
www.ssoar.info

Predicting bloc support in Irish general elections
1951–2020: A political history model
Quinlan, Stephen; Lewis-Beck, Michael S.

Veröffentlichungsversion / Published Version
Zeitschriftenartikel / journal article

Zur Verfügung gestellt in Kooperation mit / provided in cooperation with:
GESIS - Leibniz-Institut für Sozialwissenschaften

Gefördert durch die Deutsche Forschungsgemeinschaft (DFG) - Projektnummer 491156185 / Funded by the German
Research Foundation (DFG) - Project number 491156185

Empfohlene Zitierung / Suggested Citation:
Quinlan, S., & Lewis-Beck, M. S. (2022). Predicting bloc support in Irish general elections 1951–2020: A political
history model. Journal of Elections, Public Opinion and Parties, 1-22. https://doi.org/10.1080/17457289.2022.2120884

Nutzungsbedingungen:
Dieser Text wird unter einer CC BY Lizenz (Namensnennung) zur
Verfügung gestellt. Nähere Auskünfte zu den CC-Lizenzen finden
Sie hier:
https://creativecommons.org/licenses/by/4.0/deed.de

Terms of use:
This document is made available under a CC BY Licence
(Attribution). For more Information see:
https://creativecommons.org/licenses/by/4.0

Diese Version ist zitierbar unter / This version is citable under:
https://nbn-resolving.org/urn:nbn:de:0168-ssoar-86947-9

http://www.ssoar.info
https://doi.org/10.1080/17457289.2022.2120884
https://creativecommons.org/licenses/by/4.0/deed.de
https://creativecommons.org/licenses/by/4.0
https://nbn-resolving.org/urn:nbn:de:0168-ssoar-86947-9


Full Terms & Conditions of access and use can be found at
https://www.tandfonline.com/action/journalInformation?journalCode=fbep20

Journal of Elections, Public Opinion and Parties

ISSN: (Print) (Online) Journal homepage: https://www.tandfonline.com/loi/fbep20

Predicting bloc support in Irish general elections
1951–2020: A political history model

Stephen Quinlan & Michael S. Lewis-Beck

To cite this article: Stephen Quinlan & Michael S. Lewis-Beck (2022): Predicting bloc support in
Irish general elections 1951–2020: A political history model, Journal of Elections, Public Opinion
and Parties, DOI: 10.1080/17457289.2022.2120884

To link to this article:  https://doi.org/10.1080/17457289.2022.2120884

© 2022 The Author(s). Published by Informa
UK Limited, trading as Taylor & Francis
Group

View supplementary material 

Published online: 11 Nov 2022.

Submit your article to this journal 

Article views: 267

View related articles 

View Crossmark data

https://www.tandfonline.com/action/journalInformation?journalCode=fbep20
https://www.tandfonline.com/loi/fbep20
https://www.tandfonline.com/action/showCitFormats?doi=10.1080/17457289.2022.2120884
https://doi.org/10.1080/17457289.2022.2120884
https://www.tandfonline.com/doi/suppl/10.1080/17457289.2022.2120884
https://www.tandfonline.com/doi/suppl/10.1080/17457289.2022.2120884
https://www.tandfonline.com/action/authorSubmission?journalCode=fbep20&show=instructions
https://www.tandfonline.com/action/authorSubmission?journalCode=fbep20&show=instructions
https://www.tandfonline.com/doi/mlt/10.1080/17457289.2022.2120884
https://www.tandfonline.com/doi/mlt/10.1080/17457289.2022.2120884
http://crossmark.crossref.org/dialog/?doi=10.1080/17457289.2022.2120884&domain=pdf&date_stamp=2022-11-11
http://crossmark.crossref.org/dialog/?doi=10.1080/17457289.2022.2120884&domain=pdf&date_stamp=2022-11-11


Predicting bloc support in Irish general elections
1951–2020: A political history model
Stephen Quinlan a and Michael S. Lewis-Beckb

aDepartment of Data and Research on Society, GESIS – Leibniz Institute for the Social
Sciences, Mannheim, Germany; bDepartment of Political Science, University of Iowa, Iowa
City, IA, USA

ABSTRACT
Election forecasting is a growing enterprise. Structural models relying on
“fundamental” political and economic variables, principally to predict
government performance, are popular in political science. Conventional
wisdom though is these standard structural models fall short in predicting
individual blocs’ performance and their applicability to multiparty systems is
restricted. We challenge this by providing a structural forecast of bloc
performance in Ireland, a case primarily overlooked in the election
forecasting literature. Our model spurns the economic and performance
variables conventionally associated with structural forecasting enterprises and
instead concentrates on Ireland’s historical party and governance dynamics in
the vein of testing whether these patterns alone offer solid predictions of
election outcomes. Using Seemingly Unrelated Regression (SUR), our
approach, comprising measures of incumbency, short-term party support,
and political and economic shocks, offers reasonable predictions of the vote
share performance of four blocs: Ireland’s two major parties, Fianna Fáil and
Fine Gael, Independents, and the Left bloc combined across 20 elections
spanning 60 years.

KEYWORDS Forecasting; Structural models; parties; Ireland; political history

Introduction

"The best qualification of a prophet is to have a good memory".
George Saville, Marquis of Halifax, English Statesman.

There are three principal means of predicting elections: markets, polls, and
models. Markets are based on investors – people placing bets on elections
through bookmakers (Gallagher 2008; Rosenbaum 1999) or buying stocks
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in markets like The Iowa Electronic Market (e.g. Erikson andWlezien 2008; Kou
and Sobel 2004). Polls involve a seemingly representative sample of voters
being asked who they intend to vote for, with these intentions aggregated
and serving as a guide to the outcome. Another dimension of this approach
is citizen forecasting (e.g. Murr 2016; Lewis-Beck and Skalaban 1989). Instead
of relying on vote intention, it focuses on who citizens think will win. The third
approach – structural models - relies on so-called fundamental indicators to
predict. Primarily, it focuses on incumbent governments’ performance and is
often referred to as “The Iowa Model”, in homage to the scholars who devised
it (Lewis-Beck, Belanger, and Fauvelle-Aymer 2008). It posits government per-
formance is a function of political economic variables – government satisfac-
tion and/or leader popularity – macro measures usually gleaned from
representative citizen surveys, short-term economic performance indicators,
and longevity in office. Models have proved robust in foretelling government
performance in several states (e.g. Aichholzer and Willmann 2014; Bellucci
2010; Dassonneville, Lewis-Beck, and Mongrain 2017; Nadeau and Lewis-
Beck 2020; Quinlan and Lewis-Beck 2021; Norpoth and Gschwend 2010; Abra-
mowitz 2008; Lewis-Beck and Tien 2008, 2020).

