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Abstract
As for many solid cancers, laryngeal cancer is treated surgically, and adequate resection margins are critical for survival. 
Raman spectroscopy has the capacity to accurately differentiate between cancer and non-cancerous tissue based on their 
molecular composition, which has been proven in previous work. The aim of this study is to investigate whether Raman spec-
troscopy can be used to discriminate laryngeal cancer from surrounding non-cancerous tissue. Patients surgically treated for 
laryngeal cancer were included. Raman mapping experiments were performed ex vivo on resection specimens and correlated 
to histopathology. Water concentration analysis and CH-stretching region analysis were performed in the high wavenumber 
range of 2500–4000  cm−1. Thirty-four mapping experiments on 22 resection specimens were used for analysis. Both laryngeal 
cancer and all non-cancerous tissue structures showed high water concentrations of around 75%. Discriminative information 
was only found to be present in the CH-stretching region of the Raman spectra of the larynx (discriminative power of 0.87). 
High wavenumber region Raman spectroscopy can discriminate laryngeal cancer from non-cancerous tissue structures. 
Contrary to the findings for oral cavity cancer, water concentration is not a discriminating factor for laryngeal cancer.
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Introduction

Surgical treatment with adequate resection margins is an 
important prognostic parameter for patients with laryngeal 
squamous cell carcinoma (LSCC) [1–3]. van Lanschot et al. 
described a significantly worse survival for positive mar-
gins in LSCC compared to those with close and clear. Yet, 
avoiding positive margins is difficult, due to the anatomy of 
the larynx [4]. To guide the surgeon towards an adequate 
resection, intra-operative assessment with frozen section 
analysis is often performed [4, 5], especially in cases where 
preservation of speech and swallowing is possible [6, 7]. 
However, this method is time-consuming and prone to sam-
pling error [4, 5]. A rapid and objective technology would be 
of added value for the intra-operative assessment of resec-
tion margins.

Various optical techniques have been investigated for 
this important clinical oncological need. These optical 
techniques have opened new perspectives because of 
their ease of use, high speed, and real-time and objec-
tive tissue characterization [8–11]. Narrow-band imaging 
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(NBI), autofluorescence (AF), contact endoscopy (CE), 
optical coherence tomography (OCT), fluorescence imag-
ing (FLI), and Raman spectroscopy are examples of these 
techniques. NBI, AF, CE, and OCT are established tools 
for early detection of laryngeal cancer but their intra-oper-
ative function is limited by the inability to image beyond 
the (sub-)mucosa. These techniques are only useful for 
mucosal margin assessment and unsuitable for deep mar-
gin assessment. Fluorescence imaging has the potential 
for assessment of deeper margins because of the possibil-
ity to image at considerable depths and tissues other than 
the mucosa. Unfortunately, research on FLI for margin 
assessment is sparse. Raman spectroscopy has important 
advantages allowing for margin assessment in the deep 
margin planes. Raman spectroscopy is a technique based 
on the inelastic scattering of light in tissue and is able 
to characterize all different tissue types [11, 12]. Many 
studies have shown the potential of Raman spectroscopy 
to discriminate between cancer and non-cancerous tissue 
[11]. Increased accuracy for cancer diagnosis with Raman 
spectroscopy–based biopsy is reported with sensitivities 
between 73 and 100% and specificities of 66–100% [11].

Although promising, for laryngeal tissue, there are only 
a few feasibility studies performed on cancer detection 
with Raman spectroscopy. Different research groups deter-
mined that Raman spectra can be obtained rapidly and can 
reveal differences between non-cancerous tissue and LSCC 
[13–17]. These findings are based on the global spectral 
differences between cancerous and non-cancerous tissue, 
and the exact differences in discrimination between tumors 
and different surrounding tissue structures like connective 
tissue, gland, cartilage, muscle, and necrotic tissue were 
not analyzed.

In the literature mostly the fingerprint region is used, in 
this study it is chosen to use the high wavenumber region 
(2500–4000  cm−1) because of the stronger Raman signals 
and reduced fluorescence background, and because it ena-
bles in vivo application using simple single fiber optical 
probes [18].

In previous work, it was demonstrated that high wave-
number Raman spectroscopy can discriminate oral cavity 
squamous cell carcinoma (OCSCC) from surrounding non-
cancerous tissue with 99% sensitivity and 92% specificity 
based on water concentration. Based on this information, 
the tumor border could be determined, with a decrease in 
concentration from 76% inside the tumor to 54% at 5 mm 
from the tumor border [19]. The aim of this study was to 
investigate the spectral differences between tumors and the 
different tissue structures and to determine whether high 
wavenumber Raman spectroscopy can be used to discrim-
inate laryngeal cancer from surrounding non-cancerous 
tissue.

