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Cooperative networks in team invasion
games: A systematic mapping review

Sam Palmer1 , Andrew R. Novak1,2 , Rhys Tribolet1,
Mark L. Watsford1 , and Job Fransen1,3

Abstract
Team invasion games are sports in which individual team members interact and exchange information to coordinate their

behaviours and actions in pursuit of the common goal of winning matches. Researchers have used social network analysis

to quantify the cooperative behaviours of sports teams (cooperative network analysis), yet this research exists across an

array of disciplines and uses various methods. Therefore, accessibility for practitioners and researchers interested in using

it to quantify team cooperation in team invasion games may be limited. This systematic mapping review aimed to identify,

report and discuss research in this emerging research area. Articles were systematically searched in electronic databases

and reference list scans resulting in 112 papers included. Football was the most studied sport (n = 91), and passing was

the most observed interaction between players within a sports team (n = 107). This review further revealed a lack of

consistency in reporting between the included studies with respect to nomenclature and network measures. A compre-

hensive map of the current literature on the use of cooperative network analysis in team invasion games is provided

which can be used by practitioners and researchers tasked with or interested in analysing team performance.

Keywords
Collective behaviour, football, performance analysis, social network analysis, tactics

Introduction
Team invasion games are those in which the main objec-
tives are to invade an opposition team’s territory to score
and simultaneously prevent the opposition from doing so.
Football/soccer, rugby and hockey, among others, are all
popular team invasion games. Team invasion games
require cooperative behaviour, which occurs when all
players collectively aim to achieve the team’s shared goal
of defending and attacking together whilst each fulfilling
a distinct, independent role.1, 2 A common method of per-
formance analysis in team invasion games is individual-
level notational analysis in which the number, frequency
and/or (in)effectiveness of individual or collective actions
such as passes, attempts at goal, possessions, kicks and
tackles are correlated with match outcomes.3 Notational
analysis provides coaches, athletes and other stakeholders
with pertinent information relating to individual and team
performance.3 However, it fails to capture the cooperative
nature of invasion games, that is, a group of athletes who
can perform effective individual actions such as passing
or kicking may not necessarily perform successfully as a
team if they lack cooperation. Therefore, methods that
can be used to assess cooperative behaviour in sports

teams may improve insights into players’ relative contribu-
tions to the collective aim of the team (i.e. integrative
behaviour), as well as how effectively players are
working together to achieve their collective goal.2

Social network analysis
To investigate how teams and other groups of individuals
interact and share information with one another, social
network analysis (SNA) has previously been used (e.g. dis-
tribution and receipt of emails within a workplace or the
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exchange of messages within a social group or social media
website).4 It refers to the relationship between the individ-
ual, at a microscopic level, the structure that they belong
to at the macroscopic level and the interaction between
these two levels.5,6 This method of analysis enables the
study of how individual components and the system they
are a part of interrelate in a bi-directional manner, each
influencing the other.7–9 Network visualisations are often
created (i.e. network graphs; see Figure 1 for example) to
accompany metrics describing the main features of the
network and aiding the interpretation of network features.

Cooperative network analysis in team invasion games
SNA has been applied in sports settings and referred to as
cooperative networks as the teams are specifically
working towards a common task goal.1,10,11 For example,
in team invasion games, cooperative networks are com-
monly used to identify cooperation amongst teammates
via the distribution and receipt of an object such as a ball
(although other observations of cooperation such as spatio-
temporal relationships can also be mapped).12,13 For
example, during Australian Football games, external
match statistics providers (e.g. Champion Data Pty Ltd,
Melbourne, Australia) record every passing interaction
between two players (i.e. the name, position and identifying
numbers of the passing player and the receiving player), as
well as the nature and location of the pass, and even the
amount of defensive pressure on the passer, among many
other variables. These detailed passing interaction tran-
scripts can then be used to develop cooperative passing
network graphs.13–15 The topography of these passing net-
works can then be used to derive characteristics/metrics that
describe the network. The distribution of the passing
network can be examined, for example, by detecting
players who are more influential in the passing network
than others. Finally, clustering within the passing network
can be investigated, whereby distinct groups within the
network that work closely together with one another but

not with others are identified. Together, these details may
yield useful information about a team’s strategy or preferred
style of play.

Whilst other methods of cooperative behaviour analysis
are available such as spatiotemporal analysis,16,17 coopera-
tive network analysis has benefits such as the data generally
being widely accessible or can easily be obtained via video
encoding. Additionally, along with the capacity to provide
pertinent information for the reference team, the availability
of appropriate data for SNA often enables the investigation
of the cooperative behaviours of opposing teams, subse-
quently enabling coaches to study their strategies. This is
less straightforward for other measures of cooperative
behaviour such as the spatiotemporal relationships
between players, which are usually derived from Global
Navigation Satellite Systems internal to a single team. It
is nonetheless important to note that cooperation can
consist of many different forms of interaction such as com-
munication or physical contact between players.10,18,19

Accordingly, the type of network analysed can be related
to any of these or other possible interactions.

Construction and features of social networks
To construct social networks, each interaction between
teammates is amalgamated into an adjacency matrix, that
is, an n× n table in which the passes from each player
are summated in one axis whilst the passes received by
each player are summated in the other axis. Metrics and
visualisations are then derived from this matrix. Whilst
there are numerous ways that a network graph can be pre-
sented, visualisations typically involve a set of nodes,
often depicted as circles or dots, that are linked by edges,
often shown as lines or arrows between nodes. An
example of a cooperative network visualisation is presented
in Figure 1. Nodes will generally be representative of
agents, for example, individuals or players in a sports
team, whilst edges represent the interactions between
these agents. Edges can be either weighted or unweighted
and directed or undirected. Edge weights typically represent
the frequency with which interactions occur between the
same agents, whilst the edge direction is indicative of the
direction of information flow. Additional information can
be expressed in these visualisations by using colour
coding and/or labelling, among other techniques.20 For
example, in invasion games, a cooperative network could
show the passing interactions between players that make
up a sporting team, with information about who passes to
whom and how often. Subsequent to the development of
network graphs, their topography can then be analysed
and interpreted further.

In addition to visualisations, network metrics offer a
method to quantify cooperative behaviours within teams
and can be applied at an individual or team level. At an indi-
vidual level, the integrative behaviour of a player within theFigure 1. Example of cooperative network visualisation.
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network is analysed. Integrative behaviour is a form of
cooperative behaviour that represents individual player
behaviour relative to the overall team behaviour.1 An
example of integrative behaviour is an individual player’s
closeness centrality which indicates how often that player
appears on the shortest edge path between players. In
other words, it provides a measure of the importance of a
player in connecting with their teammates. Cooperative
behaviours can also be measured at the team level. For
example, network density refers to a ratio of the number
of edges present in a network relative to the total possible
number of edges, that is, how many potential player inter-
actions have been used by a team.21 In a ‘real world’
context, coaches and researchers can study visualisations
to identify characteristics of the networks being examined
as well as use metrics to assist with interpretation, explore
associations with match outcomes, make objective compar-
isons between teams or monitor performance characteristics
immediately or longitudinally. Further to this, the impact of
changes to networks, such as adding, removing or substitut-
ing players, or the effects of various match circumstances,
for example, environmental and task constraints,22 can
also be explored.14

The need for a systematic mapping review
Network analysis has multidisciplinary origins, as well as
wide-reaching applications, including in sport. Accordingly,
a variety of methods, visualisations and interpretations of
network topographies have been used to apply cooperative
network analysis to team invasion games. Additionally, the
broad scope of cooperative network analysis means research
exists across a wide spectrum of journals and within many
varied topic areas including computer sciences, complexity
sciences, psychology, performance analysis, network
science, strength and conditioning, and data science. As a
result, there is great diversity among the studies on cooperative
network analysis in team invasion games in terms of their pub-
lication avenue, methodologies, reporting structure, use of
technical jargon, and field of focus. This means that whilst
much research is available on cooperative network analysis
in team invasion games, it has not been collated for researchers
and practitioners interested in using it. Therefore, it is the aim
of this study to provide a map of these studies in which rele-
vant studies are first identified, before reporting on their find-
ings and what they mean in the context of the study and
practical application of cooperative network analysis in team
invasion games. It is the intention that this will facilitate the
search for and interpretation of relevant literature for research-
ers and practitioners interested in this topic.

