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Abstract

A random sieve of the set of positive integers N is an infinite sequence of nested
subsets N = §g D &1 D S D -+ such that S is obtained from Si_1 by removing
elements of Si_1 with the indices outside Ry and enumerating the remaining elements in

the increasing order. Here Ri, Rs,... is a sequence of independent copies of an infinite
random set R C N. We prove general limit theorems for S,, and related functionals, as
n — oo

Keywords: iterated random function, leader-election procedure, random sieve, stochastic-fixed
point equation.

1. Introduction and motivation

Let R be an arbitrary random infinite subset of the set of positive integers N := {1,2,3,...}
and (Ry)ren independent copies of R. A random sieving of the set N by the set R is an
infinite chain of countable sets

N=5>28§D---285, D

such that the set Sy is obtained from Si_1, k& € N, by removing elements of S;_; with the
indices outside Rj and enumerating the remaining elements in the increasing order. Formally,
for k e N, if

Si_1 = {sgk_l),sgk_l),sgk_l), .. .}, sgk_l) < s;k_l) < sgk_l) < e,

and
Ry, = {r%k),rgk),rék), .. } , rgk) < rék) < r:(,)k) < ee

then
k—1 k—1 k—1
S = {Si(’“) ),si(k) ),si(k) ), .. } (1)
1 2 3

There are several examples of random sieving that were previously analyzed in the literature.
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14 Random sieves

Example 1.1. If R={{+ 1, +2,£+3,...} with & being a random variable with values in
No := NU {0}, then obviously

Sk={Sk+1,5:+2,5+3,...}, keN,

where (Sk)ken 1S a standard random walk on N with generic step §&. The analysis of such a
sieving is the subject of the classical renewal theory on positive integers.

Example 1.2. For R being the range of an increasing integer-valued random walk, that is

7“](-]21 — r§k), keN, jeN,
are independent copies of a positive integer-valued random variable, say n, the corresponding
random sieving and its connection to classical Galton—Watson processes were analyzed in
Alsmeyer, Kabluchko, and Marynych (2016). An important particular case is obtained by
choosing n to be geometrically distributed on N with a parameter p € (0,1). This leads to a
well-known classical model called ‘leader-election procedure’, which has been a subject of active
research during last decades; see, for example, Bruss and Gribel (2003); Fill, Mahmoud,
and Szpankowski (1996); Griibel and Hagemann (2016); Janson and Szpankowski (1997);
Prodinger (1993). The integers in the leader-election procedure are typically viewed as players
i a game who independently toss a coin so as to determine whether they stay in the game
for the next round or not. Restricted from N to {1,2,...,n} the sieving can be thought of as
a procedure of selecting a leader (leaders) from the group of n players, whence the name.

Example 1.3. If R is the set of record’s positions in an infinite sample from a continu-
ous distribution the corresponding random sieving was studied in Alsmeyer, Kabluchko, and
Marynych (2017).

The above introduced random sieving is intimately connected with several classical mod-
els in probability. First of all, let us mention a connection, already observed in Alsmeyer
et al. (2016), with the notion of stability of point processes; see Davydov, Molchanov, and
Zuyev (2011) and Zanella and Zuyev (2015). Associated with every sieving procedure is
the corresponding operator on the space of point processes on [0,00). Given a point pro-
cess X == Y 72, 0x, in [0,00) with 0 < X; < X5 < ..., and an a.s. infinite random set
R ={ri,ra,rs3,...} CN, we define the thinning of X by R as

XeR = ZaXTk'
k=1

This random operation transforms X into a ‘sparser’ point process X e R by removing points
of X with indices outside the range of R. In order to compensate such thinning, a second
deterministic operation is used for rescaling. Namely, let f be a deterministic function which
is ‘contractive’ in an appropriate sense, and set f(X) :=> 72,4 F(xy)- For example, one can
take f(z) = ax for some a € (0,1) or f(z) =log(1+ z). A point process X is called f-stable
with respect to thinning by a random set R; see Alsmeyer et al. (2016), if

X L fxeR), (2)

where < denotes equality in distribution. From this viewpoint a natural problem is to describe
the set of point processes which are f-stable with respect to thinning by a random set R. In
the setting of Example 1.2, that is, for sieving by a random walk, this problem has been solved
in Alsmeyer et al. (2016). To the best of our knowledge no other cases have been addressed
so far.