Material and methods

Medical ethical approval

The study was approved by the Medical Ethics Committee 
of the Erasmus MC, University Medical Center Rotterdam 
(MEC-2013–345). Informed consent was obtained from all 
patients before treatment.

Study population

Patients surgically treated (e.g., laryngectomy) between 
December 2015 and January 2019 for LSCC were included 
in this study. The experiments were performed ex vivo on 
resection specimens of the patients directly after surgery.

Tissue sampling

The time for experiments was limited to 60 min for optimal 
preservation of the tissue for the final pathological evalu-
ation. After surgery, the specimen was brought to the cut-
ting room of the pathology department. A dedicated head 
and neck pathologist (author) and the surgeon performed 
an intra-operative assessment of the resection margins, 
as described by Author et al. [20]. After this assessment, 
a tissue section was cut from the specimen for the Raman 
experiments (hereafter referred to as Raman section), with-
out interfering with the standard pathological evaluation 
of the specimen. All steps handling the resection specimen 
were recorded. The Raman section was rinsed from blood 
with physiological salt solution (0.9% NaCl) and patted dry. 
Afterwards, the tissue section was inserted in a closed car-
tridge of which the upper side consists of a fused silica win-
dow. The fused silica window was in contact with the tissue 
section. The maximum tissue area that could be scanned was 
determined by the size of the cartridge which was 3 ×  3cm2. 
If possible, both sides of the Raman section were scanned. 
After the experiment, the Raman section was added to the 
main specimen for fixation in formalin, for routine histo-
pathologic evaluation.

Raman instrumentation and experiments

A confocal Raman microscope was used to perform experi-
ments. The setup is described in detail in an earlier study 
[19]. The equipment contains a 671  nm laser (CL671-
150-SO, CrystaLaser), a charge-coupled device (CCD) 
camera fitted with a back-illuminated deep depletion CDD-
chip (Andor iDus 401, DU401A BR-DD, Andor Technol-
ogy Ltd.), and a multichannel Raman Module (HPRM 2500, 
RiverD International B.V). The Raman Module was coupled 
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to the microscope (Leica DM RXA2, Leica Microsystems 
Wetzlar GmbH) and a computer-controlled sample stage 
(Leica DM STC). The cartridge, with the Raman section, 
was fixed on the stage and the surface of the tissue was 
mapped in a grid. The step size of the grid varied between 
250 µm × 250 µm and 1000 µm × 1000 µm depending on 
the size of the tissue section and the maximum time to 
perform the experiment. Laser light (80mW) was focused 
through the microscope objective (0.4 numerical apertures) 
with a 1.1 mm working distance (NPLAN 11566026, Leica 
Microsystems B.V.). The laser was focused in the tissue, 
50–70 µm below the fused silica window. The signal acqui-
sition time per spectrum was 1 s. Spectral information was 
collected in the high wavenumber range of 2500–4000  cm−1 
with a resolution < 5  cm−1 and a depth resolution of 40 µm.

Calibration and processing data

Software for calibration and processing of the collected 
spectra was developed with MATLAB (R2017b). Spectra 
were calibrated on the relative wavenumber axis and cor-
rected for wavelength-dependent detection efficiency of the 
setup, according to instructions of the spectrometer manu-
facturer (RiverD International B.V.). Preprocessing of the 
spectra was performed by removal of cosmic ray events 
and subtraction of signal background generated in the opti-
cal path of the setup [21]. The background signal, caused 
by tissue autofluorescence, was estimated as a 3rd-order 
polynomial and subtracted from the preprocessed spectra 
[19]. For all spectra, the average intensity over the range of 
2700–3100  cm−1 was used as a measure of signal intensity. 
The lowest quality spectra (with an average intensity < 5% 
of the overall average intensity) were excluded from the 
analysis.

Histopathology

Histopathologic evaluation of the Raman section was per-
formed by a head and neck expert pathologist (author) on a 
hematoxylin and eosin (HE)-stained section. The HE-stained 
section was digitized, and the pathologist delineated differ-
ent tissue types (e.g., tumor, connective tissue, gland, carti-
lage, muscle, necrotic tissue) on the digitized section.

Data analysis

Data analysis was performed in MATLAB; R2017b. Data 
analysis consisted of (1) analysis of the water concentra-
tion, (2) analysis of the CH-stretching region by performing 
principal component analysis (PCA), and linear discriminant 
analysis (LDA).

