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Abstract
Academic dishonesty is a pervasive problem undermining the effectiveness of educa-
tional institutions. From a motivational perspective, researchers have proposed achieve-
ment goals as antecedents of academic dishonesty. Empirical findings corroborate the 
notion that mastery goals (focus on learning and competence development) are nega-
tively linked to academic dishonesty. However, even though theoretical considerations 
suggest positive links between performance goals (focus on competence demonstration) 
and academic dishonesty, empirical findings are mixed. To provide a better understand-
ing of how goals matter for academic dishonesty, we conducted three-level meta-anal-
yses encompassing 163 effect sizes from 33 studies and a total of 19,787 participants. 
We found a disproportional use of correlational designs (using self-report measures of 
academic dishonesty) and personal goal measures (opposed to surrounding goal struc-
tures). Evidence of publication bias was not found. Our results confirmed the expected 
negative associations between mastery goals and academic dishonesty and revealed 
heterogenous findings for performance goals, with indications of positive associations 
within behavioral and intentional dishonesty measures, but not within self-reports. To 
further clarify the associations between achievement goals and academic dishonesty, 
we call for more methodological rigor in the measurement of goals and dishonesty as 
well as multi-methods approaches when investigating their interplay.
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Introduction

A prevailing and disconcerting finding concerning dishonest behavior that has 
circulated the scientific literature for almost a century (Marques et  al., 2019) is 
the high prevalence of dishonest behavior by students in schools and higher edu-
cation (see Cuadrado et al., 2019; McCabe et al., 2001; Simha & Cullen, 2012). 
Academic dishonesty, which encompasses activities such as cheating on exams or 
incorporating uncredited content from others, is a widespread problem that has 
been observed across different educational levels and in various countries (Simha 
& Cullen, 2012). Furthermore, cheating rates have reportedly increased through-
out the last decades (Balbuena & Lamela, 2015; Marques et al., 2019) and have 
also been found to be prevalent in digital learning settings (Janke et  al., 2021). 
Apart from this high prevalence, concerns are also warranted due to the far-reach-
ing ramifications of cheating. The possibility to advance through the educational 
system without the necessary requirements not only reduces the fairness and valid-
ity of assessments, but also impedes actual knowledge transfer — corroding the 
essence of educational institutions (Bouville, 2010). Such issues can ultimately 
damage the reputation of higher education institutions and diminish confidence 
in their ability to produce educated and ethical members of society (Resurrec-
cion, 2012). Fraudulent behavior in earlier life stages is known to be associated 
with a continuation of such behavior later in life (Carpenter et al., 2004; Mulisa & 
Ebessa, 2021; Nonis & Swift, 2001). Hence, understanding deviant behavior of the 
younger generation who represent the politicians, workers, and scientists of tomor-
row is crucial as a means of early prevention. By gaining a deeper understanding 
of the mechanisms underlying academic dishonesty, educational institutions can 
develop more effective policies and teaching practices that promote fair and effec-
tive learning environments, while also fostering positive moral development as a 
foundation for ethical behavior throughout life (George et al., 2014).

The study of student cheating behavior has acknowledged a wide range of influ-
encing factors (Crown & Spiller, 1998; Murdock & Anderman, 2006). A large body 
of research has examined student characteristics, such as demographics, personality 
traits, and cognitive abilities (see reviews and meta-analyses by Cuadrado et al., 2019; 
Lee et al., 2020; Paulhus & Dubois, 2015; Plessen et al., 2020; Whitley et al., 1998, 
1999). Other identified factors include students’ moral attitudes, the perceived sever-
ity and likelihood of penalties, and contextual aspects such as institutional policies or 
peer behavior (e.g., Akbulut et al., 2008; McCabe et al., 2002; O’Rourke et al., 2010). 
Besides this, motivational perspectives have also proven to be fruitful in understand-
ing the reasons that compel students to engage in dishonest behaviors (Murdock & 
Anderman, 2006). Such perspectives are especially helpful in identifying strategies 
to combat academic dishonesty, as they deal with personal aspects that, compared 
to static student traits, are more malleable in nature (Anderman & Koenka, 2017; 
Murdock & Anderman, 2006) and can be influenced by the motivational climate of 
the learning environment (Bardach et al., 2020; Meece et al., 2006; Urdan, 2001). A 
particularly prominent motivational framework to this end is the achievement goal 
approach (Elliot et al., 2017), which has proven effective in explaining why students 
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cheat (Anderman & Danner, 2008; Anderman & Koenka, 2017). However, uninves-
tigated contextual aspects and mixed findings for the relationships between certain 
achievement goals and academic dishonesty represent open issues that require fur-
ther attention. Specifically, although theoretical considerations suggest positive asso-
ciations between performance goals and academic dishonesty, relationships ranging 
from negative to positive as well as nil findings have been reported (Daumiller & 
Janke, 2020). With the current meta-analysis, we therefore aimed to contribute to a 
deeper understanding of how achievement goals are related to academic dishonesty, 
examine conditional aspects that can help explain inconsistencies in the literature, 
and map the different research approaches as well as research gaps in this field.

Achievement Goals and Their Complex Associations with Academic Dishonesty

Definition of Academic Dishonesty

As academic dishonesty has often been described in a rather general and sometimes 
tautological way, it is important to provide a clear definition before elaborating fur-
ther on its associations with achievement goals. Definitions of academic dishonesty 
such as “students’ misdemeanors conducted within academic settings or during aca-
demic endeavors” (Akbulut et al., 2008, p. 464) comprise the full spectrum of rel-
evant behaviors, speaking to the multifaceted nature of the phenomenon. McClung 
and Schneider (2015) list 18 distinct types of behaviors; however, the most prevalent 
and thus most frequently studied types include exam cheating, plagiarism, and lying 
(e.g., faking false pretenses to extend deadlines; Marques et al., 2019; McCabe et al., 
2012; Roig & Caso, 2005). Furthermore, second-party or passive cheating refers to 
cheating in the form of helping others with illicit behaviors (e.g., Putarek & Pavlin-
Bernardić, 2020). Increasingly, some of these behaviors are also considered in their 
electronically mediated form (e.g., Akbulut et  al., 2008; Stephens & Gehlbach, 
2007). In the present study, we define academic dishonesty as cheating behaviors in 
academic institutions, which involves taking personal advantage in educational per-
formance situations by breaking academic rules (see Marques et al., 2019).

A noteworthy consideration in the study of academic dishonesty is the specific 
academic population under investigation. Most studies have been carried out with 
secondary or higher education students (e.g., Anderman et al., 1998; McCabe et al., 
2012), although students as young as the elementary school level have been exam-
ined (Mendoza-Nápoles, 2022). A typical assumption is that academic dishonesty is 
more widespread among older students, as competition and the importance of grades 
and other achievements become more relevant. However, no conclusive effect of age 
on academic dishonesty has been established (see Krou et al., 2021). Interestingly, 
despite being part of the academic population, academic dishonesty of educators 
has been given little attention in this field.1 Cizek (2003) reports cases of fraudulent 

1  We acknowledge the extensive debate on researcher misconduct elicited by the scientific confidence 
crisis of the last decade, but we regard scientists, although part of the academic population, as more 
related to a workplace than an educational domain. While their motivations for teaching and for research 
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behavior by school teachers in the USA, where school accountability evaluations 
and performance-focused teacher and student assessments are suspected to drive 
some teachers to sabotage their scoring by helping students to cheat. To gain a more 
comprehensive overview of academic dishonesty, we also included teachers in our 
literature search.

Achievement Goals and Academic Dishonesty

Although students may be unsure of the exact behaviors that count as academic dis-
honesty (Bisping et al., 2008), most rules are regarded as common or implicit knowl-
edge and are usually explicitly expressed by educators or indirectly by institutional 
honor codes (McCabe et al., 2002). Thus, motivational theories on academic dishon-
esty generally consider it to be an intentional and motivated behavior (Anderman & 
Danner, 2008). In this line of research, the achievement goal approach represents a 
prominent theoretical framework which conceptualizes experiences and behaviors in 
achievement contexts such as in the workplace, sports, and, important for the present 
work, educational settings. Hence, it serves as a useful explanatory framework for 
understanding the motivation behind cheating in learning institutions (Anderman & 
Danner, 2008; Anderman & Koenka, 2017; Murdock & Anderman, 2006).

