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Abstract  

This research project focuses on understanding the consumer’s preferences for the second cloth-

ing platform known as Vinted, Vestiaire Collective, Depop, and Zalando Second-hand. The 

chosen market for this study is Italy due to its’ popularity in fashion. The conjoint analysis 

technique was applied, including other analyses such as cluster analysis and perceptual maps 

to better identify consumers’ perceptions and preferences of these platforms. Several surveys 

and interviews were conducted with experts and consumers. The main findings were that con-

sumers preferred product prices, buyer protection, and, additional fees as important features 

while using these platforms.  

Keywords: Online secondhand platforms, Consumer preferences, Choice-based Conjoint 

Analysis 
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1.1 Individual Part 

Overview 

 

Based on the Conjoint Analysis methodology in Group part 1.2, Brand specific conjoint anal-

ysis was conducted to test the 8 selected platoform attributes such as the second-hand plat-

forms brands, Product price, buyer protection, additional fees, variety, delivery services and 

payment methods. In the following section the results of the analysis are discussed. 

 

Conjoint Survey Results 

The following analysis of the results for the conjoint analysis will be based on the report pro-

vided by the Conjoint.ly software itself, including the most preferred platform, attributes, and 

levels on average by the respondents (Conjoint.ly 2016a). In addition, we will create simula-

tions to support our findings for attribute preferences across all platforms and evaluate the var-

iance in the preferences as we change the market scenarios. 

 

Brand Preference & Ranked Concepts 

The brand preference graph (see Figure 14 below) gives us an estimate about on average how 

strongly customers prefer different brands of online second-hand clothing, considering the dif-

ferent variants (combinations of features and prices) presented to them in the survey. The center 

diamond on the graph shows the average preference for each brand, and the regions in the form 

of different violin shapes are the estimated distribution of the data.  

Figure 14: Brand Preference (based on average responses) 
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In this graph above, based on the average responses and their corresponding mean values, it 

shows that Zalando (5.7) and Vinted (5.1) tend to have more appealing variants than Vestiaire 

Collective (-4.5) and Depop (-7.1). In conclusion, among all, Zalando is the most preferred 

platform followed by Vinted. The reason for this difference is because the consumers near the 

far right, have a stronger preference for Zalando, potentially showing some brand loyalty, this 

might result in a higher willingness to pay. This fact is also reflected in the top ranked product 

concepts given in the survey report (See Figure 42 in Appendix). These concepts are the list of 

all the possible combinations shown to respondents and ranked according to the consumers 

most preferred choice profiles.  

The ranking is based on the relative performance of the levels that were combined, which 

makes it possible to know the construct of the best option for customers that they prefer the 

most over others. It revealed that many people showed willingness to pay 15€ when it appeared 

with Zalando and for Vinted people mostly preferred to pay 5€, which later can be also seen in 

the highest partworth utilities of product price levels for each of these brands. Moreover, the 

top 10 ranked concepts showed on average people in the sample possibly have low to willing-

ness to pay (from 5-15€) compared to the higher prices (30-50€), which mostly emerged with 

Depop and Vestiaire Collective. It also explains the reasoning for Depop and Vestiaire Collec-

tive to be ranked lowest (in 30+ of the list) preferred brands. To further highlight, Zalando and 

Vinted were the only brands who appeared in the first top 10 ranked concepts (6 and 4 times 

respectively). Whereas, as mentioned earlier Depop and Vestiaire Collective only started to 

appear in the following 30 concepts, although the combinations of attributes were similar to 

the highest ranked concept except changes in product price (30€). This shows that for the 

brands like Zalando and Vinted consumers are in general perceiving the combination of the 

other attributes such as buyer protection, additional fees etc. within a lower price range as better 

deals (see Figure 42 in Appendix).These are the following top three preferred combinations for 
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the consumers: 1st most preferred combination consists of Price 15€, a platform offering all 

types of fashion (Fast Fashion, Luxury, and Vintage), Platform offer the buyers protection, Ex-

press delivery in 24 hours, Free additional costs, and Advanced: Credit Card + PayPal + Credit 

on the platform from your previous sales. The second-best alternative is to replace advanced 

payment options with basic one, and in the third-best scenario opt for a lesser price of 5€ and 

keep the rest of the attributes equal to the highest-ranked concept. 

 
Relative Importance by Attribute  

To see the attribute’s importance (attribute-partworths), all the values assigned to each attribute 

sums up to 100%, which means it is calculated to check the relative importance of each attribute 

over the other. These results are influenced by the range of preference given to the levels within 

the attributes by each respondent. For example, if in our conjoint survey an additional level of 

product price was added in the price attribute – let’s say 80€ – respondents would have most 

likely avoided it, and as a result, the partworth of that level would have been very negative, 

inflating the relevance of the entire price attribute.  

Table 1: Attribute Importance of each Brand 

 Vestiaire  

Collective 

Zalando Vinted Depop 

Variety 8.4% 6.6% 7.6% 4.4% 

Product Price 28.0% 26.5% 26.3% 28.4% 

Buyer Protection 23.7% 27.1% 29.9% 23.9% 

Delivery Services 8.2% 13.8% 13.9% 13.1% 

Additional Fee 26.1% 19.5% 17.8% 23.8% 

Payment Options 5.6% 6.4% 4.6% 6.5% 

 

According to the attribute partworths (see Table 5 above), Buyer Protection has emerged as 

one of the most important attributes in the case of Zalando (27.1%) and Vinted (29.9%), 

whereas product price is shown as the most important concern for the consumers of Depop 

(28.4%) and Vestiaire Collective (28%). Additional fees stood as the third most important fac-

tor in the case of Depop (23.8%), Vinted (17.8%), and Zalando (19.5%), but for Vestiaire Col-

lective (26.1%) it was the second most concerning attribute for users. To sum up, product price, 
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buyer protection, and additional fees are the top three attributes across all the platforms, with 

relatively higher significance (collectively more than 70%) than the rest of the attributes such 

as variety, delivery services, and payment options (see Table 5 above).  To note, payment op-

tions was the least preferred attribute by the respondents – 5.6% in Vestiaire Collective, 6.5% 

in Zalando, and 4.6% in Vinted. For Depop, variety (4.4%) was the least valuable characteris-

tic. 

 
Relative Importance by Level  

Again, the level partworths (See Table 34 in the Appendix and following tables in this section 

for each attribute) are calculated relatively. For instance, even in this case if one more level 

was included in the attribute’s levels, it would have influenced the relative value of rest of the 

levels. The values assigned to each level are based on average preferences. The levels that have 

highest preferences by the consumers are given the highest values and vice versa. During the 

analysis of the partworths, the levels are scales such that the sum of all positive values (highest-

preferred) equals to the negative values (lowest-preferred). 

Table 2: Partworth utilities of all the brands - Product Price 

Attributes Levels Vestiaire Col-

lective 

Zalando Vinted Depop Average 

across the 

platforms 

Product 

Price 

5€ 4.1% 3.2% 10.0% 5.7% 5.8% 

15€ 3.1% 11.1% 5.4% 2.7% 5.6% 

30€ 8.0% (2.1%) (4.4%) 7.9% 2.4% 

50€ (15.2%) (12.2%) (11.0%) (16.4%) (13.7%) 

 

Based on the average partworth utilities of product price across all platforms (see Table 6 

above), products worth of 5€ and 15€ are most preferred by the average respondents (5.8% and 

5.6% partworths respectively). The product prices 30€ and 50€ are the least preferred prices. 

We have taken an average of the partworth utilities of product price, since we observed 
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discrepancy in preference of product price levels across the platforms – this allowed us to know 

the overall price preference of the second-hand consumers. 

However, on the extreme of the comparatively lower price range (5-15€), we observed a set of 

brands with similar patterns like each other – Zalando and Vinted, but with changes in their top 

priority product price levels. The respondents showed the highest willingness to spend 15€ on 

Zalando (11.1%), across all the brands (see Table 6 for partworth utilities of product price) and  

 
on Vinted they showed the most likelihood of spending 5€ (10.0%). It is interesting to note that 

their second preference was to choose either of these product prices, meaning for Vinted, peo-

ple prefer to pay 15€ (5.4%) and for Zalando, they showed some willingness to spend 5€ 

(3.1%), but respondents did not really show any inclination for paying 30 or 50€ for these 

brands. This brings up the possibility that people, in general, have a low willingness to spend 

on second-hand clothing platforms (Chapter 3), as seen these platforms are the most preferred 

brands. 

On the other end, we observed that Vestiaire Collective and Depop consumers showed the 

highest preference to purchase a product worth 30€ (having partworth utilities of 8.0% and 

7.9% respectively) as compared to Zalando and Vinted (-2.1% and -4.4% respectively for 30€). 

Another similar pattern of reaction was observed for both Vestiaire Collective and Depop, 

which was in the case of the lower product price options; 5€ was the second preferred option 

for both Vestiaire Collective (4.1%) and Depop (5.7%), although it still has a somewhat sig-

nificant difference from the top-preference utility (30€). Another interesting observation for us 

was that 50€ was the least preferred level on all the platforms with the most negative part-

worths.  

Taking into consideration only the two most extreme preferred levels in product price (30€ and 

5€), there could be several possible reasons for these patterns.  
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First, there could be a probability of some noise in the data which might have influenced the 

average results. This could be also due to the likelihood that people were not attentive towards 

the prices shown to them during the survey. As it is previously seen in several conjoint studies 

that people might start finding the survey tiresome (Chapter 3). Yet, while constructing the 

survey combination limit, this issue was kept under consideration (Chapter 6).  

As explained later, in contrast to preferences on prices, consumers react to additional fees in a 

more predictable manner. This suggests that the explanations above are somewhat unlikely to  

 
explain the patterns in the data, since noise in responses or lack of attention should have simi-

larly affected the responses to additional fee. Instead, we hypothesize that some participants 

may hold strong associations between price with quality and expect quality to be negatively 

associated with price (Zeithaml 1988).  Hence, consumers may have perceived the question 

related to product price that “what is a reasonable price for this product” rather than “how much 

are you willing to pay for it?”. We focused on the extreme levels of the price attribute, to see 

at which point willingness to pay overwhelmed consumer’s “price appropriateness”- which in 

this case was 50€, since a slight preference for 30€ was shown. 

It is also important to underline the fact that as mentioned in chapter 2 (Background), for ex-

ample, Vestiaire Collective is considered the premium French brand, and Depop is a platform 

for vintage clothing which are not usually available at lower prices, therefore there might be a 

possibility that few respondents were already aware of these brands and did not hesitate to opt 

a slightly higher price (more than 5-15€) - when shown these platforms with 30€ worth of 

product, after recalling their experience and the type of variety these platforms normally have 

(e.g. Vintage and luxury). On the contrast, participants showed most preference of 5€ on 

Vinted, which brings up the possibility that they assume to find the products that are worth 5€ 

such as casual T-shirt or a summer tank top on this platform. Hence, this tells that there might 
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be an additional possibility that the consumer’s responses were influenced when they encoun-

tered any platform that they were familiar with. 

Table 3: Partworth utilities of all the brands- Buyer Protection 

Attributes Levels Vestiaire 

Collective 

Zalando Vinted Depop 

Buyer Protection Platform offers the 

guarantee 

17.5% 17.8% 20.6% 18.3% 

Platform does not offer 

the guarantee 

(17.5%) (17.8%) (20.6%) (18.3%) 

 

 
As mentioned in the literature (chapter 3), people generally are afraid of fraud on online plat-

forms, therefore they do not easily trust these platforms, but recently dispute resolution mech-

anisms such as “buyer protection” have been playing an important role in improving the sense 

of overall secure experiences on these platforms. This reasoning could be the possibility why 

respondents showed a high preference in choosing a platform that offers a guarantee (buyer 

protection) (see Table 7 above). As mentioned earlier, for the platforms Zalando and Vinted 

buyer protection was the top preferred attribute, with 17.8% and 20.6% partworth utilities for 

having a platform that offers a guarantee. Additionally, we see that although for Depop and 

Vestiaire Collective buyer protection was not the top priority but still was among the top three 

with having the partworth utilities (platform offers the guarantee) of 17.5% (Vestiaire Collec-

tive) and 18.3% (Depop), which are also close to the partworths of Zalando and Vinted. There-

fore, it shows buyer protection is considered one of the essential attributes of second-hand 

platforms by respondents, across all the platforms. Further, it is worth noting that Vinted and 

Depop have the highest partworth utilities for platform guarantee, which could be because 

some respondents might be aware of or have heard of these platforms, and their decisions were 

influenced by having the knowledge of what kind of buyer protection policies these platforms 

have. Additionally, people who are aware of these platforms, would also know that Vinted and 
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Depop are C2C platforms, therefore they value buyer protection more on these platforms com-

paratively to the B2C platforms (Zalando and Vestiaire Collective).  

