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Abstract

In this work we study the optimal value for a Firm whose value is function of an exogenous
technology level. At any point in time the Firm can invest in a new technology, incurring
in an immediate cost and in return it will become able to use that technology yielding
profit through a given profit flow function. The technology is modelled by a discrete
stochastic process with a time-dependent arrival rate. We study the optimal stopping
time that will correspond to the point in time when the firm will invest. We use a
dynamic programming approach, finding the Hamilton-Jacobi-Bellman equation whose
solution gives us the optimal value of the firm. We particularise for two cases, one with

a constant arrival rate and the other with a time-dependent and non-monotonic arrival.



Resumo

Neste trabalho estudamos o valor 6timo para uma Firma cujo valor funcao depende de
um nivel de tecnologia exégeno. Em qualquer ponto no tempo a Firma pode investir
numa nova tecnologia incorrendo num custo imediato e em retorno passara a utilizar essa
nova tecnologia gerando lucros a partir de uma dada funcao. Estudamos o tempo de
paragem 6timo que corresponde ao ponto no tempo em que a empresa investe para obter
a valorizacao 6tima. Usamos uma abordagem de programacao dindmica, encontrando
a equacao de Hamilton-Jacobi-Bellman cuja solu¢ao nos da o valor 6timo da firma. A
tecnologia é modelada usando um processo estocastico discreto com uma intensidade
dependente do tempo. Particularizamos para dois casos, um em que a intensidade é

constante e outro em que é dependente do tempo e nao monoétona.



Acknowledgements

This thesis is the final step in my Masters Degree in Mathematical Finance and, as many
great things in life, it would have never been possible to achieve alone, therefore I would
like to express my gratitude to all of my Friends, Family, and Professors! In particular: To
my Parents for all their support and encouragement to follow the (almost random) path
of my curiosity. To Maria and Leonor for giving me confidence and motivation. To Aida
for all her love and friendship. To my supervisors Claudia Nunes and Manuel Guerra,
together they guided me outstandingly throughout the work presented here. Particularly,
I must thank Claudia for all her support from the very beginning, for all the discussions
and endless corrections, and also for introducing me to the world of Mathematical Finance
in the first place! And Manuel, for his great availability and patience to discuss almost
anything in Mathematics. To Carlos for reading and reviewing bits and pieces from my
thesis, and for his companionship until the last minute. To all my colleagues in ISEG

with whom I spent great times throughout these two years.



Contents

1 Introduction 1
2 Real Options and Technology Investment 3
2.1 Investment Decisions under The Real Options Approach . . . .. .. .. 3
2.2 Technology Investment . . . . . . .. .. ... ... ... .. ... ..., 4
2.2.1 Motivation . . . . . ... 4

2.2.2 Related Literature . . . . ... .. ... ... ... 0. 5t

3 Problem Formulation 7
3.1 The Technology Process . . . . . . .. .. ... . ... ... . ...... 7
3.2 Value of The Firm . . . . . . . .. .. .. ... .. 9
3.3  Our Optimization Problem . . . . . . . ... ... ... ... ... .... 10
3.3.1 Dynamic Programming Principle . . . . .. ... ... ... ... 11

3.3.2 HJB Equation . . . . ... ..o 15

4 Results 19
4.1 A First Approach to Solving the HJB Equation . . . .. ... ... ... 19
4.2 Modified Problems . . . . . .. ... oo 21
4.3 Case 1: Constant A\ . . . . . . . . .. .. 24
44 Case2 {A(t) =1L t>0} ... ... 27

5 Discussion 32



Pedro Polvora CONTENTS

A Infinitesimal Generator 34
A.1 Definition . . . . . . .. 34
A.2 The Infinitesimal Generator for (N¢, 6;) . . . . . . ... .. ... .. 34

Bibliography 41

IT



Chapter 1

Introduction

In this thesis we develop a model for a Firm that wants to optimise its value by investing
in a new technology. The Firm value is directly related with the technology by a profit
flow function that represents the profit that the Firm earns by using a given technology
level. In our model the Firm can invest at any time in a new technology. The technology
is assumed to follow a discrete stochastic process with a general arrival rate, that is
dependent on the time elapsed since the last innovation.

By investing in a new technology, the Firm incurs an immediate cost (which is assumed
to be constant) but its value increases. We derive the Optimal Value for the Firm for
two cases, a case where the arrival rate is constant and a case where the arrival rate is
time-dependent and non-monotonic.

We use a dynamic programming approach. We start by proving the dynamic pro-
gramming principle, finding the HJB and finally solving it for the two different cases.

The structure of this thesis is as follows. In Chapter 2 we introduce the concept of
Real Options and Technology Investment and review some of the existing literature. In
Chapter 3 we construct our initial model, prove the dynamic programming principle and
find the Hamilton-Jacobi-Bellman Equation. In Chapter 4 we make a first attempt to
solve the model and, upon facing some issues, we develop a new modified problem that

is proven to converge to our initial one. We then work with this problem and find the
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pretended results. In Chapter 5 we conclude with an overview of the results found and

an outlook for further studies.



Chapter 2

Real Options and Technology

Investment

In this chapter we start by introducing the main concepts of Real Options. We then
particularise for the study of Technology Investment and introduce the main motivation
for the work presented here. We also include an overview of some of the literature

concerning the focus of our work.

2.1 Investment Decisions under The Real Options Ap-
proach

Making the decision to invest can be defined as incurring into an immediate cost in the
expectation of further rewards [4]. A key word in this definition is “expectation”, as it
embodies one of the most important factors in an investment decision, the uncertainty.
That uncertainty is the prime reason for construction of mathematical models to study
the investment decisions.

A particular methodology to study investment opportunities is using the “Real Options
Approach” or simply Real Options. In this approach, investment decisions are studied

using the framework initially developed for financial derivatives, such as the Black-Scholes
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model for European Call Options. Whereas the study of optimal investment policies is
centuries old, the Real Options Approach is relatively new. The term “Real Options”
itself was coined in a pioneering article published in 1977 by Stewart C. Myers [9], which
was also one of the first applications of Financial Options theory to Corporate Finance.

