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CHEBYSHEV ROOTFINDING VIA COMPUTING EIGENVALUES
OF COLLEAGUE MATRICES: WHEN IS IT STABLE?

VANNI NOFERINI AND JAVIER PEREZ

ABSTRACT. Computing the roots of a scalar polynomial, or the eigenvalues
of a matrix polynomial, expressed in the Chebyshev basis {Tx(z)} is a fun-
damental problem that arises in many applications. In this work, we analyze
the backward stability of the polynomial rootfinding problem solved with col-
league matrices. In other words, given a scalar polynomial p(z) or a matrix
polynomial P(z) expressed in the Chebyshev basis, the question is to deter-
mine whether the whole set of computed eigenvalues of the colleague matrix,
obtained with a backward stable algorithm, like the QR algorithm, are the
set of roots of a nearby polynomial or not. In order to do so, we derive a
first order backward error analysis of the polynomial rootfinding algorithm
using colleague matrices adapting the geometric arguments in [A. Edelman
and H. Murakami, Polynomial roots for companion matriz eigenvalues, Math.
Comp. 210, 763-776, 1995] to the Chebyshev basis. We show that, if the
absolute value of the coefficients of p(x) (respectively, the norm of the coeffi-
cients of P(z)) are bounded by a moderate number, computing the roots of
p(x) (respectively, the eigenvalues of P(z)) via the eigenvalues of its colleague
matrix using a backward stable eigenvalue algorithm is backward stable. This
backward error analysis also expands on the very recent work [Y. Nakatsukasa
and V. Noferini, On the stability of computing polynomial roots via confeder-
ate linearizations, To appear in Math. Comp.] that already showed that this
algorithm is not backward normwise stable if the coefficients of the polynomial
p(x) do not have moderate norms.

1. INTRODUCTION

A popular way to compute the roots of a monic polynomial expressed in the
monomial basis is via the eigenvalues of its companion matrix. This is, for in-
stance, the way followed by the MATLAB command roots, that, after balancing
the companion matrix, uses the QR algorithm to get its eigenvalues. The numerical
properties of this method for computing roots of polynomials have been extensively
studied [8, 9, 15, 25], in particular with respect to conditioning and backward errors.
It has been shown that, in practice, if the companion matrix is balanced [21], the
rootfinding method using companion matrices is numerically stable, in the sense
that the computed roots are the exact roots of a nearby polynomial. However,
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as it was made famous by Wilkinson [22, 26, 27], polynomial roots that lie on a
real interval can be highly sensitive to perturbations in the coefficients when the
monomial basis is used. So, even perturbations in the coefficients of order of the
machine precision may produce a catastrophically large forward error. In practice,
rootfinding on a real interval is a very frequent and important situation, and one
way to circumvent this problem is to use, instead, a polynomial basis such that the
roots of a polynomial expressed in that basis are better conditioned functions of its
coefficients, like the Chebyshev basis.

Chebyshev polynomials are a family of polynomials, orthogonal with respect to
the weight function w(z) = (1 — 22)~/2 on the interval [~1,1], which may be
computed using the following recurrence relation [1, Chapter 22]:

To(x)
(1.1) Ty (z) =
Ti(z) = 20T (x) — T—2(z), for k> 2.

L,

and,

Moreover, the Chebyshev polynomials To(x), T1(x), ..., T, (z) form a basis for the
vector space of polynomials of degree at most n with real coefficients R,,[z]. Hence,
any real polynomial p(z) € Ry, [2] can be written uniquely as p(z) = >, _ axTk(2).
Chebyshev polynomials are widely used in many areas of numerical analysis,
and in particular approximation theory [23]. In fact, a common approach, as done
in Chebfun [24], for computing the roots of a nonlinear smooth function f(z) on
an interval is to approximate first f(z) by a polynomial p(z) expressed in the
Chebyshev basis via Chebyshev interpolation and then compute the roots of p(x)
as the eigenvalues of its colleague matrix [11]. Also, computing the eigenvalues of
matrix polynomials in the Chebyshev basis is becoming an important problem [10].
In this paper, we are interested in the backward stability of the rootfinding
problem (or of the matrix polynomial eigenvalue problem) solved via colleague
matrices and a backward stable eigenvalue algorithm. Our work is motivated by
[18], which addresses related issues for confederate matrices (the colleague matrix is
a particular example of a confederate matrix [4, 17]). Also, similar backward error
analysis may be found in [8, 13, 14]. In [8], the authors study the backward stability
of rootfinding methods using Fiedler companion matrices of monic polynomials
expressed in the monomial basis; in [13], the authors study the backward stability
of rootfinding methods using a suitable companion matrix of polynomials expressed
in barycentric form; in [14], several bases are analyzed at once, for nonstandard
linearizations of larger size with respect to the colleague or the companion.

Given a p x p monic matriz polynomial in the Chebyshev basis of degree n
n—1
(1.2) P(z) = L,To(x) + > AxTi(z), with Ay € RPP, for k=0,1,...,n—1,
k=0

where by monic in the Chebyshev basis we mean that the coefficient of T),(x) is
equal to I, (the p x p identity matrix), the polynomial eigenvalue problem consists
of finding the eigenvalues of P(z), that is, finding the roots of the scalar polynomial
det (P(x)) (note that the monicity of P(x) implies its regularity, that is, det (P(x))
is not identically zero). For the sake of simplicity of exposition, we focus on poly-
nomials with real coefficients, as they are most common in practice when dealing



CHEBYSHEV ROOTFINDING VIA EIGENVALUES OF COLLEAGUE MATRICES 3

with the Chebyshev basis; however, the analysis of this paper can be extended to

the complex case.

A common approach to solve the polynomial eigenvalue problem for P(z) is to
use the block colleague matrix

(1.3)
[—An1 —Apo+1, —A,3 -+ —Ay —-A; —Ao]
I, 0 I, 0 ... ... 0
oo I, 0 I
Cr == . . c ]Rnpxnp7
2
: . 0
0 o I, 0 I,
Lo 0 2, 0 |

since it is known (see [2]) that the eigenvalues of (1.3) coincide with the eigenvalues
of P(z).

The eigenvalues of P(x) may be computed as the eigenvalues of Cr using, for
instance, the QR algorithm. The QR algorithm is a backward stable algorithm,
this means than the computed eigenvalues are the exact eigenvalues of a matrix
Cr + E, where F is a (possibly dense) matrix such that

1Bl = OW)[[Crll;

for some matrix norm, where u denotes the machine precision. However, the previ-
ous equation does not guarantee that the computed eigenvalues are the eigenvalues
of a nearby matrix polynomial of P(z) or, in other words, that this polynomial
eigensolver is backward stable. In order for the method to be backward stable (in
a normwise sense), the computed eigenvalues should be the exact eigenvalues of a

polynomial P(z) = I,T,(z) + Y74 A Ty(z), such that

\P - P|
=21 —ow),
e - oW

for some matrix polynomial norm.

In the scalar polynomial case (p = 1), the backward stability of the polynomial
rootfinding in degree-graded basis using confederate matrices is studied in [18]. In
particular (see [18, Theorem 4.2]), the authors prove that if Cr is the colleague
matrix of a polynomial p(z) and E € R™*™ is any matrix, then the eigenvalues of
Cr + E are the exact roots of a polynomial p(x) such that

n—1
(1.4) B(x) —p(x) = Y 8i(p, E)Ti(x) + O(|| E|13),

i=0
where, for ¢ = 0,1,...,n — 1, the quantity 0;(p, F) is an affine function of the
coefficients of p(x), and, separately, of the entries of F.

Equation (1.4) implies that if the roots of p(z) are computed as the eigenvalues

of its colleague matrix Cr using a backward stable eigenvalue algorithm, then, the
computed roots will be the exact roots of a polynomial p(z) such that

P =2l _ o
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for some constant k(n). The previous equation shows, first, that this method is
not backward stable if ||p|| > 1, and, second, that this method is backward stable
if the following two conditions are satisfied: (i) the quantity x(n) is a low-degree
polynomial in n with moderate coefficients; and, (ii) the norm ||p|| is moderate. As
it is observed in [18], writing d;(p, E) = 3_, ; , BijeaeEij, since it is not clear what
exactly are the constants 3;;, involved, in principle it could happen that |3;;¢| > 1,
implying that x(n) might not be a polynomial in n with moderate coefficients.
However, in this work we show that, in fact, |8;¢| < 4, and, so,

P —pll
= O(u)||p|,
o (w)][pll

holds. The previous equation implies that computing the roots of p(x) via the
eigenvalues of its colleague matrix using a backward stable eigenvalue algorithm is
a backward stable rootfinding algorithm, provided that ||p|| < 1.

