
University of Texas Rio Grande Valley University of Texas Rio Grande Valley 

ScholarWorks @ UTRGV ScholarWorks @ UTRGV 

Sociology Faculty Publications and 
Presentations College of Liberal Arts 

4-21-2023 

Social Spending, Poverty, and Immigration: A Systematic Analysis Social Spending, Poverty, and Immigration: A Systematic Analysis 

of Welfare State Effectiveness and Nativity in 24 Upper- and of Welfare State Effectiveness and Nativity in 24 Upper- and 

Middle-Income Democracies Middle-Income Democracies 

Amie Bostic Phd 

Allen Hyde 

Follow this and additional works at: https://scholarworks.utrgv.edu/soc_fac 

 Part of the Sociology Commons 

https://scholarworks.utrgv.edu/
https://scholarworks.utrgv.edu/soc_fac
https://scholarworks.utrgv.edu/soc_fac
https://scholarworks.utrgv.edu/cla
https://scholarworks.utrgv.edu/soc_fac?utm_source=scholarworks.utrgv.edu%2Fsoc_fac%2F55&utm_medium=PDF&utm_campaign=PDFCoverPages
https://network.bepress.com/hgg/discipline/416?utm_source=scholarworks.utrgv.edu%2Fsoc_fac%2F55&utm_medium=PDF&utm_campaign=PDFCoverPages


Original Article

Social Currents
2023, Vol. 0(0) 1–39
© The Southern Sociological Society 2023

Article reuse guidelines:
sagepub.com/journals-permissions
DOI: 10.1177/23294965231169253
journals.sagepub.com/home/scu

Social Spending, Poverty, and
Immigration: A Systematic
Analysis of Welfare State
Effectiveness and Nativity in
24 Upper- and Middle-Income
Democracies

Amie Bostic1 and Allen Hyde2

Abstract
Previous research has highlighted the disadvantaged position immigrants often face in the
economy, particularly when it comes to labor market outcomes such as employment or earnings.
Extending this literature, the present study evaluates the economic exclusion of immigrants,
conceptualized not as labor market outcomes but as relative poverty. This study examines the
relationship between welfare generosity and immigrant poverty across rich western democracies
and compares this relationship with that of native poverty. One publicly held belief is that im-
migrants disproportionately benefit from welfare generosity, while the literature on welfare
chauvinism suggests greater social spending may not necessarily benefit immigrants. Furthermore,
the effects may vary by spending and immigrant type. This study uses the Luxembourg Income
Study to consider differences in the effects of welfare generosity on the odds an immigrant or
native household is poor, how this effect varies by the type of spending, and how the effect
changes depending on factors such as region of origin or citizenship status. Using four waves of
data circa 2004 to 2014 across 24 upper- and middle-income democracies, the results show some
support for welfare chauvinism and advantages to being an intra-EU immigrant and citizen
immigrant.
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Introduction

Over the last few decades, upper- and middle-
income nations have experienced precipitous
growth in migration. Relative net migration
increased three-fold between 1972 and 2007
(World Bank 2021). The rise in immigration
has diversified what have often historically
been relatively homogeneous populations
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(Alesina et al. 2003), creating tensions between
immigrants and natives (Semyonov, Raijman,
and Gorodzeisky 2006). With this growth in
immigration and diversity have come concerns
about immigrant cultural, social, and economic
incorporation. Such concerns are warranted, as
immigrants frequently experience several types
of social exclusion. Immigrants often face
worse outcomes in the labor market relative to
native-born workers and are typically placed in
less stable occupations with lower wages
(Emmenegger et al. 2012). This is due to a
variety of factors like immigrants’ levels of
education, language skills, job skills, social
capital, structural discrimination, or racism
(King and Rueda 2008). As a result, immi-
grants generally have higher levels of poverty
than native populations (Luxembourg Income
Study 2021).

These challenges often not only lead to
worse economic outcomes, but they also hinder
immigrants’ incorporation into society and the
economy. Rising inequality and poverty is a
trend in many affluent and middle-income
countries in recent decades. However, wel-
fare state policies can be effective at reducing
income inequality (Doorley, Callan, and
Savage 2021) and poverty (Brady 2009), by
providing automatic stabilization, or non-
market income transfers even when market
incomes are disrupted or jobs are lost. Given
their disadvantage position in the labor market
and society more generally, the welfare state
may provide a particularly protective role for
immigrants; however, they may be less able to
access these benefits than natives. Previous
research has considered how these effects may
differ but has often used a limited sample (e.g.,
Blume et al. 2007; Kesler 2015; Morissens and
Sainsbury 2005) or only general measures of
the welfare state (e.g., Römer 2017). The
current literature is less clear how and if
spending on specific welfare state policies af-
fects immigrant and native-born residents dif-
ferently across a range of affluent,
industrialized democracies.

In this paper, we evaluate whether strong
welfare state policies in upper- and middle-
income nations benefit households with

immigrant and native-born members similarly
by reducing their risk of poverty. Because
many immigrants arrive with low levels of
education and/or language skills, access to
government services, such as language training
and housing assistance, may help them avoid
poverty. Yet, some immigrant groups likely
face welfare state exclusion due to their citi-
zenship status, country of origin, or other
characteristics, limiting the effects of the
welfare state on poverty. Further, different
types of welfare state spending and policies
may have varying effects on poverty for
households containing immigrants.

Specifically, this study evaluates whether
overall social spending, unemployment
spending, health spending, spending on active
labor market policies (ALMP), and family
policy spending reduce the risk of poverty for
immigrants and natives similarly, and whether
spending on certain policies provides any
greater benefits for immigrants over other
policies. Using micro-data from the Lux-
embourg Income Study (LIS) for 24 upper- and
middle-income democracies for four waves of
data circa 2004 to 2014, we estimate two-way
fixed effects logit models on the odds of
household relative poverty for a pooled data set
containing over 2.23 million households in 86
country-years.

Overall, our analyses suggest that while
immigrants in strong welfare states are typi-
cally somewhat less likely to be poor than
immigrants in weak welfare states, natives
experience a much stronger effect of welfare
generosity. As a result, as social spending in-
creases, immigrant and native households face
quite different probabilities of poverty. This
finding gives support for arguments related to
welfare chauvinism, which claim greater social
spending is often reserved for and restricted to
natives. However, the effects vary by immi-
grant type and spending type.

In what follows, we summarize the main
theoretical framework of the paper. First, we
provide an overview of the theoretical literature
on welfare states and poverty, as well as the role
of immigrant status and internal variations
within this group. Second, we discuss the data
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and methods for the paper. We then present the
results and outline our conclusions.

Poverty, the Welfare State,
and Immigration

While immigrant incorporation has many
facets and attributes, this paper is centered on
poverty. Unlike labor market outcomes, such as
wages or employment, poverty considers ex-
clusion and deprivation, not just attainment.
Poverty is associated with social exclusion:
marginalization or isolation from the commu-
nity (Silver 1994). Without the ability to par-
ticipate in society economically, it is unlikely
immigrants will be incorporated socially.
Similarly, poverty acts as a measure of depri-
vation: the inability to participate in society
(Sen 1999). While, certainly, labor market at-
tachment and wages provide a means of social
inclusion and ability to participate in society,
measures of poverty provide greater insight
into whether immigrants are likely to experi-
ence social inclusion. It is possible an immi-
grant could be employed but still excluded
from participating in large sections of the
economy and society due to their low wages or
low-status job, especially since the immigrant
population is often bifurcated between high and
low skilled workers (Portes and Rumbaut
2006). Furthermore, unlike labor market out-
comes, poverty can examine economic con-
ditions in households, not just individuals. This
is because poverty assesses an individual’s
access to financial resources as well as the
pooling of risk and resources within the
household. Finally, unlike labor market out-
comes, poverty can gauge the economic po-
sition of individuals who may not be able to
participate in the workforce, such as children,
retired, or disabled people.

When it comes to shaping poverty and
mobility in a society, the welfare state has been
shown to reduce poverty among the overall
population (Brady 2009), single mothers
(Misra, Moller, and Budig 2007), women
(Huber et al. 2009), the employed (Brady,
Fullerton, and Cross 2010), and children

(Heuveline and Weinshenker 2008). While
much of the work on the welfare state and
poverty has focused on the overall population,
and particular at-risk groups, immigrants have
been less central to this research. Despite the
disadvantaged position of immigrants in the
labor force (Demireva and Kesler 2011; Fullin
2011; Kogan 2011; Laganà 2011), the gener-
osity of social programs and policies could
counter these negative economic outcomes and
provide economic inclusion comparable to
native-born households. Building on this ex-
pectation of similar effects, we pose our first
hypothesis.

Hypothesis 1: Social spending will reduce
the probability of poverty similarly for
immigrant and native households.

