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Abstract - Internet of Things (IoT) systems tend to generate with energy and good data to process and responding. In internet of things 

devices, the most important challenge when sending data to the cloud the level of energy consumption. This paper introduces an energy-

efficient abstraction method data collection in medical with IoT-based for the exchange. Initially, the data required for IoT devices is 

collected from the person. First, Adaptive Optimized Sensor-Lamella Zive Welch (AOSLZW) is a pressure sensing prior to the data 

transmission technique used in the process. A cloud server is used data reducing  the amount of data sent from IoT devices to the 

AOSLZW strategy. Finally, a deep neural network (DNN) based on Particle Swarm Optimization (PSO) known as DNN-PSO algorithm 

is used for data sensed result model make decisions based as a predictive to make it. The results are studied under distinct scenarios of 

the presented of the performance for AOSLZW-DNN-PSO method, for that simation are studied under different sections. This current 

pattern of simalation results indicates that the AOSLZW-DNN-PSO method is effective under several aspects.  

Keywords: Smart healthcare, Internet of Things, Compressive Sensing, Energy Efficiency, Deep learning, particle swarm optimization 

(PSO) 

 

I. INTRODUCTION 

Internet of Things (IoT) and cloud computing are 

basically integrated together and find out its applicability in 

various scenarios. Communication latency, bandwidth and 

energy efficiency are simultaneously affected by various 

challenges such as cloud-based location using with IOT. For 

example, the lifetime of an IoT system is that one bit of data 

transmission over a cellular mobile system a large amount of 

energy and is thereby reduced. In addition, management 

network at the computing is connecting edge of have grown 

into an important area of connectivity. IoT-based application 

scenarios Edge computing has been round as be useful cloud 

location compare with various categories. For example, high 

latency and poor bandwidth make many networked sensors 

ineffective in real-time sensing applications such as 

driverless cars and e-health. 

In this study, wireless personal area network, 

cellular network, wireless network, Wi-Fi and Bluetooth, 

etc., are designed under the use of short transmission radius 

protocols. Wearables and sensing gadgets and the 

transmitted IoT network structure is depicted in Figure 1 

shown as grouping from modern objects. Responsible for 

computing, extracting, to initial based data sending for data 

to cloud edge node computing. To become smarter, increase 

security and bandwidth utilization, deep learning (DL) and 

machine learning (ML) and methods the use data processing 

enables edge tools. Project organization helps improve 
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network performance and improves customer privacy. 

Developers use to platform for DL for IoT within an 

processing edge. 

Here by, Cloud Computing (CC) most want network area 

overall achievements to large in edge computing tends 

conventional techniques based on ML and TL: 

• Filtered result or features required to real data in 

sensor are calculated by traditional ML methods 

and data sharing.  

• The derived features have a compared size 

minimum to the values of the sending data by 

installing the part of the edge DL system. 

• It helps to manage optimal accuracy using as an 

edge with minimal dimensions (NN) Neural 

Networks. 

• Network Training of Ship Training Systems and 

Cloud Computing. 

 

Figure 1. IoT Network Healthcare Architecture 

The models mentioned above figure 1 help reduce 

overhead network by reducing best information volume by 

to the cloud transferring data. Each layer of a deep learning 

system computes and an existing layer reduces the size of 

newly produced features. Massive layers are deployed at the 

edge, minimal features are migrated to Cloud Computing 

(CC) and the privacy improvements are unfathomable. IoT 

gateways for reduced computation while managed cloud 

server is connected to local PCs. The amount of NN used in 

a device can be manipulated. Enable practical data analysis 

researchers provided with a variety of lightweight libraries 

and usable techniques on edge nodes such as mobile phones.  

 The high computational DNNs of large-scale due 

to it. their direct application to energy-constrained IoT 

devices may be infeasible. By offloading with tasks to the 

edges or cloud computationally intensive. The offloading 

task computational used with provides a viable solution for 

running DNNs. Finally, offloading task using genetic 

algorithm operators for new energy-efficient based strategy 

in adaptive particle swarm optimization algorithm medium 

level data created in existing system. The make offloading 

decisions for DNN layers as for new strategy can effectively 

in partitioning functions.  

