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Fig. 3. Representation of the point of hydrological data collection and rainfall information 9560 9570 9580 9590 %600 %10

collected from GPM-IMERG 06. Fig. 4. Comparison between water level correlation with rainfall data

. _ ; ) Fig. 5. IMERG rainfall pixel performance for two days-ahead stream level
from the three local gauges and with IMERG optimum rainfall pixel.

i . diction i NARX model.
Weather systems reaching the UK typically travel at average speeds of 10 prediction in a mode

to 30 km/h, with exceptional storms reaching speeds of up to 70 km/h.

Conclusions and future work

Also, the processing time to produce near-real-time satellite estimates is at

least 4 hours (IMERG early run). This information was taken into account v This investigation enhances our comprehension of long-distance rainfall pathways towards the UK, which allow the optimization of satellite data collection for

when selecting the region in the Atlantic for data collection to be used In data driven forecasting models

forecasting the water level of a stream near Heathrow in London. The area

_ _ _ _ v" It advances a step towards NRT prediction of flood events by enabling the use of satellite data from Oceanic regions in hydrological models.
of interest in the oceanic region extends from 2°W to 20°W and from

42°N to 60°N, while the stream level gauge is located at 51.45°N, 0.45°W. v It contributes in reducing the volume of information and processing times in data driven models which will lead to higher speed and lower computational costs.

Fig. 2. Representation of the minimal monitoring region required to identify the - - ] ... ) i i ..
path, speed and intensity of one weather event generated in the Atlantic ocean The data spans from June 2001 to September 2021, with readings taken at The next steps of the research looks into the optimization and fine-tune of models to use GPM-IMERG Early Run estimates for near real-time (NRT) predictions

30-minute Intervals.
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