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Abstract 
Reputation systems for companies to rate each 

other's performance are largely unexplored in 

research and hardly available in practice. However, 

these systems are relevant for prospective buyers to 

find a trustworthy seller. This observation applies 

especially to short-lived business relationships where 

fulfilling the performance promise is subject to a high 

degree of uncertainty. This paper explores the value of 

a reputation system for a business-to-business (B2B) 

context and focuses on three novel solutions for 

designing reputation systems. These solutions include 

selling ratings, conducting ratings as payments, and 

employing a counter-rating mechanism. We interview 

buyers to fathom the added value of these solutions in 

different contexts. Our findings suggest that such a 

system is useful for companies acting in less 

transparent markets and also helps when companies 

already have a good market overview. Depending on 

the market conditions and business context, the 

perceived value of the proposed system varies. 

  

Keywords: Reputation system, business-to-business, 

value for buyers, qualitative research 

1. Introduction  

Business companies lack a solid information 

system to select capable sellers or signal high 

capabilities. Therefore, business reputation systems 

will become highly relevant as an overarching 

decision support system for companies in the B2B 

context as soon as they allow buyers to make more 

informed buying decisions and enable sellers to profile 

with high quality. 

In business-to-consumer (B2C) contexts like 

Amazon.com, these systems provide interested parties 

with information about others' experiences with 

products and services. Transferring reputation systems 

into B2B contexts can, amongst others, provide similar 

benefits, like increasing sales rates or improving 

product quality assessment (Ba & Pavlou, 2002). 

Despite their assumed importance for businesses, very 

little theoretical work exists on designing reputation 

systems for business contexts (Dikow et al., 2015; 

Gutt et al., 2019). This gap also fits the observation of 

a 'digital marketing capability gap' in the industrial 

context (Herhausen et al., 2020), which these systems 

can fill when they work properly (Sampath et al., 

2006; Steward et al., 2018). Reputation systems might 

have value for buying decisions in the B2B context 

and may fundamentally transform business operations 

(e.g., marketing and supplier selection). These 

information systems can potentially withdraw 

information asymmetry between business companies 

(Cai & Zhu, 2016; Thierer et al., 2016). 

However, transferring such systems into B2B 

scenarios is difficult since current systems applied in 

B2C scenarios are still subject to various challenges 

(Jøsang & Goldbeck, 2009). Remarkably, there is a 

lack of incentives for participants to submit ratings; 

they are often biased with unfair ratings, while fake 

ratings remain a huge issue (Ansari & Gupta, 2021; 

Dellarocas, 2003; Fradkin et al., 2018; He et al., 2022; 

Neumann & Gutt, 2019a; Resnick & Zeckhauser, 

2002). On top of that, B2B environments are even 

more complex, showing various peculiarities (Chen et 

al., 2022; Dellarocas, 2003; Zhu, 2002). Existing 

literature has not yet found adequate incentives for 

business parties to submit and share fair, unbiased, and 

honest ratings (Cai & Zhu, 2016; Möhlmann et al., 

2019; Pereira et al., 2019; Ryan, 2017). 

Aiming to encounter these issues, we inspect the 

value of an initial advance to transfer reputation 

systems to business contexts as proposed by 

(Hemmrich, 2023; Hemmrich et al., 2023), building 

mainly on three novel solutions. First, a buyer can 

decide to sell a rating before sharing it. With this 

incentive, buyers are expected to be more interested in 

providing fair and honest ratings in non-competitive 

environments by increasing the profit of selling 

ratings. Second, buyers utilize payments as ratings, 

imbuing the rating with an inherent weight. Third, the 
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system applies a counter-rating mechanism to prevent 

system exploitation of dishonest or unfair buyers. 

In our qualitative study, we explore the value of 

the proposed system in varying business contexts 

through in-depth interviews with buyers in the role of 

business owners and employees. By collecting and 

analyzing their experiences and opinions, we gain 

general knowledge of how buyers assess the value of 

these solutions to design and build business reputation 

systems. Our research question is: "How do buyers in 

B2B contexts assess the value of reputation systems 

based on the proposed ideas?" By qualitatively 

exploring this issue, we aim to provide a first 

understanding of the complex design requirements for 

business reputation systems'. 