Models have principally concentrated on estimating government perform-
ance in elections. This approach is suited to predicting in two-party/bloc
systems. But in multiparty systems the outgoing government’s performance
is only one element of the story. To gain a better insight into election out-
comes, we need to know how individual blocs perform regardless of incum-
bency status. Some argue estimates of individual bloc performances from
models are unworkable with a 2015 (Walther 2015, 2) article concluding:
“pure structural models are difficult to apply in the multiparty context. To
accurately forecast the results of all parliamentary parties it appears necessary
to include some kind of polling data in the model.” In this contribution, we
challenge this premise somewhat. While some modeling forays have esti-
mated individual actor performance (e.g. Mongrain 2021; Jérôme, Jérôme-
Speziari, and Lewis-Beck 2017; Stegmaier and Williams 2016), most have
employed a synthetic approach when doing so – i.e. combining models
and opinion polls. Our paper is in the modeling tradition but with a twist –
a structural model prediction of bloc performance which spurns any
measure of public opinion (e.g. leader or government satisfaction or issue sal-
iency) or recent economic performance. With this Political History Model, our
goal is in the vein of the Marquis of Halifax’s sentiment that prophets need “a
good memory”, as we explore whether polities’ historical party, governance,
and institutional dynamics alone offer a reasonable guide to actors’ electoral
prospects. Our contribution eschews the conventional structural approach of
many by estimating the performance of multiple actors. And we apply it to
Ireland, a relatively underexplored case when it comes to election forecasting
(exception Quinlan and Lewis-Beck 2021).
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Our objective is not to purely offer a structural forecasting model of bloc
performance in Ireland, novel as that is. Just as critical is establishing if a
polity’s medium and longer-term structural forces can offer reliable guidance
on future elections. Political commentary often assumes particular patterns of
behavior repeat themselves or have longevity. For example, aphorisms like
governments tend to lose special elections or parties having a ceiling or
base level of support, to particular historical events, like German reunification
in 1990, or the introduction of the Voting Rights Act in the USA in 1965, are
assumed to have enduring implications for the vote. Our goal is to see if such
dynamics alone can assist us in constructing a reasonable prediction model
of actor performance in future elections.

Ireland offers the ideal testing ground for a model-inspired bloc forecast. It
shares many advanced democracies’ trademarks – a multi-party system,
coalition governments the norm, and increased electoral volatility. Yet,
until recently, Ireland was a beacon of stability with the party system domi-
nated by two parties – Fianna Fáil and Fine Gael, mirroring the situation of
other democracies where dominant parties have been losing support.
Ireland also stands out for its use of the single transferable vote (STV).

We use Seemingly Unrelated Regression (Zellner 1962) which allows us to
model support of Fianna Fáil, Fine Gael, Independents (an essential bloc in
Ireland – see Weeks 2016) and a combination of leftist parties (Left bloc).
We demonstrate with appropriate lead time, the Political History Model pro-
vides credible estimates of these four blocs’ performance in Irish general elec-
tions between 1951 and 2020, although the model admittedly performs
better in some contests than others and accurately forecasts some blocs
better (Fianna Fáil/Independents) than others (Fine Gael/Left). The model’s
parsimony, its replicability, and its sufficient lead-in time are all pluses
(Lewis-Beck 2005). Coupled with its reasonable accuracy, these
dynamics alone have some value in the election forecasting arena in Ireland.

Theory

The traditional structural forecasting model

Model forecasting has its roots in the United States (Abramowitz 2008; Cuzán
and Bundrick 1999; Lewis-Beck and Rice 1992) and France (e.g. Lewis-Beck
1995). Modelers assume elections are plebiscites on incumbent government
performance (Tufte 1975) and their fortunes will be determined by economic
and political performance during their term of office. This strategy’s main
attraction vis-à-vis opinion polls or markets is modelers work from a theoreti-
cal framework. Modelers focus on indicators known to correlate with vote and
expect voters to be retrospective (Key 1966; Fiorina 1981) playing “gods of
vengeance and reward” (Key 1964, 568). Consequently, voters are more
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likely to reward incumbent administrations for a sound economy but punish
them for a poor economy (Dassonneville and Lewis-Beck 2019; Lewis-Beck
and Stegmaier 2000), to re-elect governments led by popular leaders (Bellucci
2010; Norpoth and Gschwend 2010), and to punish incumbents the longer
they remain in office (Abramowitz 2008; Dassonneville, Lewis-Beck, and Mon-
grain 2017; Quinlan and Lewis-Beck 2021).

While the traditional structural model has a decent record in forecasting
government performance in elections cross-nationally (Aichholzer and Will-
mann 2014; Bellucci 2010; Dassonneville, Lewis-Beck, and Mongrain 2017;
Nadeau and Lewis-Beck 2020; Norpoth and Gschwend 2010; Quinlan and
Lewis-Beck 2021), it has drawbacks. Its applicability to multiparty systems is
less straightforward. Take, for example, the 2020 Irish general election. The
government suffered losses, but the main feature of this election was the
surge of support for the Left encapsulated by advances for Sinn Féin and
the Greens, traditionally smaller players. In sum, traditional models often
fall short in multiparty systems. In response, some modelers have embraced
a synthetic approach combining models with vote intention from opinion
polls. Initially, these forecasts concentrated on government performance
(Lewis-Beck and Dassonneville 2015a, 2015b). More recently, synthetic
models have embraced predictions of individual blocs (e.g. Mongrain 2021;
Walther 2015; Stegmaier and Williams 2016). While these approaches have
strong merit, all of these endeavors include measures of public opinion
and most do not embrace a consistent theoretical specification in estimating
individual blocs, complicating the development of parsimonious models. We
challenge the narrative structural models are infeasible in multiparty systems
and test whether historical–political indicators offer a means of estimating
bloc support in multiparty systems.

