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ABSTRACT
In this study, we used data on China’s initial public offerings (IPOs),
market volatility and macro environment before and after two
stock crashes during 2006–2016 to investigate how different
investor sentiment affects IPO first-day flipping. The empirical
results show that the expected returns of allocated investors are
affected by sentiment, with allocated investors having higher psy-
chological expectations of future returns during an optimistic bull
market and their optimism discouraging first-day flipping, while
higher risk-free interest rate levels and rising broad market indices
also discourage first-day flipping and tend to sell in the future. The
pessimistic bear market during which allocated investors have
lower psychological expectations of future returns, their pessimism
will promote first-day flipping, and the increase in the risk-free rate
level will also promote first-day flipping, which is the opposite of
the optimistic bull market, indicating that their risk aversion has
increased and they tend to sell on the same day. We also found an
anomaly that the greater the decline in the broad market index
during a pessimistic bear market, the more inclined the allocated
investors are to sell in the future when the broad market index rises
in an attempt to gain higher returns. These findings help explain
and understand the impact of market and macro index fluctuations
on investor behavior under different investor sentiments.
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1. Introduction

The method of selling shares of a private business towards the public in a fresh stock
issuance is called as initial public offering (IPO) and initial public offerings (IPOs)
have been a hot topic of research in traditional finance, and one of the core topics of
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discussion is the turnover rate effect. Numerous studies have shown that the high
return on investment on the first day of IPO and the low return on investment in IPO
stocks in the long run, has been a long-standing phenomenon worldwide, known as the
‘IPO puzzle’ (Ljungqvist et al., 2006; Ritter & Welch, 2002). Barinov (2014) give a simi-
lar definition in their study of the U.S. stock market and named it the ‘Turnover effect’.
Wang and Wang (2021) also reveals the same phenomenon in his study of China’s stock
market, and the high first-day returns caused by the high turnover rate of flipping. IPO
at a cost lower than its true value on the stock market is said to be undervaluation. The
stock measured undervalued at the time of closing price of a novel stock on the first
trading day is higher than the recognized IPO price.

However, the research on the effect of stock turnover on stock returns has
remained in the realm of asset pricing research for a long time, and the cross-
sectional data analysis using long-term asset pricing in this context does not explain
the phenomenon well. With further research, subsequent scholars have introduced
the perspective of behavioral finance, considered the factors of investor sentiment,
and explained this phenomenon based on investor behavior, which has enriched the
research results.

Through literature review, we find that previous studies of IPO first-day flipping
(Ibrahim & Benli, 2022; Wang & Wang, 2021; Zhang & Liu, 2006), in developed
countries are well validated, while the stock markets in the UK (1551) and the US
(1790) have centuries of development history and have become mature markets. In
contrast, there is little empirical work in developing and emerging stock markets
(e.g., China), and empirical evidence from these markets would certainly help us fur-
ther enhance our understanding of asset pricing.

Indeed, investment decisions in developing countries and emerging markets are
more likely to be influenced by investor sentiment (Hens & Benli, 2021; Xian, 2021).
If this issue is discussed in the context of immature stock markets, different insights
and more precise reasons may emerge (Albada et al., 2022). What’s more, after more
than 30 years of development, China’s stock market still has 99.76% of investors who
are natural persons (SIPF, 2020), so it is clear that China’s stock market is also more
susceptible to investor sentiment.

While both of these characteristics exist in other stock markets around the world,
more importantly, China’s stock market has had a Tþ 1 trading system since 1995
and has become the second largest stock market in the world, with enough trading
volume and IPO numbers under this particular trading system to provide a database
for this question to be explored.

On the other hand, scholars’ studies also ignore the possibility that changes in the
market environment trigger the decision-making behavior of allocated investors (Ren
& Han, 2005; Shao et al., 2010; Wang & Yao, 2020; Wei et al., 2014; Zhang & Liao,
2009). Methodologically, most studies have focused on cross-sectional regressions to
identify more general patterns from the analysis of data over a long time (Baschieri
et al., 2021; Shao et al., 2011; Shao & Wu, 2009; Zhang & Liu, 2006). In fact, in the
related cross-sectional regression studies, little consideration is given to the different
investor sentiment cycles and authorities’ policy environments in which the data are
located, leading to generalized but not targeted conclusions. Here is a lack of further
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explanation and empirical results to support what factors further trigger the first-day
IPO flipping behavior of allocated investors under different investor sentiments.