Methods
This systematic mapping review followed a population,
exposure, outcome (PEO) format with the population

defined as invasion game athletes, the exposure as analysis
via cooperative networks and the outcome as the interac-
tions between agents, for example, passing and verbal com-
munication. The PEO approach is used ‘to determine the
association between particular exposures/risk factors and
outcomes’23 and was chosen in this instance as it captures
the broadest range of studies/broader perspective for this
mapping review and is not as restrictive as other
approaches. This was suitable to the current review as
mapping reviews are not hypothesis-driven and can be
inclusive of a broader range of studies.

Operational definitions and inclusion and exclusion cri-
teria were also established prior to searching to reduce the
risk of bias. These definitions are identified below:

• Cooperative networks. The interaction of various
agents (nodes) through various forms of information
exchange or actions. In invasion games, this can include
players as agents and includes a wide array of possible
interpersonal relationships including but not limited to
passing of an object such as a ball, verbal communication,
non-verbal communication and behaviours. The relation-
ship between these factors and the behaviour of the
network as a whole constitutes their cooperative nature.16

• Invasion games. The primary objective of these games
is to invade the opposition’s territory in order to score.
Often it will include gaining possession of an implement
and attempting to score this implement into a goal, target
or end zone. Invasion games also require the defending of
a team’s own goal or target in order to prevent conceding
a score. Invasion games are bound by a defined time
period (game length).3

This review included studies with observations of com-
petitive matches at an open or adult level, where a majority
of participants were 18 years of age or older. All study
designs were included, all languages were considered and
no limits were applied to publication date. Textbooks,
conference papers that were peer-reviewed and PhD
theses were all included. Studies analysing dyads or
triads only (interactions between only two or three
players), grey literature that was formulated based on
social media posts, magazines, and honours and masters
theses were excluded.

The rationale for these decisions was that the analysis
aimed to capture all existing peer-reviewed research on
cooperative networks for team invasion games in adult
competitive populations. Dyads and triads were excluded
as they are only a subcomponent of team invasion games
and thus are not representative of the collective group in
team invasion games which include variable player
amounts between 5 and 18. There are various ways in
which cooperative networks can be captured; thus, enfor-
cing restrictions on these could omit important and relevant
research. Grey literature and magazines were excluded as
they were not considered a high level of evidence or
having scientific rigour.
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The following four electronic bibliographic databases
were first searched on 12 May 2020: SPORTDiscus, Web
of Science, PubMed, and PsycINFO. Reference lists of
included studies were also searched for additional papers.
A second search was conducted on 1 February 2022 utilis-
ing the same strategy whilst limiting the dates to those
between the two searches. The study was registered on
the Open Science Framework (OSF): https://osf.io/3yfx5/
files/osfstorage.

Search strategy
Search terms included

(network* AND (‘continuously learning’ OR ‘coopera-
tive’ OR ‘small world’ OR ‘complex dynamic*’ OR
‘social’ OR ‘analysis’ OR ‘collaborative’)) OR ‘complex
social systems’ OR ‘systems approach*’

AND
basketball* OR bandy OR hockey OR football* OR

‘Australian football’ OR ‘Australian rules football’
OR soccer OR ‘Gaelic football’ OR gridiron OR rugby
OR handball OR hurling OR kabadi OR korfball OR
lacrosse OR netball OR ‘shinty’ OR water polo OR ‘team
sport*’ OR ‘ultimate frisbee’

Once systematic searches were complete, titles and
abstracts were screened by two reviewers (first search: SP
and RT; second search: SP and AN) working independently
and using the software ‘Covidence’ (Covidence systematic
review software, Veritas Health Innovation, Melbourne,
Australia. Available at www.covidence.org). If there was
an agreement between reviewers, then the studies pro-
gressed to either the full-text scanning if they met the
required criteria or were removed. If there was a disagree-
ment on the progress of studies, they were assessed by a
third reviewer (JF) to decide whether inclusion was war-
ranted. Full texts of articles were then assessed for eligibil-
ity following the same protocols. If papers were not
available, then authors were contacted directly and requests
were made to the institution’s library for access.

Once the eligible pool of studies was identified (Figure 2),
data were extracted for reporting by reading papers and data
entry in tabular form. Listed in Table 1 are items aimed to
capture information from a broad range of categories
evident in the published studies. The items were also
designed to encompass different study types and designs
and their respective features into a report that captures the
uniqueness of studies whilst allowing between-study com-
parison. This extraction was performed by the lead author
and checked where necessary for accuracy by other

Table 1. Data fields included in the extraction process.

Item Definition

Authors All authors involved in the paper

Year The year in which the paper was published

Title The article title

Study design The type of study that was undertaken

Single team or multiple teams The analysis of one or more than one team

Year/years of sample The year the analysed data was collected in

Invasion game type The game type that was investigated in the study, for example, football

Sample size (matches/events) The number of matches, events or similar analysed

Sample size (no. of players) The number of players, teams or similar were analysed

No. of observations The number of observations or similar that exist in the dataset

Competition analysed The competition analysed in the dataset

Type of network analysed The constituents of the network that was studied and how it was formed

Network measures included The specific measures that were included in the analysis related to network science

Players excluded from the network Describes which players, if any, were excluded from the network

Directed versus undirected and weighted

versus unweighted

Refers to the characteristics of the network, if the amount and direction of information

exchange are considered. Note, in instances in which both occurred, directed

supersedes undirected and weighted supersedes unweighted

Visual representation of networks Visual representations of networks in the paper. Reported on the basis of nodes, edges and

formation/layout. Note that, ‘weighted’ assumes weighted via thickening of edges for

count or size of nodes for count and ‘directed’ assumes interaction of passes. Unless

other descriptions are stated. Note, in instances in which both occurred, directed

supersedes undirected and weighted supersedes unweighted. If full network visualisation

was included, then passing sequence visualisations were not additionally reported

Performance outcome investigated The performance in the game. Specifically, the match outcome (winning, drawing or

losing), score or level of success in the tournament/match

Comparators to network Other factors that were compared with network measures. Includes statistical analysis

and/or in results or discussions
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authors. Information was entered into a custom table using
the software Google Sheets (Google LLC, Mountain View,
California, United States). In instances where information
reported in papers was similar to a data item, the associated
information was extracted so that the maximum amount of
information could be reported.

