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Executive Summary

In adaptive testing, each subsequent item is often selected to have maximum information at the current
estimate of the ability of the test taker. An important advantage of this procedure, compared to nonadaptive
assessments, is that the same measurement precision can be realized at a shorter test length. However,
because the properties of the items are estimated from previous response data, the adaptive procedure may
capitalize on these estimation errors rather than the true properties of the items.

The problem of capitalization on estimation error has been addressed before in the educational
measurement literature in the context of assembling a fixed form of a test. However, the problem has never
been addressed for a test with an adaptive format. In this paper, the problem is explored for adaptive testing
both through an informal analysis and an empirical study using simulated data.

As expected, adaptive procedures are most sensitive to errors in the estimated discrimination
parameters. Also, the simulation study showed a clear preference by the adaptive procedures for items with
larger errors in the estimates of the discrimination parameters. However, the effect of this capitalization on
estimation error in the item parameters was minor compared to the effects of the relative deficiencies in the
item pool corresponding to certain intervals of the ability scale.

The practical conclusion from this study is that good item calibration is an important requisite for
adaptive testing. However, once the sample of test takers is large enough, the composition of the item pool
takes over as a more important factor for the quality of the adaptive procedure.

Abstract

In adaptive testing, item selection is sequentially optimized during the test. Since the optimization takes
place over a pool of items calibrated with estimation error, capitalization on these errors is likely to occur.
How serious the consequences of this phenomenon are depends not only on the distribution of the
estimation errors in the pool or the ratio of the test length to the pool size, but also on the structure of the
item-selection criteria used. A simulation study demonstrated the existence of the phenomenon empirically.
It also showed that its effect on the errors in the ability estimates interacts strongly with the distribution of
the items in the pool.

Introduction

The ideal underlying computerized adaptive testing (CAT) is to adapt the properties of the test items
optimally to the ability of the examinee. An effective framework to realize this goal is item response theory
(IRT). An important feature of IRT models is that they have separate parameters to represent the properties
of the items and the ability of the examinee. As a consequence, these models can be used to select items such
that an optimal match is obtained between (a function of) the values of the item parameters and the value of
the ability parameter. Since the value of the ability parameter is not known, the test begins with an a priori
estimate of the value of the ability parameter that is updated after each new item response. The values of the
item parameters are estimated in advance; during the test these estimates are usually treated as if they are
the true values of the parameters. A more complete description of adaptive testing is given in Wainer (1990).

One of the functions of the item parameters often used in adaptive testing is Fisher’s information
function (Hambleton & Swaminathan, 1985, chap. 6; Lord, 1980, chap. 5). This function not only has the
advantage of being monotonically related to the (asymptotic) standard error of the ML estimator of the
ability parameter but is also additive in the item information functions. Use of the function is generally
accompanied by the application of the maximum-information criterion of item selection which selects the
next item to have maximum information at the current estimate of the value of the ability parameter. If the
value of the ability parameter is estimated in a Bayesian fashion; that is, by its posterior distribution given
the responses on the previous items, other functions of the item parameter values are used. A well-known
example of these functions is the one used in the minimum expected posterior variance criterion. In Bayesian
adaptive testing, the next item is selected to minimize this function. A more complete description of these
item-selection criteria is given below.

Application of an item-selection criterion over a pool of items for a given examinee always involves
optimization; that is, the next item is chosen to have a maximum or minimum value for the criterion.
However, since the values for the item parameters are estimated, a process generally known as
“capitalization on chance” may occur. The process operates on the fact that optimal values of a function of
the item parameters can be the result of extreme true values of the parameters as well as large estimation
errors. Consequently, if items are selected optimizing the value of this function, large estimation errors tend
to be overrepresented among the items selected. The result is an ability estimator with an accuracy likely
worse than expected.
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In test theory, the phenomenon of capitalization on chance has been well addressed for the selection
problem of choosing a battery of variables with the largest predictive validity for job performance or
academic success. The measure usually taken to counter its effect is to split the sample into a screening
sample and a calibration sample. The variables are then selected in the screening sample but their regression
parameters are re-estimated in the calibration sample (Lord & Novick, 1968, chap. 13). The effect of this cross
validation typically is a shrinkage of the initial estimates of the regression parameters to more realistic sizes.

The problem of capitalization on chance was not addressed in the literature on test assembly until
recently in papers by Hambleton and associates (Hambleton & Jones, 1994; Hambleton, Jones, & Rogers,
1993). These authors show that if test forms are assembled to have maximum information over an ability
interval and the values of the item parameters are estimated from a sample of N = 400 examinees, the height
of the information function may be overestimated by as much as 25 to 40%. Samples of this size are not
uncommon in educational testing.

Several factors can be expected to have an impact on the process of capitalization on calibration error.
The first is the distribution of the errors in the estimated parameter values in the item pool. Obviously, the
larger the errors (or the smaller the calibration sample), the larger the effect of the capitalization on the
values of the criterion. The second is the ratio of the number of items selected to the number in the pool. The
smaller the ratio, the larger the likelihood of selecting items only from those with the larger estimation
errors. The roles of both factors were confirmed in the studies by Hambleton et al.