Table 4: Partworth utilities of all the brands- Additional Fee 

Attributes Levels Vestiaire 

Collec-

tive 

Zalando Vinted Depop Average 

across the 

platforms 

Additional 

Fee/Purchase 

Free 

 

12.2% 12.7% 9.5% 12.8% 11.80% 
 

2,99€ 10.6% (1.0%) 2.8% 2.4% 3.70% 

4,49€ (3.6%) (5.4%) (7.6%) (7.0%) (5.9%)  

5,99€ (19.1%) (6.3%) (4.7%) (8.1%) (9.55%) 

 

 
Another interesting outcome was about the additional fees being among the top three prioritized 

attributes for respondents when in a marketplace situation. Commonly across all the platforms, 

it was not surprising to see people preferring “Free” additional costs the most and remarkably 

higher than the rest of the levels (Vestiaire Collective 12.2%; Zalando 12.7%; Vinted 9.5%; 

12.8% Depop) (See Table 8 above). However, we observed some inconsistency also in the 

preferred levels of additional fees across the platforms, hence we took the average across dif-

ferent levels to have an overview of the preferences. As we saw earlier, the level “Free” has 

the highest preference and also on average, it is the most preferred level (11.8% average part-

worth utility). Interestingly, we see that on average people have shown some willingness to 

pay additional fee of 2.99€ (3.7% average partworth utility) which is still quite low to interpret 

consumer’s willingness to pay any additional fee. This might indicate the problem of moneti-

zation for these platforms on the consumer side. 

As we saw earlier that for Vestiaire Collective additional fee was the second most important 

attribute and for the rest of the platforms it stood as the third priority, but with rather having 

less importance (see Table 8). The most interesting finding in this case is that respondents only 

showed a willingness to pay additional fees worth 2,99€ with 10.6% partworth utility for Ves-

tiaire Collective- the highest amongst all the platforms. However, there was some willingness 
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shown in the case of Vinted and Depop as well for an additional fee of 2,99€ with 2.8% and 

2.6% of partworth utilities (respectively). For Zalando, people did not show any willingness to 

pay any of the additional fees (2,99€ (-1.0%); 4.49€ (-5.4%)). For the rest of the levels of 

additional fees (4,49€ and 5,99€) across all platforms, no significant inclination was shown 

(see Table 8).  

 

Table 5: Partworth utilities of all the brands- Variety, Delivery Services, Payment Options 

Attributes Levels Vestiaire 

Collective 

Zalando Vinted Depop 

Variety Offering only one type of 

Fashion 

(2.8%) (3.8%) (4.2%) (0.6%) 

Offering all types of 

Fashion 

2.8% 3.8% 4.2% 0.6% 

Delivery Services Express delivery in 24 

hours 

1.7% 7.2% 4.7% 6.5% 

Premium delivery in 2-5 

working days 

(1.1%) (2.2%) 0.2% (1.8%) 

Basic delivery in 5-10 

working days 

(0.6%) (4.9%) (4.9%) (4.7%) 

Payment Options Basic: Credit Card + Pay-

Pal 

(1.0%) (1.2%) (1.4%) (2.9%) 

Advanced: Credit Card + 

PayPal + Credit on the 

platform from your previ-

ous sales 

1.0% 1.2% 1.4% 2.9% 

 

Lastly, delivery services, variety, and payment options (see Table 9 above) turned out to be the 

least significant attributes for the consumers across all the platforms. According to chapter 3, 

these attributes are considered valuable by the consumers and would most likely influence their 

purchasing decision. However, when they are combined with other much more important fac-

tors such as price and buyer protection, their importance might have been over-shadowed. This 

concludes that these attributes, do not stand so strong in consumers’ minds when in a trade-off 

scenario. Lu and Zhang (2020) also mention in their paper about online platforms that some 

attributes might not stand as important for buyers when they are making real marketplace 
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choices, compared to when they are considered individually. In their analysis, Lu and Zhang 

(2020) also found delivery services (logistics) as the low-rated attribute for the consumers when 

choosing an e-commerce platform in a trade-off setup. Moreover, consumers might not directly 

consider it as part of the marketplace, but rather take it as a third-party service provided by the 

delivery options, they choose (Lu and Zhang 2020). Regarding the variety and payment  

 
options, although the preference for them compared to other attributes were the lowest, con-

sumers preferred to have all types of fashion on the platform, and also have wallet credit as 

part of the payment options available on these platforms. 

In conclusion, it can be assumed that in general if the consumers find fair deals within a rea-

sonable price range, they show willingness to do a trade on second-hand platforms (chapter 3). 

For example, in the case of Vinted respondents showed a slight willingness to pay an additional 

fee (2.8% for 2.99€) which might be due to the overall low average cost they would have to 

bare, meaning, if a consumer buys a product worth 5€ and pays an additional fee of 2.99€ (total 

of 7.99€), they would be still paying even lower than the average price preferred on Zalando 

(15€). This shows usually people are looking for deals that are convenient (have buyer protec-

tion, low additional fees, etc.) under a reasonable price (chapter 3).  

 

Correlation Among Variables and Highest-Ranked Attributes: 

In order to better understand our respondent’s characteristics, some additional descriptive ques-

tions were included at the end of the conjoint survey such as age, gender, income, etc., and also 

a Likert scale question to learn about their motivations to buy from second-hand platforms. 

This information will further assist us to evaluate the variance in consumers’ attribute prefer-

ences on different platforms with various motives and sociodemographic. For instance, it can 

allow us to identify any influence of age or income on the product price or preference for buyer 
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protection, etc. To analyse the relationship between these variables and attributes, we investi-

gate cross-correlations across attributes. We focus on the topmost preferred attributes across 

all the four platforms are used (Buyer Protection, Product Price, and Additional Fee) to inves-

tigate their relationship with the variables. 

First, to identify any significant correlation among the descriptive variables themselves, we 

conducted the cross-correlation test within the descriptive variables only. For example, (see 

Figure 15 below) a strong positive correlation was found between age and income, which 

means as the age increases most likely the income of our respondents also increases. This is 

sensible to assume since typically, wealth is positively associated with age. 

 

Figure 15: Correlations within the variables 

 

Values in bold show a weak to medium correlation with significance level α =0.05 

Moreover, there is a negative correlation between males and the motivation to buy designer 

and luxury clothes on secondhand platforms, which could mean that they are not looking for 

buying luxury second-hand items on these platforms. 

Further, there is a negative correlation between income and sustainability, which means that as 

income increases, people are less concerned about sustainability, which was interesting to ob-

serve since some studies have reported people showing concerns for sustainability when they 

have higher incomes (Fisher, Bashyal and Bachman 2012). Another significant correlation was 

seen between sustainability with lower prices and the price/quality ratio. There is a positive 

correlation among them, which might mean that people who have these motives are looking 
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for low-priced but good quality secondhand items at a reasonable price and also believe that 

they are contributing towards sustainability by using these reselling platforms. 

 

Interestingly, the consumer’s inspiration for finding unique and buying designer clothes on 

reselling platforms are positively correlated with the frequency of purchase, which could mean 

the frequent consumers of these platforms have a high motive to find unique pieces and de-

signer clothes. 

Further, to evaluate the impact of these variables across the different platform’s most important 

attributes, we have conducted a correlation matrix with each brand. The correlations that are 

found highly or somewhat significant are discussed in the results (see Table 10 below): 

 

Table 6: Correlations of variables with highest-ranked attributes 

 Vestiaire Collective Zalando Vinted Depop 

Product Price  (-) Age 

(-) Price/Quality ratio 

(+) Lower prices 

(+) Price/Quality 

Ratio 

(-) Age 

(-) Income 

(+) Lower prices 

(-) Buying 

branded clothes 

(-) Age 

 

Buyer Protection (+) Frequency of Pur-

chase 

(+) Buying designer 

clothes 

(+) Finding unique 

and cool items 

(+) Income 

(-) Lower prices 

(+) Income 

(+) Frequency of 

Purchase 

(+) Buying de-

signer and luxury 

clothes 

(+) Frequency of 

Purchase 

(+) Buying de-

signer and luxury 

clothes 

(+) Finding cool 

and unique items 

Additional Fee (-) Finding unique 

cool items 

(-) Income 

(-) Age 

(-) Age 

(-) Frequency of 

Purchase 

(-) price-quality 

ratio 

(-) buying de-

signer clothes 

(-) Income 

(-) Buying de-

signer clothes 

 

First, we identified a common observation across most platforms that the consumers from the 

upper age group show less importance to the product price. This may indicate that the prefer-

ence for product price does not have much relevance for the respondents who belong to the 

upper age group and vice versa.  
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Further, we see that lower price and the importance of product price in Zalando and Vinted are 

positively correlated, meaning there is a chance that the consumers who have a high motivation  

 
of finding low-priced items on these platforms, prefer the product prices of Zalando and Vinted. 

It can be assumed that people find Vinted and Zalando relatively low-priced platforms. 

There is also a slightly positive relationship between the price/quality ratio and the product 

price of Zalando, which supports that people who might have preferred the product price of 

Zalando, are not willing to spend more on second-hand clothing and are looking for low prices 

but with relatively good quality clothes- considering they are second-hand. However, the 

Price/Quality ratio has a slightly negative correlation with the Vestiaire Collective product 

price, which might signify that those consumers who have a low intention for the price/quality 

ratio, might have a relatively high willingness to pay while using Vestiaire Collective, and vice 

versa. 

Furthermore, a significant negative correlation was observed between the preference for prod-

uct price of Vinted and buying designer items. This might imply that consumers who are look-

ing for designer or luxury clothes do not find the Vinted product prices preferable. Therefore, 

it could be possibly concluded that consumers perceive Vinted as a low-cost platform where 

they might not go to find second-hand designer clothes, which usually are more expensive. 

Moreover, we commonly identified across several platforms that the frequent users of reselling 

platforms or the consumers who are looking for branded and unique clothing items prefer to 

have buyer protection as part of their trade. Another interesting observation is that in the case 

of Zalando and Vinted, as the income increases, the preference for buyer protection also in-

creases (positive linear correlation).  

Last but not the least, age, income, frequency of purchase, buying luxury designer and unique 

cool clothes have a negative correlation with an additional fee across the reselling platforms. 
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This means the consumers who fall under these characteristics and motives do not value addi-

tional fonees as such and might not consider it as an extremely relevant attributes. 

 

Conclusion 

As discussed earlier,  the most preferred attributes among all platforms are product price, buyer 

protection and additional fees. In the following section of the group part, more in-depth analysis 

and research work has been discussed.   The later section covers  why as a group, we choose 

certain market,  conjoint analysis methodology and other analysis to further understand our 

consumers.
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1. 2 Collective Part 

Introduction                                                                                

The world moving from physical to digital has and is disrupting the way we interact and con-

sume. This has given rise to new business models and has accelerated the development of whole 

new industries and market players. The fashion industry has not remained untouched by this 

phenomenon. As part of this industry, the secondhand market has been severely impacted as 

well. Indeed, the digital shift determined the rise of second-hand fashion platforms, allowing 

consumers to sell and buy secondhand clothing more easily (McKinsey 2020). 

This transition to online markets is also accompanied by other trends gravitating around the 

online second-hand market growth. Firstly, sharing economy models had a tremendous growth 

in the last ten years, and this willingness to share has impacted the fashion industry as well. 

Indeed, this new consumption model determined the uprising of second-hand online platforms 

as part of the sharing economy phenomenon (Netter and Pedersen 2019). Secondly, due to the 

increasing awareness towards environmental problems, more and more consumers started con-

sidering the purchase of second-hand items as a more sustainable alternative to buying new 

items . Thirdly, also due to a trend towards vintage clothing, the number of consumers buying 

second-hand clothes has been rising tremendously (Cassidy and Bennett 2012; Ryding, Hen-

ninger and Blazquez Cano 2018). These developments most likely explain why the second-

hand clothing market, with a current value of 27 billion U.S. dollars, is forecasted to reach a 

value of 84 billion U.S. dollars by 2030, surpassing the one of the fast fashion markets (Statista 

2021a; Statista 2021b).  