Our findings indicate that our examined solutions 

to design reputation systems offer value (total 

perceived value) in different business contexts, 

especially for small-sized buying companies in less 

transparent markets. It may also help larger companies 

in some cases, even though it seems to strongly depend 

on factors like the industry sector, market size, and the 

buying process. To this end, we contribute hypotheses 

about the main criteria and dimensions buyers apply 

when judging the system's value to prepare the ground 

for further empirical work. 

This paper unfolds as follows. Section 2 presents 

the theoretical background and explains the proposed 

solutions. Section 3 describes the research method, 

followed by Section 4, which displays our study's 

results. Section 5 discusses the perceived costs and 

benefits, while section 6 concludes the paper. 

2. Theoretical Background 

2.1. Information Asymmetries in the Buying 

Process 

Information asymmetries exist in business 

transactions when a buyer does not obtain enough 

information about the quality delivered by a seller, 

while the seller knows its quality (Akerlof, 1970). In 

such cases, buyers have limited capabilities to assess 

the quality ex-ante of the transaction and are exposed 

to the risk of being dissatisfied. Information 

asymmetries in decision-making-related business 

transactions cause buyers to be subject to the risk that 

sellers do not deliver a product as expected. This 

problem exists especially in short-term online 

transactions, where low-quality sellers have a low risk 

of being detected for providing bad quality (Sullivan 

& Kim, 2018). To avoid inefficiencies and high 

agency costs for controlling an agent caused by 

information asymmetries, establishing a reputation 

and, thus, trust with reputation systems are proven 

measures to mitigate information asymmetries 

(Jøsang, 2007; Thierer et al., 2016). 

While trust can be understood as one's positive 

expectation of another individual's actions 

(Williamson, 1993), reputation refers to the positive 

experiences of others towards an entity (Bromley, 

2001). Evaluating reputation and trust with the 

definition of value for buyers as applied here, the value 

of these constructs lies primarily in reducing 

information asymmetry to make better buying 

decisions (Dimoka et al., 2012). By collecting, 

distributing, and aggregating feedback in the form of 

ratings, reputation systems provide relatively 

objectified measures for determining the capabilities 

of unknown parties (Resnick & Zeckhauser, 2002). 

Buyers can assess the trustworthiness of sellers and 

forward their experiences to other buyers. Still, current 

reputation systems remain ineffective in solving the 

adverse selection problem, so poor-quality sellers 

prevail in many markets (Bolton et al., 2004; Ghose, 

2009; Hemmrich et al., 2023; Thierer et al., 2016).  

2.2. Value as Construct in the Decision-

Making Process of Buying 

Value is a multilevel construct, and various 

definitions exist. We follow an economic 

interpretation as an "overall assessment of the utility 

of a product based on perceptions of what is received 

and what is given" (Zeithaml, 1988, p. 14). This 

understanding of the study's central construct to assess 

the system is supplemented by Dodds et al. (1991) 

theoretical classification of a total perceived value 

(TPV). It is the outcome of a subjective assessment in 

which the perceived benefits (PB) are compared 

against perceived costs (PC). Taken together, 

perceived value refers to a subjective cost-benefit 

analysis. When PB outweighs PC, TPV is positive, and 

the proposed reputation system is worth using from an 

interviewee's perspective. 

Reputation systems are applied in various 

contexts to incentivize desired behavior. Their primary 

benefit is helping reduce risk and associated 

uncertainty when interacting with strangers (Dimoka 

et al., 2012). Reducing risk is particularly important in 

non-transparent online marketplaces, where buyers 

have little information about sellers, e.g., when they 

are located in different countries (Zhu, 2002). 

Information about past sales lets a buyer expect the 

seller's future quality, decreasing buying uncertainty. 