The political history model

The political history model adopts the perspective: “Life can only be under-
stood backwards; but it must be lived forwards” (Kierkegaard 1843). There
exists in political science strong lineage in highlighting the importance of
history in understanding current events (e.g. Pierson 2000). Incorporating a
historical dimension in a forecasting model is not itself new (e.g. Keilis-
Borok and Lichtman 1981; Abramowitz 2008). What is novel is shunning
any measure of public opinion or economic conditions in the run-up to the
contest and instead relying only on historical–political indicators. Considering
the traditional structural approaches applied in Britain, France, Germany, and
the United States (e.g. Abramowitz 2008; Norpoth and Gschwend 2010;
Lewis-Beck and Tien, 2008, 2020; Lewis-Beck 1995), most incorporate short-
term measures into their models. Be it an economic indicator like GDP
growth or unemployment in the months or year before the contest or
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measures tapping public sentiment on government satisfaction, prime min-
isterial approval, or leader popularity in the three to twelve months before
the vote. Similar approaches have been applied in polities where the tradition
of structural election predictions is less developed, like Austria, Denmark,
Italy, Japan, the Netherlands, Spain, and Turkey (Aichholzer and Willmann
2014; Bellucci 2010; Dassonneville, Lewis-Beck, and Mongrain 2017; Lewis-
Beck and Tien 2012; Magalhães, Aguiar-Conraria, and Lewis-Beck 2012;
Nadeau and Lewis-Beck 2020; Toros 2011). We depart from this existing scho-
larship as our mission is to test whether polities’ historical party, governance,
and institutional dynamics alone can help us forecast bloc support and to
move beyond the government/opposition dichotomy.

Detractors may charge this is a bold effort in a world where electoral vola-
tility is not unknown (e.g. Gallagher, Laver, and Mair 2011). Yet, this overlooks
the inertia time affords us, especially in political systems that, at the bottom,
have been relatively stable. At the micro-level, consider the lasting quality of
attachment that characterizes the politics of many individuals in mature
Western democracies. At the macro level, ponder the still long lives of
leading actors. We recognize these patterns have weakened over time. Never-
theless, enduring predispositions among individuals remain a force to be
reckoned with, and volatility remains the exception than the norm. Simply
put, we appreciate counterforces exist, expressed in forecasting errors and
the fluctuating error term across time. However, econometrically, most of
these error processes are simple, first-order autoregressive ones. Conse-
quently, they shall be subject to straightforward statistical correction (Gujarati
and Porter 2009, 417).

Critics might allege the historical model favors stability over change and
making a forecast relying on history alone neglects particular conditions at
election time. There is legitimacy to the first point – a model relying solely
on historical patterns may induce conservative estimates which needs to
be borne in mind when assessing the forecast. The latter issue maps to
whether medium or long-term against short-term determinants are more
influential in understanding electoral outcomes. We do not claim that
short-term dynamics are unimportant and the literature has demonstrated
their value in the forecasting enterprise. Instead, we assume campaign
effects will likely cancel each other out (Lewis-Beck and Tien 2008, p.233)
and any independent impacts accruing from such occurrences will be cap-
tured in the model’s error term. Moreover, our initiative with this paper is
to establish what forecasting potential long-term structural variables alone
can yield. It is worth noting, however, models that rely on short-term
factors have weaknesses too. Take polling approaches and their notable
misses in several contests – e.g. the 2015 British election (Sturgis 2016) or
the 2019 Australian election (Hurst 2020). These prognostications relied on
short-term close to the contest measures. Structural and synthetic models,
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also using short-term measures, have fallen short too. Consider the 2017
German Federal election. The respected Chancellor Model (Norpoth and
Gschwend 2017), which had an outstanding reputation for correctly calling
the government’s performance in German Federal elections, fell wide of
the mark. The miss was primarily attributable to the emphasis the model
places on short-term leader popularity, with the so-called Schulz Effect in
full swing when the prediction was made but which had diminished by
polling day. The critical point is even well-traveled forecasting endeavors
relying on short-term predictors can fall victim to misses, implying an empha-
sis on short-term factors is not a prediction panacea.

One of the challenges of developing a forecasting model for individual
blocs consists of the lack of a consistent theoretical framework. Conventional
modeling predictions base themselves on the notion of retrospective evalu-
ations of government performance. Extending this to individual actors is pro-
blematic given that “to estimate the support of many players in a multiparty
system, neglects this logical link between results and responsibility” (Walther
2015, 5). This overlooks a burgeoning literature addressing the mechanisms
of ongoing party support, regardless of incumbency status, resting on the
view satisfaction with government and parties may be, at least partially, pro-
ducts of distinct processes (Plescia and Kritzinger 2017; Söderlund 2008; Wil-
liams, Stegmaier, and Debus 2017). For example, the responsibility attributed
to a minor party in a ruling coalition may be different from that assigned to
the Prime Minister’s party. Naturally, responsibility attribution takes on a
different character if a party sits in opposition (Angelova, König, and
Proksch 2016; Debus, Stegmaier, and Tosun 2014; Fisher and Hobolt 2010).
While these considerations are coming to be addressed in the vote-popularity
function literature (Stegmaier, Lewis-Beck, and Park 2017), they have yet to
take centre stage in aiding election prediction (a notable exception is Mon-
grain 2021). We accept the challenge here, drawing on theories of lagged
bloc support, the costs of ruling, and political and economic electoral shocks.

We first assume support for any bloc will in part be a function of the
general support for it in the system recently. This supposition rests principally
on the idea of partisan loyalties – citizens forming stable attachments to
parties - which influences political behavior long-term, including the vote
(Campbell, Converse, and Stokes 1960). This dynamic has been recognized
by several other forecasting enterprises (e.g. Mongrain 2021; Norpoth and
Gschwend 2010). That said, there is evidence partisanship in many advanced
democracies is waning (Dalton and Wattenberg 2000). Ireland is a case in
point. From substantial levels of party identification in the late 1970s, this
has dropped off (Marsh et al. 2008). Moreover, we accept other dynamics
besides partisanship may influence support. In recognition, we adopt the
notion of short-term popular support, whereby the aggregate distribution of
bloc support in the two most recent electoral contests – the previous
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general election and most recent midterm election (in Ireland’s case the local
elections) – provides a safe baseline for estimating a bloc’s enduring support.