The authors of this paper had no strong prior opinion as to the question of whether the effects of
capitalization on error in CAT would be more or less serious than that in the assembly of test forms with a
fixed format. The size of the estimation errors and the selection ratio were certainly expected to remain
important factors, but the role of the two new factors was unclear. The first new factor is the structure of the
function of the item parameters used in the item-selection criterion. As shown in an analysis below, item-
selection criteria are certainly sensitive to estimation error. On the other hand, it is known that for CATs of
realistic length, the ability estimator is quite robust with respect to the choice of the item-selection criterion
(Chang & Ying, 1996; van der Linden, 1998; van der Linden & Reese, 1998; Veerkamp & Berger, 1997). The
same may thus hold true with respect to variation in the criterion values due to estimation error. The second
factor deals with the question of how the effects of early capitalization on errors in a CAT propagate later on
in the test. In another context, it has been found that early bias in the ML ability estimator in a CAT tends to
be neutralized by the maximum-information criterion later in the process (van der Linden, 1998). However,
not much is known with respect to the effects of errors in the estimated values of the item parameter.

From a practical point of view, errors due to capitalization on chance in CAT are much more serious than
in the assembly of forms for paper-and-pencil testing. All items are selected in real time, and the estimated
of their parameter values are used immediately to find the next “optimal” item. In adaptive testing, cross
validation of item selection is impossible.

The remainder of this paper is organized as follows. First, the item-selection criteria used in this study
are introduced and analyzed for their liability to errors in item parameter estimation. Then, the design of the
simulation study is discussed. The last section of the paper presents the results from the simulation study
and draws some practical conclusions.

Item-Selection Criteria and Estimation Error

As already indicated, the effects of capitalization on calibration error in CAT may depend not only on
the size of the calibration errors but also on the function defined on the item parameters optimized. One of
the functions in use for CAT is Fisher’s information function. For dichotomously scored items, the function
has the following form:
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θ θ
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� �Pi θ being the response function for item i, � ��P θ its first derivative with respect to θ, and � � � �Q Pi iθ θ� �1
(Lord, 1980, sect. 5.4). In CAT, the function is used to find the item in the pool that yields the largest value at
θ θ� �, where �θ is the current estimate of the ability of the examinee.

For the two-parameter logistic (2-PL) model

� � � �� 	
 �P a bi i iθ θ� � � �
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exp , (2)
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with ai and bi being the discrimination and difficulty parameter of item i, respectively, the information
function is equal to

� � � � � �I a P Qi i i iθ θ θ� 2 . (3)

Analytically, for a fixed value of ai the function in Equation 3 reaches a maximum for θ � b i , that is, for
the θ value that gives � �Pi θ = .50. At this point the maximum is equal to .25ai

2 . Thus, a CAT algorithm based
on the maximum-information criterion will have a tendency to select items from the pool with values of bi
close to �θ and large values for ai.

The critical factor in Equation 3 is the size of the discrimination parameter ai rather than the factor
� � � �P Qi iθ θ . Because the parameter is squared in Equation 1, the effect of estimation errors is enlarged. On the

other hand, the factor � � � �P Qi iθ θ in Equation 1 is robust with respect to values for bi in the neighborhood of
the θ value of the examinee, even for larger values of ai. If the value of � �Pi θ is in the range of [.40, .60], the
maximal difference between the product � � � �P Qi iθ θ and its maximum value is .01. If the range is enlarged to
[.30, .70], the difference is still not larger than .04. Thus, a CAT algorithm based on the
maximum-information criteria can be expected to capitalize on large errors in ai but to be relatively robust with
respect to errors in bi.

If the three-parameter logistic (3-PL) model

� � � � � �� 	
 �P c c a bi i i i iθ θ� � � � � �
�

1 1
1

exp (4)

with guessing parameter ci is chosen, the structure of the information function remains identical to the one in
Equation 3. The only change is the replacement of the factor � �P Qi iθ (θ) in Equation 3 by
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with � �Pi θ defined by Equation 4 and � � � �Q Pi iθ θ� �1 . Note that Equation 5 is generally smaller than the
factor � � � �P Qi iθ θ in Equation 3 but that equality is obtained if ci � 0. It can therefore be concluded that
Equation 5 has a smaller effect on the value of the information function than the factor � � � �P Qi iθ θ in
Equation 3 and that the value of the discrimination parameter ai remains the critical factor.

A Bayesian criterion for item selection in CAT is the one of minimum expected posterior variance. An
approximate version of the criterion for use in CAT was introduced by Owen (1975). In the criterion it is
assumed that the ability estimation starts with a prior distribution for θ updated after each item response
using Bayes theorem. The next item selected has a predicted posterior distribution with minimum variance
among all items. For a more detailed description of this criterion, see van der Linden (1998).

To present the criterion more formally, let (u1 ,..., uk � 1 ) be the responses obtained on the first k – 1 items
in the CAT. If item i is selected, the expected posterior variance is

� � � �P U j u u Var u u U ji i k k i
j

� �� �
�
� | , ... , | , ... , ,1 1 1 1

1

2

θ ,
(6)

where � �Var u ukθ| , ... ,1 1� is the posterior variance of θ and

� � � � � �P U j u u P U j g u u di i k i i k� � �� ��| , ... , | | , ... ,1 1 1 1θ θ θ (7)

is the posterior predictive probability of response ui on item i given the responses u1 , ...,uk � 1 to the previous
items. The next item is selected to have a minimal value for Equation 6 among the items in the pool.

