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Due to the rapid evolution of wireless communications technology, radio spectrum
is rapidly becoming one of the most precious resources on our planet. Spectrum
scarcity is considered as a significant challenge for future wireless communication
systems. According to the recent studies, the allocated radio spectrum is not effi-
ciently exploited together with the increasing demand for high data rate wireless
services. Based on this, cognitive radio (CR) has been proposed to cope with both
the under-utilization and scarcity of the radio spectrum. The main purpose of CR
is to permit the secondary users (SUs), unlicensed users, to share the radio spec-
trum of the primary users (PUs), licensed users, which enhances the utilization of
the radio spectrum. On the other hand, the performance of the PUs should not

be affected by the interference caused by the SUs. Thus, the interference must
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not exceed a predetermined threshold.

The aim of this thesis is to analyze the capacity of underlay cognitive radio net-
works in terms of two relevant performance metrics, namely the outage probability
and the ergodic capacity over generalized-K composite fading channels for three
particular scenarios for CR systems. The first scenario considers a single PU with
two SUs in which both average and peak received power constraints are taken
into account. Closed-form expressions for the two performance metrics, the er-
godic capacity and the outage probability, are derived. To gain more insights, two
interesting cases for different shadowing scenarios are studied in details. In the
second part of this thesis, the performance of CR networks is examined under the
peak power constraints for multiple primary users where closed-form expressions
for both the heavy and moderate shadowing scenarios are derived. In addition,
the effect of the number of PUs on the performance metrics is revealed. In the
final part of this thesis, the capacity of underlay cognitive multihop relaying is in-
vestigated over generalized-K fading channels. In doing so, we derive upper bound
expression for both the ergodic capacity and the lower bound expression for outage
probability of the SU. Using both expressions, new insights in the performance of
the cognitive multihop amplify-and-forward (AF) relaying are revealed. Finally,
for all parts in this thesis, the derived expressions and the obtained results are

verified by Monte-Carlo simulations.

Xvi



da g haY) Ladla

al3A 3 sen 2ala a)

Skl 5 35 ol 58 e Al Cun e TS W) o)l SN ol Al sl ) gl
) Al e Aaig) el

2016 ssamsd f

aa 5 5 500l Cilall ual Lo Gl pus Sl VLTl L ol 55 8 gyl shatl) ) )5k
YLty ekl Lgga 55 ) lpaaill aal (e (5 5000 1 Cadall 5 )0 i LS oS 3 ) sl el (e
llall Lalias dle 36U (5 sl ) Cadall JMlaiu) ade @lligh Aaall el Hall 1 55 KL
A 50 1 Sl ) 8] 5 aa bl 85 de e Jame 334 ) Jie ASLO cleaddl e 2yl il
pe g sl cadall 3y JSLae e el (Cognitive Radio Networks) 4sSiay)
oo e ) Cpeadiiall mlandl (bl o s SN 38 Jaad dpuluat) 3 Sl 4l JiaY) JDlaauy)
ped pad pall (S il pe deall Gl AS Ly (5 gl Yl bl e A da s aladiuly agl
o gl dalall Hlate (58 o g SN a1 readiially ) ) aae da sy Lealadial
AW A gl Sl et 13g) a5 sl o Y Tias 32350 da Gaa G i) (aediinal

AalEtial g Aalad) coYlaany) Aalaiy 5 5uS daeal ol

Al Cua e AS Y Al Gl el Aud e s da g kY sl e caagll
g9 ow Lol Gl e (Outage Probability) akdll 4dlis) 5 (Ergodic Capacity)
B e da kY s & Jaall 3 385 (Generalized-K Composite Fading Channels)
Opeddise g2l g ol axiive e Calliy J Y1 g sl AS) 5000 4 g0l 1) Uil bl gy 5l
Ay G o sl axiiudl e gl Jalall g Skl OMA e Jateall 5 Jus el Laa 5B
foa (ML) &3 8y oyl Jilaill ke B Lie Y1 Cpm Laadal i A8 258 e (e i
Oe e e clly i | 0 gl ) Al Ll g lald) 138 3 clSoall Gl ooy Ay e
DA e el A e Jiisall s Jusall Gl Cpeddiue () ALVl Guala) (peddiudl)
L (e 2SE 5 34 ) ol BlELE) &3 388 | g jlid) 138 8 Ol ool e o) 5 Jallal)
Aladiul jae A8 W) Ay 00 I i) olal Jidad g Al 50 Cadi A g kY133 (e Y 6 Sall b
aall @ld Ay uall dapall g dandl e aall culd 4y jual) dapall (BlELE) &5 28 3a2eil) s Al
CIE el s s Glaglae e RIS guall B3 aladiuly & adadll Adladay 2
a3 g Lo 5Dl 5 Jallaall (e SUSY Jaliall il g saxeiall cdla AN Cld A1 50y 4 gl L

XVii



a5 i elly I Adlal 205l (e el AB8AN il g adaad) il (e SIS maia gig any Lyl
da kYB3 bl g Ll asead dauiSall i) o A3 A sl fall pien daia (ge S
A gulal) 3SLaall o IS i ga ddadd 5

xviii



CHAPTER 1

INTRODUCTION

1.1 Introduction

Recently, there has been witnessed a dramatic development of wireless commu-
nication technologies which has led to more scarcity of spectrum resources. In
order to utilize the available spectrum efficiently, spectrum usage strategies were
extensively investigated by researchers to overcome the issue of spectrum scarcity.
Cognitive radio (CR) was proposed as one of the candidate schemes to cope with
the issue of spectrum deficiency|6].

CR networks can be defined as intelligent wireless networks which can adapt
to their environment, so they can dynamically regulate their parameters such as
frequencies, waveforms, and protocols to efficiently access the shared spectrum
band. In CR networks, the users are classified into primary users (PUs) and
secondary users (SUs). The PUs are the licensed users and they have priority

in utilizing the specific spectrum band. However, the SUs are allowed, using a



certain protocol, to share the spectrum with the PUs [7].

The capacity of CR networks has received attention as the main metric which
is utilized to quantify the performance of the CR networks. In wireless chan-
nels, the radio wave propagation is experienced by many factors like small-scale
fading (multipath) and large-scale fading (shadowing). For the multipath fad-
ing, the channel is described by various models based on the radio propagation
environment such as the Rayleigh model for non-line-of-sight (NLOS) channels,
the Nakagami or Rician models for LOS channels, and the Lognormal or Gamma
models for shadowing. However, wireless channels might be jointly affected by
both multipath and shadowing. This phenomenon can be seen in some scenarios
such as the congested urban areas with slow mobility and for geographically dis-
tributed receivers. Thus, the generalized-K composite fading model was proposed
to model this phenomenon [§]. The aim of this thesis is to investigate and analyze
both outage probability and ergodic capacity of an underlay CR networks under
received-power constraints over generalized-K composite fading channels. In this
thesis, closed-form expressions for both the outage probability and the ergodic
capacity of an underlay CR are derived for different scenarios. The thesis con-
sists of three different frameworks of CR settings: CR with single PU, CR with
multiple PUs, and CR with multihop relaying. Furthermore, the results are com-
pared with unshadowed Rayleigh channels and the analytical results are verified

by Mont-Carlo simulations for different fading scenarios.



1.2 Thesis Motivation

In this section, we discuss the main motivations that lead to this thesis work and
how they are important to the area of research in CR networks.

Over the last few decades, wireless communication services have been rapidly
growing that has produced considerable changes in several aspects of our life.
As a result, wireless communications have become an essential part of mankind
life throughout the world. Despite many wireless systems have been successfully
used such as satellite systems, television broadcasting, mobile cellular systems,
and wireless local area networks, various challenges have been risen for wireless
communication systems. The efficient use of the inadequate frequency resources
(spectrum scarcity) is considered as one of the crucial challenges in wireless com-
munications. The evolution of new wireless applications, as well as the increasing
demands on higher data rates of different wireless communication services, have
driven to a significant lack of radio frequency bands. However, allocated spectrum
bands are not well used. On the report of Federal Communications Commission
(FCC) [9], the specified frequency bands are not utilized efficiently. Thus, spec-
trum scarcity is a very important issue in current and future wireless networks.
Cognitive radio (CR) was proposed in [6] as a candidate scheme that has been
put forward as a promising technology for future wireless communication.

The performance of an underlay cognitive systems is of a great interest to
present insights on designing modern wireless communication networks. As can

be seen from the open literature, the capacity of CR networks was extensively



discussed and evaluated by researchers over several fading channel models under
different received power constraints. However, the capacity of the SU can be
increased by taking the advantages of the fading effect between the SU transmitter
(SU-Tx) and the PU receiver (PU-Rx). Furthermore, recently, the generalized-K
composite fading model received interest as a tractable model used to analyze the
capacity of the CR networks.

Motivated by the considerable importance of analyzing CR capacity over fad-
ing channels, in this thesis, three different scenarios of cognitive systems are pre-
sented. In the first scenario, the capacity of the cognitive radio networks is studied
for single PU over generalized-K composite fading channels for both peak and av-
erage power constraints . In the second scenario, the same analysis is applied with
multiple PUs. Finally, the performance analysis is investigated and evaluated for

the cognitive multihop relaying scheme.



1.3 Thesis Contributions

The main contributions of this thesis work are briefly discussed in this section .

e The capacity of an underlay cognitive radio networks is studied over
generalized-K composite multipath fading and shadowing channels while
taking the peak and average power constraints into account where closed-
form expressions are derived for both the outage probability and the ergodic
capacity of the SU. The obtained results reveal new details on the joint effect
of shadowing and the multipath fading on the capacity of the SU where the
increase of the ergodic capacity and degradation of the outage probability
are demonstrated and quantified. To gain more insights, two tractable and
relevant composite fading scenarios, Rayleigh multipath fading with heavy

and moderate shadowing are analyzed in details.

e The performance metrics of CR networks are examined under the peak
power constraints with multiple PUs over two interesting scenarios, namely
Rayleigh multipath fading channels with both heavy and moderate shadow-
ing. To do so, the cumulative distribution function (CDF) and the prob-
ability density function (PDF) are derived. In particular, closed-form ex-
pressions are derived for both performance metrics for two interesting cases.
More importantly, the obtained results reveal and quantify the effect of
shadowing on performance of CR networks for different numbers of the mul-
tiple PUs. Moreover, the effect of the number of PU on the performance of

CR networks is discussed. Furthermore, in order to evaluate the obtained



results, Mont-Carlo simulations are unitized to confirm the analytical ex-

pressions.

Whereas the CR capacity has been well studied in the open literature, to the
best of our knowledge, none of the previous work has investigated the ergodic
capacity and outage probability for underlay CR networks in amplify-and-
forward (AF) multihop relaying over independent and nonidentical distri-
bution (i.n.d.) generalized-K shadowed multipath fading channels. In this
thesis, we analyze both of these performance metrics to gain more insight
into the combined effects of shadowing and multipath fading on the perfor-
mance of the underlay CR networks. To do so, the PDF of end-to-end SNR
is derived for this scenario. In this respect, the PDF expression is utilized
to derive lower and upper bound expressions for both the outage proba-
bility and ergodic capacity, respectively. Interestingly, the obtained results
provide interesting details on the joint effect of shadowing and multipath
fading on the capacity of the SU in relay-assisted underlay CR networks.
Furthermore, the analytical results are verified by Mont-Carlo simulations
for different fading scenarios. For comparison purposes, the exact results
using simulations are utilized to compare with the upper and lower bound

results.



