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Closing the gap: The role of distributed manufacturing systems for overcoming the
barriers to manufacturing sustainability

Abstract- The demand for distributed manufacturing systems (DMS) in the manufacturing sector
has notably gained vast popularity as a suitable choice to accomplish sustainability benefits.
Manufacturing companies are bound to face critical barriers in their pursuit of sustainability goals.
However, the extent to which the DMS attributes relate to sustainable performance and impact on
critical barriers to sustainability is considerably unknown. To help close this gap, this study
proposes a methodology to determine the relative importance of sustainability barriers, the
influence of DMS on these barriers, and the relationship between DMS attributes and sustainable
performance. Drawing upon a rich data pool from the Chinese manufacturing industry, the Best-
Worst Method (BWM) is used to investigate the relative importance of the sustainability barriers
and determine how the DMS attributes influence these barriers and relate to sustainability. The
study findings show that ‘organizational barriers’ are the most severe barriers and indicate that
‘reduced carbon emissions’ has the highest impact on ‘organizational’ and ‘socio-cultural barriers’
whereas ‘public approval’ has the highest impact on ‘organizational barriers. The results infer that
‘reduction of carbon emission’ is the DMS strategy strongly linked to improved sustainable
performance. Hence, the results can offer in-depth insight to decision-makers, practitioners, and
regulatory bodies on the criticality of the barriers and the influence of DMS attributes on the
sustainability barriers and improve sustainable performance for increased global competitiveness.
Moreover, our study offers a solid foundation for further studies on the link between DMS and
sustainable performance.

Keywords: Sustainability; Best-Worst Method; Distributed Manufacturing Systems; Barriers;
Manufacturing industry

1. Introduction

Industries’ environmental sensitivity is on the ascent because of increased demands from
customers and regulatory bodies (Man et al, 2020; Rajesh, 2020). Moreover, numerous
manufacturing organizations have faced tremendous financial losses due to environmental fines,
energy consumption costs, etc. (Kusi-Sarpong et al., 2016) caused by their ignorance of the
advantages of implementing sustainability (Yadav et al, 2020). Hence, several firms have started
integrating innovative initiatives to address sustainability issues within their manufacturing
operations and supply chains (Kusi-Sarpong et al., 2019, Gupta et al., 2020a). Supply chain
innovations have matured as an effective way to promote sustainability (Adamson et al, 2017,
Behnam et al, 2018; Belz, 2013; Horn and Brem, 2013; Mousavi and Bossink, 2017; Seebode et
al, 2012; Yoon et al, 2016; Zailani et al, 2015). Currently, Distributed Manufacturing Systems
(DMYS) is getting mounting recognition as an innovative strategy for decentralized networks of
adaptable and flexible mini factories with the capacity of maximizing economic gains and reducing
negative environmental and social consequences. As manufacturing companies face the challenge
of increasing global competition and energy-saving requirements, it becomes essential to seek out
distributed systems to minimize energy waste and costs (Zou et al, 2017; Ishizaka et a., 2020).
DMS comprises technology, systems, and strategies that can alter the economics, and organization
of production, particularly concerning site and scale (Durach et al, 2017; Srai et al, 2020; Gupta et
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al., 2020b; Khan et al., 2021a). DMS is a profoundly adaptable and versatile system for
manufacturing components located in different physical environments then gathered in a particular
place for assembling purposes (Srai et al, 2016; Srai et al, 2020). Indeed, the shift from traditional
manufacturing systems to cloud-based and geographically distributed manufacturing systems
represents a possible manufacturing strategy to produce demand-prompted customized products
near to the consumption point (Rauch et al, 2018). Moreover, customized production has emerged
because of increasing customer demand for more customized products (Kim et al, 2020). In today’s
highly competitive and dynamically global business scenario, DMS can potentially result in
modern organizational models for less and scalable manufacturing units in distributed
manufacturing networks essential to satisfy actual customer specifications and actualize
sustainable supply chains (Matt et al, 2015).

Consequently, a unique feature of DMS is its geographic dispersion of operations and the
proximity of the supply chain to the consumer which could result in environmental gains that can
aid in actualizing sustainability goals (Luthra et al, 2019; Monch and Shen, 2021; Moreno et al,
2019; Srai et al, 2020). Considered a novel manufacturing innovative strategy, DMSs are utilized
to modify the scale and location of manufacturing facilities for improved sustainability of
production activities (Dertinger et al, 2020; Gimenez- Escalante et al, 2020). In essence, DMS is
a broad term that comprises industrial measures, customer requirements, new technologies, and
political issues, along with socioeconomic and environmental perspectives for adequate evaluation
of future production firms (Kumar et al, 2020). The main benefits and aspects of DMS are greater
flexibility to indicate customer demands, lower logistics costs, regulated material and energy use,
reduced carbon emissions, in-situ recycling, shorter delivery time, and greener supply chain
(Durach et al, 2017; Kohtala, 2015; Kumar et al, 2016; Matt et al, 2015). DMS is considered an
essential innovative strategy, that when implemented in manufacturing companies, can improve
sustainable performance and increase global competitiveness. However, implementing
sustainability initiatives in the manufacturing sector for achieving sustainable performance is
usually hindered by numerous barriers. Yet studies that simultaneously establish the critical
sustainability barriers in the manufacturing sector, assess the impact of DMS on the sustainability
barriers, and determine the link between DMS and improved sustainable performance are currently
non-existent in extant literature. This research gap ought to be bridged because a broad
understanding of the critical sustainability barriers and the impact of DMS on these barriers is
fundamental for devising suitable DMS strategies essential to eliminate the sustainability barriers
and accomplish sustainable targets. It is especially significant since the manufacturing sector is in
dire need of innovative approaches that have the potential to minimize detrimental environmental
and social harm (Kusi-Sarpong et al, 2019; Ahmed et al, 2020; Ardito et al, 2019; Ardito et al,
2020). In essence, those manufacturing companies that fail to implement innovative strategies for
sustainability benefits are prone to be made obsolete and become disrupted in a process described
as “the perennial gale of creative destruction” (Lugmani et al, 2017).

In this study, we focus on the Chinese manufacturing sector that has experienced a sharp
increasing trend in environmental awareness and protection in recent years due to rapidly rising
industrial modernization and economic growth, which led to environmental issues (Li et al, 2019).
The manufacturing sector in China, just like that of India, which is characterized by recent and
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potential future growth forecasted at US$1 trillion by 2025 (Gupta et al, 2020a), and that of Thai
that drives economic growth in Thailand still face huge difficulties to implement sustainability
(Piyathanavong et al, 2019; Shen and Lin, 2020). However, the Chinese manufacturing sector is
significant, given China’s role as the world’s new factory, and the Chinese government’s
utilization of innovative industrial development measures to strike a balance between economic
advancements and the environmental problems caused by its burgeoning manufacturing sector
(Geng et al, 2017). The Chinese government has launched a target since the 11" five-year-plan, to
mitigate environmental pollution, reduce waste, and even assigned specific targets to the
manufacturing sector (Jiang et al, 2021). These might be attributable to the fact that globally, China
emits the highest percentage of carbon emissions, and the Chinese manufacturing sector being the
largest contributor and specifically accounted for 12.8% of the world in 2016 (Fan et al, 2021; Lin
and Chen, 2018; Lin and Chen, 2020; Liu et al, 2019a; Liu et al, 2019b). Despite the crucial role
of the manufacturing industry in the Chinese market traditional manufacturing processes that lack
supply chain capabilities are still utilized in the industry resulting in low value-added operations.
Additionally, the Chinese manufacturing industry aspires to cope with dynamic and customized
customer needs and must integrate industrial operations in a globalized network for increased
competitiveness. In the meantime, the green growth level of the Chinese manufacturing industry
has declined. Gloomily also, the green growth situation is not optimistic (Qu et al, 2020). Presently,
the Chinese manufacturing firms are facing a huge burden of upgrading the modes of production
of industries with high consumption and high pollution to align with green initiatives (Zhang et al,
2021). Therefore, the Chinese manufacturing sector has started to become more environmentally
conscious and is considering implementing DMS as a novel innovative strategy for pursuing and
achieving sustainable development. Notably, barriers/challenges are bound to exist which deter
the progression of sustainability in the Chinese manufacturing industry during implementing
innovative strategies like DMS. Hence, the motive behind this study is to investigate the criticality
of barriers to implementing sustainable strategies in the Chinese manufacturing industry and the
impact of DMS attributes on these barriers. This study also exists, to effectively establish how
DMS attributes relate to improved sustainable performance. Overall, the current study exists to
consider the following research questions:

e How significant (severe) are the barriers that hinder the implementation of
innovations for improved sustainable performance in the manufacturing sector?

e How do DMS attributes impact critical sustainability barriers and relate to
improved sustainable performance in the Chinese manufacturing industry?

In answering the above-stated research questions, this study makes notable contributions
to academia and practice. The novelty of the current study lies in introducing a decision support
system based on the Best-Worst Method (BWM) to quantify the criticality of sustainability barriers
and the impact of the DMS attributes on these barriers and further shed light on how the DMS
attributes relate to improved sustainable performance. The BWM, just like any other multi-criteria
decision-making model, is regarded as a suitable method for evaluating the relative importance of
multi-facet factors. Several scholars have become interested in BWM due to the effectiveness of
this method in decreasing the times of pairwise comparisons and the excellent performance of this
method in upholding consistency between decisions (Gupta and Barua, 2016; Kusi-Sarpong et al,
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2019; Orji et al, 2019; Xiaomei et al, 2019; Ahmadi et al, 2020). More specifically, this study
pioneers the application of BWM in DMS research (Dertinger et al, 2020; Gorecki et al, 2020;
Rauch et al, 2018; Sun et al, 2020) and even the utilization of ‘additive value function’ in the BWM
to effectively determine the overall scores of DMS attributes for accurate quantification of the link
between DMS and sustainable performance. Besides, this study presents a novelty by being
conducted in a strategic emerging market-China, which is typically regarded as the ‘factory of the
world’. While DMS research has seen applications in industrialized economies (Lu and Asghar,
2020; Kim et al, 2020; Kumar et al, 2020; Rauch et al, 2018; Shokrani et al, 2020; Sun et al, 2020),
there remains significant research gap to consider the emerging markets as well. China provides a
suitable arena for enlarging the research stream on DMS since it is expedient for Chinese
manufacturing firms to aspire to achieve sustainable objectives for increased global
competitiveness. This is because China, like other emerging countries such as India and Brazil, is
ranked very low in the global competitive index (Singh et al, 2021). Hence, this study sheds light
on the significant sustainability barriers in the Chinese manufacturing industry and supports
industry experts and policymakers to establish DMS strategic plans to eliminate the sustainability
barriers. Moreover, by establishing a strong association between improved sustainable
performance and DMS strategies, this study also provides useful guidelines to regulatory agencies
interested in encouraging manufacturing companies to implement DMS for sustainability gains.

The remaining sections of this paper are structured as follows: In Section 2, the relevant
literature on sustainability in the manufacturing sector and BWM in related studies are presented.
The procedure for identifying the barriers to advancing sustainability and attributes of DMS is
presented in Section 3. The proposed methodology for analyzing the barriers to advancing
sustainability and attributes of DMS is presented in Section 4. Section 5 presents and discusses the
research findings in the current study while providing practical and managerial implications.
Section 6 presents the results of sensitivity analysis. Section 7 provides the conclusion and
potential areas for further studies.

2. Literature review
2.1.  Sustainability in the manufacturing sector

Broadly, our study adds to the burgeoning stream of studies that focus on improving
sustainable performance in the Operations Management domain. Even though several studies
propose innovative sustainable strategies in the extant literature (Caiado et al, 2017; Damert et al,
2017; Esmaeilian et al, 2016; Fernado and Hor, 2017; Gandhi et al, 2018; Golini et al, 2014; Gupta
et al, 2018; Holmstrom et al, 2017; Ingarao, 2017; Kusi-Sarpong et al, 2019; Latif et al, 2017; Lim,
2017; Nawaz and Kog, 2018; Sroufe, 2017; Petruzzelli and Lerro, 2020; Yazan et al., 2011) there
is yet an eminent requirement for sustainable strategies in the manufacturing industry (Rauch et
al, 2016; Reinikainen et al, 2016; Roos et al, 2016; Singla et al, 2017; Stacchezzini et al, 2016). In
recent times, DMS are being promoted as innovative strategies for improved sustainable
performance in manufacturing organizations. Previous studies have shown the impact of DMS in
the industrial sector. Below, we discuss a few papers in this field. Yew et al (2016), described in
their work, an augmented reality based DMS that aims to hugely advance the information
perception of the various type of workers in a production facility and ensures communication with
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manufacturing software is natural and effective. Helo et al (2014) illustrated the issues and
problems in the management of distributed manufacturing in a multi-company supply chain and
processes these further as aspects of new Information Technology (IT) systems. They infer that
cloud-based manufacturing presented a technical solution for the needs and developed a prototype
system to aid distributed manufacturing. Adamson et al (2017) presented the concept of feature-
based manufacturing for adaptive equipment control and resource-task matching in distributed and
collaborative Cyber-Physical Systems (CPS) manufacturing environments. Fay et al (2015)
proposed a model-based engineering (MBE) method for distributed manufacturing automation
system, which allows considering non-functional requirements along the workflow. Valilai and
Houshmand (2013) presented a collaborative and integrated platform in their work to support DMS
using a service-oriented approach based on the cloud computing paradigm. Yagiong et al (2011),
in their study, detailed the literature review of fuzzy theory applied in quality management of
DMS.

