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Abstract: We address the question of how organizations’ practices of social responsibility impact their
employees’ job performance. Independent studies have shown that job performance is influenced
by how employees perceive the organization they work for and how they perceive the work they
perform for the organization. Moreover, studies on the relationship between social responsibility
and job performance have shown that employees’ perceptions of their organization mediate the
relationship. What is thus far neglected, however, is whether and how their perceptions of work
itself mediate the relationship as well. We derive a sequential mediation model according to which
social responsibility improves job performance by contributing to a supportive and trustworthy
work context (employees’ perceptions of the organization they work for), in turn promoting work
meaningfulness and engagement (employees’ perceptions of work itself). We collect survey data and
test the sequential mediation model against a series of alternative models, each of which challenges
a specific assumption of the proposed model. Our model provides the best tradeoff between the
accuracy and the parsimony with which it describes the data collected, and is, therefore, expected to
generalize best to other data.

Keywords: corporate social responsibility; job performance; perceived organizational support; organi-
zational trust; work meaningfulness; work engagement; bullshit jobs; accuracy/parsimony tradeoffs

1. Introduction

The troubled world we live in calls more than ever for sustainable policy and enter-
prise. In accord with the 1987 report of the UN’s Brundtland Commission, sustainability
may be defined as meeting the needs of the present-day habitants of the planet without
compromising the ability of future generations to meet their own needs. The commission
took a ‘responsibility-oriented approach to sustainability’ [1], according to which organi-
zations must honor not only their economic responsibilities towards their shareholders,
but also their environmental and social responsibilities. This orientation towards multiple
‘stakeholders’ of organizations is the hallmark of Corporate Social Responsibility [2], or just
Social Responsibility (SR), to cover the full range of public as well as private and non-profit
as well as for-profit organizations. Among the social stakeholders, the employees of organi-
zations are placed front and center by sustainable Human Resource Management (HRM), a

Sustainability 2022, 14, 12031. https://doi.org/10.3390/su141912031 https://www.mdpi.com/journal/sustainability

https://doi.org/10.3390/su141912031
https://doi.org/10.3390/su141912031
https://creativecommons.org/
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://www.mdpi.com/journal/sustainability
https://www.mdpi.com
https://orcid.org/0000-0003-1868-5928
https://orcid.org/0000-0002-2040-8412
https://orcid.org/0000-0003-1057-0835
https://orcid.org/0000-0003-3704-2995
https://doi.org/10.3390/su141912031
https://www.mdpi.com/journal/sustainability
https://www.mdpi.com/article/10.3390/su141912031?type=check_update&version=1


Sustainability 2022, 14, 12031 2 of 25

framework for managing people to achieve economic, environmental and social outcomes,
both in the short term and long term [3,4].

Sustainable HRM has identified several ‘paradoxes’, ‘dilemmas’ or ‘tensions’ facing or-
ganizations, one of which is the notion that taking on social responsibilities is incompatible
with operating efficiently [2,4]. Indeed, SR and sustainable HRM emerged as a response to
negative externalities of economic activities [1] and may, therefore, be antithetical to share-
holders’ interests. A series of strategies can be implemented to alleviate such tensions [3],
but it is also possible that tensions are, at least to some extent, more apparent than real.
For instance, studies have shown that favorable perceptions on the part of employees of
their employers’ SR practices are positively related to Job Performance (JP) [5,6], suggesting
that SR is not necessarily antithetical to economic interests. Of course, a direct relationship
between two variables may not be too informative on why there is a relationship, or how
the relationship arises [7], in which case an interpretation may be sought in one or more
mediating variables [8].

To our knowledge, there are currently nine mediation studies on the SR–JP relation-
ship [9–17]. Three variables make a repeated appearance as mediating variables in these
studies: (1) organizational pride [12,13], (2) organizational identification [9,13,14,17] and
(3) affective organizational commitment [12,15,16]. Although these studies are a step in the
right direction, they omit, from the perspective taken in this article, a key element in the
SR–JP relationship. Notably, all three mediators consist in organization-related perceptions
on the part of employees: whether they perceive the SR practices of the organization they
work for in a favorable way, whether they take pride in ‘their’ organization, whether they
identify with the organization, and whether they feel committed to it. Conspicuously
absent are work-related perceptions. Indeed, it is a bit odd to look for a relation between
what employees think and feel about the organization they work for and how well they
perform their work, while overlooking what they think and feel about the work itself. The
primary goal is to fill this glaring gap in the current understanding of the SR–JP relationship,
both theoretically and empirically.

Theoretically, our proposition is very straightforward; SR improves job performance
by contributing to meaningfulness at work. Pratt and Ashforth [18] distinguished between
meaningfulness at work and meaningfulness in work. Identity (who we are) is at the
core of their framework. Meaningfulness in work consists in an alignment of who we
are with what we do in the organization, whereas meaningfulness at work consists in an
alignment of who we are with whom we are surrounded by, or what the organization sets
out as its goals, values and beliefs. The authors treated these two forms of meaningfulness
as independent (Figure 20.2 in [18]) and identified different organizational practices to
‘foster’ the two forms of meaningfulness independently (Figure 20.3 in [18]). However,
there is some evidence suggesting that they are directly related. Pavlish and Hunt [19]
conducted interviews with nurses to identify factors that either facilitated or obstructed
meaningfulness in work. As facilitating factors, they mentioned a learning-focused envi-
ronment, teamwork, constructive management and time with patients, and, as obstructing
factors, they mentioned a task-focused environment, stressful relationships and divisive
management. Predominantly, these factors pertain to the work context, not the work itself,
from which it follows that work can be made meaningful or meaningless by the environ-
ment created in and by the organization. Drawing on Pavlish and Hunt’s [19] study, we
henceforth treat meaningfulness at work as a causal relationship, i.e., as the influence that the
work context has on the meaningfulness or meaninglessness of work itself. Accordingly,
our interpretation of the SR–JP relationship becomes one of sequential mediation, since the
mediator in the relationship is itself a causal relationship.

Empirically, we collect survey data and analyze the data by means of Structural
Equation Modeling (SEM). We test the sequential mediation model of the SR–JP relationship
against a series of alternative models, each of which challenges a specific assumption of
the proposed model. This strategy of model validation by model competition is new to
the literature on sustainable HRM and to the HRM literature more generally. Moreover,
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model competition by systematically challenging the defining properties of a proposed
model is new to the SEM literature as well. To evaluate the performance of the models,
we advocate a criterion that places a strong emphasis on their parsimony, to be traded off
against the accuracy with which they describe the data collected. The strong emphasis
on parsimony, stronger than in most studies relying on SEM, ensures better judgment
regarding which model generalizes best to other data. The sequential mediation model
comes out on top from the model competition, and mediation analyses show a robust and
reliable contribution of meaningfulness at work to the SR–JP relationship.

1.1. Meaningfulness at Work

We propose that work-related perceptions should be included as a key mediator in the
SR–JP relationship, based on three considerations. First, SR is understood to be an orienta-
tion towards the greater good [7,20–22], and greater good motivations are understood to be a
core facet of work meaningfulness [22–24], especially among those who see their work as a
Calling [22,23], rather than a Job or Career (see [25] for this trichotomy). Second, favorable
SR perceptions have been shown to positively influence work meaningfulness [17,18].
Third, work meaningfulness has been shown to positively influence job performance [26].
Drawing on the second and third consideration, favorable SR perceptions would have a
positive impact on job performance by contributing to work meaningfulness.

We treat meaningfulness in work as one facet of work meaningfulness, with the
other being greater good motivations, i.e., experiencing one’s work as serving the greater
good. Work meaningfulness is routinely interpreted as a direct cause of work engagement
(e.g., [27–29]), in the sense of “a positive, fulfilling, work-related state of mind that is
characterized by vigor, dedication, and absorption” [30] (p. 295). Analogous to work mean-
ingfulness, work engagement has been shown to be positively influenced by favorable SR
perceptions [31] and to positively influence job performance [32,33]. Work meaningfulness
and engagement thus emerge as intimately related constructs, sharing SR perceptions as a
common cause and job performance as a common consequence.

