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ABSTRACT 

Introducing perturbations on a self-paced treadmill allows participants to 

experience uncertain environments without restricting their ability to continuously 

change their walking speed and kinematics. In this dissertation, I evaluated how 

different self-paced treadmill controller sensitivities affected gait parameters and 

variability on decline, level, and incline slopes. I also investigated how healthy young 

and older adults adjust their gait strategies when responding to perturbations of varying 

unpredictability and whether the changes in gait strategies remained once the 

perturbations were no longer present. Lastly, I evaluated how differences in gait 

kinematics when responding to visual and mechanical perturbations at varying 

frequencies. I found that detrending gait kinematics could be used as a tool to compare 

gait kinematics when participants walk with varying walking speeds. Higher controller 

sensitivities lead to greater speed fluctuations and longer steps for decline, level, and 

incline slopes. When introducing mediolateral perturbations as participants walked on a 

self-paced treadmill, I found that young and older adults walked faster, not slower, when 

responding to the perturbations compared to walking with no perturbations. Additionally, 

I found that after removing mediolateral perturbations faster walking speeds are carry 

over and are not rapidly washed out. Our findings suggest that separating gait variability 

into speed-trend and detrended variability could be beneficial for interpreting gait 

variability among multiple self-paced treadmill studies and when comparing self- paced 

walking with fixed speed walking. Additionally, these findings are of interest to 
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populations with slow walking speeds such as patients in rehabilitation because using 

perturbations such as discrete mediolateral treadmill shifts can potentially be designed 

to encourage participants to walk faster. 

.  
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CHAPTER 1 : INTRODUCTION 

In uncertain environments and as people age humans begin to change their gait. 

Understanding differences in gait strategies used as people age could be examined with 

perturbations on a self-paced treadmill. Self-paced treadmills are becoming increasingly 

popular in evaluating gait biomechanics because participants can continuously adjust 

their walking speed. Another advantage of self-paced treadmills is that participants are 

no longer limited to short (10-20 meter) ramps or available outdoor terrains (Silverman 

et al. 2012; McIntosh et al. 2006; Prentice et al. 2004; Sun et al. 1996). Therefore, we 

can now leverage self-paced treadmills to gain a better understanding on how humans 

adjust their gait in uncertain environments as they age.  

Changes in gait are associated with cognitive, sensorimotor, and biomechanical 

factors. Cognitive refers to the executive function and attention to internal and 

environmental cues (Yogev-Seligmann, Hausdorff, and Giladi 2008). Studies that 

evaluated short-term and long-term decreases in cognitive or executive function found 

an increase in fall risk (Muir, Gopaul, and Montero Odasso 2012; Amboni, Barone, and 

Hausdorff 2013). Sensorimotor refers to the mechanism the body uses for anticipatory 

and reactive support, control of balance, and postural stability. More specifically, motor 

commands act on the musculoskeletal system from sensory feedback through visual, 

vestibular, and somatosensory systems which contribute to changes in postural stability 

and locomotion (Bronstein 2016; MacKinnon 2018). Lastly, biomechanical, refers to 

changes in kinematics and kinetics. Walking at different speeds change kinematics such 
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as step length, step frequency, and joint kinematics, as well as kinetics such as ground 

reaction forces and joint moments (Bovi et al. 2011; Bohnsack-McLagan, Cusumano, 

and Dingwell 2016).   

First of all, we wanted to understand how self-paced treadmills work and if they 

forced participants to change their gait by the parameters that were set in the self-paced 

controller. Thus, we evaluated differences in self-paced treadmill controller sensitivities 

and how they affect gait parameters and variability on decline, level, and incline slopes. 

Then, we wanted to gain an understanding on how different environments would affect 

gait as humans age. We investigated changes in gait strategies between healthy young 

and older adults when responding to perturbations of varying unpredictability and 

whether the changes in gait strategies remained once the perturbations were no longer 

present. Lastly, we evaluated how differences in gait kinematics when responding to 

visual and mechanical perturbations at varying frequencies. 

 Our findings provide people using self-paced treadmills a better understanding 

on how they affect gait kinematics, which is crucial for biomechanical research. 

Additionally, these findings would be of interest to populations with slow walking speeds 

(i.e. patients in rehabilitation) because using perturbations such as discrete mediolateral 

treadmill shifts can potentially be designed to encourage participants to change their 

walking patterns. 
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CHAPTER 2 : SELF-PACED TREADMILL WALKING HAS SPEED-
RELATED GAIT VARIABILITY THAT INCREASES WITH MORE 

SENSITIVE SELF-PACED CONTROLLERS 

Abstract  

Self-paced treadmills are being used more and more to study humans walking 

with their self-selected gaits on a range of slopes. Self-paced treadmills often use 

customized controllers, which raises questions about how different self-paced controller 

parameters affect self-paced walking biomechanics. We sought to determine how self-

paced treadmill controller sensitivity (i.e. responsiveness to changes in speed) and 

mode (self-paced versus fixed speed) affect spatiotemporal gait parameters on different 

slopes. Our primary hypothesis was that the self-paced mode and more sensitive self-

paced controllers would produce greater speed fluctuations, step length variability, and 

step width variability on each slope. Ten young adults walked on a self-paced treadmill 

using three self-paced controller sensitivities (low, medium, and high) and fixed speeds 

at three slopes (decline, -10°; level, 0°; incline, +10°). Within each slope, average 

walking speeds and spatiotemporal gait parameters were similar regardless of self-

paced controller sensitivity. With higher controller sensitivities on each slope, speed 

fluctuations, speed variance, and step length variance increased whereas step 

frequency variance and step width variance were unaffected. Detrending speed from 

step length revealed that detrended step length variances were unaffected while speed-

trend step length variances increased with more sensitive controllers. Further, 

detrended step length variances were similar for fixed speed and self-paced modes, 
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whereas the self-paced mode added substantial speed-trend step length variance not 

present in the fixed speed mode. These findings indicate that self-paced controller 

sensitivity can alter gait variability and that separating gait variability into speed-trend 

and detrended components could be beneficial when interpreting self-paced walking 

variability.  

Introduction  

Self-pace treadmills (also known as user-driven treadmills, active treadmills, and 

adaptive speed treadmills) are typically motorized treadmills that modulate belt speeds 

to match the subject’s walking speed and are becoming more prevalent in gait 

laboratories. Self-pace control algorithms can use ground reaction forces, marker 

locations, and gait parameters, among other real-time measures, to determine when 

and how much to speed up or slow down the treadmill belts. Often, the intent for using 

self-pace treadmills is to match overground walking speeds and allow for less 

constrained gait (Minetti et al. 2003; Ray, Knarr, and Higginson 2018; Souman et al. 

2011). As such, subjects can walk at their self-selected walking speed for several 

minutes and hundreds of strides while preserving natural gait fluctuations on self-pace 

treadmills (Plotnik et al. 2015; Choi et al. 2017; Sloot, van der Krogt, and Harlaar 2014). 

Self-pace treadmills can also be set at incline and decline slopes to study self-selected 

uphill and downhill gaits (Kimel-Naor, Gottlieb, and Plotnik 2017), overcoming limitations 

of overground sloped walking studies that are often constrained to short (10-20 meter) 
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ramps or available outdoor terrains (Silverman et al. 2012; McIntosh et al. 2006; 

Prentice et al. 2004; Sun et al. 1996).  

Several studies have investigated differences between self-paced treadmill 

walking and fixed speed treadmill walking where the treadmill speed is constant, 

requiring the subject to match the treadmill speed. Studies showed that stride 

variabilities, muscle activities, and walking speed during self-paced treadmill walking 

were more similar to overground walking than fixed speed treadmill walking (Sloot, van 

der Krogt, and Harlaar 2014; Ibala, Coupaud, and Kerr 2019; Ray, Knarr, and Higginson 

2018). Peak anterior ground reaction forces also increased on a user-driven treadmill 

compared to a fixed speed treadmill (Ray, Knarr, and Higginson 2018). On an active 

(self-paced) treadmill, the sensorimotor cortex was more engaged compared to 

passively walking on the (fixed speed) treadmill (Bulea et al. 2014). Additionally, self-

pace treadmills have helped demonstrate that exoskeletons, visual feedback, and 

mechanical perturbations can shift a subject’s preferred walking speed (Song, Choi, and 

Collins 2019; O’Connor and Donelan 2012; Farrens, Lilley, and Sergi 2020).  

As more groups incorporate self-pace walking into their studies, more 

customized self-pace controllers are being developed and implemented on treadmills 

already in a laboratory space or on new treadmills that do not have a self-pace mode 

option (Feasel et al. 2011; J. Kim et al. 2012; Minetti et al. 2003; Ray, Knarr, and 

Higginson 2018; Song, Choi, and Collins 2019; Yoon, Park, and Damiano 2012; 

O’Connor and Kuo 2009). Some treadmill companies (ex. Motekforce Link, used in this 
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study) provide a built-in self-pace mode. A previous study showed that different control 

algorithms and parameters can generate different speed fluctuations when walking on a 

self-pace treadmill at a level slope (Sloot, van der Krogt, and Harlaar 2014). This 

multitude of self-pace treadmill controllers and parameters that can generate a range of 

speed dynamics may affect gait analyses, making comparing and interpreting findings 

across multiple self-pace walking studies difficult. Determining how to analyze 

spatiotemporal gait parameters while accounting for differences in speed fluctuations 

and responsiveness for multiple self-pace controllers is necessary for understanding 

differences in gait when using self-pace treadmills.  

Gait parameters, particularly those with a strong relationship with speed such as 

step length (Grieve and Gear 1966), are likely to be sensitive to differences in self-

selected gaits and speed fluctuations. Gait parameters have both long-range 

correlations over hundreds of steps (Terrier, Turner, and Schutz 2005) and short-range 

dependencies on preceding strides (J. M. Hausdorff et al. 1995), which may modulate 

walking speed over short distances (Riley et al. 2007). By removing the speed 

relationship from step length during overground walking, step length variability can be 

separated into speed-related (speed-trend) and speed-independent (detrended) 

components. These components may represent long-term and short-term active 

balance control (Collins and Kuo 2013). Other overground gait studies have also 

removed speed-related trends to analyze detrended gait variability to avoid speed-

related effects (Jonathan B. Dingwell, Bohnsack-McLagan, and Cusumano 2018; Ojeda 
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et al. 2015). To our knowledge, studies examining gait variability during self-pace 

walking on any slope have not detrended speed relationships from gait variability. As 

such, any likely speed-related effects have not been accounted for in self-pace treadmill 

walking findings.   

The primary purpose of this study was to investigate how self-pace treadmill 

controller sensitivity and mode (self-pace versus fixed speed) affect self-pace walking 

speed and spatiotemporal gait parameters on different slopes (decline, level, and 

incline). We hypothesized that using the self-pace mode compared to the fixed speed 

mode and increasing self-pace controller sensitivity would increase speed fluctuations, 

step length variability, and step width variability within each slope. We also 

hypothesized that detrended gait variability would be similar across sensitivities within a 

slope as potential speed-related contributions to gait variability would no longer be 

present. Because studies often use a single sensitivity (or set of controller parameters) 

for all conditions, a secondary purpose was to investigate the effect of slopes on self-

paced treadmill walking speed and spatiotemporal gait parameters with each sensitivity. 

We hypothesized that walking speed would be fastest and gait variability would be 

smallest on the level slope compared to decline and incline slopes with each sensitivity.     

Materials and Methods  

Ten healthy young adults (22.6±3.5 years; 4 females) with no musculoskeletal or 

neurological conditions participated in this study and provided informed written consent. 
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The University of Central Florida Institutional Review Board approved the protocol and 

consent form. 

 

Subjects walked on a self-pace instrumented treadmill (M-Gait System and D-

Flow software version 3.28, Motekforce Link, Amsterdam, Netherlands) as motion 

capture data using the 16-marker OptiTrack “Conventional Lower Body” marker set was 

recorded (22 cameras, Prime 13 and 13W, OptiTrack NaturalPoint Inc., Corvallis, 

Oregon). The self-pace controller uses a proportional-derivative controller to adjust belt 

speed, 𝑥𝑥�̈�𝑏 based on the subject’s speed, �̇�𝑥 and relative position of their approximate 

center-of-mass (average of the pelvis markers’ positions) on the treadmill relative to the 

middle set point, ∆𝑥𝑥 (Sloot, van der Krogt, and Harlaar 2014)(Eq. 1, Fig. 1).  

Figure 2-1: Schematic illustrating the self-pace controller concept and equation. The 
equation parameters are described in Eq. 1, and gains of 0.5, 1.0, and 1.5 yield the low 
(green), medium (red), and high (purple) controller sensitivities. When the subject 
moves in front of the set point, the treadmill belts speed up. When the subject moves 
behind the set point, the treadmill belts slow down. When the subject remains near the 
set point, the belt speed does not change.  
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𝑥𝑥�̈�𝑏 =  g(P∆x − ∆xD�̇�𝑥)    (1) 

The controller parameters are the sensitivity gain, 𝑔𝑔, proportional constant, 𝑃𝑃, 

and derivative constant, 𝐷𝐷. The low, medium, and high sensitivity controllers 

corresponded to gains of 0.5, 1.0, and 1.5, respectively. 

Experimental Protocol  

Subjects first walked on the treadmill with a range of fixed speeds and self-pace 

controller sensitivities during a brief familiarization period. They also completed a 10-

meter walk test to identify their level overground walking speed. Subjects then 

completed nine 5-minute self-pace treadmill walking conditions, which were the 

combinations of controller sensitivities (low, medium, high) and slopes (decline, -10°; 

level, 0°; incline, +10°) in a randomized order with brief 1-2 minute rest periods between 

conditions. Subjects then completed 3 subject-specific fixed speed conditions, one for 

each slope. We calculated the average walking speed (calculated from the last 2.5 

minutes of a condition) for the 3 controller sensitivities on a slope for each subject.  

Data Analysis  

Using custom MATLAB (Mathworks, Inc., Natick, Massachusetts) scripts, we first 

resampled the treadmill belt speed data from 333 Hz to 240Hz to match the motion 

capture system. We applied a low-pass filter (zero-lag fourth-order Butterworth filter at 6 

Hz) to these data. We identified heel strikes as the most anterior position of the 
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calcaneus markers and toe-offs as the most posterior position of the second metatarsal 

head markers for each foot (Zeni, Richards, and Higginson 2008).   

We excluded the first 45 seconds for all analyses and used the last 255 seconds, 

which we considered to be at “steady-state” speeds (Plotnik et al. 2015). Walking speed 

was the sum of the treadmill belt speed and speed of the approximate center-of-mass. 

To characterize speed fluctuations, we computed the power spectral density of the 

walking speeds between 0.01-0.2 Hz frequencies. Step length was the anterior-

posterior distance between heel markers, and step width was the mediolateral distance 

between heel markers for each step (heel strike to contralateral heel strike). Step 

frequency was the number of steps per second.   

To quantify gait variability, we computed the variances for speed, step frequency, 

step length, and step width. We also separated the step length and step width variances 

into speed-dependent (speed-trend) and speed-independent (detrended) components 

(Collins and Kuo 2013). For each self-pace condition, we fitted the speed and step 

length data with Eq. 2 based on Grieve & Gear, 1966. 

𝑠𝑠𝑠𝑠𝑠𝑠𝑠𝑠 𝑙𝑙𝑠𝑠𝑙𝑙𝑔𝑔𝑠𝑠ℎ = ∝ 𝑥𝑥 𝑣𝑣𝛽𝛽    (2) 

where 𝑣𝑣 is walking speed and 𝛼𝛼 and 𝛽𝛽 are constants and fitted the speed and 

step width data with Eq. 3 based on Collins and Kuo, 2013. 

𝑠𝑠𝑠𝑠𝑠𝑠𝑠𝑠 𝑤𝑤𝑤𝑤𝑤𝑤𝑠𝑠ℎ =  (𝛾𝛾 ×  𝑣𝑣) + 𝛿𝛿    (3) 
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where 𝑣𝑣 is walking speed and 𝛾𝛾 and 𝛿𝛿 are constants. For each fixed speed 

condition, we combined data from the three self-pace sensitivities for a slope before 

performing the fits to identify a single set of parameters (𝛼𝛼,𝛽𝛽 and 𝛾𝛾,𝛿𝛿). We calculated 

step lengths and step widths using the fits and subtracted them from the actual step 

lengths and step widths, respectively, to obtain the detrended component (Collins and 

Kuo 2013). The speed-trend variance was the difference between the total and 

detrended variances because uncorrelated speed-trend and detrended variances sum 

linearly to equal the total variance. 

Statistics 

 To test our first hypothesis and determine if controller sensitivity was a 

main effect within a given slope, we applied general linear models with repeated-

measures independently for each spatiotemporal gait parameter. The assumptions of a 

repeated measures ANOVA (normality, homoscedasticity, and sphericity) were 

validated using a Shapiro-Wilk Test, Bartlett’s test, and Mauchly’s test. Outliers based 

on the default methods (Hi leverage, Cook’s distance, and DFITS) used in Minitab 

(version 19.2020.1, Minitab, LLC, State College, Pennsylvania) were excluded. 

