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Abstract

This study aimed to compare the performance, strengths, and
weaknesses of machine learning models based on convolutional
neural networks and models not based on it; and analyzed the
performance of various machine learning models according to the
type and purpose of the given data. As a large number of data can be
used with the continuous development of hardware, the possibility of
machine learning using large datasets has already been sufficiently
verified. Therefore, this study confirmed that using a relatively small
gut microbiome dataset, machine learning models that predict a host
could be designed with significant accuracy with appropriate tuning
and loss function setting.

In this study, the operations of machine learning models were
compared using a fecal microbiome dataset(4108 samples, 672
species). The training and validation dataset is a small subset of
entire microbiome data(871 samples, 34 species). And it was shown
that there was a difference in performance depending on the problem
situation settings like the complexity of the data and the prediction

purpose of ML models.
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As a result of the study, the convolutional neural network-
based models had the disadvantages of using more resources and
taking a long time to learn. However, they maintained high accuracy
compared to other discriminative models that were lumpy—-labeled or
more complex. Conversely, the models that did not use the
convolutional neural network showed similar performance to the
neural network—-based model in discriminating simple data and
accurately labeled data, with simple construction and learning. In
addition, it was confirmed that the machine learning model could be
used sufficiently even on a small dataset through appropriate design
adjustments and function settings.

Summarizing the results, machine learning methods can verify
data labeling of large datasets using a relatively small number of
accurately labeled data. This can be used to check the labeling
accuracy of large datasets that have been published as open—source

before use in research.

Keyword: Machine learning, Small dataset, Gut microbiome, Host
prediction, Convolution network

Student Number: 2019-28601

- 1 i) -
11 A =1



Table of Contents

J2N 5151 5 o Vo AP i
T'able Of CONENLS cuiiiireiiiiiiiiiiieitiieereeneeraiieseensensennsensenns 1
Chapter 1. INtroducCtion ..cccceveeeeeeieeeieeeieerneeeseeesneeeneeennsennn 1
Chapter 2. Prior Research ReVIEW ...cccevvieviieriineeiieeeineenninnn. 4

Chapter 2.1 The reasons that ML methods are used to
analyze complex and enormous datasets ................ 4

Chapter 2.2 Example of an ML model for host prediction. ......... 6

Chapter 2.3 Example of CNN model trained on small datasets..9

Chapter 3. Host Prediction using ML Models....................... 12
Chapter 3.1 Host Prediction Pipeline......cocccovvvviieiiiiiiiniiinninnnennns 12
Chapter 3.2 ML TOOIS uoieuiierinereneienereneeeeeeeerenereneesersneraeerasernrernns 13
Chapter 3.3 Situation SettingsS ..ccccvvieviiriiiiiiiieiiiriiirieereerernennns 16
Chapter 4. ReSUILS i eeeeeeeeeneeneeneenees 19
Chapter 4.1 Accuracy CompariSOmn ......cvevuvivuiernirenireierinernenrennns 19
Chapter 4.2 DISCUSSION tuiiuiiuiiuiiiieetteeierieereereeserseerseerseriresnns 25
Chapter 4. CONCIUSION .ovuivieiitiiiiieiiienieeteeeeeeeaeeereenereencnnes 28
| (<) =) (o1 = N 30
ADSEract iN KOT@an ....vuuvenienieienienieiiieeeeeeeeeneeeeneeneenseneenses 35

1ii



Chapter 1. Introduction

The basic meaning of microbiome 1is a group of
microorganisms living in a specific body site of a host or
environment. Several microorganisms constituting the microbiome
community may have a symbiotic, commensal, or parasitic

relationship with each other or with a host.[1]

Recently, the meaning of the microbiome has been expanded
more than the conventional meaning, including interactions between
microbiomes constituting a community, interactions with hosts, and
relationships with the surrounding environment.[2] In other words,
current studies using big microbiome data deal with high throughput
omics data covering numerous classification criteria such as various
environments, life stages, body sites, and diets. In addition, the
sharing of open—source data has been increasing in general academic
fields, and usable data is gradually accumulated, forming massive

datasets.

In this situation, machine learning, which has strong
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performance in finding patterns with meaningful information in
data,[3] is attracting attention. To analyze massive datasets with
complex structures, machine learning methods are gradually being
used in research in microbiome analysis, and significant results are
being published. That is to say, the performance of the ML model
trained on a large dataset has been sufficiently verified from various

experimental results.[4, 5]

It has been found that a CNN model using a small dataset in a
multi—classification problem can also show good performance if there
is a suitable loss function.[6] Suppose these results can be applied to
the microbiome dataset. In that case, it is expected that CNN-based
ML methods can be used to examine whether the labeling of the data
constituting the large dataset is accurately performed using a small

number of accurately labeled data.

Some previous studies that used machine learning methods
for microbiome dataset analysis were reviewed in this study.[7, 8]
The research result that a CNN model trained on a small dataset can

show adequate performance was also analyzed.[6] Afterward, five
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machine learning models were created to predict hosts by learning

microbiome data. The created machine learning models are divided

into non—-CNN models and CNN-based models. Non—-CNN models

used include KNN(K-Nearest Neighbor), multinomial logistic

regression, FENN(Feedforward Neural Network), and 1D CNN and

2D CNN models are used as CNN-based models. The performance

between CNN-based ML models and non-CNN models was

compared using a small dataset in a host prediction problem. The

strengths and weaknesses of the CNN-based model compared to the

non—-CNN model were confirmed in microbiome host prediction.

Accurate classification and labeling of data used in research

using such large datasets are very important.[9] Therefore, in

research using an open-source dataset, it iS necessary to review

whether the labeling of the data to be used is accurate. As a result of

the experiment, it is expected that ML can help solve these problems.



Chapter 2. Prior Research Review

ML models, data, and analysis methods using microbiome
data as training data for machine learning models in previous studies
were briefly summarized to investigate how actual ML methods were

used in microbiome research.

2.1. The reasons that ML methods are used to
analyze complex and enormous datasets.

One of previous research[7] investigated the possibilities of
ML for developing cancer therapeutics and approaching the analysis

of large amounts of complex healthcare information.

It 1s known that specific microbial signatures are associated
with cancer in several ways, including promoting cancer development
and affecting the safety, tolerability, and efficacy of treatments.[10]
As the microbiome dataset grows and becomes more complex, the
'omics' technologies used to identify biological molecules involved in

a cell or organism's structure, function, and dynamics have several



difficulties extracting the full potential of numerous microbiome

data.[11]

Regulation of the gut microbiome is known as an innovative
option for improving medication reactions in cancer patients.[12]
However, a primary issue needs to be addressed to identify a direct
relationship between the gut microbiome and clinical practice. The
gut microbiome is affected by many factors, including the patient's
health status, disease progression, and the type of medications and
diet used.[13] So, it is difficult to ascertain the entire interaction

between the microbiome and drug metabolism.

Machine learning includes algorithmic methods to solve
problems without specific computer programming. Data analysis
using ML receives input data, trains a model, and makes precise
predictions on new data. In the above process, ML connects between
a specific class of Al that includes a learning mechanism and a large
dataset. It finds complex patterns in big datasets[3] or turns input
data into more valuable and interpretable information. Also, ML can
be used for data integration.[14] Therefore, ML can analyze massive
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datasets from various forms (demographic, laboratory, and image
data)[15] and combine them into predictions about cancer, such as
disease risk, prognosis, diagnosis, and appropriate treatment. Using
ML in conjunction with substantial dataset approaches can help
discover which microbial characteristics are consistently and
reproducibly effective in predicting or treating cancer In a

patient.[16]

The most crucial point to be aware of when using ML to
analyze these diverse and complex large datasets. To use ML
methods for hypothesis testing, it is necessary to design a model
suitable for a given experimental environment, which is context-—
specific.[17] A good model at solving one type of problem is unlikely
to perform well at solving a different kind of problem. Researchers
who use ML for data analysis need to know how to use ML

algorithms in various situations.

2.2. Example of an ML model for host prediction.

A prior study[8] created an ML model that predicts objective



IBS (Irritable Bowls Syndrome) based on gut microbiome analyses.
The dataset and clinical data obtained by sequencing the fecal

samples with 16S rRNA were used.

It 1s difficult to distinguish whether differences in gut
microbiome from normal individuals are the cause or consequence of
IBS. This is difficult to address as the gut microbiome profile and IBS
pathophysiology are influenced by shared environmental factors like
diet style, various stresses, and hormones.[18] However, it is known
that gut microbes exert effects on the host immune system and gut
barrier function by the brain—-gut axis.[19] Also, IBS patients have
dysbiosis in the gut microbiome, showing lower microbial diversity

than healthy controls.[20, 21]

Bacteria constituting the microbiome were analyzed at the
genus level. The microbiome data consisted of 689 taxa, and
feature-taxa was extracted using LASSO(L1 regularized logistic
regression; Least Absolute Shrinkage and Selection Operator).[22]
IBS were identified using the random forest technique included in

python scikit-learn.[23] After that, the accuracy was measured
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through cross—-validation(10-fold, 100 repeats). The inverse
parameter of regularization strength for logistic regression was
optimized by internal 5-fold cross—validation. This model could
distinguish IBS patients with more than 80% sensitivity and more

than 90% specificity.

There are some limitations to the ML method used in this
paper. The first limitation is that there was no functional
investigation into the microbial community, and the number of
subjects used as a control group was small(26 individuals). For
example, it was thought that better results could be obtained if an
approach using various meta—omics was added to the dataset[24],
such as metagenomics, metatranscriptomics, metaproteomic, and
metabolomics. The second limitation was that there was no dietary-—
related information in the dataset. Therefore, the prediction model
may have missed the diet’ s possibility of affecting the gut

microbiota profile dataset.

However, the ML method using gut microbiome data to

classify IBS patients showed promising results despite limitations.
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Further analysis suggested that it is possible to classify IBS patients

into more diverse subtypes.

2.3. Performance of CNN model trained on small
datasets.

Previous studies have confirmed that the ML models used
microbiome analysis using extensive datasets.[7, 8] However, one
study[6] indicates that CNN models can show high accuracy even in

small dataset training by setting an appropriate loss function.

Six datasets(CUB, NAB, Cars, Flowers—102, MIT Indoor,
CIFAR-100)[25, 26, 27, 28, 29, 30] were used in this paper.
Although the number of classes and the number of samples are
different for each dataset, the number of samples per class is 4 to 80
except for one dataset, CIFAR-100. (CIFAR-100 has 500 samples
per class) When using datasets with up to 100 samples per class, the
cosine loss shows better performance than cross—entropy. For
example, when the ML model is trained with the smallest test set of
only 10 and 25 samples per class, the cosine loss performs 17% and

26% better than cross—entropy, respectively.



Figure. 1 shows the models’ validation accuracy using AG
news datasets[31]. This accuracy test’ s purpose is to show the
change in performance difference according to subsample sizes in
text classification. CNN models trained on small datasets showed
that the cosine loss function outperformed the cross—entropy loss
after SoftMax activation in the multi—classification tasks. This result
means cosine loss helps train CNN classifiers from scratch on small,
limited data. On the other hand, if the size of the training dataset is
large enough or if the network weight parameters trained on the
extensive dataset are used, the model’ s performance is not
significantly affected regardless of which of the two loss functions
was used. BERT(fine-tuned)[32] is the pre-trained model with huge

text corpora.
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Figure. 1 Validation accuracy achieved using the cross—entropy and the
cosine loss on sub—sampled versions of the AG News dataset, averaged

over 10 runs.[6]
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Chapter 3. Host Prediction Using ML Models

3.1. Host Prediction Pipeline

Hoa-CHN Host Prediction
el
model tools
Gt microbrome
data processing
Predsction
Count Matnix
o CNN made

Figure. 2 Pipeline of gut microbiome data processing and host prediction

Gut microbiome data stored from the NCBI SRA database
used as training, validation, and test dataset. The entire microbiome
dataset used in this experiment consisted of 4108 samples, 672
species(Supplementary Table 1). The SRA study numbers of the
fecal samples used are shown in Supplementary Material 1.

Microbiome FASTQ files were processed into JSON format by
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Microbiome Taxonomic Profiling(MTP) with QIIME using the
EzBioCloud 16s database.[33] Using MTP products, the composition
ratio of each individual constituting the microbiome was calculated to
form a count—matrix CSV file. The CSV file parsing data of one JSON
file was entered in each row. The percentage of microbiome
composition according to parsing level was displayed in each column.
The count-matrix files were generated per one fecal sample data by
analyzing the microbiome composition at the genus and species level,
respectively. Count-matrix CSV files were used as input data of ML
models, and trained models predicted the host species( or genus) of

fecal samples data.

3.2. ML Tools

The three models were classified into the non—CNN models’
group. Multinomial logistic regression model, K-nearest neighbor
model, and Feedforward neural network model were constructed

using the Python Scikit—learn library.[27]

Python Keras library constructed CNN models, 1D CNN and
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2D CNN.[34] The CNN model structures can be seen in Figure 3.
Two CNN models with cosine loss and cross—entropy as loss
functions were created in the experiment using CNN. Accuracy
measurements of all ML models were repeated ten times, and the

average of the highest observed values was obtained.
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Figure. 3 (a) Basic 1D CNN model structure. (b) Basic 2D CNN
model structure. Netron[35] was used to draw images.
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3.3. Situation Settings

There were some unique terminologies used 1in this
experiment’ s problem situation settings. ‘Genus/Species-level

data’ means that when parsing JSON mtp profile data to make Count

Matrix, the microbiome data was collected at the genus/species level.

‘Labeled Species’ (648 samples, 7 species: Acinonyx Jjubatus,
Alluropoda melanoleuca, Bos taurus, Canis lupus familiaris, Canis
mesomelas, Mus musculus, Sus scrofa domesticus) means labeled
data that the model trained on. ‘Lumpy-labeled Species’ means the
species not named as their scientific names. 223 data of 37 species
were grouped into ‘etc_group. The models used this data group of
various species as one ‘etc_group dataset. Figure 4 shows a brief

representation of each case.

‘Labeled Species Prediction” situation means that the
purpose of the model is to classify the labeled species used for
training. In the ‘Lumpy-labeled Species Prediction” case, the
purpose of the model was to classify the data of the species not used

as labeled data into etc_group. Examples of each situation can be

16 ;ﬁ'! X
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found in Figure 5. The experiment was conducted in four situations:

1) Genus-level Labeled species prediction, 2) Species—level Labeled

species prediction, 3) Genus-level Lumpy-labeled species prediction,

4) Species-level Lumpy-labeled species prediction. The model used
what level of data and what the models wanted to predict became the

standard for setting the situation.

Labeled data Lumpy labeled o

/ stella \

/ Hylomyscus
e

<
Y
>/

/ Acinonyx \ | f

musculus \ Jubatus /l \ /
\ / Tamandua
mexicana

Figure. 4 Simple examples of ‘Labeled data’ and ‘Lumpy-labeled data.’ For
simplicity, only three species are shown in each case. In this case, Bos
taurus, Mus musculus, and Acinonyx jubatus were labeled as their own
scientific name while FEquus grevyi, Hylomyscus stella, and 7Tamandua
mexicana were labeled as ‘etc_group’ equally.
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(a)

| Bos taurus |

| Bos taurus |

. Training ML Model

/\/m)

Prediction

(b)

Labcled

I Bos taurus I

Acinonyx
Jubatus

Tralnmg ML Model

( etc_ymup \

g

Lumpy labeled
data

61‘59
@D Homo
gre vy Sapiens

Prediction

etc group

Figure. 5 (a) Labeled species prediction situation. (b) Lumpy-labeled
species prediction situation. In (a), the labeled data was used for training,
and the model determines the data of the species used for training, for
example, Bos taurus. In (b), both labeled data and lumpy labeled data were
used for model training. In this case, the model determines which species
have been trained with etc_group (like Equus grevyi) or have not been

trained at all, like Homo sapiens.
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Chapter 4. Results
4.1. Accuracy Comparison

The average accuracy value was obtained by repeating ten
times for each model. A random state value was assigned to none
when training and validation split in an 8:2 ratio. A multi-layer
perceptron(NLP) classifier was used in the NN models. While testing
CNN ML models, cosine proximity and categorical cross—entropy
were used as loss functions. The one showing the better accuracy of

the two results was selected in each test result.

Figures 6, 7, 8 show one random example of each model
among the validation tests repeated in the process of finding the
average accuracy. The accuracies of the models used in all situations
are summarized in Table 1. Figure 9 shows the model accuracies in
lumpy-labeled prediction situation using the test dataset(3237
samples, 628 species). The test dataset was made by removing the

data used for training from the entire microbiome dataset.
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Figure. 6 (a), (b), (c), (d) show the validation accuracies of non—-CNN models
in four situations. Genus-level labeled species prediction, Genus-level

20 5 A=t



lumpy-—labeled species prediction, Species—level labeled species prediction,
and Species—level lumpy-labeled species prediction are indicated in the
order.

