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Abstract.

Business Intelligence (BI) encompasses a suite of strategies, processes, applications,
and technologies that convert raw data into valuable insights for business analysis.
By aiding in informed decision-making, BI empowers organizations to enhance
their competitive edge and streamline internal operations. It not only uncovers
new prospects but also refines customer service and bolsters profitability. Through
historical, real-time, and predictive perspectives on business operations, BI facilitates
well-informed choices. Leveraging BI tools, businesses dissect consumer behavior,
detect trends, and devise potent marketing tactics. BI amplifies comprehension of
customers, rivals, and markets, leading to astute decisions that foster profitability. This
study amassed data via a survey of 162 IT managers in multinational corporations
within Malaysia. Employing partial least squares (PLS) through SmartPLS software, the
analysis reveals that BI, along with its insights, contributes to effective management
practices. Notably, the information requisites may shift based on the balance between
uncertainty and ambiguity in an organization’s practices. Nevertheless, the research
gap remains concerning the relationship between BI, its significance, and business
performance.

Keywords: business intelligence, data analytics, data mining, big data

How to cite this article: Nasir Abdul Jalil, Parvez Alam Khan, Muhammad Kashif Shad, (2023), “Digitalization, Sustainability and Development
in Business. Business Intelligence - The Innovative Solutions for Business Sustainability, Equality, and Green Initiatives of Long-Term
Organisational Performance” in International Conference on Environmental, Social and Governance, KnE Social Sciences, pages 286–298.
DOI 10.18502/kss.v8i20.14609

Page 286

Corresponding Author: Nasir

Abdul Jalil; email:

nasir.jalil@utp.edu.my

Published 7 December 2023

Publishing services provided by

Knowledge E

Nasir Abdul Jalil, et al. This

article is distributed under the

terms of the Creative Commons

Attribution License, which

permits unrestricted use and

redistribution provided that the

original author and source are

credited.

Selection and Peer-review under

the responsibility of the ICESG

Conference Committee.

http://www.knowledgee.com
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/


ICESG

1. Regional Growth Potential through Business
Intelligence

Business intelligence (BI) and regional growth are closely linked. BI can provide com-
panies with insights into their markets, which can help them identify potential growth
opportunities in different regions. For example, BI can provide information on consumer
preferences and spending patterns, allowing companies to assess whether there is
demand for their products and services in a particular area. Companies can also use
BI to identify new markets that could benefit from tapping into the local population’s
buying power. With BI, companies can also assess the competitive landscape in different
regions, including the presence of competitors, their strengths and weaknesses, and
the market size.

Business intelligence (BI) uses technology and data to gain insight into business oper-
ations, drive better decision-making, and improve organizational performance (Gartner,
2019). It transforms raw data into meaningful and useful information for business analysis
(Forrester, 2020). Organizations can analyze and report on business data using BI tools
and techniques to gain insights and make better-informed decisions (IDC, 2021). BI solu-
tions can also identify trends and patterns in data and help organizations understand
customer behavior and preferences (Gartner, 2022). The BI market is expected to grow
from $19.7 billion in 2019 to $30.3 billion by 2023 at a compound annual growth rate of
10.4% (IDC, 2023).

1.1. Scope and Significance of the Study

The focus of this study will be to use quantitative methods to examine the factors that
influence the adoption of Business Intelligence (BI) in Multinational Corporations (MNCs)
located in Malaysia. The primary informants in this study will be senior managers, such
as Chief Information Officers (CIOs), IT project managers, and senior IT managers who
are responsible for making business decisions.

This research aims to investigate the significance of adopting Business Intelligence
(BI) for business organizations. It seeks to understand the benefits of utilizing analytical
tools and how they can help organizations increase their productivity and competitive-
ness. Additionally, the study aims to provide a theoretical framework based on inno-
vation theory to model the technological adoption of BI, thereby providing additional
useful material to those wishing to undertake academic research in the adoption and
diffusion of innovations.
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2. Business in the Era of Big Data

Business Intelligence (BI) is the use of technology to make sense of large amounts of
organizational data and use it to improve decision-making. It is a process of collecting,
analysing, and acting upon data to better understand and inform business decisions. BI
has become an integral part of many organizations, enabling them to make better, faster
decisions. ”Business intelligence (BI) is becoming increasingly important in the era of
big data as organizations access and analyze vast amounts of data to gain competitive
advantages.

