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ABSTRACT

This study aimed to assess the determinants of Mobile Marketing Adoption (MMA) among Small and Medium Tourism Enterprises (SMTEs) in Tanzania. The study used three constructs: attitude, subjective norm and perceived behaviour control from the original Theory of Planned Behaviour (TPB). The study adopted a quantitative explanatory research design and utilized a survey strategy. A stratified sampling technique was used to sample three tourist regions: Arusha, Dar es Salaam and Unguja. From these three strata, random sampling was used to select 344 decision-makers in the Small and Medium Tourism Enterprises (SMTEs from the respective stratum. Structural Equation Modelling (SEM) was employed in data analysis using IBM AMOS version 20. The findings revealed that attitude and perceived behaviour control positively and significantly influence MMA among SMTEs in Tanzania, while subjective norm showed an insignificant effect. Based on the findings, the study recommends that SMTEs have to adopt mobile marketing. The enterprises should also develop a mobile marketing platform that will be compatible with their daily business operations. Likewise, the government should develop a regulatory framework that could speed up the adoption of mobile marketing by increasing trust, technological knowledge, and security in this technology. Thus, this study concludes that attitude (compatibility, trust, ease of use, clarity and understandability) and perceived behaviour control (regulatory framework, financial structure) in which tourism enterprises operate have a positive and significant influence on the MMA. 
Keywords: Mobile Marketing, Adoption, SMTEs, Tourism, Tanzania, TPB
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CHAPTER ONE
INTRODUCTION
1.1
Chapter Overview 
This section provides the background of the study, a statement of the problem, research objectives, hypotheses, significance and scope of the study and the organization of the thesis. 
1.2
Background of the Study

Tourism plays a significant role in the economy's acceleration worldwide. The tourism industry has emerged as the best contributor to economic development through employment generation and the growth of primary and secondary sectors, resulting in a multiplicative effect (Kozhokulov et al., 2019). The World Travel and Tourism Council (WTTC) reported in 2019 that the sector contributed 10.4% of the Gross Domestic Product (GDP) in 2018 and generated 139 million jobs globally. Similarly, the African Travel and Tourism Association (ATTA) reported, in 2019, that the sector contributed to 8.5% of the African continent’s GDP in the year 2018, with a 5.6% growth rate compared to a 3.9% global average rate. 
SMTEs in tourism have contributed to social and economic development observed in different settings worldwide. For example, Nure, Bazini, and Madani (2020) reviewed literature in developing countries concerning SMTEs and realized that the sector contributes to employment-creation, improved living standards, and strengthened family income. Likewise, these enterprises play a significant role in training youth and creating a better organization of the economy, innovation, and overall growth (Nure et al., 2020). Similarly, Domi, Keco, Capelleras, and Mehmeti’s (2019) study revealed that most SMTEs contribute significantly to Albania's social and economic development. Further, Nkwabi and Mboya (2019) noted that SMTEs are the main promoter of local economic development in Tanzania by creating job opportunities and vibrant economies. 
Due to global competition, Information and Communication Technology (ICT) capabilities for small and medium enterprises are crucial, particularly those in the tourism sector. As evidenced by Lillis and Mushi (2016), mobile marketing is one of the suitable alternatives to ICT for most SMTEs. So, in this particular study, mobile marketing has been defined as a set of marketing practices that use wireless mobile technologies and networks to create personalized and interactive communications between an organization and its target audience, resulting in value creation for both parties (Maduku, 2015). The commonly used ICT forms by SMTEs include emails, social media, smart phones, laptop and desktop computers, and WIFI technology (Jokonya, 2019). 
The importance of mobile marketing has been revealed empirically by various scholars. For instance, Spencer (2019) noted that through ICT platforms such as Twitter, Facebook, and Instagram, destinations and attraction can be efficiently promoted, making it easier for SMEs to access markets, manage data, share information, and build trading partnerships. Likewise, Mkwizu's (2020) findings revealed that digital media, content, and mobile advertisement are among the developments in mobile marketing, allowing Africa to promote its tourist attractions globally. 
On the other hand, to remain competitive, companies must improve their business practices and employ new social media marketing channels, which the mass of customers visit daily (Tyopine, 2019). Hence, the multiplier effects of tourist enterprises would be felt more if there is a good pool of well-established and strong linkages between the tourism business and the application of mobile marketing technology. 
In realizing the contribution of mobile marketing technology in enhancing SMTEs, various governments worldwide have taken several initiatives to support them. For instance, the World Bank Group's (2012) sector strategy 2012-2015 was intended to support its clients in the service industry using ICT innovation as a source of competitiveness in various economic sectors, including tourism. 
Moreover, in developing countries, Page and Soderbom (2015) identified that in 2010 SMEs in emerging markets received more than US$21 billion from public and private funds, of which half this amount went to sub- Saharan Africa (24%) and South Asia (22%) respectively as support from various development agencies.
Likewise, the World Bank Group Digital Economy in Africa (DE4A) developed a full detailed framework to speed up modernization through a digital transformation in connectivity, financial services, and platforms to support developing countries (WBG, 2021). Moreover, the World Bank Group assists the African Union’s strategy to ensure that by 2030, all African individuals, enterprises, and governments are digitally connected through DE4A.
Furthermore, various government policies were among the initiatives supporting mobile marketing adoption among SMTEs. For example, in East Africa, the government of the Republic of Kenya (RK) decided to review its national ICT policy of 2006 in 2016 to enhance the development of technology in business enterprises in various sectors, including the tourism sector (RK, 2016). 
The national ICT policy review was done due to the rapid technological advances, changing needs, and evolving global trends. According to the revised national ICT policy, the power of internet connection was expected to improve the state-owned enterprises’ sourcing, sales, and logistic systems. Moreover, private companies were anticipated to become more efficient as well as create new markets for innovative products and services, including mobile marketing (RK, 2016). 
Despite the support from development agencies worldwide and government initiatives yet, SMTEs have been slow to uptake mobile marketing. For instance, Eneizan, Mohammed, Alnoor, Alabboodi, and Enaizan (2019) identified that the level of mobile marketing adoption by small and medium enterprises in developing countries, particularly Jordan, is still low. 
Similarly, Pradhan, Nigam, and Tiwari (2018) reviewed the literature of the existing studies related to digital marketing among small and medium enterprises, and their results confirmed a clear research gap in this particular technology adoption by those enterprises. Bojei and Abu (2016) pointed out that only one per cent of the retail market is available online, and 70% of small and medium enterprises do not have a website in Malaysia.
In Africa, Wilson and Makau (2018) noted that most small and medium enterprises do not use the full potential of online marketing platforms in Kenya. In Tanzania, Mwantimwa (2019) identified that small business enterprises have been slow in adopting ICT services compared to medium and large ones. On the other hand, Rokhim, Wulandari, and Mayasari (2018) identified some issues which act as barriers for small and medium enterprises to adopt new technology. These are the lack of experience and sufficient training; low commitment to IT implementation, low manager and staff readiness; high cost of IT implementation, just a few to mention.
In Tanzania, tourism accounted for 17% of the GDP, equal to over $2 billion US Dollars in 2018, making the sector the leader in foreign exchange earnings (Ubwani & Agencies, 2019). Kessy, Kiage and Kiprutto (2018) reported that the industry generates multiplier effects and income with a guaranteed expansion and the development of new economic sectors, especially those linked to tourism in Tanzania. However, in African countries, most businesses engaged in the tourism industry are Small and Medium Enterprises (SMTEs).
Due to the recognition of the sector's contribution, the United Republic of Tanzania (URT) developed the Tanzania National Tourism Policy (URT, 1999), which targeted to improving the sector by establishing the country as a touring adventure and beach destination. In 2003, Tanzania developed the National ICT Policy in 2003 to promote ICT product innovation usage in different sectors, including SMEs in tourism. This policy encouraged beneficiaries of ICT activities in all sectors by providing a conducive framework for investments in capacity building, promoting multi-layered co-operation, and knowledge sharing both locally and globally (URT, 2003). 
There was also SMEs’National Policy of 2013 intended to stimulate new enterprises to be established and existing ones to grow and become more competitive (URT, 2013). In 2016 The National ICT policy of 2003 was replaced by the 2016 ICT National Policy due to major technological changes aimed at enhancing the ICT infrastructure to bridge the digital gap and lower communication costs (URT, 2016). 
Regarding the current study, there is a lack of consensus on the determinants of mobile marketing adoption among scholars, some of them found that attitude, subjective norm and perceived behavioural control supported technology adoption, while others found that they did not. For instance, Shankar and Datta (2018) found subjective norm to have an insignificant impact on mobile payment intention among SMEs in India. Contrary to Joo, Seok, and Nam's (2020) findings, which revealed that subjective norm and perceived behaviour control positively influenced the social network services adoption in South Korea, of which the impact of the subjective norm was greater. 
Further, in South Africa, Sanne and Wiese (2018) found that attitude and subjective norms significantly influenced behavioural intention to engage with Facebook advertisements, while the perceived behaviour control was insignificant. Given the variation in the theoretical and empirical reviews, it is not clear what determines the adoption of mobile marketing in the context of SMTEs. Thus, this study assessed the determinants of mobile marketing adoption among SMTEs in Tanzania to fill the gap.
The study used three constructs from the theoretical perspective: attitude, subjective norm, and perceived behaviour control. These were linked to behaviour from the original Theory of Planned Behaviour (TPB) by Ajzen (1991). The theory assumes that individual action is driven by both behavioural intention and perceived behaviour control, where behavioural intentions are a function of an individual's attitude toward a certain behaviour, the subjective norm surrounding the performance of the behaviour and the individual's perception of the facilitating conditions with which that behaviour can be performed (ibid). 
According to Brar, Sharma, and Khurmi (2014), attitude (ATT) is an individual’s negative or positive feelings about performing a behaviour and the subjective norm. Likewise, SN is an individual's perception of whether people who are important to him/her think the behaviour should be performed. Similarly, perceived behavioural control (PBC) refers to an individual's perception of the ease or difficulty of conducting the behaviour in question (Sharma & Mishra, 2014). 
Further, behaviour intention (BI) is assumed to get the motivational components that determine behaviour. I is an indicator of how hard people are willing to try, of how much an endeavour they are planning to wield to do the behaviour (Ajzen, 1991). Despite BI being an immediate predictor of actual behaviour, the current study omitted it and used three constructs: attitude, subjective norm, and perceived behaviour control, as determinants of mobile marketing adoption among SMTEs in Tanzania. Various reasons for disregarding behavioural intention (BI) have been identified by several scholars (Ajzen, 2020; Ajzen, 2012; Fishbein, Hennessy, Yzer, & Douglas, 2003; Taylor & Todd, 1995). For instance, these scholars assert that the three direct and indirect determinants, ATT, SN, and PBC, influence actual behaviour adoption. Hence, it is not clear whether AT, SN, and PBC have a direct influence or are mediated by BI in adopting the behaviour.
Besides, few theoretical and empirical analyses have focused on the determinants of mobile marketing adoption among SMTEs. Likewise, the available theories and e empirical studies have come up with a debatable argument. For example, Fishbein and Ajzen (1975), in their Theory of Reasoned Action (TRA), identified only two determinants, namely attitude and subjective norm, for explaining behavioural intention toward technology adoption. Contrarily, Ajzen (1991), in his TPB, identifies attitude, subjective norm and perceived behavioural control as the determinants of the adoption of mobile marketing technology. 
In their research, Taylor and Todd (1995) supported the three constructs of Fishbein and Ajzen (1991): attitude, subjective norm and perceived behavioural control. Therefore, it was not clear whether two or three constructs determine mobile marketing adoption. 
1.3
Statement of the Problem 
The change in the world economy and the rapid growth of ICT have modified how businesses are conducted (Qashou & Saleh, 2018; Bauerová & Klepek, 2018), including in the tourism sector. Nuseir (2018) argues that digital communication, marketing, live chatting, and online payments are easy, convenient, time and cost-saving and sustainable. 
Thus, they increasingly determine the performance of small and medium enterprises. Afriyie, Du, and Musah (2019) advocate for SMTEs to be highly competitive in emerging economies; digital innovation is considered important for marketing performance. On the other hand, Mwantimwa (2019) identified mobile phones, the Internet, other network systems, and social media as important in boosting business efficiency related to material, product processing, management activities, service and marketing in Tanzania. 
Despite the significance and impact of mobile marketing adoption, SMTEs have been very slow to adopt the technology. For instance, Pradhan et al. (2018) found that small and medium enterprises did not fully use digital marketing in India. Similarly, Qashou and Saleh (2018) found that small and medium-sized restaurants (SMRs) were slower to take up mobile technology in Palestine. Likewise, some scholars (Mugobi & Mlozi, 2020; Mwantimwa, 2019) confirmed a low uptake of ICT among SMTEs in Tanzania. 
Further, Mwantimwa (2019) identified that the adoption of ICT for the improvement of business performance had been noted to be low in small-size firms compared to medium and large ones in Tanzania. Lack of IT experts, privacy, security; high costs of internet connectivity and ICT infrastructure; and reliability of the systems were identified to be to be major obstacles in e-business adoption (Ibrahim et al., 2020). Impediments of SMTEs’ adoption of mobile marketing have been identified as the lack of digital strategy, lack of ICT skills, higher operational budgets, and unfriendly regulatory framework (Jokonya, 2019; Mwantimwa, 2019; Ritz, Wolf, & McQuitty, 2019).
Regarding this low uptake of mobile technology among SMTEs, only a few studies have focused on the adoption of mobile applications among SMTEs in developing countries (Tolani, Owoseni, & Twinomurinzi (2019). Qashou and Saleh (2018) confirmed this shortage of literature on digital marketing adoption by SMEs in the hospitality industry in Arab countries. In this regard, the current study found it important to analyse what determines mobile marketing adoption among SMTEs in Tanzania. This was deemed important due to the ongoing theoretical and empirical debates on the determinants of mobile marketing adoption among SMEs. That is, scholars have inconclusive results on the determinants of mobile marketing adoption. 
For example, Fishbein and Ajzen (1975), in their Theory of Reasoned Action (TRA), confirmed that attitude and subjective norm determine behavioural intention towards technology adoption. Contrary to Ajzen (1991) on the theory of planned behaviour (TPB), who identified that attitude, subjective norm and perceived behavioural control are used to explain the behavioural intention towards the actual behaviour adoption. 
Contrarily, Shankar and Datta (2018) found that subjective norms have an insignificant impact on mobile payment intention among SMEs in India. Moreover, Joo et al. (2020) findings revealed that subjective norm and perceived behaviour control positively influenced the social network services adoption in South Korea. Contrarily, McLaughlin and Stephens (2019) found that attitude, subjective norm, and perceived behavioural control positively influence SMEs owners or managers’ intention to use social media in Ireland. 
Thus, it is not clear what determines mobile marketing adoption in the context of SMTEs. To fill the gap, the study assessed the determinants of mobile marketing adoption among SMTEs in Tanzania using attitude, subjective norm and perceived behaviour control from the original TPB model without behavioural intention. 
1.4
Research Objectives

1.4.1
The General Objective of the Study

The main objective of this study was to assess the determinants of mobile marketing adoption among SMTEs in Tanzania. 
1.4.2
Specific Objectives of the Study

The study’s specific objectives were:

(i) To determine the Influence of attitude on mobile marketing adoption among SMTEs in Tanzania. 
(ii) To determine the influence of subjective norm on mobile marketing adoption among SMTEs in Tanzania.
(iii) To determine the influence of perceived behavioural control on mobile marketing adoption among SMTEs in Tanzania.
1.5
Scope of the Study

The geographical scope of this study is based on SMTEs in Tanzania. The nature of the business of SMTEs has a feature of marketing products to customers who are in different countries. This requires more involvement between business enterprises and their customers through the online system due to high demand, greater convenience and flexibility. Scholars such as Mupfiga (2015) pointed out that the nature and size of the global tourism industry clearly present considerable potential for using new technologies. This can be explained by the fact that all tourism-oriented companies, such as tour operators, travel agencies, rental agencies, cruisers and hotel experience in Tanzania, their operation on the impact of what is commonly known as mobile technology compared to SMEs in other sectors. Given this situation, the scope of this study was mainly formal tourism enterprises, including small and medium ones. 
From the theoretical perspective, the study used three constructs: attitude, subjective norm, and perceived behaviour control linked to behaviour from the original TPB model and disregarded behavioural intention. The justifications for disregarding behavioural intention are found in chapter two. Therefore, attitude, subjective norm, and perceived behavioural control from the original TPB model were used directly as determinants of actual behaviour to assess the mobile marketing adoption among SMTEs in Tanzania. 
1.6
Significance of the Study

1.6.1
Practical Significance

Practically, the owners of SMTEs can use this particular study’s findings to get more knowledge on mobile marketing and its adoption. Similarly, the study findings will highlight useful information for marketers in planning effective marketing communications strategies for mobile marketing adoption in the tourism industry. Further, the study generated new knowledge and data that can be used by policy or decision-makers in the area of ICT in the tourism sector while evaluating issues related to SMTEs and mobile marketing utilization at the national level. 

1.6.2
Theoretical Significance

In terms of theoretical contribution, the study used three constructs from the original TPB model: attitude, subjective norm, and perceived behavioural control, to develop a new research model with three variables linked to behaviour and omitted behavioural intention. The findings have verified the validity of the developed research model and its usefulness in predicting the adoption of mobile marketing in SMTEs without using the mediating effect of behavioural intention. Likewise, the newly developed research model for this particular study has decomposed the dependent variable mobile marketing adoption into measurable items: advertisement, prompt payment, and cash deposit. 
1.6.3
Empirical Significance

The study is relevant due to the significance of small and medium enterprises in technology adoption in the tourism sector world. As Moghavvemi, Salleh, Zhao, and Hakimian (2011) noted, proper use of IT innovation, particularly mobile marketing by SMEs, facilitates efficiency and improves competition in the market. Likewise, the internet growth allows marketers to promote their goods and services in different formats customized according to their budgets and requirements (Jain, Rakesh, & Chaturvedi, 2018). 
Thus, the study will contribute to the knowledge as little was known about the determinants of mobile marketing adoption among SMTEs. Apart from strengthening the knowledge of mobile marketing adoption in the tourism industry and SMEs in particular, the methodology could be used by other researchers in the future. 
Moreover, the study has added new literature on mobile marketing in general and developing countries' perspectives. Rumanyika and Mashenene (2014) noted that there are limited studies regarding technology adoption among small and medium enterprises in Tanzania.
1.7
Organisation of the Thesis 
This thesis is organized into six chapters as follows: the first chapter presents the background of the study, research problem, objectives, hypotheses, scope and significance of the study. The second chapter presents theoretical and empirical literature reviews. This review considers different debates and research efforts with regard to the study variables. It is from the theory where insights, hypotheses and the conceptual framework were drawn. Chapter three presents the methodology used in this study. The chapter puts more details of the study in context and indicates data collection methods. Moreover, testing of the parametric assumptions, reliability and validity and the measurement models are presented. 
Chapter four delineates the study's results, which are presented according to the study variables and hypotheses. The presentations are in the form of Tables and other relevant statistics. Chapter five presents a discussion of the findings, which centres on comparing and contrasting the literature with the results. New points of departure are also identified, and filled gaps are presented. Further, in this chapter, new knowledge is generated by stressing the theoretical implications of this study. The last chapter presents key study findings and conclusions, implications of the study findings, recommendations and an area for further research.
CHAPTER TWO

LITERATURE REVIEW
2.1
Chapter Overview

This chapter reviews the literature and other sections, including conceptual definitions, theoretical literature review, empirical literature review, research gap, conceptual framework, and the operationalization of the key terms. 
2.2
Conceptual Definitions

2.2.1
Mobile Marketing

Various scholars have defined mobile marketing to fit the context in which their research was conducted. For example, Shankar and Balasubramanian (2009, p. 118) defined mobile marketing as “the two-way communication and promotion of an offer between a firm and its customers using a mobile medium, device, or technology”. Similarly, Demir (2013, p. 15) defined mobile marketing as “any marketing activity which is done through a broad mobile network targeted at consumers’ needs and wants”. 
Further, Maduku (2015, p. 53) stated that “mobile marketing is a set of marketing practices that uses wireless mobile technologies and networks to create personalized and interactive communications between an organization and its target audience resulting in value creation for both parties”. The current study adopted the definition proposed by Maduku (2015) by considering the element of interactive communication between an organization and its customers as an essential determinant of mobile marketing.
2.2.2
Small and Medium Enterprises (SMEs)

There are several definitions of SMEs, and none is commonly accepted. In most cases, the definition is based on the level of development of that particular country (Ndekwa, 2017). Commonly used criteria for the definitions are the number of employees, assets, size, and revenue, which are quantitative. 
For instance, according to Muriithi (2017), in developing economies, particularly African countries, an enterprise with more than 100 employees is considered as large, and a small enterprise can have one to five employees. In the United Republic of Tanzania’s (URT) national SME’s policy of 2003, definitions of small and medium enterprises are based on the number of employees and the amount of capital invested (see Table 2.1). 
According to this policy document, micro-enterprises include up to four people with an investment of up to Tanzanian shillings (Tzs) five million; small enterprises employ from five up to forty-nine people with an investment ranging from Tzs five to two hundred million; Medium enterprises employ between fifty to ninety-nine people with an investment ranging from Tzs two hundred to eight hundred million. Table 2.1 displays the categories of SMEs with the number of employees and capital investment in machinery in Tanzanian Shillings.
Table 2.1: The Government of Tanzania's Categorization of Business Sizes
	Business size
	Number of employees
	Capital investment in Machinery (TZS)

	Microenterprise
	1 – 4
	Up to 5 million

	Small enterprise
	5 – 49
	Above 5 to 200 million

	Medium enterprise
	50 - 99
	Above 200 to 800 million

	Large enterprise
	100+
	Above 800


Source: National Baseline Survey Report for MSME in Tanzania (2012) page 23.
On the other hand, some scholars (Cravo, 2010; Piza et al., 2016) suggested that the most common criterion used to clarify SMEs is the number of employees. Thus, this study used Tanzania’s national SMEs policy of 2003 to define SMEs based on only one variable, the number of employees, as a criterion for differentiating the firm sizes. Given this condition, the population under study comprised micro (up to four people), small (five to 49 people) and medium (50 to 99 people) tourism enterprises measured in terms of the number of employees, including the owners or managers. 
2.3
Theoretical Literature Reviews

This section discusses the selected theories/models that informed the researcher on the variables she included in analyzing the determinants of mobile marketing adoption among SMTEs in Tanzania. The main theory under review is the Theory of Planned Behaviour (TPB). The researcher used attitude, subjective norm, and perceived behavioural control (linked to behaviour from the original TPB model) as determinants of mobile marketing adoption and disregarded behavioural intention. 
2.3.1
Theory of Planned Behaviour (TPB) 