Data items and operational definitions were determined
prior to registration with OSF. Some slight modifications
were made to these data items when undertaking screening
to capture the concepts raised in the literature in a more
optimal manner. The item ‘language published in’ was
removed as papers were translated to English for extraction
using DeepL (DeepL SE, Cologne, Germany) or Google
Translate (Google LLC, Mountain View, California,
United States). New items added during this process
included the year(s) of the sample and the specific invasion
game investigated in the study. The competition type was
modified to competition analysed as this was clearer for
readers. Similarly, the item ‘sample size no. of athletes’
was changed to ‘sample size no. of players’ for clarity.
Players excluded from the network were originally
extracted based on whether all players were eligible for
the network; however, this was modified for clarity.
Study design was removed as this was a product of the
search criteria, that is, only observational studies met the
eligibility criteria. Network analysis was identified and
undertaken, statistical analysis used and data presentation
were changed to more simple measures as it was not pos-
sible to extract the aforementioned items. The replacements
of these items are presented in Table 1 which were added as
they were present in many studies and were relevant for
sports practitioners and researchers. These are directed
versus undirected and weighted versus unweighted, visual
representation of networks, performance outcome investi-
gated, and comparators to network. Data items sample
size (matches/events), sample size (no. of athletes) and
no. of observations reported what pertinent information
was available to capture as much detail as possible.

Results
A total of 112 papers were extracted in the final analysis,
all of which used an observational study design. Of these,
91 were in football/soccer, 8 in Australian football, 8 in
basketball, 4 in rugby union, 2 in handball, and 1 in
water polo. Note that one paper examined three sports,
hence explaining how there are more sports investigated
than papers. Sample sizes ranged between 1 match obser-
vation and 1941 matches. This review includes studies
observing 39 unique competitions; the most common
was the International Federation of Association Football
(FIFA) World Cup, studied on 20 occasions. The earliest
publication was a single study in 1979, with the remain-
ing papers published from 2009 onwards. Figure 3 dis-
plays the number of studies published per year. Only

one study stated that female athletes were specifically
investigated.24

The primary means of investigating cooperative behav-
iour was the passing of an object between players, with
107 of the 112 included articles involving this interaction.
The five others included verbal communication, turnovers
and tackling.10,11,18,19,25 One hundred three out of 112
studies analysed data in which all members of the team(s)
were eligible to be included in the network, that is, the
studies did not exclude players who did not play the
entire match, substitute players, goalkeepers, or relatively
inactive players. The majority of studies (n = 90) reported
on both the direction and weighting of the network edges.
Two studies reported edge direction only, 16 reported
edge weighting only and two reported no edge direction
nor weighting, whilst one paper did not specify.

Visualisations were commonly included, with 71 of the
112 studies incorporating a visualisation of the network (i.e.
the results) or a demonstrative visualisation to explain the
process of creating the network. Visualisations were
varied with their specific characteristics in terms of nodes,
edges and formation/layout and other notes reported in
the supplementary materials spreadsheet (https://osf.io/
3yfx5/files/osfstorage). Most commonly, these visualisa-
tions included nodes that were unweighted, edges were
commonly weighted and directed, and the associated pos-
itional formation was the most common layout of nodes.
A total of 53 of the 112 studies investigated a performance
outcome in relation to cooperative networks. This included
associations to network variables of match outcome,24,26

stage of competition, such as qualification or finals,27,28

ladder positions,15,29 win–loss prediction models,9,30

score margins15,26 and comparisons of the winning team
of the overall competition with others.2,31

Almost all papers, 107 out of 112, investigated a com-
parator to network measures. The most common of which
were comparisons such as between players (n = 44),32–34

teams (n = 51),35–37 matches (n = 20)38–40 and positions
(n = 39).41–43 Beyond these, spatial, temporal, predictive,
location, goals and goal attempts were explored amongst
other comparators.44–49 Full details can be found in the
supplementary file available at https://osf.io/3yfx5/files/
osfstorage.

Discussion
This mapping review provides insights into the characteris-
tics of the literature of an emerging area of analysis in team
invasion games. The primary themes emerging from the
mapping review revealed a range of considerations for
interpreting the available literature in particular aspects of
study design, nomenclature, diversity of included sports,
accessibility, conclusions being drawn and types of interac-
tions. Implications for practice and future research are also
discussed.
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A large majority of studies included in this review exam-
ined the passing of an object as the means of interaction
measured between agents in the cooperative network.
Typically, this was undertaken by using an adjacency
matrix based on the movement of the ball/implement
amongst players. In all but five of the studied papers,
passing was the interaction from which cooperative behav-
iour was investigated. As passing requires the team to be in
possession of the ball, it should be noted that a key finding
of this mapping review was almost all studies only observed
offensive cooperation and did not address defensive

cooperation. The measures used that were not related to
passing included communication10,11,25 and possession
turnovers based on tackles.18,19 Interestingly, in these
studies, the investigation of turnovers relates to inter-team
interactions, whilst tackling related to intra-team (i.e.
cooperative) interactions. The high prevalence of passing
analysis can be viewed as both strength and limitation of
the topic area as there exists a strong analysis of one
element, which can strengthen the development of theoret-
ical frameworks on cooperative passing behaviour within
sports teams yet results in a limited representation of

Figure 2. Preferred Reporting Items for Systematic Reviews and Meta-Analyses (PRISMA) flow chart.
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other areas. The prevalence of studies examining passing
interactions is likely a direct result of the accessibility of
these data. This includes observation from live games or
broadcasts as well as coding packages from specific third-
party providers such as Champion Data (Champion Data
Pty Ltd, Melbourne, Australia) and Opta (Stats Perform,
London, UK) who also make these available for purchase.
Comparatively, verbal communications may not be pos-
sible to record in many competitive environments due to
privacy issues, the unavailability of recording tools, the
risk of damage to players and recording devices or the
potential for recordings to reveal key tactics within a team.

This mapping review revealed that only six unique inva-
sion games have been reported using cooperative network
analysis. These are Australian football, basketball, foot-
ball/soccer, handball, rugby union and water polo. The
majority of studies included in this review studied coopera-
tive networks in football. As a result, the existing literature
studying cooperation in team invasion games using
cooperative network analysis may be biased towards appli-
cations in football, and there may be a limited transfer of
findings to other invasion games, especially given the
vastly different constraints that may govern player beha-
viours in these sports, for example, water polo is played
in an entirely different medium (i.e. water) and has no
offside rules, and team handball is played indoors on a
field which has entirely different field dimensions to foot-
ball. For example, research in football suggested that ‘net-
works characterised by high intensity (controlling for
interaction opportunities) and low centralization are indeed
associated with better team performance’,50 Australian

football research did not show a similar relationship
between centralisation and performance.1 Accordingly, the
associations between cooperative behaviours and team per-
formance in other sports such as handball remain unreported.
A further benefit of the wide-ranging investigations in foot-
ball is that team ‘playing styles’ can be investigated, that
is, the type of play or strategies that a team adopts. Since
these datasets and investigations exist, scouting and compar-
isons with future teams and players are possible. Other
studies also included more traditional measures such as
global positioning system analysis and notational metrics
in combination with network measures.2,51 Only one study
specifically reported on female athletes indicating a large
research gap in the current literature.24 Important elements
of networks were variably reported, such as weighting and
direction, and whilst it is possible to extract these character-
istics, at times they were not clearly identified. The applica-
tions of the findings of studies which omit such information
are difficult to interpret, and the field would be improved by
including such information in all future studies.

One of the notable features of the available literature is a
wide array of research methods. In this regard, some papers
have very small samples of as little as one match or team,52–54

which substantially limits generalisation and application of
the findings, whilst others include datasets as large as 1941
matches.31 Additionally, there is substantial variety in the
methods of including players in the formation of networks.
For example, some studies chose to exclude goal-
keepers43,55,56 whilst others only included the eight most
active players.50,57 Other examples are evident where sub-
stitute players or low-minute players were excluded from

Figure 3. Number of publications per year. *Note 112 publications; however, 114 datasets are presented here as Korte and Lames102

investigated three unique sports.