1.4 Thesis Organization

The purpose of this thesis is to analyze the performance of underlay CR
networks over generalized-K composite fading channels. This thesis is pre-
pared as the following; Chapter Two presents the background of cognitive
radio networks, fading channels, channel capacity, and the generalized-K
composite fading model considered in this thesis. The chapter also presents
a literature review related to the capacity of CR networks over fading chan-
nels. Chapter Three presents the first scenario considered in this thesis.
This chapter provides a comprehensive analysis of underlay cognitive net-
works with single PU in terms of the ergodic capacity and the outage prob-
ability. Chapter Four shows the second scenario studied in the thesis. In
this chapter, the CR capacity analysis with multiple PUs is investigated.
Chapter Five presents the third system model analyzed in this work. In this
chapter, multihop cognitive relaying is analyzed for both ergodic capacity
and outage probability. In addition, the upper bound PDF of end-to-end
SNR is derived. Furthermore, tight formulas are derived for the performance
metrics. Finally, Chapter Six concludes the thesis work by highlighting the
main contributions and conclusions of the thesis. It also proposes future
work on the relaying and multiple-input and multiple-output (MIMO) CR

networks.



CHAPTER 2

BACKGROUND AND

LITERATURE REVIEW

2.1 Background

In this section, the background of topics related to the thesis work is dis-
cussed. The scarcity of spectrum resources problem is investigated and
CR networks are discussed in details. In addition, channel capacity is in-
troduced. Moreover, fading channels are explored as the main problem in
wireless communication systems. Furthermore, the generalized-K composite
fading channel is described in details as the main channel model used in this

work. Finally, a brief literature review is introduced.



2.1.1 Scarcity of Spectrum Resources

The increasing demand for high data rate multimedia applications and ser-
vices has motivated researching spectrum efficient schemes that allow op-
timal utilization of the allocated electromagnetic spectrum. According to
the Federal Communications Commission (FCC) [9], the assigned frequency
bands are not efficiently utilized. Spectrum scarcity is a very important
issue in current and future wireless networks. Furthermore, the use of the
spectrum is regulated, hence, a lot of services and applications can be used

in specific spectrum band without interference. However, there is no more
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Figure 2.1: Spectrum usage [2].

available spectrum for the fast growth of wireless communications services
[7]. In addition, a lot of studies showed that the spectrum is not utilized
effectively as shown in Fig. 2.1. A study was made in Chicago, 2005 to
measure the spectrum utilization for two days measurements period. The
results illustrated that about 17.4% of the allocated spectrum was only used
[10]. Moreover, another study was done in 2009 to measure the utilization

of the licensed spectrum radio bands from 0.1 GHz up to 3 GHz [1] as shown



Table 2.1: Spectrum utilization [1]

System Frequency [MHz] Utilization [%)]
TETRA 380—385/390—395 37.5
CDMA 1 410.2—412.8/420.2—422.8 50.7
CDMA 2 451.5—455.54/461.5—465.54 47.2
TV 470—-862 20.4
E-GSM 888—915/933—-960 51.9
GSM 1800 1710—1785/1805—1880 21.8
UMTS TDD 1920—1980/2110—2170 3.8
ISM 2400— 2483.5 1.0

in Table 2.1. The study concluded that the total radio spectrum utilization

is lower than 6.96%.

These studies concluded that an advanced technology should be used to
utilize the spectrum efficiently. As a result, CR network was proposed as

one of the candidate schemes to cope with this issue [6].

2.1.2 Cognitive Radio Networks

The CR networks are of great interest for current and future wireless com-
munications. They have been put forward as a promising technology for
future wireless communication. Furthermore, CR networks have the ability
to gather information about their surrounding environment, such as power,
frequency, bandwidth, modulation, etc. Thus, they can reconfigure their
parameters depending on interaction with their surrounding where they op-

erate.

10



Cognitive Radio Characteristics

In CR schemes, the three main characteristics are reconfigurability, sensing,

and learning and adaptability.

— Reconfigurability: the capability to adapt the operating parameters
of the CR such as frequency, access method, modulation, etc., in real

time to the variations of the radio environment [7].

— Sensing: the capability to detect the signals of the PU to find the
spectrum holes and to measure interference from the surrounding en-
vironment. Sensing is very important to the CR network because the
change in the operating parameters depends on the given information
of the radio environment. There are many techniques that are used
in the spectrum sensing like maximum eigenvalue technique, matched
filter sensing, energy sensing, and cyclostationary sensing techniques.
Furthermore, hybrid techniques which consist of the above methods are

used to increase the performance of the detection [2].

— Learning and adaptability: the capability to recognize and analyze
the given data to modify the operational parameters of the CR network

according to the prior data [5].

CR Network Paradigms

The CR networks are classified into three paradigms [3]: underlay, inter-
weave and overlay CR networks.

11



— Underlay CR: The underlay paradigm comprises techniques that per-
mit communication of the SUs at the same time when the PUs are
transmitting their signals too, taking in account that the amount of
the interference caused by SUs is known as shown in 2.3 a. As a re-
sult, the power constraints are applied on SU-Tx to guarantee that
the amount of the interference created by SU does not harm the PU.
Spread spectrum techniques are used in this method, so the transmit-
ted power by SU is spread over a large band of spectrum. In this
part of the spectrum, the transmitted signals by SU is considered as a
noise for the PU. Moreover, ultra wide band (UWB) can be employed
in this approach. The UWB technology is particularly convenient for
underlay spectrum sharing due to the spread of the SU’s signal over a
wide bandwidth. In both techniques, the transmitted signal of the SU
should be below the interference threshold that the PU can tolerate. In
the underlay spectrum sharing, the control of the transmitted power of
the SU is much important than the detection of the PU to ensure that
the amount of interference created by SU on the PU is less than a defi-
nite threshold. For this paradigm, the channel state information (CSI)
of the interference channel between the SU-Tx and PU-Rx should be

perfect for the SU [2].

— Interweave CR: The original idea for CR [6] was based on the inter-

weave paradigm. It is an intelligent CR network that regularly mon-
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itors the radio spectrum, effectively detects the spectrum holes, and
then SUs can access to the spectrum as shown in 2.3 b. In doing
so, sensing techniques are utilized to detect the existence of the PUs.
Moreover, the frequency division multiplexing (FDM) technique is em-
ployed in this type. Furthermore, orthogonal (OFDM) is also used
in interweave CR because the subcarrier transmission is provided by
OFDM to transmit only the signal of the SU when the PU is absent

[5].

Overlay CR: In overlay paradigms, the SU-Tx has knowledge of the
PUs codebooks as well as its messages. In this respect, the cognitive
radio utilizes advanced coding and signal processing to enhance the
quality of service (QoS) of PUs where the SUs act as relays for the

PUs [3].

Power [ Primary User
wm Secondary User

LT

N

Time

Frequency

(a) Underlay.

Power @1 Primary User

NN

wm Secondary User

Frequency

(b) Interweave.

Figure 2.2: Spectrum sharing paradigms [3].
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In this thesis, the underlay CR scheme is used because it is more simple than
overlay and interweave schemes. Moreover, it efficiently uses the spectrum

compared with the other schemes.

Cognitive Radio Network Architecture

As the technology of CR is developed, SUs who are not the licensed users can
temporally use the unoccupied spectrum band owned by PUs. Thereby, the
components of the CR network architecture comprise both secondary and
primary networks as illustrated in Fig. 2.3. Moreover, the primary network
is the licensed network that has a license to operate in a specific frequency
band. In addition, it is composed of a set of PUs with an infrastructure.
Moreover, the PUs are controlled by the primary base station (BS). On the
contrary, the CR network is the secondary network that consists of a set of
SUs with/without an infrastructure. Moreover, the CR base stations can be

used to control the SUs [4].

As illustrated in Fig. 2.3, CR operates in two spectrum bands: licensed and
unlicensed spectrum bands. The SUs have three various access methods
which are a primary network, CR ad hoc access and CR network. The CR
network access means that the SUs can connect to the CR BS by using
unlicensed and licensed frequency bands. Moreover, SUs can establish a
connection by using the ad hoc network. Furthermore, the primary network

access can be used by SUs to access to the primary BS by using the licensed
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Figure 2.3: Architecture of cognitive radio network [4].

band [4].

Cognitive Radio Networks Applications

The key applications of the CR networks are the interoperability and the
dynamic spectrum access (DSA) as shown in Fig. 2.4. CR schemes allow
radios operating in various standards and protocols to establish communi-
cations among each other. This is called the interoperability. For instance,
a CR scheme can establish a communication between several radio systems
with different standards, protocols and carrier frequencies such as military

and public safety networks. Due to the ability of CR network to reconfigure
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its parameters to communicate with different communication systems em-
ployed in the field. Moreover, CR network is able to transmit in unoccupied

radio spectrum whereas the licensed user is not affect by the interference;

that is known as the DSA [5].

(% » N —
& et B
?—
H Spectrum
((‘(f “}} - Access

- &-*i,Z % :Spettruml'(:le"' = e

Interoperability Dynamic spectrum access

Figure 2.4: Cognitive radio applications [5].

Cognitive Radio Networks Challenges

The CR networks are used to cope with the issue of the spectrum scarcity
but this benefit is gained at the expense of producing extra interference
to the PUs. However, in the case of underlay CR networks , power con-
straints are applied to protect the PUs from the interference. In addition,
for interweave CR network, the obtained information from the surrounding
radio environment should be highly accurate to observe and detect the spec-
trum space. Furthermore, the sensing and learning processes are complex

to implement.
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2.1.3 Fading Channels

There are many characteristics that describe the fading channels in wireless
communication systems. First of all, the envelope and phase fluctuation is
one of the main characteristics of the fading channel. As a result of fading,
the received signal changes in envelope and phase over the time duration.
For non-coherent receivers, the phase fluctuation doses not affect the system
performance while it causes harm effects on the coherent receivers. More-
over, envelope fluctuation is very important for both systems [8]. Second,
fast and slow fading depict the behavior of the channel according to the
coherent time and the Doppler rate. Coherent time is defined as the time
duration over which the received signals have a strong correlation while
Doppler effects take place due to the fact that the receiver and the trans-
mitting source are in motion relative to each other. Therefore, when the
symbol duration of the signal is smaller than the coherence time, the fading
is called slow fading; otherwise, it is called fast fading. Third, fading can
be classified into frequency-selective fading and non-frequency-selective fad-
ing or flat fading. This classification depends on the coherence bandwidth
which is defined as the range of frequency when two components of the fre-
quency are highly correlated. In other words, if the transmitted bandwidth
is larger than the coherence bandwidth, the channel is called frequency-

selective channel; otherwise, it is called flat channel [11].
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For the fading channel, the SNR is given by,

P
~ N,B

g A (2.1)

where 7 is the SNR, P is the power of the signal, N, is the power spectral
density of AWGN noise, and h is the channel gain. The instantaneous

capacity (C,) of the fading channel is expressed as

P 2
C,=RBI 1 h, 2.2
oes (14 5 1) 22)

where B is the channel bandwidth.