II. RELATED WORK 

This works very well because the collected time 

series is stationary. For fast data conversion, the job function 

can be very ineffective. It is used with a reduction data 

method based on double imputation. This is implemented by 

existing method developing to define a cloud event and 

apply it to edge nodes and devices IoT [1]. The advantages 

of detection method are that the edge node prediction 

realized value without the need for data transmission until 

threshold predetermined for the error prediction exceeds. 

Therefore, motion sensor faces the problem of predictive 

approach based on devices such as high-frequency, and 

where the data varies rapidly the data collection frequency is 

very high [2] [3]. Due to such business potential, be as part 

of market this huge a unique opportunity to connected smart 

healthcare represents for entrepreneurs and businesses. The 

healthcare products to connected IOT solutions into number 

of Companies as be Solair, Flexera, PubNub, Samsung, and 

Bsquare have in already ventured.   

The IoT node [4] is travelling and sent to the 

wireless node and then displayed on the wireless data the 

three-dimensional reconstructed data is displayed as 

reconstructed 3D models. Therefore, realizing the 

information initiating and exchange information doctors, 

medical equipment and patients will facilitate the clinicians 

in treatment and wireless real-time diagnosis. Various 

aggregation and summarization methods benefit from 

temporal linkage in the collected data [5]. In data filtering 

technique.Pearson coefficient (PC) metric is used. 

Developers in IoT central monitoring systems have provided 

an aggregate model for the input data array. The proposed 

technology is such that the amount of data it transmits can 

be roughly reduced. Therefore, the model used can achieve a 

10-fold compression of the temperature data defining the 

achieved simulation resulting [6]. 

The collected data integration mechanism takes 

advantage of transient interactions. Therefore, the sensors 

and feature collection capabilities of significant IoT devices 

are at their maximum [7-8]. However, effective data 

reduction models in diverse temporal sequences are 

information. The modules of compression sensing (CS) used 

to collecting IoT devices from data are mostly. The 

statement of the fuzzy transform provides a multi-signal 

compression approach. It is collected 2 times using WSN 
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and used in a limited data provided model multi-signal 

platform [9-10].  

Internet of Things (IoT) and machine learning for 

the one of the successful studies of PH to it personalized 

diabetes management [11]. Everyone's eating habits and 

insulin response are different. The body's response to man to 

man varies food intake also with mobile system. To the 

patient on when and how much to eat and the impact of 

unsupervised eating. This advice may pop up from a 

personal mobile device. Nowadays countries with great 

technical knowledge and enormously qualified professionals 

and workers in the IT sector are facing problems in the 

availability of smart devices and smart objects and the 

innovative technology required before smart healthcare [12-

13]. It is an important contribution to the country. 

A hospital is a place with [14] high traffic and 

diverse staff. It difficult to carry out coordinated 

management and resource allocation for traditional hospital 

management system makes in waste unnecessary manpower. 

The across the hospital area, which and resources in this 

aspect. The hospital area from developing in need smart 

hospital based on IoT systems for the special more efficient 

provides in refined management of people and territories 

within hospital [15]. 

Under signal sparsity consumption, the CS 

mechanism ensures accurate signal recovery at low 

sampling rates. Regardless, CS models suffer when solving 

non-dispersive multidimensional signals with discrete 

features along multiple scaling scales [16]. It provides 

minimum compression ratio in standard multi-sensor data 

and does not undergo sampling in real-time gadgets. Despite 

the variety of models there is a need to develop new CS 

techniques to achieve energy efficiency. The data collected 

in a healthcare organization is vast and often unsorted and 

rarely simplified [17]. With the Internet of Things, the 

inefficiency of the acquired data can be avoided. Only the 

relevant parts of an individual's final reports can be 

summarized, which can be turned into an in-depth report 

based on requirements [18]. 

III. PROPOSED WORK 

The proposed system primarily works at two levels, 

predictive and abstract sensing method. At the initial step, 

that persons will be sense IoT device. The information is 

accepting propose system AOSLZW before data transfer. 

