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ABSTRACT Virtual reality tracking devices are rapidly becoming the go-to system for cost-effective motion
tracking solutions across different communities such as robotics, biomechanics, sports, rehabilitation, motion
simulators, etc. This article focuses on the spatial tracking performance of HTC Vive’s lighthouse tracking
system (VLTS) devices (tracker, controller, and head mount display). A comprehensive literature survey on
the performance analysis of VLTS on the various aspects is presented along with its shortcomings in terms
of spatial tracking evaluation. The two key limitations have been identified: in static cases, there is a lack of
standard procedures and criteria, and in dynamic cases, the entire study of spatial tracking. We address the
first by assessing VLTS using the optical tracking system standard specified by ASTM International, and
the latter by revising the standards to determine the upper-velocity limit for reliable tracking. The findings
are substantiated with the trajectories of human wrist motion. Each evaluation’s results are systematically
analyzed with statistical hypothesis tests and criteria fulfillment. Comau NS16, an industrial serial robot, was
used as the ground truth motion generator due to its repeatability and 6 degrees of workspace freedom. One of
the major reasons for not having more generalized spatial tracking studies is that the tracking performance
heavily depends on the configurations of the setup, work volume, environment, etc. Thus, the guidelines
for configuring VLTS and the approach adapted from ASTM standards for evaluating VLTS for custom
applications using our reported findings for both static and dynamic cases are included in the appendix.

INDEX TERMS Lighthouse tracking, motion tracking, performance evaluation and bench-marking, virtual
reality and interfaces.

NOMENCLATURE
VLTS HTC Vive’s lighthouse tracking system.
BS Base station of HTC Vive.
HMD Head mount display of HTC Vive.
T Tracker device of HTC Vive.
C Controller device of HTC Vive.
DOF Degree of freedom.
MOCAP Motion capture system.
ASTM ASTM International.
dBS Distance between base stations.
eAD Average distance error.
σ Standard deviation of error.
RMSE Root mean square error.
C16 Comau NS16 1.65 foundry hand industrial

serial robot.
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RMSD Root mean square deviation.
E(95) Expected error at 95 percentile.
E(97) Expected error at 97 percentile.
E(99.7) Expected error at 99.7 percentile.
AET Average error test.
MPET Maximum permissible error test.
d̄ Average measurement deviation from mean.
dmax , dmin Maximum and minimum measurement

deviation from mean.
ē Average measurement error.
emax , emin Maximum and minimum measurement error.
δavg Expected average error/deviation from mean.
δmax Expected maximum error/deviation

from mean.
Ho Null hypothesis of the hypothesis tests.
Ha Alternative hypothesis of the

hypothesis tests.
N Sample size of measured data.
s2 Variance of measured error.
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LeftHRight Homogenous transformation matrix of right
object with respect to the left in VLTS’
coordinate frame.

Left ĤRight Homogenous transformation matrix of right
object with respect to the left in C16’
coordinate frame.

P Position/linear degree of freedom.
O Orientation/angular degree of freedom.
CDF Cummulative distribution function.
%Loss Percentage loss of tracking.

I. INTRODUCTION
Virtual reality (VR) motion tracking devices have been serv-
ing as a low-cost motion tracking solutions for both the
VR and non-VR application like robotics, scientific research,
motion capture, motion simulators, mixed reality video pro-
duction, medical science, rehabilitation, interactive art, etc.,
since its market debut in 2016. Each VR consumer product
company makes its custom motion tracking systems, such
as the VLTS [1], Oculus sensor [2], camera-based, insight
tracking [3], etc. There are various tracking technologies that
have different physical operating principles [4]. The tech-
nique most adapted for consumer VR products are outside-in
tracking [5] and inside-out tracking [6]. Although VR’s major
issue of portability is solved by inside-out, at the time of
writing this article outside-in acts as a gold standard for
VR motion tracking due to its better tracking performance
[7]. Thus, the focus of this article is on the first and most
widely used commercial outside-in tracking system, the HTC
VIVE’s lighthouse tracking system.

HTC Vive comes with two base stations, one head mount
display, two controllers, and trackers. VLTS enables tracking
of these devices in sixDOFwith reference to a common frame
calibrated at initial setup process. The working principles and
other setup considerations are explained in section II-A.

A detailed performance metrics of VLTS are not provided
by the developers [15], as it is a VR utility device. Upon gain-
ing popularity as an affordable motion tracking alternative,
various studies investigated its performance either in general
or for a specific application. Table 1 provides a summary
of studies investigating the spatial tracking performance of
VLTS. In [8], the possibility of using tracker as a ground
truth tracking system was examined and an algorithm was
presented using only the light data to improve dynamic per-
formance sacrificing precision in static cases. The precision
evaluation of the controller against the Vicon MOCAP for
clinical research was conducted by [9]. The static perfor-
mance of HMD was evaluated by [10] with grid lines drawn
on the floor for three different tracking volumes for scientific
research. Another static evaluation similar to [10] with more
accurate ground truth was conducted by [11]. The precision
analysis for rehabilitation and medical tracking purposes
was conducted by [12] and [13]. Usage of the controller
for automated testing of an industrial robot was assessed
by [14].

There are few references assessing Vive system with crite-
ria other than spatial tracking. Time performance assessment
(latency and jitter) for neuroscience and biofeedback studies
under strong time constraints (< 10 ms) was made in [16],
proving that events less than 22 ms cannot be registered.
Performance bound assessment of lighthouse positioning sys-
tem against the ultra-wide band for micro unmanned aerial
vehicles was conducted in [17], showing that the earlier is
a viable option. The ability to extend the tracking space of
lighthouse tracking system in general was examined in [18].
The quality of experience of the Vive and Oculus Rift systems
was compared in [19], concluding that the Vive is marginally
better. Numerous studies using Vive as one of the setup
devices is not included in this survey, as it is beyond the scope
of this article.