However, recent empirical evidence suggests that stock returns can be predicted by
using information on investor sentiment and is important in explaining cross-sec-
tional changes in stock returns (Chen & Zheng, 2021; Dong & Huang, 2022; Kao
et al., 2022), implying that investor sentiment needs to be classified and clarified to
some extent to have greater value in validation. The limitations of the above study
may be due to the difficulty of obtaining daily data on the one hand and the diffi-
culty of finding suitable explanatory variables for some concepts on the other. To
address the above issues, this study divides the period into two cycles of optimistic
investor sentiment and pessimistic investor sentiment, and focuses on the triggers of
the first-day IPO flipping behavior of allocated investors under different investor sen-
timents, and uses more precise daily macro environment data to consider the impact
of changes in the market environment and macro environment of allocated investors
on their first-day IPO flipping behavior, providing reliable evidence for further
expansion and interpretation of this topic.

This paper contributes to the literature on investor sentiment and asset pricing in
a number of ways. Firstly, it is demonstrated that there are differences in investors’
expected returns under different investor sentiments, which in turn leads to differen-
ces in investment behavior. The second is the comparison of regression results show-
ing that the same variables differ in their positive and negative correlation with
investment behavior due to differences in investor sentiment. Finally, it is found that
when investors are in a pessimistic bear market period, there are some phenomena
that traditional finance fails to explain.

The rest of the paper proceeds as follows. Section 2 briefly describes how IPOs are
allocated in the China’s stock market. Section 3 presents literature review. Section 4
explains our research method. Section 5 discusses study results. Section 6 provides
discussion and section 7 draws conclusions.

2. Background

In China’s stock market, there are mainly capital lotteries and market value place-
ment for investors who want to get IPO new shares placement. Funds lottery is a lot-
tery based on the number of investors’ subscription funds, where the IPO
underwriters first set the issue price (or price range) based on some valuation
method, and then the subscribers pre-deposit the full amount of subscription funds
into a special bank account according to the issue price and the number of proposed
subscriptions (prepayment for online IPO subscriptions has been cancelled after
January 5, 2016), and the exchange will allocate a lottery number for every 1000 or
500 shares of subscriptions. The Exchange will allocate a lottery number for every
1000 or 500 shares of subscription quantity, and finally decide on the subject and the
number of allocations according to the lottery results.

Market values allocation refers to the lottery based on the market value of the sec-
ondary market shares held by investors. In other words, after the underwriters set the
issue price, investors will propose the number of subscriptions based on the market
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value of their outstanding shares (e.g. 1,000 new shares for every 10,000 yuan of mar-
ket value of outstanding shares), and the exchange will allocate a lottery number for
every 1,000 valid subscriptions, and then decide the target and number of allocations
based on the lottery results. The biggest difference between this and the capital lottery
is that investors do not need to pay subscription funds in advance.

The new shares allocated to investors under these two methods have no lock-up
period restriction at the initial stage of listing and can immediately participate in sec-
ondary market trading, which is the main source of flipping on the first day of
IPO flipping.

3. Literature review

The high first-day turnover was initially attributed to the depressed price of the IPO,
mainly due to changes in the general market environment (Ritter, 1984), the
company’s internal governance needs regarding tax and talent incentives (Booth &
Chua, 1996; Mello & Parsons, 1998), and the legal factors that the company would
face after the IPO (Hughes & Thakor, 1992; Lowry & Shu, 2002; Tinic, 1988).

Starting from the 1990s, some scholars have challenged the traditional view of high
first-day turnover due to IPO issue price suppression by pointing out that high first-
day IPO returns mainly come from secondary market ‘underpricing’ rather than pri-
mary market ‘price suppression’ based on the sample matching method, i.e., the IPO
first-day closing price exceeds the intrinsic value of the stock, and provide some
explanations from behavioural finance perspective (Swaminathan & Purnanandam,
2004). Meanwhile, because of excessive investor optimism and short-sale constraints,
which make investor sentiment lead to IPO first-day overpricing and make IPO
stocks underperform in the long run (Derrien, 2005), and this series of studies pro-
vides a new theoretical framework for explaining that.

From the perspective of behavioral finance, Baker and Wurgler (2007) propose the
concept of ‘investor sentiment’, which is the belief that investors’ misconceptions
about the future returns or return-related factors of a security, usually in the form of
over-optimism or over-pessimism, make asset prices not reasonably reflect economic
fundamentals. Shao et al. (2010) summarize the relevant literature and argue that,
due to the new stock nature of IPO stocks, the amount of public information dis-
closed about them in the market is relatively limited, and these stocks themselves are
highly susceptible to sentiment, which leads to over-optimistic investor sentiment
dominating IPO trading in the early days of IPO. Han and Wu (2007) and Shao and
Wu (2009) also support this view in their empirical studies. From the perspective of
psychology, scholars have found that emotion and cognition have an influence on
decision making and behavior. Lemer and Keltner (2000) argue that fear makes indi-
viduals overestimate and avoid risk. Loewenstein et al. (2001) propose the risk-as-feel-
ings hypothesis that emphasizes the role of affect experienced at the moment of
decision making and emotional reactions often drive behavior, when individuals reac-
tion to risky situations. Heilman et al. (2010) found that naturally occurring negative
emotions also increase risk aversion in Balloon Analogue Risk Task.
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With the introduction of the analytical perspective of behavioral finance, investor
sentiment becomes a non-negligible factor influencing behavioral decisions, such as
systematic biases in investors’ perceptions (Boulton et al., 2021) and biases in future
expectations, and the overall optimistic or negative sentiment exhibited by investors
(Brown & Cliff 2004), which influences the behavior of allocated investors to sell
high in IPOs, thus leading to incorrect pricing of stocks in stock markets (Baker &
Wurgler, 2007; Polk & Sapienza, 2009).