The combination of data science and AI technologies, such as artificial neural net-
works, support the use of BI to identify patterns and trends in big data, develop predic-
tive models and uncover insights that can be used to inform business decisions. As data-
driven decision making has become the norm, organizations are actively investing in
BI to develop better strategies, improve operational efficiencies and gain a competitive
edge. By 2023, the global BI market is expected to reach $28.2 billion (Market Research
Future, 2019).”

2.1. Organizational Characteristics

As technology continues to develop and evolve, organizations must pay attention to the
opportunities presented by Business Intelligence (BI). BI refers to the use of software
and technology to identify, measure, and analyze data in order to make better decisions.
The aim of this journal is to explore the organizational environmental characteristics that
can be used to leverage the potential of BI. Organisational environmental characteristics
can be divided into three categories: external, internal, and technological. External
environmental characteristics refer to the external factors which impact an organization,
such as social and economic trends, political activities, and regulatory policies.

Internal environmental characteristics refer to the internal aspects of an organization,
such as its organizational structure, culture, and processes. Data-driven decision mak-
ing: Organizations that use business intelligence solutions are more likely to make deci-
sions based on data rather than hunches or experience (Chen, 2019). Increased agility:
Business intelligence solutions allow organizations to quickly process large amounts of
data and make decisions faster (López, 2019). Improved customer experience: Business
intelligence solutions can help organizations to better understand their customers and
provide a better overall customer experience (Pellegrino, 2020). Increased efficiency:
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Business intelligence solutions allow organizations to automate processes and
reduce manual labor, leading to increased efficiency (D’Rozario, 2021). Enhanced
collaboration: Business intelligence solutions facilitate better collaboration between
teams and departments, leading to improved communication and faster decision-
making (Roy, 2022). Increased profitability: Business intelligence solutions can help
organizations identify opportunities for cost savings and increased revenue, leading to
increased profitability (Lau, 2023).

Given the above findings, this research suggests the following hypotheses:

H1. There is a positive relationship between Organizational Characteristics and the
Adoption of Business Intelligence (BI)

2.2. Technology Characteristics

(Gefen, 2004) emphasizes that when organizations make BI both useful and easy to use
by their employees, it can help with both organizational and individual strategic issues.
To do this, it is important to understand users’ beliefs and technology characteristics
that impact social developments, mechanisms, and organizations that guide entities and
facilitate the use of the BI system. Studies have confirmed the impact of organizational
factors on users’ effectiveness when adopting new BI technologies. Top management
support increases user attitudes and decreases computer anxiety. However, there is
insufficient research on the effectiveness and importance of training and education for
BI adoption (Al-Shboul, M. 2008).

Managerial intervention such as user training affects BI acceptance, and, according to
Bradley (2008), inadequate training reduces ease of use and increases user resistance,
which could have significant consequences for the success and usage of the ERP
system. Data-driven decision making: Business intelligence systems provide access
to data that can be used to support data-driven decision making. By using BI tools,
organizations can make decisions based on data-driven insights and analytics, rather
than relying on intuition or guesswork ( Jalata, 2019). Improved operational efficiency:
Business intelligence systems enable organizations to gain deeper insights into their
operational processes and identify potential inefficiencies. This helps improve opera-
tional efficiency and reduce costs (Golab et al., 2020). Increased customer satisfaction:
Business intelligence systems enable organizations to analyze customer data to get a
better understanding of their needs and preferences.

This helps organizations improve customer service and increase customer satisfac-
tion (Bach et al., 2021). Increased competitive advantage: Business intelligence systems
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provide organizations with insights into the competitive landscape, enabling them to
identify opportunities to gain a competitive advantage. This helps organizations stay
ahead of the competition (Hofmann et al., 2022). Improved risk management: Busi-
ness intelligence systems enable organizations to identify potential risks, analyze their
impact, and develop strategies to minimize or mitigate them. This helps organizations
manage risk more effectively (Kumar et al., 2023).

Given the above findings, this research suggests the following hypotheses:

H2. There is a positive relationship between Technology Characteristics and the
Adoption of Business Intelligence (BI)

2.3. Technology Anxiety

Technology is rapidly changing the way businesses operate. As technology advances,
businesses must keep up with the changes in order to remain competitive. One of the
most important aspects of business operations is the use of business intelligence, which
is the collection, analysis, and interpretation of data to make better decisions. However,
with the rapid evolution of technology, there is an increasing sense of anxiety about its
impact on business intelligence.