Guo et al (2015), in their work, integrated Radio-Frequency Identification (RFID), cloud
technology, and intelligent techniques for monitoring and scheduling to increase efficiency in a
distributed manufacturing environment. Zhang et al (2013) presented a novel time-aware
probabilistic Bayesian approach for recommending a few optimal manufacturing services based
on the user preference for an initial manufacturing service in distributed manufacturing
environments. Chan and Chan (2010) studied flexibility and adaptability in delivery quantity and
due date through which DMS can increase the performance in a network of two-level multi-
product Make-to-Order supply chains. Li et al (2017) proposed a novel scheduling algorithm for
DMSs based on Petri net models and genetic algorithms to solve the scheduling problem in
distributed manufacturing systems with the objective of mining total energy consumption. Some
researchers have also provided a sustainability perspective of the implementation of DMS in
manufacturing firms. For instance, Rauch et al (2016) proposed DMS for sustainable production
in emerging markets with analysis on the effect on sustainability based on the traditional
dimensions of sustainability. Salido et al (2017) in their work developed techniques with
significant potential to save energy and actualize sustainable goals based on the rescheduling
strategy in dynamic job-shop scheduling in distributed manufacturing systems. Rauch and
Dallesega (2017) presented the concept of DMS for more sustainable supply chains while
considering the economic, ecological, social, and institutional sustainability. Within the above-
mentioned studies, the lack of studies on the relative importance of significant barriers that hinder
the actualization of sustainability benefits and the impact of DMS on such barriers has been
observed. Thus, we propose to apply a suitable method to investigate the relative importance of
sustainability barriers and likewise determine the impact of the aspects of DMS on these barriers.

2.2. Application of BWM

From a methodological perspective, our study is identified with the stream of research that
determines the relative importance of system criteria through estimating the pairwise comparisons
between the system criteria. Indeed, the BWM has seen successful applications in the
manufacturing sustainability domain. For instance, Malek and Desai (2019) prioritized the barriers
to implementing sustainable manufacturing by calculating their weights through the application of
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BWM in an Indian manufacturing organization. Likewise, Singh et al (2021) in their study,
investigated and prioritized the factors which encourage the effective adoption of environmental
Lean Six Sigma in manufacturing firms. Yadav et al (2020) developed a framework to increase
sustainability adoption across manufacturing firms of developing countries using industry 4.0
technologies and applied the robust BWM to determine the importance of the factors in the
developed framework. Additionally, Ahmadi et al (2017), developed a framework to assess the
social sustainability of manufacturing firms using BWM. Kusi-Sarpong et al (2019), utilized the
BWM to evaluate a framework of identified drivers of sustainable supply chain innovation in the
manufacturing sector. In a similar vein, Gupta and Barua (2016), in their work, investigated the
enablers contributing significantly towards the technological development of manufacturing Small
and Medium-sized Enterprises (SMEs) using the BWM. Munny et al (2020) developed a
framework based on BWM and applied such to a footwear manufacturing company to integrate
social sustainability practices into operations and supply chains. Likewise, Gupta et al (2020a)
used the BWM to investigate and rank the barriers to sustainable supply chains and their
overcoming strategies with application in the Indian manufacturing industry.

Given the extensive and successful application of the BWM in the available literature, it
becomes convincing that a suitable methodology is developed in our study based on BWM to
effectively find the relative importance of the sustainability barriers in the Chinese manufacturing
sector. Furthermore, the proposed BWM will be applied to reveal the relationship between the
DMS attributes and sustainable performance in addition to the impact of the attributes of DMS on
the contexts of the sustainability barriers in the Chinese manufacturing industry.

3. The procedure for identifying both sustainability barriers and DMS attributes.

The manufacturing sustainability barriers and the DMS attributes were identified by
searching the keywords, titles, and abstracts of journal contributions in the largest database,
Scopus, with keywords such as “distributed manufacturing systems”, “attributes”, “strategic
plans”, “Chinese manufacturing sector”, “barriers” and “sustainability”. After identifying 15
barriers and 6 DMS attributes (see Table 1), the experts in this study were requested to give their
opinions on whether the identified criteria are relevant to their company or not while also
requesting that they provide any missing criteria to ensure inclusivity of required information and
content validity. All the identified criteria were confirmed/finalized by determining the mode of
the responses of the experts, thus ensuring the validity of the identified criteria. The experts also
agreed that there is no missing information related to the identified criteria, thereby confirming
information inclusivity.

3.1. Identification and refinement of sustainability barriers

We identified and finalized 15 barriers to advancing sustainability categorized into three
aspects including, organizational, socio-cultural, and geographical via available published
literature and experts’ inputs (See Table 1) in our study. We now overview these three aspects
using the barriers identified and categorized under each of them.

3.1.1 Organizational barriers



Organizational barriers are still the priority of engineering managers in advancing sustainability in
the manufacturing sector. Previous research works suggested Inefficient technology (OB:) entails
the underperformance of available technology to advance sustainability in the industry (Annuziata
et al, 2018; Damert et al, 2017). Insufficient commitment of top management (OB2) refers to the
inadequate support of high-ranking executives in the industry to implement sustainability
(Govindan et al, 2016; Luthra et al, 2016). Financial constraints (OBs) are associated with a lack
of available capital and budget to actualize sustainable objectives in the industry (Damert et al,
2017; Fernado and Hor, 2017). Lack of skilled workforce (OB4) refers to unskilled labor or workers
without the necessary expertise to implement sustainability in the industry (Esmaeilian et al, 2016;
Luthra et al, 2016). Absence of a globalized network (OBs) relates to an unintegrated system of
operations and activities associated with achieving sustainability in the industry (Schroter et al,
2017; Stacchezzini et al, 2016).

Table 1 Proposed evaluation criteria
Category Criteria References
Organizational  Inefficient technology (OB;) Annuziata et al, 2018; Dong and Bi, 2020;
barriers Insufficient commitment of top management Fernado and Hor, 2017; Gardas et al, 2019;

Socio-cultural
barriers

Geographical

(0By)

Financial constraints (OBs)

Lack of skilled workforce (OB4)

Lack of a globalized network (OBs)

Absent corporate social responsibility (CB;)
Reluctant behavior towards sustainability (CB.)
Low market growth potential (CBs)
Ineffective communication (CBa4)
Non-compliance to policies (CBs)
Inadequate government laws and regulations
(CBs)

Unfavorable climatic conditions (GB;)

Gupta et al, 2020a; Moktadir, et al 2020;
Virmani et al., 2020; Orji, 2019; Schroter et
al, 2017; Yadav et al, 2020; Raj et al, 2020

Brunel et al, 2019; Caiado et al, 2017; Kusi-
Sarpong et al, 2019; Lim et al, 2017; Damert
etal, 2017; Luo et al, 2017; Bux et al, 2020;
Orji, 2019; Orji et al, 2019; Schroter et al,
2017; Shou et al, 2020; Singla et al, 2017;
Singh et al, 2020

Bouaichi et al, 2019; Ulucak et al, 2020; Han

barriers Unsustainable landscape (GB,) et al, 2017; Liu et al, 2020; Moktadir et al,

Scarcity of natural resources (Gs) 2019; Nawaz and Koc, 2018; Zhang et al,

Political instability (GB.) 2018; Kumar et al, 2020; Wang et al, 2021
Distributed Reduced carbon emissions (A1) Kumar et al, 2020; Bouzon et al, 2018;
manufacturing  Information disclosure (A2) Damert et al, 2017; Feernado and Hor, 2017,
systems Public approval (As) Gandhi et al, 2018; Han et al, 2017; Lim et
(DMS) Respect for policy (As) al, 2017; Mohanty and Shankar, 2017; Jan et
attributes Improved brand/reputation (As) al, 2020; Bian and Xuan, 2020

Lower logistics costs (Ag)

3.1.2 Socio-cultural barriers

Social-cultural barriers in this study cover six criteria namely, absent of social responsibility,
reluctant behavior towards sustainability, ineffective communication, low market growth
potential, lack of respect for policy, and lack of adequate government regulations to provide insight
into the socio-cultural barriers. Absent corporate social responsibility (CB1) focuses on the absence
of pressure from the public, non-governmental organizations, and media to implement sustainable
objectives (Damert et al, 2017; Dutta et al, 2016). Reluctant behavior towards sustainability (CB:)
refers to the reluctance towards sustainable products and innovative methods exhibited due to lack
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of awareness on the benefits of sustainability and negative green brand image (Egels-Zandén and
Rosén, 2015; Govindan et al, 2016). Low market growth potential (CBs) relates to the low output
volume which the market for industrial products is expected to achieve due to low awareness and
low population growth rate (Caiado et al, 2017; Lim et al, 2017). Ineffective communication (CBa)
is associated with the difficulty in or barrier to effectively convey information within the industry
(Roos et al, 2016). The inadequate policy formulation and implementation on sustainability in the
industry are referred to as Non-compliance to policies (CBs) (Orji et al, 2015; Schroéter et al, 2017,
Singla et al, 2017). Inadequate government law and regulations (CBs) focuses on the non-
availability of necessary government environmental laws and policies to encourage the
implementation of sustainability (Govindan et al, 2016; Roos et al, 2016).

3.1.3 Geographical barriers

Although geographical barriers constitute challenges to implementing sustainability, they are
rarely taken into considerations due to their complexity. In our study, four criteria namely
unfavorable climatic conditions, landscape, scarcity of natural resources, and political instability
are proposed to provide an in-depth understanding of geographical aspects. Unfavorable climatic
conditions (GBz) refer to unpleasant and physically discomforting weather conditions that serve as
a barrier to actualizing policy plans for sustainability goals (Nawaz and Koc, 2018; Zhang et al,
2018). Unsustainable landscape (GB2) represents scenery that is irresponsive to the environment
and poses a challenge to implementing sustainability (Reinikainen et al, 2016). The lack of
naturally occurring substance or feature of the environment is referred to as scarcity of natural
resources (GBs) (Han et al, 2017; Orji and Wei, 2016). The absence of integrity and durability of
government regime is termed Political instability (GB4) (Kumar et al, 2020).

3.2 ldentification of attributes of distributed manufacturing systems

We also identified and finalized 6 attributes of DMS to advancing sustainability from
available published literature and experts’ inputs (See details in Section 3) in this study.

The aspects of DMS include reduced carbon emissions, public approval, information
disclosure, respect for policy, improved brand/reputation, and lower logistics cost. Reduced carbon
emissions (A1) entail the act of reducing and eliminating damage to the environment caused by the
discharge of pollutants especially carbon emissions, leading to sustainable outcomes (Feernado
and Hor, 2017; Reinikainen et al, 2016). Information disclosure (Az2) significantly enhances the
ease of information sharing on finances and other relevant industrial operations thereby leading to
a shared understanding of performance impacts (Lim et al, 2017; Orji et al, 2015; Reinikainen et
al, 2016). Public approval (As) is associated with the satisfaction of consumers on industrial
products, thus improving reliability and market growth potential (Jan et al, 2020; Gandhi et al,
2018; Stephanides et al, 2019). Respect for policy (A4) involves adhering to the formulation and
implementation of proactive policies within the organization, leading to competitive advantage
(Orji, 2019; Orji and Wei, 2015; Singla et al, 2017). Improved reputation/social brand (As) defines
the favorable perception of industrial operations and products which tend to enhance consumer
awareness and attitude towards sustainability (Gandhi et al, 2018; Han et al, 2017). Furthermore,
lower logistics costs (As) are a benefit associated with adopting DMS which entails the reduction
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in the cost of conveying materials and products in the supply chain network thereby resulting in
reducing a significant proportion of business costs (Engblom et al, 2012; Turkensteen et al, 2011;
Turkensteen and Klose, 2012).

4. Research methodology

In this study, the research methodology is proposed based on the BWM for investigating
the relative importance of identified sustainability barriers in the Chinese manufacturing industry
and the impact of the aspects of DMS on these barriers. The detailed research methodology
proposed in this study is shown in Fig. 1.

41. BWM

The BWM is a multi-criteria decision-making method (MCDM), proposed by Rezaei
(2015) and predicted to increase in applications because it provides a structured way of carrying
out pairwise comparisons which can aid in eliminating numerous workloads and complexity for
experts (Gupta, 2018; Xiaomei et al, 2019). Published research works exist on various MCDMs in
extant literature such as Technique for Order of Preference by Similarity to Ideal solutions
(TOPSIS) (Abootalebi et al, 2019; Mathew et al, 2020), Preference Ranking Organization Method
for Enrichment Evaluations (PROMETHEE) (Mousavi and Lin, 2020), Multiplicative Multi-
Objective Optimization by Ration Analysis (MULTIMOORA) (Sarabi and Darestani, 2021; Wang
et al, 2021), Analytical Hierarchy Process (AHP) (Yaraghi et al, 2014) and Decision Making Trial
and Evaluation Laboratory (DEMATEL) (Amirghodsi et al, 2020; Farooque et al, 2020; Khan et
al, 2021b; Cui et al, 2020). Compared with other MCDMs, the BWM is considered preferable due
to its consistency during rational decision making (Kheybari et al, 2019; Rezaei, 2015). While
using full matrix-based methods like AHP, the number of pairwise comparisons increases, making
these methods time consuming (Rezaei, 2015). BWM also has the advantage of reducing the
anchoring bias of decision-makers because it uses two opposite reference vectors in a single
optimization problem. Since the sustainability barriers and the impact of DMS attributes to such
barriers and even the link between DMS attributes and sustainable performance are dependent on
each other, effective analysis of such issues should consider the interrelationships. But then, these
interrelationships are inherent within the system elements and although other MCDMs like
DEMATEL and AHP can be applied in such scenarios, the BWM outperforms them in accurately
determining the pairwise comparisons of system elements (Razaei, 2015; Orji et al, 2020). The
BWM has been successfully applied in various real-world decision-making scenarios (Gupta and
Barua, 2016; Kusi- Sarpong et al, 2019; Orji et al, 2019; Orji et al, 2020; Tarei et al., 2021; Xiaomei
et al, 2019). The advantage of the BWM when compared with other MCDMs lies in its simplicity,
reliance on less pairwise comparison data, and effectively consistent results (Moktadir et al, 2020;
Agyemang et al, 2020), which motivated its use in this study. Thus, we have applied the BWM to
determine the relative importance of the identified manufacturing sustainability barriers for
effective prioritization. Generally, the steps to applying the BWM are as follows:
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Contact the relevant experts and form a
decision group for the study.