Water concentration analysis

The water concentration in the Raman section was calcu-
lated for each measurement point according to the method 
developed by Caspers et al. [19]. Spectra with water percent-
ages > 88% were considered outliers and discarded from the 
analysis. Raman maps were created by plotting the water 
concentration as a 2D map with color codes representing 
the range in water concentration. The Raman map was 
averaged (convoluted with a 3 × 3 average filter) to obtain 
a representative water concentration (reducing noise in the 
image), and better visualization of the difference in water 
concentration between tumor and non-cancerous tissue [22]. 
The delineated images of the tissue sections were projected 
over the corresponding Raman maps. For each Raman map, 
areas were selected with unambiguous histological annota-
tion. The Raman data from these areas were used for data 
analysis. The precision of the annotation was limited by 
the resolution of the Raman map (pixel size varying from 
250 µm × 250 µm to 1000 µm × 1000 µm). Afterwards, the 
water concentrations were separated into two groups: water 
concentrations from the non-cancerous tissue and water con-
centrations from the tumor. A Wilcoxon rank sum test was 
used to test whether the water concentration distributions 
were significantly different at the 0.05 confidence level. The 
discriminatory power for tissue classification based on water 
concentration was determined by measuring the area under 
the ROC curve (receiver operating characteristic curve).

CH‑stretching region analysis

For analysis of the CH-stretching Raman signal, the spectral 
region between 2800 and 3100  cm−1 was used, which is 
independent of, and complementary to, the water concen-
tration analysis. All spectra were scaled using an extended 
multiplicative scatter correction (EMSC) procedure (using 
water as a spectral interferent) [23] to eliminate spectral 
interference of varying water contributions. This method has 
been used in earlier studies and ensures the CH-stretching 
region analysis is independent of the water signal [24]. For 
each Raman map, a color map based on a PCA on the CH-
stretching data was made. The scores on the first 3 (most 
significant) principal components (PCs) were used as input 
data for the red, blue, and green channels of the color map. 
In this way, the most important signal variance in the CH-
stretching region is displayed as an image and can be com-
pared to histology. PCA on the whole dataset was performed 
to reduce the dimensionality of data before LDA modeling. 
The spectra were first filtered with a Savitzky-Golay filter 
(order 3, window size of 11 points) to reduce the influence 
of noise on the PCA result. To separate tumor spectra from 
non-cancerous spectra, LDA was used to find the direction in 
PCA space that maximizes the ratio between the inter-group 
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and intra-group variances [25, 26]. The scores on the first 
(most significant) PCs were selected as input parameters for 
the LDA. The optimal number of PCs for the PCA-LDA 
model was determined by leave-one-map-out validation on a 
model data set with the spectra of 25 maps from 17 patients. 
The PCA-LDA model was validated with an independent 
test data set with the spectra of 9 maps from 5 patients. 
ROC curve analysis was used to determine the discrimina-
tive power of the LDA analysis.

Results

Forty-seven ex vivo Raman experiments were performed on 
laryngectomy specimens from 27 patients.

For seven experiments, the registration of the meas-
ured region was not reliable, and therefore correlation with 
histopathology was not performed. Six experiments were 
excluded because the general spectral quality was insuf-
ficient. Finally, thirty-four experiments were included for 
further analysis.

Figure 1 shows an overview of a single mapping experiment.
Figure 2 shows the histograms of the water concentration 

for the different tissue types with the mean and standard devia-
tion (std) of the distribution. Although the water concentration 
distributions of the tumor and all different non-cancerous tissue 
structures are highly overlapping, the distributions of tumor and 
non-cancerous are significantly different (Wilcoxon’s rank sum 

test at the 0.05 confidence level: p <  < 0.01). Because of the 
high degree of overlap, the discriminative power of the clas-
sification is low (area under ROC curve: 0.56).

Considering the low discriminative power of the 
water concentration analysis, the CH-stretching region 
(2800–3100  cm−1) was investigated whether it contained 
more discriminative information. The spectra were EMSC-
scaled and filtered as described in the “Material and meth-
ods” section. The left panel of Fig. 3 shows the mean spectra 
of the different tissue types in this region. The spectral dif-
ferences between the mean spectra of tumor and of non-
cancerous tissue types are shown in the right panel of Fig. 3.

A PCA-LDA model was built using the model data 
set of 25 maps from 17 patients. The optimal number of 
input PCs for the PCA-LDA model was first determined by 
leave-one-map-out validation on the model data set. The 
discriminating power of the PC-LDA model (area under 
the ROC curve) was determined for different amounts of 
input PCs. The best number of input PCs, yielding the 
highest discriminating power (0.90), was found for a 
PCA-LDA model built on the scores of the first 4 PCs as 
input. The left panel of Fig. 4 shows the ROC curve of 
a leave-one-map-out validation of this PCA-LDA model. 
The PCA-LDA model was validated with an independent 
test data set of 9 maps from 5 patients. The right panel 
of Fig. 4 shows the ROC curve of the validation with the 
independent data set. As can be seen from the figure, the 
ROC curves for the model data set and the independent 

Fig. 1  An overview of a single mapping experiment. A The resec-
tion specimen was cut open for intra-operative assessment of the 
resection margins. B A tissue section with tumor and non-cancerous 
surrounding tissue was obtained for the Raman experiment. C This 
Raman section was inserted into a cartridge and the whole area was 
measured. D The HE-stained Raman section with annotation of the 
different tissue types. E The Raman spectra measured for the Raman 

section. F Areas with unambiguous histopathology were selected for 
Raman analysis. G Raman water map with water distribution and pro-
jected histological annotation. Black pixels correspond to absence of 
tissue or to spectra with low Raman signal quality. H CH-stretching 
region PCA map and projected histological annotation. Black pixels 
correspond to absence of tissue or to spectra with low Raman signal 
quality
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test data set give similar results, showing that there is 
consistent discrimination information present in the CH-
stretching region of the Raman spectra of the larynx.