Buyers are more likely to engage in a business deal if 

they believe sellers to continue to deliver a certain 

quality (Moreno & Terwiesch, 2014). Vice versa, 

buyers refrain from engaging with sellers, who are 

expected to provide insufficient quality. 
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Critical determinants of perceived costs are the 

effort required to use a reputation system and the 

perceived reliability of the system (Wan & Nakayama, 

2014). If buyers expect submitting and retrieving 

ratings to take significant time and resources, they may 

be less likely to use the system (Neumann & Gutt, 

2019b; Nosko & Tadelis, 2015). Equally, when buyers 

feel the reputation system is unreliable and provides 

inaccurate or misleading information, they are less 

likely to use it (Dimoka et al., 2012; Rice, 2012). 

2.3. Proposed Solutions 

The three proposed solutions are part of a venture 

to tackle current issues to transfer reputation systems 

in the business context (Hemmrich et al., 2023). When 

a buyer provides a positive rating and sells it to a 

prospective buyer, it increases the seller's reputation, 

thereby decreasing a buyer's uncertainty about 

engaging with this seller (Figure 1). 

Monetary ratings: Buyers use monetary-based 

ratings to confer ratings an inherent weight and make 

them quantifiable. Therefore, a business transaction is 

divided into two parts. One part is considered the basic 

payment, while the second part manifests the actual 

rating (payment as rating). A monetary payment 

counteracts the inflationary issuance of positive 

ratings since ratings cost the rating buyers money, and 

identities can be selected individually, respective to 

their estimated trustworthiness (Forman et al., 2008). 

When the business transaction relates to a particular 

identity, one can check only submitted ratings from 

this identity (Hemmrich, 2023; Pornpitakpan, 2004). 

Incentives to submit ratings: Buyers can sell 

ratings to interested parties, e.g., other buyers or 

information markets. Hence, a buyer who sells a rating 

is directly incentivized to submit a rating. The 

intention to sell further ratings to (the same) buyers 

adds a sustainable incentive to rate honestly. Taking 

the game-theoretical assumption of an infinite game in 

non-competitive environments, a rating buyer aims to 

provide honest ratings to hold his reputation 

accountable to sell more ratings in the future (Chen et 

al., 2022). Hence, this solution should contribute to 

solving the problem that an incentive to submit ratings 

is set directly from the seller's side, biasing ratings 

(Neumann & Gutt, 2019a). Instead, a potential buyer 

pays other current buyers for rating information and 

thus provides an incentive to generate ratings 

(Hemmrich et al., 2023). 

Rating fairness: Sellers consent to be rated to 

prevent unauthorized buyers from submitting ratings. 

Also, the seller can react and counter-rate a buyer's 

rating when the seller receives a bad rating. Thus, a 

seller can submit a counter-rating (e.g., text rating) on 

how he feels a received bad rating is justified. The 

counter-ratings will become observable once a buyer's 

ratio between good and bad ratings exceeds a certain 

threshold (Ismail et al., 2003). Sellers can check this 

threshold to avoid exploitative buyers. Still, a buyer 

can now and then rate negatively without being 

detected by sellers, staying beneath a certain threshold. 

It can be expected that rational buyers will opt to a) 

stay beneath the threshold to stay in the game and be 

allowed to rate a seller reflecting a trust signal from 

this seller and b) try to generate more ratings and rate 

honestly in non-competitive environments to increase 

profits from sold ratings. On the other hand, a buyer's 

free-shot opportunity (rate negatively) is expected to 

make ratings more (risky and thus) meaningful and 

remedy the problem of reputation inflation (only 

favorable ratings) (Filippas et al., 2018). The seller's 

risk of being negatively rated underscores the value of 

a reputation and confirms potential buyers' trust that 

the system is unbiased (Hemmrich, 2023; Kreps & 

Wilson, 1982; Luhmann, 2017). 

Reputation data can be used as a database to 

compare and evaluate ratings from diverse buyers. 

Sold ratings can be tested, compared among one 

another, and might be rated themselves (e.g., thumbs 

up or down). After having a profound data basis and 

network effects set in, it can be expected to be 

relatively easy to identify malicious raters (Forman et 

al., 2008; Lappas et al., 2016). 

Figure 1. Mechanisms of the proposed reputation system 
(adopted from Hemmrich et al., 2023) 
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3. Research Method 

It is unclear in which scenarios reputation systems 

are valuable. Therefore, it is vital to capture first under 

which circumstances this information system would 

be of value before commencing with its 

implementation (Sonneberg & vom Brocke, 2012). 