(a) 1D CNN (b) 2D CNN
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1D CNN 2D CNN

Training and Validation accuracy Training and Validation accuracy
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Figure. 7 (a), (c), (e), (g) show the training and validation accuracies of 1D
CNN in Genus-level labeled species prediction, Genus—level lumpy—labeled
species prediction, Species—level labeled species prediction, and Species—
level lumpy-labeled species prediction, respectively. (b), (d), (f), (h) show
the training and validation accuracies of 2D CNN in Genus-level labeled
species prediction, Genus—level lumpy-labeled species prediction, Species—
level labeled species prediction, and Species—level lumpy-labeled species
prediction, respectively.
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Figure. 8 Training and validation loss of CNN models using cosine-loss as
loss function.

Genus-level Genus-level Species-level Species-level
Labeled species Lumpy labeled Labeled species Lumpy labeled
prediction species prediction prediction species prediction

KNN 0.9734 0.9047 0.9238 0.8619
LR 0.9156 0.8523 0.8857 0.8238
FFNN 0.9819 0.9122 0.8101 0.8768
1D CNN 0.9810 0.9524 0.9510 0.9374
2D CNN 0.9814 0.9824 0.9373 0.9825

Table. 1 Validation accuracy of ML models for each situation.

23 2 M E g

e



(a)

096
094
092

09
0as
086
084
082

08

(b)

096
0594
082

09
0asa
086
084
0a2

0a
078
076
074

Test set Accuracy

KNMN FFNN 1D CNN

m Acouracy

Test set Accuracy

KMNMN FFNM 1D CNN

m Accuracy

2D CNM

2D CMM

Figure. 9 ML models’ accuracies using the test dataset in lumpy-labeled
species prediction situation. Prediction results using a genus-—level dataset
were presented in (a). (b) shows the results of models using a species—level

dataset.
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4.2. Discussion

When using genus-level microbiome data and predicting
labeled species, there was not much difference in accuracy between
the two types of models (non—-CNN and CNN). Therefore, simple
non-CNN models were more competitive than CNN models,
consuming many resources when analyzing genus-level data and

predicting labeled species.

While predicting lumpy-labeled species, the accuracies of the
models using CNN were relatively higher than that of other models.
It was worthwhile to use the CNN models to discriminate and judge

the data of rare species among the data of already labeled species.

Genus-level data had about 3800 vectors, and Species-level
data had more than 14000 vectors. While using non—-CNN models, the
accuracy decreased as the data structure became more complex.
However, CNN models were relatively unaffected by the complexity

of the data.
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Many factors influence the microbiome.[13, 36] Therefore,
even samples collected from the same body site of the same species
show significant differences in microbiome composition due to
variables such as diet, health status, and life stage. For example, the
C57BL/6 mouse, often used as an experimental mouse, has a
different microbiome if the vendor is different.[37] Therefore,
necessary data are often mixed with unnecessary data in large open—
source datasets. In this situation, when Ilabeling inspection is
performed using ML methods, it is essential to classify numerous
types of data that are not subject to analysis in the study. Lumpy-
labeled species prediction is suitable for this situation and will
classify data not needed in ‘etc_group.” On the other hand,
suppose the open-source datasets to be verified are predicted to
consist only of samples with the same labeling as the dataset to be
used in the study. This case corresponds to the labeled species
prediction situation. In this situation, non—CNN ML models with a
simpler structure can examine the dataset at a lower cost than the
CNN models. However, there is a possibility that data with inaccurate
labeling that may be mixed in the dataset to be inspected cannot be

identified. This occurs because the result of labeled species
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prediction is necessarily concluded as one of the learned species. It
1s expected to be solved to some extent by introducing an
appropriate cut-off according to decode-prediction in the lowest

classifier of the ML model.

The reason for the phenomenon that non—CNN models such
as KNN cannot make precise predictions as the number of
dimensions of data increases is expected that the generated count-
matrix is a sparse matrix. When using datasets with a high sparsity
level, KNNs have difficulty forming reliable neighborhoods.[38] The
data used in this study are high—-dimensional, and if the model tries to
classify more than seven species, the data structure becomes more
complex. The generated count—matrix is highly likely to become a
sparse matrix. The random forest model used in previous studies is
also expected to show similar results. The random forest has the
advantages of simple model structure, less overfitting, and good
generalization to new data. However, the structure of the model -
due to the use of multiple decision trees, memory usage is high, and
there are problems that it does not work well for high—-dimensional
data or sparse data.[39]
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Chapter 5. Conclusion

As a large number of data can be used with the continuous
development of hardware, the possibility of machine learning using
large datasets has already been sufficiently verified in the
microbiome field. To properly utilize the large open—source datasets,
it is necessary to check the correct labeling of the data. Therefore,
this study examined that host predicting machine learning models
could be designed with sufficiently significant accuracy with
appropriate tuning and loss function setting when using a small gut

microbiome dataset as a training dataset.

As a result of the study, the convolutional neural network—
based models had the disadvantages of using more resources and
taking a long time to learn. However, they maintained high accuracy
compared to other discriminative models that were lumpy-labeled or
more complex. Conversely, with simple construction and learning,
the non—-CNN ML models showed similar performance to the CNN-
based models in discriminating genus-level data and accurately

labeled data. In addition, it was confirmed that the machine learning
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model could be used sufficiently even on a small dataset through

appropriate design adjustments and function settings. Therefore,

researchers can check whether the data is appropriately labeled by

using ML models that have been trained on a small number of data

that have been reliably investigated before using a large public

dataset.
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host sra_run

Mus musciSRR5210788
Mus musci SRR5210789
Mus musciSRR5210790
Mus musci SRR5210791
Mus musciSRR5210792
Mus musci SRR5210793
Mus musciSRR5210794
Mus musci SRR5210795
Mus musciSRR5210796
Mus musciSRR5210797
Bos taurus SRR5942768
Bos taurus SRR5942769
Bos taurus SRR5942770
Bos taurus SRR5942771
Bos taurus SRR5942772
Bos taurus SRR5942773
Bos taurus SRR5942775
Bos taurus SRR5942776
Bos taurus SRR5942777
Bos taurus SRR5942778
Bos taurus SRR5942779
Bos taurus SRR5942780
Bos taurus SRR5942781
Bos taurus SRR5942782
Bos taurus SRR5942783
Bos taurus SRR5942784
Bos taurus SRR5942785
Bos taurus SRR5942786
Bos taurus SRR5942787
Bos taurus SRR5942788
Bos taurus SRR5942789
Bos taurus SRR5942790
Bos taurus SRR5942791
Bos taurus SRR5942792
Bos taurus SRR5942793
Bos taurus SRR5942794
Bos taurus SRR5942795
Bos taurus SRR5942796
Bos taurus SRR5942797
Bos taurus SRR5942798
Bos taurus SRR5942799
Bos taurus SRR5942800



Bos taurus SRR5942801
Bos taurus SRR5942802
Bos taurus SRR5942803
Bos taurus SRR5942804
Bos taurus SRR5942805
Bos taurus SRR5942806
Bos taurus SRR5942807
Bos taurus SRR5942808
Bos taurus SRR5942809
Bos taurus SRR5942810
Bos taurus SRR5942811
Bos taurus SRR5942812
Bos taurus SRR5942813
Bos taurus SRR5942814
Bos taurus SRR5942815
Bos taurus SRR5942816
Bos taurus SRR5942817
Bos taurus SRR5942818
Bos taurus SRR5942819
Bos taurus SRR5942820
Bos taurus SRR5942821
Bos taurus SRR5942822
Bos taurus SRR5942823
Bos taurus SRR5942824
Bos taurus SRR5942825
Bos taurus SRR5942827
Bos taurus SRR5942828
Bos taurus SRR5942829
Bos taurus SRR5942830
Bos taurus SRR5942831
Bos taurus SRR5942832
Bos taurus SRR5942833
Bos taurus SRR5942834
Bos taurus SRR5942835
Bos taurus SRR5942836
Bos taurus SRR5942837
Bos taurus SRR5942838
Bos taurus SRR5942839
Bos taurus SRR5942840
Bos taurus SRR5942841
Bos taurus SRR5942842
Bos taurus SRR5942843
Bos taurus SRR5942844



Bos taurus SRR5942845
Bos taurus SRR5942846
Bos taurus SRR5942847
Bos taurus SRR5942848
Bos taurus SRR5942849
Bos taurus SRR5942850
Bos taurus SRR5942851
Bos taurus SRR5942852
Bos taurus SRR5942853
Bos taurus SRR5942854
Bos taurus SRR5942855
Bos taurus SRR5942856
Bos taurus SRR5942857
Bos taurus SRR5942858
Bos taurus SRR5942859
Bos taurus SRR5942860
Bos taurus SRR5942861
Bos taurus SRR5942862
Bos taurus SRR5942863
Bos taurus SRR5942864
Bos taurus SRR5942865
Bos taurus SRR5942866
Bos taurus SRR5942867
Bos taurus SRR5942868
Bos taurus SRR5942869
Bos taurus SRR5942870
Bos taurus SRR5942871
Bos taurus SRR5942872
Bos taurus SRR5942873
Bos taurus SRR5942874
Bos taurus SRR5942875
Bos taurus SRR5942876
Bos taurus SRR5942877
Bos taurus SRR5942878
Bos taurus SRR5942879
Bos taurus SRR5942880
Bos taurus SRR5942881
Bos taurus SRR5942882
Bos taurus SRR5942883
Bos taurus SRR5942884
Bos taurus SRR5942885
Bos taurus SRR5942886
Bos taurus SRR5942888



Bos taurus SRR5942889
Bos taurus SRR5942890
Bos taurus SRR5942891
Bos taurus SRR5942892
Bos taurus SRR5942893
Bos taurus SRR5942894
Bos taurus SRR5942895
Bos taurus SRR5942896
Bos taurus SRR5942897
Bos taurus SRR5942898
Bos taurus SRR5942899
Bos taurus SRR5942900
Bos taurus SRR5942901
Bos taurus SRR5942902
Bos taurus SRR5942903
Bos taurus SRR5942905
Bos taurus SRR5942906
Bos taurus SRR5942907
Bos taurus SRR5942908
Bos taurus SRR5942909
Bos taurus SRR5942911
Bos taurus SRR5942912
Bos taurus SRR5942913
Bos taurus SRR5942914
Bos taurus SRR5942915
Bos taurus SRR5942916
Bos taurus SRR5942917
Bos taurus SRR5942919
Bos taurus SRR5942920
Bos taurus SRR5942921
Bos taurus SRR5942922
Bos taurus SRR5942923
Canis lupu SRR8445660
Canis lupu SRR8445661
Canis lupu SRR8445662
Canis lupu SRR8445663
Canis lupu SRR8445664
Canis lupu SRR8445665
Canis lupu SRR8445666
Canis lupu SRR8445667
Canis lupu SRR8445668
Canis lupu SRR8445669
Canis lupu SRR9973995



Canis lupu SRR9973996
Canis lupu SRR9973997
Canis lupu SRR9973998
Canis lupu SRR9973999
Canis lupu SRR9974000
Canis lupu SRR9974001
Canis lupu SRR9974002
Canis lupu SRR9974003
Canis lupu SRR9974004
Canis lupu SRR9974005
Canis lupu SRR9974006
Canis lupu SRR9974007
Canis lupu SRR9974008
Elaphe car SRR8494339
Elaphe car SRR8494340
Elaphe car SRR8494341
Ptyas muci SRR8494342
Ptyas muci SRR8494343
Naja atra SRR8494344
Naja atra SRR8494345
Elaphe car SRR8494346
Elaphe car SRR8494347
Naja atra SRR8494348
Naja atra SRR8494349
Naja atra SRR8494350
Naja atra SRR8494351
Ptyas muci SRR8494352
Ptyas muci SRR8494353
Deinagkist SRR8494354
Deinagkist SRR8494355
Deinagkist SRR8494356
Deinagkist SRR8494357
Deinagkist SRR8494358
Deinagkist SRR8494359
Elaphe car SRR8494360
Propithecu ERR1958188
Propithecu ERR1958194
Propithecu ERR1958200
Propithecu ERR1958206
Propithecu ERR1958212
Propithecu ERR1958218
Propithecu ERR1958224
Propithecu ERR1958230



Propithecu ERR1958236
Propithecu ERR1958242
Propithecu ERR1958248
Propithecu ERR1958254
Propithecu ERR1958259
Propithecu ERR1958264
Propithecu ERR1958270
Propithecu ERR1958276
Propithecu ERR1958282
Propithecu ERR1958288
Propithecu ERR1958294
Propithecu ERR1958300
Propithecu ERR1958306
Propithecu ERR1958312
Propithecu ERR1958318
Propithecu ERR1958324
Propithecu ERR1958330
Propithecu ERR1958336
Propithecu ERR1958340
Propithecu ERR1958346
Propithecu ERR1958352
Propithecu ERR1958358
Propithecu ERR1958363
Propithecu ERR1958369
Mus musci SRR1919496
Mus musci SRR1919497
Mus musci SRR1919498
Mus musci SRR1919499
Mus musct SRR1919500
Mus musci SRR1919501
Mus musct SRR1919502
Mus musciSRR1919503
Mus musci SRR1919504
Mus musci SRR1919505
Mus musci SRR1919506
Mus musctSRR1919507
Mus musci SRR1919508
Mus musctSRR1919509
Mus musct SRR1919510
Mus musciSRR1919511
Mus musci SRR1919512
Mus musciSRR1919513
Mus musctSRR1919514



Mus musciSRR1919515
Mus musciSRR1919516
Mus musciSRR1919517
Mus musciSRR1919518
Mus musciSRR1919519
Mus musciSRR1919520
Mus musci SRR1919521
Mus musciSRR1919522
Mus musciSRR1919523
Mus musciSRR1919524
Mus musciSRR1919526
Mus musciSRR1919528
Mus musciSRR1919529
Mus musciSRR1919530
Mus musci SRR1919531
Mus musciSRR1919532
Mus musciSRR1919533
Mus musciSRR1919534
Mus musciSRR1919535
Mus musciSRR1919536
Mus musciSRR1919537
Mus musciSRR1919538
Mus musciSRR1919539
Mus musciSRR1919540
Mus musci SRR1919541
Mus musciSRR1919542
Sus scrofa SRR5082641
Sus scrofa SRR5082642
Sus scrofa SRR5082643
Sus scrofa SRR5082644
Sus scrofa SRR5082646
Sus scrofa SRR5082647
Sus scrofa SRR5082648
Sus scrofa SRR5082649
Sus scrofa SRR5082651
Sus scrofa SRR5082652
Sus scrofa SRR5082654
Sus scrofa SRR5082655
Sus scrofa SRR5082661
Sus scrofa SRR5082662
Sus scrofa SRR5082663
Sus scrofa SRR5082665
Sus scrofa SRR5082667



Sus scrofa SRR5082668
Sus scrofa SRR5082669
Sus scrofa SRR5082670
Sus scrofa SRR5082671
Sus scrofa SRR5082672
Sus scrofa SRR5082673
Sus scrofa SRR5082674
Sus scrofa SRR5082675
Sus scrofa SRR5082677
Sus scrofa SRR5082678
Sus scrofa SRR5082679
Sus scrofa SRR5082680
Sus scrofa SRR5082681
Sus scrofa SRR5082682
Sus scrofa SRR5082683
Sus scrofa SRR5082685
Sus scrofa SRR5082686
Sus scrofa SRR5082687
Sus scrofa SRR5082688
Sus scrofa SRR5082690
Sus scrofa SRR5082691
Sus scrofa SRR5082692
Sus scrofa SRR5082693
Sus scrofa SRR5082694
Sus scrofa SRR5082695
Sus scrofa SRR5082697
Sus scrofa SRR5082698
Sus scrofa SRR5082699
Sus scrofa SRR5082700
Sus scrofa SRR5082701
Sus scrofa SRR5082702
Sus scrofa SRR5082703
Sus scrofa SRR5082706
Sus scrofa SRR5082707
Sus scrofa SRR5082708
Sus scrofa SRR5082709
Sus scrofa SRR5082710
Sus scrofa SRR5082711
Sus scrofa SRR5082712
Sus scrofa SRR5082713
Sus scrofa SRR5082714
Sus scrofa SRR5082715
Sus scrofa SRR5082717