This article aims to address the two potential shortcomings
of the current literature presented in Table 1: First, the results
of the performance evaluation differ based on the setup. For
instance, [8] reports precision in millimeter whereas [13] and
[14] report sub-millimeter precision. The similar ambiguity
can be observed in static analysis as well, all articles report
sub-millimeter accuracy except for [11] and [12]. The results
of [11] are higher because the configuration of tracking space
is larger than the recommended 5 m, as the author was testing
for extreme cases. The poor static performance of [12] could
be due to the interference of infrared from their ground truth
system Vicon MOCAP, as we experienced the same issue of
inaccuracy during our initial testing of Vive with Optitrack
MOCAP as ground truth system. These variation in reports is
due to a lack of standard procedures to compare performance
across various applications. VLTS being a hybrid systemwith
multiple sensor data fused to make the VR experience smooth
in terms of human-motion perception has no predefined/
available standard. In this article, we attempt to standardize
the VLTS’ motion tracking evaluation by considering the
ASTM International standard [20] for bench-marking optical
tracking devices withmarkers. The nominal reference for pre-
cision evaluation, static, and dynamic analysis were chosen
as [21], [22], and [23] respectively. These standards were
selected because the key percentage of VLTS’ data is from
lighthouse tracking with photo-diode sensors [24].

Second, as it is evident from Table 1, most of the literature
conduct the precision evaluation and static analysis for their
different intended applications but there is a lack of perfor-
mance evaluation under dynamic motion states. Although
[8] compared their algorithm with off-the-self Vive’s algo-
rithm under motions with a velocity ranging between 10 to
60 mm/s, it does not provide the VLTS’s dynamic pose
tracking performance. Since most applications require spa-
tial tracking under the broad range of motions with differ-
ent velocity intensities, it is essential to have clearer and
comprehensive performance statistics of VLTS under various
dynamic conditions. In this article, we conduct an in-depth
dynamic pose tracking analysis which includes the stan-
dardized evaluation as per the protocols in [23], determina-
tion of upper bound velocity of reliable tracking, examining
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TABLE 1. Summary of existing Vive evaluation studies.

the pose-tracking performance and the reliability conditions
within the identified upper bound, and; finally, validating the
obtained results with human wrist motion trajectories.

The primary contribution of this article is the multi-level,
in-depth study of the dynamic performance ofVLTS. The sec-
ondary contribution is the evaluation of VLTS’ precision and
static pose tracking performance using standard ASTM tech-
niques. Both contributions were made under recommended
conditions for all the three VLTS devices (T, C, and HMD).
Finally, the suggested approaches and guidelines will supple-
ment the article for readers to test the performance of HTC
Vive spatial tracking for their custom application by using
the findings of this article.

The article is structured as follows: Section II briefs about
the system used for the experiments. Section III describes the
experimental scheme, rationale,and parameters considered.
Section IV discusses the obtained results of precision, static
and dynamic analysis of pose tracking. Section V affirms
the contribution and states the probable biases of our results.
Finally, the appendix describes the procedures and recom-
mendations for customized evaluation.

II. EXPERIMENTAL SYSTEM
A. VIVE LIGHTHOUSE TRACKING SYSTEM
Working of VLTS is explained extensively by its devel-
oper [24]. Briefly, it is an optical navigation approach in

which two base stations serve as a beacon with each one
of them emitting a synchronization flash (blinking lights
emitting diodes) and two infrared sweeping planes (laser
beams) with two rotors spinning with constant velocity and
orthogonally aligned. The tracking devices are equipped with
photo-diodes and other sensors such as inertial measurement
units and gyroscope to measure linear and rotational acceler-
ations respectively. The photo-diodes detect both the signals
from the base stations (infrared sweep and LED flash) to
triangulate the angle between the lighthouse’s normal vector
and the photo-diode with the time difference. Vive’s off-the-
shelf algorithm fuses all these sensor data to estimate the
tracked pose relative to its world frame.

B. GROUND TRUTH SYSTEM/REFERENCE SYSTEM
The ideal candidate for a reference system (RS) to assess the
VLTS for motion tracking purposes would be one of the gold
standard systems in that field. Our initial testingwith one such
system, ‘Optitrack MOCAP’ resulted in poor performance of
Vive even in the best case static scenario. The errors were in
the range of centimeters as opposed to the millimeter range,
and the jitter was high as well. This bad performance was
found to be caused by the interference in infra-red bandwidth
between MOCAP and VLTS. Therefore, most optical track-
ing systems would not serve the purpose unless the infra-red
bandwidth is different. There were few workaround options
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like recording the data without synchronization at different
time instances, using relative measures, but these are not
suitable for dynamic performance assessment.

To measure the spatial tracking performance of VLTS,
especially in dynamic cases, we need a system that can be
precise and reliable at high velocity and provide data with
a latency < 20 ms [16]. An industrial serial robot meets
all these criteria and, with its wide range of motion, also
facilitates a meticulous study of VLTS. C16 was used as the
ground truth device (shown in Fig. 1). It has a repeatability
of 0.05 mm and six DOF [25]. The latency between the
motion feedback frames of C16 was measured at an average
of 8 ms and a maximum of 12 ms, which is well within the
requirements.

FIGURE 1. Ground truth system: Comau NS16 1.65 foundry hand robot
with the mount for controller dynamic analysis attached to the
end-effector.

To mount the devices of VLTS on C16’s end-effector
flange (ISO9409-1-A63), customised 3D printed mounts
were manufactured for each of the devices as shown in
the Fig. 2.