Investors’ opinions are divided under the influence of different sentiments, and in
the future, there will always be optimistic investors with high valuations, and at a
certain level of disagreement, the optimal choice for pessimistic investors with low
valuations is to sell all the shares to optimistic investors. The optimal choice for
under-valued pessimistic investors is to sell all their shares to the optimistic investors.
Because of the short-sale constraints, the stock price will reflect the above-average
valuation of the optimists (Harrison & Kreps, 1978; Hong et al., 2006), and there is
much evidence that high volatility in the degree of disagreement also leads to high
turnover (Zhang & Liu, 2006). The authors further extend the concept of opinion dis-
agreement in this view to constitute the main hypothesis of this paper:

Hypothesis 1: Optimistic allocated investors are more likely to hold on the first day of
IPO, while pessimistic allocated investors are more likely to sell on the first day of IPO.

In terms of individual traits, most of the first-day buyers are unsophisticated
investors, who are apparently relatively more prone to excessive optimism, and indi-
vidual investors often participate in speculative speculation on IPOs with excessive
optimism (Shao et al., 2010; Ma et al., 2022), while this systematic bias of investors is
mainly influenced by the investors’ own cognitive ability (Boulton et al., 2021).
Dispositional emotion of individual can be measure, whereas fear is positively related
to perceived risk (Lerner & Keltner, 2000). Furthermore, risk aversion is highly corre-
lated with negative beliefs about emotion. (Leahy et al.,2012).

In terms of group traits, there is a herding effect in the financial market where
investors infer information from others based on others’ investment decisions, and
there is a learning and imitation phenomenon in the trading process (Bikhchandani
& Sharma, 2000), which is an important mechanism for the transmission of investor
sentiment in stock markets and objectively exacerbates asset price volatility. The phe-
nomenon in which individuals choose to track others as well as imitate group behav-
ior to make independent besides atomic decisions based on their private data is
termed as herding effect. In the case of information asymmetry, people imitating each
other’s investment behavior can be used to judge the information held by others, and
also to a certain extent, it can alleviate the pain that may arise due to individual-deci-
sion-making-mistakes, which ultimately affects stock prices.

In addition, financial markets are the result of group projection, where the evolution
of the market or economy is a series of cognitive and projection processes in which indi-
viduals play an important role (Chou et al., 2002), while individual emotional reactions
are influenced by group pressure and show involuntary, unconscious herding behavior
in response to the presentation of a psychological situation, while this behavior is trig-
gered by a message or a series of messages (Xiao, 2020). Based on the above phenomena,
the authors propose a second hypothesis:
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Hypothesis 2: Both optimistic and pessimistic allocated investors are susceptible to market
volatility, and may stick to or abandon their original ideas, creating herding effects, and
there may be self-influencing factors of investor traits.

4. Research method

4.1. Time period

Under different market conditions, investors will react differently to the same infor-
mation (Lee et al., 1991; Ljungqvist et al., 2006). In the perspective of this theory,
investors’ behavior will differ at different stages of investor sentiment. Figure 1 shows
that investor sentiment in China’s stock market is extremely similar to the volatility
of the broad market index. The current study divides the period into bull markets
and bear markets based on the NBER (National Bureau of Economic Research) busi-
ness cycle (Bry & Boschan, 1972) and validity, followed by a combination of opti-
mism and pessimism from the ISI investor sentiment indicator (Wei et al., 2014) to
divide the time horizon of the current study from the stock market and combining
the fluctuations in Figure 2, which are optimistic bull market (2006-08-07 to 2007-
10-17, and 2014-10-27 to 2015-06-12), and pessimistic bear markets (2007-10-18 to
2008-11-04, and 2015-06-15 to 2016-01-28). A recession implies a significant decline
in economic activity is underlined by using NBER, then the above decline extends to
the entire economy besides lasting for more than several months. A timeline of US
business cycles is preserved by NBER Business Cycle. The chronology recognizes the
dates that constitute the peaks besides valleys of the economic recession as well as
expansion. The outline of economic prosperity as well as depression that modern

