facility also appeared to be imbalanced, with

intervention households reporting less travel time than control households (Table 1).

Study participants

Overall, 269 households were enrolled into the study, with 113 households in the intervention
arm and 156 in the control arm (Table 1). There were no reported refusals at enrolment or
follow-up. Approximately 6 months after enrolment, 144 control households (92.3%) and 91
intervention households (80.5%) were followed-up and surveyed as part of Round 2 (Figure S1).
There was one reported child death in between Round 1 and Round 2 surveys.

Filter coverage and use

In Round 1 (enrolment), 97.4% of intervention households reported receiving the intervention

filter (Table 2). Of these households, 94.6% of households had the filter in the household at the
time of visit, and 84.6% of filters were reported to be working. Coverage was similar at Round 2
(Table 2). With the exception of one household in Round 2, all households with a working filter

reported they were currently using it (Table 2).

Of households with a working filter, over 85% of households in each round reported using the
filter on the day of survey or previous day, and over 80% had water in the filter. Among all
intervention households with drinking water stored in the home at time of visit (105 in Round 1,
81 in Round 2), 76 households (72.4%) indicated a child’s drinking water would come from the
filter and had water in it in Round 1, and 63 households (77.8%) in Round 2. Of the 91
intervention households that had a working filter at both round 1 and round 2, 54 (59.3%)

reported using the filter on the day of visit or previous day at both visits, and 47 (51.6%) had



water in the filter at both visits. Sensors confirmed usage of the filter, with 50.0% of households
using the filter at least once on at least half of the days in which sensor data was available in

Round 1, and 36.8% in Round 2 (Table 2).

Of households reporting they currently use the filter, 17.2% of respondents reported drinking
unfiltered water the day of the visit or the previous day in Round 1, and 9.3% in Round 2 (Table
2). Respondents were more likely to report ever drinking unfiltered water when away from the
household (33.3% in Round 1, 26.7% in Round 2) compared to when at their household (16.1% in
Round 1, 21.3% in Round 2). Among children under 5 residing in households reporting current
filter usage, approximately 10% drank unfiltered water the day of the survey or previous day in
both Round 1 and Round 2 (according to primary caretaker) (Table 2). A higher proportion of
households reported they had a child under 5 who ever drank unfiltered when away from the

household compared to at the household (Table 2).

Water quality

A total of 478 household drinking water samples were collected (Table 3). In Round 1, 108 water
samples were collected from intervention, and 149 from control households. In Round 2, 81
water samples were collected from intervention, and 140 from control households. Four
samples were lost between the point of collection and the processing lab due to improper
storage of the sample. In the intervention arm, 74.1% of households reported treating the water

sample, compared to 1.3% of control households.

Using combined data from both rounds, household drinking water quality in control households
overall had significantly worse water quality than intervention households, with a Williams mean

of 6.3 TTC/100mL (95% Cl, 4.6-8.5) compared to 1.3 TTC/100mL (95% Cl, 0.9-1.9, p<0.001) in the



intervention arm (Table 3). Within the intervention arm, households with drinking water from
filter storage containers had less TTC contamination (WM 0.5, 95% ClI 0.1-1.0) than intervention
households that stored their water in another container (WM 8.7, 95% Cl 4.7-15.4, p<0.001)
(Table 3). Overall, 39.4% of control households had no detectable TTC (95% Cl, 30.6-48.9%),
compared with 70.6% of intervention households (95% Cl, 63.7-76.7%) (Figure 2). Of 91
intervention households that provided water samples in both Round 1 and Round 2, 55
households (60.4%) had no detectable TTC at both visits, while of 144 control households with

water samples in both rounds, 27 households (18.8%) had no detectable TTC.

Controlling for water source, toilet type, and rainfall within the previous 10 days, the odds of
having detectable TTC were significantly reduced in the intervention arm, with an OR of 0.22
(95% Crl 0.10-0.39, p<0.001). A further sensitivity analysis among a subsample of households
(276 total observations) was conducted, controlling for source water quality instead of source
type since source type may not be an adequate proxy for source quality. This sensitivity analysis
found there was an OR of 0.17 (95% Crl 0.04-0.35, p<0.001) controlling for source water quality
(log TTC), demonstrating the effect of the filter on water quality remained protective despite the

possible role of source water quality as a confounder.

Similarly, the odds ratio of having drinking water with more than 10 TTC/100mL in the
intervention arm compared to control arm was 0.34 (95% Crl 0.18-0.56, p<0.001). Controlling for
source water quality instead of reported water source, there was an OR of 0.26 (95% Crl 0.10-

0.50, p=0.001) with source water quality as log TTC.

Child diarrhoea
Overall, one-week prevalence for reported diarrhoea was 19.3% in the control arm and 12.5% in

the intervention arm, with greatest difference between the two arms occurring in Round 2



(Table S2). Controlling for SES, age in months, gender, water source (improved vs. unimproved),
and toilet type (improved vs. unimproved), and rainfall within the previous 10 days, children in
the intervention arm had 50% lower odds of diarrhoea compared to children in the control arm
(OR=0.50, 95% Crl 0.23-0.90, p=0.03). Separate models for seeking care from a CHW for
diarrhoea within the last 7 days and seeking care for diarrhoea at a health facility within the last
7 days were not estimable due to low number of cases. Controlling for SES, age in months,
gender, water source, toilet type, rainfall within the previous 10 days, and reported travel time
to health facility, the odds ratio of seeking care from a CHW or at a health facility for diarrhoea
within the last 7 days in intervention compared to control was 0.54 (95% Crl 0.18-1.21, p=0.13).
The odds ratio of seeking care for diarrhoea at a health facility within the last 3 months was 0.60
(95% Crl1 0.27-1.11, p=0.11), controlling for SES, age in months, gender, water source, toilet type,
and reported travel time to health facility. Prevalence of the negative control of toothache
among children under 5 within the previous 7 days was similar between control and intervention

arms (overall, 3.9% and 3.8% respectively).