FIGURE 2. Vive tracking devices with their 3D printed mounts for flange
ISO9409-1-A63. From left: tracker, Controller, and HMD.

The mounts for the dynamic performance assessment are
shown in Fig. 3. The two of the same tracking devices/object
must be mounted on the either side of the metrology bar as
recommended by the ASTM standard [23]. Metrology bar
length acts as a reference quantity during analysis. In the stan-
dard’s requirements, the carbon fiber material was proposed
for the metrology rod so that the deflection would be less than

FIGURE 3. Metrology bar, with devices on both ends and its C16 tool
mount. Top: A 350 mm long carbon fiber tube, with VLTS’s tracker on both
ends. Middle: An assembly of two carbon fiber rods and rack, with VLTS’s
controller on both ends. Bottom: HMD mounted on the end-effector
of C16.

or equal to 0.01 mm. The tool mount and the attachments are
3D printed.

C. CONFIGURATION OF WORK VOLUME
Here, work volume is the physical space in which the tracking
system is configured. The vendor recommands a play area
of 3500 × 3500 mm2 and a maximum distance between the
two bases stations (dBS ) of 5000 mm. Considering the above
two criteria, each base station is kept 2500 mm away from the
origin of the C16 at a height of 2500 mm as shown in Fig.4.
The same configuration of work volume is considered for all
the evaluations.

FIGURE 4. Work volume configuration sketch, top view. C: C16’s Origin
Point.

VLTS being an optics-based system, tracking performance
is highly dependent on various factors such as sunlight,
the presence of reflective surfaces, other IR rays interfer-
ence, and visibility of photo-diodes to the base stations.
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The following considerations were made within the work
volume while conducting the evaluation:
• The tracking area was covered with non-reflective black
sheets. All reflective objects andwindowswere also cov-
ered to avoid natural lights. No other infrared emitting
devices were placed in the work volume (section II-C).

• Base stations were synchronized using sync cable with
channel ‘‘b’’ and ‘‘A’’ with room-scale calibration

• The receiver dongle of the tracker was set 45 cm far from
the computer

D. POSE ERROR BETWEEN VLTS AND C16 ROBOT
To compare the pose of two independent systems with their
own absolute frame, there are numerous techniques. The first
and the most common method used in robotics is to have an
intermediate frame VLTS’s frame at a precisely measured
point with respect to the C16’s origin and transform the
data using rigid body transformation. This is not suitable for
performance evaluation as the system error will be reflected
in each data frame. The next method, widely used in the
field of computer vision since 1986, is the least square fitting
technique (calibration/registration process). This has been
adapted for evaluating system performance (Vicon MOCAP
assessment [26]). This method requires the collection of
matching data points from both the system and estimating the
parameters of the rigid body transformationmatrix. This topic
is itself vast with solutions explored from various aspects like
closed form vs iterative solution, and etc. A detailed survey
and categorization of the existing methods are presented
in [27] and [28]. For our experimental setup, we assessed
the effectiveness of two closed-form solution algorithms [29]
and [30]. Despite providing good transformation results with
RMSE of 4.1 mm and 4.5 mm, we encountered a significant
problem. Being a non-rigid body transformation, the outliers
were also transformed i.e., the transformation includes even
the deformed dataset. Thus, this method is also not suitable
for our evaluation. The above-mentioned methods are used to
obtain the absolute pose error in which there is a significant
dependency between the two systems.

In our experimental system, as the time data are synchro-
nized, we could evaluate the relative pose error in their own
respective frame without transforming the frame from C16 to
VLTS. This method fits our criteria perfectly because the
error is measured without influencing either of the systems
thereby removing any inter-system dependency. Let’s say we
have a dataset of N sample size from the C16 and VLTS.
Each pose (2:N) is transformed with respect to the first pose
in its own frame and then the pose error is calculated using
equation (1).

0 ≤ eRelAngle,k = cos−1(
trace(Rk )− 1

2
) < π

eRelTran,k =
√
(x̂k − x̂1)2)+ (ŷk − ŷ1)+ (ẑk − ẑ1)2)

−

√
(xk − x1)2)+ (yk − y1)+ (zk − z1)2)

(1)

where eRelAngle,k is the relative angle error, eRelTran,k is the

relative translation error, Rk = 1 Rk R̂k
T

represents the
rotation difference expressed in [3 × 3] rotation matrix. The
characters with ∧ accent mark denotes the data measured in
the coordinate frame of the VLTS, and the characters with no
accent mark are data measured in the C16’ coordinate frame.

E. SYSTEM ARCHITECTURE
The architecture of the experimental setup to evaluate the
VLTS is elucidated in Fig. 5. It describes the integration of
two systems (C16 and VLTS) in four primary blocks. The
requirement of this system is to provide pose and time data
feedback synchronized in the same reference frame with a
time latency of less than 22 ms.
• The role of the first block is to prepare our ground truth

system C16 to perform the required motion. The trajectories
are designed as specified in section III. With the use of the
Universal Robot Description Format (URDF) file, the gen-
erated trajectory was simulated in MATLAB to ensure the
trajectories are within the workspace. After verification, our
Python PDL Parser generates the path file and send it to
the C16.
• The second block is the server setup for VLTS and C16.

The custom application built with OpenVR SDK (C++) [31]
and WinC4G API (PDL-Comau custom scripting) acts as a
server of a TCP/IP network to stream the data of VLTS and
C16 respectively.
• The third block highlights the data collection software

developed. The data collection API receives both the data
stream in parallel, inserts the time data for synchronization,
and logs it in a ‘‘.txt’’ file.
• The final block features the data post-processing. This

process is done offline after the experimentation to reduce
computation time and thereby latency while collecting the
data. The stored data from both C16 and VLTS are syn-
chronized and re-sampled at 100 Hz. Then the relative
transformation and pose error are calculated as explained
in section II-D. Finally, the performance metrics are
evaluated.