Figure 1. SSE Index and ISI Investor Sentiment Index (2003.2-2020.11).
Note: SSE stands for Shanghai Stock Exchange and it is otherwise called as SSE Composite Index. SIPF has only been
publishing the China Securities Market Investor Confidence Index since April 2008, so the index is limited in terms of
time horizon, and this study selects the ISI Investor Sentiment Index with a larger time horizon. The index formula is:
ISIt ¼ 0.64NAt þ 0.521TURNt-1þ 0.229CCIt-1þ 0.351DCEFt-1þ 0.227NIPOt þ 0.463RIPOt, NA¼New accounts,
TURN¼ Turnover, CCI¼ Consumer Confidence Index, DCEF¼ Closed-end fund discount, NIPO¼Number of IPOs,
RIPO¼Average first-day return.
Source: drawn by authors.
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economy exhibits in the business cycle. It is significant since they affect effectiveness
and eventually regulate the success of the business.

4.2. Objects and variables

The population of this study is all A-share IPOs during the optimistic bull market
and pessimistic bear market, of which there are 505 study subjects. Among them,
since China’s stock market officially implemented the Tþ 1 trading system in 1995,
this makes the first-day turnover rate a good observer to measure the flipping level.

According to Hypothesis 1, an indicator of the number of IPO flipping on the first
day of a listing is selected as the explanatory variable, which is measured by the IPO
first-day turnover rate (Shao et al., 2011). The investor sentiment indicator is also
selected as the explanatory variable, which is measured by the A/D line and Arms
index (Zhang & Liao, 2009). These indicators were then subjected to cross-sectional
regressions to test the theoretical hypotheses, the settings and definitions of these
variable indicators are shown in Table 1.

According to Hypothesis 2, IPOs in the time horizon are divided into two subsam-
ples based on differences in investor sentiment: Sample 1 for optimistic bull markets
and Sample 2 for pessimistic bear markets, where Sample 1 contains a total of 344
IPOs and Sample 2 contains a total of 161 IPOs. cross-sectional regressions are then
conducted separately to test the theoretical hypothesis and compare the differences in
regression parameters between them.

The number of IPO flipping on the first day of listing indicator is selected as the
explanatory variable, which is measured by the IPO first-day turnover rate (Shao
et al., 2011). The IPO stock trait, market volatility, and macro environment indicators
are also selected as explanatory variables, among which the IPO stock traits are meas-
ured by the online issue winning rate and the initial issue price, and market volatility

Figure 2. SSE Index Variable Values and ISI Investor Sentiment Index Variable Values
(2003.2-2020.11).
Source: Variable values are the current period value minus the previous period value.
Source: drawn by authors.
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indicators are measured by three variables: the first-day IPO rise and fall, the SSE
Index Amplitude, the rise and fall of the ten-year Treasury bond, and the macro
environment indicators are measured by the 9M inflation index and the ten-year
Treasury bond yield. The 10-year Treasury bond yield is an important economic
benchmark then affects several interest rates. At the time of 10-year yield rises, mort-
gage interest rates besides other loan interest rates also rise. The settings and defini-
tions of these variable indicators are shown in Table 2.

4.3. Models

A statistical methodology that utilizes multiple explanatory variables to envisage the
result of a response variable is termed as Multiple Linear Regression (MLR). It is also
called as multiple regression. The extension of Linear Regression (OLS) is multiple
regression which utilizes only one explanatory variable. To display the connection
among a continuous response variable besides consistent else unmitigated informative
factors, multiple linear regression is utilized. Review that basic direct relapse can be

Table 1. Description of variables for Hypothesis 1.
Nomenclature Variables Definitions

TIPO First-day turnover rate Change of hands at the close of the first day of IPO
ADL Advance/Decline line The index is calculated and observed by the number

of stocks rising or falling each day, reflecting the
popularity of the stock market. The formula is: moving
total number of rising stocks in the calculation period /
moving total number of falling stocks in the calculation period.

ARM Arms index The daily index, which is an advance/decline line
combined with volume, is calculated as
R(number of stocks up/volume up)/
R(number of stocks down/volume down).

Source: the first-day turnover data from Wind database, the A/D line and Arms index data from CSMAR database.