A variation of the criterion in Equation 6 is the maximum expected posterior-weighted information
criterion. The criterion also predicts the probabilities of responses Ui = 1 and Ui = 0 for each item i in the
pool, but uses these probabilities to calculate the expected posterior-weighted information.
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θ θ� �u U j dk i� �1 , θ

(8)

where � �g θ|. is the posterior density of θ after k – 1 items have been selected. The integral in Equation 8 is the
information in the item response vector weighted by the posterior uncertainty if item i is selected as the kth
item and response j = 0,1 is given to the item. The rest of the expression is to take the expectation over the
posterior probabilities of giving response j = 0,1 to item i.

The critical difference between the maximum-information criterion in Equation 3 and the maximum
expected posterior-weighted information in Equation 8 is the role of the posterior distribution of θ. In
Equation 3 the information function is evaluated close to the center of the posterior distribution of θ whereas
in Equation 8 the information function is integrated over the full posterior. It is expected that the two criteria
show different behavior at the beginning of the test where Equation 3 has a preference for information
functions that peak at the center of the posterior, but that difference disappears as the posterior itself
becomes peaked later in the test.

Simulation Study

To further explore the role of capitalization on error in CAT, a simulation study was conducted. The effects
of the following factors were studied:

1. The size of the calibration sample (N = 500, 1,500, 2,500, �);

2. The length of the test (n = 10, 20, 40);

3. The size of the item pool (k = 40, 80, 400, 1,200);

4. The nature of the item-selection criterion (maximum information, minimum expected posterior
variance, maximum expected posterior-weighted information).

In all cases, ability was estimated using the expected a posteriori (EAP) estimator with a N(0,1) prior. For the
maximum information criterion, ability was also estimated using the weighted maximum likelihood (WML)
estimator derived in Warm (1989). The latter is attractive because of its negligible bias.

Method

A calibrated pool of items was simulated as follows: A data matrix with 1,000 examinees by 100 items
was available from a Dutch national school graduation exam of English as a foreign language. The items
were calibrated under the 2-PL model (see Equation 2) using the method of marginal maximum likelihood
estimation with a N(0,1) distribution for the ability parameter. In addition, the information matrix for the
item parameters was estimated from the data. To simulate calibration samples of different sizes, the required
number of examinees were drawn from the data matrix at random and with replacement. As the information
matrix is additive in the examinees, it could easily be adapted to the various samples of examinees.

The true parameter values were equated to the values estimated from the data matrix; their distributions
are displayed in Table 1. The distribution of the values for the item difficulty parameter had a mean of .970,
for an ability distribution with mean and standard deviation normed at .00 and 1.0, respectively. Thus, the
item pool was relatively difficult for the examinees.

TABLE 1
Distribution of true parameter values in simulated item pool

Mean Minimum Maximum
Standard
Deviation

ai 0.777 0.222 1.841 0.288

bi 0.970 –1.262 3.590 0.885

Item calibration errors were drawn from normal distributions using the information matrix to calculate
their variances. To simulate calibrated pools with larger numbers of items, the set of true values of the item
parameters was duplicated and independent draws for the error distributions were made.
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Each of the item pools in this study had 1,200 simulated items. In one part of the study, the item pool
consisted of a mixture of items calibrated using different sample sizes; one quarter of the items were
simulated to be calibrated on a sample of 250 examinees, one third on a sample of 1,500 examinees, one third
on a sample of 2,500 examinees. These sections of the pool thus had identical distributions of their true
parameter values but differed in the size of their calibration errors. The presence of capitalization on
calibration errors was examined by counting the number of times items from the three sections were used in
the adaptive tests.

In the second part of the study, the item pools were homogeneous with respect to the size of the
calibration sample. These pools were used to access the effect of item calibration error on the final ability
estimates in the adaptive procedures.

The adaptive testing procedure was replicated 100 times for θ = 2.0, –1.0, 0.0, 1.0, 2.0, to obtain stable
estimates of the counts and mean absolute errors.

Results

Figures 1–3 display the counts of the numbers selected in the adaptive procedure from the sections in the
item pool calibrated on samples of N = 500, 1,500, and 2,500 examinees as a function of θ. In each panel, the
curves always sum to 100n (that is, the number of replications times test length). The dominant impression
from the figures is that the smaller the calibration sample size, the larger the number of items selected. A
surprisingly strong effect was present for the maximum posterior-weighted expected information criterion in
combination with tests of n =10 items. However, an exception was obtained for the maximum-information
criterion and WML ability estimation for n = 10; an explanation for this anomaly could not be found. The
effect showed a tendency to decline for tests with 40 items but was still present at this test length, in

particular at the high end of the ability scale.
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FIGURE 1. Number of items in the adaptive tests selected from
the sections in the pool calibrated on N = 500, 1,500, and 2,500
examinees for the various item-selection criteria (n = 10)
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FIGURE 2. Number of items in the adaptive tests selected from
the sections in the pool calibrated on N = 500, 1,500, and 2,500
examinees for the various item-selection criteria (n = 20)

FIGURE 3. Number of items in the adaptive tests selected from
the sections in the pool calibrated on N = 500, 1,500, and 2,500
examinees for the various item-selection criteria (N = 40)



Though not reported in these figures, the values of the discrimination parameters, ai, for the items
selected were broken down into sets of items with ai < .7 and ai � .7. This distinction corresponds to items
with discrimination values below and above the average value for the items in the pool (see Table 1).
However, for nearly all θ values and item-selection criteria, items with values for ai in the lower category
were never chosen. The only exception were a few cases with low θ values for the maximum-information
criterion. These results remind us of a point well known in the practice of adaptive testing: Due to the
presence of low discriminating items, the effective size of the item pool is generally much smaller than the
number of items present in the pool.