Sus scrofa SRR5082718
Sus scrofa SRR5082719
Sus scrofa SRR5082721
Sus scrofa SRR5082722
Sus scrofa SRR5082723
Sus scrofa SRR5082724
Sus scrofa SRR5082725
Sus scrofa SRR5082727
Sus scrofa SRR5082728
Sus scrofa SRR5082729
Sus scrofa SRR5082730
Sus scrofa SRR5082733
Sus scrofa SRR5082734
Sus scrofa SRR5082735
Sus scrofa SRR5082736
Sus scrofa SRR5082738
Sus scrofa SRR5082739
Sus scrofa SRR5082740
Sus scrofa SRR5082741
Sus scrofa SRR5082742
Sus scrofa SRR5082744
Sus scrofa SRR5082745
Sus scrofa SRR5082747
Sus scrofa SRR5082748
Sus scrofa SRR5082749
Sus scrofa SRR5082750
Sus scrofa SRR5082751
Sus scrofa SRR5082752
Sus scrofa SRR5082753
Sus scrofa SRR5082754
Sus scrofa SRR5082755
Sus scrofa SRR5082756
Sus scrofa SRR5082757
Sus scrofa SRR5082758
Sus scrofa SRR5082759
Sus scrofa SRR5082760
Sus scrofa SRR5082761
Sus scrofa SRR5082762
Sus scrofa SRR5082763
Sus scrofa SRR5082765
Sus scrofa SRR5082768
Sus scrofa SRR5082769
Sus scrofa SRR5082770



Sus scrofa SRR5082771
Sus scrofa SRR5082772
Sus scrofa SRR5082773
Sus scrofa SRR5082774
Sus scrofa SRR5082775
Sus scrofa SRR5082776
Sus scrofa SRR5082777
Sus scrofa SRR5082778
Sus scrofa SRR5082779
Sus scrofa SRR5082780
Sus scrofa SRR5082781
Sus scrofa SRR5082782
Sus scrofa SRR5082783
Sus scrofa SRR5082784
Sus scrofa SRR5082786
Sus scrofa SRR5082789
Sus scrofa SRR5082791
Sus scrofa SRR5082792
Sus scrofa SRR5082793
Sus scrofa SRR5082794
Sus scrofa SRR5082797
Sus scrofa SRR5082798
Sus scrofa SRR5082799
Sus scrofa SRR5082800
Sus scrofa SRR5082801
Sus scrofa SRR5082802
Sus scrofa SRR5082803
Sus scrofa SRR5082804
Sus scrofa SRR5082806
Sus scrofa SRR5082807
Sus scrofa SRR5082808
Sus scrofa SRR5082809
Sus scrofa SRR5082810
Sus scrofa SRR5082811
Sus scrofa SRR5082812
Sus scrofa SRR5082814
Sus scrofa SRR5082815
Sus scrofa SRR5082816
Sus scrofa SRR5082817
Sus scrofa SRR5082818
Sus scrofa SRR5082819
Sus scrofa SRR5082820
Sus scrofa SRR5082821



Sus scrofa SRR5082822
Sus scrofa SRR5082824
Sus scrofa SRR5082825
Sus scrofa SRR5082826
Sus scrofa SRR5082827
Sus scrofa SRR5082828
Sus scrofa SRR5082830
Sus scrofa SRR5082831
Sus scrofa SRR5082832
Sus scrofa SRR5082833
Sus scrofa SRR5082835
Sus scrofa SRR5082836
Sus scrofa SRR5082837
Sus scrofa SRR5082838
Sus scrofa SRR5082839
Sus scrofa SRR5082840
Sus scrofa SRR5082841
Sus scrofa SRR5082843
Sus scrofa SRR5082844
Sus scrofa SRR5082846
Sus scrofa SRR5082848
Sus scrofa SRR5082851
Sus scrofa SRR5082852
Sus scrofa SRR5082854
Sus scrofa SRR5082855
Sus scrofa SRR5082856
Sus scrofa SRR5082858
Sus scrofa SRR5082859
Sus scrofa SRR5082860
Sus scrofa SRR5082861
Sus scrofa SRR5082862
Sus scrofa SRR5082865
Sus scrofa SRR5082866
Sus scrofa SRR5082867
Sus scrofa SRR5082868
Sus scrofa SRR5082869
Sus scrofa SRR5082870
Sus scrofa SRR5082871
Sus scrofa SRR5082873
Sus scrofa SRR5082874
Sus scrofa SRR5082875
Sus scrofa SRR5082876
Sus scrofa SRR5082877



Sus scrofa SRR5082878
Sus scrofa SRR5082879
Sus scrofa SRR5082880
Sus scrofa SRR5082881
Sus scrofa SRR5082882
Sus scrofa SRR5082883
Sus scrofa SRR5082886
Sus scrofa SRR5082887
Sus scrofa SRR5082888
Sus scrofa SRR5082889
Sus scrofa SRR5082890
Sus scrofa SRR5082891
Sus scrofa SRR5082892
Sus scrofa SRR5082893
Sus scrofa SRR5082894
Sus scrofa SRR5082895
Sus scrofa SRR5082898
Sus scrofa SRR5082899
Sus scrofa SRR5082900
Sus scrofa SRR5082901
Sus scrofa SRR5082903
Sus scrofa SRR5082905
Sus scrofa SRR5082906
Sus scrofa SRR5082908
Sus scrofa SRR5082909
Sus scrofa SRR5082910
Sus scrofa SRR5082911
Sus scrofa SRR5082912
Sus scrofa SRR5082913
Sus scrofa SRR5082914
Sus scrofa SRR5082915
Sus scrofa SRR5082916
Sus scrofa SRR5082917
Sus scrofa SRR5082919
Sus scrofa SRR5082920
Sus scrofa SRR5082921
Sus scrofa SRR5082922
Sus scrofa SRR5082923
Sus scrofa SRR5082924
Sus scrofa SRR5082925
Sus scrofa SRR5082926
Sus scrofa SRR5082927
Sus scrofa SRR5082928



Sus scrofa SRR5082929
Sus scrofa SRR5082930
Sus scrofa SRR5082931
Sus scrofa SRR5082933
Sus scrofa SRR5082934
Sus scrofa SRR5082935
Sus scrofa SRR5082936
Sus scrofa SRR5082937
Sus scrofa SRR5082938
Sus scrofa SRR5082940
Sus scrofa SRR5082941
Sus scrofa SRR5082942
Sus scrofa SRR5082943
Sus scrofa SRR5082944
Sus scrofa SRR5082945
Sus scrofa SRR5082946
Sus scrofa SRR5082949
Sus scrofa SRR5082950
Sus scrofa SRR5082951
Sus scrofa SRR5082952
Sus scrofa SRR5082954
Sus scrofa SRR5082955
Sus scrofa SRR5082956
Sus scrofa SRR5082957
Sus scrofa SRR5082961
Sus scrofa SRR5082963
Sus scrofa SRR5082964
Sus scrofa SRR5082966
Sus scrofa SRR5082967
Sus scrofa SRR5082968
Sus scrofa SRR5082969
Sus scrofa SRR5082970
Sus scrofa SRR5082972
Sus scrofa SRR5082974
Sus scrofa SRR5082975
Sus scrofa SRR5082976
Sus scrofa SRR5082978
Sus scrofa SRR5082979
Sus scrofa SRR5082980
Sus scrofa SRR5082981
Sus scrofa SRR5082982
Sus scrofa SRR5082983
Sus scrofa SRR5082984



Sus scrofa SRR5082985
Sus scrofa SRR5082986
Sus scrofa SRR5082987
Sus scrofa SRR5082988
Sus scrofa SRR5082989
Felis catus SRR2043546
Felis catus SRR2043549
Felis catus SRR2043552
Canis lupu SRR2043563
Canis lupu SRR2043566
Canis lupu SRR2043567
Canis lupu SRR2043572
Canis lupu SRR2043573
Canis lupu SRR2043585
Canis lupu SRR2043596
Acinonyx j SRR1523371
Acinonyx j SRR1523372
Acinonyx j SRR1523373
Acinonyx j SRR1523374
Acinonyx j SRR1523375
Acinonyx j SRR1523376
Acinonyx j SRR1523377
Acinonyx j SRR1523378
Acinonyx j SRR1523379
Acinonyx j SRR1523380
Acinonyx j SRR1523381
Acinonyx j SRR1523382
Acinonyx j SRR1523383
Acinonyx j SRR1523384
Acinonyx j SRR1523385
Acinonyx j SRR1523386
Acinonyx j SRR1523387
Acinonyx j SRR1523388
Acinonyx j SRR1523389
Acinonyx j SRR1523390
Acinonyx j SRR1523391
Acinonyx j SRR1523392
Acinonyx j SRR1523393
Acinonyx j SRR1523394
Acinonyx j SRR1523395
Acinonyx j SRR1523396
Acinonyx j SRR1523397
Acinonyx j SRR1523398



Acinonyx j SRR1523399
Acinonyx j SRR1523400
Acinonyx j SRR1523401
Acinonyx j SRR1523402
Acinonyx j SRR1523403
Acinonyx j SRR1523404
Acinonyx j SRR1523405
Acinonyx j SRR1523406
Acinonyx j SRR1523407
Acinonyx j SRR1523408
Acinonyx j SRR1523409
Acinonyx j SRR1523410
Acinonyx j SRR1523411
Acinonyx j SRR1523412
Acinonyx j SRR1523413
Acinonyx j SRR1523414
Acinonyx j SRR1523415
Acinonyx j SRR1523416
Acinonyx j SRR1523417
Acinonyx j SRR1523418
Acinonyx j SRR1523419
Acinonyx j SRR1523420
Acinonyx j SRR1523421
Acinonyx j SRR1523422
Acinonyx j SRR1523423
Acinonyx j SRR1523424
Acinonyx j SRR1523425
Acinonyx j SRR1523426
Acinonyx j SRR1523427
Acinonyx j SRR1523428
Acinonyx j SRR1523429
Acinonyx j SRR1523430
Acinonyx j SRR1523431
Acinonyx j SRR1523432
Acinonyx j SRR1523433
Acinonyx j SRR1523434
Acinonyx j SRR1523435
Acinonyx j SRR1523436
Acinonyx j SRR1523437
Acinonyx j SRR1523438
Acinonyx j SRR5826189
Acinonyx j SRR5826190
Acinonyx j SRR5826191



Acinonyx j SRR5826192
Acinonyx j SRR5826193
Acinonyx j SRR5826194
Acinonyx j SRR5826195
Acinonyx j SRR5826196
Acinonyx j SRR5826197
Acinonyx j SRR5826198
Acinonyx j SRR5826199
Acinonyx j SRR5826200
Acinonyx j SRR5826201
Ceratother SRR6898128
Ceratother SRR6898133
Ceratother SRR6898140
Ceratother SRR6898150
Rhinoceros SRR6898152
Rhinocero: SRR6898160
Ceratother SRR6898162
Ceratother SRR6898175
Budorcas t SRR6818920
Budorcas t SRR6818921
Budorcas t SRR6818922
Budorcas t SRR6818923
Budorcas t SRR6818924
Budorcas t SRR6818925
Budorcas t SRR6818926
Budorcas t SRR6818927
Budorcas t SRR6818928
Budorcas t SRR6818929
Budorcas t SRR6818930
Budorcas t SRR6818931
Microcebu SRR9003080
Nycticebus SRR9003081
Nycticebus SRR9003082
Daubentor SRR9003083
Microcebu SRR9003084
Microcebu SRR9003085
Microcebu SRR9003086
Microcebu SRR9003087
Microcebu SRR9003088
Microcebu SRR9003089
Microcebu SRR9003090
Microcebu SRR9003091
Microcebu SRR9003092



Daubentor SRR9003093
Daubentor SRR9003094
Microcebu SRR9003095
Microcebu SRR9003096
Cheirogale SRR9003097
Cheirogale SRR9003098
Microcebu SRR9003099
Cheirogale SRR9003100
Cheirogale SRR9003101
Cheirogale SRR9003102
Cheirogale SRR9003103
Cheirogale SRR9003104
Microcebu SRR9003105
Microcebu SRR9003106
Microcebu SRR9003107
Microcebu SRR9003108
Microcebu SRR9003109
Microcebu SRR9003110
Microcebu SRR9003111
Microcebu SRR9003112
Microcebu SRR9003113
Microcebu SRR9003114
Microcebu SRR9003115
Microcebu SRR9003116
Microcebu SRR9003117
Microcebu SRR9003118
Microcebu SRR9003119
Microcebu SRR9003120
Microcebu SRR9003121
Microcebu SRR9003122
Equus feru SRR11142486
Equus feru SRR11142488
Equus feru SRR11142494
Equus feru SRR11142500
Equus feru SRR11142506
Equus feru SRR11142512
Myrmecop ERR327974
Myrmecop ERR327975
Dasypus n ERR327976
Tolypeutes ERR327977
Dasypus n ERR327978
Priodontes ERR327979
Myrmecop ERR327980



Tamandua ERR327981
Myrmecop ERR327982
Dasypus n ERR327983
Tamandua ERR327984
Choloepus ERR327985
Myrmecop ERR327986
Myrmecop ERR327987
Myrmecop ERR327988
Orycteropt ERR327989
Myrmecop ERR327990
Dasypus n ERR327991
Choloepus ERR327992
Myrmecop ERR327993
Myrmecop ERR327994
Proteles cr ERR327995
Choloepus ERR327996
Euphractus ERR327997
Orycteropt ERR327998
Myrmecop ERR327999
Proteles cr ERR328000
Choloepus ERR328001
Tolypeutes ERR328002
Choloepus ERR328004
Euphractus ERR328005
Myrmecop ERR328006
Orycteropt ERR328007
Dasypus n ERR328008
Dasypus n ERR328009
Manis pen ERR328010
Myrmecop ERR328011
Myrmecop ERR328012
Myrmecop ERR328013
Myrmecop ERR328014
Dasypus n ERR328015
Myrmecop ERR328016
Dasypus n ERR328017
Myrmecop ERR328018
Myrmecop ERR328019
Dasypus n ERR328020
Myrmecop ERR328021
Orycteropt ERR328022
Myrmecop ERR328023
Orycteropt ERR328024



Myrmecop ERR328025
Choloepus ERR328026
Orycteropt ERR328027
Zaedyus p ERR328028
Chaetophr ERR328029
Zaedyus p ERR328030
Euphractus ERR328031
Chaetophr ERR328032
Manis pen ERR328033
Myrmecop ERR328034
Orycteropt ERR328035
Myrmecop ERR328036
Orycteropt ERR328037
Tolypeutes ERR328038
Orycteropt ERR328039
Myrmecop ERR328040
Myrmecop ERR328041
Orycteropt ERR328042
Priodontes ERR328043
Dasypus n ERR328044
Myrmecop ERR328045
Choloepus ERR328046
Melursus L ERR328047
Myrmecop ERR328048
Orycteropt ERR328049
Dasypus n ERR328050
Myrmecop ERR328051
Priodontes ERR328052
Dasypus n ERR328053
Myrmecop ERR328054
Myrmecop ERR328055
Myrmecop ERR328056
Orycteropt ERR328057
Myrmecop ERR328058
Myrmecop ERR328059
Chlamyph«ERR328060
Myrmecop ERR328061
Euphractus ERR328062
Orycteropt ERR328063
Chaetophr ERR328064
Orycteropt ERR328065
Priodontes ERR328066
Sus scrofa SRR8870859



Sus scrofa SRR8870861
Sus scrofa SRR8870862
Sus scrofa SRR8870863
Sus scrofa SRR8870873
Sus scrofa SRR8870909
Sus scrofa SRR8870967
Sus scrofa SRR8870968
Sus scrofa SRR8870969
Sus scrofa SRR8870992
Sus scrofa SRR8871034
Sus scrofa SRR8871103
Sus scrofa SRR8871106
Sus scrofa SRR8871111
Sus scrofa SRR8871112
Sus scrofa SRR8871116
Sus scrofa SRR8871195
Sus scrofa SRR8871196
Sus scrofa SRR8871197
Sus scrofa SRR8871202
Sus scrofa SRR8871207
Sus scrofa SRR8871208
Sus scrofa SRR8871212
Sus scrofa SRR8871214
Sus scrofa SRR8871215
Sus scrofa SRR8871274
Sus scrofa SRR8871294
Sus scrofa SRR8871295
Canis mestSRR1521306
Canis mes(SRR1523439
Canis mes«tSRR1523440
Canis mes(SRR1523441
Canis mes(SRR1523442
Canis mestSRR1523443
Canis mes(SRR1523444
Canis mestSRR1523445
Canis mes(SRR1523446
Canis mes(SRR1523447
Canis mes(SRR1523448
Canis mes(SRR1523449
Canis mes(SRR1523450
Canis mes(SRR1523451
Canis mestSRR1523452
Canis mestSRR1523453



Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis
Canis

mes(SRR1523454
mes«SRR1523455
mes(SRR1523456
mes(«SRR1523457
mes(SRR1523458
mes(«SRR1523459
mes«SRR1523460
mes(SRR1523461
mes(SRR1523462
mes«SRR1523463
mes«SRR1523464
mes«SRR1523465
mes(SRR1523466
mes(SRR1523467
mes(SRR1523468
mes«SRR1523469
mes(SRR1523470
mes(SRR1523471
mes(SRR1523472
mes«SRR1523473
mes(SRR1523474
mes«SRR1523475
mes(SRR1523476
mes«SRR1523477
mes(SRR1523478
mes(SRR1523479
mes(«SRR1523480
mes«SRR1523481
mes(«SRR1523482
mes(SRR1523483
mesiSRR1523484
mes(«SRR1523485
mes(SRR1523486
mes(SRR1523487

Tremarcto: ERR2029283
Tremarcto: ERR2029284
Tremarcto: ERR2029285
Tremarcto: ERR2029286
Tremarcto: ERR2029287
Gymnogyg SRR3479697
Gymnogyg SRR3479699
Gymnogyg SRR3479705
Gymnogyg SRR3479711



Gymnogyg SRR3479716
Gymnogyg SRR3479717
Gymnogyg SRR3479718
Gymnogyfg SRR3479721
Gymnogyg SRR3479723
Tapirus inc SRR5189970
Tapirus ba SRR5189971
Tapirus inc SRR5189972
Tapirus inc SRR5189973
Sus scrofa SRR5189978
Sus scrofa SRR5189979
Ailurus fulcSRR5189980
Ailurus fulcSRR5189981
Ceratother SRR5189982
Ceratother SRR5189983
Ceratother SRR5189984
Ceratother SRR5189985
Hydrochoe SRR5189986
Hydrochoe SRR5189987
Struthio ce SRR5189990
Struthio ce SRR5189991
Pongo pyc SRR5189992
Pongo pyc SRR5189993
Pongo pyc SRR5189994
Lemur catt SRR5189995
Lemur catt SRR5189996
Equus feru SRR5189997
Equus feru SRR5189998
Equus feru SRR5189999
Equus feru SRR5190000
Equus feru SRR5190001
Equus feru SRR5190002
Equus feru SRR5190003
Equus feru SRR5190004
Equus feru SRR5190005
Equus feru SRR5190006
Equus feru SRR5190007
Equus feru SRR5190008
Equus feru SRR5190009
Equus feru SRR5190010
Equus feru SRR5190011
Equus feru SRR5190012
Equus feru SRR5190013



Equus feru SRR5190014
Equus feru SRR5190015
Equus feru SRR5190016
Equus feru SRR5190017
Equus feru SRR5190018
Cavia porc SRR5190019
Cavia porc SRR5190020
Gorilla gor SRR5190021
Gorilla gor SRR5190022
Gorilla gor SRR5190023
Gorilla gor SRR5190024
Callithrix g SRR5190025
Hystrix ind SRR5190026
Hystrix ind SRR5190029
Canis lupu SRR5190030
Colobus g SRR5190031
Colobus g SRR5190032
Colobus giSRR5190033
Colobus giSRR5190034
Bos taurus SRR5190036
Bos taurus SRR5190038
Bos taurus SRR5190040
Bos taurus SRR5190042
Bos taurus SRR5190044
Bos taurus SRR5190046
Bos taurus SRR5190048
Aldabrach¢ SRR5190049
Aldabrach¢ SRR5190050
Taxidea ta: SRR5190051
Taxidea ta: SRR5190052
Ailuropod: SRR5149817
Ailuropod: SRR5149820
Ailuropod: SRR5149822
Ailuropod: SRR5149826
Ailuropode SRR5149828
Ailuropod: SRR5149829
Ailuropod: SRR5149830
Ailuropod: SRR5149834
Ailuropod: SRR5149840
Ailuropod: SRR5149841
Ailuropod: SRR5149843
Ailuropod: SRR5149844
Ailuropod: SRR5149846



Ailuropod: SRR5149848
Ailuropod: SRR5149850
Ailuropod: SRR5149853
Ailuropod: SRR5149855
Ailuropod: SRR5149857
Ailuropod: SRR5149858
Ailuropod: SRR5149861
Ailuropod: SRR5149865
Ailuropod: SRR5149866
Ailuropod: SRR5149867
Ailuropod: SRR5149869
Ailuropod: SRR5149878
Ailuropod: SRR5149881
Ailuropod: SRR5149885
Ailuropod: SRR5149887
Ailuropod: SRR5149891
Ailuropod: SRR5149892
Ailuropod: SRR5149893
Ailuropod: SRR5149896
Ailuropod: SRR5149898
Ailuropod: SRR5149900
Ailuropod: SRR5149901
Ailuropod: SRR5149908
Ailuropod: SRR5149909
Ailuropode SRR5149911
Ailuropod: SRR5149914
Ailuropode SRR5149915
Ailuropod: SRR5149916
Ailuropode SRR5149917
Ailuropod: SRR5149919
Ailuropode SRR5149921
Ailuropod: SRR5149930
Ailuropode SRR5149934
Ailuropod: SRR5149938
Ailuropode SRR5149941
Ailuropod: SRR5149943
Ailuropod: SRR5149945
Ailuropod: SRR5149954
Ailuropod: SRR5149956
Ailuropod: SRR5149957
Ailuropod: SRR5149964
Ailuropod: SRR5149966
Ailuropod: SRR5149967



Ailuropod: SRR5149973
Ailuropod: SRR5149977
Ailuropod: SRR5149978
Ailuropod: SRR5149984
Ailuropod: SRR5149990
Ailuropod: SRR5149991
Ailuropod: SRR5149992
Ailuropod: SRR5149993
Ailuropod: SRR5150000
Ailuropod: SRR5150001
Ailuropod: SRR5150004
Ailuropod: SRR5150005
Ailuropod: SRR5150007
Ailuropod: SRR5150008
Ailuropod: SRR5150009
Ailuropod: SRR5150013
Ailuropod: SRR5150015
Ailuropod: SRR5150018
Ailuropod: SRR5150019
Ailuropod: SRR5150021
Lissotriton ERR2860678
Dromaius ERR2860679
Trachypith ERR2860682
Cyprinus c ERR2860683
Macropus ERR2860685
Gorilla gor ERR2860687
Sus scrofa ERR2860688
Pygathrix r ERR2860689
Carassius (ERR2860690
Strix uraler ERR2860691
Crocidura ERR2860692
Cervus ela ERR2860693
Nycticebus ERR2860694
Phocoena ERR2860695
Choloepus ERR2860696
Trichosuru ERR2860697
Cervus ela ERR2860698
Lepus tola ERR2860701
Ovis aries ERR2860702
Homo sap ERR2860703
Cervus ela ERR2860704
Balaenopte ERR2860705
Lynx lynx ERR2860706



Nycticebus ERR2860708
Trachypith ERR2860709
Equus hen ERR2860710
Lagenorhy ERR2860711
Canis lupu ERR2860712
Nomascus ERR2860713
Potos flavt ERR2860714
Branta leurERR2860715
Lepus eurc ERR2860716
Felis catus ERR2860717
Spermoph ERR2860718
Cervus ela ERR2860719
Canis lupu ERR2860720
Macropus ERR2860721
Macropus ERR2860722
Cervus ela ERR2860723
Dromaius ERR2860724
Cervus ela ERR2860725
Caprimulg ERR2860727
Lagopus n ERR2860728
Gallus gall ERR2860729
Trichosuru ERR2860730
Tamandua ERR2860731
Vipera ursi ERR2860732
Spermoph ERR2860733
Felis catus ERR2860734
Sus scrofa ERR2860735
Tringa glar ERR2860736
Meleagris ERR2860737
Homo sap ERR2860738
Tachygloss ERR2860739
Dendrocof ERR2860740
Nyctalus n ERR2860741
Phascolarc ERR2860742
Procyon lo ERR2860743
Asio otus ERR2860744
Leuciscus i ERR2860745
Canis lupu ERR2860746
Nomascus ERR2860747
Tamandua ERR2860748
Anas platy ERR2860749
Glis glis  ERR2860750
Felis catus ERR2860751



Tachygloss ERR2860752
Branta leurERR2860753
Natrix natr ERR2860754
Esox lucius ERR2860755
Bradypus \ ERR2860756
Testudo he ERR2860757
Rupicapra ERR2860758
Lepus eurc ERR2860759
Cervus ela ERR2860760
Equus hen ERR2860761
Gazella sul ERR2860762
Sus scrofa ERR2860763
Choloepus ERR2860764
Erinaceus «ERR2860765
Canis lupu ERR2860766
Blicca bjoe ERR2860767
Nyctereute ERR2860768
Dama darr ERR2860769
Parus majc ERR2860770
Rhinoceros ERR2860771
Dama darr ERR2860773
Loxodonta ERR2860774
Lepus eurc ERR2860775
Felis catus ERR2860776
Capreolus ERR2860777
Cervus ela ERR2860778
Phalacrocc ERR2860779
Cervus ela ERR2860780
Cervus ela ERR2860781
Cervus ela ERR2860782
Lutra lutra ERR2860783
Lepus eurc ERR2860784
Vulpes vul ERR2860785
Manis tem ERR2860786
Capra ibex ERR2860788
Lepus eurc ERR2860789
Salvelinus ERR2860790
Glis glis  ERR2860791
Phascolarc ERR2860794
Corvus fru ERR2860795
Martes ma ERR2860796
Cricetus cr ERR2860797
Carduelis ¢ ERR2860798



Carduelis ¢ ERR2860799
Canis lupu ERR2860800
Lepus eurc ERR2860803
Sander luc ERR2860804
Panthera f ERR2860805
Cervus uni ERR2860806
Spermoph ERR2860807
Castor fibe ERR2860808
Bos taurus ERR2860809
Oryctolagt ERR2860810
Giraffa can ERR2860811
Crocodylus ERR2860812
Bufo viridit ERR2860813
Odocoileu: ERR2860814
Hemidacty ERR2860815
Eptesicus t ERR2860816
Martes foil ERR2860817
Lepus eurc ERR2860818
Podarcis si ERR2860819
Hippopota ERR2860820
Vulpes vul ERR2860822
Gorilla gor ERR2860823
Equus hen ERR2860825
Ciconia cic ERR2860826
Zamenis |lc ERR2860827
Ceratother ERR2860830
Bos taurus ERR2860831
Anser anse ERR2860832
Calidris alg ERR2860833
Bufo bufo ERR2860834
Cervus uni ERR2860835
Phalacrocc ERR2860836
Loxodonta ERR2860837
Lagenorhy ERR2860838
Homo sap ERR2860839
Eliomys gL ERR2860840
Canis lupu ERR2860841
Syncerus ¢ ERR2860842
Giraffa can ERR2860843
Marmota r ERR2860844
Homo sap ERR2860845
Marmota r ERR2860846
Papio ursir ERR2860847



Bufo bufo ERR2860848
Capra ibex ERR2860849
Equus qua ERR2860850
Rana dalm ERR2860851
Equus feru ERR2860852
Camelus b ERR2860853
Ceratother ERR2860854
Chlorocebi ERR2860855
Chlorocebi ERR2860856
Capra hirciERR2860857
Equus hen ERR2860858
Halichoeru ERR2860859
Vipera ursi ERR2860860
Phoca vitu ERR2860861
Crocodylus ERR2860862
Giraffa can ERR2860863
Loxodonta ERR2860864
Panthera [tERR2860865
Sus scrofa ERR2860866
Procyon lo ERR2860867
Bos fronta ERR2860868
Equus qua ERR2860869
Mesoplodc ERR2860870
Lynx lynx ERR2860871
Turdus me ERR2860873
Ursus arctcERR2860874
Rupicapra ERR2860876
Equus qua ERR2860877
Capra ibex ERR2860878
Blicca bjoe ERR2860879
Equus feru ERR2860880
Bos fronta ERR2860881
Capra hirci ERR2860882
Panthera [tERR2860883
Erinaceus «ERR2860884
Rhinocero: ERR2860885
Loxodonta ERR2860886
Canis aure ERR2860887
Aepyceros ERR2860889
Equus feru ERR2860890
Giraffa can ERR2860891
Ursus arctcERR2860892
Sus scrofa ERR2860894



Varanus kcERR1474235
Varanus kcERR1474238
Varanus kcERR1474240
Varanus kcERR1474248
Varanus kcERR1474251
Varanus kcERR1474253
Varanus kcERR1474260
Varanus kcERR1474264
Varanus kcERR1474267
Varanus ol ERR1474270
Varanus ol ERR1474273
Varanus ol ERR1474276
Varanus ol ERR1474279
Varanus kcERR1474282
Varanus kcERR1474285
Varanus kcERR1474291
Varanus kcERR1474299
Varanus kcERR1474316
Varanus kcERR1474355
Varanus kcERR1474364
Varanus kcERR1474365
Varanus kcERR1474368
Varanus kcERR1474377
Varanus kcERR1474386
Crotalus vi ERR1474390
Crotalus vi ERR1474393
Crotalus vi ERR1474396
Crotalus vi ERR1474399
Crotalus vi ERR1474402
Varanus kcERR1474405
Varanus kcERR1474408
Varanus kcERR1474411
Varanus kcERR1474414
Varanus kcERR1474424
Varanus kcERR1474435
Varanus kcERR1474437
Varanus kc ERR1474440
Varanus in ERR1474443
Varanus ru ERR1474446
Equus feru ERR1590858
Equus feru ERR1590861
Equus feru ERR1590862
Equus feru ERR1590864



Equus feru ERR1590866
Equus feru ERR1590867
Equus feru ERR1590868
Equus feru ERR1590870
Equus feru ERR1590873
Equus feru ERR1590875
Equus feru ERR1590877
Equus feru ERR1590879
Equus feru ERR1590881
Equus feru ERR1590883
Equus feru ERR1590885
Equus feru ERR1590887
Equus feru ERR1590889
Equus feru ERR1590891
Equus feru ERR1590893
Equus feru ERR1590895
Equus feru ERR1590897
Equus feru ERR1590899
Equus feru ERR1590901
Equus feru ERR1590903
Equus feru ERR1590905
Equus feru ERR1590907
Equus feru ERR1590909
Equus feru ERR1590911
Equus feru ERR1590913
Equus feru ERR1590914
Equus feru ERR1590916
Equus feru ERR1590918
Equus feru ERR1590920
Equus feru ERR1590922
Equus feru ERR1590924
Equus feru ERR1590925
Equus feru ERR1590927
Equus feru ERR1590931
Equus feru ERR1590933
Equus feru ERR1590934
Equus feru ERR1590935
Equus feru ERR1590939
Equus feru ERR1590943
Equus feru ERR1590947
Equus feru ERR1590951
Equus feru ERR1590955
Equus feru ERR1590956



Equus feru ERR1590958
Equus feru ERR1590960
Equus feru ERR1590962
Equus feru ERR1590964
Equus feru ERR1590966
Equus feru ERR1590968
Equus feru ERR1590970
Equus feru ERR1590974
Equus feru ERR1590976
Equus feru ERR1590978
Equus feru ERR1590982
Equus feru ERR1590984
Equus feru ERR1590986
Equus feru ERR1590988
Equus feru ERR1590990
Equus feru ERR1590992
Equus feru ERR1590994
Equus feru ERR1590996
Equus feru ERR1590998
Equus feru ERR1591000
Equus feru ERR1591002
Equus feru ERR1591006
Equus feru ERR1591008
Equus feru ERR1591010
Equus feru ERR1591018
Equus feru ERR1591025
Equus feru ERR1591026
Equus feru ERR1591030
Equus feru ERR1591032
Equus feru ERR1591040
Equus feru ERR1591041
Equus feru ERR1591042
Equus feru ERR1591043
Equus feru ERR1591044
Equus feru ERR1591045
Equus feru ERR1591046
Equus feru ERR1591047
Equus feru ERR1591049
Equus feru ERR1591050
Equus feru ERR1591051
Equus feru ERR1591052
Equus feru ERR1591053
Equus feru ERR1591054



