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Abstract 
For marginalized populations with ongoing HIV 

epidemics, alternative methods are needed for 

understanding the complexities of HIV risk and 

delivering prevention interventions. Due to lack of 

engagement in ambulatory care, such groups have 

high utilization of drop-in care. Therefore, emergency 

departments represent a location with those at highest 

risk for HIV and in highest need of novel prevention 

methods. Digital phenotyping via data collected from 

smartphones and other wearable sensors could 
provide the innovative vehicle for examining complex 

HIV risk and assist in delivering personalized 

prevention interventions. However, there is paucity in 

exploring if such methods are an option. This study 

aimed to fill this gap via a cross-sectional 

psychosocial assessment with a sample of N=85 

emergency department patients with HIV risk. 

Findings demonstrate that although potentially 

feasible, acceptability of digital phenotyping is 

questionable. Technology-assisted HIV prevention 

needs to be designed with the target community and 

address key ethical considerations. 

 

Keywords: HIV, health disparities, equity, digital 

phenotyping, wearable sensors 

1. Introduction  

New human immunodeficiency virus (HIV) 

infections have had overall declining rates in the 

United States since 2015 (Centers for Disease Control 

and Prevention [CDC], 2021b). Progress is largely due 

to efficacious biomedical (e.g., pre-exposure 

prophylaxis [PrEP]) and behavioral (e.g., cognitive 

behavioral therapy for health behavior uptake and 

adherence) HIV prevention interventions (Rotheram-

Borus et al., 2009). Despite the national decline, key 

groups continue to experience an HIV epidemic. 
Specifically, racial/ethnic minorities (Black, Hispanic, 

and Indigenous people), transgender women, men who 

have sex with men, and persons using drugs continue 

to have increasing incidence (Centers for Disease 

Control and Prevention [CDC], 2021a, 2021b) For 

these groups, HIV is not occurring in a siloed manner. 

Specifically, marginalization (e.g., discrimination; 

stigma) drives the co-occurrence of psychosocial 

challenges including mental health, substance use, 

poverty, and interpersonal violence – all drivers of 

HIV risk (Smith et al., 2022). Such interacting factors 

(i.e., syndemic theory; Singer et al., 2017) drive HIV 

risk behavior and lead to suboptimal access, uptake, 

and adherence to biobehavioral HIV prevention 
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(Babel et al., 2021; Grulich & Bavinton, 2022; 

Matacotta et al., 2020; Nydegger et al., 2021; Shoptaw 

et al., 2013). Thus, available efficacious interventions 

are not reaching the groups that would benefit from 

HIV prevention services the most. Finding alternative 

environments and methods to reach and provide HIV 

prevention intervention services to key populations is 

critical. Further, it is necessary to find novel ways to 

understand the complex life context in which ongoing 

HIV epidemics are occurring.  

One potential alternative venue to engage key 

populations with HIV risk is the emergency 

department. Groups experiencing discrimination, 

stigma, and other marginalization lack access to 

regular health care (Baah et al., 2019; Biancarelli et al., 

2019; Jackson et al., 2016; Kachen & Pharr, 2020; 

Richardson & Norris, 2010). Due to the lack of 

engagement in ambulatory care, such groups have 

high utilization of drop-in care via emergency 

departments (Lewer et al., 2020; Moravek et al., 2017; 

Parast et al., 2022; Sánchez et al., 2007). Recent work 

confirms that individuals with HIV risk behaviors and 

related psychosocial drivers of risk behaviors (e.g., 

mental health issues, substance use) are more likely to 

frequent the emergency department (Bonar et al., 

2016; Harmon et al., 2021; Pringle et al., 2013). 

Therefore, emergency departments represent a 

location to reach and provide resources surrounding 

HIV prevention to marginalized populations who are 

most in need of intervention.  

Aside from the question of novel locations to 

initially engage marginalized groups in HIV 

prevention services, there is a need to explore 

alternative ways of promoting and understanding 

uptake and adherence of services. Smartphones and 

other wearable sensors are potential sources of passive 

and active data collection that could provide 

contextual prompts that personalize and drive HIV 

prevention interventions (Arigo et al., 2019; Kang & 

Exworthy, 2022; Robards et al., 2018). In other words, 

such data collected from devices provides digital 

phenotyping – individualized, real-time assessment of 

a person (Prakash et al., 2021). 

Smartphones can continuously and passively 

collect data for digital phenotyping and be a platform 

to implement empiric health behavior change 

coaching. With increasing ubiquity of smartphones 

among the general population and in emergency 

department patients, these devices could be a key for 

novel HIV prevention (Post et al., 2015; Ranney et al., 

2012; Ranney & Suffoletto, 2014). For example, a 

recent HIV prevention intervention in South Africa 

collected continuous GPS location geo-coordinate 

data from participant smartphones. Based on GPS 

data, real-time interventions for care engagement were 

delivered to the person’s smartphone when near a 

clinic (Clouse et al., 2023). Smartphones not only 

collect data but can also deliver mobile health 

(mHealth) interventions. mHealth is advantageous 

such that it can address the complexities of HIV risk 

in marginalized groups by automating a personalized 

experience that can address an individual’s unique 

holistic risk profile (including co-occurring 

psychosocial issues) without requiring presentation to 

traditional locations of medical care. The latter 

mitigating historical barriers to HIV prevention for 

marginalized groups including lack of access/ability to 

pay and an overburdened healthcare system.  