We adopt an empirical and explorative approach 

with different industry sectors and company sizes to 

address the proposed research question. This approach 

will help to generate theoretical and conceptual 

assumptions. Qualitative research enables to develop 

in-depth understanding of the particular phenomenon 

of B2B reputation systems. Concretely, it covers eight 

one-person interviews concerning B2B reputation 

systems in our study design. The interviewees have 

varying industrial backgrounds and are recruited 

through personal contact. As the interviews are 

collected during June 2022, this data can be classified 

as cross-sectional (Döring & Bortz, 2016). 

Furthermore, we follow a purposive sampling 

approach in the natural habit of the interviewees 

(Marshall, 1996), who must be procurement experts 

(Table 1). 

Table 1. Overview of the surveyed companies 

Company Industry sector Company size 

Company A Wholesale Very large 

Company B Chemistry Large 

Company C Food Production Large 

Company D Electric 

manufacturer 

Medium 

Company E Health Medium 

Company F Food Retail Small 

Company G Construction Small 

Company H Nutritional 

supplements 

Small 

Regarding the data collection, we conduct semi-

structured, qualitative interviews under the premise of 

openness (Döring & Bortz, 2016; Mayer, 2013). The 

interview questionnaire includes six elements 

containing information and questions about (1) the 

company, esp. the purchasing process; (2) the 

industry, esp. the market participants and overall 

transparency; (3) the concept description (the 

proposed business reputation system); (4) potential 

use cases; (5) the perceived value, and (6) emerging 

critique from buyers and sellers. 

Finally, the interview material is analyzed for 

content paraphrasing, passages summarizing, core 

content synthesizing, and extracting inductive 

categories following Mayring's (2000) qualitative 

content analysis. The identified concepts incorporate 

the company's purchasing process, industry 

characteristics, reputation system usability factors, 

perceived benefits, and perceived costs. 

4. Results  

This study aims to generate insights into how B2B 

buyers assess the value of the proposed reputation 

system, with TPV defined as the ratio of PB and PC 

(Dodds et al., 1991). Here, 'how' refers to the perceived 

value derived from using the proposed reputation 

system and, on the other hand, to the criteria or 

dimensions by which the buyers assess the value of the 

business reputation system. The results are displayed 

in a visual form in Figure 2 below. The aspects are 

listed in descending order of perceived importance 

from the interviewees' perspectives. 

In addition to the dimensions applied when 

assessing TPV, based on PB and PC, results can be 

derived on whether the respondents assign value to a 

Moderating Factors 

Industry-, company-, and buying factors 

• Industry sector and structure 

• Transaction volume and frequency 

• Company properties 

Characterisic of the purchased product 

• Degree of knowledge intensity 

• Complexity 

Design and fuctionality 

• Setting the amount of rating payments 

• Amount of platform users 

• Filter options 

• Supplementary information 

Perceived Benefits (PB) 

Perceived Costs (PC) 

Total Perceived Value (TPV) 

Perceived Benefits 

• Increasing market transparency 

• Reducing buying uncertainty 

• Simplifying information access 

• Generating revenue 

Perceived Costs 

• Monetary costs of ratings 

• Time expenditure 

• Aversion of being self-rated 

• Potential support of competitors 

Figure 2. Study results of perceived benefits, costs, and moderating effects 
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reputation system and the proposed solutions. The 

results are displayed in Table 2. At this point, it needs 

to be underlined that these results refer to those 

transactions related to the company's main products. 

Independently of primary products, we ask every 

buyer to assess the reputation system's value for 

knowledge-intensive services. We assume greater 

value due to a  higher buying uncertainty of such 

services (Lam et al., 2004). Unanimous, all buyers 

surveyed see the system here as clearly valuable. 