III. DESIGN OF EXPERIMENTS
VLTS’ spatial tracking performance was tested in three cases.
The first two analysis, namely precision evaluation and static
analysis, were conducted with zero velocity between each
data frames, and the third analysis, the dynamic analysis,
examines the variation of tracking performance with different
velocities. Despite comprehensive literature on precision and
static analysis as illustrated in Table 1, they were under-
taken for two key reasons: validating our experimental setup
against the literature; and to address the variation in the
literature’s reports by introducing a standardized method-
ology and evaluation parameters. This section outlines the
methods used for each type of analysis with an emphasis
on the purpose, rationale, assessed criteria, and performance
metrics.
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FIGURE 5. System architecture of the experimental setup. DOE: Design of experiments, 1Tk : Homogeneous
transformation matrix from kth pose to 1st pose. The source of the modules within the edge tapered boxes are made
available in the GitHub repository [32]. The repository includes the C++ source code of the data collection API,
the Python path to PDL parser script, and the MATLAB scripts developed for post-processing, transformation,
generation of the performance metrics, and also for the tested registration algorithm.

A. PRECISION EVALUATION
This test investigates the precision of VLTS in static case.
The repeatability of the C16 (0.05 mm) allows for a precise
revisit of the commanded points, which is ideal for precision
evaluation. The method is as follows: the tracking device
was kept at 10 random points (as shown in Fig. 6) and the
data were collected for VLTS and C16. This was repeated
10 times with random order of visit. The randomness of the
visits is to have ‘‘independent test results’’ [21]. The choice
of 10 points and 10 visits were arbitrary. Each point’s pose is
evaluated 10 times leading to a total of 100 evaluations which
will provide reliable data for one tracking device. The same
method is followed for all three devices.

FIGURE 6. 10 randomly selected points (P1 to P10) within the prescribed
workspace. For each iteration, the order of visit to P1 to P10 was
randomly selected.

The measure of precision is generally measured in terms
of imprecision and computed as standard deviations (RMSD)
[21]. In addition, dmax , E(50), E(95), and E(99.7) were com-
puted to report the quality of the pose tracking performance.
dmax indicates the largest error obtained which includes the
outliers irrespective of the number of occurrences. The per-
centile values gives an overview of the confidence level of
the pose tracking. For instance, if the 99.7 percentile value
is closer to the mean value than we can infer that the pose
tracking is reliable with 99.7 % confidence.

Apart from the parameter above, two statistical hypothesis
tests AET and MPET were conducted. The first test was
conducted to check if VLTS has an average precision of less
than 1 mm and 0.5◦ as the literature claims(Table. 1). The
latter aims to infer the maximum deviation from the mean is
less than 10 mm and 1 deg. The null and alternative hypoth-
esis are set as shown in the Table (2). The same hypothesis
were tested on all the three devices of VLTS for both position
and orientation.

TABLE 2. Statistical tests for the precision evaluation of VLTS.

For the average error test, the sample size is N > 30 and
the population standard deviation is unknown, therefore the
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Z-test is performed to validate the hypothesis [33]. In a statis-
tical sense, the precision is less than δavg if the AET accepts
the null hypothesis with a p-value > 0.95 i.e., if equation (2)
is not satisfied.

d̄ − δavg√
s2/N

> Zα (2)

where, Zα = 1.6449 (Z score at 0.95).
ForMPET, the null hypothesis i.e., the maximum deviation

is less than 1 cm and 1◦ if the equation (3) is false.

δmax − dmax
dmax − dmin

<
α

1− α
(3)

where, α = 0.05.

B. STATIC ANALYSIS
The static analysis is the evaluation of the system’s perfor-
mance when the object to be tracked and the measurement
system are both static with respect to each other. This analysis
is one of the most common assessment available among the
literature. Each literature evaluate VLTS for their focused
application and does not have a common set of metrics. There
are also variation in the literature findings, some reporting
millimeter accuracy while some reporting in sub-millimeter.
These discrepancies are mainly due to the choice of the
ground truth system, assessment techniques and evaluation
methods. In this article, we aim to resolve this ambiguity by
introducing a standardized method and performance evalu-
ation metrics adapted from the ASTM standard for optical
based motion tracking devices [22].

One of this standard’s additional criteria is that the pose
measurement uncertainty of the chosen ground truth system
must be less than the measurement uncertainty associated
with the test system (VLTS), which is the case of our setup
with C16. The test procedure proposed by [22] is relatively
straightforward. The object/device to be tracked is placed at
‘N’ random locations and the pose is measured simultane-
ously by the reference system (C16) and the system under test
(VLTS). To ensure that the average error follows a normal dis-
tribution according to the central limit theorem, the number
of samples (N) should be greater than 32 (N≥ 32). A sam-
ple size of 100 was arbitrarily selected to provide reliable
results (N=100).

Upon completion of data collection, the pose error (ek ) is
calculated using the technique mentioned in section II-D and
the equation (1). The hypothesis tests similar to section III-A
were conducted with the same null and alternative hypothesis
as tabulated in Table. 4 but with δavg as 5 mm and 0.5◦, and
δmax as 10 mm and 1◦. The equations (2) and (3) were used to
validate the null hypothesis by replacing d̄ with ē, dmax and
dmin with emax and emin.
Apart from the these two statistical tests, [22] recommends

two other tests such as quantile error test and precision error
test. These tests were not considered in this article because of
unknown expected quantile bound value and unknown prior
variance from vendor. If necessary, while performing custom

TABLE 3. δavg opted for dynamic analysis. δmax = 1.5× δavg.