At the Youden index (optimal combination of sensitivity 
and specificity), the validation set showed a sensitivity of 0.90 
and a specificity of 0.68. All false positives were analyzed to 
investigate which non-cancerous tissue structures are falsely 
identified as tumors. Forty percent of all necrotic tissue spectra 
were identified as tumor spectra, followed by the salivary gland 
(36%), connective tissue (18%), and cartilage (9%). Spectra 
from muscle were all identified as non-cancerous tissue spectra.

Discussion

Therapeutic surgery guidance (i.e., facilitating the achieve-
ment of adequate resection margins) is an important clinical 
need during surgical oncological procedures. The aim of this 
study was to determine whether high wavenumber Raman 
spectroscopy can be used to discriminate laryngeal cancer 
from surrounding non-cancerous tissue.

Using the CH-stretching region only, it was able to clas-
sify tumors from non-cancerous tissue with a discriminative 
power of 0.87, validated on an independent dataset. Analysis 

Fig. 2  Histograms of the water 
concentration for the different 
tissue types

Fig. 3  CH-stretching region of 
the spectra used for LDA. Left 
panel: mean spectra per tissue 
type. Right panel: the solid 
lines denote the differences with 
tumor for different tissue types 
and the dotted lines denote 
the ± standard error of the mean 
for the different tissue types
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of the false positive predictions shows that mostly necrotic 
tissue and salivary gland were identified as tumors. The mean 
spectra of these two tissue types also showed the smallest 
difference with the mean spectrum of tumors. The high false 
positive rate for the salivary gland is in line with earlier obser-
vations for oral cavity tissue where the salivary gland was also 
wrongly identified as a tumor in 35% of the cases [24]. The 
discriminative power is lower than the 0.97 reported by Lin 
et al. [16] in a study where they used a trans-nasal Raman 
spectroscopy technique integrated with an endoscope-based 
fiber-optic Raman probe to collect spectra of cancerous and 
non-cancerous laryngeal tissue in the CH-stretching region.

The results of this study show high water concentrations 
in both LSCC and all surrounding non-cancerous tissue 
structures. Despite the significant shape difference in the 
water concentration distributions for the tumor and sur-
rounding non-cancerous tissue, the discriminative power of 
0.56 is low. This confirms the results of Lin et al. [17] who 
reported a low diagnostic difference for the OH-stretching 
band around 3400  cm−1 to discriminate cancer from non-
cancerous tissue in the larynx.

These findings are different from the results obtained 
in previous studies for the oral cavity, where consistently 
higher water concentration was found for OCSCC compared 
to surrounding non-cancerous tissue [19]. The water con-
centrations measured in non-cancerous laryngeal tissue are 
significantly higher than in non-cancerous oral cavity tissue.

Surprisingly, for all tissue types in the larynx, the mean 
water concentration is higher than in OCSCC. First, a litera-
ture search was performed to find an explanation for the higher 
water concentration such as physiological, anatomical, or 

molecular differences in the larynx compared to the oral cavity. 
Only for the vocal cords it has been shown that they have a high 
water concentration [27]. However, the vocal cords are a small 
part of the larynx, and no publication was found mentioning a 
generally higher water concentration in healthy laryngeal tissue 
compared to healthy oral cavity tissue.

Second, to confirm these surprising findings, water con-
centration measurements were performed on freshly excised 
tissue using a fiber-optic needle probe setup that was devel-
oped for the assessment of oral cavity cancer–based on water 
concentration. The same experiments were performed, as 
described above, with this new Raman setup for the larynx. 
The results from the Raman setup with the cartridge were 
confirmed with a high water concentration of ± 75% in all 
tissue types in the larynx. The details are described in the 
supporting material S1.

There are two limitations in the study design that may 
have contributed to the relatively low discriminative power 
of the classification model. The first limitation is related 
to the fact that to build a good classification model based 
on Raman spectroscopy, a large spectral database is needed 
with accurate histopathologic annotation. For the current 
study, it was only possible to retrieve small tissue sections 
from the resection specimen to not interfere with the stand-
ard pathological evaluation of the specimen. As explained 
by Author et al. [19], with a laser spot size of 4 µm, it is 
not always feasible to translate the exact position of the 
laser to the HE-stained section, resulting in only a limited 
number of spectra with an accurate annotation per tissue 
sample. The second limitation is the signal-to-noise ratio of 
the measurements. In this study, a signal acquisition time 

Fig. 4  Left panel: ROC curve of leave-one-map-out validation on the model set; right panel: ROC curve of external validation using the inde-
pendent data set
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of 1 s was used. The selection of this acquisition time was 
based on earlier work. Due to the high water concentrations 
encountered, this was too short to obtain a sufficiently high 
signal-to-noise ratio in the CH-stretching region for optimal 
discrimination, given the small differences between tumor 
and non-cancerous tissue structures.

