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Abstract

This study analyses the performance of a battery storage system in abating the ramp rates of the power produced by a wind turbine.
This approach can reduce the wind power fluctuations that are typical of small size wind farms and promote the wind energy
integration in microgrids. Production data was generated from actual wind measurements over one year, and the capability of ramp
abatement by varying battery capacity, battery power rating and ramp rate thresholds was investigated. The effect on battery
degradation due to charge-discharge cycling required by the smoothing service was also estimated. Results suggest that good
smoothing performance can be achieved with a wide range of power-capacity combinations, but the lifetime of the storage system
can be as low as one year if its capacity is small.
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1. Introduction

Wind power is a continuously growing renewable energy source, reaching a technological maturity that makes it
competitive on the market and viable without subsidies[1]. Integration of wind farm production into power grids poses
many challenges due to the intermittent and fast-changing nature of the resource. Wind turbine production is typically
characterized by strong ramp rates which may require production curtailment to prevent congestion or high investment
in ancillary services [2]. Energy storage systems can help to reduce these negative impacts, but the economic impacts
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are not negligible [3, 4]. Battery energy storage systems in particular have recently been investigated for their
capability to provide decoupled voltage and frequency control even in a standalone network [5]. In [6] is shown how
the demand response capability of electric vehicles to maintain the output wind power ramp rates between prescribed
limits. Wind energy fluctuations can be particularly critical in microgrids or isolated users. Uriarte et al. [7] have
investigated the effect of renewable sources ramp rates on the stability of microgrids that can be islanded from the
main grid. On the other hand, wind power has a great potential to provide access to energy to remote communities
that do not have access to the grid. The potential for sub-kilowatt wind turbines has been discussed in [8] and 0.8
million off-grid households are already estimated to have reached energy access through small wind turbines[9]. Wind
could also provide a huge opportunity to power community-scale microgrids or hybridize those that already exist but
are powered by diesel generators [10,11]. Similar efforts have already been made in countries with huge resource
potential such as Kenya, as reported in [12], where the integration of the renewable resources has not been seamless,
and the majority of the demand is still served by diesel generators. Therefore, there is a need coming from various
applications to make wind generation more dispatchable and more easily interconnectable with a power grid or with
other energy sources in isolated system. Wind generation ramp rates end up causing voltage and frequency issues in
grids or supply limitations in microgrids, which can effectively be limited using energy storage [13]. The first
contribution of this paper, is to analyze the wind generation ramp smoothing in a realistic scenario, using actual wind
production data to test the smoothing performance of a range of battery systems with various storage and power
ratings. The second contribution is the investigation of the effect of different ramp rates thresholds and how their value
affects the battery durability.

2. Case Study
2.1. Obtaining the actual power output of the turbine from the wind data

The wind data used for the study comes from a wind farm in Costa Rica [14] with anemometers situated at a 50 m
above the ground. The data series consisted in wind speed data averaged over 10 minutes, coupled with the standard
deviation over that time span. The granularity of the data was subsequently increased to a 1-minute interval by
generating 10 points randomly extracted from a gaussian distribution having the mean and the standard deviation
obtained by the anemometers every 10 minutes. This a simplified, but conservative, approach as it does not take into
account the autocorrelation typical of wind speed series. A more detailed analysis would be out of the scope of the
study whose main purpose is to investigate the smoothing effect of energy storage on wind generation. In addition, by
considering a Gaussian distribution, the “virtual” data points are more fluctuating in comparison to those generated
by a distribution which respects the auto-correlation. This wind speed data was used to generate a correspondent set
of generated power, by using a piece-wise fit based on the power curve of a commercial wind turbine with a rated
power of 200 kW (Hummer H25.0-200KW) [15], which was considered as suitable for the case study. These power
values should be considered as ideal, as they do not take into account the inertia of the turbine. Tang et al. [16] have
shown that the actual turbine time constant 7 is related to its natural time constant 1o as reported in Eq. 1:

T=1, Yrated €8
v
The rated speed is a characteristic given by the manufacturer. In general terms, 1o is the time constant of the turbine
when reaching its rated rotational speed under its rated torque from a stop condition. To estimate the 1o of the turbine
based on its rated power, a two-term power function to fit the data presented in [16] was used. This dataset was used
to adjust the ideal power output as obtained from the power curve by using,

id —Atlt
P=P_, +(P-P_) (1-e™") ©)

where At is equal to the chosen sampling time, 60s. The final output of these processes is reported as histograms for
wind speed and actual output power in Fig. 1.
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Fig. 1. (a) Histogram of the wind data series. (b) Histogram of the actual output power obtained from the turbine power curve and accounting for
the turbine inertia

3. Power smoothing algorithm

The calculations have been made by accounting for three different maximum ramp rates, defined as the difference
between the powers generated at two consecutive time steps, calculated as a percentage of the turbine power rating.
The thresholds are set at 5%, 7.5%, 10%. A variation limit within the 10% of the rated power capacity per minute is
reported in the Nordic Grid Code [17] and by the Puerto Rico Electric Power Authority[18], for example. However,
the application of more stringent conditions, as could be needed in isolated system, was simulated as well. Lithium-
Ion batteries were considered as a storage with a roundtrip efficiency of .= 0.9, charge and discharge efficiencies
assumed to be constant and both equal to 1. =na= 0.9"2. State of Charge (SoC) was always bound to be between 0.2
and 0.95 to prevent a quick battery degradation. Several combinations of battery capacities and power output have
been considered. As a reference value for sizing the battery, the average hourly energy production was obtained from
the power output of the turbine (£5) and ten values of Cy, were tested, ranging from 0.1 £, to 0.5-E), . Similarly, for the
battery power output, the rated power of the turbine was taken as a reference and ten values of P, ranging from 0.1Prateq
to 0.5-Praied Were considered. The model takes into input the actual power output from the turbine and the maximum
ramp size; in case the ramp exceeds the set threshold, a battery charging or discharging is necessary according to the
sign of the violation. In case of a positive violation (battery charging) one has to consider the energy to be charged,
the power of the battery and current SoC. Therefore, the battery is charged by considering the minimum among:

e The amount of energy to be charged into the battery to limit the ramp to the prescribed value;
e The energy that can be charged in a minute using the full power of the battery;
e The available storage capacity given by the difference between the current SoC and the maximum one.

The same logic is applied in case of a negative violation by considering the discharge capabilities of the battery.
The overall procedure is outlined in Fig. 2.
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Fig. 2. Schematics of the power smoothing algorithm
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In case a ramp size violation occurs, after the battery intervention, the new SoC and the modified output power are
calculated and their value updated. This repeats for every time step. In case of a positive violation, the SoC has to be
updated, depending on one of the three scenarios outlined above, with the following equation,

1/2
G | m
. 0 b 1
SOCt = SOCt—At + min (Pt - Pt—At ~ Prax Prated ) <At fZ <At (Socmax - Soct—At ) T2 | é,_ 3)
rt b
where P’ is the power output the turbine would have without the battery intervention and P the power output after the
ramp violation correction, pmqy is the maximum allowed ramp rate with respect to Prared (Pmax = 0.05, 0.075, 0.1).
The output power in case of a positive violation is calculated with,

= i 0 SoC . —SoC, )b 4
Pt‘B—At_mm (P; _Pt—At_pmax'Prated)'At’BJ'At’( Ol hax — 920 t—At)' 172 At “)

rt

Analogously, the same must been done in case of a negative violation for the SoC and the output power,
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As a final output of the model, a series of smoothed power production profiles obtained for different combinations
of capacity and power ratings of the batteries was obtained. These profiles have been compared with the non-smoothed
profile of wind generation, to obtain a ramp abatement ratio, defined as,