Because gait experiments typically use a single sensitivity, we applied the same 

statistical approach with each sensitivity to determine if slope (decline, level, and 

incline) was a main effect for a given sensitivity. Whenever sensitivity or slope was a 

main effect, we used post-hoc pair-wise Tukey’s Honest Significant Difference (HSD) 

tests adjusted for multiple comparisons (Dunn-Bonferroni correction) to identify which 



12 
 

sensitivities were significantly different within a given slope and which slopes were 

significantly different for a given sensitivity. We set the significance level to 0.05 and 

only report Tukey HSD p-values when either sensitivity or slope was a main effect for 

their respective statistical models. Due to an error saving the fixed speed data, only five 

subjects had fixed speed datasets, and we chose not to perform statistics to compare 

fixed speed and self-pace modes. We used SPSS (version 25, IBM Corporation, 

Armonk, NY, USA) for Mauchly’s sphericity test and Minitab (version 19.2020.1, Minitab, 

LLC, State College, Pennsylvania) for all other statistical analyses. 

Results 

Speed Fluctuations 

In all slopes, self-paced walking speeds had evident fluctuations over time, unlike 

fixed speeds (Fig. 2.2A). Speed fluctuations were distributed across more frequencies 

and had greater power at higher frequencies as self-pace controller sensitivities 

increased within each slope (Fig. 2.2B). The spectral powers for the fixed speed mode 

(not plotted in Fig. 2.2B) were 2 orders of magnitude less than the self-pace mode. 
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Average Speed and Spatiotemporal Gait Parameters 

For the level slope, the walking speeds (mean±standard deviation) were 

1.24±0.28 m/s, 1.23±0.26 m/s, and 1.22±0.28 m/s for low, medium, and high 

sensitivities, respectively, which were similar to the 10-meter walk speeds, 1.27±0.11 

m/s.  

Within each slope, increasing self-pace controller sensitivity did not affect 

average speed, step frequency, step length, or step width (Fig. 2.3).  

Figure 2-2. A) Walking speed fluctuations over the duration of each condition (green = 
low; red = medium; purple = high; black = fixed speed) at each slope for a representative 
subject. Fixed speed conditions had nearly no fluctuations compared to the self-pace 
conditions. B) The group (n = 10) averaged power spectral density of walking speed was 
distributed across more frequencies with higher sensitivities. 
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Each sensitivity showed that subjects walked the fastest with the longest step 

lengths and narrowest step widths on the level slope compared to the decline and 

incline slopes (Fig. 3, colored asterisks, p’s<0.05). Additionally, the slowest step 

Figure 2-3: Group averaged walking speed, step frequency, step length, and step width 
(top row) and corresponding variances (bottom row) for each controller sensitivity for 
each slope. For all gait parameters, n=10 except for speed variance and step length 
variance where n=9, due to statistical outliers. Single sided error bars are shown and 
indicate standard deviations. Square brackets with black asterisks indicate significant 
differences between sensitivities within a slope (Tukey HSD, p<0.05). The brackets in 
these plots show that controller sensitivity only resulted in significant increases for 
speed variance and step length variance. Curly braces indicate significant differences 
between slopes within a single sensitivity indicated by the color-coded asterisks (Tukey 
HSD, p<0.05). The curly braces in these plots show that A) walking speed was fastest 
and speed variance was lowest on the level slope; B) step frequency was slowest on 
the incline while step frequency variance was highest on the decline; C) step lengths 
were longest and had the least variance on the level slope; and D) step width was 
smallest on the level slope while step width variances were not significantly different 
among slopes. 
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frequencies were on the decline compared to level and incline slopes (p’s<0.05). With 

the low or medium sensitivity, subjects walked faster on the decline compared to the 

incline (p’s<0.05). 

Gait Variability 

Within each slope, increasing self-pace controller sensitivity did not affect step 

frequency variance and step width variance (Fig. 2.3). Only speed variance and step 

length variance showed significant increases with higher sensitivities within each slope 

(Fig. 2.3, black asterisks, p’s<0.05). 

Each sensitivity showed that step length variance was smallest on the level slope 

compared to the incline and decline slopes (Fig. 2.3, colored asterisks, p’s<0.05), and 

there were no significant differences in step width variance among slopes (Fig. 2.3). 

Each sensitivity also showed that speed variance on the decline was larger than level 

(p’s<0.05). Speed variance on the incline was larger than level with just the low 

sensitivity. With the low or high sensitivity, step frequency variance on the decline slope 

was larger than level and incline slopes (p’s<0.05). 

Detrended and Speed-trend Step Length Variances 

Speed-trend step length variances accounted for 34%, 47%, and 52% of the total 

variances for low, medium, and high sensitivities, respectively, on the decline (Fig. 

2.4A). Similar percentages were observed on level (35%, 57%, 50%) and incline (41%, 

46%, 58%). 
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Within each slope, detrended step length variances were not significantly 

different among sensitivities, while speed-trend step length variances were largest with 

the high sensitivity compared to the low sensitivity (Fig. 2.4B, black asterisks, p’s<0.05). 

Figure 2-4: Step length variances and step width variances on decline, level, and incline 
slopes for low, medium, and high controller sensitivities (n=9, due to statistical outliers). 
Error bars are standard deviations. Solid colored bars are the total variance. Stacked bars 
show the summation of the detrended (faded colored bar) and speed-trend (open bar) 
components. Percentage values above the stacked bars report the percentage of the 
speed-trend component. A) As controller sensitivity increased, the speed-trend 
component in total step length variance also increased within each slope. B) Controller 
sensitivity did not affect detrended step length variances within a given slope, but as 
controller sensitivity increased, speed-trend step length variance also increased within a 
given slope, as indicated with square brackets and black asterisks (Tukey HSD, p<0.05). 
When comparing across slopes within a given sensitivity, detrended and speed-trend step 
length variances were smallest on level compared to incline and decline, as indicated by 
the curly braces with color-coded asterisks of the specific sensitivities (green = low; red = 
medium; purple = high) (Tukey HSD, p<0.05). C) Step width variances had minimal, near 
zero speed-trend components within each slope. D) Detrended and speed-trend step 
width variances were not different across sensitivities within a given slope nor across 
slopes within a sensitivity. 
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Speed-trend step length variances were also larger with the medium sensitivity than the 

low sensitivity on the level slope (p<0.05).   

Each sensitivity revealed that detrended step length variance was lowest on the 

level slope compared to decline and incline (Fig. 2.4B, colored asterisks, p’s<0.05) and 

that step length variance was not significantly different between decline and incline (Fig. 

2.4B). Each sensitivity also showed that speed-trend step length variance was larger on 

the incline than level (p’s<0.05). Speed-trend step length variance was larger on the 

decline compared to level only with the high sensitivity (p<0.05).  

Detrended and Speed-trend Step Width Variances 

Unlike speed-trend step length variances, speed-trend step width variances only 

accounted for 0.04%, 0.02%, and 0.05% of the total variances for low, medium, and 

high sensitivities, respectively, on the decline (Fig. 2.4C). On level and incline, speed-

trend step width variances were negligible (<0.01%) compared to the total variance in all 

sensitivities. 

Within each slope, detrended and step-trend step width variances were not 

significantly different among sensitivities (main effect p’s>0.05, Fig. 2.4D).  

Within each sensitivity, there were also no significant differences in detrended 

and speed-trend step width variances among slopes (main effect p’s>0.05, Fig. 2.4D).  
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Fixed Speed Mode Versus Self-Pace Mode 

Total step length variance was the smallest for the fixed speed mode compared 

to any self-pace sensitivity (Fig. 2.5). Detrended step length variances for the fixed 

speed mode were within the range for the self-pace sensitivities, while speed-trend step 

length variances for the fixed speed mode were negligible < 1x10-7 m2 (Fig. 2.5). 

 

Figure 2-5: Total (solid circles), detrended (faded circles), and speed-trend (open circles) 
step length variances for the fixed speed mode (black x’s) and low (green), medium (red), 
and high (purple) sensitivity self-pace controllers for 5 subjects (multi-colored shaded 
rectangles). Detrended step length variances were similar among the fixed speed and 
three self-pace controller sensitivities for each slope (middle row). Speed-trend step 
length variances were near zero for the fixed speed mode (bottom row). Total step length 
variances were lowest for fixed speeds compared to the self-paced conditions (top row) 
as a result of the near zero speed-trend step length variances for fixed speeds (bottom 
row). 
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Discussion  

We sought to determine how self-pace treadmill controller sensitivity and mode 

(self-pace vs. fixed speed) affect spatiotemporal gait parameters on different slopes. 

Within each slope, increasing self-pace controller sensitivity did not affect average 

walking speeds or spatiotemporal gait parameters. However, more sensitive self-pace 

controllers resulted in greater speed variance and step length variance but had no 

significant effects on step frequency variance or step width variance. Altogether, these 

results partially supported our main hypothesis that increasing controller sensitivity 

would increase speed fluctuations, step length variability, and step width variability. 

Importantly, all detrended variances were not affected by controller sensitivity, as 

hypothesized, whereas speed-trend step length variance increased with more sensitive 

controllers. Further, substantial speed-trend step length variance was evident during 

self-pace treadmill walking, which contributed to increased total step length variance 

whereas speed-trend step length variance was negligible during fixed speed treadmill 

walking. We also compared speed and gait parameters among slopes with a single 

sensitivity as a typical study would do. As hypothesized, walking speed was fastest and 

gait parameter variances were smallest on the level slope compared to decline and 

incline slopes with each sensitivity. Overall, our study highlights that speed-related 

components of step length variability and potentially other gait parameters with strong 

relationships with speed, may affect the interpretation of gait variability during self-pace 

treadmill walking.  
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An important finding was that self-pace treadmill walking had speed-related step 

length variability components that were negligible during fixed speed treadmill walking 

but increased with more sensitive self-pace controllers for all slopes. Differences in gait 

variability between our fixed speed and self-paced conditions were not due to 

differences in walking speed because we matched the fixed speed to the average self-

pace walking speed for individual subjects on each slope. The nearly non-existent 

speed-trend step length variance during fixed speed treadmill walking could explain why 

total speed length variance for the fixed speed mode will most likely always be less than 

the self-pace mode. Additionally, the speed-trend step length variance component and 

its percentage of the total step length variance increased with more sensitive self-pace 

controllers. Differences in gait variability between the fixed speed and self-pace modes 

would then be exacerbated with more sensitive self-pace controllers. However, 

detrended step length variances for the fixed speed condition and the three self-pace 

conditions were similar, with no systematic trends.  

These results raise a question of how to interpret differences in step length 

variability for self-paced treadmill walking conditions. Generally, increased gait 

variability is interpreted as being less stable (J. B. Dingwell et al. 2001; Jonathan B. 

Dingwell, John, and Cusumano 2010; J. M. Hausdorff et al. 1997; O’Connor, Xu, and 

Kuo 2012) or involving greater active control (O’Connor and Kuo 2009). Based on total 

step length variance or speed-trend step length variance, walking on a self-pace 

treadmill with higher sensitivities was less stable and required more active control. 
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However, based on detrended step length variance, there were no apparent differences 

in stability or active control between fixed speed and self-pace treadmill walking, for any 

sensitivity. Alternatively, speed-trend step length variability may reflect active control 

needed to manage speed fluctuations and unstable dynamics of self-paced treadmill 

walking (Qian et al. 2019) Detrended step length variability may reflect active control 

intrinsic for steady-state walking, which was similar for both modes and all sensitivities. 

The negligible contributions of speed-trend step width variance was expected, as lateral 

foot placement has little relation to speed (Collins and Kuo 2013). Comparisons of step 

width variability across fixed speed and self-pace treadmills are likely to be less affected 

by any potential differences among modes or controller sensitivities. Thus, increases in 

total or detrended step width variability for different treatment groups or external 

destabilization/stabilization manipulations on any self-pace treadmills would represent 

differences in mediolateral stability (O’Connor, Xu, and Kuo 2012).  

Our results suggest that self-pace walking on a decline was the most balance 

demanding while walking on level was most efficient. When walking conditions are less 

stable, subjects walk slowly with short and wide steps (Menant et al. 2009; Huijben et al. 

2018; Mak et al. 2020; Kimel-Naor, Gottlieb, and Plotnik 2017), which we observed on 

the decline and incline. The increased detrended step length variance on the decline 

and incline also suggests gaits were less stable compared to level because increased 

step length variance corresponds with greater gait instability (Jeffrey M. Hausdorff 2007; 

Jonathan B. Dingwell, John, and Cusumano 2010). Step frequency variance on the 
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decline was significantly larger than incline, suggesting that decline walking was more 

unstable than incline walking (Bohnsack-McLagan, Cusumano, and Dingwell 2016; 

Hunter, Hendrix, and Dean 2010; Beauchet et al. 2009; Jeffrey M. Hausdorff 2007). 

Finally, self-paced treadmill walking on the level slope had the fastest speeds, longest 

steps, and lowest detrended step length variance compared to decline and incline. This 

could be partly due to level walking being more stable and energetically favorable 

compared to walking on ±10° slopes (Hunter, Hendrix, and Dean 2010; Jeffers, Auyang, 

and Grabowski 2015).  

Similar to other studies, we found that the self-pace walking speeds matched 

overground walking speed (Ray, Knarr, and Higginson 2018; Plotnik et al. 2015). The 

average difference between a subject’s self-paced treadmill speed and overground 

speed was ~0.04 m/s, regardless of controller sensitivity. Our average self-pace walking 

speed was ~1.23 m/s on the level treadmill, which is at the lower end of the range of 

speeds (1.23-1.61 m/s) of other level self-pace treadmill studies (Plotnik et al. 2015; 

Choi et al. 2017; Song, Choi, and Collins 2019; Kimel-Naor, Gottlieb, and Plotnik 2017; 

Sloot, van der Krogt, and Harlaar 2014; Ray, Knarr, and Higginson 2018). Differences in 

speed among self-pace treadmill walking studies are likely due to other self-pace 

controller parameters instead of sensitivity or the sample of subjects, since we showed 

that average walking speed was indifferent to controller sensitivity, also seen in (Sloot, 

van der Krogt, and Harlaar 2014). Differences in speeds could be related to experiment 
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protocols such as using visual optic flow, which resulted in faster walking speeds than 

without optic flow (Plotnik et al. 2015).  

Limitations of this study include potential learning effects of walking on a self-

pace treadmill and testing a small subset of sensitivities and slopes. Participants with no 

experience walking on a self-pace treadmill or sloped treadmill could experience a 

learning effect over the nine self-pace mode conditions. Another limitation is that we 

only used the maximum slope angle possible, ±10° and did not test shallower slopes. 

Similarly, we did not test sensitivities that spanned the full range, which could have 

revealed additional significant effects of sensitivity. 

In summary, self-pace controller sensitivity had non-significant effects on 

average walking speed and spatiotemporal gait parameters on decline, level, and 

incline slopes. Self-pace treadmill walking includes speed-dependent gait variability 

components that increased with higher sensitivity self-pace controllers. Separating gait 

variability into speed-trend and detrended components is one approach to account for 

speed-dependent components of gait variability when interpreting gait variability during 

self-pace treadmill walking.  
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CHAPTER 3 : SPEEDING UP: DISCRETE MEDIOLATERAL 
PERTURBATIONS INCREASED SELF-PACED WALKING SPEED IN 

YOUNG AND OLDER ADULTS 

Introduction  

People tend to walk with a more cautious gait in uncertain environments and with 

increasing age. Typical features of a cautious gait include decreasing walking speed 

and increasing step width. People tend to walk slower and take wider steps when 

walking in unstable or uncertain environments such as a slippery floor surface 

(Reimann, Fettrow, and Jeka 2018) or with treadmill perturbations (Menant et al. 2009). 

Older adults without any impairments also tend to have slower walking speeds, shorter 

step lengths, and faster step frequencies compared to young adults (Richard W. 

Bohannon and Williams Andrews 2011), reflective of a more cautious gait.  

A common approach for studying gait is to add perturbations during walking. 

There are a variety of perturbations which include visual perturbations using virtual 

reality (Shelton et al. 2022; Terry et al. 2012) and mechanical perturbations such as 

changing overground walking surfaces (Lockhart, Spaulding, and Park 2007), pulling a 

person side-to-side (Hof and Duysens 2018), using a force-field to create foot 

placement error (Nyberg et al. 2017), and shifting a treadmill platform side-to-side 

(Madehkhaksar et al. 2018; Li and Huang 2022). Introducing perturbations on a 

treadmill allows participants to experience uncertain environments within a controlled 

setting without limiting the number of gait cycles  (Plotnik et al. 2015). Additionally, 

treadmills can apply mechanical perturbations in different directions (anterior-posterior 
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or mediolateral). Perturbations can be implemented continuously or discretely at 

instances throughout a condition (Afschrift et al. 2019). Continuous perturbations 

constantly apply the perturbation for the entire condition, for example when a treadmill 

platform oscillates side-to-side following sinusoidal functions (Hak, van Dieën, et al. 