In figures 4–6, each curve represents the mean absolute error in the ability estimates as a function of θ for
the item pools calibrated on samples with sizes of N = 500, 1,500, and 2,500 examinees, the mixture of these
sample sizes used above, and the true parameter values (N = �). For n = 10, the U-shaped curves typical of a
short adaptive test with a prior for the ability parameter located at θ = 0 were obtained. For n = 20 and 40,
the curves became flatter, where the curves for the Bayesian item-selection criteria tended to be lower and
flatter than those for the maximum-information criterion. Though the four criteria showed different degrees
of capitalization on calibration error in Figures 1–3, the curves in Figures 4–6 were more homogeneous. the
most conspicuous property of the latter, however, was a much larger variation in the mean absolute error
between the different calibration samples at the higher part of the ability scale. at this part of the scale, the
size of the mean absolute errors was inversely related to the size of the calibration sample. This result is due
to the larger supply of difficult items in the pool (see Table 1). As a consequence, the item-selection ratio at
this part of the scale is considerably smaller, and the tendency to capitalize on item parameter estimation
errors is much stronger.
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FIGURE 4. Mean absolute error in the ability estimates for item
pools calibrated on N = 500 (solid curve), 1,500 (dashed curve),
2,500 (dotted curve), a mixture of these sample sizes (bold curve),
and N = � examinees (grey curve) for the four item-selection
criteria (n = 10)
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FIGURE 5. Mean absolute error in the ability estimates for item
pools calibrated on N = 500 (solid curve), 1,500 (dashed curve),
2,500 (dotted curve), a mixture of these sample sizes (bold curve),
and N = � examinees (grey curve) for the four item-selection
criteria (n = 20)

FIGURE 6. Mean absolute error in the ability estimates for item
pools calibrated on N = 500 (solid curve), 1,500 (dashed curve),
2,500 (dotted curve), a mixture of these sample sizes (bold curve),
and N = � examinees (grey curve) for the four item-selection
criteria (n = 40)



The effect of the item-selection ratio is also shown in Figure 7. For an item pool with size k = 40, that is, a
large item-selection ratio, capitalization on calibration errors is not expected to occur and the mean absolute
error in the ability estimates is high at the lower end of the scale and smaller at the higher end. The curves
reflect the fact that the majority of the items were relatively difficult. If the size of the item pool increases,
and the item-selection ratio decreases, the curves for the smaller calibration samples deteriorated at the
higher end of the scale, whereas the curve for the true parameter values further improved. This increase in
differences between the curves for the various sample sizes at the high end of the scale across the four panels
in this figure is therefore expected to be due to capitalization on calibration error.

Conclusion

The general picture emerging from this example is that capitalization on calibration error does occur in
adaptive testing and that its most important determinant is the item-selection ratio. Item pools and test
lengths of various sizes were used to study the effects of this ratio on the ability estimates. However, because
the item pools were generated from an empirical data set, difficult items were overrepresented, the result
being an actual item-selection ratio smaller than expected at the higher end of the ability scale.

This unexpected result showed that the composition of the item pool is an important factor interacting
with the effect of capitalization on errors in the item parameters on the errors in the ability estimates. Large
numbers of items for certain θ values–intuitively an attractive feature of an item pool—is not a desideratum
if the calibration sample is small.

References

Chang, H. H., & Ying, Z. (1996). A global information approach to computerized adaptive testing. Applied
Psychological Measurement, 20, 213–229.

Hambleton, R. K., & Jones, R. W. (1994). Item parameter estimation errors and their influence on test
information functions. Applied Measurement in Education, 7, 171–186.

Hambleton, R. K., Jones, R. W., & Rogers, H. J. (1993). Influence of item parameter estimation errors in test
development. Journal of Educational Measurement, 30, 143–155.

9

FIGURE 7. Mean absolute error in the ability estimates for item
pools calibrated on N = 500 (solid curve), 1,500 (dashed curve),
2,500 (dotted curve), a mixture of these sample sizes (bold curve),
and N = � examinees (grey curve) for pool sizes of k = 40, 80,
400, 1,200 items (maximum-information criterion with the
weighted maximum likelihood estimation of ability (n = 20)



Hambleton, R. K., & Swaminathan, H. (1985). Item response theory: Principles and applications. Boston:
Kluwer-Nijhoff.

Lord, F. M. (1980). Applications of item response theory to practical testing problems. Hillsdale, NJ: Erlbaum.

Lord, F. M. (1983). Small N justifies Rasch model. In D. J. Weiss (Ed.), New horizons in testing: Latent trait
theory and computerized adaptive testing. New York: Academic Press.