For this study, the high wavenumber region (2500–4000  cm−1) 
was chosen because of the stronger Raman signals, the reduced 
fluorescence background, and the easy in vivo implementation 
using a handheld Raman spectroscopy probe (i.e., single fiber 
probe without filters). Currently, biomedical Raman research in 
diagnosing cancer is mostly centered on the fingerprint region 
(i.e., 800–1800  cm−1) that contains rich biochemical information 
about the tissue. The advantage of the fingerprint Raman spec-
troscopy technique stems from its capability to uncover specific 
information about the backbone structures of proteins, lipids, and 
nucleic acid assemblies in cells and tissue. The fingerprint region 
has shown successful results for the differentiation of LSCC and 
non-cancerous tissue, with a 69–92% sensitivity and 90–94% 
specificity in previous studies [13–15]. Teh et al. [15] identified 
21 Raman features related to the biochemical and biomolecular 
changes (e.g., proteins, lipids, nucleic acids, and carbohydrates) 
that are associated with LSCC. They developed a random forest 
algorithm and observed significant differences in Raman spectra 
between tumor and non-cancerous tissue with an overall accuracy 
of 89.3%, a sensitivity of 88.0%, and a specificity of 91.4% [15]. 
Some limitations are associated with the implementation of the 
Raman spectroscopy fingerprint region, especially if used in vivo. 
This region is hampered by the strong signal background gener-
ated by the optical fiber, requiring complicated probe designs 
with multiple fibers and filters which makes them expensive and 
difficult to reproduce [16–18]. Also, the signal intensity in the 
fingerprint region is relatively low with relatively large fluores-
cence backgrounds, which may cause long signal integration 
times making it impractical for clinical use [16–18].

Lin et al. [17] suggested that fingerprint and high wave-
number region Raman spectroscopy combined could have 
advantages for tissue characterization because of the com-
plementary information. The diagnostic accuracy with 
integrated fingerprint and high wavenumber was found to 
be superior to either fingerprint (accuracy 86.1%) or high 
wavenumber (accuracy 84.2%) alone [17]. For clinical use, 
this would require a significant step in probe development 
that can be avoided if the use of the high wavenumber region 
alone provides sufficient clinical information.

Considering the current limitations and published stud-
ies, future work may include the exploration of a different 
setup that is optically designed to have an increased laser 
spot size (for instance, 250 µm) and spectral acquisition 
time. This can improve the histopathological correlation 
and increase the signal-to-noise ratio, and thus the discrim-
inative power of the classification model. Deep learning 

algorithms can be incorporated for a more accurate clas-
sification model. However, for these deep learning models, 
the training data set must be extended to a larger cohort of 
patients, to better capture the variation in spectra, within 
and between patients.

Conclusion

High wavenumber Raman spectroscopy can discriminate 
laryngeal cancer from non-cancerous tissue structures. 
Contrary to the findings for oral cavity cancer, water con-
centration is not a discriminating factor for laryngeal can-
cer. Despite the current limitations, this study contributes to 
important steps towards the development of a Raman spec-
troscopy probe for therapeutic surgery guidance.

Supplementary Information The online version contains supplemen-
tary material available at https:// doi. org/ 10. 1007/ s10103- 023- 03849-4.

Author contribution 1. Made substantial contributions to the concep-
tion or design of the work; or the acquisition, analysis, or interpretation 
of data; or the creation of new software used in the work;

2. Drafted the work or revised it critically for important intellectual 
content;

3. Approved the version to be published; and.
4. Agree to be accountable for all aspects of the work in ensuring 

that questions related to the accuracy or integrity of any part of the 
work are appropriately investigated and resolved.

C. v. L.: 1, 2, 3, 4
T. B. S.: 1, 2, 3, 4
E. B.: 1, 2, 3, 4
A. S.: 2, 3, 4
J. H.: 2, 3, 4
D. M.: 2, 3, 4
C. M.: 2, 3, 4
S. Ke.: 2, 3, 4
R. B. d. J.: 2, 3, 4
G. P.: 2, 3, 4
S. Ko.: 1, 2, 3, 4

Funding This work was supported by Atos Medical B.V.

Data availability The data that support the findings of this study are 
available from the corresponding author upon reasonable request.