Rayleigh Multipath Fading Model

For multipath fading with non-line-of-sight (NLOS) channel, Rayleigh model
is considerably used. In this model, the number of obstacles is large between
the source and the destination in the propagation environment. Hence, the
received signal in this model experiences high variations. However, due
to the diffractions, reflections, and scattering, there are some propagation

paths. The PDF of Rayleigh distribution is expressed as,

fx(z) = pes exp(T), x>0, (2.3)
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However, the instantaneous SNR,~, would be exponentially distributed,

() = exp(—%x v >0, (2.4)

where 7 is the average SNR.

Nakagami Multipath Fading Model

Nakagami distribution can be used to model the random variation of the
signal envelope in a multipath fading channel with two main parameters,
multipath fading parameter m,,, and local power 2. When 2 is unity, the

PDF of Nakagami distribution is given by [12],

2mym 2mm—1

fx(@) = —F——— ()

v
ol =

exp(—mma?), M (2.5)

where I'(.) denotes the gamma function which can be calculated as, I'(m,,,) =
Jo o tmm—tetdt. If the mutipath fading parameter m,, equals to unity, the
distribution represents the Rayleigh model. As the value of m,, becomes
higher, the fading channel becomes less severe. Furthermore, for the Nak-

agami model, v is distributed as Gamma distribution [8],

Mo, ~Mm—1
i) >exp<—@>, >0, (2.6)

() = () =
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Log-normal Shadowing Model

In terrestrial systems, the channel is affected by slow variation of the local-
mean power owning to shadowing. Shadowing is caused by large obstacles
affecting the wave propagation such as buildings, trees, and hills. According
to the empirical measurements, the Log-normal distribution is good to model
the shadowing. In addition, Log-normal shadowing is described by dB-
spread that is related to the standard deviation o,. The dB-spread has
typical ranges from 4 to 12 dB [11]. The PDF of Log-normal distribution is

expressed as,

1 (log(z) — p)*
fX(x) = m exp <_T> , T >0, (27)

s

where o, is the standard deviation of the shadowing and p is the mean.
However, the PDF in (2.7) is difficult to analyze. Thus, the Gamma model
is used as an alternative of the Log-normal PDF because it has a good fit

for shadowing measurements [13]. The Gamma PDF is given by,

where m, indicates the shadowing parameter. Similar to the m,, parameter,
the severity of the shadowing decreases when the my increases. The moment

matching can be used to determine the relationship between parameters of
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Gamma model in (2.8) and Log-normal model in (2.7) as [14],

1
 exp(0,/8.686)% — 1

Mg

2.1.4 Generalized-K Composite Fading Model

In some wireless channels, the radio wave propagation is distinguished by
the joint effect of multipath fading and shadowing. For analyzing this type
of composite fading, the model should contain multipath fading in addition
to shadowing. The composite fading is the key to precise modeling of some
practical wireless channels such as congested areas with low mobility [8]. For
this model, Nakagami distribution and Log-normal distribution are normally
used to model the multipath fading and the shadowing, respectively. How-
ever, the Log-normal distribution is difficult for analysis. For this reason,
there are not closed-form expressions of the performance measures by using
Log-normal distribution. Therefore, the Gamma distribution was suggested
to model the shadowing fading as it approximates the Log-normal distribu-

tion.

For composite fading models, other models are used such as Rayleigh-
lognormal, and Rician-lognormal models. Rayleigh-lognormal model is suit-
able for NLOS links. However, it is intractable [15]. Furthermore, Rician-
lognormal is proposed for LOS links. However, it is not tractable. In ad-

dition, Nakagami-lognormal model is suggested because Nakagami distribu-
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tion is mathematically tractable and it is fit for both NLOS and LOS links.
Nevertheless, this composite model is not tractable [16]. For the composite
fading, the generalized-K (Gamma-Gamma) model is utilized. To model
scattering in radar, the generalized-K model was proposed [17]. In this con-
text, this model has received worthy attention in wireless communications
literature. In [14], a new expression for the PDF of the signal-to-interference
ratio (SIR) was derived for the generalized-K composite fading channel. In
addition, the new expression was used to analyze the outage probability, and
BER. The authors in [18] analyzed the performance of the wireless networks
like outage probability, ergodic capacity, and BER over the generalized-
K fading channels. Furthermore, the derived expressions were evaluated
by using the generalized hypergeometric function [19]. In [20], the outage
probability was analyzed over the generalized-K composite fading channels.
However, the extended generalized-K distribution was proposed in [21] to
derive the PDF, CDF and moment generating function (MGF) of the SIR.
Furthermore, the gained results were utilized to investigate the outage prob-

ability in the interference-limited systems [22].

By using (2.6) and (2.8), the composite multipath/shadowing can be mod-

eled by using the generalized-K distribution [23],

2 Ms+Mm
PO =iyt

msgmm )_1

X Koy —m,, (2¢V/x), > 0,my > 0,m,, > 0.5,
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where g =, /##%s and K,(-) indicates the modified Bessel function of the
second kind and order v [24]. However, for the generalized-K model, it is
analytically difficult for further derivations due to the special function that is
involved in. Thus, an approximation method was developed in [23] to obtain
more tractable expressions. By using moment matching method, Gamma
model can be utilized to approximate the generalized-K composite model as
K(mp, ms, Q)~ Gamma(r, ©) which simplify the analysis. The parameters

k and © can be computed as [25],

m S Q
- M 10 and O =— (2.10)
My, + M + 1 —my,, ms€ K

K

where € represents an adjustment factor.

2.1.5 Performance Metrics

Many metrics have been used to evaluate the performance of CR networks
such as ergodic capacity, outage probability, average bit error rate, and
outage capacity. In this thesis, the two main metrics are the ergodic capacity

and outage probability.

Channel Capacity

In wireless communication systems, it is very important to know the limits

of the achievable data rate. As a result, the concept of channel capacity
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evolved to determine these limits. In this context, the channel capacity
can be defined as the maximum achievable data rate that can be gotten by
the channel without an error [26]. The well-known formula of the channel
capacity is known as Shannon’s capacity formula [27]. Consequently, the

channel capacity over an AWGN can be calculated by,

C = Blog, (1+7) (2.11)

where B is the channel bandwidth, and 7 is the SNR. The unit of the
capacity is bit per second (bits/sec) for the binary system that is expressed
by the subscript 2 in log,. However, the channel capacity can be normalized
by B and then the capacity is measured by bits/sec/Hz, usually known
as the spectral efficiency (SE). To simplify the computation of the channel
capacity, the Natural logarithm log is used instead of log,. For this reason,

the channel capacity is measured in nats/sec/Hz.

In practice, the CSI denotes the properties of the channel at the commu-
nications link. From these properties, the effect of scattering, shadowing,
interference, and fading can be known on the signal propagation from the
transmitter to the receiver. Thus, CSI should be estimated at the receiver
and then fed back to the transmitter. However, the wireless channel ca-
pacity relies on the CSI at both the transmitter and the receiver. Most
importantly, one of the most advantages of perfect CSI is that the receiver

and the transmitter adapt to the changing channel conditions [26].
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Ergodic Capacity

The ergodic capacity can be defined as the maximum average data rate that
can be transmitted over the channel with a low probability of error. Ergodic
capacity is a suitable metric for delayed transmissions [26]. Hence, capacity
is computed after averaging over all values of channel gain and picking the
maximum of all these averages when the allocated power vary. In order to
average over power channel gain (g), the CSI is needed and the capacity is

expressed by [28],

_ Plg)g
C= }%E)g{o E {log (1 + NoB (2.12)

Outage Probability

The outage probability can be defined as the probability that a specific
transmission rate, R, is not supported because of channel variations. It is
used as a performance metric for real-time applications [26]. The outage
probability for a target rate (R) can be express as [28],

Pou(R) = Pr {log(l + fvl) < R} (2.13)
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2.1.6 Power Constraints

To maintain the QoS of the PU, the capacity of the SU in CR networks
is analyzed under different power constraints. Hence, the interference pro-
duced by the SU on the PU should not overtake a predetermined threshold.
The power constraints are classified into long-term power and short-term

constraints [29].

In short-term power constraints, there are two kinds of power constraints:
peak received-power and peak transmitted-power constraints. In the former
paradigm, the transmitted signal by the SU should be below a peak received-
power threshold ((Qpeqr). In addition, this constraint describes the real-time
systems. In the latter paradigm, the transmitted power by the SU should

not exceed a peak transmitted-power threshold ( Peqr)-

For the long-term power constraints, the average power constraints are
used. They are categorized into average received-power (Q,,) and average
transmitted-power (P,,) constraints at the PU. The @Q),, denotes the certain
average received-power threshold and P,, represents the average transmit

power. This constraint describes the systems with delay.

2.2 Literature Review

In this section, the literature review is introduced
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2.2.1 Cognitive Radio Networks

The CR technology has received worthy interest as a new technology to
utilize the radio spectrum effectively. In [6], CR was proposed to permit
many users from different networks to share the spectrum. This purpose
can be done by collecting information from the radio environment, so CR
network can be adapt by changing its parameters based on that information.
As a result, PUs and SUs can share the same spectrum to overcome the

shortage of the electromagnetic spectrum and to improve the capacity.

By using spectrum sensing, CR network can get the necessary information
about its radio environments. This technique is utilized to sense the holes in
the spectrum and to discover the presence of the PUs. Therefore, Many pa-
pers have focused on the spectrum sensing techniques, for instance, energy
detector is used to uncover an unknown signal by using energy detector [30].
Moreover, [31] studied the detection of the strange signals over fading chan-
nels. More important, a new technique is used in [32] for spectrum sensing
which is the maximum eigenvalue method. This technique is appropriate for
very much similar signals. Other methods such as matched filter detection
and cyclostationary were used [33]. Energy detection is more popular than
other methods because it has less complication. Consequently, it is used in
cognitive networks for fast sensing. New methods are suggested by apply-
ing two-step sensing method to enhance the performance of the detection.

[34] presented two-step energy detection for sensing the spectrum holes. On
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the other hand, a hybrid method is used in [35] which consists of two-stage
sensing scheme where the first step is energy detection and the next step is
cyclostationary detection. This method improves and achieves the detection

in a much lower time of spectrum sensing.

2.2.2 Capacity and Power Constraints

Spectral efficiency (SE) is used to enhance the performance of the cellular
systems. It measures the efficient exploitation of the spectrum. For fading
point-to-point channels, the ergodic capacity was studied under the different
power constraints in [36]. The analysis was carried out for two scenarios:
with perfect CSI at both transmitter and receiver, and with CSI only at the

receiver.

