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Chapter
Dynamic Equations on Time Scales

Sabrina Streipert

Abstract

An extension of differential equations to different underlying time domains are so
called dynamic equations on time scales. Time scales calculus unifies the continuous
and discrete calculus and extends it to any nonempty closed subset of the real num-
bers. Choosing the time scale to be the real numbers, a dynamic equation on time
scales collapses to a differential equation, while the integer time scale transforms a
dynamic equation into a difference equation. Dynamic equations on time scales allow
the modeling of processes that are neither fully discrete nor fully continuous. This
chapter provides a brief introduction to time scales and its applications by incorpo-
rating a selective collection of existing results.

Keywords: time scales, existence, uniqueness, linear, applications

1. Introduction

The modeling of processes using differential equations is a well-established
method in multiple branches of sciences. Dependent on the model assumptions, the
form of the differential equation can range from a comparably simple ordinary dif-
ferential equation to more advanced formulations using nonlinear, higher order, and
partial differential equations. Reasons to consider difference equations include com-
putational benefits and, even more fundamental, a discrete modeling perspective. For
example, when describing a zero-coupon bond where the invested amount at time ¢,
M,, receives interest 7 at the end of each year but remains unchanged during each
year, the recursive model M;,; = (1 + »)M; captures the change of the investment
from time ¢ to time ¢ + 1. Difference equations are also a common tool to describe
processes on a macro scale in time, for example, when describing non-overlapping
generations. Even though the number of individuals may vary throughout the gen-
eration period, one may only be interested in the individuals at the beginning of each
generation time, i.e., the size of each cohort. There are however processes that
cannot be described accurately using differential or difference equations. For exam-
ple, when modeling species that are reproducing continuously during certain months
of the year before laying eggs right before hibernating. Another example are plant
populations that grow continuously during some months of the year and plant their
seeds prior to dying out. In [1], Robert May gives examples of insects that exhibit
such hybrid continuous—discrete behavior.
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Instead of introducing a set of simplifying assumptions and possibly discontinuous
model parameters that impact the model analysis, dynamic equations on time scales can
provide a simple alternative to describe such processes. Time scales calculus was intro-
duced by Stefan Hilger in 1988 [2]. It unifies the continuous and discrete calculus and
extends it to any nonempty closed subset of the real numbers called a time scale,
denoted by T. By introducing differentiation and integration on T, the classical theory
of differential equations can be extended to time scales, which allows the modeling of
processes that are not changing continuously nor solely discretely in time. These
so-called dynamic equations are essentially the time scales analogue of differential and
difference equations and have gained increasing interest due to their potential in appli-
cations. Choosing the time scale to be the real numbers, a dynamic equation transforms
into a differential equation and by choosing the time scale to be the integers, a
corresponding difference equation is obtained. Thus, instead of studying differential
equations and difference equations separately, time scales provides also a tool to inves-
tigate both by analyzing the corresponding dynamic equation. This is specifically inter-
esting since certain difference equations exhibit significantly different behavior as their
continuous analogues, see for example the “logistic map” and the “logistic differential
equation”. By analyzing a dynamic equation on time scales, the effect of the underlying
time domain onto the behavior of solutions may be revealed.

2. Time scales fundamentals

In this subsection, the basic definitions of time scales calculus are introduced based
on the introductory book [3].

Definition 1. A time scale, denoted by T, is a nonempty closed subset of R.

Examples of a time scale are R, Z, hZ,q"° = {1,q,q2,q3, }(q >1), [a,b]U{c,d}
where a <b and a, b, c,d € R, and the Cantor set. It therefore contains the popular
cases of the continuous, the discrete, and the quantum calculus.

Operators that aid the description of a time scale are the “forward jump operator”,
denoted by &(¢), the “backward jump operator”, denoted by p(t), and the “graininess
function”, denoted by u(t). These operators are defined fort € T as

o(t):==1inf {se€T:s>t}, p(t)=sup{seT:s<t}, u(t):=0(t)—t. (1)

Since T is closed, 6,p : T — T and p : T — [0,00). Table 1 provides values of the
corresponding operators for different examples of time scales.