Declarations 

Ethics approval Approved by the Medical Ethics Committee of the 
Erasmus MC, University Medical Center Rotterdam (MEC-2013–345).

Patient consent Informed consent was obtained from all patients 
before treatment.

Conflict of interest Tom Bakker Schut and Gerwin Puppels are the 
employees of RiverD International B.V. Senada Koljenović, Gerwin 
Puppels, Tom Bakker Schut, and Rob Baatenburg de Jong have owner-
ship interest in RiverD International B.V. RiverD International B.V. 
has supplied the Raman spectrometer that was used in this study.

https://doi.org/10.1007/s10103-023-03849-4


 Lasers in Medical Science          (2023) 38:193 

1 3

  193  Page 8 of 9

Open Access  This article is licensed under a Creative Commons Attri-
bution 4.0 International License, which permits use, sharing, adapta-
tion, distribution and reproduction in any medium or format, as long 
as you give appropriate credit to the original author(s) and the source, 
provide a link to the Creative Commons licence, and indicate if changes 
were made. The images or other third party material in this article are 
included in the article's Creative Commons licence, unless indicated 
otherwise in a credit line to the material. If material is not included in 
the article's Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will 
need to obtain permission directly from the copyright holder. To view a 
copy of this licence, visit http:// creat iveco mmons. org/ licen ses/ by/4. 0/.

References

 1.  Helliwell T, Woolgar J (2013) Dataset for histopathology report-
ing of mucosal malignancies of the larynx. The Royal College 
of Pathologists. https:// www. rcpath. org/ static/ 0d6c0 512- e285- 
40fd- b8a9e e31b1 3887de/ Datas et- for- histo patho logy- repor ting- of- 
mucos al- malig nanci es- of- the- larynx. pdf. Accessed 04–06–2023

 2.  Wulff NB, Andersen E, Kristensen CA, Sørensen CH, Charabi B, 
Homøe P (2017) Prognostic factors for survival after salvage total lar-
yngectomy following radiotherapy or chemoradiation failure: a 10-year 
retrospective longitudinal study in eastern Denmark. Clin Otolaryngol: 
Off J ENT-UK: Off J Netherlands Soc Oto-Rhino-Laryngol Cervico-
Facial Surg 42(2):336–346. https:// doi. org/ 10. 1111/ coa. 12726

 3.  Scherl C, Mantsopoulos K, Semrau S, Fietkau R, Kapsreiter M, 
Koch M, Traxdorf M, Grundtner P, Iro H (2017) Management of 
advanced hypopharyngeal and laryngeal cancer with and without 
cartilage invasion. Auris Nasus Larynx 44(3):333–339. https:// 
doi. org/ 10. 1016/j. anl. 2016. 08. 002

 4.  Thomas Robbins K, Triantafyllou A, Suárez C, López F, Hunt JL, 
Strojan P, Williams MD, Braakhuis BJM, de Bree R, Hinni ML, 
Kowalski LP, Rinaldo A, Rodrigo JP, Vander Poorten V, Nixon IJ, 
Takes RP, Silver CE, Ferlito A (2019) Surgical margins in head and 
neck cancer: intra- and postoperative considerations. Auris Nasus 
Larynx 46(1):10–17. https:// doi. org/ 10. 1016/j. anl. 2018. 08. 011

 5.  Nayanar SK, Krishnanm MA, Mrudula KI, Thavarool PSB, Thia-
garajan S (2019) Frozen section evaluation in head and neck onco-
surgery: an initial experience in a tertiary cancer center. Frozen 
section evaluation in head and neck oncosurgery: an initial experi-
ence in a tertiary cancer center. Turk Patoloji Dergisi 35(1):46–51. 
https:// doi. org/ 10. 5146/ tjpath. 2018. 01439

 6.  Steuer CE, El-Deiry M, Parks JR, Higgins KA, Saba NF (2017) 
An update on larynx cancer. CA: Cancer J Clin 67(1):31–50. 
https:// doi. org/ 10. 3322/ caac. 21386

 7.  Forastiere AA, Ismaila N, Lewin JS, Nathan CA, Adelstein DJ, 
Eisbruch A, Fass G, Fisher SG, Laurie SA, Le QT, O’Malley B, 
Mendenhall WM, Patel S, Pfister DG, Provenzano AF, Weber 
R, Weinstein GS, Wolf GT (2018) Use of larynx-preservation 
strategies in the treatment of laryngeal cancer: American Society 
of Clinical Oncology Clinical Practice Guideline Update. J Clin 
Oncol: Off J Am Soc Clin Oncol 36(11):1143–1169. https:// doi. 
org/ 10. 1200/ JCO. 2017. 75. 7385

 8.  Hughes OR, Stone N, Kraft M, Arens C, Birchall MA (2010) Optical 
and molecular techniques to identify tumor margins within the larynx. 
Head Neck 32(11):1544–1553. https:// doi. org/ 10. 1002/ hed. 21321

 9.  Green B, Cobb AR, Brennan PA, Hopper C (2014) Optical diag-
nostic techniques for use in lesions of the head and neck: review of 
the latest developments. Br J Oral Maxillofac Surg 52(8):675–680. 
https:// doi. org/ 10. 1016/j. bjoms. 2014. 06. 010

 10.  Swinson B, Jerjes W, El-Maaytah M, Norris P, Hopper C (2006) 
Optical techniques in diagnosis of head and neck malignancy. 