2013). Discrete perturbations are applied at specific instances throughout the gait cycle. 

An example of a discrete perturbation is a sudden shift of the treadmill surface at a gait 

event (Afschrift et al. 2019). 

Since walking in the real-world has an element of unpredictability, adding gait 

perturbations with a spectrum of unpredictability could provide further insights about gait 

strategies. Changing the timing and/or magnitude would vary the unpredictability of 

discrete and continuous perturbations. Predictable perturbations could have the same 

timing and magnitude, while unpredictable perturbations could vary both timing and 

magnitude. Previous studies have used discrete and continuous perturbations to create 

unpredictability and found that participants walk with a wider step width, faster cadence, 

and a shorter stride length (Madehkhaksar et al. 2018; Li and Huang 2022; Terry et al. 

2012). However, these studies were performed on fixed-speed treadmills which did not 

allow for changes in walking speed or gait kinematics. As such, participants did not 

have the option to change their walking speed, which is a component of gait and 

balance control strategies.  

Perturbations applied on self-paced treadmills could reveal whether changing 

walking speed is a key component of gait strategies for responding to perturbations. 
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Implementing perturbations on a self-paced treadmill allows participants to continuously 

adjust their walking speed (Plotnik et al. 2015; Sloot, van der Krogt, and Harlaar 2014). 

Self-paced treadmill studies with continuous mediolateral perturbations generated by 

shifting the treadmill platform side-to-side found that participants maintained a similar 

walking speed but increased step width and stride time while decreasing stride length 

compared to walking without perturbations (Hak, van Dieën, et al. 2013; Hak et al. 

2012). Another self-paced walking study using similar continuous mediolateral 

perturbations found that stride length and stride time did not change during perturbed 

walking compared to unperturbed walking (Sinitski et al. 2015). However, no studies, to 

our knowledge, have evaluated how people respond to discrete perturbations while 

allowing them to continuously adjust their walking speed.  

The purpose of this study was to investigate how healthy young and older adults 

adjust their gait strategies when responding to discrete mediolateral perturbations of 

varying unpredictability. We hypothesized that more unpredictable perturbations would 

produce more cautious gait strategies and would be more pronounced in older adults 

than young adults. As such, we expected decreases in self-paced walking speed, step 

length, and an increase in step frequency and step width with the addition of 

perturbations and as unpredictability increased. We also expected that older adults 

would have larger changes in walking speed and step kinematics compared to young 

adults. 
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Methods 

Ten young adults (23±4.2 years; 5 females; 5 males) and nine older adults 

(70±6.6 years; 4 females; 5 males) with no musculoskeletal or neurological conditions 

participated in this study and provided informed written consent. We used a phone 

screening survey of self-reported conditions, short physical performance battery test 

score ≥ 9 (Freire et al. 2012), and a mini-mental test score ≥ 24 (Arevalo-Rodriguez et 

al. 2015) to confirm eligibility, with values reported in Table 1 and Table 2. The 

University of Central Florida Institutional Review Board approved the protocol and 

consent form. 

 

Subject # SPPB MMSE
Over ground 

walking speed 
(m/s)

No perturbation 
walking speed 

(m/s)

1 12 28 1.37 1.48
2 12 27 1.41 1.33
3 12 30 1.4 1.11
4 12 29 1.13 1.34
5 12 30 1.2 1.12
6 12 30 1.48 1.31
7 12 30 1.3 1.37
8 12 30 1.36 1.16
9 12 30 1.43 1.17

10 12 27 1.29 1.3

Average 12±0 29.1±1.12 1.34±0.11 1.27±0.13

Young adults (n=10)

 

Table 1: Short Physical Performance Battery (SPPB), Mini Mental Status Exam 
(MMSE), 10m over ground walking speed, and No perturbation walking speed for young 
adults. The gray boxes show the average value for the corresponding metric in the 
column.  



28 
 

Subject # SPPB MMSE
Over ground 
walking speed 
(m/s)

No perturbation 
walking speed 
(m/s)

1 12 27 1.24 1.53
2 11 30 1.12 1.51
3 10 30 1.16 1.17
4 12 30 1.46 1.4
5 12 29 1.32 1.38
6 12 30 1.4 1.37
7 12 29 1.18 1.63
8 12 28 1.24 1.7
9 12 30 1.32 1.33

Average 11.67±0.71 29.22±1.101.27±0.11 1.45±0.16

Older adults (n=9)

 
 

We recorded lower limb movements using motion capture (OptiTrack 

NaturalPoint Inc.; OptiTrack “Conventional Lower Body” marker set) as participants 

walked with safety harness on a self-paced instrumented treadmill (M-Gait System, D-

Flow v3.28, Motek Medical B.V). We used D-flow’s self-paced controller with 

parameters: sensitivity of 1.0, new algorithm, and used the center of the treadmill as the 

baseline position (Castano and Huang 2021; Mokhtarzzadeh, Richards, and 

Geijtenbeek 2022). The self-paced algorithm uses the relative difference between the 

Table 2: Short Physical Performance Battery (SPPB), Mini Mental Status Exam 
(MMSE), 10m over ground walking speed, and No perturbation walking speed for older 
adults. The gray boxes show the average value for the corresponding metric in the 
column.: 
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participant’s center of mass, calculated as the average 4 pelvis marker positions, and 

the center of the treadmill to adjust the treadmill’s belts speeds (Fig. 3.1A). 
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Protocol 

Participants first completed a 10-meter walk test to identify their overground 

walking speed. Then, participants walked with the treadmill’s self-paced mode and 

experienced mediolateral perturbations until they displayed a steady gait pattern without 

external support. Participants experienced perturbations in the familiarization period 

because pilot data suggested the first few absolute perturbations resulted in extreme 

responses in the step kinematics, which would skew responses in the first condition 

compared to the perturbed conditions.  

There were 5 conditions: 1) a baseline condition of 5 minutes of self-paced 

walking (No Perturbation) and 4 perturbation conditions of different unpredictability 

levels. We changed the discrete mediolateral treadmill shift magnitudes and/or times 

within the gait cycle to create a spectrum of unpredictable perturbations (Fig. 3.1B): 2) 

No Changes (3cm shift; left leg loading response; least unpredictable), 3) Changing 

Time (loading response, terminal stance, and mid-swing; 3cm shift), 4) Changing 

Figure 3-1: Schematic of the study protocol and perturbation unpredictability spectrum. 
A) Self-paced treadmill controller concept. B) Perturbation features of the different 
magnitudes (1 cm, 3 cm, 5 cm) and gait cycle timings (loading response, terminal 
stance, mid-swing) used for the perturbation conditions. C) The five conditions used in 
this study, 1) No Perturbation – baseline condition of 5 minutes of self-paced walking, 2) 
No Changes – Same timing and magnitude (most predictable), 3) Changing Time – 
Same magnitude (3 cm) with the 3 different timings, 4) Changing Magnitude – 3 
magnitudes with the same timing (loading response), 5) Both Changing – 3 magnitudes 
with 3 timings (most unpredictable). For the perturbation conditions, participants walked 
for 80 strides to reach a steady-state walking speed with no perturbations followed by 
200 perturbations at every other stride then finished with 80 strides with no 
perturbations. The perturbation conditions, conditions 2-5, were randomized per 
participant. 
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Magnitude (1cm, 3cm, or 5cm shifts; left leg loading response), and 5) Both Changing 

(1cm, 3cm, or 5cm treadmill shifts; loading response, terminal stance, and mid-swing; 

most unpredictable). A perturbation condition had 400 strides where a discrete 

perturbation occurred every other stride (200 perturbations total per condition) and 

began and concluded with 80 strides of self-paced walking with no perturbations (Fig. 

3.3.1C). The first condition was the No Perturbation baseline condition followed by the 

perturbation conditions. The order of the four perturbation conditions were randomized 

for each participant. 

Analysis 

We analyzed the data with a custom MATLAB (Mathworks, Inc.) script. First, we 

resampled the treadmill data from 333 Hz to 240Hz to match the motion capture data. 

We applied a low-pass filter (zero-lag fourth-order Butterworth filter at 6 Hz) to the 

treadmill and motion capture data. We identified heel strikes as the most anterior 

position of the calcaneus markers and toe-offs as the most posterior position of the 

second metatarsal head markers for each foot (Zeni, Richards, and Higginson 2008). 

We calculated walking speed as the sum of treadmill belt speed and the approximate 

center of mass velocity, which was the derivative of the average of the four pelvis 

markers. Step length was the anterior-posterior distance between heel markers, and 

step width was the mediolateral distance between left and right heel markers at heel 

strike for each step. To examine step length and step width variability, we detrended 

walking speed from step length and step width to account for walking speed fluctuations 
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(Castano and Huang 2021). One older adult did not complete all conditions and was 

excluded from analysis. 

Statistics  

 We used general linear models with repeated measures (SPSS; IBM 

Corporation) for all metrics to determine if unpredictable perturbations produced a more 

cautious gait. We performed a 2x5 repeated measures ANOVA with age (young and 

older) as our between-subjects factor and conditions (No Perturbations, No Changes, 

Changing Time, Changing Magnitude, and Both Changing) as our within-subjects 

variables. A Shapiro-Wilk test and Mauchly’s test validated the assumptions of the 

repeated measures ANOVA. If condition or condition*age had a statistically significant 

main effect (p<0.05), then post-hoc pair-wise Tukey’s Honest Significant Difference 

tests adjusted for multiple comparisons (Dunn-Bonferroni correction) were conducted to 

identify which conditions were significantly different (p<0.05). To test if older adults had 

significantly different step kinematics compared to young adults, we used independent t-

tests with α = 0.05.  

Results 

Condition was a main effect in all repeated measures ANOVAs (F’s≥3.18; 

p’s≤0.02, 𝜂𝜂𝑝𝑝2≥ 0.158) except for speed-trend step length variance, indicating there were 

significant differences among conditions for all metrics except speed-trend step length 

variance. There was no interaction effect for condition*age for all metrics (p’s>0.09), 



33 
 

indicating that there was no significant difference between the trends of the two age 

groups. Full statistical results are reported in supplementary table 1.  

Walking speed increased for the 4 perturbation conditions compared to No 

Perturbation (p’s<0.05; Fig. 3.2A). In the No Perturbation and Changing Times 

condition, average walking speed was significantly greater in older adults compared to 

young adults (p<0.05; Fig. 3.2). Walking speed variance significantly increased in the 

most unpredictable condition, Both Changing, compared to No Perturbation (p=0.038; 

Fig. 3.2B). 
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Average step length, frequency, and width increased in conditions with discrete 

perturbations (Fig. 3.3). Step length and step frequency increased for all perturbation 

conditions compared to No Perturbation (p’s≤0.05; Fig. 3.3A & 3B). Step width 

increased for the Changing Time, Changing Magnitude, and Both Changing conditions 

compared to No Perturbation (p’s≤0.003, Fig. 3.3C). With respect to unpredictability, 

step lengths were greater for the most predictable condition (No Changes) compared to 

the most unpredictable condition (Both Changing) (p=0.011; Fig. 3.3A), and step width 

also increased as perturbation unpredictability increased (p’s≤0.011; Fig. 3.3C). Step 

frequency was not different among perturbation conditions. With respect to age, step 

lengths were not significantly different between young and older adults (p’s>0.05, Fig. 

3.3A). Step frequency was greater in older adults compared to young adults for the No 

Perturbation, No Changes, and Changing Time conditions (p’s<0.05; Fig. 3.3B) while 

step width was greater in older adults compared to young adults for the No Changes 

(t17=-1.739, p=0.05; Fig. 3.3C) and Changing Magnitude conditions (t17=-1.771, 

p=0.047; Fig. 3.3C). 

 

Figure 3-2: Walking speed average and variance for young (n=10, blue) and older (n=9, 
red) adults during (1) No Perturbation, (2) No Changes (most predictable), (3) Changing 
Time, (4) Changing Magnitude, and (5) Both Changing (most unpredictable) conditions. 
Solid circles are individual participants values, and the open circle is the group average. 
Vertical lines are +/- the standard deviation. Numbers above each condition indicate a 
significant difference between conditions. Black asterisks indicate a significant 
difference between young adults compared to older adults. A) Average walking speed 
increased for all perturbation conditions compared to No Perturbation, but conditions 
with more unpredictable perturbations did not affect walking speed. Older adults had 
greater walking speeds for all conditions compared to young adults B) Walking speed 
variance increased for the most unpredictable condition compared to No Perturbation.   
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Step kinematic variances generally increased as perturbation unpredictability 

increased (Fig. 3.4). The variances of step length, step frequency, and step width were 

significantly greater for the Changing Magnitude and Both Changing conditions 

Figure 3-3: Average step length, step frequency and step width for young (n=10, blue) 
and older (n=9, red) adults during (1) No Perturbation, (2) No Changes (most 
predictable), (3) Changing Time, (4) Changing Magnitude, and (5) Both Changing (most 
unpredictable) conditions. Solid circles are individual participants values, and the open 
circle is the group average. Vertical lines are +/- the standard deviation. Numbers above 
each condition indicate a significant difference between conditions. Black asterisks 
indicate a significant difference between the younger adult group compared to the older 
adults. A) Step length increased with perturbation conditions compared to the No 
Perturbation condition. Step length decreased in the most unpredictable condition (5) 
compared to the most predictable condition (2). B) Step frequency increased with 
perturbation conditions compared to the No Perturbation condition. Older adults had 
greater step frequencies for all conditions. C) Step width increased as perturbation 
unpredictability increased and was greater for older adults than young adults. 
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compared to No Perturbation (p’s<0.05; Fig. 3.4). Variance of all step kinematics were 

greatest for the most unpredictable condition, Both Changing (p’s<0.05; Fig. 3.4A). With 

respect to age, step frequency variances were greater in older adults than young adults 

for the No Perturbation (t17=-2.274, p=0.018) and Changing Magnitude (t17=-1.743, 

p=0.05) conditions (Fig. 3.4B). Additionally, step width variances were greater in older 

adults than young adults for the No Perturbation (t9.63=-1.943, p=0.041), No Changes 

(t12.54=-2.197, p=0.024), and Changing Magnitude (t10.80=-2.205, p=0.025) conditions 

(Fig. 3.4C). 
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 Total step length variance had clear speed fluctuation-related components 

(Fig. 3.5A). Detrended step length variance increased for the perturbation conditions 

compared to No Perturbations, except for No Changes (p’s<0.05; Fig. 3.5B). Older 

adults had greater detrended step length variance for the No Changes (t17=-1.78, 

Figure 3-4: Step length, step frequency and step width variances for young (n=10, blue) 
and older (n=9, red) adults during (1) No Perturbation, (2) No Changes (most 
predictable), (3) Changing Time, (4) Changing Magnitude, and (5) Both Changing (most 
unpredictable) conditions. Solid circles are individual participants values, and the open 
circle is the group average. Vertical lines are +/- the standard deviation. Numbers above 
each condition indicate a significant difference between conditions. Black asterisks 
indicate a significant difference between the younger adult group compared to the older 
adults. A) Step length variance was greatest for the most unpredictable condition. B) 
Step frequency variance increased as perturbation unpredictability increased. C) Step 
width variance increased as perturbation unpredictability increased. Older adults also 
had greater step width variances compared to young adults for all conditions. 
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p=0.047), Changing Time (t 17=-1.86, p=0.040), and Changing Magnitude (t17 =-3.228, 

p=0.002) conditions (Fig. 3.5B). For speed-trend step length variance, condition did not 

have a main effect (F1.6,27.0=1.636, p=0.215, Fig. 3.5B). Older adults had greater speed-

trend step length variance than young adults for the No Perturbation (t17=-1.87, 

p=0.039, Changing Magnitude (t17=-2.35, p=0.016), and Both Changing (t17=-1.73, 

p=0.05) conditions. 

 

Figure 3-5: Detrended step length variance for young (n=10, blue) and older (n=9, red) 
adults during (1) No Perturbation, (2) No Changes (most predictable), (3) Changing 
Time, (4) Changing Magnitude, and (5) Both Changing (most unpredictable) conditions. 
Error bars are standard deviations. Darker colors represent detrended step length 
variance (dark blue-young adults; dark red-older adults) while lighter colors represent 
speed-trend variance (light blue-young adults; light red-older adults). The dashed box 
shows the total step length variance (dark blue-young adults; dark red-older adults). A) 
Total step length variance split into speed-trend and detrended components where 
speed-trend is stacked on top of the detrended step length variance. The numbers and 
asterisks above each condition represent significant differences between total step 
length variances. B) Speed-trend step length variance was greater for older adults in the 
condition without perturbations and for the Changing Magnitude and Both Changing 
perturbation conditions compared to young adults. Detrended step length variances for 
older adults were greater than young adults in all perturbation conditions except for the 
most unpredictable condition. Numbers above each condition indicate a significant 
difference of the variance metric between conditions while the black asterisks indicate a 
significant difference of the variance metric between young adults compared to older 
adults.   
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Discussion 

We investigated how young and older adults adjust walking speed and step 

kinematics when responding to discrete predictable/unpredictable mediolateral 

perturbations on a self-paced treadmill. We hypothesized that participants would walk 

with a more cautious gait in the perturbed conditions and as unpredictability increased. 