Table 2. Description of variables for Hypothesis 2.
Nomenclature Variables Definitions

TIPO First-day turnover rate Change of hands at the close of the first day of IPO
WIPO Winning rate IPO online issue winning rate
PIPO IPO price IPO issue price
GIPO First-day share price up

or down
Growth rate of IPO closing price on the first day

of IPO relative to the issue price
SSEA SSE index amplitude The highest value of the day’s SSE minus the lowest value
GTNX Ten-year treasury bonds

up or down
The growth rate of the closing price of the 10-year

Chinese government bond relative to the issue
price on the same day

9MCPI 9M inflation index The index consisting of CPI (consumer price index) and
PPI (producer price index) sub-indicators, adopts a 0-1
index system, with 1 being the best and 0 being
the worst. The relative positions of the original
indicators in the past period are calculated, and
the weighted index values are obtained by summing
according to the weights, and the final index is
obtained by smoothing.

YTNX Ten-year treasury yield Yield at the close of the day on the ten-year treasury
bond, an important reference indicator
for risk-free returns.

Source: All data in the table are from the Wind database.
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utilized to foresee the worth of a reaction dependent on the worth of a continuous
predictor variable. The multiple linear regression analysis model is the most widely
used one among various methods of multivariate statistical analysis, which is a math-
ematical and statistical method to deal with the interdependence between multiple
variables. A statistical procedure used to analyze information that contains more than
one kind of evaluation else observation is said to be multivariate analysis. This can
also mean resolving the issues of simultaneous analysis of multiple dependent varia-
bles besides other variables. Since the interdependence between variables is abundant
in practical problems, regression analysis is an effective mathematical method to
study such interdependence. Depending on the requirements of the actual problem,
the dependence of one or several of the variables on the remaining variables is exam-
ined (Wooldridge, 2007). The general form of the regression model is:

y ¼ b0þ b1þ x1þ b2þ x2 � � � þ bp xpþ e (1)

where the random variable y is called the explained variable (dependent variable), x1,
x 2, … , xp are called the explanatory variables (independent variables), and b0, b1,
… , bp are called the coefficients of the multiple linear regression model. The inner
meaning of the multiple linear regression model is to solve for the value of b by the
least-squares method. A mathematical technology which permits determining the best
method to fit the curve at the top of the information point plot is said to be as Least
Square Method (LSM). To facilitate the interpretation of scatter plots, LSM is broadly
utilized then it is linked with regression analysis. The general form of the least square
method is:

b ¼ ðxTxÞx1xTy (2)

In addition to this, there are two important prerequisites for using a multiple linear
regression model, the first one is that x (j¼1, 2, … , p) contains no random components
and is a deterministic variable. The second is that there is no perfect covariance between
x1, x2, … , xp, and it is necessary to test whether there is multicollinearity among the
variables (Wooldridge, 2007). To identify the range of a particular dependent variable
depends on the ranges of two else additional independent variables, multiple regression
methods are utilized by statistical analysis. Also, we can say it as, there could be multi-
collinearity if the two independent variables are highly interrelated. In order to further
investigate the effect of the above cross-sectional data on the first day flipping behavior,
this study adopts a multiple linear regression model and uses a stepwise regression
method, which can also test the presence of multicollinearity is tested.

5. Study results

This section presents the empirical results for hypothesis 1 and hypothesis 2, respect-
ively. Firstly, the results in Table 3 show that hypothesis 1 holds in the time frame of
the empirical evidence.

Next is the comparative analysis of the results in Tables 4 and 5. The results show
that hypothesis 2 also holds in the time horizon of the empirical evidence, where the
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same indicator fluctuations produce opposite effects under different investor sentiments
and there is a significant herding effect, and the results are analyzed in terms of IPO
stock trait indicators, market volatility indicators, and macro environment indicators.

5.1. Hypothesis 1

The results of the regression on Hypothesis 1 are shown in Table 3. It can be seen from
regression (1) (4) that the regression coefficients of the A/D line between the two have
positive and negative signs, and both are significant at the 1% level, while it can also be
seen from regression (2) (5) that the regression coefficients of the Arms index between
the two have positive and negative signs, and both are significant at the 5% level.

This means that when allocated investors are in an optimistic bull market, the
information they receive is mostly positive. After receiving the information, they are
optimistic about the future, expecting higher returns in the future, thus inhibiting
their flipping behavior. On the contrary, when the allocated investors are in a pessim-
istic bear market, the information they receive is mostly not positive and become pes-
simistic about the future, then they will generate flipping in order to reduce their
risk. In the IPO sense, flipping is referred as the resale of shares through investors in
the first day else weeks next to an IPO. The specified investors benefited since the
initial hot-topic IPO boom. The IPO price will rise repeatedly on the first day, result-
ant in a value much higher than the intrinsic value created through the excess return.

5.2. Hypothesis 2

Figure 2 shows a graphical comparison of the arithmetic averages of the different fac-
tors, which clearly shows the difference in the performance of the indices in two mar-
kets with different sentiments, Ten-year treasury bonds up or down and Ten-year
treasury yield, which are diametrically opposed.