For the link-level CR network scenario, the capacity was first analyzed in
[37] under the received-power constraint, at the PU-Rx, for AWGN chan-
nels where the closed-form expressions were derived. However, the average
received-power is assumed to be known for the system where the system
has the ability to avoid the interference harm on the PU by decreasing the
amount of the transmitted power from the SU. In [38], the ergodic capacity
of CR networks was investigated in the fading environments. Closed-form
expressions were derived for both the peak and average received-power con-
straints. Moreover, the CSI was supposed to be perfect and known at both

the receiver and the transmitter. In addition, the ergodic capacity for the SU
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was evaluated for various fading models such as lognormal shadowing model,
Rayleigh, and Nakagami multipath fading models. The results showed that
the capacity of the SU increases in more severe fading conditions. This
is primarily because the SU-Tx can transmit with higher power when the
interference channel between the PU-Rx and the SU-Tx is in deep fade.
Furthermore, the derivations were extended to the multiple PUs scenario
only for Rayleigh channels. For joint power constraints, the authors in [39]
analyzed both the outage and ergodic capacities of SU under combinations
of transmitted and received power constraints. To do so, the optimal power
allocation was obtained for both outage and ergodic capacities for each case
of the joint power constraint combination where Rayleigh, Nakagami, and
lognormal fading models were used. The results showed that the effect of
the peak power constraints is more strict than the average power constraints
to increase the SU capacity in the fading environments. In this context, the
authors in [40] provided closed-form expressions for the minimum rate, out-
age, and ergodic capacities on CR networks for the Rayleigh fading model.
That work was done jointly under both peak and average power constraints
and perfect CSI at SU’s transmitter and receiver. However, the obtained
results showed that the peak received-power constraint has not a substantial
effect on the ergodic capacity when the average received-power constraint
is applied. On the contrary, the outage capacity is actually affected by the

peak power constraint. For extended system model, the PU transmitter was
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added for the model in [41] and its interference effect on the SU receiver was

investigated over Rayleigh fading channels.

For the system-level CR network, capacity was analyzed in [42] under the
average received-power constraint. Furthermore, it was also studied for mul-
tiple PU-Rxs as well as SU-Txs. The results showed that the uplink capacity
in the CR based central access network is large with a small number of PU-
Rxs. Nevertheless, the capacity decreases rapidly when the number of the

primary users increases.

2.2.3 MIMO Cognitive Radio Networks

For CR networks, the main goal is to increase the capacity of the SU, whereas
saving the PU from the interference caused by the SU. Recently, a lot of stud-
ies have been focused on using multiple-input and multiple-output (MIMO)
in CR networks. In [43], the fundamental limits for MIMO CR networks
were analyzed for link level between single SU and PU. The authors in [44]
presented three schemes for MIMO technology in CR when the SU-Tx has
perfect, partial, or imperfect knowledge of CSI to the PU receiver. The op-
timal SU-link beamforming was analyzed for the three scenarios in MIMO
CR networks. In another study [45], the PU receiver was designed with
multi-antenna and the cognitive beamforming (CB) was used to overcome
the imperfect CSI problem. The idea effective interference channel (EIC),

was utilized where the EIC can be estimated at SU transmitter by obser-
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vation of the PU signals. The results showed that by using CB with EIC,
the capacity of the SU can be improved. In this context, the limits of the

capacity of CR networks was studied with imperfect CSI [46].

2.2.4 Relaying in Cognitive Radio Networks

The first three-terminal communication model was introduced in [47] to in-
vestigate the concept of relaying. For this model, the capacity was analyzed
for feedback, degraded, and reversely degraded relay channels. Since then,
the relaying concept has been used in wireless communication systems to
present worthy improvements in the diversity as well as the capacity [48].
Furthermore, decode-and-forward (DF) as well as amplify-and-forward (AF)
were recognized as the two main strategies that were introduced in [49] for
wireless relay networks. Moreover, the former type is better for the relays
that are near the receiver while the latter is better for the relays that are

near the transmitter.

Relaying has received more attraction in the CR networks by minimizing
the interference and choosing terminals that produce less interference on
the PU. As a result, relaying improves the capacity of the SU [50]. In this
context, the authors in [51] analyzed the capacity of the relaying model for
the SU in the spectrum-shearing networks under the power constraints. In
addition, closed-form expressions were derived for both outage and ergodic

capacities in multipath and shadowing environments for the DF protocol.
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The obtained results showed that how the capacity of the relay channel

changes according to cognitive requirements as well as the fading terms.

For DF relay-assisted CR networks, the outage probability and the ergodic
capacity of the SU were analyzed in [52] under the peak power constraint.
Furthermore, the results showed that while the number of the relays in-
creases, the outage probability decreases. Consequently, the ergodic capac-
ity increases. The best selection relay scheme was used in [53] to analyze
both outage and ergodic CR capacities over Nakagami multipath fading
channels where closed-form expressions were derived. In addition, the re-
sults showed that the effect of interference link has less impact than the
fading links on both capacities. In particular, the impact of the PU-Tx on
the performance of the cognitive relaying networks was examined in [54]
using multiple antenna-receivers and DF multihop relaying.

For composite fading channels, the outage probability of CR was analyzed
for SU systems with relays in [55] over independent and identical distri-
bution (i.i.d) generalized-K composite fading channels only for the peak
power constraint. For multipath fading, the outage and ergodic capacities
increase rapidly when the fading parameter decreases. For the multihop
spectrum-sharing relaying, the ergodic capacity and the BER were studied
in the composite fading channels. The analysis was done under the peak
power constraint where the upper-bound and lower-bound expressions were

derived for the ergodic capacity and the average BER, respectively [56]. Fur-
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thermore, dual-hop relays were used in [57] to analyze the ergodic capacity

of CR network over non-identical generalized-K composite fading channels.
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CHAPTER 3

CAPACITY OF CR WITH

SINGLE PU

3.1 Introduction

Chapter three contains a thorough performance analysis for an underlay
CR network capacity with a single PU over generalized-K composite fad-
ing channels. In addition, the performance metrics, ergodic capacity and
outage probability, are analyzed by taking the consideration of peak and
average power constraints. Moreover, for both performance metrics, closed-
form expressions are derived in terms of special functions that can be com-
puted using Matlab or Mathematica software. Up to our best knowledge,
no work in open literature has investigated the CR capacity for the aver-
age received-power constraint over generalized-K composite fading channels.
Furthermore, the remainder of this chapter is arranged as follows: Section
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3.2 describes both the system and channel models; Sections 3.3, and 3.4 pro-
vide the analysis for ergodic capacity and outage probability, respectively;
Section 3.5 discusses the results and simulations; and Section 3.6 states the

conclusions.

3.2 System Model-Single PU

As illustrated in Fig. 3.1, the system model for the underlay CR network
involves non-cognitive receiver (PU-Rx), a cognitive receiver (SU-Rx), and
a cognitive transmitter (SU-Tx). In addition, the PU has the right to utilize
the spectrum band freely. On the other hand, the SU is permitted to share

the frequency band without harming the PU. So, in this model, the SU

Figure 3.1: System model - Single PU.

operates on the PU’s band when the received power at the PU-Rx does
not exceed a specific interference threshold (). The g, and g, indicate the

instantaneous channel gains for both links SU-Tx to PU-Rx and SU-Tx to
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SU-Rx, respectively. Both channel gains are supposed to be ergodic and
stationary with flat fading and perfect CSI. The g, and g, are assumed to

model the joint effect of multipath fading as well as shadowing.

Composite fading is usually modeled using Log-normal-based models; how-
ever, the generalized-K composite fading model has lately received interest as
a more tractable model that has allowed obtaining closed-form expressions
for several performance metrics (refer to [16] and the references therein).

The PDF of the generalized-K model is given as in (2.9).

3.3 Ergodic Capacity

3.3.1 Ergodic Capacity Under Average Received-

Power Constraint

In this section, the closed-form expressions of the SU ergodic capacity over
generalized-K composite channel are derived. The channel capacity in the
fading environment is achieved by finding the optimal power allocation. For
this reason, the next optimization problem should be solved to obtain the
channel capacity [36],
9s P(9gp, 9s
C:P(glil,gﬁmE{BlOg (1—1— ]\;0% )ﬂ,

s.t. EgpP(9p, 95)] < Quw
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Then (3.1) can be rewritten as,

T P20 / / B 10%( ]]D\gg%’,%))fp(gp)fs(gs)dgpdgs, (3.2)

S.t. / / gpp<gp;gs>fp(gp>fs(gs)dgpdgs < Qam

where (4, is the maximum average power tolerated at the PU-Rx, P(g,, gs)
is the optimal power allocation. By using the Lagrangian method to obtain

the optimal power allocation from (3.1), the P(g,,gs) can be obtained as,

1 NOB)+, (3.3)

P(gZJ?gS):(A g g
o Jp S

where ()1 is max(.,0), A, indicates the Lagrange multiplier used to find the
optimal power allocation and it can be found from (3.1) when the average
received-power constraint equals to @Q,,. From (3.3), it can be seen that
the cutoff level for g, is obtained when gs = Ao N, B g,. Moreover, if g—; is
greater than \g N, B, the data will be transmitted. More importantly, the
ergodic capacity over fading channels was derived in [38] with assuming full

CSI at the receiver and the transmitter, respectively as,

C=nB / 100 log (70 x) f2= (X)dx; (3.4)

70

0B’

where the random variable (RV) y = 2, f%() is the PDF of x, o = e

Yo = m. The parameter 7, is obtained by solving the following equation
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for a given «,

a= [ 0= £ 0 (35

For the generalized-K composite fading model, we have the parameters 1,
Mims, Msp, and mys for the power gains g, and g,. For the PU signal, the
parameters m,,, and ms, characterize fading and shadowing , respectively.
Similarly, For the SU signal, m,,,s and m,, characterize multipath fading and

shadowing.

In this respect, the PDF of y for generalized-K composite fading channels,

where both g, and g, are independent RVs, is given by [16],

fas (x) = ¥ Gy (AX ' e = 1) X >0, (3.6)

mms_lamss_

. mmsmssQO,p — MSSQO,I)
where ¥ = T (Mams)T(Mss)T(Mamp) T (Msp ) MmpmspQo,s ? A = (mmpmspﬂ(],s ) and
m,n
Gra (X

tuting (3.6) in (3.5), the a can be obtained by using [58, (2.24.2.2)] as,

ZZ) represents the Meijer G-function [24, (9.301)]. By substi-

mms_]-amss_]-
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/ (’)/0 —X) y \I]ngg (AX | Mpmp, —Msyp > dX =,
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By inserting (3.5) in (3.4) and performing the integration numerically, the

ergodic capacity can be obtained.