Achievement goals are future-directed cognitive representations of desired out-
comes in achievement situations that differ in how achievement is conceptualized 
(Chazan et al., 2022). Typically, two fundamental types of achievement goals are 
distinguished (Elliot et al., 2017): Mastery goals are characterized by an orienta-
tion towards the process of learning (learning goals) and improving or mastering 
a skill or task (task goals), where successful achievement is assessed using an 
intra-individual frame of reference (i.e., based on the past self) or by standards 
of the task itself. Performance goals are characterized by a striving to appear 
competent (appearance goals) or perform better in relation to others (normative 
goals), using an inter-individual reference point to assess achievement (i.e., being 
judged by others or judging in reference to others). Furthermore, these goals can 
be further distinguished with regard to whether individuals strive to approach 
a positive outcome (approach goals) or focus on avoiding a negative outcome 
(avoidance goals). In recent years, work-avoidance goals have additionally been 
proposed as being relevant for achievement contexts. An overview model by 
Daumiller et al. (2019) takes these finer distinctions into account and summarizes 
the current literature of self-directed goals relevant in achievement situations. We 
focused on the goals distinguished in this model in the current study (see Table 1 
for an overview of investigated types of goals).2

2  Social goals, relating to social competence and broadly characterized by social reasons underlying aca-
demic achievement, have also been proposed as being relevant in achievement contexts (Urdan & Maehr, 
1995). We thereby included social goals in the literature search, however, we did not have specific 
assumptions regarding their relevance for academic dishonesty and did not find any studies investigating 
this link.

Footnote 1 (continued)
might overlap to some extent, their professional behaviors, including those related to academic dishon-
esty, are quite different between both domains (Daumiller & Dresel, 2020).
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Depending on the different goals that individuals strive for, different 
strategies for the pursuit of the respective desired outcome can be expected 
(Anderman & Danner, 2008; Anderman & Koenka, 2017; Murdock & Ander-
man, 2006). Regarding academic dishonesty, individuals striving to learn 
and master a task (i.e., strong mastery goals) should be less inclined to cheat, 
as doing so would undermine the learning process, hinder actual competence 
development, and essentially betray one’s own standards. Indeed, consistent 
negative associations between mastery goals (approach and avoidance) and 
academic dishonesty have been found (Krou et  al., 2021). Conversely, for 
individuals focused on their appearance and performance relative to others 
(i.e., strong performance goals), academic dishonesty might provide effec-
tive means to attain these goals. However, empirical findings on the associa-
tion of performance goals and academic dishonesty appear highly inconclu-
sive (entailing nil, positive, as well as negative associations, see overview in 
Daumiller & Janke, 2020), which is in line with an ongoing debate regard-
ing the extent to which performance goals are linked to positive as well as 
negative academic outcomes, emotions, and behaviors (Anderman & Danner, 
2008; Daniels et al., 2008; Kaplan et al., 2002; Pekrun et al., 2009; Roussel 
et al., 2011; Scherrer et al., 2020).

Findings regarding work-avoidance goals and their associations with academic 
dishonesty are scarce. Similar to performance goals, individuals striving to attend 
to tasks with as little effort as possible are assumed to show a stronger tendency 
for academic dishonesty, because it can provide short-cuts to reduce the necessary 
effort. The available empirical evidence thus far suggests a positive association 
between work-avoidance goals and academic dishonesty (e.g., Putarek & Pavlin-
Bernardić, 2020; Šeremet et al., 2018).

Table 1   Overview of investigated types of goals, their definition and expected associations with academic 
dishonesty

Type of goal Definition: Personal striving to … Expected 
association 
with academic 
dishonesty

Mastery-approach … do well on a task and develop and improve own compe-
tencies

Negative

Mastery-avoidance … avoid falling short on a task and not improving own 
competencies

Mastery (includes both aspects from approach and avoidance)
Performance-approach … appear competent or perform better relative to others Positive and 

negative 
(under certain 
circumstances)

Performance-avoidance … avoid appearing incompetent or to perform worse relative 
to others

Performance (includes both aspects from approach and avoidance)
Work-avoidance … get through the day with little effort Positive
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Existing Meta‑analysis and Proposed Extension

To unravel inconsistent empirical findings, research typically resorts to research syn-
theses to highlight differences between studies. One recent meta-analysis examined 
the relationships between a broad range of motivational aspects, including achieve-
ment goals, and academic dishonesty (Krou et  al., 2021). The study provides a 
comprehensive overview of associations in alignment with different motivational 
theories and corroborates the lack of evidence regarding the associations between 
performance goals (approach and avoidance) and classroom performance goal struc-
tures with academic dishonesty when averaged across studies. As a consequence of 
the heterogeneity in effect sizes for performance goals, the authors tested two widely 
used achievement goal measures (the Achievement Goal Questionnaire of Elliot & 
Murayama, 2008, and the achievement goal measures from the Patterns of Adap-
tive Learning Scales of Midgley et al., 2000) for differential effects, but found no 
moderation. Publication status and age also showed no significant moderation. The 
authors noted that further investigations to uncover contextual influences are neces-
sary to better understand the variability in associations between performance goals 
and academic dishonesty.

To answer this call, we propose several possible reasons for these inconsistencies 
as an extension to the previous synthesis of Krou et al. (2021):

First, the way academic dishonesty is measured likely affects associations with 
achievement goals. Academic dishonesty is commonly assessed via self-report 
measures, where students rate the extent of their engagement in a list of dishonest 
behaviors (e.g., Carpenter et al., 2006; McCabe et al., 2002; Roig & DeTommaso, 
1995). When academic dishonesty is assessed in laboratory settings, it is usually 
measured as cheating in a (supposed) academic, intelligence, or other type of per-
formance test (e.g., Daumiller & Janke, 2019, 2020; Williamson & Assadi, 2005). 
Another approach is the use of case vignettes depicting hypothetical academic sce-
narios including the opportunity to cheat (e.g., Murdock et al., 2004; Rettinger et al., 
2004), where participants are asked how likely it is that they would cheat in such a 
situation. Here, the measures represent a hypothetical willingness, intention, or like-
lihood of engagement in academic dishonesty. Intentional measures were excluded 
from the meta-analysis by Krou et  al. (2021), which is why we deemed this an 
important extension for testing the influence of the measure type. Self-report and 
behavioral measures represent different degrees of validity in terms of the actual 
behavioral display, and intentions to engage in dishonest behavior show rather weak 
associations with actual cheating (Harding et  al., 2007). Apart from this possible 
source of heterogeneity, the predominant use of self-report measures to assess aca-
demic dishonesty (Daumiller & Janke, 2020) could likely introduce biases in terms 
of social desirability, especially regarding sensitive topics like academic dishonesty 
(Bernardi & Adamaitis, 2006; Scheers & Dayton, 1987). Although the typical online 
administration of surveys somewhat ameliorates this problem by providing higher 
anonymity than personal interviews, prevalence estimates can vary substantially 
between different survey techniques and direct behavioral assessments (Höglinger, 
2016). The appearance aspect of performance goals might even increase the risk of 
social desirability bias (Pulfrey et al., 2019), especially for students striving to avoid 
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appearing incompetent, possibly leading to underreporting of own cheating behavior 
that could be interpreted as a lack of competence. Thus, the type of measurement for 
academic dishonesty could explain heterogeneity in associations, especially regard-
ing performance goals.

Second, not all studies differentiate between the goals’ valence. Achievement goal 
researchers acknowledge that performance-approach and performance-avoidance 
goals are “functionally separate goals leading to different outcomes” (Harackiewicz 
et al., 2002, p. 638). Indeed, differential outcomes of performance-approach and per-
formance-avoidance goals in terms of academic achievement, cognition, emotions, 
and behaviors are well documented in past empirical research (Chazan et al., 2022). 
Similar differences are conceivable regarding cheating behavior: a striving to outper-
form others (strong performance-approach goals) could render cheating an attrac-
tive option for success, whereas a striving to avoid appearing incompetent (strong 
performance-avoidance goals) could also increase the fear of getting caught cheat-
ing, resulting in lesser engagement in cheating in general or in the use of different, 
more covert or less detectable forms of cheating. Consequently, not considering this 
important distinction could blur differential effects of performance-approach and per-
formance-avoidance goals on academic dishonesty or even level out opposite effects.

Third, whereas some studies investigate the personal goals of students, others con-
sider achievement goal structures (contextual goals) of the environment, which might 
translate differently into consequent behavior. Contextual goals typically refer to stu-
dents’ perceptions of their teachers’ instructional practices (teacher goals) or the gen-
eral motivational climate within a learning environment (classroom or school goal 
structures; Bardach et  al., 2020; Urdan & Schoenfelder, 2006), but also entail the 
achievement focus embodied by parents (parent goals; e.g., Friedel et al., 2007; Gonida 
et al., 2007). The strength of associations between contextual and personal achieve-
ment goals, including relations to non-counterparts (e.g., performance-approach goal 
structures and personal performance-avoidance goals), range from trivial to strong 
(e.g., Bardach et  al., 2020; Friedel et  al., 2007; Zubković & Kolić-Vehovec, 2014). 
Moreover, simple relationships between contextual and personal goals have been con-
tested, as perceptions of the motivational climate have also been found to be mediated 
by personal goal orientations (Tapola & Niemivirta, 2008). Furthermore, although 
contextual goals have been conceptualized as antecedents of personal goals (Urdan & 
Schoenfelder, 2006), they have also shown direct links to outcomes over and beyond 
the influence of personal goals (Meece et al., 2006). It is therefore conceivable that 
their influence on students’ engagement in academic dishonesty varies from the influ-
ence of personal achievement goals. As another extension to Krou et al. (2021), who 
only investigated non-valence distinguished classroom goal structures, we therefore 
also consider contextual goals on a differentiated level.