AFL: Australian Football League.
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the analysis.51,58 These examples contrast with most papers
that do not exclude members of a team, thus limiting the
interpretation of a team’s overall cooperative behaviours
and limiting comparisons of findings between studies.
Whilst the purpose of this mapping review was not to for-
mally analyse the quality of reporting, there was limited
consistency between studies included in this review, with
important information such as the year of the sample, char-
acteristics of participants (such as age), number of interac-
tions and competition analysed being omitted. This
heterogeneity in the methods used and the reporting compli-
cates the interpretation of study outcomes and makes repli-
cation practically impossible.

A characteristic of the current literature is a lack of con-
sistent nomenclature. Common network measures are often
included under a range of different names; for example, the
interaction between agents was variably reported as an
edge, link, arc or pass.57,59–61 Another common network
measure, centrality, has also been reported in many ways,
using different naming conventions. This leads to difficulty
in interpretations and mapping the literature, as it is
unknown whether the studies were referring to a common
measure with different names or an entirely different
measure. For example, there are many measures associated
with centrality such as betweenness centrality, degree cen-
trality, in-degree centrality, out-degree centrality, density
centrality, centrality pass ratio and group closeness central-
ity with many more examples present in the supplementary
extraction spreadsheet.16,18,19,29,62 Therefore, simply
describing the ‘centrality’ of the network is ambiguous.
Whilst the terms are at times identified and defined in indi-
vidual papers and some of the variability that exists may be
developed to identify more specific or varied measures and
thus be necessary, interpretability is diminished when spe-
cific details of the metrics are not explicitly stated. It is
also noteworthy that studies vary greatly regarding which
network measures are used in combination; for example,
some studies focus more on team-based network measures
including network density, clustering coefficient and cen-
tralisation61 with others utilising more individual network
measures such as degree centrality, degree prestige and
page rank.63

Additionally, the distinction between network measures
and more traditional notational measures is unclear. For
example, in-degree or out-degree measures in the absence
of information about the passer or recipient are equal to
the traditional notational analysis metrics of total passes
completed and received. Network intensity can likewise
be reported as a more traditional and interpretable metric
of passes per defined time period (e.g. passes per minute).
Additionally, if the study simply reports ‘out-degree cen-
trality’ or ‘passes made’ without any additional context, it
may be unclear whether the metric has been weighted
(the total number of passes made by the player) or
unweighted (the number of unique teammates that the

player passed to) unless it is explicitly mentioned. This het-
erogeneity in the reporting of network variables may be
partly attributable to the broad range of researcher back-
grounds and the vastly different research domains from
which these studies originate. For example, typical report-
ing may differ between sport sciences,21 engineering and
physics.64

An important consideration for researchers working in
cooperative network analysis is the accessibility of their
work to its intended audience. Whilst many researchers
who have published literature relating to SNA in team inva-
sion games are computer scientists or mathematicians, the
practitioners who may use this information may include
sports coaches, performance/data analysts, athletes,
strength and conditioning coaches, medical practitioners
and other researchers or practitioners. Network science is
complex by nature and still relatively novel in the perform-
ance analysis space. Hence, interpretation by practitioners
may be unaided by the array of mathematical formulae
that exists within the literature.31,65 The use of jargon and
complex terminology, whilst at times necessary to
provide adequate descriptions and to justify the mathemat-
ical and conceptual approaches within those contexts, pre-
sents a major barrier to uptake in applied settings.16 There
is also an accessibility barrier for researchers and practi-
tioners, with papers existing across an extremely diverse
range of journals, in different languages, with different
topic names (e.g. SNA, cooperative network analysis and
complex systems analysis) and presented in an array of
reporting styles.66,67

A positive step towards improving interpretability is the
use of visualisations, a feature commonly evident in the
current literature.68 This is shown by 71 of the 112 papers
including at least one visualisation. These visualisations
often provide a more readily understood and contextual
understanding of the information, particularly to those
with limited exposure to network science. Additionally,
they can contain many levels of information such as weight-
ing, direction, centrality, passing accuracy and others.20

Visualisation characteristics such as qualities of nodes,
edges and the formation or layout of these networks are
reported in the extraction document.

A common feature of network analysis is the association
of network variables with other variables. This is important
as understanding the factors associated with cooperative
behaviours assessed through cooperative network analysis
may aid practitioners in designing interventions that can
be used to elicit changes in cooperative behaviour.
Examples of these factors include performance-related out-
comes such as wins and losses, scores, table positions and
progression in tournaments.28,29,39,69,70 Interestingly, a
large majority of papers (107 out of 112) examined a com-
parator to network variables resulting in the depth of com-
parisons undertaken being very extensive. This provides a
strong base for the literature with many of the potential
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avenues for investigation having been previously explored.
Associations between network characteristics and goals
scored, spatial measures and temporal measures between
teams, players and even competitions are all exam-
ined.63,71–74 Additionally, studies commonly examined
differences in network characteristics between players
(n = 44), teams (n = 51), matches (n = 20) and positions
(n = 39). These comparisons allow both within and
between team investigations, which is of interest to practi-
tioners who may be interested in examining behaviours of
their own team and as compared to others. Many of the
comparators analysed are presented in a context specific
to the population studied, for example, investigating a
sub-phase such as kick-in possession chains in Australian
football and possession outcomes in basketball.29,75 The
reporting network variables related to the specific character-
istics of their invasion game provide useful context for prac-
titioners wishing to adopt these methods of analysis.
Similarly to other elements of the literature, even in circum-
stances where a common sport or competition is investi-
gated, a lack of common understanding and terminology
often means interpretation of these measures is difficult.

A further key consideration is that on occasion infer-
ences or conclusions have been drawn from papers with
limited or no statistical analysis. Examples include inferring
a positive style of play or results from a single game sample
or implying player importance based on certain network
measures such as centrality.13,28,34 This may result in an
over-interpretation of a player’s importance based on the
amount of possession they received. It is important for
researchers to recognise the many constraints that may
influence this result. For example, a player may be defended
less closely in a football match and thus receive more pos-
session as they are identified as not skilful or threatening by
the opposition. Similarly, in basketball, an attacking player
may be defended or marked by multiple defending players
making them subject to less possession due to the perceived
danger they pose to the opposition. In these circumstances,
it would be inappropriate to identify these players as unim-
portant. Overall, it may be advantageous for researchers to
collaborate with subject matter experts to assist with
making practical interpretations, rather than attempting to
infer them only from the data.

Given the complex nature of invasion games, some
studies considered the context of network measures, for
example, the match situation, time in the match, period of
play preceding or score margin when analysing network
metrics.47,55,73,76,77 Additionally, some studies deemed
players/teams to be successful ‘post hoc’.76 Whilst this is
a useful means of investigation, it is important to be
aware of selection or survivorship biases. Researchers
should take care when implying the importance and
aspects of causality when using network measures, espe-
cially in instances where a clear theoretical framework is
not discussed and statistical analyses have not been

performed. Additionally, analysing networks from a static
point of view, that is, at specifically determined time
periods, provides limited insights into the dynamics of the
network and how changes in cooperative behaviour
evolve over time. The importance of considering network
dynamics has been identified in other areas of network
research outside of sports.78,79

Limitations
This systematic mapping review should be interpreted with
several limitations in mind. First, it only mapped the litera-
ture, and therefore, no in-depth analysis was conducted.
Furthermore, an assessment of study quality was not under-
taken, and accordingly, the risk of bias is not reported. The
search strategy employed and search terms used mean
that specific invasion games may not be accounted for.
This also means that team sports that utilise network ana-
lysis that are not invasion games (e.g. volleyball, cycling,
etc.) were excluded. Additionally, as our inclusion criteria
only included in-competition analysis, any studies examin-
ing training were excluded. The age criteria in the current
search strategy also mean that papers investigating those
under 18 have not been included. Overall, this review
should not be taken as a map of all cooperative network
analyses in sport. Having the full-text extraction undertaken
by a single author also means that, whilst all precautions
were taken, reporting may have been subject to the biases
of a single individual. However, the extraction was dis-
cussed among all authors on a regular basis. It should be
noted that the specific software packages, coding languages
and algorithms used to derive network metrics and visuali-
sations were not conducted as part of this review.
Anecdotally, some software packages produce somewhat
different outputs (e.g. metric values) when compared with
others. This may be somewhat attributed to the broad
range of nomenclature (i.e. the same terms being used for
different calculations) noted in this review, although this
should be clarified via further investigation including
broader search terms as it may be a problem beyond prior
team invasion game research.