Meanwhile, we treat meaningfulness at work neither as a construct nor as a facet
of a construct, but, as mentioned earlier, as a causality between two constructs: as the
influence of work context on work meaningfulness and engagement. Thus, although
work meaningfulness and engagement share SR perceptions as a common cause, the
causality is not direct, but rather, it is indirect, mediated by work context. Moreover, as
joint consequences of work context, work meaningfulness and work engagement become
core contributors to the SR–JP relationship.

Naturally, a correlational analysis is comparative in nature. Those who perceive
the work context more favorably than others are, by the notion of meaningfulness at
work, more likely to perceive their work as meaningful and engaging. Conversely, those
who perceive the work context less favorably than others are less likely to perceive their
work as meaningful and engaging. Indeed, polls appearing regularly in the popular
press (e.g., Forbes, Gallup and Harvard Business Review) show that a substantial share
of the workforce perceive their work as devoid of any meaningfulness, either because of
the work itself, or because of the work context. This has not gone unnoticed in popular
science, as briefly reviewed below, and related back to the literature on management and
Organizational Behavior (OB).

1.1.1. Pointless Jobs: The Work Itself

According to Wrzesniewski et al. [25], people differ in the degree to which they view
their work as a Job (an orientation towards financial rewards), a Career (an orientation
towards advancement) or a Calling (an orientation towards socially significant and valuable
work). As a Calling, work is an end in itself, typically associated with the belief that it
contributes to the greater good and makes the world a better place [23]. Even those who
firmly believe that work is just a Job, however, would feel miserable if they were to reach
the conclusion one day that, should their job vanish instantly, it would not make any real
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difference to the world. Employees who do reach that conclusion find themselves, according
to Graeber [34], in a bullshit job. By his final working definition, “a bullshit job is a form of
paid employment that is so completely pointless, unnecessary, or pernicious that even the
employee cannot justify its existence even though, as part of the conditions of employment,
the employee feels obliged to pretend that this is not the case” (p. 9–10). In essence, a
bullshit job is “utterly meaningless, contributing nothing to the world and eventually
should not exist” (p. 9). Although this is the deepest state of meaninglessness that many
employees may not reach, it does convey a painful absence of work meaningfulness in both
of its facets: meaningfulness in work and greater good motivations.

1.1.2. Pointless Jobs: The Work Context

Graeber [34] was preceded in time by Lencioni [35] and his book on miserable jobs,
which describes a miserable job as one “you dread going to and can’t wait to leave. It’s the
one that saps your energy even when you’re not busy. It’s the one that makes you go home
at the end of the day with less enthusiasm and more cynicism than you had when you
left in the morning” (p. 217). This description covers not only jobs that, by Graeber’s [34]
definition, are bullshit, but also jobs that are made bullshit, e.g., by not being supportive of
employees and the work they do, by not appreciating the effort they put into their work, by
not recognizing the contribution of their work to the organization, or by not telling them
what their contribution is, which may demoralize even those who perform interesting work
and who are well paid for it [36].

Not surprisingly, then, antecedents of work meaningfulness and engagement have
been sought in perceived organizational support, defined as employees’ “global beliefs
concerning the extent to which the organization values their contributions and cares about
their well-being” [37] (p. 501) and organizational trust [38], interpreted as a direct conse-
quence of perceived organizational support (e.g., [28,39]). According to Mayer et al. [40],
organizational trust is characterized by benevolence (“the extent to which a trustee is believed
to want to do good to the trustor, aside from an egocentric profit motive,” p. 718), and
integrity (“the trustor’s perception that the trustee adheres to a set of principles that the
trustor finds acceptable,” p. 719). Perceived organizational support has been shown to
positively influence work meaningfulness [41,42], and work engagement has been shown
to be positively influenced by perceived organizational support [31,33] and organizational
trust [43,44]. Meaningfulness at work is this positive influence of perceived supportiveness
and trustworthiness on work meaningfulness and engagement.

1.2. Latent Psychological States

All of the evidence covered in this article comes in the form of correlational data,
and causal analyses of correlational data rely on causal assumptions, meaning that the
analyses do not reveal causal relations [45]. Moreover, they rely on assumptions regarding
which constructs are related by causality, and which constructs are related by commonality.
Perceived organizational support and trust have so far been treated as causally related,
and so have work meaningfulness and engagement: the work context is supportive and
therefore trustworthy; the work itself is meaningful and therefore engaging. The underlying
assumption is that the ‘causally related’ constructs are separate constructs. However, there
may be conceptual overlap between constructs as well [46], possibly because the constructs
are rooted in a common source [47].

Conceptual overlap is almost inevitable when the constructs are psychological states,
such as employees’ psychological relation with the organization they work for (organiza-
tional pride, identification, commitment, support and trust), or their psychological relation
with the work they perform (work meaningfulness, engagement, addiction and satisfac-
tion). Moreover, the overlap may be so substantial that the communality approach would
be more legitimate than the causality approach, or that the causality approach should
at least be tested against the communality approach. Under the commonality approach,
perceived organizational support and organizational trust are different manifestations of
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the same latent psychological state, which we refer to as employees’ belief of being in good
company, while work meaningfulness and work engagement are different manifestations
of another latent psychological state, which we refer to as employees’ belief of being in no
pointless job. Thus interpreted, employees experience meaningfulness at work to the extent
that the belief of being in good company strengthens their belief of not being in a pointless
job or weakens their belief they are in one.

1.3. In Good Company of a Good Company

In our interpretation, the SR–JP relationship is mediated ‘only’ by meaningfulness at
work, but the mediator is a causal relationship itself, with organizational support and trust
exerting a positive influence on work meaningfulness and engagement. This raises the
question of where and how SR impacts within the mediator. As reviewed earlier, favorable
SR perceptions have been shown to positively influence work meaningfulness [21,22]
and work engagement [31]. Analogously, favorable SR perceptions have been shown
to positively influence both perceived organizational support [22,31] and organizational
trust [43,48–52]. The most parsimonious interpretation of the findings, as motivated by the
foregoing development, is that favorable SR perceptions promote work meaningfulness
and engagement by contributing to organizational support and trust. Thus, the impact
of SR perceptions on work-related perceptions is not direct, but rather, it is indirect, fully
mediated by organization-related perceptions.

Metaphorically, the conceptual model proposed next asserts that employees’ belief
of working for a good company strengthens their belief of being in good company, which
strengthens their belief of being in no pointless job or weakens their belief that they are in
one, thus improving job performance. This is the ‘how’ of the SR–JP relationship that we
empirically investigate.

1.4. The Sequential Mediation Model and ‘Undoing’ Its Defining Properties

We compile the research hypotheses into a conceptual model, the sequential mediation
model, which has so far gone untested. Indeed, no previous study on employee outcomes of
perceived SR practices has related job performance to any of the variables that we identify
as mediators of the SR–JP relationship. In the sequential mediation model, those four
variables constitute meaningfulness at work, by which employees’ belief of being in good
company (C), as manifested by perceived organizational support (C1) and organizational
trust (C2), strengthens their belief of being in no pointless job (W), as manifested by work
meaningfulness (W1) and work engagement (W2). Favorable perceptions of SR practices
(X) improve job performance (Y) to the extent that they contribute to meaningfulness at
work. Since SR practices can be targeted at different stakeholders (e.g., clients, environment,
society and employees), and because organizations most likely are selective in which stake-
holders to target, employees’ perceptions of SR practices regarding different stakeholders
are not treated as different manifestations of the same latent psychological state (belief of
working for a good company), but rather as a collection of manifest variables, X = {X1, . . . ,
Xm}, where m is the number of stakeholders distinguished in the analysis. Figure 1 depicts
the sequential mediation model (along with parameter estimates and their confidence
intervals, to be discussed in the Results section).
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Being in good 
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0.83]

0.22
[0.15;
0.29]

0.03
[−0.03;

0.10]

0.72
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Working for a
good company

Meaningfulness 
at work

Engagement 
with work

Vigor, 
dedication, 
absorption

Figure 1. The sequential mediation model with point estimates and 90% confidence intervals of
loadings and paths. Not shown are the intercorrelations of SR perceptions, the errors in variables and
the errors in equations.