Lastly, it should be considered that an unspecific assessment of goals (and aca-
demic dishonesty, for that matter) might also lead to less pronounced effects. 
Although there are individual differences in goal orientations that are somewhat sta-
ble over time, there is also a situational component ascribed to them (Elliot et al., 
2017), as shown in successful laboratory manipulations or the influence of goal 
structures (Bardach et al., 2020; Kaplan et al., 2002). It is therefore plausible that 
assessing goals within a specific domain (e.g., within a specific course or subject) 
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instead of regarding school and studies in general may allow participants to bet-
ter picture scenarios and judge their own goal focus. Similarly, asking participants 
about their engagement in a specific dishonest behavior (e.g., copying answers from 
others during an exam), compared to using broad concepts, might facilitate judg-
ment and decrease biases through subjective interpretations of what counts as cheat-
ing (Anderman & Danner, 2008). Furthermore, a meta-analysis by Huang (2016) 
on associations between achievement goals and self-efficacy found significant mod-
eration effects regarding different subject domains as well as when goals and self-
efficacy were assessed within the same domain. Consequently, specific assessment 
of both goals and academic dishonesty as well as a domain-match between measures 
(e.g., personal goals for math class and cheating in math exams) could produce more 
valid and pronounced effects.

Taken together, we extend the analysis of Krou et al. (2021) by including meas-
ures of cheating intentions to investigate the influence of the dishonesty measure 
type and by considering other types of contextual goals beyond classroom goal 
structures, distinguishing between valences on this level. We also include the speci-
ficity of achievement goal and academic dishonesty measures and consider per-
sonal work-avoidance goals to add to the scarce work on their relation to academic 
dishonesty.

Moderators

In sum, we investigated the following methodological specifications as moderators 
of the associations between achievement goals and academic dishonesty (see list and 
levels in Table 2).

Achievement Goal Measure  Regarding the operationalization of achievement goals, 
we considered whether personal or contextual achievement goals were assessed and 
the specificity of the goal measure (general or specific to a certain task, domain, 
or subject). Following common practice to account for measurement error in meta-
analyses (Hunter & Schmidt, 2004), we used the reliability of the scales assess-
ing goals to test whether effects are less pronounced (i.e., smaller) for less precise 
measures.

Academic Dishonesty Measure  We considered the type of academic dishonesty 
measure (self-report, behavioral, or intention) and the specificity of measures (i.e., 
coding composite measures of various behaviors as general measures and composite 
measures within a specific context such as subject class, or specific behaviors such 
as exam cheating as specific measures). Following the same argumentation as for the 
goal measures, we considered reliability coefficients of the measures used to assess 
academic dishonesty. Validated scales to assess academic dishonesty are more the 
exception than the norm (Bashir & Bala, 2018) and items developed or adapted spe-
cifically for a given study are frequently used. We therefore deemed it especially 
crucial to regard the academic dishonesty measurement reliability as a moderator of 
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effects (note that this moderator only applied to measures using questionnaires, not 
behavioral measures).

Goal‑Dishonesty Domain‑Match  We considered the matching of specific measures of 
achievement goals and academic dishonesty in their assessed domain. We coded measures 
as non-matching when both were assessed as general, or only one measure as specific, and 
domain-matching when specific measures matched context (within the same subject class, 
e.g., Anderman et al., 2009, or within the same task, e.g., Daumiller & Janke, 2019).

Primary Study Features  We tested the study design, educational level, publication 
type, and publication time as further moderators. We expected study designs to 
be related to the type of academic dishonesty measure (i.e., experimental studies 
predominantly using behavioral measures and correlational studies predominantly 
using self-report measures) but coded it separately to further differentiate the two 
(for more elaboration on this point see moderator analysis in the methods section). 

Table 2   Methodological moderators of the achievement goal–academic dishonesty association

Levels represent theoretical categories, which are not all represented in the data. Specificity of measures 
refers to whether goals/academic dishonesty were assessed specifically within a certain domain (e.g., 
school subject or task), or as a specific behavior in the case of academic dishonesty measures. Goal-
dishonesty domain-match indicates whether domains were the same for both measures (matching) or 
only one of both was measured in a specific domain or both in general terms (non-matching). aCross-
sectional correlations were recorded from a single longitudinal study. Therefore, this moderator, having 
only two levels, was subsumed under the academic dishonesty measure type, which perfectly captured 
both recorded study designs (cross-sectional correlation studies and cross-sectional experimental studies) 
with the respective measure type (self-report and behavioral measure), plus adding more resolution with 
a third category not captured by study design (intentional measures)

Moderator Levels

Achievement goal measure
   Goal level 2 (personal, contextual)
   Specificity 2 (general, specific)
   Reliability coefficient (continuous)

Academic dishonesty measure
   Measure type 3 (self-report, behavioral, intention)
   Specificity 2 (general, specific)
   Reliability coefficient (continuous)
   Goal-dishonesty domain-match 2 (matching, non-matching)

Primary study features
   Study design 3 (experimental cross-sectional, observational 

cross-sectional, observational longitudinala)
   Sample educational level 4 (elementary, secondary, tertiary, post-graduate)
   Publication type 5 (peer-reviewed journal article, dissertation 

thesis, conference contribution, book/book 
chapter, unpublished)

   Publication time (continuous)
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As discussed above, varying effects of age on the association between achievement 
goals and academic dishonesty are reported in the literature (Krou et  al., 2021), 
which is why we investigated the variability of effects depending on the educational 
level of the samples. Publication type and year were considered following standard 
practice, although we did not expect specific effects of these moderators.

Research Aim and Hypotheses

To summarize, the present meta-analysis had three main goals. The first goal was to 
synthesize the existing literature on achievement goals and their relation to academic 
dishonesty. Building on prior work discussed above, we expected negative associa-
tions between mastery goals and academic dishonesty, a heterogeneous pattern of 
associations for performance goals, and positive associations for work-avoidance 
goals. To help reconcile the inconsistent findings regarding performance goals, the 
second goal was to investigate moderators of the achievement goal – academic dis-
honesty associations from a methodological perspective. This focus follows recent 
developments in meta-research stressing the influence of data-analytical specifica-
tions on study results (Simonsohn et al., 2020) and considers primary study features 
as well as operationalizations of measures as potential moderators of associations. 
By mapping these different research approaches between studies, as a third goal, we 
aimed to raise awareness of methodological issues and research gaps to guide future 
research and to provide a template as well as inspiration for future syntheses in the 
vein of clarifying inconsistent findings.

Method

Open Science Statement

Following recommendations on transparent and reproducible scientific reporting 
(Lakens et al., 2016), we disclose within an online repository (https://​osf.​io/​k3myg/?​
view_​only=​d950e​2a45c​7245e​fa01e​18155​6a668​ec) the coding scheme, the entire 
data set used for analysis, and the complete code to reproduce the analysis to com-
ply with the FAIR (findable, accessible, interoperable, re-usable) guiding principles 
for scientific data (Wilkinson et al., 2016). This includes full disclosure of how we 
determined the sample size, data exclusions, calculated effect sizes, and any statisti-
cal data manipulations that were used. For reporting consistency, we followed the 
updated PRISMA reporting guidelines (Page et al., 2021).

Literature Search

The literature search was conducted in October 2020. Details of the search and 
resulting sample can be found in the PRISMA flow diagram (Fig. 1). Multiple data-
bases (Google Scholar, Web of Science, ERIC, Education Source, PsycArticles, 
ProQuest Dissertations & Theses) were used to ensure an exhaustive sample with 
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a variety of publication types. Search terms were formulated on the basis of similar 
work and typical nomenclature in the literature (see Online Resource 1). This list of 
search terms was used in all databases searching full texts without any filters or lim-
its. To ensure that this step covered all relevant studies, reference lists of included 
studies and the topically related meta-analysis by Krou et al. (2021) were examined 
for additional studies. To reach grey literature, we sent a call for papers via news-
letters in pertinent special interest groups on motivation and moral development 

Fig. 1   Flow diagram of the literature search. Databases searched: Google Scholar, Web of Science, 
ERIC, Education Source, PsycArticles, ProQuest Dissertations & Theses. 1 Reason 1: no achievement 
goal measure or other goal measure; Reason 2: no academic dishonesty measure; Reason 3: insufficient 
reporting (author contact without answer); Reason 4: no effect size extractable (due to study design). 2 
Two included papers reported two independent studies
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of large-scale research associations (American Educational Research Associa-
tion [AERA] and European Association for Research on Learning and Instruction 
[EARLI]).

