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Abstract

I consider a model for the control of criminality in cities. The model was
developed during my REU at UCLA. The model is a system of partial
differential equations that simulates the behavior of criminals and where
they may accumulate, hot spots. I have proved a prior bounds for the partial
differential equations in both one-dimensional and higher dimensional case,
which proves the attractiveness and density of criminals in the given area
will notbe unlimitedly high. Inaddition, I have found some local bifurcation
points in the model.
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Chapter 1

Introduction

Crime modeling is a growing field of mathematical modeling. Notable
contributions can be attributed to the UCLA models (Short et al.| 2008;
Bertozzi et al., 2014), which has helped thirty cities worldwide curb crime.
This model, hereafter referred to as the “Random Walk Model (RWM)”,
assumes that the criminals follow a random walk that is biased toward re-
gions with high "attractiveness”. The concept of "attractiveness" is rooted in
criminology research. When a crime happens at a given place, that place as
well as places nearby become more attractive to similar crimes (Short et al.,
2008; Budd, 1999; Weisel et al., [1999). This phenomenon is known as the
repeat or near-repeat victimization, which depends on whether a criminal
revisits the previous place or a neighboring place respectively. Some have
likened this phenomenon to the "broken windows effect" whereby disorder
and minor crimes such as jaywalking and littering lead to an increase in
major crimes like burglary and murder. In previous crime models, the bro-
ken windows effect is usually treated together with repeat and near-repeat
victimization as a critical factor determining the change in attractiveness
(Harcourt, [1998}; |Gau and Pratt, 2010; [Budd) 1999; Weisel et al.,[1999). The
Random Walk Model successfully picks up the crime hotspots: i.e., disjoint
areas with high crime rates (Short et al., 2010b; H. Berestycki, 2010); and
compares favorably with the real data (Short et al., 2010a).

However, the assumption that criminals take a random walk with con-
stant velocity is a very restricted one. In real life, criminals can take a train
or other vehicle and move much farther than a similar criminal on foot. As
a result, they may move a long distance in a single step. Previous researches
have shown that human motions are better modeled with Lévy flights, in-
stead of random walks (James et al.,[2011;|Brockmann et al., 2006; Gonzalez
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et al., 2008). Also, data of distances between homes of criminals and their
targets suggests that they are willing to make long trips for valuable targets
(Leary, 2011; Snook) 2004). To this end, Chaturapruek et al. developed a
new model by assuming that the criminals undergo a Lévy flight (Chatu-
rapruek et al.,2013), i.e., criminals can go anywhere in one time step with
a probability proportional to attractiveness and inversely proportional to
some power u of distance (Chechkin A V, Metzler R and Yu, [2008). We refer
this model as the "Lévy Flight Model (LFM)" from now on.

Nevertheless, a real criminal can only move as fast as traffic or public
transit, i.e., the property of LFM that criminals can take arbitrarily long
jumps in a time step does not accurately reflect the reality. Furthermore,
movement patterns of different types of criminals can vary greatly. As
was shown in (Snook, 2004; Koppen et al| 1998), professionals and older
criminals can travel faster than amateur and younger criminals. With these
facts in mind, Chaohao Pan and I et.al proposed a Truncated Lévy Flight
Model (TLFM) for the movement of criminals during the REU at UCLA in
2015. In this model, we set a speed limit for the Lévy flight to get rid of
arbitrarily long jumps by setting a speed limit on the Lévy flight. People
have proven that the sum of independent truncated Lévy flights converges
to a Gaussian process (Mantegna and Stanley,[1994). In the continuum limit,
our model involves only a regular Laplace operator. And actually it differs
from the Random Walk model just by a constant. Also, when we make
the speed limit large, it is closer to the Lévy flight model. This is because
our model takes into account both the "nonlocal" feature of criminals by
allowing them long range jumps (which makes the model looks like the
Lévy flight model) and the "local" feature of them that is restricted by the
speed limit (which makes the model looks like the Random Walk model).
Additionally, by setting different speed limits, TLFM can simulate different
categories of criminals. For instance, to simulate dynamics of amateur or
younger criminals, we take the speed limit to be small, which leads to a
pattern that is similar to that generated by RMW. Likewise, if there is a
group of professional criminals with better mobility, we can increase the
speed limit accordingly. In this case, the generated pattern will look like
the pattern generated by LFM, except that the unrealistic long jumps will
no longer occur. We also show that, quantitatively, both RWM and LFM
are special cases of TLFM. Another remarkable feature of TLFM is that
the Laplace operator in the continuum system, other than the fractional
Laplace operator in the Lévy Flight Model (Chaturapruek et al.,2013;|Zoia
et al., 2007), is numerically more amenable to various kinds of boundary



conditions.

The rest of paper is organized as follows. In Chapter 2, we review the
basic assumption of the repeat and near-repeat victimization, and redo the
derivation of the TLFM model, in both discrete and continuum settings, the
biased truncated Lévy flight for the criminals. For the continuum system,
we perform a linear stability analysis on the homogeneous steady state
solution to study the formation of hotspots. We also explore the relations
between TLFM with previous RWM and LFM. Then in Chapter 4, we review
literatures on the similar models (Berestycki et al.,, 2014; Cantrell et al.,
2012). In Chapter 5, we show our result of the a priori bound in both one-
dimensional and higher-dimensional cases. Finally in Chapter 6, we show
the existence of bifurcation points of the model.