The sequential mediation model is defined by full mediation, sequential mediation
and latent mediation. We formulate three alternative models, against which the proposed
model and its defining properties are tested: the partial mediation model, the parallel
mediation model and the manifest mediation model.

1.4.1. Full Mediation Versus Partial Mediation

Full mediation can be stated follows: If the effect of one variable on another is mediated
by p variables somewhere in the system, then it cannot be mediated by 0, 1, . . . or p – 1
variables elsewhere in the system. With reference to Figure 2, the full mediation model
asserts that the dark gray arrows exist, but the light gray arrows do not. Formally stated,
the effect of X on W is mediated by 1 variable (C), so it cannot be mediated by 0 variables
(ruling out a direct effect of X on W). Furthermore, the effect of X on Y is mediated by
2 variables (C and W), so it cannot be mediated by 1 variable (either C or W) or 0 variables
(ruling out a direct effect of X on Y).

X

Y

C W

Figure 2. The partial mediation model.
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The partial mediation model is less restrictive, positing that, if the effect of X on Y is
mediated by p variables somewhere in the system, then it can be mediated by 0, 1, . . . and
p – 1 variables elsewhere in the system. By stating that ‘it can be mediated,’ rather than that
‘it will be mediated,’ the partial mediation model introduces an exploratory aspect to the
analysis, notwithstanding evidence from (1) studies in which job performance is specified
as a direct consequence of perceived organizational support or organizational trust (for
meta-analyses, see [53,54], respectively), (2) studies in which job performance is specified
as a direct consequence of SR perceptions [5,6,55], and (3) studies in which SR perceptions
are specified as a direct cause of work meaningfulness [21,22] or work engagement [31].

The point of the partial mediation model is that the sequential mediation model may
be overly parsimonious by omitting too much from the description of reality, even if it is
otherwise a valid description. By permitting more, the partial mediation model cannot
describe the data worse than the sequential mediation model, but any gain in accuracy may
not compensate for the loss in parsimony. If the loss in parsimony does pay off, we conclude
that the sequential mediation model provides an oversimplified description of the data. If,
however, the loss in parsimony does not pay off, we conclude that the sequential mediation
model is ‘simple, but not too simple.’ Conceptually, it means that meaningfulness at work is,
in the present analysis, necessary and sufficient as the connection between SR perceptions
and job performance.

1.4.2. Sequential Mediation Versus Parallel Mediation

The sequential mediation model, depicted in Figure 3a, accommodates meaningfulness
at work as the direct effect of C on W. The parallel mediation model, depicted in Figure 3b,
evaluates the implications of omitting this direct effect from the causal chain by replacing
the direct effect of C on W with a direct effect of X on W. By the joint operation of this direct
effect of X on W and the direct effect of X on C, reported correlations between support/trust
and meaningfulness/engagement are interpreted as spurious correlations (see [56]), rather
than manifestations of meaningfulness at work. Furthermore, with X having a direct effect
on both C and W, and with W having a direct effect on Y, reported correlations between
support/trust and job performance are interpreted as partly spurious, ‘partly,’ because C
has a direct effect on Y, without which the proposition of parallel mediation falls apart.

X

Y

C W

(a)

X

Y

C W

(b)

Figure 3. The sequential mediation model is depicted in (a), and the parallel mediation model is
depicted in (b).

Both the parallel mediation model and the sequential mediation model are nested in,
and therefore more parsimonious than, the partial mediation model. In turn, the parallel
mediation model is less parsimonious than the sequential mediation model, since it has
more causal paths, but it serves its purpose of challenging the proposition of sequential
mediation as parsimoniously as it possibly can.
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1.4.3. Latent Mediation versus Manifest Mediation

As mentioned earlier, it is common practice to treat C and W as pairs of causally related
variables (C1 → C2 and W1 → W2), instead of variables that share latent psychological
states (C1 ← C→ C2 and W1 ←W→W2). The manifest mediation model adheres to that
common practice but otherwise agrees with the sequential mediation model that the effect
of X on Y is sequentially mediated by C and W. It thus decomposes the causal chain X→ C
→W→ Y into four subchains:

Quadruple mediation between X and Y: X → C1 → C2 → W1 → W2 → Y
Single mediation between X and W2: X
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A long subchain of quadruple mediation connects X with Y, meaning that X and Y are
more distant than in the latent mediation models. Furthermore, there are two subchains
of single mediation: one connecting X with the direct cause of Y (which is W2) and the
other connecting Y with the direct consequence of X (which is C2). Finally, there is a direct
path from the direct consequence of X to the direct cause of Y. The manifest mediation
model is less parsimonious than the sequential mediation model but serves the purpose of
challenging latent mediation as parsimoniously as it can.

1.4.4. Generalizability as the Criterion for Model Evaluation

The above exposition has borne out that the candidate models differ not only in
the explanation they offer of the SR–JP relationship, but also in the parsimony of the
explanation offered. The fewer parameters are estimated by a model from the data, the
more degrees of freedom are left by the model in the data, and the more parsimonious the
model. Evaluating models by parsimony as well as accuracy is a defense against being
overly precise in describing data. Intuitively, the more one tries to describe a specific data set
ever more accurately, the more one becomes entangled in its idiosyncrasies, which reduces
one’s ability to accurately describe other data sets, which have their own idiosyncrasies.
Generalizability refers to the ability of a model to describe regularities and filter out
idiosyncrasies [57] and, therefore, to better describe data yet unseen. The best generalizing
model is to be identified by a proper tradeoff between accuracy and parsimony.

2. Materials and Methods
2.1. Data Collection
2.1.1. Sample

A convenience sample of 786 employees of Portuguese organizations participated in
the survey by filling in either an online version (282 completions) or a paper-and-pencil
version (504 completions) of the questionnaire. They averaged 39.1 years of age, 55.3% were
female and 64.6% held an academic degree. Most participants (95.0%) had the Portuguese
nationality; they otherwise were from another European country (1.7%), Brazil (1.5%) or a
Portuguese-speaking African country (1.7%).

Job tenure was 0–6 months for 10.0% of the participants, 6 months-3 years for 26.0%,
3–5 years for 11.4%, 5–10 years for 16.1% and more than 10 years for 36.6%. The headcount
of the employing organization was less than 50 employees for 27.5% of the participants,
between 50 and 100 employees for 15.5% and more than 100 employees for 57.0%. Most par-
ticipants (89.0%) worked in the tertiary sector (services), and most remaining participants
(9.5%) worked in the secondary sector (industry), leaving those working in the primary
sector (agriculture and fisheries) as a tiny minority (1.4%). Regarding functional areas,
24% were from administration and management, 16.6% were from administrative and
operational duties, 13.9% were from sales and marketing, 11.3% were from arts, design
and production, 11.2% were from human resources, 5.9% were from finance, 5.9% were
from information and technology, 4.8% were from health care, 3.8% were from research
and development and 2.3% were from education.



Sustainability 2022, 14, 12031 9 of 25

2.1.2. Survey

Across the survey, the participants responded to the statements presented to them
along a 7-point rating scale ranging from 1 (strongly disagree) to 7 (strongly agree).