Due to the market dynamics being impacted by multiple phenomena, there has been an in-

creased research interest in consumer behavior specifically from both an academic and business 

perspective (Willersdorf, et al. 2020; Abbes, Hallem and Taga 2020). The development of a 

whole new industry with new players, accelerated by a shift in consumer patterns, have 
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motivated us to investigate the perceptions and preferences of Italian consumers about the 

secondhand fashion market and its players. Italy was chosen as the market of interest because 

of several reasons. Besides its traditional influence on the fashion industry (Paulicelli 2014; 

Statista 2021c), Italy has the second highest spending on clothing and apparel in the EU per 

capita and represents one of the core markets for relevant online platforms such as Depop and 

Vinted (Statista 2020a; Statista 2021d; Statista 2021g; Statista 2018a).  

In this context, looking at the Italian market directly, the largest players are comprised of C2C 

and B2C platforms, which were chosen as players to investigate. Along with this distinction 

goes, that looking at the C2C platforms more specifically, consumers might be buyers or sellers 

or both, as opposed to the B2C platforms. Therefore, in order to provide consistent findings, 

our thesis will only take the buyer perspective into account.  

This thesis will address the following research questions:  

1) How do Italian consumers perceive the different main players and how are these brands 

positioned in the market? 

2) Which app attributes and brands are most valued by Italian consumers and how can the 

major market players improve their platform performance?  

3) What are the relevant consumer segments purchasing on second-hand platforms?  

4) How do preferences differ across consumer segments?  

The study methodology was chosen in order to provide answers to the outlined research ques-

tions and can be summarised as follows.  For the analysis of the perceptions of Italian consum-

ers of the main market players, the method of perceptual maps was chosen, enabling a visual 

understanding of the perceptions and positionings of the examined brands in the market. In 

addition, in order to identify and analyse the app attributes and brands valued by Italian con-

sumers, a choice-based conjoint analysis was chosen due the method’s high degree of 
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transferability of the results into reality. Further, the k-means clustering algorithm was applied 

in order to identify relevant consumer segments for the market of second-hand platforms. 

Lastly, to answer the fourth research question, a conjoint analysis has been conducted based on 

the segments identified through the segmentation. The data basis for all methods was provided 

through the conduct of preliminary interviews and one survey for perceptual maps and conjoint 

analysis each.  

Figure 1: Overview Structure of the Thesis 

 

Providing a more detailed understanding of the structure of the thesis, an overview of the chap-

ters will be provided in the following, supported by Figure 1 above, which illustrates the con-

nections between the chapters.  

1) An introduction to the topic from a more general market perspective is provided through 

chapter 2 on the background. Besides creating an understanding on the market and its 

development in general, it provides insights into the business models of the market 

players studied, which serve as foundation for the setup of the conjoint and perceptual 

analysis.  
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2) In chapter 3, a literature overview is presented. It examines the existing scientific liter-

ature on studies conducted around consumer behaviour related to the second-hand mar-

ket. The overview supported the outline of the preliminary interviews, the perceptual 

maps, the conjoint analysis, and the segmentation. More specifically, it allowed us to 

scope the study, assess which platform perceptions and attributes to examine as well as 

the descriptors to consider for the consumer segmentation.  In addition, it provided the 

relevant scientific background on the methodologies used in the thesis.  

3) In chapter 4, some preliminary qualitative interviews were conducted as a second step 

of the overall analysis. This allowed us to assess and verify the aspects identified in the 

literature review within the research of consumer perceptions, preferences, and seg-

mentation. Providing a holistic perspective, the interviews were conducted with both 

industry experts and consumers. As result, we retained the characteristics and features 

that were most pertinent to the research and to consumers perceptions and needs.  

4) As described in chapter 5, after scoping the research from a literature and qualitative 

perspective, the perceptual maps surveys were designed and launched. By asking the 

consumers about their brand perceptions, it was then possible to plot a perceptual map 

showing the different brands positionings. The survey also contained questions on de-

mographical and motivational factors. This then allowed to perform the consumer seg-

mentation analysis discussed in chapter 7. 

5) In chapter 6, following the literature and qualitative interviews discoveries, a choice-

based conjoint analysis was designed and conducted. This allowed us to identify con-

sumer preferences, i.e., the partworth utilities of attributes and attribute levels. In a sub-

sequent step, counterfactual scenarios were developed allowing additional insights into 

market dynamics. Like in the perceptual maps survey design, consumers were also 

asked about demographic and motivational factors besides the choice-based conjoint 
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questions. This allowed to later conduct a segmentation analysis, as discussed in chapter 

7.  

6) In chapter 7, based on the demographic and motivational data obtained through the 

perceptual and conjoint surveys in the previous chapters, we performed an ex-post seg-

mentation using the k-means clustering algorithm and provided consumer clusters.  

7) Chapter 8 combines chapters 6 and 7 through the conduct of a cluster-specific conjoint 

analysis. The chapter allowed us to verify the applicability and usefulness of the seg-

ments identified in chapter 7 and provide strategic implications for which consumers to 

target. 

 

Having provided an overview of the thesis structure, the results obtained can be highlighted as 

follows.  

By plotting a perceptual map, it was possible to highlight the four players positioning in the 

online fashion reselling market. It emerged that Vinted is identified as the price leader, along 

with the most positive associations with sense of community, fun and entertainment. Whereas 

Vestiaire Collective and Zalando Second Hand have been closely linked to design and style, 

platform reliability, items quality, service quality and sophistication. Lastly, Depop was found 

to be the most negatively perceived platform, underscoring competitors’ performance on all 

the attributes tested.  

With regards to consumer preferences investigated through conjoint analysis, we found out, 

that buyer protection, product price and additional fee are the most important attributes, when 

considering a secondhand platform. However, some variables were not given much importance 

by the respondents such as delivery services, payment options and the type of variety. With 

regards to the attribute level preferences, it can be summarized that the overall willingness to 

pay for both item price and additional fees are rather low, yet, the most preferred item prices 
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depend on the platform. As such, the most preferred price for Vinted were 5€, for Zalando 

Second Hand 15€, for Vestiaire Collective and Depop 30€. This points to a certain degree of 

brand loyalty and price signaling quality. For additional fee, the most preferred attribute was 

“Free”, however some preference was also for “2,99€”. Surprisingly, all elasticities, for item 

price and additional fee have been found to be inelastic allowing some leeway in pricing for 

the platforms. 

An additional result obtained from the different methodology techniques applied in this study, 

was concerning the motivations when it comes to purchasing actions through second-hand 

clothes by means of the previously mentioned platforms. Where in both outcomes from the 

samples for perceptual maps and conjoint analysis, it was shown the significant influence that 

the sustainable purchase philosophy has on some user segments. 

The ex-post segmentation revealed four possible consumer segments: (i) the fashionistas, mid-

income under-35 women, mainly driven by the coolness and uniqueness of the items in the 

second-hand market as well as the possibility of buying designer and luxury items; (ii) the 

bargain hunters, mid-income men and women merely looking for a money-saving escape in 

the second-hand fashion market, uninterested in fashion or sustainability; (iii) the connoisseurs, 

35+ women with higher frequency of purchase and higher income, buying second-hand for the 

price/quality ratio, the uniqueness and coolness of the items and the possibility of buying lux-

ury and designers items; (iv) the sustainable youngsters, 16-25 aged men and women, lower 

income spenders, buying second-hand for its price-quality ratio and its sustainable impact.  

Applying the previously identified clusters on conjoint, some clear differences especially with 

regard to the attribute importance of item price, buyer protection and additional fee could be 

detected. In addition, the clusters clearly differed in their willingness to pay regarding the item 

price.  
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After briefly introducing the market, the methodologies used, the thesis structure and giving a 

brief outlook of the results, the following chapter will provide an understanding of the market 

and its players in depth.   
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Background 

To shed some light on the overall topic, the following chapter will introduce the overall market 

with its landscape and its players. This analysis represents an important step in order to assess 

the relevance of the topic chosen, the specific market selected as well as the selected market 

players.  

 

Global Market Growth and the Italian Market Landscape  

In 2019, the pre-owned clothing industry in the US generated a value of 28 billion dollars. 

Indeed, it is supposed to reach 84 billion U.S. dollars - double of fast fashion (40 billion U.S. 

Dollars) - by the year 2030 (Statista 2021b). It is also forecasted that for the five-year period 

between 2019 and 2024 the resale second-hand segment will experience a growth of 414% 

compared to 34% in the traditional segment in the world. These figures are particularly signif-

icant when compared to a 4% decrease expected for the entire retail segment of the fashion 

industry (ThredUp 2022).  

The paradigm shift represented by pre-owned fashion is the result of a change in consumer 

purchasing habits and preferences. The image and perceptions towards the second-hand market 

have undergone a profound metamorphosis: second-hand garments are no longer purchased 

only by people with limited financial resources or by niches interested in vintage clothing. The 

emergence of instances of critical consumption and the consequent adoption of conscious be-

haviour by consumers lead the latter to move away from alternative fashion, but from a wider 

and more varied audience. The extent of this phenomenon is particularly relevant if analysed 

in the context of the fashion industry, in which the debate is currently focused on issues such 

as environmental and social sustainability of the current production model (McKinsey 2020).  

In this context, Italy seems to be an interesting market to study. Starting from Renaissance, 

Italy has been building a long history of fabric, textile culture and fashion savoir-faire. 
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However, just after the second-world war, the country started gaining ground, getting the de-

served international recognition, competing with the already existing French fashion (Paulicelli 

2014). Today, Italy is ranked as the second most leading fashion country in the world after 

France (Statista 2021c). Regarding second-hand, Italy displayed a consistent growth in the last 

decade. A study conducted by BVA Doxa (2021) estimates that in the five-year period 2014-

2019 the second-hand industry in Italy grew by 33%. The extent of this phenomenon is also 

evidenced by the turnover generated: in 2019 the second-hand market reached the value of 24 

billion euros, an increase of 55% compared to the previous year. Similarly, the pre-owned 

fashion market in Italy today has a value of 1.3% of the national GDP. 

Digital has played and plays a key role in the development of the second-hand market: it is 

estimated that the online segment in Italy in 2019 generated a turnover of 10.5 billion euros, 

equal to 45% of the total industry sales. In the same year, 58% of consumers in this segment 

turned to the online channel, preferring it to the traditional channel. This trend increased during 

the pandemic: during 2020, 77% of buyers and 81% of sellers turned to the online channel. 

The main reasons that induced consumers to turn to the second-hand garment segment are of 

different nature: 59% of respondents are driven by the desire to save money, 51% by the desire 

to find unique or vintage items and 48% are driven by sensitivity towards sustainability issues 

such as recycling and product reuse. Furthermore, the prospects of the Italian pre-owned mar-

ket are rosy: 71% of the Italians believe that the sector is going to grow in the next five years 

as a sustainable consumption choice (48%), as it represents an excellent way to save money 

(47%) and it is a tool to make sustainable consumption accessible to everyone (30%) (BVA 

Doxa 2021). 

Finally, Italy appears to be one of the most interesting markets for research on second-hand 

platforms also compared to other major European markets: it is the third EU country for spend-

ing on clothing and apparel, after the UK and Germany (Statista 2020a). Similarly, as it will be 
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examined in the next sections of the chapter, both Depop and Vinted have Italy as the first-

ranked European country for users (Similarweb 2022), while Zalando is the first fashion mar-

ketplace in Italy outperforming any other fashion marketplace in the country (Statista 2021e; 

Statista 2021f; Statista 2018a).  

 

Second-Hand Fashion Platforms: A Brief Conceptual Evolution  

In the last ten years, the Internet and mobile technology have given rise to the so-called sharing 

economy. In this overall context, second-hand fashion platforms were included in the wider 

plethora of platforms under the sharing economy model and collaborative consumption um-

brella. Sharing economy platforms can be defined as multi-sided platforms (B2C and C2C) that 

enable ownership and usership of goods, skills and services by bringing together two or more 

distinct groups of users (Netter and Pedersen 2019). At its core, sharing economy includes a 

variety of different products and services, such as short-term hospitality and ridesharing apps, 

as well as fashion reselling and swapping platforms. These sharing platforms can be then con-

sidered part of a collaborative consumption model, in which consumers exchange services or 

goods in exchange of some monetary compensation (Luri Minami, Ramos and Bertoluzzo 

2021).  In this defined context, second-hand clothing apps can be inserted in both the sharing 

economy and collaborative consumption phenomena. In fact, they allow their users, both busi-

nesses and individuals, to share clothing items (sharing economy) through a selling-buying 

trading system (collaborative consumption). Overall, this results in easing a quick, convenient 

and immediate access to second-hand garments to a wider audience.  Additionally, in the last 

five years, second hand fashion platforms have also emerged as an alternative for breaking the 

fast fashion cycle and extending the clothing lifespan. Therefore, they can be also inserted in 

the wider fair fashion phenomenon (Netter and Pedersen 2019). 
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Business Models of Second-Hand Fashion Platforms  

Throughout the world, secondhand fashion platforms have predominantly taken two forms: 

business to consumer (B2C) and consumer to consumer (C2C). Regardless of the format, a 

market maker – platform – almost always exists to intermediate transactions and match supply 

and demand (Hagiu and Wright 2015).  