The Theory of Planned Behaviour (TPB) originated from the Theory of Reasoned Action (TRA) by Fishbein and Ajzen (1975). According to these authors, the individual’s actual behaviour is predicted by behaviour intention (BI), where BI is determined by his/her attitude (ATT) and subjective norm (SN) concerning the behaviour in question. Attitude is described by Davis et al. (1989) as an individual’s perception, which could be positive or negative in performing the behaviour. Subjective norm is an individual's perception of whether people important to the individual think the behaviour should be performed or not (Ajzen, 1991). 
Taylor and Todd (1995) identified that TRA is concerned with the determinants of consciously intended behaviour. The TRA is one of the most cited and widely validated intention models that has proven successful in predicting and explaining behaviour across a wide variety of domains, including the adoption of mobile marketing (Dakduk, Ter Horst, Santalla, Molina, & Malavé, 2017; Olushola & Abiola, 2017). Despite the TRA's predictability power across studies in various domains where mobile technology adoption is inclusive, the theory was inadequate where volitional action is not complete (Ajzen, 1991). 
As a result, by extending the TRA with an additional variable, namely perceived behaviour control (PBC), the Theory of Planned Behaviour (TPB) came into existence (ibid). In fact, the TPB differs from the TRA in its addition of the PBC component that accounts for situations where an individual has less than complete control over the behaviour (Al-Qeisi & A-Abdallah, 2013). Thus, Perceived behaviour control represents an individual’s perception of the ease or difficulty of performing the behaviour of interest (Kan & Fabrigar, 2017).
The TPB assumes that individual action is driven by both behavioural intention and perceived behaviour control, where behavioural intentions are a function of an individual's attitude toward a certain behaviour, the subjective norm surrounding the performance of the behaviour and the individual's perception of the facilitating conditions with which that behaviour can be performed (Ajzen, 1991). Thus, the more favourable the ATT and NS, the more important the PBC, and the stronger the
individual's intention to execute the behaviour in question (Ajzen, 2012). Figure 2.1 illustrates the constructs relationship in the theory of planned behaviour.
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Figure 2.1: Theory of Planned Behaviour (TPB) (Ajzen, 1991, Pg. 182)
Several empirical studies have reported TPB's suitability in studying technology adoption (Turan, 2012; Mohamed, Azizan, & Jali, 2016; Munoz-Leiva, Climent-Climent & Liébana-Cabanillas, 2017; Wei, Wang, Zhu, Xue, & Chen, 2018). For instance, from an online shopping perspective, Turan (2012) used the extended theory of Acceptance Model (e-TAM) and TPB to compare the behaviour of Turkish customers in internet shopping. The findings indicated that both models had a significant relationship for all proposed paths. However, the TPB presented better fit indices verified to be a more detailed explanatory model in the internet shopping context. 
Despite the empirical support of the TPB, scholars (Shaikh, Glavee-Geo, & Karjaluoto, 2015; Taylor & Todd, 1995) evidenced that the conceptualization of the theory’s constructs has been controversial and measurement of salient beliefs underlying the model remained a problem, making it difficult to operationalize. To complement this weakness, Taylor and Todd (1995) recommended a set of stable, decomposed belief structures for the TPB to provide the measurement of salient beliefs underlying the model.
The current study used attitude, subjective norm, and perceived behaviour control from the original TPB model as determinants of mobile marketing adoption and omitted behavioural intention. Some scholars have empirically evidenced the removal of behavioural intention (Redda, 2019; Ahamat et al., 2017; Aboelmaged & Gebba, 2013). Thus, the following sections review TPB’s constructs and justify the removal of the behavioural intention as the mediator in this particular study’s research model. 
2.3.2
Behavioural Intentions 
Generally, BI indicates an individual’s willingness to execute a behaviour. Although AT, SN, and PBC are the main determinants of behavioural intention (Ajzen, 1991), the weight of intention’s determinants is expected to vary across behaviour and population (Fishbein & Ajzen, 2010). For example, Sanne and Wiese (2018) found that attitude has a more significant effect on behaviour intention to engage with Facebook advertising than the subjective norm, but no effect was found on perceived behaviour control. Similarly, Khan and Siddiqui (2019) concluded that attitude, subjective norm, and perceived behaviour control significantly influence the intention towards the adoption of digital financial services among SMEs owners and managers. 
Similarly, the determinants of behavioural intention may have direct and indirect effects on behaviour (Fishbein, Hennessy, Yzer, & Douglas, 2003). For instance, Ziadat (2015) found that tourists’ attitudes and subjective norms positively influenced their revisit intention, which is an indirect effect on the actual visit, contrary to perceived behaviour control which has no effect on revisit intention but on actual visit behaviour resulting from directing relations. Moreover, Saeedi, Sharifuddin, and Seng’s (2020) findings revealed that attitude, subjective norm and perceived behaviour control significantly influenced intention towards adopting industry 4.0 technology among SMEs. This signifies that three determinants indirectly affect actual behaviour through intention. 
Despite behavioural intention being the immediate significant determinant of actual behaviour, the poor relationship has been noted by various researchers in past studies. For instance, Taylor & Todd (1995) and Ajzen (2020) argued that although intention plays a significant role in predicting behaviour, factors such as unanticipated events, insufficient time, money or resources, and lack of essential skills may avert individuals from acting on their intentions. As confirmed by Manski (1990), the deviation between intention and behaviour is due to individuals' incapability to predict their future. Hence, the researchers should not anticipate more from the intentions data. 
Similarly, Sommer (2011) pointed out that most human behaviour is governed by automatic processes rather than intention. This was also supported by Ajzen and Fishbein (2000), who argued that attitude, subjective norm and perceived behaviour control are expected to be available automatically. Given these circumstances, this study disregarded BI and used ATT, SN and PBC from the original TPB model as determinants of mobile marketing adoption among SMTEs in Tanzania. 
Furthermore, Shropshire et al. (2015) suggested that behavioural intention might not be the best predictor of actual behaviour as far as technology studies are concerned. These authors pointed out that though IS research usually predicts the actual behaviour through behavioural intention, there are behavioural discrepancies due to the existence of unknown variables. Likewise, some scholars (Arts et al., 2011; Sommer, 2011; Armitage & Conner, 2001) recommended that behavioural intention is suitable for longitudinal studies. This was evidenced empirically by Armitage and Conner (2001) with their cross-sectional study design. Similarly, research by Arts et al. (2011) suggested that longitudinal or experimental studies may facilitate an improved understanding of why individuals do or do not progress from intention to actual behaviour. 
Based on the various empirical evidence, which elaborates the weakness of BI as mediating variable in the TPB model and used attitude, subjective norm and perceived behaviour control of mobile marketing adoption among SMTEs in Tanzania. 
2.4
Attitude and Behaviour Intention
Attitude has been widely studied by TRA, TPB and related past studies (Quaddus & Hofmeyer, 2007). According to Ajzen (1991), attitude depends on people’s beliefs regarding the consequences arising from behaviour and an evaluation of the desirability of these consequences. Individuals will hold a positive attitude towards a particular behaviour if they believe that the performance of the behaviour will lead to good outcomes (Sentosa & Mat, 2012). 
On the other hand, past studies (Fishbein et al., 2003; Bentler & Speckart, 1981) indicate that attitude is a determinant of both intention and behaviour; hence, it has both direct and indirect effects. This has been revealed empirically by Hashjin, VakilaRoaia, and Hemati's (2014) findings, which show that attitude was among the factors that positively impacted internet banking acceptance in Iran. Likewise, Ting, Yacob, Liew, and Lau's (2016) findings confirmed that attitude was among the factors which significantly affected the intention to use mobile payment among Malay and Chinese in Malaysia, which signifies the indirect effect on actual behaviour.
Despite attitude having both direct and indirect effects on actual behaviour, researchers noted a poor relationship between attitude and intention. For instance, Taylor and Todd (1995), who conducted an assessment of the Technology Acceptance Model (TAM) and TPB revealed that attitude has an insignificant impact on intention in the TAM. Similarly, Davis, Bagozzi, and Warshaw (1989) found that attitude only had a partial mediation effect on intention. Moreover, Sentosa and Mat's (2012) results showed that attitude had no influence on intention across the three models, which include TPB, hypothesized and re-specified. 
On the other hand, Davis et al. (1989) pointed out that various studies have measured attitude with various approaches and confirmed a significant link between attitude and actual behaviour. This is supported by Swanson (1982), who noted that there is a direct relationship between attitude and the actual adoption of management information systems. 
2.4.1
Subjective Norm and Behaviour Intention
Subjective norm is an individual's perception of whether people important to the individual think the behaviour should be performed or not (Ajzen, 1991). According to this author, the contribution of the opinion of any given referent is weighted by the motivation that an individual has to comply with the wishes of that particular person. Previous studies (Fishbein et al., 2003; Taylor & Todd, 1995) reveal that subjective norm is a determinant of both intention and behaviour; hence, it has both direct as well as indirect effects. 
This has been evidenced empirically by Lim, Osman, Salahuddin, Romle and Abdullah (2016), who found that subjective norm has no influence on online shopping behaviour, which signifies a direct effect on the behaviour. Similarly, Ketabi, Ranjbarian, and Ansari (2014) findings revealed that subjective has a significant influence on the intention towards adoption of online retailers, which represents an indirect effect on behaviour. Moreover, Ismail and Razak (2011) identify a positive relationship between subjective norm and behavioural intention to adopt mobile marketing.
Despite the fact that the subjective norm has both direct and indirect effects on the actual behaviour, the researchers noted a poor relationship between this construct and intention. For instance, Armitage and Conner (2001) pointed out that subjective norm is often found to be a poor predictor of intention due to the construct's weak predictive power within the TPB model. Likewise, Venkatesh and Davis (2000) argued that subjective norm usually directly affects behavioural intentions in compulsory usage context but not in voluntary ones. 
These authors argued that the direct effect of subjective norm on intention could become poorer over time with increased system experience through the adopted technology. This means that when the individuals have more experience in using the system, their strengths and weaknesses will be known. As a result, the normative influences will decrease. 
2.4.2
Perceived Behaviour Control and Behaviour Intention
Perceived behavioural control refers to an individual’s perception of how ease or difficulty in performing the behaviour (Ajzen, 1991). According to this author, perceived behaviour control is determined by facilitating conditions and self-efficacy. 
The facilitating conditions include the availability of various resources such as time, money, skills and abilities and cooperation of other individuals to perform a behaviour (Taylor & Todd, 1995; Ajzen, 2020), while self-efficacy is an individual’s self-confidence in his/her competence to perform the behaviour (Taylor & Todd, 1995). 
Based on the TPB model, previous studies (Ajzen, 2012; Ajzen, 2020) indicate that both intention and perceived behaviour control can be used to predict actual behaviour. This has been empirically evidenced by Dahiya and Gayatri (2017) findings, which revealed that perceived behaviour control has a significant influence on the intention and actual usage of digital marketing communication. 
Similarly, Sarmah, Sharma, and Gupta (2017) found that perceived behaviour control has a significant influence on e-business adoption intention among owners and managers of SMTEs. Taylor and Todd (1995) evidenced that the most empirical literature on information technology revealed that perceived behaviour control is an important determinant of actual behaviour. 
This was supported by Ajzen (1991), who argued that BI and PBC could make an important contribution as far as behaviour prediction is concerned, but it requires the researcher to select only one of the predictors which are needed in a given context. 
2.4.3
Summary of Justifications for Omitting Behaviour Intention in the Research Model

The justifications for omitting behavioural intention in the current study model have been thoroughly explained in the empirical findings by several scholars (Ajzen, 2020; Ajzen, 2012; Fishbein et al., 2003; Taylor & Todd, 1995; Mittal, 1988) asserts that from theoretical reviews, ATT, SN, and PBC, are the determinants of both intention and actual behaviour adoption. For instance, Mittal (1988) pointed out that attitude and past behaviour influenced actual behaviour directly and indirectly through intention. 
Likewise, there is empirical evidence (Redda, 2019; Ahamat et al., 2017; Aboelmaged & Gebba, 2013) that omitted behavioural intention from the research model. For instance, Redda (2019) results show that attitude, subjective norm, and perceived behaviour control have a significant influence on online shopping among consumers in Gauteng, South Africa. 
On the other hand, some scholars (Shropshire et al., 2015; Sentosa & Mat, 2012; Arts et al., 2011; Sommer, 2011; Armitage & Conner, 2001) noted behavioural intention and poor relationships in past studies. For instance, Sommer (2011) pointed out that most human behaviour is governed by automatic processes rather than intention. 
Similarly, Shropshire et al. (2015) argued that behavioural intention might not be the best predictor of actual behaviour as far as technology studies are concerned. Furthermore, scholars (Arts et al., 2011; Sommer, 2011; Armitage & Conner, 2001) identified that behavioural intention is not suitable for cross-sectional studies since this study design does not provide data for the researcher to test the succeeding behaviour (Armitage & Conner, 2001). 
Therefore this study disregarded the behaviour intention from the model after considering various reasons, as explained in the previous sections. There are many reasons, but the main ones are: AT, SN and PBC have both direct and indirect effects on actual behaviour; this study is a cross-sectional design, so it does not provide data for the succeeding behaviour, and the study is concerned with technology adoption in nature so BI might not be a good predictor. Hence, the study filled the gap by omitting BI and assessed the mobile marketing adoption using the direct impact of attitude, subjective norm, and perceived behaviour control from the TPB model.

2.5
Empirical Literature Review 

This section reviewed empirical scholarly works from various parts of the world to identify what determines mobile marketing adoption among SMEs in the tourism industry. In this study, behavioural beliefs, normative beliefs and control beliefs were used to examine their relationship with SMTEs on the adoption of mobile marketing.
2.5.1
The Influence of Attitude on Mobile Marketing Adoption
Mobile marketing is a subset of digital marketing which specifically focuses on customers who access marketing information via mobile devices. Digital marketing, on the other hand, refers to the marketing strategy in which customers receive marketing information through digital communication channels such as email, blogs, websites, and other social media. However, the two terminologies are loosely used interchangeably throughout this document for consistency purposes. 

Ritz et al. (2019) studied SMEs' participation in digital marketing using a quantitative approach in the United States of America (USA). The study used an online survey to get a sample of 250 SMEs’ owners and managers, and data were analysed using Structural Equation Modelling (SEM). Their findings revealed that perceived economic benefits positively influenced SMEs’ owners and managers to adopt digital marketing. However, the study sample may not represent all owners or managers who used digital marketing in their SMEs since anyone online can fill out the questionnaire. 
Similarly, McLaughlin and Stephens (2019) investigated the intention of social media use among SMEs owners using a mixed-method approach in Ireland. The findings showed that attitude was among the most important variables influencing the SMEs’ owners and managers’ intention to adopt social media marketing. The study used an online survey and interview to collect data from 89 SMEs and multiple linear regression together with descriptive statistics were used to analyse data. However, the sample size was small for multiple linear regression, the sampling method was not mentioned, and the general results were limited to SMEs. Thus, other studies should consider the larger sample size and sampling method and should be done in the tourism sector.
Furthermore, Chee, Yee, and Saudi (2018) researched consumer perceptions towards mobile marketing using a quantitative approach in Malaysia. The study applied convenience sampling and a survey technique to obtain data from 112 respondents,. Data were analyzed by multiple linear regression, and the findings revealed that perceived usefulness, as well as perceived ease of use, were among the factors positively influencing consumers’ intention to adopt mobile marketing. However, the study findings were limited to consumers and used a non-probability sampling. Hence, future studies should consider probability sampling methods and should be done using SMEs in the tourism sector as the current study. 
Likewise, Shrestha (2019) analyzed factors affecting digital marketing adoption among SMEs in tourism using a quantitative approach in Nepal. The findings showed that ease of use and compatibility were some of the factors that positively influenced SMEs to adopt digital marketing. The study used a survey method to collect data from 223 SMEs and the SEM was used for data analysis. However, the study methodology was unclear, particularly which sampling method was used to get the representativeness and how SMEs were selected to reduce the biases. 
In the African context, Matikiti, Mpinganjira, and Roberts-Lombard (2018) conducted a study to examine social media adoption in the tourism industry using a quantitative approach in South Africa. Through the questionnaire, a sample of 150 SMEs was obtained and a multiple linear regression model one-way ANOVA was used for data analysis. Their findings indicated that perceived benefits and perceived ease of use were among the most noticeable external factors influencing the adoption of social media marketing. 
In addition, technical knowledge was found to be moderating the relationship between attitude and social media marketing. However, the sample size was small for the Multiple linear regression model and the sampling method was not mentioned. Thus, future studies should consider the large sample size as well as a description of sampling methods. 
Similarly, Eze et al. (2019) did a qualitative study on mobile marketing technology adoption among SMEs in the service sector in Nigeria. The study used purposive and snowball sampling methods to obtain 26 SMEs and data were analysed using thematic analysis. Their results indicated that simple to use and security were among the factors influencing mobile marketing technology adoption by SMEs in the service sector. However, this study was purely qualitative, which lacks the power to test the significant influence. Thus, it is recommended that further studies should be conducted to test relationships using a quantitative approach and on a larger scale.
In East Africa, Correia, Ngare, Sindiga, and Otwoma (2017) researched the perceptions of customers on international money transfers towards mobile money using a quantitative approach in Kenya. The study used an online survey to collect data from 101 SMEs with mobile money remittance markets and data were analysed using multiple linear regression. Their results showed that perceived usefulness and perceived ease of use were the main factors influencing the adoption of mobile money remittances among customers. However, the study sample size was small for multiple linear regression analysis and did not mention the sampling method. Thus, future studies should consider the large sample size and consider the sampling method. 
In the Tanzanian context, Ndekwa (2017) did research on factors influencing the adoption of mobile money services among SMEs in tourism using a mixed-method approach. The study concluded that compatibility and perceived benefits have a significant influence on SMEs adoption of mobile money services in which tourist firms operate. 
Likewise, Chille, Shayo, and Kara (2021) did empirical research to examine factors affecting customers’ adoption of mobile marketing in the telecommunication industry. Their findings revealed that perceived usefulness and perceived ease of use were among the factors which have a positive and significant impact on the adoption of mobile marketing in the telecommunication sector in the Tanzanian environment. However, this study was limited to the telecommunication industry. Hence, other studies should be done in the tourism sector. 
On the other hand, Masele (2019) found that entrepreneurial attitudes among SMEs in the tourism industry have an insignificant influence on the adoption of mobile marketing in the Tanzanian context. From the above-reviewed literature, this study hypothesizes that: 
Null H1a: Attitude has a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania.

Alternative H1b: Attitude does not have a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania.
2.5.2
The Influence of Subjective Norm on Mobile Marketing Adoption
Herrero, San Martin, and Collado (2018) studied the determinants of social network sites for marketing purposes by tourism SMEs using a quantitative approach in Spain. The study used a non-probability sampling procedure to select 200 SMEs and data were analysed using SEM. They found that subjective norm is one of the factors that significantly influence SMEs managers’ intention to use social network sites for marketing purposes. However, the study used a non-probability sampling method, which is impossible to generalize the findings on statistical backgrounds as suggested by Saunders et al. (2012). Hence, demands other studies consider probability sampling like the current study. 
Likewise, McLaughlin and Stephens (2019) investigated the intention of social media use among SME’s owners using a mixed-method approach in Ireland. The findings showed that subjective norm was among the most important variables that influence the SMEs’ owners and managers’ intention to adopt social media marketing. The study used an online survey and interview to collect data from 89 SMEs, and multiple linear regression together with descriptive statistics were used for data analysis. However, the sample size was small for multiple linear regression, the sampling method was not mentioned, and the general results were limited to SMEs. Thus, other studies should be done and considered: large sample size and sampling method and should be done in the tourism sector.
Furthermore, Joo et al. (2020) investigated factors affecting rural tourism using a quantitative approach in South Korea. The study used an online survey to obtain data from 323 tourists, and a partial least squares-structural equation model (PLS-SEM) was used for data analysis. Their results revealed that subjective norm influences tourists on the potential behaviour of rural tourism. However, the study findings looked at tourists’ potential behaviour in rural tourism, hence demanding other studies in view of SMEs in the same sector as the current subject.
On the other hand, Dalvi-Esfahani et al. (2018) conducted a study on adopting social commerce in SMEs travel agencies using a quantitative approach in Iran. The study used a survey method to obtain 180 SMEs and data were analysed using the PLS-SEM. The results showed that subjective norm was one of the factors not influencing the belief formation of SMEs towards the use of social commerce. However, the study results were limited to travel agencies, thus necessitating other studies on the adoption of technology to be done in the sector, like the current study.
In the African context, Chivizhe (2019) conducted a study to examine mobile marketing adoption in the South African tourism industry using a qualitative approach. The study purposively sampled 15 Small and Medium Tourism Enterprises (SMTEs) and data were analysed using both content and thematic analysis. The findings revealed that competitive pressure influenced the adoption of mobile marketing among SMTEs. However, this study was purely qualitative, which lacked the power to test the significant influence. Thus, it is recommended that further studies should be conducted to test the relationship using a quantitative approach and to a larger scale. 
Similarly, Abou-Shouk, Zoair, and Abdelhakim (2019) investigated factors which predict the adoption of m-commerce among SMTEs using a quantitative approach in Egypt. A survey method was used to randomly sample 268 travel agency managers, 44 hotel managers, and 205 museum visitors. The data were analysed using SEM, and the findings indicated that social influence has a significant impact on adoption intention in travel agencies, while in hotels and museums, it was insignificant. However, the study did not mention how these SMEs were sampled in the tourism sector in order to get representativeness. Thus, future studies should consider the sampling method.
On the other hand, Masele (2019) researched e-business adoption among SMTEs using a quantitative approach in Tanzania. A survey method was used to obtain a sample of 240 SMEs and SEM was used to analyse data. The study found that normative pressure was among the insignificant factor towards e-business adoption by SMTEs. However, the study did not mention the sampling method or the selection of the three regions and respondents to get representativeness and reduce bias. From the above-reviewed literature, this study hypothesizes that: 
Null H2a: Subjective norm has a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania.

Alternative H2b: Subjective norm does not have a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania.
2.5.3
The Influence of Perceived Behavioural Control on Mobile Marketing Adoption
Garay, Font, and Corrons (2018) investigated the sustainability orientation and innovation of accommodation SMEs within tourism in Spain using a quantitative approach. The study used a formula to select a sample of 284 accommodation managers and data were analysed using SEM. The findings revealed that attitude, subjective norm, and perceived behaviour control significantly impacted the behavioural intention of the SMEs' managers on sustainability innovation. However, the study results were limited to accommodation, thus necessitating other studies on the adoption of technology in the sector like the current study. 
Similarly, McLaughlin and Stephens (2019) investigated the intention of social media use among SMEs owners using a mixed-method approach in Ireland. The findings indicated that perceived behaviour control was among the most important variable influencing the SMEs’ owners and managers’ intention to adopt social media marketing. They used online surveys and interviews to collect data from 89 SMEs, and multiple linear regression together with descriptive statistics were used for data analysis. However, the sample size was small for multiple linear regression, the sampling method was not mentioned, and the general results were limited to SMEs. Thus, other studies should be done and considered: large sample size and sampling method and should be done in the tourism sector.
Furthermore, Joo et al. (2020) investigated factors affecting rural tourism in South Korea using a quantitative approach. The used online survey was to obtain data from 323 tourists and a partial least squares-structural equation model (PLS-SEM) was used for data analysis. Their findings indicated that perceived behavioural control influenced tourists on the potential behaviour of rural tourism. However, the study findings looked at tourists’ potential behaviour in rural tourism, hence, demands other studies because of SMEs in the same sector as the current subject. 
In addition, Sarmah et al. (2017) conducted an online survey to investigate the antecedents of electronic business adoption intention in India. The study used SEM to analyse a sample of 116 managers from Micro, Small and Medium Enterprises’ (MSMEs). The findings showed that perceived behaviour control significantly influenced e-business adoption intention among managers of Indian MSMEs. However, the sample size was small for SEM and the study concentrates on hotel services. Hence, more studies are suggested in the tourism context, like the current study with a large sample size. 
In Africa, Sanne and Wiese (2018) did a study to predict user engagement with Facebook advertisements by applying TPB model using a quantitative approach in South Africa. The convenience sampling method was used to obtain 656 respondents using an online survey and a multiple linear regression model was used to analyse data. Their results showed that perceived behaviour control was insignificant in predicting behaviour intention to engage with Facebook advertisements. 
However, the study findings were limited to social media users and used a non-probability sampling method. Hence, future studies should consider probability sampling methods and should be done in the tourism sector as the current study.  Similarly, Abou-Shouk et al. (2019) investigated factors which predict the adoption of m-commerce among SMTEs using a quantitative approach in Egypt. A survey method was used to randomly sample 268 travel agency managers, 44 hotel managers and 205 museum visitors. 
The data were analysed using SEM, and the findings revealed that facilitating conditions significantly impact adoption intention in travel agencies, hotels and museums. However, the study did not mention how these SMEs were sampled in the tourism sector to get representativeness and reduce bias. Thus, future studies should consider the sampling method. 
In East Africa, Meyoki and Kavindah (2019) explored the ICT adoption among tourist camps using a quantitative approach in Kenya. The stratified sampling method was used to obtain 520 tourist camps and a multiple linear regression model was used for data analysis. They found that IT infrastructure and financial resources positively and significantly influence tourist camps' adoption of ICT. However, the study results were limited to tourist camps, thus necessitating other studies on the adoption of technology in the sector, like the current study. 
On the other hand, Mugobi and Mlozi (2020) assessed the determinants of ICT usage at UNESCO World Heritage Sites (WHSs) using a quantitative approach in Tanzania. The systematic random sampling method was used to obtain 238 WHSs decision makers based on UNESCO’s classification types and structural equation modelling was used to analyse data. The findings showed that IT infrastructure and support skills positively and significantly influence ICT adoption among the WHSs decision-makers. 
However, the study results were limited to world heritage sites, thus necessitating other studies on adopting technology in the sector, like the current study. From the above-reviewed literature, this study hypothesizes that: 
Null H3a: Perceived behaviour control has a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania.

Alternative H3b: Perceived behaviour control does not have a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania.
2.6
Research Gap

It is well evidenced in the theory of planned behaviour by Ajzen (1991) that attitude, subjective norm and perceived behavioural control impact the actual adoption of any technology through the mediating impact of behavioural intention. However, this theory did not account for the direct relationship of ATT, SN, and PBC to explain the adoption of the technology, despite the poor relation of BI and its determinants as identified by (Sentosa & Mat, 2012; Shropshire et al., 2015; Sommer, 2011) from the past studies. This called for a study that could help to fill the research gap by having a research model with the direct impact of attitude, subjective norm and perceived behavioural control on actual technology adoption in the tourism sector. 
Likewise, most of the empirical studies cited were researched in a different context. For instance, Eze et al. (2019) researched mobile marketing technology adoption among SMEs in the service sector in Nigeria. Similarly, Shrestha’s (2019) study was based on analysing factors affecting digital marketing adoption among SMEs in the tourism sector in Nepal. Chille et al. (2021) researched factors influencing customers’ adoption of mobile marketing in the telecommunication sector in Tanzania. 
On the other hand, Eze, Chinedu-Eze, Okike, and Bello (2020) argued that the contextual differences are due to the huge variation in the penetration rate of digital technology between developed and developing countries. Moreover, the variation is attributed to cultural and infrastructural differences based on the country’s level of social-economic development, which later on influences the perception and adoption of new technology (Sabi, Uzoka, Langmia, Njeh, & Tsuma, 2018), including mobile marketing. Thus, it is unclear whether the empirical findings from different contexts can also apply to the environment of SMTEs in Tanzania. 
Moreover, some empirical studies (Garay et al., 2018; Joo et al., 2020; McLaughlin & Stephens, 2019; Sanne & Wiese, 2018) revealed a lack of consensus on the determinants of mobile marketing adoption among scholars. For instance, Joo et al. (2020) findings revealed that subjective norm and perceived behavioural control positively influenced tourists' intentions to engage in social network services concerning rural tourism, but the attitude had no effect. 
Contrary to Sanne and Wiese's (2018) results which showed that attitude was the strongest determinant of behavioural intention, followed by subjective in predicting behavioural intention to engage with Facebook advertisements. However, perceived behaviour control was insignificant. On the other hand, McLaughlin and Stephens (2019) found that attitude, subjective norm and perceived behavioural control have a significant impact on SMEs’ owners or managers’ intention to engage in social media use. Given these debates and technological dynamism, thus, it is not clear what determines mobile marketing adoption in the context of SMEs in the tourism industry.
Furthermore, from the reviewed empirical literature, some of the studies (Eze et al., 2019; Chivizhe, 2019; Meyoki & Kavindah, 2019) did not perform validity tests, including Exploratory Factor Analysis and Confirmatory Factor Analysis. So, these scholars fail to explain how well the collected data covers the actual area of investigation in their studies. Therefore, these studies have limited themselves in assessing the variables links as hypothesized by the theory. Thus, it is not clear whether their findings reflect the reality of the relationship between the theoretical constructs and their underlying indicators as proposed in their studies. Given these gaps, which include theoretical, contextual, empirical, and methodological gaps, this study assessed the determinants of mobile marketing adoption among SMTEs in Tanzania.
2.7
Conceptual Framework 

From the previous theoretical and empirical reviews, the researcher identified various determinants of technology adoption among SMTEs. However, the study used attitude, subjective norm and perceived behaviour from the original TPB model and omitted behavioural intention from the research model. Thus, the Conceptual framework in Figure 2.2 was developed using the three independent variables, namely attitude, subjective norm and perceived behavioural control and one dependent variable, mobile marketing adoption, with multiple indicator variables, namely advertisement, prompt payment, and cash deposit. 
[image: image2.png]Independent Variables Dependent Variable

Tem

~— o Adoption
[ Advertisement

| Prompt Payment |
Cash Deposit.

e P





Figure 2.2: Conceptual Framework
Source: Literature Review (2018)
2.8
Operationalization of the Terms 

2.8.1
Operational Definition for Dependent Variables

2.8.1.1
Mobile Marketing Adoption

Ndekwa (2017) noted that most mobile marketing services are adopted by SMTEs in order to fulfil money transfers, prompt payments and deposits. Similarly, Al Mashagba and Nassar (2012) identified that SMTEs used mobile banking since it is easy to access financial information from the bank. These authors added that information like checking account balances, funds transfers, and other banking services could be accessed from anywhere at any time. Moreover, Mkwizu's (2020) findings indicated that digital media, content, and mobile advertising are among the adopted digital marketing tools by SMTEs in Africa since it gives the opportunity to market tourism attractions. 
Dahiya and Gayatri (2017) reported that digital media is a marketing communication tool that offers a wide-ranging platform to acquire new customers. Moreover, some scholars (Mokhtar, 2015; Kanchanatanee, Suwanno, & Jarernvongrayab, 2014) measured the adoption of mobile marketing using indicator variables such as online advertising, web-based marketing, the internet as well as social media marketing. Given these operational definitions, the most used mobile marketing services by SMTEs working in the Tanzanian context were due to: access to financial information, advertisement, payments, prompt payments, as well as cash deposits.
2.8.2
Operational Definitions of Independent Variables

2.8.2.1
Attitude 

Redda (2019) used trustworthiness, privacy and security concerns to measure attitudes towards online shopping. On the other hand, Gangwal and Bansal (2016) measured attitude using Perceived ease, Perceived enjoyment, trust and perceived usefulness in studying mobile commerce. Koundinya (2019) measured attitudes using Trust, Perceived Usefulness and Convenience in India in studying e-travel firms. 
Further, Rahayu and Day (2015) used perceived benefits and security as indicator variables of attitude. Likewise, the attitude was measured using various indicator variables like clarity and understandability (Shaikh, Glavee-Geo, & Karjaluoto, 2015), compatibility (Taylor & Todd, 1995) as well as financial task more quickly (Shankar & Datta, 2018). Given these operational definitions, the most used mobile marketing services by SMTEs working in the Tanzanian context were due to: compatibility, ease of use, clarity and understandability, as well as financial tasks more quickly.
2.8.2.2
Subjective Norms

Alrawabdeh (2014) used competitive pressure, regulatory environment, support industries, customer pressure, supplier pressure and government pressure to measure subjective norm. On the other hand, Zahid and Din (2019) used mass media influence and family influence to operationalize subjective norm. Dalvi-Esfahani et al. (2018) also described subjective norm, using CEOs innovativeness, professional peers and employees. Similarly, Sangi, Liu, and Samad (2017) used customers’ pressure and business partner as indicator variables of subjective norm. Rahayu and Day (2015) operationalize subjective norm, using owners’ innovativeness and competitors’ pressure. Given these operational definitions, the most used mobile marketing services by SMTEs working in the Tanzanian settings were due to pressure from customers, business partners, government institutions, owners, managers, suppliers, competitors, and employees’ influence. 
2.8.2.3
Perceived Behaviour Control 