Perceived SR. There is no generally agreed upon ‘scale’ for measuring SR perceptions,
and we do not unconditionally consider any particular scale most appropriate for our
population. We therefore selected contents from a variety of sources, with overarching
considerations being that SR practices would be ‘universal’ across different organizations
and industries, that SR practices would go beyond merely serving economic interests or
honoring legal obligations [58] and that employees would be aware of, and familiar with,
the stakeholders towards whom SR practices are targeted (for what we knew, this was
not the case for investors/donors and suppliers). The survey distinguished four (classes
of) stakeholders: clients (X1); the environment (X2); society, public entities and future
generations (X3); and employees (X4). Items regarding each stakeholder were selected from
multi-stakeholder scales developed by El Akremi et al. [59], Fatma et al. [60] and Turker [61]
or else were adapted from recommendations in the European Commission’s [62] Green
Paper. Regarding each stakeholder, the first item was a general statement saying: ‘The
organization I work for is socially responsible in its relationship with [stakeholder].’

Perceived organizational support. Eisenberger et al. [63] selected 8 items from
Eisenberger et al.’s [37] 17-item scale. We, in turn, selected 4 items from the 8-item scale
(‘really cares about my well-being,’ ‘is willing to help me if I need a special favor,’ ‘cares
about my opinions’ and ‘would forgive an honest mistake on my part’) and replaced the re-
maining 4 items with one item from the 17-item scale (‘takes pride in my accomplishments
at work’). This item, also included in Glavas and Kelley’s [22] 6-item scale, concerns the
contribution of employees’ work to the organization, which is something organizations
insufficiently communicate to their employees [36].

Organizational trust. We used Gabarro and Athos’s [64] 7-item scale (e.g., ‘My employer
is not always honest and truthful,’ ‘I believe my employer has high integrity’), which
essentially covers Mayer et al.’s [40] characteristics of benevolence and integrity.

Work meaningfulness. We selected 5 items from Steger et al.’s [24] Work As Meaning
Inventory (WAMI), 3 from the 4-item subscale of meaningfulness in work (‘I have found
a meaningful career’, ‘I understand how my work contributes to my life’s meaning’ and
‘I have discovered work that has a satisfying purpose’) and 2 from the 3-item subscale of
greater good motivations (‘I know my work makes a positive difference in the world’ and
‘The work I do serves a greater purpose’).

Work engagement. We used Schaufeli et al.’s [65] 9-item short form of the Utrecht
Work Engagement Scale (UWES-9), 3 representative items of which are ‘At my job, I feel
strong and vigorous’ (vigor), ‘I am enthusiastic about my job’ (dedication) and ‘When I am
working, I forget everything else around me’ (absorption).

Job performance. We used Eisenberger et al.’s [66] 4-item short version of Williams
and Anderson’s [67] 7-item scale of job performance, defined as in-role behavior that is
“recognized by formal reward systems and are part of the requirements as described in
job descriptions” [67] (p. 606). This scale of job performance is applicable across different
organizations and industries. In research on the SR–JP relationship, it has been used
both in the (original) other-rated format, with ratings being provided by the employees’
supervisors [6,13,14,17], and in the self-rated format, with ratings being provided by
the employees themselves [11,16]. We used the self-rated format (e.g., ‘I meet formal
performance requirements of the job’).
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2.2. Data Inspection on Construct Discriminability

Each candidate model provides an interpretation of the correlations between manifest
variables, as translated into paths and loadings. However, those correlations may be
inflated or attenuated by extraneous factors, which potentially threatens the validity of
conclusions drawn.

2.2.1. Inflationary Effects

These are due to unintended commonality between variables. There are essentially two
variants: methodological communality and conceptual communality. The former is known
as shared method variance [68]. In our study, the shared method is the administration
of Likert scales in a single survey. A shared method may generate a common method bias,
which theoretically can go either upwards or downwards, but is typically held to be an
upward bias, or an “inflation of relationships by shared method variance” [69] (p. 326). The
upward bias may have its origin in a response bias referred to as an illusory halo [46], which
is that participants tend to give either favorable or unfavorable ratings, depending on some
predisposition, e.g., whether they adore or hate their boss. Conceptual communality, which
we discussed earlier, is a true halo [46]. In our modeling, the comparison between the
sequential mediation model and the manifest mediation model constitutes a comparison
between the commonality approach and the causality approach, but any overlap with or
between the other constructs in the analysis is left out from the interpretation of the data.

2.2.2. Attenuating Effects

Although common method bias is a source of systematic measurement error that
inflates correlations, unreliability, or unsystematic measurement error, attenuates correla-
tions [69,70]. Common method bias has risen to become a bigger issue among business
and management scholars than unreliability, perhaps because Cronbach’s alpha tend to
be satisfactory for well-developed scales. However, Lance et al. [71] reanalyzed data
from 18 published studies by means of structural equation modeling, and they found that
the attenuating impact of unreliability essentially canceled out the inflationary impact of
common method bias.

A source of systematic measurement error that potentially attenuates correlations is
social desirability bias, i.e., a tendency of participants to give answers that project a more
favorable image of themselves than their ‘true’ answers would. To the extent that there
are individual differences in the strength of the bias and that all variables are affected by
those differences, social desirability bias is actually an inflationary factor [72] and therefore
a source of common method bias [73]. Otherwise, however, social desirability bias is an
attenuating factor, for two reasons. First, the bias should affect variables that are about
the person (e.g., self-rated job performance) and should not affect variables that are not
about the person (e.g., perceived social responsibility, perceived organizational support
and organizational trust). With individual differences in social desirability bias affecting
one variable but not another, the correlation between the pair of variables is attenuated.
Second, all individuals may have at least some social desirability bias, and, because rating
scales are bounded, the ratings of those whose bias is strong tend to be compressed towards
the high end of the scale. Social desirability, accordingly, gives rise to inflated means [73]
but attenuated correlations.

2.2.3. Model-Free Evaluation of Construct Discriminability

When constructs are measured by means of Likert scales, Cronbach’s alpha can be
used to evaluate measurement reliability. In the standardized form, the alpha is defined
over the average of all ti( ti − 1)/2 pairwise correlations between the ti items comprising
scale i, denoted as ri. Since each item is treated as a different ‘method’ for measuring the
same construct, ri can be thought of as a monotrait-heteromethod (MTHM) correlation.
Furthermore, because items from different scales can then be treated as different ‘methods’
for measuring different constructs, the average of all titj pairwise correlations between the
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ti items comprising scale i and the tj items comprising scale j, denoted as rij, can be thought
of as a heterotrait-heteromethod (HTHM) correlation. One would expect that rij > 0 if
scales are positively correlated, i.e., rij > 0 for all i, j.

To determine whether the data justify the constructs to be treated as separate enti-
ties in the first place, we compute Henseler et al.’s heterotrait-monotrait ratio, given as
HTMT = rij/

√
rirj. The statistic, a lower value of which indicates a better differentiation

in constructs [74], may be evaluated by two criteria [75]. One is that the point estimate of
HTMT should lie below 0.85, and the other is that the 90% confidence intervals of HTMT
should lie below 1 (see [76,77], respectively, for simulation results in support of these
criteria for evaluating HTMT). The confidence intervals are bootstrap confidence intervals,
which we obtain from 10,000 resamples of size N. With the confidence level set at 90%, the
confidence interval can be used for testing H1 (HTMT < 1) against H0 (HTMT ≥ 1) at a
significance level of 0.05. It is a simultaneous confidence level for (9 · 8)/2 = 36 tests, under
Bonferroni’s inequality. We evaluate construct discriminability by both criteria.

2.2.4. Model-Bound Evaluation of Construct Discriminability

The HTMT approach is a model-free evaluation of construct discriminability. For
a model-bound evaluation, we build on Podsakoff et al.’s [73] single-common-method-
factor approach (in the authors’ Figure 3A of Table 5). We first estimate the best candidate
model as a structural model, i.e., a composite of a path model (‘regression analysis’) and a
measurement model (‘factor analysis’), with or without a common-method factor loading
on all 73 items comprising the Likert scales for the nine constructs in the model. We then
evaluate whether inclusion of the common-method factor changes the core inferences
drawn by the model about paths and (in case of latent mediation) loadings.