TABLE 4. Precision evaluation: Hypothesis test results.

evaluation, the above two tests could be conducted with the
results tabulated in Table 6.

C. DYNAMIC ANALYSIS
The dynamic analysis focuses on the determination of the
pose tracking performance of VLTSwhile the tracking device
is in motion. As mentioned in section I, dynamic analysis is
not prevalent in the literature. Here, in addition to the standard
procedure from [23], we present the method to determine the
performance against varying velocity and fixing the upper
bound as well as verification of the results using complicated
and randomized trajectories.

To avoid p-hacking [34], the entire experiment was con-
ducted with a single goal: to study the pose tracking perfor-
mance against the variation in velocity.

1) STANDARD PROCEDURE EVALUATION
The standard stipulates in detail the test procedure and a
set of statistically based performance metrics to evaluate the
performance of an optical tracking system. The adaptation of
the standard is as follows: One of the suggested test volume
of 3000× 2000× 2000mm3 was configured inside our work
volume of 3500 × 3500 × 2200 mm3 (section II-C). The
tracking device to be tested are attached to the ends of the
metrology bar as shown in Fig. 3. The procedure requires
moving the position of the centroid of the metrology bar at
a relatively constant walking speed of 1500 mm/s (1200 ±
700 mm/s) along the work volume in two patterns(X, Y) as
shown in Fig. 7 at a height of 1000 mm.

Through a continuous smooth motion, the centroid of
the metrology bar is moved along the test volume in two
patterns (X and then Y) with three different orientations.
The orientations are configured such that the line passing
through metrology bar and the devices aligned parallel to the
three orthogonal planes. Thus, for a single test a total of 6
trajectories are evaluated at the commanded average velocity.
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TABLE 5. Precision evaluation results: Statistics on deviations from mean.

TABLE 6. Static analysis results: Statistics on relative pose error.

TABLE 7. ASTM, dynamic evaluation results: Statistics on pose error between the two tracking devices.

As the relative pose between the left and right tracking
devices are constant at all time, the pose measurement error is
calculated by comparing Left ĤRight of VLTS and LeftHRight of
C16. The timestamp is used to synchronize the data. The posi-
tion error (ep) and the orientation error (eo) at time instance t
are calculated as shown in equation 4.

ep(t) = ||T̂ (t)|| − ||T ||

eo(t) = θ̂(t)− 0 = θ̂
(4)

where T̂ (t) and θ̂ (t) are the position vector and the angle of
rotation of Left ĤRight , T is the position vector of LeftHRight ,
|| || denotes 2-norm of the vector. θ̂ (t) is calculated using
the equation 5.

θ̂ (t) = 2 ∗ asin(
√
q̂2x(t)+ q̂2y(t)+ q̂2z (t)) (5)

where, (q̂w(t), q̂x(t), q̂y(t), q̂z(t))T is the unit quaternion rep-
resentation of the rotation matrix R̂(t).
The error statistics computed are the RMSE, emax , and

the percentile error (E(99.7), E(95) and E(50)). Similar to

previous section III-A and III-B, the AET andMPET hypoth-
esis tests were performed. Here, instead of verifying the
error in the millimeter or centimeter range, we intend to
inspect the device in a broader perspective by examining
whether the devices are able to localize itself i.e., ability to
be positioned within the dimensions of the device. To this
extent, we propose that the average error limit should not
be outside the dimensions of the device itself on either side
of the center. The half of the maximum of the three dimen-
sions (length, breadth and height) was selected to be the
expected average error limit δavg for each device as tabulated
in Table. 3. The maximum error limit was selected to be
1.5 × δavg so that some extreme outliers are not penalized
heavily. For angular DOF, an arbitrary value of 2◦ was chosen
for δavg.

This approach of fixing the δavg and δmax was opted to have
a general purpose results whereas the appendix demonstrates
the usage of the findings presented in this article for the
reader’s specific application with custom δavg and δmax for
their intended application.
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The two hypothesis test performed will not provide direct
information on the loss of tracking. Therefore, we propose
another parameter ‘‘Percentage loss of tracking’’ to determine
the efficiency of tracking in dynamic cases. It was calculated
as the ratio between the number of data above the δmax defined
for MPET and the total number of sample data collected.
This parameter along with the two hypothesis tests will pro-
vide sufficient information to infer statistics on the device’s
performance.

2) DETERMINATION OF THE VELOCITY UPPER BOUND
This test is intended to determine the upper bound velocity at
which the tracking is reliable and examine the performance of
VLTS devices below the upper bound range. Here, we stipu-
late the conditions of reliable tracking as follows:

• the acceptance of null hypothesis of the AET using
equation (2)

• the percentage loss of tracking must be less than 0.5%
(99.5% must be accepted)

Both of these conditions are considered as the necessary
condition because less error and high loss of data is not
favorable and the vice-versa is also not good.

The procedure is as follows: the same set of six trajectories
from ASTM test depicted in Fig. 7 is used. Here, the average
velocity is reduced in steps and the results are tested for relia-
bility at each step until the upper bound of reliable tracking is
found. Then, within this bound similar procedure is followed
to evaluate whether the reliability conditions holds. CDF,
AET, MPET and % loss in tracking were utilized to infer
statistics about the dynamic performance of the VLTS device.
The same procedure was repeated for all the three devices.

3) SUBSTANTIATION WITH HUMAN WRIST TRAJECTORIES
The aim of this set of experiment is to validate the results
inferred on the dynamic performance of VLTS in the previ-
ous section III-C2. The ideal approach would be to validate
for a target application and in turn verify the usability of
VLTS for that specific application. Even though the latter
objective is demonstrated in the appendix, here the aim is
more general. Thus, the trajectory of human wrist motion was
chosen because of the likelihood of obtaining uninfluenced
trajectories, not in the advantage of the performance of the
device.