The accepting information is send to the database storage 

where the actual forecasting limit data processing. The true 

class of the sensed information the DNN-PSO model to 

predictive. The following clear information step by step 

explained algorithm.  

A.  AOSLZW algorithm  

A proposed structure of AOSLZW using the well-

known data compression method in LZW. But AOSLZW 

uses a similar format to that used by the AOSLZW 

approach, with minimal limitations on the size of the data 

structures used. Therefore, the range of resources accessible 

from the sensor nodes warrants additional constraints to the 

requirements of a technique. Before using transform data, it 

is very important to know it. It works by converting code 

strings into integer values, AOSLZW method to be a direct 

based compression model. Instead it creates dictionary on 

the fly along a specific route, to use LZW static dictionary 

does not locate, it creates a uniform dictionary from the 

incoming data, which performs the encryption and 

decryption process. 

• AOSLZW uses a 512-entry dictionary.  

• Using 256 ASCII code codes, it is started as 

mentioned earlier.  

• Decompressing datasets and dictionaries can get 

full compression.  

• Compresses blocks individually and categorizes 

SOSL the 528 bytes in size of block with input 

data.  

• AOSLZW requires 528 bytes to perform the 

compression task. 

• Compress the data and wait for the data to 

assemble and reach the desired size because the 

size of the data is not available.  

• To improve AOSLZW, implementation takes 

advantage of the fusion of data generated by 

sensors to facilitate final transformation.. 

a. Speculations 

Healthcare has attracted a lot of attention. Listed below 

are some of the assumptions made in comparison to other 

problems in healthcare applications 

• Delay due to interaction of IOT and cloud 

computing (CC). 

• to large amount of data being generated network 

bandwidth is restricted. 

• Very expensive for privacy and system security.  

In this approach, qualifications of margin 

calculation are carried out. Edge computing has been pre-

defined in the previous sections as a key solution to latency 

and frequency  problem in the healthcare data and IoT.  

B.  Adaptive Features Obtained  

Figure 2(A) defines features extracted from ECG 

signal time and frequency domain investigation. To analyze 

the GSR signal, significant sensitivity values for sensory 
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stimulation and slow variation skin conductance level (SCL) 

and skin conductance response (SCR) fast changes using 

integrated optimization. Figure 2(B) represents the features 

obtained from the GSR signal. 

a.  DNN-PSO Method 

Figure 2(B) This section considers features 

depicted in heart rate (HR) and respiratory rate (RR) as 

individual sequences when a label is declared. A supervised 

sequence OMF classifier is a prediction function. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 2 (A). Features Extracted from ECG signal 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 2 (B). Features extracted from GSR signal. 

Variables of DL method provide DNN-based PSO 

to predict the model under the application of PSO to 

improve and improve the performance of DNN-based PSO. 

Traditional problems of DNN and channel platforms with 

random changes in advanced wireless communications 

capable of handling. 

 

Figure 3 Architecture of DNN-PSO 

C.  DNN-PSO Based Prediction 

Application of combination of PSO model and 

DNN framework Once the DNN is trained the prediction 

function is implemented as shown in Figure 3. Adopting the 

global optimization capability of PSO technique to obtain 

better node values and improve the value of double hidden 

layer nodes of DNN, MSE is automatically corrected using 

recognition accuracy according to observation.  
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�̂� = 𝑃(𝑦 = 𝑖|𝑜𝑢𝑡) =
𝑒𝑜𝑢𝑡𝑙

∑ 𝑒𝑜𝑢𝑡𝑖6
𝑖=1

                              (1) 

Ith shows the 𝑜𝑢𝑡𝑖 element of out output vector. As a result, 

which depends upon distinction of features with the the 

modulation stage is categorized that is corresponding help of 

DNN-PSO approach to higher �̂�. In line with this, the 

𝑃𝑖𝑏𝑒𝑠𝑡and 𝑔𝑏𝑒𝑠𝑡  denotes the best number of nodes from the 

ith the whole group. The following new technique are steps: 

1. Initialize 𝑃 size of  𝛼 × 2 for fed them, into 

parameter V initiate fine‐tuning the 𝛼 set of double 

hidden layer nodes.  