There are several reasons for using this approach over the NPV*! methods of traditional
Corporate Finance. Most investment projects possess three fundamental characteristics,
the irreversibility of the decision, the ability to wait and postpone the decision and also
the uncertainty regarding future rewards of the investment. All these characteristics are
usually overlooked in traditional NPV methods, and, conversely they are easily modelled
with Real Options. In a fundamental survey of Real Options and its applications, pub-
lished in 1996, Dixit and Pindyck [4] demonstrate for a variety of cases how using the
traditional simplified NPV methods over Real Options could lead to drastically different

results and consequently investment policies could be simply wrong.

2.2 Technology Investment

One kind of investment that can be studied under the framework of Real Options is the
investment by a Firm in Technology Markets which is the focus of work presented here.
We now state what is the main motivation for this kind of problems and we review some

of the existent work in the field.

2.2.1 Motivation

The increase in productivity of the overall economy in the nineteenth and twentieth
century was mostly due to increases in technology [8|. Yet it was not until end of 20th
century that the study of optimal technology adoption and diffusion begun. A wvalid
argument is that, until recently, the technological cycles were much longer. Therefore the

options for a Firm to invest in technology were very limited in its lifetime.

I'Net Present Value
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In the last decades technological research and development changed considerably, and
now we have fast-paced, yet uncertain, improvement of technology crossing a variety of
industries. A few examples are the increase in the fuel efficiency in modern passenger
vehicles, that resulted from the adoption of innovative technologies in areas such as micro
electronics, aerodynamics and material substitution. Also, the boost in productivity
in the agricultural sector that stemmed from continuous adoption of new mechanical
and biochemical technologies [14]. Finally, a irrefutable example on the fast-paced yet
uncertain improvement of technology and its impact on a Firm’s productivity is the
industry of telecommunications and information technologies, illustrated by Moore’s law
[5,14].

As was noted by Kriebel [7] in 1989 50% of new corporate capital expenditures by the
biggest companies in the United States was in information and communication technology.

And besides being a major part of the expenditures, the fast development of new
technology multiplies the opportunities and options for a Firm to invest. Thus it is

crucial to develop a systematic approach to investment in technology.

2.2.2 Related Literature

One of the first publications to study technology investment by a Firm, within the frame-
work of real options, was in 1982 by Baldwin [1]. In his paper, he demonstrated the
existence of an “NPV Premium”, under certain conditions, that a Firm requires on an
optimal technology investment. That premium essentially represents the value of waiting
of an option. A few years later, in 1985, McCardle published a paper on another aspect
of investing in technology, the uncertainty related not to the technology arrival but to its
profitability [8].

A rather extent study of both decision and game-theoretical models on Technology
Investment was developed by Huisman [6] in his Ph.D thesis in 2000. Huisman studied a
variety of models, where different assumptions where made. He considers two main kind

of models,the decision models where a single Firm is considered to be in the market and
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game-theoretical models where interactions between Firms are considered.

Within the decision theoretical models, Huisman considered several assumptions as
well. He studied the optimal choices when the investment cost was constant and when
it was variable, along with other variations. More recently, V. Hagspiel [5], developed a
model for a changing arrival rate where the rate takes one of two values depending on
how much time it elapsed since the last innovation.

In this thesis, a model is built using a dynamic programming approach, following a
somewhat similar approach as Huisman, Verena and Farzin [5,6, 14| we however, use a

general intensity rate dependent on the time elapsed since the last innovation.



Chapter 3

Problem Formulation

We want to model a Firm that is considering investing in an exogenous technology.
By investing in that technology we mean incurring in an immediate cost and in return
it will become able to use that technology yielding profit through a given profit flow
function I : N — R . In this chapter we introduce the stochastic process that models
the technology arrivals, we model the Firm’s value, we prove the dynamic programming

principle and find the Hamiton-Jacobi-Bellman.

3.1 The Technology Process

We are considering that the most efficient technology level available on the market evolves
in a stochastic way, and that it is exogenous to our Firm.

Motivated by the nature of the various technology markets, we will consider that
the technology process stays constant for a stochastic amount time and it’s changes
are discontinuous. Therefore we will be dealing with a discrete stochastic process in
continuous time. This stochastic process will be denoted by {N;,t > 0}, where N,
denotes the number of changes in the technology level until time ¢.

In addition, we will assume that the improvement in technology is constant.

Therefore, without loss of generality, we can assume that the technology level process
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{N;}! takes values in Ny, with

(3.1) Pr{Ns < N} =1 V 0<s<t< 400,
(3.2) lim N, = N,.
t—st

We define the time of the arrival of the jth level of technology by T}, with
(3.3) To=0 T; = sup{t: N; < j}, jeN,

and we assume that the sequence {7},j € N} has independent identically distributed

increments with distribution,

(3.4) Pr{T, — Tp_y <t} = F(t) = 1 — e JoMe)ds Vn e N, t > 0.
The the density function is,

(3.5) f(t) = === = A@)e o200,

where X : R — R{ is a continuous function. If we introduce the process 6, = t — T,
representing the time elapsed since the arrival of the current most efficient technology,

then the two-dimensional process,
(3.6) {(N,t = Tn,) = (N, 6;),t > 0}.

is Markovian. Therefore, from now on, once we mention the technology process we will
be referring to the Markovian representation of the process defined in (3.6).
It will be advantageous to have the previously mentioned stochastic process charac-

terised by its infinitesimal generator.