Chapter 2

Review of the Model

The work in this and next chapter was done in during the REU at UCLA,
and I reproduce it here for the completeness of the paper. In this chapter,
we describe the model constructed in the REU at UCLA. First, we describe
the model in the discrete case. In particular, the discrete model is valid
on every connected graph, so we can use it on any city. However, in this
paper, we only define the models on a one-dimensional grid graph with
grid length I. We apply periodic boundary conditions, by which we see
the city as a torus, unless otherwise specified. First, we define some basic
terms, including local attractiveness, and the broken window effect. Then,
we discuss the evolution of the distribution of the criminals.

2.1 Local attractiveness

As in (Short et al., 2008; Chaturapruek et al., 2013} ]Jones et al.,[2010), we de-
fine the attractiveness of each spot at certain time to criminals as following.
For each burglary site k, at each time step ¢, we denote its attractiveness as
A(t). The higher the number, the criminals are more likely to travel to that
position at the given time, and also more likely to commit crimes at there.
Also, the attractiveness contains two components, the static attractive-
ness and the dynamical attractiveness, which we separately denote as Ag
and By(t). Ag is only determined by the position while Bi(t) is related to
the effects of repeat and near-repeat victimization. Hence, we will write

Ar(t) = AL + Bi(t), (2.1)

At each time step, a criminal at a certain position can either commit a
crime or move to some other places. The decision he or she makes depends
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on the attractiveness of each position. We use Ei(t) to denote the number
of crimes committed in the time interval (¢, t + 6t) at site k.

Intuitively, the more crimes committed at a site, the larger attractiveness.
Therefore, temporarily neglecting the near-repeat victimization effect, we
can then express the evolution of Bi(t) as

By (t + 0t) = Bi(£)(1 — wot) + OEk(t) (2.2)

where w is the decay rate of the attractiveness field. In addition, 0 describes
the increase of By for each crime that occurs at k.

Now, if we also consider the near-repeat victimization, the evolution
equation of B () can be expressed as

By (t +0t) = [(1 — By (t) + g(Bk—l(t) +Bi1(t) | (1 — wot) + OE(t), (2.3)

where 11 € (0,1) is a constant measuring the significance of the near-repeat
victimization effect.

In addition to the attractiveness, we use p to describe the density of the
criminals. Initially, a given number of criminals are distributed over the
graph. In the discrete model, we assume that criminals can only take one
action in the time interval [n0t, (n + 1)6t), where 6t is the length of each
time step and n € N. To make the model more easily to be analyzed, we
work on the average number of criminals rather than seeing each criminal
as independent person. We use pi(f) to denote the average number of
criminals at site k during the time interval [¢, t + 0t).

At each time step, a criminal either moves to another burglary site or
commits a crime. We consider a criminal committing a crime in the time
interval (¢, t + 0t) at site k as a standard Poisson process. And the parameter
of the Poisson process, pk(t), is defined to be

pr(t) =1 — e~ A0t (2.4)

where Ag(t) denotes the expectation of Ax(t). We also denote the expecta-
tion of Bi() as Bx(t). Then it follows immediately from that

Ar(t) = A + Bi(1). (2.5)

Moreover, by the property of standard Poisson process, the expectation of
E(t) is 6t Ax(t)pi(t).
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Thus, by taking the expectation of both sides in (2.3), we obtain

Bi(t +0) = | (1= B(t) + 3(Bioa(t) + B ()| (1= wt) + 06t A(Dp(t).
(2.6)

2.2 The Discrete Truncated Lévy Flight

In the Random Walk Model, the criminals can only move to a neighboring
site in each time step (i.e., they have speed limit 1). By contrast, in the Lévy
Flight Model, we allow the criminals to move to any site on the graph (i.e.,
they have no speed limits).

As in (Chaturapruek et al., 2013), we define the relative transition likeli-
hood of a criminal moving from cite i to cite k, w;_x subject to the following
Lévy power law

A
(i = kDe’
where u € (1,3). The intuition at here is that although arbitrarily long
jumps are theoretically allowed in a Lévy flight, the probability of traveling
to a distant site in one time step is low.

However, in contrast with the Lévy Flight Model, for the truncated Lévy
flight, we make the rule that no criminals can move more than L gridspaces
within one time step, where L € Z, L > 1. Therefore, the relative transition
likelihood, still denoted as w;_,x, with abuse of notation, can defined as
follows

Wik = (2.7)

Ay .
=, 1< |i—k| <L
Wi =< Hli=k#’ / 28
ok { 0 otherwise. @8)
The (normalized) transition probability is then defined as
Wik 2.9)

Qiok = 5———.
2j#i Winsj

Following the settings in the Random Walk Model as in (Short et al.,
2008), the criminals obey the following rules: in the time interval (¢, f + 0t),
a criminal will either

¢ Commit a crime which obeys the standard Poisson process with pa-
rameter pi(t) =1 - e~ Ar(b)ot

* Or else moves on according to a biased truncated Lévy flight.
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Also, some new criminals appear with a constant rate I'. Given the criminal
density at time ¢, the criminal density after one time step can be calculated
as

prt+0t) = > [1=AiDStlpi(gisk(t) +Tot.  (210)

ieZ
1<|i—-k|<L

2.2.1 The Continuous Limit of TLFM

After that, we take the continuous limit for the above discrete model as 6t
and [ both converge to 0. Firstly by following the same procedure as in
(Chaturapruek et al., 2013), we can derive the continuum limit for as
follows 2

A= Ay — w(A = Ag) + Apb, @.11)

o
where we write ‘(99—’? as A; for consistency of notation.