Another well-known probabilistic concept related to random sieves is theory of iterated ran-
dom function systems; see Diaconis and Freedman (1999) and also Marynych and Molchanov
(2021) for sieving procedures of such systems. Classic theory of iterated random function
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systems is mainly concerned with a contractive random mapping ® defined on some complete
separable metric space. For contractive mappings under mild additional assumptions the se-
quence of forward iterations @ o i1 o--- 0 P1(xg) converges in distribution, as k — oo, to
a random limit for every starting point xg, whereas backward iterations ®1 0 ®go--- 0 P (xg)
converge a.s. The most prominent example of this kind is called perpetuity in which ® is an
affine mapping on R, that is, ®(x) = Ax 4+ B, x € R with (A4, B) being an arbitrary random
vector. A criterion for convergence of such iterations can be found in Goldie and Maller
(2000). To see the connection with our model one may look at the countable sets Ry, k € N,
and Sk, k € Ny, as random mappings from N to N or, equivalently, as elements of N*°. Taking
this point of view, we write

Rp(z) =™ and Sp(z) = s for k,zeN,
and recast equation (1) as follows
Skp=8k-10 R, keN,

where o denotes superposition of two mappings defined in the usual way (fog)(z) = f(g(x)).
Upon iterating we write

Sk(x) =RioRyo0---0Ri(x), keN, zeNl. (3)

Despite seeming backward form of the process S in (3), Sk, regarded as an element of N
is actually a k-fold forward iteration of i.i.d. random mappings ¢ : N> — N defined by

N> > (1’1,1’2,...) :Xiﬂ)XORk: (mrik),mék),...) € N*°

and applied to the starting point Id, the identity mapping. Thus,
Sk:¢ko¢k—1oo¢1old7 kEN (4)

In contrast to contractive random mappings, every random sieving of N is, in a sense, ex-
panding. More precisely,

Sp(z) =RioRyo---0R,(z) 2% 00, n — oo, (5)
for every x > x¢ := zo(R), where (nonrandom) zg is defined by!
zo :=inf{z € N: P{R(z) =z} < 1}.

To see this just note that the left-hand side of (5) is a.s. nondecreasing in n because P{R(z) >
x} =1 and diverges to infinity in probability because P{R(z) > x} > 0 for x > xo.

In view of (5) it is natural to ask what is a correct normalization of S,,(z) = RjoRgo- - -oR,(x)
ensuring convergence to a nondegenerate limit and how to characterize the limit as a function
of x, provided it exists. To get a better feeling of what a possible answer can be, let us look
at the aforementioned Examples 1.1, 1.2 and 1.3. In what follows we denote by =— weak
convergence of probability measures on R* endowed with the product topology.

In the setting of Example 1.1 R(z) = 2+ ¢ and S, (z) = x+ Sy, € N, where S, is a random
walk. The question of convergence in distribution of S,(x), as n — oo, is the most classical
topic in probability theory and is fully understood. If existent, the limit of properly centered
and/or normalized S, (z) is a stable distribution and does not depend on z. However, as we
shall see, this type of behavior is not representative for random sieves of N.
In the setting of Example 1.2 R is the range of a random walk on N. Limit theorems for this
type of random sieving were established in Alsmeyer et al. (2016). If Enlogn < oo, then with
= En we have

(7"80(2)) s = (21,(@))gn 1 00, (©)

YFor = < o we have Ry 0o Roo---0 R,(z) = x for all n € N because P{R(z) = z} = 1 for x < wo.