The evidence supporting the relationship
between the welfare state and poverty has been
strong and convincing. However, there is also
reason to believe that the welfare state may not
benefit immigrants in the same way it benefits
other demographic populations, including na-
tive populations. In fact, some research has
shown generous welfare states to be detri-
mental to the incorporation of immigrants. For
example, Ruud Koopmans (2010) finds that
immigrants in countries with generous benefits
may still have difficulty integrating, experi-
encing low labor market participation, high
levels of segregation, and overrepresentation
among those convicted of crimes. By providing
strong benefits and placing less emphasis on
integration into the labor market, high levels of
dependence on public assistance among im-
migrants could potentially develop.

Another reason immigrants may not see the
same effects as natives from stronger welfare
states connects to the idea of welfare chau-
vinism. According to this theory, native pop-
ulations respond to immigration by increasing
social spending. However, this increased
spending is limited to provisions for native
populations (Careja and Harris 2022). As a
result, greater social spending may have a
weaker effect on immigrant populations. For
these reasons, our second hypothesis states:
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Hypothesis 2: Social spending will reduce
the probability of poverty for natives more
than immigrant households.

In contrast to the previous hypothesis, it is
also plausible immigrants will have a more
substantial reduction of their probabilities of
poverty than natives with greater social welfare
generosity. Due to their often-disadvantaged
position economically and in the labor mar-
ket relative to natives, immigrants may have
more to gain when social spending is greater,
experiencing an especially protective effect.
Furthermore, previous research has highlighted
a connection between greater welfare gener-
osity and greater targeting (Brady and Bostic
2015), meaning that larger welfare states focus
some of their greater spending on particular
groups. If targeted groups include those most at
risk of poverty, immigrants should see a larger
reduction in poverty than natives with greater
spending. Moreover, this reasoning is further
supported by research that counters claims
related to welfare chauvinism, finding generous
welfare states are more likely to grant immi-
grants access to welfare benefits (Römer 2017).
Therefore, with greater social spending, im-
migrants may experience greater reductions in
their odds of poverty than natives. This claim
informs our third hypothesis:

Hypothesis 3: Social spending will reduce
the probability of poverty for immigrants
more than native households.

Thus far, however, these hypotheses have
been very general, treating all immigrants and
all social spending the same. Yet one important
gap in the literature on welfare states and
poverty is the need to examine differential
effects by spending type. Particularly, prior
research has called attention to the inability of
the traditional welfare state to protect from new
social risks (Esping-Andersen 1999; Huber and
Stephens 2006). Given their frequent position
as an “outsider” (Rueda 2005, 2014), the ef-
fectiveness of the traditional welfare state for
immigrants relative to natives should also be
examined and alternatives must be considered.
For example, traditional welfare benefits are

connected to labor force participation and serve
as a replacement for work in the event of ill-
ness, job loss, or retirement (Huber and
Stephens 2006). Likewise, benefit generosity
and allocation are sometimes tied to the level
and length of labor force participation (Esping-
Andersen 1990). Because immigrants are more
likely to experience unemployment (OECD
2021), precarious employment, and employ-
ment discrimination (Taran 2011), generosity
of work-dependent benefits, such as unem-
ployment relief, are likely to provide better
protection for natives than immigrants. Yet
policies to encourage labor market participa-
tion, retrain for better labor market placement,
and/or temporarily substitute for lack of labor
force participation irrespective of prior labor
force participation, such as active labor market
programs, may be able to better address the
unique risks faced by immigrants.

On the other hand, health and family poli-
cies are often provided to all and are less
likely to be connected to income or em-
ployment. Especially as immigrant families
are often larger than native families
(Sainsbury 2012), family policy spending or
health spending may be disproportionately
beneficial for immigrants. For example, in a
comparison of two generous welfare states,
Sweden and Denmark, the structure of family
benefits plays a key role in immigrant poverty
differences (Blume et al. 2007). Another
possibility is that welfare chauvinism is more
prevalent for some policies than others. Tina
Goldschmidt (2015) finds old-age and sick-
ness assistance does not respond to out-group
sentiment but unemployment insurance does.
She further concludes that means-tested
benefits are less popular than universal
benefits, particularly among those who
demonstrate some ethnic prejudice. There-
fore, our fourth hypothesis is:

Hypothesis 4: Social spending benefits
typically tied to work or restricted by im-
migrant status should reduce poverty for
immigrants less than natives, while more
universal benefits should benefit them ap-
proximately as much as natives.
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Finally, up until now, our discussion has
largely treated immigrants as a monolithic
group. However, that is not the case. Immi-
grants come from increasingly varied back-
grounds and are prompted to migrate by
differing motivations. Much attention has been
given to growing non-Western, non-Christian
immigrant populations, who are less likely to
receive a warm welcome (Bansak,
Hainmueller, and Hangartner 2016; Dahl and
Krog 2018). Similarly, the expansion of the
European Union (EU) has opened borders
between Eastern andWestern Europe, resulting
in many Eastern Europeans moving West for
economic opportunities (Windzio, Teney, and
Lenkewitz 2021).

Beyond variations in demographic charac-
teristics, country of origin, citizenship status,
and the immigrant composition of households
are all likely to create differential effects. Each
factor may change the influence of the welfare
state on poverty. After all, a major challenge for
immigrants is likely to be access. For example,
in the U.S., only naturalized immigrants are
eligible for non-contributory benefits, with the
exception of refugees (Sainsbury 2006). Sim-
ilarly, in Germany, long-term use of social
assistance by immigrants can lead to their re-
moval and denial of any citizenship applica-
tions (Diehl and Blohm 2003:142–43).
Another obstacle to receiving benefits is nav-
igating the welfare bureaucracy and over-
coming the language barrier (Barrett and
McCarthy 2008; Koehn 2009). Likewise,
considering the racialized nature of welfare
distribution in the U.S. in which minorities
(Latinx and Black) often receive heavier wel-
fare sanctions (Schram et al. 2009) and prej-
udice against non-Western immigrants in
Europe (Fietkau and Hansen 2018), non-
Western immigrants may receive fewer bene-
fits, as well as households containing no native
residents.

Further, particularly within EU countries,
intra-EU immigrants and non-EU immigrants
are likely to have different experiences with the
welfare state. Not only due to their Western
identity, but also due to access. Intra-EU mi-
grants generally receive the same social

benefits as natives. As a result, they should
have a relationship between social spending
and poverty similar to natives, while non-EU
immigrants may see a weaker effect. This is
supported by previous research confirming a
non-EU penalty, relative to EU immigrants
(Lelkes and Zólyomi 2011). Similarly, citi-
zenship status is also likely to play a role in
benefits access and, as a result, the effects of
social spending on poverty. In their article
examining the racial/ethnic dimension of im-
migrant social rights, Ann Morissens and Di-
ane Sainsbury (2005) find the role of
citizenship in accessing the welfare state to be
central to variations in poverty among resi-
dents, with non-citizen households having
higher rates of poverty than citizen households,
especially ethnic minority, non-citizen house-
holds. This provides the basis for our final two
hypotheses:

Hypothesis 5: Intra-EU and Non-EU im-
migrant households will be differentially
affected by greater social spending, relative
to native households. The poverty reduction
effects of social spending for intra-EU im-
migrant households will be similar to na-
tives, whereas the poverty reduction effects
for non-EU immigrants will be weaker.

Hypothesis 6: Citizen and Non-citizen
immigrant households will be differen-
tially affected by greater social spending,
relative to native households. The poverty
reduction effects of social spending for
citizen households will be similar to natives,
whereas the poverty reduction effects for
non-citizen will be weaker.

Data and Methods

Dataset Description

The primary unit of analysis is the household.
The household-level data in the analyses come
from the Luxembourg Income Study (LIS). The
LIS is an archival dataset that includes micro-
data on income and other income-related
measures, such as taxes paid and transfers re-
ceived, in several dozen countries from the
mid-1960s until 2020. The data is nationally
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representative and includes information on
both households and individuals within these
households. A major strength of the LIS is its
harmonization process. Rather than construct-
ing original surveys, the LIS uses data collected
by national statistical bureaus, standardizes
many of the variables, adds normalized weights
and harmonizes the data to facilitate cross-
national comparisons. For example, the LIS
takes the U.S. Current Population Survey,
recodes the data and creates normalized
weights. This harmonized version is compa-
rable to similar datasets from different coun-
tries and years, using consistent variable names
and, often, coding practices. For this reason, the
LIS is one of the best data sources when
comparing incomes across countries in the
Organization for Economic Co-operation and
Development (OECD).

We conduct original analyses with a four-
wave dataset with 24 upper- and middle-
income democracies around 2004, 2007,
2010, and 2013. These countries are high- or
middle-income economies (World Bank 2021),
have been democracies for 15 years or more,
and have mature welfare states (Cerami 2006;
Huber and Stephens 2001, 2012). Many, but
not all, have strong histories of immigration,
providing a source of variation. Geographi-
cally, most are Western European or Anglo-
Saxon. However, to provide greater general-
izability, our sample also includes data from
South America and former Soviet countries.
Such a sample means that the countries in-
cluded in the analyses are similar enough to be
comparable, but not so similar as to limit
generalizability or variation. We include a table
in Appendix A listing the countries in our
study, along with years of coverage, average
percent immigrant household, average percent
mixed-status household, and average poverty
rate. To ensure no country is driving or biasing
our results, we conduct jackknife analyses,
excluding each country in turn, which indicate
that our results are robust.