As such, we expected participants to walk slower and take shorter, quicker, and wider 

steps. Participants walked faster and took longer, quicker, and wider steps, which 

partially agrees with our hypothesis. Even though average walking speed, step length, 

and step frequency did not follow a trend with our unpredictability spectrum, step width 

and step kinematic variability did increase as unpredictability increased. We also 

hypothesized that older adults would have a more pronounced cautious gait and 

expected that older adults would have larger changes in walking speed and step 

kinematics compared to young adults. Surprisingly, older adults walked faster and took 

quicker and wider steps with greater step kinematic variability compared to young 

adults, partially agreeing with our hypothesis. Overall, our study highlights that young 

and older adults preferred to walk faster as a strategy to adjust for unpredictable 

mediolateral perturbations. These findings suggest that perturbations can be designed 

to incentivize participants to adopt certain gait strategies. 

An important and perhaps surprising finding was that participants walked faster, 

not slower, with discrete mediolateral perturbations. Previous studies that used 

continuous mediolateral perturbations found that self-paced treadmill walking speed 
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decreased (Shelton et al. 2022) or remained similar (Hak, van Dieën, et al. 2013; Hak et 

al. 2012) compared to walking without perturbations. In our study, however, self-paced 

walking speed increased. A potential explanation for the contrasting results is the 

perturbation characteristics used in the studies. For the study where participants walked 

slower, the perturbation was continuous and visual, involving a virtual hallway oscillating 

side-to-side (Shelton et al. 2022). For the studies where walking speed did not change, 

the perturbation was mechanical and continuous, involving the treadmill platform shifting 

side-to-side continuously (Hak, van Dieën, et al. 2013; Hak et al. 2012). In our study 

where participants walked faster, we used discrete mediolateral treadmill shifts applied 

to every other stride. Participants may have walked faster with a lower foot clearance, 

possibly as a strategy to shorten reaction times and to be able to immediately increase 

their base of support to unexpected perturbations, which overground walking studies 

with unexpected perturbations have shown (Krasovsky et al. 2014; J. J. Eng, Winter, 

and Patla 1994). Interestingly, the unpredictability of the perturbations did not influence 

average walking speed as there were no significant differences among perturbation 

conditions. Based on our results and emerging results in the field, perturbation 

characteristics can influence self-selected walking speeds, which could potentially be 

tuned to alter walking speed purposefully.  

Another interesting finding is that participants took longer quicker steps, not 

shorter quicker steps, when responding to discrete gait perturbations. Taking shorter 

steps (Lockhart, Spaulding, and Park 2007; Winter et al. 1990; Judge, Davis, and 
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Ounpuu 1996; R. W. Bohannon 1997) and quicker steps (i.e. increasing step frequency 

[5,6]) are often reflective of a cautious gait. In our study, participants took longer steps 

instead of shorter steps. Even though shorter steps often improve gait stability, taking 

longer and quicker steps can also enhance balance recovery based on studies where 

participants were released from different forward leaning angles while standing (Wojcik 

et al. 1999; Hemmatpour et al., n.d.). However, to our knowledge, taking longer steps 

has not been reported to improve balance while walking. As expected, participants took 

quicker steps for perturbation conditions compared to without perturbations, suggesting 

a more cautious gait strategy. Additionally, our participants seem to have used a more 

cautious gait for more unpredictable perturbations by taking shorter steps compared to 

the most predictable condition (Fig. 3.3). Overall, our results suggest that taking longer 

and quicker steps could be a strategy to enhance stability.  

Increasing unpredictability increased balance demands as it led to greater step 

width and step kinematic variability. People tend to modulate step width to actively 

control balance (O’Connor and Kuo 2009) and often increase their step width for 

demanding balance tasks (Hak et al. 2012). Similarly, our participants took wider steps 

with more unpredictable perturbations perhaps as a strategy to increase gait stability. 

Step kinematic variability also tends to increase when gait stability is challenged 

(Bohnsack-McLagan, Cusumano, and Dingwell 2016; O’Connor and Kuo 2009). Our 

results showed greater variances for step width, step frequency, and step length as 

perturbation unpredictability increased, which suggests that gait stability was 
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progressively challenged as unpredictability increased. Overall, more unpredictable 

perturbations appeared to have led to greater balance demands. 

When we examined differences between age groups, we found that older adults 

surprisingly walked faster than young adults and had greater step kinematic variability. 

Previous fixed speed treadmill and overground studies showed that older adults tend to 

have a slower preferred walking speed than young adults (Richard W. Bohannon and 

Williams Andrews 2011; R. W. Bohannon 1997). In our study, older adults walked 

faster, not slower, than young adults in all conditions, even in the condition without 

perturbations. The differences in walking speed are likely related to differences in step 

length and step frequency since people can walk faster by increasing step length, 

increasing step frequency, or increasing both step length and frequency. While young 

and older adults had similar step lengths and relative increases in step lengths across 

conditions, older adults had higher step frequencies in all conditions compared to young 

adults, which explains the faster walking speed in older adults. In uncertain 

environments, people tend to take quicker steps [31], which appears to be a strategy 

older adults used to potentially increase stability. Our results also showed that older 

adults had greater overall gait variability compared to young adults. Step width variance 

had the most pronounced difference compared to step length and step frequency 

variances. Mediolateral balance often requires more active control (Dean, Alexander, 

and Kuo 2007), which may explain why older adults had greater step width variability.     
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Detrending step length variance revealed differences between young and older 

adults that were not apparent in the total step length variance. Detrending variance has 

been used in previous studies to account for fluctuations in walking speeds by 

separating variance into speed-related (speed-trended) and non-speed-related 

(detrended) components (Castano and Huang 2021; Collins and Kuo 2013). Our results 

showed that detrended variances for older adults were greater than young adults in 

conditions with perturbations. The increased detrended variances for older adults 

suggest that the perturbations exacerbated intrinsic balance demands in older adults. 

This difference between young and older adults was not evident in the total step length 

variance (Fig. 3.5). Detrending step length variance provided further evidence that older 

adults had less balance control when walking with perturbations.  

Main limitations of this study were related to the protocol. One limitation is that 

walking on a self-paced treadmill is novel where participants need to explore and 

become familiar with how the treadmill matches their own walking speed. Additionally, 

participants were instructed to walk at a comfortable walking speed, which might have 

been perceived differently between participants. Lastly, the maximum treadmill shift was 

5 cm which did not allow us to explore larger and possibly more destabilizing 

perturbations. 

In summary, discrete mediolateral treadmill perturbations led to faster walking 

speeds and longer, quicker, and wider steps. Surprisingly, older adults walked faster 

than young adults in all conditions. Perturbation unpredictability primarily affected step 
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width and step kinematic variability. Older adults had greater kinematic variability than 

young adults, and detrended step length variance further highlighted this difference 

between age groups. Overall, our findings suggest that gait perturbations could be 

designed to incentivize participants to adopt specific gait strategies. 
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CHAPTER 4 : FASTER WALKING SPEEDS ARE RETAINED AFTER 
EXPERIENCING DISCRETE MEDIOLATERAL PERTURBATIONS 

Introduction 

Humans adapt their gait depending on the environment around them. When 

walking in environments with perturbations, people adapt their gait to correct for these 

disturbances (Li and Huang 2022; Torres-Oviedo et al. 2011). In the real-word, people 

can take shorter/longer steps, quicker/slower steps, wider/narrower steps, and walk 

faster/slower to adjust to perturbations. However, changes in gait are not only driven by 

the environment but can also change due to age (J. M. Hausdorff et al. 1997; Winter et 

al. 1990; Tinetti, Speechley, and Ginter 1988). Evaluating how gait kinematics change 

after experiencing perturbations can further our understanding on balance control 

strategies and create new rehabilitation techniques for people with gait impairments. 

This is important because falls are a leading cause of injury and can significantly reduce 

the quality of life in order adults (Rubenstein 2006; Hartholt et al. 2011). 

Perturbations can be introduced by disturbing the visual flow, waist pulling, 

changing belt speeds, shifting platforms side-to-side, etc., and have different levels of 

unpredictability. On a treadmill, perturbations can be applied at specific instances 

throughout a condition (discrete perturbations) or without stopping (continuous 

perturbation) (Afschrift et al. 2019). A treadmill with discrete perturbations can have the 

treadmill platform shift side-to-side or treadmill belts speed up or slow down at specific 

instances throughout the gait cycle. A treadmill with continuous perturbations can also 
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have the treadmill platform shift side-to-side or treadmill belts speed up or slow down, 

but the perturbation does not stop. Discrete and continuous perturbations could also 

vary in timing and/or magnitude, making the perturbation predictable or unpredictable. 

On a treadmill, predictable perturbations would have the same timing and magnitude 

and unpredictable perturbations would vary in both timing and magnitude. (Rubenstein 

2006; Hartholt et al. 2011) 

Understanding how mechanical perturbations affect gait strategies may be 

helpful for improving mobility in older adults and other clinical populations because most 

falls typically occur due to mechanical perturbations during walking (Berg et al. 1997). 

Several studies implementing perturbation training approaches, by introducing anterior-

posterior and mediolateral mechanical perturbations during static and dynamic tasks, 

have led to decreases in fall risk by increasing a participant’s center of mass (Chien and 

Hsu 2018), improving pelvic motion (Gimmon et al. 2018), and increasing reaction times 

(Kurz et al. 2016). Perturbation training benefits are not only present immediately after 

training (Wang et al. 2019), but studies have also shown long-term benefits of up to 12-

months post perturbation training (Okubo et al. 2019; Wang et al. 2019). More benefits 

also occur when multiple perturbation features are implemented (Gerards et al. 2017, 

2021). Perturbation approaches that added features that simulate more realistic walking 

conditions have been shown to improve balance control strategies (Y-C Pai et al. 2003; 

Mansfield et al. 2015; Yi-Chung Pai et al. 2014). Motor learning paradigms using 

perturbations have demonstrated that the walking patterns that were adopted on a 
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treadmill can be maintained when walking overground as well (Lee et al. 2020; Gimmon 

et al. 2018). Gaining a better understanding on how people respond to different 

perturbation features could lead to perturbation protocols that target specific 

biomechanical deficites in older adults, such as decrease step length (Mak et al. 2020; 

Menant et al. 2009), and result in faster walking speeds and mobility.(Shelton et al. 

2022; Hak et al. 2012; Castano, Lee, and Huang 2022) 

(Lee et al. 2020; Gimmon et al. 2018)A self-paced treadmill allows participants to 

experience uncertain environments without restricting their walking speed or kinematics. 

With a self-paced treadmill, studies can be performed to determine how treadmill 

perturbations affect walking strategies. Previous perturbation studies on a self-paced 

treadmill found that people may slow down (Shelton et al. 2022), maintain a similar 

walking speed (Hak et al. 2012), or walk faster (Castano, Lee, and Huang 2022) 

compared to walking without perturbations. In our previous study, we found that both 

young and older adults walk faster when experiencing discrete mediolateral 

perturbations compared to walking with no perturbations. However, we did not analyze if 

the faster walking speeds were retained after the perturbations were removed or 

whether those faster speeds carried over throughout the experiment.  (Castano, Lee, 

and Huang 2022).  

For this study, we performed follow-up analysis of our recent study where young 

and older adults walked faster after experiencing discrete mediolateral perturbations 

(Castano, Lee, and Huang 2022). In our study, a short period of no perturbations 
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preceded (pre) and followed (post) each perturbation (pert) period, which would allow us 

to explore walking speeds before and after perturbations were removed. We also 

wanted to examine if the walking speed changed throughout the whole experiment, 

perhaps revealing a carryover effect from one condition to the next. We hypothesized 

that the perturbations would result in an increase in walking speed from the pre walking 

speed and that the post walking speed would remain higher than pre based on our 

previous findings. We also hypothesized that there would be a carryover effect, where 

the pre walking speed of the following condition would remain greater than the pre 

walking speeds of the previous condition.  

Methods 

All methods described, except the analysis, are the same as described in 

(Castano and Huang 2021). Ten young adults (23±4.2 years; 5 females; 5 males) and 

ten older adults (70±6.6 years; 4 females; 6 males) were used for analysis in this study 

and all provided written informed consent before participating. The written consent and 

protocol were approved by the University of Central Florida Institutional Review Board. 

Eligibility to participate was determined through a phone screening survey of self-

reported conditions, a mini-mental test (Arevalo-Rodriguez et al. 2015), and a short 

physical performance battery test (Freire et al. 2012). The group average values for the 

mini-mental test for young adults is 29.1±1.12 and for older adults is 29.22±1.10. The 

group average values for the short physical performance batter test for young adults is 

12±0 and for older adults is 11.67±0.71. The values for mini-mental test and physical 
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performance battery test for individual subjects are reported in Chapter 3, Table 1 and 

Table 2.  

The participants walked on a self-paced treadmill (M-Gait System, D Flow v3.28, 

Motek Medical B.V.)  with the center of the treadmill as the baseline position, controller 

sensitivity of 1, and using the “new algorithm” (Castano and Huang 2021; 

Mokhtarzzadeh, Richards, and Geijtenbeek 2022). Motion capture (OptiTrack 

NaturalPoint Inc.; OptiTrack) with the “Conventional Lower Body” marker set was used 

to record lower limb movement along with calculating participants center of mass. The 

participants center of mass was found by taking the average of the four pelvis marker 

positions. The difference between the participants center of mass and the baseline 

position of the treadmill was used by the algorithm to adjust the treadmill's belts speed 

to allow for self-paced walking.  

Protocol 

The overground walking speed was identified by having participants complete a 

10-meter walk. Then, participants were accustomed to the treadmill by going through a 

familiarization period to mitigate extreme responses. This familiarization period included 

a self-paced walking condition along with a perturbation condition, which was conducted 

until participants displayed steady gait patterns without external support.   

.   
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There were a total of five conditions: 1) No Perturbation, 2) No Changes, 3) 

Changing Time, 4) Changing Magnitude, and 5) Both Changing. For the No 

Perturbation condition (1), each participant walked for five minutes with self-paced 

mode to serve as a baseline. Following this condition there were four perturbation 

conditions that were randomized for each participant. Conditions 2-5 started with 80 

strides of self-paced walking (pre period), followed by 400 strides with discrete 

perturbations that occurred every other stride (perturbations/pert period, a total of 200 

perturbations per condition), and ended with 80 strides of self-paced walking (post 

period). These conditions varied in levels of unpredictability by changing the timing and 

magnitude of the perturbations. The No Changes condition (2 – least unpredictable) 

Figure 4-1: Schematic of the study protocol and perturbation unpredictability 
spectrum. The pre-perturbations (pre), perturbations (pert), and post-perturbations 
(post) periods have brackets to highlight the differences in walking speeds evaluated in 
this study.  
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consisted of 3cm treadmill shifts at left leg loading response. The Changing Time 

condition (3) had 3cm treadmill shifts at loading response, terminal stance, or mid-

swing. The Changing Magnitude condition (4) had 1cm, 3cm, or 5cm shifts at left leg 

loading response. The Both Changing condition (5 – most unpredictable) had 1cm, 3cm, 

or 5cm treadmill shifts at loading response, terminal stance, or mid-swing.  

Analysis 

In a previous study, we reported the average walking speed and step kinematics 

for the perturbation period of a condition only (Castano, Lee, and Huang 2022) whereas 

now we are looking at how participants changed their walking speed immediately before 

(pre) and after (post) experiencing perturbations within a condition. We are also looking 

at carryover from post to pre of the following condition. 

We analyzed the data with a custom MATLAB (Mathworks, Inc.) script. First, we 

resampled the treadmill data from 333 Hz to 240Hz to match the motion capture data 

and applied a low-pass filter (zero-lag fourth-order Butterworth filter at 6 Hz) to both 

data sets. Left and right heel strikes were identified as the most anterior position of the 

calcaneus markers and left and right toe-offs as the most posterior position of the 

second metatarsal head markers (Zeni, Richards, and Higginson 2008). We calculated 

walking speed as the sum of the approximate center of mass velocity and treadmill belt 

speed. The approximate center of mass velocity was calculated as the derivative of the 

average position of the four pelvis markers.  One older adult did not complete all 

conditions and was excluded from analysis. 
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Repeated measure ANOVAs (rmANOVA) (SPSS; IBM Corporation) were 

calculated for walking speeds for pre, pert, and post periods within a condition for young 

and older adults. We performed a 1x3 repeated measures ANOVA with period (pre, 

pert, and post) as our between-subjects factor. Another set of rmANOVA’s were 

calculated, with a 1x4 design, to compare periods between conditions performed in 

chronological order. Shapiro-Wilk test and Mauchly’s test validated the assumptions of 

the repeated measures ANOVA. If the rmANOVA had a statistically significant main 

effect (p<0.05), then post-hoc pair-wise Tukey’s Honest Significant Difference tests 

adjusted for multiple comparisons (Dunn-Bonferroni correction) were used to identify 

which periods were significantly different (p<0.05). To test if older adults had 

significantly different changes in relative walking speed between periods compared to 

young adults, we used independent t-tests with α = 0.05.  