Moreover, using some arguments inspired by [3, 9, 15, 16] we will generalized
the previous result to the matrix polynomial case, that is, if the eigenvalues of a
matrix polynomial P(z) are computed as the eigenvalues of its colleague matrix
using a backward stable eigenvalue algorithm, then, we prove that the computed
eigenvalues are the exact eigenvalues of a monic matrix polynomial in the Chebyshev
basis P(z) such that

||1~_1 H
——— = O(uw)||P||.

The previous equation implies that this method is backward stable if || P|| is mod-
erate.

The paper is organized as follows. At the beginning of Section 2 we present
Arnold transversality theorem for colleague matrices, which will be the main tool to
study the polynomial backward stability of the rootfinding method using colleague
matrices. Then, in Section 2.2 we prove Arnold transversality theorem for colleague
matrices, and in Section 2.3 we use this theorem to study the backward stability of
the rootfinding method using colleague matrices.

Throughout this paper, for a px p matrix polynomial P(z) = >, _, AxTk(x), non
necessarily monic, || P||r is the norm on the vector space of p X p matrix polynomials
of degree less than or equal to n defined as

IPlle = | > I4&][3-
k=0

Notice that, since we are going to deal with monic polynomials in the Chebyshev
basis, A,, = I,,. Also notice that for a scalar polynomial p(z) = >_;'_; axTk(z), that
is, for p = 1, this norm reduces to the usual 2-norm:

Ipllr = llplle =
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2. ARNOLD TRANSVERSALITY THEOREM FOR COLLEAGUE MATRICES AND
BACKWARD ERROR ANALYSIS

Arnold transversality theorem will be the main tool in this section to study
what kind of polynomial backward stability is provided by matrix backward stabil-
ity when the roots of scalar polynomials or the eigenvalues of matrix polynomials
are computed as the eigenvalues of its colleague matrix with a backward stable
eigenvalue algorithm. This theorem was first stated in [3] for companion matrices,
and later generalized in [18] to confederate matrices of scalar polynomials.

Following [3, 8, 9, 15, 18], we consider the Euclidian matrix space R"*"™ with the
usual Frobenius inner product

< A, B >:=tr (ABT),

where M7 denotes the transpose of M € R™*™. In this space, the set of matrices
similar to a given matrix A € R"*" is a differentiable manifold in R™*™. This
manifold is called the orbit of A under the action of similarity:

O(A) :={SAS™" : S € R"*™ and det(S) # 0}.
A first-order expansion shows that the tangent space of O(A) at A is the set
T4O(A) :={AX — XA for some X € R"*"}.

We also consider the vector subspace of “first block row matrices”, denoted by
BFR, , C R"™*"P_ which is defined as those n x n block matrices [X;;], with
Xi; € RP*P_whose block rows are all zero except (possibly) the first:

an,p::{X:[IP 0o --- O]T[Xl Xy -+ Xy] for some

X17X27" '7Xn S RPXP } C Rannp'

Note that taking p = 1 the space BFR,, , reduces to the vector subspace FR,, of
“first row matrices” introduced in [18].

Arnold transversality theorem for a block colleague matrix C of a monic matrix
polynomial P(z) in the Chebyshev basis states that any matrix E € R"?*"P may
be decomposed as

E=F+T,
where Fy € BFR,,,, is a first block row matrix and T' € T, O(Cr). Notice that
taking p = 1 in the previous decomposition, this “block” version of Arnold transver-
sality theorem reduces to a special case of [18, Theorem 4.1].

In Section 2.3 we present a proof of Arnold transversality theorem, different to
the one in [18], extending (for the important case of the Chebyshev basis) [18, The-
orem 4.1] to the more complicated case of matrix polynomials. The new approach
allows us to compute explicitly the matrix Fy. Then, using this explicit expres-
sion, we study the polynomial backward stability of the rootfinding method using
colleague matrices.

2.1. Clenshaw shifts and Clenshaw matrices. In this section we introduce
some matrix polynomials and some matrices, named here as Clenshaw shifts and
Clenshaw matrices, respectively, associated with a monic matrix polynomial in the
Chebyshev basis P(z), that will be used through Section 2.3 and will be key in the
following developments. Clenshaw shifts are the generalization of the Horner shifts
(see [7]) when the polynomial P(x) is expressed in the Chebyshev basis.
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Associated with the p x p monic matrix polynomial in the Chebyshev basis P(x)
in (1.2), we define the following p X p matrix polynomials:

Ho(x) = 21,
51 Hl(l') = $H0($) + 2An_1,
(2.1) Hy(x) = 2xHy_1(z) — Hi—o(z) + 24—k, fork=2,3,...,n—2,

anl(I) = IHn,Q(.I) — ang(I)/2 + Al.

We will refer, for k = 1,2,...,n, to the matrix polynomial Hy(z) as the degree k
Clenshaw shift of P(x), since for p = 1 they coincide with the well known Clen-
shaw shifts associated with a scalar polynomial expressed in the Chebyshev basis
[6]. Clenshaw shifts are related with the polynomial P(x) through the following
equation [6]:

(2.2) 2P(x) = 2xH,,_1(z) — H,_o(z) + 2A0.

In Theorem 2.1, given the Chebyshev polynomial T},_;(z) and the Clenshaw shift
H,,_i(z), we show how to express T),—;(x) H,—k(x) uniquely as Q;; (z)+rix (x)P(x),
where Q;;() is a p X p matrix polynomial of degree less than or equal to n — 1 and
rie(2) is a scalar polynomial. The proof of Theorem 2.1 is elementary but rather
technical, so we leave it to the appendix. In order to write down a reasonably
simple formula for T, —;(x)H, —x(x), we define the following quantities

(2.3)
Topy1 =Tog-1+24, 9051, fork=12,..., {gJ —1, withT'g =2I,, and

Po = Dagon) + 2Anon, for k=12, [5] =1, with Ty =24, 1.

Notice that in T'y, only appear coefficients of P(z) with indices of the same parity.

Theorem 2.1. Let P(z) = I, T, (z)+ ZZ;& ATr(x) be a px p monic matriz poly-
nomial in the Chebysheuv basis of degree n, let Tp,—;(x) and Hy,_(x) be, respectively,
the degree n — i Chebyshev polynomial and the degree n — k Clenshaw shift of P(x),
with i,k € {1,2,...,n}. Then, there exist a unique p X p matriz polynomial Q1 ()
of degree less than or equal to n—1 and a unique scalar polynomial v (x) such that

Tn—i(x)Hn—k(2) = Qir(2) + rir(x) P(z),
where,
o ifi>n—k+1andk > 2,

n— 1

k—
(2.4) Qir(x) = Z Lo(Ton—i—k—0(2) + Tppo—i| () + Lok Tni(z);
-0

~

e ifi=nand k=1,

(2.5) sz(x) = i Png_l_g(ib) + 1—‘712_1 To(.%');
£=0
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e ifi<n—kandn—-1>k>2,

Qir(x Zre ith—2—0(2) + Tgye—i|(z)) + Tim1Th-1(2)

n—k+1—i k—1+¢

Z Z 24k 14e—rTn—it1-0—r|(2);
{=1 r=1
o ifi<n—Fkandk=1

ZAE 7‘11|n i+1—0— r\( )

1r=1

S

27) Qi erTz 1-¢(

o~
Il

where Ty, for £ =0,1,2,..., is defined in (2.3).

From Theorem 2.1, it is clear that there exists a unique n x n block matrix
My, = [(Mg)ij], with (My);; € RP*P| such that, for k=1,2,...,n

Th—1(x) Tn—1(x) rik(z)
(2.8) C | @He @) =M, | e+ : ® P(z),
Ty (x) T (x) Tn—1,k(2)
To(x) To(x) Tk (2)
where ® denotes the Kronecker product, for some scalar polynomials r1 (), . . . , 7 ().