While there are additional countries avail-
able in the LIS that fit with our sampling
strategy, these countries do not have sufficient
data on immigrant status. For example, the

Finnish data only include a Finnish/Swedish/
Missing ethnicity variable, and no immigration
data. Japan includes no data on immigration or
ethnicity. Regarding data availability of the
included countries, not all countries have data
for all waves, but no wave has fewer than 20
countries. To ensure no single wave is driving
our results, we also perform jackknife analyses
excluding one wave at a time and find our
results to be robust.

Central to our analyses is the LIS variable
identifying the immigrant status of respon-
dents, immigr, a binary variable that classifies
someone as an immigrant if the country in
which they answered the survey is their usual
residence and: (1) the data provider identifies
the respondent as an immigrant, (2) the re-
spondent self-identifies themselves as an im-
migrant, (3) the respondent is a citizen/national
of another country, or (4) where born in another
country (LIS 2019). While this is not a detailed
measure of immigrant status, it allows for the
greatest comparability across countries and for
the maximum number of countries to be in-
cluded in the analyses. Furthermore, previous
work using LIS data has measured immigrant
status similarly (Budig and Misra 2010; Crettaz
2011; Kabrelyan 2000). We also conduct an-
alyses with more detailed measures of immi-
grant characteristics, such as whether they are
inter-EU migrants or whether they are citizens.
Other characteristics such as years of residence,
ethnicity, or country of birth suffer from limited
availability and issues of comparability as these
effects, particularly the latter, likely have dif-
ferent meanings in different contexts.

Because income is pooled within house-
holds, we conduct our analyses at the
household-level. We identify a household as a
native household (Native HH) if everyone in
the household is a native resident, based on
their identification in the LIS data. Likewise,
we identify a household as an immigrant
household (Immigrant HH) if everyone in the
household is an immigrant. We also identify
mixed households (Mixed HH) that contain
both individuals identified by the LIS as im-
migrant and native. For simplicity, because
mixed households often reflect native
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households, we include mixed households with
natives in our main analysis but provide sup-
plemental analyses in Appendix B, and
throughout the appendices, that keep this group
separate. Such an approach follows previous
literature that focuses on immigrant house-
holds, rather than immigrant people (Morissens
and Sainsbury 2005), and acknowledges the
possibility of differing effects of mixed status
households (Kesler 2015).

We categorize households similarly for EU/
Non-EU immigrant households and citizen/
non-citizen immigrant households and com-
binations of these statuses. For example, in our
first subsequent analysis, we divide immigrants
in EU countries into EU-immigrants and non-
EU immigrants. As a result, households contain
only natives (Native HH), only EU-immigrants
(EU HH), natives and EU Immigrants (Native/
EU HH), only non-EU immigrants (non-EU
HH), natives and non-EU immigrants, (Native/
Non-EU HH), EU and Non-EU immigrants
(EU/Non-EUHH), or a combination of all three
(Native/EU/Non-EU HH), producing a total of
seven possible household combinations. Such
an approach provides a full picture of variation
among immigrants as it relates to acculturation,
discrimination/cultural outsiders, and benefit
entitlement within their households.

To address the representativeness of immi-
grants in the LIS data, previous researchers
(Anastossova and Paligorova 2006) compared
the proportion of foreign-born respondents in
the LIS with population census data (Eurostat)
and found the two data sources to be quite
similar. While it is not possible to identify
undocumented or unauthorized immigrants in
the data, the data should include these indi-
viduals (Smeeding et al. 2012). For example, in
the United States, the Current Population
Survey—the source of the U.S. LIS data—
states that it is representative of all residents
and is likely to include undocumented immi-
grants (U.S. Bureau of Labor Statistics 2021).
In fact, most countries collect data through
random sampling of all households (Förster
1994). Though some, like Iceland, which
samples from its national register, would not
include all undocumented residents (LIS 2019).

The analyses combine data from 24 coun-
tries, using both the household and the indi-
vidual files to create a master dataset containing
over 2.23 million households: 124,336 immi-
grant households. Observations are quite large
for some countries and at least adequate for
every country. The number of immigrant
households, for example, ranges from only 15
in Slovakia in 2010 to 22,159 in Norway in
2013. These variations can reflect the size of
the immigrant population in a country or var-
iation in the size of the overall sample. To
account for differing total sample sizes across
country-years, we employ the LIS normalized
household weight (hwgt). This is a household-
level cross-sectional weight that inflates the
data so that it is nationally representative and
normalizes the number of households to 10,000
per country to ensure each country has the same
weight in the data. Therefore, households
within country-years are nationally represen-
tative and cross-nationally each country is
given the same weight in the analyses.

Dependent Variable

The primary dependent variable is poverty.
Following many cross-national poverty stud-
ies, we use a relative headcount measure of
poverty (Brady 2003; Moller et al. 2003;
Rainwater and Smeeding 2003; Smeeding
2006). To adjust household income for family
size, following the International Labour Orga-
nization (ILO) convention adopted by the LIS,
we divide the LIS standardized household dis-
posable income by the square root of household
size. Each country’s poverty line is calculated as
a certain percentage of that country’s median
equivalized income, after taxes and transfers.1

Households that fall below this line are con-
sidered poor (poor = 1; non-poor = 0).We utilize
a 50% median income threshold in our main
results but also test a 60% threshold, presented
in Appendix C, with robust results.

Control Variables

The analyses include additional demographic
controls to account for various aspects of
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household composition likely to influence the
dependent variable poverty. Measures of edu-
cation reflect the education level of the lead
earner in the household. Hence, everyone in the
household is assigned the education level of the
lead earner.2 We use the lead earner’s education
rather than the designated household head for
two reasons. The first is to ensure comparability
across country-years. The household head
variable in the LIS is derived from the original
data provider. Yet, each data provider assigns
the designated household head in varying ways
such as self-assigned, the person with the
highest income, the person responsible for
accommodation, etc. (METIS: relation). Sec-
ond, as the lead earner in the household, this
individual’s education best represents the
family’s risk of poverty and given high levels
of homogamy (Rosenfeld 2008) should reflect
the general level of education in the household.
Previous research using the LIS has also taken
this approach of using the lead earner’s char-
acteristics rather than the designated head to
measure household characteristics (Brady,
Baker, and Finnigan 2013; Brady, Finnigan,
and Hübgen 2017; Brady and Bostic 2015).

To ensure comparable measures across
countries, we utilize the LIS standardized
measures of education for identifying the ed-
ucation level of the lead earner in the house-
hold. Following previous research (Misra et al.
2007), we include binary indicators for low
education HH and high education HH with
medium education serving as the reference
group. High education HH includes those who
have attained university/tertiary education or
more. Medium education includes upper sec-
ondary vocational education, and low educa-
tion HH is less than secondary education.

We include several other measures of
household composition. First, we consider the
number of earners in the household (HH). We
include binary indicators for multiple earners
in HH and no earners in HH, with one-earner in
the household serving as the reference. We also
include demographic measures to control for
the age-risk associated with poverty, using the
age of the lead earner in the household. We
again use the lead earner’s characteristics for

both the technical reasons mentioned above,
and because this person’s characteristics have
the strongest influence on household labor
income. Because the effect of age is unlikely to
be linear, age of the lead earner is controlled
through a series of binary indicators: lead
earner age <25, lead earner age 25- 34, lead
earner age 55-64, and lead earner age>64
with lead earner aged 35-54 serving as the
reference group. We also include two measures
for the number of dependents, or those unlikely
to contribute significant levels of earnings but
possibly receiving benefits, living in a house-
hold. These include # of children in HH, the
number of children in the household under age
18, and # over 64 in HH, the number of in-
dividuals over 64 in the household. Both are
measured continuously.

To measure family structure, we include a
set of three indicator variables, with married
households and single-father households
serving as the reference category3. Single mom
is a binary indicator for whether the household
contains an un-partnered woman under 54 and
a child under 18. We also include two measures
for households composed of single, un-
partnered individuals without children. These
measures are male head no kids and female
head no kids.

Country-Level Data

The data at the country level come from a
number of archival sources including the
OECD; however, the Comparative Welfare
States Data Set (Brady, Huber, and Stephens
2020) serves as the primary proximate source
for the social spending measures and economic
controls. All country-level variables are mea-
sured circa the LIS survey year, lagged 1 year.
Table 1 lists the country-level variables in-
cluding a description of measurement and data
sources.

Welfare State Variables

We include several measures of the welfare
state ranging from general measures of overall
social spending to spending in more specific
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policy areas. To standardize the spending
measures across countries, all are reported as a
percentage of gross domestic product (GDP) in
that country-year. The raw data, its availability,
and summary statistics can be found in
Appendix D.