Lord, F. M., & Novick, M.R. (1968). Statistical theories of mental test scores. Reading, MA: Addison-Wesley.

Owen, R. J. (1975). A Bayesian sequential procedure for quantal response in the context of adaptive testing.
Journal of the American Statistical Association, 70, 351–356.

Tang, K. L., Way, W. D., & Carey, P. A. The effect of small calibration sample sizes on TOEFL IRT-based equating
(TOEFL Technical Report TR-7). Princeton, NJ: Educational Testing Service.

Thomasson, G. L. (1995, June). New item exposure control algorithms for computerized adaptive testing. Paper
presented at the annual meeting of the Psychometric Society, Minneapolis, MN.

Tsutakawa, R. K., & Johnson, J. C. (1990). The effect of uncertainty on item parameter estimation on ability
estimates. Psychometrika, 55, 371–390.

van der Linden, W. J. (1998). Bayesian item selection criteria for adaptive testing. Psychometrika, 63, 210-216.

van der Linden, W. J., & Reese, L. M. (1998). A model for optimal constrained adaptive testing. Applied
Psychological Measurement, 22, 259–270.

Veerkamp, W. J. J., & Berger, M. P. F. (1997). Some new item selection criteria for adaptive testing. Journal of
Educational and Behavioral Statistics, 22, 203–226.

Wainer, H. (Ed.) (1990). Computerized adaptive testing: primer. Hillsdale, NJ: Erlbaum.

Warm, T. A. (1989). Weighted likelihood estimation of ability in item response theory. Psychometrika, 54,
427–450.