Inclusion and Exclusion Criteria

We included primary, empirical studies that (1) used a sample of students enrolled 
in an educational institution (primary, secondary, or tertiary level), or educators 
working in academic institutions, (2) measured at least one self-directed achieve-
ment goal following the achievement goal approach (personal or contextual), (3) 
used at least one measure of academic dishonesty (self-report, behavioral, or inten-
tion/willingness), and (4) reported zero-order correlations or relevant data to calcu-
late the relationship between achievement goals and academic dishonesty. If report-
ing of a study was insufficient for effect size calculation, authors were contacted 
to provide the necessary data. We excluded (1) qualitative studies, case studies, lit-
erature reviews, meta-analyses, theoretical papers, (2) studies published before 1970 
(first research works on achievement goals; Roberts, 2001), (3) non-full-text mate-
rial (e.g., presentation slides, abstracts), (4) academic dishonesty measures deviating 
from our definition (e.g., cheating detection mechanisms), (5) goal measures deviat-
ing from our definition (e.g., non-self-directed goals), (6) studies in non-academic 
contexts (e.g., sports, work, relationships), and (7) studies not in English language 
(to ensure that constructs complied with our definitions and to be able to consist-
ently use the same list of search terms). Contrary to Krou et al. (2021), we excluded 
goals measured with the LOGO(II) questionnaire (Eison et al., 1986) called grade 
and learning orientation, as they contain further dimensions pertaining to behavior 
and attitudes which we deem incompatible to the strict definition of achievement 
goals focusing on competence (Anderman & Danner, 2008; Elliot et al., 2017). Fur-
thermore, we did not use effect sizes from goals best described as extrinsic goals 
(focusing on rewards or good grades) because they also do not relate to one’s own 
competences, and hence do not fall into the stricter understanding of performance 
goals (Grant & Dweck, 2003). Nonetheless, we included broader nomenclature such 
as extrinsic and intrinsic goals within the literature search terms, as they are some-
times used for strictly speaking performance and mastery goals, and then decided on 
their fit sensu our definition (Table 1).

Four trained research assistants and the first author screened the retrieved litera-
ture according to the listed criteria. To ensure a systematic screening process, the 
inclusion criteria were ordered hierarchically along a gradient of inference (1. lan-
guage, 2. time period, 3. report type, 4. study design, 5. sample, 6. achievement goal 
measure, 7. academic dishonesty measure) and studies were excluded based on the 
first criteria not met. Screeners were instructed to prioritize inclusion over exclusion, 
meaning that studies remained included when in doubt, which were then inspected 
again by the first author to make the decision. When titles and abstracts did not con-
tain enough decisive information, full texts were subsequently screened.
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Data Extraction and Coding

Prior to the literature search, we developed a coding scheme comprising the study 
characteristics (publication type and year, sample size, sample country, sample 
educational level, number of female participants, study design), achievement goal 
measures (scale name, scale description, scale validation status, reliability meas-
ure, item list, sub-facet classification [if possible]), measure specificity, goal level 
(personal or contextual goals), academic dishonesty measures (scale name, scale 
description, scale validation status, reliability measure, item list, measure specific-
ity, measure type, time period), and main effect sizes (zero-order correlations). The 
first author coded the entire sample of studies. A subset of 20 studies (34.5% of the 
total sample) was also coded by a graduate student. On three occasions, the second 
effect size within a study (regarding deception and willingness to cheat) was ini-
tially not considered by the second coder, but the decision for inclusion was resolved 
by discussion in the group. The double coding yielded a high interrater reliabil-
ity (ICC = 99.8%, Cohen’s Kappa = 0.90). To further ensure coding accuracy, two 
trained research assistants double checked the entire coding.

Goal Categorization

Initially, we had planned to classify goal types according to the specific sub-facets 
of mastery (task and learning) and performance goals (appearance and normative). 
However, due to most studies not distinguishing between these facets and opera-
tionalizing the respective constructs with items grounded in both facets, we used 
the overall terms of performance (approach and avoidance) and mastery (approach 
and avoidance) for the subsequent analysis. Regarding goal valences, when both 
approach and avoidance items were used to measure a goal (i.e., reporting one corre-
lation for all items combined) or when authors did not specify the valence of a goal 
and only item examples hindering a clear distinction were given, goals were coded 
as mastery or performance goals and analyzed separately from the valence-distin-
guished goals. Even though achievement goal researchers emphasize the important 
distinction between the goals’ valence (e.g., Simamora & Mutiarawati, 2021), we 
deemed it important to include these measures to indicate the number of studies that 
did not distinguish the goals’ valence dimensions and to compare the effect hetero-
geneity of these measures with that of valenced goals.

Effect Sizes and Statistical Analyses

All analyses were performed within the R environment (R Core Team, 2016; Ver-
sion 4.1.2). All packages (version controlled with the groundhog package [v1.5.0; 
Simonsohn & Gruson, 2021]) that were used can be found within the analysis 
code in the online repository: https://​osf.​io/​k3myg/?​view_​only=​d950e​2a45c​
7245e​fa01e​18155​6a668​ec. The main analyses were carried out with functions 
from the metafor package (Viechtbauer, 2010). For comparable effect sizes, only 
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zero-order Pearson correlation coefficients between achievement goals and aca-
demic dishonesty measures (including experimental studies) were coded. In one 
case (Mendoza-Nápoles, 2022, study ID 28), zero-order correlation coefficients 
were calculated based on raw data provided by the author (see Online Resource 
2 on details). First authors from eleven studies not reporting zero-order correla-
tions were contacted. We heard back from four authors that provided additional 
data enabling us to extract the associations. To stabilize variances and normalize 
correlation coefficients, we standardized them through the Fisher r-to-z transfor-
mation and subsequently back-transformed aggregated z into r for interpretation. 
Weighted average effect sizes were calculated with three-level random-effects 
models (for more details on dependent effect sizes see paragraph below) using 
the REML estimator as well as the Hartung-Knapp adjustment for better estimate 
accuracy (this widens the confidence intervals to reflect uncertainty in the esti-
mation of between-study heterogeneity; van Aert & Jackson, 2019). Cochran’s Q 
and the multilevel variant of Thompson’s I2 (Cheung, 2014) are reported as heter-
ogeneity statistics. To judge statistical significance of correlations, we report 95% 
confidence intervals (CI) for the average effect sizes (concluding significance if 
the confidence interval did not contain zero correlations). We also report predic-
tion (also termed credibility) intervals (PI), which are not yet commonly reported 
for random-effects models, although increasingly recommended by methodolo-
gists (Higgins et  al., 2021; Viechtbauer, 2021). Whereas confidence intervals 
indicate the expected range of average (future study) effects based on the pre-
sent evidence, prediction intervals indicate the range within which one expects 
the true effects of hypothetical future studies to fall. Rainforest plots (Schild & 
Voracek, 2015) were used to visualize individual effect sizes.

Some studies reported correlations between achievement goals and more than one 
academic dishonesty measure (e.g., plagiarism and exam cheating) or correlations 
between one academic dishonesty measure and more than one level of achievement 
goals (e.g., personal goals and contextual goal structures). Such dependent effect 
sizes are often accounted for in multivariate meta-analyses considering their correla-
tion within the summary effect models (if not known, typically assuming r = 0.80, 
Hedges et al., 2010). A better approach not hinging on default assumptions is to use 
three-level, hierarchical models, which model the sampling variance for each effect 
size (level 1), the within-study effect size variance for multiple outcomes per study 
(level 2), and the between-study effect size variance (level 3). It has been noted that 
three-level models may not accurately represent the real data structure of multiple 
effect sizes per study, but might still be preferred if the correlation of within-study 
effect sizes is unknown (van den Noortgate et  al., 2013). Another advantage of 
three-level models is that heterogeneity statistics are given for each level, helping in 
investigating sources of effect size heterogeneity.

With the exception of one study (Anderman & Midgley, 2004; study ID 3), all 
studies used cross-sectional study designs. As one study is not sufficient to model 
summary effects for longitudinal designs, we extracted the cross-sectional correla-
tions and treated the effect sizes from the three time points as dependent. To check 
the robustness of summary effects, we performed leave-one-out sensitivity analyses, 
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which judge the severity of change in effect sizes of recalculated meta-analyses 
through leaving out one study at a time.

Moderator Analysis

Moderators were tested in three-level random-effects meta-regression models, again 
using the REML estimator to allow for residual heterogeneity (Viechtbauer, 2021). 
To reliably compute significance levels for the predictors, Hartung-Knapp adjustment 
was used (Higgins et al., 2002). All moderators were inspected for possible collinearity 
(see bivariate correlations in Online Resource 3), assuming confounding when r > 0.80 
(Harrer et al., 2021). We expected collinearity between study design and academic dis-
honesty measures type (experimental studies predominantly using behavioral measures 
and correlational studies predominantly using self-report measures), which was indeed 
indicated (rS = –0.73, and rS = 1 after removing the effect sizes for dishonesty intention 
measures). Consequently, we used the academic dishonesty measure type as moderator, 
because it captures more information regarding the behavior type. In other cases when 
the cut-off value was reached, in addition to individual tests, multiple meta-regression 
models including all cofounded moderators were run to test robustness (in no case did 
this procedure change the results).