We will refer to the matrix M}, in (2.8) as the kth Clenshaw matriz of P(z).
By direct multiplication, it may be easily checked that the block colleague matrix
C'r satisfies

To-a(x) T ()
: : 1
(2.9) x T (x) ® I, =Cr T (x) ® I, + €1 ® P(x).
TO(J;) TQ(LL‘)

Equations (2.8) and (2.9) shows that the Clenshaw matrices and the colleague
matrix can be interpreted, respectively, as the multiplication-by-Clenshaw shifts
and the multiplication-by-x operators in certain quotient modules (see also [19,

Sec. 5]).
Using (2.8) and (2.9), in Proposition 2.2 we show that the Clenshaw matrices
My, Mo, ..., M, in (2.8) satisfy a simple recurrence relation.

Proposition 2.2. Let P(z) = I,T,(z) + ZZ;& ATy (z) be a p X p monic matrix
polynomial in the Chebyshev basis of degree n, let C be the block colleague matriz
of P(z), and let My, Ms, ..., M, be the Clenshaw matrices in (2.8). Then,

M, =1, ®2I,,

My =2M,Cpr + I, ® 24,1,

My =2Mg1Cr — Myyo + I, 24y, fork=n—2,...,3,2, and
My = MoCr — Ms/2+ 1, ® A;.

(2.10)
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Proof. The proof proceeds backwards from k& = n. First, we prove that the result
is true for k = n. From (2.1), we have

Tn_l(:v) Tn_l(:v) 2[;0 Tn_l(l')
bl @H@) =] ¢ | e2,= Lo e,
Tl({E) Tl({E) 2Ip T1 (.I)
To(l') To(l') 2Ip TQ(LL‘)

Comparing the previous equation with (2.8), we deduce that M,, = I,, ® 2I,.
Second, we prove that the result is true for k = n — 1. From (2.1), we have

Tn—l(x) Tn—l(x) Tn—l(x)
: ® Hl ($) = : ® (2$H0($) + 2An_1) =2z : ® H0($)+
Ty (x) Ti(x) Ty (x)
TO ($) L TQ(LL‘) i TQ(:E)
T ()]
L @24,
Ty (x)
| To(z) |
Using (2.8) with k = n, together with (2.9), we get
Thn-1(z) Tr—1(x) r1n-1(2)
D @H(2) = @M Cr+L®24,1) | ¢ |+ : © P(x),
Tl (CE) Tl (:E) Tn—l,n—l(x)
To(x) To(x) Tnon—1(2)
for some scalar polynomials 71 ,—1 (), ..., 7n,n—1(x). Comparing the previous equa-

tion with (2.8), we deduce that M, = 2M,,Cr + I, ® 2A,,_;1.
Third, we prove that the result is true for n — 2 > k > 2. From (2.1), we have

T-1(@) Ty ()
Tl (x) & H’n,—k(z) = Tl (x) & (2$Hn—k—1($) — Hn—k—Q(J?) 4 2Ak)
[ To(w) | To(x)
_Tn—l(iﬂ)- Tn_l(x) Tn71($)
=2x ® Hp_p—1(x) — © Hyy_po_2(z) + ©94,.
i) Ty () Ty (x)
L To(w) | To(x) To(z)
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Using (2.8) with k& + 1 and k + 2, together with (2.9), we get

Tn—l (‘T) Tn—l(x)
: ® Hyp_i(x) =20 Mg41 — Myy2 + I, ® 2A;) : +
Ti(x) Ty (x)
TO(J;) To ($)
rig(z)
| e P@),
Tn—1,k(x)
Tk ()
for some scalar polynomials r1(z),...,rmk(2z). Comparing the previous equation

with (28), we deduce that My = 2C7rMpy1 — Myyo + I, ® 2Ay.

Finally, the proof of the last case (k = 1) is similar to the proof for the previous
cases (n —2 > k > 2), but using H,_1(x) = vHy_2(x) — Hy_3(x)/2 + A1, so we
omit it. (]

Remark 2.3. Clenshaw matrices are closely related with the so called Leverrier’s
algorithm for orthogonal polynomial bases [5], which allows the simultaneous deter-
mination of the characteristic polynomial of a matrix A and the adjoint matriz of
xl — A. Indeed, if we consider a scalar polynomial p(x) = Ty (z) + EZ;& arTy(z),
it may be checked that the adjoint of zI — Cr is given by

n—1
, 1
(2.11) adj (al = Cr) = 5o > My Ti(),
k=0

where My, Ma, ..., M,, are the Clenshaw matrices of p(x).

The Clenshaw matrices My, Ms, ..., M, have a complicated structure. We illus-
trate this with an example of moderate size. For n = 6 and k = 3, it is easy to
check using (2.10) that the matrix My, is equal to

0 —2A4A, —2A3—2A1 2[,—2A4—2A5—4A0 —2A3 —4A; —2A2—2A
0 0 21, —2A, 2A5 —2A3 —2A;1 21, —2A, —4Ap —2A;
0 2Ip 2As5 2Ip +2A4 — 245 2A5 — 24, 2Ip —2A
QIp 2As5 QIP +2A4 2A5 + 2A3 4Ip +2A4 2As5
0 2Ip 2As5 4Ip +2A4 4A5 + 2A3 244 + 2Ip
0 0 4Ip 4As5 4Ip +4A4 2A5 + 2A3

Two observations about the block matrix above are: (i) its first block column
is equal to e,_jy1 ® 21, where e, denotes the ¢th column of the n x n identity
matrix; and, (ii) if we set A,, := I, each block entry has the form Z?:o c;A;, where
lei] < 4. In Theorem 2.4, we show that the two previous observations are true for
any n and k. Property (i) will be key to prove Arnold transversality theorem, and
property (ii) will be key to study what kind of backward stability of a linearization-
based algorithm for the polynomial eigenvalue problem is provided by the backward
stability of an eigensolver for the linearized problem.

Theorem 2.4. Let P(x) = I,T,(z) + EZ;& ArTi(x) be a p X p monic matrix
polynomial in the Chebyshev basis of degree n, and let My, for k = 1,2,...,n, be
the kth Clenshaw matriz in (2.8). Then, the following statements hold:
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(a) The first block column of My, is equal to en_p1 & 21, where eg denotes the
Lth column of the n X n identity matriz.

(b) For i,j = 1,2,...,n, the (i,j)th block entry of My satisfies (My)i; =
Yoo Qi Ar with |ow k| < 4, where we set Ay, = 1T,,.

Proof. From Theorem 2.1 together with (2.8), we have H,_(z)T—;(z)
= 2 (My)ijTu—j(x) + ri(x)P(z). Therefore, to prove part (a) it is enough
to show that

(2.12) Tyei(x)Hp—g(z) = 21,151 (z) + - - + rip(x) P(x),
if i =n —k+ 1, and that
(2.13) Tn_i(,T)Hn_k(fL') = (Mk)iVTy(lv) + -+ T‘ik(.’L')P(.’L'),

with v < n—1,if i 2 n—k+1, where the dots correspond to Chebyshev polynomials
with lower indices.

First, suppose that i > n — k 4+ 1. We will prove that T,,_;(z)H,_(z) is of the
form (2.12) when ¢ =n — k + 1 and it is of the form (2.13) otherwise. We need to
distinguish several cases. First, let k& = n. From (2.4) we get that T,,_;(x)Ho(z) =
ToT,—i(x) = 2L,T,,—;(x). Since the index n—1i is equal to n — 1 if and only if i = 1,
the result is true in this case. Then, consider the case n—1 > k > 2. There are three
kinds of indices of Chebyshev polynomials in (2.4). The first is 2n — i — k — £, which
is equal to n — 1 if and only if / =0 and i = n — k + 1. This gives a contribution
ToTn—1(x) = 2I,T,—1(z) only when i = n — k + 1. The second one is |k + £ — i|.
Taking into account the possible values that k, ¢, and ¢ can take in (2.4), it may be
easily checked that this index is smaller than or equal to n — 2. The third index is
n — 4 which necessarily is smaller than or equal to n — 2, and, hence, the result is
true in this case. Finally, consider the case k = 1 and ¢ = n. There are two kinds on
indices of Chebyshev polynomials in (2.5). The first one is n — 1 — ¢, which is equal
ton — 1 if and only if £ = 0. This gives a contribution I'¢T,,—1(z) = 21T, —1(z).
The second index is 0, which is smaller than n — 2. Therefore, the result is also
true in this case.