. 

Results 

The rmANOVA for within-condition period comparisons were significantly 

different for all conditions for young adults whereas for older adults, the rmANOVAs had 

differences for all conditions except No changes. All significant differences reported 

have p-values of < 0.05.  

For each perturbation condition, young adults walked faster with perturbations 

compared to pre-perturbations (Fig. 4-2). Once perturbations were removed, in the post-
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perturbations period of the conditions, young adults maintained similar walking speeds 

compared to the perturbation period, except for the Changing Magnitude condition. 

During the Changing Magnitude condition, young adults significantly decreased their 

walking speed compared to the perturbation period. Unlike young adults, older adults 

generally walked slower during perturbations compared to pre-perturbations (Fig. 4-2). 

During post-perturbation, older adults returned to the walking speeds during pre for No 

Changes and Both Changing. For Changing Time and Changing Magnitude, older adults 

walked the fastest during post-perturbations.  
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For young adults, the walking speeds for the pre-perturbation, perturbation, and 

post-perturbation periods generally increased in the order in which the conditions were 

performed (Fig. 4-3). Older adults had a similar increase in walking speed for all periods 

in line with the order performed, but only for the first three conditions (Fig. 4-3). However, 

both young and older adults had an increase in walking speed for pre-perturbation and 

post-perturbation when comparing the first condition performed to the fourth condition 

(Fig. 4-3).  

Figure 4-2: Average walking speeds for young (blue) and older (red) adults during pre-
perturbations (pre), perturbations (pert), and post-perturbations (post) for No Changes 
(1), Changing Time (2), Changing Magnitude (3) and Both Changing (4) conditions. 
Single-sided error bars are shown and represent the standard deviation. The asterisks 
represent significant differences between paired (bracketed or connected) periods for 
young and older adults respectively. The average baseline walking speed is shown as a 
dotted line with the respective colors for young and older adults. Young adults walked 
faster with perturbations compared to pre-perturbations for all conditions, whereas older 
adults did not have a similar trend. 
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Young adults significantly increased their walking compared to older adults when 

comparing the differences in the relative speed change during perturbation compared to 

pre-perturbation between young, for all conditions in chronological order (Fig. 4-4). 

Additionally, the differences in walking speeds during post-perturbations minus the 

perturbation period were significantly greater for young adults compared to older adults, 

for all conditions in chronological order (Fig. 4-5).  

 

 

Figure 4-3: Average walking speeds for young (blue) and older (red) adults during pre-
perturbations (pre), perturbations (pert), and post-perturbations (post) for conditions 
ordered in chronological order performed, first (1), second (2), three (3), four (4). The 
average baseline walking speed is shown as a dotted line with the respective colors for 
young and older adults. Single-sided error bars are shown and represent the standard 
deviation. The numbers above the periods in each condition represent significant 
differences between the periods of the following condition orders. Young and older adults 
had greater pre-perturbation and post-perturbation walking speeds for the fourth condition 
compared to the first condition. 
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Figure 4-4: Group average changes in walking speed for perturbations – pre-
perturbations for young (blue) and older (red) adults in the chronological order that the 
conditions were performed, first (1), second (2), three (3), four (4). Single-sided error bars 
are shown and represent the standard deviation. Positive changes indicate an increase 
in walking speed compared to pre while negative changes indicate a decrease in walking 
speed compared to pre. The asterisks above the condition order represent significant 
differences between young and older adults. Young adults had significantly faster walking 
speeds compared to older adults during the perturbations period compared to pre-
perturbations. 
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Discussion  

We investigated walking speeds in young and older adults before and after 

introducing discrete mediolateral perturbations.  We found that young adults walked 

faster with perturbations compared to pre-perturbations for all conditions. In contrast, 

older adults decreased their walking speed when experiencing the perturbations 

compared to pre-perturbations, revealing an age-related difference in gait strategy.. 

Additionally, young adults retained a similar walking speed post-perturbations compared 

Figure 4-5: Group average changes in walking speed for post-perturbations – pre-
perturbation for young (blue) and older (red) adults in the chronological order performed, 
first (1), second (2), three (3), four (4). Single-sided error bars are shown and represent 
the standard deviation. Positive changes indicate an increase in walking speed compared 
to pre while negative changes indicate a decrease in walking speed compared to pre.  
The asterisk above the condition order represents significant differences between young 
and older adults. Young adults had significantly faster walking speeds compared to older 
adults during the post-perturbations compared to pre-perturbations. 
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to during the perturbations. We also sought to evaluate walking speeds after reordering 

the conditions to the chronological sequence performed to examine a possible carryover 

effect. We found progressively increasing pre-perturbation walking speeds from the first 

condition to the last condition for young adults and from the first condition to third 

condition for older adults. Our study demonstrates differences in gait strategies between 

young and older adults immediately before and after perturbations. These findings 

suggest that perturbations could be used to produce retained (carried over) increased 

walking speeds which would be useful for populations with slow walking speeds such as 

older adults and individuals with lower limb impairments. 

One of the main findings is that faster walking speeds were retained for young 

and older adults, in that the post-perturbation walking speed were generally faster 

compared to the pre-perturbation walking speed (Fig. 4-4), which may be beneficial for 

improving mobility.(Barak, Wagenaar, and Holt 2006; Baker and Harvey 1985) 

Perturbation training is an error feedback protocol that often challenges gait stability and 

can be used to improve overground walking and prevent future falls (Yang and Pai 

2013; Wang et al. 2019). Previous studies that implemented perturbation protocols have 

been able to improve balance control (Gimmon et al. 2018; Kurz et al. 2016), but there 

has not been a protocol that has increased walking speed. In our study, our perturbation 

protocol led to an increase in walking speed, where young and older adults maintained 

a faster walking speed after the perturbation was removed (post). Since perturbation 

training benefits can remain effective for several months (Yi-Chung Pai et al. 2010), our 
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results suggest that introducing discrete mediolateral perturbations at every other stride 

could be an effective training method to increase walking speeds in the long-term.  

Another interesting finding was that faster speeds carried over from one 

perturbation condition to the next during the course of the data collection session, which 

has potential implications on shifting gait strategies outside of the lab. Clinical studies 

have shown that perturbation training is an approach that can be taken to improve 

mobility in healthy older adults (Gillespie et al. 2012; Rieger et al. 2020), and older 

adults with Parkinson’s (Steib et al. 2017) or post-stroke (Weerdesteyn et al. 2008). 

Reoccurring perturbations facilitate responses to similar random perturbations 

experienced later (Bierbaum et al. 2011; Y-C Pai et al. 2003), and the facilitated 

responses could be considered as a carryover effect. Here, young adults had an 

increase in walking speed for all pre periods that followed the chronological order of 

when the conditions were performed. In other words, as young adults had more 

exposure to mediolateral perturbations they walked even faster, possibly as a carryover 

effect from the first perturbation condition in an attempt to facilitate a response to the 

current and different perturbation. Similarly, after the first condition, older adults walked 

significantly faster in pre-perturbation and post-perturbation periods of the second, third, 

and fourth conditions, These findings align with other studies that worked with gait-

impaired populations and found that treadmill-based rehabilitation training increased 

walking speeds, where more total time spent rehabilitating correlated highly with 
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increased walking speeds based on a 5 or 10-meter walkway test (Thaut et al. 2007; 

Janice J. Eng and Tang 2007; C. L. Richards et al. 1993). 

One of the most interesting findings was the clear age-related differences in gait 

strategies that emerged when comparing walking speed during the perturbation period 

compared to the pre-perturbation period (Fig. 4-4). Older adults walked slower with 

perturbations compared to their unperturbed pre-perturbation walking speed whereas 

young adults walked faster during the perturbation period compared to the pre-

perturbation period. The older adult behavior aligns with our initial expectations that 

individuals would walk more slowly with perturbations. We expected that the instability 

and uncertainty from perturbations often result in a more cautious strategy of walking 

with shorter steps and slower speeds (Richard W. Bohannon and Williams Andrews 

2011; Reimann, Fettrow, and Jeka 2018; Menant et al. 2009). Because mediolateral 

gait perturbations involve more balance demands, older adults may walk slower based 

on studies that suggest that decreased walking speeds is a mechanism older adults use 

to compensate for less muscle strength and greater cognitive demands when walking 

compared to young adults (Pijnappels et al. 2008; Lauretani et al. 2003; Stuart et al. 

2019). An alternative explanation for older adults walking more slowly with the 

perturbations is that it could be that older adults walked unusually fast during the pre-

perturbation period, perhaps due to a desire to perform well and walk like young adults. 

Typically, older adults walk slower than young adults in an unperturbed environment 

(Xie et al. 2017; Richard W. Bohannon and Williams Andrews 2011; Begg et al. 2014), 
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which conflicts with our results in which older adults overall walked faster than our 

young adults. Some evidence that older adults just walked excessively fast is that by the 

fourth condition, older adults significantly decreased their pre-perturbation speed, 

perhaps from exhaustion from walking unusually fast (Fig. 4-2). Another factor that 

could contribute to the age-related differences is that when walking, older adults rely 

more on neural cognitive strategies for balance control whereas young adults use a 

more reactive strategy (Palmer et al. 2021; Maki and McIlroy 2007).  

The increasing walking speed during the perturbation period compared to pre-

perturbations observed in the young adult behavior is more aligned with the results 

comparing perturbation speeds with baseline, where perturbations led to faster walking 

speeds. It may be advantageous to walk faster in response to perturbations because 

faster walking speeds have reduced time in double support (McCrum et al. 2019; Wu et 

al. 2019), which would allow more time for changes in foot placement and base of 

support as an additional option for responding to the perturbations. During double 

support, control of the center of mass is the only option for responding to balance 

perturbations (Vielemeyer et al. 2021; Tesio and Rota 2019). Further, increasing step 

frequency results in faster reaction time (Baudendistel et al. 2021), which could be a 

strategy used to quickly adjust to the perturbations. If the step length remains the same 

or increases as step frequency increases, there would be an overall increase in walking 

speed.  
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In summary, we found that by examining walking speeds changes among the 

pre-perturbation, perturbation, and post-perturbation periods, young and older adults 

had different gait strategies .Young adults walked faster during the perturbation period 

compared to pre-perturbation while older adults walked slower during the perturbation 

period compared to the pre-perturbation period. Additionally, after reordering the 

conditions to the chronological sequence performed, both young and older adults 

progressively increased or maintained faster walking speeds at pre-perturbation after 

experiencing the first perturbation condition, demonstrating a carryover effect. These 

findings suggest that populations with slow walking speeds could use perturbations as a 

technique to generate and retain faster walking speeds. 
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CHAPTER 5 : PERTURBATION IMPLEMENTATION AND FREQUENCY 
AFFECTS SELF-PACED WALKING SPEEDS 

Introduction 

Typically, when the likelihood of falling increases, people tend to decrease 

their walking speed (England and Granata 2007; Jonathan B. Dingwell and Marin 

2006). However, slower walking speeds are also related to people with increased 

fall risk, and locomotor activities such as walking usually lead to these falls 

(Curtze et al. 2011; Weerdesteyn et al. 2008; Tinetti, Speechley, and Ginter 

1988). Gaining a better understanding of how people adjust their gait to 

disturbances in the environment could help develop rehabilitation strategies to 

prevent falls. Incorporating mechanical and visual perturbation in perturbation 

training has been a promising way to increase mobility in people with gait 

impairments and slow walking speeds who have a high fall-risk. However, a 

further understanding of how people respond to different perturbation features is 

needed.   

As humans age, cognitive, sensorimotor, and biomechanical factors also change 

and locomotion becomes less autonomous (K.-M. Kim, Hart, and Hertel 2013; 

Alizadehsaravi et al. 2020). Previous studies have found that older adults typically walk 

slower, take shorter steps, and decrease foot clearance when walking on a level surface 

compared to older adults (Xie et al. 2017; Richard W. Bohannon and Williams Andrews 

2011; Begg et al. 2014). Older adults experience age-related musculoskeletal changes 

such as sarcopenia, which is an age-related reduction of muscle mass and strength 
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(Pijnappels et al. 2008; Lauretani et al. 2003). The cross-sectional area of a muscle is 

correlated with muscle strength. With increasing age, muscle fibers begin to become 

fatty tissue and noncontractile elements which decreases the overall strength and 

activity of the muscles (Akima et al. 2001; Fiatarone et al. 1994). Cognitive processes 

are also required for locomotion and to collect sensory information from the body's 

movement through visual, proprioceptive, and vestibular systems (Fay B. Horak 2006; 

F. B. Horak and Nashner 1986). When evaluating cognitive differences with increasing 

age, studies have found an increase in cognitive activity, predominantly in the prefrontal 

cortex (Stuart et al. 2019; Mirelman et al. 2017; Chen et al. 2017). The decreases in 

muscle strength and greater cortical demands make, what is thought to be a simple task 

such as walking, a lot more demanding for older adults. Additionally, when walking in 

unstable environments, older adults have a more cognitive intensive control strategy 

compared to younger adults, who have a more reactive strategy (Palmer et al. 2021; 

Maki and McIlroy 2007). However, even with differences in adaptation strategies, 

perturbation-based training, where people are exposed to repeated unstable 

environments, is a method that can decrease fall risk in young and older adults (Y-C Pai 

et al. 2003; Kurz et al. 2016; Gimmon et al. 2018; Mansfield et al. 2015). Because of 

age-related changes, walking at a slower speed may be a compensatory mechanism to 

improve stability while walking. 

Evaluating how people respond to different perturbation features can help 

create perturbation training methods targeted at changing a certain gait 
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parameter for someone with a gait impairment. However, perturbations can have 

several features. Perturbation features include implementation, direction, 

structure, and unpredictability. Implementation is whether the perturbations are 

visual (moving a virtual reality scene) or surface (shifting a treadmill side to side). 

The direction can be anteroposterior (changing treadmill-belt speeds) or 

mediolateral (shifting the treadmill side to side). Structure pertains to continuous 

(constantly moving) or discrete (moving at certain instances). Lastly, 

unpredictability can range from predictable (the participant knows when a 

perturbation is coming) to unpredictable (random) perturbations. Focusing on 

perturbation features that can affect walking speed would be of interest for 

populations with high fall-risk. 

Recent studies that had perturbations on a self-paced treadmill have 

found that changing features can affect walking speeds and gait kinematics. 

When people walk with continuous visual perturbations they decrease their 

walking speed (Shelton et al. 2022). Another study that continuously perturbed 

the treadmill surface, instead of a virtual scene, did not affect walking speed as 

people remained with similar walking speeds compared to walking without 

perturbations (Hak et al. 2012; Hak, van Dieën, et al. 2013). Introducing discrete 

surface perturbations, instead of continuous, increased walking speeds 

(Castano, Lee, and Huang 2022). However, no studies, to our knowledge have 
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evaluated discrete visual perturbations or varying the frequency of discrete 

perturbations on a self-paced treadmill. 

The purpose of this study is to investigate differences in walking speed 

when walking with visual/mechanical mediolateral perturbations and with 

perturbations introduced at different frequencies. We hypothesized that visual 

perturbations would result in a decrease in walking speed compared to 

mechanical perturbations. We also hypothesized that walking speed will 

decrease as perturbation frequency decreases, regardless of the perturbation 

feature (mechanical/visual). 

Methods 

Nine young adults (4 females and 5 males) were used for analysis in this study, 

and all provided written informed consent before participating. To participate in the 

study, participants had to pass a physical performance battery test and provide written 

consent. The written consent and protocol were approved by the University of Central 

Florida Institutional Review Board.  

The participants walked on a self-paced treadmill (M-Gait System, D Flow v3.28, 

Motek Medical B.V.) with 16 motion capture (OptiTrack NaturalPoint Inc.; OptiTrack) 

markers following the “Conventional Lower Body” marker set. The self-paced treadmill 

has a self-paced controller that uses the center of mass location, found by taking the 

average of the four pelvis marker positions, with respect to the center of the treadmill to 
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adjust the treadmill belt speeds, further details can be found in Motek Medical’s paper 

(Mokhtarzzadeh, Richards, and Geijtenbeek 2022).  

Protocol 

 

 

Participants completed a 10-meter walk test to collect their overground walking 

speed. Then, participants had a familiarization period which included a self-paced 

walking condition along with a mechanical and visual perturbations condition until 

participants displayed steady gait patterns without external support.  

There were a total of six conditions that were the combinations of implementation 

(mechanical and visual) and frequency (at every 2, 8, or 32 strides) (Fig. 5-1B). For the 

mechanical perturbations, the treadmill shifted 0.3 cm side-to-side at loading response 

Figure 5-1: Schematic of the (A) self-paced treadmill controller concept and the (B) 
study conditions shown with the mechanical perturbation frequencies on the left column 

and visual perturbation frequencies on the right.  
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every 2, 8, or 32 strides, depending on the condition. To create a visual perturbation, we 

projected a visual scene of walking along a path on a projector placed in front of the 

participant (Fig. 5-1B). For the visual perturbations, the visual scene on the projector 

screen shifted 0.3 cm side-to-side at loading response every 2, 8, or 32 strides. The 

mechanical and visual perturbations took the same amount of time and shifted with the 

same velocity. All conditions started with 80 strides of self-paced walking with no 

perturbations (pre), followed by 400 strides during which the mechanical/visual 

perturbations were introduced at every 2, 8, or 32 strides (perturbation/pert), and ended 

with 80 strides of self-paced walking with no perturbations (post). 