Oral Oncol 42(3):221–228. https:// doi. org/ 10. 1016/j. oralo ncolo 
gy. 2005. 05. 001

 11.  Santos IP, Barroso EM, Bakker Schut TC, Caspers PJ, van 
Lanschot CGF, Choi DH, van der Kamp MF, Smits RWH, van 
Doorn R, Verdijk RM, Noordhoek Hegt V, von der Thüsen JH, 
van Deurzen CHM, Koppert LB, van Leenders GJLH, Ewing-
Graham PC, van Doorn HC, Dirven CMF, Busstra MB, Hardillo J, 
Koljenović S (2017) Raman spectroscopy for cancer detection and 
cancer surgery guidance: translation to the clinics. The Analyst 
142(17):3025–3047. https:// doi. org/ 10. 1039/ c7an0 0957g

 12.  Raman CV, Krishnan KS (1928) A new type of secondary radia-
tion [11]. Nature 121(3048):501–502

 13.  Stone N, Stavroulaki P, Kendall C, Birchall M, Barr H (2000) 
Raman spectroscopy for early detection of laryngeal malignancy: 
preliminary results. Laryngoscope 110(10 Pt 1):1756–1763. 
https:// doi. org/ 10. 1097/ 00005 537- 20001 0000- 00037

 14.  Lau DP, Huang Z, Lui H, Anderson DW, Berean K, Morrison 
MD, Shen L, Zeng H (2005) Raman spectroscopy for optical 
diagnosis in the larynx: preliminary findings. Lasers Surg Med 
37(3):192–200. https:// doi. org/ 10. 1002/ lsm. 20226

 15.  Teh SK, Zheng W, Lau DP, Huang Z (2009) Spectroscopic diag-
nosis of laryngeal carcinoma using near-infrared Raman spec-
troscopy and random recursive partitioning ensemble techniques. 
Analyst 134(6):1232–1239. https:// doi. org/ 10. 1039/ b8110 08e

 16.  Lin K, Cheng DLP, Huang Z (2012) Optical diagnosis of laryngeal 
cancer using high wavenumber Raman spectroscopy. Biosens Bio-
electron 35(1):213–217. https:// doi. org/ 10. 1016/j. bios. 2012. 02. 050

 17.  Lin K, Zheng W, Lim CM, Huang Z (2016) Real-time in vivo 
diagnosis of laryngeal carcinoma with rapid fiber-optic Raman 
spectroscopy. Biomed Opt Express 7(9):3705–3715. https:// doi. 
org/ 10. 1364/ BOE.7. 003705

 18.  Santos LF, Wolthuis R, Koljenović S, Almeida RM, Puppels GJ 
(2005) Fiber-optic probes for in vivo Raman spectroscopy in the 
high-wavenumber region. Anal chem 77(20):6747–6752. https:// 
doi. org/ 10. 1021/ ac050 5730

 19.  Caspers PJ, Lucassen GW, Carter EA, Bruining HA, Puppels GJ 
(2001) In vivo confocal Raman microspectroscopy of the skin: 
noninvasive determination of molecular concentration profiles. J 
Invest Dermato 116(3):434–442. https:// doi. org/ 10. 1046/j. 1523- 
1747. 2001. 01258.x

 20. Aaboubout Y, Barroso EM, Algoe M, Ewing-Graham PC, 
Ten Hove I, Mast H, Hardillo JA, Sewnaik A, Monserez DA, 
Keereweer S, Jonker BP, van Lanschot CGF, Smits RWH, 
Nunes Soares MR, Ottevanger L, Matlung SE, Seegers PA, 
van Dis V, Verdijk RM, Wolvius EB, … Koljenović S (2021) 
Intraoperative assessment of resection margins in oral cavity 
cancer: this is the way. Journal of visualized experiments: JoVE 
(171):10.3791/62446. https:// doi. org/ 10. 3791/ 62446

 21. Wolthuis RBST, Caspers PJ, Buschman HPJ, Römer TJ, Bruin-
ing HA (1999) “Raman spectroscopic methods for in vitro and 
in vivo tissue characterization.” Fluorescent Luminescent Probes 
Biol Activity 433–455.