T o(t) p(t) u(e)
R t t 0
t+1 t—1 1
q" qt i tlg —1)
Table 1.

The description of the time scales functions o, p, u for the examples of R, Z, and g™ (q > 1).

Using these operators, any ¢ € T can be classified as:
e right-scattered (left-scattered), if o(t) >t (p(t) <t), and
o right-dense (left-dense), if o(t) =1t (p(t) =1).
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We say that a point ¢ € T is isolated, if it is right- and left-scattered. We say that a
point ¢t € T is dense, if it is right- and left-dense. Note that for T = R, every point is
dense and, for T = Z, every point is isolated.

Example 2.1. El Nino events can be described using a time scale. El Nino events
between 2002 and 2017 have been observed in the time intervals 2002-2003,
2004-2005, 2006-2007, 2009-2010, and 2014-2016 [4], which suggests the
corresponding time scale (Figure 1, Table 2)

T=u ?:o [@is4it1]

with (a9,a1, 2, ... ,as) = (2002,2004, 2006, 2009, 2014, 2015).

t1 o t3
2003 2004 2005 2006 2007

Figure 1.
Part of the time line containing points in the time scale T. Curly lines identify intervals within T. Here,
t, € (2004, 2005), t, is the last point in the interval [2004, 2005), and t; = 2006 is the first point in [2006, 2007].

teT o(t) () p(t)

1€ (2004, 2005) 6(t1) =1 ﬂ(tl) =0 p(tl) =1

t, = 2005 (T(tz) =13 ,M(tz) =1 /)(tz) =1

t3 = 2006 o(t3) =t3 uits) =0 plts) =t
Table 2.

The functions o, p, i for the time points ti,t,,t, €T based on Figure 1.

The following notation is commonly used forz €T,

0" (t) = (o°0°...0)(t), p*(£) = (pepe...op)(t).
—times n—times

2.1 Functions on time scales

We can now consider scalar functions on time scales, that is, f : T — R, and
discuss their properties. We define the subset T as follows: If T has a left-scattered
maximum m € T, then T = T\{m}, else T* = T.

Definition 2. f: T — R is called regressive, if, for all £ € T*,

1+ u(t)f (1) # 0

and is called positively regressive, if, for all t € T,

1+ u(t)f(t) > 0.

The following are properties of f : T — R that later identify integrability.

Definition 3.1 : T — Ris called regulated provided its right-sided limit exists (as a
finite value) for all right-dense points and its left-sided limit exists (as a finite value)
for all left-dense points.

3
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Even though every regulated function on a compact interval is bounded, in
general, max Bf (t) and min Ef (t) do not need to exist for regulated f : T — R.
a<t< a<t<

Definition 4. f : T — R is called rd-continuous if f is continuous at all right-dense
points and its left-sided limit exists (as a finite value) for all left-dense points. The set
of rd-continuous functions is denoted by C,; = C,4(T) = C4(T, R).

Note that, if f : T — R is continuous, then f is rd-continuous. If f is rd-continuous,
then f is regulated.

The set of rd-continuous and regressive (positively regressive) functions is
denoted by R = R(T) = R(T,R) (R* = R*(T) = R" (T, R)).

Beside the classical addition and subtraction of functions, time scales calculus
introduces the so-called “circle plus”, denoted by @, and “circle minus”, denoted by
© . These operations are defined forf,g : T — R as follows

(f@g)) =f(1) +g() + (uf2) ()
and, for ge R, (feg)t) = S >( é;g;

A useful property is that if f,g € R (R"), thenf & g,f© g€ R (R") implying that
the (positively) regressive property is being carried over. Furthermore, (R, @ ) forms
an Abelian group with the inverse elements of f € R given by © f.

For T = R, the operators @ and © correspond to the classical addition and
subtraction.