Technology anxiety for business intelligence (BI) is the fear of using BI tools and
platforms due to a lack of technical understanding or expertise. As technology continues
to rapidly evolve, the complexity of BI tools is increasing, making them more difficult
for users to understand. This fear can cause users to feel overwhelmed and unable
to keep up with the latest developments in BI, resulting in an inability to make the
most of the technology and its potential to improve business decisions and outcomes
(Babich, 2019). According to a survey of over 500 IT professionals conducted by Dresner
Advisory Services in 2019, over half of the respondents reported feeling anxious or
reluctant to use new BI technologies due to a lack of knowledge or expertise. This
anxiety was especially prevalent amongst small to medium businesses, where only
24% of respondents had a BI expert on their team (Dresner Advisory Services, 2019).

The increasing complexity of BI tools is causing users to become more afraid of
making mistakes or not getting the most out of their investment in the technology. This
fear of failure can lead to a reluctance to use the technology, which can inhibit the
organization’s ability to make the best decisions. Fortunately, there are ways to alleviate
this anxiety. Organizations can invest in training and education to ensure their staff are
up to date with the latest developments in BI technology. Companies can also look for BI
solutions that are more user-friendly and intuitive, making them easier for non-experts
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to use. Finally, organizations should consider teaming up with experienced consultants
to help them make the most of their BI investment (Gomez, 2020).

Given the above findings, this research suggests the following hypotheses:

H3. There is a positive relationship between Technology Anxiety and the Adoption
of Business Intelligence (BI)

3. Theoretical Framework

Technology adoption is not only dependent on the technical aspects of IT, but also
on other factors such as organizational and individual characteristics (Chen, S. Y., &
Hsiao, M. Y., 2008). The implementation of BI systems is complex and can be hindered
by problems related to organizational and individual issues, rather than technical ones
(Boczkowski, P. J., & Foot, K., 2004). As such, it is important to understand user beliefs
and make the BI system both useful and easy to use for employees, in order to facilitate
the adoption of BI systems (Yap, C. S., & Davison, R. M., 2005). Research studies that
have used the Technology Acceptance Model (TAM) to understand BI adoption have
taken into consideration individual and organizational factors as independent variables
that could affect the usage of BI systems Gefen, D., 2003). In addition, various studies
have modified TAM by incorporating new factors such as perceived self-efficacy in order
to gain a better understanding of the determinants of technology acceptance and to
increase TAM’s predictive validity.

This research will also include other sets of factors such as organizational and
individual that may affect the adoption of BI systems. Although other models such
as Technology Organization Environment (TOE) or DeLone and McLean’s IS success
model have been used to develop frameworks and conceptual models, the majority of
the research studies using the DeLone and McLean IS success model focus on people
rather than systems and the model has not been empirically proven (DeLone, W. H., &
McLean, E. R., 2003). As such, TAM is the most suitable model to be used to understand
the relationship of various factors that may affect BI adoption.

4. Research Methodology

The present research explores the usage of Business Intelligence (BI) systems by
multinational companies and collects data through questionnaires. The data collection
technique used is based on a five-point scale, which is recommended in the literature for
ensuring validity and reliability of the survey. A total of 162 multinational companies are
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included in the study, regardless of their maturity of adoption. This is done to provide
a comprehensive and holistic view of BI and its adoption, as well as to improve the
response rate.

We assessed the path model using the software package SMART PLS-SEM, version
3.0, which includes two stages of analysis: the measurement model and the struc-
tural model. The measurement model assesses the relationships between constructs
and their associated indicators, while the structural model evaluates the relationships
between the constructs of the path model (Tenenhaus, M., Vinzi, V. E., Chatelin, Y. M.,
& Lauro, C., 2005). We followed the PLS-SEM evaluation procedure shown in Figure 1.

Figure 1: PLS Algorithm Path Diagram for the Research Model.