10



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /OK
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /CMYK
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /AdLibBT-Regular
    /AllegroBT-Regular
    /AmericanaBT-Bold
    /AmericanaBT-ExtraBold
    /AmericanaBT-ExtraBoldCondensed
    /AmericanaBT-Italic
    /AmericanaBT-Roman
    /AmericanGaramondBT-Bold
    /AmericanGaramondBT-BoldItalic
    /AmericanGaramondBT-Italic
    /AmericanGaramondBT-Roman
    /AmerigoBT-BoldA
    /AmerigoBT-BoldItalicA
    /AmerigoBT-ItalicA
    /AmerigoBT-MediumA
    /AmerigoBT-MediumItalicA
    /AmerigoBT-RomanA
    /AmerTypewriterITCbyBT-Medium
    /AndaleMonoIPA
    /ArchitecturePlain
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialUnicodeMS
    /ArsisD-Regu
    /ArsisD-ReguItal
    /AvantGardeITCbyBT-Book
    /AvantGardeITCbyBT-BookOblique
    /AvantGardeITCbyBT-Demi
    /AvantGardeITCbyBT-DemiOblique
    /AvantGardeITCbyBT-Medium
    /AvantGardeITCbyBT-MediumOblique
    /AvantGarGotItcTEE-Book
    /AvantGarGotItcTEE-BookObli
    /AvantGarGotItcTEE-Demi
    /AvantGarGotItcTEE-DemiObli
    /BankGothicBT-Medium
    /BaskervilleBT-Bold
    /BaskervilleBT-BoldItalic
    /BaskervilleBT-Italic
    /BaskervilleBT-Roman
    /Batang
    /BauerBodoniBT-Black
    /BauerBodoniBT-BlackCondensed
    /BauerBodoniBT-BlackItalic
    /BauerBodoniBT-Bold
    /BauerBodoniBT-BoldCondensed
    /BauerBodoniBT-BoldItalic
    /BauerBodoniBT-Italic
    /BauerBodoniBT-Roman
    /BauerBodoniBT-Titling
    /BDMerced
    /BedrockPlain
    /BelweBT-Bold
    /BelweBT-Light
    /BelweBT-Medium
    /BelweBT-RomanCondensed
    /BenguiatITCbyBT-Bold
    /BenguiatITCbyBT-BoldItalic
    /BenguiatITCbyBT-Book
    /BenguiatITCbyBT-BookItalic
    /BernhardFashionBT-Regular
    /BernhardModernBT-Bold
    /BernhardModernBT-BoldItalic
    /BickleyScriptPlain
    /BlippoBT-Black
    /BodoniBT-Bold
    /BodoniBT-BoldCondensed
    /BodoniBT-BoldItalic
    /BodoniBT-Book
    /BodoniBT-BookItalic
    /BodoniBT-Italic
    /BodoniBT-Roman
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BremenBT-Bold
    /BroadwayBT-Regular
    /BroadwayPosterFH
    /Brochure-Normal
    /Brush445BT-Regular
    /Brush738BT-RegularA
    /BrushScriptBT-Regular
    /Bullets1
    /Bullets2
    /Bullets3
    /Business&Government
    /Calligraphic421BT-RomanB
    /Century
    /Century725BT-Black
    /Century725BT-Bold
    /Century725BT-BoldCondensed
    /Century725BT-Italic
    /Century725BT-Roman
    /Century725BT-RomanCondensed
    /Century731BT-BoldA
    /Century731BT-BoldItalicA
    /Century731BT-ItalicA
    /Century731BT-RomanA
    /Century751BT-ItalicB
    /Century751BT-RomanB
    /CenturyExpandedBT-Bold
    /CenturyExpandedBT-BoldItalic
    /CenturyExpandedBT-Italic
    /CenturyExpandedBT-Roman
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbookBT-Bold
    /CenturySchoolbookBT-BoldItalic
    /CenturySchoolbookBT-Italic
    /CenturySchoolbookBT-Roman
    /CenturySchoolbook-Italic
    /CharlesworthBold
    /ChiantiBT-Bold
    /ChiantiBT-BoldItalic
    /ChiantiBT-Italic
    /ChiantiBT-Roman
    /ClassicalGaramondBT-Bold
    /ClassicalGaramondBT-BoldItalic
    /ClassicalGaramondBT-Italic
    /ClassicalGaramondBT-Roman
    /Cmbx10
    /Cmex10
    /Cmmi10
    /Cmr10
    /Cmsy10
    /Cmti10
    /ComicSansMS
    /ComicSansMS-Bold
    /CommercialScriptBT-Regular
    /CommonBullets
    /CooperBT-BlackHeadline
    /CooperBT-BlackItalic
    /CooperBT-BlackItalicHeadline
    /CooperBT-BlackOutline
    /CooperBT-Bold
    /CooperBT-BoldItalic
    /CooperBT-Light
    /CooperBT-LightItalic
    /CooperBT-Medium
    /CooperBT-MediumItalic
    /CopperplateGothicBT-Bold
    /CopperplateGothicBT-Heavy
    /CopperplateGothicBT-Roman
    /CopperplateGothicBT-RomanCond
    /Courier10PitchBT-Bold
    /Courier10PitchBT-Roman
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /CroissantD
    /DauphinPlain
    /Decorated035BT-Regular
    /DFDiversions
    /DFDiversities
    /DomCasualBT-Regular
    /Dutch801BT-Bold
    /Dutch801BT-BoldItalic
    /Dutch801BT-Italic
    /Dutch801BT-Roman
    /Eklektic-Normal
    /English111VivaceBT-Regular
    /English157BT-Regular
    /EstrangeloEdessa
    /FencesPlain
    /Festive
    /FlamencoD
    /FlemishScriptBT-Regular
    /FranklinGothic-DemiCond
    /FranklinGothic-Heavy
    /FranklinGothicITCbyBT-Book
    /FranklinGothicITCbyBT-BookItal
    /FranklinGothicITCbyBT-Demi
    /FranklinGothicITCbyBT-DemiItal
    /FranklinGothicITCbyBT-Heavy
    /FranklinGothicITCbyBT-HeavyItal
    /FranklinGothic-Medium
    /FranklinGothic-MediumCond