Extending beyond passive data collection and 

digital phenotyping via smartphones, wearable sensor 

networks can also collect continuous data for novel 

HIV prevention. For example, digital pills (ingestible 

sensors) to monitor real-time medication adherence 

could be applied to HIV prevention (Goodman et al., 

2022). Not only could this provide objective 

monitoring of PrEP use but would also allow for 

insight into the unique context of an individual’s non-

adherence pattern (e.g., environment, level of 

psychological distress, substance use). Additionally, 

wearable chest bands assessing continuous cardiac and 

respiratory signals have preliminary evidence 

supporting their ability to predict real-time substance 

use craving and drug-seeking behavior (Gullapalli et 

al., 2019). Highly applicable to HIV prevention given 

the robust drug use/HIV risk comorbidity (Shiau et al., 

2017), this type of passive data collection could be 

utilized to signal for real-time intervention. Thus, 

similar to smartphones, networked groups of wearable 

and ingestible sensors could be utilized to select 

salient interventions related to situations an individual 

experiences in real time (Carreiro et al., 2018).  

Despite the potential benefit of using smartphones 

and wearable sensors to address the ongoing HIV 

epidemic in key risk groups, there is paucity exploring 

if such digital phenotyping methods are an option 

among marginalized populations with HIV risk. Two 

major factors could undermine utilization of such 

innovative approaches. First, due to historical and 

current discrimination in healthcare and health 

research, marginalized groups report high levels of 

medical mistrust, especially surrounding adoption of 

new modes of medical care delivery and technologies 

to address HIV (Robards et al., 2018). Second, due to 

sequalae of marginalization, individuals may lack 

access to the technological resources needed to engage 

with smartphone-based methods and wearable body 

sensors - also known as the digital divide 

(Vassilakopoulou & Hustad, 2021). Therefore, prior to 

developing or testing methods for passive and active 

data collection via smartphones and wearable sensors 
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for HIV prevention, there is need to inform if this is 

implementable in the key HIV risk groups that need 

our focus. The goal of this study is to address this gap 

by exploring the feasibility and acceptability of 

utilizing digital phenotyping among those at risk for 

HIV acquisition presenting to the emergency 

department. Specifically, this study aimed to assess 

feasibility via assessment of smartphone usage and 

acceptability via assessment of attitudes toward 

passive data collection and toward technology.  

2. Methods 

2.1. Participants and procedures 
 

From March to May 2023, N = 85 patients with 

an indication of HIV risk presenting to the emergency 

department completed a quantitative self-report cross-

sectional psychosocial assessment. Participants were 

recruited from two urban academic emergency 

departments (one a quaternary care center and one a 

community emergency department) within the same 

hospital system in Boston, MA. Individuals were 

screened in the emergency department through the 

electronic medical record and were eligible if: a) they 

were 18 years of age or older, b) English speaking, c) 

did not have a documented HIV diagnosis or positive 

HIV test, and d) had a sexually transmitted infection 

(STI) test completed in the past 6-months. The STI test 

criteria was utilized as an indication of HIV risk given 

STI tests are performed post-risk exposure or 

screening for individuals engaging in risk behavior. 

Once confirmed eligible, patients were then 

approached about the study, completed informed 

consent, enrolled, and completed the study survey on 

a tablet using computer assisted self-interviewing 

(CASI) software. Participants were compensated for 

their time and effort. Study procedures were approved 

by the hospital institutional review board. 

  

2.2 Measures and variables 
 

2.2.1 Marginalization. For demographics related to 

marginalization, age, gender, sexual orientation, race, 

and ethnicity were collected. Economic status was 

assessed via a subscale from an adapted version of the 

Scale of Economic Hardship (Farero et al., 2022). 

Specifically, the financial strain subscale consisted of 

2 items on a 5-point frequency Likert scale ranging 

from never (0) to quite often (4). Items were: “How 

often do you think that you will experience bad times 

such as poor housing or not having enough food?” and 

“How often do you expect that you will have to do 

without the basic things you need?”. For analysis, a 

dummy variable was created for economic strain 

(participants reporting “sometimes” or more frequent 

on either item). Frequency of past year drug use, 

another indicator of a marginalized identity, was 

assessed via the validated Single-Item Screening 

Question (SISQ) for drug use (McNeely et al., 2015). 

For analysis, frequency was collapsed into a dummy 

variable for any drug use in the past year.  

 

2.2.2 Feasibility and acceptability. Indicators of 

feasibility and acceptability of digital phenotyping 

were assessed with various measures:  

Feasibility: smartphone usage. Smartphone usage 

was assessed via a 5-item measure developed for an 

ongoing study regarding using wearable sensors for 

HIV prevention. Items related to issues that would 

have implications in developing techniques for digital 

phenotyping leveraging smartphones or wearable 

sensors including ownership, charging behaviors, and 

specific device carrying behaviors (e.g., Where do you 

typically carry your phone?).  