The ground truth trajectory profiles of generic human
wrist motions were obtained using the Optitrack MOCAP
equipped with 8 cameras. The MOCAP reflective markers
were placed at the wrist joint centers using a wrist band as
shown in Fig. 8 (left). To have more randomized and complex
trajectory, the subject was advised to move his joint extremes
as often as possible and no other information was provided.
8 trajectories with 3 spatial (subject was instructed to move
randomly with different speed) and 5 planar motions (subject
was instructed to place the palm on flat table and on a vertical
board while performing motions) were recorded. The profile
of the recorded trajectory was then modeled using smoothing

FIGURE 7. Pattern trajectories for dynamic analysis adapted to the C16’s
workspace. X pattern (horizontal lines-red) and Y pattern (vertical
lines-cyan). Each pattern is parallel, straight line segments,
back-and-forth along their corresponding axis with the paths separated
by at most the length of the metrology bar. At maximum, one-half of the
metrology bar length shall be the difference between the boundary lines
and the test volume limits.

FIGURE 8. Left: Wrist centre of the upper arm is tracked by attaching a
wrist band equipped with reflective markers. Right: the hand tracking
trajectory fed to the C16, within the prescribed workspace. (FO is the
offset distance of 45 millimetres where the mounting part is attached and
VTF is the Vive tracker tool frame which is at distance of 19.6 millimetres
from the top of the mount.

spline curve fitting with an average R2 value of 0.64. The pro-
file was transformed to fit within the prescribed workspace of
the robot as shown in Fig. 8 (right) (Cuboid of 1 m x 0.55 m
x 0.6 m, [35]. The workspace in which the robot can traverse
linearly between any pose without hitting singularities or
changing the manifold using joint space).

The difference in terms of setup between here and
section II-B is the trajectory generation method for C16. For
all experiments, the reference trajectories weremanually gen-
erated according to requirements, but here the wrist motion of
the subject was captured using Optitrack MOCAP. The sole
purpose of the Optitrack MOCAP is to extract the reference
trajectories from the subject which is later fitted and given as
input to C16. Then, C16 was used to substantiate the VLTS’s
dynamic performance.

The same mount shown in Fig. 3 was used for tracker
and controller. Due to practical difficulties of mounting two
HMD, the single HMD mount shown in Fig. 2 (far right)
was utilized. The centroid of the mounts were commanded
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TABLE 8. Velocity bound evaluation results. Statistics on pose error between the two tracking devices at the
determined upper bound average velocity (Vavg).

to follow the prepared hand trajectory profiles. The error was
calculated using the equation (4) for tracker and controller
and equation (1) for HMD. Each trajectory’s tracking data
was examined for reliability and the corresponding velocity
is verified against the upper bound reported by previous
section III-C2.

IV. RESULTS AND DISCUSSION
This section will discuss the significant observations made
from the data obtained during the experimentation.

A. PRECISION EVALUATION
The precision evaluation was conducted as per the method-
ology mentioned in section III-A, the measure of precision
along with the other parameters to access the quality of
tracking was computed, and tabulated in the Table 5. It can
be observed that all the three devices demonstrated high
precision with RMSD less than 0.55 mm and 0.12◦.
From the CDF shown in Fig. 9a, it is evident that HMD

has an excellent precision with the peak value of 0.74 mm.
Tracker and controller tracked 94.155% and 94.578% of data
within 1 mm. For the angular DOF shown in Fig. 9b, tracker
oriented 97.259% of the sample within 0.1◦ precision. HMD
and Controller tracked 78.471% and 0.333% within 0.1◦.
The worst deviation of 2.5625 mm at 99.7 percentile further
confirms the excellent results obtained with VLTS on the
overall quality of the static spatial tracking precision.

Using the value of d̄ and s2 in the Table. 5, the hypothesis
tests were conducted and the results are tabulated in the
Table. 4. All the H0 was accepted. Thus, we can statistically
infer the following for of all the three VLTS devices:
• The average deviation from mean is in sub-millimeter (
< 1 mm ) and less than 0.5◦.

• The maximum deviation from mean is less than 10 mm
and 1◦.

B. STATIC ANALYSIS
The results of the static analysis conducted using the standard
procedure explained in section III-B are tabulated in the
Table. 6. The RMSE was found to be in the millimeter range
rather than the sub-millimeter range of some literature. From
the CDF of the position and orientation error shown in Fig. 9c
and Fig. 9d, it can be seen that the HMD tracked with 96.44%

TABLE 9. Static analysis: Hypothesis test results.

and 98.99% of the sample within 3 mm and 0.5◦, controller’s
85.61% and 95.48% of data has error below 3 mm and 0.5◦

whereas for the same error value, tracker has 67.04% and
51.56%.

The outcomes of the hypothesis tests are tabulated
in Table. 9 with their corresponding test scores (Z value:
Result of the AET in equation (2), ME value: Result of the
MPET in equation (3)). All the null hypothesis was satisfied
except for the liner DOF of the tracker device, the maximum
permissible error’s hypothesis was rejected. Upon further
analysis, the maximum permissible positional error of the
tracker was identified to be less than 11 mm. Thus in a
statistical sense, we can infer the following on the static
performance (accuracy) of the three VLTS devices:

1) The average pose error is less than 3 mm and 0.5◦

2) The maximum pose error is less than 11 mm and 1◦

C. DYNAMIC ANALYSIS
1) STANDARD ASTM PROCEDURE
Table. 7 presents the results of the standard procedure eval-
uation of the VLTS’s dynamic analysis as mentioned in
section III-C. The average velocity of the trajectory during
the test was 902.467 mm/s and a maximum of 1501.1 mm/s
which confines with the recommendations of the standard.
This velocity is approximately 15 times higher than the liter-
ature (60 mm/s). The tracking performance was highly poor
which is clear from the CDF of the error (using equation (4)
until δmax) shown in Fig. 9e and 9f. It was observed that only
18.7007 %, 44.3802 %, and 17.5275 % of data is less than
10mm error and 61.5296%, 81.2617%, and 91.4467% of data
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FIGURE 9. ASTM Standard evaluation results: CDF of position and orientation error for precision evaluation, static analysis, and standard dynamic
analysis.