Alrawabdeh (2014) operationalized perceived behaviour control using suitable tax laws, clear regulatory frameworks and improving the infrastructure. On the other hand, Redda (2019) used Self-efficacy to measure perceived behaviour control toward online shopping. Further, Pavlou and Fygenson (2006) used consumer skills, monetary resources, and product characteristics to measure perceived behavioural control. Dalvi-Esfahani et al. (2018) also used organizational resources, CEO’s IT knowledge and firm size to measure perceived behavioural control. Rahayu and Day (2015) operationalized perceived behavioural control using technology readiness, owners’ IT ability and experience. Likewise, perceived behaviour control was measured using various indicator variables like government policy, network availability (Kyere-Duodu & Yamoah, 2012), business location (Duffy & Donegal, 2010), financial structure (Maduku, 2015) as well as market structure (Malungu & Moturi, 2015). Given these operational definitions, the most used mobile marketing services by SMTEs working in the Tanzanian settings were due to: government policy, regulatory framework, network availability, IT experts, business location, financial structure as well as market structure.
CHAPTER THREE

RESEARCH METHODOLOGY
3.1
Chapter Overview
The previous chapter presented the conceptual framework of the research and identified the theoretical constructs that helped to develop hypotheses of the subject area. The focal point of this chapter is to outline the researcher’s philosophical foundation and to discuss the methodology utilized to gather data and test the relationship proposed in the conceptual framework. In addition, the chapter presents the philosophical paradigm, research approach, the research design and strategy used, study area, population and sampling design, data collection tools, data analysis and ethical issues.
3.2
Research Philosophy
A research paradigm is a set of common beliefs and agreements shared between scientists about how problems should be understood and guiding knowledge development (Saunders et al., 2012). This study used a positivist research paradigm set of assumptions to assess reality, acquire knowledge and select a methodology. The Positivist research paradigm asserts that real events can be observed empirically and theoretically and explained by statistical, logical analysis (Aliyu, Bello, Kasim, & Martin, 2014). 
The current study reviewed several previous empirical studies and theories from different contexts in explaining reality and interpreting knowledge regarding the determinants of mobile marketing adoption. That is, ontological and epistemological assumptions of the positivist paradigm presented by several scholars (Antwi & Hamza, 2015; Rahi, 2017; Rehman & Alharthi, 2016) fit this study well. In line with positivism, reality and knowledge acquisition of any phenomenon are based on theories and empirical evidence. 
The positivist philosophical lens methodological approach relies on complex statistical models associated with large volumes of data that allow the relationships between variables to be tested and expressed in previously formulated hypotheses (Aliyu et al., 2014; Rehman & Alharthi, 2016). The current study used theories and empirical evidence to develop and test hypotheses about the data collected from a large sample on determinants of mobile marketing among SMEs in the Tourism context. 
Moreover, positivists believe that the social world exists externally and its reality should be measured scientifically: that the observer must be independent of what is being observed (Boru, 2018). In the case of this study, the researcher was independent of the respondents to comply with the positivist philosophical stance. Thus, the positivist paradigm's applicability helped the study objectively evaluate reality and acquire knowledge of mobile marketing adoption. Further, the suitability of positivism in this study is observed in applying statistical tools to test hypotheses. 
3.3
Research Approach 

The study applied a deductive approach because it ensured the generalization of the research findings (Saunders et al., 2012). As explained by Creswell (2014), under the deductive approach, the researcher reviews a theory, produces hypotheses that relate to the research focus and collects data to test the theory to confirm or refute the theory. Thus, the current study started with the theoretical reviews of the TRA as well as TPB models. Further, from the reviewed theories, three constructs were obtained: attitude, subjective norm, and perceived behavioural control. Then, using these constructs, the three research objectives and hypotheses were developed as well as the conceptual model. Later, the hypotheses were tested and analyzed using IBM Analysis of Moment Structures (AMOS) version 20 to see if the theory or hypotheses were false or right. 
3.4
Research Design and Strategy
3.4.1
Research Design

Research design is a simple plan of empirical research that includes five main ideas: strategy, conceptual framework, who or what will be studied, tools and procedures to collect and analyse data (Punch, 2006). As Creswell (2014) identified, there are three research designs: quantitative, qualitative, and mixed methods. This study used a quantitative research design, as Saunders et al. (2012) explained. Questions were created to seek answers. The quantitative designs were allied with the positivists’ philosophical lens, particularly when structured data collection methods were adopted. The quantitative research design helped the researcher to collect data using a structured questionnaire, analyze it statistically by testing hypotheses and generalize the findings. Scholars (Bryman, 2012; Antwi & Hamza, 2015) argued that a quantitative form of inquiry has assumptions about testing hypotheses and being able to generalize and replicate the findings.
Likewise, the quantitative approach was suitable for the study because the nature of the research design for this particular study is explanatory. Boru (2018) explains that studies look for causes and reasons and provide evidence to support or refute an explanation or prediction. In addition, studies which are explanatory are deductive in nature and hence quantitative (Strydom, 2013). Therefore, this study is explanatory in nature because it assessed the relationship between several determinants (attitude, subjective norm, perceived behaviour control) and mobile marketing adoption among SMTEs.
3.5
Research Strategy
Saunders et al. (2012) described research strategy as a plan of how the researchers answer their research questions. The current study used a survey because it could enable the researcher to collect quantitative data and apply statistical analysis techniques using both descriptive and inferential methods. The findings from the survey could also be generalized as long as they are statistically representative of the whole population with minimum costs (Saunders, Lewis, & Thornhill, 2016). Denscombe (2010) postulates that the survey has a wide and inclusive coverage, is done at a specific time, and is empirical research. Thus, based on the identified justifications, the survey strategy was appropriate for this particular study. Further, as the current study is academic research, it falls under a cross-sectional due to the time shortage, so it was done at a specific point in time (Saunders et al., 2012).
3.6
Study Area 

This study collected data from three regions: Arusha, Dar es Salaam and Unguja in Tanzania. The three regions were selected based on their locations' tourist attractions and activities. The area had a high number of tourism enterprises in the area, including micro, small, and medium enterprises. On the other hand, the three tourist regions were heterogeneous in their tourism and economic activities, which also strengthens the justification for their selection. For instance, Dar es Salaam, located in the eastern part of the country, was selected due to its significance both in government and commercial activities (Ndekwa, 2017). 
It is also the biggest international entry hub in Tanzania for tourists. The URT (2016) reported that more than half of the visitors to Tanzania pass through Dar es Salaam before travelling to other tourist destinations. Further, the city is located along the Indian Ocean with access to beaches, tourist hotels, as well as all embassies (Kilangi, 2012). These form the basis of tourism activities, plus a variety of tourist attractions such as the National Museum and the Makumbusho Village. 
Apart from tourism activities, several festivals and events attract more tourists to the city. Some of these are the International Trade Fair in July, Dar es Salaam Annual Charity Goat Races in August, and the European Film Festival in Dar es Salaam in October each year (URT, 2016). Thus, this justifies the selection of Dar es Salaam in the current study due to its various tourism activities as well as tourist attractions. 
Similarly, Arusha Region is in the northern circuit, which forms the main border in the tourism business with the neighbouring country of Kenya. It is located in the northern highlands of Tanzania beneath the twin peaks of Mount Meru and Mount Kilimanjaro, and it is the safari capital of the country (URT, 2016). The city is a major contributor to the tourism industry in the country since most of the tourist attractions and the majority of tour operators are located in Arusha (Kilangi, 2012). 
In addition, the Arusha International Conference Centre (AICC) offers a venue for other international activities as well as supports tourism activities in the city. For instance, the AICC hosted the United Nations Criminal Tribunal for Rwanda. Thus, it has a high capacity to host any other high-profile international conference (URT, 2016). Some of the tourist activities found in the city include Safaris in Arusha National park, hiking on Mount Meru, cultural tours, and Tanzanite gemstones (ibid). Hence, the region was included in the current study due to its tourism activities.
Further, Zanzibar, which includes Unguja and Pemba islands, is in the Indian Ocean and part of the United Republic of Tanzania. These two islands have different popularity in tourism activities. For instance, Unguja is famous for beach tourism, while Pemba is well-known for diving sports (Kilangi, 2012). Likewise, the remains of the slave trade are among the most interesting part of tourism in Zanzibar (ibid). 
Besides tourism activities, other events take place in Zanzibar and attract more tourists each year. Examples of these are the Zanzibar International Film Festival in July, the festival of Dhow countries, the Sauti za Busara Festival in February, Jahazi Literary and Jazz Festival in September, Ngalawa Race in August, as well as Fashion week Zanzibar which is a new creation (URT, 2016). Tourism plays a major role in the economy of Zanzibar, given that the country has no major industries. The main tourism activities are beach and cultural tourism (Kilangi, 2012). 
Moreover, white sand beaches, bursting culture, history, and endemic spices are also found in Zanzibar (URT, 2016). Thus, this justifies the selection of Unguja, part of Zanzibar, in the current study due to the heterogeneity in its tourism activities. Thus, the three tourist regions were potential and qualified for collecting the current study’s data to examine the determinants of mobile marketing adoption among SMTEs in Tanzania.
3.7
Population and Sampling Design

3.7.1
Study Population 

Chawla and Sondhi (2016) described a study population as any group of people or objects that form the subject of study in a particular survey and are similar in one way or another. Likewise, the population is similar in one way or another because they have common characteristics. 
The credentials of SMTEs in this study were centred on the definition described in the Tanzanian SMEs, national policy document of 2003 in chapter two under section 2.2.2. The current study’s population included all SMEs in the tourism sector in Arusha, Dar es Salaam, and Unguja. The total population amounted to 1,376. The study targeted owners, managers, and key employees who were the decision-makers in SMTEs in the three regions. 
These respondents were selected because they strongly influenced the final decision regarding various matters in their enterprises regarding technology adoption, including mobile marketing, as evidenced by various scholars (Alshamaileh, 2013; Maduku, 2015). Thus, the current study’s data were collected from a qualified population.
3.7.2
Sampling Design 
A sampling design is a procedure or technique the researcher adopts in selecting some sampling units from which inferences about the population are made (Kothari, 2009). There are two approaches to sample selection from the population. These are probability and non-probability sampling. Under probability sampling design or representative sampling, every element of the population has a known chance of being selected in a sample (Chawla & Sondhi, 2016).
On the other hand, in a non-probability sampling design, the elements of the population do not have any known chance of being selected in the sample (ibid). For this particular study, stratified random sampling and probability sampling design were used to select the tourist regions and respondents. 
3.7.3
Sampling Frame

A sampling frame takes the form of a list of names or addresses that include all of the members of the population from which the sample is to be selected (Denscombe, 2010). It generally contains information about the research population. For this study, the researcher created the sampling frame based on Saunders et al.’s (2012) suggestion that when no suitable list exists, the researcher had to make a sampling frame and ensure it was valid. Thus, the lists of formal tourism enterprises from the Zanzibar Commission for Tourism (2018), Tanzania Licensed Tour Operators (2017), and Travel and Tourism directory (2016) were retrieved by the researcher to create a sampling frame of the study as shown in Table 3.1. The frame comprised 616 tourism enterprises. 
Table 3.1: Sample Framework
	Business Type 
	Number of tourist enterprises
	Total 

	
	Arusha
	Dar es Salaam
	Unguja
	

	Tour operators
	63
	57
	30
	150

	Travel agents
	55
	23
	19
	97

	Air operators
	21
	26
	16
	63

	Car rentals
	37
	35
	14
	86

	Tour guides
	48
	34
	26
	108

	Destination sports
	20
	16
	33
	69

	Hunting operators
	36
	4
	3
	43

	Total
	280
	195
	141
	616


Source: Constructed by the researcher using Zanzibar Commission for Tourism (2018), Tanzania Licensed Tour Operators (2017), and Travel and Tourism Directory (2016) 
Further, the researcher inspected the created sampling frame and discovered that the information regarding the number of employees was missing from the retrieved data. Thus, to ensure the validity of the sampling frame, expert opinion was sought based on the types of activities of the enterprises. As a result, five experts who had been working in tourism enterprises for more than three years and had experience in sampling frame development were consulted during the sampling frame creation. This was done based on Saunders et al.’s. (2012) suggests that the sampling frame should be accurate, precise, up-to-date and complete. It should also meet the study’s objectives. 
Likewise, the sampling frame validity was checked by comparing the number of items in the current sampling frame with that of the previous studies, as has been done by some scholars (Kilangi, 2012; Ndekwa, 2017). Further, from the sampling frame, units of analysis were drawn. The unit of analysis is that particular source from which the required information is obtained, such as an individual(s), department, organization or industry (Chawla & Sondhi, 2016). In the current study, the sampling units were owners, managers, and employees holding decision-making positions in SMTEs in Arusha, Dar es Salaam and Unguja. 
3.7.4
Sampling Technique and Procedure

Saunders et al. (2012) described stratified random sampling as dividing the population into two or more relevant and significant groups based on one or more attributes then a random sample is drawn from each of the strata. The selection of this sampling technique was based on Chawla and Sondhi's (2016) argument that dividing the population into various strata increases the representativeness of the sampling. Likewise, a researcher can reasonably conduct a stratified sampling technique when it is relatively easy to identify and allocate units to strata (Bryman, 2012). Therefore, three discrete strata that were Arusha, Dar es Salaam, and Unguja.
The SMTEs were distributed proportionally based on the number of enterprises collected in each specific region. The three tourist regions were used as a stratification variable to capture the representation of the tourism enterprises and get a consistent estimate of the variable of interest when combined. The Stratified random sampling ensured that tourist enterprises from Arusha, Dar es Salaam, and Unguja were represented to capture various geographical locations, attractions, and activities. Further, the determination of the representative sample size of the framework was guided by Krejcie and Morgan’s (1970) insights. The calculation of the proportional population to get the sampling frame is presented in the next section.
Table 3.2: Sample Size in the Three Tourist Regions
	Tourist Regions
	Number of tourist enterprises in a stratum
	Sample size

	Arusha
	180
	118

	Dar es Salaam
	196
	123

	Unguja
	143
	103

	Total 
	 519
	 344


Source: Zanzibar Commission for Tourism (2018)

Tanzania Licensed Tour Operators (2017) and Travel and Tourism Directory (2016). Table 3.2 shows the total number of tourist enterprises in each of the three regions and the total sample size for the study after stratification. 
3.8
Sample Size

A sample size means the number of elements selected by the researcher from the target population to constitute a study sample (Kothari, 2009). The sample size can be determined based on the basic characteristics of the study population, the type of information required by the researcher, and the cost involved during the data collection process (Chawla & Sondhi, 2016). 
Suitable sample size has an impact on the accuracy of the study findings. Therefore, the researcher should ensure confidence level in the data, the margin of error to be tolerated, the type of analysis, as well as the size of the target population, is considered in the decision (Saunders et al., 2016). In this study, the sample size was informed by Krejcie and Morgan's (1970) formula given hereunder. 
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It is empirically evidenced that the sample size in SEM should be between 100 and 400 after taking into consideration the number of constructs and indicators in the model, the underpinning theory, and the level of model identification (Molwus, Erdogan, & Ogunlana, 2013). Similarly, Easwaran and Singh (2013) assert that past empirical studies’ sample sizes may be taken as a guide in determining the sample size for the new studies. 
Therefore, this study’s sample size is 344. Krejcie and Morgan's (1970) table and past studies’ suggestions are in line with Molwus et al. (2013) suggestions when using SEM. With the larger sample size and probability sampling, this study minimized errors in the generalization of the findings (Saunders et al., 2016). Likewise, the sample size was representative since each of the three tourist regions is represented proportionally.
3.9
Data Collection Tools

This study adopted a positivist paradigm with the assumption of applying statistical methods for data collection and analysis. Based on this paradigm, a structured questionnaire was used as a data collection tool. 

3.9.1
Structured Questionnaire

This study used a structured questionnaire to collect data for hypothesis testing and model validation. Saunders et al. (2016) pointed out that a questionnaire is one of the efficient methods of collecting data from a large sample size. The questionnaire is economical; when a study’s sample is large and widely spread geographically, the researcher can collect a considerable amount of data (Denscombe, 2010; Kothari, 2009). Likewise, Bird (2009) argued that the questionnaire enables quantitative data to be collected in a standardized way so that the data are internally consistent and coherent for analysis. 
Other scholars (Denscombe, 2010; Kothari, 2009) assert that questionnaire provides standardized responses since the respondents are given exactly the same questions; therefore, when the researcher uses a large sample, the findings can be more reliable. Roopa and Rani (2012) suggested that the questionnaire offers a chance for the researcher to collect highly structured data suitable for statistical analysis. The questionnaire, which is attached in Appendix II, was used to collect highly structured data for hypothesis testing on the determinants of mobile marketing adoption in the context of the tourism industry. 
The questionnaire was adapted from previous studies (Al Mashagba & Nassar, 2012; Alrawabdeh, 2014; Dahiya & Gayatri, 2017; Dalvi-Esfahani et al., 2018; Duffy & Donegal, 2010; Gangwal & Bansal, 2016; Koundinya, 2019; Maduku, 2015; Malungu & Moturi, 2015; Ndekwa, 2017; Shaikh et al., 2015; Shankar & Datta, 2018; Taylor & Todd, 1995) to match the study objectives and hypotheses. 
The questionnaire was deemed efficient to collect data from three tourist regions from 344 respondents. Since this study generally assessed the determinants of mobile marketing adoption among SMTEs in Tanzania, the sample was large with standardized responses. Hence It proved to be cost-effective in collecting large amounts of data on SMTEs from Arusha, Dar es Salaam and Unguja. The questionnaire was also deemed to have internal reliability and logic during data analysis. 
3.10
Measurement of the Variables

The measurement could be described as allocating numbers or other symbols to certain objects based on pre-specified rules (Chawla & Sondhi, 2016). Variables can be assessed either categorically or numerically (Scharfe, 2016). In categorical variables, the numeric values cannot be measured. However, they can be used for classifying or ranking items or individuals (Saunders et al., 2016). Numerical variables are the ones whose values are measured or counted numerically (Saunders et al., 2012), including interval, ratio, discrete and continuous. Variables can also be nominal and ordinal variables. 
Thus, in this study, attributes such as age, gender, firm size, position in the enterprise as well as the type of mobile marketing were evaluated using nominal and ordinal scales, which are categorical. Questions which focused on respondents’ attitudes, subjective norm and perceived behavioural control towards mobile marketing adoption were assessed using an interval scale (numerical variables). Hence, this study's information regarding the determinants of mobile marketing adoption among SMTEs in Tanzania was assessed using a combination of categorical and numerical variables. Table 3.3 and Table 3.4 present the variables and their indicators together with the appropriate measurement scale that was used in the study.
Table 3. 3: Constructs of the Model
	 
	Latent factor/ construct variable
	Manifest/indicator

/Observed variable
	Source
	Measurement scale

	Dependent variable
	Mobile marketing adoption
	Access financial information, 
	(Al Mashagba & Nassar, 2012)
	Likert scale

7 points: 1 being the lowest and 7 being the highest score

	
	
	Advertisement, 
	(Dahiya & Gayatri, 2017)
	

	
	
	Payment, 
	(Ndekwa, 2017)
	

	
	
	Prompt payment,
	(Ndekwa, 2017)
	

	
	
	Cash deposit
	(Ndekwa, 2017)
	

	Independent variables
	Attitude
	Compatibility
	(Taylor & Todd 1995)
	Likert scale 7 points: 1 being the lowest and 7 being the highest score

	
	
	Easy to use
	 (Gangwal & Bansal, 2016;
	

	
	
	The quickness of financial task 
	(Shankar & Datta, 2018)
	

	
	
	Clarity and understandability, 
	(Shaikh et al., 2015; Cao, Dang, & Nguyen, 2016)
	

	
	
	Perceived usefulness,
	(Gangwal & Bansal, 2016; Koundinya, 2019)
	

	
	
	Trust
	(Gangwal & Bansal, 2016; Koundinya, 2019)
	

	
	Subjective Norm
	Customers’ pressure, 
	(Alrawabdeh, 2014)
	Likert scale 7 points: 1 being the lowest and 7 being the highest score

	
	
	Business partners, 
	(Alrawabdeh, 2014)
	

	
	
	Government institutions,
	(Alrawabdeh, 2014)
	

	
	
	Owners’ innovativeness, 
	( Dalvi-Esfahani et al., 2018)
	

	
	
	Managers’ innovativeness,
	Dalvi-Esfahani et al., 2018)
	

	
	
	Employees’ influence,
	 (Dalvi-Esfahani et al., 2018)
	

	
	
	Supplier pressure, 
	(Alrawabdeh, 2014)
	

	
	
	Competitors’ pressure
	(Alrawabdeh, 2014)
	

	
	Perceived Behaviour Control
	Government policy,
	Kyere-Douodu & Yamoah (2012)
	Likert scale 7 points: 1 being the lowest and 7 being the highest score

	
	
	Regulatory framework, 
	(Alrawabdeh, 2014; Shaikh et al., 2015)
	

	
	
	Network availability,
	Kyere-Douodu & Yamoah (2012)
	

	
	
	Experts,
	 (Rahayu & Day, 2015)
	

	
	
	Business location, 
	(Duffy & Donegal, 2010)
	

	
	
	Financial structure,
	(Maduku, 2015)
	

	
	
	Market structure
	(Malungu & Moturi, 2015)
	


Source: Author’s Own Compilation
Table 3.4: Constructs of SMEs’ characteristics
	Variable 
	Measure 
	Scale 

	Firm size
	Micro < 5 employees
Small 5-49 employees
Medium 50-99 employees
	ordinal

	Firm age
	Less than 5years 
5 to 10 years
Above 10 years
	ordinal

	Firm location
	Arusha, Dar es salaam, Unguja.
	Nominal 

	Experience 
	Less than 5 years

5 to 10 Years
Above 10 years
	Ordinal 

	Owner’s gender
	Male, Female, both
	Nominal 


Source: Literature review (2018).
3.11
Data Analysis

After the data collection, the returned questionnaires were coded and entered into IBM SPSS version 20 for preliminary analysis. The analyses included descriptive analysis, Exploratory Factor Analysis, and Cronbach's alpha calculation. Furthermore, the analysis was also done using IBM AMOS Version 20 for Confirmatory Factor Analysis, a measurement model analysis and Structural Equation Modelling. 
Data were analysed using both descriptive and inferential analysis.
3.11.1
Descriptive Data Analysis
Descriptive analysis transforms raw data into a form that can easily be understood and interpreted (Chawla & Sondhi, 2016). It includes the analysis of mean, frequencies, percentages, as well as standard deviations, just a few to mention. In most studies, descriptive analysis and simple graphics form the basic essentials of any quantitative data analysis (Kale, 2013). In the current study, descriptive analysis was used to describe the basic features of the data by means of summaries with reference to samples and characteristics of tourism enterprises as well as decision-makers' profiles on mobile marketing technology. 
For instance, descriptive statistics such as frequencies and percentages were used to analyse respondents’ ages, experiences, education levels, the location from which they were drawn, and firms’ sizes. This analysis widens the understanding of the characteristics of the firms, respondents, and other valuable information on mobile marketing adoption among SMTEs. Finally, the descriptive analysis gave the image of the sample in a broad spectrum which smoothened the discussion of the findings.
3.11.2
Multivariate Data Analysis

Multivariate analysis refers to all statistical techniques that concurrently analyze multiple variables about the subject being researched to identify the relationship between them (Hazra & Gogtay, 2017). Generally, there are two main types of multivariate techniques. These are dependence and interdependence. As explained by Kothari (2009), the dependence method is the one which contains both dependent and independent variables, for instance, Structure Equation Modelling. On the hand, the interdependence method comprises several variables that do not have a dependency relationship, such as factor analysis and principal component analysis (Hazra & Gogtay, 2017), just a few to mention. Thus, this study used SEM, which is a multivariate analysis under the dependence method for hypotheses testing and examination of the determinants of mobile marketing adoption among SMTEs.
3.12
Structural Equation Modelling (SEM) Analysis

SEM is a multivariate statistical technique used to model complex relationships between observed and latent variables. According to this Civelek (2018), SEM confirms the correspondence of the data of the relations in the theoretical model. As a result, it differs from other statistical models that attempt to discover relationships through the data set. 
The following are some of the reasons that justify the selection of SEM over other multivariate analyses. SEM is used as a multivariate data analysis technique for arranging a large amount of complex information into a simplified visible form. As evidenced by Kothari (2009), using multivariate data analysis in research helps a researcher arrange a large amount of complex information into a simplified visible form. Although the current study did not have a complex model, its underlying indicator variables were collected from a large sample of more than 250 respondents. Hence, the use of SEM was considered important. Similarly, SEM has more versatile than other multivariate statistical methods like multiple regression since it can handle multiple exogenous and endogenous variable relationships simultaneously (Ramadas & Satish, 2018). 
Moreover, scholars Streiner (2006) and Karakaya-Ozyer and Aksu-Dunya (2018) argue that SEM can test models with multiple dependent variables, including mediating variables and measuring error terms for all indicator variables. Though this particular study did not have mediating variable, on the dependent variable, there were multiple indicator variables. For instance, the dependent variable, mobile marketing adoption, had three multiple indicator variables: advertisement, prompt payment and cash deposits. Likewise, measuring the measurement errors using SEM enhances the quality of findings and the model produced from the research findings (Civelek, 2018; Jang & Lin, 2008). 
Furthermore, SEM can test the overall model rather than the coefficients individually (Karakaya-Ozyer & Aksu-Dunya, 2018). This helps the researcher observe and address the model's cross-loading items. SEM has the power to deal with all constructs (attitude, subjective norm and perceived behavioural control) at the same time and assess their interrelationship while testing hypotheses. Hence, based on these grounds, structural equation modelling was considered important.
SEM was deemed appropriate in the current study because the study involved linear regression models in statistical calculations. SEM handles multiple relationships, such as many regression equations that work together, whether in the structural or measurement model. As Hox and Bechger (1999) pointed out, structural equation modelling provides a very general and convenient framework for statistical analysis that includes several traditional multivariate procedures: factor analysis, regression analysis, and canonical correlation (Tabachnick & Fidell, 2013). 
In this study, the conceptual framework was designed to test the structural relationship among constructs such as attitude, subjective norm, perceived behavioural control and mobile marketing adoption. These constructs were identified based on the relevant theories and were supported by previous empirical research findings. Therefore, under these circumstances, SEM was the most appropriate for the hypothesis testing in the current study. De Carvalho and Chima (2014) pointed out that when a hypothesized structural model show model fit indices which are less than satisfactory, it allows specification searches to find better fitting models to the sample variance-covariance matrix.
3.12.1
Measurement Model

The measurement model is a theoretically derived model that specifies how observed variables correspond to latent constructs and evaluates construct validity (Hair Jr, Black, Babin, & Anderson, 2019). Generally, the measurement model gives the empirical confirmation of the study (Kumar, 2015), and Confirmatory Factor Analysis (CFA) is usually used in testing the model. The CFA was done to observe the contribution of each observed variable and see how well these items measure the independent or the dependent variables. In this study, the researcher assessed the measurement model to evaluate the goodness of fit indices, the validity and reliability of all constructs. Thereafter, conducted structural modelling to test the specified hypothesized relationship among latent variables. Chapter 4 discusses, in detail, the measurement of different variables as used in the conceptual framework based on the fit indices.
3.12.2
Structural Model 