    /FranklinGothic-MediumItalic
    /Freehand471BT-Regular
    /Freehand521BT-RegularC
    /Freehand575BT-RegularB
    /Freehand591BT-RegularA
    /FuturaBlackBT-Regular
    /FuturaBT-Bold
    /FuturaBT-BoldCondensed
    /FuturaBT-BoldCondensedItalic
    /FuturaBT-BoldItalic
    /FuturaBT-Book
    /FuturaBT-BookItalic
    /FuturaBT-ExtraBlack
    /FuturaBT-ExtraBlackCondensed
    /FuturaBT-ExtraBlackCondItalic
    /FuturaBT-ExtraBlackItalic
    /FuturaBT-Heavy
    /FuturaBT-HeavyItalic
    /FuturaBT-Light
    /FuturaBT-LightCondensed
    /FuturaBT-LightItalic
    /FuturaBT-Medium
    /FuturaBT-MediumCondensed
    /FuturaBT-MediumItalic
    /FuturaLtCnBTItalic
    /FuturaLtCnBT-Italic
    /FuturaMdCnBTItalic
    /FuturaMdCnBT-Italic
    /GalliardITCbyBT-Bold
    /GalliardITCbyBT-BoldItalic
    /GalliardITCbyBT-Italic
    /GalliardITCbyBT-Roman
    /Garamond
    /Garamond-Bold
    /Garamond-Italic
    /GaramondITCbyBT-Bold
    /GaramondITCbyBT-BoldCondensed
    /GaramondITCbyBT-BoldCondItalic
    /GaramondITCbyBT-BoldItalic
    /GaramondITCbyBT-Book
    /GaramondITCbyBT-BookCondensed
    /GaramondITCbyBT-BookCondItalic
    /GaramondITCbyBT-BookItalic
    /GaramondNo4CyrTCY-Ligh
    /GaramondNo4CyrTCY-LighItal
    /GaramondNo4CyrTCY-Medi
    /Gautami
    /Geometric231BT-BoldC
    /Geometric231BT-HeavyC
    /Geometric231BT-RomanC
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /GoudyHandtooledBT-Regular
    /GoudyOldStyleBT-Bold
    /GoudyOldStyleBT-BoldItalic
    /GoudyOldStyleBT-Italic
    /GoudyOldStyleBT-Roman
    /Haettenschweiler
    /Humanist521BT-Bold
    /Humanist521BT-BoldCondensed
    /Humanist521BT-BoldItalic
    /Humanist521BT-ExtraBold
    /Humanist521BT-Italic
    /Humanist521BT-Light
    /Humanist521BT-LightItalic
    /Humanist521BT-Roman
    /Humanist521BT-RomanCondensed
    /Humanist521BT-UltraBold
    /Humanist521BT-XtraBoldCondensed
    /Humanist531BT-BlackA
    /Humanist531BT-BoldA
    /Humanist531BT-RomanA
    /Humanist531BT-UltraBlackA
    /Humanist777BT-BlackB
    /Humanist777BT-BlackItalicB
    /Humanist777BT-BoldB
    /Humanist777BT-BoldItalicB
    /Humanist777BT-ItalicB
    /Humanist777BT-LightB
    /Humanist777BT-LightItalicB
    /Humanist777BT-RomanB
    /Humanist970BT-BoldC
    /Humanist970BT-RomanC
    /HumanistSlabserif712BT-Black
    /HumanistSlabserif712BT-Bold
    /HumanistSlabserif712BT-Italic
    /HumanistSlabserif712BT-Roman
    /HuxleyVerticalBT-Regular
    /IceAgeD
    /Impact
    /ImpressBT-Regular
    /Informal011BT-Roman
    /Ireland-Normal
    /ItcSymbol-Black
    /ItcSymbol-BlackItalic
    /ItcSymbol-Bold
    /ItcSymbol-BoldItalic
    /ItcSymbol-Book
    /ItcSymbol-BookItalic
    /ItcSymbol-Medium
    /ItcSymbol-MediumItalic
    /KabelBd
    /KabelITCbyBT-Book
    /KabelITCbyBT-Demi
    /KabelITCbyBT-Medium
    /KabelITCbyBT-Ultra
    /Kartika
    /Latha
    /Latin725BT-Bold
    /Latin725BT-BoldItalic
    /Latin725BT-Italic
    /Latin725BT-Medium
    /Latin725BT-MediumItalic
    /Latin725BT-Roman
    /LatinExtraCondensedBT-Regular
    /Lithograph
    /Lithograph-Bold
    /LithographLight
    /Longhand
    /Longhand-Bold
    /LucidaConsole
    /LucidaSans
    /LucidaSans-Demi
    /LucidaSans-DemiItalic
    /LucidaSans-Italic
    /LucidaSansUnicode
    /LydianBT-Bold
    /LydianBT-BoldItalic
    /LydianBT-Italic
    /LydianBT-Roman
    /LydianCursiveBT-Regular
    /Mangal-Regular
    /MapInfoCartographic
    /MathematicalPi-Five
    /MathematicalPi-Four
    /MathematicalPi-One
    /MathematicalPi-Six
    /MathematicalPi-Three
    /MathematicalPi-Two
    /MetalcutBoldSwfte
    /MetalcutRegularSwfte
    /MicrogrammaD-BoldExte
    /MicrosoftSansSerif
    /ModernMT-Bold
    /ModernMT-BoldItalic
    /ModernMT-Condensed
    /ModernMT-CondensedItalic
    /ModernMT-Extended
    /ModernMT-ExtendedItalic
    /ModernMT-Wide
    /ModernMT-WideItalic
    /MonaLisaRecutITC-Normal
    /Monospace821BT-Bold
    /Monospace821BT-Roman
    /MonotypeSorts
    /MS-Mincho
    /MSOutlook
    /MT-Extra
    /MVBoli
    /NewsGothicBT-Bold
    /NewsGothicBT-BoldCondensed
    /NewsGothicBT-BoldCondItalic
    /NewsGothicBT-BoldExtraCondensed
    /NewsGothicBT-BoldItalic
    /NewsGothicBT-Demi
    /NewsGothicBT-DemiItalic
    /NewsGothicBT-ExtraCondensed
    /NewsGothicBT-Italic
    /NewsGothicBT-ItalicCondensed
    /NewsGothicBT-Light
    /NewsGothicBT-LightItalic
    /NewsGothicBT-Roman
    /NewsGothicBT-RomanCondensed
    /NuptialBT-Regular
    /OCRAbyBT-Regular
    /OzHandicraftBT-Roman
    /Palatino-Bold
    /Palatino-BoldItalic
    /Palatino-Italic