Acceptability: attitudes toward passive data 

collection. The latter half of the above-described scale 

(4 additional items) assessed data privacy concerns 

and behaviors (e.g., How willing are you to share your 

smartphone data with apps/third parties?).  

Acceptability: attitudes toward technology. The 

positive and negative attitudes subscales of the 

validated Media and Technology Usage and Attitudes 

Scale (Rosen et al., 2013) were used. The positive 

attitudes toward technology subscale consisted of 6 

items (e.g., Technology will provide solutions to many 

of our problems), and the negative attitudes subscale 

had 3 items (e.g., New technology makes life more 

complicated). Each statement was rated on a 5-point 

Likert scale ranging from strongly disagree (1) to 

strongly agree (5). A mean score was calculated per 

subscale with higher scores indicating greater positive 

or negative attitudes toward technology.  

 

2.3. Data analysis 
 

All analysis were completed in SAS version 

9.04.01M7. To characterize sample and assess body 

sensor/digital technology acceptability and feasibility, 

descriptive statistics (i.e., measures of central 

tendency and variance) were completed for all study 

variables.  

 

3. Results 

3.1. Participant characteristics 

During the study period, we recruited N=85 

participants who met eligibility criteria. The sample 
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had an overall mean age of 36 (SD=12) ranging from 

20 to 63 years old (Table 1). The sample represented 

various aspects of marginalization and key HIV risk 

groups. Nearly the entire sample was cisgender; 

specifically, 69% were cisgender women, 28% 

cisgender men, and 1% reporting a non-binary gender. 

Almost a quarter of the sample were a sexual minority 

(19%) and majority were BIPOC (60%). Almost a 

third of the sample reported economic strain (31%), 

and nearly half the sample reported past year illicit 

drug use (47%).   

Table 1. Participant Characteristics, N=85 

 M or n (SD or %) 

Age (in years) 36.1  (12.2) 

Gender   

 Cisgender woman 59  (69.4%) 

 Cisgender man 24  (28.2%) 

 Non-binary/genderqueer 1 (1.2%) 

Sexual Orientation   

 Gay 3 (3.5%) 

 Lesbian 1 (1.2%) 

 Bisexual 7 (8.2%) 

 Queer 1  (1.2%) 

 Asexual 2  (2.4%) 

 Androsexual 1  (1.2%) 

 Demisexual 1  (1.2%) 

 Heterosexual 68 (80.0%) 

Sexual Minority 16 (18.8%) 

Race   

 Black 34 (40.0%) 

 Asian 3 (3.5%) 

 White 36 (42.4%) 

 Indigenous  1 (1.2%) 

 Multiracial 5 (5.9%) 

 Different race not listed 5 (5.9%) 

Hispanic/Latinx 15 (17.7%) 

BIPOC 51 (60.0%) 

Economic strain 26 (30.6%) 

Past year illicit drug use  40 (47.1%) 

Notes. BIPOC = Black, Indigenous, and People of 

Color; *dummy variable was created for participants 

reporting sometimes or more frequent on either item 

3.2. Smartphone usage 

Almost the entire sample owned a smartphone 

(98%) with Apple/iOS (77%) and Android (21%) 

operating systems (Table 2). Nearly the entire sample 

charged their phone at least once per day (95%), and 

within that, 45% charged their phone multiple times or 

continuously throughout the day. Of note, 31% 

reported they do not use their phone while they are 

charging it. The majority of the sample reported 

carrying phone directly on person (78%), 20% 

indirectly on person (e.g., in a bag), and 1% not on 

person.  

Table 2. Smartphone usage 

 n (%) 

Owns a smartphone 83 (97.7%) 

Type of smartphone owned   

 Apple/iOS 65 (76.5%) 

 Android 18 (21.2%) 

 Does not own smartphone 2 (2.4%) 

Charging frequency    

 Continuously throughout day 9 (10.6%) 

 Multiple times per day 29 (34.1%) 

 Once per day 43 (50.6%) 

 Once every two days 3 (3.5%) 

 Never 1 (1.2%) 

Use phone while charging?   

 Never 4 (4.7%) 

 Rarely 22 (25.9%) 

 Sometimes 35 (41.2%) 

 Almost always 14 (16.5%) 

 Always 10 (11.8%) 

Where typically carry phone   

 Directly on person 66 (77.6%) 

 Pocket 50 (58.8%) 

 Belt holder 2 (2.4%) 

 In hand 14 (16.5%) 

 Indirectly on person 17 (20.0%) 

 Bag or pouch 17 (20.0%) 

 Not on person  1 (1.2%) 

 Depends on what wearing 1 (1.2%) 

3.3 Attitudes toward passive data collection  

Nearly half the sample were not willing to share 

smartphone data with third parties or applications 

(49%) (Table 3). More than 2/3 of the sample were 

worried about third parties or applications having 

access to their smartphone data, with 48% reporting 

they have taken actions to limit data collected on their 

devices. There was notable prevalence of wanting to 

keep various types of data private including 

accelerometer (28%), phone operation (47%), 

Bluetooth (29%), GPS (60%), gyroscope (24%), time 

and duration of phone calls (59%), power 

status/battery (17%), number/frequency/time of text 

messages (67%), application usage (52%), and Wi-Fi 

usage (26%).  

