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Chapter 1

Preface

” Man s by nature a social animal; an individual who is unsocial
naturally, and not accidentally is either beneath our notice or more
than human. Society is something that precedes the individual. Anyone
who either cannot lead the common life or is so self-sufficient as not
to need to, and therefore does not partake of society, is either a beast
or a god”. - Aristotle, Politics

The ability of the individual to socialise, to interact with others, and to
follow social norms, has always been one of the most important characteristics
of human nature, something already recognised by ancient philosophers such as
Aristotle in the fourth century b.C. Previous literature has shown that this rela-
tional aspect is relevant for the Economics discipline, since it helps to explain the
determinants of various choices and outcomes in life, including also economic at-
tainment and health outcomes (see, between others, Gutman and Schoon (2013);
Rosenbaum (2001); Borghans, ter Weel and Weinberg (2008); Lundborg (2006);
Ali et al. (2012) and Carneiro et al. (2007), and the reviews provided in the follow-
ing chapters). It is therefore interesting to examine to what extent this sociability
contributes to the observed differences in these outcomes.

One of the aims of the scholars in Economics is to describe and explain the causes
of the differences in these outcomes. In particular, the Human Capital theory
(Becker, 1975; Spence, 1973; Schultz, 1961; Nelson and Phelps, 1966; Coleman,
1988; Gardner, 1993; Bowles et al., 2001) was developed to explain these observed
differences, such as in wages and employment status. The leading thread of the
theory is that these discrepancies among workers, or at least a good part of it,
could be accounted for through the set of skills and abilities that each worker has,
and the investment that he has made to develop them. For instance, earnings
differences among workers could be explained as due to the differences in both

1
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innate and acquired characteristics, such as IQQ and education.

Human capital can be broadly defined as the set of skills and abilities that make
an individual able to ‘produce’ (Acemoglu and Autor, 2009). It is considered a
‘capital’, because individuals can decide to invest and stock knowledge and compe-
tencies. A standard example of a human capital investment is years of education,
but also training, school choice, and other factors, which can all be included in
this investment decision. Many authors have examined this concept and defined
human capital in different ways. Following the classification by Acemoglu and Au-
tor (2009), it is possible to distinguish five different interpretations, summarised
in Table 1.1:

Table 1.1: HC Literature

Author HC Definition

Becker (1975) Input factor in the production process

Gardner (1993) Multi-dimensional concept, related to
the different dimensions of human
intelligence

Schultz, Nelson-Phelps Capacity of the individual to adapt
(1961; 1966)

Bowles, Gintis, Osborne Ability to follow the predominant
(2001) ideology

Spence (1973) Signal of abilities

The first four interpretations of the HC model are similar since the abilities and
skills of individuals are considered as providing an advantage for one’s own pro-
ductivity through different channels and mechanisms. In Becker’s interpretation
(1975), human capital is the stock of knowledge and skills, which are then ‘used
by the worker as an input in the production process. This stock is considered as
a one-dimensional object (Acemoglu and Autor, 2009). Gardner (1993), a psy-
chologist, emphasised that human capital should rather be considered as a multi-
dimensional factor, since intelligence is composed of various dimensions. Schultz,
Nelson-Phelps (1961; 1966), instead, considered human capital as the ability to
adapt to changing situations and context. Bowles, Gintis and Osborne (2001)
define human capital as the ability to obey to the predominant ideology. Finally,
Spence’s interpretation (1973) differs from previous ones, since he considers hu-
man capital a signal of abilities, rather than a factor in production.
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In this literature, in particular in the studies following Becker’'s HC definition, the
main focus has been on innate ability and cognitive skills, such as IQ measurements
and years of education. A seminal example of this is the Minces earning equation
(Mincer, 1974), which modelled earnings as a function of years of education and
potential years of experience. Other factors, such as socioeconomic background,
ethnicity, years of experience, and time preferences, were then introduced in the
HC definition, and were all proven as relevant. The relation between cognitive
skills and abilities, and labour outcomes, such as productivity, earnings, and em-
ployment, is particularly interesting for researchers and policy makers, since there
is some consensus on how to measure and quantify these abilities. As a conse-
quence, results can provide guidance on the educational and employment policies
of governments. However, the earnings estimates obtained with these models still
present a high proportion of unexplained variance. Recently, it has been argued
that part of this unexplained variance is related to characteristics other than cog-
nitive skills and background, such as behavioural and psychological factors, and
that these are at least as important as cognitive abilities to individual outcomes
and success (Muller, 2006).

These factors have been typically labelled in the literature as ‘non-cognitive’ skills,
an umbrella term including all aspects not directly involved in cognition (Hill,
2012). Examples include personality traits, sociability, motivation, charm, and
extraversion. Glaeser et al. (2002) consider these social characteristics of an in-
dividual as a contributing part of one’s human capital, a result of both innate
abilities and investments over the lifetime. As a result, the stock of human capital
at each point of time is the combination of both cognitive and non-cognitive skills,
i.e., both knowledge and relational abilities. However, the term ‘non-cognitive’
could be interpreted as too broad to be meaningful, and the definition and the
measurement of these skills are still under debate. The term non-cognitive itself
could be misleading, since it seems to suggest that these skills should be considered
as something separated from intelligence (Muller, 2006). On the contrary, scholars
in other fields, such as Psychology and Education, have shown that these skills
should be considered as one of the dimensions of intelligence (Gardner, 1993), and
that they can be invested in (Borghans, Meijers and Ter Weel, 2008).