2.2 Differentiation

Definition 5. Let f : T — R and ¢ € T*. If there exists f*(¢) € R such that for all
e> 0, there exists § > 0 such that

IF(a(£)) —F(s) — FA()(0(t) — )| <elo(t) —s| for all se(t—6,t+8)NT,

then we call f*(t) the delta (or Hilger) derivative of f at t € T*.
If £ (¢) exists for all £ € T*, we say that f is delta differentiable (or short: differen-

tiable) and the function f* : T — R is called delta derivative of f on T*.
If f is differentiable at z € T*, then

flo() =£(t) +ue)f*(2).

The following notations are used equivalently

The definition of a delta derivative can be extended to consider higher order
derivatives. We say that f is twice delta differentiable with the second (delta)

derivative f*4, if f* is (delta) differentiable on T* = (T*)".
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Note that the definition of delta derivatives focuses on the change forward in time.
A corresponding definition that focuses on the change backward in time is referred to

as nabla derivative, see for example [5].
Theorem 2.2. [See [3, Theorem 1.16]] Letf : T — R and t € T*. Then, the
following holds:

i. If t is right-dense, then

provided that the limit exists (as a finite number).

ii. If f is continuous at the right-scattered point ¢, then

Applying Theorem 2.2 for the case of T = R, shows that the delta derivative is
consistent with the classical derivative, that is, f*(t) = f(¢) forte T = R. For T = Z,
the delta derivative collapses to the forward Euler operator, widely accepted as
the discrete analogue of a derivative, that is, f*(t) =f(t +1) —f(t) if T =Z
(see Table 3).

T T=R T=2 T — g%
A ’ Af( flgn)—f(®)
) @ \f () ey
Table 3.

Derivatives for the examples of T =R, T =Z, and T = g"° (q> 1). Note that Af(t) =f(t + 1) — f(¢) is the
forward Euler operator.

As in the continuous case, the differential operator is linear, that is, for a, f €R,
t € T", and for (delta) differentiable functionsf,g : T — R,

(af +2)" (1) = af *(t) + pe (1)

The analogues of the product and the quotient rule on time scales take on slightly
different forms. For (delta) differentiable functionsf,g : T — R, and t € T,

(fe)*(r) = fH(0)e" (@) +£ (£)g" (1) = fH(0)g(e) + £7 (£)g™ (1)

and, for g(¢),g°(¢) # 0,

AL o) —figte)
<g) = r®

For T = R, we have f” =f and g” = g so that the classical product and quotient
rule are retrieved. In the case of T = Z, we have the correspondent rules consistent
with [6], namely

5
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Afe) (1) = (Af(2))g(t +1) +f () (Ag(r)) = (AF(£))g(e) +£(t +1)(Ag(2))-
Ifg(t),g(t +1) # 0, then

FON £\ (A0 — (g0 )
A(g<t>) (g) Z st

The modifications in the product and quotient rule highlight that some of the well
established differentiation rules only carry over to time scales calculus after some
adjustments. In fact, the product rule on time scales reveals that the useful property of
power functions f (¢) = ¢" for n € Ny is no longer the simple reduction of the power by
one, because

() = (t-0)* =t +0(0),

which may not be delta differentiable. This indicates already that the series repre-
sentation of functions requires further thought.
Also, considering the chain rule, we note that for T = Z,

A(fF)0) = OO +F@O)f ) = FA O f0) + £72) # A 0)f(2),

for f°(t) # f(t). Thus, the powerful chain rule, often utilized in solving differential
equations via a variable transformation, does not apply on time scales. In an attempt
to generalize the chain rule for functions on time scales a few identities have been
formulated. The next theorem provides such an expression based on works in [7, 8].
Other formulations can be found in [3].

Theorem 2.3. (See [3, Theorem 1.90]). Letf : R — R be continuously differentia-
ble and suppose g : T — R is (delta) differentiable. Then fog : T — R is (delta) differ-
entiable and

(et ={[ £/a0 + g 0) a0

An interesting observation is that the operators, A and ¢, do generally not com-
mute, that is, (fA)G # ( f)%. Take for example T = g™ with ¢ > 1, then

son fl@t)—flqt) , f@®) —flqt) , o
(£ (0 = FE T = (%),

since u(qt) = qt(q — 1) #t(q — 1) = u(t).
2.3 Integration

Definition 6. A continuous function f : T — R is called pre-differentiable with
(region of differentiation) D, provided that D ¢ T, T*\D is countable and contains no
right-scattered elements of T, and f is (delta) differentiable at each z € D.