The derivation of the continuous limit for p, however, is more difficult,
and much different from the process in (Chaturapruek et al., 2013) due to
the truncation.

First, we define

L
71 = 22 ki# 2.12)

k=1

and
N fi— /i
L(fi) = Z TR (2.13)
jEZ
1<fi—jl<L

Then it follows immediately from that

Z wik =1z A + L(A)). (2.14)

ieZ
1<|i—k|<L
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With (2.14) and (2.9), we obtain

ik = Wik _ Wik
1=K —
Y ez Winj  [-uy A (F4% 1)
1<|j—k|<L
1 L(A)
~ Wi, - 2.15
Wink [Z_PZLAi (Z_HZLAZ')Z ( )
A 1 L(A)IH ,
= - <l|i—-k| <
|i — k¥ (ZLAi A2 L<li-k <L
where, in the second step, we have applied the approximation F ~1-x
for small x.
We then obtain by (2.10)
pr(t +0t) = pr(t) 1 ‘ e
= == Z pi(1 = Aidt)gimk — pe| +T. (2.16)
1<|i—k|<L

Now applying (2.15) to the RHS of (2.16), we obtain

pk(t+(5t)—pk(t) B 1 1 L(AHIH Pk
ot = ot ), pill- A‘St)| k|# Al A2 ) ot T

1<lik|<L
Ak 1 Pk
Y, A=A - o
1<|i—k|<L
Ag Z pi  L(A)IH
- — (1-A;ot) |+ T
ot 1<li—k|<L ikl A2z}

(2.17)

We also find that (2.12) and (2.13) implies

pi Pi — Pk Pk .
2 li—KF i~k )y T—x L LperzLek ~ ZLpk
i€eZ i€eZ

ieZ
1<|i—-k|<L 1<|i-k|<L 1<|i—-k|<L

(2.18)
where we ignore the O(I*) term in the final step. Then by (2.18) and (2.17),
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we obtain
pi(t +08) = pi(t) Ay 5 [& L P 1_]
ot ot 1</imk|<L Al' lel'—k“l |Z'—k|“ZL Ak ZLli—kly
. U LA
_ Ak S| LA pfﬂ 1Hot| 4T
b oeiTeL -kt A222 Az2|i— k|
pi _ px
A [Ai A __pi LA pi
b e el i —klFzr  |i—k|* A227 |i — k[¥zL
¢ pr\  prL(Ax)
~— AL () - = - A
ZL(St[ kL (Ak) Ag kpr+ L

(2.19)

where, at the second step, we ignore the O(I#0t) terms in the summation.
We also observe that

_ A]' — Ag B 1 A]' — Ay
LA 2 Gy T & o 4%
j€Z j€Z

1<[j—k|<L 1<[j-k|<L
We make the following changes of variable

x=kl, yj= ]l,A] = A(y])/Ak = A(.X')

Then the right hand side of (2.20) can be regarded as a midpoint Riemann
sum on the interval defined as follows:

1 1 1 1
= x—(L+§)l,x—§l] U [x+§l,x+(L+§)l]. 2.21)
Hence, implies
1 [ Aly) - Ax)
L(Ap) ~ —f —dy, 2.22
(Ak) T (2.22)
I el A(y) - Ax)
ZL(StL(Ak) z1 ot ‘fM ly — x|# d

As | converges to 0, the integration is local at x, and we can apply Taylor
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expansion at x on the integrand to obtain

u-1
=2 [y 4@ -0+ A

Ju-1 Ax(x)(y = x)
T zLot [fM ly — x|* ay+

Ju-1 x+(L+3)1

- 216t x+11
lZ

- ZLét(3 - U

(y— x)?

+O0((y - x)3)] d

Axx(x)(y = x)zd ]

2ly — x|#

ly = xPH A (x)dy

@37 -G Ant,

(2.23)

where, at the second step, we ignore the O((y—x)>*) terms, since |y —x| < 1

and p < 3. Applying (2.23) to (2.19), we obtain

12
pr= otz (3 —p)

[+ 27 -G [adhe - Bau] - ap 41 229

To simplify the expressions, we reparametrize (2.24) as follows:

_ pw f
A:Aw,p:?,tza T]:

lzn

26tw’

This together with (2.11) and (2.24) implies (we drop the bars for now)

Ar=nAxx—A+a+Ap,
_ Py _P _
pt =D [A(A)xx AAxx] Ap+B,

where
12
- wdtzr(3 — 1)

@+ 3 -]

(2.25)

(2.26)

_AY _To 0 7
a=— p= P (2.27)






Chapter 3

Numerical Work

To verify the derivation of the continuous limit, we compare the solutions
of the discrete model and (2.10), and the continuum limit and
(2.26) numerically. For the discrete model, we assume the grid points x;,
i=1,2,---,60with x; —x;_1 = 1/60. For the continuum system we consider
the computational domain x € [0, 1] with Ax = 1/60, At = 1/3600. We use
forward Euler method for time discretizations and spectral method for
space derivatives. Periodic boundary conditions are implemented in both
cases.