) ramp violations in the smoothed profile
abatement ratio =1— 7

ramp violations without the battery

The results have been reported in Fig. 3 in terms of abatement ratio for different capacity and power of the batteries.
In particular, y,=Cy/E) (ratio of battery capacity over the average hourly production of the wind turbine) and 7, =
Py/Praea (ratio of the battery power over the rated power of the turbine) have been used. This allows for a better
comparison of the relative values of the energy capacity and power ratings of the wind turbine and the tested battery
system, while giving an idea of the energy content associated with the fluctuations of wind power output exceeding
the prescribed ramp thresholds. Furthermore, the battery size expressed as (theorical) run-time hours at maximum
discharge power are reported. These lines indicate batteries having the same ratio of capacity (kWh) over power (kW).
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Fig. 3. Contour lines plot of the abatement ratio provided by the batteries, plotted against their nondimensionalized power (7, = Py/Pyueq) and
capacity (y,=Cy/Ej). The dashed lines indicate the run-time hours at maximum discharge power. (a) 5% max ramp ratio (b) 7.5 % (c) 10%.

A high abatement rate of 85% can be obtained with battery power and capacity ranging from Pp = 0.3-Pyaseq and
Cy=0.1-E}, for the 5% case, to Py = 0.4-Pyyeq and Cp=0.2-E}, for the 10% case. However, for this system it is not
possible to abate all the fluctuations: only with a maximum ramp rate of 5% batteries that have half of the power rating
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of the wind turbine and about half of its average hourly generation capacity are able to abate more than 90% of the
ramp violations. Whereas, if the allowed ramps are larger the associated energy flows are bigger, and in the
investigated range no combination of power and capacity can reach the same goal.

4. Battery degradation

The lifetime of a battery can be expressed as a number of full charge-discharge cycles it can sustain. However, the
batteries performing such power-smoothing service actually undergo through an irregular pattern of micro charge-
discharge cycles. The Rainflow Counting Algorithm is a technique commonly applied to estimate the battery life [19]
by considering a finite number of cycle depth intervals (d,,, which is scaled with respect to the allowable Depth of
Discharge of the battery, thus comprised between 0 and 1) and counting the number of cycles in each of discharge
range. The relative annual battery degradation, Dj, can be obtained by summing up the effect of all the M cycle depth
intervals, through [20]:

D, :f_;Nm/(A-a,f) ()

Eq. 9 requires two empirical parameters, 4 and B, which are to be determined for each specific battery. However,
a number of values for 4 and B are reported in the literature [19-22], and the values 4=1000 and B=-1/5 have been
chosen. Similarly to Fig. 3, Fig. 4 reports the results in term of battery lifetime L;, which is the multiplicative inverse
of the relative annual degradation (i.e. L, = 1/Dp) as a function of 7, and ;.
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Fig. 4. Life-time in years of the batteries, plotted against their nondimensionalized power and capacity. (a) 5% max ramp ratio (b) 7.5 % (c) 10%.

By comparing Fig. 3 and Fig. 4, it can be seen that the iso-abatement curves are “more vertical” meaning that the
smoothing capability depends more on the power of the batteries, whereas their durability increases more with their
capacity, being the iso-lifetime curves “more horizontal”. Thus, the minimum power-capacity pairings capable of
guaranteeing an 85% abatement rate lead to a short lifetime, of about one year. In case (c), a 4 year durability can be
reached at C»=0.5-Ej, which paired with a power Py = (.4-P,qq enables an 85% ramp abatement ratio. The battery
installations lasting longer than 6 years lead to an abatement ratio that can reach 70 to 75% for the three cases.

5. Conclusions

This study shows the capability of a Li-lon battery systems in effectively abating the ramp rates of wind power
production systems. Actual wind data from a windfarm in Costa Rica coupled with a 200kW wind turbine was used
as a reference. A wide range of batteries capacities and powers and three values for the ramp rate threshold have been
investigated. High abatement rate can be obtained with a wide range of battery power and capacity. On the other hand,
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the limited lifespan of battery systems showing good ramp abatement performances suggests that a thorough economic
analysis has to be conducted, comparing the benefit coming from the smoothing effect with the investment cost
necessary to achieve it. Furthermore, the usage of hybrid energy storage systems, comprising flywheels or ultra-
capacitors, shall be looked upon as they can help decouple the power and energy requirements of the storage systems
and reduce the cycling stress on the batteries.
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