Remark I: For large v, the ergodic capacity can be obtained by utilizing

the Meijer G-function in terms of the logarithm function [58, (8.4.6.5)],

log(vo x) = Gy (% (x—1)

}é) Afterwards, by using the integration

formula in [24, (7.811.1)], the ergodic capacity can be approximated as,

cxn [Ta(wo-
0

1 1 2.2 — M —Mg
’ xUGos | A b P d
1, 0) 22( X'mms—l,mss—1> X

9 G (20| <m0~ ), Ll) (33)

mmp7m8p7170

BVY
C%—G’iﬁ (ﬁ

Also, this expression can be utilized for the exact ergodic capacity for the
peak received power constraint in the i.n.d generalized-K composite fading

channels.

However, closed-form expressions for both the parameter a and the ergodic
capacity can be derived for the following interesting cases (see Appendix
A1)

Case I: Rayleigh multipath fading channels with heavy shadowing
(mmy =1 and mg = 0.5).

In this case, for the equivalent Log-normal shadowing model, the corre-
sponding dB-spread (o) is 9.1 dB. For this case, the PDF can be derived

as,
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fa=(X)

1
s =g mimrn X20 (3.9

Moreover, the expressions for both « parameter and ergodic capacity are

obtained as,

Yo +210g(1+v70) —2v/70 = o, (3.10)
and,
1
C' = B |log(v) + 2log(1 + ’y_) : (3.11)
0

The obtained theoretical PDF expression is verified by Monte Carlo simu-

lations as shown in Fig. 5.2.

Case II: Rayleigh multipath fading with moderate shadowing
(my, =1 and m, = 2).
In addition, the dB-spread (o) is 5.5 dB. The PDF of Rayleigh multipath

fading with moderate shadowing can be derived as,

XN =3B+ 2(1+ x)log(x)) — 1
0.5(x —1)°

fas (X) , (3.12)

Furthermore, the ergodic capacity and the parameter a may be derived as,

20,2

70 (0 — 2y0log(h0) — 1)
(0 —1)°

(3.13)

o =
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Figure 3.2: The Monte-Carlo simulation and analytical plots for the f(x) of
Rayleigh multipath fading channels with heavy shadowing

and,

log(70) (1 — 370) + 270(70 — 1)
(70 —1)3

C = B |log(y) + (3.14)

Again, the complete match between the analytical PDF expression and the

Monte-Carlo simulation is shown in Fig. 3.3.

Remark II: In both (3.11) and (3.14), we note that there are additional
terms due to the effect of the shadowing as compared to the capacity of
unshadowed Rayleigh as in (3.17). Moreover, from the capacity expressions

of both cases, we may observe that the additional terms in (3.11) and (3.14)
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Figure 3.3: The Monte-Carlo simulation and analytical plots for the f(x) of
Rayleigh multipath fading with moderate shadowing.

will vanish for large 7o to reduce the ergodic capacity expression to log(vo)
for both shadowed and unshadowed Rayleigh channels as demonstrated in

the numerical results part.

For the unshadowed Rayleigh channel (m,, = 1), the channel gains g,, and
gs have exponential distribution with unit mean. As a result, the RV g—‘; has

a simpler distribution which is the log-logistic distribution as,

foe(X) = —/——» x =0, (3.15)
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By substituting (3.15) in (3.5), the parameter « is obtained as in [38] as,

Y — log(1+ ) = « (3.16)

and

C = Blog(1 + ) (3.17)

3.3.2 Ergodic Capacity over Nakagami Fading Chan-
nel
This section investigates and analyzes the ergodic capacity of the CR net-

works over Nakagami fading channels. For the average power constraint,

closed-form expressions are derived. The ratio PDF of g—; is given by [59],

Mmp Mms—1
M, x
fgs(x)=< ) e 20 (319
By, ms) (x+ 222 )

where 3(Myp, Mys) denotes the beta function that can be represented as,

L(mmp)T (Mms)

Y O T—— When my,, = My, = My, (3.18) can be

6(mmpa mms) -

reduced to,

Fas(y) = s X 20, (3.19)
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By substituting (3.19) in (3.5), the parameter « can be obtained as,

’ngm—H 2F1(mma 2M; M, + 1 _70) _76nm+1 2F1(2mm7 My + 1; My, + 2; _70)
Mo, B(Miy, M) (M + 1) BN, M) '
(3.20)

By substituting (3.19) in (3.4), the ergodic capacity can be obtained as,

B (,%)nm) X {SFQ(mma M, 2mm7 1 + M, 1 + M, _’70)}

B, muy) m2,

C:

(3.21)

The detailed derivation is given in Appendix A.1.

3.3.3 Ergodic Capacity Under Peak Received-Power

Constraint

This section considers the ergodic capacity of the SU for peak received-
power constraint where closed-form expressions are derived. However, the
type of the power constraint depends on the QoS used by the PU. Hence,
if the instantaneous QoS is provided by the PU, the peak received-power
constraint is used. Let ()peqr represent the peak received power at PU-Rx

[39] and it can be expressed as,

9o P(9p: 95) < Qpear (3.22)

From (3.22), it can be seen that the maximum instantaneous power permit-
ted by PU-Rx is %. Therefore, the ergodic capacity can be obtained by
D
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substituting (3.22) in (3.2) as,

C= B/O log (1 4 ax) fz(x)dx (3.23)

where the parameter a = %. The ergodic capacity of the SU can be de-
rived by substituting (3.6) in (3.23). Hence, the ergodic capacity is evaluated

as,

_mmp ) _msp

C’:/ Blog (1 + ay) x\Ingé <Ax‘ 1) dx (3.24)
0

mms_lamss_

By using the representation of the logarithm function in terms of the Meijer

G-function [58, (8.4.6.5)], log(1+ o x) = Gé% (a X

} é) , the integration

in (3.24) can be written as,

C’zB/ G;g (ax
0

Then, by using the integration formula in [24, (7.811.1)], the ergodic capacity

L1 2,2 —Mmp , =M
' x UGy | A - P d
1,0) 23( X‘mms—l,mss—1> X

(3.25)

can be obtained as,

BY Q
C:TGiﬁ(Z

—(Mpms — 1), —(mgs — 1), 1, 1) (3.26)

mmpvmspalao

Nevertheless, the ergodic capacity expressions can be simplified to the next
practical cases:

Case I: Rayleigh multipath fading channels with heavy shadowing.
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By substituting the PDF (3.9) in (3.23) and evaluating the integral, the

ergodic capacity is expressed as,

C=nB r\/a i ‘“Og(o‘)] (3.27)

1+«
Case I: Rayleigh multipath fading channels with moderate shad-
owing.
By substituting the PDF (3.12) in (3.23) and evaluating the integral, the
ergodic capacity is derived as,

1+ a)(—2+ a5+ a))log(a) + 3alog(a)? — 3(1 + a2 — 7% + a])
(1+a)?

C=Ba«a

(3.28)

3.4 QOutage Probability

3.4.1 Outage Probability Under Average-Power Con-

straints

This section presents the outage probability (FP,,) of CR networks over
generalized-K composite fading channels where closed-form expressions are

derived while taking into consideration the average power constraint. The
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optimization problem can be described as [39],

. 9sL(9p, gs)> }
min P,,;<lo 14— )< R;, 3.29
P(gp,9s) ! { &2 ( NO ( )

sit. B [gp P(gp,gs)] < Qaw

The P,,; for a given target rate R , Py, (R), over fading channels assuming

perfect CSI at SU-Tx was derived in [39] as,

y
Ppy=1-7P {& < y} =1— | fu(x)dy, (3.30)
9p o
where y = m is obtained by solving (3.31) for a given Q,,

v Qav
/O X foe (X)dx = N, 2R =1}’ (3.31)

Then, the closed-form expression for the outage probability can be derived

by substituting (3.6) in (3.30) and evaluating the integration to get,

Po(R) = 1 — 0y G2 (m

g M, 0 ) (3.32)
Also, by substituting (3.6) in (3.31), we get,

2 2,3
\ij G3,3 (Ay No (2R_1)7

—Hhmp, 7 1lts 7_1 av
m_p mi )ZQ— (3.33)
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Moreover, the closed-form expressions for both the ()., and the outage prob-
ability simplifies for the following interesting cases as shown in Appendix

B.

Case I: Rayleigh multipath fading with heavy shadowing channel.
For this case, the expressions for both @,, and outage probability can be

simplified as,
1

Pout<R) = 1+

(3.34)

S

and,

VY (2+ VD) Qu

W —2log(1++/y) = N, 2R —1) (3.35)

Case II: Rayleigh multipath fading with moderate shadowing chan-

nel. The expressions for both @),, and outage probability can be simplified

Proi(R) = 2y + 3y? (1 — 210giy)) — 6y + 1. (3.36)
(y—1)
and,
y?(1+ (4 =5y)y +2y(2 +y)log(y))  Qa
(= 1) - N oF 1) (3.37)

For the unshadowed Rayleigh channel (m,, = 1), By substituting (3.15) in

(3.30), the outage probability is obtained in [39] as,

P=—. 3.38
t 14y ( )
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where y is obtained as,

y __ Qu
l+y N,(28-1)

log(1+y) — (3.39)

Remark III: The outage probability expression in (3.34) results in higher
outage probability as compared to unshadowed Rayleigh channel in (3.38)

for high SNR as shown in the result and simulation part.

3.4.2 Outage Probability Under Peak Received-Power

Constraint

The outage probability can be derived for generalized-K composite fading

channels for the peak received-power constraint in (3.22) as,

Pout(R) = f;]—s (X)dX7 (340)
0 P
where z = MR;D. By substituting (3.6) in (3.40), we get,
- - 0
P — \IJ 2,3 A mmp Y msp Y .41
ol 1) ZG?’*”( ) ' Mg = 1, — 1,1 34

and can be simplified to the following cases:

Case I: For Rayleigh multipath fading with heavy shadowing channels, the
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P,.:(R) can be reduced to,

™

Pout (R) =

(3.42)

No (28— 1)

N V Qpeak + NO (2R - 1)

Pout(R> (343)

Case II: For Rayleigh multipath fading with moderate shadowing channels,

the P,,;(R) expressions can be reduced to,

Po(R) = 2107108(2) & (Zz(f Bf (2-6)+2) (3.44)

3.5 Results and Discussions

In this section of the thesis work, some simulations and analytical results of

the discussed topics are presented and investigated.

3.5.1 Ergodic Capacity

In Fig. 3.4, the ergodic capacity of the SU is depicted for Nakagami fading
and AWGN cases with average power constraint. For m = 1, the capacity
of the SU is larger than the other cases for all values of ),,. The capacity
of the SU increases as a result of the effect of the multipath fading. As a

result, the SU takes the advantage of this situation by transmitting a higher
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Figure 3.4: The ergodic capacity of the SU for several Nakagami fading scenarios.
power without harming the PU-Rx.

The capacity of the SU over generalized-K fading channels is shown in Fig.
3.5 under the average received-power constraint. Three cases are considered:
Rayleigh multipath fading with heavy shadowing, Rayleigh multipath fading
with moderate shadowing, and unshadowed Rayleigh channels. In addition,

the results are compared to the AWGN case.

Another interesting point is that the ergodic capacity of the SU gets higher
as Mm,,, the multipath parameter, and my, the shadowing parameter, get

smaller. In the Rayleigh multipath fading with heavy shadowing channels
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Figure 3.5: Ergodic capacity of SU for different composite fading scenarios.