Table 2. Value for the reputation system for the 

surveyed companies 

Company Valuable for 

companies' 

main products 

Valuable for 

knowledge-

intensive services 

Company A  No Yes 

Company B Partly Yes 

Company C Yes Yes 

Company D Partly Yes 

Company E Partly Yes 

Company F No Yes 

Company G Yes Yes 

Company H Yes Yes 

Company A is referenced to have its rating system 

and quality-ensuring processes established. Company 

B knows its suppliers well, acting in a market with 

only a few suppliers. However, the interviewee 

recognizes the value of finding suppliers not directly 

related to the company's main product in unknown 

markets. Company C also knows its suppliers well but 

indicated the value of using this system to inform 

about suppliers' current problems and considered it to 

improve their bargaining power. At Company D, most 

distributors are known, but the system seems valuable 

if additional information is provided, e.g., specific 

filter options. For company E, the system would not be 

relevant for all products, only for certain products, if 

quality criteria are met accurately. For company F, 

distributors are either known or easy to test, and the 

system does not provide value for their main products. 

Company G finds the system useful since the market 

is intransparent and sound quality is hard to identify. 

The market is equally intransparent for Company H, 

and the system appears useful for identifying high-

quality providers. 

5. Discussion 

5.1. Perceived Benefits 

Four main determinants substantiate the PB: 

increased market transparency, reduced transaction 

uncertainty, simplified information retrieval 

processes, and the possibility of generating additional 

revenue. Market transparency stood out as the most 

relevant PB, exemplified by the following statement. 

"The less I know about the market and the more 

intransparent the situation, the more valuable the 

reputation system." Company D. 

This statement underlines the reputation system 

has great potential for increasing market transparency 

and reducing transaction uncertainty. Company B 

remarks that market transparency is a prerequisite for 

successful buying operations. All interviewees 

strongly agree that the system increases market 

transparency and see the main benefit in improving or 

gaining new market knowledge. The latter seems 

particularly interesting for new market entrants, as 

bigger companies B, C, and E explicitly articulated. 

These companies know their suppliers well and have a 

good market overview. Smaller buyers, who typically 

have a bad market overview, see the advantage 

primarily in creating market transparency. The 

reputation system might help companies, independent 

of the industry, increase transparency efficiently in 

new markets. Accordingly, we derive the following 

hypothesis. 

𝑯𝟏𝒂: The better the market overview, the more 

the system's benefit lies in gaining knowledge about 

the quality of suppliers in untapped markets. 𝑯𝟏𝒃: 

The weaker the market overview, the more the 

system's benefit lies in gaining knowledge about the 

quality of suppliers in the operating market. 

The benefit seems particularly helpful in crowded 

markets with many different suppliers or highly 

complex markets associated with buying uncertainty. 

Results show that increased transparency is expected 

to decrease purchase uncertainty. The observation also 

supports that a high value is always attributed to the 

reputation system for knowledge-intensive services, 

known for high buying uncertainty (Lam et al., 2004). 

Thus, we expect the system to have a supportive effect 

on buying decisions there.  

Furthermore, Company H emphasized the benefit 

of selecting reliable buyers. 

"In any case, the information is of value [in our 

industry]. Particularly to obtain information about the 

reliability of sellers but also about product 

availabilities." Company H. 

The main criterion for selecting reliable sellers 

depends on the degree of transparency and, thus, on 

transaction uncertainty. Thus, we formulate H2.  

𝑯𝟐: The higher the perceived transaction 

uncertainty, the higher the perceived benefits. 

The second aspect that fundamentally affects 

reputation system usage is the simplified information 

retrieval processes. The respondents see a primary 

benefit of the reputation system when additional 

information on the products is provided, e.g., whether 
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a specific manufacturer or distributor has a particular 

product in their portfolio. A filter function for products 

is desirable, so only those providers are displayed with 

ratings that offer the desired product. 

"I enter what I need, and the system tells me which 

distributors sell it. That would be helpful." Company 

D. 

Based on these considerations, we conclude that 

simplifying the information retrieval process about 

suppliers' reliability and product availabilities is a 

primary source of PB. Here, the tendency is clearly 

towards the more information within the reputation 

system, the better. Considering this finding in the 

discussion about TPV, we derive the subsequent 

hypothesis. 