After testing the measurement model and revealing that the data fits the model perfectly, the structural model was tested. Generally, the structural model provides a framework to support hypotheses (Kumar, 2015; Ramadas & Satish, 2018). Furthermore, the goodness of fit indices that were used to assess the measurement models were the ones used for evaluating structural models. Similarly, the same procedures used to evaluate the measurement model were also applied to the structural model. The structural model examined the direct effect of exogenous variables (Attitude, Subjective Norm, and Perceived Behaviour Control) on endogenous variables (mobile marketing adoption). This approach was used to assess all three objectives since the model did not have the mediating variable. Otherwise, the mediating variable was supposed to be added to the initial structural model so as to examine the indirect effects of the exogenous variables on the endogenous variable (Hair et al., 2010). The SEM results are discussed in detail in chapter four.
3.12.3
SEM Assumptions

Most of the assumptions that apply to the regression models are also valid for the structural equation models since many regression equations work together, whether in the structural model or in the measurement model part (Civelek, 2018). These assumptions include normality, multicollinearity, homoscedasticity, and linearity. Similarly, the data were screened for missing data and outliers before checking for model assumptions. 
The missing data arise when a respondent fails to answer one or more questions in a survey (Hair Jr et al., 2019). In this study, the researcher screened the data and cross-checked all questionnaires to find out if the respondents properly filled in all the contents. One questionnaire was dropped because some of the contents were not attempted. As a result, it failed to achieve the content’s validity and therefore was excluded from the analysis. In this study, the researcher opted for case deletion to handle the missing data by dropping the whole questionnaire with incomplete information because the sample was large enough, as suggested by Kang (2013). 
Similarly, Schumacker and Lomax (2010) described outliers as extreme observations on either independent or dependent variables. In other words, these are data that are out of the normal range in the data set. In this work, extreme value analysis with the Mahalanobis D statistic in SPSS was used to assess outliers. Based on the results of this analysis, the maximum Mahalanobis distance was 174.683. Following the determination of the highest value, the calculated Mahalanobis distance critical value was 60.553. As a result, the dataset was filtered to remove any cases with values higher than 60.553. From that process, 10 cases were deleted since respondents had ticked the extreme cases during the filling out of the questionnaires. The final data set contained 343 cases.
Regarding the SEM assumptions, normality is the extent to which the distribution of the sample data corresponds to a normal distribution (Hair et al., 2010). It is the most important assumption of the structural model. The SEM assumes that continuous and multivariate normality observations are normally distributed (Civelek, 2018; Kumar, 2015; Tabachnick & Fidell, 2013; Weston & Gore Jr., 2006). However, it is very rare in social sciences to obtain the normally distributed observation since the researchers use a lot of variables that are dichotomous or ordered categories rather than truly continuous (Bian, 2012). Thus, Civelek (2018) suggested that the outliers should be removed first in case the data set is not normal. Then, the researcher can opt to use the weighted least squares method or to apply the Asymptotic Distribution Free (ADF) as suggested by El-Sheikh, Abonazel, and Gamil (2017). 
Therefore, in the current study, the normality test was checked under SPSS using the Kolmogorov-Smirnov test and the value of 0.05, which confirms that the survey data were normally distributed, as suggested by Saunders et al. (2012). Further, maximum likelihood (ML), as one of the most commonly used techniques to moderate violation of normality assumption, was used by the researcher as recommended by (Weston & Gore Jr., 2006).
Similarly, multicollinearity is another model assumption, which occurs when some or all of the independent variables reveal a very high correlation that exceeds 0.9 (Easwaran & Singh, 2013). The SEM model assumes that there is no multicollinearity between the independent variables and the structural model (Civelek, 2018). Despite the SEM assumption, this study used the Variance Inflated Factor (VIF) to test multicollinearity through the SPSS, and the value of 3.0 was obtained, which was less than 10 as recommended by Yoo et al. (2014) and less than 5 suggested by Wong (2013). Hence, there was no correlation between the exogenous variables. 
Likewise, the study checked for the homoscedasticity assumption, the magnitude to which data values of dependent as well as independent variables have equal variance (Saunders et al., 2016). According to these authors, even though this assumption is violated, there is still a possibility of carrying out the analysis. In this study, the constant variance was checked using the visual examination of a plot of the standardized residuals by the regression standardized predicted value using IBM SPSS version 20. It was revealed that errors of prediction were normally distributed. 
Further, SEM also assumes that there are linear relationships among the constructs and indicator variables and constructs (Schumacker & Lomax, 2010). Hence, this study used continuous data, as suggested by these authors. The linearity was checked using scatter plots as Saunders et al. (2012) recommended through SPSS. As a rule of thumb, linearity exists among the variables only if the scatter plots depict a straight line (Hair Jr et al., 2019). Thus, this study’s variables revealed linear relationships as the scatter plots portrayed a straight line. 
3.14
Validity and Reliability

3.14.1
Validity

According to Taherdoost (2016), validity basically means items measure what is intended to be measured. It explains how well the collected data covers the actual area of investigation. In this particular study, the following types of validity: content, construct and criterion were considered by the researcher on the collected data.
3.14.1.1 Content Validity

Content validity is defined as the degree to which items in an instrument reflect the content universe to which the instrument will be generalized (Taherdoost, 2016). In the research, scholars recommend applying content validity while the new questionnaire is developed (Creswell, 2014). This helps to evaluate the new survey instrument to ensure that it includes all the essential items and eliminates undesirable ones to a particular construct domain (Kothari, 2009). In this study, though the questionnaire was adapted, the researcher discussed with the supervisors and experts to ensure that the instrument captures the essential issues in mobile marketing adoption and tourism. 
3.14.1.2 Construct Validity

Construct validity refers to whether you can draw inferences about test scores related to the concept being studied (Heale & Twycross, 2015). As described by Taherdoost (2016), construct validity refers to how well the researcher translates or transforms a concept, idea, or behaviour that is a construct into a functioning, operating reality and operationalization. To ensue construct validity in this study, factor analysis was done using Exploratory Factor Analysis (EFA) and Confirmatory Factor Analysis (CFA). 
As Byrne (2016) explained, EFA is done by the researcher when the relationship between indicator variables and constructs is uncertain. As a result, the exploratory analysis is conducted to determine how the observed variables are linked to their underlying latent variables. Thus, for this study, EFA was conducted first and helped the researcher to remove the items with low loadings and those with cross-loadings which caused the model to perform poorly. The results of factor analysis are discussed in chapter four, section 4.4.1.
Likewise, since EFA does not account for measurement errors, the researcher did the second-factor analysis stage, Confirmatory Factor Analysis (CFA). Civelek (2018) explained the CFA as the hypothetical predetermined latent variable structure, which is confirmed by the current data. Similarly, researchers use the CFA to assess whether the measure of the latent variables is consistent with their understanding of the nature of the constructs (Ahmad, Zulkurnain, & Khairushalimi, 2016). Thus, the results from Confirmatory Factor Analysis assisted the researcher in determining convergent and discriminant validity, as described in the next sections.
3.14.1.3 Convergent Validity 

Convergent validity tests construct that are expected to be related, in fact, related (Taherdoost, 2016). On the other hand, Heale and Twycross (2015) advocate that convergent validity occurs when the instrument measures concepts similar to that of other instruments. 
To measure convergent validity, the value of factor loadings in the Confirmatory Factor Analysis or measurement model was considered as suggested by the rule of thumb that standardized factor loadings should be 0.5 or higher (Civelek, 2018). Similarly, Average Variance Extracted (AVE) was also used to test for convergence validity. Hair et al. (2010) suggested that a value of 0.5 or above is considered enough to reveal a high convergent of items at a specific construct. The results of convergent validity are found in chapter four in Table 4.7.
3.14.1.4 Discriminant Validity
Discriminant validity is the extent to which latent variable A discriminates from other latent variables, say, B and C (Taherdoost, 2016). This means that discriminant validity (or divergent validity) tests that constructs that should have no relationship do, in fact, not have any relationship. In the current study, discriminant validity was assessed using the Average Variance Extracted (AVE) of the constructs compared with the square of the correlations between the constructs. It is recommended that shared AVE values should be higher than the AVE (Hair et al., 2010). The results of discriminant validity are found in chapter four in Table 4.7.
3.14.1.5 Criterion Validity

Criterion validity is a criterion or concrete validity that is the extent to which a measure is related to an outcome (Taherdoost, 2016). It measures how well one measure predicts an outcome for another measure. In another way, it is a type of evidence that can be gathered to defend the use of a test for predicting other outcomes. It refers to the extent to which the results of a particular test, or measurement, correspond to those of a previously established measurement for the same construct. For Exploratory factor analysis, a criterion of validity was achieved through the following areas: the measure of sampling adequacy, correlation among variables, and model performance. To test criteria for sample adequacy, the study used the Kaiser-Meyer-Olkin (KMO), while correlation among variables was checked using Bartlett’s.
3.14.2
Reliability

As Saunders et al. (2012) explain, reliability is the extent to which data collection techniques and the analysis process will yield stable findings if repeated on alternative occasions. In this study, the researcher did a pilot study before the main survey to ensure that the instrument captured the context variables and used language which is clear to the target respondents. Moreover, the researcher used composite reliability (CR) to assess the internal consistency of the variables. 
As a rule of thumb, the variables should be reliable and have a high CR of ≥ 0.7 (Kumar, 2015). Composite Reliability is calculated from the factor loads found in the CFA (Civelek, 2018). Its value is found by placing the results of CFA in the same ready-made excel calculation tool which was used to calculate AVE. The results of composite reliability are found in chapter four in Table 4.8. 
All validity and reliability issues in EFA concerning this study are summarized in Table 3.5. Likewise, the same matters related to CFA are summarized in Table 3.6.
Table 3.5: Summary of Validity and Reliability in Exploratory Factor Analysis
	Criteria for validity
	Criteria 
	Tools and methods used in this study

	Nature of the variable
	Continuous variable
	All variables were continuous and checked by the researcher

	Nature of the population
	Heterogenous population
	Different firm sizes were used - micro, small, and medium. 
Three geographic regions with unique tourism attributes were selected.

	Sample size
	At least 300 respondents, each should have at least 5 to 10 observations.

	A sample size of 343 was used with a ratio of 10:1. Sample adequacy was tested using KMO and results revealed that P-value > 0.5, indicating the sample was sufficient.

	Criteria to retain a factor
	Eigenvalue >1
	All retained factors had eigenvalue >1

	
	Cut off point of the scree plot
	All retained factors had cut-off points of the scree plot

	
	Theoretical assumptions
	All retained factors complied with the Conceptual framework

	
	There must be at least three variables
	All factors had at least three variables

	Criteria for retaining items and absence of multicollinearity and singularity
	High loading should be 0.9
	High loading had 0.9

	
	Low loading should be 0.4
	Low loading had 0.6

	Level of correlation
	Correlation must be (r ≥ 0.3)
	Bartlett’s test of sphericity


Source: (Yong & Pearce, 2013; Yoo et al., 2014; Hooper, 2012)
Table 3.6: Summary of Validity and Reliability of Confirmatory Factor Analysis
	Validity component
	A technique used
	Recommended standards
	Study model validation

	Discriminant

validity
	CFA as used

in SEM
	GFI>.90, CFI>.90,

AGFI>.80, 

shared AVE >AVE
	GFI=.944, AGFI=. 917

CFI=.980, See figure 4.2

shared AVE >AVE

See Table 4.7

	Convergent

validity
	CFA as used

in SEM
	GFI>.90, CFI>.90,

AGFI> .80, 

AVE at least 0.5
	GFI=.944 AGFI=. 917

CFI=.980, See figure 4.2

AVE are 0.5 and above

See Table 4.7

	Reliability

(Internal consistency)
	Composite reliability (C.R)
	All C.R p-value > 0.6 or 0.7
	The p-value is above 0.6 

See Table 4.7

	Content validity
	Literature Review,

Expert panels
	A higher degree of consensus
	Study instrument reviewed and considered expert opinions; pilot tested

	Nomological

validity
	SEM
	Standardize path

coefficients
	All standardized coefficients have significant values

greater than 0.2

	Predictive validity
	SEM
	Explained variances in

the .40 range or above is desired
	Achieved for all unobserved variable 


Source: (Hoe, 2008; Al-Msallam, 2015; Kumar, 2015)

3.15
Ethical Issues and Consideration

Ethics are norms or standards of behaviour that guide moral choices about our behaviour and our relationships with others (Kombo & Tromp, 2006). According to these authors, the aim of ethics in research is to ensure that no one is harmed or suffers adverse consequences from research activities. Thus, this means that the researcher needs to consider all ethical issues during the research and maintain good relationships
Understanding the significance of ethical issues in this study, the researcher obtained the research clearance letters, as attached in appendix V from the Directorate of Research, Publications, and Postgraduate Studies of The Open University of Tanzania. 
These letters permitted a researcher to collect data on determinants of mobile marketing adoption among SMTEs in Tanzania. After obtaining the data collection permit, the researcher briefed participants on the purpose of the study, its benefits, as well as their rights and protections. Thus, the respondents were given a choice to participate, refuse or terminate their participation at any time without any objections, as Saunders et al. (2012) recommended.
On the other hand, the issues of anonymity and confidentiality about information obtained from respondents were taken care of by the researcher as recommended by (Greener, 2008). This is because the study was conducted in private companies in the tourism sector, where giving out their information could harm their businesses as far as the competition is concerned. Thus, to ensure the confidentiality of these enterprises and respondents in general, they were assured by the researcher that the data collected was for academic purposes and would not be used otherwise. In addition, the researcher guaranteed the respondents that the report would be written in general, and neither their names nor their enterprises’ names would be revealed in connection with the examined variables. However, the variables used to help to answer research questions represent the situation of mobile marketing adoption in the tourism sector in Tanzania.
Further, as Saunders et al. (2012) and Greener (2008) suggested, the companies and respondents were treated with dignity, and the researcher honestly acknowledged every help. Likewise, all information from other scholars was acknowledged to avoid research misconduct such as plagiarism, fabrication, and falsification during reporting, sharing, and storing data. Hence, the research methodology was therefore applied in line with suitable ethical principles.
CHAPTER FOUR
FINDINGS OF THE STUDY
4.1
Chapter  Overview
This chapter presents the findings of the study based on the statistical analysis of the surveyed data. It comprises four components: sample distribution, model validation, path coefficients, hypothesis testing, and a summary of the hypotheses results. The chapter begins with a summary of the pilot study, followed by the presentation of the sample distribution of participants and enterprises based on various characteristics using descriptive statistics. 
Thereafter, model validation results are presented using Exploratory Factor Analysis and Confirmatory Factor Analysis. Two models were produced: an exploratory model and a measurement model for validity assessment. Finally, the most important aspects of the results are model path coefficients and hypothesis testing presented by developing structural models using SEM. Thereafter, a summary of the hypotheses’ results is presented in a tabular form to simplify the reading synopsis.
4.2
Results from the Pilot Study 
Before the main survey, the pilot study was conducted in February 2019 in Dar es Salaam Region using fifteen (15) questionnaires to SMTEs owners and managers. This was done to determine and ensure that the items on a given instrument test accurately reflect the theoretical domain of the latent construct it claims to measure in the tourism industry in the Tanzanian context. The pilot results from respondents’ views showed that the questionnaire covered essential parts which were identified in the literature reviews with minimum modifications. Therefore, the researcher made some adjustments to strengthen the data collection instrument by adding and replacing some items under latent variables.
4.3
Sample Distribution

In this section, the researcher describes the basic features of the respondents and enterprises involved in the data collection process by using descriptive statistics summaries with reference to the sample. This part is considered important in the current study as it justifies respondents of different characteristics representation. Moreover, it explains how the researcher covered different attributes of the enterprises for the sake of ensuring validity. The following sections describe the sample distribution of both respondents and enterprises. 
4.3.1
Respondents’ Distribution 

This part is essential because it provides a picture of respondents who participated in the research. Likewise, it gives evidence of the proportional representation of each unique characteristic of the respondents in the study during the data collection process. 
4.3.2
Respondents’ Distribution by Gender 

In the current study, males and females were fully involved in the SMTEs business operations in Arusha, Dar es Salaam, and Unguja. Female respondents were slightly more than males. Despite the slight differences between males and females, there was at least the presentation of both genders. As Venkatesh, Morris, Davis, and Davis (2003) argued in their Unified Theory of Acceptance and use of technology, gender tends to moderate the relationship in the adoption of any technology. Maduku’s (2018) findings indicate that the managers’ gender plays a key role in assessing the characteristics of mobile marketing innovation. This implies that involving males and females strengthened the findings by capturing both genders. 
Table 4.1: Respondents' Profile
	Respondents’ Characteristics
	Frequency
	Percentage

	Gender

	Males
	169
	49.3

	Females
	174
	50.7

	Total
	343
	100

	Education Level

	Primary School Education
	16
	4.7

	Secondary School Education
	84
	24.5

	Non-degrees
	113
	32.9

	Bachelor degrees
	96
	28.0

	Postgraduates
	34
	9.9

	Total
	343
	100

	Management Level

	Owners
	82
	23.9

	Managers/supervisors
	104
	30.3

	Normal employees
	157
	45.8

	Total
	343
	100


Source: Author’s Own Compilation
4.3.3
Respondents’ Distribution by Education Level

In the current study, the researcher involved respondents of different educational backgrounds, from holders of primary education to holders of postgraduate degrees. Okundaye, Fan, and Dwyer (2019) argue that education level tends to explain the ability of users to perceive the potential offered by the technology in any business system, which in turn influences its adoption. Based on such an argument, it was necessary to ensure that respondents with various education levels were involved in this study to strengthen the findings.
4.3.4
Respondents’ Distribution by Management level

This study considered that each level of management plays a significant role in supporting the adoption of any technology, including mobile marketing technology. At least each level of management in tourism was included in this research. Okundaye et al. (2019) advocate that manager’s level in any enterprise determines SMEs adoption of technology. This implies that it was necessary to consider each level of management in the data collection process to represent different levels of management and how they determined the technology adoption. 
4.4
Firm Sample Distribution 

This section presents firm characteristics such as firm distribution by location, age, size and owner’s gender. The summary of the characteristics is presented in Table 4.2.
Table 4.2: Enterprises' Profile
	Firms’ Characteristics
	Frequency
	Per cent

	Business Location

	
	Arusha
	143
	41.7

	
	Dar es Salaam
	88
	25.7

	
	Unguja
	112
	32.6

	
	Total
	343
	100

	
	Business Age

	
	Less than 5 Years
	96
	28.0

	
	5-10 Years
	153
	44.6

	
	Above 10 Years
	94
	27.4

	
	Total
	343
	100

	
	Owners’ Gender
	
	

	
	Males
	120
	34.9

	
	Females
	99
	28.9

	
	Both Males and Females (joint ownership)
	124
	36.2

	
	Total
	343
	100

	
	Firm’s Size
	
	

	
	Micro (< 5 Employees)
	101
	29.4

	
	Small (5-49 Employees)
	144
	42.0

	
	Medium (50-99 Employees)
	98
	28.6

	
	Total
	343
	100


Source: Author’s Own Compilation
4.4.1
Firms Distribution by Business Location 

The study sample consisted of firms from three tourist regions: Arusha, Dar es Salaam and Unguja. The area was included for being the major city handling tourists. 
As Venkatesh et al. (2003) argued, firm location has a significant moderating effect on the adoption of technology. As a result, this study involved three tourist regions in Tanzania in capturing different locations. 
4.4.2
Firm Distribution by Age in Business 

In the current study, the researcher measured enterprises' age using the following variables: enterprises less than 5 years old, 5 to 10 years old, and more than 10 years old. The potential of including an enterprise’s age in profiling firm characteristics is well evidenced by Venkatesh et al. (2003), who found and concluded that enterprises of different ages behave or react differently toward technological adoption. In the current study, the proportional distribution indicates that at least firms of different ages were presented in this study.
4.4.3
Distribution of Enterprise by Owners’ Gender 

In the current study, gender was measured in business ownership, that is, male, females and both males and females for those firms under the partnership. Scholars such as Venkatesh et al. (2003) evidenced that gender variables moderate the relationship among variables in the adoption model of technology. Table 4.2 indicates that the majority (36.2%) were partners, including males and females. Hence, the study involved firms owned by both genders. 
4.4.4
Enterprise Distribution by Size of Business

The enterprise’s size was measured using the number of employees as stipulated in the Tanzanian National SMEs Policy of 2003. This policy indicates that an enterprise with less than 4 employees is considered a micro-enterprise; from 5 to 49 employees are considered small enterprises and from 50 to 99 employees are considered medium enterprises. The results reveal that most enterprises in the tourism sector (42.0%) were small-sized businesses. Scholars such as Mwai (2016) argued that enterprises of varied sizes tend to differ in reacting and responding towards the adoption of new technology. Likewise, Mwantimwa (2019) argued that the size of the firm greatly influences the adoption of ICT technology. Hence, this study used data from firms of varied sizes to explain the adoption of mobile marketing. 
4.5
Model Validation 

This model validation section intended to check if the proposed construct structures are valid and reliable with the collected data. This is because, during research proposal development, the researcher developed the conceptual framework without the actual data. Thus, it was necessary after data collection to check if the constructs were aligned with their underlying observed variables. Therefore, to validate a model, the researcher used Exploratory Factor Analysis (EFA) and Confirmatory Factor Analysis (CFA), respectively. This involves removing some of the indicator variables which performed poorly in the model, as described in the next section. 
4.5.1
Exploratory Factor Analysis (EFA)

In the current study, it was necessary to perform EFA at the beginning of the analysis to identify the underlying structure of the four constructs: attitude, subjective norm, perceived behavioural control and adoption. This was done to see if they aligned with their indicator variables before the actual data analysis. Yong and Pearce (2013) argued that it is better to perform EFA at the beginning of data analysis if the constructs of the study’s model were borrowed from a mix of empirical and theoretical evidence. Moreover, a poor model fit will always occur when there is a mix of constructs from different theories and empirical literature (ibid). 
As the current study’s model was constructed using constructs from different theories and empirical evidence thus, the performance of EFA before the main data analysis was mandatory. Generally, EFA is usually preceded by Kaiser-Meyer-Olkin (KMO), which measures sampling adequacy. For the KMO statistic, Kaiser (1974) recommends a bare minimum of 0.5 and that values between 0.5 and 0.7 are mediocre, values between 0.7 and 0.8 are good, values between 0.8 and 0.9 are great, and values above 0.9 are superb. 
For these data, the overall value for KMO was 0.822, which falls in the great range, as indicated in Table 4.3. Hence, for this particular study, the overall sample size was adequate for factor analysis. Similarly, Bartlett’s test results, as indicated in Table 4.3, helped to measure the null hypothesis that the original correlation matrix is an identity matrix and items are well correlated. For these data, Bartlett’s test is highly significant (p<.001), which justifies that items in the model are highly correlated enough for the exploratory analysis. Hooper, Coughlan, and Mullen (2008) argued that Bartlett’s Test of Sphericity reached statistical significance, indicating the correlations were sufficiently large for Exploratory Factor Analysis. Table 4.3, with p<0.001 justify that there were correlations. 
Table 4.3: KMO and Bartlett's Test
	Kaiser-Meyer-Olkin Measure of Sampling Adequacy.
	.822

	Bartlett's Test of Sphericity
	Approx. Chi-Square
	7055.782

	
	df
	153

	
	Sig.
	.000


Further, in analysing criterion validity, the model performance in terms of variance score was assessed to check if it had reached a degree corresponding to those of a previously established measurement. Table 4.4 shows that the model of this study scored a total variance of 76.838%, which is a significant and good performance. Thus, it concurs with Hooper et al. (2008), who argued that the model should achieve a cumulative variance of at least 50%. 
Furthermore, the researcher conducted EFA to assess the underlying structure of twenty-six (26) indicator variables (observed variables) of mobile marketing adoption questionnaires using Varimax rotation and principal component matrix. During the initial run of EFA, four criteria were adopted to retain the constructs which fitted well to the model. These criteria include Eigenvalues, scree test (i.e., scree plot), the number of constructs in the conceptual framework, and constructs with at least three items. This study used a combination of criteria as Yong and Pearce (2013) recommended to offset the weaknesses of using one criterion. After running the EFA, four constructs were produced based on the coded questionnaire attached in appendix III with 70% of the cumulative variance, as found in Table 4.5. These constructs qualified to meet those four criteria as they all had the Eigenvalues of greater than one (Eigenvalue>1), were all above the break/cut-off point on the scree plot and had at least two items aligned as in the conceptual framework. 
Further, the assessment checked if the observed variables fit their underlying constructs based on Yong and Pearce's (2013) suggested criteria to retain the qualified ones and drop those failing to meet the criteria. First, all indicator variables loaded into more than one construct were dropped, and those which were loaded into their associated construct were retained. Second, if more than two indicator variables were loaded in one construct and behaving the same, they were retained, and if less than three indicator variables were loaded in one construct, they were all dropped. Third, all items with loading ranging from 0.5 to 0.9 were retained, and those with loading less than 0.5 or above 0.9 were dropped. These suggested criteria by Yong and Pearce (2013) aimed at improving the model. As far as this study is concerned, Table 4.4 presents a selected output of EFA from SPSS of those indicator variables which were dropped based on the criteria.
Table 4.4: The Selected EFA output of Items Dropped
	Factor
	Items Removed
	Reasons

	SN: Subjective Norm
	SN6: Employee Influence
	SN6 was removed from the analysis because it had multiple loading on SN and ATT. 

	ATT: Attitude
	ATT3: Financial Task Quickly
	ATT3 was removed from the analysis because it had multiple loadings on PBC and ATT, hence affecting its fitting.

	PBC: Perceived Behavioural Control 
	PBC1: Government policy PCB4: Experts
	PBC1 and PBC4 were removed because they had weak loadings on their theoretical model and hence affected its fitting. PBC1 had loadings of less than 0.5, while PBC4 was loaded alone in a single factor which failed to support theoretical assumptions. 

	AD: Adoption
	AD1: access financial information 
	AD1 was removed because it had a negligible contribution because it had multiple loadings.


Source: Author’s Own Compilation
Given this perspective, the items that did not fit well with the factor solution were dropped from the analysis, as described in Table 4.4. On the other hand, those items which met the criteria were retained, as shown in Table 4.5.
Table 4.5: Rotated Component Matrix
	Items
	Component

	
	SN
	ATT
	PBC
	AD

	SN3
	.901
	
	
	

	SN1
	.892
	
	
	

	SN4
	.873
	
	
	

	SN2
	.849
	
	
	

	SN8
	.648
	
	
	

	SN5
	.634
	
	
	

	SN7
	.630
	
	
	

	ATT6
	
	.933
	
	

	ATT2
	
	.908
	
	

	ATT1
	
	.908
	
	

	ATT5
	
	.700
	
	

	ATT4
	
	.605
	
	

	PBC6
	
	
	.824
	

	PBC7
	
	
	.818
	

	PBC2
	
	
	.817
	

	PBC3
	
	
	.756
	

	PBC5
	
	
	.749
	

	AD5
	
	
	
	.865

	AD2
	
	
	
	.827

	AD3
	
	
	
	.763

	AD4
	
	
	
	.741

	Eigenvalues
	6.420
	3.029
	2.551
	1.831

	Variance Explained (%)
	35.667
	16.828
	14.171
	10.173

	Cumulative Variance (%)
	35.667
	52.494
	66.665
	76.838

	Extraction Method: Principal Component Analysis. Rotation Method: Varimax with Kaiser Normalization.

	a. Rotation converged in 5 iterations.