(m,, =1 and ms; = 0.5) the SU has the maximum capacity at low @g,. For
the Rayleigh multipath fading with moderate shadowing channels (m,,, = 1
and mg = 2) the capacity of SU is close to the case of unshadowed Rayleigh
channel. Another interesting point is that for all the cases, the capacity of

SU approaches AWGN at high Q),, as the effect of fading diminishes.

However, Fig. 3.6 represents the ergodic capacity of SU for both the peak
and average power constraints (Qpear = Quw = @), respectively for Rayleigh
multipath fading with heavy shadowing, Rayleigh multipath fading with
moderate shadowing. It can be observed that the capacity of the SU in-

creases the shadowing parameter m, gets smaller. It can also be seen that
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the capacity of SU for the (peqr is higher than the @, case as a consequence
of that the peak power constraint is more restrictive than the average power
constraint. For all cases, the capacity of SU approaches AWGN at high

Qpear a0d Qpeqr as the effect of fading diminishes as expected.
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Figure 3.6: Ergodic capacity of SU for different composite fading scenarios for
Qav = Qpeak = Q
For in.d. case with peak power constrains, the ergodic capacity is illus-
trated in Fig. 3.7. We can note that the role of the mg, parameter (i.e,
the shadowing conditions of the PU link) is the dominant one where the

maximum capacity is obtained when the PU link is in heavy shadowing.

The generalized-K distribution can be approximated by using single Gamma,
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Figure 3.7: Ergodic capacity of SU for different composite fading scenarios.

distribution where the parameters are obtained by using (2.10). In Fig.
3.8, the comparison between the exact and the approximation for the
generalized-K composite fading channel is illustrated for different values
of multipath and shadowing parameters. In addition, different e values are
used. For the first case, K(1,0.5,1)~ G(0.38,2.6), the exact and the approx-
imation curves match very well in high @),, while there is a difference at low

(Qav- The similar observation appears for the other two cases.
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Figure 3.8: Ergodic capacity for both exact and approximation cases.

3.5.2 Outage Probability

Figure 3.9, illustrates the outage probability of the SU vs @), for the
generalized-K composite fading channel. The target rate is R = 1
bit/sec/Hz. Moreover, the outage probability is shown for three scenar-
ios: Rayleigh multipath fading with heavy shadowing, Rayleigh multipath
fading with moderate shadowing, and unshadowed Rayleigh multipath fad-
ing channels. Furthermore, for small @),,, the curves overlap for all the
scenarios. The major effect of heavy shadowing on the outage probability is
demonstrated in Fig. 3.9 where the probability of outage at 5 dB for heavy

shadowing is 0.15 and it decreases to 0.04 and 0.17 for moderate shadowing
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and unshadowed Rayleigh, respectively. At small Q,,, below the overlap
point, the effect of my, is dominant as compared to ms,. On the other hand,
mss is dominant for large (,,. Then, the Rayleigh with heavy shadowing is

better than the others.

10
/
10-1 i mms:mmpzl ]
: :s
=
o
o
-2
10 : 7
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—a— Moderate Shadowing (m Sszmsp=2)
—a— Heavy Shadowing (m SS:msp:O.S)
-3
10 1 1 1 1 1
-20 -15 -10 0 5 10

-5
Q, (dB)

Figure 3.9: Outage probability of generalized-K Composite fading channel for ().

The effect of the SU shadowing m,, parameter is dominant as compared to

the mg, parameter as shown in Fig. 3.10.
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Figure 3.10: Outage probability of SU for different composite fading scenarios.

3.6 Conclusions

In this chapter, we considered both the ergodic capacity and outage proba-
bility of underlay CR networks over generalized-K composite fading channels
under both average and peak received-power constraints. For the ergodic
capacity and the outage probability under both the average and peak power
constraints, closed-form expressions are derived. To gain more insights, two
tractable relevant composite fading scenarios: Rayleigh multipath fading
with heavy shadowing and Rayleigh multipath fading with moderate shad-

owing for single PU are studied in details. The obtained results quantified
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the increase in the ergodic capacity and the decrease of the outage proba-
bility for the SU because of the joint effect of both multipath fading and
shadowing for single PU. In addition, the results show that the peak con-
straints are more restrictive than average constraints. As a result, from CR
networks perspective, the average power constraints are better from peak
constraints because of gaining more capacity. However, the obtained results

will serve as a benchmark for other architectures of underlay CR networks.
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CHAPTER 4

CAPACITY ANALYSIS OF

CR WITH MULTIPLE

PRIMARY USERS

4.1 Introduction

In this chapter, the analysis of CR network capacity with multiple PUs is
provided over generalized-K composite fading channels. The ergodic ca-
pacity and outage probability of underlay CR are studied under the peak
received-power constraint. In our analysis, we derive closed-form expres-
sions for the ergodic capacity and the outage probability for two interesting
cases: Rayleigh multipath fading with heavy and moderate shadowing.

The ergodic capacity of underlay CR networks with multiple PUs was consid-

59



ered in [38] for only the Rayleigh multipath fading model. Both the ergodic
capacity and outage probability are analyzed under peak constraint of multi-
ple PUs over Nakagami fading channels for single-relay CR networks in [60].
Moreover, the derivations were extended to the effect of interference caused
by the PU transmitters on the SU relay and SU receiver in [61]. The best
relay selection scheme was considered in [62] to analyze the outage capacity
over Nakagami multipath fading channels where closed-form expression was
derived. In addition, the analysis was extended for imperfect CSI in [63].
For CR with multihop relaying, the outage probability and ergodic capac-
ity were studied in [64] for multiple PUs over Nakagami multipath fading
channel. In [65], the orthogonal spectrum band is utilized to minimize the

interference caused by SU transmitter and SU relays on the PUs.

To the best of our knowledge, no work in open literature has investigated
the CR capacity with multiple PUs for the peak received-power constraint
over shadowed multipath fading channels. So, the purpose of this chapter
is to analyze the performance metrics of CR networks for peak power con-
straint over shadowed Rayleigh composite fading channels. The remainder
of this chapter is arranged as the following; Section 4.2, outlines both the
system and channel models; Section 4.3 provides the performance; Section

4.4 discusses the obtained results; and Section 4.5 states the conclusion.
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4.2 System and Channel Models

Considering an underlay CR network with multiple PUs, the system model
for the underlay CR comprises multiples non-cognitive receivers (PU-Rxj),
SU-Tx, and SU-Rx as illustrated in Fig. 4.1. In this model, the SU operates
on the PU’s band when the received power at the PU-Rxs does not exceed
a specific interference threshold Qpeqr. The ergodic and stationary gs and

gpj are assumed to model the joint effect of shadowing as well as multipath

fading.
/
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Figure 4.1: System model- multiple PUs.
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4.3 Capacity of CR Network with Multiple

Primary Users

In this section, closed-form expressions of the capacity are derived for some
tractable interesting scenarios of multipath fading shadowing scenarios for
the peak power constraint as general expressions for any value of m,, and
ms are not tractable. The analysis is performed to multiple PUs with single
SU. For this model, the transmitted power of the SU is undergone to more
power constraints. As a result, the CR capacity decreases. In this model,
the capacity of SU is analyzed under peak received-power constraint over
generalized-K composite fading channels when n PU-Rxs are present. Let
gpj represent the channel gain of SU-Tx to jth PU-Rx. Hence, the power

constraint is obtained as in [38],
9pi P(Gp1, Gp2s s Gpms 9s) < Qpeak i, J =1,2,....n (4.1)
The constraint in (4.1) can be written as,
P(gp1s Gp2s -+ Gpn» gs) < min poat] (4.2)

Furthermore, to simplify the analysis, it can be assumed that Qpesr; =

Qpeaka ] = 1,2, L.
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4.3.1 Ergodic Capacity

In this section, closed-form expressions of the SU ergodic capacity over shad-
owed Rayleigh fading channels are derived under the peak received-power
(Qpeak) constraint of multiple PUs. The ergodic capacity over fading chan-
nels assuming full CSI at both the receiver and the transmitter was derived
in [38] as,

C= /B log(1 + ax) [y (x) dx (4.3)

Js
man gp]

where y =
Case I: Rayleigh multipath fading with heavy shadowing for both the SU
and the PUs (m,,=1, ms=0.5). In this case, for the equivalent Log-normal
shadowing model, the dB-spread (o4p) is 9.1 dB. The PDF of RV Y is derived

as (see Appendix B.1),

N cfmn—1 1
W=gm e (" A 69

By substituting f () from (4.4) in (4.3), the ergodic capacity can be obtained

as,

m/a + a (1 + k) (2log(1 + k) + log(a))
1+ a(l+k)? '
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From Fig. 4.2, the Monte-Carlo simulation and the analytical result of the

PDF match each other perfectly.

T
Analytical
© Monte-Carlo Simulation

Figure 4.2: Monte-Carlo simulations and analytical results for the f(x) of Rayleigh
multipath fading with heavy shadowing for different n.

Case II: Rayleigh fading with moderate shadowing (m,,=1, ms=1.5) where
the dB-spread (o4p) is 6.2 dB for SU and Rayleigh multipath fading with
heavy shadowing for the PUs (m,=0.5). Thus, the PDF can be obtained as

(see appendix B.1),

s =300 (") (46)

Then, the PDF in (4.6 )is used to derive ergodic capacity as in (4.7),
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©= B”Z M) * ey

< (67vBa — (1+ K)al=6 + (1+ K)?a(~2 +log(3)) + Olog(3)] 7

+ (1 +K)a(9 4 (1 + k)%a)(2log(1 + k) + log(a)).

4.3.2 Outage Probability

Considering an underlay CR networks with multiple PUs, the outage prob-
ability for a specific target rate R, P, (R), over fading channels assuming
perfect CSI at SU-Tx was derived in [39] as in (3.40).

Case I: Rayleigh multipath fading and heavy shadowing for both the SU
and PUs (m,,=1, m;=0.5).