DISCUSSION

Previous research has shown household water filters to be protective against diarrhoea in the
short term, but studies with follow up >12 months were not effective against diarrhoea (Clasen
et al., 2015). The majority of studies have been small and conducted within the context of
intensive research trials rather than at-scale programmes as delivered. This study found high
coverage and continued use of a household water filter 12-24 months following intervention
delivery. This was accompanied by improved household drinking water quality and reduced one-

week prevalence of self-reported diarrhoea among children under 5 years.



The levels of coverage and use of the filter were significantly higher than those reported on a
large-scale intervention involving previous versions of the LifeStraw filter in Kenya (Pickering et
al., 2015). This may be due in part to improvements in the design of the filter, from a hanging
version (model 1.0) used in previous studies to the tabletop version (2.0) used here. The
previous version may have been difficult to use; it also had no water storage chamber. The
difference in effect may have also benefited from consistent engagement by the programmatic
team. This included technical support, transport of broken filters between households and
regional repair centres, involvement of CHWs who lived in the targeted communities, and
dynamic and repeated behaviour change messaging and materials (Barstow et al., 2014). Most
instances of non-use in the intervention arm were due to breakage or perceived breakage. The
necessary backwashing frequency and cleaning frequency seemed to be key messages that were
not followed consistently, and this led to clogged and unusable filters, as noted in previous

studies (Barstow et al., 2014; Rosa et al., 2014b).

In addition to self-reported and observed usage, filter usage was confirmed by the sensor-
equipped filters. Sensors may offer a more objective measure of usage and are able to provide
usage statistics over an extended period of time, although they may still be subject to bias due
to reactivity. Although households were not told the explicit nature of the sensor, it is possible
that usage increased due to observer bias and other factors related to the presence of research
staff in the village during the monitoring period (Arnold et al., 2015). A recent study among
similar households in Rwanda demonstrated reactivity when households knew the sensor was
present and measured filter usage, with households appearing to increase their usage for at
least 30 days (Thomas et al., 2016). In this study, sensors were in households for 7-30 days due
to logistical constraints, and it is possible the sensors do not reflect long-term usage. The range
in the number of days sensors were deployed within households was largely dependent upon

the number of study households within the intervention village and its matched control village,



resulting in differing amounts of time study personnel (and sensors) were in each village. This
further diminishes the generalizability of usage data generated by the sensors. The mean volume
filtered per day and the overall less than 50% of household sensor deployments that were
adherent (defined as at least one filter fill on at least half of analysable transmit days) suggests
consumption of filtered water is below WHO recommendations (Grandjean, 2005). This may be
due to under-consumption of water and/or preference for other types of beverages, as well as
consumption of non-treated water both at and away from the household, challenges identified

in earlier evaluations of the intervention (Barstow et al., 2014; Rosa et al., 2014b).

Consistent with potential under-consumption of filtered water as indicated by the sensors, this
study found non-exclusive consumption of filtered water by both children and adults,
particularly whilst away from the household. Since these behaviours were self-reported, non-
compliance is likely underestimated, particularly for children who were not always supervised by
the survey respondent (Rosa et al., 2016, 2014a). Previous work has identified non-exclusive and
inconsistent use of household water treatment products as challenges in this and other low-
income settings (Barstow et al., 2014; Boisson et al., 2013; Clasen et al., 2015; Peletz et al., 2012;
Rosa et al., 2014b). This behaviour can diminish the health gains that are possible (Brown and
Clasen, 2012; Enger et al., 2013; Hunter et al., 2009). Future research and behaviour change
efforts should focus on ways to maximize the availability of filtered water and sustain exclusive

and consistent use, both within and outside of the household.

Drinking water quality in the intervention arm was significantly less contaminated than in the
control arm in both rounds and overall. The observed reductions in TTC contamination is
consistent with other field-based studies of the LifeStraw filter, including version 1.0, a hanging
model (Boisson et al., 2010; Peletz et al., 2013, 2012) and version 2.0, the tabletop model (Rosa

et al., 2014b). Levels of faecal contamination in the control arm and in intervention households



whose sample did not come from the LifeStraw were similar to other studies in Rwanda among
households not using a LifeStraw filter (Kirby et al., 2016; Rosa et al., 2014b). Within the
intervention arm, those who reported consuming water directly from the filter had significantly

improved water quality compared to households that stored their water in other containers.

This study found significant reduced odds of child diarrhoea within the previous week among
children in the intervention arm compared to the control arm. The magnitude of effect was
similar to other filter studies. A recent systematic review found point-of-use water filters to
reduce the risk of diarrhoea by about half, both for all ages (RR 0.48, 95%Cl 0.38 to 0.59; 18
trials) and for children under

five years of age (RR 0.49, 95% Cl 0.38 to 0.62) (Clasen et al., 2015). This included 3 trials of

LifeStraw filters that yielded a pooled reduction of 31% (RR 0.69, 95% Cl 0.51 to 0.93).