Experts’ Identify, categorize and finalize the Literature
opinions manufacturing sustainability barriers and the review
aspects of distributed manufacturing systems.

v

Determine the best criterion and worst criterion
from the pool of manufacturing sustainability
barriers main category barriers and specific

barriers.

Determine the pairwise comparisons between
the best criterion and other criteria and design
the “Best-t0-Others” matrix

v

Determine the pairwise comparisons between
the worst criterion and other criteria and design
the “Others-to-Worst” matrix

!

Calculate the optimal weights by satisfying
condition that the highest variations for all the
system criteria is reduced.

!

Find the consistency ratio for all the determined
pairwise comparisons and rank the
manufacturing sustainability barriers.

Determine the scores of the DMS aspects with
respect to the organizational sustainable
performance and the impact of the DMS
aspects on the main contexts of investigated
sustainability barriers.

Fig. 1 Proposed evaluating methodology
Step 1: Identify the system criteria.

In this step, the system criteria which comprises the main category barriers (organizational,
socio-cultural, and geographical) and specific manufacturing sustainability barriers are identified
from the literature review and experts’ inputs.

Step 2: Choose the best and worst system criteria.

Within this step, the experts choose the best and worst criteria from the pool of identified
system criteria using their respective perspectives.

Step 3: Determine the pairwise comparisons between the best and other criteria.
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Here, the pairwise comparisons between the best and other criteria are determined by the
experts aided by the linguistic scale with scores ranging from 1 to 9 shown in Table 2. The pairwise
comparisons provide more insight into how important each the best criterion in comparison with
other system criteria. The resulting matrix known as “Best-t0-Others” matrix is expressed as
follows:

C_ = (Cw1:CuzreesCum)

Where cwj indicates the preferential judgment of the best criterion T over a system criterion
j among the system criteria and cwr = 1.

Table 2 Linguistic scale for BWM preferential judgments
Linguistic semantics Scores/Values
Equally important
Equal to moderately more important
Moderately more important
Moderately to strongly more important
Strongly more important
Strongly to very strongly more important
Very strongly more important
Very strongly to extremely more important
Extremely more important

O©CoOoO~NO OB WN P

Step 4: Determine the pairwise comparisons between other criteria and the best criterion.

In this step, the “Others-to-Worst” matrix is designed from the determined pairwise
comparisons between the other system criteria and the worst criterion with the aid of the scores in
the linguistic scale shown in Table 2. The resulting “Others-to-Worst” matrix is shown as follows:

Co :(ch,cQZ,....ch])b

Where, cqj is used to represent the preferential judgment of a system criterion j among
other system criteria identified in Step 1 and the worst system criterion K, and cqo = 1.

Step 5: Calculate the optimal weights (h"1, h*2,..., h*n)

In this step, the optimal weights of the system criteria are computed by ensuring that the
highest absolute variations for each identified system criterion j is reduced over the following

vector set {h, — G,y il [y —c oM
A minimax model can be developed as:

min max{, —¢, Q| h, —¢,Qy &)
Subject to:
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j
And h; >0, for each identified system criterion j

The above stated model can be solved by transforming it to form the linear programming model
presented below:

Minz ¢ 2)
Subject to:

‘hw —chj‘ <Z“, for each identified system criterion
‘hj —cI”b‘ <Z", for each identified system criterion j
Zh =1

J

h; >0, for each identified system criterion

Solving the second model, which is the linear programming model, will lead to optimal
vector weights (h™1, h™,..., h™n) and the optimal vector value ZP. Generally, a consistency (ZP) of
the pairwise comparisons is estimated and a value that is close to 0 is regarded as more desirable
(Rezaei, 2015).

Step 6: Determine the overall scores of DMS attributes.

After estimating the global optimal weights of each sustainability barrier by finding the
product of the weights of the main barrier and the specific barrier, we further apply the additive
value function to compute the overall score of the DMS attributes using the following equation
(Gupta et al, 2020a):

R= Zj:lhjvij )
Where, the index of any DMS attribute is denoted by i, the normalized score of the DMS
attribute i with respect to criterion j is denoted by vij. The score of vij can be determined using the

Equations (4) and (5) which signifies positive criteria (for benefit criteria) and negative criteria

(cost criteria) respectively.

Yij

Z Yii
j

P, = for each value of i (4)
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Where, yij represents the overall score of the DMS attribute i with regards to criterion j.

4.2.  Data sourcing

We collected data with the aid of designed questionnaires from ten manufacturing
companies that specialize in producing automobile parts (shock absorbers) in China with annual
revenue ranging from 30 million — 80 million Chinese RMB and the number of employees less
than 500. Specifically, the experts that participated in the survey include one General Manager,
three Operations Managers, three Production Managers, and three R & D Managers in the middle
and higher-level managerial positions with up to ten years of experience in the company and at
least a bachelor’s degree qualification (see Table 3 for demographic characteristics of experts).
These middle and higher-level managers are deemed knowledgeable to complete a survey on their
company’s operations since they are involved in strategic decisions of their company and so ensure
a good firm representation (Orji et al, 2019). Two sets of questionnaires were issued to the ten
experts to collect data. The purpose of the first set of questionnaires was to finalize the
manufacturing sustainability barriers and attributes of DMS that were identified from the literature
review while the second set aimed to find the relative importance of the barriers and the impact of
the attributes on the barriers. Conventionally, the questionnaires were designed to contain
questions that can determine the demographics of the experts such as their years of experience, job
category, and others. In the first set of questionnaires, the experts were required to indicate if the
identified system criteria are ‘applicable’ or ‘not applicable’ to the manufacturing sector
particularly in automobile parts manufacturing as is the case in this study.

Table 3 Demographics characteristics of experts in this study
Characteristic Number of experts
Age
25-35 3
36-55 7
Gender
Male 7
Female 3
Highest educational qualification
Bachelors 2
Postgraduate 8
Years of experience
10-15 2
15-20 3
Above 20 S

Managerial roles
R& D manager
Production manager
Operations manager
General manager

P WwWwww
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Firm size

10-200 7
210-500 3
Annual revenue (million RMB)

0-50 7
60-100 3

Some measures such as assuring experts of the confidentiality of their response, sending
reminder phone calls and email conversations, and even personal visits were taken to increase the
rate of survey response and reduce the response bias among experts. Measures taken resulted in
10 completed questionnaires from the experts out of 20 questionnaires initially sent out, a response
rate of 50%. We have employed the BWM as the evaluating methodology in our study which does
not require a large sample size for effective decision making even as prior studies have applied
BWM for successful evaluations with a sample size of at least five (Gupta and Barua, 2016; Gupta
et al, 2020a; Kusi-Sarpong et al, 2019).

5 Results and discussion
5.1 Results
5.1.1 Weight computations of manufacturing sustainability barriers

The best and worst criteria in addition to the resulting pairwise comparison of the main
contexts/categories of finalized criteria (sustainability barriers and DMS attributes) determined
from the preferential judgment of one of the experts are shown in Table 4. Likewise, all the experts
that participated in the survey provided their preferential judgments for main contexts/categories
and finalized criteria in other to develop respective pairwise comparisons. Tables 5-7 show the
pairwise comparisons as determined by one of the experts for the finalized criteria in each main
context/category. Specifically, Table 5 shows the pairwise comparison of the organizational
barriers as determined by an expert. Then, the pairwise comparison as determined by an expert for
socio-cultural barriers is presented in Table 6. In Table 7, the pairwise comparison as determined
by one of the experts for the geographical barriers is shown. The optimal weights of the main
contexts and respective barriers were determined from the pairwise comparisons by the experts
and relevant formula presented in Section 4 of this study. Then, the determined weights were
aggregated by finding the arithmetic mean from the experts’ responses.

Table 4 Pairwise comparisons of main context sustainability barriers by an Expert
Best to Others Organizational (OB) Socio-cultural (CB) Geographical (GB)
Best criteria: Organizational (OB) 1 7 2
Others to Worst Worst criteria: Geographical (GB)

Organizational (OB) 8
Socio-cultural (CB) 3
Geographical (GB) 1

Table 5 Pairwise comparisons of Organizational barriers (OB) by an Expert
Best to Others OBl 0B2 OB3 OB4 OB5
Best Criteria:OB1 1 7 8 1 2
Others to Worst Worst criteria: OB3
OB1 8

0B2 3
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0OB3 1
OoB4 6
0OB5 8
Table 6 Pairwise comparisons of Socio-cultural barriers (CB) by an Expert

Best to Others CB1 CB2 CB3 CB4 CB5 CB6
Best Criteria: CB4 8 7 9 1 2 9
Others to Worst Worst criteria: CB6
CB1 2
CB2 1
CB3 2
CB4 9
CB5 7
CB6 1
Table 7 Pairwise comparisons of Geographical barriers (GB) by an Expert

Best to Others GB1 GB2 GB3 GB4
Best Criteria: GB3 5 8 1 2
Others to Worst Worst criteria: GB2

GB1 3

GB2 1

GB3 8

GB4 7

Table 8 gives the results of the BWM evaluating the methodology for the manufacturing
sustainability barriers as determined from the responses of the experts in the current study. The
relative importance of the various barriers and their main contexts are indicated by the weights
presented in Table 8. Notably, the ranking of the specific barriers presented in Table 7 was derived
by the product of each specific criteria weight and the respective context weight. A detailed
discussion of the results is provided in the ‘discussion section’ of this paper.

Table 8 Aggregate weights of main barriers and specific barriers for all the experts
Main Context  Context Specific Criteria Specific  Criteria  Global Weights Ranking
Weights Weight
Organizational ~ 0.496 Inefficient technology (OB;) 0.324 0.161 1
(OB) Insufficient commitment of top management (OB;)  0.136 0.067 6
Financial constraints (OBs;) 0.202 0.100 4
Lack of skilled workforce (OB,) 0.111 0.055 9
Absence of globalized network (OBs) 0.228 0.113 2
Socio-cultural 0.308 Absent social responsibility (CB,) 0.123 0.038 12
(CB) Reluctant behavior towards sustainability (CB,) 0.068 0.021 15
Low market growth potential (CBs) 0.094 0.029 13
Ineffective communication (CB,) 0.337 0.104 3
Non-compliance to policy (CBs) 0.194 0.060 7
Inadequate government laws and regulations (CBg)  0.183 0.056 8
Geographical 0.196 Unfavorable climatic conditions (GB;) 0.221 0.043 11
(GB) Unsustainable landscape (GB,) 0.119 0.023 14
Scarcity of natural resources(Gs) 0.397 0.078 5
Political instability (GB.) 0.264 0.052 10

5.1.2 Computing the overall score of the attributes of distributed manufacturing systems.

This was computed by first normalizing the experts’ ratings of DMS attributes concerning
and then applying the additive value function to compute the overall score of the DMS attributes
to overall sustainable performance. The results obtained from the additive value function (Step 6

16



of the research methodology) are presented in Table 9 which indicates the total effect of the DMS
attributes on the barriers for achieving sustainable manufacturing performance.

Table 9 Total score of impact (vector weight) of DMS attributes on sustainability
DMS Attributes Improved manufacturing sustainable performance
Vector weight (Vi) Rank
Reduced carbon emissions (A;) 2.275 1
Information disclosure (A;) 2.238 2
Public approval (A3) 2.155 3
Respect for policy (As) 1.621 4
Improved brand/reputation (As) 1.603 5
Lower logistics costs (As) 0.472 6

A more detailed illustration of the ranks depicting the individual effect of the attributes of DMS
on each specifically investigated barrier is presented in Table 10.

Table 10 Ranking the impact of DMS attributes on each sustainability barrier category.

DMS Attributes Organizational barriers  Socio-cultural barriers Geographical barriers
Weight (Vi) Rank Weight (Vi) Rank Weight (Vi) Rank

Reduced carbon emissions (A;)  8.747 5 0.060 1 0.040 1
Information disclosure (A;) 8.777 4 0.058 2 0.035 3
Public approval (As3) 10.36 1 0.055 3 0.033 5
Respect for policy (A4) 9.673 3 0.055 4 0.040 2
Improved reputation (As) 9.820 2 0.042 5 0.035 4
Lower logistics costs (As) 4.577 6 0.038 6 0.013 6

5.2  Discussion
5.2.1 Ranking of the barriers to manufacturing sustainability.

A diagrammatic representation of the criticality of the contextual sustainability barriers is
presented in Fig. 2 while the ranking of the specific sustainability barriers is presented in Fig. 3.
According to the study findings depicted in Fig. 2, the barriers that are related to the organizational
context are the most important in the Chinese manufacturing industry. This signifies that the
barriers that are classified under the organizational context are critical, and measures need to be
put in place to ensure that they are eradicated to encourage improved sustainable performance. As
one may think that organizational sustainability implementation programs are usually hindered by
external barriers such as “lack of government policy and support” (Orji et al., 2020), “lack of
pressure and non-conducive legal system” (Gupta et al., 2020a), in this case, however, the barriers
are internal. This tells us that, the Chinese manufacturing organizations may have been looking in
the wrong direction (external) for solutions. This result points the Chinese manufacturing
organizations in the right direction and they can now channel their scarce resources to eradicate
the foundational and internal barriers. Thus, the Chinese manufacturing organizations have the
power of reversing the barriers and paving the way to pursue sustainability initiatives to achieve
the sustainability goal. The socio-cultural barriers are also extremely critical to sustainability goals
in manufacturing as determined from the study results. Although the geographical barriers are the
least ranked, industry managers should strive to align their company operations to sustainability
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goals by making efforts such as implementing DMS to overcome and control all the barriers for
improved sustainable performance.