Publication Bias

The most straightforward approach for considering bias in published literature is simply 
comparing results from published and unpublished studies, which was not possible in 
our case, as apart from four dissertation theses, no other grey literature was identified. 
We decided against another common approach of adjusting estimates through selec-
tion models (e.g., Coburn & Vevea, 2015), because these models are based on vari-
ous assumptions regarding the mechanism of biased reporting, introducing yet another 
distortion if these assumptions are incorrect. Moreover, adjusted estimates become 
increasingly unreliable under highly heterogeneous effect sizes (Terrin et  al., 2003), 
which is only aggravated in more complex model structures like multilevel meta-ana-
lytic models. Consequently, we first aggregated multiple effect sizes within studies to 
a single effect size in order to remove dependencies to meet test assumptions. Follow-
ing results from a simulation study on this issue (Fernández-Castilla et al., 2019) and 
general recommendations to use a combination of methods (Harrer et al., 2021), we 
then used Egger’s Regression test (Egger et al., 1997; complemented by Begg’s Rank 
Correlation test as a non-parametric version for robustness, Begg & Mazumdar, 1994). 
We additionally conducted Tests of Excess Significance (Ioannidis & Trikalinos, 
2007), which test whether the observed number of significant findings is greater than 
the expected number of significant findings given the power of the underlying tests. 
We used these methods within each type of goal individually and visualized effect size 
distribution with contour-enhanced funnel plots (indicating areas of statistical signifi-
cance). No indication for publication bias was found (see test results and funnel plots in 
Online Resource 4).
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Results

Final Sample

Table  3 shows detailed descriptive information of primary study features and 
effect sizes (the reference list and an overview of selected characteristics of 
included studies can be found in the Online Resources 5 and 6, respectively). The 
final sample consisted of k = 33 studies reporting 163 individual effect sizes on 
achievement goal – academic dishonesty associations, with a total of N = 19,787 
participants, published between 1998 and 2020. The most frequent publica-
tion type was in the form of peer-reviewed journal articles (81.82%), with the 
remainder being four dissertation theses, one book chapter, and one conference 
contribution. Sample sizes ranged from 70 to 4787, and were generally large for 
psychological research (Md = 337; the median sample size across psychologi-
cal fields ranges between 100 and 190; Kossmeier et al., 2019), probably owing 
to the fact that most studies were survey studies (87.88%) instead of typically 
smaller experimental studies (9.09%). The majority of studies were conducted 
on university students (51.52%) and secondary level students (45.45%), and we 
found only one study on elementary school students. Except for one study using 
only female participants, genders were evenly distributed within individual sam-
ples (Md = 54.55%) and in the overall sample (Md = 51.08%). Following the 
typical proportions of global research output, almost half of the studies were 
conducted with US samples (45.45%), followed by Croatia (9.09%), Germany, 
Greece, and Turkey (each 6.06%). The remaining studies stemmed from a vari-
ety of countries all over the globe.

As for effect size characteristics, achievement goals were preponderantly 
assessed as personal goals of students (84.66%), followed by classroom 
goal structures (7.36%), and teacher goals (6.13%). Only one effect size was 
recorded for school goal structures and two for parent goals. Most academic 
dishonesty measures were self-reports of students’ engagement in academic 
dishonesty (90.18%), nine effect sizes represented intentions to cheat (5.52%) 
and seven effect sizes were behavioral measures of actually committed dis-
honesty (4.29%). Achievement goals were more often assessed regarding 
school or studies in general (65.03%), whereas academic dishonesty was more 
often assessed concerning a specific subject or course, or as specific behav-
iors (64.42%).

Summary Effects

Table 4 shows the summary effects for associations between each type of goal and 
academic dishonesty (see Fig. 2a–g for forest plots on individual effect sizes). For 
mastery goals without specification of their valence, statistically significant aver-
age negative associations were obtained based on 12 effect sizes (all negative 
correlations) from 7 studies (r = –0.234, 95% CI [–0.317, –0.147]) as well as for 
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Table 3   Descriptive statistics of 
included studies and effect sizes

Percentages do not necessarily add up to 100 due to rounding. aOther 
countries represented by one sample each included Belgium, China, 
Mexico, Morocco, Poland, Slovenia, South Korea, Thailand, and 
Ukraine

Study characteristics k %
  Publication type
    Peer-reviewed journal article 27 81.82
    Dissertation 4 12.12
    Book chapter 1 3.03
    Conference contribution 1 3.03
  Publication year
    1998–2000 3 9.09
    2001–2010 13 39.39
    2011–2020 17 51.52
  Study design
    Correlational (cross-sectional) 29 87.88
    Experimental (cross-sectional) 3 9.09
    Correlational (longitudinal) 1 3.03
  Educational level
    Tertiary 17 51.52
    Secondary 15 45.45
    Primary 1 3.03
  Sample country
    USA 15 45.45
    Croatia 3 9.09
    Germany 2 6.06
    Greece 2 6.06
    Turkey 2 6.06
    Othera 9 27.27

Total 33

Effect size characteristics n %
  Achievement goal level
    Personal 138 84.66
    Classroom 12 7.36
    Teacher 10 6.13
    School 1 0.61
    Parent 1 0.61
  Academic dishonesty measure
    Self-report 147 90.18
    Intention 9 5.52
    Behavioral 7 4.29

Total 163

Page 17 of 36 33



Educational Psychology Review (2023) 35:33

1 3

Ta
bl

e 
4  

R
es

ul
ts

 o
f t

hr
ee

-le
ve

l r
an

do
m

-e
ffe

ct
s m

od
el

s f
or

 a
ch

ie
ve

m
en

t g
oa

ls
–a

ca
de

m
ic

 d
is

ho
ne

sty
 a

ss
oc

ia
tio

ns

n 
=

 n
um

be
r o

f e
ffe

ct
 si

ze
 fr

om
 k

 =
 n

um
be

r o
f s

tu
di

es
 c

on
tri

bu
tin

g 
to

 th
e 

m
et

a-
an

al
ys

is
, r

 =
 z

-to
-r

 b
ac

k 
tra

ns
fo

rm
ed

 a
ve

ra
ge

 tr
ue

 e
ffe

ct
 si

ze
s, 

C
I =

 c
on

fid
en

ce
 in

te
rv

al
 (f

or
 

ba
ck

-tr
an

sf
or

m
ed

 v
al

ue
s)

, P
I =

 p
re

di
ct

io
n 

in
te

rv
al

 (f
or

 b
ac

k-
tra

ns
fo

rm
ed

 v
al

ue
s)

, Q
 =

 C
oc

hr
an

’s
 Q

, I
2 

=
 Th

om
ps

on
’s

 I2  fo
r w

ith
in

-s
tu

dy
 (l

ev
el

 2
) a

nd
 b

et
w

ee
n-

stu
dy

 (l
ev

el
 

3)
 h

et
er

og
en

ei
ty

. F
or

 p
er

fo
rm

an
ce

 a
nd

 m
as

te
ry

 g
oa

ls
, a

ss
oc

ia
tio

ns
 w

er
e 

re
po

rte
d 

fo
r a

 c
om

bi
na

tio
n 

of
 it

em
s o

f b
ot

h 
ap

pr
oa

ch
 a

nd
 av

oi
da

nc
e 

di
m

en
si

on
s

*p
 <

 .0
01

95
%

 C
I

95
%

 P
I

n
k

r
Lo

w
er

U
pp

er
Lo

w
er

U
pp

er
Q

 (d
f =

 k–
1)

I2 Le
ve

l2
I2 Le

ve
l3

M
as

te
ry

12
7

–.
23

4
–.

31
7

–.
14

7
–.

43
7

–.
00

8
59

.7
3*

0
82

.4
3%

M
as

te
ry

-a
pp

ro
ac

h
50

24
–.

16
9

–.
20

4
–.

13
3

–.
35

4
.0

30
28

9.
66

*
64

.6
1%

21
.9

8%
M

as
te

ry
-a

vo
id

an
ce

10
3

–.
00

6
–.

06
4

.0
51

–.
15

2
.1

39
20

.5
3 

(p
 =

 .0
15

)
56

.3
1%

0
Pe

rfo
rm

an
ce

15
10

–.
03

5
–.

09
7

.0
27

–.
19

8
.1

29
28

.3
5 

(p
 =

 .0
13

)
0

56
.2

3%
Pe

rfo
rm

an
ce

-a
pp

ro
ac

h
43

20
.0

34
–.

02
6

.0
95

–.
23

4
.2

98
41

8.
37

*
22

.4
7%

70
.5

0%
Pe

rfo
rm

an
ce

-a
vo

id
an

ce
27

14
.0

60
–.