Now suppose that ¢ < n — k. We will we prove that T),_;(z)H,—_x(x) is of the
form (2.13). Notice that there are four kinds of indices in (2.6) when k > 2, namely,
i+k—2—40, |k+¢—i],[n—i+1—{¢—r|and k — 1, and three kinds on indices in
(2.7) when k = 1, namely, i —1—¢, i —1 and |[n—i¢+1—£¢—r|. Taking into account
the possible values that k, ¢, r, and i can take in (2.13), in both cases (k > 2 and
k = 2), it may be checked that these indices do not exceed n — 2.

Now, we proceed to prove part (b). Again, we need to distinguish several cases.
First, suppose that ¢ > n — k + 1 and also assume that k > 2 (the argument when
k =1 is similar and simpler, so we omit it), and consider the three kinds of indices
of Chebyshev polynomials that appear in (2.4), namely, 2n —i — k — ¢, |k + £ — i],
and n —i. For £ = 0,1,...,n — k, a careful look at these indices reveals that if
k+{¢—1i >0, then the three of them are different. Therefore, we can write (2.4) as

n—1 —1
(2.14) S BTu(x) + Y. BT i(x),
£=0 t=—(1-n)

where By is equal to either 0 or I'; for some ¢. It follows that (My);; is equal to
either 0, T'; for some ¢, or Iy, + T'y, for some t1, 2. Finally, recall from (2.3) that
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Iy is equal to 21, + 24,2+ 2A,_4+ - if t is even, or to 24,1 + 24,3+ --- if
t is odd. Therefore, (Mk)” = Z?:O at,ijkAh with |at7ijk| S 4.

Then suppose that ¢ < n — k and also assume that k > 2 (again, the argument
when k = 1 is similar and simpler, so we omit it). First, consider the three kinds
of indices of Chebyshev polynomials that appear in the first summand in (2.6),
namely, i + k —2— /¢, |k+{¢—i|, k—1. For £ =0,1,...,7 — 2, again, it may be
checked that if £k + ¢ — 4 > 0, then these three indices are different. Therefore,
the first summand in (2.6) is also of the form (2.14). Finally, consider the index
of the Chebyshev polynomials and the index of the coefficients A; that appear in
the second summand in (2.6), namely, [n —i+1—¢—7r|, and k+ 1+ ¢ —r. If
n—i+1—¥¢—r >0, it may be checked that for any two allowed different pairs
(¢,7) that realize the same value of n — i+ 1 — £ — r, then the associate indices
k414 ¢ —r must be different. Since the same occur whenn—i+1—-¢—7 <0, it
follows that (2.6) is of the form

n—2 -1 n—2 -1
Z Cng(I) + Z CgT_g(CC) -2 Z Dng(.’L‘) -2 Z DgT_g(x) + Tk (.’L‘)P(.’L‘)
=0 £=0

{=—(2—n) {=2—n

where Cy is equal to either 0 or I'; for some ¢, and Dy is equal to Z‘t":l A;,, where
it, 7 it, whenever t1 # to. Then, it follows that

(My)i; = Z&Ag - szAe,
=0 =0

where §; and p, are equal to either 4, or 2 or 0, therefore (My);j = Y., v, ijk A
with |at7ijk| </ 4.

If necessary, explicit expressions of the entries of the Clenshaw matrices My, Mo,
..., M, may be obtained from Theorem 2.1. However, since Theorem 2.4 is the
only information that we will need about them to prove our main results in the
following section, we do not pursue that idea.

2.2. Proof of Arnold transversality theorem for colleague matrices. In
this section we prove Arnold transversality theorem for colleague matrices of monic
polynomials in the Chebyshev basis. That is, we show that any matrix E € RP?*P"
may be decomposed as

(2.15) E=Fy+T,

where Fy € BFR,,, is a first block row matrix and T' € T, O(Cr), constructing
the matrix Fjy explicitly.

As in the case of the monomial basis, generically, dim (T¢, O(Cr))+dim (BFR,, ;)
= n?p? —np + np? > n?p? (see [9, 16]). In words, the tangent space T, O(Cr)
and the vector space of first block row matrices BFR,, , may have a nontrivial
intersection when p > 1. For this reason, following [9, 16] we choose a particular
subspace of the tangent space that will give a unique decomposition (2.15). This
subspace is denoted by Sub T¢, O(Cr) and it is given by

Sub Te,, O(Cr) ={X € Tc.O(Cr) such that X has 0 first block column}.

In order to get the decomposition (2.15) with T' € Sub T, O(Cr) we will make
use of the Clenshaw matrices My, M, ..., M, € R™"*"P_ defined in (2.8), of the
matrix polynomial P(z) in (1.2). Though the only information that we need about
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Clenshaw matrices are those stated in Theorem 2.4 together with the recurrence
relation (2.10).

Following [9], we also define the block trace of a np x np block matrix Z = [Z;;],
with Z;; € RP*P | as the p x p matrix
tI‘p (Z) = ZZ“
i=1
The block trace is used in Theorem 2.5, which provides a characterization of the
subspace SubT¢,O(Cr), and is a generalization of [9, Theorem 4.1] when the
matrix polynomial P(z) is expressed in the Chebyshev basis.

Theorem 2.5. For any Z € RP™"*P",

(2.16) trp, (Mg412) =0, fork=0,1,...,n—1,

if and only if

(2.17) Z=CrX —XCr for some X € R™*"™ with 0 first block column.

Moreover, either condition determines the first block row of Z uniquely given the
remaining block rows.

Proof. From part (a) in Theorem 2.4, the (n — k, 1) block entry of My, is equal
to 2I,, and the (7, 1) block entry of M1, with ¢ # n — k, is equal to 0. Therefore,
Zin—k, for E=0,1,...,n—1, is uniquely determined from (2.16). Also, if X has 0
first block column, it may be easily checked that the map from X to the last n —1
block rows of C7X — X Cr has a trivial nullspace. Thus, Z is uniquely determined
by (2.17).

To finish the proof we need to prove that (2.17) implies (2.16). That is, we need
to show that tr, (Mg4+1(CrX — XCr)) = 0 for any block matrix X with 0 first
block column. In order to do this, first, we show that if X has 0 first block column,
then try, (M1 XCr) = trp, (CrMj4+1X). The proof of the previous equation is not
completely immediate when p > 1 since, in this situation, tr, (AB) = tr, (BA) does
not hold in general. So, consider a block matrix Y that has 0 first block column.
Then,

=2 iy
tr, (CrY) = Z ( i,it1

i=1

Therefore, if X has 0 first block column, then tr, (My41XCr) = tr, (Cr M1 X).
Then, we show that tr, (CrMy41X) = trp, (Mg4+1CrX). To do this, note that the
Clenshaw matrix My is of the form 2""“0%7]“714-2?;1]671 (In®Bk)C$7k717t, for
some By, B, ..., B,_;—1 € RP*P (this can be verified by induction using (2.10)).
So, we only need to show that tr, (Cr(I, ® B)C’%X) =tr, (I ® B)C%CTX).
Indeed, since the matrix Cp (I, ® B) — (I, ® B)Cr is 0 except the first block row,
and since C7X has 0 first block column, it follows that tr, (Cr(I,, ® B)C3HX —
(I ® B)CL,CrX) = 0. Therefore, tr, (Cr M1 X) = tr, (My11CrX). Thus, we
conclude that try (MkJrlXCT) = trp (CTMk+1X) =try (MkJrlOTX). [l

Yito,
S *;’ +1>+Yp1,p_trp(YCT).

In Theorem 2.6 we present the proof of Arnold transversality theorem for block
colleague matrices. Part (a) in Theorem 2.4 will be key here.
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Theorem 2.6. Let P(x) = I,T,(z) + EZ;& ArTr(x) be a p X p monic matrix
polynomial in the Chebyshev basis of degree n, and let Cr be its block colleague
matriz. Then, any matriz EE € R™*"™ can be expressed as

(2.18) E=F+T,
where Fy € BFR,, , is a first block row matriz, and T € Sub T, O(Cr). Moreover,
if the first block row of Fy is written as Fé"_l) e Fél) FO(O)} , then
) _ 1 _
(2.19) FW = Etrp (EMy41), fork=0,1,...,n—1,

where the matriz My is the (k + 1)th Clenshaw matriz defined in (2.8).