20%
B Organizational barriers

Socio- cultural barriers

31% Geographical barriers

Fig.2 Context weights of the main contexts of investigated sustainability barriers (Percentage)

Among the investigated barriers as indicated in the study results in Fig.3, inefficient
technology is ranked the highest and followed by absence of a globalized network. Ineffective
communication and financial constraints are the third and fourth-ranked barriers, respectively. The
fifth-ranked manufacturing sustainability is scarcity of natural resources. Specifically, within the
organizational context, the highest-ranked investigated barrier in terms of relative importance is
inefficient technology (OBa1). In recent years, there is a strong motivation to implement energy-
efficient technologies for effective sustainability gains in various industrial sectors (Quader et al,
2015; Dong and Bi, 2020). The second-ranked barrier is absence of a globalized network (OBs).
Then, the third most significant barrier within the organizational context is the financial
constraints (OBs) while the fourth-ranked barrier is insufficient commitment of top management
(OB2). This suggests that adequate investment funds and robust budgetary allocation for
sustainable innovations are highly significant to the actualization of sustainability objectives
(Moktadir, et.al 2020; Virmani, Bera and Kumar, 2020; Yadav et al, 2020). Moreover, the support
and commitment of the top management of firms are critical to the decision to implement
innovations for sustainability goals (Gardas et al, 2019). The least barrier within the organizational
context is lack of skilled workforce (OB4). Within the socio-cultural context, the highest-ranked
barrier which is the most significant is communication gap (CB4) and this is followed by non-
compliance to policies (CBs). This recommends effective communication as very critical to build
and strengthen trust among the relevant actors during organizational plans for sustainable
development (Orji, 2019; Roos et al, 2016). The third-ranked-most important barrier within the
socio-cultural context is insufficient government regulations (CBs). Government environmental
policies can stimulate domestic economies to adopt innovations in manufacturing firms (Brunel et
al, 2019; Singh et al, 2020). The next ranked barrier within this context is lack of social
responsibility (CB1) and low market growth potential (CBs). This indicates that corporate social
responsibility has become increasingly significant for manufacturing firms to fulfill the increasing
societal requirements for processes that are environmentally and socially responsible (Shou et al,
2020; Bux et al, 2020). The least-ranked barrier in the socio-cultural context is reluctant behavior
towards sustainability (CB2). Nevertheless, attitude to sustainability is also critical and considered
a predictor of the intention for sustainable development in manufacturing firms (Luo et al, 2017).
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Within the geographical context, the most significant barrier in terms of relative importance is
scarcity of natural resources (GBs) and this is followed by political instability (GB4). Due to
unavailable natural resources, it is highly essential to ensure efficient natural resource utilization
in other to actualize sustainability objectives (Luo et al, 2017; Ulucak et al, 2020). Unfavorable
climatic conditions (GB1) are the next ranked barrier within this context while the least-ranked
barrier is unsustainable landscape (GB2). Thus, unfavorable climatic conditions serve as a critical
barrier that has a huge potential to influence the integration of sustainable innovations within an
industrial sector (Bouaichi et al, 2019). Although unsustainable landscape is ranked the least
among the geographical barriers, the optimization of landscape composition can aid in the efficient
management of the impacts of climate change for ultimately sustainable development (Liu et al,
2020).
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Fig. 3 Ranking of specific sustainability barriers
5.2.2 Ranking of the attributes of DMS

The diagrammatic representation of the study results obtained from the additive value
function of the BWM is presented in Fig. 4. According to the results, reduced carbon emissions
(2.275), information disclosure (2.238), and public approval (2.155) are the attributes that are most
strongly linked to sustainable performance and have the highest potential to overcome the
investigated manufacturing sustainability barriers. On the other hand, lower logistics costs (0.472),
improved brand/reputation (1.603), and respect for policy (1.621) are the DMS attributes that are
least linked to manufacturing sustainable performance. The highest-ranked attribute- reduced
carbon emissions is liable for decreasing the by-product of industrial development and human
civilization which present a danger to mankind and the environment (Bafana et al, 2018; Zuo et
al, 2017). Additionally, reduced carbon emissions resulting in efficient pollution control can
influence the disclosure of information relevant to industrial operations thereby leading to a shared
understanding of performance impacts. The second-ranked attribute, information disclosure
concerns adequate sharing of relevant information on performance and other important issues
among the key partners and stakeholders in other to ensure efficiency and collaboration.
Consequently, information disclosure can help in ensuring bridging the communication gap
between partners and stakeholders by guaranteeing the effective sharing of information (Kumar,
et.al, 2020; Li et al, 2017). Indeed, consumer awareness of the benefits of sustainability can be
created by implementing transparency. The third-ranked DMS aspect, public approval is related
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to satisfying consumer demands and requirements concerning products and processes to maximize
market potential (Damert et al, 2017; Gandhi et al, 2018). Public approval can aid in eliminating
the effect of low market potential. Hence, the Chinese manufacturing industry can benefit from
public approval to create awareness and eliminate negative attitudes towards sustainable products.

Typically, respect for policy is an aspect of DMS that entails suitable framing of policies
for sustainability improvements and effective compliance of such policies for increased
competitiveness (Orji, 2019). Hence, respect for policy can enhance the financial advantage of the
industry, increase the commitment of top management in industrial strategic goals and ensure the
competencies of the workforce are improved (Schroter et al, 2017). Furthermore, the Chinese
manufacturing sector can benefit from adequate framing of policies and implementation of
preemptive plans on sustainability to increase public approval and aid transparency in business.
Likewise, improved brand/reputation encompasses a positive and acceptable view of company
processes and products by the stakeholders and consumers which has the potential to increase
consciousness and ensure a positive mindset about sustainability (Orji and Wei, 2015). Improving
social brand can ensure that consumers’ negative attitude towards sustainability is minimized thus
encouraging corporate social responsibility and advancing sustainability. Although ranked the
least among the DMS attributes in terms of relationship with sustainable performance, the Chinese
manufacturing sector can benefit from lower logistics costs to transport resources to maximize the
market potential for increased financial performance (Bouzon et al, 2018).

Lower logistics costs
Improved brand/ reputation
Respect for policy

Public approval

Information disclosure

Reduced carbon emissions

0 0.5 1 1.5 2 2.5

Fig.4 Influence of DMS attributes/strategies on improved sustainable performance in the
manufacturing sector (Vector weights)

The findings of this study shed light on how DMS relate to sustainable performance in the
manufacturing sector and by so doing corroborates published literature in the emerging economies
(Bednar and Modrak, 2014; Hu, 2013; Hunt et al, 2015; Rauch et al, 2015; Yew et al, 2016).
Indeed, the attributes of DMS are capable of suppressing the effect of sustainability barriers and
are therefore linked to sustainable performance.

The diagrammatic representation of the further details of the individual effect of the
attributes of DMS on each specifically investigated barrier is presented in Fig. 5. According to the
results, with regards to organizational sustainability barriers, the most impactful DMS attribute is
public approval (As) and followed by improved brand/reputation (A4). The third-ranked DMS
attribute in terms of impact on organizational barriers is respect for policy (A4) and followed by
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information disclosure (A2) and reduced carbon emissions (A1). The least impactful DMS attribute
on organizational sustainability barriers is lower logistics costs (As). To be able to overcome the
socio-cultural barriers, the most impactful attribute of distributed manufacturing systems is
reduced carbon emissions (A1). The second most impactful attribute of DMS on the socio-cultural
barriers is information disclosure (A2). The third and fourth-ranked DMS attributes in terms of
impact on socio-cultural barriers are public approval (As) and respect for policy (As). Like the
results obtained for the impact of the DMS attributes on organizational barriers, the least impactful
of the attributes on socio-cultural barriers is lower logistics costs (As). Furthermore, like the results
obtained for the impact of the DMS attributes on socio-cultural barriers, the DMS attribute that
has the highest potential to impact on geographical barriers to manufacturing sustainability is
reduced carbon emissions (Ai1). The second-ranked DMS attribute in terms of impact on
geographical barriers is respect for policy (A4) while the third-ranked is information disclosure
(A2). Improved social image (As) remains the fourth-ranked in terms of impact on the geographical
barriers while public approval (As) is the fifth-ranked. Like the results on the impact of the DMS
attributes on the organizational and socio-cultural barriers, the lower logistics costs (As) remain
the least ranked of all the DMS attributes in terms of impact on the geographical barriers.
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Reduced carbon Information Public approval  Respect for policy Improved Lower logistics
emissions disclosure reputation costs
B Organizational barriers Socio- cultural barriers Geographical barriers

Fig. 5 Impact of the DMS attributes on main contexts of sustainability barriers (Ranking)

Ultimately, the study results show that there is a need for manufacturing firms to implement
DMS and to prioritize the appropriate integration of the attributes in other to actualize improved
sustainable performance and increased competitiveness.

5.2.3. Senstivity Analysis

Sensitivity analysis is performed to check for biasness of experts and to ensure that the
framework developed is robust. The method applied by Gupta and Barua (2017) is adopted in this
manuscript. Here, the weight of the barrier that obtained the highest weightage in the original
results was varied from 0.1 to 0.9 and corresponding weights of sub barriers were calculated.
Further using the weights of sub-barriers for different scenarios, the ranking of the DMS attributes
(alternatives) was obtained to check for any variation in rankings. Table 11 represents the variation
in weights of main category barriers due to variation in weight of OB barrier from 0.1 to 0.9.
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Table 11 Variation in weights value of other main category barriers

Normal

ized Run 1 Run 2 Run 3 Run 4 Run 5 Run 6 Run 7 Run 8 Run 9
Barrier Weight (0.1) (0.2) (0.3) (0.4) (0.5) (0.6) (0.7) (0.8) (0.9)
OB 0.496 0.100 0.200 0.300 0.400 0.500 0.600 0.700 0.800 0.900
CB 0.308 0.549 0.488 0.427 0.366 0.305 0.244 0.183 0.122 0.061
GB 0.196 0.351 0.312 0.273 0.234 0.195 0.156 0.117 0.078 0.039

Tables 12 -15 represents the ranks of DMS attributes for different runs.

Table 12 Ranking of DMS attributes for main category barriers by changing weights from
0.1t00.9

Run 1 (0.1) Run 2 (0.2) Run 3 (0.3) Run 4 (0.4) Run 5 (0.5) Run 6 (0.6) Run 7 (0.7) Run 8 (0.8) Run 9 (0.9)

Attributes Vi Rank Vi Rank Vi Rank Vi Rank Vi Rank Vi Rank Vi Rank Vi Rank Vi Rank

Al 3.160 2 2.226 2 2.037 2 2.082 1 2.285 1 2.679 1 3.404 1 4.915 1 9.535 1
A2 3.311 1 2.275 1 2.048 1 2.067 2 2.248 2 2.617 2 3.305 2 4.750 2 9.177 2
A3 2971 3 2.099 3 1.925 3 1.970 3 2.165 3 2.540 3 3.229 3 4.666 3 9.055 3
A4 2.280 5 1.598 5 1.458 4 1.486 4 1.628 4 1.907 4 2419 4 3.491 4 6.767 4
A5 2319 4 1.607 4 1.456 5 1.476 5 1611 5 1.880 5 2379 5 3.425 5 6.628 5
AB 0.632 6 0.452 6 0.417 6 0.429 6 0.474 6 0.558 6 0.711 6 1.029 6 2.001 6

Table 13 Ranking of DMS attributes for Organizational Barriers by changing weights from
0.1t00.9

Run 1 (0.1) Run 2 (0.2) Run 3 (0.3) Run 4 (0.4) Run 5 (0.5) Run 6 (0.6) Run 7 (0.7) Run 8 (0.8) Run 9 (0.9)

Attributes V, Rank V. Rank Vi Rank V. Rank Vi Rank V. Rank Vi Rank V. Rank Vi Rank

Al 43.258 5 21639 5 14437 5 10.839 5 8.683 5 7248 5 6225 5 5460 5 4865 5
A2 43.383 4 21703 4 14481 4 10874 4 8713 4 7214 4 6249 4 5482 4 4887 4
A3 51.373 1 25692 1 17134 1 12857 1 10293 1 8584 1 7.365 1 6451 1 5742 1
A4 47.888 3 23951 3 15976 3 11.991 3 9.602 3 sou 3 6876 3 602 3 5366 3
A5 48551 2 24287 2 16205 2 12167 2 9.748 2 8138 2 69% 2 613l 2 5464 2
A6 22.678 6 11341 6 7.564 6 5675 6 4543 6 3789 6 3250 6 2847 6 2534 6

Table 14 Ranking of DMS attributes for Socio-Cultural Barriers by changing weights from
0.1t00.9

Run 1 (0.1) Run 2 (0.2) Run 3 (0.3) R&n 4 (0.4) Run 5 (0.5) Run 6 (0.6) Run 7 (0.7) Run 8 (0.§2 Run 9 (0.9)

Attributes Vi Rank Vi Rank Vi Rank Vi Rank Vi Rank Vi Rank Vi Rank Vi Rank Vi Rank