5.2.1. IPO stock trait indicators
The cross-sectional regression results for both samples of Hypothesis 2 are presented
in Tables 4 and 5. As can be seen from regression (1), the regression coefficients for

Table 3. Cross-sectional regression results for Hypothesis 1.
Optimistic
Bull Markets

Pessimistic
Bear Markets

Optimistic
Bull Markets

Pessimistic
Bear Markets

Optimistic
Bull Markets

Pessimistic
Bear Markets

(1) (4) (2) (5) (3) (6)
ADL �0.005���

(-2.48)
0.006���
(2.53)

�0.0006
(-0.27)

0.005�
(1.68)

ARM �10.75���
(-5.07)

14.81��
(1.94)

�10.46���
(-4.39)

4.82
(0.50)

Constants 29.09���
(15.62)

53.16���
(18.12)

38.81���
(13.97)

40.14���
(5.93)

38.66���
(13.63)

49.12���
(5.72)

Adjusted R2 0.01 0.03 0.07 0.02 0.06 0.03
Observations 344 161 344 161 344 161

Note: (1) t values are reported in parentheses. (2) ���, ��, and � indicate that the significance level is 1%, 5%, and
10%, respectively. (3) All of the above regressions passed the general measurement tests of multicollinearity and
heteroskedasticity.
Source: drawn by authors.
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the online offering winning rate are both negative and significant at the 1% level,
with an adjusted R-squared of only 7% for sample 1 and up to 18% for sample 2.
This implies that the higher the winning rate of the online offering, the smaller the
amount of flipping by the allocated investors, whether they are in an optimistic bull
market or a pessimistic bear market. The R-squared value ranges from 0� 1, then it
is generally expressed as 0% � 100%. If the value reaches 100%, it means every
change in the value (else other dependent variables) is fully explained through
changes in the index (else the independent variable you are interested in). On the
other hand, regression (2) shows that the regression coefficients of the initial offering
price are negative and significant at the 5% level, with an adjusted R-squared of 10%
for sample 1 and only 2% for sample 2, indicating that the higher the initial offering
price, the smaller the number of flipping by allocated investors, regardless of the cycle
they are in. From the perspective of classical economics, if IPO stocks are treated as a
commodity, the lower the scarcity and higher the cost, the less the flipping behavior
of allocated investors, while the higher the scarcity and lower the cost, the more the
flipping behavior of allocated investors, which shows that there is a non-negligible
speculative behavior in IPO subscriptions of China’s stocks.

5.2.2. Market volatility indicators
When three more control variables are added to regression (3), namely, the first-day
share price up or down, the SSE index amplitude and the ten-year treasury bonds up
or down, regression (4) shows that the regression coefficients of the first day of listing
are positive in both samples and are significant at the 1% level, indicating that the
greater the first day of listing, the greater the flipping behavior of the allocated invest-
ors, regardless of the market sentiment. This result is consistent with the findings of
Aggarwal (2003) and Bayley et al. (2006), which suggest that the phenomenon follows
the herding effect. SSE stands for Shanghai Stock Exchange and it is otherwise called
as SSE Composite Index. A stock index of entire stocks like A shares & B shares
traded on the Shanghai Stock Exchange. By utilizing the base period of 100, the SSE
index is computed.

The results of regression (5) show that the SSE index amplitude is negative and sig-
nificant at the 1% level under Sample 1, while the regression coefficient of the SSE index
amplitude under Sample 2 is negative and significant at the 1% level in regressions (7)
(8) (9) (10), which also implies that regardless of the market sentiment, the greater the
SSE index amplitude, the less the allocated investors’ flipping. The greater the SSE index
amplitude, the less the flipping behavior of allocated investors. This also indicates that
the greater the reduction in the SSE index, the lower the flipping behavior of allocated
investors even in a pessimistic bear markets where the SSE index keeps falling.

The results of regression (6) (7) (8) (10) show that the ten-year treasury bonds up
or down are negative and significant at the 5% level under Sample 1, which means
that the ten-year treasury bonds up or down are also one of the factors that affect the
first-day flipping level of allocated investors in a pessimistic bear market, while the
ten-year treasury bonds up or down are not significant under sample 2. This indicates
that when allocated investors are in an optimistic bull market, fluctuations in the
risk-free rate inhibit first-day flipping behavior, and when the risk-free rate is in an
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uptrend, the less first-day flipping behavior there is. The hypothetical rate of return
on a zero-risk investment is said to risk-free rate of return. The investor’s expected
interest on investment is indicated by risk-free rate, i.e., absolutely risk-free in a given
period of time.