Proof. Define Fo(k) = %trp (EMj41), for k=0,1,...,n—1, and let Fy € BFR,, , be
a first block row matrix such that its first block row is {Fo("’l) ... Fo(l) FO(O)] .
We may write the matrix T := E — Fy. Then, we have to check that T' €
Sub T¢,, O(Cr). From Theorem 2.5, we see that it is sufficient to show that

tr, (TMy41) =0, for k=0,1,...,n — 1. Indeed, using part (a) in Theorem 2.4,
tr, (TMyi1) =tr, (EMyy1) — try (FoMyi1) = try (EMyp) — 2FF) =
tI'p (EM]C+1) — tlf'p (EMk+1) = 0,
for k=0,1,...,n— 1. So, we conclude that T' € Sub T, O(Cr). O
The norm of the matrix X in 7' = CrX — XCfr in (2.18) has the remarkable

property that it depends only on the matrix £ and not on the coefficients of the
matrix polynomial P(z). We prove this fact in the following lemma.

Lemma 2.7. The matric X in T = CrX — XCr in (2.18) can be bounded as
IX|lFr < C|E|lF, for some constant C which does not depend on the coefficients of
the matriz polynomial P(x).

Proof. Recall that the matrix X with 0 first block column is uniquely determined
by

2 ... 2
Ey -+ Eop
(2.20) CrX — XCp = o,
Enl e Enn

where the “?” blocks are not taken into account. Then, notice that the 0 first
block column of X implies that the block entries of the bottom n — 1 block rows of
CrX — XCr are just linear combinations of the block entries of X. For example,
if n = 5, these block rows are

—Xo2 X122+ X3z — Xog  Xuz + X33 — Xoo — Xoa Xua + X34 — Xog —2Xo5 Xis + X35 — Xoa
—X3z2  Xoo+ Xaz2 — X33 Xoz + Xy3 — X2 — Xza Xoa + Xag — X33 —2X35  Xos + Xus — Xaa
—Xa2  Xz2+ Xs2 — Xaz  Xs3z + Xs3 — Xao — Xaa Xsza + Xsa — Xuz —2w45 X35 + X5 — Xaa
—Xs52  2Xa2 — X53 2X43 — X52 — X4 2X44 — X53 — 2X55 2X45 — X514
Thus, (2.20) gives rise to a linear system of equations whose solution does not
depend on the coefficients of P(x). This system of equations can be easily solved.
For simplicity, we describe the procedure to obtain its solution for n = 5: it is
immediate to generalize the procedure to any n, and this claim correspond to the
fact that the matrix of the coefficients of the linear system is permutation equivalent
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to a lower triangular invertible matrix. In this case, the block entries of the matrix
X can be obtained in the following order

0 (Xi2)20 (Xi3)i9 (Xia)is

(X1a)1s (X517
0 (X22)1 (Xoz)ie (Xoa)is (Xos)1a
0 (X32)2 (Xs33)s (X34)13 (X3s5)12 |,
0 (Xa2)3 (Xuz)e (Xaa)s (Xus)11
0 (Xs2)a (Xs3)7  (Xsa)o  (Xss)10

where the index outside the parenthesis indicates the order in which each block
is obtained while solving the linear system. FEach block entry of X is a linear
combination of block entries of F, and therefore | X || < C||E||F, for some constant
C' independent of the coefficients of P(x). O

2.3. Backward error of the Chebyshev rootfinding method using col-
league matrices. An important consequence of the decomposition in Theorem
2.6 and Lemma 2.7, is that if F is a small perturbation of the block colleague
matrix C, then

Cr+E=Cr+F+T=Cr+Fy+ (CrX — XCr) =
(I+X) " YCr+ Fy+ E))(I + X),

with || E1||r = O(|| E||3), where we have used that T can be written as C7 X — X Cr,
for some X € R™*"P with 0 first block column and || X|r < C||E||r. Noticing
that Cr + Fy is in turn a block colleague matrix of another matrix polynomial, we
deduce that a small perturbation of the block colleague matrix of P(x) is similar,
to first order in the norm of the perturbation, to a block colleague matrix of a
perturbed polynomial P (x). This observation allows us to formulate the following
corollary.

Corollary 2.8. Let P(x) = I,T,(z) + ZZ;& ApTi(x) be a p X p monic matriz
polynomial in the Chebyshev basis of degree n, and let Cp be its block colleague
matriz. Assume that the eigenvalues of P(x) are computed as the eigenvalues of
Cr with a backward stable algorithm, i.e., an algorithm that computes the exact
eigenvalues of some matriz Cp + E, with |E|lr = O(u)||Crl|lr, where u is the
machine precision. Then, to first order in u, the computed roots are the exact roots
of a polynomial 16(90) such that

P = Pllr
1P

Proof. If a backward stable eigensolver is given Cr as an input, the computed
eigenvalues are the exact eigenvalues of a matrix Cr + E, for some E with | E||r =
€||Cr||F, where € = uh(n), for some low degree polynomial h with moderate co-
efficients. In other words, the computed eigenvalues are the exact roots of the
polynomial det(xI — Cp — E).

Using Theorem 2.6, we can write E = Fy + T, where T € Sub T¢,O(Cr) and
Fp is a first block row matrix with first block row as in (2.19). Therefore, to first
order in u, we get

Cr+E=Cr+Fy+CrX —XCr=I+X) Y Cr + Fy + 0(u?)(I + X)

We now show that we can apply a similarity transformation so that S(Cr +
Fy + O(u?))S™! is a colleague matrix Cr + Fy, with ||Fy — Fo|lp = O(u?). The

= O] P|lF.
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construction of this similarity transformation is constructive and algorithmic, along
the same lines as the proof of [18, Lemma 3.1]. For simplicity, we describe the
procedure to construct it in a moderate case (n = 5). The general case can be
treated similarly. In this situation, let us write Cr + Fy + O(u?) as

—As+ ﬁ0(4) Ip — Az + ﬁo(g) —As + ﬁO@) —A + 1:—70(1) —Aop + ﬁO(O)
| b 0 I, 0 0
S Iy v Ly o
0 0 I, 0 I,
5 5 5 o, §

where, following [18], we adopt the following notation. For any matrix A, the
matrix A denotes a matrix such that |A — A|z = O(u?).

The zeros and identity blocks of the matrix above can be recovered via row scal-
ing, and column and row Gaussian operations. The order in which these operations
are performed is indicated in the following matrix

—A4+ ﬁ0(4) Ip — Az + ﬁo(g) —As + ﬁO@) —A + 1:—70(1) —Aop + ﬁO(O)

1] rass 0(11,0) Ip (11,0 0(11,0) 0(11,0)
> 02,1 Ip (5.6 0(10,0) Ip (10,0 O(o0) |
0(2,r) 0 (4,r) Ip (5.6 09.c) Ip (9.0)

02,1 0 (4,1) 0 (6,1) 2Ip (7 1) 0(8.c)

where the first subscript denotes the order in which the O(u?) perturbations to the
zero and identity blocks are annihilate, and the second subscripts denotes whether
this is done via a row scaling (rs), or via a row (r) or a column (¢) Gaussian opera-
tion. Notice that these row and column operations may be obtained, respectively,
pre and post multiplying by a matrix of the form I + S;. In order to preserve the
eigenvalues, after pre (resp. post) multiplying by I+ .5; we need to post (resp. pre)
multiply by (I + S;)~!, but notice in addition, that this inverse operation never
destroys the already recovered zero and identity blocks.