Equus feru ERR1591055
Equus feru ERR1591057
Equus feru ERR1591059
Equus feru ERR1591065
Equus feru ERR1591067
Equus feru ERR1591069
Equus feru ERR1591071
Equus feru ERR1591077
Delphinapf ERR4056861
Tursiops tr ERR4056862
Tursiops tr ERR4056863
Canis latra ERR4056864
Martes pel ERR4056865
Hippopota ERR4056866
Hippopota ERR4056867
Hippopota ERR4056868
Hippopota ERR4056869
Equus feru ERR4056870
Megaptere ERR4056871
Megaptere ERR4056872
Megaptere ERR4056873
Megaptere ERR4056874
Mus musci ERR4056875
Oryctolagt ERR4056876
Eubalaena ERR4056877
Eubalaena ERR4056878
Eubalaena ERR4056879
Eubalaena ERR4056880
Eubalaena ERR4056881
Eubalaena ERR4056882
Eubalaena ERR4056883
Balaenopt¢ ERR4056884
Lagenorhy ERR4056885
Odocoileu: ERR4056886
Loxodonta ERR3861417
Tolypeutes ERR3861418
Papio ham ERR3861419
Ovis canac ERR3861420
Ovis canac ERR3861421
Diceros bicERR3861422
Diceros bicERR3861423
Callimico ¢ ERR3861424
Gazella sprERR3861425



Gazella spiERR3861426
Procavia ciERR3861427
Macropus ERR3861428
Macropus ERR3861429
Okapia jor ERR3861430
Okapia jot ERR3861431
Okapia jor ERR3861432
Pongo abe ERR3861433
Oryctolagt ERR3861434
Antidorcas ERR3861435
Equus asin ERR3861436
Equus zebi ERR3861437
Equus gre\ERR3861438
Hirundo rt ERR1539196
Hirundo rt ERR1539197
Hirundo rt ERR1539198
Hirundo rt ERR1539201
Hirundo rt ERR1539202
Hirundo rt ERR1539203
Hirundo rt ERR1539204
Hirundo rt ERR1539205
Hirundo rt ERR1539206
Hirundo rt ERR1539207
Hirundo rt ERR1539208
Hirundo rt ERR1539209
Hirundo rt ERR1539210
Hirundo rt ERR1539211
Hirundo rt ERR1539212
Hirundo rt ERR1539213
Hirundo rt ERR1539214
Hirundo rt ERR1539215
Hirundo rt ERR1539216
Hirundo rt ERR1539217
Alouatta c.ERR2124852
Alouatta c.ERR2124853
Alouatta c.ERR2124854
Alouatta c¢.ERR2124855
Alouatta c.ERR2124856
Alouatta c¢.ERR2124857
Alouatta c.ERR2124858
Alouatta c¢.ERR2124859
Alouatta c¢.ERR2124860
Alouatta ¢.ERR2124861



Alouatta c.ERR2124862
Alouatta ciERR2124863
Alouatta p ERR2124864
Alouatta p ERR2124865
Alouatta p ERR2124866
Alouatta p ERR2124867
Alouatta p ERR2124868
Alouatta p ERR2124869
Alouatta p ERR2124870
Alouatta p ERR2124871
Alouatta p ERR2124872
Alouatta p ERR2124873
Alouatta p ERR2124874
Alouatta p ERR2124875
Alouatta p ERR2124876
Alouatta p ERR2124877
Alouatta p ERR2124878
Alouatta p ERR2124879
Alouatta p ERR2124880
Ateles hyb ERR2124881
Ateles hyb ERR2124882
Ateles hyb ERR2124883
Alouatta p ERR2124884
Alouatta p ERR2124885
Alouatta p ERR2124886
Alouatta p ERR2124887
Alouatta p ERR2124888
Alouatta p ERR2124889
Alouatta p ERR2124890
Alouatta p ERR2124891
Alouatta stERR2124892
Alouatta stERR2124893
Alouatta stERR2124894
Alouatta stERR2124895
Alouatta stERR2124896
Alouatta stERR2124897
Alouatta stERR2124898
Alouatta stERR2124899
Alouatta stERR2124900
Alouatta stERR2124901
Ateles belz ERR2124902
Ateles belz ERR2124903
Ateles belz ERR2124904



Ateles belz ERR2124905
Ateles belz ERR2124906
Colobus g ERR2124907
Colobus g ERR2124908
Colobus g ERR2124909
Colobus g ERR2124910
Colobus gl ERR2124911
Colobus g ERR2124912
Colobus g ERR2124913
Colobus g ERR2124914
Eulemur rt ERR2124915
Eulemur rt ERR2124916
Eulemur rc ERR2124917
Eulemur rt ERR2124918
Eulemur rt ERR2124919
Eulemur rt ERR2124920
Eulemur rt ERR2124921
Eulemur rt ERR2124922
Eulemur rt ERR2124923
Eulemur rc ERR2124924
Eulemur rt ERR2124925
Eulemur r ERR2124926
Gorilla gor ERR2124927
Gorilla gor ERR2124928
Gorilla gor ERR2124929
Gorilla gor ERR2124930
Gorilla gor ERR2124931
Gorilla gor ERR2124932
Gorilla gor ERR2124933
Gorilla gor ERR2124934
Gorilla gor ERR2124935
Gorilla gor ERR2124936
Gorilla gor ERR2124937
Papio ham ERR2124938
Papio anul ERR2124939
Papio ham ERR2124940
Papio ham ERR2124941
Papio ham ERR2124942
Papio ham ERR2124943
Papio ham ERR2124944
Papio anul ERR2124945
Papio anul ERR2124946
Papio ham ERR2124947



Theropithe ERR2124948
Papio anul ERR2124949
Theropithe ERR2124950
Theropithe ERR2124951
Papio anul ERR2124952
Papio anul ERR2124953
Theropithe ERR2124954
Theropithe ERR2124955
Theropithe ERR2124956
Papio anul ERR2124957
Theropithe ERR2124958
Lagothrix | ERR2124959
Lagothrix | ERR2124960
Lagothrix | ERR2124961
Lagothrix | ERR2124962
Lemur catt ERR2124963
Lemur catt ERR2124964
Lemur catt ERR2124965
Lemur catt ERR2124966
Lemur catt ERR2124967
Lemur catt ERR2124968
Lemur catt ERR2124969
Lemur catt ERR2124970
Lemur catt ERR2124971
Lemur catt ERR2124972
Pan troglo ERR2124973
Propithecu ERR2124974
Propithecu ERR2124975
Propithecu ERR2124976
Propithecu ERR2124977
Propithecu ERR2124978
Propithecu ERR2124979
Pan troglo ERR2124980
Pan troglo ERR2124981
Pan troglo ERR2124982
Pan troglo ERR2124983
Pan troglo ERR2124984
Pan troglo ERR2124985
Pan troglo ERR2124986
Pan troglo ERR2124987
Pan troglo ERR2124988
Pan troglo ERR2124989
Pan troglo ERR2124990



Piliocolobt ERR2124991
Cercopithe ERR2124992
Piliocolobt ERR2124993
Piliocolobt ERR2124994
Piliocolobt ERR2124995
Piliocolobt ERR2124996
Piliocoloblt ERR2124997
Piliocoloblt ERR2124998
Cercopithe ERR2124999
Cercopithe ERR2125000
Cercopithe ERR2125001
Cercopithe ERR2125002
Cercopithe ERR2125003
Cercopithe ERR2125004
Cercopithe ERR2125005
Desmodus ERR2811862
Desmodus ERR2811863
Desmodus ERR2811864
Desmodus ERR2811865
Desmodus ERR2811866
Desmodus ERR2811867
Desmodus ERR2811868
Desmodus ERR2811869
Desmodus ERR2811870
Desmodus ERR2811871
Desmodus ERR2811872
Desmodus ERR2811873
Desmodus ERR2811874
Desmodus ERR2811875
Desmodus ERR2811876
Desmodus ERR2811877
Desmodus ERR2811878
Desmodus ERR2811879
Desmodus ERR2811880
Desmodus ERR2811881
Geospiza ¢ ERR2815065
Geospiza < ERR2815066
Geospiza < ERR2815067
Geospiza < ERR2815068
Geospiza < ERR2815069
Geospiza < ERR2815070
Geospiza < ERR2815071
Geospiza < ERR2815072



Geospiza < ERR2815073
Geospiza < ERR2815074
Geospiza < ERR2815075
Geospiza < ERR2815076
Geospiza < ERR2815077
Geospiza < ERR2815078
Geospiza < ERR2815079
Geospiza ¢ ERR2815080
Geospiza < ERR2815081
Geospiza ¢ ERR2815082
Geospiza < ERR2815083
Geospiza ¢ ERR2815084
Geospiza < ERR2815085
Geospiza ¢ ERR2815086
Geospiza < ERR2815087
Geospiza < ERR2815088
Geospiza < ERR2815089
Geospiza < ERR2815090
Geospiza ¢ ERR2815091
Geospiza < ERR2815092
Geospiza < ERR2815093
Geospiza ¢ ERR2815094
Geospiza ¢ ERR2815095
Geospiza < ERR2815096
Geospiza ¢ ERR2815097
Geospiza ¢ ERR2815098
Geospiza ¢ ERR2815099
Geospiza < ERR2815100
Geospiza ¢ERR2815101
Geospiza ¢ ERR2815102
Geospiza ¢ ERR2815103
Geospiza ¢ ERR2815104
Geospiza ¢ ERR2815105
Geospiza ¢ERR2815106
Pygathrix r ERR1518265
Pygathrix rERR1518266
Pygathrix r ERR1518267
Pygathrix rERR1518268
Pygathrix r ERR1518269
Pygathrix rERR1518270
Pygathrix r ERR1518271
Pygathrix rERR1518272
Pygathrix r ERR1518273



Pygathrix rERR1518274
Pygathrix 1 ERR1518275
Pygathrix rERR1518276
Graphiurus ERR3668381
Mabuya m ERR3668382
Mabuya m ERR3668383
Mabuya m ERR3668384
Otomys trcERR3668385
Graphiurus ERR3668386
Grammom ERR3668387
Graphiurus ERR3668388
Grammom ERR3668389
Bitis arieta ERR3668390
Praomys je ERR3668391
Hylomysct ERR3668392
Praomys je ERR3668393
Praomys je ERR3668394
Crocidura ERR3668395
Hylomysct ERR3668396
Praomys je ERR3668399
Praomys je ERR3668400
Lophurom' ERR3668401
Praomys jc ERR3668402
Hylomysct ERR3668403
Praomys je ERR3668404
Praomys je ERR3668405
Hylomysct ERR3668406
Praomys je ERR3668407
Praomys je ERR3668408
Praomys je ERR3668409
Lophurom' ERR3668410
Hylomysct ERR3668411
Crocidura ERR3668412
Crocidura ERR3668413
Praomys je ERR3668414
Praomys je ERR3668415
Praomys je ERR3668416
Crocidura ERR3668417
Lophurom' ERR3668418
Crocidura ERR3668419
Mus bufo ERR3668420
Pteromys \ERR3672351
Pteromys \ERR3672352



Pteromys \ERR3672353
Pteromys yERR3672354
Pteromys \ERR3672355
Pteromys \ERR3672356
Pteromys \ERR3672357
Pteromys \ERR3672358
Pteromys \ERR3672359
Pteromys \ERR3672360
Pteromys \ERR3672361
Pteromys \ERR3672362
Pteromys \ERR3672363
Pteromys \ERR3672364
Pteromys \ERR3672365
Pteromys \ERR3672366
Pteromys \ERR3672367
Pteromys \ERR3672368
Pteromys \ERR3672369
Pteromys \ERR3672370
Pteromys \ERR3672371
Pteromys \ERR3672372
Pteromys \ERR3672373
Pteromys \ERR3672374
Pteromys \ERR3672375
Pteromys \ERR3672376
Pteromys \ERR3672377
Pteromys \ERR3672378
Pteromys \ERR3672379
Pteromys \ERR3672380
Pteromys \ERR3672381
Pteromys \ERR3672382
Pteromys \ERR3672383
Pteromys \ERR3672384
Pteromys \ERR3672385
Pteromys \ERR3672386
Pteromys \ERR3672387
Pteromys \ERR3672389
Pteromys \ERR3672390
Pteromys \ERR3672391
Pteromys \ERR3672392
Pteromys \ERR3672393
Pteromys \ERR3672394
Pteromys \ERR3672395
Pteromys \ERR3672396



Pteromys \ERR3672397
Pteromys \ERR3672398
Pteromys \ERR3672399
Pteromys \ERR3672400
Pteromys \ERR3672401
Pteromys \ERR3672402
Pteromys \ERR3672403
Pteromys \ERR3672404
Pteromys \ERR3672405
Pteromys \ERR3672406
Pteromys \ERR3672407
Pteromys \ERR3672408
Pteromys \ERR3672409
Pteromys \ERR3672410
Pteromys \ERR3672411
Pteromys \ERR3672412
Pteromys \ERR3672413
Pteromys \ERR3672414
Pteromys \ERR3672415
Pteromys \ERR3672416
Pteromys \ERR3672417
Pteromys \ERR3672418
Pteromys \ERR3672419
Pteromys \ERR3672420
Pteromys \ERR3672421
Pteromys \ERR3672422
Pteromys \ERR3672423
Pteromys \ERR3672424
Pteromys \ERR3672425
Pteromys \ERR3672426
Pteromys \ERR3672427
Pteromys \ERR3672428
Pteromys \ERR3672429
Eublephari ERR3672642
Varanus al ERR3672643
Struthio ce ERR3672644
Struthio ce ERR3672645
Panthera I(ERR3672646
Panthera I(ERR3672647
Tragelapht ERR3672648
Capra hirciERR3672649
Rhyticeros ERR3672650
Rhyticeros ERR3672651



Panthera [(ERR3672652
Sus scrofa ERR3672654
Giraffa can ERR3672655
Chrysolopt ERR3672656
Struthio cc ERR3672658
Struthio ce ERR3672659
Diceros bicERR3672660
Capra hirctlERR3672661
Tragelapht ERR3672662
Nyctereute ERR3672663
Aldabrach¢ERR3672664
Macropus ERR3672665
Macropus ERR3672666
Aldabrach¢ ERR3672667
Capra hirclERR3672668
Speothos ERR3672669
Ardeotis kiERR3672670
Ardeotis kiERR3672671
Speothos YERR3672672
Ardeotis kiERR3672673
Ardeotis kiERR3672674
Panthera t ERR3672675
Helarctos 1ERR3672676
Panthera t ERR3672677
Pseudopus ERR3672678
Diceros bicERR3672679
Helarctos 1ERR3672680
Pteronura ERR3672681
Gopherus ERR3672682
Casuarius (ERR3672683
Pogona vit ERR3672687
Pogona vilERR3672688
Nerodia si|ERR3672690
Pogona vii ERR3672691
Pogona vii ERR3672692
Melopsitta ERR3672693
Corallus hcERR3672694
Pogona vil ERR3672696
Pogona vit ERR3672697
Cyclura co ERR3672698
Trioceros r ERR3672699
Corvus alb ERR3672700
Aratinga stERR3672701



Ovis aries ERR3672703
Cosmopsa ERR3672704
Cinnyricinc ERR3672705
Agapornis ERR3672706
Cinnyricinc ERR3672707
Ailurus fulcERR3672708
Sarcoramp ERR3672709
Pogona vitERR3672710
Trioceros r ERR3672711
Anolis sme ERR3672712
Morelia vir ERR3672713
Cacatua le ERR3672714
Trioceros r ERR3672715
Manouria ERR3672716
Dacelo no'ERR3672718
Nephrurus ERR3672720
Heloderm: ERR3672721
Astrochely ERR3672722
Garrulax le ERR3672723
Garrulax le ERR3672724
Goura vict ERR3672725
Goura vict ERR3672727
Callonetta ERR3672728
Ducula bic ERR3672729
Haliaeetus ERR3672730
Malacoche ERR3672732
Dinemellia ERR3672733
Necrosyrte ERR3672734
Geochelon ERR3672735
Heloderme ERR3672736
Geochelon ERR3672737
Cinnyricinc ERR3672738
Heterocep ERR3672739
Pseudechis ERR3672740
Tockus ery ERR3672741
Halcyon mERR3672742
Cacatua le ERR3672743
Corucia ze ERR3672744
Cyanopica ERR3672745
AnthropoicERR3672747
Phoenicop ERR3672748
Phoenicop ERR3672749
Ramphastc ERR3672750