Within the B2C oriented business models, the business is based on a reseller (the platform 

itself) that buys the products from a supplier (e.g., an end consumer or another business) and 

sells it to the end-consumer (Hagiu and Wright 2015). In this category, a diverse set of players 

can be found in Europe. Next to startups, online e-retailers such as Zalando or ABOUT YOU 

do have their own second-hand marketplaces (e.g. Zalando Second Hand). Similarly, tradi-

tional fashion companies like H&M, with its secondhand platform Sellpy, have entered the 

market (Arnett 2020; Binlot 2019; Goddevrind et al. 2021).  

On the other hand, a C2C model can be defined as a system where the platform or app only 

works as an intermediary merely facilitating the interaction between sellers and buyers (Hagiu 

and Wright 2015). In this case, the seller (a brand or a single individual) posts the fashion 

product on the platform, selling the item directly to other platform users.  

Overall, a wider plethora of marketplaces and platforms can be found. It is possible to include 

in this category platforms like Vinted, Vestiaire Collective and Depop. Similarly, other major 

players, such Ebay and Facebook, have entered the secondhand market through the launch of 

C2C marketplaces (Arman and Mark-Herbert 2021). Figure 2 summarizes the major players 

discussed.  
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Figure 2: Overview of Main Market Players in Italy 

 

 

Relevant Second-Hand Fashion Platforms in the Italian Market  

Looking at the Italian market directly, Vinted, Depop, Vestiaire Collective, Zalando Second 

Hand are the major competitors, which has been our rationale to consider them for the further 

research (Statista 2021g; Statista 2018a). The market research and intelligence company Sim-

ilarweb confirms the importance of the four mentioned players. Similarweb provides research 

intelligence and website traffic services throughout various industries.1 Overall, the Zalando 

app ranks 8th in the “Shopping” category, and 1st for strictly fashion-related apps.2 Therefore, 

it is also assumed that the “Second Hand” category within the Zalando online shop is frequently 

used. The usage rank algorithm on Similarweb.com, on which the app ranking is based, takes 

current installs and active users in the last 28 days into account.  

As the foundation for the general understanding of the business models and the functionality 

of the apps, which will be relevant in the context of conjoint and perceptual analysis, the dif-

ferent players will be introduced in the following.  

 
1 https://www.similarweb.com  
2
 Screenshots of the app usage analysis provided by Similarweb.com are attached in Appendix 11.1  
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C2C  

Vinted is a Lithuanian C2C clothing reselling and swapping platform founded in 2008.3 The 

company operates in 15 markets including the United States, Portugal and Italy, with approxi-

mately 50 million users. The product portfolio of Vinted is relatively wide and doesn’t focus 

on a specific type of fashion. However, it also includes accessories and has, most recently, 

introduced home décor and household goods. 

On the C2C marketplace, buyers and sellers interact directly. The seller is responsible for the 

presentation of the products and their descriptions. Besides the option to sell and buy items, 

Vinted also provides the option to swap. Vinted has traditionally been free of charge for both 

buyer and seller. Yet, in 2014, the company introduced seller fees, which incurred criticism. 

As a result of this criticism, Vinted made basic usage of the app free for both transaction parties 

(Li 2015). Today, Vinted generates revenue through ad banners and premium features regard-

ing the selling and buying process. First, it offers sellers the possibility to create more visibility 

for their products through a fee. Paying this fee, the products of the seller appear to other users 

more frequently. Second, Vinted has introduced a buyer protection mechanism for a fee con-

sisting of a variable component (5% per purchase), and a fixed component (€0.70 per pur-

chase). This option is presented as a “Buy now” button, where the fee is charged automatically 

if the buyer clicks it. Through this button, the buyer will be refunded in case the product does 

not arrive, is damaged, or significantly deviates from its description. However, the buyer can 

also interact with the seller directly to arrange the purchase without the involvement of Vinted. 

In general, in case the customer changes their mind after the purchase and wants to return the 

items, it is their responsibility to negotiate with the seller who is not obliged to accept the 

return.  As for the payment methods, Vinted is offering the payment via credit and debit card, 

 
3
 If not marked differently, the information on Vinted is taken from https://www.vinted.com throughout the sec-

tion. 
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Apple Pay and Google Pay. In addition, it provides the option to pay through a Vinted Wallet, 

which contains the money earned through previous transactions. 

Depop is a UK-based re-commerce fashion platform founded in 2011 in London.4 Initially, the 

website was a social network for readers of a design and arts magazine, which enabled pur-

chases between readers and the young creatives featured in the magazine. Today, Depop oper-

ates in more than 150 countries, with more than 30 million users. The emphasis of the platform 

is generally on vintage fashion, but also other fashion types and other products such as cosmet-

ics. In 2021, Depop was acquired by Etsy, a marketplace for creative and artistic goods, but 

still operates independently. 

Similarly to Vinted, Depop sellers interact with the customer directly and are also responsible 

for the product presentation and shipment. But it differs from Vinted because it operates on a 

commission model, charging a fee of 10% from the purchase price, in addition to a transaction 

fee to the seller — which represents the main revenue source for the company. Similarly to 

Vinted, every transaction made through the “Buy Now” button is subject to buyer protection. 

This guarantees a refund in case the item does not arrive, or its condition is not as described. 

Moreover, it is possible to negotiate with the seller directly without the involvement of the 

platform. It is the customer’s responsibility to negotiate a return in case its reason is not covered 

by the buyer protection mechanism. Depop provides the payment options credit and debit card, 

Google and Apple Pay. Depop also includes PayPal within its payments ecosystem but does 

not provide a Depop wallet like Vinted does. 

 

 

 

 
4 If not marked differently, the information about Depop is taken from https://www.depop.com/ throughout the 

section. 
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B2C 

Vestiaire Collective is a French luxury and premium secondhand platform founded in 2009 in 

Paris.5 As of 2020, the company operated in 90 countries and had 9 million users (Dillet 2020). 

Operating in the luxury market, counterfeits play a significant role for the company.  The au-

thenticity of the products traded is assured through a high level of involvement of the company 

in the sales process. Vestiaire Collective operates as a hybrid model, acting as a reseller and a 

marketplace based on a consignment model. We decided to assign the platform to the B2C 

category because the sales process does not purely take place between customer and customer 

as the platform is involved to a relatively high degree. Further, Vestiaire also allows profes-

sional sellers to trade on the platform. 

After the seller has listed their items on the app or the website including description and pic-

tures, Vestiaire Collective employees check the listing before it goes live. It is the seller’s re-

sponsibility to present the product accurately and answer customer questions. From the sales 

onwards, the further process can take on two different paths. On the one hand, if wished for, 

once the product is sold, the seller sends it to the company, which confirms the authenticity 

and the quality of the product. From a monetization perspective, the buyer is also involved, 

being charged €15 for a quality and authentication check of the item sold. On the other hand, 

since recently, it is also possible, that the item is directly sold to the buyer. In any case, in 

return, the seller receives up to 80% of the selling price after the deduction of a fee.  In both 

cases, when doubts regarding the authenticity of the items arise, Vestiaire Collective offers 

support through their customer service. As such, there is some sort of buyer protection provided 

independently from the quality check. 

 
5 If not marked differently, the information about Vestiaire Collective is taken from https://www.vestiairecollec-

tive.com throughout the section.  
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The return policy of the company depends on the type of seller. Similar to Vinted and Depop, 

if the seller is an individual, then the buyer has the opportunity to list the item again and sell 

themselves. Vestiaire Collective charges a fee, depending on a timely delivery for the customer. 

If the seller is a professional, the customer can return the item to Vestiaire Collective within 14 

days after arrival. Vestiaire Collective provides the following payment options: credit card, 

PayPal, Google and Apple Pay and the option to pay in rates. 

Zalando Second Hand, originating from “traditional” online fashion retail, after experimenting 

with local second-hand initiatives, entered the second-hand market in September 2020.6 In 

March 2020, the company announced that it would add a so-called “pre-owned” category to its 

online shop starting with the German and the Spanish market. Since April 2021, the pre-owned 

category is also available in Italy under the name “Second Hand”. The business model, accord-

ing to the definition given in chapter 2, can be classified as a resale model. Zalando Second 

Hand selling and purchasing process can be described as follows: the seller finds the option to 

sell in their personal account on the website or the app. They upload pictures of up to 20 items 

and in return are offered an automatic credit for each item. This credit can then be used to buy 

other items on Zalando or donate to a charity. With the opportunity to sell up to 20 items at 

once, Zalando aims to provide a uniquely convenient and competitive reselling solution. 

Within 1-2 days, the company assesses the fulfilment of the acceptance criteria of the items. 

Zalando only accepts a certain selection of brands and all items must be in a “like-new’’ con-

dition. Within the assessment process, the prices initially communicated to the seller can still 

change and are then again communicated to the seller who can accept or decline. After the 

customer has sent the items to Zalando, a quality assessment is conducted. The seller receives 

their credit. As the purchase process is completed at this stage, it can be assumed that Zalando 

 
6 If not marked differently, the information about Zalando Second Hand is taken from https://corpo-

rate.zalando.com/ throughout the section. 
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is then initiating the product presentation and the upload of the purchased items in the online 

shop and in the app. 

The sales process for the secondhand category works similarly to the one for new items and 

the online shop. Customers add what they want to their basket on either the website or app, 

then they can start the payment process. Zalando takes care of the shipment. It is also possible 

to return secondhand items. Zalando offers payment support for the most common debit and 

credit cards, PayPal and, as described before, the use of vouchers received through previous 

sales of secondhand clothes as means of payment. 

Besides its B2C reselling model, Zalando also launched Zircle, a separate C2C reselling plat-

form and app. The company aims to remove uncertainty connected to C2C trade by offering a 

return option for items bought directly from other consumers. However, as this service is cur-

rently only available in Germany for female clothing, it will not be discussed further in this 

thesis. 

While this chapter provided the relevant market context, the next chapter will set the foundation 

from a literature point of view, considering the findings of previous consumer behavior studies 

in the secondhand clothing industry, with research methods applied further into the thesis.  
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Conjoint Analysis  

Moving away from the perceptions of the brands towards the preferences of the platforms and 

platform attributes from a functional and feature perspective, the following chapter will deal 

with conjoint analysis in the secondhand platform industry. 

Firstly, we are going to brief the attributes to test in conjoint analysis. Secondly, we are going 

to analyze the results of the conjoint questionnaire. The sub-chapter will start with the analysis 

of the sample characteristics moving on to the brand preferences, followed by the attribute 

importance and the partworth utility analysis of the attribute levels. Then, a correlation analysis 

will be conducted to identify relationships between highest ranked attributes with the sample 

characteristics and their buying motives. Finally, we will create counterfactual scenarios to 

allow further insights on market dynamics. 

 

Methodology  

For the conjoint part of the analysis, we followed the process provided by Rao (2019). As such, 

the first step represented the choice of attributes and levels as further outlined below.  

 

Attributes and Levels 

The attributes to test were chosen based on their relevance within the literature and the prelim-

inary interviews that were conducted in the beginning. Here, we have mainly taken the findings 

of the interviews with the consumers into account. As such, as analyzed in chapter 3 the attrib-

utes price, variety, trust mechanisms (e.g., buyer protection, payment ecosystem), delivery ser-

vice quality and ease of use, analyzed in the literature review, were confirmed by the interviews 

with the consumers. However, it must be noted that delivery service quality is not clearly dis-

tinguishable from trust mechanisms, since it impacts the way, users trust in a 
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platform. If the delivery is not reliable, trust can be eroded preventing the user from continuing 

to use the platforms.  