Finally, writing E as a np x np block matrix E = [E;;], with E;; € RP*P_ and
noticing that Cr + Fp is the colleague matrix of the matrix polynomial ]5(33) =
LT(z) + Y0 h (A — Fo(k) + O(u?))Tk(x), we have that, to first order in u, the
computed eigenvalues are the exact eigenvalues of a matrix polynomial P(z) =
1, (2) + 3325 AkTi(e), with || Ax — Aellr = IF"|p = o, (EMipr)|lr =
|35 j=1 Eij(Mr+1)jillp. Therefore, for k = 0,1,...,n — 1, we have

1Ak = Aklle < > 1B el (Misa)jille < | D0 1Bl | D 1(Miga)i 1%

i,j=1 i,j=1 i,j=1
=Bl r || Mr+1] F,
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Then, using part (b) of Theorem 2.4, we have

n n n
IMiiallr = | D0 IMig)igl3 = | D0 I awijrrr Al
ij=1 ij=1 t=0
<\ 3 (S toenntie) <1y 3 (1)
ij=1 \t=0 ii=1 \t=0

< dn(n+1)"2| Pl

where we have used Y i || A¢||r < (n + 1)Y/2||P||. Finally, using that | E|r =
€||Cr||F, we get that

_Anfl _Anfl te _AO Ip
0 0 0 I, I,
€ . . . €
< Z hd .
1ElF <5 +3 .
. . . Ip 0 Ip
0 0 0 7 2I:D F
n—1 n—1
€ vV2n
<5 (a2 14+ v2np | <eo= [\ D 145+ VB | < evan|Plr.
t=0 t=0

Thus, the computed eigenvalues, to first order in u, are the exact eigenvalues of a
monic matrix polynomial in the Chebyshev basis P(x) such that,

n—1 n—1 n—1
1P = Pllr=,| Y Ak — A% <> Ak — Aellr <D IMiia|lplIE] 7
k=0 k=0 k=0

<4n*(n+ 1)"?||Pl|r| Ellr <e|P|F,
where € = uﬁ(n), for some low degree polynomial h with moderate coefficients. [

Remark 2.9. When the polynomial is scalar (m = 1), Corollary 2.8 can be proved
without the use of Arnold transversality theorem, using a different argument that is
sketched in the following lines. Let us suppose that the roots of a scalar polynomial
p(x) = To(z) + > 4o arTk(z) are computed as the eigenvalues of its colleague
matric Cp with a backward stable algorithm. Then, the computed roots are the
exact eigenvalues of small perturbation of the colleague matrix Cr + E, that is, they
are the exact roots of p(x) = det(zl — Cp — E). In the spirit of [8], combining
(2.11) with Jacobi’s formula for the derivative of a determinant, we get
pla) =p(z) — tr (adj (2] — M) E) + O (|E|%) =
n—1
To(x) + Y (ak — tr(Myy1 E)) Ti(x) + O (| El|7) ,

k=0
where My, M, ..., M, are the Clenshaw matrices of p(x). Finally, using the equa-
tion above, the norm ||p — p|la may be bounded as we did in the final part of the
proof of Corollary 2.8.

In fact, a similar argument may be used when the roots of a nonmonic scalar

polynomial p(x) = > _o arTx(x) are computed as the generalized eigenvalues of its
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colleague pencil [18] using, for example, the QZ algorithm, allowing one to recover
the results in [18, Theorem 3.3]. Unfortunately, unless the leading coefficient is
invertible, this approach does not work in the matriz polynomial case, so we do not
pursue these ideas further.

3. BACKWARD ERROR GROWTH WITH THE NORM AND THE DEGREE OF THE
POLYNOMIAL

In the previous section we have analyzed the backward stability of polynomial
eigenvalue algorithms based on the QR algorithm applied to the colleague matrix
(1.3), and we have derived the polynomial backward error upper bound (see Corol-
lary 2.8)

(3.1) 1P = Pllp < 8en®(n(n + 1))/ P|13,

where e = O(u) is any theoretical bound for the matrix backward error coming
from the QR algorithm. In this section, we provide numerical experiments to show
whether or not the upper bound (3.1) correctly predict the dependence of the
polynomial backward error on the norm and on the degree of the polynomial. For
simplicity we focus on scalar polynomials (m = 1).

Given a scalar polynomial p(z) = T,(z) + ZZ;& arTr—1(x), to examine the
tightness of the bound (3.1) we compute its roots by forming its colleague matrix
Cr and computing the eigenvlalues of Cp via the Matlab command eig(Cr). If we
denote by {Z1,Z2,...,Tn} the computed eigenvalues of Cr, we then compute the
backward error by forming p(z) = [[,_, (z— ) and expanding it in the Chebyshev
basis with the help of the Chebfun software [24].

In the first set of numerical experiments we study the dependence of the polyno-
mial backward error ||p — pl|2 on the norm ||p||2 (recall that according to Corollary
2.8 this dependence should be quadratic). To this end, we proceed as follows. For
each k = 2,3,...,10, we generate 100 random degree-10 polynomials with 2-norm
equal to 10*. The coefficients of these polynomials are generated via the Matlab
commands p=randn(10) and p=10"k*p/norm(p). Then, for each polynomial we
compute the backward error ||p — p|l2 when its roots are computed via the eigen-
values of its colleague matrix.

In Figure 1 we plot the maximum backward error obtained for each of the 9 sam-
ples of 100 random polynomials against the norm of the polynomials. In addition,
we also compare them with the O(]|p||3) trend predicted by Corollary 2.8. A linear
fitting of the data gives, more precisely, a growth as ||p||3-%°, which is consistent
with the theory.

In the second set of numerical experiments we study the dependence of the
polynomial backward error ||p — pl||2 on the degree of p(z), when the norm of the
polynomial is fixed to 1. Writing ¢ = n"u, where w is the unit roundoff, notice that
(3.1) predicts an upper bound O(n®*7). To examine the tightness of this bound, for
each n = 10,12, 14, ...,100, we generate 100 random degree-n polynomials with 2-
norm equal to 1. The coefficients of these polynomials are generated via the Matlab
commands p=randn(n) and p=p/norm(p). Then, for each polynomial we compute
the backward error ||p — p||2 when its roots are computed via the eigenvalues of its
colleague matrix.
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FIGURE 1. Maximum backward errors obtained for each of the 9
samples of 100 random degree-10 polynomials with fixed 2-norm
equal to 10*, when their roots are computed as the eigenvalues of
their colleague matrices.

In Figure 2 we plot the maximum backward error obtained for each of the 46
samples of 100 random polynomials against the degree of the polynomials. In addi-
tion, we also compute a linear fitting for the logarithms of the maximum backward
errors to get the asymptotic dependence with n. As can be seen in Figure 2, these
backward errors behave like n!-8!, which means that our bound (which accounts for
the worst case scenario) is overestimating the polynomial backward errors in these
cases.
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FIGURE 2. Maximum backward errors obtained for each of the 46
samples of 100 random degree-n polynomials with fixed 2-norm
equal to 1, when their roots are computed as the eigenvalues of
their colleague matrices.
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4. CONCLUSIONS

In this paper, we have analyzed the backward stability of a Chebyshev-basis
polynomial rootfinder (or matrix polynomial eigensolver) based on the solution of
the standard eigenvalue problem for the corresponding colleague matrix. More
precisely, given a monic scalar polynomial in the Chebyshev basis p(x), we have
proved that if the roots of p(x) are computed as the eigenvalues of a colleague
matrix using a backward stable eigenvalue algorithm, like the QR algorithm, then
the computed roots are the exact roots of a monic polynomial in the Chebyshev
basis p(z) such that

17 — pll2

= O)llpll>
e :

Similarly, if the eigenvalues of a monic matrix polynomial in the Chebyshev basis
are computed as the eigenvalues of a block colleague matrix using a backward stable
eigenvalue algorithm, then the computed eigenvalues are the exact eigenvalues of a
monic matrix polynomial in the Chebyshev basis P(x) such that

I ~ Pllr
—5 = OW|PllF,

1Pllr
These backward error analysis show that these methods are backward stable when
the norms ||p||2 and || P||F are moderate.
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APPENDIX A. PROOF OF THEOREM 2.1

In this section we present the proof of Theorem 2.1, that is, given the Clen-
shaw shift H,,_x(x) associated with the matrix polynomial P(x) in (1.2), and the
Chebyshev polynomial T),_;(x), we show that

(A1) Ton—i(x)Hp—i(z) = Qir(x) + rir.(z) P(x),

for some scalar polynomial r;; (), where Q;x(x) is the matrix polynomial of degree
less than or equal to n—1 in (2.4)—(2.7). Moreover, we show that the decomposition
(A.1) is unique.