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Palatino-Roman
    /ParisianBT-Regular
    /ParkAvenueBT-Regular
    /PMingLiU
    /PosterBodoniBT-Roman
    /Pristina-Regular
    /Raavi
    /RomanaBT-Bold
    /RomanaBT-Roman
    /Sabon-Bold
    /Sabon-BoldItalic
    /Science
    /SerifaBT-Bold
    /SerifaBT-Italic
    /SerifaBT-Roman
    /SerifaBT-Thin
    /Shapes1
    /Shapes2
    /ShelleyAllegroBT-Regular
    /Shruti
    /Signs
    /SILDoulosIPA93Bold
    /SILDoulosIPA93BoldItalic
    /SILDoulosIPA93Italic
    /SILDoulosIPA93Regular
    /SILGalatia
    /SILGalatiaBold
    /SILGalatiaExtras
    /SILGalatiaExtrasBold
    /SILGreekTransBold
    /SILGreekTransBoldItalic
    /SILGreekTransItalic
    /SILGreekTransRegular
    /SILManuscriptIPA93Bold
    /SILManuscriptIPA93BoldItalic
    /SILManuscriptIPA93Italic
    /SILManuscriptIPA93Regular
    /SILSophiaIPA93Bold
    /SILSophiaIPA93BoldItalic
    /SILSophiaIPA93Italic
    /SILSophiaIPA93Regular
    /SimSun
    /SouvenirITCbyBT-Demi
    /SouvenirITCbyBT-DemiItalic
    /SouvenirITCbyBT-Light
    /SouvenirITCbyBT-LightItalic
    /SPSSMarkerSet
    /Staccato222BT-Regular
    /Staccato555BT-RegularA
    /Stars1
    /Stars2
    /StuyvesantBT-Regular
    /Swiss721BT-Black
    /Swiss721BT-BlackCondensed
    /Swiss721BT-BlackCondensedItalic
    /Swiss721BT-BlackExtended
    /Swiss721BT-BlackItalic
    /Swiss721BT-BlackOutline
    /Swiss721BT-BlackRounded
    /Swiss721BT-Bold
    /Swiss721BT-BoldCondensed
    /Swiss721BT-BoldCondensedItalic
    /Swiss721BT-BoldCondensedOutline
    /Swiss721BT-BoldExtended
    /Swiss721BT-BoldItalic
    /Swiss721BT-BoldOutline
    /Swiss721BT-BoldRounded
    /Swiss721BT-Heavy
    /Swiss721BT-HeavyItalic
    /Swiss721BT-Italic
    /Swiss721BT-ItalicCondensed
    /Swiss721BT-Light
    /Swiss721BT-LightCondensed
    /Swiss721BT-LightCondensedItalic
    /Swiss721BT-LightExtended
    /Swiss721BT-LightItalic
    /Swiss721BT-Medium
    /Swiss721BT-MediumItalic
    /Swiss721BT-Roman
    /Swiss721BT-RomanCondensed
    /Swiss721BT-RomanExtended
    /Swiss721BT-Thin
    /Swiss721BT-ThinItalic
    /Swiss911BT-ExtraCompressed
    /Sylfaen
    /SymbolITCbyBT-Bold
    /SymbolITCbyBT-BoldItalic
    /SymbolMT
    /SymbolProportionalBT-Regular
    /Tahoma
    /Tahoma-Bold
    /TechnicalItalic
    /TechnicalPlain
    /TigerRagPlain
    /TimesCgATT
    /TimesCgATT-Bold
    /TimesCgATT-BoldItalic
    /TimesCgATT-Italic
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /TimesNRDualGreekMT-BoldIncl
    /Tracks
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Tunga-Regular
    /TypoUprightBT-Regular
    /Universal-GreekwithMathPi
    /UniversATT
    /UniversATT-Bold
    /UniversATT-BoldItalic
    /UniversATT-Italic
    /Univers-Condensed
    /Univers-CondensedBold
    /Univers-CondensedBoldOblique
    /Univers-CondensedLight
    /Univers-CondensedLightOblique
    /Univers-CondensedOblique
    /VanDijk
    /Venetian301BT-Demi
    /Venetian301BT-DemiItalic
    /Venetian301BT-Italic
    /Venetian301BT-Roman
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VictorianD
    /Viking-Normal
    /VinetaBT-Regular
    /VivaldiD
    /VladimirScrD
    /Vrinda
    /Webdings
    /WeddingTextBT-Regular
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /WP-ArabicScriptSihafa
    /WP-ArabicSihafa
    /WP-BoxDrawing
    /WP-CyrillicA
    /WP-CyrillicB
    /WP-GreekCentury
    /WP-GreekCourier
    /WP-GreekHelve
    /WP-HebrewDavid
    /WP-IconicSymbolsA
    /WP-IconicSymbolsB
    /WP-Japanese
    /WP-MathA
    /WP-MathB
    /WP-MathExtendedA
    /WP-MathExtendedB
    /WP-MultinationalAHelve
    /WP-MultinationalARoman
    /WP-MultinationalBCourier
    /WP-MultinationalBHelve
    /WP-MultinationalBRoman
    /WP-MultinationalCourier
    /WP-Phonetic
    /WPTypographicSymbols
    /ZapfCalligraphic801BT-Bold
    /ZapfCalligraphic801BT-BoldItal
    /ZapfCalligraphic801BT-Italic
    /ZapfCalligraphic801BT-Roman
    /ZapfChanceryITCbyBT-Bold
    /ZapfChanceryITCbyBT-Demi
    /ZapfChanceryITCbyBT-Medium
    /ZapfChanceryITCbyBT-MediumItal
    /ZapfDingbatsITCbyBT-Regular
    /ZapfElliptical711BT-Bold
    /ZapfElliptical711BT-BoldItalic
    /ZapfElliptical711BT-Italic
    /ZapfElliptical711BT-Roman
    /ZapfHumanist601BT-Bold
    /ZapfHumanist601BT-BoldItalic
    /ZapfHumanist601BT-Italic
    /ZapfHumanist601BT-Roman
    /ZinjaroPlain
    /ZurichBT-BlackExtended
    /ZurichBT-Bold
    /ZurichBT-BoldItalic
    /ZurichBT-Italic
    /ZurichBT-Roman
    /ZurichBT-RomanExtended
    /ZurichWin95BT-Black
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