Having established the study framework for the Exploratory Factor Analysis, the next step was to perform a Confirmatory Factor Analysis as described in detail in the following section.
4.5.2
Confirmatory Factor Analysis (CFA)
Although EFA enabled the researcher to reduce those indicator variables which performed poorly in the model, it failed to account for measurement errors. The measurement error tends to assist in accounting for divergent and convergent validity of the whole model by reducing indicator variables with high loadings in the modification index (Schermelleh-Engel, Moosbrugger, & Müller, 2003). Hence, in the current study, it was necessary to produce a measurement model by carrying out Confirmatory Factor Analysis to account for measurement errors (Hooper et al., 2008). Confirmatory Factor Analysis would assist the researcher in assessing how well the measured variables represent a set of theoretical constructs (Hair Jr et al., 2019). 
Therefore, the performance of CFA at this stage aimed to confirm and harmonize a belief about how the original variables are organized in a particular way in the measurement model. Byrne (2016) pointed out that it is important to start with the evaluation of the validity of the measurement model before any attempt to assess the structural model. The assessment of measurement model validity depends on the establishment of the acceptance level of goodness of fit indices; and finding other specific evidence of construct validity (Hair Jr et al., 2019), which includes convergent and discriminant, just to mention a few.
4.5.3
Model Fitness Evaluation in a Confirmatory Factor Analysis
The most important concern in working with a full SEM is to evaluate the extent to which latent variables are valid in terms of construct validity and model fitness since the structural portion involves relations among these variables (Byrne, 2016). Thus, the following criteria were used regarding model fitness evaluation to determine whether the measurement model achieved a better fit in the Confirmatory Factor Analysis (Table 4.6). 
Table 4.6: Model Fit Indices
	S/N
	Model Fit Indexes 
	Recommended Value 

	1.
	Comparative Fit Index (CFI)
	    ≥ 0.9

	2.
	The goodness of Fit Index (GFI)
	    ≥ 0.9

	3.
	Adjusted Goodness of Fit Index (AGFI)
	    ≥ 0.9

	4.
	Root Mean Square Error of Approximation (RMSEA)
	    ≤ 0.08

	5.
	The ratio of chi-square and degree of freedom (χ2/df) (CMIN/DF)
	    ≤ 3.0

	6.
	S.R.W
	    ≥ 0.5


Source: (Hoe, 2008; Al-Msallam, 2015) 

As shown in Table 4. 6, if a measurement model meets those mentioned criteria, then the model is ready for structural equation model for hypothesis testing. On the other hand, if the model has not met those criteria, it has performed poorly. As a result, some of the indicator variables need to be removed to improve it. Likewise, if the model has not achieved the specified fit indices, then the following criteria should be adopted to remove the observed variable(s) from the model. First, in modification indices (MI), variables with high covariance between measurement errors and high regression weights are candidates for deletion. Second, in the measurement model, variables with a standardized regression weight of less than 0.5 are a candidate for deletion. In this study, all the deletions were done to improve the measurement model to reach the suggested model fit indices presented in Table 4.6 based on the Schermelleh-Engel et al. (2003) recommendations.
4.5.4
Measurement Model for Baseline Model

In the current study, the measurement model for the whole model was constructed using the indicator variables that remained in the Exploratory Factor Analysis based on their four constructs: attitude, subjective norm, perceived behavioural control and adoption. After the construction of the measurement model, it was run, and the initial results showed a bad model fit with CMIN/DF= 6.323, GFI=0.831, AGFI=0.771, CFI=0.741 and RMSEA=0.204, which did not align with the criteria presented in Table 4.6 as suggested by Schermelleh-Engel et al. (2003). 
This means that the model was required to achieve the following minimum requirements CFI (>0.90 indicates good fit), RMSEA (<0.08 indicates acceptable fit), and commonly used χ2 statistic (χ2/df ratio of 3 or less) to be considered fit. Thus, some observed variables affecting the significance of the model’s fitness were removed to improve the model fit. This was done based on Hooper et al. (2008) recommendations that the observed variables which demonstrate standardized regression weights (S.R.W) values of less than 0.5 and high loading in the modification index must be removed. Hence, Table 4.6 shows the removed items with their specific reasons.
Table 4.7: The selected CFA Output Items Dropped
	Factor
	Items Removed
	Reasons

	ATT: Attitude
	ATT5: Perceived Usefulness
	ATT5 was removed from the analysis because it had weak loadings on the theoretical model, affecting its fitting.

	SN: Subjective Norm
	SN5: Managerial Innovativeness
SN8: Competitors’ Pressure
	SN5 and SN8 were removed from the analysis because they had weak loadings, affecting their fitting.

	PBC: Perceived Behavioural Control
	PBC3: Network Availability
PBC5: Business Location

PBC7: Market Structure
	PBC3, PBC5 and PBC7 were removed from the analysis because they had weak loadings, affecting their fitting.

	AD: Adoption
	AD3: Payment
	AD3 was removed from the analysis because it had weak loadings, affecting its fitting.


Source: Author’s Own Compilation
At this point, elimination was made at the item level, and those which were removed it was not only because they weakened the model but also indicated weak statistical explanatory power. After removing the items in the model, re-running the model indicated adequate fit results with CMIN/DF= 2.277, GFI=0.944, AGFI=0.917, CFI=0.980 and RMSEA=0.058. On the other hand, the observed variables with significant probabilities had positive standardized regression weights greater than 0.50. 
Similarly, the standardized path coefficients between measured variables and factors in the models showed that all path coefficients between measured (manifest) variables and latent (unobserved) variables in the model were significant (p < 0.05). This result indicates that most of the factor loadings explaining the measurement model were adequate, which makes the study constructs reliable. As recommended by Hox and Bechger (1999), factors loading lower than 0.5 are not significant. Meanwhile, Holye (2004) indicated that a negative regression weight, on the other hand, presents doubtful measurement models. In our case, the researcher achieved the above good results; hence, the model achieved a robust measurement model, as illustrated in Figure 4.1, and the retained items were used in the final analysis of the structural model.
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Figure 4.1: Standardized Measurement Model
Based on the summary of the findings presented in Figure 4.1, the standardized coefficient of at least 0.2 for all relations is achieved with the critical values (C.R) >1.96 using a significance level of p < 0.05 indicating that there is a positive and a strong significant relationship between the observed and unobserved variables of the model. Thus, the results, good of fit indices of the model, confirm a strong positive relationship between observed and unobserved variables. The next assessment of the measurement model is based on the evaluation of other specific evidence of construct validity as identified by (Hair Jr et al., 2019).
4.5.5
Evaluation of Construct Validity in a Measurement Model
The assessment of construct validity in the measurement model was done using convergent as well as discriminant validity. In this study, convergent validity was tested using: factor loadings, average variance extracted (AVE) and composite reliability (CR). Regarding the factor loading, as a rule of thumb, the standardized factor loading estimates should be 0.5 or higher and ideally 0.7 or higher (Hair Jr et al., 2019). The results in Table 4.4 confirms that all factor loadings are above 0.5 in the current research model, which signifies that the requirement for convergent validity was met. 
Similarly, the results in Table 4.7 confirmed highly convergent observed variables under perceived behaviour control, subjective norm, attitude, and mobile marketing adoption. These results concur with the rule of thumb recommended by (Civelek, 2018) that the AVE should be 0.5 or higher. Further, the composite reliability CR p-values>0.7 was obtained as indicated in Table 4.7, which met the rule of thumb suggested by Hair Jr et al. (2019) that CR should be 0.7 or higher to indicate suitable convergence or internal consistency. Thus, all items retained in the measurement model confirm convergent validity.
Table 4.8: Composite Reliability (CR), Convergent and Discriminant Validity of Constructs
	
	CR
	AVE
	MSV
	MaxR (H)
	PBC
	SN
	ATT
	AD

	PBC
	0.896
	0.815
	0.169
	1.027
	0.903
	 
	 
	 

	SN
	0.925
	0.718
	0.169
	0.959
	0.411
	0.848
	 
	 

	ATT
	0.917
	0.749
	0.094
	1.004
	0.307
	0.183
	0.865
	 

	AD
	0.817
	0.605
	0.048
	0.868
	0.220
	0.186
	0.216
	0.778


Likewise, discriminant validity in Table 4.8 is shown using shared AVE in a diagonal, which is higher than the value of each individual AVE. For instance, PBC shared AVE (0.903) is greater than (0.815) AVE which indicates no problem with discriminant validity. The values of the diagonal are the square root of AVE for each construct. For example, AVE value 0.815 for PBC square root is 0.903, which is the shared AVE. 
This confirms that in the current study, discriminant validity was achieved, and all latent variables, namely attitude, perceived behavioural control and subjective norm discriminate from each other. Thus, the study’s results support the discriminant validity of the research model. On the other hand, once the assessment of the measurement model in terms of goodness of fit as well as construct validity is done. Thereafter, the researcher should proceed with the structural model (Civelek, 2018).
4.6
Analysis of Basic Structural Model, Model Path Coefficients and Hypotheses Testing

This part comprises two components: the basic structural model and model path coefficients and hypothesis testing, as described in the following section. 
4.6.1
Analysis of Basic Structural Model

After model validation, which resulted in the measurement model, the basic structural model of the study, which postulated the relationship between attitude, subjective norm and perceived behavioural control on mobile marketing adoption, was developed and analysed. Figure 4.2 presents the results of the basic structural model using AMOS version 20.
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Figure 4.2: The Basic Structural Model
The structural model which was developed and presented in Figure 4.2 has achieved the recommended model fit indices as follows: The ratio of the χ2, to the degree of freedom-CMIN/DF yielded a value of 2.277, CFI = 0.980, GFI = 0.944, AGFI = 0.917 and RMSEA = 0.058 obtained fall below the acceptable range as suggested by Schermelleh-Engel et al. (2003). Compared to the current study findings, the model fit indices which were produced in the analysis indicate that the model fits very well with the data. Having established a model fit which shows a good fit using four indices, the path coefficient and hypothesis testing were evaluated, as explained in the next section using Figure 4.2. 
4.6.2
The Basic Model Path Coefficients and Hypotheses Testing

The structural model in Figure 4.2 was used to test the hypothesized relationships presented in the structural model. The hypothesized relationships were examined against various coefficients and scores obtained from the analysis. In this research, the hypotheses were tested based on the direction, strength and level of significance of the path coefficients. 
A standardized path coefficient (γ), critical value (C.R) and a significant level (p) were used in this study to test and evaluate the strength and the level of significance of the hypotheses as described in the following sections.
4.6.3
The Influence of Attitude on the Adoption of Mobile Marketing 
The first postulated relationship of this study hypothesized a positive and strong significant influence of Attitude on the adoption of Mobile Marketing, as stated below.

H1: Attitude has a positive and significant influence on the adoption of mobile marketing 

For testing the stated hypothesis, descriptive statistical analysis was run first to profile the influence of attitude on predicting the adoption of mobile marketing using mean, as illustrated in Table 4.9. 
Table 4.9: Descriptive Statistics Mean for Attitude
	
	N
	Minimum
	Maximum
	Mean

	ATT4
	343
	1
	7
	5.78

	ATT6
	343
	1
	7
	5.68

	ATT1
	343
	1
	7
	5.64

	ATT2
	343
	1
	7
	5.64

	Valid N (listwise)
	343
	
	
	


The analysis results show the four attributes of attitude in Table 4.9, namely, compatibility (ATT1), ease of use (ATT2), clarity and understandability (ATT4), as well as trust (ATT6). Out of four attributes, understandability had a high impact on the adoption of mobile marketing among SMTEs followed by trust, compatibility and ease of use. 
This means that clarity and understandability yielded a high mean value of 5.78, followed by trust at 5.68, compatibility at 5.64 and ease of use with a mean value of 5.64, respectively. Thus, the greater the mean, the high the impact or the more the mean value is close to seven, the more the impact.
Further analysis was done using SEM to determine the significant influence of attitude on the adoption of mobile marketing, as illustrated in Table 4.10.
Table 4.10: Attitude Path Coefficient
	
	Path
	
	Estimate
	S.E.
	C.R.
	P
	S.R.W
	Remarks

	AD
	<---
	ATT
	.112
	.040
	2.814
	.005
	0.210
	 Accepted 

	ATT1
	<---
	ATT
	.965
	.016
	62.023
	***
	0.952
	

	ATT2
	<---
	ATT
	.977
	.018
	53.919
	***
	0.942
	

	ATT4
	<---
	ATT
	.420
	.045
	9.356
	***
	0.432
	

	ATT6
	<---
	ATT
	1.000
	
	
	
	
	


The path leading from ATT to AD in Table 4.10 was used to examine the relationship between attitude and adoption of mobile marketing. A positive path coefficient (γ = 0.210) using standardized estimate results in Table 4.10 indicates that attitude is positively related to the adoption of mobile marketing. This concurs with Chin (1998) and Hoe (2008), who argued that a standardized path coefficient (γ) should be at least 0.2 to be considered significant and meaningful for discussion. Thus, the results in the current study confirm a strong positive relationship between attitude and SMTEs adoption of mobile marketing.
Apart from the standardized coefficient, further analysis was done using critical ratio and p-value to determine the significant influence of attitude on the adoption of mobile marketing. In this study, the findings yielded a critical ratio value (C.R = 2.814, which is >1.96) and a significance level of p=0.005. The results concur with Hox and Bechger (1999), who argued that a relationship which has yielded a critical ratio value of greater than 1.96 and a significance level of p-value less than 0.05 is considered to be significant. This means that the null hypothesis H1a, which states that attitude has a positive and significant influence on the adoption of mobile marketing, is confirmed, while the alternative hypothesis H1b is rejected. Hence,

H1a: Attitude has a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania. 
4.6.4
The influence of Subjective Norm on the adoption of Mobile Marketing 

The second postulated relationship of this study hypothesized a positive and strong significant relationship between subjective norm and the adoption of mobile marketing, as stated below.
H2: Subjective Norm has a positive and significant influence on the adoption of Mobile Marketing 
For testing the stated hypothesis, descriptive statistics analysis was run first to profile the influence of subjective norm on predicting mobile marketing, as illustrated in Table 4.11. 
Table 4.11: Descriptive Statistics Mean for Subjective Norm
	
	N
	Minimum
	Maximum
	Mean

	SN7
	343
	1
	7
	4.88

	SN3
	343
	1
	7
	4.88

	SN1
	343
	1
	7
	4.87

	SN4
	343
	1
	7
	4.81

	SN2
	343
	1
	7
	4.81

	Valid N (listwise)
	343
	
	
	


The analysis of the results shows the five attributes of subjective norm, namely customer pressure (SN1), business partners (SN2), government institutions (SN3), owners' innovativeness (SN4) and supplier pressure (SN7). Out of five attributes, supplier pressure (4.88) had a high impact on the adoption of mobile marketing, followed by government institutions (4.88), customer pressure (4.87), owners’ innovativeness (4.81) and business partners (4.81). The greater the mean, the higher the impact, or the more the mean value is close to seven, the more the impact. Further analysis was done using SEM to determine the significant influence of subjective norm on the adoption of mobile marketing, as illustrated in Table 4.12.
Table 4.12: Subjective Norm Path Coefficient
	
	Path
	
	Estimate
	S.E.
	C.R.
	P
	S.R.W
	Remarks

	AD
	<---
	SN
	.147
	.085
	1.735
	.083
	0.105
	Rejected 

	SN1
	<---
	SN
	1.864
	.165
	11.317
	***
	0.943
	

	SN2
	<---
	SN
	1.796
	.164
	10.973
	***
	0.873
	

	SN3
	<---
	SN
	1.857
	.164
	11.323
	***
	0.944
	

	SN4
	<---
	SN
	1.810
	.164
	11.032
	***
	0.884
	

	SN7
	<---
	SN
	1.000
	
	
	
	0.518
	


This hypothesis was examined using the path leading from SN to AD, which forms a relationship between Subjective norm and adoption (AD), as illustrated in Table 4.12. The results of standardized path coefficients (γ) in Table 4.12 have yielded a standardized regression weight of 0.105, which indicates a weak positive relationship between subjective norm and adoption of mobile marketing. 
Chin (1998) has postulated that a standardized path coefficient (γ) should be at least 0.2 to be considered significant and meaningful for discussion. In our case, the standardized path coefficient of 0.105 is below the recommended value to be considered for meaningful discussion. This means that the subjective norm has a weak positive association with the adoption of mobile marketing, which indicates that all attributes and their explanatory path toward adoption do not have significant meaning for discussion, as illustrated in Table 4.12.
Further, the analysis of the significant influence of subjective norm, using Table 4.12 indicates that it has yielded a critical ratio value of (CR = 1.735) and a significance level of (P =0.083). As argued by Hox and Bechger (1999), a relationship which has yielded a critical ratio value of greater than 1.96 (C.R >1.96) and a significance level of p-value less than 0.05 (P < 0.05) is considered significant. Based on the study’s findings, the influence of subjective norm on the adoption of mobile marketing is insignificant. 
Hence, the null hypothesis 
H2a   is rejected and the alternative hypothesis 
H2b, which states that Subjective norm does not have a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania, is accepted. 
4.6.5
The influence of Perceived Behaviour Control on the Adoption of Mobile Marketing 

The third postulated relationship of this study hypothesized a positive and strong significant relationship between perceived behavioural control and the adoption of mobile marketing, as stated in the following section.

H3: Perceived behavioural control has a positive and significant influence on the adoption of mobile marketing

For testing the stated hypothesis, descriptive statistical analysis was run first to profile the influence of perceived behavioural control on predicting the adoption of mobile marketing, as illustrated in Table 4.13. 
Table 4.13: Descriptive Statistics Means for Perceived Behaviour Control
	
	N
	Minimum
	Maximum
	Mean

	PBC6
	343
	1
	7
	5.93

	PBC2
	343
	1
	7
	5.89

	Valid N (listwise)
	343
	
	
	


The analysis of the results shows the two attributes of perceived behavioural control, namely the regulatory framework (PBC2) and financial structure (PBC6), in Table 4.13. The financial structure had a higher impact on the adoption of mobile marketing, followed by the regulatory framework. This means that financial structure yields a high mean value of 5.93 while regulatory framework had a mean of 5.89. The greater the mean, the higher the impact, or the more the mean value is close to seven, the more the impact.
Further analysis was done using SEM to determine the significant influence of perceived behavioural control on the adoption of mobile marketing, as illustrated in Table 4.14.
Table 4.14: Perceived Behavioural Path Coefficient
	
	Path
	
	Estimate
	S.E.
	C.R.
	P
	S.R.W
	Remarks

	AD
	<---
	PBC
	.110
	.052
	2.120
	.034
	0.201
	Accepted

	PBC6
	<---
	PBC
	1.000
	
	
	
	1
	

	PBC2
	<---
	PBC
	.824
	.070
	11.782
	***
	0.777
	


The path leading from PBC to AD in Table 4.14 was used to examine the relationship between perceived behavioural control and the adoption of mobile marketing. A positive path coefficient (γ = 0.201) using standardized estimate results in Table 4.14 indicates that perceived behavioural control is positively related to the adoption of mobile marketing. 
This finding concurs with Chin (1998) and Hoe (2008) who argued that a standardized path coefficient (γ) should be at least 0.2 to be considered significant and meaningful for discussion. Thus, the results in the current study confirm a strong positive relationship between perceived behavioural control and the adoption of mobile marketing.
Apart from the standardized coefficient, further analysis was done using critical ratio and p-value to determine the significant influence of perceived behavioural control on the adoption of mobile marketing. In this study, findings yielded a critical ratio value (C.R = 2.120, which is >1.96) and a significance level of (p=.034, which is < 0.05). The results concur with Hox and Bechger (1999), who argued that a relationship which has yielded a critical ratio greater than 1.96 and a p-value of less than 0.05 is considered significant. This means that the null hypothesis H3a, which states that perceived behavioural control has a positive and significant influence on the adoption of mobile marketing, is accepted, while the alternative hypothesis H3b is rejected. Thus,
H3a: Perceived behavioural control has a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania.

4.7
Summary of the Findings
In this study, three hypotheses were formulated in chapter two, and they were tested in chapter four. This section presents a summary of the results of the hypotheses and a model of the current study based on the study findings, as described in the following section. The first postulated relationship of this study hypothesized a positive and strong significant influence of attitude on the adoption of Mobile Marketing and was split into two segments as shown below:
H1a: Attitude has a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania 

H1a: Attitude does not have a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania 

The study findings based on standardized regression weight and critical ratio value have confirmed a positive and significant influence of attitude on mobile marketing adoption. These findings have made a researcher to accept a null hypothesis H1a and reject an alternative hypothesis H1b. Hence, this study confirms and concludes that: Attitude has a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania.
On the other hand, the second postulated relationship of this study hypothesized a positive and strong significant influence of subjective norm on the adoption of Mobile Marketing and was divided into two segments, as shown in the next section:

H2a: Subjective norm has a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania 

H2b: Subjective norm does not have a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania 

The study findings based on standardized regression weight and critical ratio value have confirmed a weak positive and insignificant influence of subjective norm on mobile marketing adoption. This finding has made a researcher reject a null hypothesis H2a and accept alternative hypothesis H2b. Hence, this study confirms and concludes that: Subjective norm does not have a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania.
The third postulated relationship of this study hypothesized a positive and strong significant influence of perceived behavioural control on the adoption of Mobile Marketing and was split into two parts, as shown in the next section:
H3a: Perceived behavioural Control has a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania 

H3b: Perceived behavioural Control does not have a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania 
The study findings based on standardized regression weight and critical ratio value have confirmed a positive and significant influence of Perceived Behavioural Control on mobile marketing adoption. This finding has made a researcher accept a null hypothesis H3a and reject the alternative hypothesis H3b. Thus, this study confirms and concludes that perceived behavioural control has a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania.
CHAPTER FIVE
DISCUSSION OF THE FINDINGS
5.1
Chapter Overview
This chapter discusses the main findings of the study based on the specific objectives. It compares the current findings on the adoption of mobile marketing with what has been found out from previous related studies. In addition, this chapter examines points of departure from empirical literature, theoretical framework and study findings, as discussed in the following sections.
5.2
The Influence of Attitude on Mobile Marketing Adoption 

The study considered whether attitudes positively and significantly influence mobile marketing adoption among SMTEs. According to Taylor and Todd (1995), attitudes are behaviours which are developed due to the consequences of using a particular innovation. These authors added that relative advantage (perceived usefulness), complexity (perceived ease of use) and compatibility are key attributes of attitude in determining technology adoption. Findings from the current study have shown that attitude has a positive and significant influence on the adoption of mobile marketing among SMTEs by scoring a standardized regression weight of 0.210, a critical ratio value of 2.814 and a significance value of p =0.005. These findings concur with previous empirical studies (Ting et al., 2016; Ketabi et al., 2014) and theories (Taylor & Todd, 1995; Ajzen, 1991).
Notably, the study by Ting et al. (2016) has found and concluded that attitudes have a positive and significant impact. On the other hand, Ketabi et al. (2014) also confirmed similar findings that attitude significantly influences the adoption of mobile marketing technology. In Australia, Quaddus and Hofmeyer (2007) found and concluded a similar finding to that of the current study that attitudes significantly influence the adoption of technology among small enterprises. These findings align with the argument made by Bojei and Abu (2016), who argued that attitudes have statistical associations with the intention to use social media marketing tools among SMEs. These findings imply that SMEs from different contexts can be driven by attitude to adopt mobile marketing. In addition, the findings communicate that through attitudes, SMEs can adopt new methods of marketing their product and services regardless of the context in which they are operating. 
Although the findings from the current study and prior studies originating from different contexts have found a positive and significant influence of attitudes, their reasons on why attitude has a positive and significant influence in pushing SMEs to adopt mobile marketing tend to differ. For example, Moghavvemi et al. (2011) indicated that perceived desirability, propensity and perceived usefulness significantly influence the explanatory power of attitudes in predicting SMEs' adoption of IT innovation in Malaysia. The current study explains the predictive power of attitude in adopting mobile marketing by compatibility, ease of use, clarity and understanding, and trust. The current study's findings show that mobile marketing's use to support businesses would be more meaningfully influenced by attitude when this technology is compatible with firms’ operations, easy to use and trusted by those SMTEs. 
Other scholars, such as Tyopine (2019), have shown that attitude motivates the adoption because those who patronize an online system enjoy the convenience and time-saving factor they obtain from it. Redda (2019) also argued that to develop a sense of pushing SMEs towards adopting online marketing, practitioners need to address the issues of real and perceived privacy and the security concerns of current and potential online shoppers to fully benefit from the spoils of the internet. The discussion above still evidenced that attitude is more potential in pushing the adoption of mobile marketing among SMTEs subjected to the influence of the context. 
This means that the observed differences in explaining attitude imply that not all the indicators of attitude are rewarding and applicable in all contexts and situations. This indicates that for attitude to explain the adoption of mobile marketing, contextual differences must be considered. This concurs with a study done by Turan (2012), who argued that the level of innovation among SMEs’ owners from different contexts tends to give a different explanation of the attitude impact on pushing the adoption of a particular technology. 
The results of the discussion suggest that all mentioned indicator variables that have been used to explain the attitude influence on mobile marketing adoption among SMEs are not rewarding altogether at the same time. Notably, for example, Quaddus and Hofmeyer (2007) findings revealed that the evaluation of the perceived direct and indirect benefits raised the small businesses’ attitude towards innovation. In their study, these authors only considered a perceived benefit as potential in developing the attitude to explain SMEs adoption of any technology in the context of Western Australia. These findings have aligned with the argument which was made by Alam et al. (2012), who suggested that it is essential for SMEs to understand the importance of the perceived benefit of any ICT product, which will play a significant role towards its adoption in Malaysian context. These scholars have only considered a perceived benefit as a potential attitude for the adoption of technology. Contrastively, Bauerová and Klepek (2018) analysis showed only compatibility and perceived ease of use to explain the significant impact of attitude, but the perceived benefit was found to be insignificant. These differences exist only to explain that the impact of attitude on adoption is affected by its indicator variables, which are influenced by contextual differences and the time in which the research was undertaken. 
On the other hand, the theory of reasoned action supports the current study's finding by confirming that attitude significantly impacts individual behaviour intention (Fishbein & Ajzen, 1975). These authors added that attitude offers confidence that reflects the degree of conviction or certainty with which a belief or attitude is held. In the context of the current study, it has revealed that the same attitude was found significant to influence SMEs adoption towards implementation of mobile marketing. The study results also agreed with the theory of planned behaviour by Ajzen (1991), who advocates that attitude tends to push the adoption of technology by providing the degree to which a user evaluates the positive or negative benefit of using a particular technology. 
Similarly, Taylor and Todd (1995), in their Decomposed Theory Of Planned Behaviour, confirm similar evidence with the current study, findings that attitude is significant in inducing behaviour towards actual behaviour. They added that perceived usefulness, ease of use and compatibility explain well the impact of attitudes toward behaviour. The alignment of the current study's findings with these theories has provided strong evidence that attitude is a potential determinant of mobile marketing adoption among SMTEs. This implies that although TPB model has been developed and validated using data from western culture, and its constructs can also be applicable in the context of tourism in Tanzania.
While the current study, findings and theories support the impact of attitude in pushing the adoption of technology among SMTEs, however, there is a distinctive explanations. For example, in the theory of reasoned action by Fishbein and Ajzen (1975) and the theory of planned behaviour by Ajzen (1991), they explained that the impact of attitude is mediated by behavioural intention towards the adoption of actual behaviour. On the other hand, in the current study, findings are well evidenced that attitude has a direct impact in pushing SMTEs adoption of mobile marketing. This implies that attitude can have an indirect influence, as evidenced in the theories and at the same time can have a direct impact, as revealed in the current study findings. 
On the other hand, the current study findings have shown that the impact of attitude on adoption is explained by compatibility, ease of use, clarity and understandability, and trust, while in the DTPB by Taylor and Todd (1995), the impact of attitude is explained by perceived usefulness, ease of use and compatibility. Furthermore, the current study revealed that trust could also explain the impact of attitude, which is not evidenced in the decomposed theory of planned behaviour. This implies that the possible explanatory power of attitude can be explained using different variables based on the context under the study as well as by contextual issues in which SMEs operate. The influence of contextual issues can imply that despite many indicator variables being used to explain attitude, not all are rewarding. 
Other studies revealed that attitude has insignificant findings, while other scholars’ results indicated a moderate impact of it on the adoption of technologies. For instance, Lim et al. (2016) found an insignificant influence of attitude on the adoption of technology. They explained that attitude was insignificant because most of SMEs did not perceive the benefit of using online marketing behaviour. This argument concurs with Moghavvemi et al. (2011) results which suggested that the attractiveness of IT innovation is an important determinant towards SMEs intention to adopt the technology in Malaysia. These authors added that SMEs’ owners are more willing to use IT innovation, which is more attractive in terms of the benefits it offers.
On the other hand, Jain et al. (2018) found and concluded that attitude towards the adoption of online video marketing services was found to have moderate predictive power. These authors argued that the moderate impact is due to the fact that online video services present obvious benefits to users and are used up privately, which tends to impact the magnitude of attitude in explaining the adoption of mobile marketing. These findings imply that the nature of products and services to be marketed on mobile marketing present unique features that may/not favour the use of mobile marketing. The discussion also presents that the level SMEs perceive the benefit of mobile marketing significantly influences attitudes towards mobile marketing adoption. 
The point of departure in the discussion of the influence of attitude is that regardless of contextual differences, attitudes can impact the adoption of any technology. However, the possible explanation of the impact of attitude can differ from one environment to another and is impacted by contextual differences in which SMEs are operating. In the discussion, it was shown from the theories and empirical evidence that attitude can directly or indirectly impact the adoption of any technology where mobile marketing is included. While other findings revealed attitudes have an insignificant influence, the current study has proven significant. This conflicting conclusion indicates that contextual and methodological issues tend to impact the outcome of the study findings. This means that any research recommendation must be based on the environment in which SMEs operate. 
5.3
The Influence of Subjective Norm on Mobile Marketing Adoption 