TABLE 10. ASTM, dynamic evaluation: Hypothesis test results.

is less than 2◦ of orientation error for tracker, controller, and
HMD respectively.

The hypothesis test’s outcome tabulated in Table. 10 shows
that except the HMD’s positional performance all other null
hypothesis were rejected.

The % loss of tracking computed, further asserts that all
devices have poor spatial tracking performance except for the
positional tracking of HMD. Since the standard procedure
did not provide any significant insight on the dynamic per-
formance capabilities of VLTS, we continue to analyze the
devices using the same trajectories of this test but with lower
average velocity (< 902.467 mm/s).

2) DETERMINATION OF THE VELOCITY UPPER BOUND
The VLTS was evaluated for reliability under reduced
average velocity of the trajectories. The conditions of

reliability (III-C2) was evaluated at each step gradually with
reduced average velocity through interval analysis and the
results are summarized in detail in the appendix Table 14 for
the tracker, controller and HMD.

Both the reliability conditions were found to be satisfied
at an average velocity of 134.6 mm/s, 240.61 mm/s, and
853.46 mm/s for tracker, controller, and HMD respectively.
The results at the reliable velocity is tabulated in Table 8.
At this upper bound, the devices were able to localize within
itself without loss of tracking.

HMD’s superior results are due to many factors, but the
significant factor is that the number of photo-diodes is higher
than the other two devices.

From the CDFs of position and orientation error shown
in Fig. 10 (for the trajectories less than the determined upper
bound), we can observe that the curve signifies a good perfor-
mance for all the devices i.e, within the bound the devices are
able to localize themselves without losingmore than 99.5%of
data. Therefore from this analysis, we can infer the following
on the upper bound of VLTS:
• The reliable upper bound velocity of the VLTS devices
are 134.6 mm/s (Tracker), 240.61 mm/s (Controller),
and 853.46 mm/s (HMD) with
– the average error is less than the δavg (Refer

Table. 3) and
– the maximum error is less than the δmax

(= 1.5× δavg)
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FIGURE 10. Velocity bound evaluation: CDF of position and orientation error up to δmax for tests with velocities less than the upper bound.

TABLE 11. Wrist trajectory evaluation results, Tracker: Statistics on pose error between the two tracking devices.

An overview of the performance is shown in Fig. 11 in
terms of overall percentage of loss at different range of
velocities computed for all the trajectories (i.e., each error
and its corresponding velocity was extracted from all the

trajectory data). It can be clearly noticed that the above
300 mm/s the tracker suffers a significant loss of data (>
10%) and the same can be observed for controller at velocity
above 600 mm/s.
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TABLE 12. Wrist trajectory evaluation results, Controller: Statistics on pose error between the two tracking devices.

TABLE 13. Wrist Trajectory evaluation results, HMD: Statistics on pose error.

FIGURE 11. Overall percentage loss in tracking for tracker and controller
(14 sets * 6 subsets, a total of 84 trajectories for tracker and controller)
and percentage of loss was calculated over a range of 0 to 1000 mm/s
in 10 steps).

A detailed results are tabulated in the appendix Table 14
which includes performance parameter such as RMSE, per-
centile error, ē, s2, emax for both position and orientation.

This table has two key significance: first, as defined in the
appendix A and B, the user may utilize the value of the
parameters in the table to calibrate and configure their VLTS
for a particular application. Secondly, to evaluate the usability
of VLTS devices for the required average velocity, the reader
could simply use the tables as a look-up table/guide, so that
the reader could choose to calibrate further using the tech-
niques discussed in this article or add a filter to eliminate the
measurement uncertainty using the tables’ data.

3) SUBSTANTIATION WITH HUMAN WRIST TRAJECTORIES
The devices were tracked while performing the fitted human
wrist profiles as explained in section III-C3 and the results are
displayed in Table. 11, 12, and 13 for tracker, controller, and
HMDcorrespondingly. Similar performance parameters were
calculated like other evaluations especially RMSE, percentile
error, hypothesis test and % loss. The reliability conditions
were investigated on each profile and the non-reliable data
was verified against the upper bound reported in section IV-
C2. For the HMD, as the upper bound was high, all the
trajectories tracked were found reliable so only three tra-
jectories results are shown in the Table 13. For the tracker,
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TABLE 14. Velocity bound evaluation results, Highlighted (gray) row corresponds to the identified upper bound.
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TABLE 14. (Continued.) Velocity bound evaluation results, Highlighted (gray) row corresponds to the identified upper bound.

P4 trajectory was unreliable and the respectively average
velocity was 166.67 mm/s which is greater than the bound

(> 134.6 mm/s). For the controller, P3 was unreliable and
the average velocity was 256.89 mm/s which is also greater
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than the bound(> 247.61 mm/s). Thus, all the trajectories
resulted in unreliable tracking data was found to have average
velocities higher than the upper bounds thereby validating our
obtained results on the dynamic performance bounds.