Analysis 

We analyzed the data with a custom MATLAB (Mathworks, Inc.) script. First, we 

resampled the treadmill data from 333 Hz to 240Hz to match the motion capture data 

and applied a low-pass filter (zero-lag fourth-order Butterworth filter at 6 Hz) to both 

data sets. Left and right heel strikes were identified as the most anterior position of the 

calcaneus markers and left and right toe-offs as the most posterior position of the 

second metatarsal head markers. We calculated walking speed as the sum of the 

approximate center of mass velocity and treadmill belt speed. The approximate center 

of mass velocity was calculated as the derivative of the average position of the four 

pelvis markers.  
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Statistics  

We used general linear models with repeated measures (SPSS; IBM 

Corporation) for all metrics to determine if walking with mechanical or visual 

perturbations results in differences in walking speed. We performed a 1x3 repeated 

measures ANOVA for mechanical and visual perturbations with conditions as our within-

subjects variables. A Shapiro-Wilk test and Mauchly’s test validated the assumptions of 

the repeated measures ANOVA. If there was a significant main effect (p<0.05), then 

post-hoc pair-wise Tukey’s Honest Significant Difference tests adjusted for multiple 

comparisons (Dunn-Bonferroni correction) were conducted to identify which conditions 

were significantly different (p<0.05). To test if there was a difference between visual or 

mechanical perturbations, a t-test was calculated to compare each frequency for 

mechanical to visual with alpha set to < 0.05 for a significant difference.  

.  

Results 

All significant differences reported have repeated measures ANOVA or a t-test p-

value of < 0.05.  

Walking speeds during the perturbation period of the mechanical conditions had 

significantly greater walking speeds for 1:2 M and 1:8 M compared to 1:32 M (Fig. 5-2). 

After the perturbations were removed, during the post period, walking speeds remained 

slower for 1:32 M (Fig. 5-2). For all of the mechanical perturbation conditions, the 
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relative change in speed between pre to pert significantly increased and the relative 

change between pert to post remained similar (Fig. 5-2).  

  

 

When walking with visual perturbations, participants maintained similar walking 

speeds for pre, pert, and post periods compared to each condition (Fig. 5-3). Within 

each condition, pre-perturbation walking speeds for all visual perturbation conditions 

were significantly slower compared to the perturbation period (Fig. 5-3). Comparing the 

perturbation period to the post-perturbation period, walking speeds remained similar 

once the perturbations were removed (Fig. 5-3).  

Figure 5-2: Average walking speeds for pre-perturbations (pre), perturbations (pert), and 
post-perturbations (post) phases during the mechanical perturbation conditions at every 
2 (1:2 M), 8 (1:8 M), and 32 (1:32 M) strides. The numbers above the phases in each 
condition represent significant differences between conditions. The asterisks above the 
condition order represents significant differences between two phases of the same 
condition. Walking speeds during the perturbation (pert) phase of conditions 1:2 M and 
1:8 M were greater than the perturbation (pert) walking speed of 1:32 M.  
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 Comparing walking with mechanical to visual perturbations, the 1:2 and 1:8 

perturbation frequency conditions were similar for all periods (Fig. 5-4). The conditions 

with perturbations at every 32 strides, 1:32 M and 1:32 V, had differences in the 

perturbation and post-perturbation periods (Fig. 5-4). The perturbation period for the 

1:32 mechanical condition was significantly slower than the 1:32 visual condition (Fig. 5-

4). Once the perturbations were removed, in the post-perturbation period, the walking 

speed for the 1:32 mechanical perturbations remained significantly slower than the post-

perturbation period for 1:32 visual perturbations condition (Fig. 5-4). 

Figure 5-3: Average walking speeds for pre-perturbations (pre), perturbations (pert), and 
post-perturbations (post) phases during the visual perturbation conditions at every 2 
(1:2 M), 8 (1:8 M), and 32 (1:32 M) strides. The asterisks above the condition order 
represents significant differences between two phases of the same condition. Walking 
speeds during the perturbation phase was significantly greater than the pre-perturbation 
phase.  
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Discussion  

We evaluated changes in walking speed when walking with visual and 

mechanical discrete mediolateral perturbations. We hypothesized that visual 

Figure 5-4: Average walking speeds for pre-perturbations (pre), perturbations (pert), and 
post-perturbations (post) phases during mechanical (left columb) and visual (right col 
perturbation conditions at A) 2 (1:2 M), B) 8 (1:8 M), and C) 32 (1:32 M) strides. The 
brackets with asterisks above the phases in each condition represent significant 
differences between mechanical and visual perturbation conditions at a specific 
frequency. 
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perturbations would result in a decrease in walking speed compared to 

mechanical perturbations. We found that walking speed actually increased when 

walking with visual discrete mediolateral perturbations at every 32 strides 

compared to mechanical perturbations, which challenges our hypothesis. We 

also hypothesized that walking speed will decrease as perturbation frequency 

decreases. We compared mechanical perturbations at different frequencies and 

found that participants walked slower with perturbations every 32 strides, 

compared at every 2 (1:2 M) and 8 (1:8 M) strides. For the visual perturbations, 

walking speeds remained similar for all frequencies, partially disagreeing with our 

hypothesis. Our study shows that changing perturbation implementation affects a 

participant's self-selected walking speed, but still increases their walking speed 

compared to pre-perturbations. These findings suggest that visual and 

mechanical perturbations could be used to increase walking speeds in 

populations with high fall-risk. 

Participants walked faster when experiencing discrete mediolateral 

perturbations, regardless of implementation (visual/mechanical). People tend to 

rely on the visual field if their vestibular and proprioceptive senses are 

compromised, also known as visual field dependence. An increase in visual field 

dependence has been associated with aging, as well as, decreases in walking 

speed when disturbing their optical flow  (Jönsson et al. 2004; Barr et al. 2016). 

Studies perturbating visual scenes on a self-paced treadmills have found a 
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decrease (Shelton et al. 2022) and no changes (Hak et al. 2012; Hak, Houdijk, et 

al. 2013) in walking speed compared to walking with no perturbations. However, 

these studies had a continuous visual perturbation where the virtual scene 

moved throughout the entirety of the condition without stopping. In our study, we 

used discrete visual perturbations and found that walking speeds increased 

compared to per-perturbations, for all frequencies. These results suggest that for 

visual perturbations, implementation has a greater impact on a participants 

walking speed compared to changes in the frequency of the same perturbation.  

Visual feedback is associated with maintaining walking speed and active 

foot placement while walking (Selgrade et al. 2020; Barton, Matthis, and Fajen 

2019). The way people process the visual field and optic flow around them can 

be indicative of certain medical diseases such as multiple sclerosis, where 

people have balance deficits when navigating through different environments 

(Kujala et al. 1994),  and a greater reliance on visual feedback has also been 

linked to increasing age (Franz et al. 2015). Yet, even young adults with no 

medical diseases rely on visual feedback and adjust their gait accordingly. 

People tend to modulate to the optic flow of an environment and match their 

walking speed to the velocity of the moving visual environment (Konczak 1994; 

Takamuku and Gomi 2021). When the optic flow is continuously changing 

speeds or rotating, known as optical flow perturbations or visual perturbations, 

people become more unstable (Franz et al. 2015; J. T. Richards et al. 2019; 
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Shelton et al. 2022). A study that allowed participants to change their walking 

speed in response to continuous visual perturbations found a decrease in 

walking speed (Shelton et al. 2022). Our study, which had discrete visual 

perturbations, resulted in participants walking faster compared to without 

perturbations. These findings suggest that people respond differently to changes 

in visual perturbation structure, with a continuous structure possibly being more 

destabilizing due to the decreases in walking speed.  

Adding sensory feedback as people walk increases cognitive demands which could 

affect walking speeds. Studies that evaluated short-term and long-term decreases in 

cognitive or executive function found an increase in fall risk (Muir, Gopaul, and Montero 

Odasso 2012; Amboni, Barone, and Hausdorff 2013). Walking with random visual 

perturbations could have had greater cognitive demands compared to random 

mechanical perturbations, which could explain the slower walking speeds when 

comparing 1:32 mechanical to 1:32 visual.  

Decreasing the frequency of mechanical discrete mediolateral 

perturbations slows walking speeds compared to more frequent perturbations. In 

our previous study, we found that participants had faster walking speeds when 

walking with discrete mediolateral perturbations at every other stride, regardless 

of unpredictability (Castano, Lee, and Huang 2022). For our unpredictability 

paradigm, we adjusted the magnitude and timing of the perturbation within a gait 

cycle, such as loading response and terminal stance. Here, the differences in 
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timings between perturbations took longer. The difference in time during 

perturbations at every 2 strides and 8 strides is ~6 seconds, whereas 

experiencing perturbations at loading response instead of terminal stance is a 

~0.3 second difference. Therefore, these results suggest that varying when in the 

gait cycle a discrete mediolateral perturbation is introduced does not impact 

walking speed compared to the amount of time elapsed since the previous 

perturbation.  

In summary, visual discrete mediolateral perturbations at every 32 strides led to 

faster walking speeds compared to mechanical perturbations. All visual and mechanical 

perturbation conditions had faster walking speeds once the perturbations were 

introduced and remained similar once the perturbations were removed. Within the 

mechanical perturbation conditions, walking speed decreased when perturbations 

occurred every 32 strides compared to every 2 and 8 strides. Within the visual 

perturbation conditions, there were no differences in walking speeds between periods. 

Overall, our findings provide further insight into balance control strategies when 

controlling for implementation and frequency in disruptive environments. These results 

suggest that depending on the perturbation features, visual perturbations could not only 

be used to challenge gait stability and decrease walking speeds, but also as a method 

to increase walking speeds. 
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APPENDIX IRB APPROVAL  

 

  



78 
 

 



79 
 

 



80 
 

 



81 
 

 
  



82 
 

REFERENCES 

Afschrift, Maarten, Robert van Deursen, Friedl De Groote, and Ilse Jonkers. 2019. 
“Increased Use of Stepping Strategy in Response to Medio-Lateral Perturbations 
in the Elderly Relates to Altered Reactive Tibialis Anterior Activity.” Gait & 
Posture 68 (February): 575–82. 

Akima, Hiroshi, Yutaka Kano, Yoshitaka Enomoto, Masao Ishizu, Morihiko Okada, 
Yoshie Oishi, Shigeru Katsuta, and Shin-Ya Kuno. 2001. “Muscle Function in 164 
Men and Women Aged 20–84 Yr.” Medicine & Science in Sports & Exercise 33 
(2): 220. 

Alizadehsaravi, Leila, Sjoerd M. Bruijn, Huub Maas, and Jaap H. van Dieën. 2020. 
“Modulation of Soleus Muscle H-Reflexes and Ankle Muscle Co-Contraction with 
Surface Compliance during Unipedal Balancing in Young and Older Adults.” 
Experimental Brain Research. Experimentelle Hirnforschung. Experimentation 
Cerebrale 238 (6): 1371–83. 

Amboni, Marianna, Paolo Barone, and Jeffrey M. Hausdorff. 2013. “Cognitive 
Contributions to Gait and Falls: Evidence and Implications.” Movement 
Disorders: Official Journal of the Movement Disorder Society 28 (11): 1520–33. 

Arevalo-Rodriguez, Ingrid, Nadja Smailagic, Marta Roqué I Figuls, Agustín Ciapponi, 
Erick Sanchez-Perez, Antri Giannakou, Olga L. Pedraza, Xavier Bonfill Cosp, 
and Sarah Cullum. 2015. “Mini-Mental State Examination (MMSE) for the 
Detection of Alzheimer’s Disease and Other Dementias in People with Mild 
Cognitive Impairment (MCI).” Cochrane Database of Systematic Reviews , no. 3 
(March): CD010783. 

Baker, S. P., and A. H. Harvey. 1985. “Fall Injuries in the Elderly.” Clinics in Geriatric 
Medicine 1 (3): 501–12. 

Barak, Yaron, Robert C. Wagenaar, and Kenneth G. Holt. 2006. “Gait Characteristics of 
Elderly People with a History of Falls: A Dynamic Approach.” Physical Therapy 
86 (11): 1501–10. 

Barr, C. J., J. V. McLoughlin, M. E. L. van den Berg, D. L. Sturnieks, M. Crotty, and S. 
R. Lord. 2016. “Visual Field Dependence Is Associated with Reduced Postural 
Sway, Dizziness and Falls in Older People Attending a Falls Clinic.” The Journal 
of Nutrition, Health & Aging 20 (6): 671–76. 

Barton, Sean L., Jonathan S. Matthis, and Brett R. Fajen. 2019. “Control Strategies for 
Rapid, Visually Guided Adjustments of the Foot during Continuous Walking.” 
Experimental Brain Research. Experimentelle Hirnforschung. Experimentation 
Cerebrale 237 (7): 1673–90. 

Beauchet, Olivier, Cedric Annweiler, Yhann Lecordroch, Gilles Allali, Veronique Dubost, 
François R. Herrmann, and Reto W. Kressig. 2009. “Walking Speed-Related 
Changes in Stride Time Variability: Effects of Decreased Speed.” Journal of 
Neuroengineering and Rehabilitation 6 (August): 32. 



83 
 

Begg, Rezaul K., Oren Tirosh, Catherine M. Said, W. A. Sparrow, Nili Steinberg, Pazit 
Levinger, and Mary P. Galea. 2014. “Gait Training with Real-Time Augmented 
Toe-Ground Clearance Information Decreases Tripping Risk in Older Adults and 
a Person with Chronic Stroke.” Frontiers in Human Neuroscience 8 (May): 243. 

Berg, W. P., H. M. Alessio, E. M. Mills, and C. Tong. 1997. “Circumstances and 
Consequences of Falls in Independent Community-Dwelling Older Adults.” Age 
and Ageing 26 (4): 261–68. 

Bierbaum, Stefanie, Andreas Peper, Kiros Karamanidis, and Adamantios Arampatzis. 
2011. “Adaptive Feedback Potential in Dynamic Stability during Disturbed 
Walking in the Elderly.” Journal of Biomechanics 44 (10): 1921–26. 

Bohannon, R. W. 1997. “Comfortable and Maximum Walking Speed of Adults Aged 20-
79 Years: Reference Values and Determinants.” Age and Ageing 26 (1): 15–19. 

Bohannon, Richard W., and A. Williams Andrews. 2011. “Normal Walking Speed: A 
Descriptive Meta-Analysis.” Physiotherapy 97 (3): 182–89. 

Bohnsack-McLagan, Nicole K., Joseph P. Cusumano, and Jonathan B. Dingwell. 2016. 
“Adaptability of Stride-to-Stride Control of Stepping Movements in Human 
Walking.” Journal of Biomechanics 49 (2): 229–37. 

Bovi, Gabriele, Marco Rabuffetti, Paolo Mazzoleni, and Maurizio Ferrarin. 2011. “A 
Multiple-Task Gait Analysis Approach: Kinematic, Kinetic and EMG Reference 
Data for Healthy Young and Adult Subjects.” Gait & Posture 33 (1): 6–13. 

Bronstein, A. M. 2016. “Chapter 4 - Multisensory Integration in Balance Control.” In 
Handbook of Clinical Neurology, edited by Joseph M. Furman and Thomas 
Lempert, 137:57–66. Elsevier. 

Bulea, Thomas C., Jonghyun Kim, Diane L. Damiano, Christopher J. Stanley, and 
Hyung-Soon Park. 2014. “User-Driven Control Increases Cortical Activity during 
Treadmill Walking: An EEG Study.” Conference Proceedings: ... Annual 
International Conference of the IEEE Engineering in Medicine and Biology 
Society. IEEE Engineering in Medicine and Biology Society. Conference 2014: 
2111–14. 

Castano, Cesar R., and Helen J. Huang. 2021. “Speed-Related but Not Detrended Gait 
Variability Increases with More Sensitive Self-Paced Treadmill Controllers at 
Multiple Slopes.” PloS One 16 (5): e0251229. 

Castano, Cesar R., Lindsey D. Lee, and Helen J. Huang. 2022. “Speeding Up: Discrete 
Mediolateral Perturbations Increased Self-Paced Walking Speed in Young and 
Older Adults.” https://doi.org/10.2139/ssrn.4295247. 

Chen, Michelle, Sarah Pillemer, Sarah England, Meltem Izzetoglu, Jeannette R. 
Mahoney, and Roee Holtzer. 2017. “Neural Correlates of Obstacle Negotiation in 
Older Adults: An FNIRS Study.” Gait & Posture 58 (October): 130–35. 

Chien, Jo-En, and Wei-Li Hsu. 2018. “Effects of Dynamic Perturbation-Based Training 
on Balance Control of Community-Dwelling Older Adults.” Scientific Reports 8 
(1): 17231. 