This study has several limitations. We cannot exclude the possibility of courtesy bias that can
occur with a non-blinded intervention, both for reported intervention usage and reported health
impacts. A systematic review of household water treatment found that while non-blinded trials
generally reported a protective effect, blinded trials generally did not (Clasen et al., 2015). There
was no impact on the negative control of toothache, suggesting courtesy bias may have a limited
role, although additional negative controls such as bruising/scraping and earache could have
strengthened this check. It is also possible the implementer’s health education and behaviour
change messaging influenced respondent responses regarding health symptoms and/or usage
behaviour, as reduced risk of diarrhoea was described as a benefit of consistent filter usage.
Thus the effect on diarrhoea is potentially exaggerated, and there remains a need for more
objective outcomes to overcome the weaknesses of this self-reported outcome (Clasen and
Boisson, 2015), such as biomarkers of recent infection (Priest et al., 2006). A larger randomized

study with confirmed health facility diagnoses of diarrhoea and other objective measures would



help determine whether the filter is effective at preventing clinically significant cases of

diarrhoea.

In some villages, study teams were present in the village for over a month and some households
could have anticipated household visits by study personnel. Additionally, the implementers
remained programmatically engaged with communities throughout the study. This could have
influenced household behaviours and responses (Arnold et al., 2015; McCarney et al., 2007;
Zwane et al., 2011). There was also high attrition in this study (12.6%), particularly among the
intervention arm (19.5%). Reasons for this are unclear, although intervention villages with the
lowest follow-up rates were visited during the July and August planting season (Table S3). The
loss to follow-up is not believed to be due to unmeasured confounders or factors relevant to our
outcomes of interest, and an analysis of household and child characteristics with complete vs.

incomplete follow-up did not reveal notable differences (Table S4).

Additionally, we cannot rule out the potential role of unmeasured confounders that could
impact water quality and diarrhoea since the intervention and control villages were not
randomly selected. Possible confounders such as hygiene and sanitation characteristics were not
accounted for in the matching procedure, although these characteristics were similar between
the intervention and control arms. Timely household- or village-level census data could have
improved the matching considerably, although there was good balance between the arms on
key characteristics. Despite continued susceptibility to unmeasured confounding, the matched
cohort design seeks to provide an unbiased counterfactual approximating a randomized

design. Because the approach can be used to evaluate previously-delivered interventions, it may
reduce the risk present in prospective randomized controlled trials where the intervention being
evaluated is not delivered or embraced as intended. Its purpose is to match on potential

confounders at the design phase in order to achieve a valid comparison group, reducing the bias



and strengthening causal inference without relying on post-hoc modelling assumptions (Arnold

et al. 2010).”

Lastly, this was a combined intervention of both a water filter and an advanced cookstove. While
this paper has focused on diarrhoea and water quality as outcomes, we cannot rule out the
possibility that the stove influenced the diarrhoea results. For example, the stove component of
the intervention could have reduced immune system vulnerability to respiratory infections (Lee
et al., 2015) and co-morbidity with diarrhoea, although reduced risk of diarrhoea is more likely
to reduce pneumonia than vice versa (Ashraf et al., 2013; Fischer Walker et al., 2013a; Schmidt
et al., 2009). Nevertheless, these results should be interpreted within the context of a combined
intervention, although the causal pathway of improved drinking water due to the filter in turn
resulting in reduced diarrhoea remains the most plausible explanation for our findings. Future
research should examine the separate and combined impacts of household-based WASH and

energy interventions.

Notwithstanding these limitations, this study does provide support for the potential value of
scaling up the intervention. In particular, it demonstrates that use continues at high levels for up
to 24 months—a major concern raised about point-of-use water quality interventions from
previous research (Clasen et al., 2015). It also shows that that this study population was
exposed to unsafe drinking water throughout this period, a finding consistent with a previous
cross-sectional study (Kirby et al., 2016) and that the intervention filter was effective in
significantly reducing this exposure during this longer follow up period. The implementers have
now delivered filters and stoves to the poorest 30% (ubudehe 1 and 2) of households throughout
Western Province (Barstow et al., 2016). A randomized controlled trial to assess the impact of
this larger scale roll out is currently underway (Nagel et al., 2016). Given the impact on water

quality and diarrhoea observed in this matched cohort study 12-24 months after delivery, there



is the potential for this intervention to improve household water quality and child health at

scale.

Conflict of Interest
E.A.T. has a commercial equity interest in a university-owned start-up that is commercializing
the sensors described. E.A.T., L. and M.U were employees of DelAgua Health Rwanda

(Implementation), Ltd during the study.

Acknowledgements

The authors would like to thank study participants for their cooperation in this study, and study
enumerators for excellent work. Additionally, we would like to thank Dr. Christina Barstow, Dr.
Wolf-Peter Schmidt and Dr. Jeanine Condo for support and expertise. All funding for this study
was provided by DelAgua Health Limited through a sponsored research grant to Portland State

University and the London School of Hygiene and Tropical Medicine.



REFERENCES

Alexander, N., 2012. Review: analysis of parasite and other skewed counts. Trop. Med. Int. Heal.
17, 684—693. doi:10.1111/j.1365-3156.2012.02987 .x

APHA, 2001. Standard Methods for the Examination of Water and Wastewater. American Public
Health Association/American Water Works Association/Water Environment Federation,
Washington, DC.