15



16 Random sieves

where (Z,(x)) is a certain random walk with a.s. positive i.i.d. steps; see Theorem 2.1 in
Alsmeyer et al. (2016). Moreover, (Z, (x)) satisfies a stochastic fixed-point equation

(Z5,(2))yen = (0 21 (R(@))) oy (7)

where R on the right-hand side is independent of (Z¢,(2))zen. On the other hand, assume
that the distribution of 7 has infinite mean and satisfies Davies’ assumption; see Davies (1978):

x—a—'y(x) < P{U > .’L'} < 'x—Oé‘F’Y(x)’ T > X, (8)

for some 0 < a < 1, £y > 0, and a nonincreasing, non-negative function y(z) such that z7(@)
is nondecreasing and f;; v(exp(e®))dz < oo. Then Theorem 2.8 in Alsmeyer et al. (2016)
says (after exponentiation) that

((Sul@)™) = (Zp@)uen: n— o, (9)

where (Zy, (7)), oy is the running maximum process of i.i.d. random variables with values in
(1,00). Here the limit satisfies a stochastic fixed-point equation

(Z5(0)yen < (E5(R(2))), (10)

where again R on the right-hand side is independent of (Z,(x))zen.

In the setting of Example 1.3 R(n) is the position of nth record, n € N, in an infinite sample
from a continuous distribution. In this case Theorem 2.8 in Alsmeyer et al. (2017) says that

(Ln(Sn(@))pen = (Z53(2))gen, 1 — 00, (11)

where Ly, (x) is the n-fold iteration of the function x +— log(1l + x) with itself and the limit
satisfies a stochastic fixed-point equation

(Z5,(2)),en < (log(1+ Zp, (R(2)))) yen

where, as before, R on the right-hand side is independent of (Z¢,(z))zen-

A common feature of limit relations (6), (9) and (11) is that they can be written in a unified
way as follows:

n—oo, i=1,23, (12)

fiO~--Of@'OR10R2O"'ORn($) :>(Zfl(m))$€N7

n times zEN

where f; : [0,00) — [0,00) is a strictly increasing unbounded concave function given by

wlt, if i =1 and (6) holds,
fi(t) :== < t¥, if ¢ = 2 and (9) holds, (13)
log(1+t), ifi=3and (11) holds.

Furthermore, the fixed-point equations satisfied by the limits take the form

(Z4,(@),en = (Fi(Z1(R@))) e, 0= 1,2,3.

The main goal of this paper is to establish general conditions ensuring, for a given random
set R, existence of a normalizing function f such that

fo--ofoRioRyo--0R(a) | = (Zf(a)

n times zeN

seNs T 00, (14)
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for some limit (Zf(z)), .- The fact that whenever convergence (14) holds the limit should
satisfy a stochastic fixed-point equation

(Z5(2)),en = (F(Z1(R(2)))) pen s (15)

is obvious. Note that (15) is a particular case of (2) when restricted to point processes on N.

As a byproduct we also derive limit theorems for two related characteristics which describe
the speed of sieving:

o N ]s;;) the number of integers among 1,2, ..., M which remain after n steps, formally,
N = card (S, N {1,2,...,M}), M€EN, neN (16)

e T(M) the number of steps until all integers 1,2,..., M have been removed, namely,
T(M) = inf{ne N: N =0}, MeN (17)

Note that the above quantities are connected via duality relations:

(N >k} = {So(k) < M} and {T(M) <k} ={Sk(1) > M}, k,MEN, neN,.
(18)
In particular, T'(M) is a.s. finite if and only if z¢(R) = 1, see Eq. (5) above.

Let us introduce the following shorthand notation: given a sequence of either deterministic
or random functions f,, : X — X, where X is an arbitrary set, we put

fEM) = fro.iof, and fOHR) = f 0.0 f

for k < n. For n < k, we stipulate that f*™) and f(™*) denote the identity map on X.
Further, we shall use the notation

fO(n):fo'”Ofa HEN,
——

n times

for the n-fold iteration of f with itself.

2. Limit theorems for random sieves

Let F be a family of nondecreasing unbounded concave functions f : [0,00) — [0,00) such
that f(0) = 0. Let Fr be a subset of functions f € F that also satisfy

Ef(R(n)) <n, neN. (19)

The key role of the family Fpg is revealed by Proposition 2.2 below. However, we shall first
need to ensure that Fg is non-empty.

Lemma 2.1. For an arbitrary infinite random set R C N we have Fr # &.

A proof of Lemma 2.1 will be given in Section 4.