Theorem 2.4. (See [3, Theorem 1.70]). Letf : T — R be regulated. Then there exists a
function F : T — R which is pre-differentiable with region of differentiation D such that

6
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FA(t)=f()  forallteD.

The function F is called an pre-antiderivative of f (z).

If F2(¢) = f(¢) for all t € T*, then F is called antiderivative of f.

We define the indefinite integral of a regulated function f by [f(t) At = F(t) + C,
where C € R is an arbitrary integration constant and F is a pre-antiderivative of f. The
Cauchy integral is defined by f:f (t)At = F(b) — F(a) foralla,b eT.

Theorem 2.5. (See [3, Theorem 1.74]). Every rd-continuous function f has an
antiderivative. In particular, if to € T, then F defined by

F(t) = J: F()As  for allteT

is an antiderivative of f.
For T = R, the integral is consistent with the Rieman integral (see Table 4).

T T=R T=2Z7 T = qNo Ty
J£(e)ar J£(e)ds S1@ > st(q 1 (¢") et T
Table 4.

Integrals for the examples of T =R T =7 and T = qN° (q > 1), and isolated time scales Tz, for which all points
in T1 are assumed to be isolated. In all cases, s,t €T and s <t. In the case of T = qN°, we assume t = qk:.

The integral operator is linear so that forf,g€C,; and a <b, a,b €T, and a, f €R,

jh (of + fig) () As = arf(s) As+ ﬂrg@ s,

a a

With the definition of integration on time scales, we have the machinery to intro-
duce a series representation for time scales functions. In [9], see also [3], a time scales
analogue of polynomials that allows a corresponding Taylor series expression was
introduced using the recursive formulation

golt,s) =ho(t,s) =1 forallt,seT,

and, for every k € Ny,

t

Lpia(tys) = Jgk (o(7),s) At foralls,zeT,

s
and

t

hiia(t,s) = J hi(z,s) At foralls,teT.

s

Now, ki, (t,5) = i (t,s) and g2 (,5) = g, (5(t),s) for k € N and t,s T*. Two Taylor series
representations can be formulated for a time scales function f, one that uses the time
scales polynomials g;, and one that uses the polynomials /,, see Section 1.6 in [3] for
more details.

7
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3. Linear dynamic equations

This chapter provides a brief introduction to first order dynamic equations and
provides a selected summary of [3], extended by applications. A first order dynamic
equation is of the form

y2(0) =f(5,9:57), 2

fory: T— R"andf : T xR" xR" - R* withneN; = {1,2,3, ... }. A first order
initial value problem (short: IVP) is then given by (2) with an initial condition
y(to) =yo €R" forto €T. A function y : T — R" is called a solution of (2) if y satisfies
the equation for all t € T".

We call (2) linear if

f6.3,9%) = f10)y + f5(2), or f(t.y,57) = f1(e)y” + £, (0),

where f, f, : T — R". We say the linear dynamic equation is homogeneous, if f, = 0.

3.1 Scalar case

We first focus on the scalar case of (2), thatis, f : T — R. Based on the above
definition of linearity, there are two forms a linear, homogeneous, first order dynamic
equation can have:

¥yt =p)y, (3)
y* =p(ty’, forp:T—R (4)

Note that for T = R, y” = y and therefore )’ = p(t)y” = p(t)y so that both, (3) and
(4), are the time scales analogues of y' = p(z)y.

If p e R, then (3) is called regressive and if —p € R, then (4) is called regressive.