Al 0.107 1 0.096 1 0.084 1 0.072 1 0.060 1 0.048 1 0.036 1 0.024 1 0.012 1
A2 0.103 2 0.092 2 0.080 2 0.069 2 0.057 2 0.046 2 0.034 2 0.023 2 0.011 2
A3 0.098 3 0.087 3 0.076 3 0.065 3 0.054 3 0.043 3 0.033 3 0.022 3 0.011 3
A4 0.097 4 0.087 4 0.076 4 0.065 4 0.054 4 0.043 4 0.032 4 0.022 4 0.011 4
A5 0.075 5 0.067 5 0.058 5 0.050 5 0.042 5 0.033 5 0.025 5 0.017 5 0.008 5
AB 0.069 6 0.061 6 0.053 6 0.046 6 0.038 6 0.031 6 0.023 6 0.015 6 0.008 6
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Table 15 Ranking of DMS attributes for Geographical Barriers by changing weights from
0.1t00.9

Run 1 (0.1) Run 2 (0.2) Run 3 (0.3) Run 4 (0.4) Run 5 (0.5) Run 6 (0.6) Run 7 (0.7) Run 8 (0.8) Run 9 (0.9)

Attributes Vi Rank Vi Rank Vi Rank Vi Rank Vi Rank Vi Rank Vi Rank Vi Rank Vi Rank

Al 0.071 1 0.064 1 0.056 1 0.048 1 0.040 1 0.032 1 0.024 1 0.016 1 0.008

A2 0.063 0.056 0.049 0.042 0.035 0.028 0.021 0.014 0.007

0.007

A4 0.071 0.063 0.055 0.047 0.039 0.031

3 3 3 3 3 3 3

A3 0.060 5 0.053 5 0.046 5 0.040 5 0.033 5 0.027 5 0.020 5 0.013
2 2 2 2 2 2 0.024 2
4 4 4 4 4 4 4

~ N w -

3
5

0.016 2 0.008
4

A5 0.062 0.055 0.048 0.041 0.035 0.028 0.021 0.014 0.007

Ab 0,024 6 0,021 6 0.019 6 0.016 6 0.013 6 0.011 6 0.008 6 0.005 6 0.003 6

The results of the sensitivity analysis show that there is no variation in the final ranking of DMS
attributes based on the change in weights of main and sub-category barriers from 0.1 to 0.9. This
shows that the framework developed is robust and free from expert bias.

5.2.4. Study implications

Our study contributes theoretically to sustainable development and provides insights that
barriers that relate to the organizational, socio-cultural, and geographical aspects can hinder
sustainability objectives. Particularly, by providing a geographical perspective, our study indicates
that certain barriers can result in spatiotemporal differences in regional cases and such barriers are
significant to understanding sustainability (Xu et al, 2020). This study thereby contributes to
understanding the factors that relate to the huge variety and spatial unevenness of the pathways to
implementing innovations for maximizing sustainable gains (Strambach and Pflitsch, 2020;
Virmani et al, 2020). Firms may be resource-constrained to deal with all these barriers at the same
time and so may decide to choose among the barriers. Maximizing the output in such an
environment is the ultimate goal of most industrial sectors. Therefore, this study and its result can
serve as the basis for prioritizing these barriers. It is therefore important to offer some guidance on
theoretical grounds and evaluation outcomes to manufacturing companies, which this study
provides, especially some initial guidelines to managers for eradicating the barriers. Notably, the
outcome of this study tells managers that, organizational barriers are the most significant in terms
of the investigated barriers as determined by the BWM computations. This corroborates published
studies that suggest that the organizational context of the firms is relevant to sustainability plans
and that the barriers that emanate from such a context are highly significant (Gupta et al, 2020a;
Luthra et al, 2016). Specifically, as indicated in the study results, inefficient technology is ranked
the highest among the sustainability barriers and is followed by absence of a globalized network.
Ineffective communication and financial constraints are the third and fourth-ranked barriers,
respectively. The fifth-ranked manufacturing sustainability is scarce natural resources. This
study’s results corroborate past published literature on the criticality of inefficient technology in
hampering sustainability plans within an organization (Annuziata et al, 2018; De et al, 2020; Gupta
et al, 2020a; Orji, 2019; Raj et al, 2020). Likewise, the presence of globalized networks has been
noted by other researchers as being highly significant in actualizing sustainability goals
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(Arampantzi and Minis, 2017; Golini et al, 2014; Oosterveer, 2015). Furthermore, insufficient
funds and budgetary allocations remain a significant drawback to actualizing sustainable
performance in the manufacturing sector (Zhang et al, 2019; Zhang et al, 2020). Unavailable
resources have been noted as being highly significant and should be tackled for efficient resource
consumption and improved sustainable performance (Moktadir et al, 2019).

Furthermore, the results from this study have buttressed the strong relationship of certain
DMS attributes to sustainable performance namely reduced carbon emissions, information
disclosure, and public approval. By investigating the impact of DMS attributes on the
sustainability barriers, this study complements available literature on the flexible innovation
techniques that offer many interesting opportunities in supply chain management (Beltagui et al,
2020; Noppers et al, 2014). Moreover, past studies have lauded the potential of technological
developments in reducing emissions and improving sustainable performance (Bian and Xuan,
2020; Kang et al, 2020; Wang et al, 2021). Likewise, our study corroborates other published
literature on the strong link/relationship between information disclosure for transparency and
sustainable performance improvements (Garner et al, 2019; Reid and Rout, 2020). Additionally,
past published studies indicate that public approval is extremely critical to implementing
innovations for actualizing sustainability objectives within the industrial sectors (Jan et al, 2020;
Noppers et al, 2014; Stephanides et al, 2019).

Hence, this study presents a clear outlook to the senior management of the manufacturing
sector on how the DMS contributes to sustainable performance and sheds more light on the DMS
attributes that firms need to focus on in other to overcome sustainability barriers. China, much the
same as other emerging economies, is experiencing rapid growth and the overwhelming
environmental pollution generated especially in the manufacturing sector is a hindrance in the way
of advancement. Indeed, there is a growing concern about how to minimize the impact of human
activities on the environment (Mikulcic and Duic, 2017; Yuan et al, 2020). A viable option to this
challenge is therefore to strive to actualize sustainability in the manufacturing industry in other to
minimize environmental consequences and increase competitiveness (Mousavi and Bossink,
2017). This study identifies and prioritizes the barriers that hinder the plans to actualize
sustainability in the Chinese manufacturing sector and sheds more light on how DMS attributes
impact such barriers and relate to sustainable performance. By so doing, this study will provide
top management with the required knowledge to devise effective measures based on the significant
impact level of the DMS attributes. The industry considered in the current study can improve the
efficiency of their manufacturing operations and actualize sustainability objectives by adopting
DMS. Based on the perspective of the experts interviewed in this study survey, the senior
management aspires to increase their investments in sustainable innovations namely DMS in their
bid to become sustainably compliant and are also employing highly skilled manpower to
effectively manage such innovations. There lingers an important need for developing supply chain
innovations that have the potential to contribute to reducing negative environmental and social
consequences in the manufacturing sector (Kusi-Sarpong et al, 2019; Rauch et al, 2016). The
current study sheds more light on an emerging trend within the industrial sector regarding
implementing innovations for sustainable performance and overall global competitiveness.
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Designing a practical guide that assists industry managers and practitioners to determine
and integrate their perspectives holistically with regards to adopting DMS would be the next step
in this research domain. The guide may include practical information for developing a
sustainability compliance culture.

6 Conclusion and future research
6.1 Conclusion

Over the past years, China has achieved remarkable development in the manufacturing
sector. Yet, advancing sustainability in the Chinese manufacturing sector is a challenge for
concerned organizations and regulatory bodies. This is partly due to certain barriers that hinder
plans to actualize sustainability objectives in the Chinese manufacturing sector. Thus, the
manufacturing sector considers implementing sustainable innovations as a potential for
sustainability improvements (Rauch et al, 2016; Shao et al, 2014). DMS, just like any other
innovative initiative, has notable enormous potentials to achieve sustainability benefits and
increased global competitiveness in the manufacturing industry (Behnam et al, 2018). Indeed,
DMS is considered a novel manufacturing innovative strategy that is utilized to transform the scale
and location of manufacturing facilities for expected sustainability benefits and increased
competitiveness (Dertinger et al, 2020; Gimenez-Escalante et al, 2020). Despite the enormous
potentials of DMS, its implementation is still at the nascent stage in emerging economies like
China unlike in developed economies (Kim et al, 2020; Shokrani et al, 2020; Sun et al, 2020).
Manufacturing managers in China and other emerging economies still lack the required insight
about DMS strategic plans and how such may transform manufacturing operations. There is deficit
knowledge on critical sustainability barriers and how DMS might impact these critical barriers and
relate to improved sustainable performance especially in the Chinese manufacturing sector.
Therefore, in this study, we attempted to identify and investigate sustainability barriers that exist
in the Chinese manufacturing industry and also determined how the DMS attributes impact these
barriers and relate to improved sustainable performance. This study would enable decision-makers
in the Chinese manufacturing sector to understand the various barriers to implementing
sustainability and how DMS can suppress or eliminate such barriers and result in sustainability
benefits. In short, this would give a clearer insight into how DMS attributes impact sustainability
challenges and also establish the link between DMS and improved sustainable performance.

In the current study, we identified fifteen barriers that hinder plans to achieve sustainability
benefits in the Chinese manufacturing industry and six notable DMS attributes. The identified
barriers were classified as organizational barriers, socio-cultural barriers, and geographical
barriers. We then proposed a research methodology based on BWM to determine the relative
importance of the identified barriers, investigate the impact of the DMS attributes on such barriers
and likewise determine how DMS relates to sustainability gains. Data was sourced from ten
managers who were directly concerned with the adoption of sustainable innovations in the Chinese
manufacturing sector. This study pioneers the utilization of BWM to assess the criticality of
sustainability barriers and determine how DMS might mitigate such barriers and its link to an
improved sustainable performance from managers’ viewpoint in extant literature. The BWM was
utilized to obtain the barrier indices for prioritization in addition to the impact weight value of
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DMS on the barriers and the association with improved sustainable performance through using the
‘additive value function’. By utilizing this function, efficient computation of the overall scores of
the DMS attributes is actualized to ensure accurate quantification of the impact of the DMS
attributes. The results of this study indicate that organizational barriers are the most intense in
terms of severity during the decision to implement sustainability goals. This is followed by socio-
cultural barriers and lastly geographical barriers. Furthermore, our study findings suggest that in
terms of relationship to sustainable performance, reduced carbon emissions, information
disclosure, and public approval rank the highest among the investigated attributes of DMS. The
DMS attributes that relate strongly to sustainable performance are strategic oriented and
consequently, competitive advantage can be achieved by continuously improving on them.
Additionally, the study results show that reduced carbon emissions have the highest impact on
organizational and socio-cultural barriers while public approval has the highest impact on
organizational barriers.

The study results provide an in-depth understanding of how DMS impact on critical
sustainability barriers in an emerging economy against previously published DMS research that
focus on developed economies and discuss broad design and resources issues of DMS (Kim et al,
2020; Kumar et al, 2020; Rauch et al, 2018; Shokrani et al, 2020). Moreover, our study introduces
sustainability barriers as a significant aspect of implementing DMS for improved sustainable
performance. The implementation of DMS can be hindered by barriers that are related to the
organization, social-cultural context, and geographical location of the industry. Manufacturing
firms are incessantly pressured by government bodies and other stakeholders (Kusi-Sarpong et al.,
2019, Gupta et al., 2020a; Zhang et al, 2021; Zou et al, 2017; Mubarik et al., 2021), hence there is
a necessity to integrate relevant contexts when investigating the impact of DMS on sustainability
barriers and the relationship with improved sustainable performance. Our study, therefore,
provides some useful guidelines that can serve as significant for further exploration and
theorization of the link between DMS and sustainability benefits. Indeed, the study results, present
policymakers with practical insight on the relative importance of the various barriers to
implementing sustainable innovations and to effectively propose strategic solutions to eliminate
or suppress such barriers. This is crucial because policymakers consider how to advance
sustainability in the manufacturing industry without considering the effect of proposed solutions
on the barriers to advancing sustainability. This work will surely assist policymakers to more
effectively advance sustainability through efficiently adopting distributed manufacturing systems.
Furthermore, the results of this study may assist policymakers in the manufacturing sector in
making strategic and tactical decisions. For instance, the managers in the Chinese manufacturing
sector can implement DMS strategic plans by utilizing sequential patterns. By so doing, the DMS
attributes that are strongly related to improved sustainable performance are initially implemented
while others are delayed and introduced systematically since there are bound to be time and
resource-constraints (Han et al, 2017).

6.2 Limitations and future research directions

The current study just like other published research works is laden with certain limitations
that provide some interesting opportunities for future theorization and subsequent exploration. We
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have identified the barriers that hamper sustainability objectives in our study and classified such
barriers under organizational, socio-cultural, and geographical contexts. In the future, a set of
barriers can be identified and categorized using other mature theoretical frameworks such as the
Technology-organization-environment (TOE) framework or Human-Organizational-Technology
(HOT), or even a combination of both. This may provide a broader perspective on the sustainability
barriers by ensuring the integration of all the relevant contexts of the industry. We have studied
the relative importance of the barriers using BWM. Further research efforts can study the same set
of barriers using other multi-criteria decision-making models such as Analytic Network Process
(ANP) and Interpretive Structural Modeling (ISM) and may also include a comparison of the
results from the methods utilized. As also informed in our study, the impact of the DMS aspects
on the barriers has been investigated for possible sustainable performance improvements using the
BWM evaluating methodology. In the future, research efforts may be geared towards employing
systems dynamics to study more on the dynamic relationship between the DMS aspects and
sustainable performance improvements for increasing the competitiveness of the organization.
Another further research work may also adopt modelling and simulation approaches to sustainable
aspects and risks (Sun et al., 2020; Gorecki et al., 2020) of the manufacturing system to anticipate
the behavior and links between DMS and sustainable performance. Finally, future studies may
consider investigating enterprise interoperability with more connections to enterprise modeling
(Vernadat, 2002; Vallespir et al., 2005, Chen and Daclin, 2006) and model-driven approach
(Zacharewicz et al., 2020) as approaches for reaching manufacturing sustainability.