The political science literature continuously shows there is a cost to ruling
(e.g. Cuzán 2015; Wlezien 2016; Nannestad and Paldam 2002). Being in gov-
ernment means parties take decisions increasing the possibility of alienating
certain groups and creating electoral enemies – a “waiting in the long grass”
effect. Holding office also means actors’ screw ups will be highlighted,
perhaps more than their successes, which too can cost them votes (Nannes-
tad and Paldam 2002). Research highlights actors in government often stray
from themedian position of voters in favor of narrow ideological goals, result-
ing in lost votes (Wlezien 2016). Whatever the root mechanism the expec-
tation is holding office will result in a party losing votes.

Allowing for some dynamism to a historical-driven model is propitious as
we know party systems can evolve and there has been an increase in voter
volatility (Dassonneville, Blais, and Dejaeghere 2015; Drummond 2006). Our
response is to model political and economic shocks. Broadly speaking a
shock is an event that significantly transforms or alters processes and expec-
tations in the system (Nannestad and Paldam 1994). The idea is they have no
impact before they occur but a profound effect after. Shocks can be classified
as changes in supply or demand and they can be short-term, or long-term
fundamentally altering the rules of the game (Goertz and Diehl 1995).
Given our interest in history, long-term alterations principally interest us.

There is a rich literature exploring political shocks (e.g. Goertz and Diehl
1995), economic disturbances on cleavages (Gourevitch 1986; Kriesi et al.
2008), and electoral behavior and voter preferences (Ahlquist, Copelovitch,
and Walter 2020; Hernandez and Kriesi 2016; Malhotra and Margalit 2010;
Margalit 2019). Its inclusion in forecasting models is relatively novel (an
exception is Quinlan, Schnaudt, and Lewis-Beck 2022) and arguably provoca-
tive. Skeptics may charge shocks are, by their very nature, random occur-
rences that can’t be projected in advance, yielding their value for
forecasting nil. We acknowledge some shocks are unforeseen and cannot
be modeled ex-ante. Such occurrences are known for decreasing the
reliability of econometric models. Yet, even when such shocks occur, they
can have profound consequences on predicting. Take a well-traveled set of
model parameters that have forecast elections relatively well. An unexpected
event intrudes, which causes these parameters to alter. If this is not sub-
sequently incorporated into the well traveled model ex-post, future ex-ante
forecasts could be biased. Thus, models based primarily on history require
flexibility and the need to incorporate these incidences.

But not all shocks fall into this category. Some, especially economic ones,
and importantly their consequences, can be foreseen, and crucially their
impacts on the electoral performance of actors hypothesized based on
theory. Given that elections happen every few years, unless these events
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occur too close to polling day, there is sufficient opportunity to
incorporate them into ex-ante forecast models. In simple terms, some
shocks will be known in advance and theory can guide us in determining
whether the shock will be likely to impact the performance of the actors
we are seeking to prognosticate about.

But what shocks might matter? Shocks that re-orientate the rules of the
game are certainly worthy of consideration. Fianna Fáil’s decision to enter
coalition in 1989 with the Progressive Democrats (PDs) was a new departure.
Until 1989, the game’s rules had been Fianna Fáil against the rest. However,
having failed to obtain an overall majority for the fifth consecutive election,
Fianna Fáil abandoned this so-called “core principle”. It marked a significant
shift – no longer Fianna Fáil against everyone else. Since then, every Irish gov-
ernment has comprised a coalition. This development undoubtedly contrib-
uted to the Irish party system embracing multipartyism, moving from a
predominant to a moderate pluralist party system (see Farrell 1999). Theoreti-
cally, it increased the electoral appeal of actors from the left and Indepen-
dents because no longer was Fine Gael the only option for them of
achieving government and influence. Consequently, it made Fine Gael less
electorally appealing as the idea that these actors could only achieve
influence or power with Fine Gael was laid to rest. Note, however, that
Fianna Fáil’s entry into coalition was unanticipated pre the 1989 vote. Its
implications only became apparent afterward. Hence is only modeled from
contests from 1992 onwards.

Another shock deserving of consideration is a profound economic disturb-
ance – so weighty that it resulted in outside intervention frommonetary insti-
tutions like the IMF and the EU. In Ireland, the Global Financial Crisis (GFC),
beginning in 2008 fits the bill. The incumbent government led by Fianna
Fáil (who had been in power uninterrupted for almost eleven years when it
hit) was held responsible and took the brunt of voter frustration (Marsh
and Mikhaylov 2012). It was massacred in the 2011 contest, dropping from
41.5% of the vote to 17.4%, losing 58 of its 78 seats, and for the first
time in a general election since September 1927 failing to achieve the
most votes and seats. This economic blow signaled the end of Fianna Fáil’s
political dominance, an effect rippling through the electorate. It represents
a downward demand shock – a substantial shift away by the
consumer from the economic good (i.e. Fianna Fáil). Importantly from a fore-
casting perspective, this shock occurred well in advance of the 2011 poll.
There was ample evidence, eighteen months out from the 2009 local and
European elections Fianna Fáil were suffering electorally, as economic
voting theory would have assumed. Here we have a shock we can incorporate
in advance of the contest with a theoretical foundation.

To recapitulate our argument in equation terms, we assume that bloc
support can be estimated structurally in what we call the Irish Political
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History Model, expressed as follows:

Bloc Support = f (Short-Term Support+Government Incumbency+ Shocks+ error) (1)

Research strategy

Case

Ireland has a reputation for being sui generis in comparative politics. Tra-
ditionally, the party system has stood aside from many European democra-
cies, lacking ideological cleavages, instead having its roots in the
independence of the state in 1921, and the subsequent Irish Civil
War (1922-’3). Ireland’s use of the single-transferable-vote (STV) also makes
it standout. STV is conventionally classified as a quasi-proportional system
(Farrell and McAllister 2000).