Along the proof, quite often products of two of Chebyshev polynomials will occur.
For this reason, the following formula [1, Chapter 22] is of fundamental importance
here:

(A.2) 2T (2)Tn (2) = Trman(2) + Tjm—n| (@)
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The first step is to expand the Clenshaw shifts Hg(x), for k=0,1,...,n—1, in
the Chebyshev basis. We will prove

(A3)  Hi(w) =Y 20T y(z) + TiTo(z), fork=0,1,...,n—2, and

(Ad)  Hoa(s) =S Tt oo) + %Fn_lTo(:c),

where T’y is defined in (2.3). The proof proceeds by induction on k. From (2.1) we
get Ho(z) = 21, = TTy(z) and Hy(x) = 4l,x + 24,1 = 2ToT1(z) + T'1To(x), so
the result is true for K = 0 and k = 1. Then, assume that the result is true for
Ho(z), Hi(x),...,Hx—1(x), with 2 < k < n — 2. Using the induction hypothesis,
together with (2.1), we have

Hk(.%') 22.%'Hk_1(.%') — Hk—2(55) + 24,k

k—2 k-3
=2z <Z ZFZkalfz( ) + Fk 1T0 ) 2F2Tk 2— g Fk,QTQ(ZZ?)—F
=0 £=0

240 k.

Using To(z) = 1, Ti(x) = x, and (A.2) with m = 1 and n = k, from the previous
equation we get,

= Z 21 (Tk_g(l') + Tk_g_g(ib)) + 2T 1 Th (CL‘)
— Z QFng_g_g(CL') — Pk_gTo(ib) + 2An_kT0($)

=3 Ty g(x) + 20Ty (x) + 20k 1 T1 (x) — Tr—2To(x) + 24, 1 To(x)

>
|
-

= Z 20y Ti—o(x) + (T2 + 245 k) To(z) = 2Ty Ti—e(x) + T To(x),

~
Il
o

where in the last equality we have used I'y_o + 2A,,_ = I'y. Therefore, the result
is also true for Hy(z). Finally, the proof that (A.4) holds is similar to the previous
one, but starting with H,,_1(z) = eHp_2(x) — Hy—3(x)/2 + A1, so we omit the
details.

Now we proceed to show that (A.1) holds with Q;;(z) as in (2.4)—(2.7). In order
to do that, we will proceed in certain order. To help the reader to follow the steps,
we depict all the possible products T),_;(z)Hp—(x) for n = 10 in the following
10 x 10 grid.
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Hk(x)

V—V—V VvV v"gg.
Lo b e ovd b
38382082
: Y Y Y Y VY r VY Y

The vertices with triangular shape in the previous grid represent the cases in
which the degree of T),—; () H,,— (x) does not exceed n—1, that is, when i > n—k+1.
In this case, the polynomial Q;(z) coincide with T),_;(z)Hy—r(z), so we just need
to expand T),—;(2)Hp,—k(x) in the Chebyshev basis. Indeed, when ¢ = n and k = 1,
from (A.4), we have

Ty() s (2) = Hoa () = 3 DiTao(z) + ST0a Do),
£=0

and whenn—1>4¢>n—k+1, from (A.2) and (A.3), we have

n—k—1
Tpi(@)Hn () = Y 20T i(2)Top—o(z) + T i Tpi(z) To(x)
=0
n—k—1
= Co(Ton—i—p—e(x) + Tpyo—i(x)) + T Tri().
=0

As can be checked, the two previous equations correspond to (2.4) and (2.5), re-
spectively.

Next, we consider the products T),—;(x)Hy—k(x) with i < n —k + 1, represented
in the grid by vertices with circular shape. This case is much more involved, since
the degree of T,,—;(x) H,,— () is larger than or equal to n. We will prove that (A.1)
holds, with Q;r(z) as in (2.4)—(2.7), each diagonal in the grid at a time (from left
to right), showing that each product T),_;(z)H,—_r(z) can be computed using, at
most, a product represented by a vertex in the same diagonal and two products
represented by vertices in the diagonal on its left.

The first step is to consider the products Ty (z)H,—(z), for k=1,2,...,n— 1,
that is, products represented by the diagonal with white circular vertices in the
grid. We show that Theorem 2.1 holds for those products from top to bottom. We
start with the white circular vertex labeled with 1 in the grid, that is, with the
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product Ty (z)Hy—_1(x). From (2.2) and (A.3), together with T3 (x) = x, we have
1
T1 (.I)Hn,l(df) :Ianl({E) = §Hn,2(17) — A()To(fb) —+ -

n—3
1
= E LyTh_o_io(x)+ §Fn72TO($) — AoTo(x) + -,
=0

where the dots correspond to something of the form r(z)P(z), with r(z) a scalar
polynomial. As can be easily checked, the previous equation corresponds to (2.7)
with i =n — 1.

Then, we consider the white circular vertex labeled with 2 in the grid, that is,
the product T(z)Hy,—2(x). From (1.1) and (2.1), we have

H, _(z)Ta(z) = Hp—2(x) (22T1(x) — To(x)) = 22T () Hp—2(x) — To(z) Hp—2(x)
= T1 (JJ) (2Hn_1($) + Hn_3($) — 2A1) — TQ(LL‘)HH_Q(,T)
= 2T1 (.I)Hn,l(lf) + T1 (.I)Hn,g(lf) — To(I)Hn,Q({E) — 2A1T1 (.I)

As can be seen from the previous equation, the product H,_o(z)T>2(z) may be
computed from products represented by two triangular vertices: Ti(x)H,,—3(z) and
To(x)H,—2(z), and the product Ty (x)H,,—1(z). Then, using (A.3), (A.4), and the
result previously obtained for Ty (z)H,—1(x), we get

n—4
T2($)Hn—2($) = Z Fg(Tn_g_g(;[;) + T|e+47n‘ (LL'))—I—
(=0
L, _sTi(x) — 240To(z) — 240 Ty () + -+ -,

where the dots correspond to something of the form r(z)P(z), with r(z) a scalar
polynomial. The previous equation corresponds to (2.6) with ¢ =n — 2 and k = 2.

Finally, we consider the white circular vertices labeled with 3, that is, the prod-
ucts Ty (z)Hp— (), for k= 3,4,...,n. From (1.1) and (2.1), we have

Tio(@) Hyp—i () =(22T—1(2) — Th2(x)) Hn—r(2)
=2aTy—1(x)Hp—k(x) — T—o(x)Hp—i ()
=Ti—1(x)(Hp—p41(2) + Hypp—1(2) — 2A5-1) — Th—o(x) Hp— ()
=Ti-1(x)Hp—pt1(2) + Th—1(2) Hyg—1(2) — Tho—2(2) Hp— k()
—2A; 1Tk—1(x).

As can be seen from the previous equation, Ty (z)H,_x(x) may be computed from
Ti—1(x)Hy—g—1(x) and Ty—_o(x)H,—k(x), represented in the grid by triangular ver-
tices, and Ty—1(2)Hyp—k+1(x), represented in the grid by the white circular vertex
above the white circular vertex corresponding to Ty (z)H,_(z). Since we have
previously seen that Theorem 2.1 holds for Ty (2)H,—1(z) and Ty(z)Hp,—2(x), and
for products represented by triangular vertices, this shows how to prove induc-
tively (from top to bottom) that Theorem 2.1 holds for products represented by
white circular vertices labeled with 3. Indeed, assuming that the result holds for
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Ty—1(z)Hp—g41(z) and using (2.4), we get

k
Ty (x)Hp—i () =Th—1(x)Hn—p—1 + Z(_2Ak7T)kar($)_
" n—k—2
24 1Tj—1(z) + -+ = Z Lo(Th—2—e(z) + Toyor—n (@) +
=0
k
Lyp1Th—1(x) + Z(—2Ak—r)Tk—r(£E) +eee

r=1

where the dots correspond to something of the form r(z)P(z), with r(z) a scalar
polynomial. It is immediate to check that the previous equation corresponds to
(2.6) when i =n — k.

The second step is to consider the products T41 () Hy—k(x), for k =2,3,...,n—
2, that is, the diagonal with black circular vertices in the grid. This step is very
similar to the previous one, so we will only sketch the main ideas. We have to
distinguish the cases k = 2, k = 3 and k > 3. When k = 2, using (1.1), (2.1) and
(2.2), it may be proved

To(x)Hp—1(z) =Ty (x)Hp—2(x) — To(x)Hp—1 () — 2A0T1 (x) + - - -,

where the dots correspond to something of the form r(z)P(z), with r(z) a scalar
polynomial. The previous equation shows that Ts(z)H,—1(z) may be computed
from two products represented by triangular vertices in the grid: T4 (x)H,—2(z) and
To(x)Hyp—1(z). Since we have seen that Theorem 2.1 holds for products represented
by triangular vertices, it may be proved that (2.7) holds for To(z)H,—1(x).