Proposition 2.2. Let G, be a sigma-algebra generated by the mappings R1, Ro,...,R,, n €
N, Gy the trivial sigma-algebra. For every f € Fr and x € N, the sequence

fEONRMD (), neN,

is a positive supermartingale with respect to the filtration (Gp)nen, and, thus, converges a.s.
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Proof. By Jensen’s inequality, since (=1 : [0, 00) — [0, 00) is concave,

E (/R (@)[Gnmr ) = E (520D (RO RO @) |G )
< poln=1) (E ( F(RM( R((n—nu)(x))),gn_l)) (159) FeO=D(R(=DID) (1)),
Thus, (o) (R (z))),en is a positive supermartingale. O

We are ready to formulate our first main result.

Theorem 2.3. Let f € Fr. Then
( o) o glitn) (‘”))m
where (Z7(x)), oy satisfies (15).
Proof. The result follows from Proposition 2.2 upon noticing that
( oM g RUTN)(@) 4 ( 7o) o R(nw(x))

for every fixed n € N. O

z€N zeN’

Theorem 2.3 is not completely satisfactory, since the limit (Z7(z)) .y might be trivial (a.s.
equal to a fixed point of f) if f € Fgr is chosen incorrectly. To avoid such trivialities we
naturally want to take f € Fg ‘as large as possible’. To formalize the latter notion, we endow
the set Fr with a pointwise partial order <:

fizfo <= fi(t) < fo(t) forall t>0.
Note that, for every n € N and f € Fp,

n < R(n) = f(n) <Ef(R(n)) <n,
and, therefore,
sup f(t) < sup f([t]) <[t]<t+1, t=0, (20)
feFr fEFR
which shows that all the functions in Fp are uniformly locally bounded.

It is clear that f < g implies P{Z;(z) < Z4(x)} = 1, for all € N. Recall that a function f*
is called a maximal element of (Fg, <) if f* < g, for some g € Fg, implies g <X f*. Let Mp
be the set of maximal elements in (Fg, =<). The next proposition, whose proof is postponed
to Section 4, demonstrates that the set Mg is non-empty.

Proposition 2.4. Every chain in the partially ordered set (Fgr, <) possesses an upper bound.
Thus, (Fr,=) contains at least one mazimal element.

The elements of Mg seem to be the best candidates for deriving (14) with a non-trivial limit.
However, Proposition 2.4 is a result on existence and does not provide any way to find at
least one element of Mg explicitly. Therefore, we shall formulate the second theorem, which
provides us with sufficient conditions for (14) with a non-trivial limit.

Note that every function f in Fg is strictly increasing on [0,00) and continuous on (0, 00).
Put z; := f(0+). There exists a unique strictly increasing convex function f* defined on
[z ¢, +00) such

[T(f) =2, >0 and f(f"(z) =2, x>z
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Extend f< to a convex function on [0,00) by putting f(x) =0, for € [0,xf). Forn € N
and f € Fg, introduce a stochastic process X,, := (X, (2))z>1 defined by

Xu(w) i= 2" o Ry (L(FO)° " V(@) = >0,
where we stipulate R(0) = 0. Note that

(£ o R (@) = (X" (@))en, neN.
xre

The processes X,,, n € N, are independent but not identically distributed. By Proposition 2.2
(X (@)pern “% (Zf(2))sen, n— o0,

The next theorem says, in essence, that if (X,,),en converges uniformly to the identity func-
tion, as n — oo, then the solution Z;(x) satisfies a strong law of large numbers, as x — oo.
The proof will be given in Section 4.

Theorem 2.5. Suppose that for some f € Fgr

X

1, x— oo.

Further, assume that the series
| Xn(z) — 7]
S sup etz =1, 1)
n=1 z20 1 +z

which is comprised of independent random variables, converges almost surely. Then

Z
Mﬂl, x — 00. (22)
x

In particular, the nondecreasing process Zy is a.s. unbounded.