References

Abootalebi S., Hadi-Vencheh A., Jamshidi A. (2019), Ranking the alternatives with a modified
TOPSIS method in multiple attribute decision making problems, IEEE Transactions on
Engineering Management, doi:10.1109/TEM.2019.2933593.

Adamson G., Wang L., Moore P. (2017), Feature-based control and information framework for
adaptive and distributed manufacturing in cyber physical systems, Journal of
Manufacturing Systems, Vol. 43, Part 2, Pg. 305- 315.

Agyemang, M., Kusi-Sarpong, S., Agyemang, J., Jia, F., & Adzanyo, M. (2020). Determining and
evaluating socially sustainable supply chain criteria in agri-sector of developing countries:
insights from West Africa cashew industry. Production Planning & Control, 1-19.

Ahmadi H.B., Kusi-Sarpong S., Rezaei J. (2017), Assessing the social sustainability of supply
chains using Best Worst Method, Resources, Conservation and Recycling, 126, 99- 106.

Ahmadi, H. B., Lo, H. W., Gupta, H., Kusi-Sarpong, S., & Liou, J. J. (2020). An integrated model
for selecting suppliers on the basis of sustainability innovation. Journal of Cleaner
Production, 277, 123261.

Ahmed, W., Ashraf, M. S., Khan, S. A., Kusi-Sarpong, S., Arhin, F. K., Kusi-Sarpong, H., &
Najmi, A. (2020). Analyzing the impact of environmental collaboration among supply
chain stakeholders on a firm’s sustainable performance. Operations Management
Research, 1-18.

27



Amirghodsi S., Naeini A.B., Makui A. (2020), An integrated Delphi-DEMATEL-ELECTRE
method on gray numbers to rank technology providers, IEEE Transactions on Engineering
Management, doi:10.1109/TEM.2-2-.2980127.

Annunziata E., Pucci T., Frey M., Zunni L. (2018), The role of organizational capabilities in
attaining corporate sustainability practices and economic performance: Evidence from
Italian wine industry, Journal of Cleaner Production, Vol. 171, Pg. 1300- 1311.

Ansari M.F., Kharb R.K., Luthra S., Shimmi S.L., Chatterji S. (2013), Analysis of barriers to
implement solar power installations in India using interpretive structural modeling
technique, Renewable and Sustainable Energy Reviews, Vol. 27, Pg. 163- 174.

Arampantzi C., Minis I. (2017), A new model for designing sustainable supply chain networks and
its application to a global manufacturer, Journal of Cleaner Production, 156, 276- 292.

Ardito, L., Petruzzelli, A. M., & Albino, V. (2019). The influence of alliance ambidexterity on
innovation performance and the moderating role of firm age. IEEE Transactions on
Engineering Management. 10.1109/TEM.2019.2902069

Ardito, L., Petruzzelli, A. M., Dezi, L., & Castellano, S. (2020). The influence of inbound open
innovation on ambidexterity performance: does it pay to source knowledge from supply
chain stakeholders?. Journal of Business Research. 119, 321-329.

Bafana A., Krishnamurthi K., Sivanesan S., Naoghare P.K. (2018), Chapter Six- Mutagenicity and
Genotoxity Testing in Environmental Pollution Control, Mutagenicity: Assays and
Applications, Pg. 113- 132.

Ball P. Lunt, P. (2019) Enablers for Improving Environmental Performance of Manufacturing
Operations, IEEE Transactions on Engineering Management, Vol. 66, Pg. 663-676.
Behnam S., Cagliano R., Grijalvo M. (2018), How should firms reconcile their open innovation
capabilities for incorporating external actors in innovations aimed at sustainable

development? Journal of Cleaner Production, Vol. 170, Pg. 950- 965.

Belz F.M. (2013), Shaping the future: sustainable innovation and entrepreneurship, Social
Business, Vol. 3, Pg. 311- 324.

Beltagui A., Kunz N., Gold S. (2020), The role of 3D printing and open design on adoption of
socially sustainable supply chain innovation, International Journal of Production
Economics, 221, 107462.

Bian J., Xuan Z. (2020), Tax or subsidy? An analysis of environmental policies in supply chains
with retail competition, European Journal of Operational Research, 283 (3), 901- 914.

Bouaichi A., Merrouni A.A., Hajjaj C., Messaoudi C., Ghennioui A., BenlarabiA., lkken B.,
Amrani A.E., Zitouni H. (2019), In- situ evaluation of the early PV module degradation of
various technologies under harsh climatic conditions: The case of Morocco, Renewable
Energy, 143, 1500- 1518.

Bouzon M., Govindan K., Rodriguez C.M.T., Campos L.M.S. (2016), Identification and analysis
of reverse logistics barriers using fuzzy Delphi method and AHP, Journal of
Manufacturing systems, Vol. 108, Pg. 182- 197.

Bouzon M., Govindan K., Taboada Rodriguez C.M. (2018), Evaluating barriers for reverse
logistics implementation under a multiple stakeholders’ perspective analysis using grey
decision-making approach, Resources, Conservation and Recycling, Vol. 128, Pg. 315-
335.

28


https://doi.org/10.1109/TEM.2019.2902069
https://www.sciencedirect.com/science/journal/01482963/119/supp/C

Brunel C. (2019), Green innovation and green Imports: Links between environmental policies,
innovation and production, Journal of Environmental Management, 248, 109290.

Bux H., Zhang Z., Ahmad N. (2020) Promoting sustainability through corporate social
responsibility implementation in the manufacturing industry: An empirical analysis of
barriers using the ISM-MICMAC approach. Corporate Social Responsibility
Environmental Management, VVol.27, Pg. 1729-1748.

Caiado R.G.G., Dias R.F., Mattos L.V., Quelhas O.L.G., Filho W.L. (2017), Towards sustainable
development through the perspective of eco- efficiency- A systematic literature review,
Journal of Cleaner Production, Vol. 165, Pg. 890- 904.

Chan H.K., Chan F.T.S (2010), Comparative study of adaptability and flexibility in distributed
manufacturing supply chains, Decision Support Systems, Vol. 48, Iss. 2, Pg. 331- 341.

Chen, D., & Daclin, N. (2006, March). Framework for enterprise interoperability. In Proc. of IFAC
Workshop EI2N (pp. 77-88). Bordeaux.

Cui, L., Gao, M., Sarkis, J., Lei, Z., & Kusi-Sarpong, S. (2020). Modeling cross-border supply
chain collaboration: the case of the Belt and Road Initiative. International Transactions in
Operational Research. https://doi.org/10.1111/itor.12874

Damert M., Paul A., Baumgartner R.J. (2017), Exploring the determinants and long- term
performance outcomes of corporate carbon strategies, Journal of Cleaner Production, Vol.
160, Pg. 123- 138.

De D. Chowdhury S., Dey P.K., Ghosh S.K. (2020), Impact of lean and sustainability-oriented
innovation on sustainability performance of small and medium sized enterprises: A data
envelopment analysis- based framework, International Journal of Production Economics,
219, 416- 430.

Dertinger S.C., Gallup N., Tanikella N.G., Grasso M., Vahid S., Foot P.J.S., Pearce J.M. (2020),
Technical pathways for distributed recycling of polymer composites for distributed
manufacturing: Windshield wiper blades, Resources, Conservation and Recycling, 157,
104810.

Dong C., Bi K. (2020), On Innovation Performance of Low-Carbon Technology Breakthrough
Innovation Network in Manufacturing Industry Under the Global Value Chain: A Case
Study Based on Chinese Manufacturing Industries, IEEE Access, Vol. 8, Pg. 174080-
174093, doi: 10.1109/ACCESS.2020.3026062.

Dubey, R., Gunasekaran, A., Ali, S.S. (2015), Exploring the relationship between leadership,
operational practices, institutional pressures and environmental performance: a framework
for green supply chain, International Journal of Production Economics, Vol. 160, Pg. 120—
132.

Durach C.F., Kurpjuweit S., Wagner S.M. (2017), The impact of additive manufacturing on supply
chains, International Journal of Physical Distribution and Logistics Management, 47 (1),
954- 971.

Egels-Zandén N., Rosén M. (2015), Sustainable strategy formation at a Swedish industrial
company: bridging the strategy-as- practice and sustainability gap, Journal of Cleaner
Production, Vol. 96, Pg. 139- 147.

Engblom J., Solakivi T., Toyli J., Ojala L. (2012), Multiple- method analysis of logistics costs,
International Journal of Production Economics, 137 (1), 29- 35.

29


https://doi.org/10.1111/itor.12874

Esmaeilian B., Behdad S., Wang B. (2016), The evolution and future of manufacturing: A review,
Journal of Manufacturing Systems, Vol. 39, Pg. 79- 100.

Fan L-W., You J., Zhang W., Zhou P. (2021), How does technological progress promote carbon
productivity? Evidence from Chinese manufacturing industries, Journal of Environmental
Management, 277, 111325.

Farooque M., Jain V., Zhang A., Li Z. (2020), Fuzzy DEMATEL analysis of barriers to
blockchain- based life cycle assessment in China, Computers& Industrial Engineering,
147, 106684.

Fay A., Vogel- Heuser B., Frank T., Eckert K., Hadlich T., Diedrich C. (2015), Enhancing a model-
based engineering approach for distributed manufacturing automation systems with
characteristics and design patterns, Journal of Systems and Software, Vol. 101, Pg. 221-
235.

Fernado Y., Hor W.L. (2017), Impacts of energy management practices on energy efficiency and
carbon emissions reduction: A survey of Malaysian manufacturing firms, Resources,
Conversation and Recycling, Vol. 126, Pg. 62- 73.

Gandhi N.S., Thanki S.J., Thakkar J.J. (2018), Ranking of drivers for integrated lean- green
manufacturing for Indian manufacturing SMEs, Journal of Cleaner Production, Vol. 171,
Pg. 675- 689.

Garner T.A., Benzie M., Borner J., Fick S., Garrett R., Godar J., Grimard A., Lke S., Larsen R.K.,
Mardas N., McDermont, Meyfridt P., Osbeck M., Persson M., Sembres T., Suavet C.,
Strassburg B., Trevisan A., West C., Wolvekamp P. (2019), Transparency and
sustainability in global commodity supply chains, World Development, 121, 163- 177.

Gardas B.B., Raut R., Narkhede B. (2019), Identifying critical success factors to facilitate reusable
plastic packaging towards sustainable supply chain management, Journal of
Environmental Management, 236, 81- 92.

Geng R., Mansouri A., Aktas E., Yen D.A. (2017), The role of Guanxi in green supply chain
management in Asia’s emerging economies: A conceptual framework, Industrial
Marketing Management, 63, 1- 17.

Gerelmaa L., Kotani K. (2016), Further investigation of natural resources and economic growth:
Do natural resources depress economic growth?, Resources Policy, Vol. 50, Pg. 312- 321.

Gimenez- Escalante p., Garcia- Garcia G., Rahimifard S. (2020), A method to assess the feasibility
of implementing distributed Localized Manufacturing strategies in the food sector, Journal
of Cleaner Production, 266, 121934.

Golini R., Longoni A., Cagliano R. (2014), Developing sustainability in global manufacturing
networks: The role of site competence on sustainability performance, International Journal
of Production Economics, Vol. 147, Part B, Pg. 448- 459.

Gorecki, S., Possik, J., Zacharewicz, G., Ducq, Y., & Perry, N. (2020). A multicomponent
distributed  framework  for  smart  production  system  modeling  and
simulation. Sustainability, VVol. 12, 6969.

Govindan, K., Seuring, S., Zhu, Q., Azevedo, S.G. (2016), Accelerating the transition towards
sustainability dynamics into supply chain relationship management and governance
structures, Journal of Cleaner Production, Vol.112, Pg. 1813-1823.

30



Guo Z.X., Ngai EW.T, Yang C., Liang X. (2015), An RFID- based intelligent decision support
system architecture for production monitoring and scheduling in a distributed
manufacturing environment, International Journal of Production Economics, Vol. 159, Pg.
16- 28.

Gupta, H. (2018). Assessing organizations performance on the basis of GHRM practices using
BWM and Fuzzy TOPSIS. Journal of environmental management, 226, 201-216.

Gupta H., Barua M.K. (2016), Identifying enablers of technological innovation for Indian MSMEs
using best- worst multi criteria decision making method, Technological Forecasting and
Social Change, 107, 69- 79.

Gupta H., Kusi- Sarpong S., Rezaei J. (2020a), Barriers and overcoming strategies to supply chain
sustainability innovation, Resources, Conservation and Recycling, 161, 1048109.

Gupta, H., Kumar, S., Kusi-Sarpong, S., Jabbour, C. J. C., & Agyemang, M. (2020b). Enablers to
supply chain performance on the basis of digitization technologies. Industrial Management
& Data Systems. https://doi.org/10.1108/IMDS-07-2020-0421

Gupta V., Narayanamurthy G., Acharya P. (2018), Can lean lead to green? Assessment of radial
tyre manufacturing processes using systems dynamics modelling, Computers &
Operations Research, Vol. 89, Pg. 284- 306.