The outage probability can be obtained by substituting (4.4) in (3.40), to

get,
B — n—1 NE
Fou —n; ( )(1+)(1+k+\/2)' (48)

Case II: Rayleigh fading with moderate shadowing for SU and Rayleigh
multipath fading with heavy shadowing for PUs. Thus, the P, (R) can be

derived by substituting (4.6) in (3.40) as

out 3”2 (n;1>><

(4.9)

(1+k)Bz+ 1 +k)A+E+2V32))
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4.4 Results and Discussions

In this section, we show and discuss the obtained results for both the ergodic
capacity and the outage probability. In Fig. 4.3, the SU’s ergodic capacity
is depicted for multiple PU-Rxs (n = 1,2, 3) over heavy-shadowed Rayleigh
multipath fading channel ( my,s = My, = 1 and mgs = my, = 0.5). We see
that as the number of PU-Rxs increases, the capacity of the SU decreases

as expected.
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Figure 4.3: Ergodic capacity of SU vs Qpeak-

According to Fig. 4.3, the ergodic capacity decreases from 0.4 to 0.05
bits/sec/Hz at -15dB when the number of PUs increases from 1 to 3 for
Mms = Mump=0.5. In addition, the gain due to shadowing is demonstrated,
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however, the relative gain is smaller for n=3 due to the higher probability
relative to single user scenario, n = 1, of having a larger channel gain to-
wards one of the multiple PUs. Furthermore, the analytical results match

perfectly with Mont-Carlo simulations.
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Figure 4.4: The outage probability of the SU with multiple PUs vs Qpeqr With
heavy and moderate shadowing Rayleigh fading channels for the SU.
Figure 4.4 illustrates the outage probability for Rayleigh fading with both
heavy and moderate shadowing conditions for the SU and Rayleigh multi-
path fading with heavy shadowing for the PUs. The target rate is R = 1
bit/sec/Hz. It can be seen that the outage probability of Rayleigh fading

with moderate shadowing improves as compared to the heavily shadowed
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case as expected. The improvement is significant even for n=1.

4.5 Conclusions

This chapter considers both the ergodic capacity and outage probability of
underlay CR networks over shadowed Rayleigh fading channels under the
peak received-power constraint of multiple PUs. In order to evaluate the
impact of PUs on the performance of an underly CR networks, we derived
closed-form expressions for Rayleigh fading channels with both heavy and
moderate shadowing. The obtained results quantified the effect of both
multipath fading and shadowing on both the ergodic capacity and outage
probability of the SU for different numbers of multiple PUs. Moreover, the
effect of a varying number of PUs on the CR performance is investigated as
the number of PUs increases, the ergodic capacity declines, and the outage
probability rises. Finally, the analytical results are confirmed by using Mont-

Carlo simulation.
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CHAPTER 5

CAPACITY OF UNDERLAY

MULTIHOP COGNITIVE

RELAYING

5.1 Introduction

Recently, multi-hop relaying systems are of great interest for achieving a
higher date rate coverage demanded in future wireless networks. In addition,
they are used to enhance the channels performance. Multi-hop relaying
systems consist of multiple serial relays which carry the signals from a source
to a destination. As a result of this relaying, the coverage is extended
and the transmitted power is reduced at the source which results in lower

interference [66]. Relaying techniques are utilized when there is no line of
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sight between the source and the destination and the large scale fading or
the power constraints affected on the direct transmission. The dual-hop
relay system is a simple case of the relaying system where the main purpose
of this technique is to relay the forward link into the reverse link. It is used
in satellite and microwave communications [66]. Based on the complexity
and type of the relays, relayed transmission systems are categorized into
two approaches, specifically, AF and DF relays. In the first type, the relays
only amplify and forward the received signal without making decoding. In
addition, the AF relays are less complex that the DF types. Furthermore,
this type of relaying is more beneficial when the transmitted information is
more sensitive for the time like live video or voice. In the latter type, the
relay decodes the signals which are transmitted from the previews relay and
the decoded signal is retransmitted into the following relay. From relay to
relay in these systems, the noise vanishes. On the other hand, the error

probability increases at each relay.

5.1.1 System and Channel Model

Considering the AF multihop cognitive relaying, the system model consists
of an SU-Tx communicating with an SU-Rx by a number of CR relays
(N-1) between them as illustrated in Fig. 5.1. For underlay CR, the CR
network performs time-division multiple access (TDMA), and the relays are

implemented with half-duplex antennas. In this respect, the AF relaying
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technique is used in this model. To this end, it is assumed that NLOS link
between the SU-Tx and the SU-Rx. Thus, the end-to-end communication
is implemented using relays. Furthermore, the communication links are

assumed to subject to composite multipath fading. The communication
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Figure 5.1: System model- multihop cognitive relying.

between the SUs is achieved under the @peqr, where the SU-Tx and the CR
multihop relays have to consider the Qpeqr at the PU-Rx. Hence, if the
transmission power is Py, of the k* terminal, then P, Gpk < Qpeak, and the

maximum transmission power can be expressed as P, = %
D

e, Consequently,

the end-to-end SNR (7.9.) at the SU-Rx is obtained in [67] as,

Ye2e = [Z i] . (51)

1 K

For the relay Ry, the instantaneous SNR is 7, where it can be written as

_ Qpeak sk

T = R However, the 7.9, expression in (5.1) is not mathematically

attractable as a result of the lack of a close-form expression of the PDF of
the sum in (5.1). Hence, the following upper bound for the = is used [68].
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1 Qpoak 1 ,

eak =

Ye2e S N ]ﬁf H (Xk>N (52)
° k=1

Now, the end-to-end upper-bound PDF of the 7.9, is derived. From (5.2),

the upper-bound SNR (v.2,) is expressed as,

N

U, 1 Q eak L
’762]76 = N ;[ (Xk)N : (53)
° k=1
where X = Zsi are ii.d. generalized-K RVs, ¢, and g, are two in.d.

1
generalized-K RVs. Afterwards, the PDF of the RV 7' = [],_, (X,¥) can be

expressed as,

N N
o) = e (a0

where A; = —my,, — % +1, Ay = —my, — % +1, Ag = Myns — %, and
A4 = Mgs — %
Proof: See Appendix C.1. |

The obtained theoretical PDF expression is verified by Monte Carlo simu-

lation as shown in Fig. 5.2.
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O Monte-Carlo Simulation
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Figure 5.2: Analytical and Monte-Carlo simulation plots for the PDF f(x) of
multihop cognitive relaying over composite fading channels for m,,s = my, =
1, mgs =mg =2, N =2,3.

5.2 Ergodic Capacity

Considering the AF multihop cognitive relaying, the ergodic capacity of
the SU is analyzed under peak received-power constraint. However, it is
proposed to the systems that are not sensitive to delays. Generally, the

ergodic capacity can be expressed as [38],

C= B/OoO log (1 + ax) fese(x) du. (5.5)
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where o = %, and fee(z) is the end-to-end PDF. Hence, a closed-form
expression of an upper bound on the ergodic capacity (C"P) can be derived,
by substituting (5.4) in (5.5), where C' < C"P. For the derivation of the

expression in (6.1), the logarithm function is expressed in terms of Meijer

G-function as [24, (8.4.6.5)], log(1 + az) = G;g (oc x

1,1
1,0>‘ As such, the

ergodic capacity can be derived by substituting (5.4) in (5.5) as,

CSC“”:B/ Gys |l ax L X
: 1,0
(

0
AR
TGN ((A )"

A

Thus, for the multihop cognitive relaying over i.n.d. generalized-K composite
fading channels, the upper bound on the ergodic capacity is obtained by
utilizing the integration formula in [58, (2.24.1.1)]. Hence, the ergodic
capacity can be derived as,

BUN N«
= N1 ¥

a (21 A)

N
AN 3N A
ANAN | N

up

(A1); 5 (A2)y o (A1) 5 (A2) v, AN, =1), A(N, 0)
(A3); , (Ag)y o (A3) 5 (Ad) s AN, =1), A(N, —1)

(5.7)
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5.3 Outage Probability

The outage probability is considered as a performance metric for delay sensi-
tive applications. In this section, the lower bound on SU outage probability
is derived over generalized-K composite fading channels. In this respect, the

lower bound of the outage probability (P!

out

) for a specific target rate R,

P! .(R), for cognitive multihop relaying can be obtained as,
eq T
PoutZPéut:PT{logg(l‘i‘%]\)fo—I;V)<R} .
5.
NN, (2 —1) (58)
=PriT < ,
Qpeak
Let z = %

Thus, the P!, can be derived as below,

© NgN
Pl(2) I/ WXG%E% <(ASU)N

The integration in (5.9) can be evaluated by using the formula in [58,

(2.24.2.2)]. Hence, the P!, can be obtained as,

\I/N
! _
Pu(2) TLAN-D

Gaan ((Az)N

X

<A3)1 7(A4>1 """ (A3)N >(A4)N7A(Na _1)

A(N0), (A1) (Ag)y oo (A1) s (Aa) ) |

(5.10)
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5.4 Results and Discussion

Considering the AF multihop cognitive relaying, the obtained results and
simulations for both ergodic capacity and outage probability are presented
in this section. Figure 5.3 depicts the exact and the upper-bounded CR
ergodic capacity for AF multihop relaying system. When the number of
the relays increases, the ergodic capacity decreases as expected. This is
essentially due to the amplification of the additive noise after each AF relay.
Also, from Fig. 5.3, the ergodic capacity of the SU increases when the PU
link experiences heavy shadowing (ms, = 0.5) while the SU link has light
shadowing (mss = 5). For both cases, the equivalent dB-spread (o,5) of the
Log-normal shadowing model are 9.1 dB and 3.7 dB. For higher values of

Qpeak, the exact and the bound curves match.

As illustrated in Fig. 5.4, the ergodic capacity is analyzed for the i.n.d. case
where m,,s = My, = 1, mss = 2 and different values of the m,, parameter.
We can see that the role of mg, parameter (i.e., the shadowing conditions
of the PU link) is dominant where the maximum capacity is obtained when
the PU link is in heavy shadowing. Furthermore, for the moderate and light
shadowing, the effect on the ergodic capacity is similar; however, the heavy
shadowing effect is more significant. From figures (5.3) and (5.4), it can be
seen that tightness of the bound on the ergodic capacity is better for similar
values of both the shadowing and multipath fading parameters of the SU

and PU, and small values of N.
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Figure 5.3: Ergodic capacity versus (peqr for N = 2, 4.

The outage probability is plotted in Fig. 5.5 for Rayleigh multipath fading
with moderate shadowing (mp,s = Mpmp = 1, my, = my, = 2) and R =
1bit/sec/Hz. Furthermore, the outage probability increases with increasing

the number of relays as expected.

Figure 5.6 illustrates the outage probability for several scenarios of shad-
owed Rayleigh fading channels. The obtained result demonstrates the effect
of the shadowing parameter mg, of the SU link where the outage probability
significantly increases in heavily shadowed environments. Another interest-
ing point is that the bound on the outage probability gets loose due to the
difference between the exact PDF/CDF and the approximating one in the

lower tail region. However, the lower bound demonstrates the same trend
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Figure 5.4: The ergodic capacity vs Qpeqr for different fading and shadowing
conditions, N = 3.

of the exact results.