3.4. Attitudes toward technology 

Participants had an overall mean of 4.1 (SD = 0.6) 

on the positive attitudes toward technology subscale 
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and a mean of 3.3 (SD = 0.9) on the negative attitudes 

subscale.  

Table 3. Attitudes toward passive data 
collection 

 n (%) 

Not willing to share smartphone 

data with apps/third parties 

42 (49.4%) 

   

Worried about apps/third parties 

having access to smartphone data 

65 (76.5%) 

   

Types of data want to keep 

private 

  

 Accelerometer  24 (28.2%) 

 General operation of phone 40 (47.1%) 

 Bluetooth 25 (29.4%) 

 GPS 51 (60.0%) 

 Gyroscope  20 (23.5%) 

 Phone calls (time/duration) 50 (58.8%) 

 Power status (battery life) 14 (16.5%) 

 Text messages  

(number, frequency, and time) 

57 (67.1%) 

 Application usage 44 (51.8%) 

 Wi-Fi usage 22 (25.9%) 

   

Take actions to limit data 

collected  

41 (48.2%) 

 

4. Discussion  

The current study is among the first to explore the 

potential feasibility and acceptability of digital 

phenotyping among marginalized groups with 

ongoing HIV epidemics. The study also defines key 

individual operating characteristics that may govern 

the collection of smartphone data, a ubiquitous way to 

collect personalized, passive digital data from 

individuals. Such technologies may be an alternative 

HIV prevention approach needed to address the 

complexity of HIV risk among key populations (i.e., 

BIPOC individuals, transgender women, men who 

have sex with men, and persons using drugs). 

Preliminary findings support the feasibility of using 

smartphones for digital phenotyping (and potentially 

other devices/sensors) but indicated barriers to 

acceptability that should be addressed during adoption 

of technologies in HIV prevention.  

We demonstrated that the prevalence of 

smartphone ownership among emergency department 

patients with HIV risk is high and reflective of other 

emergency department populations (Ranney et al., 

2012). Nearly the entire sample owned a smartphone 

indicating that regardless of marginalization, 

individuals have access to a device that may be used 

for continuous passive data collection, as a data 

receiver for wearable sensors, or the means to deliver 

mHealth. Further, almost all participants kept their 

phone charged and carried it on person, suggesting that 

these devices are accessible and may be leveraged to 

assess individual and environmental contexts that 

impact health behaviors and deliver real-time 

interventions in response. In other words, results 

preliminary demonstrate feasibility of digital 

phenotyping with smartphones that may extend to 

other wearable sensors.  

This study additionally demonstrates key 

boundary conditions and acceptability concerns that 

may relate to the development of digital phenotyping 

and mHealth that leverage smartphones or similar 

wearable sensors. Smartphone-based methods have 

been shown to be acceptable among emergency 

department patients for follow-up care (Ranney et al., 

2012; Ranney & Suffoletto, 2014) and previous work 

has indicated willingness for individuals to share 

smartphone location data to detect acute health needs 

(Dulin & Gonzalez, 2017; Liss et al., 2018). However, 

more consideration is needed for those with 

overlapping marginalization and HIV risk. 

Participants indicated hesitancy in allowing access to 

smartphone data, although we did not ask participants 

for data access specifically related to health behavior 

change. Smartphone-linked data that participants were 

most hesitant to share included GPS and metadata 

surrounding text and phone calls. This suggests that 

other surrogates of health behavior may need to rely 

on more acceptable forms of smartphone data like 

accelerometry power and duty cycling or network 

connectivity. Further, although participants reported 

positive attitudes about technology, they also reported 

having negative attitudes about technology in tandem. 

Findings indicate a need to not solely focus on 

increasing positive attitudes toward technologies to 

ensure successful implementation of technology-

assisted HIV prevention, but to directly address 

acceptability concerns.  

Careful consideration of protecting privacy and 

security of more sensitive data may need to be 

explored if such intimate and personalized data is to be 

leveraged to understand patterns of health related and 

stigmatized behaviors. Digital phenotyping in key 

groups with HIV risk should therefore consider the 

historical and current discriminations experienced by 

marginalized populations in health research and digital 

criminalization (Jefferson, 2020; Robards et al., 2018). 

Ethical considerations should be priority when 

designing, testing, and implementing such 

technologies among groups at high risk for their data 

to be used against them. Breslin et al. (2019), outline 
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specific research ethics considerations for mobile 

sensing device use by marginalized populations that 

are important to attend to. Such considerations cover 

topics of data storage and access, discreteness of 

device, informed consent of all data collected, 

autonomy over data, and technology partner data 

policies. Further, inclusion of stakeholder groups that 

include patients who may use these technologies may 

improve the acceptability of smartphone phenotyping. 

In other words, digital technology interventions need 

to be informed, developed, and implemented with the 

communities they are meant for. The Hybrid 

Framework (Zhang et al., 2022) provides guidance on 

developing behavioral intervention technologies to 

promote healthcare utilization among socially 

marginalized populations. A key feature of the 

framework is the consideration of both individual-

level factors (e.g., medical mistrust) and system-level 

factors (e.g., confidentiality) to address the 

multifaceted nature of implementing new technologies 

among groups historically discriminated against.  