84 
 

Choi, Jin-Seung, Dong-Won Kang, Jeong-Woo Seo, and Gye-Rae Tack. 2017. “Fractal 
Fluctuations in Spatiotemporal Variables When Walking on a Self-Paced 
Treadmill.” Journal of Biomechanics 65 (December): 154–60. 

Collins, Steven H., and Arthur D. Kuo. 2013. “Two Independent Contributions to Step 
Variability during Over-Ground Human Walking.” PloS One 8 (8): e73597. 

Córdova Bulens, David, Tyler Cluff, Laurent Blondeau, Robert T. Moore, Philippe 
Lefèvre, and Frédéric Crevecoeur. 2023. “Different Control Strategies Drive 
Interlimb Differences in Performance and Adaptation during Reaching 
Movements in Novel Dynamics.” ENeuro 10 (4). 
https://doi.org/10.1523/ENEURO.0275-22.2023. 

Curtze, Carolin, At L. Hof, Klaas Postema, and Bert Otten. 2011. “Over Rough and 
Smooth: Amputee Gait on an Irregular Surface.” Gait & Posture 33 (2): 292–96. 

Dean, J. C., N. B. Alexander, and A. D. Kuo. 2007. “The Effect of Lateral Stabilization 
on Walking in Young and Old Adults.” IEEE Transactions on Bio-Medical 
Engineering 54 (11): 1919–26. 

Dingwell, J. B., J. P. Cusumano, P. R. Cavanagh, and D. Sternad. 2001. “Local 
Dynamic Stability Versus Kinematic Variability of Continuous Overground and 
Treadmill Walking.” Journal of Biomechanical Engineering 123 (1): 27–32. 

Dingwell, Jonathan B., Nicole K. Bohnsack-McLagan, and Joseph P. Cusumano. 2018. 
“Humans Control Stride-to-Stride Stepping Movements Differently for Walking 
and Running, Independent of Speed.” Journal of Biomechanics 76 (July): 144–
51. 

Dingwell, Jonathan B., Joby John, and Joseph P. Cusumano. 2010. “Do Humans 
Optimally Exploit Redundancy to Control Step Variability in Walking?” PLoS 
Computational Biology 6 (7): e1000856. 

Dingwell, Jonathan B., and Laura C. Marin. 2006. “Kinematic Variability and Local 
Dynamic Stability of Upper Body Motions When Walking at Different Speeds.” 
Journal of Biomechanics 39 (3): 444–52. 

Eng, J. J., D. A. Winter, and A. E. Patla. 1994. “Strategies for Recovery from a Trip in 
Early and Late Swing during Human Walking.” Experimental Brain Research. 
Experimentelle Hirnforschung. Experimentation Cerebrale 102 (2): 339–49. 

Eng, Janice J., and Pei-Fang Tang. 2007. “Gait Training Strategies to Optimize Walking 
Ability in People with Stroke: A Synthesis of the Evidence.” Expert Review of 
Neurotherapeutics 7 (10): 1417–36. 

England, Scott A., and Kevin P. Granata. 2007. “The Influence of Gait Speed on Local 
Dynamic Stability of Walking.” Gait & Posture 25 (2): 172–78. 

Farrens, Andria J., Maria Lilley, and Fabrizio Sergi. 2020. “A Controlled Slip: Training 
Propulsion via Acceleration of the Trailing Limb.” BioRxiv. 
https://doi.org/10.1101/2020.03.27.012591. 

Feasel, Jeff, Mary C. Whitton, Laura Kassler, Frederick P. Brooks, and Michael D. 
Lewek. 2011. “The Integrated Virtual Environment Rehabilitation Treadmill 
System.” IEEE Transactions on Neural Systems and Rehabilitation Engineering: 



85 
 

A Publication of the IEEE Engineering in Medicine and Biology Society 19 (3): 
290–97. 

Fiatarone, M. A., E. F. O’Neill, N. D. Ryan, K. M. Clements, G. R. Solares, M. E. Nelson, 
S. B. Roberts, J. J. Kehayias, L. A. Lipsitz, and W. J. Evans. 1994. “Exercise 
Training and Nutritional Supplementation for Physical Frailty in Very Elderly 
People.” The New England Journal of Medicine 330 (25): 1769–75. 

Franz, Jason R., Carrie A. Francis, Matthew S. Allen, Shawn M. O’Connor, and Darryl 
G. Thelen. 2015. “Advanced Age Brings a Greater Reliance on Visual Feedback 
to Maintain Balance during Walking.” Human Movement Science 40 (April): 381–
92. 

Freire, Aline Nascimento, Ricardo Oliveira Guerra, Beatriz Alvarado, Jack M. Guralnik, 
and Maria Victoria Zunzunegui. 2012. “Validity and Reliability of the Short 
Physical Performance Battery in Two Diverse Older Adult Populations in Quebec 
and Brazil.” Journal of Aging and Health 24 (5): 863–78. 

Gerards, Marissa H. G., Christopher McCrum, Avril Mansfield, and Kenneth Meijer. 
2017. “Perturbation-Based Balance Training for Falls Reduction among Older 
Adults: Current Evidence and Implications for Clinical Practice.” Geriatrics & 
Gerontology International 17 (12): 2294–2303. 

Gerards, Marissa H. G., Kenneth Meijer, Kiros Karamanidis, Lotte Grevendonk, Joris 
Hoeks, Antoine F. Lenssen, and Christopher McCrum. 2021. “Adaptability to 
Balance Perturbations During Walking as a Potential Marker of Falls History in 
Older Adults.” Frontiers in Sports and Active Living 3 (May): 682861. 

Gillespie, Lesley D., M. Clare Robertson, William J. Gillespie, Catherine Sherrington, 
Simon Gates, Lindy M. Clemson, and Sarah E. Lamb. 2012. “Interventions for 
Preventing Falls in Older People Living in the Community.” Cochrane Database 
of Systematic Reviews  2012 (9): CD007146. 

Gimmon, Yoav, Raziel Riemer, Ilan Kurz, Amir Shapiro, Ronen Debbi, and Itshak 
Melzer. 2018. “Perturbation Exercises during Treadmill Walking Improve Pelvic 
and Trunk Motion in Older Adults-A Randomized Control Trial.” Archives of 
Gerontology and Geriatrics 75: 132–38. 

Grieve, D. W., and R. J. Gear. 1966. “The Relationships between Length of Stride, Step 
Frequency, Time of Swing and Speed of Walking for Children and Adults.” 
Ergonomics 9 (5): 379–99. 

Hak, Laura, Jaap H. van Dieën, Peter van der Wurff, Maarten R. Prins, Agali Mert, Peter 
J. Beek, and Han Houdijk. 2013. “Walking in an Unstable Environment: 
Strategies Used by Transtibial Amputees to Prevent Falling during Gait.” 
Archives of Physical Medicine and Rehabilitation 94 (11): 2186–93. 

Hak, Laura, Han Houdijk, Peter J. Beek, and Jaap H. van Dieën. 2013. “Steps to Take 
to Enhance Gait Stability: The Effect of Stride Frequency, Stride Length, and 
Walking Speed on Local Dynamic Stability and Margins of Stability.” PloS One 8 
(12): e82842. 

Hak, Laura, Han Houdijk, Frans Steenbrink, Agali Mert, Peter van der Wurff, Peter J. 
Beek, and Jaap H. van Dieën. 2012. “Speeding up or Slowing down?: Gait 



86 
 

Adaptations to Preserve Gait Stability in Response to Balance Perturbations.” 
Gait & Posture 36 (2): 260–64. 

Hartholt, Klaas A., Ed F. van Beeck, Suzanne Polinder, Nathalie van der Velde, Esther 
M. M. van Lieshout, Martien J. M. Panneman, Tischa J. M. van der Cammen, 
and Peter Patka. 2011. “Societal Consequences of Falls in the Older Population: 
Injuries, Healthcare Costs, and Long-Term Reduced Quality of Life.” The Journal 
of Trauma 71 (3): 748–53. 

Hausdorff, J. M., H. K. Edelberg, S. L. Mitchell, A. L. Goldberger, and J. Y. Wei. 1997. 
“Increased Gait Unsteadiness in Community-Dwelling Elderly Fallers.” Archives 
of Physical Medicine and Rehabilitation 78 (3): 278–83. 

Hausdorff, J. M., C. K. Peng, Z. Ladin, J. Y. Wei, and A. L. Goldberger. 1995. “Is 
Walking a Random Walk? Evidence for Long-Range Correlations in Stride 
Interval of Human Gait.” Journal of Applied Physiology 78 (1): 349–58. 

Hausdorff, Jeffrey M. 2007. “Gait Dynamics, Fractals and Falls: Finding Meaning in the 
Stride-to-Stride Fluctuations of Human Walking.” Human Movement Science 26 
(4): 555–89. 

Hemmatpour, Masoud, Renato Ferrero, Bartolomeo Montrucchio, and Maurizio 
Rebaudengo. n.d. “A Review on Fall Prediction and Prevention System for 
Personal Devices: Evaluation and Experimental Results.” 
https://doi.org/10.1155/2019/9610567. 

Hof, A. L., and J. Duysens. 2018. “Responses of Human Ankle Muscles to Mediolateral 
Balance Perturbations during Walking.” Human Movement Science 57 
(February): 69–82. 

Horak, F. B., and L. M. Nashner. 1986. “Central Programming of Postural Movements: 
Adaptation to Altered Support-Surface Configurations.” Journal of 
Neurophysiology 55 (6): 1369–81. 

Horak, Fay B. 2006. “Postural Orientation and Equilibrium: What Do We Need to Know 
about Neural Control of Balance to Prevent Falls?” Age and Ageing 35 Suppl 2 
(September): ii7–11. 

Huijben, B., K. S. van Schooten, J. H. van Dieën, and M. Pijnappels. 2018. “The Effect 
of Walking Speed on Quality of Gait in Older Adults.” Gait & Posture 65 
(September): 112–16. 

Hunter, L. C., E. C. Hendrix, and J. C. Dean. 2010. “The Cost of Walking Downhill: Is 
the Preferred Gait Energetically Optimal?” Journal of Biomechanics 43 (10): 
1910–15. 

Ibala, E., S. Coupaud, and A. Kerr. 2019. “Comparison of The Muscle Pattern Variability 
During Treadmill Walking (Fixed and Self-Pace) And Overground Walking of 
Able-Bodied Adults.” J Ann Bioeng 1 (11). 

Jeffers, Jana R., Arick G. Auyang, and Alena M. Grabowski. 2015. “The Correlation 
between Metabolic and Individual Leg Mechanical Power during Walking at 
Different Slopes and Velocities.” Journal of Biomechanics 48 (11): 2919–24. 



87 
 

Jönsson, Radi, Eva Sixt, Sten Landahl, and Ulf Rosenhall. 2004. “Prevalence of 
Dizziness and Vertigo in an Urban Elderly Population.” Journal of Vestibular 
Research: Equilibrium & Orientation 14 (1): 47–52. 

Judge, J. O., R. B. Davis 3rd, and S. Ounpuu. 1996. “Step Length Reductions in 
Advanced Age: The Role of Ankle and Hip Kinetics.” The Journals of 
Gerontology. Series A, Biological Sciences and Medical Sciences 51 (6): M303-
12. 

Kim, J., C. J. Stanley, L. A. Curatalo, and H. Park. 2012. “A User-Driven Treadmill 
Control Scheme for Simulating Overground Locomotion.” In 2012 Annual 
International Conference of the IEEE Engineering in Medicine and Biology 
Society, 3061–64. 

Kim, Kyung-Min, Joseph M. Hart, and Jay Hertel. 2013. “Influence of Body Position on 
Fibularis Longus and Soleus Hoffmann Reflexes.” Gait & Posture 37 (1): 138–40. 

Kimel-Naor, Shani, Amihai Gottlieb, and Meir Plotnik. 2017. “The Effect of Uphill and 
Downhill Walking on Gait Parameters: A Self-Paced Treadmill Study.” Journal of 
Biomechanics 60 (July): 142–49. 

Konczak, J. 1994. “Effects of Optic Flow on the Kinematics of Human Gait: A 
Comparison of Young and Older Adults.” Journal of Motor Behavior 26 (3): 225–
36. 

Krasovsky, Tal, Anouk Lamontagne, Anatol G. Feldman, and Mindy F. Levin. 2014. 
“Effects of Walking Speed on Gait Stability and Interlimb Coordination in Younger 
and Older Adults.” Gait & Posture 39 (1): 378–85. 

Kujala, P., R. Portin, A. Revonsuo, and J. Ruutiainen. 1994. “Automatic and Controlled 
Information Processing in Multiple Sclerosis.” Brain: A Journal of Neurology 117 ( 
Pt 5) (October): 1115–26. 

Kurz, Ilan, Yoav Gimmon, Amir Shapiro, Ronen Debi, Yoram Snir, and Itshak Melzer. 
2016. “Unexpected Perturbations Training Improves Balance Control and 
Voluntary Stepping Times in Older Adults - a Double Blind Randomized Control 
Trial.” BMC Geriatrics 16 (March): 58. 

Lauretani, Fulvio, Cosimo Roberto Russo, Stefania Bandinelli, Benedetta Bartali, Chiara 
Cavazzini, Angelo Di Iorio, Anna Maria Corsi, Taina Rantanen, Jack M. Guralnik, 
and Luigi Ferrucci. 2003. “Age-Associated Changes in Skeletal Muscles and 
Their Effect on Mobility: An Operational Diagnosis of Sarcopenia.” Journal of 
Applied Physiology 95 (5): 1851–60. 

Lee, Anna, Tanvi Bhatt, Xuan Liu, Yiru Wang, Shuaijie Wang, and Yi-Chung Clive Pai. 
2020. “Can Treadmill Slip-Perturbation Training Reduce Longer-Term Fall Risk 
Upon Overground Slip Exposure?” Journal of Applied Biomechanics, August, 1–
9. 

Li, Jinfeng, and Helen J. Huang. 2022. “Small Directional Treadmill Perturbations 
Induce Differential Gait Stability Adaptation.” Journal of Neurophysiology 127 (1): 
38–55. 



88 
 

Lockhart, Thurmon E., Jeremy M. Spaulding, and Sung Ha Park. 2007. “Age-Related 
Slip Avoidance Strategy While Walking over a Known Slippery Floor Surface.” 
Gait & Posture 26 (1): 142–49. 

MacKinnon, Colum D. 2018. “Sensorimotor Anatomy of Gait, Balance, and Falls.” 
Handbook of Clinical Neurology 159: 3–26. 

Madehkhaksar, Forough, Jochen Klenk, Kim Sczuka, Katharina Gordt, Itshak Melzer, 
and Michael Schwenk. 2018. “The Effects of Unexpected Mechanical 
Perturbations during Treadmill Walking on Spatiotemporal Gait Parameters, and 
the Dynamic Stability Measures by Which to Quantify Postural Response.” PloS 
One 13 (4): e0195902. 

Mak, Toby C. T., William R. Young, Debbie C. L. Chan, and Thomson W. L. Wong. 
2020. “Gait Stability in Older Adults During Level-Ground Walking: The 
Attentional Focus Approach.” The Journals of Gerontology. Series B, 
Psychological Sciences and Social Sciences 75 (2): 274–81. 

Maki, B. E., and W. E. McIlroy. 2007. “Cognitive Demands and Cortical Control of 
Human Balance-Recovery Reactions.” Journal of Neural Transmission  114 (10): 
1279–96. 

Mansfield, Avril, Jennifer S. Wong, Jessica Bryce, Svetlana Knorr, and Kara K. 
Patterson. 2015. “Does Perturbation-Based Balance Training Prevent Falls? 
Systematic Review and Meta-Analysis of Preliminary Randomized Controlled 
Trials.” Physical Therapy 95 (5): 700–709. 

McCrum, Christopher, Florence Lucieer, Raymond van de Berg, Paul Willems, Angélica 
Pérez Fornos, Nils Guinand, Kiros Karamanidis, Herman Kingma, and Kenneth 
Meijer. 2019. “The Walking Speed-Dependency of Gait Variability in Bilateral 
Vestibulopathy and Its Association with Clinical Tests of Vestibular Function.” 
Scientific Reports 9 (1): 18392. 

McIntosh, Andrew Stuart, Karen T. Beatty, Leanne N. Dwan, and Deborah R. Vickers. 
2006. “Gait Dynamics on an Inclined Walkway.” Journal of Biomechanics 39 (13): 
2491–2502. 

Menant, Jasmine C., Julie R. Steele, Hylton B. Menz, Bridget J. Munro, and Stephen R. 
Lord. 2009. “Effects of Walking Surfaces and Footwear on Temporo-Spatial Gait 
Parameters in Young and Older People.” Gait & Posture 29 (3): 392–97. 

Minetti, Alberto E., Lorenzo Boldrini, Laura Brusamolin, Paola Zamparo, and Tom 
McKee. 2003. “A Feedback-Controlled Treadmill (Treadmill-on-Demand) and the 
Spontaneous Speed of Walking and Running in Humans.” Journal of Applied 
Physiology 95 (2): 838–43. 