The selection of attributes has been conducted through multiple review stages starting with 

initially 12 reducing them to 7 final attributes to test. The reduction has mainly been conducted 

to increase the respondent friendliness. Ensuring the respondents would not be overwhelmed, 

by the large number of attributes, we acknowledged a common problem within full-profile 

conjoint analysis (Green and Srinivasan 1978; Mennecke et al. 2007).  

The first draft discussed with the thesis advisor included the following 8 attributes: brand, de-

livery time, ease of use, reliability of information provided, buyer protection, payment options, 

product variety and fee per purchase. Based on the feedback received, ease of use and reliability 

of information have been eliminated as they could not be tested objectively, representing sub-

jective impressions, not features. In addition, it can be assumed that both attributes have some 

relationship with other attributes, which would violate the need for independence between the 

attributes as outlined in chapter 3. Reliability for instance, might be influenced by the availa-

bility of a buyer protection mechanism, ease of use by the payment methods for example. In 

addition to the elimination of the two attributes, item price has been added as an additional 

attribute.  

Finally, seven attributes have been selected for the conjoint analysis. Here, it was assured that 

all attributes are non-overlapping and except for the item price and the fees with the other 

attributes, independent from each other. Table 4 below presents an overview of the chosen 

attributes and their respective levels.   
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Table 7: Overview over Attributes and Levels 

Attribute Attribute levels Source 

1) Brand   • Vestiaire Collective  

• Zalando Pre-Owned  

• Vinted   

• Depop   

Blasigh 2015; Naef 2021; Similarweb 

(Appendix 0.1) 

2) Variety   • Offering only one type of fashion 

(e.g., only Fast Fashion, Vintage or 

Luxury)  

• Offering all types of fashion  

Lee et al. 2021; Alanadoly and Salem 

2022 

3) Price   • 5€  

• 15€  

• 30€  

• 50€  

Laitala and Klepp 2018; Guiot and 

Roux 2010; Seo and Kim 2019 

4) Buyer protec-

tion   

• Platform guarantees return and reim-

bursement in case of fraud or deliv-

ery of a faulty item  

• Platform does not guarantee return 

and reimbursement in case of fraud 

or delivery of a faulty item  

Lu, Zeng and Fan 2016; Lu, Fan and 

Zhou 2016; Lu and Zhang 2020 

5) Delivery services   • Express delivery in 24 hours  

• Premium delivery in 2-5 working 

days  

• Basic delivery in 5-10 working days  

Bienstock and Royne 2010; Bou-

zaabia et al. 2013; Mentzer and Flint 

1999; Mentzer et al. 2001 

6) Additional fee 

/purchase    

• Free  

• 2,99€   

• 4,49€  

• 5,99€  

Tranquillini 2021; 

https://www.vinted.com/ 

7) Payment options  • Basic: Credit Card + PayPal   

• Advanced: Credit Card + PayPal + 

Credit on the platform from your pre-

vious sales  

UPS Inc. 2019; 

https://www.vinted.com/ 

;https://blog.depop.com  

 

In the following, the reasoning for the inclusion of the attributes and the attribute levels will be 

given.   

1) For the brands attribute, the four platforms subject of the thesis are presented. The brand 

attribute was included because of its potential impact on the decision for or against certain 

profiles. As stated in Chapter 2, the brands have been chosen due to their importance in 

the Italian market. 
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2) The variety attribute focuses on fashion category variety, i.e., the platform offers a certain 

type of fashion (e.g. vintage, fast or luxury fashion) or all types of fashion. Initially, also 

other variety attributes, such as market variety in a sense that products can also be bought 

from other countries, have been considered. However, the variety attribute related to the 

fashion category was seen as the most fundamental one, as it partly also distinguishes the 

platforms tested from each other, e.g., Vestiaire Collective with a focus on luxury or 

Vinted with no specific focus on a certain type of fashion.  

3) The product price attribute was included due to its potential impact on the choice of other 

attributes. It might happen for instance, that the product price has an impact on the will-

ingness to pay for an additional fee. In addition, to provide a realistic decision situation, 

it is necessary to include the price in the profiles. The different price levels were chosen 

representing a relatively realistic spectrum, aiming also to include a close to realistic price 

for Vestiaire Collective, whose price level clearly exceeds the one of the other platforms. 

It is also assumed, that the span covered is large enough to depict potential impacts of 

different product prices on the choices.  

4) The buyer protection attribute was included based on the importance of trust within the 

marketplaces retrieved from the interviews and the literature review. The platform taking 

the responsibility for fraud and the delivery of faulty items is assumed to drastically in-

crease the level of perceived security and drastically reduce the financial risk as outlined 

in Chapter 3.  

5) The delivery service quality attribute was included through the delivery time. While de-

livery service quality has many facets as outlined in Chapter 3, the complexity was re-

duced through the choice of delivery time enabling clearly distinguishable attribute levels. 
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6) The attribute additional fee per purchase was included to test the willingness to pay extra 

for the usage of the platform, considering an estimated amount the buyers will have to 

pay if they choose buyer protection and different levels of delivery speed. In addition, it 

allows a comparison of consumer price sensitivity between the item price and the addi-

tional fee. The levels were based on realistic delivery fees on Vinted in Italy,  the in Chap-

ter 2 described buyer protection fees on Vinted, and on a combination of both 

(Tranquillini 2021). A “free” attribute level was included considering that Zalando ships 

secondhand item exceeding a value of 24,90€ for free and allows return of the secondhand 

items bought, which makes the buyer protection obsolete for the company.7 

7) The payment method attribute was included due to the importance identified in the inter-

views and the literature review. Here, credit card and PayPal have been chosen due to 

their relevance in Europe (UPS Inc 2019). However, as some of the platforms, e.g., Vinted 

and Zalando, as described in chapter 2 also do offer the option to use credit from previous 

sales as means of payment, this option was also included.  

 

The order of the attributes was chosen based on the realistic yet slightly simplified consumer 

journey on the platform. As such, the attributes within the survey are presented in the same 

order as they appear when the consumer visits the platform and decides to buy a certain item, 

as briefly explained in the following. When the buyer opens the platform, they are initially 

being confronted with the brand of the platform. Subsequently, he or she will see the variety 

of the clothes when scrolling through the offer alongside with the price for each item. Then, on 

the product page, the buyer is confronted with the option to buy. In this context, typically also 

the information on the buyer protection appears. Nearby, also the information on the shipping 

 
7 https://www.zalando.it/ 
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is presented. As the additional fee is comprised of delivery fee and buyer protection, it is pre-

sented below both attributes. Finally, the payment options are presented as last attribute since 

it represents the last step in the purchase process.  

 

Initial Survey Setup in Conjoint.ly 

As stated in chapter 3, for this work project, the conjoint format of choice-based conjoint was 

chosen in order to confront the respondent with a choice, that is as close as possible to a real-

life decision-making scenario. For the setup of the study, the software Conjoint.ly was used. 

The platform is an all-in-one survey research platform and has specialized on easy usage ad-

vanced tools originating from offering conjoint analysis only. Conjoint.ly was chosen for its 

fast and easy usage and the intuitive survey design, also from the respondents’ perspective. It 

allows an automated translation to the respondents’ language, which with some manual adjust-

ments was used to provide the survey in Italian to the sample.  

As for the survey layout, an additional question was added in the beginning of the survey to 

ensure that people who have been living in Italy from past 5 years continue with the rest of the 

study. Respondents who selected “no” were immediately excluded from the sample. After the 

first step, the choice-profiles randomly appeared based on the attributes and levels added in the 

setup. Lastly, some additional questions were asked from the respondents to know about their 

sociodemographic and motivations to buy from secondhand platforms. See Figure 12 below 

for an overview of the survey design.  
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Figure 12: Conjoint Analysis Survey Design (Overview) 

 

 

As for the design, a brand-specific conjoint was chosen on the software, allowing to test not 

only features and claims like in the generic conjoint option, but also price. After all the attrib-

utes and levels have been included in the brand-specific conjoint survey, all combinations of 

attributes and levels have been allowed. Furthermore, a no-choice option has been included in 

the setup. The number of profiles the respondent sees simultaneously has been set to four, 

according to the four brands tested. In each decision, each brand appears once. The total num-

ber of decisions to be made by the respondent is twelve. For the layout, where applicable, logos 

and icons have been included to provide a more lively and less tiring experience as seen in 

Figure 13.  
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Figure 13: Layout of the Choice Sets within Conjoint.ly 

 

Additional Questions  

The core of the conjoint survey, which is the presentation of the profiles, was surrounded by 

additional questions. The same demographic and behavioral questions as in the survey for per-

ceptual maps have been included in order to understand about the interference between the 

preferences and the demographic and psychographic factors of the sample, also understanding 

differences in preferences between the personas defined in chapter 3. All in all, the survey 

consisted of eight additional questions and twelve decisions related to the conjoint measure-

ment.  

 

 

Pre-Test and Data Collection  
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Before the official launch of the survey, it has been tested among Italian friends of ours. Based 

on the feedback, some changes on the information provided have been made increasing clarity 

and respondent friendliness. In addition, as the test respondents pointed out the high level of 

concentration needed to finish the survey, especially due to the presentation of the profiles one 

below the other in the mobile version of Conjointly, which might result in a high number of 

early terminations of the survey, the authors decided to include the raffle of a 50€ Amazon 

voucher as additional motivator to complete the survey.  

The survey has been open for six days from the April 1st 2022 to April 6th 2022. The distribution 

channels, synchronous to the survey on perceptual maps have been LinkedIn, Facebook, Insta-

gram and WhatsApp. Here, the survey was distributed on personal social media accounts as 

well as within family and friends’ groups. Moreover, also social media groups dedicated to 

research and second-hand clothing have been used, e.g. “Vestiaire Collective Italia” or 

“Zalando Italia”.  

 

Results  

Sample Characteristics  

The following results are based on the sample of 112 respondents of which 6 have been ex-

cluded due to lack of quality of their responses. Visual presentations of the sample distributions 

based on the factors gender, age, education, income and frequency of purchase can be found in 

Appendix 11.4.1.1. 

Of the 106 respondents taken into account, 67% have been female, 30.2% have been male and 

2.8% preferred not to disclose their gender. In the Italian population, in 2021, approx. 51.3% 

were females as opposed to approx. 48.7% males (ISTAT 2022).  
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As for the age distribution, there was a clearly stronger representation of young people with 

the age class of 16 to 25 accounting for 56.6%, followed by the age class of 26 to 35 with 

25.5%, 36 to 45 years with 9.5% and 45+ years with 8.5%.  

In regard to education level, the sample is relatively evenly distributed with 30.2% of respond-

ents having completed high school or less, 34.9% having completed a bachelor’s degree and 

34.9% having completed a postgraduate degree. As compared to the overall Italian population, 

the sample is strongly skewed towards highly educated people. According to the national sta-

tistics institute in Italy, in 2019, 14.96% of the people older than 15 years held a university 

degree (ISTAT 2020).  However, it is worth considering that the sample is also younger than 

the Italian population, which most likely implies that it is more educated (ISTAT 2020). 

Looking at income levels, the largest group is represented by people earning less than 800€ 

with 38.7%, followed by the class from 800 to 1.500€ with 29.2%, the class from 1.500 to 

2.000€ with 27.4% and the class from 2.000 to 3.000€ with 4.7%. With a mean monthly income 

of approx. 1.087€, the sample mean clearly falls below the average monthly income in the 

Italian population amounting approx. to 1.817 € in 2020 (Ruffino 2021). This might be due to 

the young age of the sample, as younger people typically have a lower income than older ones.  

With regard to the frequency of purchase of secondhand items, the large majority (83%) of 

respondents has bought 3 items or less in the last three months. 13.2% of the respondents have 

bought between 4 and 6 items, while 3.8% have bought more than 7 items in the last three 

months. 

Considering the reasons of the sample to consume secondhand fashion, measured with a 5-

point Likert scale with 5 representing the highest possible agreement and 1 representing the 

lowest possible agreement of the relevance of the certain reason, according to the mean, the 

most frequently named reason have been the “low prices” (3.7) , followed by “price / quality  
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ratio” (3.6) and “finding unique items” (3.6), “sustainability” (3.4) and finally “buying designer 

and luxury brands” (3.1).  