Arnold, B., Arana, B., Mausezahl, D., Hubbard, A., Colford Jr., J.M., 2009. Evaluation of a pre-
existing, 3-year household water treatment and handwashing intervention in rural
Guatemala. Int J Epidemiol 38, 1651-1661. doi:10.1093/ije/dyp241

Arnold, B.F., Khush, R.S., Ramaswamy, P., London, A.G., Rajkumar, P., Ramaprabha, P., Durairaj,
N., Hubbard, A.E., Balakrishnan, K., Colford Jr., J.M., 2010. Causal inference methods to
study nonrandomized, preexisting development interventions. Proc Natl Acad Sci US A
107, 22605-22610. doi:10.1073/pnas.1008944107

Arnold, B.F., Khush, R.S., Ramaswamy, P., Rajkumar, P., Durairaj, N., Ramaprabha, P.,
Balakrishnan, K., Colford, J.M., 2015. Reactivity in rapidly collected hygiene and toilet spot
check measurements: a cautionary note for longitudinal studies. Am. J. Trop. Med. Hyg. 92,
159-62. doi:10.4269/ajtmh.14-0306

Ashraf, S., Huque, M.H., Kenah, E., Agboatwalla, M., Luby, S.P., 2013. Effect of recent diarrhoeal
episodes on risk of pneumonia in children under the age of 5 years in Karachi, Pakistan. Int.
J. Epidemiol. 42, 194-200.

Austin, P.C., 2011. An Introduction to Propensity Score Methods for Reducing the Effects of
Confounding in Observational Studies. Multivariate Behav. Res. 46, 399—-424.
doi:10.1080/00273171.2011.568786

Austin, P.C., 2009. Balance diagnostics for comparing the distribution of baseline covariates
between treatment groups in propensity-score matched samples. Stat. Med. 28, 3083—
3107. doi:10.1002/sim.3697

Bain, R.E., Cronk, R., Wright, J., Yang, H., Slaymaker, T., Bartram, J., 2014. Fecal contamination of
drinking-water in low- and middle-income countries: a systematic review and meta-
analysis. PLoS Med. 11, e1001644. doi:10.1371/journal.pmed.1001644

Barstow, C.K., Nagel, C.L., Clasen, T.F., Thomas, E.A., 2016. Process evaluation and assessment of
use of a large scale water filter and cookstove program in Rwanda. BMC Public Health 16,
584. d0i:10.1186/s12889-016-3237-0

Barstow, C.K., Ngabo, F., Rosa, G., Majorin, F., Boisson, S., Clasen, T.F., Thomas, E.A., 2014.



Designing and piloting a program to provide water filters and improved cookstoves in
Rwanda. PLoS One 9, €92403. doi:10.1371/journal.pone.0092403

Boisson, S., Kiyombo, M., Sthreshley, L., Tumba, S., Makambo, J., Clasen, T.F., 2010. Field
assessment of a novel household-based water filtration device: a randomised, placebo-
controlled trial in the Democratic Republic of Congo. PLoS One 5, e12613.

Boisson, S., Stevenson, M., Shapiro, L., Kumar, V., Singh, L.P., Ward, D., Clasen, T.F., 2013. Effect
of household-based drinking water chlorination on diarrhoea among children under five in
Orissa, India: a double-blind randomised placebo-controlled trial. PLoS Med. 10, e1001497.
doi:10.1371/journal.pmed.1001497

Bottomley, C., Kirby, M.J., Lindsay, S.W., Alexander, N., 2016. Can the buck always be passed to
the highest level of clustering? BMC Med. Res. Methodol. 16, 29. do0i:10.1186/s12874-016-
0127-1

Brookhart, M.A., Schneeweiss, S., Rothman, K.J., Glynn, R.J., Avorn, J., Stiirmer, T., 2006. Variable
selection for propensity score models. Am. J. Epidemiol. 163, 1149-1156.

Brown, J., Clasen, T.F., 2012. High adherence is necessary to realize health gains from water
quality interventions. PLoS One 7, e36735. doi:10.1371/journal.pone.0036735

Browne, W.J., 2009. MCMC Estimation in MLwiN v2.1. Centre for Multilevel Modelling,
University of Bristol.

Browne, W.J., Draper, D., 2006. A comparison of Bayesian and likelihood-based methods for
fitting multilevel models. Bayesian Anal. 1, 473-514. doi:10.1214/06-BA117

Clasen, T.F., Alexander, K.T., Sinclair, D., Boisson, S., Peletz, R., Chang, H.H., Majorin, F.,
Cairncross, S., 2015. Interventions to improve water quality for preventing diarrhoea.
Cochrane database Syst. Rev. 10, CD004794. doi:10.1002/14651858.CD004794.pub3

Clasen, T.F., Boisson, S., 2015. Assessing the Health Impact of Water Quality Interventions in
Low-Income Settings: Concerns Associated with Blinded Trials and the Need for Objective
Outcomes. Environ. Health Perspect. doi:10.1289/ehp.1510532

Clasen, T.F., Naranjo, J., Frauchiger, D., Gerba, C., 2009. Laboratory assessment of a gravity-fed
ultrafiltration water treatment device designed for household use in low-income settings.
Am. J. Trop. Med. Hyg. 80, 819-23.

Enger, K.S., Nelson, K.L., Rose, J.B., Eisenberg, J.N., 2013. The joint effects of efficacy and
compliance: a study of household water treatment effectiveness against childhood
diarrhea. Water Res 47, 1181-1190. doi:10.1016/j.watres.2012.11.034

Ercumen, A,, Arnold, B.F., Kumpel, E., Burt, Z., Ray, |., Nelson, K., Colford, J.M., 2015a. Upgrading
a Piped Water Supply from Intermittent to Continuous Delivery and Association with
Waterborne lliness: A Matched Cohort Study in Urban India. PLoS Med. 12, e1001892.
doi:10.1371/journal.pmed.1001892

Ercumen, A., Naser, A.M., Unicomb, L., Arnold, B.F., Colford Jr., J.M., Luby, S.P., 2015b. Effects of
Source- versus Household Contamination of Tubewell Water on Child Diarrhea in Rural
Bangladesh: A Randomized Controlled Trial. PLoS One 10, e0121907.
doi:10.1371/journal.pone.0121907