The unique solution to (3) with initial condition y(o) = 1 for some to € T is
denoted by y(¢) = e,(t,t0) and is called the time scales exponential function. The
unique solution to (4) with initial condition y(to) = 1is y(¢) = eg (p) (¢, t0)-

Table 5 contains the time scales analogues of the exponential function for the
dense time scale T = R, the discrete time scale T = Z, and the quantum time scale

T = g™,
Dynamic Eq. (3) ep(tsto)
R Y =p)y exp {jp (:)ds}
Z Ay =p(t)y [T, (1+p())
g% ¥t =plty [icponar(1+s(g —1p(s)
Table 5.

The exponential function for the continuous, discrete, and quantum time scale (q> 1), assuming p € R.
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The Table 5 reveals a crucial aspect of the time scales exponential function,
namely that the positivity property, known for the traditional exponential function,
does not uphold on time scales. Take for example, T = Z and p = —3, thenp € R as
14+p = —2+#0,bute,(t,0) = (—2)" which is negative for odd values of z. If however
pE€RY, then e, (t,t9) > 0, restoring the positivity property. Note that if T = R, then
any function p € R" since 1+ u(t)p(t) = 1> 0.

Some of the properties of the time scales exponential function are consistent with
the convenient properties in the continuous case. If p,g € R and t,s € T, then

i.eo(t,s) =1, e,(t,t) =1,

ii. ey 4(2,5) = €y(t,5)ey(t,s),

iii. eg p(t,5) = €p(s,t) = %]
iv. e,(t,7)ey (r,5) = ey(t,s),
v. ey(0(t),5) = (1+ k(O)p(t))ey (15).

Theorem 3.1. [See [3, Theorem 2.39]] If peR and a,b,c €T, then

b
J p(t)ey(t,c) At = ey(b,c) — ey(a,c)

a

b
J p(t)ey (¢, 0(t)) A = e,(c,a) — ey(c, ).

a

As an application of linear, homogeneous, first order dynamic equations, one may
consider the Malthusian growth model. In “An essay on the principle of population”
from 1798, Thomas Robert Malthus proposed an exponential law of population growth
with the corresponding differential equation

P =rP, P(to) = Py,

where P is the population at time ¢, » is the inherent growth rate, and P, is the initial
population level at time t( € R. This linear, homogeneous, first order differential equa-
tion has the solution P(¢) = ¢"¢~*)P;. Assuming a positive initial population level Py > 0,
it follows that for a positive growth rate » > 0, the population increases exponentially. If
instead » < 0 and Py > 0, then the population goes extinct as lim el )Py = 0.
Despite its simplicity and the unrealistic behavior of unbounded population levels for
r > 0, the Malthusian model can sometimes serve short-term predictions.

Let us now consider the corresponding time scales model (3) with initial condition
P(ty) = Po > 0 and inherent growth rate » > 0, that is, P2 - yP with P(ty) = Py forty € T.
The respective solution is then P(t) = e,(t,20)Po, which is unbounded for »,Py > 0, see
Figure 2. Thus, for r,Py > 0, the behavior of the solution is consistent with the solution
in the continuous case. However, for » < 0, the population does not have to go extinct
but can result in biologically unmeaningful behavior as solutions can become negative.

Using the time scales exponential function that solves a linear, homogeneous, first
order dynamic equation, we can use the variation of constants formula to obtain the
solution to a linear, nonhomogeneous, first order dynamic equation.

9
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1-
——P(t) = RV
-0-P(t) = B(1 +r)1
0.8} P(t) = Pye(t,1)
’D
6

Figure 2.

The behavior of the solution to P2 = yP with P(t,) = P, where r = 0.45,t, = 1, and P, = 0.1, for T=R, T =Z
and T = 1.3, The solid line represents the solution in the continuous case, the open circle represents the solution in
the discrete case, and the stars vepresent the solution in the quantum calculus case with q=1.3.

Theorem 3.2. [See [3, Theorems 2.74 & 2.77]] Suppose p€ R, f €C,y, to €T and
Yo €R then the unique solution to

Yyt =pit)y +1 (), y(to) =Y,

is given by

t

§0) = ep(ttoly + | (taG)f ()

)

Furthermore, the unique solution to

Y& =—p@y’ +f),  y(t0) =y,

is given by

t

Y(t) = eep(tsto)yy + J € op(t,s)f (s) As.