The study hypothesized a positive and strong significant influence of subjective norm on the adoption of mobile marketing. The findings from this study have shown that subjective norm has a weak positive and insignificant influence on the mobile marketing adoption among SMTEs by scoring a standardized regression weight of 0.105, critical ratio value of 1.735 and a significance value of p =.083 as presented in chapter four in Table 4.17. The findings from the current study concur with that of Saeedi et al. (2020), who found that subjective norm did not have a significant impact on high-level usage of technology among small and medium enterprises. On the other hand, Lim et al. (2016) found and concluded insignificant influence of subjective norm. Alam et al. (2012) also found that subjective norm revealed moderate predictive power. 
Although the current study shares similar findings with prior studies on their insignificant influence of subjective norm, their explanations tend to differ. For example, Bojei and Abu (2016) found an insignificant influence of subjective norm due to some marketers who still hesitate to use social media marketing in their business as they feel that they may/not have the same market orientation. These authors added that some SMEs believed they could not complete tasks and reach goals through social media marketing. This finding implies that social pressure from within SMEs significantly influences the adoption of technology. This implication aligns with the argument by Ismail and Razak (2011), who argued about the importance of considering the social pressure by managers in stimulating consumers to use mobile marketing. 
On the other hand, Wei et al. (2018) revealed that subjective norm is insignificant in the adoption of online mobile marketing of fruits. The insignificant was explained by the factor that the pressure from the customer was extremely low due to fruit quality and price to purchase them online. Similarly, Mohamed et al. (2016) also explained that the possible insignificant influence is due to the high number of less innovative managers/owners who do not adopt by perceiving that there are personal and situational impediments to adopting e-commerce. Based on the discussion of the insignificant influence of subjective norm, the study contributes by implying that social pressure from within and outside the SMEs when not put together, can result in an insignificant influence of the subjective norm in the adoption of technology. 
The findings from the current study did not support the theory of reasoned action by Fishbein and Ajzen (1975), which amplified that subjective norms have a significant influence on behavioural intention to adopt actual behaviour. Likewise, the findings did not agree with the theory of planned behaviour by Ajzen (1991) and the decomposed theory of planned behaviour by Taylor and Todd (1995). These two theories support the impact of subjective norm by advocating that an individual's perception of whether people important to the individual think the behaviour should be performed or not. This means that the decision of SMEs to adopt mobile technology is influenced by an important social structure such as competitors, customers, and the government. While the current study did not support the influence of subjective norm, these inconstancies imply that the theory which was developed from other countries to explain the influence of subjective norm can not be applied in another context like Tanzania’s tourism industry. 
Although the current study did not support the impact of subjective norm on mobile marketing and adoption, some of the previous studies did. Notably, Ketabi et al. (2014) found and concluded that subjective norm directly impacts the online shopping adoption system. Similarly, Alam et al. (2012) show an unrelated finding in the current study that ICT adoption within SMEs depends on subjective norm. The conflicting view of these findings with that of the current study is explained by different scholars. For example, Alam et al. (2012) explained that subjective norm is significant because of the impact of pressure from the government and NGOs in arranging training for SMEs to improve their understanding of ICT adoption. 
On the other hand, Uzoka et al. (2007) also explained that subjective norm in their context is significant because of the pressure from management support. Furthermore, Bojei and Abu (2016) also found that subjective norm statistically correlates with the intention to use social media marketing tools among SMEs. These authors explained that the significant impact of the adoption using subjective norm was promoted through other businesses’ success stories. 
In the context of the current study, subjective norm was insignificant due to the low explanatory power of customers’ pressure, business partners, government institutions, owners’ innovativeness and supplier pressure. This means that the impact of customers’ pressure, business partners, government institutions, owners’ innovativeness and suppliers’ pressure did not contribute to subjective norm to provide a significant impact on the adoption of mobile marketing. This finding implies that when SMEs are operating, they are exposed to contextual variables which limit or favour the social structure to contribute to the adoption of mobile marketing. As argued by Turan (2012), results suggest that friends, family, and colleagues of potential Internet shoppers and sellers positively and significantly influence those individuals’ online purchasing decisions. 
The point of departure in the discussion of the influence of subjective norm is that regardless of the contextual differences, subjective norm can have an insignificant impact in pushing the adoption of any technology. However, the possible explanation of the insignificant impact of subjective norm can differ from one context to another and is impacted by contextual differences in which SMEs are operating. 
In the discussion, it was well demonstrated from the theories and empirical evidence that subjective norm could have a direct impact and sometimes an indirect impact on the adoption of any technology where mobile marketing is exclusive. While other findings revealed subjective norm to have an influence, the current study has proven it to have an insignificant impact. This conflicting conclusion indicates that contextual and methodological issues tend to influence the outcome of the study findings. This means that the recommendations of any research must base on the social structure in which SMEs operate. 
5.3.1
The Influence of Perceived Behaviour Control on Mobile Marketing Adoption 
The study hypothesized a positive and strong significant influence of perceived behavioural control on the adoption of mobile marketing. A positive path coefficient with a standardized estimate of (γ = 0.201), the critical ratio value of (C.R = 2.120, which is >1.96) and a significance level of p=.034 presented in chapter four in Table 4. 13, which indicates a positive and significant influence of perceived behavioural control on the mobile marketing adoption among SMEs. 
These findings corroborate with that of Ting et al. (2016), who found and concluded that perceived behavioural control is positively predicted by their respective belief in intention to use mobile payment systems. Likewise, Saeedi et al. (2020) obtained similar findings, which confirmed that perceived behaviour control has a significant impact. The consistent results from the above studies imply that despite the contextual differences, perceived behaviour control can be applied in any context and predict the adoption of technology. 
Although the previous studies, such as that of Mohamed et al. (2016) and Turan (2012), findings are like the current study, which revealed the significant influence of perceived behavioural control. However, their explanation tends to differ. For instance, Mohamed et al. (2016) in their study explained that the significant influence of perceived behaviour control is clarified by the role played by Islamic assurance. These authors added that if SMEs can reach customers with Islamic assurance, the perceived value of online purchasing will be enhanced. On the other hand, Turan (2012) advocates that the significant influence impacted by perceived behavioural control is explained by the availability of expertise and internet services for SMEs to adopt online marketing. 
In the current study, perceived behaviour control was found to be significant due to the high explanatory power of indicator variables, namely regulatory framework and financial structure. This means that when the regulatory framework and financial structure facilitate SMTEs toward the adoption of technology, they will all adopt it. From the discussion, the differences in those studies' findings proved that perceived behaviour control has a significant impact, implying that the variation is due to the context. This can be explained by different attributes, which means not all of them were used to measure whether perceived behavioural control are rewarding. 
Some of the previous studies revealed conflicting findings in the current study by indicating that perceived behaviour control has an insignificant influence. For instance, Uzoka et al. (2007) their results showed that perceived behaviour control does not significantly affect the decision to use mobile technology adoption. These authors further explained that the insignificant level of perceived behaviour control was due to the lack of mobile marketing platforms, which could help to facilitate the adoption. 
On the other hand, Saeedi et al. (2020) found that perceived behaviour control has less impact on high-level usage of technology among SMEs. These authors’ arguments of insignificant were based on the levels of technology. That is, SMEs tend to adopt low and mid-levels and not high-scale usage of technology. This concurs with arguments made by Rokhim et al. (2018), who argued that in a high level of technology, most SMEs tend to lack experience and sufficient training, IT language and technology problems which hinder them from adopting the system.
A previous study, conducted in Tanzania by Rumanyika and Mashenene (2014), pointed out that perceived behaviour control is much explained by poor telecommunication infrastructure, poor e-commerce security systems, poor e-readiness and sociocultural beliefs and lack of IT experts among SMEs operating environment. 
On the other hand, Wei et al. (2018) found perceived behaviour control to have an insignificant influence since e-commerce platforms and information quality are less signiﬁcant in impacting the adoption. Based on these discussions, it implies that when the context in which SMEs operate fails to accommodate facilitating conditions, such as IT experts, and best marketing platforms, the SMEs will not be in the position to adopt a particular technology and the impact of perceived behavioural control will not be observed. 
The findings of the current study have been corroborated by that of the theory of planned behaviour by Ajzen (1991), who supported the impact of perceived behavioural control of actual behaviour. This author argued that perceived behaviour control enables a user of technology to evaluate the ease or difficulty of adopting a behaviour by including the availability of resources and skills for performing a behaviour. In the current study context, a significant influence was observed using resources such as regulatory framework and financial structure, which enabled SMEs’ adoption of mobile marketing. 
On the other hand, the findings have supported the decomposed theory of planned behaviour by Taylor and Todd (1995), which confirms that perceived behaviour control has a significant influence. Likewise, the impact of perceived behavioural control from the current study indicates that the theory which has been adopted from another context can also be applied to other environments regardless of the contextual differences. This means that the current study has contributed to giving evidence that the TPB is suitable and applicable in the context of Africa, particularly in the Tanzanian tourism sector, despite being developed in western countries. 
Although theories and current studies support the impact of perceived behavioural control in adopting technology among SMEs, the study has come up with distinctive explanations. For example, the Theory of Planned Behaviour by Ajzen (1991) and Decomposed Theory of Planned Behaviour by Taylor and Todd (1995) explain that the impact of perceived behaviour control is mediated by behaviour intention toward the adoption of actual behaviour. 
On the contrary, the current study’s findings revealed that perceived behaviour control has a direct impact on SMEs adoption of mobile marketing. This implies that perceived behavioural control can have an indirect influence, as evidenced in the theories and at the same time can have a direct impact, as revealed in the current study findings. 
Likewise, the current study’s findings have shown that the impact of perceived behaviour control on mobile marketing adoption is explained by regulatory framework and financial structure, while in the DTPB is well explained by self-efficacy and facilitating conditions. The theory did not expand the operational definition of facilitating conditions in measurable terms. This implies that the possible explanatory power of perceived behavioural control still needs further operational definition. This can be explained by contextual issues in which the SMEs operate. The influence of contextual issues can imply that despite many indicator variables which were used to explain perceived behavioural control, not all are rewarding to push SMEs toward technology adoption. 
The point of departure in the discussion of the influence of perceived behaviour control is that regardless of the context, different perceived behavioural control can impact the adoption of any technology. However, the possible explanation of the impact of perceived behavioural control can differ from one context to another and is impacted by facilitating conditions such as the availability of expertise and the internet, mobile marketing platforms and so on in which the SMEs operate. In addition, not all the facilitating conditions that are used to explain the impact of perceived behavioural control can apply in all situations and studies. Some are not rewarding. 
Whereas theories and empirical evidence mostle show that perceived behavioural control can have a direct or indirect impact on pushing the adoption of any technology, including mobile marketing technology, some findings have shown perceived behaviour control to have an insignificant influence. In regard to the current study, the influence was found to be insignificant. These conflicting conclusions indicate that contextual issues such as poor telecommunication, IT facilities, and so on tend to influence the outcome of study findings. 
This means that the recommendation of any research must be based on the facilitating conditions available where the SMEs operate. Thus, based on the discussion of the findings, the study has come up with the model in Figure 5.1. 
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Figure 5.1: The Research Model
But if we exclude the relationship which was found to be insignificant, then the current model is presented as in Figure 5.2.
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Figure 5.2: Final Research Model
CHAPTER SIX
SUMMARY OF FINDINGS, CONCLUSIONS, IMPLICATIONS AND RECOMMENDATIONS
6.1
An Overview
The focus of this thesis was to assess the determinants of mobile marketing adoption among SMTEs in Tanzania. To attain the main objective, the study had the following specific objectives: i) To determine the influence of attitude on mobile marketing adoption among SMTEs in Tanzania; ii) To determine the influence of subjective norm on mobile marketing adoption among SMTEs in Tanzania; iii) To determine the influence of perceived behaviour control on the mobile marketing adoption among SMTEs in Tanzania. 
This research addressed these objectives by employing a quantitative research method through the empirical study from three tourist regions of Tanzania which include: Arusha, Dar es Salaam, and Unguja. This chapter presents a summary of the key findings and conclusion, implications of the study, recommendations, limitations and an area for future research. 
The chapter starts with a summary of the major study findings and draws conclusions based on these results. Then, it presents implications of the key issues such as theoretical, policy, managerial, practical, and implications for researchers. Likewise, the chapter proceeds to presenting the study’ contribution to improving SMTEs operating in developing economies. Finally, the chapter presents recommendations and the area for further research on the adoption of mobile marketing. 
6.2
Summary of the Major Findings and Conclusions 
This section summarizes the study’s main findings and conclusions based on the specific research objectives which are described in the next section.
6.2.1
The Influence of Attitude on Mobile Marketing Adoption

The first objective hypothesized that attitude has a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania. The researcher used standardized estimates and the critical ratio values of structural equation modelling to evaluate the strengths of the significant influence of attitude on the adoption of mobile marketing. A positive path coefficient using standardized estimates was found, which indicates that attitude is positively related to the adoption of mobile marketing. Further, the results of the hypothesis have yielded a significant critical ratio value, which is greater than 1.96 and a significance value of P-which is less than 0.05 indicating a significant influence. 
These findings concur with the study of Hox and Bechger (1999), who argued that any relationship which results in a critical ratio value of greater than 1.96 is considered significant. This implies that small and medium enterprises in the tourism sector are influenced by the attitude to adopt mobile marketing. Furthermore, the attitude was measured using: clarity and understandability, trust, compatibility, as well as ease of use. 
This means that the impact of attitude on mobile marketing adoption was explained by indicator variables, namely clarity and understandability, trust, compatibility, and ease of use. Given these findings, the study concludes that attitude has a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania. Thus, clarity and understandability, trust, compatibility, and ease of use are the indicator variables of attitude found to be significant. 
Further, it is revealed that these variables are the main indicators which were used to explain the influence of attitude in the context of this study. On the other hand, based on the discussion of the findings, this study further suggests that not all indicator variables of attitude influence SMTEs adoption in all areas; some are not rewarding. This is due to the context in which SMTEs operate tends to explain the unique indicator variables of attitude on the adoption of technology. Given this fact, this study revealed that clarity and understandability, trust, compatibility, as well as ease of use are rewarding in explaining the influence of attitude on mobile marketing adoption among small and medium enterprises in the tourism context.
6.2.2
The Influence of Subjective Norm on Mobile Marketing Adoption

The second specific objective was hypothesized that subjective norm has a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania. The researcher used standardized estimates and the critical ratio values of structural equation modelling to evaluate the strengths of the significant influence of subjective norm on the adoption of mobile marketing. A positive path coefficient using standardized estimates was found, which indicates that subjective norm is weak and positively related to SMTEs adoption of mobile marketing in Tanzania. 
Further, the results of the hypothesis have yielded an insignificant critical ratio value, which is less than 1.96 and the value of P-which is greater than 0.05, indicating an insignificant influence. As argued by Hox and Bechger (1999), any relationship which results in a critical ratio greater than 1.96 is considered significant. In this case, the relationship between subjective norm and the adoption of mobile marketing is insignificant. This implies that the subjective norm in the tourism sector does not have an impact on pushing SMTEs to adopt mobile marketing. 
Based on the findings, this study concludes that subjective norm has a weak positive and insignificant influence on the adoption of mobile marketing among SMTEs. The study further revealed that all indicator variables, namely customers’ pressure, business partners, government institutions, owners’ innovativeness and suppliers’ pressure, which were used to measure subjective norm did not have strong explanatory power to clarify the contribution of subjective norm in predicting the adoption of mobile marketing among SMTEs in Tanzania.
6.2.3
The Influence of Perceived Behavioural Control on Mobile Marketing Adoption

The third specific objective was hypothesized that perceived behavioural control has a positive and significant influence on the adoption of mobile marketing among SMTEs in Tanzania. The researcher used standardized estimates and the critical ratio values of structural equation modelling to evaluate the strengths of the significant influence of perceived behavioural control on the adoption of mobile marketing. A positive standardized path coefficient was yielded, which indicates that perceived behavioural control is positively associated with pushing SMTEs to adopt mobile marketing. 
The results have also yielded a critical ratio value which is greater than 1.96 and a significance value of p-which is less than 0.05, indicating a significant influence. Moreover, the two measures of perceived behavioural control, namely regulatory framework and financial structure, were both found to be positive and significant. Therefore, this study concludes that when the regulatory framework and financial structure are in place will likely push SMTEs to adopt mobile marketing. Therefore, based on the findings, the study concludes that perceived behavioural control has a positive and significant influence on the adoption of mobile marketing among SMTEs. Thus, the regulatory framework and financial structure are the indicator variables of perceived behaviour control which were found to be significant. 
Moreover, it is revealed that these indicator variables were used to explain the influence of perceived behaviour in the context of this study. However, based on the study discussions of the findings, this study further suggested that not all indicator variables of perceived behavioural control are influencing SMTEs adoption in all areas; some of them are not rewarding. This is because the context in which SMTEs operate tends to explain the unique indicator variables of perceived behaviour control on the adoption of technology. Given this fact, the current study revealed that regulatory framework and financial structure are rewarding in explaining the influence of perceived behavioural control on mobile marketing adoption among small and medium enterprises in the tourism context. 
6.3
Study Implications 

This section presents implications of the key issues such as theoretical, policy, managerial, and practical, as well as the implication for researchers.
6.3.1
Theoretical Implications

This study used three variables, namely, attitude, subjective norm and perceived behavioural from the original TPB model and disregarded behavioural intention. The study used these constructs to develop a conceptual framework to assess the determinants of mobile marketing adoption among SMTEs in Tanzania. Thus, the study made a theoretical contribution by developing a new research model with ATT, SN, and PBC, which is linked to behaviour from the original TPB model. The new research model links the three constructs directly to the actual behaviour, in our case is, mobile marketing adoption. 
The research model development in the current study without mediating variables helps us gain a more holistic picture of mobile marketing adoption among SMTEs by using direct relationships. Thus, this study’s findings have confirmed the robust applicability of the attitude, subjective norm, and perceived behavioural control in a newly developed research model without the use of behavioural intention as a mediating variable. 
Previous studies focused on operationalizing the adoption of mobile marketing as a simple dichotomy between “adopters versus non-adopters” or “early adopters versus late adopters” (Ndekwa, 2015; Agboh, 2015; Alshamaileh, 2013) and accounts for the missing link to the actual indicators which are used to explain the adoption. Other studies have tended to operationalize the adoption simply on one linear dimension. All these studies have failed to justify the impact of the determinants of adoption to the actual indicators of adoption and which are to be adopted. 
Empirical evidence from studies (Eze et al., 2019; Mkwizu, 2020; Musa et al., 2016) has shown that mobile marketing adoption in SMTEs varies from basic attributes, including advertisements, payment, prompt payment, financial reports, deposits and control of cash. This is a significant contribution to the academic literature since the researcher in this study has advanced the dependent variable adoption with multiple indicator variables, namely, advertisement, prompt payment and cash deposit rather than adopters, non-adopters, and overall technology adoption.

In addition, there is an advantage of addressing the actual indicator variables, which account for all attributes such as advertisement, prompt payment and cash deposit which are to be adopted by SMTEs as mobile marketing. The use of the multiple indicator variables under the dependent variable has the advantage of providing a richer picture of the actual variables used to explain the adoption linked to the advertisement, prompt payment, and cash deposits. 
Similarly, it enables the impacts of mobile marketing adoption to be determined for each independent variable. Given these justifications, the current study has contributed to the theoretical domain by developing a new research model using constructs which are linked to behaviour from the original TPB model by omitting the behavioural intention. Moreover, the study has advanced the actual indicator variables under the dependent variable, namely advertisement, prompt payment, and cash deposits. 
6.3.2
The Implications to Policy

The study finds and concludes that attitude has a potential contribution to pushing SMTEs to adopt mobile marketing. In each case, compatibility, ease of use, clarity and understandability, and trust were used to measure attitude. Their explanatory power has contributed much to explaining the influence of attitude on the adoption of mobile marketing in the current study. While compatibility, ease of use, clarity and understandability and trust have principal to explain the attitude for SMTEs to adopt mobile marketing, this can call for new policies and policy development.
As compatibility explains the fitness of mobile marketing to SMTEs marketing operations, this call for a policy which could help the designer of mobile marketing to ensure that all features of the technology fit well into the SMTEs operations. In addition, the findings call for marketers to design a policy which could help to align SMTEs business operations in online systems. This is because, in the discussion of the findings, some of the online marketing did not fit well with these firms’ business operations due to the domination of traditional marketing. 
On the other hand, the findings indicate ease of use, clarity, and understandability explain the influence of attitude on mobile marketing well. Therefore, the findings call for a policy enabling all mobile marketing to become easier to use and should be very clear and understandable to all users where SMTEs are inclusive. 
Trust was also found to explain well the explanatory power of attitude to SMTEs in the adoption of mobile marketing. If users of a technological system will not trust a particular system due to security or privacy issues, it means they will not adopt it. Therefore, to ensure that users of mobile marketing trust the use of mobile technology, the policy should be developed to guide and enhance the trust in this specific technology in SMTEs business environment. This policy can help to ensure issues related to security (fraud detection or fraud avoidance), issues related to privacy and all issues related to physical verification of people and SMTEs who are involved in the business. 
This is because mobile marketing operates in a virtual community where there is no physical relationship between buyer and seller. Hence the policy can help to harmonize the issues reflecting trustfulness. All these findings on the influence of attitude call for policies that create trust in mobile marketing, encouraging SMTEs to use mobile marketing as it is easy to use and clear and embraces the attribute that mobile marketing is compatible with greater opportunities for tourist enterprises in the global market.
While the national ICT policy has put a lot of emphasis on its use of it in general, the current study suggests the development of a national policy that addresses how tourism enterprises can adopt mobile marketing at the national and firm levels, as it is imperative for proper deployment. Likewise, technology compatibility in national ICT should be given priority as it paves the way for better use of mobile marketing resources and thus augments the internal capabilities of the firms. Therefore, the study argues for national ICT policy and SMEs policy that address mobile marketing issues at the national and firm levels, which underscore the enterprising culture that is necessary for mobile marketing adoption at an enterprise level.
New policy and public interventions should be established that emphasize both the skills and knowledge of mobile marketing in the SMTEs’ context. The SMTEs should be supported through better policy interventions that enhance learning and knowledge sharing on opportunities offered through mobile marketing and how well fits in their marketing activities. 
Additionally, SMTEs should be encouraged and assisted in embracing behaviour toward mobile marketing adoption through proper policy guidelines that could ensure compatibility and trust: for them to feel that it is easy to use mobile marketing. Thus, there is a need to have policy interventions designed to encourage SMTEs to share business and mobile marketing knowledge, experience and skills among themselves. In this way, even conservative tourist enterprises' performance could transcend. 
The current study has also found that the regulatory framework and financial structure are significant in explaining the influence of perceived behavioural control on promoting SMTEs adoption of mobile marketing. These findings call for government regulatory policy tailored to secure SMTEs and their value chain in the use of mobile marketing. Similarly, the policy may address the issues of security, privacy and customization of user information that could help to protect the users of mobile marketing in SMTEs. The regulatory policy to be developed should address the whole value chain that could help to secure SMTEs and their customers to increase trust and enable the speed of adoption of mobile marketing. 
On the other hand, the financial structure was found to explain the adoption of mobile marketing. Hence, it calls for a financial policy. This policy should offer a better system of performing all online transactions, connecting users to the bank systems and addressing security issues that could protect those who are performing an operation in a mobile marketing platform. The government may now develop regulatory policies that encourage firms to adopt innovation by developing policies that benefit the SMEs in terms of regulatory and financial structure. Therefore, we conclude that the small and medium enterprises in tourism are influenced or shaped by compatibility, ease of use, clarity and understandability, trust, financial structure and regulatory framework. This strong link indicates that both policies and strategies to enhance mobile marketing adoption are crucial, and they heavily impact the acceptance of mobile marketing among SMTEs locally and in the global market arena.
6.3.3
Managerial and Practical Implications 