As a consequence, the last decade has seen a substantial increase in studies as-
sessing the importance of non-cognitive skills on a variety of outcomes, such as
educational attainment (Heckman et al., 2006), wages (Mueller and Plug, 2006q),
employment probability (Cobb-Clark and Tan, 2011), absenteeism (Stormer and
Fahr, 2013), unemployment spells (Gallo et al., 2003), and health behaviour (Heck-
man et al., 2006). Results among these studies can result as very diverse, and this
might be due to the number of different measures adopted by the scholars. Nev-
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ertheless, these skills have been proven to be relevant and significant. Typically,
the estimations of the impact of these abilities is made difficult by three main
issues: a) the lack of guidance from the economic theory on the best measure
of non-cognitive skills to use (Muller, 2006), b) a possible endogeneity problem
related to both measurement errors in the measures, in particular those based on
self-reported information, and to a potential reverse causality problem between
these skills and outcomes (Borghans et al., 2011), ¢) the lack of datasets available
for the estimations, which need to have samples large enough to obtain credible
estimates, and include all the information needed.

Overall, however, this evidence suggests that non-cognitive skills, and in particu-
lar social skills, should be accounted for in human capital models, and that they
can help to explain some of the unobserved heterogeneity in individual outcomes.
This thesis starts from this acknowledgment and aims to assess whether inter-
personal skills, measured through social network metrics, influence labour market
attainment, namely earnings, and smoking behaviour. This is done using two main
sources of data, the Diffusion of Microfinance dataset, and the AddHealth dataset.
These two datasets are very popular for networks estimations, since respondents in
both studies were asked to directly nominate people they related to, under various
dimensions of relationships. This is the main reason why they were chosen for the
empirical estimates in this work. Both these datasets are carefully described in
Chapter 1. The Diffusion of Microfinance is used in Chapter 1 to assess which
count data estimator, between the Poisson and the Negative Binomial, would fit
the data better. The AddHealth dataset is then used in the other two chapters to
analyse the impact of interpersonal skills on earnings and smoking behaviour.

The contribution of this thesis to the literature on non-cognitive skills is three-
fold. Firstly, following the intuition recently introduced in the literature by some
scholars (Hill, 2012; Borghans, ter Weel and Weinberg, 2008; Conti et al., 2013),
it further examines the case for using metrics borrowed from the social networks
literature to directly measure interpersonal and social skills. The use of these met-
rics also allows us to distinguish and compare the effects of different social skills,
for instance popularity compared to the ability of becoming a central player in
ones network. Secondly, it provides more evidence on the impact of these skills on
both individual earnings and smoking behaviour. These skills are indeed shown
to influence the success that one has during young adulthood life, with an im-
pact on earnings similar to the estimated impact of socioeconomic background.
In addition, they are also shown to be fundamental for the decision regarding
tobacco consumption. Interestingly, different social skills impact these outcomes
in different ways. While being a key player in ones network results as giving
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an advantage for labour market success, popularity is estimated to be the most
influencing factor for individual smoking behaviour. Lastly, it applies different
empirical methods for the estimations of this effect, comparing various alterna-
tives proposed in previous literature. On the one hand, the effect of interpersonal
skills on earnings is thoroughly examined using a number of estimators, such as
a two-step estimator, the Linear-in-Means model, and social interactions models
as proposed by Goldsmith-Pinkham and Imbens (2013); Bramoullé et al. (2009)
and Manski (1993). On the other hand, the effects on the smoking behaviour
are estimated using a range of linear and non-linear estimators, such as OLS, the
Negative Binomial, and the Zero-Inflated Negative Binomial. This exercise is in-
teresting for two reasons: firstly, it helps to clarify the true meaning of the effects
obtained, and secondly, it allows a discussion of the validity of the assumptions
of these estimates. The dissertation also offers a direct contribution to the health
economics literature, with the discussion of the appropriateness of the standard
linearity assumption of estimators used in previous studies.

The thesis includes three distinct chapters: each of them is designed to be a self-
contained paper, even though they all complement each other. The leading threat
of this work is that social skills can influence both labour and health outcomes,
and that social network metrics could be considered as a potentially superior way
to measures these skills.

Chapter 1 aims to summarise the state of the literature on the impact of non-
cognitive skills, and illustrates some fundamental premises on which the rest of
the thesis is built on, such as the use of social network metrics to measure so-
cial skills, and the use of count data models in the empirical estimations. Thus,
the chapter is composed of two main parts. The first part reviews the existing
literature on non-cognitive skills, and illustrates the most used measures of these
skills: personality traits, behavioural issues, and social skills. It then introduces
the social network metrics used in this dissertation, namely Outdegree, Indegree,
and Bonacich Power centrality, and discuss their use as measure of interpersonal
abilities. The second part reviews the available datasets with social network in-
formation, and it describes two count estimators, the Poisson and the Negative
Binomial, as potential choices for the estimations of the network metrics. It then
further compares the two estimators through an empirical exercise, using data
from a micro-finance program in India.

Chapter 2 analyses empirically the impact of interpersonal skills on earnings. Fol-
lowing the evidence provided in Chapter 1, these skills are measured using the
three social network metrics, using information collected during the high school
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period. The effect on earnings is estimated comparing alternative empirical strate-
gies, to fully examine the robustness and the meaning of the results obtained. In
particular, results obtained through a two-step estimator and through various
social interaction models are compared. Finally, observed heterogeneity in the
estimates is further examined through both the comparison of estimates based on
gender and quantile effects.

Chapter 3 examines the impact of interpersonal skills on smoking behaviour over
the young adulthood life. The aim of this chapter is twofold. Firstly, it seeks
to assess the importance of popularity and social skills on both the probability of
smoking and the intensity of consumption of cigarettes of the individual. Secondly,
it aims to compare the relative importance of these skills to other influencing
factors, such as cigarette taxes, tobacco control policies, and parents smoking
behaviour. This chapter also offers a methodological contribution, since it analyses
the extent to which using non-linear estimators affects the significance and the
magnitude of the effects of these factors.