For the continuous m periodic boundary conditions for the solution.
Therefore, we also apply the periodic boundary condition to the discrete
model.

Figure 3.1 shows a comparison between our numerical simulations for
the discrete and continuum models. We can observe a great agreement even
at the boundary. Eventually, we observe a steady state with two hotspots
for both models when time ¢ gets large.

Figure compares the steady states of our models when the speed
limit L is set to be distinct values, and Figure[3.3|compares the steady states
for different values of u. We see that the models fit fairly well for a large
range of L and p.
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a.t=0 b.t=1 c.t=5
d.t =10 e.t =50 f.t =200

Figure 3.1 Simulations of biased truncated Lévy flight when u = 2.5, =
1/60, 6t = 0.01, and the speed limit L is 9. The solid curve represents the con-
tinuum limit, and the dots represent the discrete model. The initial conditions
are taken to be A = 1 — 0.5cos(4mx) and p = 1. Other relevant parameters
are:n=01T=03,w=1

a.L =3I b. L =18] c. L =271

Figure3.2 Comparisons of the steady state obtained using different values of
L. All parameters are the same asin Figureexcept for L. The shots are taken
att = 200.
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a.u=15 b.u=2 C.u=25

Figure 3.3 Comparisons of the steady state obtained using different values
of u. All parameters are the same as in Figure[3.1 except for ui. The shots are
taken at t = 200.






Chapter 4

Literature review

In this chapter, we review two papers that work on the equations very
similar to our model.

4.1 Contribution by Berestcyki et. al.

In "Existence of Symmetric and Asymmetric Spikes for a Crime Hotspot
Model" by Henri Berestycki et.al, the paper, the authors describe a model
very similar to ours, which is

(4.1)

A =e?A — A+ pA +Ap(x)in(=L,L)
Pt = D(Px - Z%Ax)x - pA + ')/(X) in (—L, L)

As in our equation, A is the attractiveness and p is the density of criminals.
In addition, € represents nearest neighbor interactions and y(x) is the source
term representing in the birth rate of criminals. Then, they do the change
of variables by letting v = p/A? so that the equation becomes

{At = 2A4x — A+ 0A3 + Ag(x) w2

(sz)t = D(szx)x —vA3 + )/(X)

Unlike us, they apply the Neumann boundary condition for the equations.
They established the existence of steady states with multiple spikes in sym-
metric spikes and asymmetric spikes, using the Lyapunov-Schmidt reduc-
tion method.

In particular, by defining w to be the unique even solution of the ODE

a)yy—a)+a)3:O,
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Literature review

the authors have proved the following theorems
Theorem 4.1. If D = 622 for some fixed D > 0 and
Ag(x) = Ag, y(x) = A — Ay, whereA > Ag (4.3)

and € is small enough, then has a K-spike steady state (Ac, ve) which satisfies

K — €
1 1 Xk 1
Ac(x)= Ao+ - Z —w(—)+Ofelog ), (4.4)
=1 |9
ve(t7) = ezvf,i =1,---,K, (4.5)
where
te-t),i=1,- K, (4.6)
with 0i 1K
0o_<st—1— P
= ———Li=1- K 4.7)
and .
vf = v?(l + O(elog E))’i =1,--- ,K, 4.8)
with b
0 K i=1,--- K (4.9)

UZ- = — s 1
2(A - Ap)’L?
Theorem 4.2. Under the same assumption as in[E.1|and

2Vm(DA2)V4
—l/_ (Do) <1 (4.10)
(A—Ag)*AL

and A o
DA L 2 @11
(A-ApPAL V5

problem (4.2)) has an asymmetric 2-spike steady state (A¢, v.), which satisfies

1, 1 x—ff 1
Acx)= Ao+ =( Y —=w(——") + O(elog 2), (4.12)
=1 J0]
ve(t) =€*0f,i=1,--- K, (4.13)

where t¢ and v¢ satisfy and ([4.8), respectively.
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Theorem 4.3. Assume that € > 0 is small enough and D = e% for some fixed
D > 0, then (4.2) has a single-spike steady state (Ae, v) which satisfies

1 x —t5 1
Ae(x) = Ap(x) + - w( - )+ O(elog E)’ (4.14)
%
ve(ty) = ezvg, (4.15)
where
to L
to — to,f y(x)dx = f y(x)dx (4.16)
-L to
and )
o€ 2 (1+ O(elog é)) (4.17)

D pdxy

In addition, by rescaling the solution and the second diffusion coeffi-
cient, their model becomes

{o = €A —A+0(cAo+ AP + €AY, x € Q, (4.18)

0=D((Ao(x) + LA)?8,) — Lo(eAo(x) + AP + y(x), x € Q.

They observe that by doing such scaling, the equations become very similar
to the Schnakenberg model,

{o =€eArc —A+0(eAg+ AP +A),x € Q, (4.19)

0= D(A20,)x — Lo(eAo(x) + A)> + y(x), x € Q.

Here, they assume € << 1 and Neumann boundary conditions.