2.3. Model Estimation

We obtain maximum likelihood estimates of the candidate models by means of struc-
tural equation modeling, as implemented by the SEPATH routine in the STATISTICA
software (see [78]). SEPATH can directly analyze the observed correlations between the
manifest variables and can estimate models in a fully standardized form. Furthermore,
SEPATH has a bootstrap subroutine; therefore, the user can obtain confidence intervals
for parameter estimates, multiplicative combinations of parameter estimates (mediation
analysis; see [79] for recommending the bootstrap for this purpose) and fit indices. Finally,
SEPATH can compute normalized residuals (z-values), which are interpretable under the
standard normal curve and thus facilitate the inspection of ‘where a model went wrong’.

In the practice of structural equation modeling, a structural model is often specified as
a path model and a measurement model, in which constructs load on all measures taken
of it (e.g., all items in a Likert scale). As argued by McDonald and Ho [80], however, the
evaluation of a structural model tends to be dominated by the measurement model, since
it has so many more degrees of freedom than the path model. It is therefore conceivable
that the path model fits the data poorly, although the fit indices for the structural model
are satisfactory, which McDonald and Ho [80] showed to be prevalent in a reanalysis of
data from 14 published studies. This is troubling, since it is the path model where the
investigators’ theory is located.

As a solution, we treat each of the nine constructs in our analysis as ‘already mea-
sured,’ meaning that the models are estimated on composite scores, obtained by averaging
the responses to the items comprising the Likert scales. Thus estimated, the manifest
mediation model has no measurement model, and the latent mediation models have a
partial measurement model, with the latent psychological states being loaded upon by
their manifestations.
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2.4. Model Evaluation

The candidate models are evaluated on a series of fit indices, defined and discussed in
Table 1. These fit indices differ in whether and how they trade off accuracy against parsimony.

Table 1. Fit indices and their properties.

Fit Index Properties

χ2 Badness-of-fit index. Evaluates accuracy only. If FML is the overall discrepancy
between the observed and reproduced correlations among p variables in a
sample of size N then, for a model with q free parameters, the asymptotic
distribution of (N − 1)FML follows a χ2 distribution with d f = p(p + 1)/2− q
degrees of freedom. Increases with N.

Normed Fit Index:

NFI = χ2
0−χ2

χ2
0

= 1− χ2

χ2
0

Goodness-of-fit index. Evaluates accuracy only. Increases from NFI = 0 for the
independence model (which does not describe the data at all) to NFI = 1 for the
saturated model (which simply redescribes the data). Is independent of N.

Root-Mean-Square Error of Approximation:

RMSEA =

√
χ2−d f

d f (N−1) =
√

FML
d f − 1

Badness-of-fit index. Evaluates parsimony as well as accuracy. Is undefined for
the saturated model (d f = 0), or a model for which FML < d f . Is independent
of N Favors less accurate but more parsimonious Model 1 over a less
parsimonious but more accurate Model 2 when d f1/d f2 > FML1 /FML2 , which is
also independent of N.

Incremental Fit Index:

IFI = χ2
0−χ2

χ2
0−d f =

FML0−FML

FML0−
d f

N−1

Goodness-of-fit index. Evaluates parsimony as well as accuracy, although IFI = 1
for the saturated model. IFI = 0 for the independence model. Can cross either
limit of the 0–1 interval, with IFI < 0 when χ2

0 < d f (highly implausible), and
IFI > 1 when d f > χ2. Increases with N Favors Model 1 over Model 2 when
(d f1(FML0 − FML2 )− d f2(FML0 − FML1 ))/(N − 1) > FML0 (FML1 − FML2 ), the
likelihood of which decreases with N.

Non-Normed Fit Index:

NNFI =
χ2

0
d f0
− χ2

d f

χ2
0

d f0
−1

=

FML0
d f0
− FML

d f
FML0

d f0
− 1

N−1

Goodness-of-fit index. Evaluates parsimony as well as accuracy. Is undefined
for the saturated model (d f = 0) Can cross either limit of the 0–1 interval, with
NNFI < 0 when d f < d f0χ2/χ2

0, provided that d f0 < χ2
0 (highly plausible), and

NNFI > 1 when d f > χ2 Increases with N. Favors Model 1 over Model 2 when
d f1/d f2 > FML1 /FML2 , which is independent of N.

Parsimonious Normed Fit Index:

PNFI = d f
d f0

(
1− χ2

χ2
0

) Goodness-of-fit index. Evaluates parsimony as well as accuracy. PNFI = 0 for
the independence model and the saturated model. Is independent of N. Favors
Model 1 over Model 2 when d f1/d f2 > (FML0 − FML2 )/(FML0 − FML1 ), which
is also independent of N.

Rescaled Parsimonious Normed Fit Index:

RPNFI =
d f
(

1− χ2

χ2
0

)
1+d f

(
1− χ2

χ2
0

)
Goodness-of-fit index. Qualitatively, it has the same behavior as PNFI.
Quantitatively, RPNFI ≥ PNFI, with RPNFI = PNFI = 0 for the independence
model and the saturated model, but RPNFI > PNFI otherwise.

All fit indices considered are based on the χ2 statistic. Steiger and Lind’s [81] Root-
Mean-Square Error of Approximation (RMSEA), like χ2 itself, is a badness-of-fit index, of
which lower values are better than higher ones. How low is good enough? According
to Chen et al. [82], RMSEA < 0.05 has reached the status of the “gold standard” (p. 465),
and RMSEA > 0.10 is generally considered ‘inadmissible.’ However, as these authors
show in a simulation study, it depends on sample size, degrees of freedom and model
specification which cutoff value should be used to ensure a given level of protection against
accepting incorrect models and rejecting the correct one. Our preferred strategy, model
validation by model competition, bypasses the fixation on cutoff values by inviting model
fit comparison. Since a model can perform comparatively well but still perform poorly
on its own, the identification of the best candidate in the competition must be followed
up by an inspection of the individual discrepancies between observed and reproduced
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correlations (the residuals), to evaluate whether there is any sign of inadequate fit (see also
McDonald and Ho [80]).

The remaining fit indices in Table 1 are goodness-of-fit indices, higher values of which
are better than lower ones. Bentler and Bonett’s [83] Normed Fit Index (NFI) takes the
proportional difference between the overall discrepancy of an inferior null model (χ2

0) and
a superior alternative model (χ2) as the measure of how well the alternative model fits the
data. The null model is routinely taken to be the independence model, which expects all
manifest variables to be uncorrelated. By setting the bar so low, however, NFI must be
really high (by common standards, over 0.95) for a model to be considered accurate.

NFI does not penalize for a lack of parsimony, but variations on it do. We consider
three of those fit indices: Bollen’s [84] Incremental Fit Index (IFI), Bentler and Bonett’s [83]
Non-Normed Fit Index (NNFI) and James et al.’s [85] Parsimonious Normed Fit Index
(PNFI). As described and discussed in Table 1, only PNFI reaches its natural zero point
for the independence model (which consumes no degrees of freedom from the data but
does not describe the data at all) and the saturated model (which consumes all degrees
of freedom from the data and therefore merely redescribes the data). It thus appears that
only PNFI takes parsimony as well as accuracy into full consideration. There are two other
indications that it is unique in this regard.