 22. Haralick RM, Sternberg SR, Zhuang X (1987) Image analysis 
using mathematical morphology. IEEE Trans Pattern Anal Mach 
Intell 9(4):532–550. https:// doi. org/ 10. 1109/ tpami. 1987. 47679 41

 23. Martens H, Stark E (1991) Extended multiplicative signal cor-
rection and spectral interference subtraction: new preprocessing 
methods for near infrared spectroscopy. J Pharm Biomed Anal 
9(8):625–635. https:// doi. org/ 10. 1016/ 0731- 7085(91) 80188-f

 24. Cals FL, Bakker Schut TC, Hardillo JA, Baatenburg de Jong RJ, 
Koljenović S, Puppels GJ (2015) Investigation of the potential of 
Raman spectroscopy for oral cancer detection in surgical mar-
gins. Laboratory investigation; a journal of technical methods and 
pathology 95(10):1186–1196. https:// doi. org/ 10. 1038/ labin vest. 
2015. 85

http://creativecommons.org/licenses/by/4.0/
https://www.rcpath.org/static/0d6c0512-e285-40fd-b8a9ee31b13887de/Dataset-for-histopathology-reporting-of-mucosal-malignancies-of-the-larynx.pdf
https://www.rcpath.org/static/0d6c0512-e285-40fd-b8a9ee31b13887de/Dataset-for-histopathology-reporting-of-mucosal-malignancies-of-the-larynx.pdf
https://www.rcpath.org/static/0d6c0512-e285-40fd-b8a9ee31b13887de/Dataset-for-histopathology-reporting-of-mucosal-malignancies-of-the-larynx.pdf
https://doi.org/10.1111/coa.12726
https://doi.org/10.1016/j.anl.2016.08.002
https://doi.org/10.1016/j.anl.2016.08.002
https://doi.org/10.1016/j.anl.2018.08.011
https://doi.org/10.5146/tjpath.2018.01439
https://doi.org/10.3322/caac.21386
https://doi.org/10.1200/JCO.2017.75.7385
https://doi.org/10.1200/JCO.2017.75.7385
https://doi.org/10.1002/hed.21321
https://doi.org/10.1016/j.bjoms.2014.06.010
https://doi.org/10.1016/j.oraloncology.2005.05.001
https://doi.org/10.1016/j.oraloncology.2005.05.001
https://doi.org/10.1039/c7an00957g
https://doi.org/10.1097/00005537-200010000-00037
https://doi.org/10.1002/lsm.20226
https://doi.org/10.1039/b811008e
https://doi.org/10.1016/j.bios.2012.02.050
https://doi.org/10.1364/BOE.7.003705
https://doi.org/10.1364/BOE.7.003705
https://doi.org/10.1021/ac0505730
https://doi.org/10.1021/ac0505730
https://doi.org/10.1046/j.1523-1747.2001.01258.x
https://doi.org/10.1046/j.1523-1747.2001.01258.x
https://doi.org/10.3791/62446
https://doi.org/10.1109/tpami.1987.4767941
https://doi.org/10.1016/0731-7085(91)80188-f
https://doi.org/10.1038/labinvest.2015.85
https://doi.org/10.1038/labinvest.2015.85


Lasers in Medical Science          (2023) 38:193  

1 3

Page 9 of 9   193 

 25. Fenn B, Xanthopoulos P, Pyrgiotakis G, Grobmyer S, Pardalos 
P, Hench L (2011) “Raman spectroscopy for clinical oncology”, 
Adv Optical Technol 2011, Article ID 213783:20. https:// doi. org/ 
10. 1155/ 2011/ 213783

 26. Gautam R, Vanga S, Ariese F et al (2015) Review of multidi-
mensional data processing approaches for Raman and infrared 
spectroscopy. EPJ Techn Instrum 2:8. https:// doi. org/ 10. 1140/ 
epjti/ s40485- 015- 0018-6

 27. King RE, Steed K, Rivera AE, Wisco JJ, Thibeault SL (2018) 
Magnetic resonance imaging quantification of dehydration and 
rehydration in vocal fold tissue layers. PloS One 13(12):e0208763. 
https:// doi. org/ 10. 1371/ journ al. pone. 02087 63

Publisher's note Springer Nature remains neutral with regard to 
jurisdictional claims in published maps and institutional affiliations.

https://doi.org/10.1155/2011/213783
https://doi.org/10.1155/2011/213783
https://doi.org/10.1140/epjti/s40485-015-0018-6
https://doi.org/10.1140/epjti/s40485-015-0018-6
https://doi.org/10.1371/journal.pone.0208763

	Raman spectroscopy to discriminate laryngeal squamous cell carcinoma from non-cancerous surrounding tissue
	Abstract
	Introduction
	Material and methods
	Medical ethical approval
	Study population
	Tissue sampling
	Raman instrumentation and experiments
	Calibration and processing data
	Histopathology
	Data analysis
	Water concentration analysis
	CH-stretching region analysis


	Results
	Discussion
	Conclusion
	Anchor 17
	References