The tag of uniqueness applied to Ireland has been challenged (e.g.
Marsh et al. 2008) and overlooks essential characteristics. Ireland is an
advanced democratic European nation, the fifteenth oldest democracy
globally, and has had consecutive democratic elections since 1922. It is
a parliamentary system with multiple parties, coalition governments the
norm for the past thirty years, thus boasting many of the hallmarks of
other European democracies. It is a system that has historically been
underpinned by stability. For forecasting, such persistence should bode
well. Yet, over the past thirty years, Ireland has also witnessed a trans-
formation of its party system due to shocks. Recent elections have been
characterized by high volatility and significantly lower levels of partisan-
ship (Marsh et al. 2008), mirroring patterns elsewhere. In sum, our focus
on Ireland, with its familiar patterns, yet diversity with its use of
STV and political and economic shocks, can bring new insights to election
forecasting.

Data, variable operationalization, and methods

We have compiled data for twenty lower house Irish general elections from
1951 to 2020. The election data come from Sinnott (1995) and the web data-
base Irelandelection.com (2020). For the opinion poll comparative analysis, we
source the data from the Irish Opinion Poll Indicator (Louwerse and Mueller
2020).

It would be a stretch to assume a historically derived structural model can
account for all actors in a system, especially new parties, where historical
information to make a forecast will be limited. Nevertheless, to provide a
meaningful step forward in the forecasting enterprise, it is crucial to
predict some of the meaningful actors currently vying for office. Here we
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focus our attention on four blocs: Fianna Fáil, Fine Gael, Independents, and a
combination of leftist parties (the Left bloc).

Fianna Fáil and Fine Gael have held center stage over the past 90-years.
Under the study period, both obtained the highest and second-highest
vote shares in every election except for 2011 and 2020. All Irish Prime Minis-
ter’s (Taoisigh) have come from either Fianna Fáil (8) or Fine Gael (6), with
both parties always the largest bloc in every Irish government since 1951–
2020 (Fianna Fáil have been in 19 governments while Fine Gael have been
in 8). In this period, both Fianna Fáil and Fine Gael have occupied over 80
percent of the cabinet portfolios and have achieved a combined mean first
preference vote of 71.3% and an average 76.5% of seats (see Figures A1
and A2, Appendix A).

The focus on Independents is novel in election prediction. Non-party can-
didates are usually not prevalent in most advanced democracies (Weeks
2016). Yet Independents have been prominent in Irish politics – for
example, in the 2020 general election, 19% of candidates contesting were
Independents (Houses of the Oireachtas 2020). On electability, Weeks
(2016, 582) observed “in the post-war period there have been 114 indepen-
dent MPs elected to the Dáil… 59 times the proportion elected in Britain
and 32 times that in the US, 10 times in Canada and 5 times the Australian
ratio”. Additionally, they have played a role in determining government: for
example, between 2016 and 2020, Independents served in cabinet.

The final bloc we estimate is a composite of left-wing parties (see Table A2
for a list included in this estimate by election year). Observations somewhat
determined our choice. Left-wing actors have tended to come and go in the
Irish system. Scholars have noted the lefts’weakness, at least vis-à-vis its Euro-
pean counterparts (Sinnott 1995). As our method relies on historical obser-
vations, we run into the challenge of lacking sufficient cases to estimate
separate models for each. Nonetheless, the real puzzler from a forecasting
perspective is the Labor Party, another a long-term player in the Irish
system. Looking at its support over time (see Figure A7), we discover
beyond its tanking in the 2016 contest and surges in 1992 and 2011, the
party’s support follows little discernable pattern (a similar pattern is noted
for the FDP in Germany too - see Quinlan, Schnaudt, and Lewis-Beck 2022).
Hence our decision to include Labor in the left bloc.

We use Seemingly Unrelated Regression (SUR, Zellner 1962), a standard
procedure when estimating multiple actors in election forecasting (e.g. Steg-
maier and Williams 2016; Mongrain 2021; Jérôme, Jérôme-Speziari, and
Lewis-Beck 2017; Quinlan, Schnaudt, and Lewis-Beck 2022). It allows us to cal-
culate models separately for Fianna Fáil, Fine Gael, Independents, and the left
bloc combined, but concurrently, acknowledging support levels are inter-
related. Thus, the parameters of each single equation consider information
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provided by the other equations, leading to more efficient estimates.1 It also
results in within-sample estimates of vote share summing to 100%.

Our dependent variable is the first preference vote share for a bloc.2 We
have four independent variables.3 The first measures short-term
bloc support, which we operationalize by averaging the vote share in the pre-
vious general election with the bloc’s performance in the most recent local
election.4 We capture government incumbency with a dichotomous variable
classifying whether a bloc was in government or not. Finally, we measure
shocks with two dummy variables. The first captures Fianna Fáil’s entry to
the coalition fray – with all elections from 1992 onwards scored 1 and
those before 0. The second classifies the Global Financial Crisis (GFC) and
its ripple effect with contests from 2011 onwards scored 1 and those
before 0. Summary statistics, variable operationalizations, and additional ana-
lyses are in Appendixes A-C.

Empirical analysis

Within-sample performance

There are four principal criteria for judging an electoral forecast (Lewis-Beck
2005). Replicability and parsimony are the first two. Our models perform well
on these – the data are widely available and therefore replicable, and the
models contain four independent predictors specified in a straightforward
equation. Third, for a forecast to be valuable, it must have adequate lead-
time. Our approach conforms to this sine qua non as the parameters can
be estimated in advance of the contest, and certainly at the minimum of
three months before polling day, ensuring the forecast will not be immaterial.
Finally, the El Dorado of forecasting is accuracy, which the rest of the analysis
is devoted to.

1For robustness, we estimated ordinary least squares (OLS) models for each bloc (see Table C1, Appendix
C). We discover no significant deviations from the results reported in-text.

2We also tested whether the model adequately forecasts seat share (see Table C2, Appendix C). Arguably,
seat share is even more relevant as vote and seat shares in STV are not always in sync and it is seat
share which ultimately decides the government. We discovered the seat share model estimates are
encouraging for three blocs – Fianna Fáil (R2 = 0.93; within-sample MAE = 2.122 & RMSE = 2.696); Inde-
pendents (R2= 0.84; within-sample MAE = 1.087 & RMSE = 1.499); and the Left bloc (R2= 0.91; within-
sample MAE = 2.012 & RMSE = 2.472). For Fine Gael it is less encouraging (R2= 0.46; within-sample
MAE = 3.687 & RMSE = 4.597). Given the Fine Gael vote share model performs substantially better
than the seat share model, and the vote share and seat share models of the other three blocs are
broadly in tandem, we retain our focus in-text on predicting first preference vote share.