ITo ease the notation, we usually omit the index set from the stochastic process. Thus we denote
{N¢,t = 0} simply by {N:}
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Proposition 1. Let X denote the set of all bounded functions ¢ : Ny X Ry — R con-
tinuously differentiable with respect to the second argument. For the two-dimensional
stochastic process defined in (3.6) the infinitesimal generator A, is the operator acting on

X 1s given by

(3.7) Aj(n.t) = M) (6(n +1,0) = 6(n,1)) + %qb(n, )

forneNandt € R]. |

Proof. For a definition of the infinitesimal generator and the proof of the proposition

above please refer to the Appendix A.

3.2 Value of The Firm

Let IT : N — R ,with II(n) being the profit flow function for a given technology level n.
The value of a Firm that uses the technology at level n and operates forever in this level
of technology is the integral of the discounted profit flow over time,

I1(n)

(3.8) R(n) = /0 h e " (n)dt =

where r > 0 is a given discount rate, assumed here to be constant in time.
Assuming that the Firm uses a given technology m until the moment &, when it

switches to a technology level n (and operates in this level forever), then its value will

be,
3 - +o0 5

(3.9) R(n, &) = / e "*II(m)ds +/ e " II(n)ds — e 1.
0 £

Here I is the investment cost, assumed to be constant (independent of m,n, ). Comput-
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ing the integral we easily find,

I1(m) N e "

(3.10) R,(n, &) = . .

(ﬁ(n) ~Ti(m) — 7«1).
Therefore, R,,(n, &) is the profit flow that comes from using the technology level m forever

plus the discounted difference in the profit flow between using level n and m (taking into

account the investment cost, also properly discounted back in time).

3.3 Our Optimization Problem

One of the objectives of the Firm is to derive when it is optimal to switch from its initial
technology level m to a new technology level.

Let T denote the set of all stopping times adapted to the filtration generated by
(N¢, 0;)>0. If the Firm switches to the best available technology at time 7 € T, then its
value is a random variable hereby denoted by R,,(N,, 7).

The assumption 7 € 7 means that the investment decision is taken only on the basis
of the observation of the process (Ny, ;). Since this process is Markovian, only the current
value of NV, and 0, need to be taken into account.

In this framework, the optimal strategy (investment time) when the current state of

the technology process is (n,t) is any stopping time v € T such that,
(3.11) E[Ru(Ny,7)|No =n,00 =t] = supE[ Ry (N, 7)|No = n, 6y = ]

TET

Let us also define,

(3.12) II,,(n) == I(n) — I(m) — r1,

10
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and,

(3.13) Vin(n,t) :==supE eI} (N,)|No = n, 6y = {]
TeT

where I} (n) = max(I1,,(n),0). Using (3.10) it is immediate that,?

(3.14) Ent[Rin(N;,7)] = ﬁif”) + Vm(];]“t).

Therefore, we will consider the following problem.

Problem (The Optimal Investment Strategy). Find optimal a stopping time 7 € T

mazimising the functional,

(3.15) 7 By [e I (V)] reT

which, in view of (3.14), is equivalent to find the optimal value of E,, ; [Rm(NT,T)]. [ |

To solve this problem we will use a dynamic programming approach. So we start
by proving the dynamic programming principle, and after we find the Hamilton-Jacobi-
Bellman equation®. Finally we solve this equation to find both the optimal time corre-

sponding to the optimal value of the Firm.

3.3.1 Dynamic Programming Principle

We now state and prove the dynamic programming principle.

Theorem 1 (Dynamic Programming Principle). For any stopping time 7 € T we have,

(3.16) Via(n,t) = supE, ;| e "I (N2 ) Xrer + €77 Vi (Nz, 07) xrs7 |-
TET
where x4 denotes the indicator function of the proposition A. [ ]

2From here onwards we shall denote the conditional expectation E[X|Y =y, Z = 2] by E, ,[X].
3HJB equation, for short

11
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Proof. If we define the functional,

(3.17) Im(n,t,7) = E,y {B_TTHm(NT)}

then,

(3.18) Vin(n,t) = sup Jy(n, t, 7).
TeT

We then define

(3.19) Vin(n,t) :=supE,; e_rTH:—m(NT)XT<% + e_r%V(N;., 07)Xr>7
TeT

in order to prove that V,,(n,t) = V,,(n,t), we prove that

(1) Vin(n,t) > Vip(n,t)  and

(ii)Vin(n, t) < Vin(n,t).

(i) Proving that V,,(n,t) > V,,(n,t):

For € > 0, we start by choosing the following stopping time,

(3.20) T =TXrer + (T 4 7c) Xr27,

where 7. := 7.(N;, 0;), such that,

(321) Jm(N;-, (95-, 7'6) Z Vm(N;-, 9;—) — €.

12
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Then, it follows that,

(3.22) V(n,t) > J(n,t,7) = En, [G_T%H;(Nf)}

323 = B[ I s+ eI (N st

(3.24) = By :efwﬂfn(Nr)Xra +e " En, o, [e 7L (Nrir,)] szf}

(3.25) =By eI (N ) Xoer + €7 T (N7, 7, Te)XTE%}

(3.26) > Epe[e I (N xo<r + €7 (VN 67) = €) x|

(3.27) > B, e I (N ) xocr + €TV (N, e;mz;} —¢E,, [e*ﬁm;}
— A S

(3.28) > Vi(n,t) — € & | Vi(n,8) > Vn(n,t) — €

where in (3.24) and (3.25) we use the definition of .J,,(n,, 7), and in (3.26) we use (3.20).

Making € — 0 we obtain (i).

(ii) Proving that V,,(n,t) < V,,(n,t):
We note that from the definition of V,(n,t) as a supremum, it follows that for any

stopping time v,

(329) Jm<N.7-797-,V) S Vm(N;,Q;).