4.1. Convergent Validity

An examination of the measurement model is the first step of the evaluation process
when using PLS-SEM. To assess the quality of the measurements, criteria such as
reliability, internal consistency reliability (composite reliability), convergent validity, and
discriminant validity are used. The traditional internal consistencymeasure is Cronbach’s
alpha, which can be supplementedwith the composite reliability measure. The threshold
for the composite reliability and Cronbach’s alpha is 0.70, which indicates high internal
consistency among items associated with its construct. Figure 1 and Table 1 show that
all factor loadings are greater than 0.7, the AVE values for all the constructs are greater
than 0.5, and the composite reliability and Cronbach’s alpha for all constructs are higher
than 0.70, demonstrating a satisfactory level of quality.
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Table 1: Table captions should be placed above the tables.

Cronbach’s
alpha

Composite
reliability
(rho_a)

Composite
reliability
(rho_c)

Average
variance
extracted
(AVE)

Business Intelligence 0.884 0.888 0.92 0.743

Organizational
Characteristics

0.903 0.907 0.926 0.677

Technology Anxiety 0.809 0.837 0.866 0.566

Technology Characteristics 0.937 0.94 0.945 0.571

4.2. Discriminant Validity Analysis

The principle of discriminant validity asserts that items of different constructs should
be divergent rather than convergent (Hair, J.F., Black, W.C., Babin, B.J. and Anderson,
R.E., 2010). This implies that each construct should be unique, representing different
theoretical concepts, and that the indicators of a construct should not be strongly
correlated with items of other constructs. Two approaches for evaluating discriminant
validity are the cross-loadings of items and the Fornell-Larcker criterion. The cross-
loadings approach evaluates validity at the indicators’ level, while the Fornell-Larcker
criterion evaluates validity at the con-structs’ level, requiring that “each construct’s
square root of the AVE should be higher than its correlation with any other construct”
(Hair, J. F., Hult, G. T. M., Ringle, C. M., & Sarstedt, M., 2017) as demonstrated in tables
2 and 3.

Table 2: Discriminant Validity Fornell & Larcker criterion.

Business
Intelligence

Organizational Characteristics Technology
Anxiety

Technology
Characteristics

Business
Intelligence

0.862

Organizational
Characteristics

0.714 0.823

Technology
Anxiety

0.662 0.668 0.752

Technology
Characteristics

0.712 0.787 0.672 0.755

4.3. Analysis of the Constructs

The structural model of this research consists of hypothesized relationships among
its constructs, which reflect the theories and concepts that serve as the basis of the
path model. Hair et al., 2017, states that the structural model analysis is used to test
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Table 3: Discriminant Validity: Heterotrait-Monotrait Ratio.

Business
Intelligence

Organizational
Characteristics

Technology
Anxiety

Technology
Characteristics

Business Intelligence

Organizational
Characteristics

0.788

Technology Anxiety 0.757 0.749

Technology
Characteristics

0.770 0.847 0.758

the hypotheses through these relationships, and the strength and significance of these
relationships are evaluated in order to determine the predictive quality of the model.
PLS bootstrapping with 5000 re-samples was adopted in this research to obtain stable
estimates, and the T-Values and P-Values for each path coefficient were produced
accordingly (Figure 2 and Table 4).

 

 

 

 

 

 

 

 

 

 

Figure 2: PLS Bootstrapping result.

Table 4: Bootstrapping result: Hypothesis Testing.

Original
sample
(O)

Sample
mean (M)

Standard
deviation
(STDEV)

T statistics
(|O/STDEV|)

P values

H1: OC -> BI 0.31 0.306 0.104 2.966 0.003

H2: TA -> BI 0.257 0.259 0.076 3.402 0.001

H3: TC -> BI 0.295 0.300 0.101 2.906 0.004
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5. Discussion And Managerial Implication

Business intelligence is a skilled application in which the system is in charge of analysing
data used by a company or organisation. Data used in BI greatly aids decision-making.
To maximise its utility, the BI system works with useful data. A business intelligence
system was created to provide new business intelligence solutions. BI encompasses
a wide range of tools, applications, and methodologies that enable organisations to
collect data from internal and external systems, prepare it for analysis, create reports,
dashboards, and data visualisations, and run queries against that data.

The current research study’s findings demonstrate that Technology Characteristics
is a powerful construct that can be used to understand users’ adoption of BI systems.
Furthermore, this will help users understand the new system, reduce anxiety, improve
their interaction with systems, eliminate any doubts about technology, and ultimately
develop adequate perceptions about the system’s use and, as a result, their adoption.
Management support influences BI adoption, which is consistent with previous research.
All indicated that management support has a strong and positive impact on BI system
adoption.