In the later chapter of the paper, the authors also compute the positions
and amplitudes of both symmetric and asymmetric spikes in the equation.
In addition, they express the existence and nondegeneracy conditions of
the equations (4.18). And they compute the approximate solutions for the
equations.

4.2 Contribution by Cantrell et. al

In (Cantrell et al., 2012), the authors consider about the system

A =nAA-A+A%+pA inQx (0,T]
%:V.[Vp_%pVA]—pA+Z—AO inQx(0,T] (4.20)

J 2
3_12:0,&_2_%‘3_12:0 on dQ x (0, T]
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where A = A is the average attractiveness. They work on finding the
spatially non constant solutions for the problem, and they call this system

EQ
NAA-A+AY+pA=0 in Q)
v-[vp;%VA]—pA+Z—A0=o in Q
JA _ P _
%—0,%—0 on&Q

Associated with the problem, they consider the problem LN

Au+pu=0 inQ
%:O on JQ

where 1 > 0 is a simple eigenvalue. They assume that

(nu? = 2u)?

— 2
A>A% n<Z and A% < .
L 12u(nu +1)

Then, they use critical point theory to make a shift of the variables of E and
get the following system MP

U =nAA-A+pA+PA+Ap inQ

L=V [Vp-LVA]-pA-A-FA inQ

3_12:0,3_5:0 on dQ)
Also, they define

0
NAA—A+pA+(1-4)A+Ap
F(A,A,p)= 2p+(1-4)) Aal”
V- Vp - == VAl - pA = Ap - (1= )4

Their main result in the paper is:
Let Ag > A° be a solution of

such that f]—ﬁ is not an eigenvalue of LN. Then a branch of spatially noncon-

stant solutions of F bifurcates from the equilibrium (A,1- %0) at A = Ao.
In a neighborhood of the bifurcation point, the bifurcating branch can be

parametrized as (A, A, p)= (Z(s),Z(s)+sA0¢>+s£1(s), (1—%+s(ny+ﬁ‘—§)¢+
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s&2(s)))), where ¢ is a normalized eigenfunction of LN and (&1, &) € W,

and where A(0) = Ag and (£1(0), &2(0)) = (0,0). Furthermore, the bifur-
cating branch is part of a connected component Cy of the set S, where

S={AAp) : A A-Ap-1+4) e VFAA-Ap-1+4) =0,
(A, p) # (A1 - Afo)}, and Cy either extends to infinity in A, A, or p, or
contains a point where (Z,A — A, p—1+ %0) € dV, or contains a point
(A*,A,1- %’) with A* # Ao.






Chapter 5

A Priori Bound for the
Equations

In this chapter, we prove the a priori bounds for the stable solution of the
equations, both in one dimensional and higher dimensional cases.

5.1 One Dimensional Case

We work on the system

NAxx —A+a+Ap=0 6.1)
Py _Pa - _
DIA(G)xx = Al = Ap+ =0 (5.2)

subject to 27-periodic boundary conditions. Defining B = £, our system
now becomes

NAy —A+a+A’B=0 (5.3)
DAByy — DBA,y — A’B+ =0 (5.4)

We assume
A(0) = A(2m), Ax(0) = A, (27), B(0) = B(27), B+(0) = B, (27) (5.5)

First, we prove a priori bounds for the integral of A?B over the whole
space, and then we are going to prove the upper bound for A and B respec-
tively.
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Lemma 5.1. If (A, B) is a solution of (5.3)), (5.4), then
2n
f A?Bdx =2mp (5.6)
0

Proof. Integrating (5.4) from 0 to 271, we get

2mn 27 2mn
f DAByydx = f DBA . dx + f ~A?B + Bdx. (5.7)
0 0 0

Integrating by parts, we find

2n 2n
f DAB.xdx = DAB, |7, - f DA,Bydx (5.8)
0 0
27 2
f DBAyydx = DBA,?T, - f DA, Bydx (5.9)
0 0
Then, as we are applying periodic boundary condition at here, we know
DAB, |2, = DBA2%, =0 (5.10)
Therefore,
27 2
f DAByydx = f DBAdx,
0 0
SO
27 2n
f A’Bdx = f Bdx =2mp. (5.11)
0 0
This proves the lemma |

Remark 5.1. Noticing that this lemma can be generalized to the case where f is
not a constant function, which is a more realistic assumption in most cities. In this
case, the equality will become

27 2n
f A?Bdx = f Bdx
0 0

Now, before proving that A is bounded from above, we first need to
prove a lemma about the minimum of A.

Lemma 5.2. If (A, B) is a solution of (5.3)), (5.4), then

27
minA < (f adt)/(2m) + B (5.12)
0
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Proof. By (5.3), we get
NAy =A-a—-A’B (5.13)

Integrating both sides of (5.13) from 0 to 27, we get

27 2m 2mn 27
f Ayodx + f adx + f A’Bdx = f Adx (5.14)
0 0 0 0

Then, as we apply periodic boundary condition here, it follows
2n
f NAxxdx = Ax(2m) — Ax(0) = 0. (5.15)
0

By Lemma ﬁfﬂ A%Bdx =2mp, so

2n 2n
f Adx = f adx + 21 (5.16)
0 0

Therefore, min A < (foz7T adt)/(2m) + B. O
Now, with Lemma 5.2} we are ready to prove the a prior bound for A.
Theorem 5.1. If (A, B) is a solution of (5.3)), (5.4), then

A < minAe?™, (5.17)
and hence by Lemmal5.2]is bounded.