First, suppose that χ2
0, χ2

1, . . . , χ2
k decrease as a constant proportion of χ2

0, and that,
simultaneously, df 0, df 1, . . . , dfk decrease as a constant proportion of df 0, where the kth
model is the saturated model, for which χ2

k = dfk = 0. In this case, PNFI identifies the
model midway between the independence model and the saturated model as the best
candidate, thus reaching a just and fair compromise between accuracy and parsimony.
The conclusions drawn by NNFI and RMSEA depend on the relative rates with which the
χ2s and the df s decrease: (1) when the χ2s decrease by a smaller proportion than the df s,
they identify the independence model as the best candidate, meaning that they prefer to
know nothing about the data; (2) when the χ2s decrease by a larger proportion than the
df s, they would, if they were defined for dfk = 0, identify the saturated model as the best
candidate, meaning that they prefer to know everything about the data; and, (3) when the
χ2s decrease by the same proportion as the df s, they identify all models as equally bad
candidates, meaning that they are indifferent to knowing or not knowing about the data,
because, in their assessment, none of the models has merit. Second, as χ2

0 increases beyond
its proportional magnitude (and it usually is disproportionately large), NNFI and RMSEA
do not change their assessment, except that they no longer identify the independence
model as the best candidate, whereas PNFI progressively favors greater parsimony, until it
ultimately identifies a one-parameter model as the best candidate: any additional gain in
accuracy would be too trivial to justify an additional unit loss in parsimony.

We conclude from the foregoing analysis that PNFI is the best fit index for properly
trading off accuracy against parsimony. It is true that it typically produces ‘low’ fit values,
as it is not abnormal that an NFI in the high 0.90s drops to a PNFI in the 0.50s, even
though inspection of the residuals suggests that there is nothing wrong with the model [86].
However, this is because the degrees of freedom of a model (df ) are divided by the degrees
of freedom of the null model (df 0), i.e., the degrees of freedom in the data. We provide
the Rescaled Parsimonious Normed Fit Index (RPNFI), the last index in Table 1, as an
alternative. It removes df 0, ranges from 0 (lower bound) and 1 (upper asymptote) and tends
to produce (much) more elegantly looking fit values than PNFI, while obviously arriving at
the same conclusions in model comparisons.
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2.5. Model Interpretation

Although it is important to know how well a model describes the data, it is of no less
importance to know how it describes the data, which concerns the interpretability of the
parameter estimates on which the model relies to describe the data [57]. Interpretability
requires that inferences about parameters and combinations of parameters in the case of
mediation be reliable and of expected sign.

3. Results
3.1. Descriptive Statistics

Table 2 provides the descriptive statistics of the following measurement scales: means,
standard deviations, intercorrelations (off-diagonal) and measurement reliabilities (diag-
onal). In accord with our dissection of social desirability and its implications, job perfor-
mance has by far the highest mean, the lowest standard deviation and generally the lowest
correlations with the other manifest variables.

Table 2. Means (M), standard deviations (SD), reliability estimates (standardized Cronbach’s alpha,
diagonal) and intercorrelations (off-diagonal) for the manifest variables, with SR/ denoting ‘Social
Responsibility towards’.

Manifest Variable M SD X1 X2 X3 X4 C1 C2 W1 W2 Y

SR/Clients (X1) 5.70 1.22 0.92
SR/Environment (X2) 4.79 1.51 0.54 0.94
SR/Society, etc. (X3) 5.02 1.45 0.59 0.56 0.92
SR/Employees (X4) 4.76 1.39 0.66 0.61 0.64 0.96
POS (C1) 5.03 1.54 0.59 0.47 0.50 0.76 0.93
Organizational trust (C2) 4.81 1.35 0.49 0.34 0.43 0.65 0.71 0.85
Work meaningfulness (W1) 5.37 1.38 0.48 0.35 0.49 0.55 0.54 0.42 0.92
Work engagement (W2) 5.09 1.53 0.57 0.40 0.50 0.62 0.66 0.55 0.74 0.96
Job performance (Y) 6.19 0.99 0.49 0.25 0.34 0.32 0.39 0.23 0.41 0.40 0.94

Note. Valid N = 658 (upon case-wise elimination of missing data). All correlations reliable at p < 0.0001.
POS = Perceived Organizational Support.

3.2. Model-Free Evaluation of Construct Discriminability

Table 3 provides the monotrait-heteromethod (MTHM) correlations and the heterotrait-
heteromethod (HTHM) correlations. The MTHM correlation of each measurement scale is
higher than any of its eight HTHM correlations with the other scales, except that the MTHM
correlation for organizational trust is lower than its HTHM correlation with perceived
organizational support.

Table 3. Mean monotrait-heteromethod (MTHM) correlations, from which standardized Cronbach’s
alphas (in Table 2) are derived, and mean heterotrait-heteromethod (HTHM) correlations.

Manifest Variable Monotrait-
Heteromethod

Heterotrait-Heteromethod

X1 X2 X3 X4 C1 C2 W1 W2

SR/Clients (X1) 0.62
SR/Environment (X2) 0.65 0.37
SR/Society etc. (X3) 0.59 0.39 0.37
SR/Employees (X4) 0.54 0.41 0.38 0.39
POS (C1) 0.72 0.43 0.35 0.36 0.51
Organizational trust (C2) 0.45 0.31 0.22 0.27 0.37 0.47
Work meaningfulness (W1) 0.67 0.34 0.25 0.34 0.36 0.41 0.27
Work engagement (W2) 0.68 0.41 0.30 0.36 0.41 0.51 0.36 0.57
Job performance (Y) 0.75 0.37 0.19 0.25 0.23 0.31 0.17 0.32 0.33

Note. Valid N = 658 (upon case-wise elimination of missing data). POS = Perceived Organizational Support.
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Figure 4 provides, for each of the 36 unique combinations of the nine manifest variables,
the point estimate of the HTMT ratio and its 90% Bonferroni confidence interval. All point
estimates lie below 0.85, and all confidence intervals lie below 1. Thus, our model-free
evaluation of construct discriminability suggests that the constructs can be treated as
separate entities and that the candidate models can be evaluated as specified a priori.
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Figure 4. Construct discriminability: point estimates (medians) of heterotrait-monotrait (HTMT)
ratios, their 90% bootstrap confidence intervals (boxes) and their minimum–maximum values
(whiskers), obtained from 10,000 resamples of size N = 658 (upon case-wise elimination of missing
data) for each combination of variables (labeled as in Tables 2 and 3). The simultaneous confidence
level of 90% is assured, under the Bonferroni inequality, by an instantaneous confidence level of
99.722%.

3.3. Model Evaluation

Table 4 provides the fit indices for the candidate models and their bootstrap confidence
intervals. When evaluated by cutoff values, RMSEA (badness-of-fit) identifies the manifest
mediation model and the parallel mediation model as inadmissible candidates, in that the
point estimates and 90% confidence intervals for these models lie above 0.1. Furthermore,
NFI and IFI identify the partial mediation model as the only acceptable candidate, in that
their point estimates and 90% confidence intervals for this model lie above 0.95. Finally,
NNFI identifies the manifest mediation model, the parallel mediation model and the
sequential mediation model as unacceptable candidates, in that the point estimates and
90% confidence intervals for these models lie below 0.95. Thus, as evaluated by four fit
indices, the partial mediation model is the best candidate. However, PNFI (and, therefore,
RPNFI) identifies the partial mediation model as the worst candidate and the sequential
mediation model as the best. As shown next, this result corroborates the conclusion drawn
earlier that PNFI is the best fit index for properly trading off accuracy against parsimony.
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Table 4. Maximum likelihood point estimates (means) and their 90% bootstrap confidence intervals of
fit indices, obtained from 1000 resamples of size N = 658 (upon case-wise elimination of missing data).