Leucopsar ERR3672751
Aonyx cine ERR3672752
Phoenicop ERR3672753
Halcyon m ERR3672754
Aspidites r ERR3672755
Atelerix alt ERR3672756
Python rec ERR3672757
Potos flavt ERR3672759
Paradisaea ERR3672760
Cinnyricinc ERR3672761
Necrosyrte ERR3672762
Dendrocyc ERR3672763
Polyplectrc ERR3672765
Ramphastc ERR3672766
Argusianus ERR3672767
Columba ¢ ERR3672768
Eudocimus ERR3672769
Rhyticeros ERR3672770
Bubo lacte ERR3672771
Aonyx cine ERR3672772
Ducula bic ERR3672773
Bucorvus ¢ ERR3672774
Dinemellia ERR3672776
Polyplectrc ERR3672777
Trioceros r ERR3672778
Buteo jam:ERR3672779
Mustela pt ERR3672780
Ara ararau ERR3672781
Falco biarr ERR3672782
Grus carur ERR3672783
Tolypeutes ERR3672784
Chrysolopt ERR3672785
Necrosyrte ERR3672786
Parabuteo ERR3672787
Drymarchc ERR3672788
Treron wa: ERR3672789
Ducula bic ERR3672790
Chinchilla ERR3672791
Uromastyx ERR3672792
Scopus urr ERR3672793
Tyto alba :ERR3672794
Coendou [ ERR3672795
Suricata st ERR3672797



Stigmoche ERR3672798
Suricata st ERR3672799
Phoenicop ERR3672801
Podargus «ERR3672802
Phacochoe ERR3672803
Torgos tra ERR3672804
Chinchilla ERR3672806
Dacelo no'ERR3672809
Coendou [ERR3672810
Lemur catt ERR3672812
Varecia valERR3672813
Pongo pyc ERR3672814
Pongo pyc ERR3672815
Varecia valERR3672816
Bucorvus | ERR3672817
Acryllium \ERR3672818
Cynomys | ERR3672819
Psittacus e ERR3672820
Colobus arERR3672821
Cercopithe ERR3672822
Mandrillus ERR3672823
Mandrillus ERR3672824
Cercopithe ERR3672825
Pongo abe ERR3672826
Colobus arERR3672827
Echinops t ERR3672828
Gorilla gor ERR3672829
Giraffa can ERR3672830
Equus qua ERR3672831
Giraffa can ERR3672832
Loxodonta ERR3672833
Tragelapht ERR3672834
Equus qua ERR3672835
Atelopus vERR3672838
Cephaloph ERR3672839
Phyllobate ERR3672840
Basiliscus | ERR3672841
Trioceros r ERR3672842
CryptoprocERR3672843
Leontopitk ERR3672844
Anolis barl ERR3672845
Trioceros r ERR3672846
Strabomar ERR3672847



Basiliscus | ERR3672848
Trioceros r ERR3672849
Trachycept ERR3672850
Lepidobatr ERR3672851
Arctictis bi ERR3672852
Choloepus ERR3672853
Anolis allisERR3672854
Incilius sig ERR3672855
Basiliscus | ERR3672856
Ceratobatr ERR3672857
Saguinus ¢ ERR3672859
Pedostibes ERR3672860
Basiliscus | ERR3672863
Eublephari ERR3672864
Nephrurus ERR3672865
Atelopus v ERR3672866
Pogona vit ERR3672868
Phyllobate ERR3672870
Eublephari ERR3672874
Anolis barl ERR3672875
Anolis allis ERR3672876
Basiliscus | ERR3672877
Eublephari ERR3672878
Heloderme ERR3672879
Branchiost ERR3672880
Branchiost ERR3672881
Branchiost ERR3672882
Branchiost ERR3672883
Branchiost ERR3672884
Branchiost ERR3672885
Addax nas ERR3672989
Loxodonta ERR3672992
Loxodonta ERR3672993
Loxodonta ERR3672994
Giraffa can ERR3672998
Bos taurus ERR3673001
Cervus nip ERR3673003
Lama guar ERR3673004
Lama guar ERR3673005
Tragelapht ERR3673006
Tragelapht ERR3673007
Tragulus je ERR3673008
Tragulus je ERR3673009



Orycteropt ERR3673012
Orycteropt ERR3673013
Caracal calERR3673014
Canis lupu ERR3673015
Panthera I(ERR3673016
Panthera c ERR3673018
Panthera c ERR3673019
Saguinus | ERR3673024
Saguinus | ERR3673025
Saguinus | ERR3673026
Nycticebus ERR3673029
Nycticebus ERR3673030
Cebus ape ERR3673031
Connocha¢ERR3673032
Connocha¢ERR3673033
Connocha¢ERR3673034
Connocha¢ERR3673035
Tragelapht ERR3673036
Tragelapht ERR3673038
Hippotragt ERR3673040
Aepyceros ERR3673042
Callithrix g ERR3673043
Saimiri bol ERR3673045
Antidorcas ERR3673047
Equus zebIERR3673048
Equus zebi ERR3673049
Equus gre\ERR3673050
Tragelapht ERR3673051
Antidorcas ERR3673052
Hylobates ERR3673053
Connocha¢ERR3673054
Aepyceros ERR3673056
Notamacrc ERR3673057
Equus zebERR3673058
Cebus ape ERR3673059
Equus asin ERR3673061
Saimiri bol ERR3673062
Equus gre\ ERR3673063
Aepyceros ERR3673064
Lycaon pic ERR3673065
Equus burcERR3673066
Panthera I(ERR3673067
Saimiri bol ERR3673068



Oryx gazel ERR3673069
Panthera IcERR3673070
Lutra lutra ERR3673071
Bos javanicERR3673072
Equus her ERR3673073
Equus herr ERR3673074
Tragelapht ERR3673076
Canis lupu ERR3673077
Budorcas t ERR3673078
Ammotrag ERR3673080
Ursus arctcERR3673081
Cervus nip ERR3673082
Axis porcir ERR3673084
Oryx damr ERR3673086
Oryx beisa ERR3673087
Oryx leucc ERR3673088
Cercopithe ERR3673089
Cercocebu ERR3673090
Cercocebu ERR3673091
Vicugna vi ERR3673092
Notamacrc ERR3673093
Vicugna vi ERR3673094
Antilope ctERR3673107
Equus asin ERR3673108
Pongo pyc ERR3673110
Dasyproct: ERR3673112
Antilope ctERR3673113
Axis axis ERR3673114
Equus asin ERR3673115
Muntiacus ERR3673116
Rhinocero<ERR3673117
Semnopitk ERR3673118
Erythroceb ERR3673119
Callithrix a ERR3673120
Cercopithe ERR3673124
Antidorcas ERR3673125
Prionailuru ERR3673126
Cabassous ERR3673127
Dasypus n ERR3673128
Tamandua ERR3673129
Potos flavt ERR3673130
Galictis vit ERR3673131
Eira barbal ERR3673132



Puma yagcERR3673133
Gorilla gor ERR3673134
Dolichotis ERR3673138
Camelus d ERR3673139
Axis axis ERR3673141
Leptailurus ERR3673142
Pithecia pi ERR3673143
Panthera [(ERR3673144
Boa constr ERR3673147
Boa constr ERR3673149
Suricata st ERR3673152
Ardeotis kiERR3673153
Crax albertERR3673154
Aceros cor ERR3673155
Dromaius ERR3673156
Eudromia 1ERR3673157
Ardeotis kiERR3673159
Ardeotis kiERR3673162
Mephitis n ERR3673163
AnthropoicERR3673164
Ardeotis kiERR3673166
Rhea amer ERR3673167
Strix varia ERR3673168
Strix varia ERR3673170
Phoenicop ERR3673171
Plethodon ERR3673174
Plethodon ERR3673175
Heterocep ERR3673176
Corvus cor ERR3673177
Ara chloro ERR3673178
Chinchilla ERR3673180
Tupaia bel ERR3673181
Eurycea lo ERR3673182
Eurycea bi:ERR3673183
Callosciurt ERR3673185
Sarcoramp ERR3673186
Aneides ae ERR3673187
Fukomys c ERR3673188
Heterocep ERR3673189
Callosciurt ERR3673190
Heterocep ERR3673191
Tockus decERR3673192
Platalea ajiERR3673196



Aix sponse ERR3673197
Dendrobat ERR3673198
Pheucticus ERR3673199
Zenaida gr ERR3673200
Zenaida gr ERR3673201
Mantella a ERR3673202
Octodon ¢ ERR3673203
Dendrocyc ERR3673205
Echinops t ERR3673206
Aneides ae ERR3673207
Eurypyga t ERR3673208
Plethodon ERR3673209
Paroaria ccERR3673210
Dendrobat ERR3673211
Todirampt ERR3673212
Psarocoliu: ERR3673215
Mergellus ERR3673216
Mergellus ERR3673217
Pheucticus ERR3673218
Plegadis cl ERR3673219
Dryocopus ERR3673223
Urocolius 1ERR3673225
Mergellus ERR3673229
Athene culERR3673231
Dendrocyc ERR3673232
Zenaida gr ERR3673237
Corvus cor ERR3673239
Psarocoliu: ERR3673240
Guira guiré ERR3673241
Dendrocyc ERR3673243
Dendrocyc ERR3673244
Anas acute ERR3673246
Paroaria cc ERR3673248
Anas discc ERR3673250
Platalea aji ERR3673253
Tangara e[ ERR3673256
Guira guire ERR3673257
Anas platy ERR3673258
Zenaida gr ERR3673259
Zenaida gr ERR3673260
Athene culERR3673261
Ramphoce ERR3673262
Bubulcus i ERR3673263



Grus amer ERR3673264
Mergellus ERR3673266
Macrosceli ERR3673270
Dendrocyc ERR3673272
Macrosceli ERR3673273
Apteryx au ERR3673274
Mantella a ERR3673279
Athene culERR3673280
Dendrobat ERR3673281
Pheucticus ERR3673282
Pheucticus ERR3673283
Corvus cor ERR3673284
Aix galeric ERR3673285
Octodon c ERR3673286
Echinops t ERR3673287
Macrosceli ERR3673288
Fukomys c ERR3673289
Tockus decERR3673290
Callosciurt ERR3673292
Macrosceli ERR3673293
Octodon ¢ ERR3673295
Athene culERR3673296
Chinchilla ERR3673297
Kerodon rt ERR3673299
Macrosceli ERR3673300
Pithecia pi ERR3673301
Grus amer ERR3673302
Equus feru ERR3673303
Hypogeon ERR3673304
Vulpes zer ERR3673305
Apteryx au ERR3673306
Apteryx au ERR3673307
Tolypeutes ERR3673308
Alouatta p ERR3673309
Procavia ciERR3673310
Tamandua ERR3673311
Astrochely ERR3673313
Pithecia pi ERR3673314
Melursus L ERR3673315
Equus feru ERR3673316
Dracaena (ERR3673317
Tamandua ERR3673318
Hypogeon ERR3673319



Ardeotis kiERR3673320
Felis marg ERR3673321
Felis marg ERR3673322
Sarcoramp ERR3673323
Suricata st ERR3673324
Hypogeon ERR3673325
Octodon c ERR3673326
Apteryx au ERR3673327
Plecturoce ERR3673328
Leontopitk ERR3673329
Mungos m ERR3673332
Cariama cr ERR3673333
Sarcoramp ERR3673334
Grus amer ERR3673335
Choloepus ERR3673336
Leontopitk ERR3673337
Mustela ni ERR3673338
Suricata sL ERR3673339
Aceros cor ERR3673340
Varecia rul ERR3673341
Platalea aji ERR3673342
Coendou [ ERR3673345
Phoenicop ERR3673346
Leontopitk ERR3673347
Suricata sL ERR3673348
Bettongia ERR3673350
Leontopitk ERR3673352
Callithrix g ERR3673354
Mephitis n ERR3673355
Grus amer ERR3673357
Plecturoce ERR3673358
Leontopitk ERR3673359
Melursus L ERR3673360
Equus feru ERR3673361
Helogale f ERR3673363
Panthera [(ERR3673364
Lampropel ERR3673365
Caracal calERR3673367
Erethizon (ERR3673368
Panthera t ERR3673369
Panthera t ERR3673370
Tremarcto: ERR3673371
Tremarcto:ERR3673372



Tremarcto: ERR3673373
Lynx rufus ERR3673374
Chamaelec ERR3673375
Cuora bou ERR3673377
Eublephari ERR3673378
Melursus t ERR3673380
Apteryx au ERR3673381
Crocodylus ERR3673382
Coendou [ ERR3673386
Leontopitk ERR3673387
Pavo criste ERR3673388
Callithrix g ERR3673389
Tolypeutes ERR3673390
Physignatk ERR3673391
Mungos m ERR3673393
Leontopitk ERR3673394
Grus amer ERR3673395
Tragulus n ERR3673396
Pithecia pi ERR3673398
Varecia rul ERR3673399
Pavo criste ERR3673401
Vulpes zer ERR3673403
Tamandua ERR3673404
Dasyproct: ERR3673405
Callosciurt ERR3673406
Cariama cr ERR3673408
Procavia ciERR3673409
Echinops t ERR3673410
Tragulus n ERR3673411
Ardeotis kiERR3673412
Grus amer ERR3673414
Grus amer ERR3673415
Python mcERR3673417
Rhea amer ERR3673418
Platalea ajiERR3673419
Rhea amer ERR3673420
Drymarchc ERR3673421
Varecia rul ERR3673422
Leontopitk ERR3673423
Melursus « ERR3673424
Phoenicop ERR3673425
Rhea amer ERR3673427
Alouatta p ERR3673428



Uroplatus ERR3673429
Callosciurt ERR3673431
Gonoceph. ERR3673432
Shinisauru: ERR3673436
Astrochely ERR3673438
Shinisauru: ERR3673439
Pyxis aract ERR3673441
Pseudopus ERR3673446
Eunectes r ERR3673447
Uroplatus ERR3673448
Crocodylu<ERR3673450
Aldabrach¢ERR3673451
Corucia ze ERR3673452
Alligator mn ERR3673453
Apteryx au ERR3673454
Cariama cr ERR3673455
Cariama cr ERR3673456
Ardeotis kiERR3673457
Bettongia ERR3673459
Pithecia pi ERR3673460
Apteryx at ERR3673462
Choloepus ERR3673464
Rhea amer ERR3673465
Pavo criste ERR3673467
Myrmecop ERR3673468
Rhacodact ERR3673469
Crocodylus ERR3673471
Strix varia ERR3673472
Cariama cr ERR3673473
Ardeotis kiERR3673477
Manouria ERR3673478
Equus feru ERR3673479
Uroplatus ERR3673480
Helogale  ERR3673483
Lampropel ERR3673484
Theloderm ERR3673487
Crocodylus ERR3673488
Myrmecop ERR3673489
Eudromia (ERR3673490
Tremarcto: ERR3673491
Tremarcto: ERR3673492
Tremarcto: ERR3673494
Mystacina ERR3673497



Mystacina ERR3673499
Mystacina ERR3673501
Mystacina ERR3673503
Anas auckl ERR3673505
Nestor not ERR3673513
Anas aucklERR3673515
Nestor not ERR3673517
Gallirallus ERR3673519
Anas aucklERR3673525
Apteryx au ERR3673527
Himantopt ERR3673529
Charadrius ERR3673531
Alisterus stERR3673533
Alisterus stERR3673535
Nestor me ERR3673539
Apteryx au ERR3673541
Nestor me ERR3673543
Trichoglos: ERR3673549
Anthernis ERR3673551
Apteryx au ERR3673553
Strigops h.ERR3673557
Alisterus stERR3673561
Anas rhyncERR3673563
Anas auckl ERR3673567
Anas auckl ERR3673569
Himantopt ERR3673571
Nestor not ERR3673573
Ninox nov. ERR3673575
Apteryx au ERR3673577
Apteryx au ERR3673579
Apteryx au ERR3673583
Nestor not ERR3673585
Hymenolai ERR3673587
Cyanoram| ERR3673591
Eudyptula ERR3673593
Eudyptula ERR3673595
Anas auckl ERR3673597
Porphyrio ERR3673601
Cyanoram| ERR3673605
Cyanoram| ERR3673607
Charadrius ERR3673609
Anthernis ERR3673611
Ninox nov. ERR3673613



Porphyrio ERR3673615
Hymenolai ERR3673619
Mystacina ERR3673623
Mystacina ERR3673625
Gallirallus ERR3673627
Gallirallus ERR3673629
Phalacrocc ERR3673631
Nestor not ERR3673635
Gallirallus ERR3673637
Nestor me ERR3673639
Nestor me ERR3673641
Nestor me ERR3673643
Eudyptula ERR3673645
Nestor me ERR3673649
Nestor me ERR3673651
Nestor me ERR3673653
Prosthema ERR3673655
Nestor me ERR3673659
Nestor me ERR3673661
Anas rhyncERR3673665
Psittacus e ERR3673667
Dromaius ERR3673669
Nestor me ERR3673673
Apteryx au ERR3673675
Cynictis pe ERR3673677
Diceros bicERR3673678
Phacochoe ERR3673680
Cynictis pe ERR3673684
Manis tem ERR3673686
Hystrix afriERR3673688
Papio ham ERR3673689
Tragelapht ERR3673690
Pronolagu: ERR3673691
Pronolagu: ERR3673692
Equus zebiERR3673693
Tragelapht ERR3673694
Raphicerus ERR3673713
Sylvicapra ERR3673714
Tragelapht ERR3673717
Tragelapht ERR3673720
Aepyceros ERR3673722
Aepyceros ERR3673723
Orycteropt ERR3673724