First, we include a general measure of social
spending. Social Expenditure is total public
social expenditure and represents general
welfare or social spending. We also use several
specific measures of social spending. Unem-
ployment Spending is measured as public
spending on unemployment benefits. Public
Health Spending is the total public spending on
health. We also have a measure of spending on
occupational education and (re)training: total
spending on active labor market programs

(ALMP Spending). Finally, we measure Family
Spending, which includes spending on child-
care support, payments for single or lone
parents, child allowances and credits, and in-
come support during leave.

Immigration and Economic
Control Variables

We include two country-level measures of
immigration. The first is the size of the im-
migrant population, as a percent of the total
population (% Foreign Born). The second,
Inflow, is the annual number of new immigrants
to a country as a percent of the total population.
In supplemental analyses (see Appendix E), we
also control for the percent of the immigrant

Table 1. Definitions and Sources for Key Variables.

Key Independent
Variables Description Data Source Other Notes

General social spending Total public spending (%
GDP)

OECD: Social
expenditure
aggregate data

Unemployment
spending

Total public spending on
unemployment (%GDP)

OECD: Social
expenditure
aggregate data

Public health spending Total public spending on
health (%GDP)

OECD: Social
expenditure
aggregate data

Active labor market
program spending
(ALMP)

Total public spending on
ALMP (%GDP)

OECD: Social
expenditure
aggregate data

Family spending Total public spending on
family benefits, in-kind and
cash (%GDP)

OECD: Social
expenditure
aggregate data

Percent Foreign born Stock of foreign-born
population by country of
birth (% total population)

OECD: International
migration database;
World Bank

OECD, primary source.
World Bank used if
OECD unavailable

Inflow Inflows of foreign population
by nationality (% total
population)

OECD: International
migration database

Percent calculated by
authors

Unemployment rate Rate of unemployment (%
labor force)

OECD: ALFS summary
tables

Economic growth Three-year average annual
change in economic
growth

OECD: Level of GDP
per capita and
productivity

Economic growth
measured using GDP in
USD, constant prices,
2015 PPPs,
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population that are refugees; our results remain
robust. Finally, to control for the economic
conditions in a country, we include a measure
of the Unemployment Rate as a percent of the
labor force and ameasure of Economic Growth,
calculated as the 3-year average rate of change
in GDP.

Two-Way Fixed Effects
Modeling Technique

Due to the clustering of households within
countries as well as the inclusion of country-
level variables, a standard logistic regression is
inappropriate due to the violation of the as-
sumption of independent errors. Our analytic
approach takes advantage of the multi-wave
dataset, which pools LIS data from around
2004, 2007, 2010 and 2014, using two-way
fixed effects models with robust-clustered
standard errors. These models are logistic re-
gressions with fixed effects for country and
year as well as adjusted standard errors to
account for the clustering of households within
countries4. The fixed effects are calculated with
a series of dummy variables for wave and
country. The equation can be written as

ln

�
pijt

1� pijt

�
¼ Yijt ¼ β0 þ βXXijt

þ βzZjt þ βCCj þ βWWt

in which the log odds of being poor (ln
� pijt
1�pijt

�
),

represented by Yijt for a household (i) in a
country (j) and wave (t) are predicted by the
constant β0, a set of household-level variables
(βXXijt), a set of country-year level variables
(βzZjt), a fixed effect for country (βCCj) and a
fixed effect for year ðβWWt)

The time variables account for any un-
measured, general, time-specific trends across
countries,5 while the country fixed effects parse
out any unobserved, time-stable, within-
country effects. This approach allows for an
examination of the influence of social spending
net of unobserved time and country-effects and
accounts for the multi-level structure of the
data. While more complex mixed models with
simultaneous equations would also seem

appropriate for the multi-level structure of the
data, the limited number of country-years in our
sample, the inclusion of many cross-level in-
teractions, and the need to include several
country-level controls make these sorts of
models too computationally intensive and sta-
tistically conservative. Furthermore, unlike
mixed models, our two-way fixed effects
approach eliminates most unobserved heteroge-
neity by looking only at within-country, within-
wave variation; this is critical given the different
legacies of immigration and welfare regimes in
these countries. Likewise, our method provides a
major advantage over previous research that has
relied solely on a single cross-section or single
countries, providing an opportunity for a com-
prehensive examination of immigrant status,
welfare generosity, and poverty.

Results

Descriptive Patterns

Before discussing the two-way fixed effects
models, we explore the descriptive patterns in a
sample of 23 countries6 circa 2010, displayed
in Figure 1. The year 2010 was chosen due to
its inclusion of nearly every country in the
sample and because this was a time, just fol-
lowing the Great Recession, when immigrants
and natives were both likely to be especially
vulnerable to poverty. Figure 1 shows that
while there is variation by country, the trend is
clear; immigrants, on average, face greater
economic disadvantage than natives in most
countries; mixed households typically fall
somewhere in between.

In some countries, there is very little difference
in the poverty rates of immigrants and natives. For
example, in Israel, immigrant households and
native households both have a poverty rate around
21.5%, at 21.49% for native households and
21.55% for immigrant households. In Switzer-
land, the poverty rate for immigrant households is
only about 0.5%higher than native households. In
some countries, such as Ireland and Chile, im-
migrant households have a lower poverty rate
than native households, 2% and 3% lower, re-
spectively. On the other hand, and much more

10 Social Currents 0(0)



commonly, immigrant households experience
poverty at a much higher rate than native
households. In Norway, around 31% of immi-
grant households are poor, while only 10.5% of
native households are poor. Belgium, Greece, and
Iceland also all have poverty rates that are around
20 percentage points higher for immigrant
households than natives. Generally, mixed
households have poverty rates closer to those of
native households, with some exceptions: in Italy
mixed households have poverty rates closer to
immigrant households, while in other countries
such as Germany mixed households fair even
better than native households. Certainly, there is
considerable variation in the economic outcomes
for immigrant households across countries. Part of
this can likely be explained by differences in
demographic composition of the migrant pop-
ulation; however, another potential explanation is
related to welfare generosity, which we begin to
explore through bivariate associations.

Figure 2 shows the bivariate relationships
between overall social spending and poverty
for native, immigrant, and mixed households.

Because our later analyses examine change
over time within countries, here we present the
change in the two variables between the first
and last wave of data. When examining the
relationship between change in social spending
and change in poverty between 2004 and 2014,
there is a clear negative relationship (r =�0.53)
between change in social spending and the
change in percent poor by country for natives.
This pattern reflects previous cross-national
poverty research. However, this relationship
for immigrant households is signed in the
opposite direction and even stronger (r = 0.65).
For mixed households, the relationship is also
positive, though more moderate (r = 0.28).
However, these bivariate models do not ac-
count for any changes in population compo-
sition or other contextual effects, such as
unemployment rate or economic growth.

Two-Way Fixed Effects Logit Models

Base model. Table 2 presents results from the
base-level model. This model includes only the

Figure 1. Immigrant, native, and mixed-status poverty by country in 23 rich democracies circa 2010
(source: LIS).
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household-level variables and fixed effects for
country and wave. It has a sample size of over
2.2 million households. The outcomes of the
household-level variables are all statistically
significant and generally signed in the expected
direction. For the main variable of interest,
immigrant household, we find these households
have higher odds of poverty than the baseline,
native/mixed households, by a factor of 1.77.
For immigrant households, the odds are similar
to living in a household where the lead earner
has a low level of education. Having no earners
in the household, a lead earner aged 25–34,
living in a single mother household, or a
single-childless household all increase the odds
of poverty relative to their respective reference
groups, along with each additional child in the
household. On the other hand, having multiple
earners in the household or a lead earner over 54,
as well as each additional senior household
member, decreases the odds the household is
poor. Because these effects are consistent
across models, even with the inclusion of
country-level variables, household-level

variables are included in the models but not
shown in subsequent tables, except for the
immigrant identifiers which are always shown.

Figure 2. The association between change in welfare state generosity and change in poverty rate in 18
affluent democracies 2004–2014 (Source: LIS).

Table 2. Odds Ratios Two-Way Fixed Effects Base
Model (Individual-Level Variables Only) Logistic
Regression on Poverty.a

Individual-Level Variables

Immigrant HH 1.7749*** (5.95)
High education HH 0.5934*** (�6.82)
Low education HH 1.7907*** (7.59)
Multiple earners in HH 0.1604*** (�24.17)
No earners in HH 5.2013*** (13.22)
Lead earner age <25 3.6401*** (5.38)
Lead earner age 25–34 1.2518** (2.80)
Lead earner age 55–64 0.6377*** (�5.80)
Lead earner age >64 0.6692** (�3.09)
# of children in HH 1.3303*** (12.08)
# over 64 in HH 0.4466*** (�8.88)
Single mom 1.3303*** (3.74)
Female head No kids 1.2762*** (3.73)
Male head No kids 1.1921* (2.44)

aNote. *p < 0.05, **p < 0.01, ***p < 0.001, two-tailed test.
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Social Spending Analyses. To test the effects
of social spending variables on poverty by im-
migrant status, controlling for other relevant
factors, we present the results from two-way
fixed effects logistic regression models. The
odds ratios from the two-way fixed effects
models with overall and more specific social
spending measures, economic controls, and
immigration controls are presented in Table 3.
We always present z-scores in parentheses.
These models have controls for household-level
characteristics, country, and wave in all models.
Themodels include over 2.2million households,
24 countries, and four waves of data.