Conclusions and future directions
There are many ways in which this research area can be pro-
gressed. Firstly, only a small number of invasion games
have been reported. Given the accessibility of data (i.e.
from video footage or external data providers) on a wide
range of team invasion games, this is a limitation that
may be readily addressed. Additionally, utilising a more
consistent form of reporting when publishing work is a
simple way in which researchers can make manuscripts
clearer, and the valuable information within them is more
accessible to practitioners and researchers both within and
external to their specific research field. This includes
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clearly defining network measures; using consistent nomen-
clature; reporting on key aspects of datasets such as number
of matches, players, year of sample and competition ana-
lysed; and identifying important network features such as
weighting and direction. Whilst there is a widespread inclu-
sion of visualisations in the cooperative passing network lit-
erature in team invasion games, enhancing the clarity in
depicting information to these end-users would be advis-
able. Collaboration with domain experts, such as coaches
and players, may help further assist cooperative network
research.80 These experts can assist with interpretation of
results as well as provide recommendations about practical-
ities. Lastly, researchers should consider the dynamic
nature of networks and examine temporal components as
is being undertaken in other areas of network research.

Data availability
The supplementary extraction sheet is available at https://osf.io/
3yfx5/files/osfstorage.

Declaration of conflicting interests
The author(s) declared no potential conflicts of interest with respect
to the research, authorship and/or publication of this article.

Funding
The author(s) disclosed receipt of the following financial support
for the research, authorship and/or publication of this article: this
research is supported by an Australian Government Research
Training Program.

Geolocation information
The research was undertaken at the Human Performance Research
Centre, University of Technology Sydney, Moore Park, NSW,
Australia, 2021.

ORCID iDs
Sam Palmer https://orcid.org/0000-0001-8061-6064
Andrew Novak https://orcid.org/0000-0002-2949-4150
Mark Watsford https://orcid.org/0000-0002-4569-6377
Job Fransen https://orcid.org/0000-0003-3355-1848

Supplemental material
Supplemental material for this article is available online.

References
1. Fransen J, Tribolet R, Sheehan WB, et al. Cooperative

passing network features are associated with successful
match outcomes in the Australian Football League. Int J
Sports Sci 2021; 17(5): 17479541211052760.

2. Braham C and Small M. Complex networks untangle com-
petitive advantage in Australian football. Chaos 2018; 28:
053105.

3. Hughes MD and Bartlett RM. The use of performance indi-
cators in performance analysis. J Sports Sci 2002; 20: 739–
754.

4. Borgatti SP, Mehra A, Brass DJ, et al. Network analysis in
the social sciences. Science 2009; 323: 892–895.

5. Stokman FN and Zeggelink EP. ‘Self-organizing’ friendship
networks. In WBG Liebrand and DM Messick (eds) Title of
host publication Frontiers in Social Dilemmas Research
New York: Springer, pp. 385–418.

6. Katz N, Lazer D, Arrow H, et al. Network theory and small
groups. Small Group Res 2004; 35: 307–332.

7. McLean S, Salmon PM, Gorman AD, et al. Do inter-
continental playing styles exist? Using social network ana-
lysis to compare goals from the 2016 EURO and COPA
football tournaments knock-out stages. Theor Issues Ergon
Sci 2017; 18: 370–383.

8. Ribeiro J, Silva P, Duarte R, et al. Team sports performance ana-
lysed through the lens of social network theory: Implications for
research and practice. Sports Med 2017; 47: 1689–1696.

9. Cintia P, Coscia M and Pappalardo L. The haka network:
Evaluating rugby team performance with dynamic graph
analysis. In: 2016 IEEE/ACM international conference on
advances in social networks analysis and mining
(ASONAM), 18-21 August 2016, IEEE, San Francisco,
CA, USA, 2016, pp.1095–1102.

10. McLean S, Salmon PM, Gorman AD, et al. Integrating com-
munication and passing networks in football using social
network analysis. Sci Med Footb 2019; 3: 29–35.

11. McLaren CD and Spink KS. Member communication as
network structure: Relationship with task cohesion in
sport. Int J Sport Exerc Psychol 2020; 18: 764–778.

12. Gould P and Gatrell A. A structural analysis of a game: The
Liverpool v Manchester United Cup Final of 1977. Soc
Networks 1979; 2: 253–273.

13. Passos P, Davids K, Araujo D, et al. Networks as a novel tool
for studying team ball sports as complex social systems. J Sci
Med Sport 2011; 14: 170–176.

14. Tribolet R, Sheehan WB, Novak AR, et al. Match simula-
tion practice may not represent competitive match play in
professional Australian football. J Sports Sci 2022; 40:
413–421.

15. Young CM, Luo W, Gastin P, et al. Understanding effective
tactics in Australian football using network analysis. Int J
Perform Anal Sport 2019; 19: 331–341.

16. Sheehan WB, Tribolet R, Watsford ML, et al. Using
cooperative networks to analyse behaviour in professional
Australian Football. J Sci Med Sport 2020; 23: 291–296.

17. Novak AR, Richardson MJ, Impellizzeri FM, et al. Speed,
spacing and synchrony: An exploratory, quantitative ana-
lysis of collective team behaviour in elite Rugby Union.
J Sci Med Sport 2022; 25: S17.

18. Sasaki K, Yamamoto T, Miyao M, et al. Network centrality
analysis to determine the tactical leader of a sports team. Int J
Perform Anal Sport 2017; 17: 822–831.

19. Sasaki K. Defense performance analysis: Social network
analysis. J Hum Sport Exerc 2013; 10: 747–752.

20. Duch J, Waitzman JS and Amaral LAN. Quantifying the per-
formance of individual players in a team activity. PLoS One
2010; 5: e10937.

21. Novak AR, Palmer S, Impellizzeri FM, et al. Description of
collective team behaviours and team performance analysis of
elite rugby competition via cooperative network analysis. Int
J Perform Anal Sport 2021; 21: 804–819.

2356 International Journal of Sports Science & Coaching 18(6)

https://osf.io/3yfx5/files/osfstorage.
https://osf.io/3yfx5/files/osfstorage.
https://osf.io/3yfx5/files/osfstorage.
https://orcid.org/0000-0001-8061-6064
https://orcid.org/0000-0001-8061-6064
https://orcid.org/0000-0002-2949-4150
https://orcid.org/0000-0002-2949-4150
https://orcid.org/0000-0002-4569-6377
https://orcid.org/0000-0002-4569-6377
https://orcid.org/0000-0003-3355-1848
https://orcid.org/0000-0003-3355-1848


22. Newell KM. Constraints on the Development of Coordination.
In MG Wade and HTA Whiting (eds) Motor Development
in Children: Aspects of Coordination and Control. The
Netherlands: Martinus Nijhoff, Dordrecht, 1986, pp. 341–
360. http://dx.doi.org/10.1007/978-94-009-4460-2_19

23. Munn Z, Stern C, Aromataris E, et al. What kind of system-
atic review should I conduct? A proposed typology and guid-
ance for systematic reviewers in the medical and health
sciences. BMC Med Res Methodol 2018; 18: 5.