𝑯𝟑: The more the perceived information 

retrieval is facilitated through the reputation 

system, the higher the perceived benefits. 

This hypothesis results again in the assumption 

that information retrieval is complex in those markets. 

On the other hand, the hypothesis indicates some 

implications regarding the system's functionality and 

design. The buyers evaluate the benefits even better if 

more information is provided. Information about the 

manufacturer's or distributor's product or service and 

product availabilities are particularly interesting here. 

Another central mechanism of the system is the 

possibility of selling the information obtained 

regarding suppliers' quality and reliability. Buyers 

'invest' a certain amount of money executing a positive 

'transaction as rating.' They can subsequently sell this 

same rating to multiple other buyers within the 

reputation system, generating profit. 

"The expenditure of time is only justified if I can 

generate additional profit." Company A. 

This statement allows for the assumption that this 

monetary incentive is, in fact, necessary to induce 

buyers within the system to commit a certain amount 

of time to carry out ratings. This opportunity to 

generate additional revenue constitutes a third 

dimension of PB for buyers when they assess the 

system's value. However, it is striking that, although 

information trading is a central mechanism, it does not 

seem to be too crucial in the respondents' assessments. 

We believe this dynamic may be profoundly different 

when looking at high-competitive markets. Still, H4 

can be formulated as follows. 

𝑯𝟒: The higher the perceived potential for 

generating additional revenue, the higher the 

perceived benefits. 

When conducting the interviews, we observed 

that the buyers were more interested in receiving 

information than giving information. However, we 

consider this mechanism as an incentive for 

participating in the system and submitting ratings and 

thus may be one fundamental factor for the system to 

be used. However, given that this mechanism is 

instead viewed as a prerequisite for the usage, it should 

also be seen as just that and not as a central benefit-

generating aspect like increased transparency (𝐻1), or 

reduced transaction uncertainty (𝐻2). 

We could not identify a common consensus on the 

selling price of ratings, even though there was no 

question that it has an economic value in every market. 

We conclude that the price is primarily affected by the 

product or service. 

5.2. Perceived Costs 

Company A's statement above indicates that time 

costs play a significant role when assessing the 

reputation system's value. The time and effort 

consumed for providing a rating need to be justified. 

This fact leads to the cost dimensions buyers consider 

when evaluating the system's value. For submitting 

ratings, a time investment is required. Time effort is 

seen as PC for the system, for which compensation is 

demanded to justify these PCs. Company E 

acknowledges in this context the existence of time 

costs but evaluates these in a much more relative way 

due to the simplified information-gathering process: 

"It's just a shift in the time spent. You get 

information faster and save time, which you later use 

in the information exchange process. The time 

required would be the same." Company E. 

In any case, the respondents interviewed consider 

time costs to play a significant role in evaluating PC 

and, thus, the TPV. Although the significance for PC 

is assessed differently from our interviewees, 

hypothesis H5 reads as follows: 

𝑯𝟓: The higher the perceived time costs to use 

the system, the higher the perceived costs. 

H5 builds on an aspect originating from the 

reputation system's functionality. That means that 

these time costs accrue independently of the industry. 

It would be helpful to keep the time required to provide 

ratings low, thus keeping the PC for a buyer low while 

increasing the TPV. This aspect also points to how the 

system should be designed regarding functionality and 

features. Providing sophisticated filter options or a 

simplified trading process can consume less time, 

lowering PC and increasing TPV. 

Furthermore, one interviewee questioned how 

much value a rating information is worth. 

"Who is then willing to pay money for this 

information? [...] The information definitely has a 

value, but am I willing to pay the value?" Company F. 

This statement points to another central 

component of PC: the costs of buying a rating. For 

buyers, the price of a good or service is vital for 
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decision-making. The fact that for obtaining ratings, 

an extra fee needs to be paid to get information on a 

seller's reliability on top of the actual price is rated 

critical by some respondents. For company F, e.g., this 

fact is a knockout criterion, even though for its 

industry, it would help massively gather a better 

market overview, and although the mechanism offers 

the possibility even to generate profits in principle. 

Company E characterizes this matter: 

"I think the most challenging part is that you must 

tip first. Difficult – because there's always that risk 

that you won't get it back again." Company E. 