Fischer Walker, C.L., Perin, J., Katz, J., Tielsch, J.M., Black, R.E., 2013a. Diarrhea as a risk factor for
acute lower respiratory tract infections among young children in low income settings. J
Glob Heal. 3, 10402. doi:10.7189/jogh.03.010402



Fischer Walker, C.L., Rudan, 1., Liu, L., Nair, H., Theodoratou, E., Bhutta, Z.A., O’Brien, K.L.,
Campbell, H., Black, R.E., 2013b. Global burden of childhood pneumonia and diarrhoea.
Lancet 381, 1405-1416. doi:10.1016/50140-6736(13)60222-6

Funk, C., Peterson, P., Landsfeld, M., Pedreros, D., Verdin, J., Shukla, S., Husak, G., Rowland, J.,
Harrison, L., Hoell, A., Michaelsen, J., 2015. The climate hazards infrared precipitation with
stations—a new environmental record for monitoring extremes. Sci. Data 2, 150066.
doi:10.1038/sdata.2015.66

GBD 2015 Risk Factors Collaborators, 2016. Global, regional, and national comparative risk
assessment of 79 behavioural, environmental and occupational, and metabolic risks or
clusters of risks, 1990-2015: a systematic analysis for the Global Burden of Disease Study
2015. Lancet 388, 1659-1724. doi:10.1016/50140-6736(16)31679-8

Grandjean, A.C., 2005. Water requirements, impinging factors, and recommended intakes, in:
Nutrients in Drinking Water. World Health Organization, Geneva, Switzerland, pp. 25-40.

Hodge, J., Chang, H., Boisson, S., Collin, S., Peletz, R., Clasen, T.F., 2016. Assessing the association
between thermotolerant coliforms in drinking water and diarrhea: An analysis of individual
level data from multiple studies. Env. Heal. Perspect. 124, 1560-1567. doi:10.1289/EHP156

Hunter, P.R., 2009. Household water treatment in developing countries: comparing different
intervention types using meta-regression. Env. Sci Technol 43, 8991-8997.
doi:10.1021/es9028217

Hunter, P.R., Zmirou-Navier, D., Hartemann, P., 2009. Estimating the impact on health of poor
reliability of drinking water interventions in developing countries. Sci Total Env. 407, 2621
2624. doi:10.1016/j.scitotenv.2009.01.018

Imbens, G.W., Rubin, D.B., 2015. Causal Inference for Statistics, Social, and Biomedical Sciences:
An Introduction. Cambridge University Press, New York, New York.

Kirby, M.A., Nagel, C.L., Rosa, G., lyakaremye, L., Zambrano, L.D., Clasen, T.F., 2016. Faecal
contamination of household drinking water in Rwanda: A national cross-sectional study.
Sci. Total Environ. 571, 426—434. doi:10.1016/j.scitotenv.2016.06.226

Kolenikov, S., Angeles, G., 2009. Socioeconomic status measurement with discrete proxy
variables: is principal component analysis a reliable answer? Rev. Income Wealth 55, 128—
165. doi:10.1111/j.1475-4991.2008.00309.x

Leckie, G., Charlton, C., Leckie, G., Charlton, C., 2013. runmlwin: A Program to Run the MLwiN
Multilevel Modeling Software from within Stata. J. Stat. Softw. 52.

Lee, A, Kinney, P., Chillrud, S., Jack, D., 2015. A systematic review of innate immunomodulatory
effects of household air pollution secondary to the burning of biomass fuels. Ann. Glob.
Heal. d0i:10.1016/j.a0gh.2015.08.006

Leuven, E., Sianesi, B., 2003. PSMATCH2: Stata module to perform full Mahalanobis and
propensity score matching, common support graphing, and covariate imbalance testing.

Levy, K., Woster, A.P., Goldstein, R.S., Carlton, E.J., 2016. Untangling the impacts of climate
change on waterborne diseases: a systematic review of relationships between diarrheal
diseases and temperature, rainfall, flooding, and drought. Environ. Sci. Technol.
doi:10.1021/acs.est.5b06186

Lipsitch, M., Tchetgen Tchetgen, E., Cohen, T., 2010. Negative controls: a tool for detecting
confounding and bias in observational studies. Epidemiology 21, 383-8.



doi:10.1097/EDE.Ob013e3181d61eeb

Liu, L., Oza, S., Hogan, D., Perin, J., Rudan, I, Lawn, J.E., Cousens, S., Mathers, C., Black, R.E.,
2014. Global, regional, and national causes of child mortality in 2000-13, with projections
to inform post-2015 priorities: an updated systematic analysis. Lancet 385, 430-440.
doi:10.1016/50140-6736(14)61698-6

Luby, S.P., Halder, A.K., Huda, T.M., Unicomb, L., Islam, M.S., Arnold, B.F., Johnston, R.B., 2015.
Microbiological Contamination of Drinking Water Associated with Subsequent Child
Diarrhea. Am. J. Trop. Med. Hyg. 93, 904-11. doi:10.4269/ajtmh.15-0274

McCarney, R., Warner, J., lliffe, S., van Haselen, R., Griffin, M., Fisher, P., 2007. The Hawthorne
Effect: a randomised, controlled trial. BMC Med. Res. Methodol. 7, 30. doi:10.1186/1471-
2288-7-30

McNeish, D.M., Stapleton, L.M., 2016. The Effect of Small Sample Size on Two-Level Model
Estimates: A Review and Illustration. Educ. Psychol. Rev. doi:10.1007/s10648-014-9287-x