Sequential Mediation Model Partial Mediation Model

90% CI 90% CI

Fit Index df
Lower
Limit

Point
Estimate

Upper
Limit df

Lower
Limit

Point
Estimate

Upper
Limit

χ2 20 128.85 187.17 251.74 11 40.84 65.73 94.68
NFI 0.93 0.95 0.96 0.97 0.98 0.99
RMSEA 0.09 0.11 0.13 0.06 0.09 0.11
IFI 0.93 0.95 0.97 0.98 0.98 0.99
NNFI 0.88 0.91 0.94 0.92 0.95 0.97
PNFI 0.52 0.53 0.54 0.30 0.30 0.30
RPNFI 0.95 0.95 0.95 0.91 0.92 0.92

Parallel Mediation Model Manifest Mediation Model

90% CI 90% CI

Fit Index df
Lower
Limit

Point
Estimate

Upper
Limit df

Lower
Limit

Point
Estimate

Upper
Limit

χ2 16 155.83 212.22 273.30 14 155.03 219.20 293.98
NFI 0.92 0.94 0.96 0.92 0.94 0.96
RMSEA 0.12 0.14 0.16 0.12 0.15 0.17
IFI 0.93 0.94 0.96 0.92 0.94 0.96
NNFI 0.83 0.87 0.91 0.79 0.85 0.90
PNFI 0.41 0.42 0.42 0.36 0.36 0.37
RPNFI 0.94 0.94 0.94 0.93 0.93 0.93

Note. NFI = Normed Fit Index, RMSEA = Root-Mean-Square Error of Approximation, IFI = Incremental Fit Index,
NNFI = Non-Normed Fit Index and PNFI = Parsimonious Normed Fit Index. Definitions and properties are
provided in Table 1. For the independence model, χ2 = 3519.64, with df = 36.

To determine whether the sequential mediation model is ‘simple, but not too simple’,
we inspected the normalized residuals. The partial mediation model mispredicts none of
the observed correlations, whereas the sequential mediation model only underpredicts
the correlation between SR perceptions regarding clients (henceforth, ‘SR/Clients’) and
job performance. It is true that the sequential mediation model ‘misses’ this detail, but
it is also true that the partial mediation model ‘spots’ it only because it explores all nine
effects that the sequential mediation model expects not to exist, one of which appears worth
considering. This is surely not enough to conclude that the sequential mediation model
is ‘overly parsimonious.’ Our conclusion is that PNFI is right for severely penalizing the
partial mediation model for its lack of parsimony and for ranking it as a worse (actually, the
worst) candidate.

3.4. Model Interpretation

Figure 1 provides the parameter estimates and confidence intervals for the sequential
mediation model. SR/Clients (X1) and especially SR/Employees (X4) have positive effects
on employees’ belief of being in good company (C), as manifested by organizational support
and trust. However, SR/Society, public entities and future generations (X3) has no effect,
while SR/Environment (X2) apparently has a negative effect (see below). Employees’ belief
of being in good company has a positive effect on their belief of being in no pointless job
(W), as manifested by work meaningfulness and engagement. In turn, employees’ belief of
being in no pointless job has a positive effect on job performance (Y).
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To determine whether the entire mediation is reliable, Table 5 provides multiplicative
combinations of causal paths and their bootstrap confidence intervals. The first row (single
mediation) confirms that the effect of organization-related beliefs on job performance is
reliably mediated by work-related beliefs. The second to fifth rows (single mediation as
well) confirm that the effects of SR (with the exception of SR/Society, public entities and
future generations) on work-related beliefs are reliably mediated by organization-related
beliefs. The sixth to ninth rows (sequential mediation) confirm that the effects of SR (with
the exception of the effects of SR (with the exception of SR/Society etc.) on job performance
are reliably mediated by organization- and work-related beliefs, respectively.

Table 5. Mediation analysis: point estimates (means) of multiplicatively combined path coefficients,
and their 90% bootstrap confidence intervals, obtained from 1000 resamples of size N = 658 (upon
case-wise elimination of missing data).

Path Lower Limit Point Estimate Upper Limit

X1 → C → W 0.12 0.18 0.23
X2 → C → W −0.10 −0.05 −0.00
X3 → C → W −0.03 0.03 0.08
X4 → C → W 0.51 0.57 0.63

C → W → Y 0.31 0.37 0.43
X1 → C → W → Y 0.05 0.08 0.12
X2 → C → W → Y −0.05 −0.02 −0.00
X3 → C → W → Y −0.01 0.01 0.04
X4 → C → W → Y 0.22 0.27 0.31

Note. X1 = SR/Clients, X2 = SR/Environment, X3 = SR/Society, public entities and future generations,
X4 = SR/Employees, C = belief of being in good company, W = belief of being in no pointless job and
Y = job performance.

Nonetheless, there is the unexpected result that SR/Environment apparently has a
negative effect on employees’ belief of being in good company, which is felt, all the way
down the causal chain, in job performance. Since wages in Portugal are among the lowest
in Europe, we can imagine that people have negative feelings about their organization
spending resources on SR/Environment instead of higher wages (hence the negative
effect), and that they perhaps have mixed feelings about spending resources on SR/Society,
public entities and future generations (hence the zero effect). However, using the method
developed by Beckstead [87], it can be shown that the negative effect of SR/Environment is
a manifestation of a statistical artifact, known since long as a negative suppressor effect [88].
Thus, a substantive interpretation is not warranted.

3.5. Model-Bound Evaluation of Construct Discriminability

Table 6 shows the estimates of the core paths and loadings of the sequential mediation
model, when estimated along with a measurement model, and either with or without
a common-method factor. Introducing the common-method factor leaves the estimates
essentially unaffected. This reinforces our earlier conclusion that the constructs can be
treated as separate entities. It is worth noting that the inclusion of the common-method
factor eliminates the negative suppressor effect, in that SR/Environment now has a zero
effect on employees’ belief of being in good company.
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Table 6. Paths and loadings, along with their 90% confidence intervals, obtained from estimating
the sequential mediation model along with a measurement model, and with (right) or without (left)
a common-method factor. Only the loadings on the latent psychological states in the core model
are shown.

Common-Method Factor

Excluded Included

Loading Lower
Limit

Point
Estimate

Upper
Limit

Lower
Limit

Point
Estimate

Upper
Limit

C → C1 0.90 0.91 0.93 0.85 0.87 0.90
C → C2 0.91 0.92 0.94 0.87 0.89 0.92
W → W1 0.91 0.94 0.96 0.90 0.93 0.96
W → W2 0.80 0.83 0.86 0.77 0.80 0.84

Common-Method Factor

Excluded Included

Path Lower
Limit

Point
Estimate

Upper
Limit

Lower
Limit

Point
Estimate

Upper
Limit

X1 → C 0.15 0.20 0.26 0.09 0.15 0.22
X2 → C −0.10 −0.05 −0.00 −0.08 −0.02 0.04
X3 → C −0.06 −0.01 0.05 −0.03 0.04 0.10
X4 → C 0.75 0.80 0.85 0.71 0.77 0.83
C → W 0.76 0.79 0.82 0.70 0.74 0.79
W → Y 0.41 0.47 0.52 0.32 0.38 0.45

Note. X1 = SR/Clients, X2 = SR/Environment, X3 = SR/Society, public entities and future generations,
X4 = SR/Employees, C = belief of being in good company, C1 = perceived organizational support, C2 = or-
ganizational trust, W = belief of being in no pointless job, W1 = work meaningfulness, W2 = work engagement
and Y = job performance.

Figure 5 provides a comparison of the average loadings on the measurement model
factors and the average loadings on the common-method factor. The former are (much)
higher than the latter (with job performance showing the second largest disparity between
the two), further underscoring that common method bias does not threaten the validity of
our conclusions.
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Figure 5. The sequential mediation model, estimated along with a measurement model, and a
common-method factor: comparison of loadings on the measurement model factors and the common-
method factor. The whiskers are 95% confidence intervals (on the understanding that the model is an
interdependent whole, so the loadings are not estimated independently from one another). Constructs
are displayed in order of increasing disparity between the measurement model and common-method
loadings. POS = Perceived Organizational Support.