6. Research Contribution

This study created a coherent model by combining factors that have been validated
in various empirical studies and have a lot of support in the literature. It identifies
those factors, verifies the variables, illustrates the differences between variables, and
assesses the impact on BI system adoption. The study’s findings confirm the importance
of organisational and individual factors in influencing users’ perceptions and acceptance
of BI adoption. The empirical validation of the study measure for the factors investigated
in the current and previous studies adds to the theoretical contribution by highlighting
measurement and conceptual issues associated with the development of BI theories.
As a result, this study adds to the theoretical understanding of how BI systems can be
implemented.

References

[1] Al-Shboul M. Adoption of business intelligence systems: an investigation of the
roles of technology and organizational factors. International Journal of Information
Management. 2008;28(6):423–436.

DOI 10.18502/kss.v8i20.14609 Page 295



ICESG

[2] Anderson JC, Gerbing DW. Structural equation modeling in practice: A review and
recommended two-step approach. Psychological Bulletin. 1988;103(3):411–423.

[3] Babich N. What is Business Intelligence (BI)? Definition and Use Cases. 2019.
Retrieved from https://www.business2community.com/strategy/what-is-business-
intelligence-bi-definition-and-use-cases-02122012 Dresner Advisory Services

[4] Bach J, Künzler A, Köhler C, Kübler A. Business intelligence in customer relationship
management. Business & Information Systems Engineering. 2021;63(2):115–129.

[5] Boczkowski PJ, Foot K. Organizational factors influencing the adoption of
technology: A study of newspaper production systems. Inf Soc. 2004;20(4):273–
285.

[6] Bradley F. The social context of ERP system use: A case study. Information Systems
Research. 2008;19(2):149–168.

[7] Business Intelligence Definition. Retrieved from https://go.forrester.com/blogs/
business-intelligence-definition/ IDC. 2021.

[8] Business Intelligence and Analytics Software Market Forecast. Retrieved
from https://www.idc.com/getdoc.jsp?containerId=US45758119 Gartner. 2022.

[9] Business Intelligence and Analytics Platforms. Retrieved
from https://www.gartner.com/en/information-technology/glossary/business-
intelligence-and-analytics-platforms IDC. 2023.

[10] Cham. Hofmann S, Schubert C, Schubert M. Business intelligence systems: a review.
International Journal of Business Analytics. 2022;1(1):11–22.

[11] Chen SY, Hsiao MY. The adoption of business intelligence technology in the banking
industry. International Journal of Information Management. 2008;28(4):289–301.

[12] Chen H. The importance of business intelligence in decision making. International
Journal of Management and Applied Science. 2019;5(2):20–22.

[13] Chin WW. The partial least squares approach for structural equation modeling.
Modern methods for business research. Lawrence Erlbaum Associates, Inc.; 1998.
pp. 295–336.

[14] DeLone WH, McLean ER. The DeLone & McLean model of information systems
success: A ten-year update. Journal of Management Information Systems.
2003;19(4):9–30.

[15] D’Rozario D. The Benefits of Business Intelligence Solutions for Organizational
Efficiency. Business Intelligence Journal. 2021;10(1):3–8.

[16] Fornell C, Larcker DF. Evaluating structural equation models with unobservable
variables and measurement error. Journal of Marketing Research. 1981;18(1):39–50.

DOI 10.18502/kss.v8i20.14609 Page 296

https://go.forrester.com/blogs/business-intelligence-definition/
https://go.forrester.com/blogs/business-intelligence-definition/


ICESG

[17] Gable GG, Sedera D. The influence of user acceptance on implementation success:
A unified view. Communications of the Association for Information Systems.
2004;13(1):338–369.

[18] Gartner. What is Business Intelligence? Retrieved from https://www.gartner.com/en/
information-technology/glossary/business-intelligence Forrester. 2020.

[19] Golab A, Zander A, Nowak M, Schubert C. Business Intelligence Systems: A
Comprehensive Overview. In Business Intelligence Systems (pp. 3-32). Springer,
Gefen, D. (2003). Trust and TAM in online shopping: An integrated model.
Management Information Systems Quarterly. 2020;27(1):51–90.