Directly from the definition of V,,(n,t) and using (3.29)

(330)  Valn,t) = sup By [e I (N e 4+ ¢V (N B )xrne]|
TET

(3.31) >supkE, ; [e_TTH;(NT)XK; + e T (Nz, 0z, 7 — %)XTZ%]
TET

We note that due to the Tower property we have,

(3.32) E,, [EN;,Q; [e—“T—ﬂH;(NT)]] = E,[e I (N,)]

13
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Now simply using the definition of J,,(n,t,7) and (3.32), it follows that,

(3.33)  Viu(n,t) >supE,, _e_”H:;(NT)XK; + e "Ep, 6. [e_r(T_%)H:L(NT)} szf} -
TET -

(3.34) —SUp By eI (V) xrar + €77 I (N, )rss|
TET o

(3.35) —sup By, [e I (N,)| = Via(n, 8)
TET o

(3.36) S| Vin(n,t) > Viu(n, t)

Therefore (3.28) and (3.36) imply that that V,,(n,t) = V,,(n,t) and thus:

(3.37) Vin(n,t) = supE,; | e " IL) (N ) Xrez + € Vi (N2, 02) Xro7 | -
TET

14
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3.3.2 HJB Equation

Let us now state and prove the Hamilton-Jacobi-Bellman equation for our problem.

Proposition 2. If V,,(n,t) € X then,

(3.38) max(IT} (n) — Vi.(n,t), AV, (n,t) — rV,,(n,t)) = 0.

form,n € Ny and t > 0. [ |

Proof. From the definition of V,,,(n,t) as a supremum,

(3.39) Vin(n,1) > Epyle” II(N,)],  7€T.

For 7 = 0 this inequality reduces to,

(3.40) IT} (n) — Vin(n,t) < 0.

Using the dynamic programming principle with 7 = h — 07 then,

(3.41) 0= —Viu(n,t) +supE,,|e "I (N ) Xran + € Vin(Np, 01) Xrsn | -
TET

By the definition of V,,,(n, t),

(3.42) Viu(n,t) > sup J(n, 7,7V h) = e ""E, [V (Ny, 03)]
ie.,
(3.43) 0> —Viu(n,t) + e "By i [Vin (Nn, 01)].

15
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We can expand the exponential function in the equation above and note that,

(3.44) (f (_fh)i)En,t[Vm(Nh, 0r,)] - 0 when h — 0.

7!
i=2

Therefore, neglecting all terms of order higher than h, (3.43) becomes
0>—Vn(n,t)+ (1 —rh)E,+[Vi(Ng, 01)]

dividing all terms by h we find,

E, ¢[Vin(Nn, 01)] — Vin(n, t)

(345) 0 Z h — TEn,t[Vm(Nh, Qh)}
(3.46) =AV,,(n,t) + # —r(Viu(n,t) + AV, (n, t)h + o(h)).
Letting h — 0 we end up with

(3.47) AV, (n,t) — rViy(n,t) <O0.

All is left to prove is that at least one of the statements has to be zero. Let us now

assume that we have both,

(3.48) 0> —Vp(n,t) + 1L} (n),
1

(3.49) and 0> =V, (n,t) + -AV,,(n,t).
r

Let,

(3.50) 7, = inf{s: Ny >nVs>h}

16
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We use the functional under the dynamic programming principle with 7,

(3.51) K,y [e7 I (Ne)xrer + €TV (N3, 02)Xr2s | =
(3.52) =Ep; [ (V(n,t +7) = 8)Xrer + € TV(Nz, 0:)Xros| =
(353) =E,. (e V(nt+71)+ (e —e MV (nt+7)—e"78) Xrait
¢ TV (N2, 0:)xr>4] <
(3.54) <E,:[e"" V(N 0:)] +Ensl (1 — e ™V (n,t +7) — e"6) Xr<s]
(3.55) <E.cle”V(N:,0:)] =
(3.56) =E,i[e """V (N, 0)XNp=n + € "7V (0 +1,0)xn, 5n)
(3.57) =En[e """V (Ny, 0)] + Epno[(e "DV (0 +1,0) — e ™V (Ny, 1) X, 5n)
(3.58) =E,..[e """V (Ny,0,)] + o(h)

(3.59) =Vi.(n,t) + (AV,(n,t) — rViu(n, t))h + o(h) < Viu(n,t)  for h small enough

Since,
(3.60) Vin(n,t) = Eg? Eni e I (N Xr<n + € "V (Ni, 01) Xrsh
From Eq. (3.51)-(3.59)
(3.61) Vin(n,t) < Vi, (n,t)

which is clearly a contradiction. So, at least one of the inequalities (3.48 and 3.49) has
to be a non-strict inequality.

Therefore, we have proven that,

(3.62) max (IL,(n) — Viu(n,t), AV (n, t) — rVy(n,t)) = 0.

17
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Reading the HJB equation above essentially tells us that the optimal value function
V(n,t) has to be either equal or greater than II"(n) and if it is strictly greater than

ITI7(n) then V(n,t) is the solution of

(3.63) At) (v(n +1,0) — v(n, t)) +v'(n,t) — ruln, t)) —0.

18



Chapter 4

Results

In this chapter we start by showing that the HJB derived in the previous chapter reduces
to a free boundary condition problem. We then proceed to solve a modified version of
the problem where boundary conditions are imposed.

Furthermore, we particularise the general solution of the Hamilton Jacobi Bellman
equation for two different cases, one with a constant intensity A(¢) = A, and the other

with intensity A(t) = 155.

4.1 A First Approach to Solving the HJB Equation

Let us recall the previously obtained HJB equation
(4.1) max (H;;(n) — Vin(n, 1), AVin(n, t) — rV(n, t)) ~0.
We see that the possible solution is,

(4.2) Via(n,t) =111 (n).

m

19
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which implies, since V,,,(n,t) is constant in ,

(4.3) 0 < (r+ A®)Vin(n, t) — A(z)Vin(n + 1,0)
(4.4) &I (n) < %Vm(nnL 1,0)

Regarding the second term of eq.(4.1), we have the following:

AV, (n,t) —rVi(n,t) <0<

A(t) (Vm(n +1,0) — Vm(n,t)) + ‘Wma—(:’t) —Vp(n,t) <0 &
M)V (n +1,0) + %Vm(n, £) = (r + M) Vin(n,1) < 0 &

%Vm(n, 1) < <r + A(t))vm(n, t) = At)Vin(n +1,0)

Therefore all the solutions of the following differential equation

0

(4.5) =

Vin(n,t) = (1 + A(t)) Vin(n, t) — A(t)Vin(n + 1,0)
will also be a solution for the HJB as long as

(4.6) Vin(n, t) > I, (n)*.