Then, from (1.1) and (2.1), it may be proved that, when k = 2,

Tg(CC)Hn,Q(I) = 2T2(I)Hn,1($) + TQ(I)ang(I) — 2A1T2(I),
and, when k£ > 3,

Tieq1(x)Hn—k(2) =T (x) Hp—pt1 () + Ti(2) Hn—p—1(2) =
kal(I)Hn,k(I) — 2Ak,1Tk(CC).

These two equations show that Tyy1(x)H,_x(z) may be computed from two prod-
ucts represented by triangular vertices, and the product represented by the black
circular vertex above the black circular vertex corresponding to Tj41(z)Hp—k ().
Assuming that Theorem 2.1 holds for T (z) H,—1(x), the previous observation shows
how to prove inductively (from top to bottom) that Theorem 2.1 holds for products
corresponding to black circular vertices labeled with 2 and 3.

Now, we address the products represented by circular vertices colored with differ-
ent shades of grey, that is, the products Ti4r—1(x)Hy—(x), for r =3,4,...,n —2
and k = 1,2,...,n — 1 —r. We will show that Theorem 2.1 holds for products
represented by vertices in the same diagonal (same shade of grey) assuming that it
holds for products represented by (non-triangular) vertices in the diagonal on its
left. Since we have previously proved that Theorem 2.1 holds for products repre-
sented by the white and black diagonals, this will imply that Theorem 2.1 holds
for all products represented by grey vertices. For each grey diagonal, we have to
distinguish the products represented by vertices labeled with 1, 2, and 3.
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First, we consider the product T).(x)H,—1(x), with r > 3, represented by a grey
vertex labeled with 1. From (1.1) and (2.2), we get
Tr(x)Hp—1(x) =(22T—1(x) — Tp—a(2))Hp—1 (2) = 22T 1 () Hp—1 (z)—
Tr_g(,T)Hn_l (JJ)

- rfl(I)Hn72($) - TT*2($)Hn71(I) - 2AOT’I"71(‘I) + - 5
where the dots correspond to something of the form r(z)P(z), with r(z) a scalar
polynomial. The previous equation shows that T, (z)H,_1(x) may be computed
from two products represented by vertices in the diagonal on its left: T,_;(z)Hy,—2(x)
and T,_o(x)H,—1(x). Assuming that (2.6) and (2.7) hold for those products, we
have

n—r—1

T 1(x)Hp-2(z) = Y Lo (Toori1-e(@) + Tomnirir) (@) + Ty Ti (@)

r—24+1

_ Z Z 2A¢+1_ST‘T,E75\ (CL‘) +

=1 s=1
and

1
Tr—2($)Hn—l(x) = Z Fan—r—i-l—é(:E) + §Fn—r+lTO($)_
£=0

-2 ¢

Z Z Af—sj—‘\rfffsfﬂ (:E) +

(=1 s=1
where the dots correspond to something of the form r(z)P(z), with r(z) a scalar
polynomial. Using

n—r—1

> o (Tarir—e(@) + Tjompsrir) (@) + Doy T (2 ZreTn ri1-0(z)

n—r—2

1 1

- 2Fn r+1TO Z FETn r—1— E )—|—§Fn,T,1T0($)—AT71T0(I),

where we have used (Fn—r-l-l Tpr-1)/2=A,_1, and
r—240+1 r—2 £
=33 2401 T (@) + )Y Ae s Tirg—s1)(2)

=1 s=1 =1 s=1
r—2 041 2

:—ZZAE+1 sTir—o—s|(z ZAET|T e-1(@
(=1 s=1
r—240+1

:—ZZAEJrl sTir—o—s)(x ZAr sTs—1)(x) + Ar 1 To(x) + Ao T 1 ()
=1 s=1
r—140+1

=- Z Z App1-sTr—p—s)(x) + Ar1To(x) + 24071 ()
=0 s=1

=33 A Tg1—i—gy(@) + A1 To(@) + 24T (@),

=1 s=1
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we get

n—r—2

< 1
Tr—l(x)Hn—Z(:E) = Z Png—r—l—é(:E) + Ern—r—lTO(x)_
=0

2AE*SJ_‘\T+1—€—S\(‘I) +oeee

£
=1

=

=

S

where the dots correspond to something of the form r(z)P(z), with r(z) a scalar
polynomial. As can be checked, the previous equation corresponds to (2.7) with
k=landi=n—r.

The proof that Theorem 2.1 holds for products represented by grey vertices
labeled with 2 is very similar to the previous one, so we omit it.

Finally, consider a product T},—;(x) H,—(z) represented by a grey vertex labeled
with 3. From (1.1) and (2.1), we have

Tn—i(x)Hp—i(z) =22Th—i—1(x) — Th—i—2(x))Hp—k(2) = Th—i—1(x) Hyp—py1 ()
+ Thici(x)Hpy—pk—1(x) — Tn—i—2(@) Hp—i(2) — 2431 Th—i—1 ()

The previous equation shows that T, _;(z)H,—_r(x) may be computed from two
products represented by (non-triangular) vertices in the diagonal on its left:
Tpic1(x)Hp—g—1(x) and Ty—;—o(x)H, (), and a product represented by a ver-
tex in the same diagonal, above the vertex corresponding to T, —;(x) H,,— (), that
is, the product Ty, —;—1(x)H,—g41(x). This observation shows how to prove induc-
tively (from top to bottom) that Theorem 2.1 holds for the grey vertices labeled
with 3 in the same diagonal. Assuming that (2.6) holds for T;,—;—1 () Hp——1(x),
Tp—i—2(x)Hp—k(x) and Ty—;—o(x)H,—k(z), and using T';11 — T;—1 = 24,,_;1,

i—1

Z Lo(Tivk—2-0(%) + Tigo—i—2)(®)) + TiTh—2(z)+
=0

i—1

Z Lo(Tipr—e(x) + Tiige—i ()

=0

+D0Tk(z) = Y Tol(Tigr—e(@) + Tge—i—2) (@) = Tipa1 To1 (@)
=0

[ V)

= To(Tizp—2-e(x) + Tipqo—i) () + Ti1Th1(x) — 245 i1 Th—1,
¢

Il
=]

and

n—k+1—1 k—2+¢ n—k—1—1 4

- Z Z 2Ak—2+€—rﬂn7iflfr|(x) - Z 2Ak+g_r/r|n,i,g,ﬂ($)
(=1 =1

1 1

e
+

%
Il

n—k—1—ik—1+¢
+ Z Z 2Ak_1+g_r/r|n,i,1,[,r|(l')
=1 =1

n—kt1—i k=140
== > Y 2Map T i1 (@) + 245 1T i1 (2) + 245 i1 Tia (2).
(=1 r=1
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we get

Tr—i(x)Hp—i(x) = Tn—im1(2)Hp—t1(x) + Th—im1 () Hp—p—1(z)—
Tr—i—o(x)Hy_p(x) — 245 1Th—i—1(x)

1—2
= Z Lo(Tiyr—o—e(x) + Tpys—i|(2)) +Ti 1 Th—1 () —
=0

n—k+1—i k—144

Z Z 2Ak—14e—rTin—ip1—e—r|(T) + -,
=1 r=1

where the dots correspond to something of the form r(z)P(z), with r(z) a scalar
polynomial, which shows that (2.6) holds also for T;,_;(x) Hp—x ().

The final step of the proof consists in proving the uniqueness of r; (x) and Q1 (x)
in (A.1). For this purpose, assume that there exist two scalar polynomials r; ()
and 7y (z), and two matrix polynomials Qg1 (z) and Qi () of degree at most n — 1
such that Tp_;(2)Hn_i(z) = Qir(a) + rix(2)P(z) = Qir(x) + i (x)P(z). Then,
Qik(%) — Qir(x) = (Fix(x) — ran(2))P(x) is a matrix polynomial of degree at most
n — 1, but, if riy(x) # Ti(x), the matrix polynomial (7 (z) — rik(x))P(x) has
degree larger than or equal to n, hence ri(x) = Fo (x) and Qi () = Qur(z).
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