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Recommendation Algorithms Based on Behavioral History.

B}

Wang Jianwei

fEEHA

TR

TRBURSE RSB T oA JERE I T Lo e iR

With the rapid popularity of Internet and mobile Internet, the number of movie entertainment information

onthe Web is quite huge, and it is increasingly difficult for people to obtain information about movies of interest.

In this study, we propose a personalized recommendation strategy based on the sequence of user playing

behavior for the personalized recommendation problem of movie websites. The strategy analyzes the user
playing video behavior data by Word2vec, a deep neural network word vector model, maps the videos into

equal-dimensional feature vectors, calculates the similarity of movies, and uses it as the basis of recommendation

to generate a recommendation list to users. In addition, to improve recommendation accuracy, \Word2vec

parameter settings were considered, and a pre-processing method for history sequences was proposed.
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