4. Discussion

Employees’ job performance is vital to organizational performance, so, as far as
employee outcomes of SR are concerned, one would think that job performance is a natural
outcome to look at. However, amidst the rapidly proliferating research on the outcomes of
SR, we spotted only nine studies on the SR–JP relationship: two direct-effect studies [5,6],
one moderated-effect study [55], and six mediated-effect studies [9,12–14,16,17], none of
which has brought SR and JP in relation to the following variables that we identified as
mediators: perceived organizational support, organizational trust, work meaningfulness
and work engagement. Why precisely do these mediators matter so much? First, they can
be combined into an intuitive interpretation of meaningfulness at work, which we proposed
to be treated as the positive influence of ‘being in good company’ (perceived supportiveness
and trustworthiness of the organization one works for) on ‘being in no pointless job’ (work
meaningfulness and engagement). Second, the four mediators, thus combined, provide a
parsimonious explanation of the SR–JP relationship, in that SR improves JP by contributing
to, or indeed countervailing the erosion of, meaningfulness at work. This interpretation
of the SR–JP relationship received strong support from our survey data, and so, given its
parsimony, it can be expected to generalize well to other data.

Several limitations of the study must be noted, however. First, job performance
was self-reported. Although we demonstrated that this actually weakened, rather than
strengthened, the relation between job performance and the other variables under analysis,
it is only one point of view on an employee’s performance. Relying on more sources of
information may result in a more complete, and, therefore, more accurate, assessment.
Second, sampling was by convenience. Although we managed to recruit workers from
a wide variety of organizations and functional areas, most came from the services sector.
Including more workers from the primary and secondary sectors, and using sector as
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a moderating variable, would offer a more complete evaluation of the models under
consideration. For instance, we found that SR/Clients had the strongest impact in the causal
flow, whereas SR/Environment and SR/Society, public entities and future generations
had basically none. These results may be specific to the services sector, where contact
with clients is intensive for many workers. Other sectors may be more sensitive to other
stakeholders, which may generate other patterns. For instance, SR/Environment may
be more impactful among workers in the primary sector, where natural resources and
raw materials are being extracted. Third, we inevitably left out many other potential
contributors to the SR–JP relationship. What comes to mind is the more inclusive construct
of psychological well-being, as decomposed into hedonic well-being (typically represented
by job satisfaction) and eudemonic well-being (fulfilment of potential, finding meaning and
purpose in work) [89]. As a bifaceted construct, psychological well-being has been shown
to be positively associated with job performance as well [90], a good reason for considering
it in future investigations on the SR–JP relationship.

Regarding directions for future research, we recommend, first of all, to address the
aforementioned limitations, but we also suggest that investigators follow up on several
strong points of our investigation.

First, we advocate model validation by model competition. A model can be considered
validated to the extent that it outperforms alternative models that collectively challenge
each of its core assumptions, or defining properties. In our investigation, the sequential
mediation model of the SR–JP relationship had full mediation, sequential mediation and
latent mediation as its defining properties, and it was, therefore, tested against models
that invoked partial mediation, parallel mediation and manifest mediation, respectively.
These distinctions must be rigorously applied. For instance, Zhao et al. [91] investigated a
‘sequential mediation model’ and a ‘parallel mediation model’ of the relationship between
SR perceptions and employee outcomes, but both were partial mediation models, which,
for the purpose of model validation by model competition, is suboptimal.

Second, we advocate model evaluation by generalizability. A model is considered to
perform well to the extent that it describes regularities in data and filters out idiosyncrasies
from data [57]. Model evaluation by generalizability requires a proper tradeoff between
accuracy and parsimony. We showed, both theoretically and empirically, that James
et al.’s [85] Parsimonious Normed Fit Index (PNFI) offers just that. To underscore the
importance of generalizability, recall that the sequential mediation model underpredicted
the correlation between SR/Clients and job performance. Since the inaccuracy has a
plausible explanation, i.e., most participants in our study came from the services sector,
one may be tempted to add a direct path from SR/Clients to job performance and to take
the revised model, if it resolves the inaccuracy, as the ‘right’ model. It does sound like
an honorable practice, but it is cheating: a model cannot be made ‘better’ by making it
more accurate for the data it has already seen, it can only be made better by making it more
accurate for data it has not yet seen, which is precisely the point of using generalizability for
model evaluation.

Third, we advocate an evaluation of construct discriminability, two common threats to
which are ‘concept-communality bias’ (conceptual overlap among constructs) and common
method bias. The latent mediation models in our analysis dealt, at least to some extent,
with concept-communality bias by identifying two latent psychological states, each mani-
fested by two mediating variables. Furthermore, a model-bound evaluation of construct
discriminability can be conducted to establish any presence of common method bias as well.
The sequential mediation model, one of the three latent mediation models, and the best
model in the competition, proved to be extremely robust in the model-bound evaluation.
Finally, a model-free evaluation of construct discriminability is desirable as well, since it
consists in a direct inspection of the data, undisturbed by interpretations of the data.
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5. Final Comments
5.1. Boundary Conditions

Our study was conducted in Portugal, where, as mentioned earlier, wages are among
the lowest in western Europe; therefore, workers may legitimately wonder why their em-
ployer would spend resources on SR/Environment or SR/Society, public entities and future
generations, instead of higher wages for them. Philosophically, this raises an intriguing
question: what is doing good? Pragmatically, an organization may take into considera-
tion that, when salaries are rather low, as they are in Portugal, it may be best to focus on
practices that can be viewed as a ‘fair’ complement to low wages, if wages have to be low
at all. Also recall that most participants in our study came from the services sector, so
SR/Client practices may be more constructive for our participants’ day-to-day activities
(embedded CSR [92]; internal CSR [93]) than practices that do not serve an immediate pur-
pose in ongoing operations (peripheral CSR [92]; external CSR [93]). Indeed, embedding SR
practices in employees’ daily activities may also alleviate any tension, on the part of the
employer, between taking on social responsibilities and operating efficiently (as noted in
the Introduction, one the paradoxes posed by sustainable HRM).

5.2. The B-Word

We proposed meaningfulness at work as a pivotal connection between SR practices and
job performance: work can be made pointless by an untrustworthy and unsupportive work
context, and efficacious SR practices may improve job performance by countervailing the
corrosive impact of a nefarious work context on work meaningfulness and engagement. The
underlying assumption is, however, that organizations engage in substantive (cause-serving,
sincere) CSR, which Donia et al. [11] distinguish from symbolic (self-serving, greenwashing)
CSR. In his book on bullshit jobs, Graeber [34] recounts the story of a bank employee in
the City of London, which is actually quite a good illustration of how jobs can be made
pointless by symbolic CSR.

The HR department of the bank, as the story goes, had developed an ambition to do
charity. Over the next months, HR harassed employees to make them sign up for charity
work, eventually sending out automated emails that seemingly came down straight from
the CEO, ‘encouraging’ those who had not done so yet to sign up. The charity work itself
was totally empty. “Things like two hours of litter picking. Giving bad sandwiches to
the homeless where someone else organizes all the sandwich packages, etc., and bank
employees just turn up and hand them out then go home again in their nice cars. A lot of
the charity work is driven by “best company to work for in X” awards that stipulate criteria
like “charitable work.” The bank then has to hit that criteria to be considered, which will
then help them with recruiting” [34] (p. 170).

In the spirit of Graeber’s [34] discourse, such excursions into charity may be rightfully
referred to as Bullshit Social Responsibility. That is BSR. By the argument that we put forward,
BSR impairs job performance by weakening employees’ belief of being in no bullshit job, or
indeed by strengthening the belief they are in one. As mentioned, we adopted the more
traditional mindset that organizations have a genuine intention to do good, which may
be referred to as Bona fide Social Responsibility. That is BSR as well. Our sense-making of
current tendencies is that we will hear a lot more about B’s true nature.
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