2. The application of the primary fitness value of 

every particles (𝑖) 𝑃 to train the DNN and estimate. 

Choose 𝑔𝑓𝑖𝑡 and 𝑔𝑏𝑒𝑠𝑡  from 𝑃. 

3. Modify the given equations the fine‐tuning 

parameter 𝑉 𝑃 by applying along. 

𝑉𝑖 = 𝑤𝑉𝑖−1 + 𝑐1𝑟𝑎𝑛𝑑 1(𝑃𝑖𝑏𝑒𝑠𝑡 − 𝑃𝑖−1)

+ 𝑐2𝑟𝑎𝑛𝑑 2 (𝑔𝑏𝑒𝑠𝑡 − 𝑃𝑖−1)      (2) 

𝑃𝑖 = 𝑃𝑖−1 + 𝑉𝑖                                                            (3) 

4. By DNN value compute a novel 𝑝𝑓𝑖𝑡(𝑖) with 

processing the P updated. 

5. The existing models with compare the measures of 

new 𝑝𝑓𝑖𝑡(𝑖), to 𝑃𝑖𝑏𝑒𝑠𝑡  in case of smaller value, 

while assigning new 𝑝𝑓𝑖𝑡(𝑖). Simultaneously, 

when a value of novel 𝑝𝑓𝑖𝑡(𝑖) is small when 

compared with 𝑔𝑓𝑖𝑡, 𝑝𝑖𝑏𝑒𝑠𝑡 , correspondingly then 

expand 𝑔𝑓𝑖𝑡 and 𝑔𝑏𝑒𝑠𝑡  with new 𝑝𝑓𝑖𝑡(𝑖). 

6. Compute whether 𝑔𝑓𝑖𝑡 is minimum than a defined 

error, when an iteration is terminated, else go back 

to 2nd step until the termination criteria is attained. 

7. Return the low error 𝑔𝑓𝑖𝑡 and the best neural nodes 

𝑔𝑏𝑒𝑠𝑡 . 

The process involved in DNN-PSO model is provided in 

Algorithm 1. 

VI.  RESULT AND DISCUSSION 

The database is used to verify stress recognition in 

automobile drivers. The dataset consists a number of 

physiological signals have been stored from healthy 

volunteers along a specific route in and around Boston. The 

driving process is processed by each driver and varies 

slightly as shown in Figure 6: Research is processed on 9 

drivers out of 17 accessible in the database. 5 physiological 

signals are used for fir stress prediction such as ECG, HR, 

galvanic skin response (GSR) of arm and leg, and RR. 

A. Analysis of Energy Efficiency  

For period p = 1 min, a sequence of data [M, N] is 

sent and analyzed by Edge Dev to Android (Bluetooth Low 

Energy) BLE. The final result is sent to the cloud. M is 148 

800 and Nis value of features is 5. The test takes about 4 

hours to process as in 241 periods. Dataset and signals are 

stored from 496 Hz drivers. The data OS is stored on an SD 

card of the wearable, modeling the performance of the 

presented abstraction approach. Similarly, an abstract 

approach is presented in C language using the Android NTK 

toolset.  

Table 1 Original vs compressed data transmission 

Original vs compressed data transmission % 

Sno Original % Compressed % 

1 180 10 

2 180 40 

3 180 100 

4 180 130 

5 180 170 

6 180 200 

7 180 241 

 

 

Figure. 4. Analysis of data transmission with Original vs compressed 241 

periods 

Shows the Table 1 Figure 4 depicts the 

compression result analysis of the presented model by 

comparing the number of bytes transmitted with and without 

compression. The figure clearly stated that compared to the 

original data transfer without compression, the proposed 

model reduces the size of information transmission 

significantly. 

At the same time, The amount of energy expended 

in the sensing process is slightly higher than in the passive 

state, but not the amount of transmission. The figure clearly 
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shows that the amount of energy spent in sensing and 

transmitting compressed data is significantly less than the 

amount of energy spent in sensing and transmission. 