Interpreting the odds ratios is not straight-
forward. The constant term changes across
models, and the country samples vary in the
degree of unobserved heterogeneity in the la-
tent outcome. As a result, comparing odds
ratios or log odds across models or groups can
be misleading (Allison 1999; Breen, Karlson,
and Holm 2018; Mood 2010). This problem is
further complicated by the inclusion of inter-
action terms. Odds ratios of the interaction term
are often a misleading representation of inter-
action effects (Mize 2019). Therefore, we
present and discuss our results exclusively as
predicted probabilities and marginal effects.
This helps avoid the common error of com-
paring degree of statistical significance of odds
ratios between results (Gelman and Stern
2006), provides a more intuitive interpreta-
tion of effects, and allows for a more com-
prehensive and accurate assessment of the
interaction effects. Likewise, this approach
facilitates interpretation across models by using
a common metric: probability or marginal
probability.

We present the predicted probabilities from
the two-way fixed effect models in Figures 3–11
and the marginal probabilities in the appendix.
The typical household in our overall sample is
unlikely to be poor regardless of the welfare
policies in place. Therefore, the probabilities are
based on a household with the characteristics of
a typical poor household. We choose the typical
characteristics of a poor household as our rep-
resentative household because these households
have the characteristics for whom the policies in

our study are most likely to affect. This
household has a lead earner with a low level of
education and is aged 35–54. There is no one
working in the household; there are two part-
nered adults or a single father and one child.
Controls for the economic variables and im-
migrant population are set at their means. All
predicted probabilities are calculated within the
range of the data, using values from 5%-95% of
the country-level cumulative distribution of each
respective measure. Because there is some
collinearity between the social spending mea-
sures especially general social spending and the
more specific measures (see Appendix G),
multiple country-level controls, and cross-level
interactions, we model only one social spending
measure at a time.

Beginning with Figure 3, the predicted
probability of poverty by level of general social
spending, based on Model 1 in Table 3, indi-
cates considerably different effects by type of
household. The pattern for native/mixed
households reflects the typical relationship
between social spending and poverty docu-
mented in previous literature: the probability of
poverty decreases as social spending increases,
going from a probability of 0.727 to a proba-
bility of 0.400 with a change in social spending
from 8% of GDP to 30% of GDP. However, the
line for immigrant households appears to be
effectively flat, changing only 0.07 from the
lowest to the highest level of social spending.
Looking deeper at the marginal probabilities
(Appendix H), at the lowest levels of social
spending there is no statistically significant
difference between the two household types;
however, once social spending reaches 14% of
GDP, there is a statistically significant differ-
ence in the probability for native/mixed and
immigrant households. Using a test of first
differences, which determines if the change in
marginal probabilities is significant, we find
this gap to be increasing at a statically sig-
nificant rate: for a two-percentage-point in-
crease in social spending, the increase in the
gap between native households and immigrant
households is statistically significant.

In the subsequent models, we explore the
effects of more specific spending measures.
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Because general social spending is indeed very
general, this allows us to better understand
which specific polices, if any, are driving the
pattern presented in Figure 3. Given the cor-
relation between general social spending and the
more specific spending measures, it is not sur-
prising the patterns for the specific spending
areas often reflect the results for general social

spending. In the case of unemployment
spending, as shown in Figure 4, the main dif-
ference is immigrant households face a signif-
icantly higher probability of poverty than
natives at all levels of social spending, not just
higher levels of social spending. While the
change in the probability of poverty between the
lowest and highest levels of spending for

Figure 3. Predicted probabilities of poverty for immigrant and native households and confidence intervals
by total social spending.

Figure 4. Predicted probabilities of poverty for immigrant and native households and confidence intervals
by unemployment spending.
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immigrants is again quite small, only around
0.04, the difference for native/mixed households
if more substantial at around 0.18. Unemploy-
ment spending has a significantly stronger effect
on native poverty than immigrant poverty. The
same is true for health spending, in Figure 5.
Here, however, the divergence is slighter bigger.
The change in the marginal probability is over

0.15 from the lowest to the highest values.
Active labor market programs have little effect
on poverty, regardless of the household type. On
the other hand, family policy spending, in
Figure 6, has a universal effect, reducing the
probability of poverty for both groups at a
roughly equal rate; a test of first differences finds
the slope of the predicted probabilities for

Figure 5. Predicted probabilities of poverty for immigrant and native households and confidence intervals
by health spending.

Figure 6. Predicted probabilities of poverty for immigrant and native households and confidence intervals
by family spending.
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immigrant households is not significantly dif-
ferent from the slope for native households past
the lowest levels of family spending. Based on
these findings, it is clear immigrants generally
face higher probabilities of poverty, all else
equal, and greater social spending can actually
make this disparity even greater. Only family

spending reduces poverty for both immigrant
and native/mixed households alike, while un-
employment and health spending significantly
increase the marginal difference between im-
migrant and native poverty.

Because the designation of households as
native/mixed and immigrant is quite general,

Figure 7. Predicted probabilities of poverty for EU, Non-EU, and native households and confidence
intervals by general social spending.

Figure 8. Predicted probabilities of poverty for EU, Non-EU, native, and mixed-status households and
confidence intervals by health spending.
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it may not adequately account for variation in
the immigrant experience. Therefore, we test
two additional designations, dividing immi-
grants into EU/non-EU immigrants (for EU
countries) and citizen/non-citizen immigrants
and forming households that contain the rel-
evant combinations of natives and each type
of immigrant. While we include all

combinations in the models and tables, we
only include three groups in the figures: Na-
tive, EU, Non-EU; and Native, Citizen, Non-
Citizen.

Starting first with the division of EU and
non-EU immigrants, in Table 4, there is a
distinct disadvantage to being in a non-EU
household. In Figure 7, natives clearly have

Figure 9. Predicted probabilities of poverty for citizen, non-citizen, and native households and confidence
intervals by general social spending.

Figure 10. Predicted probabilities of poverty for citizen, non-citizen, and native households and confidence
intervals by unemployment spending.
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the largest reduction in their predicted prob-
ability with greater social spending, dropping
over 30 percentage points from the lowest to
the highest levels of spending. EU immigrant
households also experience a reduction,
though it is statistically significantly smaller
than natives at only 10 percentage points over
this same range. Non-EU immigrants actually
have an increase in their predicted probability
of almost 16 percentage points with greater
social spending. This suggests that the effects
of social spending affect EU immigrant
poverty more similarly to natives than non-EU
immigrants; however, they still benefit sig-
nificantly less than natives.

We now turn to the more specific policy
spending areas to see what may be driving the
findings in Figure 7. It does not seem to be from
unemployment spending. Unemployment spend-
ing has little effect no matter the household type,
and with no significant differences in the effects
across the three household types. Health spending,
on the other hand, uncovers a different pattern in
Figure 8. Greater health spending reduces the
probabilities of poverty for native and EU
households rather substantially. Native poverty
drops by 17 percentage points, and EU immigrant
poverty drops by around 11 percentage points, a
statistically insignificant marginal difference. On

the other hand, for non-EU immigrants, health
spending has little effect on their probability of
poverty, actually increasing the probability by
about 6 percentage points. With the growing cost
of healthcare, access to affordable healthcare is a
critical resource for avoiding poverty. Particularly
in the EU, access to comprehensive government
healthcare for the poor is often connected to EU
citizenship status. Being a native or EU-citizen
generally provides such access, while being from
outside the EU means access to healthcare cov-
erage is likely to be more limited (Sainsbury
2012). Further, this pattern reflects that seen
with general social spending; therefore, health
spending, at least in part, is likely to be central to
the effect of general social spending.As in Table 3,
the effects of ALMP spending, as in the overall
sample, do not vary significantly by household
type. Family spending also does not significantly
affect poverty or significantly vary by household
type.

Overall, EU immigrant households, while
they experience higher probabilities of poverty
than natives, tend to be more similarly affected
by social spending than non-EU immigrations.
As previously mentioned, as EU migrants,
these individuals and households are generally
entitled to the same welfare state benefits as
natives, and that is what we see reflected here

Figure 11. Predicted probabilities of poverty for citizen, non-citizen, and native households and confidence
intervals by health spending.
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with the effects of health spending. When
social spending lowers native poverty, it also
lowers EU-immigrant poverty; when social
spending has no effect on native poverty, it also
has no effect on EU-immigrant poverty. By and
large, however, none of these policies affect
non-EU poverty in a significant way.

Unsurprisingly, when we divide immigrants by
citizenship status in Table 5, Figure 9 shows a
distinct disadvantage among non-citizen house-
holds, with zero change in the probability of
poverty as social spending increases, while
households containing citizen-immigrants experi-
ence reductions in poverty of over 20 percentage
points. This is still, however, significantly less than
the reductions predicted for native households, at
over 37 percentage points. Once we examine the
specific polices, we again start to understand what
may be creating these differences.