24. Xu C. ProQuest Information & Learning. PhD Thesis,
University of Washington, 2018.

25. McLean S, Salmon PM, Gorman AD, et al. The communica-
tion and passing contributions of playing positions in a pro-
fessional soccer team. J Hum Kinet 2021; 77: 223–234.

26. Young CM, LuoW, Gastin PB, et al. Understanding the rela-
tive contribution of technical and tactical performance to
match outcome in Australian Football. J Sports Sci 2020;
38: 676–681.

27. McLean S, Salmon PM, Gorman AD, et al. A social network
analysis of the goal scoring passing networks of the 2016
European Football Championships. Hum Mov Sci 2018;
57: 400–408.

28. Cotta C, Mora AM, Merelo JJ, et al. A network analysis of
the 2010 FIFA world cup champion team play. J Syst Sci
Complex 2013; 26: 21–42.

29. Taylor N, Gastin PB, Mills O, et al. Network analysis of
kick-in possession chains in elite Australian football. J
Sports Sci 2020; 38: 1053–1061.

30. Cho Y, Yoon J and Lee S. Using social network analysis and
gradient boosting to develop a soccer win–lose prediction
model. Eng Appl Artif Intell 2018; 72: 228–240.

31. Mattsson CES and Takes FW. Trajectories through temporal
networks. Appl Netw Sci 2021: 6: Article 35.

32. Ahmadi AH, Noori A and Teimourpour B. Social network
analysis of passes and communication graph in football by
mining frequent subgraphs. In: 2020 6th international con-
ference on web research (ICWR), Tehran, Iran, 22–23
April, 2020, pp.1–7. IEEE.

33. Gama J, Dias G, Couceiro M, et al. Networks metrics and
ball possession in professional football. Complex 2016; 21:
342–354.

34. Malta P and Travassos B. Caraterizaæo da transiÆo
defesa-ataque de uma equipa de Futebol. / Characterization
of the defense-attack transition of a soccer team. Motricidade
2014; 10: 27–37.

35. Eliakim E, Morgulev E, Lidor R, et al. The development of
metrics for measuring the level of symmetry in team forma-
tion and ball movement flow, and their association with per-
formance. Sci Med Footb 2022; 6: 189–202.

36. Kusmakar S, Shelyag S, Zhu Y, et al. Machine learning
enabled team performance analysis in the dynamical envir-
onment of soccer. IEEE Access 2020; 8: 90266–90279.

37. Zhao Y and Zhang H. Eigenvalues make the difference – a
network analysis of the Chinese Super League. Int J
Sports Sci Coach 2020; 15: 184–194.

38. Clemente FM, Couceiro MS, Martins FML, et al. Using
network metrics in soccer: A macro-analysis. J Hum Kinet
2015; 45: 123–134.

39. Couceiro M, Dias G, Silva JP, et al. Adaptive collective
behavior of the players of the Portuguese national team in

the 2016 European Football Championship. Rev Bras
Futsal Futebol 2018; 10: 523–530.

40. Srinivasan B. A social network analysis of football – evaluating
player and team performance. In: 2017 ninth inter-
national conference on advanced computing, Chennai,
India, IEEE, 14-16 December 2017, pp.242–246.

41. Korte F and Lames M. Passing network analysis of pos-
itional attack formations in handball. J Hum Kinet 2019;
70: 209–221.

42. Praca GM, Lima BB, Bredt S, et al. Influence of match status
on players’ prominence and teams’ network properties during
2018 FIFA World Cup. Front Psychol 2019; 10: 695.

43. Yu Q, Gai Y, Gong B, et al. Using passing network measures
to determine the performance difference between foreign and
domestic outfielder players in Chinese Football Super
League. Int J Sports Sci Coach 2020; 15: 398–404.

44. Gama J, Dias G, Passos P, et al. Homogeneous distribution of
passing between players of a team predicts attempts to shoot at
goal in association football: A case study with 10 matches.
Nonlinear Dyn Psychol Life Sci 2020; 24: 353–365.

45. Arriaza-Ardiles E, Martin-Gonzalez JM, Zuniga MD, et al.
Applying graphs and complex networks to football metric
interpretation. Hum Mov Sci 2018; 57: 236–243.

46. Belli RJ, Figueiredo Dias GN, Travassos Ventura Gama JM,
et al. Network and collective behavior in professional foot-
ball teams. Rev Bras Futsal Futebol 2017; 9: 84–94.

47. Uchoa Maia Rodrigues DC, Moura FA, Cunha SA, et al.
Graph visual rhythms in temporal network analyses.
Graph Models 2019: 103: 101021.

48. Cintia P, Rinzivillo S and Pappalardo L. A network-based
approach to evaluate the performance of football teams. In:
Machine learning and data mining for sports analytics work-
shop, Porto, Portugal, September 11, 2015, pp. 1–9.

49. Ichinose G, Tsuchiya T andWatanabe S. Robustness of foot-
ball passing networks against continuous node and link
removals. Chaos, Solitons Fractals 2021; 147: 110973.

50. Grund TU. Network structure and team performance: The
case of English Premier League soccer teams. Soc Netw
2012; 34: 682–690.

51. Castellano J and Echeazarra I. Network-based centrality
measures and physical demands in football regarding
player position: Is there a connection? A preliminary
study. J Sports Sci 2019; 37: 2631–2638.

52. Clemente FM, Lourenço Martins FM, Santos Couceiro M,
et al. A network approach to characterize the teammates’
interactions on football: A single match analysis. Cuad
Psicol Deporte 2014; 14: 141–148.

53. Zhang T, Hu G, Liao Q, et al. Analysis of offense tactics of
basketball games using link prediction. In: 2013 IEEE/ACIS
12th international conference on computer and information
science (ICIS), Niigataa, Japan, IEEE, 16–20 June, 2013,
pp.207–212.

54. Trequattrini R, Lombardi R and Battista M. Network ana-
lysis and football team performance: A first application.
Team Perform Manag 2015; 21: 85–110.

55. Yamamoto K and Narizuka T. Examination of Markov-
chain approximation in football games based on time evolu-
tion of ball-passing networks. Phys Rev E 2018; 98: 052314.

56. Clemente FM, Sarmento H and Aquino R. Player position
relationships with centrality in the passing network of

Palmer et al. 2357



world cup soccer teams: Win/loss match comparisons.
Chaos Solitons Fractals 2020; 133: 109625.

57. Grund TU. The relational value of network experience in
teams. Am Behav Sci 2016; 60: 1260–1280.

58. David GK and Wilson RS. Cooperation improves success
during intergroup competition: An analysis using data
from professional soccer tournaments. PLoS One 2015; 10:
e0136503.

59. Clemente FM. Performance outcomes and their associations
with network measures during FIFA World Cup 2018. Int J
Perform Anal Sport 2018; 18: 1010–1023.

60. McLean S and Salmon PM. The weakest link: A novel use of
network analysis for the broken passing links in football. Sci
Med Footb 2019; 3: 255–258.

61. Pina TJ, Paulo A and Araújo D. Network characteristics of
successful performance in association football. A study on
the UEFA champions league. Front Psychol 2017; 8: 1173.