The study found and concluded that attitudes potentially significantly impact pushing SMTEs to adopt mobile marketing in the tourism sector. The impact of attitude on the adoption of mobile marketing is explained by indicator variables: compatibility, ease of use, clarity and understandability and trust. While compatibility, ease of use, clarity and understandability, and trust have explained the attitude for SMTEs to adopt mobile marketing, this can call for managerial action.
The evidence that compatibility explains the fitness of mobile marketing to SMTEs marketing operations, which in turn can increase mobile marketing adoption for enterprises’ performance, is well documented in the current study. This calls for managerial action, which could help the SMTEs’ managers to ensure that the designer of mobile marketing should develop all features which may fit well with their marketing operations. In addition, the findings call for SMTEs’ managers to design a technological system that can help to align their business operations on online systems. This is because, in the discussion of the findings, some small and medium enterprises were dominated by traditional marketing and online marketing did not work well in their business operations due to compatibility issues leading to poor marketing results. 
On the other hand, the findings revealed that ease of use, clarity, and understandability explain well the influence of attitude on mobile marketing adoption. The findings call for managerial action, which could make mobile marketing easier to use, very clear and understandable to all users in the SMTEs value chain in the tourism industry. Similarly, trust was also found to explain well the influence of attitude on the adoption of mobile marketing among SMTEs. This can be explained in the sense that if users of particular technology systems are not trusting it due to security or privacy issues, they will not adopt it. Thus, to ensure that mobile marketing users trust mobile technology, the manager should develop guidelines to enhance the trust in mobile marketing in their business environment. 
The managerial action should ensure issues related to security, such as fraud detection and avoidance, privacy issues, and all matters related to physical assurance, are in the value chain of SMTEs business operations. This is because mobile marketing operates in a virtual community with no physical evidence of those involved in the business. Hence, the managers can help to harmonize the issues reflecting trustfulness by either opening some small offices or working with agencies in the area where they capture new customers. In addition, to increase trust, the managers may form business partnerships with those enterprises from abroad to ensure that their physical evidence is observed. 
Thus, these findings on the influence of attitude call for managerial action that create trust in mobile marketing, encouraging SMTEs to use the technology as it is easy to use and clear and embrace an attribute that is compatible with greater opportunities for tourist enterprises in the global market. While managers have put a lot of emphasis on the use of ICT for general purposes, this study suggests that they should address how their enterprises could adopt mobile marketing at a firm level since it is imperative for proper deployment by reflecting their current business situation. 
Similarly, managers should prioritise technology compatibility as it paves the way for better use of mobile marketing resources to fit well with SMTEs and thus augment the internal capabilities of the firms. Therefore, the study argues for managerial action addressing mobile marketing issues at the firm level, underscoring enterprising culture as necessary for firms’ adoption of mobile marketing.
Managers should establish managerial interventions that emphasize both the skills and knowledge of mobile marketing in the context of SMTEs to enable the whole value chain to see this technology is easy to use, clear and understandable. This should be facilitated through better managerial interventions that enhance learning and knowledge sharing on opportunities offered by mobile marketing and how it fits well into their marketing activities. 
Additionally, managers should encourage and assist the whole value chain in embracing behaviour toward mobile marketing usage through proper guidelines that could ensure compatibility and trust and for them to feel that it is easy to use this technology. There is a need to have managerial interventions designed to encourage SMTEs to share their businesses and mobile marketing knowledge, experience and skills among themselves. In this way, even conservative tourist enterprises’ performance could transcend. 
The current study has also found that the regulatory framework and financial structure are significant in explaining the influence of perceived behavioural control on promoting SMTEs to adopt mobile marketing. These findings call for government managerial action tailored to secure SMTEs and their value chain in the use of mobile marketing through a proper regulatory framework. Under managerial, the regulatory framework may address the issues of security, privacy, and customization of user information that could help to protect the users of mobile marketing among SMTEs. The regulatory framework developed should address the whole value chain that could help secure SMTEs’ customers and themselves to increase trust to smoothen the technology adoption speed. 
On the other hand, the financial structure was found to explain the adoption of mobile marketing. Thus, this calls for managerial action that offers a better system for all online transactions, such as connecting users to the bank systems and addressing security issues that could protect those carrying out transactions in the mobile marketing platform. Likewise, the government may develop a regulatory framework that encourages firms to adopt innovation by developing frameworks which are beneficial to SMTEs enterprises. Therefore, the study concludes that both the small and medium enterprises in tourism are mostly influenced or shaped by compatibility, ease of use, clarity and understandability, trust, financial structure and regulatory framework. This strong link indicates that both regulatory framework and intervention to enhance mobile marketing adoption are crucial, and they heavily impact the acceptance of this technology among SMTEs locally and in the global market arena.
6.3.4
Implications for Researchers 

This study has developed a new research model using attitude, subjective norm, and perceived behaviour from the original TPB model by omitting the behaviour intention. It assessed the influences of attitude, subjective norm and perceived behavioural control without the mediating effect of behavioural intention towards actual adoption.
The study has provided empirical evidence that the two variables, namely attitude and perceived behavioural control, can be linked directly to the adoption of mobile marketing. The study also has found an insignificant influence of subjective norm. This has proved that only attitude and perceived behavioural control can be used in a model to examine the adoption of mobile marketing. The newly developed research model for this study using attitudes and perceived behavioural control with a direct impact on adoption can be used by other researchers to provide further analysis of the determinants of mobile marketing adoption in any other context.
This research has contributed to the field of social science through the use of the positivist paradigm in understanding reality and knowledge in providing evidence through the use of theoretical and empirical literature. The use of a positivist philosophical lens has enabled the researcher to use the theory of western culture to understand the ontological and epistemological issues of the determinants of mobile marketing in the context of Africa, more particularly the tourism sector in Tanzania. Given this situation, this research has contributed to advancing the research paradigm of prior studies by adopting theories and empirical evidence in the context of Tanzania and proving that theories from different contexts can also be applied to other contexts. Hence, researchers can use the same paradigm to provide further evidence in other contexts.  
In addition, previous studies used non-probability sampling methods, which limit the generalization of findings to other populations. On the other hand, this study has contributed to advancing the methodology by adopting probability sampling, which comprehensively generalises the findings to other populations. Further, other prior studies used a small sample size, which tends to generate statistical errors leading to their findings not being trusted and generalized. In this study, the researcher has contributed to the knowledge body by providing findings that align with the recommended sample size value for performing structural equation modelling. This has provided valuable insights for a research project and can be used to justify the suitability of a sample size of upcoming research.
On related issues, this study has advanced the internal consistency test by using a composite reliability test which accounts for the internal consistency of the whole model and is not affected by the number of items used. Hence, the findings from this study have contributed to supporting strong internal consistency, evidence compared to the prior studies, which were assessed by using Cronbach's Alpha. However, Cronbach’s Alpha lacks the power to evaluate the internal consistency of the whole model and is affected by the number of items used, which affects the results. Likewise, most of the past studies did not test for construct validity, but this study has contributed to extending the discussions of construct validity by testing them using factor analysis, which assisted in accounting for convergence and divergence tests. Hence, the findings from this study do not suffer from cross-loading and poor model fits. 
6.4
Study Recommendations

Tourism is an important sector that contributes to economic growth and employment opportunities for communities within the country and the world. In connection with the current study, which assessed the determinants of mobile marketing adoption among SMTEs in Tanzania, the followings have been identified based on the objectives to enhance the promotion and marketing of this sector.
6.4.1
Attitude towards Mobile Marketing Adoption
Compatibility, easy to use, clarity and understandability, and trust are indicator variables under attitude, which were found to have a positive and significant influence on mobile marketing adoption among SMTEs in Tanzania. 
The study recommends that tourism enterprises’ owners or managers should develop guidelines to enhance the trust in mobile marketing technology in their business environment. These enterprises should improve mobile marketing technology adoption by offering quality services, providing security and maintaining trust. This was supported by Sharma, Sharma, and Chaudhary (2020), who argued that trust could be improved if there were strict government regulations and policy guidelines for wrongdoers. 
Likewise, the study recommends that SMTEs should be encouraged to use mobile marketing technology as it is easy to use and clear. The importance and benefits of mobile marketing should be clearly stated through various platforms which connect SMTEs decision makers. The designer of mobile marketing technology should consult the SMTEs owners or managers to customize the system based on their needs which will make them easy to understand. Maduku (2015) argued that mobile marketing designers should offer use trials to small and medium enterprises to reduce the fear and orient them to the technology, thus enhancing its adoption.
Further, SMTEs should embrace an attribute that is compatible with greater opportunities in the global market. It is recommended that the designers of mobile marketing technology should develop sufficient features which will assist SMTEs in their marketing operations, hence, enhance their performances. As argued by Mkwizu (2020), the opportunities in digital marketing exist in terms of social media marketing, content marketing, and mobile marketing, which is driven by population, internet and mobile users, and social media capacity. 
6.4.2
Perceived Behaviour Control towards Mobile Marketing Adoption
The regulatory framework and financial structure are indicator variables under perceived behaviour control which were found to have a positive and significant influence on mobile marketing adoption among SMTEs in Tanzania. For the regulatory framework, this study recommends that the government develop a regulatory framework that encourages firms to adopt innovation by developing frameworks beneficial to the SMTEs in Tanzania. 
Similarly, regarding the financial structure, it is recommended that a better system regarding all online transactions, such as connecting users to the bank systems and addressing security issues that could protect those who are carrying out transactions in the mobile marketing platform, should be developed. As evidenced by Ibrahim et al. (2020) that one of the conditions for tourism enterprises’ success in embracing a high usage of mobile marketing is to have safe information security.
6.5
Study Limitations and Areas for Future Research

This study adopted a positivist paradigm which does not account for capturing in-depth information to provide further analysis of the adoption by capturing contextual variables and matters. This tendency of the positivist philosophical lens tends to affect the outcome of the research findings by not accounting for the contextual matter of the study. This means that the current study did not account for some of the supplementary information, which was important to address contextual issues. This calls for future studies using the interpretivism paradigm, which can help the researchers capture contextual issues and get more supplementary information.
Likewise, this study assessed the determinants of mobile marketing adoption among SMTEs. It would be interesting to ascertain the impact of this study’s research model on the performance of owner/manager enterprises in several areas, for instance, business growth and entrepreneurship, just a few to mention. Moreover, more studies should be conducted to test the research model and its applicability to other sectors outside the service sector. 

Similarly, the current study’s data are cross-sectional in nature and not longitudinal. Thus, the relationship postulated in the conceptual model was only inferred rather than confirmed. Therefore, future research should collect longitudinal data to assess the causal relationship clearly. 
Further, the current study’s sample was drawn from Arusha, Dar es Salaam, and Unguja SMTEs’ owners, managers, and decision-makers and employees with cultural differences, which might influence results validity which might influence results findings applicability beyond the bounderies of the nation. Thus, future research should test this model in other countries to determine its validity in understanding adoption and other similar technology.
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APPENDICES
Appendix I: Sample Size Table
Table for Determining Sample Size from a Given Population
	N
	S
	N
	S
	N
	S
	N
	S
	N
	S

	10
	10
	100
	80
	280
	162
	800
	260
	2800
	338

	15
	14
	110
	86
	290
	165
	850
	265
	3000
	341

	20
	19
	120
	92
	300
	169
	900
	269
	3500
	246

	25
	24
	130
	97
	320
	175
	950
	274
	4000
	351

	30
	28
	140
	103
	340
	181
	1000
	278
	4500
	351

	35
	32
	150
	108
	360
	186
	1100
	285
	5000
	357

	40
	36
	160
	113
	380
	181
	1200
	291
	6000
	361

	45
	40
	180
	118
	400
	196
	1300
	297
	7000
	364

	50
	44
	190
	123
	420
	201
	1400
	302
	8000
	367

	55
	48
	200
	127
	440
	205
	1500
	306
	9000
	368

	60
	52
	210
	132
	460
	210
	1600
	310
	10000
	373

	65
	56
	220
	136
	480
	214
	1700
	313
	15000
	375

	70
	59
	230
	140
	500
	217
	1800
	317
	20000
	377

	75
	63
	240
	144
	550
	225
	1900
	320
	30000
	379

	80
	66
	250
	148
	600
	234
	2000
	322
	40000
	380

	85
	70
	260
	152
	650
	242
	2200
	327
	50000
	381

	90
	73
	270
	155
	700
	248
	2400
	331
	75000
	382

	95
	76
	270
	159
	750
	256
	2600
	335
	100000
	384


Note:
“N” is population size  
“S” is sample size.

Appendix II: Questionnaire
Determinants of Mobile Marketing Adoption among SMEs in the Tourism Sector in Tanzania

Dear Respondents:

My name is Margareth Mapunda, a PhD Candidate at The Open University of Tanzania in the Faculty of Business Management. As a requirement for the accomplishment of my PhD studies, I am doing a research project leading to a thesis, aiming to examine the determinants of mobile marketing adoption, among SMEs in the tourism sector in Arusha, Dar es Salaam, and Unguja regions in Tanzania. The data collected will help on supporting the adoption of mobile marketing among SMEs in Tanzania tourism sector. Please be free to participate in this study by sharing your insights, experiences, and observation about this topic.

The information you provide will only be used for this academic research and your identity will not be revealed anywhere in this report. Also note that data collected will be totally confidential and will be stored in an anonymous manner. If you have any questions about the questionnaire or the research in general, feel free to contact the researcher via the following email address: margareth.mapunda@cbe.ac.tz or mobile phone 0759 948 159. I will appreciate if you could complete this questionnaire on time. 
Thank you for your cooperation.

PART I: GENERAL BACKGROUND INFORMATION

SECTION A: General Information for Respondents and Business Enterprises
Please choose an appropriate answer by putting a tick in the space provided.

	1) Which of the following categories describes your Age?

( 18-27 years  ( 28 – 37 years( 38 – 47 years       

( 48 – 57 years (  58-67 ( Above 67 years
	2) What is your highest education level attained?

( None       ( Primary Education  

( Secondary Education ( Non degree  

 ( Bachelor degree   ( Post graduate        

	3) What is your gender?

( Male               ( Female
	4) Where is your firm located?

( Arusha ( Dar es Salaam  ( Unguja             

	 5) What is your current position in this firm?

( Owner  ( Manager   ( Normal Employee          
	6) What is the Owner’s Gender of your business? 

(Male   (Female (Both Male &Female

	 7) What is the number of full time employees in this firm?

( 1 – 4 employees   ( 5 – 49 employees                   

( 50 – 99 employees ( Above 99 employees            
	8) How long has your firm been in this business? 

( Less than 5 years    ( 5 – 10 years 

( above 10 Years

	9) Does Your firm use mobile marketing services?

(Yes       (No         
	10) Which method does your firm prefer to use?

(Mobile marketing (Traditionally marketing


PART II DETERMINANTS OF MOBILE MARKETING ADOPTION 
Please indicates the extent to which you agree or disagree with each statement listed below by circling on the number that corresponds to your answer (Please note that: 1= “Strongly Disagree” and 7 = “Strongly Agree”)
	ATTITUDE
	S/ Disagree    S/Agree      

	ATT1
	Mobile marketing fit well with the way our enterprise operate in tourism
	1
	2
	3
	4
	5
	6
	7

	ATT2
	It is easy to use mobile marketing in conducting business marketing 
	1
	2
	3
	4
	5
	6
	7

	ATT3
	Mobile marketing enable us to perform financial task more quickly 
	1
	2
	3
	4
	5
	6
	7

	ATT4
	It is clear and understandable for us to use mobile marketing in tourism 
	1
	2
	3
	4
	5
	6
	7

	ATT5
	Using mobile marketing is more beneficial than using tradition marketing 
	1
	2
	3
	4
	5
	6
	7

	ATT6
	We trust mobile marketing in our business daily operation 
	1
	2
	3
	4
	5
	6
	7

	SUBJECTIVE NORM
	S/ Disagree    S/Agree      

	SN1
	Our customer think that we should use mobile marketing 
	1
	2
	3
	4
	5
	6
	7

	SN2
	We work with partners who think that we should use mobile marketing 
	1
	2
	3
	4
	5
	6
	7

	SN3
	Government institutions think that our enterprise should use mobile marketing services
	1
	2
	3
	4
	5
	6
	7

	SN4
	The owner of our enterprises is pushing us to use mobile marketing 
	1
	2
	3
	4
	5
	6
	7

	SN5
	Managers innovativeness has influenced our enterprise to use mobile marketing
	1
	2
	3
	4
	5
	6
	7

	SN6
	Most of employee use mobile marketing all the time 
	1
	2
	3
	4
	5
	6
	7

	SN7
	Our business suppler think they only want us to use mobile marketing facilities 
	1
	2
	3
	4
	5
	6
	7

	SN8
	Our competitors are taking us to think we should use mobile marketing 
	1
	2
	3
	4
	5
	6
	7

	PERCEIVED BEHAVIOUR CONTROL
	S/ Disagree   S/Agree      

	PBC1
	Government policies have created an atmosphere for us to use of mobile marketing 
	1
	2
	3
	4
	5
	6
	7

	PBC2
	Using mobile marketing is one of the way to comply with regulatory framework  
	1
	2
	3
	4
	5
	6
	7

	PBC3
	Network system is available for us to use mobile marketing in our business 
	1
	2
	3
	4
	5
	6
	7

	PBC4
	We are using mobile marketing because we have expert on it 
	1
	2
	3
	4
	5
	6
	7

	PBC5
	Our business is located to a place where we can use mobile marketing  
	1
	2
	3
	4
	5
	6
	7

	PBC6
	Our financial structure fit well with the use of mobile marketing  
	1
	2
	3
	4
	5
	6
	7

	PBC7
	Our marketing system is more convenience when we use mobile marketing  
	1
	2
	3
	4
	5
	6
	7

	ADOPTION
	S/Disagree     S/Agree       

	AD1
	We use mobile marketing to access financial information from the bank and other sources 
	1
	2
	3
	4
	5
	6
	7

	AD2
	We always use to advertise our business using mobile marketing 
	1
	2
	3
	4
	5
	6
	7

	AD3
	All payment in our business are made though mobile marketing 
	1
	2
	3
	4
	5
	6
	7

	AD4
	We usually use to receive prompt message when payment is made through mobile marketing
	1
	2
	3
	4
	5
	6
	7

	AD5
	Our enterprise, use mobile marketing to deposit cash
	1
	2
	3
	4
	5
	6
	7


Thank you for your time! I greatly appreciate your participation in this survey!
	CODE 
	ITEM 

	ATT
	ATTITUDE 

	ATT1
	compatibility 
	

	ATT2
	easy to use
	

	ATT3
	financial task more quickly
	

	ATT4
	Clarity and understandability
	

	ATT5
	Perceived Usefulness 
	

	ATT6
	Trust 
	

	
	
	

	SN
	SUBJECTIVE NORM 

	SN1
	Customers Pressure 
	

	SN2
	Business Partners
	

	SN3
	Government Institutions 
	

	SN4
	Owners Innovativeness 
	

	SN5
	Managers Innovativeness 
	

	SN6
	Employee Influence
	

	SN7
	Suppler Pressure
	

	SN8
	Competitors Pressure 
	

	

	PBC
	PERCEIVED BEHAVIRAL CONTROL 

	PBC1
	Government policy
	

	PBC2
	Regulatory framework 
	

	PBC3
	Network Availability
	

	PBC4
	Experts 
	

	PBC5
	Business Location 
	

	PBC6
	Financial Structure 
	

	PBC7
	Market Structure 
	

	

	AD
	Adoption of Mobile Marketing 

	AD1
	access financial information
	

	AD2
	Advertisement 
	

	AD3
	Payment
	

	AD4
	Prompt Payment
	

	AD5
	Cash Deposit 
	


Appendix III: Coded Questionnaire
Appendix IV: Total Variance Explained
	Component
	Initial Eigenvalues
	Extraction Sums of Squared Loadings
	Rotation Sums of Squared Loadings

	
	Total
	% of Variance
	Cumulative %
	Total
	% of Variance
	Cumulative %
	Total
	% of Variance
	Cumulative %

	1
	6.420
	35.667
	35.667
	6.420
	35.667
	35.667
	4.058
	22.544
	22.544

	2
	3.029
	16.828
	52.494
	3.029
	16.828
	52.494
	3.596
	19.979
	42.523

	3
	2.551
	14.171
	66.665
	2.551
	14.171
	66.665
	3.560
	19.776
	62.299

	4
	1.831
	10.173
	76.838
	1.831
	10.173
	76.838
	2.617
	14.539
	76.838

	5
	1.101
	6.116
	82.954
	
	
	
	
	
	

	6
	.943
	5.238
	88.193
	
	
	
	
	
	

	7
	.435
	2.418
	90.610
	
	
	
	
	
	

	8
	.289
	1.605
	92.216
	
	
	
	
	
	

	9
	.265
	1.473
	93.689
	
	
	
	
	
	

	10
	.227
	1.264
	94.952
	
	
	
	
	
	

	11
	.195
	1.084
	96.037
	
	
	
	
	
	

	12
	.170
	.947
	96.983
	
	
	
	
	
	

	13
	.162
	.902
	97.886
	
	
	
	
	
	

	14
	.117
	.651
	98.536
	
	
	
	
	
	

	15
	.100
	.557
	99.094
	
	
	
	
	
	

	16
	.070
	.387
	99.481
	
	
	
	
	
	

	17
	.053
	.292
	99.773
	
	
	
	
	
	

	18
	.041
	.227
	100.000
	
	
	
	
	
	


Extraction Method: Principal Component Analysis

Appendix V: Data Collection Clearance for Arusha
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Appendix VI: Data Collection Clearance for Unguja
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Appendix VII: Data Collection Clearance for Dar es Salaam
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Appendix VIII: A Letter from College of Business Education 
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ABSTRACT

Purpose: Electronic marketing (E-Marketing) is one of the fastest-growing forms of digital
marketing in both developed and developing countries including Africa. Most Small and
Medium Enterprises (SMEs) adopt e-marketing to enhance business performance and
competitiveness. However, the E-Marketing adoption rate by SMEs in African countries has
been very low. This study, therefore, intended to synthesize determinants of E-Marketing
adoption by SMEs in African countries. Specifically, it assesses the kinds of E-Marketing
adopted by SMEs in African countries; and examines the determinants of E-Marketing adoption
by SMEs in African countries.

Design/ Methodology/ Approach: A comprehensive review of e-marketing related empirical
literature in Africa was done and data were analyzed using Microsoft Excel.

Findings: The findings revealed that (20) African countries adopted E-Marketing with five kinds
of e-marketing which include: ICT in 14 countries (70%); E-Marketing in 3 countries (15%);
online marketing, web marketing and mobile money services in 1 country (5%) each
respectively. Similarly, three significant determinants of E-Marketing adoption in African
countries were identified which include: IT skills, knowledge, and education (60%) (self-
efficacy); availability of resources (55%) (Facilitating conditions); and IT infrastructure and
facilities (50%) (Facilitating conditions).

Practical Implication: The study implies that the SMEs sector in African countries needs to
focus on these key significant determinants of E-Marketing adoption to increase its application
which will enhance their competitiveness as well as business performance.

Keywords: Adoption, E-Marketing, ICT, SMEs, Africa
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ABSTRACT 
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1.0 INTRODUCTION

Electronic marketing (E-marketing) is one of the fastest-growing forms of digital marketing in
both developed and developing countries (Kalu, Nto, & Nwadighoha, 2017). It provides
opportunities for business enterprises to attract new customers and reach the existing ones more
effectively (Taiminen & Karjaluoto, 2015). E-marketing has been defined by various scholars,
for example, Iddris & Ibrahim (2015) described e-marketing as the integration of electronic
communication technology and traditional marketing media to acquire and deliver services to
customers. Similarly, Shaltoni, West, Alnawas, & Shatnawi (2018) identified that the term e-
marketing includes, but is not limited to: digital marketing, internet marketing, online marketing,
as well as social media marketing. In various business enterprises, including Small and Medium
and Enterprises (SMEs), e-marketing appears to be one of the most significant aspects for
achieving competitive advantage through business efficiency and marketing improvement
(Chong, Man, & Kim, 2018). Studies show that in developing countries, particularly in Africa,
SMEs make more than 90% of the businesses and employs about 60% of the workers’
population (ITC, 2018). Despite the importance of e-marketing to SMEs, the number of SMEs
adopted e-marketing is still low leading to limited application of the technology (Eze & CO,
2017).

E-marketing application by SMEs is very important for enhancing marketing practices to gain
and sustain competitiveness. However, this technology seems to be new for SMEs in developing
countries where a lack of knowledge of proper implementation is a great setback (Sheikh,
Shahzad, & Ishak, 2016). Thus leading to its limited application. Njau & Karugu (2014)
supplement that, limited application of e-marketing by the majority of SMEs in Kenya is due to
the high development costs, and lack of knowledge on how it improves business performance. In
addition, El-Gohary (2012a) identified that limited resources, bad infrastructure, stiff -
competition, the readiness of the owners to take risky investment and the newness of e-marketing
are the main obstacles limiting the application of e-marketing by SMEs in developing countries.
Since SMEs are the main employer in African countries, the use of modern technologies like e-
marketing cannot be escaped. Therefore, SMEs need to apply e-marketing technology to improve
the adoption rate, gain competitiveness, as well as to explore various business opportunities.

Previous studies reveal that e-marketing is playing a vital role regarding SMEs’ performance and
competitiveness. For instance, Chong, et al. (2018) found that e-marketing has a significant
impact on business performance and marketing improvement among SMEs in Asian countries.
Similarly, Eid & El-Gohary (2013) findings revealed that e-marketing tools positively influence
pre-sale and after-sales activities, marketing performance as well as effectiveness among SMEs
in the United Kingdom. On the other hand, Odimmega, Udegbunam, Ile, & Azu (2016) found
that inadequate communication infrastructures, high internet connectivity expenses, and
inadequate power supply were the main obstacles to e-marketing adoption by SMEs in the
Nigerian context. In the same situation, Nkosana, Skinner, & Goodier (2016) revealed that set
up costs, owners’ lack of IT knowledge and employees’ lack of IT skills were the challenges in
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the adoption and utilization of e-marketing for SMEs at KwaZulu Natal Midlands in South
Africa.

Collectively, these studies highlight the benefits and challenges in e-marketing adoption by
SMEs in developed and developing countries, particularly the United Kingdom, Asia and Africa.
Despite the benefits and potential of e-marketing, its adoption rate by SMEs in African countries
is still low (Chube, 2015; Maduku, 2015; Wilson & Makau, 2018). In addition, few studies have
been done to assess e-marketing implementation in SMEs (Iddris & Ibrahim, 2015; Manley,
2015; Sultan, et al., 2019). Given this situation, this study aimed to synthesize determinants of e-
marketing adoption by SMEs in African countries by reviewing the relevant empirical literature.
Likewise, the study used the theory of planned behaviour (TPB) by Ajzen (1991) to cluster the
reviewed determinants under its three constructs, attitude, subjective norm, as well as perceived
behaviour control, to strengthen the results. Further, the study used the following specific
objectives: To assess the kinds of e-marketing adopted by SMEs in African countries; to examine
the determinants of e-marketing adoption by SMEs in African countries.

2.0 THEORIES UNDERPINNING THE STUDY

2.1 Theory of Planned Behaviour

Theory of Planned Behaviour (TPB) by Ajzen (1991) was used to guide this study, which
originates from the Theory of Reasoned Action (TRA). According to this author, the TRA was
extended by adding one variable, Perceived Behavior Control (PBC) to overcome its limitation
and form the TPB model. The model has three constructs, Attitude (ATT), Subjective Norm
(SN) and Perceived Behavior Control (PBC). Attitude refers to an individual’s positive or
negative feelings about engaging in behaviour; subjective norm refers to an individual’s
perception of whether people important to the individual think the behaviour should be
performed or not; And Perceived behavioural control refers to one's perception of the difficulty
in performing behaviour The three constructs is explained by (Taylor & Todd, 1995). According
to these authors, perceived behaviour control is determined by facilitating conditions which is the
availability of resources needed to perform a behaviour such as time, money, or specialized
resources; and self-efficacy which is an individual’s self-confidence to perform a behaviour.

TPB has been widely used by various scholars to study the adoption of technology in various
empirical settings in the SMEs sector (Mapunda, 2019; McLaughlin & Stephens, 2019; Sanne &
Wiese, 2018; Shrestha, 2019). In this study, the model is used to explain which determinants
influence SMEs to adopt e-marketing to improve their business performance and marketing
activities in general. E-marketing offers a lot of opportunities as identified by Teixeira, et al.
(2018) new sales opportunities, reduced marketing and communication costs, better management
of marketing information, as well as more customers’ feedback on products. The TPB model
postulates that actual behaviour is motivated by behaviour intentions, where the behaviour
intentions are a function of an individual’s attitude towards behaviour, subjective norms and
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perceived behaviour control (Ajzen, 1991). In the context of e-marketing adoption TPB model
summarizes that an individual’s behaviour intention to adopt e-marketing is determined by
attitude, subjective norm and perceived behaviour control. Thus, the relevancy of TPB in this
study is that the adoption of e-marketing by SMEs can be influenced by ATT, SN and PBC.