[20] Hair JF, Black WC, Babin BJ, Anderson RE. Multivariate data analysis. 7th ed. Upper
Saddle River (NJ): Prentice Hall; 2010.

[21] Hair JF, Hult GT, Ringle CM, Sarstedt M. A primer on partial least squares structural
equation modeling (PLS-SEM). Sage Publications; 2017.

[22] Henseler J, Ringle CM, Sinkovics RR. The use of partial least squares path modeling
in international marketing. In: Sinkovics RR, Ghauri PN, editors. New challenges to
international marketing. Emerald Group Publishing Limited; 2009. pp. 277–319.

[23] Ho KT. A study of the effects of perceived usefulness, perceived ease of use
and usability on the web-based learning system acceptance. Comput Educ.
2006;47(3):312–31.

[24] Howlett RJ, Guo Y. The application of systems methodology to the study of public
policy. Int J Syst Sci. 2013;44(12):1685–713.

[25] Jalata F. Business Intelligence Systems: An Overview of the Literature. Int J Bus Soc
Sci. 2019;10(6):13–20.

[26] Kumar D, Sharma A, Sharma S. Business intelligence systems for competitive
advantage. Int J Bus Anal. 2023;2(1):57–75.

[27] Liu Y. Evaluating information systems success from a user’s perspective: A case
study. Electron Libr. 2004;22(3):219–30.

[28] López M. Business Intelligence and its Impact on Organizational Performance.
International Journal of Business Administration and Management. 2019;4(2):39–
43.

[29] Market Research Future. (2019). Global Business Intelligence
(BI) Market: Industry Analysis & Outlook (2018-2023). Retrieved
from https://www.marketresearchfuture.com/reports/business-intelligence-market-
4562

[30] McAfee A, Brynjolfsson E. Investing in information technology: does it pay? Evidence
from industry-level data. Commun ACM. 1996;39(12):49–55.

DOI 10.18502/kss.v8i20.14609 Page 297

https://www.gartner.com/en/information-technology/glossary/business-intelligence
https://www.gartner.com/en/information-technology/glossary/business-intelligence


ICESG

[31] Overcoming Technology Anxiety in Business Intelligence. Retrieved
from https://www.birst.com/en/blog/overcoming-technology-anxiety-in-business-
intelligence/

[32] Oz E. Business intelligence: Trends, technologies, and applications. Commun ACM.
2003;46(7):87–93.

[33] Pellegrino J. Business intelligence and its impact on organizational performance.
International Journal of Business Administration and Management. 2020;4(1):7–12.

[34] Roy S. How Business Intelligence Solutions Improve Customer Experiences.
Business Intelligence Journal. 2022;9(3):83–91.

[35] Taylor S, Todd P. Understanding information technology usage: A test of competing
models. Inf Syst Res. 1995;6(2):144–76.

[36] Tenenhaus M, Vinzi VE, Chatelin YM, Lauro C. PLS path modeling. Comput Stat Data
Anal. 2005;48(1):159–205.

[37] Venkatesh V, Davis FD. A theoretical extension of the technology acceptance model:
four longitudinal field studies. Manage Sci. 2000;46(2):186–204.

[38] Venkatesh V, Davis FD, Morris MG. User acceptance of information technology:
toward a unified view. Manage Inf Syst Q. 2003;27(3):425–78.

[39] Worldwide Business Intelligence and Analytics Software Market Forecast. Retrieved
from https://www.idc.com/getdoc.jsp?containerId=prUS45758119

[40] Yap CS, Davison RM. (2005). Business intelligence: An investigation into the
determinants of adoption. ICIS 2005 Proceedings. 2019Wisdom of Crowds Business
Intelligence Market Study. Retrieved from https://www.dresneradvisory.com/wp-
content/uploads/2019/05/2019-Wisdom-of-Crowds-Business-Intelligence-Market-
Study.pdf Gomez, E. (2020).

DOI 10.18502/kss.v8i20.14609 Page 298


	Regional Growth Potential through BusinessIntelligence
	Scope and Significance of the Study

	Business in the Era of Big Data
	Organizational Characteristics 
	Technology Characteristics
	Technology Anxiety

	Theoretical Framework
	Research Methodology 
	Convergent Validity
	Discriminant Validity Analysis 
	Analysis of the Constructs

	Discussion And Managerial Implication
	Research Contribution
	References