Therefore, eq.(4.1) could have an infinity number of solutions, given accordingly to the

following general form:
t
(47) V (n t) — ef() +TdS (Cl + Vm(,n + 1’0)/ >\( ) f1 7’+)\ dydz)
0

where ¢; and ¢y depend on boundary conditions, inexistent in this case. Thus, in view of
the infinite number of solutions of eq.(4.1) we need to propose an alternative method to

solve, in an unique way, eq.(4.1).

20
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4.2 Modified Problems

To overcome the lack of boundary conditions for eq.(4.1) we will consider the following
modified problems.

For k € N, define the following function,
IH(k) n>k

% (n) :=
IIf(n) n<k.

Thus TI¥ (n) denote the profit flow such that it stays constant once the efficiency level

reaches level k. For this new profit function, we define the following optimal value func-

tion,
(4.8) VE(n,t) == supE, [e ""II% (N,)].
TET
One immediately sees that, for n > k
oo if (k) <0

(4.9) 7" = argmax E, ;[e”""II¥ (N,)] =

T 0 if I.(k)>0
and,
(4.10) VE(n,t) =11} (k) forn >k

Equation (4.9) essentially means that upon achieving the evolution threshold k&, we either
invest immediately (7 = 0) or we don’t invest ever at all (7* = oo0) (a now or never
decision).

Furthermore, we also define the following intensity rate,

0 for t>T

A(t)  for t<T,
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which corresponds to the case where no further innovation will ever come forth if the
time elapsed since the last innovation exceeds T. We define {( NI, 01),t > 0} the process
analogous to (N, 0;) but with intensity {A\7(¢),¢ > 0} instead of {\(¢),t > 0}.

Again, this modified problem will yield a new optimal value function,

(4.11) Vil (n,t) := supE,;[e "I} (N])].
TET

In a similar way as with V¥, we have that for t > T,

oo if I, (k) <0

(4.12) ™ = argmax , [e " IIF (NT)] =

<’ 0 if L, (k) >0
with,
(4.13) VEL(n t) =105 (k) fort>T

which is also interpreted as a now or never investment decision. This is quite understand-
able since in this region (¢ > T') we won’t have any more innovations so that waiting is
merely losing in terms of cost of opportunity.

The following relationship is quite obvious,

(4.14) VEL(n,t) < VE(n,t) < Vi(n,t).

The following Proposition will enable us to study our initial problem as a limit case of

the latter two.
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Proposition 3. For the optimal value functions VET(-2), VF(..), Vi.(-,-) defined as

above, the following holds

(4.15) Jim VEL(n t) = VE(n,t) V(n,t) € N x RJ.
(4.16) Jim VE(n,t) = Viu(n, t) V(n,t) € N x R{.
—+00
|
Proof. It comes directly from V7 € T,
(4.17) En [ T8 (ND)| 7 By [T (N7)| 2 By [ eI (AR
O

Now we are in position to state the HJB equation for this combination of problems

(with frozen profit function in level k and frozen intensity rate at T'):

(4.18)  max (H;(n) —VET (1), A(VET (0 +1,0) = VET (n, 1)) + %vﬂ’g’T(n, £) — rVET (n, t)) =0

with boundary conditions,

(4.19) VEL(n,t) = I} (n) Vt>T A VYn<k

(4.20) Vit (n,t) =11 (k) Vn > k.

We see that we can solve the initial problem of finding V;,,(n, t) by solving the modified

problems and then taking limits, i.e. V,,(n,t) = limy_, 1« (limT_>+oo VET (n, t))
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4.3 Case 1: Constant )\

Let us now particularise in the simplest case possible, the one where A(+) is constant,i.e.

Alt) = A
The HJB for this case is then eq. (4.18) with A(t) = A,

(4.21)  max (H;(n) — VL (n, 0), A(Viw " (n +1,0) = Vo T (n, 1)) + %Vfl’T(n, t) =V (n, t)) =0.

Proposition 4 (HJB Solution for a constant \). The solution of the eq. (4.21) is,

(4.22)

+ , A kT "
VT (n,t) = Tnin) i XV (n+1,0) <IL(n)

T (T () = 25VAET (0 41,0)) + 25 VET(n 4+ 1,0) i 25VET(n+1,0) =TT, (n)

yielding, with k, T — oo,

(4.23) Voo, t) =sup { ( A )iH+(n + i)} :

i>0 A+
|

Proof. To simplify the notation, from here onwards and when no confusion arises, we
shall drop the subscript ,,, from VT (.) and II*(n) and the superscript #7 from VFT(.).

We start by noting that one of two things must happen,

A
4.24 ith _ 1 < IIt
( ) either " )\V(n +1,0) < (n)

(4.25) or

1 It (n).
V(0 1,0) > 1T (n)

We will first prove that if (4.24) holds then the unique solution of the HJB equation

is V(n,t) = I (n). Since at the boundary T, V(n,T) = II"(n), we look for the last

24



Pedro Pdélvora 4.3. CASE 1: CONSTANT \

moment where V' (t,n) is different from II*(n), let then T} be such moment, with:

(126) T, = sup{t : V(n,t) > IT*(n)} if 3te0,7]:V(n,t)> It (n)

0 if Vte[0,T]:V(n,t) <II"(n)

If 77 > 0 then there must be a point

(4.27) P €071 such that 2201 0 ana
ot |,_;
by the HJB,
0 . .
(4.28) aV(n, t) =(r+A\)V(n,t) = A\V(n+1,0)
(4.29) >(r 4+ MIT"(n) — AV (n +1,0) > 0.