62. Medina P, Carrasco S, Rogan J, et al. Is a social network
approach relevant to football results? Chaos Solitons
Fractals 2021; 142: 110369.

63. Clemente FM, José F, Oliveira N, et al. Network structure
and centralization tendencies in professional football teams
from Spanish La Liga and English Premier Leagues.
J Hum Sport Exerc 2016; 11: 376–389.

64. Narizuka T, Yamamoto K and Yamazaki Y. Statistical prop-
erties of position-dependent ball-passing networks in foot-
ball games. Physica A 2014; 412: 157–168.

65. Neuman Y, Noble D and Cohen Y. Is the whole different
from the sum of its parts? A proposed procedure for measur-
ing divergence from additivity. Int J Gen Syst 2018; 47: 665–
678.

66. Cao F-x, Cheng K, Li X, et al. The relationship between
passing performance and match win–loss for teams from
Chinese football super league under the different match
situations. J Phys Educ Sport 2021; 1: 111–118.

67. Moraes GR and Morato MP. Tactical-technical analysis in
football: Comparison of European champion 2018–19 with
the champion South American 2019. Rev Bras Futsal
Futebol 2021; 13: 284–296.

68. Ramos J, Lopes RJ and Araujo D. What’s next in complex
networks? Capturing the concept of attacking play in inva-
sive team sports. Sports Med 2018; 48: 17–28.

69. Håland EM, Wiig AS, Hvattum LM, et al. Evaluating the
effectiveness of different network flow motifs in association
football. J Quant Anal Sports 2020; 16: 311–323.

70. Xu C. Social network analysis of college and professional
basketball. ProQuest Information & Learning. PhD Thesis
2018, University of Washington.

71. Gyarmati L and Anguera X. Automatic extraction of the
passing strategies of soccer teams. arXiv preprint
arXiv:150802171 2015.

72. Korte F, Link D, Groll J, et al. Play-by-play network analysis
in football. Front Psychol 2019; 10: 1738.

73. Clemente FM, Lourenco Martins FM, Wong DP, et al.
Midfielder as the prominent participant in the building
attack: A network analysis of national teams in FIFA World
Cup 2014. Int J Perform Anal Sport 2015; 15: 704–722.

74. Immler S, Rappelsberger P, Baca A, et al. Guardiola, Klopp,
and Pochettino: The purveyors of what? The use of passing
network analysis to identify and compare coaching styles in

professional football. Front Sports Act Living 2021; 3:
725554.

75. Fewell JH, Armbruster D, Ingraham J, et al. Basketball
teams as strategic networks. PLoS One 2012; 7: e47445.

76. Buldú JM, Busquets J, Echegoyen I, et al. Defining a historic
football team: Using network science to analyze Guardiola’s
F.C. Barcelona. Sci Rep 2019; 9: 13602.

77. Kroeckel P, Piazza A and Neuhofer K. Dynamic network
analysis of the Euro2016 final preliminary results. In:
SNAMS-2017 the fourth international symposium on social
networks analysis, management and security, Prague, IEEE,
21-23 August 2017, pp.114–119.

78. Schecter A, Pilny A, Leung A, et al. Step by step: Capturing
the dynamics of work team process through relational event
sequences. J Organ Behav 2018; 39: 1163–1181.

79. Leenders RTA, Contractor NS and DeChurch LA. Once
upon a time: Understanding team processes as relational
event networks. Organ Psychol Rev 2016; 6: 92–115.

80. Sarmento H, Clemente FM, Gonçalves E, et al. Analysis of
the offensive process of AS Monaco professional soccer
team: A mixed-method approach. Chaos, Solitons Fractals
2020; 133: 109676.

81. Álvarez Celaya O. Análisis de las redes de comunicación
motriz a través del pase entre los jugadores de la Selección
uruguaya de fútbol. / An analysis of motor communication
networks through the study of ball passes between the
players of the Uruguayan football team. Rev Univ Educ
Fís Deporte 2012; 5: 56–61.

82. Aquino R, Carling C, Palucci Vieira LH, et al. Influence of
situational variables, team formation, and playing position
on match running performance and social network analysis
in Brazilian professional soccer players. J Strength Cond
Res 2020; 34: 808–817.

83. Aquino R, Machado JC, Manuel Clemente F, et al.
Comparisons of ball possession, match running perform-
ance, player prominence and team network properties
according to match outcome and playing formation during
the 2018 FIFA World Cup. Int J Perform Anal Sport
2019; 19: 1026–1037.

84. Clemente FM, Couceiro MS, Martins FML, et al. Using
network metrics to investigate football team players’ connec-
tions: A pilot study. Mot Rev Educ Fis 2014; 20: 262–271.

85. Clemente FM and Martins FM. Study of sequences of passes
between professional soccer player in home matches during
a season: Applicability of social network analysis measures.
Rev IberoamPsicol Ejercicio Deporte 2017; 12: 195–202.

86. Clemente FM and Martins FML. Network structure of
UEFA Champions League teams: Association with classical
notational variables and variance between different levels of
success. Int J Comput Sci Sport 2017; 16: 39–50.

87. Clemente FM and Martins FML. Who are the prominent
players in the UEFA champions league? An approach
based on network analysis. Walailak J Sci Technol 2017;
14: 627–636.

88. Clemente FM, Lourenco Martins FM, Kalamaras D, et al.
General network analysis of national soccer teams in FIFA
World Cup 2014. Int J Perform Anal Sport 2015; 15: 80–96.

89. Clemente FM, Martins FML, Kalamaras D, et al. The social
network analysis of Switzerland football team on FIFA
World Cup 2014. Acta Kinesiol 2015; 9: 25–30.

2358 International Journal of Sports Science & Coaching 18(6)



90. Clemente FM, Martins FML and Silva F. Development of
sports network analysis: Methodological considerations.
J Phys Educ Sport 2016; 16: 940–944.

91. Clemente FM, LourençoMartins FM andMendes RS. Analysis
of scored and conceded goals by a football team throughout a
season: A network analysis. Kinesiology 2016; 48: 103–114.

92. Clemente FM, Martins FML and Mendes RS. Technical
accuracy it is associated with prominence levels in basket-
ball? J Phys Educ Sport 2015; 15: 400–406.

93. Clemente FM, Silva F, Martins FML, et al. Performance ana-
lysis tool for network analysis on team sports: A case study
of FIFA Soccer World Cup 2014. Proc IMechE, Part P: J
Sports Engineering and Technology 2016; 230: 158–170.

94. Clemente FM, Sarmento H, Praca GM, et al. Variations of
network centralities between playing positions in favorable
and unfavorable close and unbalanced scores during the
2018 FIFA World Cup. Front Psychol 2019; 10: 1802.

95. Gama J, Dias G, Couceiro M, et al. Networks and centroid
metrics for understanding football. S Afr J Res Sport Phys
Educ Recreat 2016; 38: 75–90.

96. Gama J, Couceiro M, Dias G, et al. Small-world networks in
professional football: Conceptual model and data. Eur J
Hum Mov 2015; 35: 85–113.

97. Gama J, Passos P, Davids K, et al. Network analysis and
intra-team activity in attacking phases of professional foot-
ball. Int J Perform Anal Sport 2014; 14: 692–708.

98. Gonçalves LGC, Clemente F, Vieira LHP, et al. Effects of
match location, quality of opposition, match outcome, and
playing position on load parameters and players’ prominence
during official matches in professional soccer players. Hum
Mov 2021; 22: 35–44.