Mirelman, Anat, Inbal Maidan, Hagar Bernad-Elazari, Shiran Shustack, Nir Giladi, and 
Jeffrey M. Hausdorff. 2017. “Effects of Aging on Prefrontal Brain Activation during 
Challenging Walking Conditions.” Brain and Cognition 115 (July): 41–46. 

Mokhtarzzadeh, Hossein, Rosie Richards, and Thomas Geijtenbeek. 2022. “Self-Paced 
Treadmill Controller Algorithm Based on Position and Speed of Centre of Mass.” 
BioRxiv. https://doi.org/10.1101/2022.06.21.496740. 



89 
 

Muir, Susan W., Karen Gopaul, and Manuel M. Montero Odasso. 2012. “The Role of 
Cognitive Impairment in Fall Risk among Older Adults: A Systematic Review and 
Meta-Analysis.” Age and Ageing 41 (3): 299–308. 

Nyberg, Elizabeth T., Jordan Broadway, Christian Finetto, and Jesse C. Dean. 2017. “A 
Novel Elastic Force-Field to Influence Mediolateral Foot Placement During 
Walking.” IEEE Transactions on Neural Systems and Rehabilitation Engineering: 
A Publication of the IEEE Engineering in Medicine and Biology Society 25 (9): 
1481–88. 

O’Connor, Shawn M., and J. Maxwell Donelan. 2012. “Fast Visual Prediction and Slow 
Optimization of Preferred Walking Speed.” Journal of Neurophysiology 107 (9): 
2549–59. 

O’Connor, Shawn M., and Arthur D. Kuo. 2009. “Direction-Dependent Control of 
Balance during Walking and Standing.” Journal of Neurophysiology 102 (3): 
1411–19. 

O’Connor, Shawn M., Henry Z. Xu, and Arthur D. Kuo. 2012. “Energetic Cost of Walking 
with Increased Step Variability.” Gait & Posture 36 (1): 102–7. 

Ojeda, Lauro V., John R. Rebula, Arthur D. Kuo, and Peter G. Adamczyk. 2015. 
“Influence of Contextual Task Constraints on Preferred Stride Parameters and 
Their Variabilities during Human Walking.” Medical Engineering & Physics 37 
(10): 929–36. 

Okubo, Yoshiro, Daina L. Sturnieks, Matthew A. Brodie, Lionne Duran, and Stephen R. 
Lord. 2019. “Effect of Reactive Balance Training Involving Repeated Slips and 
Trips on Balance Recovery Among Older Adults: A Blinded Randomized 
Controlled Trial.” The Journals of Gerontology. Series A, Biological Sciences and 
Medical Sciences 74 (9): 1489–96. 

Pai, Y-C, J. D. Wening, E. F. Runtz, K. Iqbal, and M. J. Pavol. 2003. “Role of 
Feedforward Control of Movement Stability in Reducing Slip-Related Balance 
Loss and Falls among Older Adults.” Journal of Neurophysiology 90 (2): 755–62. 

Pai, Yi-Chung, Tanvi Bhatt, Edward Wang, Deborah Espy, and Michael J. Pavol. 2010. 
“Inoculation against Falls: Rapid Adaptation by Young and Older Adults to Slips 
during Daily Activities.” Archives of Physical Medicine and Rehabilitation 91 (3): 
452–59. 

Pai, Yi-Chung, Tanvi Bhatt, Feng Yang, and Edward Wang. 2014. “Perturbation 
Training Can Reduce Community-Dwelling Older Adults’ Annual Fall Risk: A 
Randomized Controlled Trial.” The Journals of Gerontology. Series A, Biological 
Sciences and Medical Sciences 69 (12): 1586–94. 

Palmer, Jacqueline A., Aiden M. Payne, Lena H. Ting, and Michael R. Borich. 2021. 
“Cortical Engagement Metrics During Reactive Balance Are Associated With 
Distinct Aspects of Balance Behavior in Older Adults.” Frontiers in Aging 
Neuroscience 13 (July): 684743. 

Pijnappels, Mirjam, Neil D. Reeves, Constantinos N. Maganaris, and Jaap H. van 
Dieën. 2008. “Tripping without Falling; Lower Limb Strength, a Limitation for 
Balance Recovery and a Target for Training in the Elderly.” Journal of 



90 
 

Electromyography and Kinesiology: Official Journal of the International Society of 
Electrophysiological Kinesiology 18 (2): 188–96. 

Plotnik, Meir, Tamar Azrad, Moshe Bondi, Yotam Bahat, Yoav Gimmon, Gabriel Zeilig, 
Rivka Inzelberg, and Itzhak Siev-Ner. 2015. “Self-Selected Gait Speed--over 
Ground versus Self-Paced Treadmill Walking, a Solution for a Paradox.” Journal 
of Neuroengineering and Rehabilitation 12 (February): 20. 

Prentice, Stephen D., Erika N. Hasler, Jennifer J. Groves, and James S. Frank. 2004. 
“Locomotor Adaptations for Changes in the Slope of the Walking Surface.” Gait & 
Posture 20 (3): 255–65. 

Qian, Yuyang, Kaiming Yang, Yu Zhu, Wei Wang, and Chenhui Wan. 2019. “Local 
Dynamic Stability of Self-Paced Treadmill Walking Versus Fixed-Speed Treadmill 
Walking.” Journal of Biomechanical Engineering, December. 
https://doi.org/10.1115/1.4045595. 

Ray, Nicole T., Brian A. Knarr, and Jill S. Higginson. 2018. “Walking Speed Changes in 
Response to Novel User-Driven Treadmill Control.” Journal of Biomechanics 78 
(September): 143–49. 

Reimann, Hendrik, Tyler Fettrow, and John J. Jeka. 2018. “Strategies for the Control of 
Balance During Locomotion.” Kinesiology Review 7 (1): 18–25. 

Richards, C. L., F. Malouin, S. Wood-Dauphinee, J. I. Williams, J. P. Bouchard, and D. 
Brunet. 1993. “Task-Specific Physical Therapy for Optimization of Gait Recovery 
in Acute Stroke Patients.” Archives of Physical Medicine and Rehabilitation 74 
(6): 612–20. 

Richards, Jackson T., Brian P. Selgrade, Mu Qiao, Prudence Plummer, Erik A. 
Wikstrom, and Jason R. Franz. 2019. “Time-Dependent Tuning of Balance 
Control and Aftereffects Following Optical Flow Perturbation Training in Older 
Adults.” Journal of Neuroengineering and Rehabilitation 16 (1): 81. 

Rieger, M. M., S. Papegaaij, M. Pijnappels, F. Steenbrink, and J. H. van Dieën. 2020. 
“Transfer and Retention Effects of Gait Training with Anterior-Posterior 
Perturbations to Postural Responses after Medio-Lateral Gait Perturbations in 
Older Adults.” Clinical Biomechanics  75 (May): 104988. 

Riley, Patrick O., Gabriele Paolini, Ugo Della Croce, Kate W. Paylo, and D. Casey 
Kerrigan. 2007. “A Kinematic and Kinetic Comparison of Overground and 
Treadmill Walking in Healthy Subjects.” Gait & Posture 26 (1): 17–24. 

Rubenstein, Laurence Z. 2006. “Falls in Older People: Epidemiology, Risk Factors and 
Strategies for Prevention.” Age and Ageing 35 Suppl 2 (September): ii37–41. 

Selgrade, Brian P., Diane Meyer, Jacob J. Sosnoff, and Jason R. Franz. 2020. “Can 
Optical Flow Perturbations Detect Walking Balance Impairment in People with 
Multiple Sclerosis?” PloS One 15 (3): e0230202. 

Shelton, Andrew D., Ellora M. McTaggart, Jessica L. Allen, Vicki S. Mercer, and Jason 
R. Franz. 2022. “Slowing Down to Preserve Balance in the Presence of Optical 
Flow Perturbations.” Gait & Posture, July. 
https://doi.org/10.1016/j.gaitpost.2022.07.002. 



91 
 

Silverman, Anne K., Jason M. Wilken, Emily H. Sinitski, and Richard R. Neptune. 2012. 
“Whole-Body Angular Momentum in Incline and Decline Walking.” Journal of 
Biomechanics 45 (6): 965–71. 

Sinitski, Emily H., Edward D. Lemaire, Natalie Baddour, Markus Besemann, Nancy L. 
Dudek, and Jacqueline S. Hebert. 2015. “Fixed and Self-Paced Treadmill 
Walking for Able-Bodied and Transtibial Amputees in a Multi-Terrain Virtual 
Environment.” Gait & Posture 41 (2): 568–73. 

Sloot, L. H., M. M. van der Krogt, and J. Harlaar. 2014. “Self-Paced versus Fixed Speed 
Treadmill Walking.” Gait & Posture 39 (1): 478–84. 

Song, Seungmoon, Hojung Choi, and Steven H. Collins. 2019. “Using Force Data to 
Self-Pace an Instrumented Treadmill and Measure Self-Selected Walking 
Speed.” BioRxiv. https://doi.org/10.1101/2019.12.18.870592. 

Souman, J. L., P. Robuffo Giordano, M. Schwaiger, I. Frissen, T. Thümmel, H. Ulbrich, 
A. De Luca, H. H. Bülthoff, and M. O. Ernst. 2011. “CyberWalk: Enabling 
Unconstrained Omnidirectional Walking through Virtual Environments.” ACM 
Transactions on Applied Perception 8 (4): 25. 

Steib, Simon, Sarah Klamroth, Heiko Gaßner, Cristian Pasluosta, Björn Eskofier, Jürgen 
Winkler, Jochen Klucken, and Klaus Pfeifer. 2017. “Perturbation During Treadmill 
Training Improves Dynamic Balance and Gait in Parkinson’s Disease: A Single-
Blind Randomized Controlled Pilot Trial.” Neurorehabilitation and Neural Repair 
31 (8): 758–68. 

Stuart, Samuel, Valeria Belluscio, Joseph F. Quinn, and Martina Mancini. 2019. “Pre-
Frontal Cortical Activity During Walking and Turning Is Reliable and Differentiates 
Across Young, Older Adults and People With Parkinson’s Disease.” Frontiers in 
Neurology 10 (May): 536. 

Sun, J., M. Walters, N. Svensson, and D. Lloyd. 1996. “The Influence of Surface Slope 
on Human Gait Characteristics: A Study of Urban Pedestrians Walking on an 
Inclined Surface.” Ergonomics 39 (4): 677–92. 

Takamuku, Shinya, and Hiroaki Gomi. 2021. “Vision-Based Speedometer Regulates 
Human Walking.” IScience 24 (12): 103390. 

Terrier, Philippe, Vincent Turner, and Yves Schutz. 2005. “GPS Analysis of Human 
Locomotion: Further Evidence for Long-Range Correlations in Stride-to-Stride 
Fluctuations of Gait Parameters.” Human Movement Science 24 (1): 97–115. 

Terry, Kevin, Emily H. Sinitski, Jonathan B. Dingwell, and Jason M. Wilken. 2012. 
“Amplitude Effects of Medio-Lateral Mechanical and Visual Perturbations on 
Gait.” Journal of Biomechanics 45 (11): 1979–86. 

Tesio, Luigi, and Viviana Rota. 2019. “The Motion of Body Center of Mass During 
Walking: A Review Oriented to Clinical Applications.” Frontiers in Neurology 10 
(September): 999. 

Thaut, M. H., A. K. Leins, R. R. Rice, H. Argstatter, G. P. Kenyon, G. C. McIntosh, H. V. 
Bolay, and M. Fetter. 2007. “Rhythmic Auditory Stimulation Improves Gait More 
than NDT/Bobath Training in near-Ambulatory Patients Early Poststroke: A 



92 
 

Single-Blind, Randomized Trial.” Neurorehabilitation and Neural Repair 21 (5): 
455–59. 

Tinetti, M. E., M. Speechley, and S. F. Ginter. 1988. “Risk Factors for Falls among 
Elderly Persons Living in the Community.” The New England Journal of Medicine 
319 (26): 1701–7. 

Torres-Oviedo, Gelsy, Erin Vasudevan, Laura Malone, and Amy J. Bastian. 2011. 
“Locomotor Adaptation.” Progress in Brain Research 191: 65–74. 

Vielemeyer, Johanna, Roy Müller, Nora-Sophie Staufenberg, Daniel Renjewski, and 
Rainer Abel. 2021. “Ground Reaction Forces Intersect above the Center of Mass 
in Single Support, but Not in Double Support of Human Walking.” Journal of 
Biomechanics 120 (May): 110387. 

Wang, Yiru, Tanvi Bhatt, Xuan Liu, Shuaijie Wang, Anna Lee, Edward Wang, and Yi-
Chung Clive Pai. 2019. “Can Treadmill-Slip Perturbation Training Reduce 
Immediate Risk of over-Ground-Slip Induced Fall among Community-Dwelling 
Older Adults?” Journal of Biomechanics 84 (February): 58–66. 

Weerdesteyn, Vivian, Mark de Niet, Hanneke J. R. van Duijnhoven, and Alexander C. 
H. Geurts. 2008. “Falls in Individuals with Stroke.” Journal of Rehabilitation 
Research and Development 45 (8): 1195–1213. 

Winter, D. A., A. E. Patla, J. S. Frank, and S. E. Walt. 1990. “Biomechanical Walking 
Pattern Changes in the Fit and Healthy Elderly.” Physical Therapy 70 (6): 340–
47. 

Wojcik, L. A., D. G. Thelen, A. B. Schultz, J. A. Ashton-Miller, and N. B. Alexander. 
1999. “Age and Gender Differences in Single-Step Recovery from a Forward 
Fall.” The Journals of Gerontology. Series A, Biological Sciences and Medical 
Sciences 54 (1): M44-50. 

Wu, Amy R., Cole S. Simpson, Edwin H. F. van Asseldonk, Herman van der Kooij, and 
Auke J. Ijspeert. 2019. “Mechanics of Very Slow Human Walking.” Scientific 
Reports 9 (1): 18079. 

Xie, Yanjun J., Elizabeth Y. Liu, Eric R. Anson, and Yuri Agrawal. 2017. “Age-Related 
Imbalance Is Associated With Slower Walking Speed: An Analysis From the 
National Health and Nutrition Examination Survey.” Journal of Geriatric Physical 
Therapy  40 (4): 183–89. 

Yang, Feng, and Clive Yi-Chung Pai. 2013. “Alteration in Community-Dwelling Older 
Adults’ Level Walking Following Perturbation Training.” Journal of Biomechanics 
46 (14): 2463–68. 

Yogev-Seligmann, Galit, Jeffrey M. Hausdorff, and Nir Giladi. 2008. “The Role of 
Executive Function and Attention in Gait.” Movement Disorders: Official Journal 
of the Movement Disorder Society 23 (3): 329–42; quiz 472. 

Yoon, Jungwon, Hyung-Soon Park, and Diane Louise Damiano. 2012. “A Novel Walking 
Speed Estimation Scheme and Its Application to Treadmill Control for Gait 
Rehabilitation.” Journal of Neuroengineering and Rehabilitation 9 (August): 62. 



93 
 

Zeni, J. A., Jr, J. G. Richards, and J. S. Higginson. 2008. “Two Simple Methods for 
Determining Gait Events during Treadmill and Overground Walking Using 
Kinematic Data.” Gait & Posture 27 (4): 710–14. 

 


	Gait Strategies While Walking with Discrete Perturbations on a Self-Paced Treadmill
	STARS Citation

	ABSTRACT
	TABLE OF CONTENTS
	LIST OF FIGURES
	LIST OF TABLES
	Chapter 1 : INTRODUCTION
	Chapter 2 : SELF-PACED TREADMILL WALKING HAS SPEED-RELATED GAIT VARIABILITY THAT INCREASES WITH MORE SENSITIVE SELF-PACED CONTROLLERS
	Abstract
	Introduction
	Materials and Methods
	Experimental Protocol
	Data Analysis
	Statistics

	Results
	Speed Fluctuations
	Average Speed and Spatiotemporal Gait Parameters
	Gait Variability
	Detrended and Speed-trend Step Length Variances
	Detrended and Speed-trend Step Width Variances
	Fixed Speed Mode Versus Self-Pace Mode

	Discussion

	Chapter 3 : SPEEDING UP: DISCRETE MEDIOLATERAL PERTURBATIONS INCREASED SELF-PACED WALKING SPEED IN YOUNG AND OLDER ADULTS
	Introduction
	Methods
	Protocol
	Analysis
	Statistics

	Results
	Discussion

	Chapter 4 : FASTER WALKING SPEEDS ARE RETAINED AFTER EXPERIENCING DISCRETE MEDIOLATERAL PERTURBATIONS
	Introduction
	Methods
	Protocol
	Analysis

	Results
	Discussion

	Chapter 5 : PERTURBATION IMPLEMENTATION AND FREQUENCY AFFECTS SELF-PACED WALKING SPEEDS
	Introduction
	Methods
	Protocol
	Analysis
	Statistics

	Results
	Discussion

	APPENDIX IRB APPROVAL
	REFERENCES