Taking the median into account, the same order is represented. However, the differences be-

tween the importance of the different reasons seem to be rather small. Interestingly, economic 

reasons play a larger role in the sampling than sustainability. The fact that “buying designed 

and luxury brands” is the least important reason is expected, due to the smaller market volume 

of the luxury market as compared to the overall apparel market (Statista 2022a; Statista 2022b).  
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Consumer Segments: Clustering   

According to the initially stated research objectives, the study aim is also to identify potential 

consumers segments and assess who are the potential buyers on second-hand fashion platforms 

in the current mutated market scenario. To perform such, a cluster analysis will be conducted, 

based on both perceptual and conjoint analysis data. As in the previous chapters, the following 

one will include a methodology explanation and a results analysis.  

Methodology 

To create a basis to build the clusters on, the two studies conducted before on conjoint and 

perceptual maps included several behavioural and demographic questions. During the two pre-

vious surveys, respondents were asked about their (i) gender, (ii) age, (iii) income level (iv) 

education level (v) frequency of purchase of second-hand items (vi) motivations for purchasing 

of second-hand items. Regarding the motivations, consumers had to evaluate 5 macro-motiva-

tions: (a) looking for lower prices, (b) looking for good quality items compared to the price 

paid, (c) finding unique and cool clothing pieces, (d) buying luxury or designers items and (e) 

sustainability reasons. The survey collection followed the pattern described in the previous 

surveys methodology (see Chapters 5 and 6). A total of 228 answers were analysed. This num-

ber does not include the number of participants who were excluded due to residency and atten-

tion checking.   

Some of the variables analysed (i.e. gender, age, income, education, frequency of purchase) 

were originally expressed in nominal values. In order to use them in the analysis, they were 

standardised and converted into a numerical ordinal scale.  The analyses were then performed 

using IBM SPSS software and Enginius (a marketing analytics and engineering licensed plat-

form).   
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Results  

At first, an ANOVA was performed over the descriptors. As a result of the analysis (see Table 

37, Appendix 11.5), the only variable that resulted not significant was the educational level. 

Then, the ideal number of clusters was assessed. Generally, clusters number is assessed ac-

cording to the statistical fit, managerial relevance and targetability. However, when these three 

elements do not perfectly match, the segments number must be selected using specific market-

ing techniques.  Therefore, we decided to utilise a statistical criterion called the “elbow 

method”, consequently drawing a scree plot. This compared the sum of squared error (SSE) for 

each cluster solution and measured the within-cluster heterogeneity. A good cluster solution is 

displayed when the SSE slows dramatically, creating an ‘elbow’.  When increasing the number 

of clusters beyond a certain point does not dramatically decrease within-cluster heterogeneity, 

this means that the clustering should be stopped at that identified point. According to this def-

inition and according to the scree plot results displayed below (see Figure 18), we decided to 

adopt a 4-clusters solution.   

Figure 18: Scree Plot - elbow method 

 

A data aggregation was then performed, generating a new dataset with the centroids for each 

variable (mean value) related to each segment. For the sake of simplicity and considering the  
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analytical capacities constraints, a k-means clustering analysis was performed. As a result, the 

sample (N=228) was divided into the following clusters: Cluster 1 with 60 cases, Cluster 2 with 

25, Cluster 3 with 72, and Cluster 4 with 71 cases (see Tables 35-36, Appendix 11.5).  

Figure 19 represents a visual representation of the segment’s descriptive statistics.  For each 

segment, “the segmentation variables are ordered in decreasing order of magnitude and im-

portance. The dots represent the average of the segment. The horizontal lines represent the 

standard deviations within that segment. The vertical, grey lines represent the averages of the 

rest of the population, after excluding members of the segment under scrutiny”.8 In order to 

access the detailed clusters descriptive statistics table, please check Table 38-41, Appendix 

11.5.  

 
8 The graphs description is retrieved from www.enginius.biz. The platform was used to double-check SPSS re-

sults and obtain a better data visualisation 

http://www.enginius.biz/
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Figure 19: Clusters Descriptive Statistics Summary Graphs

 

Cluster 1: the fashionistas  

Cluster 1 is composed of mostly females under 35. These have a monthly income level of 800-

1500 euros, an undergraduate educational level and bought less than 3 second-hand fashion 

items in the last 3 months. This segment mainly purchases second-hand items because they are 

looking for unique and cool items and luxury and designers clothing. Since this segment is 

mainly driven by style and brand motivations, we defined it as the fashionistas segment. In 

order to access the detailed Cluster 1 descriptive statistics table, please check Table 38, Ap-

pendix 11.5.  
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Cluster 2: the bargain hunters  

Cluster 2 is composed of both men and women under 35. These have a monthly income level 

of 800-1500 euros, an average undergraduate educational level and bought less than 3 items of 

second-hand clothing in the last 3 months. This segment is mostly motivated to purchase sec-

ond-hand online because of the lower prices. Indeed, they are less interested in finding unique 

items or designer and luxury clothing, as well as sustainability. In order to access the detailed 

Cluster 2 descriptive statistics table, please check Table 39, Appendix 11.5. 

 

Cluster 3: the “connoisseurs” 

The cluster 3 is made by women over 35+, with an income that is around 1500-2000 euros per 

month and an undergraduate educational level. They bought between 4 and 6 second-hand 

fashion items in the last 3 months. They are motivated in buying second-hand fashion because 

of various reasons: the good quality of the items purchased compared to the price paid, the 

uniqueness and coolness of the items, the possibility to purchase second-hand designer/luxury 

brands. As well, they purchase second hand because they care about sustainability. We will 

define them as “connoisseurs” since they resulted as the cluster with the highest frequency of 

purchase and drive towards sustainability, items unique and coolness as well as luxury and 

designer purchase. In order to access the detailed Cluster 3 descriptive statistics table, please 

check Table 40, Appendix 11.5. 

 

Cluster 4: the sustainable youngsters  

The cluster 4 is made by both men and women in their 16-25 with an income that is lower than 

800 euros per month and an undergraduate educational level. They bought less than 3 items in 

the last 3 months. When purchasing second hand, they are motivated mostly by sustainability. 

Then, they are also driven by the lower prices, the possibility of getting a good quality piece of  
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clothing for the price paid as well as a unique and cool item.  This cluster will be called “sus-

tainable youngsters” since it is the cluster containing the youngest individuals who also demon-

strated a high drive for sustainability. In order to access the detailed Cluster 4 descriptive sta-

tistics table, please check Table 41, Appendix 11.5. 

To conclude, it is possible to compare the clustering results with the literature overview and 

qualitative interviews suggestions. At first, it is noticeable how there is a higher component of 

females and under 35 years olds among second-hand fashion consumers (Markova and Grajeda 

2018). However, the clustering results highlight some segments where the male and 35+ con-

tribution is present and consistent (clusters 2 and 3). The analysis also confirmed that most of 

the population is made by low-mid income consumers (Markova and Grajeda 2018). Whereas 

the education level seems to be not significant, with most of the participants having an under-

graduate educational level. Additionally, it is possible to state that the majority of consumers 

purchased less than 3 items in the last 3 months, whereas just a specific cluster (the “connois-

seurs”) purchased more than 4 items. This is particularly important if we compare the results 

with the BCG 2020 source, where more than one cluster had a higher frequency of purchase. 

Moreover, if we compare the motivations results with the literature overview (Hur 2020), we 

can state that the division between price-conscious, fashion-conscious, brand-conscious and 

sustainability-conscious is not so neat. Consumers present several motivations across different 

segments, with peculiar classifications of buyers according to both demographic and behav-

ioural factors. In fact, we can identify a cluster of consumers who is only motivated by price 

(cluster 2). However, other clusters are both motivated by style and brand (clusters 1 and 3) or 

just style (cluster 4). Others are also strongly driven by sustainability (clusters 3 and 4).  

In the following, in order to validate the clusters and test whether they are able to identify 

differentiated preferences between different consumer groups, conjoint analysis will be run on 

each cluster separately and thus will be combining Chapters 6 and 7.  
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Cluster-Specific Conjoint Analysis  

Following the same approach as in the previous chapters, the next chapter is organized in two 

parts. The methodology chapter explains the process of the segment-specific conjoint, followed 

by the results chapter, which sheds light on the differences between the clusters with regards 

to attribute importance and partworths.  

 

Methodology 

For the purpose of the cluster-specific conjoint analysis, the dataset has been filtered according 

to the clustering criteria. Thus, every respondent has been assigned to one cluster. As a result, 

sub data sets for each cluster have been built consisting of 32, 15, 24 and 35 respondents for 

clusters 1, 2, 3 and 4 respectively. In a subsequent step, the importance of the attributes as well 

as the partworths of the level have been analysed within Excel. To reduce complexity, the 

average of all four brands per attribute and attribute level has been calculated providing general 

preferences. Attribute importance and attribute level preference per brand and cluster are yet 

presented in Appendix 11.6. 

 

Results  

The average importance of attributes between the clusters is depicted below in Figure 20. Over-

all, it becomes evident, that the main variation between the clusters concerns the attributes 

price, buyer protection and additional fee, which also represent the most important ones given 

their percentages. Yet, some variation can also be detected within delivery. Payment and Va-

riety importance are more or less on the same level for the individual clusters. In the following, 

therefore, the analysis will concentrate on price, buyer protection and additional fee. 
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Figure 20: Average Importance of Attributes between Clusters 

 

Looking at cluster 1, the fashionistas, it is visible, that buyer protection (28%) is slightly more 

important than product price (25%). The fashionistas assign 20% of importance to the addi-

tional fee. Comparing the importance of price to the other clusters, it becomes evident, that the 

fashionistas care less about it than cluster 2 and 4, but more than cluster 3. The fashionistas are 

mainly motivated by unique and cool items and finding luxury and designer pieces, which 

might imply, that price is less important as unique items and luxury goods typically go along 

with higher prices. As such, the answers to the motivational questions also do reflect the real-

istic behaviour of the cluster. However, the income is lower than for the connoisseurs for in-

stance, which might explain, why the importance of price is higher as compared to this cluster. 

For cluster 2, the bargain hunters, price represents the most important attribute (27%), followed 

by additional fee (25%) and buyer protection (22%). As its name implies, the bargain hunters 

are mainly motivated by low prices, thus, it seems logical, that they assign high importance to 

the price. However, this seems to concern both, price and additional fee. In addition, since 

buyer protection is the least important attribute, the cluster might be more risk seeking.  
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When taking into consideration cluster 3, the connoisseurs, which is the oldest and wealthiest 

cluster with the most purchases, the most important attribute with a significant distance to the 

others is buyer protection (30%), followed by price (22%) and additional fee (21%). This order 

might on the one hand be justified by an increase of risk aversion with age (Albert and Duffy 

2012; Dohmen, et al. 2018). On the other hand, the higher income of the connoisseurs as com-

pared to the other clusters might justify the lower importance of price.  

Cluster 4, the sustainable youngsters, puts most importance on the price (28%), followed by 

buyer protection (25%) and additional fee (23%). The importance of price might be associated 

with the low monthly income of up to 800€.  Interestingly, the sustainable youngsters are less 

sensitive to the additional fee.  

Continuing with the preferences of the levels, the same approach as previously has been fol-

lowed, and the average values depicted in Table 16 will be analysed.  

Table 8: Average Importance of Attribute Levels between Clusters 

 The fashionis-

tas 

The bargain 

hunters 

The connois-

seurs 

The sustainable 

youngsters 

Variety     

Offering all types of fash-

ion 

2.3% 1.8% 3.8% 3.2% 

Offering only one type of 

fashion 

-2.3% -1.8% -3.8% -3.2% 

Product Price     

5 € -1.7% 7.4% 4.1% 10.1% 

15 € 0.8% 8.2% 4.8% 7.9% 

30 € 6.6% 3.0% 1.8% -0.5% 

50 € -5.7% -18.7% -10.8% -17.5% 

Buyer Protection     

Yes 22,3% 14.1% 20.5% 15.7% 

No -22.3% -14.1% -20.5% -15.7% 

Delivery     

Express - 24h 6.6% 5.4% 4.7% 3.8% 

Premium - 2-5 working 

days 

-2.5% -1.4% -1.1% -0.3% 

Basic - 5-10 working days -4.1% -3.9% -3.7% -3.4% 

Additional Fee     

Free 9.7% 12.6% 11.0% 12.7% 

2,99€ 3.0% 4.5% 2.2% 3.8% 

4,49€ -4.9% -5.6% -4.9% -7.2% 
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5,99€ -7.8% -11.5% -8.4% -9.3% 

Payment     

Basic - CreditCard + Pay-

Pal 

-1.7% -0.5% -1.9% -1.7% 

Advanced - CreditCard + 

PayPal + Credit from pre-

vious sales 

1.7% 0.5% 1.9% 1.7% 

 

Taking the fashionistas cluster and its preference for price levels into account, it becomes evi-

dent, that the most preferred price is 30€ (6.6%) followed by 15€ with (0.8%). 5€ (-1.7%) and 

50€ (-5.7%) represent the least preferred prices. As compared to the others, this cluster has the 

highest willingness to pay preferring 30€ over all other prices, even rejecting the 5€ priced 

items. As stated earlier, this could be associated with the cluster’s preference for unique items 

and luxury pieces and their association with higher prices. In addition, the price signalling 

quality mechanism within this cluster might be stronger than in other ones. Looking at buyer 

protection, the fashionistas have the strongest preference for the availability of the feature and 

the strongest aversions against the unavailability with 22.3% and -22.3% respectively. Moving 

on to the additional fees, the cluster strongly prefers “Free” (9.7%), followed by “2.99€” 

(3.0%), “4.49€” (-4.9%) and “5.99€” (-7.8%). These results in terms of differences between 

the levels are comparable to the other clusters.  