Proof. We start this problem from the global minimum of A. Let c; be the
global minimum for A, and d; be the next local maximum on the right of
c1. Next, we iterate through each local minimum and local maximum by
the following rule, as shown in Figure

* Denote c;;1 as the next local minimum on the right of d;.
* Denote d; as the next local minimum on the right of c;.

We do this until we reach the global maximum, d,,.

As we are applying the periodic boundary condition at here, we may
assume d,, — ¢; < 2n. Then, for eachi = 1,2,---,n, consider about the
interval [c;, d;]. We integrate from c; to m where m € [c;,d;] and get

f NAyydx = f Adx — f adx — f A%Bdx (5.18)

1
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However, as c¢; is a local minimum, A,(c;) = 0. Also, for x € [c;, m], we
know A(x) < A(m). Hence,

m
nAx(m) < f Adx < A(m)(m — c;) (5.19)
ci
which means Au(m)
(m
< (m - ¢; .
for each m € [c;, d;]. Then, integrate (5.20) from c; to d;, we find that
—_ )2
mafl, < "o (5.21)

SO

Ad) _ (di—ci)?

A(Ci) N 2 '

Therefore, we can conclude that A(d;) < A(c;)e@i=¢i’/2,
Also, we know A(cj;1) < A(d;) for all i. Hence,

In (5.22)

Ady) < A(cy)e e

SAd le(di—ci)z/2

<
< o =c2,(d=02) /2 pldn=cu)?/2
< A(cy)eli=erf+(da=eaf 4t (du—cu)?]/2

Then we know
(dy—c1)? +(da — co)* + -+ + (dy — c0)?
=(210)*[(d1 = c1)?/Q21)* + (d2 = €2)*/ 2 + -+ + (dy — ¢4)*/(270)’]
Since diz;nci <1foreachi=1,2,---,n, it follows
(di—ci)? _di—ci
(2m)? 2n
foreachi=1,2,---,n. Therefore,
(dy—c1)? +(dz — co)’ + -+ (dy — c0)?
<@n)[(dy — c1)/2n) + (d2 = ¢2)/(27) + - - + (dy — ¢)/(270)]
<(2m)?
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Hence, we can conclude that

A(dy) < A(cy)e@*2

= A(c1)e?™,

(5.23)

which means A(d,) is bounded by A(c1), and hence by Lemma is

bounded from above.

O

Theorem 5.2. If (A, B) is a solution of (5.3)), (5.4), then at the local minimum of

B, xq, we have

77
B < =
(%o) D 4 max o

Proof. By (5.3),
A—a—-A?B

n

Axx =

Plugging that into (5.4), we have

DB
DAByy = T(A —a—A’B)+A%B - B.

Since B,y > 0, we have

2 2
DB(XO)A( o) - DB(xo) a(xo) - DA(x0)"B(xo)
Therefore,
N a(xo)
B(xg) € —— + — —
(o) < Axo) "D AxP
7 mina
< tg -
Al(xo) A(xo)?
Since z + 57 — min a(xg) < 4mina 2 for any z,
B(xo) < 5 .

D 4mma

(5.24)

(5.25)

+ A%(x0)B(xg) > 0

we can conclude that

(5.26)
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5.2 Higher Dimensional Case

Now, we generalize our work to the two-dimensional case, which is a more
realistic case in daily life. The equations now become

N(Axx +Ayy) —A+a+A*B=0,x,y € (0,2n) (5.27)
DA(Byy + Byy) — DB(Axx +Ayy) —A’B+B=0,x,y € (0,21)  (5.28)

Still, we apply periodic boundary condition, at here, which means we have
A(O’ y) = A(ZT(, y)/A(X/ 0) = A(x, 27'()

B(0,y)=B(2m,y),B(x,0) = B(x,2m)
Ax(0,y) = Ax(27, y), Ay(x,0) = Ay(x,2m)
Bx(0,y) = Bx(2m, y), By(x,0) = By(x,2m)

Some conclusions we have gotten in the one-dimensional case can be gen-
eralized to the two-dimensional case, while some others need alternative
proofs.

Lemma 5.3. If (A, B) is a solution of (5.27)), (5.28)), then

2n 2n
f f A’Bdxdy = 4m*B (5.29)
0 0

Proof. Similar to the proof of Lemma Integrating over the space
domain, we can get

2n 2n 2m 2n 2n 2n
f f DABy+DAB, dxdy = f f DBAx+DBAydxdy+ f f —A*B+Bdxdy.
0 0 0 0 0 0

(5.30)
Then, doing integration by parts, we find

27 27 27 27
f f DAB,dxdy = (DAB, [T, - f DA,Bydx)dy  (5.31)
0 0 0 0

2n 2n 27 2mn
f f DBA dxdy = (DBA.|T, - f DA, B.dx)dy  (5.32)
0 0 0 0

Then, as we are applying periodic boundary condition at here, we know

DAB, 2%, = DBA2Z, =0 (5.33)
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Therefore,

27 27 27 27
f f DAByydxdy = f f DBA dxdy.
0 0 0 0

Similarly, we can get

2n 2n 2n 2n
f f DABydxdy = f f DBA, dxdy.
0 0 0 0

2n 2n
f A?Bdx = Bdx =2mp (5.34)
0 0

Hence,

2n

which shows | 02n A2Bdxdy = 41%B. m]

Finally, we are going to show that both A and B are bounded from above
in the two-dimensional case.