Mukabutera, A., Thomson, D., Murray, M., Basinga, P., Nyirazinyoye, L., Atwood, S., Savage, K.P.,
Ngirimana, A., Hedt-Gauthier, B.L., Hashizume, M., Armstrong, B., Hajat, S., Wagatsuma, Y.,
Faruque, A., Hayashi, T., Priss-lstin, A., Kay, D., Fewtrell, L., Bartram, J., Dwight, R., Baker,
D., Semenza, J., Olson, B., Huang, J., Dool, H., Georgarakos, K., 2016. Rainfall variation and
child health: effect of rainfall on diarrhea among under 5 children in Rwanda, 2010. BMC
Public Health 16, 731. doi:10.1186/s12889-016-3435-9

Nagel, C.L., Kirby, M.A., Zambrano, L.D., Rosa, G., Barstow, C.K., Thomas, E.A,, Clasen, T.F., 2016.
Study design of a cluster-randomized controlled trial to evaluate a large-scale distribution
of cook stoves and water filters in Western Province, Rwanda. Contemp. Clin. Trials
Commun. 4, 124-135. doi:10.1016/j.conctc.2016.07.003

National Institute of Statistics of Rwanda (NISR), Ministry of Health (MOH) [Rwanda], ICF
International, 2015. Rwanda Demographic and Health Survey 2014-15. Rockville, Maryland,
USA.

Peletz, R., Simunyama, M., Sarenje, K., Baisley, K., Filteau, S., Kelly, P., Clasen, T.F., 2012.
Assessing water filtration and safe storage in households with young children of HIV-
positive mothers: a randomized, controlled trial in Zambia. PLoS One 7, e46548.
doi:10.1371/journal.pone.0046548

Peletz, R., Simuyandi, M., Simunyama, M., Sarenje, K., Kelly, P., Clasen, T.F., 2013. Follow-Up
Study to Assess the Use and Performance of Household Filters in Zambia. Am J Trop Med
Hyg. doi:10.4269/ajtmh.13-0054

Pickering, A.J., Arnold, B.F., Dentz, H.N., Colford, J.M., Clasen, T.F., Null, C., 2015. Usage of
Carbon-Financed (“Lifestraw”) Water Filters by Rural Kenyan Households, in: 2015 Water
and Health Conference - Verbal Presentation Abstracts. Chapel Hill, NC, pp. 64—65.

Priest, J.W., Bern, C., Xiao, L., Roberts, J.M., Kwon, J.P., Lescano, A.G., Checkley, W., Cabrera, L.,
Moss, D.M., Arrowood, M.J., Sterling, C.R., Gilman, R.H., Lammie, P.J., 2006. Longitudinal
Analysis of Cryptosporidium Species-Specific Immunoglobulin G Antibody Responses in
Peruvian Children. Clin. Vaccine Immunol. 13, 123-131. do0i:10.1128/CVI.13.1.123-131.2006

Priss-Ustiin, A., Bartram, J., Clasen, T.F., Colford, J.M., Cumming, O., Curtis, V., Bonjour, S.,
Dangour, A.D., De France, J., Fewtrell, L., Freeman, M.C., Gordon, B., Hunter, P.R,,
Johnston, R.B., Mathers, C., Mdusezahl, D., Medlicott, K., Neira, M., Stocks, M., Wolf, J.,
Cairncross, S., 2014. Burden of disease from inadequate water, sanitation and hygiene in



low- and middle-income settings: a retrospective analysis of data from 145 countries. Trop.
Med. Int. Health 19, 894-905. doi:10.1111/tmi.12329

Rasbash, J., Charlton, C., Browne, W.J., Healy, M., Cameron, B., 2009. MLwiN Version 2.1.

Rosa, G., Huaylinos, M.L., Gil, A., Lanata, C., Clasen, T.F., 2014a. Assessing the consistency and
microbiological effectiveness of household water treatment practices by urban and rural
populations claiming to treat their water at home: a case study in Peru. PLoS One 9,
€114997. doi:10.1371/journal.pone.0114997

Rosa, G., Kelly, P., Clasen, T.F., 2016. Consistency of Use and Effectiveness of Household Water
Treatment Practices Among Urban and Rural Populations Claiming to Treat Their Drinking
Water at Home: A Case Study in Zambia. Am. J. Trop. Med. Hyg. 94, 445-55.
doi:10.4269/ajtmh.15-0563

Rosa, G., Majorin, F., Boisson, S., Barstow, C., Johnson, M., Kirby, M.A., Ngabo, F., Thomas, E.A.,
Clasen, T.F., 2014b. Assessing the impact of water filters and improved cook stoves on
drinking water quality and household air pollution: a randomised controlled trial in
Rwanda. PLoS One 9, €91011. doi:10.1371/journal.pone.0091011

Rosenbaum, P.R., Rubin, D.B., 1985. Constructing a Control Group Using Multivariate Matched
Sampling Methods That Incorporate the Propensity Score. Am. Stat. 39, 33—38.
doi:10.1080/00031305.1985.10479383

Rubin, D.B., 2007. The design versus the analysis of observational studies for causal effects:
parallels with the design of randomized trials. Stat. Med. 26, 20-36.

Rwanda Meteorology Agency, 2016. Climatology of Rwanda [WWW Document]. URL
http://www.meteorwanda.gov.rw/index.php?id=30

Rwanda Ministry of Local Government, 2011. National Social Protection Strategy. Kigali, Rwanda.