Remark 2.6. Necessary and sufficient conditions for the a.s. convergence of the series defined
in (21) are given by the celebrated Kolmogorov three series theorem. Put

X, —
W, = Supi‘ () — 2|

, neN
>0 1+

The series (21) converges a.s. if and only if for every A > 0 the following three series converge

ZP{anA}, ZE(Wnn{WnsA}) and ZVar(Wn]l{anA}).

n>1 n>1 n>1

Remark 2.7. The denominator 1 + x in (21) can be replaced by an arbitrary function p :
[0,00) — [0,00) such that p(z) ~ x, as x — oo, and p is bounded away from zero.

Using Theorem 2.5 and duality relations (18) we immediately obtain the following limit theo-

rems for the functionals N ](\;;) and T'(M) defined by (16) and (17), respectively. For the limit
process (Zf(x))zen in Theorem 2.5 define the counting process

Z}#(y) =card{zr e N: Z¢(z) <y}, y>0,

and put also
(f7)(y) = +o0}.

Proposition 2.8. Under the assumptions of Theorem 2.5 it holds:

(NL(EZf)*)O(n)(y)J>y>yO g (Zf(y))y>y0 , N — 00.

Furthermore, if xo = 1, then for every fived y > yo and x € Z,
Tim P{T(L(F)°™())) —n < 2} = PZ,(1) > FO)),

where fo@) = (f<)°l=D if < 0.

yo :=inf{y > 0:

lim
n—oo
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Remark 2.9. The distribution of XV n € N, can be regarded as a convolution of probabil-
ity measures on the semigroup of self-maps on [0, 00) endowed with the composition operation.
General results on convergence of convolutions of probability measures on semigroups can be
found in (Hognis and Mukherjea 2013, Section 2.4). However, they do not seem to be appli-
cable in our setting.

As was pointed out to us by the referee, another closely related concept is known in theory of
dynamical systems. One can think of the sequence X1 n € N, as a random discrete dy-
namical system which is non-autonomous in a sense that X,,’s are not identically distributed.
This type of dynamical systems has received some attention in the literature but from a differ-
ent perspective than considered here; see, for example, Cui and Langa (2017) and (Kloeden,
Pdotzsche, and Rasmussen 2013, Section 8).

3. Examples

3.1. A martingale

Assume that there exists p > 1 such that ER(x) = pux, for all z € N. In this special
case Mp contains a function x + p~'x. Furthermore, for every fixed € N, the sequence
(" R™D (1)) is a positive martingale rather than just a positive supermartingale.

Suppose that
R(.%‘) a.s.

= u, T — 00, (23)
T
and, further,
| Ra(lp"'2]) — pral
Z sup < 00
n—1 120 :U'n(l —I-IL‘)
The latter is equivalent to
o0
R n—1 _ n—1
Zsup‘ n(Lp f“ ple 2]l _ (24)
n—1 x>0 w (1 + CC)

A simple sufficient condition for (23) and (24) is a Marcinkiewicz—Zygmund type strong law

R _
7(@1 5,u;1: E>0, T — 00,
iy

for some § € (0,1). In particular, if R is the standard random walk with E(R(1))*¢ < oo,
for some € > 0, then (23) and (24) hold true.
Summarizing, under the above assumptions the limit relation (14) holds true with f(z) =

,u_lx.

3.2. Records

This model has been treated in details in Alsmeyer et al. (2017). Here we just demonstrate
that our Theorem 2.5 is powerful enough to recover the results of Alsmeyer et al. (2017).

Let Uy, U, ... be a sequence of independent copies of a random variable with the uniform
distribution on [0, 1]. Let R(k) be the index of k-th record in the sample. Thus,

R(1)=1, R(k):=inf{j>R(k—1):U; > Upu_n}, k>2. (25)

According to the next lemma, whose proof will be given in Section 4, the function z +—
log(1 + x) belongs to Fg.

Lemma 3.1. For all x € N, we have Elog(1 + R(z)) < z.
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The relation

(1 +10g()°™ o Ra([(exp() = 1)°(* V(z)]) — x|
2_su I+

<00 as. (26)

can be checked using the mean value theorem for differentiable functions in conjunction with

the fact that log(1 1 R(x)) |
og(l+ H(x)) — x| as. )
pype — 0, =z — o0 (27)

see Theorem 2(v) in Gut (1990) for a stronger version of (27). We refer the reader to calcu-
lations on pp. 4364-4366 in Alsmeyer et al. (2017) for a derivation of an L;-version of (26).
Thus, (14) holds true with f(z) = log(1 + z).