V. CONCLUSION
This article provides an in-depth analysis of the spatial track-
ing performance of all the three HTC Vive VR tracking
devices (tracker, controller, and HMD) through a series of
standardized tests adapted from the ASTM’s standard on
the evaluation of the optical tracking system. The precision
in static case was statistically inferred to have an average
deviation davg <1mm, 0.5◦, and maximum deviation dmax <
10 mm, 1◦. The static case’s accuracy was demonstrated sta-
tistically to have an average error eavg <3 mm, 0.5◦, and
maximum error emax < 11 mm, 1◦. The standard dynamic
analysis procedure did not produce any significant statisti-
cal inference on the performance of the devices therefore a
method derived from the standards was used to evaluate the
reliable upper bound velocity. The reliability conditions were
specified to consider both the quality (average error hypothe-
sis testH0 < δavg) and the quantity (percentage loss< 0.05%)
of the tracking. In our case, we defined the δavg such that
the devices are able to localize within itself, i.e., within their
physical dimensions extremes. The upper bound results for
each VLTS device were further substantiated with the random
and complex human wrist motion trajectories recorded using
Optitrack MOCAP and recreated in C16. As the choice of
average error might be high for most of the applications,
a procedure to validate the usage of VLTS for a custom
application with a user-defined δavg, and δmax for both static
and dynamic cases are described in the appendix along with
few recommendations to configure VLTS.

APPENDIX A
PROCEDURE TO PERFORM STATIC PERFORMANCE
EVALUATION FOR A CUSTOM APPLICATION
Here, we explain how to use our results to evaluate VLTS for
a custom application for an expected average and maximum
error. This is an adaption from the hypothesis test proposed
in [22]. To perform static analysis, leftmargin=*

1) Select N > 32 random pose within your workspace
2) Move your setup (robot or motion generator or just

manually) with the device attached to these poses,
3) At each pose record the VLTS and the corresponding

setup data (system to be tracked) (Note that if the data
cannot be extracted from the system to be tracked, any
other reference system can be used),

4) Calculate the error using the equation (1),
5) The above steps can be skipped if the error data for

more than 32 pose exists,
6) Find ē and emax
7) Fix δavg and δmax as per the average and maximum

error the system is required to perform, (Note that if
the interest is only on one of the values, the other value
can be taken from the Table. 6)

8) Extract the s2 for the specific device from the Table. 6,
9) Substitute the above values in the equation (2) and (3)

to determine whether the null hypothesis of average
error and maximum permissible error test is accepted
or rejected,

10) If both the hypothesis is accepted, then we can concur
that VLTS is suitable for the custom application and
also the base stations are setup properly.

11) If any one of the hypothesis is rejected, then reconfig-
ure the setup as per the recommendations mentioned
later and repeat all the steps from the beginning until
the hypothesis are accepted.

If the static analysis fails even after having the iterating with
various configurations, then we can infer that VLTS is not the
recommended system for the custom application to have an
δavg and emax . The next option is to increase the value of δavg
and emax , if the application can permit the increase in error
and repeat the procedure.

APPENDIX B
PROCEDURE TO PERFORM DYNAMIC PERFORMANCE
EVALUATION FOR A CUSTOM APPLICATION
Here, we describe the procedure to conduct dynamic per-
formance analysis similar to section III-C3 for a custom
application for an expected average error and percentage
loss of data (Refer section III-C2). To perform dynamic
analysis,

1) Select a trajectory based on the custom application with
more than 32 samples (N>32 within your workspace)
and an average velocity,

2) Perform the trajectory or motion with the tracking
device attached,

3) At each pose record the VLTS and the corresponding
setup data (system to be tracked),

4) Calculate the error using the equation (4) and (5).
5) Again, the above steps can be skipped if the error data

exists for more than 32 samples,
6) Find ē,
7) Fix δavg and δmax as per the average andmaximum error

the system is required to perform,
8) Calculate the percentage of loss in tracking (III-C1)
9) Extract the s2 for the specific device from the Table. 14.
10) Substitute the above values in the equation (2),
11) Check whether the reliability condition is accepted or

rejected (Refer section III-C2),
12) If the reliability conditions are accepted, then we can

concur that VLTS is suitable for the custom application
with error δavg and δmax ,

13) If the reliability condition fails, check whether the aver-
age velocity of the trajectory is within the upper bound
specified in section IV-C2. If the velocity is above the
upper bound, we suggest to reduce the average velocity
and repeat the procedure.

If the dynamic analysis fails repeatedly after reducing the
velocity, then we can infer that the VLTS is not suitable for
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the custom application to have δavg and δmax . The next option
is to increase the value of δavg and emax , if the application can
allow increase in error and repeat the procedure.

APPENDIX C
RECOMMENDATIONS FOR VLTS SETUP
Along with the considerations mentioned in section II-A
which includes the vendor’s suggestions, we recommend the
following to be taken into account while configuration

• Ensure that the sweep of the base station reaches the
entire volume of work by specifying the workspace to
track into a cube (play area * height). The best way to get
this area completely enclosed is to have the base stations
at the end of the play area diagonal. The most common
error is to place the base stations at the midpoints of
the cube’s edges, this configuration would significantly
decrease the tracking efficiency at the play area edges.

• Ensure the tracking devices are consistently visible to
at least one of the base stations. It is better to make the
devices visible to only one base station than visibility
limited for both.

• Assign a unique role to the trackers and controller. This
will ensure that the data received is not corrupted. For
instance, if the role of ‘‘left-hand’’ is assigned to a
tracker and a controller then the data from both these
devices may be interchanged leading to swapping in
visual and pose data of ‘‘left-hand’’ interpreted. This
depends on the software application written to receive
the data but we still suggest that the roles should be kept
different from one another.

• The order from which each device is connected defines
the SteamVR identification number. So if a series of
experiments are carried out, the best way to maintain
the Id’s order is to connect the same way it was first
paired. This is highly recommended for using VLTS as
a MOCAP solution.

These recommendations are made from observations and
rectifying the failures while conducting this extensive study.
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