99. Ievoli R, Gardini A and Palazzo L. The role of passing
network indicators in modeling football outcomes: An appli-
cation using Bayesian hierarchical models. Adv Stat Anal
2021: 1–23.

100. Ievoli R, Palazzo L and Ragozini G. On the use of passing
network indicators to predict football outcomes. Knowl
Based Syst 2021; 222: 106997.

101. Jiang Z, Chen X, Dong B, et al. Trajectory-based community
detection. IEEE Trans Circuits Syst II Express Briefs 2019;
67: 1139–1143.

102. Korte F and Lames M. Characterizing different team sports
using network analysis. Curr Issues Sport Sci 2018; 3:
005–005.

103. Liu T and Hohmann A. Apriori-based diagnostical analysis
of passings in the football game. In: 2016 IEEE international
conference on big data analysis (ICBDA), Hangzhou, China,
2016, pp.52–55.

104. Martins F, Gomes R, Lopes V, et al. Node and network
entropy—a novel mathematical model for pattern analysis
of team sports behavior. Mathematics 2020; 8: 1543.

105. Martins F, Gomes R, Lopes V, et al. Mathematical models to
measure the variability of nodes and networks in team sports.
Entropy 2021; 23: 1072.

106. McHale IG and Relton SD. Identifying key players in soccer
teams using network analysis and pass difficulty. Eur J Oper
Res 2018; 268: 339–347.

107. Mendes B, Clemente FM andMauricio N. Variance in prom-
inence levels and in patterns of passing sequences in elite

and youth soccer players: A network approach. J Hum
Kinet 2018; 61: 141–153.

108. Muhuri S, Chakraborty S and Setua SK. Differentiate the
game maker in any soccer match based on social network
approach. IEEE Trans Comput Soc Syst 2020; 7: 1399–
1408.

109. Narizuka T, Yamamoto K and Yamazaki Y. Degree distribu-
tion of position-dependent ball-passing networks in football
games. J Phys Soc Japan 2015; 84: 084003.

110. Neuman Y and Vilenchik D. Modeling small systems
through the relative entropy lattice. IEEE Access 2019; 7:
43591–43597.

111. Neuman Y, Israeli N, Vilenchik D, et al. The adaptive behav-
ior of a soccer team: An entropy-based analysis. Entropy
2018; 20: 758.

112. Pappalardo L, Cintia P, Rossi A, et al. A public data set of
spatio-temporal match events in soccer competitions. Sci
Data 2019; 6: 36.

113. Peixoto D, Praça GM, Bredt S, et al. Comparison of network
processes between successful and unsuccessful offensive
sequences in elite soccer. Hum Mov Special Issues 2017;
2017: 48–54.

114. Praça G, Diniz L, Clemente F, et al. The influence of playing
position on the physical, technical, and network variables of
sub-elite professional soccer athletes. Hum Mov 2021; 22:
22–31.

115. Moreira Praca G, Rochael M, Francklin G, et al. The influ-
ence of age group and match period on tactical performance
in youth soccer: A full season study. Proc IMechE, Part P: J
Sports Engineering and Technology 2022; 236: 360–367.

116. Rojas-Mora J, Chávez-Bustamante F, del Río-Andrade J,
et al. A methodology for the analysis of soccer matches
based on PageRank centrality. In: Sports management as
an emerging economic activity: Trends and best practices.
2017, pp.257–272.

117. Sargent J and Bedford A. Evaluating Australian football
league player contributions using interactive network simu-
lation. J Sports Sci Med 2013; 12: 116.

118. Silva FGM, Gomes AJP, Quoc Trong N, et al. A new tool for
network analysis on team sports the ultimate performance
analysis tool. In: 2017 international conference on engineer-
ing, technology and innovation. 2017, pp.439–445.

119. Uchoa Maia Rodrigues DC, Moura FA, Cunha SA, et al.
Visualizing temporal graphs using visual rhythms a case
study in soccer match analysis. Portugal: Visigrapp, 2017,
p.96–107.

120. Wang Q, Zhu H, Hu W, et al. Discerning tactical patterns
for professional soccer teams: An enhanced topic model
with applications. Sydney: KDD, 2015, p.2197–2206.

121. Wiig AS, Håland EM, StålhaneM, et al. Analyzing passing net-
works in association football based on the difficulty, risk, and
potential of passes. Int J Comput Sci Sport 2019; 18: 44–68.

122. Xin L, Zhu M and Chipman H. A continuous-time stochastic
block model for basketball networks. Ann Appl Stat 2017;
11: 553–597.

123. Yamamoto Y. Scale-free property of the passing behaviour
in a team sport. Int J Sport Health Sci 2009; 7: 86–95.

124. Yamamoto Y and Yokoyama K. Common and unique network
dynamics in football games. PLoS One 2011; 6: e29638.

Palmer et al. 2359


	 Introduction
	 Social network analysis
	 Cooperative network analysis in team invasion games
	 Construction and features of social networks
	 The need for a systematic mapping review

	 Methods
	 Search strategy

	 Results
	 Discussion
	 Limitations
	 Conclusions and future directions
	 References


<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /All
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile ()
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 5
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness false
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages false
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Average
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages false
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Average
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages false
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Average
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /PDFX1a:2003
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError false
  /PDFXTrimBoxToMediaBoxOffset [
    33.84000
    33.84000
    33.84000
    33.84000
  ]
  /PDFXSetBleedBoxToMediaBox false
  /PDFXBleedBoxToTrimBoxOffset [
    9.00000
    9.00000
    9.00000
    9.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000500044004600206587686353ef901a8fc7684c976262535370673a548c002000700072006f006f00660065007200208fdb884c9ad88d2891cf62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef653ef5728684c9762537088686a5f548c002000700072006f006f00660065007200204e0a73725f979ad854c18cea7684521753706548679c300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV <>
    /HUN <>
    /ITA <>
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020b370c2a4d06cd0d10020d504b9b0d1300020bc0f0020ad50c815ae30c5d0c11c0020ace0d488c9c8b85c0020c778c1c4d560002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken voor kwaliteitsafdrukken op desktopprinters en proofers. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents for quality printing on desktop printers and proofers.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames false
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks true
      /AddColorBars false
      /AddCropMarks true
      /AddPageInfo true
      /AddRegMarks false
      /BleedOffset [
        9
        9
        9
        9
      ]
      /ConvertColors /NoConversion
      /DestinationProfileName ()
      /DestinationProfileSelector /NA
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure true
      /IncludeBookmarks true
      /IncludeHyperlinks true
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MarksOffset 6
      /MarksWeight 0.250000
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PageMarksFile /RomanDefault
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /LeaveUntagged
      /UseDocumentBleed false
    >>
    <<
      /AllowImageBreaks true
      /AllowTableBreaks true
      /ExpandPage false
      /HonorBaseURL true
      /HonorRolloverEffect false
      /IgnoreHTMLPageBreaks false
      /IncludeHeaderFooter false
      /MarginOffset [
        0
        0
        0
        0
      ]
      /MetadataAuthor ()
      /MetadataKeywords ()
      /MetadataSubject ()
      /MetadataTitle ()
      /MetricPageSize [
        0
        0
      ]
      /MetricUnit /inch
      /MobileCompatible 0
      /Namespace [
        (Adobe)
        (GoLive)
        (8.0)
      ]
      /OpenZoomToHTMLFontSize false
      /PageOrientation /Portrait
      /RemoveBackground false
      /ShrinkContent true
      /TreatColorsAs /MainMonitorColors
      /UseEmbeddedProfiles false
      /UseHTMLTitleAsMetadata true
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