3We explored how the models fare compared to a naïve model using vote share in the previous general
election as the sole predictor. It shows the political history models perform stronger (see Table C3,
Appendix C).

4For robustness, we tested the impact of vote share in the previous election and vote share in the pre-
vious second-order election as separate predictors (see Table C4, Appendix C). Broadly speaking, this
specification produces similar results to those reported in-text. This procedure produces slightly more
promising estimates for Fine Gael and the Left specification, but less promising for Fianna Fáil and
Independents. For parsimony reasons, we favor the model reported in-text.

JOURNAL OF ELECTIONS, PUBLIC OPINION AND PARTIES 11



Table 1 details our SUR models. The slope estimates broadly align with
our theoretical assumptions. We see there is a cost to governing for all
blocs, reflected in the negative and statistically significant coefficients.
Short-term bloc support is positively related and statistically significant at
conventional levels (p < 0.05) for Fine Gael, Independents, and the Left
bloc – the more support they have in the system, the higher their expected

Table 1. Political History Model: Seemingly unrelated regression models explaining vote
share of Fianna Fáil, Fine Gael, Independents, and the Left bloc as a function of
government incumbency, short-term popular support, and shocks in Irish elections
1951–2020.

Fianna Fáil Fine Gael Indep. Left

In Government −1.288+ −3.792** −4.881** −3.584***
(0.676) (1.405) (1.735) (1.014)

Short-Term Popular Support −0.529*** 0.401* 0.591*** 0.434**
(0.127) (0.160) (0.145) (0.159)

Shocks
FF coalitionable −7.860*** −5.966** 2.136** 4.454**

(0.988) (1.867) (0.805) (1.401)
Global Financial Crisis (GFC) −26.061*** 3.288 3.988** 10.473***

(1.683) (2.392) (1.391) (2.017)
Constant 69.875*** 21.326*** −0.251 9.993***

(5.372) (5.086) (1.145) (2.673)
Model performance, average prediction error & within-sample diagnostics
R2 0.981 0.646 0.860 0.919
Root Mean Squared Error (RMSE) 1.220 3.030 1.387 2.173
x̄ MAE 0.891 2.475 1.144 1.661
x̄ Median AE 0.584 2.086 1.005 1.520
Largest Absolute Forecast Error 3.492 5.530 2.770 5.017

Out-of-sample diagnostics
Jackknife
x̄ MAE 0.914 2.520 1.158 1.684
x̄ Median AE 0.894 2.492 1.150 1.671
Largest x̄ MAE 1.061 2.737 1.298 1.823
Absolute Forecast Error <1.1-point 55% 20% 45% 40%
Absolute Forecast Error 1.1-3.0-point 40% 35% 50% 30%
Absolute Forecast Error 3.1-5.0-point 5% 15% 5% 15%
Absolute Forecast Error >5.1-points 0% 30% 0% 15%

Two observation omission
x̄ MAE First-Two-Obs.-Deletion 0.920 2.584 1.161 1.696
1951 election Absolute Forecast Error 1.689 2.875 2.898 1.231
x̄ MAE Last-Two-Obs.-Deletion 1.215 2.744 1.280 1.584
2020 election Absolute Forecast Error 2.922 3.539 3.563 6.837

One-Step-Ahead
x̄ MAE 5.777 3.034 1.671 3.241
x̄ Median AE 1.286 2.500 1.162 1.607
Largest x̄ MAE 8.541 3.482 2.094 4.758
Absolute Forecast Error <1.1-point 42% 0% 33% 17%
Absolute Forecast Error 1.1-3.0-point 33% 17% 42% 33%
Absolute Forecast Error 3.1-5.0-point 8% 25% 25% 17%
Absolute Forecast Error >5.1-points 17% 58% 0% 33%

N 20 20 20 20
Log-likelihood/AIC/BIC −155.1017/350.2034/370.118
Note: Entries are unstandardized coefficients of seemingly unrelated regression with standard errors in
parentheses; *p < 0.05; **p < 0.01; ***p < 0.001. Out-of-sample one-step-ahead approach calculated
on elections from 1981 onwards.
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vote in the subsequent election. For Fianna Fáil, the coefficient is negative
– an artifact of the GFC shock variable. As hypothesized, the shocks
influence bloc support. On average, Fianna Fáil becoming coalitionable cor-
responds to declines in Fianna Fáil and Fine Gael backing and increases in
support for Independents and the Left. The GFC shock had particularly
negative consequences for Fianna Fáil to the benefit of Independents
and the Left.

But how accurate are these models? The R2 for Fianna Fáil and Left bloc are
encouraging – 0.981 and 0.919 respectively. For the Independents, it is nearly
as robust – 0.86. However, the Fine Gael fit is modest – 0.646. For the models’
average forecasting error, two metrics are relevant – the within-sample mean
absolute error (MAE) and the Root Mean Square Error (RMSE) for each bloc,
the latter indicating how much prediction error we could expect, on
average, if we used the model to forecast other elections (Lewis-Beck and
Lewis-Beck 2015, 38–39). The Fianna Fáil model performs best on both – a
within-sample MAE of 0.891 and an RMSE of 1.220. This is followed by the
Independents model – an MAE of 1.144 and an RMSE of 1.387, followed by
the Left bloc (MAE 1.661; RMSE = 2.173). The errors are notably higher for
the Fine Gael model – MAE of 2.475; RMSE = 3.030.