5.2.3. Macro environment indicators
The regressions (8) (10) show that the regression coefficients of the 9M inflation
index are positive and significant at the 1% level for both samples, indicating that an
increase in the level of inflation exacerbates the first-day flipping behavior of allocated
investors, which implies that a decrease in the purchasing power of money exacer-
bates the first-day flipping cash-out behavior.

On the other hand, the regression coefficient of the ten-year treasury yield is negative
in Sample 1 and positive in Sample 2, and is significant at the 1% level, indicating that
in an optimistic bull market, the higher the risk-free rate, the lower the first-day flipping
behavior of allocated investors, while a pessimistic bear market, the higher the risk-free
rate, the higher the first-day flipping behavior of allocated investors.

This result, combined with the results of regression (6), indicates that in an opti-
mistic bull market, the level and direction of volatility of the risk-free rate are consist-
ent with the first-day flipping behavior of the allocated investors, suggesting that a
higher level and upward volatility of the risk-free rate increases the expected return
of the allocated investors and reduces the flipping behavior in order to obtain higher
returns in the future. However, in a pessimistic bear market the opposite is true, as
higher risk-free rates reduce the expected returns of allocated investors, thus acceler-
ating the first-day flipping behavior of allocated investors.

6. Discussion

This paper investigates the impact of IPO stock trait indicators, market volatility, and
macro environment on investor decision-making behavior under different investor
sentiments by hypothesizing the existence of different effects of different investor sen-
timents on investor decision-making behavior. For the empirical analysis, this paper
uses eleven types of data from the above three categories of indicators for cross-sec-
tional regressions and pioneers the use of daily data with a time interval covering the
period 2006–2016.

Regardless of the market cycle of the allocated investors, the level of first-day flip-
ping is influenced by the winning rate and the IPO price, but also depends on the
first-day share price up or down and the SSE index amplitude. The greater the vola-
tility of the first day of listing, the greater the number of flipping, which seems to be
consistent with the ‘disposition effect’ in behavioral finance (Shefrin & Statman,
1985). The disposal effect means that we tend to sell assets that have obtained finan-
cial gains prematurely, though holding assets that lose money at the same time, which
is incompatible with the understanding of utility theory. If the issue price is used as a
fixed reference point in the utility function of the allotted investors, the utility func-
tion of the allotted investors is risk-averse above the reference point, and the higher
the increase of the share price relative to the issue price in the transaction, the
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stronger the tendency of the allotted investors to sell the shares to realize the profit.
At the same time, the greater the SSE index amplitude, the smaller the number of
flipping, and the increase in the inflation index also increases the number of flipping.

When allocated investors are in an optimistic bull market, they have higher psy-
chological expectations of future returns, and their optimism will inhibit first-day
flipping behavior, while the increase in the level of risk-free interest rates and the rise
of the broad market index will also inhibit first-day flipping behavior. To some
extent, the increase in the level of risk-free interest rates and the rise of the broad
market index increase the expected returns of allocated investors, and allocated
investors tend to sell in the future. Figures 3 and 4 also clearly show the difference in
first-day flipping data between the two market sentiments (Figures 4 and 5).

When allocated investors are in a pessimistic bear market, they have lower psycho-
logical expectations of future returns and their pessimism will promote first-day flip-
ping behavior, while an increase in the risk-free rate level will promote first-day
flipping behavior. However, in general, an increase in the level of risk-free rates raises
the expected return of allocated investors. This suggests that it may be due to the pes-
simism of the allocated investors that increases their aversion to risk, which makes
the risk-free rate products to some extent substitute the flipping for profits, and the
allocated investors who are eager to take profits and leave the market tend to flip on
the first day and then buy the funds into the risk-free rate related products which is

Figure 3. The bubble plot of stepwise regression coefficient of Hypothesis 2.
Note: (1) Data with significant levels below 10% in different factors were selected and processed for arithmetic aver-
aging. (2) The ratio of the arithmetic mean of the different factors is the ratio of the graph area.
Source: drawn by authors.
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a lower expected return for the allocated investors, contrary to the traditional explan-
ation of financial asset pricing. On the other hand, the increase in the magnitude of
the decline of the broad market index will inhibit the first-day flipping behavior.
However, the general perceptions are that the allocated investors should increase the
flipping behavior in the pessimistic mood, indicating that it may be due to the higher

Figure 4. “IPO Winning Streak Days” in the optimistic bull market.
Source: drawn by authors.