4. Proofs

Proof of Lemma 2.1. We need to find a concave strictly increasing and unbounded function f
such that (19) holds. Such a function will be constructed by finding a sequence 0 =ty < t; <
to < --- such that (tx — tx—1)ren is nondecreasing and defining f by a linear interpolation
of the points (tx,ak), k =0,1,2,..., for some « € (0,1). The resulting function is obviously
strictly increasing and unbounded. Furthermore, it is concave, since (t; —tx_1)ken is assumed
nondecreasing.

In order to find (¢;) we argue as follows. Fix o € (0,1), put

h(t) := sup aP{R(n) 2 t} t},

n>1 n—o

t>0,

and ¢} := inf{t > 0: h(t) < 27%}. Define the sequence (tj) recursively as follows
to:=0, t:=max{ty,ty_1 +max{t; —t;—1:j=1,....k—1}}, keN

Then, for every n € N,

Ef(R(n)) =E | > f(R(n)1gy,  <rmy<ty | <D akP{ti_1 < R(n) <t}

k>1 E>1
=Y ak(P{R(n) > ty 1} —P{R(n) > ty}) = a+a > P{R(n) > t;}
k>1 k>1
<at(n-a)) hity) Sa+(n—a)) htp) <a+(n—0a)) 275 <n
k>1 k>1 k>1
The proof is complete. O

Proof of Proposition 2.4. Let C be a chain (totally ordered subset) in (Fg,<). Define a
function fZ : [0,00) — [0,00) as a pointwise supremum:

fe(t) ==sup f(t), t>0.
fec

Note that (20) implies that f3 is locally bounded. Obviously, fZ is nondecreasing, unbounded
and is an upper bound for the chain C. We need to prove that f7 € Fg which amounts to
checking that f? is concave and

Ef;(R(n)) <n, neN. (28)
We shall first prove concavity. Fix t1,t2 > 0 and € > 0. Then

fe(ty) < fi(ty) +e and  fi(t2) < fa(te) + ¢,

21
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for some f1, fo € C. Since C is a chain we have either max(fi, f2) = f1 or max(f1, f2) = fo.
Without loss of generality assume the latter. Then, for every A € [0, 1],

Afe(t) + (1= A) fe(tz) S Afilth) + (1= A) falte) + €
< Afa(t) + (1 =N falte) +e < fa(Mr + (1= ANta) +e < fe(Ma + (1 = Mta) +&.
Sending € — 0+ yields concavity of fZ on [0, c0).

In order to prove (28) note that, for every m € N and every ¢ > 0, there exists f,,, € C such
that
fe(m) < fin(m) +e, meN.

Thus, with f:: supy>1 fk, we have

It remains to note that

flm)= lim sup fix(m)= nle fpn(m), meN,

where p, is the index of the <-maximal function in {f1,..., fn} C C which exists since C is a
chain. Thus, for every fixed n € N, by the monotone convergence theorem,

Ef¢(R(n) <EJ(R() +¢ =K lim_f,, (R(n)) +2 = lim Ef,, (R(n)) +2<n+e.

m—r0o0 m—r00
Since € > 0 is arbitrary, we obtain (28). The second claim of the lemma follows from Zorn’s
lemma. O

We now turn to the proof of Theorem 2.5. We start with an auxiliary lemma.

Lemma 4.1. Let h : [0,00) — [0,00) be a nondecreasing unbounded concave function. Let
(Zn)nen C (0,00) and (yn)nen C (0,00) be two asymptotically equivalent sequences, that is,
limy, 00 Zn/yn = 1. Then limy, o0 h(zy)/h(yn) = 1.