2.2 E-marketing Adoption by SMEs

ICT has played a vital role in various sectors including SMEs. The technology has widened the
markets as the SMEs could reach their customers worldwide without consideration of time and
geographical zone (Nuseir, 2018). Currently, SMEs, owners are aware of ICT tools like
computers, the internet and digital marketing. As explained by Teixeira, ef al. (2018) through e-
marketing, adoption, SMEs in various sectors can identify and track market opportunities, adapt
to dynamic environments, and increase customer base regardless of the limited resources they
have.

Several studies have been conducted worldwide regarding the determinants of e-marketing
adoption by SMEs. For instance, Teixeira, et al. (2018) conducted a literature review to identify
the determinants of digital marketing adoption by Portuguese SMEs. The results revealed that
limited knowledge on digital marketing, difficulty in recruiting and training skilled professionals,
as well as the existing decrease of the price associated with outstanding digital marketing
service, is perceived to be the obstacles in the implementation of digital marketing by SMEs in
the country. Similarly, Kurian, et al. (2019) undertook a study to analyze the combination of
social media marketing and SMEs in Singapore. They found that lack of training and lack of
knowledge to the SMEs’ employees, were some of the factors affecting the adoption of social
media marketing in their enterprises which results in the underutilization of business potentials in
the country.

Yaseen, ef al. (2019) carried research to determine the level of digital marketing adoption among
SMEs in Jordan. Their findings revealed that limited usage of social media and email, lack of
human skills, lack of awareness of digital marketing, and lack of technological tools were the
main factors affecting the adoption of the technology in the country. Likewise, McLaughlin &
Stephens (2019) investigated the social media adoption of intentions SMEs, owners using the
theory of planned behaviour in Ireland. Their findings indicated that attitude, subjective norm
and perceived behaviour control have a significant impact on SME owner’s intention to adopt
social media marketing in the country.

Sanne & Wiese (2018) conducted a study to determine whether the theory of planned behaviour
could be used to predict social media advertisement in South Africa. Their findings revealed that
attitude and subjective norm have a significant influence on marketers’ behaviour intention to
adopt Facebook advertisement. On the other hand, perceived behavioural control was found to
have an insignificant influence. Further, Mugobi & Mlozi (2020) did a study to assess the
determinants of ICT adoption at UNESCO World Heritage Sites in Tanzania. Their results
showed that, perceived relative advantage, perceived less complexity, IT infrastructure and

ISSN: 2408-7920
Copyright (©) African Journal of Applied Research
Arca Academic Publisher

—=GBPA pA449-122017 74









 

African Journal of Applied Research 

Vol. 7, No. 2 (2021), pp. 71-87 

http://www.ajaronline.com 

http://doi.org/10.26437/ajar.10.2021.06 

ISSN: 2408-7920 

Copyright 

ⓒ

 African Journal of Applied Research    

Arca Academic Publisher  

GPA449-122017   

74 

 

perceived behaviour control (Ajzen, 1991).

 

In the context of e-marketing adoption TPB model 

summarizes that an individual’s behaviour intention to adopt e-marketing is determined by 

attitude, subjective norm and perceived behaviour control.

 

Thus, the relevancy of TPB in this 

study is that the adoption of e-marketing by SMEs can be influenced by ATT, SN and PBC. 

2.2 E-marketing Adoption by SMEs  

ICT has played a vital role in various sectors including SMEs. The technology has widened the 

markets as the SMEs could reach their customers worldwide without consideration of time and 

geographical zone (Nuseir, 2018). Currently, SMEs, owners are aware of ICT tools like 

computers, the internet and digital marketing. As explained by Teixeira, 

et al

. (2018) through e-

marketing, adoption, SMEs in various sectors can identify and track market opportunities, adapt 

to dynamic environments, and increase customer base regardless of the limited resources they 

have. 

Several studies have been conducted worldwide regarding the determinants of e-marketing 

adoption by SMEs.

 

For instance, Teixeira, 

et al

. (2018) conducted a literature review to identify 

the determinants of digital marketing adoption by Portuguese SMEs. The results revealed that 

limited knowledge on digital marketing, difficulty in recruiting and training skilled professionals, 

as well as the existing decrease of the price associated with outstanding digital marketing 

service, is perceived to be the obstacles in the implementation of digital marketing by SMEs in 

the country. Similarly, Kurian, 

et al

. (2019)  undertook a study to analyze the combination of 

social media marketing and SMEs in Singapore. They found that lack of training and lack of 

knowledge to the SMEs’ employees, were some of the factors affecting the adoption of social 

media marketing in their enterprises which results in the underutilization of business potentials in 

the country. 

Yaseen, 

et al

. (2019) carried research to determine the level of digital marketing adoption among 

SMEs in Jordan. Their findings revealed that limited usage of social media and email, lack of 

human skills, lack of awareness of digital marketing, and lack of technological tools were the 

main factors affecting the adoption of the technology in the country. Likewise,  McLaughlin & 

Stephens (2019) investigated the social media adoption of intentions SMEs, owners using the 

theory of planned behaviour in Ireland. Their findings indicated that attitude, subjective norm 

and perceived behaviour control have a significant impact on SME owner’s intention to adopt 

social media marketing in the country. 

Sanne & Wiese (2018) conducted a study to determine whether the theory of planned behaviour 

could be used to predict social media advertisement in South Africa. Their findings revealed that 

attitude and subjective norm have a significant influence on marketers’ behaviour intention to 

adopt Facebook advertisement. On the other hand, perceived behavioural control was found to 

have an insignificant influence. Further,  Mugobi & Mlozi (2020) did a study to assess the 

determinants of ICT adoption at UNESCO World Heritage Sites in Tanzania. Their results 

showed that, perceived relative advantage, perceived less complexity, IT infrastructure and 


[image: image16.emf]4 African Journal of Applied Research

Vol. 7, No. 2 (2021), pp. 71-87
{ http://www.ajaronline.com
http://doi.org/10.26437/ajar.10.2021.06

support skills, competitive pressure significantly influenced decision makers’ intention to adopt
the technology in the country. However, perceived compatibility was statistically insignificant.

Based on the above reviewed empirical studies, there are inconclusive results on the
determinants of e-marketing. Some researchers indicated significant results (McLaughlin &
Stephens, 2019) while others have reported insignificant findings (Mugobi & Mlozi, 2020; Sanne
& Wiese, 2018). Such inconsistencies in findings motivated the researcher to conduct a study on
the determinants of e-marketing adoption by SMEs in African countries.

3.0 RESEARCH METHODOLOGY

This article is based on a specified literature review to synthesize significant literature related to
determinants of e-marketing adoption by SMEs in African countries. The inclusion and
exclusion criteria for selecting the articles were set. This paper adopted a quantitative approach
in which descriptive analysis was used. A literature review was conducted to extract the most
frequently mentioned determinants of e-marketing adoption by SMEs in Africa. Variables in this
study were identified from twenty (20) selected literature in an African business environment. To
measure the magnitude of the determinants of e-marketing, adoption, the literature was selected
based on the relevance and suitability of the topic under the study.

3.1 Data sources

The main source of data for this study was scholarly articles accessed through the following
search engines: Google Scholars, Google Search Engine, Google Books, Sage Publications,
Emerald Insights, Taylor and Francis, Wiley online, Science Direct, Dissertations Reports, and
Conference Proceedings.

3.2 Search keywords

The following set of keywords was used to search determinants for e-marketing adoption among
SMEs in African countries. (“E-marketing” OR “Internet marketing” “intranet” OR “extranet”
“Mobile marketing” OR “Web-marketing” OR “Email-marketing” OR “Social media marketing”
OR “Online-marketing” OR “ICT” OR “Digital marketing") AND ("Small and Medium
Enterprises"” OR "Microenterprises” OR " Small Businesses”) AND (“Africa” OR “North
Africa” OR “East Africa” OR “ West Africa” OR “ Developing Countries” OR “ Ethiopia” OR

Tunisia” OR “ Egypt” OR “ Nigeria” OR “Ghana” and other African countries).

3.3 Inclusion and exclusion criteria

The search was limited to e-marketing research papers written in English, otherwise, they were
excluded. The literature was bounded to the SMEs that adopted e-marketing or ICT in African
countries. The study included the e-marketing/ICT papers written since 2011 because during this
time African countries had very low ICT Development Index (IDI) (Ponelis & Holmner, 2015).
In addition, the study was restricted to ten (10) years (2011-2020) as it is the most common
timeline since Dombeu & Rannyai (2014) applied the same approach.
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3.4 Sample size and Study variables

A sample of 20 kinds of literature out of 54 African countries was regarded as adequate for
statistical analysis since other scholars (Mohammed, Almsafir, & Alnaser, 2013; Rumanyika &
Mashenene, 2014) used 12 pieces of literature to draw up their conclusion. On the other hand,
the study variables were selected from the reviewed literature, based on the rule that, they must
appear more than once.

3.5 Data Analysis

The study used descriptive statistics to analyze data from the reviewed literature. The
determinants of e-marketing adoption mentioned more than once were tabulated and assigned
frequencies. Then, the total frequencies of each e-marketing determinant were divided by twenty
(number of countries) and times by a hundred to get the percentage. The determinants which
scored 50% or above were considered to be significant (Magasi, 2016; Rumanyika &
Mashenene, 2014). Finally, the results were summarized using clustered column charts.

4.0 FINDINGS AND DISCUSSION

4.1 The kinds of e-marketing adopted by SMEs in African countries

The results are presented based on study objectives and analyzed data. From the reviewed
literature the study revealed that between 2011 and 2020 e-marketing has been adopted by SMEs
in twenty African countries. However, the number of countries that adopted e-marketing is small
as expected by the author since the continent has 54 countries. In addition, five e-marketing
categories were revealed by the author during the literature review. These include ICT, e-
marketing, online marketing, web marketing as well as mobile money services. The e-marketing
appeared itself as a kind, due to some scholars who researched e-marketing generally without
specifying the kind. Table 1.0 summarizes the list of African countries and Figure 1.0 depicts the
categories of e-marketing.

Table 1: Summary of the countries where e-marketing was adopted by SMEs in Africa

Author E-marketing project Country
El-Gohary & El-Gohary (2016) E-marketing Egypt
Wilson & Makau (2018) Online marketing Kenya
Nkosana, Skinner, & Goodier (2016) ICT South Africa
Gyamfi (2016) E-marketing Ghana

Diing (2016) ICT South Sudan
Kazungu, Panga, and Mchopa (2015) E-marketing Tanzania
Kanyabikali (2014) Web-marketing Rwanda
Makiwa & Steyn (2016) ICT Zimbabwe
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E-marketing Categories

W E-marketing
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Figure 1: Kinds of e-marketing adopted by SMEs in twenty African countries.

Under ICT, the results indicate 14 countries adopted the technology, which is equivalent to 70%;
similarly, e-marketing was adopted by 3 countries which are equal to 15%; furthermore, online
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marketing, web marketing and mobile money services were adopted by one country thus
representing 5% each. From the findings, it can be observed that there is a need for more
empirical research projects to be conducted on e-marketing adoption in African countries. The
findings are supported by those of Manley, (2015) from South Africa, which revealed that a few
studies focused on the adoption of e-marketing by SMEs in the developing economy. Likewise,
El-Gohary (2012) findings showed that there is inadequate empirical research concerning E-
marketing adoption which has been done in developing countries. Moreover, Sultan, ef al. (2019)
witnessed the shortage of researches on e-marketing adoption in underdeveloped or less
developed countries.

4.2 The determinants of E-marketing adoption by SMEs in African countries
The results revealed ten determinants of e-marketing adoption by African countries which
include: Size and type of the firm, type of the product, availability of resources, IT Skills,
knowledge, and education, government support or regulations, IT experts, set up costs, e-
marketing awareness, IT infrastructure and facilities, and perception of the owners. Table 2.0
summarizes determinants of e-marketing adoption from twenty African countries.

Table 2: Summary of e-marketing determinants in African countries

Authors Findings/determinants

El-Gohary & El-Gohary (2016)  1i)The size of the business, ii) type of the product, iii) availability of resources,
iv) knowledge of the owners, v) e-marketing awareness, and vi) government

support

Wilson & Makau (2018) i)Lack of financial resource ii) lack of IT infrastructures, iii) lack of awareness
of technology, and iv) cost of IT experts

Nkosana, et, al. (2016) 1)Set up costs, ii) ICT —awareness, iii)lack of ICT skills, iv) failure to import
software

Gyamfi (2016) i) Managers skills ii) owner’s lack of awareness of the technology, iii)

competition in the industry; and iv) the type of industry and iv) the type of
product/service they produce.

Diing (2016) i)Availability of resources, ii) type and size of the firm, iii) government
regulations, iv) IT experts

Kazungu et al. (2015) i)Lack of e-marketing knowledge, ii) high technology cost, iii) inaccessibility
of internet facilities and iv) absence of a regulatory framework to guide e-
marketing

Kanyabikali (2014) 1)The high cost of web implementation, ii) lack of infrastructure, iii) IT skills

and knowledge, iv) perceived benefits, v) lack of top management supports, v)
web-marketing awareness

Makiwa & Steyn (2016) i) Lack of ICT knowledge and skills, ii) poor infrastructure, iii) lack of
Government support and v) negative perception of managers and owners
towards ICT

Ntwoku, Negash, & Meso 1)Firm size and ii) owners' education

(2017)

Rachidi & El Mohajir (2016) i)Lack of financial resources, ii) education level and iii) lack of IT training
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Kazungu et al. (2015)  i)Lack of e-marketing knowledge, ii) high technology cost, iii) inaccessibility 

of internet facilities and iv) absence of a regulatory framework to guide e-
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1)Set up costs, i1)IT experts costs, iii)lack of IT skills and knowledge, iv)

owners’ resistance to change, and v) security of IT tools

i) Adoption costs, ii) lack of IT experts, and iii) lack of owners/managers

awareness

i)Lack of ICT facilities, ii) IT infrastructure, and iii) IT awareness

i) Lack of financial resources, ii) high cost of ICTs, iii) poor networks, iv) poor
government policies, v) lack of IT skills among women business owners.

i)Availability of resources, ii)IT skills and knowledge, iii) technology
awareness, iv) IT infrastructure

1)Firm size, ii)availability of resources, iii)IT experts

1)Size of the firm, ii)IT knowledge, iii)set up costs iv) owners’ perception
i)Availability resources, ii)set up costs, iii)difficulty in finding partner
i)Availability of resources, 1i)IT experts, iii) set up costs, iv) infrastructure

1)Size of the firm, ii)available resources, iii)IT skills, iv)government
regulations, v)IT experts

The ten determinants of E-Marketing adoption was selected based on the rule that, they must
appear more than once. Then, a table was created and each determinant was used as a heading.
Under each heading, the findings from twenty countries were placed according to similarities.
Thus, Table 3.0 summarizes determinants of e-marketing based on their similarities.

Table 3: Summary of determinants of E-Marketing adoption grouped based on similarities

Author

STF | TP ITS |GP |ITE | SC ITI | OP

El-Gohary & El-Gohary (2016)

X X X X

Wilson & Makau (2018)

X X

Nkosana, et al. (2016)

>
><><><w

Gyamfi (2016)

=
><1><1><><;(>

it

Diing (2016)

>~
>~
>~
>~

Kazungu, et al. (2015)

Kanyabikali (2014)

Makiwa & Steyn, (2016)

Ntwoku, et al. (2017)

ikl
>~
>~

Rachidi & EI Mohajir (2016)

>~
i b bl ke
>~

Chube (2015)

Mulatu (2017)

>~
e ltalts

=

o

Eze, et al. (2015)

Mumba (2014)

Malinga & Maiga (2020)

il
i
e

[

Kossai, et al., (2020)

ltalte

Gobin-Rahimbux, et al., (2017)

<<

Mbaye, (2016)

ISSN: 2408-7920

Copyright (©) African Journal of Applied Research

Arca Academic Publisher

—=GBPA pA449-122017

79









 

African Journal of Applied Research 

Vol. 7, No. 2 (2021), pp. 71-87 

http://www.ajaronline.com 

http://doi.org/10.26437/ajar.10.2021.06 

ISSN: 2408-7920 

Copyright 

ⓒ

 African Journal of Applied Research    

Arca Academic Publisher  

GPA449-122017   

79 

 

Chube (2015)  i)Set up costs, ii)IT experts costs, iii)lack of IT skills and knowledge, iv) 

owners’ resistance to change, and v) security of IT tools 

Mulatu (2017)  i) Adoption costs, ii) lack of IT experts, and iii) lack of owners/managers 

awareness 

Eze, Ayigbe, Eberechi, & 

Jordan, (2015) 

i)Lack of ICT facilities, ii) IT infrastructure, and iii) IT awareness 

Mumba (2014)  i) Lack of financial resources, ii) high cost of ICTs, iii) poor networks, iv) poor 

government policies,  v) lack of IT skills among women business owners. 

Malinga & Maiga (2020)  i)Availability of resources, ii)IT skills and knowledge, iii) technology 

awareness, iv) IT infrastructure 

Kossaï, et al., (2020)  i)Firm size, ii)availability of resources, iii)IT experts 

Gobin-Rahimbux, et al., (2017)  i)Size of the firm, ii)IT knowledge, iii)set up costs iv) owners’ perception 

Mbaye, (2016)  i)Availability resources, ii)set up costs, iii)difficulty in finding partner 

Kaitano & Shafaghi, (2017)  i)Availability of resources, ii)IT experts, iii) set up costs, iv) infrastructure 

Abdulhadi, (2012)  i)Size of the firm, ii)available resources, iii)IT skills, iv)government 

regulations, v)IT experts 

The ten determinants of E-Marketing adoption was selected based on the rule that, they must 

appear more than once. Then, a table was created and each determinant was used as a heading. 

Under each heading, the findings from twenty countries were placed according to similarities. 

Thus, Table 3.0 summarizes determinants of e-marketing based on their similarities. 

Table 3: Summary of determinants of E-Marketing adoption grouped based on similarities 

Author  STF  TP  AR  ITS  GP  ITE  SC  EA  ITI  OP 

El-Gohary & El-Gohary (2016)   X   X   X   X   X         X       

Wilson & Makau (2018)         X         X      X   X    

Nkosana, et al. (2016)         X   X         X   X       

Gyamfi (2016)   X   X      X            X       

Diing (2016)  X       X      X   X             

Kazungu, et al. (2015)            X   X      X      X    

Kanyabikali (2014)            X         X   X   X    

Makiwa & Steyn, (2016)            X   X            X   X 

Ntwoku, et al. (2017)   X         X               X    

Rachidi & El Mohajir (2016)         X         X         X    

Chube (2015)            X      X   X         X 

Mulatu (2017)                  X   X   X       

Eze, et al. (2015)                        X   X    

Mumba (2014)      X  X  X    X    X   

Malinga & Maiga (2020)      X  X        X  X   

Kossaï, et al., (2020)  X    X      X         

Gobin-Rahimbux, et al., (2017)  X      X      X      X 

Mbaye, (2016)      X        X       
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Key : (1) STF - Size and Type of the Firm, (2) TP — Type of the Product, (3) AR — Availability of Resources, (4)
ITS — IT Skills, Knowledge, and Education, (5) GS — Government Support, (6) ITE — IT Experts, (7) SC —Set up
Costs, (8) EA — E-marketing Awareness (9) ITI — IT Infrastructure, and (10) OP — Owners’ Perception

Furthermore, based on the findings of Table 3.0, the frequencies of the e-marketing determinants
were formed, and the percentage was calculated. Out of ten determinants, three of them were
significant due to the score of 50% and above, while, the rest were insignificant. Therefore, IT
skills, knowledge, and education (60%); availability of resources (55%); and IT infrastructure
and facilities (50%); were the critical determinants of e-marketing adoption by SMEs in African
countries. Table 4.0 summarizes frequencies and percentages for determinants of E-marketing
and Figure 2.0 which is a 3-D clustered column chart, depicts the same.

Table 4: Frequencies and percentage of determinants for E-Marketing adoption

Sn | Determinants Frequency Percentage (%)
1 | Size and type of the firm 7 35
2 | Type of the product 2 10
3 | Availability of resources 11 55*
4 | IT Skills, Knowledge, and education 12 60*
5 | Government support and Regulations 6 30
6 | IT experts 8 40
7 | Set up costs 9 45
8 | E-marketing awareness 8 40
9 | IT infrastructure and facilities 10 50*

10 | Perception of the owners 3 15

ISSN: 2408-7920
Copyright (©) African Journal of Applied Research
Arca Academic Publisher

£
—=GBPA pA449-122017

80









 

African Journal of Applied Research 

Vol. 7, No. 2 (2021), pp. 71-87 

http://www.ajaronline.com 

http://doi.org/10.26437/ajar.10.2021.06 

ISSN: 2408-7920 

Copyright 

ⓒ

 African Journal of Applied Research    

Arca Academic Publisher  

GPA449-122017   

80 

 

Kaitano & Shafaghi, (2017)      X      X  X    X   

Abdulhadi, (2012)   X      X   X   X   X             

 

Key 

: (1) STF - Size and Type of the Firm, (2) TP – Type of the Product, (3) AR – Availability of Resources, (4) 

ITS – IT Skills, Knowledge, and Education, (5) GS – Government Support, (6) ITE – IT Experts, (7) SC –Set up 

Costs, (8) EA – E-marketing Awareness (9) ITI – IT Infrastructure, and (10) OP – Owners’ Perception 

 

Furthermore, based on the findings of Table 3.0, the frequencies of the e-marketing determinants 

were formed, and the percentage was calculated. Out of ten determinants, three of them were 

significant due to the score of 50% and above, while, the rest were insignificant. Therefore, IT 

skills, knowledge, and education (60%); availability of resources (55%); and IT infrastructure 

and facilities (50%); were the critical determinants of e-marketing adoption by SMEs in African 

countries. Table 4.0 summarizes frequencies and percentages for determinants of E-marketing 

and Figure 2.0 which is a 3-D clustered column chart, depicts the same.  

Table 4: Frequencies and percentage of determinants for E-Marketing adoption 

Sn  Determinants  Frequency  Percentage (%) 

1  Size  and type of the firm  7  35 

2  Type of the product  2  10 

3  Availability of resources  11    55* 

4  IT Skills, Knowledge, and education   12    60* 

5  Government support and Regulations  6  30 

6  IT experts  8  40 

7  Set up costs  9  45 

8  E-marketing awareness  8                    40 

9  IT infrastructure and facilities  10    50* 

10  Perception of the owners  3  15 

 


[image: image22.emf]4 African Journal of Applied Research
Vol. 7, No. 2 (2021), pp. 71-87
http://www.ajaronline.com

'
http://doi.org/10.26437/ajar.10.2021.06

60 SS 50
45
50 40
35
) 40 P

&
= 30
= ‘ I 15
o

= | b
g X 10

0 .
N o > N - G o ol &
S S Gl » & & & ¢ &
& & & o & R S ) &
Ny & G2 o < N o N
N &Q <~ A& QQ *ﬁ sl‘ > o
\'fo \\\'\ . N o .‘,° o & _}Q \\
& ) o & & & &
’ p & N : h o N ‘y .\o
‘\b -\Q .-;Q A & \ b\ ™
g™ I & & & W« c_&Q
" o .
& v \\u" o S \("’ Q¥
&
S

Determinants of E-Marketing Adoption

Figure 2: Frequencies and percentage of determinants of e-marketing adoption by SMEs in Africa

With regards to IT skills, knowledge, and education it can be clarified that, if the SMEs, owners
and their employees are well trained in E-Marketing, they become more confident and
competent. Based on the TPB, IT skills, training and education are clustered under self-efficacy
which is perceived behaviour control. As explained by Rumanyika & Mashenene (2014) the IT
education and training create awareness and increase confidence and competencies to users of
the technology. The findings are supported by that of Nkosana, et al. (2016) which revealed that
IT skills have a significant influence on employee’s intention to adopt ICT in small rural hotels
in KwaZulu-Natal midlands, South Africa. Likewise, Gobin-Rahimbux, et al. (2017) found that
IT training is among the determinants of digital marketing adoption among the SMEs in the
handicraft sector in the Mauritian context. Further, Kazungu, et al. (2015) proposed IT education
and training as one of the intervening strategies to enhance E-marketing adoption in Tanzania.

Similarly, the availability of resources has been spotted to have a significant influence on the
adoption of E-Marketing. As identified by Taylor & Todd (1995) resources such as time, money,
as well as specialized resources belongs to facilitating conditions. Thus, based on the TPB
model, the availability of resources placed under facilitating conditions is perceived behaviour
control. The findings are supported by that Diing (2016) which indicated that the availability of
resources has a significant impact on the adoption of digital marketing among SMEs in South
Sudan. Likewise, the findings corroborate those of Wilson & Makau (2018) which revealed that
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financial resources significantly influence the intentions of SMEs owners to adopt online
marketing in Kenya. Moreover, El-Gohary & El-Gohary (2016) found that the availability of
resources has a positive impact on the decision to use e-marketing by SMEs in Egypt.

Furthermore, well developed IT infrastructures and facilities in a particular country would
simplify and influence a positive adoption of e-marketing by SMEs. These include hardware,
software, servers, and network connectivity. On the theoretical concern, this comes under
facilitating conditions which are perceived behaviour control. The findings are supported by that
of Iddris & Ibrahim (2015) which revealed that internet infrastructure has a significant impact on
e-marketing adoption by SMEs in the Ghanaian context. Similarly, the findings of Kanyabikali
(2014) showed that internet infrastructure was, among other factors influencing the adoption of
World Wide Web marketing among Rwandan Hotels. Moreover, Odimmega, ef al. (2016) found
that communication infrastructure was among the determinants inhibiting E-Marketing adoption
among SMEs in Anambra state, Nigeria.

5.0 CONCLUSION, RECOMMENDATIONS AND IMPLICATIONS

The purpose of this paper was to synthesize the determinants of e-marketing by SMEs in African
countries. Based on the empirical literature review, the conclusion and recommendations are
centered on the following specific objectives.

Assessing the kinds of E-Marketing adopted by SMEs in African countries.

E-Marketing has been adopted by SMEs in twenty African countries. In addition, four e-
marketing kinds have been revealed which including ICT in 14 countries (70%), e-marketing in
3 countries (15%), online marketing, web marketing and mobile money services were adopted by
one country thus representing 5% each. It is recommended that more empirical research should
be conducted in African countries and the focus should be on other kinds of e-marketing. The
study also recommends to the policymakers and IT experts in African countries to work together
with SMEs and explore what limit the trend of adopting various kinds of e-marketing.

Examining the determinants of E-Marketing adoption by SMEs in African countries.

The IT skills, knowledge, and education (60%) (self-efficacy); availability of resources (55%)
(Facilitating conditions); and IT infrastructure and facilities (50%) (Facilitating conditions); are
the critical determinants of e-marketing adoption by SMEs in African countries. The study
recommends that measures should be taken by the policymakers and IT experts to improve e-
marketing adoption using the key determinants in their respective countries, which in turn can
positively increase its implementations by the SMEs sector.

The study implies that SMEs in African countries needs to focus on the key significant
determinants of e-marketing adoption to increase its application which will enhance their
competitiveness as well as business performance. In addition, there is an opportunity for African
scholars to do empirical research in this area.
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6.0 STUDY LIMITATIONS AND FURTHER STUDIES
This study reviewed the past studies to synthesize the determinants of e-marketing adoption by
SMEs in African countries. In that case, it was difficult to establish the reliability and validity of
the data. Another limitation was a restricted database to view the empirical literature that could
have relevant information to the current study. Thus, further study can be done by collecting
primary data related to other kinds of e-marketing adoption by SMEs to complement the
literature review presented.
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