Parahyaen ERR3673726
Giraffa canERR3673728
Lycaon pic ERR3673731
Lycaon pic ERR3673732
Lycaon pic ERR3673733
Panthera IcERR3673780
Diceros bicERR3673781
Canis lupu ERR3673782
Tapirus ter ERR3673783
Pongo abe ERR3673786
Panthera L ERR3673787
Diceros bicERR3673788
Tapirus ter ERR3673789
Tremarcto: ERR3673790
Varecia rul ERR3673791
Gorilla gor ERR3673793
Tragulus je ERR3673794
Ailurus fulcERR3673796
Elephas m.ERR3673799
Elephas m.ERR3673801
Elephas m.ERR3673802
Tamandua ERR3673806
Varecia rul ERR3673807
Equus feru ERR3673811
Pongo abe ERR3673812
Myrmecop ERR3673813
Petromyzo ERR3673843
Petromyzo ERR3673848
Petromyzo ERR3673852
Petromyzo ERR3673853
Petromyzo ERR3673854
Petromyzo ERR3673859
Petromyzo ERR3673860
Petromyzo ERR3673861
Petromyzo ERR3673862
Petromyzo ERR3673863
Apteryx at ERR3673902
Casuarius {ERR3673903
Elephas m.ERR3673904
Elephas m.ERR3673905
Elephas m ERR3673906
Elephas m.ERR3673907
Notamacrc ERR3673908



Notamacrc ERR3673909
Struthio ce ERR3673910
Struthio ce ERR3673911
Loxodonta ERR3673912
Loxodonta ERR3673913
Elephas m.ERR3673914
Elephas m.ERR3673915
Elephas m.ERR3673916
Elephas m.ERR3673917
Euplectes (ERR3674024
Pytilia afra ERR3674025
Pytilia afra ERR3674026
Acrocepha ERR3674027
Pytilia mel ERR3674028
Pytilia mel ERR3674030
Estrilda astERR3674031
Anthus no ERR3674032
Euplectes (ERR3674033
Cisticola elERR3674034
Ceyx pictu ERR3674035
Euplectes (ERR3674036
Euplectes (ERR3674037
Acrocepha ERR3674038
Cisticola elERR3674039
Caprimulg ERR3674040
Dryoscopu ERR3674041
Cisticola elERR3674042
Anthus no ERR3674043
Acrocepha ERR3674044
Hypargos ERR3674045
Camaropte ERR3674046
Anthreptes ERR3674047
Dryoscopu ERR3674048
Muscicapa ERR3674051
Kaupifalco ERR3674052
Coracina p ERR3674053
Anthus no ERR3674062
Anthrepte: ERR3674063
Hypargos ERR3674064
Hypargos ERR3674065
Sylvia bori ERR3674067
Camaropte ERR3674068
Anthrepte< ERR3674069



Sylvia bori ERR3674070
Hypargos ERR3674071
Camaropte ERR3674072
Halcyon al ERR3674073
Hypargos ERR3674075
Lagonostic ERR3674076
Bubulcus i ERR3674077
Bubulcus i ERR3674078
Muscicapa ERR3674081
Merops bc ERR3674082
Merops bc ERR3674083
Centropus ERR3674085
Lanius coll ERR3674087
Glaucidiun ERR3674088
Ixobrychus ERR3674089
Plocepasse ERR3674090
Plocepasse ERR3674091
Lanius coll ERR3674092
Lanius coll ERR3674093
Vidua pare ERR3674094
Ixobrychus ERR3674095
Vidua fune ERR3674096
Hieraaetus ERR3674097
Cairina mc ERR3674098
Bubo lacte ERR3674099
Tockus na<ERR3674100
Tockus na<ERR3674101
Streptopel ERR3674102
Streptopel ERR3674103
Phyllastrer ERR3674104
Phyllastrer ERR3674105
Camaropte ERR3674106
Laniarius fitERR3674107
Hypargos ERR3674108
Pycnonotu ERR3674109
Euplectes (ERR3674110
Camaropte ERR3674111
Hypargos ERR3674112
Hypargos ERR3674113
Pycnonotu ERR3674114
Anthrepte< ERR3674115
Cisticola elERR3674116
Anthrepte< ERR3674117



Camaropte ERR3674118
Muscicapa ERR3674119
Camaropte ERR3674120
Camaropte ERR3674121
Lonchura f ERR3674122
Lagonostic ERR3674123
Hypargos ERR3674124
Glaucidiun ERR3674125
Ploceus oc ERR3674126
Camaropte ERR3674127
Anthus no ERR3674128
Muscicapa ERR3674129
Cercomela ERR3674130
Cercomela ERR3674131
Cercomela ERR3674132
Cercomela ERR3674133
Lagonostic ERR3674134
Cercomela ERR3674135
Cercomela ERR3674136
Cercomela ERR3674137
Cercomela ERR3674138
Cercomela ERR3674139
Ceyx pictu ERR3674140
Cisticola elERR3674141
Cisticola elERR3674142
Halcyon al ERR3674143
Anthus lintERR3674144
Ploceus oc ERR3674145
Camaropte ERR3674146
Accipiter tiERR3674147
Dryoscopu ERR3674148
Phyllastrer ERR3674149
Ploceus oc ERR3674150
Lonchura f ERR3674151
Muscicapa ERR3674152
Ceyx pictu ERR3674153
Camaropte ERR3674154
Phyllastrer ERR3674155
Passer dor ERR3674156
Passer dor ERR3674157
Passer dor ERR3674158
Passer dor ERR3674159
Passer dor ERR3674160



Passer dor ERR3674161
Passer dor ERR3674162
Passer dor ERR3674163
Columba | ERR3674164
Columba I ERR3674165
Merops ag ERR3674333
Euplectes (ERR3674335
Cisticola elERR3674336
Merops pt ERR3674339
Lagonostic ERR3674340
Laniarius ftERR3674341
Euplectes (ERR3674344
Euplectes (ERR3674345
Merops pt ERR3674348
Merops pt ERR3674350
Lagonostic ERR3674352
Euplectes (ERR3674353
Merops pt ERR3674354
Cisticola elERR3674355
Cisticola elERR3674356
Euplectes (ERR3674361
Merops pt ERR3674362
Merops pt ERR3674363
Lagonostic ERR3674365
Lagonostic ERR3674366
Lagonostic ERR3674367
Dryoscopu ERR3674373
Falco subk ERR3674374
Indicator it ERR3674378
Camaropte ERR3674379
Hypargos ERR3674380
Ploceus oc ERR3674381
Ploceus oc ERR3674382
Hypargos ERR3674384
Uraegintht ERR3674385
Sylvia bori ERR3674390
Bubulcus i ERR3674403
Lamprotor ERR3674404
Lamprotor ERR3674408
Centropus ERR3674410
Corynorhir ERR3675358
Myotis luc ERR3675359
Myotis vol ERR3675360



Myotis luc ERR3675361
Myotis luc ERR3675362
Pseudois r ERR3680746
Hippotragi ERR3680749
Ceratother ERR3680754
Ceratother ERR3680755
Centrochel ERR3680761
Cervus nip ERR3680762
Orycteropt ERR3680770
Orycteropt ERR3680771
Saguinus | ERR3680787
Nycticebus ERR3680788
Acinonyx j ERR3680792
Hippotragt ERR3680793
Microcebu ERR3680795
Saimiri bol ERR3680797
Suricata st ERR3680799
Testudo h¢ ERR3680803
Macaca sy ERR3680815
Cercopithe ERR3680816
Trachypith ERR3680821
Crocuta cr ERR3680824
Panthera [(ERR3680825
Puma concERR3680826
Panthera ¢ ERR3680827
Gorilla gor ERR3680828
Boselaphu: ERR3680830
Dolichotis ERR3680831
Helogale I ERR3680832
Kobus lect ERR3680833
Loxodonta ERR3680834
Okapia jot ERR3680835
Suricata st ERR3680836
Macaca sil ERR3680837
Leontopitt ERR3680838
Saguinus ¢ ERR3680839
Pithecia pi ERR3680840
Ateles fusc ERR3680841
Colobus g ERR3680842
Gorilla gor ERR3680843
Ailuropod: ERR3680844
Callosciurt ERR3680845
Urocitellus ERR3680846



Phascolarc ERR3680847
Connocha¢ERR3680848
Axis porcir ERR3680850
Otocyon n ERR3680851
Gorilla gor ERR3680854
Hippotragt ERR3680855
Trichechus ERR3680856
Trichechus ERR3680857
Ceratother ERR3680859
Ceratother ERR3680860
Canis mesERR3680862
Acinonyx j ERR3680865
Acinonyx j ERR3680866
Phacochoe ERR3680867
Phacochoe ERR3680868
Antidorcas ERR3680871
Antidorcas ERR3680872
Antidorcas ERR3680873
Phacochoe ERR3680876
Connocha¢ERR3680877
Oryx gazel ERR3680878
Tragelapht ERR3680879
Papio ham ERR3680880
Hystrix afriERR3680881
Hystrix afri ERR3680882
Cynictis pe ERR3680884
Manis tem ERR3680886
Connocha¢ERR3680889
Orycteropt ERR3680915
Tragelapht ERR3680917
Tragelapht ERR3680919
Ceratother ERR3680920
Equus qua ERR3680922
Equus qua ERR3680923
Tragelapht ERR3680924
Alcelaphus ERR3680926
Oryx gazel ERR3680927
Hippotragt ERR3680928
Hippotragi ERR3680929
Giraffa can ERR3680931
Aepyceros ERR3680932
Equus zebIERR3680937
Kobus ellif ERR3680939



Galerella p ERR3680941
Lycaon pic ERR3680942
Bothriechis ERR3680948
Gorilla gor ERR3680951
Eulemur rt ERR3680959
Rhacodact ERR3680960
Varanus m ERR3680961
Varanus m ERR3680964
Eulemur rt ERR3680965
Rhacodact ERR3680967
Varecia rul ERR3680968
Elephas m.ERR3680969
Procavia ciERR3680974
Equus burcERR3680975
Elephas m.ERR3680980
Myrmecop ERR3680981
Rhacodact ERR3680982
Iguana igu ERR3680983
Struthio ce ERR3685140
Struthio ce ERR3685141
Rhea amer ERR3685142
Urocitellus ERR3685143
Urocitellus ERR3685144
Urocitellus ERR3685145
Urocitellus ERR3685146
Urocitellus ERR3685147
Urocitellus ERR3685148
Urocitellus ERR3685149
Urocitellus ERR3685150
Urocitellus ERR3685151
Urocitellus ERR3685152
Urocitellus ERR3685153
Urocitellus ERR3685154
Urocitellus ERR3685155
Urocitellus ERR3685156
Urocitellus ERR3685157
Urocitellus ERR3685158
Urocitellus ERR3685159
Urocitellus ERR3685160
Urocitellus ERR3685161
Urocitellus ERR3685162
Urocitellus ERR3685163
Urocitellus ERR3685164



Urocitellus ERR3685165
Urocitellus ERR3685166
Urocitellus ERR3685167
Urocitellus ERR3685168
Urocitellus ERR3685169
Urocitellus ERR3685170
Casuarius {ERR3685171
Dromaius ERR3685172
Elaphe sch ERR3685265
Casuarius (ERR3685266
Rollulus ro ERR3685273
Balearica f ERR3685275
Cariama cr ERR3685276
Eudocimus ERR3685277
Pauxi paux ERR3685278
Rhabdomy ERR3685355
Rhabdomy ERR3685356
Chaerephc ERR3318575
Chaerephc ERR3318578
Chaerephc ERR3318581
Chaerephc ERR3318584
Chaerephc ERR3318587
Chaerephc ERR3318590
Chaerephc ERR3318593
Chaerephc ERR3318596
Chaerephc ERR3318601
Chaerephc ERR3318604
Chaerephc ERR3318607
Chaerephc ERR3318612
Micropterc ERR3318620
Micropterc ERR3318628
Micropterc ERR3318637
Minioptert ERR3318753
Rhinolopht ERR3318755
Rousettus ERR3318758
Rousettus ERR3318761
Rousettus ERR3318764
Myotis tric ERR3318766
Minioptert ERR3318769
Minioptert ERR3318772
Minioptert ERR3318773
Minioptert ERR3318775
Minioptert ERR3318778



Minioptert ERR3318779
Epomophc ERR3318780
Nycteris ar ERR3318783
Stenonycte ERR3318786
Stenonycte ERR3318790
Myonycter ERR3318794
Stenonycte ERR3318807
Stenonycte ERR3318810
Stenonycte ERR3318814
Nycteris ar ERR3318817
Epomophc ERR3318820
Rhinolophi ERR3318825
Rhinolopht ERR3318829
Stenonycte ERR3318832
Stenonycte ERR3318837
Stenonycte ERR3318841
Stenonycte ERR3318848
Stenonycte ERR3318851
Stenonycte ERR3318855
Stenonycte ERR3318859
Rhinolophi ERR3318863
Scotoecus ERR3318864
Rhinolopht ERR3318866
Rhinolophi ERR3318868
Rhinolopht ERR3318870
Epomophc ERR3318872
Stenonycte ERR3318875
Stenonycte ERR3318877
Epomophc ERR3318878
Stenonycte ERR3318880
Stenonycte ERR3318883
Stenonycte ERR3318886
Stenonycte ERR3318889
Stenonycte ERR3318890
Stenonycte ERR3318892
Stenonycte ERR3318896
Stenonycte ERR3318898
Stenonycte ERR3318901
Stenonycte ERR3318902
Stenonycte ERR3318905
Epomophc ERR3318908
Stenonycte ERR3318911
Stenonycte ERR3318914



Stenonycte ERR3318918
Stenonycte ERR3318921
Scotoecus ERR3318924
Scotoecus ERR3318927
Scotoecus ERR3318930
Rhinolophi ERR3318933
Rhinolophi ERR3318935
RhinolophtERR3318938
Rhinolopht ERR3318940
Stenonycte ERR3318943
Stenonycte ERR3318946
Stenonycte ERR3318949
Stenonycte ERR3318952
Stenonycte ERR3318955
Stenonycte ERR3318958
Stenonycte ERR3318961
Otomops | ERR3318974
Otomops | ERR3318977
Otomops | ERR3318980
Otomops | ERR3318985
Otomops | ERR3318988
Otomops ERR3318991
Otomops | ERR3318994
Otomops | ERR3318996
Otomops | ERR3318999
Otomops | ERR3319002
Otomops | ERR3319005
Otomops | ERR3319008
Otomops ERR3319011
Otomops | ERR3319014
Otomops |ERR3319017
Otomops | ERR3319020
Otomops | ERR3319023
Otomops | ERR3319026
Otomops | ERR3319029
Otomops | ERR3319032
Otomops ERR3319035
Otomops |ERR3319038
Otomops | ERR3319041
Otomops | ERR3319044
Otomops | ERR3319047
Otomops | ERR3319050
Rousettus ERR3319061



Rousettus
Rousettus
Rousettus
Rousettus
Rousettus
Rousettus
Rousettus
Rousettus
Rousettus
Triaenops
Triaenops
Triaenops
Triaenops
Triaenops
Triaenops
Triaenops

ERR3319064
ERR3319067
ERR3319071
ERR3319074
ERR3319077
ERR3319082
ERR3319085
ERR3319087
ERR3319089
ERR3319091
ERR3319093
ERR3319098
ERR3319101
ERR3319104
ERR3319107
ERR3319110

ERR3319113
Triaenops ERR3319116
Minioptert ERR3319119
Minioptert ERR3319122
Minioptert ERR3319125
Minioptert ERR3319128
Minioptert ERR3319130
Minioptert ERR3319133
Minioptert ERR3319136
Minioptert ERR3319139
Minioptert ERR3319142
Minioptert ERR3319147
Minioptert ERR3319150
Minioptert ERR3319153
Minioptert ERR3319156
Minioptert ERR3319159
Minioptert ERR3319162
Hipposidel ERR3319165
Hipposidel ERR3319168
Hipposidel ERR3319171
HipposidelERR3319173
Hipposidel ERR3319176
Hipposidel ERR3319181
Hipposidel ERR3319184
Hipposidel ERR3319188
Hipposidel ERR3319191
Coleura af ERR3319194