For example, in Figure 10, unemployment
spending uniquely benefits native households,
while all other household types experience little to
no effect on their probability of poverty. Further,
the marginal probabilities between natives and
both citizen immigrant and non-citizen immigrant
households grow significantly larger as unem-
ployment spending increases, growing almost 11
percentage points and 14 percentage points, re-
spectively. For non-citizens, this is likely an issue
of entitlement; they may be unable to access
unemployment benefits; or, in the case of both
types of immigrant households, if unemployment
benefits are based on contributions, they may
have lower levels of contributions than natives.

Health spending, in Figure 11, on the other
hand, affects both citizen and non-citizen
household types yet in significantly different
ways than natives. For natives, the probability of
poverty is lowered by 20 percentage points, but
for citizen-immigrants, it is lowered only by 7
percentage points. Possibly this difference is
driven not by limited legal access but perhaps by
difficulty navigating a complex public health-
care bureaucracy, often a challenge even for
natives. Non-citizen households, however, see
essentially no reduction of poverty with greater
health spending. This is very similar to the EU/
non-EU findings in the previous model. This
suggests health benefits and citizenship status

are closely connected; however, this is unlikely
to be the whole story, given that natives expe-
rience larger effects than citizen-immigrants.

The final two models include ALMP and
family spending. We again find little effect of
ALMP spending regardless of household type.
Similarly, the effect of family spending is not
statistically significantly different across house-
hold types, and while it has a modest effect on
poverty, it does not reach statistical significance.

It is clear from these results, spending that
benefits native households also typically
benefits citizen immigrant households, with
the exception of unemployment spending.
The same cannot be said for non-citizen
households. Predicted probabilities for these
households are largely unaffected by social
spending, regardless of the program, sug-
gesting entitlements closely correspond with
citizenship.

Bringing these three sets of models together,
examining immigrants as a whole, by EU or-
igins, and citizenship status, indicates a clear
hierarchy in the relationship between social
spending and poverty. While not all spending
lowers poverty, it is clear that when it does, the
strongest effects are for natives. In no instance
does spending reduce poverty more for im-
migrants than natives. In some instances, im-
migrants do see similar effects to natives, such
as family spending in Table 3. Immigrants in
less privileged positions, those from non-EU
countries and non-citizens, often fair worst.
Even when natives, citizen-immigrants, and
EU-immigrants see lower poverty with more
spending, non-citizen and non-EU immigrant
households typically do not. This, as a result,
widens the poverty gap between these immi-
grant groups and natives, supporting the wel-
fare chauvinism hypothesis.

Discussion and Conclusion

This study set out to address three main research
questions: (1) Do larger welfare states have
similar effects on immigrants and natives? (2)
Does this relationship vary by spending type? (3)
Does this relationship vary by immigrant type? In
order to address these questions, our research
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relies on the literature on the welfare state and
poverty and the literature on welfare chau-
vinism. Each of these approaches provides
competing perspectives on how social
spending might affect immigrant poverty,
relative to native poverty. With immigrants
experiencing poverty rates nearly twice that of
natives, this study helps illuminate the role of
political explanations, while accounting for
behavioral and structural explanations (Brady
2019). Moreover, as the number of immi-
grants in rich democracies grows, the need
to incorporate these groups is increasingly
relevant.

The analyses indicate that welfare gener-
osity reduces the odds of poverty for immi-
grants and for natives. Welfare generosity is
associated with lower odds of poverty for both
immigrants and natives, but effectiveness de-
pends on the area of social spending. We also
find evidence of welfare chauvinism, with
weaker effects of social spending on immi-
grants than natives. Our findings further reflect
previous research that finds generous welfare
states cannot compensate for immigrant dis-
advantages (Kesler 2015). However, the im-
migrant penalty depends to some extent on
citizenship status and country of origin.

Previous research on the influence of the
welfare state on immigrants’ economic out-
comes has suggested reasons the welfare state
may not be as supportive for immigrants as it is
for other demographic segments of the pop-
ulation or the resident population as a whole.
These include problems with lack of access and
differentiated benefits (e.g., Sainsbury 2006),
outsider status (Rueda 2005), hindering inte-
gration (Koopmans 2010), and the challenges of
navigating an expansive bureaucracy and lan-
guage barriers (Barrett and McCarthy 2008;
Koehn 2009). However, through these analyses
it is clear that residing in a country with a strong
welfare state, while not eliminating the immi-
grant gap, may reduce the odds of poverty for
immigrants, even if the effects are sometimes
dualized between natives and immigrants.

The results also indicate important pros-
pects for policy makers. Increasing the size of
the welfare state could greatly improve the

life chances for immigrants; however, access
is also important. While these analyses
consider total social spending, not what is
specifically targeted or provided to immi-
grants, expanded inclusion of immigrants
into the welfare state would likely prove
beneficial. Gøsta Esping-Andersen and co-
authors (2002) argue the welfare state should
be altered to provide more services for im-
migrants, such as vocational and language
training classes. Others emphasize extending
benefits to immigrants could provide a
greater support base for the welfare state
(Brooks and Manza 2007).

Future research can extend this study in a
few ways. First, a more in-depth decompo-
sition of immigrants by not just citizenship,
but also visa category, such as whether one
arrived as an economic migrant, refugee, or
through family reunification could provide
useful insights beyond what is available with
LIS data. Second, a more comprehensive
analysis of country of origin would prove
useful. In this way, not only could the context
of reception be evaluated, but also how
characteristics of the sending country affect
economic incorporation. An interesting ap-
plication of this would be to consider the
colonial relationship between the sending
and receiving country.7 Finally, an analysis
that includes additional immigrant charac-
teristics such as language ability or years in
host country, neither of which are available in
the LIS, could provide additional information
on both economic exclusion and access to the
welfare state.

The economic exclusion of immigrants is an
important problem. Not only does economic
exclusion lead to social isolation, it can also
produce a number of other negative conse-
quences. A focus on immigrants’ economic in-
corporation using labor market outcomes cannot
fully evaluate economic exclusion. If the goal is to
incorporate immigrants into society and the
economy, more emphasis should be placed on
poverty and the role of the welfare state. The
findings presented here indicate that the welfare
state can play an important part in helping to
reduce immigrant poverty.
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Appendix

Appendix A: Countries, Years of Coverage, Percent Immigrant Households, Percent
Mixed-Status Households, and Overall Poverty Rate.

Country Years of Coverage
Average % Immigrant

HH
Average % Mixed

HH
Average Poverty

Rate

Australia 2003, 2008, 2010,
2014

20.74 17.03 17.788

Austria 2004, 2007, 2010,
2013

12.51 9.22 11.370

Belgium 2004, 2007, 2010,
2013

9.24 9.95 10.857

Canada 2004, 2007, 2010,
2013

33.92 55.76 15.815

Chile 2006, 2009, 2013 0.25 4.03 18.024
Czech
Republic

2004, 2007, 2010,
2013

1.11 1.52 6.578

Demark 2004, 2007, 2010,
2013

4.33 11.09 8.751

Estonia 2004, 2007, 2010,
2013

16.37 13.15 17.671

France 2005, 2010 6.57 10.51 19.045
Germany 2004, 2007, 2010,

2013
7.74 7.90 11.554

Greece 2004, 2007, 2010,
2013

6.15 3.85 13.594

Iceland 2004, 2007, 2010 4.08 5.47 8.090
Ireland 2004, 2007, 2010 7.01 11.87 13.884
Israel 2005, 2007, 2010,

2014
25.58 29.20 18.774

Italy 2004, 2008, 2010,
2014

5.42 4.95 11.273

Luxembourg 2004, 2007, 2010,
2013

39.38 15.26 8.336

Netherlands 2004, 2007, 2010,
2013

4.82 8.12 7.001

Norway 2004, 2007, 2010,
2013

5.64 9.60 11.634

Poland 2010, 2013 0.40 4.78 9.690
Slovakia 2004, 2007, 2010,

2013
0.43 0.80 9.099

Spain 2004, 2007, 2010,
2013

6.13 4.13 15.392

Sweden 2005 9.04 8.01 7.773
Switzerland 2004, 2007, 2010,

2013
19.99 14.62 10.520

United States 2004, 2007, 2010,
2013

3.97 20.88 18.634
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Appendix B: Odds Ratios from Two-Way Fixed Effects Logistic Regressions Examining
the Effects of Social Spending on Poverty, Separating Native and Mixed.a

Appendix C: Odds Ratios from Two-Way Fixed Effects Logistic Regressions Examining
the Effects of Social Spending on Poverty (60% Poverty line).a

Model 1 Model 2 Model 3 Model 4 Model 5

Immigrant HH 0.6651 (�1.72) 1.5273*** (3.65) 0.8710 (�0.71) 1.6559*** (3.50) 1.3785 (1.27)
Mixed HH 0.6902* (�2.30) 1.0965 (1.57) 0.9126 (�0.57) 1.1654** (2.74) 1.1998* (2.06)
Gen. Social
spending

0.9402* (�2.21)

Unemployment
spending

0.7717* (�2.00)

Public health
spending

0.8689** (�2.74)