Lo

Example 3.3. Suppose that the life span of a certain species is one time unit.
Suppose that just before the species dies out, eggs are laid that are hatch after one time
unit. The species is therefore only alive on T = U} ,[2k, 2k + 1], see also [3, Example
1.39] and [10]. Suppose further that during the specie’s, life cycle, the species reduces
due to external factors with rate d € (0, 1) and at the end of the life cycle t = 2k + 1,
the individuals alive in (2k, 2k 4 1) lay eggs that result in the reproduction rate » > 0.
The corresponding dynamic equation for the species N(t) at time ¢, is then

—d te[,2%k +1)

N%(t) =p(ON(t),  with P(t):{y t=2k+1

and initial condition N(0) = Ny. We note that even though p(¢) is discontinuous at
t =2k +1, p(t) € R. Theorem 3.2 gives the population at time ¢ € [2m, 2m + 1] as

10
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N(t) = Noey(t:to) = Noey (t,2m) H ep (2 +1,2k)e, (2 + 2,2k + 1))

_ N, exp{J } { 11 exp{J21(+i dds} (1+ r>} _ Noedem (1 4 ",

Example 3.4. Newton’s law of cooling suggests that the temperature of an object at
time ¢, T(¢), changes dependent on the temperature of its surrounding, T
Then, T'(t) = —«(T — T,»), where « is the heat transfer coefficient. Suppose that an
object with initial temperature T is cooled in a lab environment. Due to safety
regulations, once the lab assistant leaves the work space, the object can only be
exposed to an environment that preserves the current temperature of the object. The
cooling of the object can be modeled using time scales with the underlying time
domain to be the working hours of the lab assistant. Assume that the lab assistant’s
working hours, and therefore the time scale, is of the form T = U [a;, b;] U [ci, di],
where the interval [a;, b;| are the working hours prior to lunch, and [¢;, d;| are the
working hours of the lab assistant after lunch of day i. One way of modeling this
scenario on time scales is

A K te [ﬂi,bi)U [Ci,di)
T =TT, 0 ={] i)

with initial temperature T'(¢o) = T for to € T. Since p(t) is rd-continuous and
regressive, the theorems above can be applied despite the discontinuity of p(t).

Example 3.5. The following example is from [11], where a Keynesian-Cross
model with lagged income is considered. Here, the aggregated income y changes
according to

y*=0d’(t) -y, t=1€T,

where d(t) is the aggregated demand at time ¢ and 6 € (0, 1) is the “adjustment
speed”. Since d(t) can be expressed as the addition of aggregated consumption (c),
aggregated investment (I), and governmental spending (G), we have
d(t) =c(t) +1+ G forl,Ge (0, ). Under the assumption that aggregated
consumption is itself linear in the aggregated income, we have ¢(t) = a + by(t) with
a,b > 0 so that the model reads as

YA =8a+by’ +1+G—y).

Under the assumption that p(¢): = 1 — bu(t) # 0, we can apply y° =y + wy*, and
express the dynamic equation as

s _Sa+I+G) 5b-1)

Y 0 pw

).

which is a linear, non-homogeneous, first order dynamic equation. It is left as an
exercise to apply the techniques of this subsection to derive an explicit solution to this
dynamic equation.

11
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Example 3.6. Let us consider a time scales analogue of the popular logistic growth
model y’ =7y (1 — %), namely,

yr=n’ (1 - 1%) y(t0) = Yo (5)

with growth rate » > 0, and carrying capacity K > 0, and initial population size
y(to) >0 at time ¢y € T. Even though this is an example of a nonlinear dynamic
equation of first order, we can apply the substitution z = yl for y # 0, to obtain the
linear dynamic equation
A
— 1
= yg :—VZ—f—i, 2(tg) = —.
» K Yo
For —r € R, the solution is then given by Theorem 3.2. Using also Theorem 3.1 and
resubstituting yields

K
y(t) = Jo

- : 6
e_(t:t0) (K —y4) + 0 (©)

It can be easily checked that y(tg) = y, and that y solves (5), see also [12].
Note that for T = R, (5) collapses to the Verhulst model y’ = ry(1 — %) and the
solution (6) reads in this case as

VoK
t) = s
) e7t=10) (K —y,) + 9,

which coincides with the classical solution.