An additional step in judging these predictions’ authenticity is to explore
the within-sample forecasts. Our results are presented in graphical form in
Appendix C. For Fianna Fáil (Figure C1, Appendix C), the results are encoura-
ging. On twelve occasions (∼60% of cases), the prognosis is within 1-point of
the result. Only once is the forecast off beyond conventional margins of error
(i.e. 3-pts–1977 = 3.49), with no significant misses (i.e. errors <5-points). For
Fine Gael (Figure C2), the forecasts are more variable. On eleven occasions,
the result is with 3-points. However, the remaining predictions are outside
conventional margins of error with the 2011 election the largest within-
sample error at 5.3-points. For Independents (Figure C3), all 20 of the esti-
mates fall within 3-points of the result, with half of these within 1-point.
For the Left bloc (Figure C4), three quarters of observations are within 3-
points of the result, with half within 1-point. Four elections however fall
outside 3-points – 2020 the biggest miss at 5-points.

Out-of-sample diagnostics

The within-sample testing helps set the forecasting stage. But they are only a
rehearsal and sometimes can be overly optimistic. The crucial tests of accu-
racy are those aimed at predicting elections outside the given sample. The
RMSE metrics from Table 1 are relatively encouraging, suggesting the
models’ forecasting ability are reasonable. How would the models do if pre-
dictions were derived for particular elections not included, i.e. spatially or
temporally apart from the original sample?
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Inevitably, venturing outside the complete sample will lead to more error.
But what out-of-sample tests to perform? Lewis-Beck (2005, 165) notes pre-
2004 the scarcity of out-of-sample accuracy indices described by many fore-
casting enterprises beyond reportage of the adjusted R2, the mean absolute
error, and the SEE. The choices of out-of-sample tests are also inconsistent
across the literature. In response, we take an eclectic approach, performing
three: jackknife, step-back, and one-step-ahead approaches respectively.

Our first test is the jackknife (leave one out) approach. It involves omitting
one election at a time from the analysis, re-estimating the models based on
the remaining 19 contests, followed by forecasting the omitted election. We
devise and compare the estimate with the result, yielding an error calculation
for that year. Additionally, we can compute a jackknife out-of-sample mean
absolute error (MAE) by averaging all individual errors generated, and a jack-
knife median absolute error (MedAE), each giving us an overall estimation of
the model’s projection potential for elections outside our range of data. It
allows election forecasters, who usually are dealing with modest n of obser-
vations (here we have 20) to use as much data as possible but still yield pro-
jections for contests not within the original sample. Little wonder it is the
standard and most widely reported out-of-sample technique by election
prognosticators (e.g. Dassonneville, Lewis-Beck, and Mongrain 2017; Bellucci

Figure 1. Out-of-sample forecasts of Fianna Fáil vote share (diamonds) using a jackknife
approach compared with official results of 20 Irish general elections 1951–2020 (circles)
with vertical bars from diamonds representing 95% confidence intervals associated with
estimates. Note: Grey bars are the absolute error between the forecast and official result.
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2010; Aichholzer and Willmann 2014; Magalhães, Aguiar-Conraria, and Lewis-
Beck 2012; Mongrain 2021; Hanretty 2021; Lewis-Beck and Tien 2016).

We start with Figure 1 which displays the jackknife estimates for Fianna Fáil
vote share for each election in which we drop from the estimation the elec-
tion for which the vote share is predicted. For 11 contests (∼55%), our jack-
knife estimates are within 1-point of the result. For 8 of the remaining 9,
they are within 3-points – thus 95% of the absolute forecast errors fall
within 0-3pts of the result. The biggest miss is the 1977 election (4.2-points
off). The mean absolute error (MAE) for the jackknife approach is 0.914,
while the largest MAE from this procedure, considered an approximation of
maximum likely error (Lewis-Beck 2005, 153) is 1.061.

For Fine Gael, the mean absolute error from the jackknife approach is
higher at 2.520, with the largest error 2.737. In Figure C5 (Appendix C), the
individual jackknife forecasts for each election are more variable than those
for Fianna Fáil. The predictions for half the elections fall within the conven-
tional error of 3-points of the result. But there are some significant misses
(<5-pts) – 6 (∼30%) in total. The 2011 prediction is 10-points off the result,
the February 1982 prognosis is 8-points out, and the 2020 forecast is 6.4-
points off. Thus, the model is much less solid in its predictions of Fine Gael.

For Independents, the jackknife MAE is 1.158 and the largest MAE is 1.298.
Looking at the individual elections, 19 of the 20 predictions (∼95%) fall within
3-points of the result, the big miss being 1951 (3.3-points, see Figure C6). For
the Left bloc, the jackknife average MAE is 1.684 and the largest MAE is 1.823.
For 14 contests (∼70%), the prediction falls within 3-points of the result (see
Figure C7). However, there are some large misses too – 2016 and 2020 are
cases in point, where the prediction errors are 6.1 and 7.9-points respectively.
Still, overall, the jackknife error estimates for the Independents and the Left
bloc are less than for Fine Gael. Taking stock of the jackknife errors for all
four blocs, we discover relatively moderate error occurs (MAE range 0.91–
2.52).

Second, following Nadeau, Lewis-Beck, and Belanger (2010, 15), we
perform two observation omission procedures (a form of step-
back analysis). First, we delete the first two observations (1951 and 1954)
and use the remaining cases (1957-2020) to predict out-of-sample
summary statistics and forecasts for the 1951 contest. We call this process
First-Two-Observation-Deletion. Second, we remove the final two obser-
vations (2016 and 2020) and compute out-of-sample statistics for all elections
and a prognosis for the 2020 elections – Last-Two-Observation-Deletion.
What this uncovers is greater error in more recent forecasts than in earlier
predictions. The absolute forecast error for the 1951 prognosis is between
1.2–2.9-points of the result for each bloc. But for the 2020 contest, while
for three of the four actors, the absolute prediction error is within 3.6-
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points, the approach underestimates the performance of the Left by 7-points,
a significant miss.

Our third diagnostic is one-step-ahead predictions (Lewis-Beck 2005, 153–
154). It involves estimating the model on the time series up to a particular
year, then predicting the next election’s vote share. For example, the 2020
vote share estimations are based on elections from 1951-2016. While this
tactic helps highlight influential observations and is theoretically ideal as it
mimics the ex-ante situation a forecaster faces, the approach is disadvan-
taged by the small sample sizes limiting how many predictions can be con-
ducted and the representativeness of the sample used for estimation. We
anticipate this method will yield larger errors than the previous two pro-
cedures as they use more information and take into account the near
entire historical period, while the one-step-ahead approach, based on
fewer observations, is stricter and potentially more unstable due to fewer
observations.