Figure 5. “IPO Winning Streak Days” in the pessimistic bull market.
Note: (1) IPO Winning Streak Days refers to the number of consecutive up days with the first day of IPO as the first
day. (2) In the time range of sample 2, new policy factors appear to limit the daily rise and fall of IPO stocks, resulting
in longer stock price rise and fall cycles, so the statistical time range of Figures 3 and 4 is only within sample 1.
Source: drawn by authors.
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expected return of the allocated investors on the flipping behavior when the greater
the reduction of the broad market index, the allocated investors are more inclined to
sell in the future when the broad market index rises to obtain higher returns. In fact,
there is non-herding behavior among allocated investors even under the influence of
pessimistic sentiment.

In a theoretical sense, the empirical results of this paper in different investor senti-
ment contexts strongly support the case that investors’ limited rationality and risk
aversion are reflected in different sentiments, and provide a new perspective and
exploration possibility for asset pricing in behavioral finance: there may be differences
in the way assets are priced in different sentiment cycles. For example, the risk-free
interest rate factor in the empirical process of this paper behaves diametrically oppos-
ite in different sentiment cycles, which implies that there is some possibility for this
hypothesis. This provides some evidential support for further, more precise explor-
ation in this area. Secondly, the anomalous phenomenon supports prospect theory
that that the greater the decline in the broad market index during a pessimistic bear
market, the more inclined the allocated investors are to sell in the future when the
broad market index rises in an attempt to gain higher returns, suggesting that there
is still limited rationality (the anchoring of IPO historical returns) for investors to
take investment decisions under pessimism.

And in a practical guidance, one important finding is that, in addition to the four
factors of investor sentiment, IPO stock trait, market volatility, and macro environ-
ment, the expected return of allocated investors is also an important factor influencing
the first-day flipping. Although there is herding behavior of allocated investors in most
cases consistent with the general perception, some perverse behavior is produced due
to the difference in the level of risk aversion and expected return of allocated investors
in different market sentiments. This phenomenon is of great significance to market par-
ticipants, as a series of factors can ultimately affect investors’ expected returns, making
them make very different investment decisions, and the observation and understanding
of this phenomenon can help market participants to scientifically set their own invest-
ment decisions and risk control. From the perspective of financial regulators, especially
in immature emerging markets, they can monitor the fluctuations of relevant factors
and provide some preventive and control plans to avoid excessive market emotions and
prevent financial risks from the perspective of decision-making behavior.

7. Conclusion

From the statistical results of the IPO winning streak days, more than half of the IPO
shares reached the highest yield on the first day, and the proportion of IPO shares
that could achieve a sustained rise of four days is less than 4%, so choosing to flip on
the first day is the most rational choice of the allocated investors.

The above series of discussions and empirical results suggest that four factors,
namely investor sentiment, IPO stock trait, market volatility, and macro environment,
have an important impact on IPO first-day flipping and are important drivers of it,
while classical economics and behavioral finance perspectives explain part of this ser-
ies of phenomena very well. In terms of the properties of the commodity, regardless
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of the sentiment, IPO first-day flipping behavior is influenced by the scarcity and
cost qualities of the stock. At the same time, market volatility can have an impact on
first-day IPO flipping behavior, but market volatility does not always exacerbate first-
day IPO flipping behavior; rather, such volatility triggers the expected rate of return
within allocated investors, further inhibiting or facilitating flipping behavior. This
shows that allocated investors are generally rational people who seek to maximize
their interests. However, due to the risk aversion factor, allocated investors may also
exhibit some perverse behavior, especially under pessimistic sentiment, such as rising
market risk-free rates that may exacerbate first-day IPO flipping behavior.

As for the anomaly of non-herding behavior, the mechanism of operation under
the trigger theory suggests that market volatility and changes in the macro environ-
ment trigger changes in the expected return and the degree of risk aversion of the
allotted investors, and the allotted investors combine the effects of these two factors
to reinforce or change their own IPO first-day flipping behavior. Therefore, the two
characteristics of allocated investors, namely expected return and risk aversion, are
the deeper causes of first-day IPO flipping behavior and deserve further exploration.

This paper presents strong evidence on the impact and role of different investor
sentiment cycles on investors’ investment decisions in China’s IPOs, but our study
also has some limitations. First, investor sentiment uses indirect indicators (market
indicators), but any empirical analysis of direct measures based on sentiment may
provide more important information because of its stronger relevance. Another limi-
tation is that the stock market under study is relatively short established and the
empirical results may be subject to some chance, a comparative study with other
emerging markets, (e.g., Malaysia, Pakistan) is needed to observe whether differences
and anomalies in investor decision making behavior also exist in similar emerging
markets across different investor sentiment cycles.

Finally, for future research, firstly, if the sample size is large enough, research can
be conducted by industry to observe whether there are different effects of different
investor sentiment cycles in different industries and then the situation of several
emerging markets can be compared with the international comparative perspective,
and then compared with the situation of international developed markets which will
provide a more intuitive understanding and insight into the impact of different
investor sentiment cycles.
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