3.2 Linear systems

Let us now consider (2) withf: T x R" x R* — R" forneN = {1,2,3, ... }. In order
to extend the solution methods for linear first order dynamic equations that were intro-
duced in the previous section for scalar functions, the definitions of rd-continuity and
delta differentiability have to be first extended to matrix valued functions A : T — R™*".
This adjustment is mostly proposed element-wise. More precisely, A is rd-continuous on
T if a;i is rd-continuous on T forall 1 <i<n,1<j<m. The class of all such rd-continuous
m x n-matrix-valued functions on T is then denoted by C,,;(T, R"*"). Similarly, we say
that A is delta differentiable (or short: differentiable), if a;; is delta differentiable for all
1<i<n,1<j<m. Similar to the scalar case, the following identity holds for any matrix-
valued (delta) differentiable function A,

A%(t) = A(t) + u(t) A% (t).

The property of regressive is however not defined elementwise. Instead, we say that
A e R"™" is regressive if I, + u(t)A(t) is invertible for all £ € T*, where I, e R"*" is the
identity matrix. The class of rd-continuous and regressive functions is denoted by
R(T, R**") (or short R).

Note that even if all entries of A are regressive, A does not have to be regressive.
Take for example T = Z with

0o -2
A:[ﬂn 412]:[ }
ay an -2 3

12



Dynamic Equations on Time Scales
DOI: http://dx.doi.ovg/10.5772/intechopen.104691

Then all entries are regressive as 1 +a;; # 0 for all 1<, <2 but det(I +A) = 0.
As for the scalar case, differentiation is linear, that is,

(aA + BB)™(t) = aA®(t) + pBA(t)

for differentiable m x n-matrix-valued functions A, B, and a, f € R.
We consider

Yyt =Ar)y 7)

to be the system analogue of (3). If A is # x n matrix valued function, then, the
unique solution to (7) with y(¢¢) = I,,, where I,, is the #n x n identity matrix, is denoted

by y(t) = ea(t,to). f A€R”” and T = R then e (t,t0) = ***), and if T = Z, then
ea(t,to) = (I +A)"™. The analogue of (4) in higher dimensions is

yh = —A%t),

where A”(t) is the conjugate transpose of A(t).
Theorem 3.7. (See [3, Theorems 5.24 & 5.27]). Let A € R(T, R"*", R**"*) and suppose
that f: T — R” is rd-continuous. Let £, € T and y, € R”. Then, the initial value problem

yrE=ARY +f®),  y(to) =y,
is given by

t

y(6) = eattstoyy + | ealtio(®)f (c)ar

to

The unique solution to

yo =A@ (1), y(to) =0
is given by

t
90) = o a (0o + | con (e (5)ar
to
Example 3.8. In [13], the authors consider the Cucker-Smale type model on an
isolated T (i.e., every ¢ € T is isolated) with supT = co and sup{u(t) : t € T} < o,

A

1 8
v =D ai(vj —vi), ®
j=1

where a; ER§ = [0,00) and i €{1,2, ..., N} represents the impact of agent’s j
opinion onto the agent’s i opinion. The variable x; represents the state of agent 7, and
v; is the consensus parameter of agent i. The original Cucker-Smale model, see [14],
is a discrete time system discussing the flock behavior of birds, where v;
represents the velocity of bird i and x; is its position. The weights a;; quantify the
way the birds influence each other.