Although the current study provides novel 

insights into acceptability of smartphone data 

collection among individuals with HIV risk, there are 

key limitations. The study was restricted to English 

speakers and does not include all key HIV risk groups 

(e.g., transgender women); results thus may not fully 

represent the population of interest. Our study was also 

completed in a major metropolitan area; smartphone 

ownership and baseline use characteristics may vary 

based on geographic region. The study utilized a proxy 

for HIV risk, a documented recent STI test, and does 

not precisely represent one’s HIV risk. Further, self-

report data may be subject to social desirability bias, 

although study procedures aimed to mitigate this by 

using CASI and providing privacy. Measures did not 

specifically assess attitudes about different types of 

body sensors, but rather used smartphones as a proxy 

for all; future research should expand on current 

findings. Finally, we did not specifically ask about 

collecting smartphone data with respect to measuring 

health behavior change specifically. 

Despite the limitations, this exploratory study 

provides important information. For the populations at 

highest risk for HIV and highest risk for not 

connecting to and not benefiting from extant 

prevention services, alternative methods for HIV 

prevention are needed. Thus, for individuals from key 

HIV risk groups presenting to the emergency 

department, utilization of smartphone or other 

wearable sensors for digital phenotyping and mHealth 

intervention delivery could provide innovative 

methods for HIV prevention. However, as 

demonstrated in the current study, although feasible, 

acceptability of such methods are questionable.  

Continued engagement with end user communities, 

clear communication of intent of developed systems, 

and thoughtful data collection in marginalized 

populations may increase acceptability and utilization 

of such systems. Technology-assisted HIV risk 

assessment and intervention needs to be designed with 

the target community and address key ethical 

considerations. 

5. References  

 

Arigo, D., Jake-Schoffman, D. E., Wolin, K., Beckjord, E., 

Hekler, E. B., & Pagoto, S. L. (2019). The history 

and future of digital health in the field of 

behavioral medicine. Journal of Behavioral 

Medicine, 42(1), 67-83. 

https://doi.org/10.1007/s10865-018-9966-z  

 

Baah, F. O., Teitelman, A. M., & Riegel, B. (2019). 

Marginalization: Conceptualizing patient 

vulnerabilities in the framework of social 

determinants of health—An integrative review. 

Nursing Inquiry, 26(1), e12268. 

https://doi.org/10.1111/nin.12268  

 

Babel, R. A., Wang, P., Alessi, E. J., Raymond, H. F., & 

Wei, C. (2021). Stigma, HIV Risk, and Access to 

HIV Prevention and Treatment Services Among 

Men Who have Sex with Men (MSM) in the 

United States: A Scoping Review. AIDS and 

Behavior, 25(11), 3574-3604. 

https://doi.org/10.1007/s10461-021-03262-4  

 

Biancarelli, D. L., Biello, K. B., Childs, E., Drainoni, M., 

Salhaney, P., Edeza, A., Mimiaga, M. J., Saitz, 

R., & Bazzi, A. R. (2019). Strategies used by 

people who inject drugs to avoid stigma in 

healthcare settings. Drug and Alcohol 

Dependence, 198, 80-86. 

https://doi.org/10.1016/j.drugalcdep.2019.01.037  

 

Bonar, E. E., Whiteside, L. K., Walton, M. A., 

Zimmerman, M. A., Booth, B. M., Blow, F. C., & 

Cunningham, R. (2016). Prevalence and 

correlates of HIV risk among adolescents and 

young adults reporting drug use: Data from an 

urban emergency department in the United 

States. Journal of HIV/AIDS & Social Services, 

15(1), 3-28. 

https://doi.org/10.1080/15381501.2013.775685  

 

Breslin, S., Shareck, M., & Fuller, D. (2019). Research 

ethics for mobile sensing device use by 

vulnerable populations. Social Science & 

Medicine, 232, 50-57. 

https://doi.org/https://doi.org/10.1016/j.socscime

d.2019.04.035  

 

Page 3197

https://doi.org/10.1007/s10865-018-9966-z
https://doi.org/10.1111/nin.12268
https://doi.org/10.1007/s10461-021-03262-4
https://doi.org/10.1016/j.drugalcdep.2019.01.037
https://doi.org/10.1080/15381501.2013.775685
https://doi.org/https:/doi.org/10.1016/j.socscimed.2019.04.035
https://doi.org/https:/doi.org/10.1016/j.socscimed.2019.04.035


Carreiro, S., Chai, P. R., Carey, J., Lai, J., Smelson, D., & 

Boyer, E. W. (2018). mHealth for the Detection 

and Intervention in Adolescent and Young Adult 

Substance Use Disorder. Current Addiction 

Reports, 5(2), 110-119. 

https://doi.org/10.1007/s40429-018-0192-0  

 

Centers for Disease Control and Prevention [CDC]. 

(2021a). Diagnoses of HIV Infection in the 

United States and Dependent Areas 2020 (HIV 

Surveillance Special Report, Issue. 

https://www.cdc.gov/hiv/library/reports/hiv-

surveillance.html 

 

Centers for Disease Control and Prevention [CDC]. 