5.5 Conclusions

In this chapter, the performance of AF multihop cognitive relaying was an-
alyzed. To do so, an expression for the PDF of the .. was derived and
then the derived PDF was utilized to obtain the expressions of the upper
and lower bound end-to-end for ergodic capacity and outage probability,
respectively. The obtained results quantified the effect of both multipath

fading and shadowing on the ergodic capacity and the outage probability,

78



out

10+ |
- © - Exact Simulation
- - - Bound Analytical ‘ ‘
110 5 0 5 10
Qpear(dB)

Figure 5.5: The outage probability verse Qpeqr for different number of relays.

respectively. In addition, the effect of a varying number of AF relays on the
CR performance is investigated. As the number of AF relaying increases,
the ergodic capacity declines, and the outage probability rises. For compar-
ison purposes, the exact curves are plotted by using Mont-Carlo simulation.
Moreover, the analytical results are confirmed by using Mont-Carlo simu-
lation. Furthermore, for the various modulation schemes, the expressions
for the average BER can be easily obtained using the derived expressions in

this chapter.
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Figure 5.6: The outage probability verse )peqr for different fading conditions and
Mins = Mapp = 1, Mg, = 0.5, N =3 .
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CHAPTER 6

CONCLUSIONS AND

FUTURE WORK

In this chapter, we conclude the thesis work presented in the previous five
chapters including the introduction, background and literature review, ca-
pacity of SU with single PU, capacity of SU with multiple PUs, and capacity
of cognitive multihop AF relaying. In addition, we propose some interesting

topics in cognitive radio capacity to be considered in our future research.

6.1 Conclusions

6.1.1 Capacity of SU with Single PU

In the analysis of the ergodic capacity and outage probability of SU with

a single PU, it was found that the ergodic capacity improves due to the
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joint effect of both multipath fading and shadowing under both average and
peak received-power constraints. To gain more insight, attractable scenarios
are investigated in details. In addition, the ergodic capacity under average
received power is better than peak received power constraint in the CR
networks perspective. From primary networks perspective, the peak power
constraints protect the PUs better than average power constraints. More-
over, the effect of both multipath fading and shadowing results in higher
outage probability. Furthermore, the approximation of generalized-K distri-
bution is investigated using a single gamma distribution where it matches
perfectly with small errors at low SNR. Finally, for Nakagami fading chan-
nels, an expression for ergodic capacity is derived with taking the average
power constraints into account. In order to verify the analytical results,

Mont-Carlo simulations are utilized.

6.1.2 Capacity of SU with Multiple PUs

For more practical platform, the system model in chapter four is extended
by including multiple PUs. In this respect, both the ergodic capacity and
outage probability of underlay CR networks are analyzed over generalized-K
composite fading channels where the peak received-power constraint is taken
into account. For interesting cases, namely Rayleigh fading channels with
both heavy and moderate shadowing, closed-form expressions are derived.

Further insights into the effect of both multipath fading and shadowing on
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the CR performance are revealed. Interestingly, the impact of the number
of PUs is investigated where CR performance is degrading as the number
of PUs increases. Furthermore, the analytical results and the simulations

match very well.

6.1.3 Capacity of Cognitive Multihop Relaying

In the analysis of the performance of multihop AF relaying in cognitive radio
over generalized-K composite fading channels, the PDF of the product of the
rational power of the ratio of two generalized-K RVs is derived. Interestingly,
the obtained result is utilized to derive both the upper and lower bound
expressions for ergodic capacity and outage probability, respectively. In
order to evaluate the impact of multipath fading and shadowing, the analysis
examined different fading scenarios. More importantly, the obtained results
quantified the effect of the number of relays on the CR performance. To gain
more insight, both bounded and exact results were illustrated. In order to
confirm the bounded analytical results, Mont-Carlo simulations have shown

a perfect match.

6.2 Future Work

There are many open research problems in the capacity of cognitive radio

networks over generalized-K composite fading channels that need to be
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investigated and evaluated under different system models and parameters.
In some extensions of the studied problems in this thesis are proposed as

follows:

— Relaying has gained more attraction in the CR networks by reducing
the interference and choosing terminals that produce less interference
on the PUs. As a result, cognitive relaying is utilized to improve the
performance of the CR networks. In this respect, many techniques are
used in relay-assisted CR networks such as the best selection relay and
multihop relaying. We focused on the cognitive AF multihop relay-
ing. However, the best selection scheme can be utilized to examine the
performance of the CR networks over generalized-K composite fading
channels. To do so, DF relaying protocol can be used where the best
intermediate relaying is chosen to relay the information from SU-Tx to
SU-Rx. In doing so, in order to evaluate the impact of SU-Tx and DF

Relaying on the PUs, the power constraints is taken into account.

— Cognitive MIMO relaying is considered as a novel framework to cope
with spectrum scarcity. From power viewpoint, cognitive MIMO relay-
ing contributes to increasing the reliability of the SUs whereas satisfy-
ing power constraints to protect the PUs. Nevertheless, the advantages
of cognitive MIMO relaying could be limited by the power constraints.

In order to decrease the impact of the restricted power, transmit an-
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tenna selection (TAS) is proposed as a novel design managing the inter-
ference by using DF relaying. In this respect, two protocols are used,
namely TAS with receive selection combining (TAS/SC) and TAS with
receive maximal-ratio combining (TAS/MRC). Based on these, the per-
formance of an underlay cognitive MIMO relaying can be investigated

to gain more insights into the shadowed multipath environments.
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APPENDICES

APPENDIX A

A.1 Ergodic Capacity
Ergodic Capacity - Single PU

The PDF of the quotient in (3.6) reduces to [14, (15)],

fan () = " x
9p

{2F1 (mss + msgm mmp + Mgs; Mins + mmp + Mg + msp; 1— w X)} .

(6.1)

— ssMms Qoq _ ,B(mm +Mss,Mms+Mms )

Where W= (251)27&0) (QO,Z>7 - B(mrnfvanp)ﬁ(mss,msz) :
where o F} (., .;.;.) represents the Gauss hypergeomatric function [24, (9.14)],

and f(.,.) denotes the beta function [24, (8.380)]. When my, = my, = m, ,

Mims = Mimp = My, and Qo , = Q =1, (6.1) reduces to,

fos(x) =v  X™ 1 x {oF1(2mg, M + my; 2my, +2mg; 1 — )}, (6.2)

9p
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For the Rayleigh multipath fading with heavy shadowing channel, m,, = 1

and m, = 0.5, the hypergeometric function simplifies to [58, (7.3.3.158)] ,

Fi(1,1.5:3:1 — y) = (\/_X;‘;l)w (6.3)

Therefore, the expression in (6.2) reduces as in (3.9).
By substituting (3.9) in both (3.4) and (3.5), the parameter « and the

capacity can be obtained as in (3.10) and (3.11), respectively.

For the Rayleigh multipath fading with moderate shadowing channel, m,,, =

1 and m, = 2, the hypergeometric function simplifies to,

:X3+9X2_3X(3+2(1+X)10g(><))_1

Fi(4,3,6;1 —
2 1( X) O.IX (X_ 1)5

, (64)

Thus, the expression in (6.2) reduces as in (3.12).
By substituting (3.12) in both (3.4) and (3.5), the parameter « and the

capacity can be obtained as in (3.13) and (3.14), respectively.

Ergodic Capacity over Nakagami Channels

By substituting (3.19) and (3.5), the a can be obtained as,

1 Yo .Z,mm—l d
—_—— —T)——ar = «,
ﬁ(mm; mm) /O (/yo )(.CC + 1)2mm
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1 {/70 xmmfl p /’Yo mm p }
Y TP — Yol — | —mpd| =,
Bmpsmm) Lo (@ +1)7 o (z+ 1)

From [24, (3.194.1)], the above integration can be evaluated as in (3.20).

A.2 Outage Probability - Single PU

For the Rayleigh multipath fading with heavy shadowing channel, m,, = 1

and my = 0.5, by substituting (3.9) in both (3.30) and (3.31), we get,

1

Pout(-R): _/(; 2ﬂ(ﬂ+1)2dX7

and,

/y X dy = Qav
o 2VX(Vx+1)? No (2% —1)°

Therefore, the P, (R) and y can be obtained as in (3.34) and (3.35), re-
spectively.
For the Rayleigh multipath fading with moderate shadowing channel, m,, =

1 and my = 2, by substituting (3.12) in both (3.36) and (3.37), we get,

Y34+ 9x2 = 3x (3+2(1+ x)log(x)) — 1
Pout(R):l—/ X7+ 9 = 3x 3+ 2( 5x) g(x)) dx.
0 0.5(x—1)
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and,

/OyX (x3+9x2—3x (3+2(1+ x)log(x)) — 1) __ Qu (6.5)

0.5(x—1)° N, (2B —1)

Thus, the P,,;(R) and y can be obtained as in (17) and (18), respectively.

APPENDIX B

B.1 PDF Derivations - Multiple PUs
Heavily shadowed Rayleigh fading channels for the SU and PUs

Let g,; (j = 1,2,....,n.) be ii.d. RVs. In addition, we assume that g is

independent of all g,;. Now, g, me can be defined as [38],

gp = MAX Gy, j=1..n (6.6)

Thus, the CDF of g, can be expressed as,
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Then, by using the generalized-K CDF expression for integer values of m,,
in [69], we may write,

(6.7)

Py (y) = (1 SHENE N %(EyﬁKmS_l(zﬁy))

where = = mgym,, /. Then by substituting ms = 0.5, m,, = 1, and Qy=1

in (6.7) and using Ko5(2) = \/5-¢77 [24, (8.469.3)] to get,

Fyly) = (1— )" (6.8)

To find the PDF of g,, we differentiate (6.8) as,

fgp (y) = dFZZZ(y)

ne V¥ (1 — e"/@)w1
V2y

(6.9)

Also, the PDF of g, for m,,=1 and m,=0.5 simplifies to,

67\/21

N

fou(2) = (6.10)
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Thus, the PDF of y = —— can be obtained using [70],

gp,mazx

Foo) = / Wl (00 fo ()

/°° o] e~ V22X [ne VW (1 — e‘\/@)n_l p
= Yy Yy 6.11
0 V2yx V2y (6.11)

n—1 ;
i n — 1 o0 6_\/@(1+Z+ﬂ)
() [
0 0

NS

’ VX

=

By evaluating the integration in (6.11), the PDF of x is expressed as in

(4.4).

Moderately shadowed Rayleigh fading channel for the SU

For the case when the g has the parameters (m,, = 1 and ms = 1.5) while
the g,; has (m,, = 1 and my; = 0.5). By substituting the parameters of g,

in (2.9), the generalized-K PDF reduces to,

fou(w) =B 2VIoe (6.12)

By substituting (6.12) and (6.9) in (6.11), the PDF of x for this case is

expressed as in (4.6).

91



APPENDIX C

C.1 PDF Derivations - Multihop Relaying

The PDF of the ratio of the two i.n.d. generalized-K RVs g; and g, in X can
be given in terms of the Meijer G-function as in (3.6). In addition, by using
the upper bound in (5.3), the PDF of the end-to-end SNR can be derived.
The PDF of rational power of the ratio of two Generalized-K RVs Y = X N

can be derived by using [71, Theorem (6.4.2)] as,

(6.13)

m,n
where HM <x

((‘gp’zp)) > is the Fox H-function [72, (2.1)]. Furthermore, the
9,9

PDF of the product of the rational power of X , T = Hivzl Y,, can be

obtained by using [71, Theorem (6.4.1)] as,

\I/N
fr(z) = g %
6.14
e D A 614
S (b (- ()

Now, the PDF in (6.14) can be written in terms of Meijer G-function [72]
as in (5.4) where it can be simply calculated by using the MATHEMATICA

software implementation.
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