Hence, we conclude that a rating investment 

affects the PC negatively. In the reputation system's 

TPV valuation, this matter is reflected in a reduction 

of TPV as PC increases due to the perceived risk of 

potential monetary losses. Thus, H6 can be derived 

about PC-relevant dimensions and their effect: 

𝐇𝟔.: The higher the perceived risk of not 

getting back the rating investments to perform a 

positive payment rating, the higher the perceived 

costs. 

H6 allows for formulating practice 

recommendations. Since this seems to be a severe 

obstacle to using such a system, we consider it a 

worthwhile research avenue to examine how buyers 

assess the system when a seller offers a discount 

instead of a tip, expected to be compensated by a rating 

buyer. Price discounts and expecting monetary ratings 

can also be used as a trust signal by the seller; for 

instance, the seller offers the product at a lower price, 

considering the monetary rating a withdrawal, not an 

investment. This setting of the reference price 

probably switches the whole dynamic of cost 

perception. 

In addition, some companies argue to avoid using 

such a system because they feared being rated 

inadequately and expressed concerns about helping 

competitors. However, both facets did not appear to 

have a specific cost dimension but referred to an 

unspecific caution. Consequently, no hypotheses were 

formulated in this regard. 

5.2. Moderating Factors 

As moderating factors, we identified industry-, 

company-, and procurement process-dependent 

factors and factors related to the reputation system's 

design and functionality as well as the product's 

characteristics. These factors moderate the interplay of 

PB, PC, and TPV. 

For industry-, company-, and procurement 

process-dependent factors, the industry's role in which 

the company operates is the most relevant moderator. 

The industry refers mainly to the degree of market 

transparency or whether it is a buyer's or a seller's 

market. Company E outlines this as follows: 

"If you need a very specific product that you can 

only get from one manufacturer anyway, a reputation 

system is irrelevant." Company E. 

The above statement shows that the PB derived 

from lowered transaction uncertainty H2 and 

facilitated information retrieval H3 are less critical in 

a seller market context. 

The company itself seems to play a moderating 

role as well. On this, one respondent stated: 

"The bigger the company, the better you know the 

market already. But if I'm a company and I'm very 

local, and now I want to expand and have a local 

footprint, but  don't have a clue [about the market] - 

then of course that [the reputation system] is worth 

gold." Company B. 

Additionally, it was mentioned several times that 

the more long-term oriented the relationship is, the less 

benefit is achieved through the reputation system. 

Such representative statements show that in terms of 

the company's impact, the company size and its quality 

standards relativize the relevance of the level of PB or 

PC. Accordingly: 

𝑴𝟏: H2-H4 lose in strength while H5-H6 are 

intensified (1) when a high bargaining power of 

suppliers characterizes the market; (2) when the 

buyer's company's size or established processes can 

ensure quality standards; or (3) when a long-term 

relationship is desired. 

From this, we can draw practical conclusions. A 

reputation system is particularly of value in markets 

with many suppliers and (small) firms without 

sophisticated quality-ensuring processes and markets 

with one-off or short-term business relationships. 

The characteristics of the purchased product 

primarily refer to the degree of the knowledge 

intensity of the product or service to be purchased. 

This aspect is of major relevance since all eight 

respondents attribute a high value to the reputation 

system in the context of knowledge-intensive services 

such as management consulting or education services. 

The value (TPV) is assessed by weighing the 

hypotheses formulated under H2−6. Due to the nature 

of knowledge-intensive services, e.g., a high number 

of trust properties of the promised service, the PBs are 

perceived as more and PCs less relevant. Therefore, 

we found proof in all interviews, whereby we gained 

the impression that the PB was even higher for small 

companies. The following representative statements 

underpin our impression: 

"If you need a management consultancy [...], then 

it is of great value if you have the right one and if there 

are people who can evaluate that [...]. This 

information is worth a lot." Company G. 
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 "I would definitely be willing to pay [for reliable 

information]. These investments [educational 

courses] make you think twice or even three times." 

Company F. 

Accordingly, we define M2 and conclude that 

reputation systems may be of particular interest for 

knowledge-intensive services. 