Theorem 5.3. Given A, B 2mt-periodic continuous functions, there exists M(a, )

such that if A, B is a solution of (5.27), (5.28)), then ||A]lc < M(a, p).

Proof. First, multiplying (5.27) by A and do integration over the space do-
main (0,2m) x (0,2m), we get

2n 27 2n 2n 2n 2n 27 27
T]f f |VA|2dxdy+f f A?dxdy =f f aAdxdy+f f A3Bdxdy.
o Jo 0 0 0o Jo 0 . 0

(5.35)
Note that by Lemma/5.3] we have

2m 2m 21 21
f f A3Bdxdy < ||Al|w f f ABdxdy < ||Al|d?B
0 0 0 0

Therefore,

27 27
. f f VARdxdy < (472l + 4728 Al o
0 0

Then suppose A(xo) is the global maximum. Then, we find for ||y|| = 1, by
Fundamental Theorem of Calculus,

1
A(xo+ry) = A(xo) + L (VA(xo +sy) - y)ds (5.36)
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Then, define

47’(2||[X||+4T(2ﬁ 1/2
k= (TR

and integrating on the circle of radius r, we get

7

1
fA(xo+y)dy:f f (VA(xo +sy) - y)dsdr + ||Al|c2mr
Sy S, Jo
> |Allw2rer - ( f f VAGro + ys)Pllylldsdy)2

41| ||| +4n2[3

2 ||Alleo27tr —1( 1Al

> ||A||w2mr — rK|| A2
= r|| Al @n||Al|L2 - K)

Then, there are two cases

(a) If
2n||A|IY2 - K < 1,
then 14K
+
lle < (50,
e
so A is bounded.
(b) If

Al 2 - K > 1,
then we know

f Alxo+ y)dy > rlIA|[L2
s,

Then, integrate over on the whole circle of r = 1, we get

1
fAzf rl|AlX 2 dr
C, 0

1 172
2= A oo
> 2|| I

However, integrate (4.27) over the space domain (0,27) X (0, 27), by the
periodic boundary condition, we know

2mn 27
f f Ayx +Ayydxdy =0,
0 0
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2mn 2mn 2mn 27
f f Adxdy = f f adxdy + 4% < 4r*(||allw + B) (5.37)
0 0 0 0

Therefore, %HAII;{Z < 41%(||allew + B), 50 ||Al|e is bounded.
Therefore, by (a), (b), we can conclude that A is bounded from above. |

In addition, we also prove that B is bounded in the two-dimensional
case, and this proof can be generalized to the one-dimensional case.

Theorem 5.4. Given A, B 27t-periodic continuous functions, there exists M(a, )

such that if A, B is a solution of (5.27)), (5.28)), then ||B||c < M(a, B).
Proof. Integrate (5.28) over the whole space domain, we get

f [DA(Byx + Byy) — DB(Ayx + Ayy) — A*B + Bldu = 0 (5.38)
Q
By (5.27), we know
A-a-A’B
Axx +Ayy -
n
Plug this into (5.38)), we get
_ _ A2
f[DA(Bxx +By,) - pBAZA=AB _ g glau=o (5.39)
Q

Multiply 1i by -5, as we are applying periodic boundary conditions, it

follows
2, UAB
B + — + AB (5.40)
Q
Then, let
W={x;0<Ax) <ax)}, W =Q-W,
we have

B L e B A LR I Rl
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Hence,

A

=
oy
o)

IA

@)
=
> T
o~ ]

A
ABz+fﬁf +f—
fA
+ _
woa
K

< K(f ABZ)l/Z(f A2

Therefore, f AB? is bounded. Also, it immediately follows that f AB, f %
arebounded because they are all less than or equal to K( f AB?)V/2( f A)2 Then,

we know .
[ auk < ([ 1 ([ |l
Q Q Q A

is bounded. Finally, by (5.40), we can tell f % is also bounded. Then,
multiplying 1i by B and integrating, we get fQ |VB|? is bounded, so B is
bounded by the same reason of Theorem i

IA
o]

mU

IA

%D



Chapter 6

Bifurcation Points

For f constant, itis readily seen that, forany ¢ > 0, takinga = ¢, A = t+f3, and
li These solutions will be called trivial solutions.

B = ﬁ satisfy 1}
A trivial solution (£, f + B, #) is called a bifurcation point of 1} if

any neighborhood of (f,f + B, #) contains nontrivial solutions.

In this chapter, we prove the existence of bifurcation points for the system
(5.3)-(5.5). We do so by proving the existence of non-constant solution to
(5.3)-(5.4) subject to the Neumann boundary condition where

Ax(0) = Ax(1r) = Bx(0) = Bx(1) =0

and symmetrizing A and B about . We use the following theorem provided
in (Crandall and Rabinowitz, 1971).