Therefore, it is ensured that the proposed model effectively 

reduces the amount of data transmitted and thereby achieves 

energy efficiency. 

Table 2. Energy Consumption Analysis 

Energy Consumption Analysis 

Idle 

% 

Idle + 

sensing 

% 

sensing  + 

transmittion 

% 

Idle + 

Transmission 

% 

Idle + 

sensing + 

transmission 

% 

89 70 85 80 83 

78 69 78 92 95 

69 77 83 54 76 

56 66 78 85 74 

76 85 90 93 91 

 

 

Figure 5. Analysis of Energy Consumption  

Table 2 and Figure 5 shows the proposed method 

for energy consumption analysis of at different period for 

using idle, sensing, transmission. This process shows that 

reduced energy consumption data for the leads during 

transmission. It is noteworthy devices in consume small 

little power.  

Table 3. DNN-PSO under original 

Drivers FFNN % DNN-PSO % 

1 89 89 

2 85 88 

3 73 76 

4 64 67 

5 50 56 

6 43 45 

7 60 67 

 

 

Figure 6. DNN-PSO under original data Predictive results analysis 

DNN-PSO model using summarized data Table 3 

and Figure 6 shows the comparative prediction results. The 

stress level of driver 3 shows in DNN-PSO and method for 

FFNN predict result with an equal and high prediction 

accuracy figure of 89%.  

Table 4. performance of data analysis predictive result 

Drivers DNN-PSO under Predictive 

1 FFNN % DNN-PSO % 

2 89 65 

3 45 43 

4 23 38 

5 34 67 

6 25 60 

7 43 78 

8 67 76 

 

89
78 69

56
7670 69 77

66
8585 78 83 78
9080

92

54

85 9383
95

76 74
91

0

50

100

1 2 3 4 5

b
at

te
ry

 %

period

Energy Consumption Analysis

Idle

Idle + sensing

sensing  + transmittion

Idle + Transmission

Idle + sensing + transmission

0 20 40 60 80 100

1

2

3

4

5

6

7

accuracy % 
D

ri
v
er

DNN-PSO under original

FFNN DNN-PSO

http://www.ijritcc.org/


International Journal on Recent and Innovation Trends in Computing and Communication 

ISSN: 2321-8169 Volume: 11 Issue: 4s 

DOI: https://doi.org/10.17762/ijritcc.v11i4s.6311 

Article Received: 26 December 2022 Revised: 28 January 2023 Accepted: 05 February 2023 

___________________________________________________________________________________________________________________ 

 

98 

IJRITCC | March 2023, Available @ http://www.ijritcc.org 

 

Figure.7. DNN-PSO under compressed data Predictive results analysis 

Figure 7 and Table 4 comparative shows the 

prediction performance of the results provided by DNN-

PSO and FFNN models using compressed and original data. 

When evaluating the prediction results using the original 

data, the proposed model achieved the highest average 

accuracy of 78%. 

V. CONCLUSION 

Data collection and abstraction technique for 

predictive modeling using IoT-based medical data has 

introduced an energy-efficient, paper-based transfer. Using 

AOSLZW and DNN-PSO based forecasting, the new system 

method includes two keys a set of functions, compression 

sensitivity. Node count in hidden layer PSO algorithm is 

used to optimize the node count of hidden layer in DNN 

because classical DNN is stuck in local minima and requires 

manual selection. The evalvation of AOSLZW- DNN-PSO 

model proposed method is verified using stress recognition 

on a database of automobile drivers. The experimental result 

confirmed that AOSLZW- DNN-PSO the energy efficiency 

right of goal in the system but also achieves maximum 

prediction effect. Experimental results revealed that the 

DNN-PSO model resulted in the highest prediction average 

accuracy of the original and compressed data was 98.5% and 

98.4%, respectively. In the future, the proposed model can 

be implemented in real-time scenarios to reduce the energy 

consumption of IoT wearables connected to the human 

body. 
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