𝑴𝟐: 𝐇𝟐−𝟒 are intensified, and 𝐇𝟓,𝟔 are 

mitigated for knowledge-intensive services, leading 

to a very high PB in this context. 

Also, factors for the design and functionality of the 

reputation system were mentioned, and the 

respondents have stated several aspects, either 

intensifying or weakening PB and PC in reputation 

system usage. Those mainly refer to preferences 

regarding the information price setting approach, 

additional value through, e.g., supplementary product 

information, filter options, or the platform's reach. 

Several implications in this context can be derived 

from these eight interviews. For example: 

"I need to judge the validity of the other buyers' 

statements. It would be important that they identify 

themselves with what they do, i.e., how long have they 

been with the company, what function do they have 

[…]?" Company D. 

𝑴𝟑: 𝐇𝟐−𝟒 are intensified, and 𝐇𝟓,𝟔 are 

mitigated if the reputation system's functionality, 

features, and design meet potential users' demands. 

In sum, TPV is positive when the PB outweighs 

the PC. The mediating factors can heavily influence 

the coinage of PB and PC and play a decisive role in 

determining whether a reputation system is of value to 

a company. The proposed solutions seem to positively 

and negatively affect the TPV for buyers. The idea of 

selling ratings was perceived as something positive, 

monetary ratings appeared neutral, and counter-

evaluations tended to be seen as unfavorable by the 

interviewees. However, in the interviewees, it cannot 

be pinned down to a specific aspect. There seems to be 

a general aversion to being rated by sellers. We 

interpret this result as a positive sign that a buyer 

would try to stay beneath a threshold to avoid ratings 

becoming visible to other sellers. 

6. Conclusion 

Reputation systems seem to be a valuable tool for 

promoting trust and cooperation in several business 

contexts. The study aimed to determine how buyers 

assess reputation systems' value in B2B contexts 

against three newly proposed solutions to design 

business reputation systems. These solutions include 

selling ratings, conducting ratings as payments, and 

using counter-ratings. We interviewed informants 

from eight companies representing different industries 

and sizes, receiving manifold insights into various 

business contexts. In our initial setting, we explored 

the added value of these solutions for reputation 

systems in these business contexts and collected 

insights on perceived benefits (PB) and perceived 

costs (PC) to assess the total perceived value (TPV). 

Our findings suggest that such a system is useful 

for companies acting in less transparent markets and 

also helps in some situations when companies already 

have a broad market overview. We exploratively 

identified value and cost dimensions, as well as 

moderating factors. All need to be examined in more 

detail to understand better their role in the value 

assessment of business reputation systems. The 

perceived value of the investigated reputation system 

varies depending on the market conditions and the 

business context. Unequivocally, all buyers find the 

system valuable for assessing the quality of 

knowledge-intensive services. We take this as 

confirmation of our assumption that the value of such 

systems increases the higher the buying uncertainty is. 

As the interviewed buyers indicate, the three solutions 

seem promising for designing a new class of 

reputation systems – business reputation systems. This 

system class might have a profound economic impact 

if they are put into use and work. 

Our insights help structure the most significant 

value drivers in varying contexts helping researchers 

better understand the dynamics of business reputation 

systems, and contribute to the knowledge base on how 

reputation systems need to be designed in terms of 

functionality and features to increase the value for 

buyers. Due to the relatively small sample size, this 

study is limited in grasping the full complexity of 

every business context, leaving some business aspects 

untouched. 

Reputation systems for B2B contexts will likely 

become a hot topic in future information systems 

research, leaving plenty of room for further research 

questions, including design and business management 

aspects. Further research should aim to improve the 

system design and examine designing business 

reputation systems with the lens of real-world 

applicability. Furthermore, we encourage future 

research to investigate the value of such systems for 

sellers and the applicability and usefulness of the 

proposed design solutions in more specific business 

scenarios. Other research perspectives might 

complement our initial lens on business reputation 

systems by studying potential implications on decision 

behavior, humans, companies, procurement, 

negotiation, marketing, (lemon) markets, economics, 

or others. 
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