This yields 0 > 0 and therefore we conclude that T} = 0.
On the other hand, if (4.25) holds, we will prove that the unique solution to the HJB

is the solution to the following ODE,

(4.30) %V(n, t)=A+7r)V(n,t)—AV(n+1,0) V(n,T)=1"(n).

We now assume that 77 < T, therefore,

(4.31) 2V(n, Y =0 ae peTy,T]
825 t=p

From the HJB it comes directly, !

(4.32) AV(n+1,0)—(r+M*tn) <0  VpeT,T]

1Since %V(n,t)‘ =0 and V(n,p) =II*(n), Vo €)1y, T].

t=p
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This contradicts our assumption (4.25) and implies T3 = T". Therefore,

(4.33) V(n+1,0) > II* (n)

r+ A

(4.34) i%‘/(n, t)=A+7r)V(n,t)—AV(n+1,0), with V(n,T)=1"(n).

Solving the ODE (4.34) we obtain Eq.(4.22).

Let time T" — oo we conclude finally that,

I (n) if ri/\V(n +1,0) < IT*(n)

V(n,t) =

2V(n+1,0) if 25V(n+1,0) > 11 (n)

A
4.35 = It (n), —V 1,0
(4.39 e {1 (0), 5=V (0 1.0)
Equation (4.35) can be solved recursively using the boundary condition,

V(k,t) = 1T (k).

Therefore the following recursive procedure holds,

n=k—1: V(k—l,t):maX{H+(k—1),)\iTH+(k)}

n=k—-2:  V(k—-21) :maX{H+(kf—2), Airmax{H*(kz— 1), )\j\rrl'ﬁ(k)}}

= max {H+(/{: —2), )\j\_THJ“(k‘ —1), (A—)\FT> H+(k)}

n=tep Vi—po —ma e () T

At
A\ L .
20 <A+r) Ik =p+Jj)
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14737

i.e,

Vin,t) = _max { (ALM)J i j)}

Finally, letting k — oo, we end up with equation (4.23)

Vi) =sup { (ﬁ) I (n + z’)}

4.4 Case 2: {\(t) = 1L5,t >0}

Proposition 5. The solution of the HIB of the modified problem, with \(t) = %, for
a gwen n 18

VA(0,1) = s (10,00, 0)

with,

(4.36) v(n,t) = (£ + 1)”%”(% +V(n+1,0) /tt2 %d’ﬁ)
and

(4.37) to = sup{t € [0,T] : p(t) > 0}

where,

(4.38) p(t) = — (2 + 73 + r)IIT(n) + 2V (n + 1,0)
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Proof. We recall our HJB Equation,

(4.39) max <H+(n) —V(n,t),\t)(V(n+1,0) = V(n,t)) + %V(n,t) - rV(qz,t)) = 0.

If we have V(n,t) constant, then we must have,?

(4.40) MO (V(n+1,0) = V(n,t)) —rV(n,t) <0

(4.41) & — (B +rt* )T (n) + 2V (n+1,0) <0

For a given n the expression above is a third degree polynomial of ¢ which we’ll denote

by p(t). Therefore, the expression above becomes,
(4.42) p(t) = -t +rt + )T (n) +*V(n +1,0) <0

We will now study p(t) to find the region of values for which ¢ yields a p(t) satisfying the

inequality above. We first consider the case when I (n) = 0, then one sees that,

t €0, 400) if V(n+1,0)=0
(4.43) p(t) <0

t=0 if V(n+1,0)>0.

We now consider the remaining cases where II7(n) > 0 and V(n + 1,0) > 0. We imme-

diately see that

(4.44) lim p(t) = —oc0 lim p(t) = +o0.

t—+o0 t——o00

And taking the derivative,

(4.45) p(t) = — (2t + r3tHIIT (n) + 2tV (n + 1,0)

2Recall that V(n,T) = I (n) therefore if V(n,t) is constant it must cannot be different from II*(n)
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we’ll find the critical points to be

.

t=0vit=2XH0 0 oo if V(n+1,0) < IT*(n)

(4.46) pPt)=0=qt=0 it V(n+1,0)=1II*(n)

t=0vit=2XHOE0 ~ 0 if V(n+1,0) > IT*(n),
\

Since at the origin,
(4.47) p(0) = —rIlt(n) <0

Combining Eqs.(4.44) and (4.46) we’ll find that the regions for which ¢ satisfies Eq.(4.42)

are?,

t €10, +00) if V(n+1,0) <II*(n)
(4.48) p(t) <0 =

tey if V(n+1,0)> II*(n).

We now proceed to define the set ),

(1.49) - [0, +00) if p(t*) <0
[0,¢1] U [ta, +00] if p(t*) >0
where t* = %%@;ﬁ(") and t1,t, are the unique zeros of p(t) in |0, ¢*[,]t*, +o0[ re-

spectively. And by evaluating p(t*), we’ll find that

: A3 7r3
(4.50) Y= 0+ec) e <5
(0, 1] U [ta, +00]  if s > T

where A = V(n+1,0) — I (n).

3We note that we're only considering positive values of ¢ as it’s not very reasonable to consider
negative time.
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Summarising, we have that,

.

t €10, 400) if A<O0
(4.51) P) <0 Yt e(0,6]Ult,+00]  if TTF(n) >0 o > 2.
t=0 if II*(n)=0 V(n+1,0)>0.
\
Since, to = sup{t € [0,T] : p(t) > 0} from (4.52) we find that,
(4.52) ty € (0,7) if Tt (n) >0 #2)3 > % and T large enough
ty=T if T*Hn)=0 V(n+1,0)>0.