The bargain hunters have the highest preference for an item price of 15€ (8.2%), followed by 

5€ (7.4%), 30€ (3.0%) and 50€ (-18.7%). Despite their motivation for low prices, they prefer 

the item price of 15€ over the others, which is surprising to some extent. However, they might 

also be affected by price signalling quality. Comparing the willingness to pay, based on the 

comparison of the partworths between the price levels between the clusters, it is similar to the 

connoisseurs, but lower than for the fashionistas and higher than for the sustainable youngsters.  

With 14.1% and -14.1% for the availability and non-availability of buyer protection, the bar-

gain hunters have the weakest partworth utilities for this attribute. With reference to the 
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additional fee, the same pattern is observable as for the previous cluster with “Free” being the 

most preferred option (12.6%), followed by “2.99€” (4.5%), “4.49€” (-5.6%) and “5.99€” (-

11.5%).  

The connoisseurs, who are least interested in prices, also prefer 15€ most (4.8%), followed by 

5€ (4.1%), 30€ (1.8%) and 50€ (-10.8€). As such, even if the cluster assigns less importance to 

the price and has a higher income, it does not have a significantly higher willingness to pay 

than the others. Its willingness to pay is comparable to the bargain hunters. With 20.5% and -

20.5% for the availability and non-availability of buyer protection, the connoisseurs are having 

the second strongest partworths for the attribute. Also, for the connoisseurs, the pattern within 

the attribute level preferences for the additional fee does not deviate significantly with “Free” 

being the most preferred option (11.0%), followed by “2.99€” (2.2%), “4.49€” (-4.9%) and 

“5.99€” (-8.4%). 

The sustainable youngsters, have the lowest willingness to pay preferring 5€ (10.1%), followed 

by 15€ (7.9%), 30€ (-0.5%) and 50€ (-17.5%). They are the only cluster with a negative pref-

erence for 30€. As indicated before, this might be associated with the very low income of the 

cluster. With 15.7% and -15.7% for the availability and non-availability of buyer protection, 

the sustainable youngsters are having the second weakest partworths for the attribute after the 

bargain hunters. Finally, the preference shares for the additional fee following the same order 

as for the previous cluster with “Free” being the most preferred option (12.7%), followed by 

“2.99€” (3.8%), “4.49€” (-7.2%) and “5.99€” (-9.3%). 

Summarizing the findings of this chapter, it can be said, that there are relatively significant 

differences between the importance of the three attributes item price, buyer protection and ad-

ditional fees between the clusters. Taking a closer look at the attribute levels, mainly the item 

price is differentiating the clusters in terms of their preferences.  

 



Group part 

57 

 

Discussion 

Limitations and Further Research Opportunities 

The following chapter will discuss the study limitations and based on this, it will provide fur-

ther research ideas. 

Qualitative Interviews and Self-reported data bias. We performed a series of qualitative inter-

views to gain more detailed insights before structuring the quantitative part. However, self-

reported data is limited by the fact that it rarely can be independently verified. Furthermore, 

whether in interviews, focus groups, or surveys, the accuracy of what individuals say might 

bring various possible biases in both the interviewer and the interviewee. These biases can be 

related to consumers’ memories and preferences (remembering or not remembering certain 

experiences or events, preferring one platform over another, etc), but they can also be also 

business-related (e.g., experts providing insights based on the firm they work for or a limited 

amount of information they can share with an external interviewer) (Brutus 2013). Nonetheless, 

qualitative interviews were essential for gathering information about attributes and consumers’ 

preferences, cross-comparing with academic and business research.  

Sample sizes. Given the time and financial constraints, sample sizes were kept significantly 

smaller than suggested, especially for conjoint analysis. Overall, both perceptual maps and 

conjoint analysis had sample sizes that were greater than n>100 but less than 150. This could 

have been an issue with regards to statistical significance. Therefore, for future research pur-

pose, we suggest conducting the study on a larger sample population.  

Brand Choice Bias. The surveys always included brands as part of the consumers evaluation. 

Due to this, some platforms might have been favoured compared to others due to their higher 

brand awareness and recognition. For example, some consumers might have favoured Zalando 

Second-Hand, even though they never used it.  
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Business model comparability. The study was conducted considering both B2C and C2C plat-

form models. This created consistent research limitations related to the business models cross-

comparison. Indeed, by performing so, the choice of attributes and levels could be more finely 

tuned to the business model itself. For instance, platforms with different pricing positioning 

and product strategies have been investigated together, which required a certain degree of sim-

plification. This was done since just few second-hand platforms had a sufficient acknowledg-

ment in the market in order to be tested among consumers. Therefore, future research should 

investigate either B2C or C2C platforms models separately.   

Customers vs. non-customers, buyers vs. sellers. The study focused on both platform consum-

ers and non-consumers. Furthermore, only the buyers' point of view was taken into account, 

excluding a consistent portion of second-hand platform users, sellers. Therefore, further re-

search should be conducted on this topic, comparing consumers and non-consumers percep-

tions as well as gathering buyers’ insights. Additionally, the buyers - seller distinction might 

be a further aspect to investigate especially from a clustering and segmentation standpoint 

(BCG 2020).  

Choice of Attributes and Characteristics. Other than the attributes tested in both conjoint anal-

ysis and perceptual maps, further characteristics could have been taken into consideration. 

However, testing more than the chosen attributes could have made the conjoint survey even 

more challenging for consumers, increasing the abandonment rate or decreasing the attention 

span. Moreover, due to the complexity of the consumer journey on such a platform, some at-

tributes had to be simplified, such as buyer protection. Therefore, further conjoint analysis 

studies should be conducted, testing other attributes and assessing further product and service 

implementations. 

Clustering descriptors. The analysis performed contained an assessment of the consumers in-

come level. However, even though the income level is a common way to assess consumers  
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profile, the results revealed that the majority of consumers had a low-mid income level. This 

might not represent a meaningful insight from a clustering perspective. Indeed, for future re-

search purpose, it would be interesting to investigate consumers’ behavior according to the 

amount spent on the platform for each transaction (BCG 2020).  

 

Findings and Recommendations 

The following chapter will summarize the main findings of the study and will give actionable 

recommendations and market insights to the brand under examination.  

How do Italian consumers perceive the different main players and how are those brands posi-

tioned in the market? 

The findings with regards to consumers’ perceptions on the major market players can be sum-

marized as follows.   

Vinted is the best positioned platform in terms of Sense of Community, Price Convenience, 

and Fun and Entertainment. This could be easily justified by comparing the perceptual maps 

results to some brand inventory9  and brand exploratory10 insights. In fact, the overall marketing 

strategy adopted by Vinted and its users, more price oriented than the rests of competitors, 

explains why the brand is so well perceived in terms of pricing. Similarly, the platform might 

highly score on Sense of Community and Fun and Entertainment due to its user interface. In 

fact, the Vinted presents a more social-oriented purchase experience: users profiles resemble 

an Instagram page, with "likes" and “follow” buttons, as well as a biography section. 

Following on Zalando Second Hand and Vestiaire Collective, it can be stated that they compete 

in a similar market position. Indeed, they both perform well on attributes such Design and  

 

 
9 brand inventory: qualitative analysis of the marketing elements (e.g. price, product, etc) performed through the brand chan-

nels (e.g. www.vinted.com) 
10 brand exploratory: qualitative interviews aimed to assess consumer perceptions about the brand (see chapter 4)  
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Style, Service Quality and Sophistication, Platform Reliability, and Items Quality. These fea-

tures can be identified as competencies and highlight their expertise in the sector. However, 

when evaluating both platforms, it is also possible to assert that Vestiaire Collective has a more 

significant link with these traits because it appears further away from the origin in the vector's 

direction. This can be justified by comparing these takeaways with some brand inventory and 

exploratory insights.  In fact, Zalando Second Hand was launched just in 202011 and the plat-

form might be still associated with its core business, brand-new fashion, as expressed in some 

preliminary interviews feedback. Indeed, consumers might acknowledge the overall Zalando 

capabilities in the fashion industry, but they might still perceive Vestiaire Collective as a more 

knowledgeable competitor.  

 Finally, regarding Depop, it can be easily noted that the platform underperforms the other 

competitors on all the elements tested. Based on the perceptual maps analysis, it is possible to 

conclude that the platform is failing at meeting consumers' needs, or it has a low brand aware-

ness (Keller 2001).  

According to what previously stated, it is possible to recommend the following.    

1) According to its Sense of community and Fun and Engagement consumers perceptions, 

Vinted might furtherly leverage this positioning in the market. For example, they might 

capitalize on these aspects by implementing branded and influencer content creation 

and onsite users group chats.   

2) Due to Zalando close positioning to Vestiaire Collective, it might be possible for the 

brand to extend part of its second-hand fashion selection into designer and premium 

second-hand brands, as they did with brand-new fashion. This might be a successful 

choice due to the higher user base that Zalando can leverage. Similarly, the pre-existing  

 
11 https://corporate.zalando.com/ 



Group part 

61 

 

relationship with brands can allow second-hand collaborations with brands that need to 

get rid of unused stock.  

3) Since Depop underperformed all the other brands on all fronts, it can be stated that 

either the brand has a low brand recognition or that its brand performance is declining 

(Keller 2001). Indeed, the brand should try to invest more in paid advertising in order 

to attract more and new customers. Similarly, according to the qualitative feedback re-

ceived during interviews, they should re-scope their delivery and fee strategy in order 

to attract ex-consumers that abandoned the platform due to price and time convenience 

reasons. 

 

Which app attributes and brands are most valued by Italian consumers and how can the major 

market players improve their platform performance?  

Moving on to the consumer preferences, taking the overall platform preference into account, 

Zalando and Vinted turned out to be most preferred platforms followed by Vestiaire Collective 

and Depop. The main reason for this could be the fact that on average, most of the respondents 

are looking for fair trades on second-hand platforms and their choices might be also influenced 

by the pre-existing brand loyalty. Among all attributes, product price, buyer protection, and 

additional fee were the most preferred attributes across all platforms, which highlights the fact 

that when in a trade-off scenario, users give importance to these factors the most. There were 

two types of respondents seen in the survey - the price sensitive and the ones who associate 

quality with price. Although, most of inclination was towards the 5€ priced products, people 

were also willing to spend 15€ on Zalando and 30€ on Vestiaire Collective and Depop, which 

supports the reasoning of some respondents having an association of price with quality. Con-

sidering the additional fee, most people preferred paying nothing, but they still showed some 

willingness to pay for a fee of 2,99€.  
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As product price also appeared to be one of the significant attributes for consumers, prices with 

highest preferences in the analysis should be used as a benchmark especially by Zalando Sec-

ond Hand, Vinted and Depop. However, Vestiaire Collective should further investigate the 

price preferences of the consumers because it seems unrealistic that luxury fashion will be 

offered at 30€, and also that the consumers would expect to have luxury items in this price 

range. In this case, it would have been expected to observe at least the highest preference of 

50€ by Vestiaire Collective users. 

Creating simulations on price sensitivity, revealed that demand is inelastic for both, product 

price and additional fee, which was an unexpected finding. Comparing both elasticities for all 

four brands, it became evident that while for Depop and Zalando the elasticities have been 

similar, some difference between the two elasticities for Vinted and Vestiaire Collective could 

be identified. Looking at Vinted, the demand for the additional fee was more elastic than the 

one for price. For Vestiaire Collective, the opposite has been observed. This shows, that for 

Vinted, considering price changes, it would be advisable to change the additional fee compo-

nent, while Vestiaire Collective would be better off changing the product price component. 