ALMP spending 0.9644 (�0.21)
Family spending 0.7458* (�2.04)
% Foreign born 0.9732* (�2.20) 0.9807 (�1.59) 0.9757* (�2.44) 0.9629*** (�3.37) 0.9711** (�2.76)
Inflow 0.8854 (�1.32) 0.8407 (�1.46) 0.8746 (�1.55) 0.9278 (�0.95) 0.8976 (�1.14)
Unemployment
rate

0.9912 (�1.25) 0.9939 (�0.83) 0.9808* (�2.49) 0.9866 (�1.69) 0.9781 (�1.88)

Economic
growth

4.2496 (0.68) 21.8343* (2.30) 12.3483 (1.77) 50.1299** (2.61) 5.7246 (0.82)

Immigrant HH
interaction

1.0521*** (4.35) 1.2201*** (3.79) 1.1444*** (4.21) 1.2653 (1.26) 1.1416 (1.24)

Mixed HH
interaction

1.0305*** (3.56) 1.1340* (2.51) 1.0518 (1.80) 1.1132 (1.08) 1.0504 (0.31)

aNote. All models include controls for: high education (lead earner); low education (lead earner); lead under 24; lead aged
25–34; lead aged 55–64; lead aged 65+; no one employed in HH; multiple earners in HH; # household members 65+; #
household members <18; single mother household; female head no kids; male head no kids; country; year.
*p ≤ 0.05, **p ≤ 0.01, ***p ≤ 0.001, two-tailed test; n = 2,223,238; 24 countries.

Model 1 Model 2 Model 3 Model 4 Model 5

Immigrant HH 0.7664 (�0.91) 1.7599*** (3.81) 1.0242 (0.10) 1.9293*** (3.66) 1.3855 (1.06)
Mixed HH 0.7918 (�1.39) 1.2029*** (3.25) 1.069 (0.42) 1.2237*** (3.29) 1.3296** (3.14)
Gen. Social
spending

0.9576 (�1.75)

Unemployment
spending

0.8484 (�1.70)

Public health
spending

0.9273 (�1.55)

ALMP spending 1.0880 (0.50)
Family spending 0.7932 (�1.93)
% Foreign born 0.9778* (�2.46) 0.9823* (�2.02) 0.9777** (�2.65) 0.9701** (�3.09) 0.9780** (�2.64)
Inflow 0.9412 (�1.50) 0.9138 (�1.63) 0.9416 (�1.51) 0.9669 (�1.02) 0.9471 (�1.27)

(continued)
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Appendix D: Welfare State Measures by Country-Year, National Average, and
Descriptive Statistics.

(continued)

Model 1 Model 2 Model 3 Model 4 Model 5

Unemployment
rate

0.9913 (�1.51) 0.9926 (�1.05) 0.9848* (�2.30) 0.9877* (�2.02) 0.9819* (�2.17)

Economic
growth

8.8236 (1.63) 27.4278*** (3.80) 22.0467*** (3.33) 49.5701*** (3.85) 9.1367 (1.74)

Immigrant HH
interaction

1.0505*** (3.45) 1.1901* (2.42) 1.1360*** (3.38) 1.1730 (0.78) 1.1948 (1.27)

Mixed HH
interaction

1.0251** (3.06) 1.0877 (1.69) 1.0869 (0.42) 1.1322 (1.18) 0.9927 (�0.16)

aNote. All models include controls for: high education (lead earner); low education (lead earner); lead under 24; lead aged
25–34; lead aged 55–64; lead aged 65+; no one employed in HH; multiple earners in HH; # household members 65+; #
household members <18; single mother household; female head no kids; male head no kids; country; year.
*p ≤ 0.05, **p ≤ 0.01, ***p ≤ 0.001, two-tailed test; n = 2,223,238; 24 countries.

Country
Gen. Social
Spending

Unemployment
Spending

Public Health
Spending

ALMP
Spending

Family
Spending

Australia
2003 17.356 0.773 5.419 0.335 2.796
2008 15.895 0.409 5.599 0.305 2.442
2010 16.933 0.542 5.944 0.346 2.669
2014 17.636 0.643 5.927 0.238 2.694

Average 16.955 0.592 5.722 0.306 2.650
Austria
2004 26.585 1.185 6.104 0.601 3.012
2007 25.665 1.011 6.082 0.685 2.775
2010 27.466 1.053 6.51 0.808 2.921
2013 27.109 0.901 6.455 0.721 2.642

Average 26.706 1.038 6.288 0.704 2.838
Belgium
2004 25.491 3.218 6.728 0.758 2.647
2007 25.109 3.156 6.764 0.631 2.828
2010 28.553 3.555 7.806 0.731 2.802
2013 28.685 3.242 7.914 0.781 2.823

Average 26.960 3.293 7.303 0.725 2.775
Canada
2004 16.29 0.748 6.225 0.363 1.059
2007 16.292 0.576 6.318 0.296 1.189
2010 18.015 0.949 7.315 0.343 1.311
2013 17.062 0.588 7.15 0.243 1.231

Average 16.915 0.715 6.752 0.311 1.198

(continued)
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(continued)

Country
Gen. Social
Spending

Unemployment
Spending

Public Health
Spending

ALMP
Spending

Family
Spending

Chile
2006 8.871 0.035 2.592 0.216 0.836
2009 9.493 0.057 2.934 0.101 1.15
2013 10.432 0.017 3.366 0.103 1.368

Average 9.599 0.0363 2.964 0.14 1.118
Czech Republic
2004 18.766 0.703 5.859 0.176 1.675
2007 17.737 0.492 5.348 0.238 2.012
2010 20.118 0.967 6.073 0.273 2.418
2013 19.968 0.62 5.886 0.247 2.172

Average 19.147 0.696 5.792 0.234 2.069
Denmark
2004 25.328 0 5.676 1.705 3.671
2007 24.961 0 5.904 1.457 3.454
2010 28.251 0 6.79 1.609 3.938
2013 28.747 0 6.579 1.942 3.668

Average 26.82175 0 6.23725 1.67825 3.683
Estonia
2004 12.918 0.177 3.659 0.075 1.422
2007 12.55 0.064 3.534 0.071 1.683
2010 19.549 1.065 5.013 0.232 2.546
2013 15.858 0.272 4.396 0.28 2.037

Average 15.219 0.395 4.151 0.165 1.922
France
2005 28.749 1.785 7.977 0.947 2.991
2010 31.018 1.555 8.611 1.005 3.005

Average 29.884 1.67 8.294 0.976 2.998
Germany
2004 26.533 1.662 7.668 1.211 2.078
2007 25.016 1.622 7.294 0.937 1.726
2010 26.644 1.618 8.063 0.996 2.154
2013 24.532 1.032 7.728 0.674 2.147

Average 25.681 1.484 7.688 0.955 2.063
Greece
2004 18.181 0.57 5.061 0.088 0.757
2007 20.004 0.566 5.713 0.151 0.74
2010 23.973 0.946 6.488 0.22 0.954
2013 26.878 0.84 5.903 0.109 0.923

Average 22.259 0.7305 5.791 0.142 0.844
Iceland
2004 17.131 0.452 6.383 0.093 2.975
2007 15.499 0.199 5.506 0.083 3.035
2010 17.285 1.57 5.773 0.036 3.704

Average 16.638 0.740 5.887 0.071 3.238
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(continued)

Country
Gen. Social
Spending

Unemployment
Spending

Public Health
Spending

ALMP
Spending

Family
Spending

Ireland
2004 15.405 0.93 5.52 0.686 2.682
2007 15.889 0.937 5.847 0.594 2.662
2010 23.737 2.529 8.008 0.818 3.85

Average 18.344 1.465 6.458 0.699 3.065
Israel
2005 15.808 0.381 4.342 0.184 1.951
2007 15.126 0.306 4.332 0.169 1.851
2010 15.322 0.397 4.351 0.146 1.925
2014 15.183 0.33 4.526 0.128 1.977

Average 15.360 0.354 4.388 0.157 1.926
Italy
2004 23.679 0.42 5.918 0.742 1.215
2008 24.138 0.424 6.325 0.44 1.325
2010 27.105 0.773 7.029 0.46 1.511
2014 28.167 1.045 6.809 0.43 1.435

Average 25.772 0.666 6.520 0.518 1.372
Luxembourg
2004 22.809 0.851 5.778 0.415 3.745
2007 21.397 0.91 5.555 0.476 3.383
2010 24.037 1.185 6.294 0.5 4.089
2013 22.889 1.233 5.448 0.626 3.614

Average 22.783 1.0448 5.769 0.504 3.708
Netherlands
2004 20.094 1.35 5.627 1.366 1.69
2007 16.468 1.232 3.026 1.09 1.786
2010 17.361 1.122 3.086 1.102 1.611
2013 18.214 1.405 3.44 0.88 1.422

Average 18.034 1.277 3.795 1.110 1.627
Norway
2004 23.655 0.729 5.667 0.777 3.073
2007 19.488 0.31 4.883 0.565 2.692
2010 22.436 0.417 5.664 0.594 3.181
2013 21.426 0.346 5.479 0.526 3.042

Average 21.751 0.451 5.423 0.616 2.997
Poland
2010 21.188 0.273 4.72 0.611 1.288
2013 19.556 0.232 4.343 0.435 1.534

Average 20.372 0.253 4.532 0.523 1.411
Slovakia
2004 16.649 0.305 4.792 0.28 1.767
2007 15.526 0.331 4.802 0.309 1.862
2010 18.2 0.664 5.847 0.248 1.977
2013 17.84 0.469 5.509 0.252 2.04

Average 17.054 0.442 5.238 0.272 1.912
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Appendix E: Odds Ratios from Two-Way Fixed Effects Logistic Regressions
Examining the Effects of Social Spending on Poverty, Controlling for Refugee
Population Size.