\

And now we have a unique solution for the differential equation,

(4.53) At) (v(n+1,0) = v(n, 1)) + Fo(n,t) —ro(n,t) =0

v(n,ty) = (n)

p— to rT .2
s (€I (n) _erat
(4.54) =v(n,t) = (t"+1)"e ( té/B +V(n+1,0) . (1 I3)4/3dx

So, the solution of the HJB equation is,
VEL(n,t) = max (II* (n), v(n, t))

with,

—rto H+ (n) to 677"112
3 1/3 st € v
(455)  w(n,t) = (£ + 1) (T”W “”/t (1+x3)4/3dx>

2

]

We can now particularise for n = k — 1, since in that case we know the value for
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V(n +1,0) we become with a completely known solution,
VET(k —1,¢) = max (IT* (k — 1), v(k — 1, 1))

with,

—rh [+ (k — 1 t2 —rz .2
(456)  w(k—1,8) = (£ + 1)/ (e t1/<3 )4 H+(k)/t ( 7 dx>
2

Note that since we've found VT (k — 1,¢) we can find VT (k — 1,0) and therefore
also fully characterise V*T(k — 2 t).

We can follow this recursive fashion to find for V*T(n,t) where n = k — p.
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Chapter 5

Discussion

Following the dynamic programming approach and studying the modified problem we

find that the optimal value for the Firm, is given by

(5.1) Voo (n, t) =sup { (L)im(n + i)} .

i>0 A+T

This result is analogous to the one found in previous work [6]. A key aspect of the result
above is that the optimal value is not dependent on time, and the stopping time will
always be when the jump occurs, that is, if 7* is the optimal time to invest then 6. = 0.

we found for n = k£ — 1, the value is given

As for the second case, where \(t) = li%,

by,
VET(k —1,t) = max (IT* (k — 1), v(k — 1,1))

with,

(52) U(/{Z _ 1’t) — (t3 + 1)1/3ert(€Tt2H+(/{j — 1) n H+<k) /tz ( efrsz 4 )

X
13 1+ 23)4/3
This solution is clearly dependent on time, and studying the signal of W one

finds that we can have a non-monotonic value function and having the “value of waiting”

fluctuate in time even without having any jump in the technology level. Moreover, we
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can have a value function whose value is V(k — 1,¢) = II*(k — 1) until a given time, say
t, and after that V(k — 1,¢) > II"(k — 1). In that situation, we have that until ¢, one
should invest immediately but after that time one should wait. This is highly relevant as
it proves that if although it would be optimal to invest until ¢, we’ve waited beyond ¢,
then we should not invest anymore. This last result different from the first case, where if
we’'ve achieved an optimal technology level, we should invest independently of the time
elapsed since the last jump.

One could use the framework develop in this thesis and explore a number of other
variations such as other time-dependent arrival rates or a time-dependent discount-rate.
It would also be of interest to study the same problems with specific profit flow functions

I1, and eventually do numerical applications with empirical data.
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Appendix A

Infinitesimal Generator

In this appendix we introduce the definition infinitesimal generator and then we find the

infinitesimal generator for the process that models the arrival of technology {(V, 6;),t >

0}.

A.1 Definition

Definition 1 (Infinitesimal Generator). Let {X;,t > 0} be a stochastic process with
values in R™. The infinitesimal generator of X; is the operator A, defined for suitable

functions ¢ : R™ — R, such that

(A.1) Ad(z) = lim E[p(Xin) | X: = 2] — o()

h—0 h

A.2 The Infinitesimal Generator for (V;, 6;)

Let us a recall the stochastic process that we're considering,

(A.2) (Nt — Ty,) = (N}, 6,),t > 0}.

34



Pedro Polvora A.2. THE INFINITESIMAL GENERATOR FOR (Nr,0r)

where {N;} is the technology level at time ¢t and T'n() denote the arrival time of the last
technology innovation occurred until time ¢. Moreover, we have that the distribution and

density function, respectively, of the (independent) increments of T, t > 0
(A.3) F(t) =1 — ¢ JoAeds £(t) = 2 (e forws,

where A : Rj — R is continuous.

Proposition 6. For the two-dimensional stochastic process defined in (A.2) the infinites-

imal A, defined for suitable functions ¢ : RS x Ny — R, is given by

0
(A) Ap(n, 1) = X(0)(0(n + 1,0) = 6(n, 1)) + =6(n,)
forn e N andt e R]. [ ]
Proof. Directly from the definition of A we have,

. E[¢(Nw, 0,)|No = n,0p = 7] — ¢(n, 7)
(A.5) Ap(n, 1) = }Ig% -

where ¢ : N x Rj — R is a suitable test function and (n,7) € N x R.

Before we proceed any further it is useful to introduce some notation. We introduce

a random variable to denote for the increments of T},
since the increments will be independent random variables, it follows,

(A7) fX1,-~~,Xk (xh e "'L‘k) = H f(l‘l)
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where, as we mentioned before,
f(.fl') = )\(l')ei Jo As)ds F(l’) =1—e" I )\(s)ds'

denote the density and distribution function of X;, respectively. Assume that 7 is

given and consider the following sets,

(A.8) Ay =A{z1: 21 > q}, h+71=:q

(A.9) Ay ={(x1,22) 1 q— a2 <21 < ¢q, 3 > 7T, x3 >0},

(A10) Ay ={(z1,29,23) :q— 22 —x3 <21 <q—22, 1 > T, T3 >0, 3 >0},

and for k£ > 2,
(A.11)
k—1
Ay = {(z1,--- 7l’k+1)5q—2$i <ty <q—T9, 1127, 23>0, , ;g > 0}
i=2
Finally,
(A12> f{thn—&-k\No:n} (xla e 7.I'k)

denotes the density function of the inter arrival times of k events, given that k and

only k arrival took place between the time interval of length h.
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We can now make use of the notation to expand the expectation in A.5

E[¢(Np, 04)| No = 1,0 = 7] =

(A.13)
— oo k—1
- Z/ Fon=ntbiNo=n(¥1, -+ 2x) [¢(n +k,q— Zri)]dxo oo dagg
=1
Z le Kl )[¢<n+k q_g%)]dxl dka(l _/ Fxo xo)de)_l

k-1

_Z le X (T, ) [Cb(n‘f'k,q—Zl‘i>]d$1"'d$k+1<1—Fx(T))1.