(2021b). Estimated HIV Incidence and 

Prevalence in the United States, 2015–2019 (HIV 

Surveillance Special Report, Issue. 

https://www.cdc.gov/hiv/library/reports/hiv-

surveillance.html 

 

Clouse, K., Noholoza, S., Madwayi, S., Mrubata, M., 

Camlin, C. S., Myer, L., & Phillips, T. K. (2023). 

The Implementation of a GPS-Based Location-

Tracking Smartphone App in South Africa to 

Improve Engagement in HIV Care: Randomized 

Controlled Trial. JMIR mHealth and uHealth, 11, 

e44945. https://doi.org/10.2196/44945  

 

Dulin, P. L., & Gonzalez, V. M. (2017). Smartphone-based, 

momentary intervention for alcohol cravings 

amongst individuals with an alcohol use disorder. 

Psychology of Addictive Behaviors, 31(5), 601-

607. https://doi.org/10.1037/adb0000292  

 

Farero, A., Sullivan, C. M., López-Zerón, G., Bowles, R. 

P., Sprecher, M., Chiaramonte, D., & Engleton, J. 

(2022). Development and validation of the 

housing instability scale. Journal of Social 

Distress and Homelessness, 1-10. 

https://doi.org/10.1080/10530789.2022.2127852  

 

Goodman, G. R., Vaz, C., Albrechta, H., Boyer, E. W., 

Mayer, K. H., O’Cleirigh, C., & Chai, P. R. 

(2022). Ingestible electronic sensors for 

monitoring real-time adherence to HIV pre-

exposure prophylaxis and antiretroviral therapy. 

Current HIV/AIDS Reports, 19(5), 433-445. 

https://doi.org/10.1007/s11904-022-00625-x  

 

Grulich, A. E., & Bavinton, B. R. (2022). Scaling up 

preexposure prophylaxis to maximize HIV 

prevention impact. Current Opinion in HIV and 

AIDS, 17(4). 

https://doi.org/10.1097/COH.0000000000000739  

 

 

 

 

 

Gullapalli, B. T., Natarajan, A., Angarita, G. A., Malison, 

R. T., Ganesan, D., & Rahman, T. (2019). On-

body sensing of cocaine craving, euphoria and 

drug-seeking behavior using cardiac and 

respiratory signals. Proc. ACM Interact. Mob. 

Wearable Ubiquitous Technol., 3(2), Article 46. 

https://doi.org/10.1145/3328917  

 

Harmon, J., Kelley, M. M. G., Heath, S. L., Ross-Davis, K. 

L., & Walter, L. A. (2021). Characteristics of 

HIV seroconverters identified in an emergency 

department HIV screening program. AIDS 

Patient Care and STDs, 35(7), 255-262. 

https://doi.org/10.1089/apc.2021.0031  

 

Jackson, C. L., Agénor, M., Johnson, D. A., Austin, S. B., 

& Kawachi, I. (2016). Sexual orientation identity 

disparities in health behaviors, outcomes, and 

services use among men and women in the 

United States: a cross-sectional study. BMC 

Public Health, 16(1), 807. 

https://doi.org/10.1186/s12889-016-3467-1  

 

Jefferson, B. (2020). Digitize and punish: Racial 

criminalization in the digital age. University of 

Minnesota Press.  

 

Kachen, A., & Pharr, J. R. (2020). Health care access and 

utilization by transgender populations: A United 

States transgender survey study. Transgender 

Health, 5(3), 141-148. 

https://doi.org/10.1089/trgh.2020.0017  

 

Kang, H. S., & Exworthy, M. (2022). Wearing the future—

Wearables to empower users to take greater 

responsibility for their health and care: Scoping 

review. JMIR mHealth and uHealth, 10(7), 

e35684. https://doi.org/10.2196/35684  

 

Lewer, D., Freer, J., King, E., Larney, S., Degenhardt, L., 

Tweed, E. J., Hope, V. D., Harris, M., Millar, T., 

Hayward, A., Ciccarone, D., & Morley, K. I. 

(2020). Frequency of health-care utilization by 

adults who use illicit drugs: a systematic review 

and meta-analysis. Addiction, 115(6), 1011-1023. 

https://doi.org/10.1111/add.14892  

 

Liss, D. T., Serrano, E., Wakeman, J., Nowicki, C., 

Buchanan, D. R., Cesan, A., & Brown, T. (2018). 