Note that since T is isolated, we can equivalently write (8) as

N
%(o(0) =% (0) + a0, wilole)) = uie) + 0D ayos(6) — i),
J=1

13
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or in form of a system in y = (x1,%2, ..., XN, V1,02, .. ,DN)T,
1 [ On Niy
A
= By, B=— , 9
y Y N [ON A_D, } 9)

where (A), = a; fori,j €{1,2, ...,N}, D = diag (d,da, ...,dn) withdy = 37 ,ay,
Oy is a matrix of dimension N x N with all entries being zero, and Iy is the identity
matrix of dimension N x N.

If Be R, then the solution to (9) with initial condition y(to) = yo is
y(t) = ep (,t0) yo. In order for B€ R, NIy + u(t) (A-D) must be invertible because

- [IN pu(t)

B) =L +uB = | * ' 1

| ot =nvrue ko)

and
det(B(t)) = det(Iv + u(¢)B) = det(Iy)det(C(2)).

We conclude this section by examples of nonlinear dynamic equations that can
be transformed into a system of linear dynamic equations of first order, so that
Theorem 3.7 provides its solution.

Example 3.9. Let T be again an isolated time scale, that is, every point in T is
isolated and inf{u(t) : t € T} > 0. Consider

Kx

& _
¥ T A k@)K + ()’ (10)

with initial values x = (xg,%1, ..., X;_1) € (0, oo)k, K> 0,and -a € R". Eq. (10) is
a delayed Beverton-Holt model and can be used to model mature individuals of a
population, assuming that it takes k reproductive cycles for an individual to become
mature, where the length of a reproductive cycle starting at ¢ is u(t). An application
may be populations where the lengths between breeding cycles is temperature depen-
dent. Model (10) has been considered in [15] (and, for T = Z, in [16]), where the

authors applied the transformation y := £ for x # 0 to obtain

Y2 = A(t)Y +b(t) with A(t):/%{(i]:; Ik_‘sl}, b(t):(o’;‘l), (11)

k k k k
where s = (( ), ( ), ( ), s ( )) and 0;,_; € R¥" "1 is vector of zeros.
1 2 3 k—1

Applying Theorem 3.7, to (11) yields the solution.
Example 3.10. In [17], the authors proposed the following nonlinear system of
dynamic equations to model the spread of a contagious disease,

S = —B(t)S°T — v(t)S + y(t)I + v(t)x,
I* = p()S°I — y(t)I — v(t)I.

In line with well-established epidemic models, the population was compartmen-
talized into susceptible S and infected I individuals. The model assumes that the
disease is spread by contact with an infected individual with a transmission rate of
f> 0. The recovery rate is assumed to be y > 0 and recovered individuals rejoin the
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group of susceptible individuals. The death rate is v(¢) across the population and v(t)x
newborns join the group of susceptibles.

By introducing a new variable w:=S + I, w® = —v(f)w + v(¢)x. This first order,
linear, nonhomogeneous dynamic equation can be solved using Theorem 3.2, assum-
ing —v(¢) € R. The solution is then w(t) = e_,(¢,t0)(Io + So — k) + , so that, after
recalling that S = w(¢) — I, the dynamic equation in I can be expressed as

I* = B@)(w® — I°) — y(t)I — v(t)I.

Although the dimension has been reduced to one, the dynamic equation is still
nonlinear. Defining however y = 1 for I # 0 yields again a linear dynamic equation,
namely

y& = (=B (1) +r(®) + @)y + A).
Applying Theorem 3.2 gives the solution

t

Y(t) = eo plts o)y + j ¢o p(t:5)B(5) As,

to

where p(t) = p(t)w(o(t)) — (y(¢t) + v(t)) is assumed to be an element of R.
Resubstituting yields then the solution I and using S = w — I yields S.

For more epidemic models on time scales that are systems of first order nonlinear
dynamic equations, see [18-21]. While the dynamic Susceptible-Infected-Recovered
epidemic model introduced in [18] can be solved explicitly via variable transforma-
tions, in most cases, including [19], explicit solutions to nonlinear dynamic equations
are not available. In these cases, properties of solutions such as existence and unique-
ness are of fundamental interest. The interested reader is referred to [22, Section 2]
and [3, Section 8.2].
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