Further, while the drop in item price preferences had been distributed relatively evenly with an 

incremental price increase from one price level to another, for the additional fee, a more sig-

nificant drop was observed from “Free” to “2,99€”, especially for Zalando. Therefore, it is not 

recommended for Zalando to change the additional fee.  

Buyer protection was another one of the most important attributes especially in the case of C2C 

platforms such as Vinted and Depop as compared to B2C platforms, maybe since being con-

fronted with fraud is more likely on a consumer-to-consumer platform. Due to the importance 

of buyer protection and the fact, that the attribute is more complex than presented in the study, 

as there are multiple ways to improve trust on a platform, e.g. through reviews in the case of  
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C2C platforms, we would recommend the platforms to further investigate this attribute and 

how it can be setup in a way, its most efficient.  

Compared to the three top-attributes, delivery services, type of variety on the platform and 

payment options were given the least attention by the respondents when making a close to real-

life market choice.  Regarding the delivery services, there could be possibility that respondents 

might not have associated the delivery services as part of the platform attributes but rather as a 

third-party service. Although the preference for variety and payment options was not the high-

est, but consumers have shown preference for having all types of variety and credit wallet on 

these reselling platforms. These findings can be insightful for the platforms to incorporate these 

features, if they do not have it already. 

Moreover, it was identified in the correlation among the variables and highest ranked attributes 

that consumers from the upper age group do not give much importance to product price. Also, 

when people have a high frequency of purchase from second-hand platforms or are looking for 

unique or branded clothes, they tend to have buyer protection as part of their trade. On the 

contrast, people who have high frequency of purchase, buy second-hand luxury and unique 

items and are also from upper age and income bracket, do not find additional fee as an ex-

tremely relevant attribute. 

 

What are the relevant consumer segments purchasing on second-hand platforms?  

According to the k-means clustering conducted, the ex-post segmentation revealed 4 possible 

clusters.   

The first one, the fashionistas, are women under 35, with an undergraduate educational level 

and an 800-1500 monthly income. They bought less than three second-hand fashion items in 

the last three months, and they mainly buy second-hand fashion products because of their 

uniqueness and coolness, as well as premium and designer attire.  
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The second cluster is made by bargain hunters. They are men and women under 35 with an 

undergraduate educational level, earn between 800 and 1500 euros a month, and bought less 

than 3 second-hand clothing items in the last 3 months. This group buys second-hand fashion 

online mainly to save money. They have no interest in coolness and uniqueness, designer and 

luxury apparel, or sustainability.  

The third cluster is made by the connoisseurs: over-35-years-old women with a monthly salary 

of 1500-2000 euros and undergraduate educational level. They bought between 4–6 second-

hand apparel items in the last 3 months. Affordability, uniqueness, and coolness of are all mo-

tivating factors for them as well as acquiring designer/luxury brands. They also buy second-

hand to help the environment. Overall, they are the cluster with the highest frequency of pur-

chase and income. Similarly, they have a stronger motivation for sustainability, uniqueness and 

uniqueness, as well as luxury and designers.  

The last cluster is the one made by sustainable youngsters. It’s composed of men and women 

aged 16-25, having a monthly income of less than 800 euros and an undergraduate educational 

level. They bought less than 3 items in the last three months and are mainly driven environ-

mental and pricing concerns when purchasing second-hand apparel. In this cluster, we can find 

the youngest people with a strong motivation towards sustainability.  

Overall, when comparing to the literature overview (Hurr 2020) to the study discoveries, the 

price-conscious, fashion-conscious, brand-conscious, and sustainability-conscious categories 

are not so clearly defined and divided, with a higher diversification of consumers motivations.  

Additionally, based on the findings, we would generally recommend removing the educational 

and income level as population descriptors. In fact, two clusters out of four had a middle in-

come, while all the clusters analysed had an undergraduate educational level. Variables that 

might be tested instead are: the average amount spent on the platform per transaction (giving  
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more direct and actionable insights about the segment profitability), the distinction between 

buyers and sellers and having or not children (as emerged during some qualitative interviews 

and as tested by BCG 2020).  

 

How do consumers preferences differ across market segments? 

Applying the identified clusters on the conjoint analysis, the results per cluster are the follow-

ing. 

The fashionistas with a preferred item price of 30€ have the highest willingness to pay, a high 

need for buyer protection and see the additional fee as a relatively unimportant feature. The 

bargain hunters, motivated by low prices, have a relatively low willingness to pay with a pre-

ferred price of 15€. Moreover, buyer protection plays a subordinate role, while additional fee 

is relatively important. The willingness to pay for the connoisseurs, who have multiple moti-

vations and purchase more frequently than the other clusters, is comparable to the bargain hunt-

ers with 15€ as preferred item price. Yet, the item price, as well as the additional fee are rather 

unimportant. This cluster has the highest need for buyer protection.  The sustainable young-

sters, with a preferred item price of 5€ have the lowest willingness to pay, a relatively low need 

for buyer protection and consider the additional fee as relatively important. Due to the fact, that 

clear differences of needs between the clusters, at least in some of the attribute and attribute 

level preferences could be identified, it can be said that the clusters provide a meaningful way 

of segmentation, which can in turn be used for targeting. Therefore, in the following, it is pos-

sible to make some recommendations for the platforms in this context. 

Overall, the segmentation results, together with the conjoint analysis and perceptual map in-

sights can allow us to make some possible targeting discussion.  

From a motivational perspective, Vestiaire Collective best matching target groups would be 

the fashionistas and the connoisseurs. Indeed, buying designer-luxury as well as cool and  
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unique items are the main drivers for both consumer segments. Additionally, the connoisseurs 

have the highest income level and frequency of purchase across the different segments. This 

makes them a particularly profitable segment and a good match for Vestiaire Collective. Sim-

ilarly, in terms of positioning, Vestiaira Collective seems to be the platform with the most 

positive associations with quality aspects, as well as a more premium-pricing when compared 

to Vinted and Zalando. However, despite what mentioned, none of the clusters resulted in a 

willingness to spend more than 30€ per item during the conjoint-specific conjoint analysis. 

This is especially valid for the connoisseurs, as despite their high income, they have a lower 

willingness to pay than the fashionistas. Therefore, it is questionable whether this type of tar-

geting is effectively impactful in a real-life scenario.  

Due to the negative results obtained in the perceptual maps analysis, it is difficult to state how 

Depop precisely can match any of the consumers’ segments examined in the paper. However, 

in a better market scenario (higher brand awareness and recognition), it would be recommend-

able to target the fashionistas due to their willingness to pay and their motivation to find unique 

and luxury items.  

Finally, due to the lower willingness to pay of bargain hunters and sustainable youngsters, 

Vinted and Zalando seem to be a better match with these clusters. The pricing is also confirmed 

by the perceptual maps results. Additionally, since these two mentioned clusters have a com-

paratively low need for buyer protection, they better match with the offer of Vinted, which 

offers buyer protection but also allows purchases without it, resulting in lower costs.  
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Appendix 

Relevant Reselling Apps in the Italian Market  

Figure 21: Screenshot Similarweb.com - Top Apps in Italy Category "Shopping" 
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Figure 22: Screenshot Similarweb.com - Top Apps in Italy Category "Shopping" 

 
 
 

Conjoint Analysis  

1.1.1 Survey Setup 
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Figure 24: Choice Sets Layout in Conjoint.ly - Italian version 

 
 

1.1.2 Survey Results 

1.1.2.1 Sample Characteristics (n=106) 

 
Figure 25: Respondents Gender Distribution 
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Figure 26: Respondents Age Distribution 

 
 

 
Figure 27: Respondents Education Distribution 

 
 

 

 

 
Figure 28: Respondents Income Distribution 

 
 

 
Figure 29: Respondents Frequency of Purchase Distribution 
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Table 33: Descriptive Statistics - Reasons to Purchase 

 
 

 

1.1.2.2 Conjoint Analysis Output 

Table 34: Partworth utilities of all the brands and levels 

Attributes Levels Vestiaire 

Collec-

tive 

Zalando Vinted Depop 

1). Variety Offering only one type 

of Fashion 

(2.8%) (3.8%) (4.2%) (0.6%) 

Offering all types of 

Fashion 

2.8% 3.8% 4.2% 0.6% 

2). Product Price 5€ 4.1% 3.2% 10.0% 5.7% 

15€ 3.1% 11.1% 5.4% 2.7% 

30€ 8.0% (2.1%) (4.4%) 7.9% 

50€ (15.2%) (12.2%) (11.0%) (16.4%) 

3). Buyer Protec-

tion 

Platform offers the 

guarantee 

17.5% 17.8% 20.6% 18.3% 

Platform does not of-

fer the guarantee 

(17.5%) (17.8%) (20.6%) (18.3%) 

4). Delivery Ser-

vices 

Express delivery in 24 

hours 

1.7% 7.2% 4.7% 6.5% 

Premium delivery in 

2-5 working days 

(1.1%) (2.2%) 0.2% (1.8%) 

Basic delivery in 5-10 

working days 

(0.6%) (4.9%) (4.9%) (4.7%) 

5). Additional 

Fee/Purchase 

Free 12.2% 12.7% 9.5% 12.8% 

2,99€ 10.6% (1.0%) 2.8% 2.4% 

4,49€ (3.6%) (5.4%) (7.6%) (7.0%) 

5,99€ (19.1%) (6.3%) (4.7%) (8.1%) 

6). Payment Op-

tions 

Basic: Credit Card + 

PayPal 

(1.0%) (1.2%) (1.4%) (2.9%) 

Advanced: Credit 

Card + PayPal + 

Credit on the platform 

from your previous 

sales 

1.0% 1.2% 1.4% 2.9% 
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Figure 42: Ranked Concepts List (Conjoint.ly Survey Report) 
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Consumer Segments: Clustering  

Table 35: K-Means Clustering - Number of clusters 

 
 

 
Table 36: K- Means Clustering – Final clusters center 

 
 

 
Table 37: ANOVA 
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Table 38: Cluster 1 - Descriptive Statistics 

 
 

 
Table 39: Cluster 2 - Descriptive Statistics 

 
 
 

Table 40: Cluster 3 - Descriptive Statistics 

 
 

 
Table 41: Cluster 4 - Descriptive Statistics 
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Cluster-Specific Conjoint Analysis  

Table 42: Cluster Specific Partworth Utilities 
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Table 43: Attribute Importance per Cluster 

  Variety Price 

Buyer Pro-

tection Fee Delivery Payment 

Cluster 1              

Vestiaire  8.65% 26.69% 26.41% 23.32% 8.80% 6.13% 

Zalando 5.26% 20.50% 31.63% 19.01% 16.28% 7.32% 

Vinted 8.68% 23.52% 31.22% 17.00% 14.85% 4.72% 

Depop 3.92% 28.28% 24.66% 21.27% 15.57% 6.30% 

Average 6.63% 24.75% 28.48% 20.15% 13.88% 6.12% 

Cluster 2             

Vestiaire  8.84% 24.33% 20.78% 31.92% 8.50% 5.62% 

Zalando 5.97% 25.79% 22.09% 22.40% 17.74% 6.01% 

Vinted 6.49% 28.97% 25.50% 17.78% 15.40% 5.86% 

Depop 5.02% 28.37% 20.00% 26.09% 13.77% 6.75% 

Average 6.58% 26.87% 22.09% 24.55% 13.85% 6.06% 

Cluster 3             

Vestiaire  8.84% 21.35% 27.72% 26.19% 9.10% 6.79% 

Zalando 9.05% 19.12% 32.15% 19.35% 12.64% 7.69% 

Vinted 8.28% 22.68% 33.11% 17.61% 14.70% 3.63% 

Depop 5.50% 23.93% 27.05% 22.30% 13.55% 7.67% 

Average 7.92% 21.77% 30.01% 21.36% 12.50% 6.44% 

Cluster 4             

Vestiaire  8.75% 27.63% 22.83% 28.19% 7.91% 4.69% 

Zalando 7.38% 24.94% 26.32% 22.30% 12.76% 6.29% 

Vinted 7.38% 26.51% 29.97% 17.91% 13.70% 4.53% 

Depop 3.93% 31.30% 22.53% 25.39% 10.72% 6.14% 

Average 6.86% 27.59% 25.41% 23.45% 11.27% 5.41% 

 

 

 

 

 

 

 

 

 

 

 

 

 

 
 