"The doctor needs to know": Acceptability of 

smartphone location tracking for care 

coordination. JMIR mHealth and uHealth, 6(5), 

e112. https://doi.org/10.2196/mhealth.9726  

 

 

 

 

 

 

 

Page 3198

https://doi.org/10.1007/s40429-018-0192-0
https://www.cdc.gov/hiv/library/reports/hiv-surveillance.html
https://www.cdc.gov/hiv/library/reports/hiv-surveillance.html
https://www.cdc.gov/hiv/library/reports/hiv-surveillance.html
https://www.cdc.gov/hiv/library/reports/hiv-surveillance.html
https://doi.org/10.2196/44945
https://doi.org/10.1037/adb0000292
https://doi.org/10.1080/10530789.2022.2127852
https://doi.org/10.1007/s11904-022-00625-x
https://doi.org/10.1097/COH.0000000000000739
https://doi.org/10.1145/3328917
https://doi.org/10.1089/apc.2021.0031
https://doi.org/10.1186/s12889-016-3467-1
https://doi.org/10.1089/trgh.2020.0017
https://doi.org/10.2196/35684
https://doi.org/10.1111/add.14892
https://doi.org/10.2196/mhealth.9726


Matacotta, J. J., Rosales-Perez, F. J., & Carrillo, C. M. 

(2020). HIV preexposure prophylaxis and 

treatment as prevention - Beliefs and access 

barriers in men who have sex with men (MSM) 

and transgender women: A systematic review. 

Journal of Patient-Centered Research and 

Reviews, 7(3), 265-274. 

https://doi.org/10.17294/2330-0698.1737  

 

McNeely, J., Cleland, C. M., Strauss, S. M., Palamar, J. J., 

Rotrosen, J., & Saitz, R. (2015). Validation of 

self-administered single-item screening questions 

(SISQs) for unhealthy alcohol and drug use in 

primary care patients. Journal of General 

Internal Medicine, 30(12), 1757-1764. 

https://doi.org/10.1007/s11606-015-3391-6  

 

Moravek, M. B., Baker, R. M., Marsh, E. E., & Randolph, 

J. F. (2017). Bridging the gap: national utilization 

of emergency services by transgender patients. 

Fertility and Sterility, 108(3), e41. 

https://doi.org/10.1016/j.fertnstert.2017.07.135  

 

Nydegger, L. A., Dickson-Gomez, J., & Ko, T. K. (2021). 

Structural and syndemic barriers to PrEP 

adoption among Black women at high risk for 

HIV: a qualitative exploration. Culture, Health & 

Sexuality, 23(5), 659-673. 

https://doi.org/10.1080/13691058.2020.1720297  

 

Parast, L., Mathews, M., Martino, S., Lehrman, W. G., 

Stark, D., & Elliott, M. N. (2022). Racial/ethnic 

differences in emergency department utilization 

and experience. Journal of General Internal 

Medicine, 37(1), 49-56. 

https://doi.org/10.1007/s11606-021-06738-0  

 

Post, L. A., Vaca, F. E., Biroscak, B. J., Dziura, J., Brandt, 

C., Bernstein, S. L., Taylor, R., Jagminas, L., & 

D'Onofrio, G. (2015). The prevalence and 

characteristics of emergency medicine patient use 

of new media. JMIR mHealth and uHealth, 3(3), 

e72. https://doi.org/10.2196/mhealth.4438  

 

Prakash, J., Chaudhury, S., & Chatterjee, K. (2021). Digital 

phenotyping in psychiatry: When mental health 

goes binary. Industrial Psychiatry Journal, 30(2), 

191-192. https://doi.org/10.4103/ipj.ipj_223_21  

 

Pringle, K., Merchant, R. C., & Clark, M. A. (2013). Is 

self-perceived HIV risk congruent with reported 

HIV risk among traditionally lower HIV risk and 

prevalence adult emergency department patients? 

Implications for HIV testing. AIDS Patient Care 

and STDs, 27(10), 573-584. 

https://doi.org/10.1089/apc.2013.0013  

 

 

 

 

 

Ranney, M. L., Choo, E. K., Wang, Y., Baum, A., Clark, 

M. A., & Mello, M. J. (2012). Emergency 

department patients' preferences for technology-

based behavioral interventions. Annals of 

Emergency Medicine, 60(2), 218-227.e248. 

https://doi.org/10.1016/j.annemergmed.2012.02.0

26  

 

Ranney, M. L., & Suffoletto, B. (2014). Extending our 

reach: use of mHealth to support patients after 

emergency care. Annals of Emergency Medicine, 

63(6), 755-756. 

https://doi.org/10.1016/j.annemergmed.2014.01.0

15  

 

Richardson, L. D., & Norris, M. (2010). Access to Health 

and Health Care: How Race and Ethnicity Matter. 

Mount Sinai Journal of Medicine: A Journal of 

Translational and Personalized Medicine, 77(2), 

166-177. https://doi.org/10.1002/msj.20174  

 

Robards, F., Kang, M., Usherwood, T., & Sanci, L. (2018). 

How marginalized young people access, engage 

with, and navigate health-care systems in the 

digital age: Systematic review. Journal of 

Adolescent Health, 62(4), 365-381. 

https://doi.org/https://doi.org/10.1016/j.jadohealt

h.2017.10.018  

 

Rosen, L. D., Whaling, K., Carrier, L. M., Cheever, N. A., 

& Rokkum, J. (2013). The Media and 

Technology Usage and Attitudes Scale: An 

empirical investigation. Computers in Human 

Behavior, 29(6), 2501-2511. 

https://doi.org/10.1016/j.chb.2013.06.006  

 

Rotheram-Borus, M. J., Swendeman, D., & Chovnick, G. 