Our one-step-ahead approach is based on contests from 1981 onwards.
We detail our results in Tables C5–C8 in Appendix C. For Fianna Fáil (Table
C5), the average MAE from this procedure is 5.777, with the largest MAE at
8.541, noticeably higher than the jackknife procedure. If we assess the individ-
ual point forecasts for nine of the twelve contests (∼75%), the prognosis is
within 3-points of the result. Still, the estimates were significantly out for
two of the remaining three (1992 and 2011), coinciding with the shocks them-
selves. Thus, as expected, the one-step-ahead predictions are more varied
and significantly less concrete.

For Fine Gael, the average MAE is 3.034 and the largest error MAE is 3.482.
However, the one-step ahead point prognoses are much less accurate and
disappointing. More than half the time the misses are in excess of 5-points,
with particularly large errors in 1992, 2011, and 2016 (see Table C6). A
pattern is clear: predicting the performance of Fine Gael is challenging, at
least when relying on historical and institutional parameters.

More encouragingly, for Independents, the average MAE from the one-
step-ahead procedure is 1.671 and the largest error MAE is 2.094, the smallest
of all four blocs for this procedure. Looking at individual elections (Table C7),
four of the one-step-ahead estimates are within 1-points and 9 (∼75%) are
within 3-points of the result. Finally, for the Left bloc, the one-step-ahead
average MAE is 3.241 and the largest error MAE is 4.758. For individual con-
tests (see Table C8), overall 50% of the point estimates fall within 3-points, but
for the remaining 50% fall beyond that, with substantial misses occuring in
1992, 2011 (coinciding with the shocks), and 2020, where the vote in all
cases was underestimated.

Taken as a whole, the out-of-sample estimates as we might expect
produce more error. The Fianna Fáil and Independent models perform best
overall and can be depended on to forecast a bloc share within a few
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points of the result. Nevertheless, the Fine Gael projections are consistently
the least impressive, especially for the one-step-ahead procedures. These
analyses show political history has some limitations in forecasting particular
blocs.

Comparison with polls

In assessing the robustness of this approach, we compare it to the opinion
polls, long the go-to prediction method in Ireland. Due to data availability,
we test opinion polls’ veracity from elections for 1987 onwards and only
for Fianna Fáil and Fine Gael. We take opinion poll estimates at T-6 months
from the contest, a standard forecasting time-span. We contrast that
with our political history model overall and with a specification only
including elections from 1987–2020 (see Tables C9-10, Appendix C). We dis-
cover for Fianna Fáil, the political history model outperforms the opinion polls
at T-6. It has a lower within-sample MAE, fits better to the data, and most
importantly has a lower RMSE, pointing to its superior out-of-sample forecast-
ing ability. This conclusion is sustained by the jackknife MAE comparison
where the political history model outperforms the opinion polls.

For Fine Gael, the situation is mixed. The opinion polls at T-6 perform
better, but only marginally outperform the political history model in terms
of fit (adjusted R2 of 0.54–0.48) and RMSE of (3.396 versus 2.973). This
finding is confirmed by the out-of-sample jackknife estimates – the polls at
T-6 perform marginally better with a smaller MAE – 2.19–2.55 for the political
history model. The analysis highlights how Fine Gael is the most challenging
bloc to estimate no matter the forecasting method, something which needs
to be borne in mind for future prognostications - Fine Gael support is
unstable. Yet, there is evidence the political history model can hold its
own against the traditional forecasting tool in Ireland and thus has some
value, at least in terms of predicting Fianna Fáil support.

Conclusion

Structural election forecasting models have traditionally relied on predicting
government performance based on short-term dynamics like economic con-
ditions and leader and government popularity. Forays in estimating the per-
formance of individual actors in multiparty systems have relied on synthetic
approaches incorporating traditional political-economic measures with vote
intention from opinion polls. In this contribution, we take a different tack.
We investigate whether a country’s historical party and governance dynamics
alone can provide reasonable estimates of predicting individual actor per-
formance. We apply this political history model to Ireland, a polity that has
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received little attention from structural election forecasters (exception is
Quinlan and Lewis-Beck 2021).

The model, focusing on short-term party support, incumbency status, and
political and economic system shocks, shows promise, proving reasonably
accurate in predicting the vote share of four blocs in the Irish system
across 20 general elections between 1951 and 2020. Concerning Fianna
Fáil and Fine Gael, the two traditional big players, we demonstrate the
model performs at least as well or better with appropriate lead time com-
pared with the conventional method of forecasting employed in Ireland –
opinion polls. Our findings show historical and institutional dynamics in
themselves have value in foretelling future election performance and
deserve a hearing.

Nevertheless, reliance on historical patterns has limits and the political
history model is not an elixir. We discover the models’ accuracy is more
robust for earlier contests and the errors have been beyond acceptable stan-
dards in some more recent elections. The 2020 election was a particular chal-
lenge, where the opinion polls, with sufficient lead time, fell wide of the
mark, (Quinlan and Lewis-Beck 2021), while the out-of-sample estimates
from the political history model overestimated Fine Gael and underestimated
the Left. As Hanretty (2021, 1674) notes, it speaks to forecasters’ difficulty of
accurately predicting elections when the electoral environment is incredibly
volatile. This is a challenge for all forecasting endeavors, as the recent misses
of most polling (with sufficeint lead-time) and structural forecasts of the 2021
German Federal election illustrate. Still, it has particular resonance for models
provisory to long-established patterns. Further, we acknowledge while the
method is well suited to capturing Fianna Fáil and Independents’ support,
it has significantly more variability in prognosticating on Fine Gael especially,
which has emerged as especially challenging to forecast – although this
method is not alone in having difficulty in predicting their support, with
the opinion polls suffering on that score too.

Yet, this analysis shows sufficient evidence to consider the political history
model moving forward. The approach is in its infancy and has not gone
through the paces of an ex-ante forecast of an Irish election. Consequently,
there is likely scope for improvement, which further observations will
enable us to do. Our work should be considered a seed for future efforts.
Still, this research has demonstrated historical and institutional dynamics
have potential in helping us understand what electoral dynamics may be
forthcoming in Ireland.
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