Han Y., Zhu Q., Geng Z., Xu Y. (2017), Energy and carbon emissions analysis and prediction of
complex petrochemical systems based on an improved extreme learning machine
integrated interpretative structural model, Applied Thermal Engineering, Vol. 115, Pg.
280- 291.

Helo P., Suorsa M., Hao Y., Anussornnitisarn P. (2014), Toward a cloud- based manufacturing
execution system for distributed manufacturing, Computers in Industry, Vol. 65, 4, Pg.
646- 656.

Holmstrom J., Liotta G., Chaudhuri A. (2017), Sustainability outcomes through direct digital
manufacturing- based operational practices: A design theory approach, Journal of Cleaner
Production, Vol. 167, Pg. 951- 961.

Horn C., Brem A. (2013), Strategic directions on innovation management: a conceptual
framework, Management Research review, Vol. 36, Pg. 939- 954.

Hu, S.J. (2013), Evolving paradigms of manufacturing: form mass production to mass
customization and personalization, Procedia CIRP, Vol. 7, Pg. 3- 8.

Hunt E.J., Zhang C., Anzalone N., Pearce J.M. (2015), Polymer recycling codes for distributed
manufacturing with 3- D printers, Resources, Conservation and Recycling, Vol. 97, Pg. 24-
30.

Ingarao G. (2017), Manufacturing strategies for efficiency in energy and resources use: The role
of metal shaping processes, Journal of Cleaner Production, Vol. 142, Part 4, Pg. 2872-
2886.

IPCC (2013a), Supplement to the 2006 IPCC Guidelines for National Greenhouse Gas Inventories:
Wetlands, Paris, IPCC.

IPCC (2013b), Climate change 2013: the physical science basis, IPCC, Paris, available at: www.
ipcc.ch/ (accessed October 27, 2017).

31


https://doi.org/10.1108/IMDS-07-2020-0421

Ishizaka, A., Khan, S. A., Kusi-Sarpong, S., & Naim, I. (2020). Sustainable warehouse evaluation
with AHPSort traffic light visualisation and post-optimal analysis method. Journal of the
Operational Research Society, 1-18.

Jan 1., Ullah W., Ashfag M. (2020), Social acceptability of solar photovoltaic system in Pakistan:
Key determinants and policy implications, Journal of Cleaner Production, 274, 123140.

Jiang L., Zhou H., He S. (2021), Does energy efficiency increase at the expense of output
performance: Evidence from manufacturing firms in Jiangsu province, China, Energy, 220,
119704.

Kang H., Jung S-Y., Lee H. (2020), The impact of Green Credit Policy on manufacturers’ efforts
to reduce suppliers’ pollution, Journal of Cleaner Production, 248, 119271.

Khan, S.A, Kusi-Sarpong, S., Gupta, H., Arhin, F.K., Lawal, J. & Hassan, S.M. (2021a). Critical
factors of digital supply chain for organisational performance improvement. IEEE
Transactions on Engineering Management. https://doi.org/10.1109/TEM.2021.3052239

Khan, S. A., Mubarik, M. S., Kusi-Sarpong, S., Zaman, S. 1., & Kazmi, S. H. A. (2021b). Social
sustainable supply chains in the food industry: A perspective of an emerging
economy. Corporate Social Responsibility and Environmental Management, 28(1), 404-
418.

Kheybari S., Rezaie F.M., Rezaei J. (2019), Measuring the importance of decision- making criteria
in biofuel production technology selection, IEEE Transactions on Engineering
Management, https://doi:10.1109/TEM.2019.2908037.

Kim Y.G., Lee S., Son J., Bae H., Chung B.D. (2020), Multi- agent system and reinforcement
learning approach for distributed intelligence in a flexible smart manufacturing system,
Journal of Manufacturing Systems, 57, 440- 450.

Kohtala, C. (2015), Addressing sustainability in research on distributed production: an integrated
literature review, Journal of Cleaner Production, 106, 654- 668.

Kumar, M., Graham, G., Hennelly, P. and Srai, J. (2016), How will smart city production systems
transform supply chain design: a product-level investigation, International Journal of
Production Research, Vol. 54 No. 23, pp. 7181-7192.

Kumar, M., Tsolakis, N., Anshul  Agarwal, A. and Srai, J.S. (2020), Developing distributed
manufacturing strategies from the perspective of a product-process matrix, International
Journal of Production Economics, Vol. 219, pp. 1-17.

Kusi-Sarpong S., Gupta H., Sarkis J (2019), A supply chain sustainability innovation framework
and evaluation methodology, International Journal of Production Research, 57 (7), 19900-
2008.

Kusi-Sarpong, S., Sarkis, J., & Wang, X. (2016). Assessing green supply chain practices in the
Ghanaian mining industry: A framework and evaluation. International Journal of
Production Economics, 181, 325-341.

Latif H.H., Gopalakrishnan B., Nimbarte A., Currie K. (2017), Sustainability index development
for manufacturing industry, Sustainable Energy Technologies and Assessments, 24, 82-95.

Leitdo P. (2009), Agent- based distributed manufacturing control: A state- of- the- art survey,
Engineering Applications of Artificial Intelligence, Vol. 22, Iss. 7, Pg. 979- 991.

Li D., Cao C., Zhang L., Chen X., Ren S., Zhao Y. (2017), Effects of corporate environmental
responsibility on financial performance: The moderating role of government regulation and
organizational slack, Journal of Cleaner Production, Vol. 166, Pg. 1323- 1334.

32



https://doi.org/10.1109/TEM.2021.3052239

Li K., Lin B. (2016), Impact of energy conservation policies on the green productivity in China’s
manufacturing sector: Evidence from a three- stage DEA, Applied Energy, Vol. 168, Pg.
351- 363.

Li X., Xing K., Wu Y., Wang X., Luo J. (2017), Total energy consumption optimization via genetic
algorithm in flexible manufacturing systems, Computers & Industrial Engineering, Vol.
104, Pg. 188- 200.

Li G, Li L., Choi T-M., Sethi S.P. (2019), Green supply chain management in Chinese firms:
Innovative measures and the moderating role of quick response technology, Journal of
Operations Management, Journal of Operations Management, 66(7-8), 958-988.

Lim W.M., (2017), Inside the sustainable consumption theoretical toolbox: Critical concepts for
sustainability, consumption, and marketing, Journal of Business Research, VVol. 78, Pg. 69-
80.

Lim M.K., Tseng M-L., Tan K.H., Bui T.D. (2017), Knowledge management in sustainable supply
chain management: Improving performance through an interpretive structural modelling
approach, Journal of Cleaner Production, Vol. 162, Pg. 806- 816.

Lin B., Chen G. (2018), Energy efficiency and conservation in China’s manufacturing industry,
Journal of Cleaner Production, Vol. 174, Pg. 492- 501.

Lin B., Chen G. (2020), Transportation infrastructure and efficient energy services: A perspective
of China’s manufacturing industry, Energy Economics, 89, 104809.

Liu T., Liang D., Zhang Y., Song Y., Xing X. (2019a), The antecedent and performance of
environmental managers’ proactive pollution reduction behavior in Chinese manufacturing
firms: Insight from the proactive behavior theory, Journal of Environmental Management,
242, 327- 342.

Liu J, Yang Q., Zhang Y., Sun W., Xu Y. (2019), Analysis of CO2 Emissions in China’
Manufacturing Industry Based on Extended Logarithmic Mean Division Index
Decomposition, Sustainability, 11 (1), 226; https://doi.org/10.3390/su11010226.

LiuZ.,He C., Yang Y., Fang Z. (2020), Planning sustainable urban landscape under the stress of
climate change in the drylands of northern China: A scenario analysis based on LUSD-
urban model, Journal of Cleaner Production, 244, 1187009.

Lorek, S., Spangenberg, J.H. (2014), Sustainable consumption within a sustainable economy-—
beyond green growth and green economies, Journal of Cleaner Production, Vol. 63, Pg.
33-44.

Lu Y., Asghar M.R. (2020), Semantic communications between distributed cyber- physical
systems towards collaborative automation for smart manufacturing, Journal of
Manufacturing Systems, 55, 348- 359.

Luo Z., Dubey R., Gunasekaran A., Childe S.J., Papadopoulos T., Hazen B., Roubaud D. (2017),
Sustainable production framework for cement manufacturing firms: A behavioral
perspective, Renewable and Sustainable Energy Reviews, 78, 495- 502.

Lugmani A., Leach M., Jesson D. (2017), Factors behind sustainable business innovation: The
case of a global carpet manufacturing company, Environmental Innovation and Societal
Transitions, 24, 94- 105.

33


https://doi.org/10.3390/su11010226

Luthra S., Mangla S., Xu L., Diabat A. (2016) Using AHP to evaluate barriers in adopting
sustainable consumption and production initiatives in a supply chain, International Journal
of Production Economics, Vol. 181, Pg. 342- 349.

Luthra S., Mangla S.K., Yadav G. (2019), An analysis of casual relationships among challenges
impeding redistributed manufacturing in emerging economies, Journal of Cleaner
Production, 225, 949- 962.

Malek J., Desai T.N. (2019), Prioritization of sustainable manufacturing barriers using Best Worst
Method, Journal of Cleaner Production, 226, 589- 600.

Man Y., Han Y., Lin R, Ren J. (2020), Multi- criteria decision making for sustainability
assessment of boxboard production: A life cycle perspective considering water
consumption, energy consumption, GHG emissions and internal costs, Journal of
Environmental Management, 255, 109860.

Mathew M., Chakrabortty R.K., Ryan M.J. (2020), Selection of an optimal maintenance strategy
under certain conditions: An interval Type- 2 Fuzzy AHP- TOPSIS Method, IEEE
Transactions on Engineering Management, doi:10.1109/TEM.2020.2972141.

Matt D.T., Rauch E., Dallasega P. (2015), Trends towards Distributed Manufacturing Systems and
modern forms for their designs, 9" CIRP Conference on Intelligent Computation in
Manufacturing Engineering, 33 (2015), 185- 190.

Milkulcic H., Duic N. (2017), Environmental management as a pillar for sustainable development,
Journal of Environmental Management, 203 (Part 3), 867- 871.

Mohanty M., Shankar R. (2017), Modelling uncertainty in sustainable integrated logistics using
Fuzzy- TISM, Transportation Research Part D: Transport and Environment, Vol. 53, Pg.
471- 491.

Moktadir A. M., Ahmadi H. B., Sultana R., Zohra F., Liou J. J. H., Rezaei J. (2020), Circular
economy practices in the leather industry: A practical step towards sustainable
development, Journal of Cleaner Production, Vol. 251, 119737

Moktadir M.A., Ali S.M., Jabbour J.C., Paul A., Ahmed S., Sultana R., Rahman T. (2019), Key
factors for energy- efficient supply chains: Implications for energy policy in emerging
economies, Energy, 189, 116129.

Monch L., Shen L. (2021), Parallel machine scheduling with the total weighted delivery time
performance measure in distributed manufacturing, Computers & Operations Research,
127, 105126.

Moreno M., Court R., Wright M., Charnley F. (2019), Opportunities for redistributed
manufacturing and digital intelligence as enablers of a circular economy, International
Journal of Sustainable Engineering, 12 (2), 77- 94.

Mourtziz, D., Doukas, M. (2013), Decentralized manufacturing systems review: challenges and
outlook, In: Robust Manufacturing Control, Springer, Berlin Heidelberg, Pg. 355- 3609.

Mousavi S., Bossink B.A.G. (2017), Firms’ capabilities for sustainable innovation: The case of
biofuel for aviation, Journal of Cleaner Production, Vol. 167, Pg. 1263- 1275.

Mousavi M.M., Lin J. (2020), The application of PROMETHEE multi- criteria decision aid in
financial decision making: Case of distress prediction models evaluation, Expert Systems
with Applications, 159, 113438.

34



Mubarik, M. S., Naghavi, N., Mubarik, M., Kusi-Sarpong, S., Khan, S. A., Zaman, |., & Kazmi,
S. H. A. (2021). Resilience and Cleaner Production in Industry 4.0: Role of Supply Chain
mapping and Visibility. Journal of Cleaner Production,
https://doi.org/10.1016/j.jclepro.2021.126058 (EarlyCite).

Munny A.A., Ali S.M., Kabir G., Moktadir M.A., Rahman T., Mahtab Z. (2019), Enablers of social
sustainability in the supply chain: An example of footwear industry from an emerging
economy, Sustainable Production and Consumption, 20, 230- 242.

Nawaz W., Ko¢ M. (2018), Development of a systematic framework for sustainability
management of organizations, Journal of Cleaner Production, Vol. 171, Pg. 1255- 1274.

Noppers E.H., Keizer K., Bolderdijk J.W., Steg L. (2014), The adoption of sustainable innovations:
Driven by symbiotic and environmental motives, Global Environmental Change, 25, 52-
62.

Oosterveer P. (2015), Promoting sustainable palm oil: viewed from a global networks and flow
perspective, Journal of Cleaner Production, 107, 146- 153.

Orji 1.J. (2019), Examining the barriers to organizational change for sustainability and the drivers
of sustainable performance in the metal manufacturing industry, Resources, Conservation
and Recycling, 140, 102- 114.

Orji 1.J.,, Wei S. (2015), An innovative integration of fuzzy logic and systems dynamics in
sustainable supplier selection: a case of manufacturing industry, Computers and Industrial
Engineering, Vol. 88, Pg. 1- 12.

Orji 1. J., Wei S. (2016), A detailed calculation model for costing of green manufacturing,
Industrial Management and Data Systems, Vol. 116, Iss. 1, Pg. 65- 86.

Orji 1.J., Kusi- Sarpong S., Gupta H., Okwu M. (2019), Evaluating challenges to implementing
eco- innovation for freight logistics sustainability in Nigeria, Transportation Research Part
A: Policy and Practice, 129, 288- 305.