00
5

.1
24

–.
17

8
.2

91
26

8.
66

*
22

.3
0%

69
.5

6%
W

or
k-

av
oi

da
nc

e
6

3
.1

90
.0

15
.3

54
–.

24
6

.5
62

42
.7

9*
87

.7
1%

0

Page 18 of 3633   



Educational Psychology Review (2023) 35:33

1 3

mastery-approach goals based on 50 effect sizes (3 positive and 47 negative) from 
24 studies (r = –0.169, 95% CI [–0.204, –0.133]). Mastery-avoidance goals were not 
statistically significantly different from zero, based on 10 effect sizes (6 positive and 
4 negative) from 3 studies (r = –0.006, 95% CI [–0.064, 0.051]). Individual effect 
sizes for all three types of performance goals showed roughly as many positive as 
negative associations with academic dishonesty and were therefore on average not 
statistically significantly different from zero: Non-valence distinguished perfor-
mance goals were averaged across 15 effect sizes (7 positive and 8 negative) from 
10 studies (r = –0.035, 95% CI [–0.097, 0.027]), for performance-approach goals, 
43 effect sizes (21 positive, 21 negative, and one zero correlation) from 20 studies 
(r = 0.034, 95% CI [–0.026, 0.095]) were recorded, and for performance-avoidance 
goals, 27 effect sizes (16 positive and 11 negative) from 14 studies (r = 0.060, 95% 
CI [–0.005, 0.124]). Lastly, we found statistically significant small positive associa-
tions for work-avoidance goals (r = 0.190, 95% CI [0.015, 0.354]), based on 6 effect 
sizes (5 positive and 1 negative) from 3 studies.

Effect Size Heterogeneity

Except for the effect sizes of mastery-avoidance and non-valence distinguished 
performance goals, Q-tests for true effect size differences were all statistically sig-
nificant (see Table 4). However, given that Q is influenced by the number of stud-
ies and their precision (i.e., sample size; Harrer et  al., 2021), the proportions of 
effect size heterogeneity (I2) attributed to the within- and between-study level are 
more informative. We judged inconsistencies based on recommended cut-off val-
ues (25%, 50%, and 75% considered as low, intermediate, and high inconsistency; 
Higgins et al., 2003). For mastery and mastery-approach goals, effect sizes showed 
a high inconsistency (I2

total = 82.43% and 86.59%, respectively), which for mastery 
goals was solely attributed to between-study variability, and for mastery-approach 
goals mostly to within-study variability (I2

level 2 = 64.61%). Mastery-avoidance goals 
showed intermediate total effect size heterogeneity (I2

total = I2
level2 = 56.31%), which 

was solely attributed to within-study variability. The same was the case for work-
avoidance goals (with I2

total = I2
level2 = 87.71%). However, this lack of between-study 

heterogeneity should be interpreted with caution, as in both cases only three studies 
contributed to the summary estimates. All three types of performance goals showed 
intermediate to high total effect size heterogeneity, with the largest proportions 
attributed to between-study variability (I2

total = I2
level 3 = 56.23% for performance 

goals, I2
level 3 = 70.50% and 69.56% for performance-approach and performance-

avoidance goals, respectively). We took this as an indication that varying methodo-
logical specifications between studies are indeed plausible influences on the mixed 
patterns of associations between performance goals and academic dishonesty.

Moderator Analyses

Results from the meta-regression models for significant moderators are provided in 
Table 5 (an overview and results from all meta-regression analyses can be found in 
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the Online Resource 7). Achievement goal level, specificity of achievement goal and 
academic dishonesty measures,3 goal-dishonesty domain-match, the reliability of 
achievement goal and academic dishonesty measures, publication type, and publica-
tion time did not significantly moderate any association.

Mastery-approach goals were significantly moderated by the educational level of 
the sample. Here, the two effect sizes for students in elementary school showed no 
correlation between mastery-approach goals and academic dishonesty (r = –0.019, 
95% CI = [–0.158, 0.121]), and were significantly different from the negative aver-
age correlations within secondary students (r = –0.197, 95% CI = [–0.253, –0.172]), 
but not from the weaker negative average correlations within tertiary students 
(r = –0.110, 95% CI = [–0.166, –0.090]).

Performance-approach and performance-avoidance goals were both significantly 
moderated by the academic dishonesty measure type. For performance-approach 
goals, self-report and intention measures were not significantly associated with 
academic dishonesty, but behavioral measures were significantly different from 
self-report measures by being positively associated with academic dishonesty 
(r = 0.237, 95% CI = [0.083, 0.373]). For performance-avoidance goals, self-report 
and behavioral measures (based on one effect size) were not significantly associ-
ated with academic dishonesty, but intention measures were significantly different 
from self-report measures by being positively associated with academic dishonesty 
(r = 0.148, 95% CI = [0.068, 0.300]). This difference remained significant when the 
single behavioral measure was removed as a predictor from the model, testing only 
intention measures against self-report measures.

Sensitivity Analysis

From the leave-one-out analysis, we did not find indications that individual studies 
influenced the summary effects in a substantial way, with a mean deviation from the 
average effect size in the k–1 models of Δr = 0.04. The highest deviation (Δr = 0.17) 
was observed for work-avoidance goals, resulting in an average correlation of 
r = 0.36 (n = 3, k = 2) when leaving out the study by Šeremet et al. (2018). Detailed 
influencer diagnostics can be found in the section on sensitivity within the R script.

Fig. 2   Bright lines within drops represent individual study effect sizes, with the width of the drops indi-
cating the confidence interval boundaries, and the height indicating the plausibility (i.e., [log]-likelihood 
value) for different true values given the observed estimate, scaled to the weight given in the meta-ana-
lytical model (indicating relative importance for the summary effect). Color shades indicate statistical 
uncertainty. a Rainforest plot of individual effect sizes for mastery goals. b Rainforest plot of individual 
effect sizes for mastery-approach goals. c Rainforest plot of individual effect sizes for mastery-avoidance 
goals. d Rainforest plot of individual effect sizes for performance goals. e Rainforest plot of individual 
effect sizes for performance-approach goals. f Rainforest plot of individual effect sizes for performance-
avoidance goals. g Rainforest plot of individual effect sizes for work-avoidance goals

▸

3  We also tested this moderator on a higher resolution, with the levels general, specific context (such as 
subject class), or specific behavior (such as exam cheating), as well as only specific behavior measures 
vs. composite behavior measures. This did not change the results of this moderator test (i.e., no signifi-
cant moderation).
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Fig. 2   (continued)
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Fig. 2   (continued)
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Discussion

This meta-analysis synthesized the literature on associations between the differ-
ent goals from the achievement goal model and academic dishonesty. Our results 
confirmed the expected negative associations between mastery goals, and posi-
tive associations between work-avoidance goals and academic dishonesty. We 
conducted extensive moderator analyses regarding the various types of goals and 
uncovered indicators within academic dishonesty measures that lead to different 
associations for performance goals and academic dishonesty. We also recorded 
preliminary findings regarding differences in educational levels. We further doc-
umented methodological issues in this line of research, including a scarcity of 
behavioral measures of academic dishonesty as well as measures of goal struc-
tures (opposed to personal goal measures) and the need for more specificity in 

Table 5   Results from the meta-regression models for significant moderators of achievement goal–aca-
demic dishonesty associations

ß = unstandardized regression coefficient, r = z-to-r back transformed coefficients, 95% CI = confidence 
interval for back transformed coefficients; The first listed moderator level served as the reference group, 
with the other levels entered as dummy-coded predictor variables 
**  p < .010; * p < .05

Mastery-approach goals
95% CI

  Educational level n β SE r Lower Upper
    Primary 2 –.019 0.07 –.019 –.158 .121
    Secondary 21 –.197** 0.07 –.213 –.253 –.172
    Tertiary 27 –.110 0.07 –.128 –.166 –.090

Test of moderator: F(df1 = 2, df2 = 47) = 6.83, p = .003
Residual heterogeneity: Q(df = 47) = 247.00, p < .001
Performance-approach goals
  Academic dishonesty measure type 95% CI

n β SE r Lower Upper
    Self-report 35 .001 0.03 –.001 –.056 .058
    Behavioral 5 .237** 0.08 .233 .083 .373
    Intention 3 .078 0.07 .078 –.058 .212

Test of moderators: F(df1 = 2, df2 = 40) = 4.60, p = .016
Residual heterogeneity: Q(df = 40) = 349.30, p < .001
Performance-avoidance goals
  Academic dishonesty measure type 95% CI

n β SE r Lower Upper
    Self-report 23 .041 0.03 .040 –.027 .108
    Behavioral 1 –.011 0.17 .030 –.299 .352
    Intention 3 .148* 0.06 .186 .068 .300

Test of moderators: F(df1 = 2, df2 = 24) = 3.43, p = .049
Residual heterogeneity: Q(df = 24) = 218.41, p < .001
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measurement operationalization and reporting. We thereby deliver an extended 
synthesis covering currently investigated achievement goals, how they relate to 
academic dishonesty, and what circumstances can influence those relationships.