(2009). The past, present, and future of HIV 

prevention: integrating behavioral, biomedical, 

and structural intervention strategies for the next 

generation of HIV prevention. Annual Review of 

Clinical Psychology, 5, 143-167. 

https://doi.org/10.1146/annurev.clinpsy.032408.1

53530  

 

Sánchez, J. P., Hailpern, S., Lowe, C., & Calderon, Y. 

(2007). Factors associated with emergency 

department utilization by urban lesbian, gay, and 

bisexual individuals. Journal of Community 

Health, 32(2), 149-156. 

https://doi.org/10.1007/s10900-006-9037-1  

 

Shiau, S., Arpadi, S. M., Yin, M. T., & Martins, S. S. 

(2017). Patterns of drug use and HIV infection 

among adults in a nationally representative 

sample. Addictive Behaviors, 68, 39-44. 

https://doi.org/https://doi.org/10.1016/j.addbeh.2

017.01.015  

 

 

Page 3199

https://doi.org/10.17294/2330-0698.1737
https://doi.org/10.1007/s11606-015-3391-6
https://doi.org/10.1016/j.fertnstert.2017.07.135
https://doi.org/10.1080/13691058.2020.1720297
https://doi.org/10.1007/s11606-021-06738-0
https://doi.org/10.2196/mhealth.4438
https://doi.org/10.4103/ipj.ipj_223_21
https://doi.org/10.1089/apc.2013.0013
https://doi.org/10.1016/j.annemergmed.2012.02.026
https://doi.org/10.1016/j.annemergmed.2012.02.026
https://doi.org/10.1016/j.annemergmed.2014.01.015
https://doi.org/10.1016/j.annemergmed.2014.01.015
https://doi.org/10.1002/msj.20174
https://doi.org/https:/doi.org/10.1016/j.jadohealth.2017.10.018
https://doi.org/https:/doi.org/10.1016/j.jadohealth.2017.10.018
https://doi.org/10.1016/j.chb.2013.06.006
https://doi.org/10.1146/annurev.clinpsy.032408.153530
https://doi.org/10.1146/annurev.clinpsy.032408.153530
https://doi.org/10.1007/s10900-006-9037-1
https://doi.org/https:/doi.org/10.1016/j.addbeh.2017.01.015
https://doi.org/https:/doi.org/10.1016/j.addbeh.2017.01.015


Shoptaw, S., Montgomery, B., Williams, C. T., El-Bassel, 

N., Aramrattana, A., Metsch, L., Metzger, D. S., 

Kuo, I., Bastos, F. I., & Strathdee, S. A. (2013). 

Not just the needle: the state of HIV-prevention 

science among substance users and future 

directions. Journal of Acquired Immune 

Deficiency Syndromes, 63 Suppl 2(0 2), S174-

178. 

https://doi.org/10.1097/QAI.0b013e3182987028  

 

Singer, M., Bulled, N., Ostrach, B., & Mendenhall, E. 

(2017). Syndemics and the biosocial conception 

of health. The Lancet, 389(10072), 941-950. 

https://doi.org/https://doi.org/10.1016/S0140-

6736(17)30003-X  

 

Smith, L. R., Patel, V. V., Tsai, A. C., Mittal, M. L., Quinn, 

K., Earnshaw, V. A., & Poteat, T. (2022). 

Integrating intersectional and syndemic 

frameworks for Ending the US HIV Epidemic. 

American Journal of Public Health, 112(S4), 

S340-S343. 

https://doi.org/10.2105/AJPH.2021.306634  

 

Vassilakopoulou, P., & Hustad, E. (2021). Bridging digital 

divides: A literature review and research agenda 

for information systems research. Information 

Systems Frontiers. 

https://doi.org/10.1007/s10796-020-10096-3  

 

Zhang, C., Przybylek, S., Braksmajer, A., & Liu, Y. (2022). 

An integrated conceptual framework of 

behavioral intervention technologies to promote 

healthcare utilization among socially-

marginalized populations in the United States. 

Journal of Nursing & Patient Care, 3(1), 12-23.  

 

 

Page 3200

https://doi.org/10.1097/QAI.0b013e3182987028
https://doi.org/https:/doi.org/10.1016/S0140-6736(17)30003-X
https://doi.org/https:/doi.org/10.1016/S0140-6736(17)30003-X
https://doi.org/10.2105/AJPH.2021.306634
https://doi.org/10.1007/s10796-020-10096-3

	1. Introduction
	2. Methods
	3.2. Smartphone usage
	Almost the entire sample owned a smartphone (98%) with Apple/iOS (77%) and Android (21%) operating systems (Table 2). Nearly the entire sample charged their phone at least once per day (95%), and within that, 45% charged their phone multiple times or ...
	3.3 Attitudes toward passive data collection
	Nearly half the sample were not willing to share smartphone data with third parties or applications (49%) (Table 3). More than 2/3 of the sample were worried about third parties or applications having access to their smartphone data, with 48% reportin...
	3.4. Attitudes toward technology
	Participants had an overall mean of 4.1 (SD = 0.6) on the positive attitudes toward technology subscale and a mean of 3.3 (SD = 0.9) on the negative attitudes subscale.
	4. Discussion
	5. References