Proof. Firstly, note that concavity of h and h(0) > 0 jointly imply
h(Az) = h(Ax 4+ (1 — X\)0) > Ah(z) + (1 — A)R(0) > Ah(z), A €][0,1], = >0. (29)

Fix ¢ € (0,1). There exists ng(e¢) such that 1 —e < z,/y, < 1+¢, for n > ngy(e). Using (29)
and monotonicity of h we obtain
ha) _ (L))
= 1
h(yn) = h((1+2)7H (1 + )yn)

P((L +€)yn)
h((1 +€)yn)

<(1+¢) =1+4¢e, n>npe).

Thus,

lim sup (@)

<l+e.

Similarly, one can check that liminf is greater or equal than 1 — &, which completes the
proof. O

Proof of Theorem 2.5. The proof consists of several steps.

STEP 1. Let us show that, for every fixed n € N,

Ln(x) 2% 1, x— . (30)
x

The above formula is equivalent to

PO RSV (@)]) as,

— 1, x— o0,
x
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which, in turn, is the same as

FPOR([2])) O V(RM((2]))) as,
fo(n_l)(x) = fo(n_l)(x) — 1, x — oo.
The latter follows from Lemma 4.1 and the fact that

HEAENI

1, z— oc.
T
STEP 2. For every fixed n € N,
X(n¢1 n X(kil) n (X ((k— 1¢1)( )) ws.
1:1 kl:[l XD () b T (31)
where the last passage follows from (30).
STEP 3. Let us show that (1)
X" (x)
supsup ——— = < 00 a.s. 32
neNz>0 1+ (32)
We have
X ™) < 1+ X (X (=D ‘ 1+ X
sup (»”C)S sup -t k( H up LX) k()
>0 1+2 g 720 1+X((k 1)i1) -1 >0 14z
| Xk () —x|> = ( | X (@ )—x!>
< l4+sup————— | < l+sup————"— | <0 a.s,,
I (o ) < T (e 2,

where the last inequality follows from (21). Thus, (32) holds true.

STEP 4. For x € N, we have the representation

Zi(x)  f(Ri(x)) L el 3 X D) () — X ((r=1)11) ()

T T x 1+
n>2 +

9

where the series converges by Theorem 2.3. We need to show that

i X(nil)(x) — x(n— 1)¢1) nu)(x) — X((n—l)u)(z)
1

1 Z lim 1
Z—00 = +x n>o T—00 +x

)

since the right-hand side is equal to 0 by (31). In view of the dominated convergence theorem,
it suffices to check that

X(nil)(x) _ X((n—l)U)(m)

< o0 a.s.
1+

sup
x>0

n>2
The latter follows from

X("U)(x) — X((n—1)¢1)($)

sup
n>2 z=0 14z
x (nd1) — x((n=1){1) 1+ x((n—1)]1)
€ 3 | K@) — XD |1 (x)
=5 >0 1+ X((n=1)J )(x) >0 1+
1+ x((n=1)I1) X _
< | supsup + (z) sup M < 00,
n>2 >0 1+ —e>0 1+

where on the last step we utilized (32) and condition (21).
The proof of Theorem 2.5 is complete. 0
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Proof of Lemma 3.1. We shall rely on Williamson’s representation for R, see Eq. (3.4) in Gut
(1990),
RO) =1, R(k+1)=[R(E)/U], keN,

where (U)gen are i.i.d. random variables with the uniform distribution on [0, 1]. According
to this representation, for k € N,

L R(k
Elog(l+ R(k+ 1)) =E Z log(1 + j) ((_)1)
j>R(k)+1 I
Assume that we have proved
log(1+ 1+log(l+ A
yo losllty) 1vloglvd) -y (33)

S U= T A 7

Then Elog(1+ R(k + 1)) < 1+ Elog(1+ R(k)), k € N, and the claim of lemma follows by
induction. It remains to check (33). To this end, note that

Z log(1+j) _ Z log(2l+j) B Z log(llJrj) _ log(A+2) N Z llog <]+2>

J>A+1 3G =1) k>A J j>A+1 J A j>A+1 g+
Slog(zj14+2) Z ‘ ‘1 1 Slog(zill—l—2)_i_All
j>A+1 ‘7(‘7 - ) -
< log(1+ A) N 1 N 1 l—i—log(l—i-A).
A AA+1) T A+ A
The proof of (33) and of the entire lemma is complete. O
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