(continued)

Country
Gen. Social
Spending

Unemployment
Spending

Public Health
Spending

ALMP
Spending

Family
Spending

Spain
2004 19.927 1.833 5.37 0.688 1.051
2007 20.43 1.779 5.62 0.776 1.176
2010 25.384 3.352 6.777 0.838 1.474
2013 25.341 3.232 6.551 0.649 1.294

Average 22.771 2.549 6.080 0.738 1.249
Sweden
2005 27.671 1.236 6.131 1.034 3.128

Switzerland
2004 15.946 1.034 2.737 0.646 1.498
2007 14.697 0.812 2.447 0.587 1.465
2010 15.256 0.958 2.747 0.555 1.458
2013 15.287 0.694 2.951 0.54 1.537

Average 15.297 0.875 2.721 0.582 1.490
United States
2004 15.945 0.506 6.568 0.159 0.797
2007 15.727 0.255 6.855 0.125 0.706
2010 18.595 0.844 7.826 0.171 0.739
2013 18.804 0.592 7.991 0.135 0.688

Average 17.268 0.549 7.31 0.148 0.7325
Mean 20.383 0.935 5.693 0.537 2.119
SD 5.074 0.820 1.440 0.401 0.910

Model 1 Model 2 Model 3 Model 4 Model 5

Immigrant HH 0.6739* (�1.74) 1.4654*** (3.70) 0.8581 (�0.89) 1.5672*** (3.43) 1.5886* (1.96)
Mixed HH 0.6232** (�2.85) 1.0836 (1.40) 0.8553 (�0.93) 1.1542* (2.40) 1.2021 (1.93)
Gen. Social spending 0.9345* (�2.20)
Unemployment spending 0.7447* (�2.12)
Public health spending 0.8652** (�2.66)
ALMP spending 0.9087 (�0.55)
Family spending 0.7339* (�2.01)
% Foreign born 0.9769 (�1.65) 0.9844 (�1.25) 0.9782 (�1.90) 0.9635** (�2.88) 0.9736* (�2.41)
Inflow 0.8622 (�1.48) 0.8015 (�1.69) 0.8586 (�1.69) 0.9058 (�1.18) 0.8715 (�1.27)
% refugees 0.9981 (�0.26) 0.9977 (�0.30) 0.9994 (�0.09) 0.9884 (�0.23) 0.9940 (�0.70)
Unemployment rate 0.9918 (�1.10) 0.9952 (�0.61) 0.9806* (�2.49) 0.9869 (�1.59) 0.9788 (�1.81)
Economic growth 3.9733 (0.59) 26.0575* (1.99) 13.8457 (1.59) 61.5932* (2.30) 7.0908 (0.86)
Immigrant HH interaction 1.0492*** (4.35) 1.2097*** (3.55) 1.1377*** (4.22) 1.2796 (1.34) 1.0526 (0.52)
Mixed HH interaction 1.0362*** (4.19) 1.1734*** (3.75) 1.0662* (2.16) 1.1765 (1.49) 1.0182 (0.33)

Note. All models include controls for: high education (lead earner); low education (lead earner); lead under 24; lead aged
25–34; lead aged 55–64; lead aged 65+; no one employed in HH; multiple earners in HH; # household members 65+; #
household members <18; single mother household; female head no kids; male head no kids; country; year.
*p ≤ 0.05, **p ≤ 0.01, ***p ≤ 0.001, two-tailed test; n = 2,146,032; 24 countries.
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Appendix F: Odds Ratios from Two-Way Fixed Effects Logistic Regressions Examining
the Effects of Social Spending on Poverty Using Linear Time Trend.a

Appendix G: Correlation Matrix of Social Spending Measures.

Model 1 Model 2 Model 3 Model 4 Model 5

Immigrant HH 0.6659 (�1.73) 1.5286*** (3.67) 0.8684 (�0.73) 1.6568*** (3.50) 1.3790 (1.28)
Mixed HH 0.6784* (�2.35) 1.0981 (1.63) 0.9014 (�0.64) 1.1677** (2.82) 1.2050* (2.09)
Gen. Social
spending

0.9393* (�2.28)

Unemployment
spending

0.8091 (�1.73)

Public health
spending

0.8703** (�3.01)

ALMP spending 0.9607 (�0.24)
Family spending 0.7504 (�1.84)
% Foreign born 0.9795 (�1.74) 0.9850 (�1.14) 0.9818 (�1.88) 0.9688** (�2.99) 0.9762* (�2.34)
Inflow 0.8876 (�1.27) 0.8600 (�1.29) 0.8792 (�1.43) 0.9345 (�0.84) 0.9048 (�1.07)
Unemployment
rate

0.9876 (�1.79) 0.9876 (�1.84) 0.9774** (�2.90) 0.9837* (�2.09) 0.9758* (�2.25)

Economic
growth

3.0984 (0.60) 17.6157* (�1.84) 10.2154* (1.96) 45.6124*** (3.30) 5.7307 (0.90)

Immigrant HH
interaction

1.0520*** (4.37) 1.2195*** (3.80) 1.1450*** (4.24) 1.2638 (1.25) 1.1414 (1.24)

Mixed HH
interaction

1.0307*** (3.63) 1.1345* (2.59) 1.0542 (1.87) 1.1113 (1.08) 1.0132 (0.27)

aNote. All models include controls for: high education (lead earner); low education (lead earner); lead under 24; lead aged
25–34; lead aged 55–64; lead aged 65+; no one employed in HH; multiple earners in HH; # household members 65+; #
household members <18; single mother household; female head no kids; male head no kids; country; year.
*p ≤ 0.05, **p ≤ 0.01, ***p ≤ 0.001, two-tailed test; n = 2,223,238; 24 countries.

Gen. Social
Spending

Unemployment
Spending

Public Health
Spending

ALMP
Spending

Family
Spending

Gen. Social spending 1.000
Unemployment
spending

0.4945 1.000

Public health
spending

0.7004 0.4255 1.000

ALMP Spending 0.6053 0.2608 0.2190 1.000
Family Spending 0.4288 0.1275 0.2464 0.4254 1.000
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Appendix H: Marginal Probabilities of Poverty for Immigrant, Native and Mixed-Status
Households and Confidence Intervals by Total Social Spending.

Appendix I: Marginal Probabilities of Poverty for Immigrant, Native and Mixed-Status
Households and Confidence Intervals by Unemployment Spending.

Bostic and Hyde 31



Appendix J: Marginal Probabilities of Poverty for Immigrant, Native, and Mixed-Status
Households and Confidence Intervals by Health Spending.

Appendix K: Marginal Probabilities of Poverty for Immigrant, Native and Mixed-Status
Households and Confidence Intervals by Family Spending.
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Appendix L: Marginal Probabilities of Poverty for EU, Non-EU and Native Households
and Confidence Intervals by General Social Spending.

Appendix M: Marginal Probabilities of Poverty for EU, Non-EU and Native Households
and Confidence Intervals by Health Spending.
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Appendix N: Marginal Probabilities of Poverty for Citizen, Non-Citizen, and Native
Households and Confidence Intervals by General Social Spending.

Appendix O: Marginal Probabilities of Poverty for Citizen, Non-Citizen, and Native
Households and Confidence Intervals by Unemployment Spending.
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Appendix P: Marginal Probabilities of Poverty for Citizen, Non-Citizen, and Native
Households and Confidence Intervals by Health Spending.
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Notes

1. LIS variable DHI: disposable household income.
2. Results (available upon request) using the LIS

designated head of household produce similar
results.

3. While separating these two household types
would be ideal, the small number of single-father
households, particularly among immigrant
households, creates computational challenges.
We chose to include single father households
with married households, rather than creating a
single parent category, as single-father house-
holds share more similarities in poverty risk with
married households than single mother house-
holds. Likewise, a single parent household could
not adequately account for the unique challenges
faced by single mother households (Seccombe
2000; Sørensen 1994).

4. Due to the limited number of waves, we only
cluster by country and not year. When the number
of clusters is fewer than ten, clustering techniques
may overcorrect, increasing the likelihood of Type
II errors (Cameron, Gelbach, and Miller 2011).

5. We also test a linear time effect (see Appendix F).
6. No data was available for Sweden in this wave.
7. We thank an anonymous reviewer for this point.
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