Schmidt, W.-P., Cairncross, S., Barreto, M.L., Clasen, T.F., Genser, B., 2009. Recent diarrhoeal
illness and risk of lower respiratory infections in children under the age of 5 years. Int. J.
Epidemiol. 38, 766—72. doi:10.1093/ije/dyp159

Stuart, E.A., 2010. Matching methods for causal inference: A review and a look forward. Stat. Sci.
25, 1-21. doi:10.1214/09-STS313

Thomas, E.A., Barstow, C.K., Rosa, G., Majorin, F., Clasen, T.F., 2013a. Use of remotely reporting
electronic sensors for assessing use of water filters and cookstoves in Rwanda. Environ. Sci.
Technol. 47, 13602-10. doi:10.1021/es403412x

Thomas, E.A,, Tellez-Sanchez, S., Wick, C., Kirby, M.A., Zambrano, L., Abadie Rosa, G., Clasen,
T.F., Nagel, C., 2016. Behavioral Reactivity Associated With Electronic Monitoring of
Environmental Health Interventions - A Cluster Randomized Trial with Water Filters and
Cookstoves. Environ. Sci. Technol. 50, 3773-3780. doi:10.1021/acs.est.6b00161

Thomas, E.A., Zumr, Z., Graf, J., Wick, C.A., McCellan, J.H., Imam, Z., Barstow, C., Spiller, K.,
Fleming, M., 2013b. Remotely Accessible Instrumented Monitoring of Global Development
Programs: Technology Development and Validation. Sustainability 5, 3288—3301.

UNICEF/WHO, 2009. Diarrhoea: Why children are still dying and what can be done.

WHO, 2016. Results of Round | of the WHO International Scheme to Evaluate Household Water
Treatment Technologies. Geneva, Switzerland.

WHO, 2011. Guidelines for drinking-water quality, fourth edition. Geneva, Switzerland.



WHO, 2007. Combating waterborne disease at the household level. Geneva WHO. United
Nations Child. Fund 6th Floor, Metro Park Build. 351.

WHO, 2005. Handbook IMCI : integrated management of childhood iliness. World Health
Organization, Dept. of Child and Adolescent Health and Development.

WHO/UNICEF, 2006. Core Questions on Drinking Water and Sanitation for Household Surveys.
Geneva, Switzerland.

Wolf, J., Priiss-Ustiin, A., Cumming, O., Bartram, J., Bonjour, S., Cairncross, S., Clasen, T.F.,
Colford, J.M., Curtis, V., De France, J., Fewtrell, L., Freeman, M.C., Gordon, B., Hunter, P.R,,
Jeandron, A., Johnston, R.B., Mausezahl, D., Mathers, C., Neira, M., Higgins, J.P.T., 2014.
Assessing the impact of drinking water and sanitation on diarrhoeal disease in low- and
middle-income settings: systematic review and meta-regression. Trop. Med. Int. Health 19,
928-42. doi:10.1111/tmi.12331

Wright, J., Gundry, S., Conroy, R., 2004. Household drinking water in developing countries: a
systematic review of microbiological contamination between source and point-of-use. Trop
Med Int Heal. 9, 106-117.

Zwane, A.P., Zinman, J., Van Dusen, E., Pariente, W., Null, C., Miguel, E., Kremer, M., Karlan, D.S.,
Hornbeck, R., Giné, X., Duflo, E., Devoto, F., Crepon, B., Banerjee, A., 2011. Being surveyed
can change later behavior and related parameter estimates. Proc. Natl. Acad. Sci. 108,
1821-1826. d0i:10.1073/pnas.1000776108



Figure 1 Sweetsense sensor affixed to Lifestraw filter (photo courtesy of Evan Thomas).
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Figure 2 Proportion of control and intervention household drinking water samples by level of
faecal contamination (CFU/100mL) and water storage location with cluster-robust 95%
confidence intervals. (Note: Three intervention water samples were from an unknown storage
location.)



Table 1 Intervention and control household characteristics at enroliment.

Intervention Control
(n=113 hh) (n=156 hh) | Standardized
Household characteristics %hh %hh difference
Mean number of occupants per household 5.07 5.35 -0.151
Mean number of females 18+ per household 1.23 1.35 -0.190
Mean number of males 18+ per household 0.82 0.83 -0.018
Mean number of children under 5 per household 1.31 1.24 0.126
Female respondent 100.0 100.0 .
Mean age of respondent 35.34 37.40 -0.160
Respondent never attended school 36.3 36.5 -0.005
Respondent completed primary 14.2 16.0 -0.052
Respondent completed some secondary or higher 4.4 4.5 -0.003
Floor type -- earth/sand 93.8 90.4 0.127
Has electricity 2.7 8.3 -0.251
Has radio 33.6 35.3 -0.034
Has mobile phone 25.7 34.6 -0.196
Has mattress 27.4 35.9 -0.183
Has bicycle 1.8 3.8 -0.126
Owns land 90.3 85.9 0.135
Owns household 83.2 90.4 -0.214
Owns animals 46.9 44.9 0.041
Mean reported one-way travel time to health
facility (min) 45.6 63.6 -0.451
Method of reaching facility — only on foot 96.5 98.7 -0.148
Has dedicated handwashing location after
defecation 0.9 1.3 -0.038
Toilet type — Improved! 36.3 30.8 0.117
Share toilet 16.0 14.6 0.039
Drinking water stored in household 1 day or less 92.6 97.3 -0.217
Current water source - public tap / borehole 23.9 25.0 -0.026
Current water source - protected spring 68.1 59.6 0.178
Current water source — Improved? 92.9 85.9 0.230
Fetch water daily 85.7 90.2 -0.138
Roundtrip water-fetching time (min) 26.65 27.59 -0.039
Has drinking water available at time of visit 96.5 95.5 0.048
N=93 N=105
households? | households?
Source drinking water quality - no detectable TTC 58.1 64.8 -0.138
Source drinking water quality <11 TTC/100mL 64.5 93.3 -0.755
Source drinking water quality <101 TTC/100mL 89.2 99.0 -0.427
N=147 N=193
children children
Mean child age (months) 31.06 30.68 0.023
Child gender -- female 53.7 52.8 0.018

IAccording to WHO/UNICEF Joint Monitoring Programme (JMP) for Water Supply and Sanitation

guidelines (WHO/UNICEF, 2006)

’Households matched to source water sample +/- 1 day of survey date.