As we extended a recent synthesis on this topic (Krou et al., 2021), informa-
tion on overlap and differences is warranted: We were stricter in our definition 
of achievement goals (e.g., excluding measures from the LOGO(II) question-
naire of Eison et al., 1986), extracted six less effect sizes for personal mastery 
and mastery-approach goals (which were combined in Krou et  al., 2021), but 
found four and six more effect sizes for personal performance-approach and 
-avoidance goals, respectively, plus 13 non-valence distinguished personal 
performance goal effect sizes. We coded five effect sizes less for mastery goal 
structures (which included classroom and teacher goals in Krou et al., 2021), but 
added one effect size each for parent mastery-approach goal and school mastery-
approach goal structure. Lastly, we coded eight effect sizes less for performance 
goal structures, but added one effect size for parent performance-approach goal. 
Thus, we offer a higher resolution in distinguishing between valence dimension 
of goals on the personal and contextual level as well as indicating where the 
distinction is unclear from the study reports. It is noteworthy that in the case of 
classroom goals structures and teacher goals, we excluded a number of effect 
sizes that measured extrinsic rewards rather than perceived goal structures. 
While we identified 11 studies not covered in the previous meta-analysis, our 
stricter definition of self-directed achievement goals resulted in less included 
effect sizes in some cases — a methodological rigor we deem necessary in light 
of our research question on how inconsistencies in association patterns can be 
explained by methodological specifications.

Average Associations

The averaged correlations between achievement goals and academic dishonesty 
we found are comparable to the respective findings from Krou et al. (2021). This 
corroborates that mastery and, in particular, mastery-approach goals are associ-
ated with less engagement in academic dishonesty, with unclear associations for 
mastery-avoidance goals, which are still rarely assessed. We also confirmed that 
associations for all three types of performance goals vary substantially between 
studies, resulting in null effects when averaged. We additionally deliver the first 
synthesis on linkages between work-avoidance goals and academic dishonesty, 
with a tentative result based on three studies indicating a positive association.

Heterogeneity and Moderator Analysis

In general, the effect sizes within the different types of goals showed intermediate to 
high variability. In non-valence distinguished goals (seven studies reporting mastery 
goals and 10 studies reporting performance goals), all of the effect size heterogene-
ity was attributed to the between-study level and was intermediate to high. We deem 
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this as an indication that, following theoretical developments within achievement 
goal research (e.g., Harackiewicz et al., 2002) and the psychometric foundation of 
the valence dimension (e.g., Simamora & Mutiarawati, 2021), the distinct approach 
and avoidance orientations should always be considered and specifically addressed.

Interestingly, a large fraction of effect size variability for mastery-approach goals 
was attributed to within-study variability. Closer inspection showed that nine of the 
27 studies used multiple measures of academic dishonesty assessing specific behav-
iors, with another eight assessing various forms of academic dishonesty in a com-
bined measure but within a specific subject or course. One especially interesting 
case was the study of Putarek and Pavlin-Bernardić (2020), which found a moderate 
negative association between mastery-approach goals and active cheating (various 
behaviors, r = –0.37), but no correlation for second-party cheating (helping others 
to cheat, r = 0.07). A subset (k = 3) of these studies also reported correlations for 
mastery-avoidance goals, with two studies (Hartounian, 2018; Putarek & Pavlin-
Bernardić, 2020) reporting nine distinguished dishonesty behaviors. This might 
explain why, for this type of goal, all of the effect size heterogeneity was attributed 
to differences within studies (apart from the fact that only three studies are being 
compared). This could also hint towards the necessity of differentiating between 
specific forms of academic dishonesty, as considerably varying associations can be 
expected (note for example, the differences in correlations within goal types for test 
cheating, homework cheating, and severe forms of academic dishonesty in Šeremet 
et al., 2018).

Although we found only one study using an elementary student sample (Men-
doza-Nápoles, 2022), our moderator analysis suggests that the consistent negative 
associations of mastery goals might not hold true for all ages. An explanation for 
this disparity might be that academic dishonesty is less frequent in students dur-
ing their first years in school (Maeda, 2021; Whitley, 1998). Thus, the frequency 
differences among age groups might indeed play together with the general issue in 
academic dishonesty research when dealing with its rare-event character, leading to 
less pronounced estimates. Another explanation could be that academic dishonesty 
in younger students might comprise other forms than the typically assessed behav-
iors in older students (Cizek, 1999). Mendoza-Nápoles (2022) used the three items 
from the PALS subscale (Midgley et al., 2000) assessing general cheating behavior 
on classwork and copying answers from other students during classwork and tests, 
for which the scale authors report generally low internal consistency in samples 
younger than fourth grade. Although Mendoza-Nápoles (2022) reports decent reli-
ability for the academic dishonesty scale in their sample (Cronbach’s α = 0.76), a 
differential investigation of academic dishonesty forms throughout the educational 
stages via qualitative interviews would be a helpful expansion and elaboration on 
this point.

Depending on how academic dishonesty was measured, associations for valence-
distinguished performance goals showed varying effects. In accordance with 
our expectations, the average nil effects in self-reports were contrasted by sig-
nificant positive associations found in other types of measures, although this was 
only true for cheating behavior in laboratory settings in the case of performance-
approach goals and cheating intentions in the case of performance-avoidance goals. 
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Considering the low number of studies in these contrasts, these findings remain 
contestable until more studies with such measure types are conducted. Associations 
between performance-approach goals and self-reported academic dishonesty in itself 
showed significant variability between studies, ranging from r = –0.18 to r = 0.39, 
where descriptive comparison indicated no systematic distinguishing aspects 
between studies reporting positive correlations and those reporting negative corre-
lations. The same holds true for correlations from self-report measures and perfor-
mance-avoidance goals, ranging from r = –0.14 to r = 0.25. Although we did not find 
that actual cheating was underestimated in self-report academic dishonesty measures 
for performance-avoidance goals (i.e., no significant correlations in both measures), 
a significant positive average association with cheating intentions in hypothetical 
scenarios hints towards possible catalyzing mechanisms of this type of goal, which, 
although not as directive for actual behavior as performance-approach goals, should 
still be given further attention. To further disentangle these mechanisms, we call for 
future investigations specifying when strong performance-approach and -avoidance 
goals also lead to increased academic dishonesty in more natural academic settings.

Apart from academic dishonesty measure type, no other significant moderator 
for performance goal associations was found and few other systematic differences 
between studies were discernable. Even though the general achievement motiva-
tion literature stresses the importance of context-specific assessment of constructs 
for higher predictive power and stronger effects (see also the discussion on context 
symmetry between predictors and criteria, Bandura, 1997), we found no signifi-
cant moderation of associations by the measures’ specificity or their domain-match. 
Significant as well as non-significant effects of specific vs. general measures and 
domain-matches are also found in other meta-analyses on achievement goals and 
academic outcomes (e.g., Huang, 2011, 2012), suggesting that these factors only 
contribute to some extent to effect heterogeneity. Descriptively, among the strongest 
associations for performance goals and academic dishonesty are those from stud-
ies assessing both goals and dishonesty within in a specific context (e.g., Daumiller 
& Janke, 2019, experimental test, rappearance-approach = 0.39) or subject class (e.g., 
Anderman & Midgley, 2004; math class, rperformance-approach = 0.32). However, sub-
stantial correlations were also found between general performance goal measures 
and measures of a specific cheating behavior across contexts (e.g., Sicak & Arslan, 
2016, unauthorized help, rperformance-avoidance = 0.23), or composite academic dishon-
esty measures (e.g., Tyler, 2015, rperformance-avoidance = 0.21). Even when only compar-
ing studies assessing the same academic dishonesty behavior (nine studies assess-
ing exam cheating and plagiarism, respectively), there were negative as well as 
positive associations reported. We also did not find evidence that context specific 
measures of goals (mean Cohen’s alpha = 0.80) or context/behavior specific meas-
ures of academic dishonesty (mean Cohen’s alpha = 0.82) were more reliable than 
unspecific measures (mean Cohen’s alpha = 0.81/0.82 and r = –0.04/–0.06, respec-
tively for goals and academic dishonesty). However, the measurement specificity in 
terms of goal facets seems to be important: Looking at the two most frequently used 
achievement goal scales, studies using the (Revised) Achievement Goal Question-
naire (AGQ[-R], Elliot & McGregor, 2001; Elliot & Murayama’s, 2008; used by 
five studies) consistently reported negative associations between performance goals 
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and academic dishonesty, whereas measures from the Patterns of Adaptive Learn-
ing Scales (PALS, Midgley et al., 2000; used by nine studies) produced more het-
erogenous results. One major difference between these two scales is that the AGQ(-
R) measures only normative goals (termed performance goals within the scale), 
whereas the PALS uses items pertaining both to the normative as well as appearance 
aspects of performance goals. Interestingly, meta-analyses by Huang (2011, 2012) 
also found significant variation in effects dependent on these two scales, for example 
for performance goal – positive achievement emotion associations and for perfor-
mance-avoidance – academic achievement associations (stronger associations from 
AGQ than from PALS). Few studies in our sample differentiated the performance 
(and mastery) goal sub-facets, which is why we could not use these finer-grained 
distinctions in our analyses. What corroborates this pattern, however, are known 
functional differences between the sub-facets within academic contexts, for instance 
adaptive effects of normative goals (or goal structures) on academic achievement, 
self-efficacy, and interest, and maladaptive effects of appearance goals on achieve-
ment, help-seeking, and self-handicapping behavior (Bardach et al., 2020; Senko & 
Tropiano, 2016). Taken together, this could allude to a higher operational variability 
in measurements of performance goals and their sub-facets, which requires more 
attention in future research, for instance, by including full item lists in study reports 
to help literature reviewers judge about such differences.