=1

It is clear that (A.13) we are summing the probability of having k possible jumps between
7 and h + 7 = q. Therefore, we might as well compute the terms individually, starting

from k£ = 0.

For k=0

Sy Fxslo)on g)dxs— [7 Awr)e 574086 (n, g)day

1—Fx<7') 1—Fx(7')

~ 9(n,q)(1 = Fx(q))  o(n,q)e” [9\(s)ds
- 1-— FX (T) - 6foT A(s)ds

g 2 (= [T A\(s)ds)’
= ¢(n, q)e s = y(n, q) ; (= J; i!<5) s)

= ¢(n,q) (1 - /Tq As)ds + 2 — ffhz‘!A(S)dS)i)

Note that we have,

h—0 h—0 1
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and,
: ~ [ A(s)ds)’ . |
[ Ads < NGllh = ( - ) . (M) lloc) B~ O
So,
X1 I n, de’l
(A.14) lim Jay {L (1(_)25 (T;) = ¢(n,q) (1 — A7) + O(h))
For k=1

We start by solving the following integral,

le,XQ ([El, l‘g)@b(?’b + 1, q — l‘l)dQngiL‘l =
Ay

:/ A(xl)efozl /\(S)ds)\(ﬂ@)efom2 M G(n +1, g — 21)dwaday

A

; oo xq 9

:/ / My )edo A\ (p)elo " M5 1 ¢ — 21)daaday
T q—1

q xT
:/ Aaxq)e™ I A(s)d%(n +1,q — x1)da; —

N J/
-

A

q xr
a / AMz1)e™ Uh A(S)dsll‘jx(q —x1)p(n+1,q — xq1)day

. i

B
Let us work on A and B separately,

I N (@y)em Jot Mds (41, g — x1)day

Nm = h
A = Jo Ms)ds 1.g—
(A.15) _ MOV TRO 1 g~ 0)
h—0 1

=\(r)e™ o X% g(n 4 1,0)
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where in (A.15) we used L’Hopital’s rule. Similarly

: N P\ C A F (g — 21)¢(n, g — x1)day
lim — =lim
h—0 h h—0 h
fo s)ds .
o M@ O E(G — )6(,q — g)
h—0 1

=A(7)e” 0 X (0)g(n, 0) = 0

therefore,
. A+DB : fA fxix (1, m2)d(n + 1, ¢ — x1)dzaday
lim = lim ==
h—0 h h—0 h (1 — F(T))
=(Mr)e 0 X (n 4 1,0) + A(r)e™ 0 XDEEF(0)g(n + 1,0)) - efo A
=A(7)¢(n,0) + A(7) F(0) ¢(n,0) = A(T)¢(n + 1,0)
=0
As for k=2

le,XQ,Xg(x17 T, x3)P(n + 2,q — 11 — x9)dagdaedr; =

/ H Azi)e o Mu)duﬂ” +2,q — 21 — x2)da1dwodas =
A

2 =1

q—x1
/ / / e Jo' X d“qﬁ(n +2,q — x1 — x9)dzdredas =
41722 j— 1

q q—T1 x;
:/ / H Az)e™ Jo A(")duqﬁ(n +2,q— 1z — x2) (1 —F(q—x — xg))dxgdxl
T 0 i=1

if we define,
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we see that,

fq foq_ml (x4, :172)(1 —F(qg—m1 — l"g))dl‘gdxl

111135 h -
—7—h
= lim o Dlg22)(1 - Flg—g - w))dey 0
h—0 1
yielding,
li fAQ fX17X27X3¢(n +2,g—11 — xQ)d$3dx2d$1 B
0 A1 = Fx(r)) -
) quq (2, 2o (1—F(q—x1—$2))dx2dx1
= lim== =
h—0 h(1 = Fx(7))
For k£ > 2
k
fX17"‘7Xk+1 ($1, T axn)qb(n +k,q— Z $i>dxkz+1 coeday =
i=1
k+1 k
/ ) fo “)d"¢<n+k,q—Z%)dl’kﬂ“'d%:
Ak =1 i=1
g1 T D /+oo k+1 k
TR A AN | e R o0
q rq—z1 -y k k
:/ / / [T AG)e o “)d”¢<n+k,q—zxi)-
T JO 0 i=1 1
k
(1—F(q—2xi>)d$k dx =
i=0
q Q—Zfz_llmi k
:/ T(zy, -, ap) ( ( Zmz>)dxk )
T 0 i—0
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Again we see that,

—x1 - l-c:ll T;
ff q Oq i F(CEl,"' 7xk)<1_F<q_Zf:0xl>>dxkdxl

0

A h
T—h—7— — ]-C_I:Ci
f h h... Oq 2121 F(q, ,l’k)<1—F<q—Zf:2$z))d$kdiL'Q
1

0
=0

= lim
h—0

SO,
i fAk fX1,~- ,Xk+1¢<n +1,q— Zf:l 33z> dzpyq - - -day
B h(1 = Fx(r))

=0

We can now fully compute the expectation value (A.5) and, consequently, find the in-

finitesimal generator,

E[¢(Np, 0p)|No = 1,00 = 7] — ¢(n, )

Ap(n, 1) = }SL% ;
— [T A(s)ds)’
o) (1= 7 Nds + £, SE) i,
B h + A(T)¢(n +1,0)
— [P A(s)ds)?
g QTR 9 T) 07 4 B)(— [ M(s)ds + 352, O
=0 h h—0 3

+ A(7)op(n +1,0)

= - 60,7) = AT, )+ ATl + 1,0

= \(7) <gb(n +1,0) — ¢(n, ¢)> + a%qb(n, 7)
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