Theorem 6.1. Let W, Y be Banach spaces, () an open subset of and G : QO — Y be
twice continuously differentiable. Let w : [-1,1] — Q be a simple continuously
differentiable arc in Q) such that G(w(t)) = 0 for |t| < 1. Suppose

(@) «'(0) #0,

(b) dim N(G'(w(0))) = 2, codim(R(G'(«(0)))) =1,
(c) N(G'(w(0))) is spanned by w'(0) and v, and
@) G"(w(0))(@'(0),v) & R(G'(w(0))).

Then w(0) is a bifurcation point of G(w) = Qwithrespect to C = {w(t) : t € [-1,1]
and in some neighborhood of w(0) the totality of solutions of G(w) = 0 from two
continuous curves intersecting only at w(0).
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We apply this theorem as follows: define W := (R, M2 ), Y =

(0,7 [0 n]’”’

(M[0 ] [O,n]), and w(t) =(t,t+p, W) where
[20 ] = {u :[0, 7] - R;u is twice
continuously differentiable and u’(0) = u’(n) = 0}
and

[0 o= ={u :[0, 1] = R;u is contiunous and u'(0) = u’(n) = 0}

The curve w is known as the curve of trivial solution. Define G .= W — Y
by

G(a,A,B)= (A —A+a+A’B,DAByy — DBA,, — A’B + p).

Now, we try to find a point t where dim N(G’(w(t))) = 2. Then, suppose
= Z ay cos(kx),v = Z by cos(kx),
k=1

we find that G'(a, a + 8, #)(0, u,v) equals

i -nk?+1+ afﬁ (o + B)? [ﬂk cos kX] 6.1)
=1 (Dig)z k* - a—ﬂ; —D(a + B)k? — (a + B)*| |brcoskx | :
Denote
2p 2
nk2+1+a+ﬁ (a+p)
Ak, n, a) = /
[ bk = 2 D@+ - (a + P

we can get the following lemma

Lemma 6.1. Let § < 2D, given a positive integer N there exists E(N) such that
if n < E(N), then there exists f1,---, £y such that ifa = fi, then det Ay = 0 for
k=1,2,---,n

Proof. We first note that

detA(k,n,a) =Dn(a + [S)k4 +[D(a = 2B) + n(a + ﬂ)z]kz +(a+ ﬁ)z. (6.2)
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Denote it as f(k, 17, &). Given any positive integer N, there exists E(N) such
that if n € (0, E(N)) then
f(N,n,0) <0

. Alsoforany k € {1,2,--- ,N}, f(k,n,2p) > 0. Hence by the intermediate
value theorem, for each k € {1,2,---, N}, there exists f; € (0, 2p) such that
f(k,n, k) = 0. Hence we have proved the lemma. ]

Then with this lemma, we can prove the following theorem.

Theorem 6.2. If B, E(N), f1,--- , t, are as given in Lemma then there exists
some 1 such that (fy, ty + B, ﬁ) is a bifurcation point of system lb lb

Proof. Since det A(k, n, a) = 0, there exists a unique a; € R such that

cos(kx) ] B

Alke,n, @) [ak cos(kx)|

which means (ay coskx, by coskx) is in the kernel of G’(w(t)). In addition,
(1, 1 )3) is in the kernel. Therefore, dim N(G’(w(0))) = 2. and hence
fe, tk + ﬁ, (t}fﬁ)Z is a bifurcation point in the space Mg .

Also, we find that for any (u, v) € Mg o X Mg ., We can represent it as

ul| Zﬁ Ve, cos(nx) —ay cos(kx)
BRG  Fwi{ T et

| L d, cos(nx) cos(kx) Yisq bn cos(nx)

D imeies1 Cn cos(nx)] N [cos(kx)]
0

(6.3)

cp cos(nx)

" |dy cos(nx)
To show it, it is enough for us to show that det A(j, , &) # 0 for k # j. Notice
that by (6.2), det A(j, 7, a) = det A(j, n, @) = 0 if and only if k?j? = ng In

addition, nis a fy is a continuous function of 7 and hence D—nﬁ is a continuous

function on 1. Therefore, we can choose 1 such that D—ff is not an integer.

Thus, with that 1, det A(j, 1, @) # 0 for k # j. Therefore,

[Z,’; ey Cos(nx)] e [—ak COS(kx)] [ nek1 Cn COS(1X)
PN

Zn: d,, cos(nx) cos(kx) gaq Dn cos(nx)

Now, we are going to show that for any k # n is in the range.

is in the range, which shows codim(R(G’(w(0)))) = 1. Therefore, with some
1, we can find (fr, fr + B, W% to be a bifurcation point with the Neumann
Boundary condition.



36 Bifurcation Points

Then, we extend the space M|y - to [0, 27] by taking the function sym-
metry about x = 7t. Notice that the function we get by the sum of cos kx and

constant functions satisfy (5.5). Therefore, fo, b + B, # is a bifurcation

point of system (5.3)-(5.5). i



Chapter 7

Conclusion and Future Work

In this paper, we have proved the existence of the a prior bounds for the sys-
tem of equations (5.3) (5.4) in both one-dimensional and two-dimensional
cases. In addition, we have found some local bifurcation points for those
equations. In the future, we hope to find some non-constant stable solutions.
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