In sum, as further discussed in the limitations section, the absence of discernable 
differences might hinge on the limited number of studies with comparable character-
istics. We therefore aim to sensitize researchers on this topic to the necessary preci-
sion regarding contextuality and specificity of measurements to help future synthe-
ses in following up on the present analyses.

Limitations and Future Directions

We first want to discuss aspects of the research base that was synthesized in this 
meta-analysis that we deem noteworthy and that affected the scope of this study and 
the inferences that can be drawn from it. First, we often observed lacking informa-
tion regarding the measurements of the main constructs in primary studies. The 
psychometric properties of achievement goals are better understood than those of 
academic dishonesty, which is why validated and more reliable scales are more com-
mon in this case. Still, when single items of existing scales are selected or adapted, 
deviations from the source should be fully reported to help measurement evaluation 
and reproducibility. In other cases, when self-constructed items or scales were used, 
often only example items were given, if at all. In our case, this impeded a more pre-
cise categorization of goals (both in terms of valence and in terms of sub-facet clas-
sification) as well as judgements about the specific behaviors that were subsumed 
under the term academic dishonesty. Here specifically, related terms (e.g., assign-
ment cheating, misuse of credit, plagiarism) could not be judged on their compara-
bility without the complete item list. In some instances, this information might have 
been omitted due to space limitations or editor/reviewer recommendations. How-
ever, we draw attention to concerns raised in psychology in particular and in the 
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social sciences more broadly regarding chronic underreporting of key information 
of measurements (e.g., sources, item selection decisions, validity indicators) from 
which critical conclusions are drawn (Flake & Fried, 2020).

Another type of missing information concerns the time frame for which academic 
dishonesty behaviors are assessed. Time frames directly confound behavioral fre-
quencies through the amount of cheating opportunities. For instance, there will be 
a substantial difference in reports when assessing cheating on exams during the last 
semester in comparison to a student’s entire academic life. Not only was there a high 
variety of time frames used to measure academic dishonesty in the current sample of 
studies (ranging from one season during a school year to the total time in school or at 
university), but in more than half (55.17%) of the studies using self-report measures 
of academic dishonesty, this information was not reported at all. Omitting this infor-
mation hinders appropriate comparison of prevalence and measures across studies. 
Time frames might also be a source of effect heterogeneity in performance goals: 
Descriptively, there were on average positive associations between performance 
goals (with and without valence distinction) and academic dishonesty in shorter 
time frames (mean  rsemester = 0.15) and negative associations in longer time frames 
(mean ryear = –0.10, mean racademic-life = –0.04). However, due to missing information 
in many cases (performance goals: 30.8%, performance-approach goals: 77.8%, per-
formance-avoidance goals: 88.5%), this pattern could not be tested statistically.

Unfortunately, we did not find studies investigating achievement goals and 
academic dishonesty among educators in academic institutions. Concerns regard-
ing dishonesty seem to mostly center around the issue of how educators can 
prevent and detect dishonesty in their students, possibly overlooking one side 
of the equation (Cizek, 2003; Jacob & Levitt, 2003). One reason for this might 
be that academic dishonesty in educators is more difficult to operationalize and 
detect, as they face more diverse achievement situations — and hence, opportuni-
ties to cheat — depending on the educational level, school type, or position, to 
name a few. The other side of the age spectrum is similarly scarcely examined, 
as we recorded only one study investigating primary level students. As elabo-
rated above, this “blind spot” in academic dishonesty research could be rooted 
in a lesser concern about academic dishonesty, following the notion that it is not 
as severely widespread in elementary students compared to older ones. Future 
endeavors in achievement goal – academic dishonesty research should expand 
into this age group to verify this assumption.

We found no study that examined the relationship between social goals (relat-
ing to social competence) and academic dishonesty, which we deem a noteworthy 
research gap, as academic dishonesty research stresses the importance of social 
factors in explaining cheating behavior (McCabe & Trevino, 1993; Murdock et al., 
2001). The typically assessed forms of academic dishonesty involve collaboration 
with others such as helping others to cheat, illicitly collaborating on individual 
assignments, or sharing answers during exams. Engaging in such mutually support-
ive acts would be in line with the striving of individuals with strong social goals by 
strengthening their peer relationships as partners in crime. This association could 
be especially strong if students perceive that their peers cheat as well (Daumiller & 
Janke, 2020). Therefore, to further the motivational theory on academic dishonesty, 
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it would be interesting to consider social goal orientations with regard to these 
socially mediated forms of academic dishonesty.

One major issue for our moderator analysis was the low number of experimental 
studies, and therefore, behavioral measures of academic dishonesty that we identi-
fied in the literature. Having more equally distributed effect sizes from all measures 
is required to further corroborate our finding that depending on how academic dis-
honesty is measured, performance-approach and performance-avoidance goals relate 
differently to it. On a more theoretical level, it would be interesting to investigate 
the mechanism behind the positive association we recorded between performance-
avoidance goals and cheating intentions. One possibility could be that the fear of 
appearing incompetent prevents the translation of considering cheating under a per-
formance focus into action.

Similarly, we recorded only few studies investigating contextual goals, which 
might explain why we did not find a significant difference in associations between 
personal and contextual goals for any type of goal. As theoretical considerations and 
empirical findings indicate complex mechanisms of how contextual goals influence 
behaviors (Meece et al., 2006), ascertaining whether associations actually do not dif-
fer requires further investigation of contextual goals and their relation to academic 
dishonesty.

Related to this issue, and as a general limitation of the present synthesis, 
is the overall small number of studies summarized. This meta-analysis was 
instigated by our impression that the inconsistencies in achievement goal 
– academic dishonesty research might to some extent be traced back to vague 
definitions and interchangeably used terms for actually different constructs. 
One goal of this study was therefore to be very specific in our definitions 
and strict in our inclusion criteria, which we believe to be a strength of this 
study. However, the available literature on this topic represents a rather small 
sample, leading to tentative findings regarding some average associations 
and cautious conclusions drawn from the moderator analyses (e.g., on mas-
tery-avoidance and work-avoidance goals stemming from three studies each). 
Nonetheless, our sample size is in total larger and within moderator subsets 
often comparable to the average sample in meta-analyses (typically around 
10 studies, Harrer et  al., 2021). Testing differences between small subsets 
of studies is still insightful, although it needs to be born in mind that the 
viewer studies are synthesized, the more the results can be affected by the 
potential bias of singular studies. We therefore deemed conducting sensitiv-
ity analyses important, where we made sure no single study uniquely influ-
enced the results. Despite these reservations, our findings raise awareness of 
methodological issues and research gaps within achievement goal – academic 
dishonesty research that should be addressed by future research to better the 
understanding of how achievement goals matter for academic dishonesty. This 
study also provides a documentation of the current state of the literature, a 
template for future meta-analyses once a broader research base is available, 
and potential inspiration for further moderators that could help elucidate 
inconsistent findings in this line of research.

Page 30 of 3633   



Educational Psychology Review (2023) 35:33

1 3

Conclusion

We found negative associations between mastery(-approach) goals and academic dis-
honesty in secondary school and university students, and positive associations between 
work-avoidance goals and academic dishonesty. Performance-approach goals were 
only positively associated with actual cheating behavior, and performance-avoidance 
goals were only positively linked with cheating intentions. We consider this research 
synthesis as preliminary groundwork for necessary further avenues in research on 
the interplay between achievement goals and academic dishonesty. In order to fill the 
uncovered research gaps, we call for (i) more experimental studies to complement the 
predominant self-report assessments of academic dishonesty, (ii) a higher specificity 
in achievement goal assessment to develop an even finer-grained perspective on the 
impact of goal conceptualization, (iii) investigations of social goals and their relation 
to academic dishonesty, and (iv) studies using contextual goals to assess the generaliz-
ability of associations for personal achievement goals with academic dishonesty.
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