Orji, 1. J., Kusi-Sarpong, S., Huang, S., & Vazquez-Brust, D. (2020). Evaluating the factors that
influence blockchain adoption in the freight logistics industry. Transportation Research
Part E: Logistics and Transportation Review, 141, 102025.

Petruzzelli, A., Lerro, A. (2020). Stimulating innovation and entrepreneurship in high-technology
sectors. The role of cultural and creative industries. Technovation. Vol. 92-93.

Qu C., Shao J., Cheng Z. (2020), Can embedding in global value chain drive green growth in
China’s manufacturing industry?, Journal of Cleaner Production, 268, 121962.

Quader M.A., Ahmed S., Ghazilla R.A.R., Ahmed S., Dahari M. (2015), A comprehensive review
on energy efficient CO2 breakthrough technologies for sustainable green iron and steel
manufacturing, Renewable and Sustainable Energy Reviews, 50, 594- 614.

Raj A., Dwivedi G., Sharma A., Jabbour A. B. L., Rajak S. (2020) Barriers to the adoption of
industry 4.0 technologies in the manufacturing sector: An inter-country comparative
perspective, International Journal of Production Economics, Vol. 224, doi:
10.1016/j.ijpe.2019.107546.

Rajesh R. (2020), Sustainable supply chains in the Indian context: An integrated decision- making
model, Technology in Society, 61, 101230.

35


https://doi.org/10.1016/j.jclepro.2021.126058

Rauch E., Dallasega P., Matt D.T. (2016), Sustainable production in emerging markets through
Distributed Manufacturing Systems (DMS), Journal of Cleaner Production, Vol. 135, Pg.
127- 138.

Rauch E., Dallasega P. (2017), Sustainability in manufacturing and supply chains through
distributed manufacturing systems and network, Reference Module in Earth Systems and
Environmental Sciences Encyclopedia of Sustainable Technologies, 2017, Pg. 429- 438.

Rauch E., Unterhofer M., Dallasega P. (2018), Industry sector analysis for the application of
additive manufacturing in smart and distributed manufacturing systems, Manufacturing
Letters, 15 (Part B), 126- 131.

Reid J., Rout M. (2020), Developing sustainability indicators- The need for radical transparency,
Ecological Indicators, 110, 105941.

Reinikainen J., Sorvari J., Tikkanen S. (2016), Finnish policy approach and measures for the
promotion of sustainability in contaminated land management, Journal of Environmental
Management, VVol. 184, Part 1, Pg. 108- 1109.

Rezaei J. (2015), Best- worst multi-criteria decision-making method, Omega, 49- 57.

Roos S., Zamani B., Sndin G., Peters G.M., Svanstorm M. (2016), A life cycle assessment (LCA)-
based approach to guiding an industry sector towards sustainability: the case of the Swedish
apparel sector, Journal of Cleaner Production, Vol. 133, Pg. 691- 700.

Sarabi E.P., Darestani S.A. (2021), Developing a decision support system for logistics service
provider selection employing fuzzy MULTIMOORA& BWM in mining equipment
manufacturing, Applied Soft Computing, 98, 106849.

Schroter M., Stumpf K.H., Loos J., Oudenhoven A.P.E., Bohnke-Henrichs A., Abson D.J. (2017),
Refocusing ecosystem services towards sustainability, Ecosystem Services, Vol. 25, Pg.
35-43.

Seebode D., Jeanrenaud S., Bessant J. (2012), Managing innovation for sustainability, R&D
Management, Vol. 42, Pg. 195- 206.

Shao J., Taisch M., Mier M.O. (2014), A proposal of consumer driven framework for enabling
sustainable production and consumption, In: Advances in Production Management in a
Global- local World, Springer, Berlin Heidelberg, Pg. 406- 414.

Shen X., Lin B. (2020), Policy incentives, R&D investment, and the energy intensity of China’s
manufacturing sector, Journal of Cleaner Production, 255, 120208.

Shokrani A., Loukaides E.G., Elias E., Lunt A.J.G. (2020), Exploration of alternative supply
chains and distributed manufacturing in response to COVID- 19; a case study of medical
face shields, Materials & Design, 192, 108749.

Shou Y., Shao J., Wang W., Lai K-H. (2020), The impact of corporate social responsibility on
trade credit: Evidence from Chinese small and medium- sized manufacturing enterprises,
International Journal of Production Economics, 230, 107809.

Singh M., Rathi R., Garza- Reyes J.A. (2021), Analysis and prioritization of Lean Six Sigma
enablers with environmental facets using best worst method: A case of Indian MSMEs,
Journal of Cleaner Production, 276, 123592.

Singh, C., Singh, D. and Khamba, J.S. (2020), Analyzing barriers of Green Lean practices in
manufacturing industries by DEMATEL approach, Journal of Manufacturing Technology
Management, Vol. 32 No. 1, Pg. 176-198, doi:10.1108/JMTM-02-2020-0053.

36



Singla A., Ahuja I.S., Sethi A.S. (2017), An examination of effectiveness of demand-pull practices
for accomplishing sustainable development in manufacturing industries, The Journal of
High Technology Management Research, The Journal of High Technology Management
Research, 28(2), 142-158.

Stacchezzini R., Melloni G., Lai A. (2016), Sustainability management and reporting: the role of
integrated reporting for communicating corporate sustainability management, Journal of
Cleaner Production, Vol. 136, Part A, Pg. 102- 110.

Stephanides P., Chalvatzis K.J., Li X., Mantzaris N., Prodromou M., Papapostolou C., Zafirakis
D. (2019), Public perception of sustainable energy innovation: A case study from Tilos,
Greece, Energy Procedia, 159, 249- 254.

Strambach S., Pflitsch G. (2020), Transition topology: Capturing institutional dynamics in regional
development paths to sustainability, Research Policy, 49 (7), 104006.

Srai J.S., Kumar M.. Graham G., Phillips W., Tooze J., Ford S., Beecher P., Raj B., Gregory M.,
Tiwari M.K., Rvi B., Neely A., Shankar R., Charnley F., Tiwari A. (2016), Distributed
manufacturing: scope, challenges and opportunities, International Journal of Production
Research, 54 (23), 6917- 6935.

Srai J.S., Graham G., Phillip W., Kapletia D., Lorentz H. (2020), Distributed manufacturing: a
new form of localized production?, International Journal of Operations and Production
Management, 40 (6), 697- 726.

Sroufe R. (2017), Integration and organizational change towards sustainability, Journal of Cleaner
Production, Vol. 162, Pg. 314- 329.

Sun, Y., Bi, K., & Yin, S. (2020). Measuring and Integrating Risk Management into Green
Innovation Practices for Green Manufacturing under the Global Value
Chain. Sustainability, 12(2), 545.

Sun H., Pedrielli G., Zhao G., Zhou C., Xu W., Pan R. (2020), Cyber coordinated simulation for
distributed multi- stage additive manufacturing systems, Journal of Manufacturing
Systems, 57, 61- 71.

Tarei, P.K., Chand, P., Gupta, H. (2021) Barriers to the adoption of electric vehicles: evidence
from India, Journal of Cleaner Production, https://doi.org/10.1016/].jclepro.2021.12584.

Turkensteen M., Klose A. (2012), Demand dispersion and logistics costs in one-to- many
distribution systems, European Journal of Operational Research, 223 (2), 499- 507.

Turkensteen M., Siersma G., Wieringa J.E. (2011), Balancing the fit and logistics costs of market
segmentations, European Journal of Operational Research, 213 (1), 340- 348.

Ulucak R., Danish, Ozcan B. (2020), Relationship between energy consumption and
environmental sustainability in OECD countries: The role of natural resources rents,
Resources Policy, 69, 101803.

Vallespir, B., Chen, D., & Ducq, Y. (2005). Enterprise modelling for interoperability. IFAC
Proceedings Volumes, 38(1), 70-75.

Valilai O.F., Houshmand M. (2013), A collaborative and integrated platform to support distributed
manufacturing system using a service- oriented approach based on cloud computing
paradigm, Robotics and Computer- Integrated Manufacturing, Vol. 29, Iss. 1, Pg. 110-
127.

37


https://doi.org/10.1016/j.jclepro.2021.12584

Vernadat, F. (2002). UEML.: towards a unified enterprise modelling language. International
Journal of Production Research, 40(17), 4309-4321.

Virmani, N., Bera, S. and Kumar, R. (2020), Identification and testing of barriers to sustainable
manufacturing in the automobile industry: a focus on Indian MSMEs, Benchmarking: An
International Journal, doi:10.1108/B1J-08-2020-0413.

Virmani N, Ravindra S. R., Kumar A., Luthra S. (2020) Analysing roadblocks of industry 4.0
adoption using graph theory and matrix approach. IEEE Transactions on Engineering
Management. 1558-0040.

Wang S., He Y., Song M. (2021), Global value chains, technological progress, and environmental
pollution: Inequality towards developing countries, Journal of Environmental
Management, 277, 110999.

Wittbrodt B.T., Glover A.G., Laureto J., Anzalone G.C, Opplinger D., Irwin J.L., Pearce J.M.
(2013), Life cycle economic analysis of distributed manufacturing with open- source 3- D
printers, Mechatronics, Vol. 23, Iss. 6, Pg. 713- 726.

Xiaomei M., Ming T., Huchang L., Wenjing S., Lev B. (2019), The state - of- the — art survey on
integrations and applications of the best worst method in decision making: Why, what,
what for and what’s next?, Omega, 87, 205- 225.

Xu J., Chen J., Liu Y., Fan F. (2020), Identification of the geographical factors influencing the
relationships between ecosystem services in the Belt and Road region from 2010 to 2030,
Journal of Cleaner Production, 275, 124253.

Wang J., Ma Q., Liu H-C. (2021), A meta- evaluation model on science and technology project
review experts using IVIF- BWM and MULTIMOORA, Expert Systems with Applications,
168, 114236.

Yaraghi N., Tabesh P., Guan P., Zhuang J. (2014), Comparison of AHP and Monte Carlo AHP
under different levels of uncertainty, IEEE Transactions on Engineering Management, 62
(1), 122- 132.

Yagiong L., Man L.K., Zhang W. (2011), Fuzzy theory applied in quality management of
distributed manufacturing system: A literature review and classification, Engineering
Applications of Artificial Intelligence, Vol. 24, Iss. 2, Pg. 266- 277.

Yazan, D. M., Petruzzelli, A. M., & Albino, V. (2011). Analyzing the environmental impact of
transportation in reengineered supply chains: A case study of a leather upholstery
company. Transportation Research Part D: Transport and Environment, 16(4), 335-340.

Yew AW.W., Ong S.K., Nee A.Y.C. (2016), Towards a griddable distributed manufacturing
system with augmented reality interfaces, Robotics and Computer- Integrated
Manufacturing, Vol. 39, Pg. 43- 55.

Yoon S.N., Lee D., Schniederjans M. (2016), Effects of innovation leadership and supply chain
innovation on supply chain efficiency: Focusing on hospital size, Technological
Forecasting and Social Change, Vol. 113, Part B, Pg. 412- 421.

Yu Y., Chen Z., Wei L., Wang B. (2017), The low- carbon technology characteristics of China’s
ferrous metal industry, Journal of Cleaner Production, Vol. 140, Part 3, Pg. 1739- 1748.

Yuan Q., Cheng C. F. C., Wang J., Zhu T., Wang K., (2020) Inclusive and sustainable industrial
development in China: An efficiency-based analysis for current status and improving
potentials, Applied Energy, Vol. 268, doi: 10.1016/j.apenergy.2020.114876.

38



Zacharewicz, G., Daclin, N., Doumeingts, G., & Haidar, H. (2020). Model Driven Interoperability
for System Engineering. Modelling, 1(2), 94-121.

Zailani S., Govindan K., Iranmanesh M., Shaharudin R., Chong Y.S. (2015), Green innovation
adoption in automotive supply chain: the Malaysian case, Journal of Cleaner Production,
Vol. 108, Part A, Pg. 1115- 1122.

Zhang P., Deschenes O., Meng K., Zhang J. (2018), Temperature effects on productivity and factor
reallocation: Evidence from a half million Chinese manufacturing plants, Journal of
Environmental Economics and Management, Vol. 88, Pg. 1- 17.

Zhang D., Du W., Zhuge L., Tong Z., Freeman R.B. (2019), Do financial constraints curb firms’
efforts to control pollution? Evidence from Chinese manufacturing firms, Journal of
Cleaner Production, 215, 1052- 1058.

Zhang D., Tong Z., Li Y. (2020), The role of cash holding towards cleaner production in China’s
manufacturing sectors: A financial constraint perspective, Journal of Cleaner Production,
245, 118875.

Zhang D., Tong Z., Zheng W. (2021), Does designed financial regulation policy work efficiently
in pollution control? Evidence from manufacturing sector in China, Journal of Cleaner
Production, 289, 125611.

Zhang S., Zhang W.Y., Liu J., Wu J. (2013), A time- aware Bayesian approach for optimal
manufacturing service recommendation in distributed manufacturing environments,
Journal of Manufacturing Systems, Vol. 32, Iss. 1, Pg. 189- 196.

Zou J., Chang Q., Arinez J., Xiao G. (2017), Data- driven modeling and real- time distributed
control for energy efficient manufacturing systems, Energy, Vol. 127, Pg. 247- 257.

Zuo J., Rmeezdeen R., Hagger M., Zhou Z., Ding Z. (2017) Dust pollution control on construction
sites: Awareness and self- responsibility of managers, Journal of Cleaner Production, Vol.
166, Pg. 312- 320.

39