Table 2 Reported and observed filter coverage, use and exclusive use among intervention

households.
Round 1 Round 2 Overall
N (%) N (%) N (%)
N=113 N=91 N=204 household
households | households | observations
Coverage
Received filter 110 (97.4) 89 (97.8) 199 (97.6)
Currently has filter? 104 (94.6) | 85(95.5) 189 (95.0)
Filter broken? 15 (13.6) 12 (13.5) 27 (13.6)
Filter away for repair® 4 (3.6) 3 (3.4) 7 (3.5)
Household currently has working filter! 93 (84.5) 76 (85.4) 169 (84.9)
Observed and reported use N=93 N=76 N=169 household
households | households | observations
Reports currently using filter 93 (100.0) | 75(98.7) 168 (99.4)
Reports filter last used on day of visit or previous 86 (92.5) 67 (88.2) 153 (90.5)
day
Filter looks in use (based on accessibility and 88 (94.6) 69 (90.8) 157 (92.9)
presence of dirt/dust on filter)
Has water in the filter 80 (86.0) 62 (81.6) 142 (84.0)
Sensor-derived use? N=45 N=39 N=84 household
households | households | observations
Filter filled on at least half of days with sensor data 22 (50.0) 14 (36.8) 36 (45.9)
(% of households) 3
Filter filled on a least one third of days with sensor 35(79.5) 21 (55.3) 56 (68.3)
data (% of households)
Mean (SD) filter fills per day of sensor data per 0.8 (0.5) 0.8(0.7) 0.8 (.6)
household
Mean (SD) litres treated per day of sensor data per 2.2 (1.4) 1.6 (1.3) 1.9 (1.4)
household
Mean (SD) litres per fill event 2.9 (1.8) 2.14(1.7) 2.6 (1.8)
Reported exclusive use* N=93 N=75 N=168 household
households | households | observations
Respondent drank unfiltered water today* 8 (8.6) 4 (5.3) 12 (7.1)
Respondent drank unfiltered water yesterday* 12 (12.9) 6 (8.0) 18 (10.7)
Respondent drank unfiltered water today or 16 (17.2) 7 (9.3) 23 (13.7)
yesterday*
Respondent ever drinks unfiltered water while at 15 (16.1) 16 (21.3) 31(18.5)
home*
Respondent ever drinks unfiltered water while away | 31 (33.3) 20(26.7) 51 (30.4)
from home*
Child drank unfiltered water today* > 9(7.4) 8(8.2) 17 (7.8)
Child drank unfiltered water yesterday*® 9(7.4) 8(8.2) 17 (7.8)
Child drank unfiltered water either today or 13 (10.7) 9(9.3) 22 (10.1)
yesterday*®
Household has child under 5 who ever drinks 23 (24.7) 25(33.3) 48 (28.6)




unfiltered water while at home*

Household has child under 5 who ever drinks 28 (30.1) 25(33.3) 53 (31.6)
unfiltered water while away from home*

10nly if household received Lifestraw filter

2Sensors were deployed in 79 hh in Round 1 and 73 hh in Round 2, for a mean of 16.3 days (SD 7.5,
range 8-36 days). Due to mobile network challenges, sensor failure, and other technical faults, data
was usable from 45 households in Round 1 and 39 households in Round 2.

3Day classified as transmit day if the sensor transmitted data to a central server at least once (not
including the partial deployment and retrieval days). A mean of 12.9 days per deployment were
useable for analysis (SD 7.7, range 0-34 days).

4Only if household reported using filter

5For each child under 5 residing in household reportedly using filter. N=121 children in Round 1, N=97
children in Round 2.




Table 3 Household drinking water quality (TTC/100mL) with cluster-robust 95% confidence
intervals (Cl) in control and intervention households at each round, according to water storage

location.
Control — overall Intervention — overall | Intervention —sample Intervention —
from filter sample from other
container

Round | N AM WM | N AM WM N AM WM N | AM WM
(95% | (95% (95% | (95% (95% ClI) | (95% (95% | (95%

Cl) Cl) Cl) Cl) Cl) Cl) Cl)
1 149 | 51.9 4.5 106 | 314 1.7 75 5.8(-1.4- | 0.5 28 | 103.3 | 11.9
(28.8- | (2.5- (13.0- | (1.1- 13.0) (0.2- (35.5- | (5.2-
75.0) | 7.5) 49.9) | 2.5) 1.1) 171.1) | 25.5)

2 138 | 121.5 | 9.0 81 19.7 0.9 63 3.0(-2.0- |04 18 | 78.3 5.2
(65.5- | (5.9- (1.6- (0.4- 7.9) (0.0- (21.2- | (2.5-
177.6) | 13.5 37.8) |1.7) 1.1) 135.6) | 10.1)

All 287 | 85.4 6.3 187 | 26.3 1.3 138 | 4.5(-1.6- | 0.5 46 | 93.5 8.7
(62.1- | (4.6- (12.1- | (0.9- 10.6) (0.1- (37.9- | (4.7-
108.7) | 8.5) 40.6) | 1.9) 1.0) 149.1) | 15.4)

AM=arithmetic mean, WM=Williams mean.
Note: Three intervention water samples were from an unknown storage location.