Triaenops



Coleura afl[ERR3319197
Coleura afi[ERR3319200
Coleura af ERR3319203
Coleura afi[ERR3319206
Coleura afi[ERR3319209
Coleura af ERR3319212
Coleura afl[ERR3319217
Coleura af ERR3319221
Hipposidel ERR3319224
Hipposidel ERR3319226
Hipposidel ERR3319228
Hipposidel ERR3319231
Hipposidel ERR3319234
Hipposidel ERR3319237
Hipposidel ERR3319240
Minioptert ERR3319251
Coleura af [ERR3319254
Minioptert ERR3319257
Minioptert ERR3319259
Rousettus ERR3319262
Minioptert ERR3319265
Minioptert ERR3319270
Minioptert ERR3319271
Minioptert ERR3319274
Scotophilu ERR3319283
Epomophc ERR3319286
Minioptert ERR3319291
Rhinolopht ERR3319297
Minioptert ERR3319299
Minioptert ERR3319302
Minioptert ERR3319305
Minioptert ERR3319309
Minioptert ERR3319312
Minioptert ERR3319315
Minioptert ERR3319318
Minioptert ERR3319320
Minioptert ERR3319322
Minioptert ERR3319325
Minioptert ERR3319328
Rhinolophi ERR3319331
Rhinolopht ERR3319334
Rhinolophi ERR3319336
RhinolophtERR3319339



Rhinolophi ERR3319342
Rhinolopht ERR3319344
Rhinolopht ERR3319347
RhinolophtERR3319350
Rhinolophi ERR3319352
Rhinolophi ERR3319355
Rhinolophi ERR3319358
Rhinolopht ERR3319360
Rhinolophi ERR3319363
RhinolophtERR3319368
Rhinolophi ERR3319371
Rhinolophi ERR3319375
Rhinolopht ERR3319378
Rhinolophi ERR3319381
Rhinolophi ERR3319383
Minioptert ERR3319385
Minioptert ERR3319387
Minioptert ERR3319390
Minioptert ERR3319392
Minioptert ERR3319395
Minioptert ERR3319397
Minioptert ERR3319400
Minioptert ERR3319402
Minioptert ERR3319405
Minioptert ERR3319408
Rhinolophi ERR3319411
Minioptert ERR3319414
Minioptert ERR3319417
Minioptert ERR3319420
Minioptert ERR3319423
Minioptert ERR3319426
Minioptert ERR3319429
Minioptert ERR3319432
Minioptert ERR3319435
Minioptert ERR3319438
Minioptert ERR3319441
Minioptert ERR3319444
Minioptert ERR3319447
Minioptert ERR3319450
Minioptert ERR3319453
Minioptert ERR3319455
Hipposidel ERR3319458
Hipposidel ERR3319461



Hipposidel ERR3319464
Hipposidel ERR3319467
Hipposidel ERR3319470
Hipposidel ERR3319473
Hipposidel ERR3319476
Hipposidel ERR3319479
Hipposidel ERR3319484
Hipposidel ERR3319487
Hipposidel ERR3319490
Rhinolophi ERR3319492
Hipposidel ERR3319496
Hipposidel ERR3319499
Hipposidel ERR3319501
Hipposidel ERR3319504
Hipposidel ERR3319507
Hipposidel ERR3319510
Hipposidel ERR3319513
Hipposidel ERR3319516
Hipposidel ERR3319519
Hipposidel ERR3319522
Hipposidel ERR3319525
Hipposidel ERR3319528
Hipposidel ERR3319531
Nycteris tk ERR3319534
Nycteris tk ERR3319538
Nycteris tt ERR3319541
Nycteris tk ERR3319545
Nycteris tk ERR3319548
Rhinolopht ERR3319551
Rhinolophi ERR3319554
Rhinolopht ERR3319557
Rhinolopht ERR3319560
Rhinolophi ERR3319563
Rhinolophi ERR3319566
Rhinolopht ERR3319569
Rhinolophi ERR3319571
Rhinolopht ERR3319574
Rhinolophi ERR3319577
RhinolophtERR3319580
Rhinolophi ERR3319584
Hipposidel ERR3319588
Hipposidel ERR3319590
Hipposidel ERR3319593



Hipposidel ERR3319596
Hipposidel ERR3319601
Hipposidel ERR3319604
Hipposidel ERR3319607
Hipposidel ERR3319610
Hipposidel ERR3319614
Hipposidel ERR3319618
Minioptert ERR3319622
Minioptert ERR3319624
Minioptert ERR3319627
Minioptert ERR3319629
Minioptert ERR3319631
Minioptert ERR3319634
Minioptert ERR3319637
Minioptert ERR3319641
Minioptert ERR3319644
Minioptert ERR3319647
Minioptert ERR3319649
Minioptert ERR3319653
Hipposidel ERR3319662
Hipposidel ERR3319665
Hipposidel ERR3319668
Hipposidel ERR3319670
Hipposidel ERR3319674
Hipposidel ERR3319676
Hipposidel ERR3319680
Hipposidel ERR3319684
Hipposidel ERR3319687
Hipposidel ERR3319689
Minioptert ERR3319693
Minioptert ERR3319695
Minioptert ERR3319697
Minioptert ERR3319699
Minioptert ERR3319701
Minioptert ERR3319703
Minioptert ERR3319706
Minioptert ERR3319709
Minioptert ERR3319712
Minioptert ERR3319715
Hipposidel ERR3319716
Rousettus ERR3319719
Nycteris ar ERR3319722
Scotophilu ERR3319725



Hipposidel ERR3319726
Hipposidel ERR3319728
Hipposidel ERR3319729
Hipposidel ERR3319730
Rhinolophi ERR3319732
Hipposidel ERR3319734
Hipposidel ERR3319736
Hipposidel ERR3319737
Hipposidel ERR3319739
Hipposidel ERR3319741
Hipposidel ERR3319743
Hipposidel ERR3319745
Myonycter ERR3319747
Scotophilu ERR3319750
Neoromici ERR3319752
Rhinolophi ERR3319756
Rhinolopht ERR3319759
Rhinolophi ERR3319762
Rhinolophi ERR3319765
Rhinolophi ERR3319768
Rhinolophi ERR3319771
Rhinolophi ERR3319774
Rhinolopht ERR3319776
Rhinolopht ERR3319777

Rousettus
Rousettus
Rousettus
Rousettus
Rousettus
Rousettus
Rousettus
Rousettus
Rousettus
Rousettus
Rousettus
Rousettus
Rousettus
Rousettus
Rousettus

ERR3319778
ERR3319780
ERR3319783
ERR3319785
ERR3319787
ERR3319789
ERR3319791
ERR3319792
ERR3319794
ERR3319796
ERR3319798
ERR3319800
ERR3319801
ERR3319804
ERR3319806

Cyprinus ¢ ERR1538302
Cyprinus ¢ ERR1538303
Cyprinus ¢ ERR1538304
Cyprinus ¢ ERR1538360



Cyprinus ¢ ERR1538379
Gila robus ERR1538442
Gila robus' ERR1538443
Gila robus ERR1538445

Ilguana
Iguana
Ilguana
Iguana
Iguana
Iguana
Ilguana
Iguana
Iguana
Iguana
Iguana
Iguana
Iguana
Iguana
Iguana
Iguana
Iguana
Iguana
Iguana
Iguana
Iguana
Iguana
lguana
Ilguana
lguana
Ilguana
lguana
Ilguana
lguana
Ilguana
lguana
Ilguana
Iguana
lguana
Iguana
lguana
Iguana
lguana
Iguana

igu ERR1558923
igu ERR1558924
igu ERR1558925
igu ERR1558926
igu ERR1558927
igu ERR1558928
igu ERR1558929
igu ERR1558930
iguERR1558933
igu ERR1558934
igu ERR1558935
igu ERR1558936
igu ERR1558937
igu ERR1558938
iguERR1558939
igu ERR1558940
igu ERR1558941
igu ERR1558942
igu ERR1558943
igu ERR1558947
igu ERR1558948
igu ERR1558950
igu ERR1558951
igu ERR1558953
igu ERR1558956
igu ERR1558958
igu ERR1558959
igu ERR1558960
igu ERR1558961
igu ERR1558962
iguERR1558963
igu ERR1558964
igu ERR1558965
igu ERR1558966
igu ERR1558967
igu ERR1558968
igu ERR1558969
igu ERR1558972
igu ERR1558974



Iguana igu ERR1558984
Iguana igu ERR1558985
Ilguana igu ERR1558986
Iguana igu ERR1558987
Ilguana igu ERR1558988
Iguana igu ERR1558990
Ilguana igu ERR1558992
Iguana igu ERR1558993
Iguana igu ERR1558994
Iguana igu ERR1558995
Ilguana igu ERR1558996
Iguana igu ERR1558997
Ilguana igu ERR1558998
Iguana igu ERR1558999
Ilguana igu ERR1559000
Iguana igu ERR1559001
Ilguana igu ERR1559002
Iguana igu ERR1559003
Iguana igu ERR1559004
Iguana igu ERR1559009
Iguana igu ERR1559011
Iguana igu ERR1559013
Iguana igu ERR1559014
Iguana igu ERR1559015
Iguana igu ERR1559016
Iguana igu ERR1559017
Ilguana igu ERR1559018
Iguana igu ERR1559019
Ilguana igu ERR1559020
Iguana igu ERR1559021
lguana igu ERR1559022
Rhinopithe ERR1513248
Rhinopithe ERR1513250
Rhinopithe ERR1513251
Rhinopithe ERR1513252
Rhinopithe ERR1513253
Rhinopithe ERR1513254
Rhinopithe ERR1513255
Rhinopithe ERR1513256
Rhinopithe ERR1513257
Macaca th ERR1513258
Macaca th ERR1513259
Macaca th ERR1513260



Macaca th ERR1513261
Macaca th ERR1513262
Macaca th ERR1513263
Rhinopithe ERR1513264
Rhinopithe ERR1513266
Rhinopithe ERR1513268
Rhinopithe ERR1513270
Rhinopithe ERR1513272
Rhinopithe ERR1513284
Rhinopithe ERR1513286
Rhinopithe ERR1513288
Ateles geo ERR1513290
Ateles geo ERR1513291
Ateles geoc ERR1513292
Ateles geo ERR1513293
Ateles gec ERR1513294
Ateles geo ERR1513295
Ateles geo ERR1513296
Ateles geo ERR1513297
Ateles geo ERR1513298
Ateles geo ERR1513299
Ateles geo ERR1513300
Ateles geo ERR1513301
Ateles gec ERR1513302
Ateles geo ERR1513303
Ateles gec ERR1513304
Ateles geo ERR1513305
Ateles geo ERR1513306
Ateles geo ERR1513307
Ateles geo ERR1513308
Ateles geo ERR1513309
Ateles geo ERR1513310
Ateles geo ERR1513311
Colobus gt ERR1513312
Colobus giERR1513313
Pygathrix rERR1513314
Pygathrix r ERR1513316
Trachypith ERR1513318
Trachypith ERR1513320
Trachypith ERR1513322
Trachypith ERR1513324
Pygathrix rERR1513326
Trachypith ERR1513328



Trachypith ERR1513330
Trachypith ERR1513332
Nasalis lar ERR1513334
Nasalis lar ERR1513336
Nasalis lar ERR1513338
Nasalis lar ERR1513340
Nasalis lar ERR1513342
Nasalis lar ERR1513344
Trachypith ERR1513346
Trachypith ERR1513348
Trachypith ERR1513350
Pygathrix t ERR1513352
Pygathrix r ERR1513354
Pygathrix r ERR1513356
Pygathrix rERR1513358
Trachypith ERR1513360
Trachypith ERR1513362
Trachypith ERR1513364
Nasalis lar ERR1513366
Nasalis lar ERR1513367
Nasalis lar ERR1513368
Nasalis lar ERR1513369
Nasalis lar ERR1513370
Nasalis lar ERR1513371
Nasalis lar ERR1513372
Nasalis lar ERR1513373
Nasalis lar ERR1513374
Nasalis lar ERR1513375
Nasalis lar ERR1513376
Nasalis lar ERR1513377
Nasalis lar ERR1513378
Nasalis lar ERR1513379
Nasalis lar ERR1513380
Nasalis lar ERR1513382
Nasalis lar ERR1513384
Trachypith ERR1513386
Trachypith ERR1513387
Colobus gl ERR1513388
Colobus g ERR1513389
Pygathrix rERR1513390
Pygathrix r ERR1513391
Ateles geo ERR1513393
Ateles geoc ERR1513394



Ateles geo ERR1513396
Ateles geo ERR1513397
Ateles geo ERR1513398
Ateles geo ERR1513399
Ateles geo ERR1513400
Ateles geo ERR1513401
Ateles geo ERR1513402
Ateles gec ERR1513403
Ateles geo ERR1513404
Ateles geo ERR1513405
Ateles geo ERR1513406
Ateles geo ERR1513407
Trachops ¢ ERR1462803
Vampryres ERR1462804
Sturnira liliERR1462805
Sturnira liliIERR1462806
Myotis ele ERR1462807
Carollia so ERR1462808
Myotis ele ERR1462809
Saccoptery ERR1462811
Sturnira liliERR1462812
Myotis ele ERR1462813
Pteronotus ERR1462814
Glossopha ERR1462815
Micronycte ERR1462816
Pteronotus ERR1462817
Lophoston ERR1462818
Peropteryx ERR1462819
Noctilio le|ERR1462821
Antrozous ERR1462822
Artibeus litERR1462847
Carollia so ERR1462848
Myotis nig ERR1462850
Lophoston ERR1462851
Glossopha ERR1462852
Glossopha ERR1462853
Myotis sirr ERR1462854
Chrotoptel ERR1462855
Glossopha ERR1462856
Glossopha ERR1462857
Sturnira liliERR1462858
Artibeus p ERR1462859
Pteronotus ERR1462860



Pteronotus ERR1462861
Desmodus ERR1462862
Micronycte ERR1462863
Pteronotus ERR1462864
Trachops ¢ ERR1462866
Peropteryx ERR1462868
Artibeus ja ERR1462869
Mormoop: ERR1462870
Molossus «ERR1462871
Eptesicus 1 ERR1462872
Rhynchony ERR1462873
Pteronotus ERR1462874
Micronycte ERR1462875
Noctilio lefERR1462876
Myotis ele ERR1462877
Rhogeessa ERR1462878
Artibeus litERR1462879
Carollia so ERR1462880
Mormoops ERR1462881
Antrozous ERR1462882
Peropteryx ERR1462885
Pteronotus ERR1462886
Pteronotus ERR1462887
Sturnira er ERR1462888
Carollia br ERR1462889
ChoeroniscERR1462890
Sturnira er ERR1462891
ChoeroniscERR1462894
Artibeus g ERR1462895
Sturnira liliIERR1462896
Sturnira liliIERR1462897
Uroderma ERR1462898
Syncerus ¢ ERR1533282
Syncerus ¢ ERR1533286
Syncerus ¢ ERR1533290
Syncerus ¢ ERR1533294
Syncerus ¢ ERR1533300
Syncerus ¢ ERR1533306
Syncerus ¢ ERR1533312
Syncerus ¢ ERR1533317
Syncerus ¢ ERR1533323
Syncerus ¢ ERR1533327
Syncerus ¢ ERR1533330



Syncerus ¢ ERR1533336
Syncerus ¢ ERR1533339
Syncerus ¢ ERR1533345
Syncerus ¢ ERR1533348
Syncerus ¢ ERR1533353
Syncerus ¢ ERR1533354
Syncerus ¢ ERR1533360
Syncerus ¢ ERR1533366
Syncerus ¢ ERR1533372
Syncerus ¢ ERR1533377
Syncerus ¢ ERR1533382
Syncerus ¢ ERR1533389
Syncerus ¢ ERR1533393
Syncerus ¢ ERR1533399
Syncerus ¢ ERR1533404
Syncerus ¢ ERR1533409
Syncerus ¢ ERR1533413
Syncerus ¢ ERR1533417
Syncerus ¢ ERR1533422
Syncerus ¢ ERR1533427
Syncerus ¢ ERR1533432
Syncerus ¢ ERR1533437
Syncerus ¢ ERR1533444
Syncerus ¢ ERR1533446
Syncerus ¢ ERR1533450
Syncerus ¢ ERR1533455
Syncerus ¢ ERR1533458
Syncerus ¢ ERR1533463
Syncerus ¢ ERR1533467
Syncerus ¢ ERR1533471
Syncerus ¢ ERR1533476
Syncerus ¢ ERR1533481
Syncerus ¢ ERR1533484
Syncerus ¢ ERR1533489
Syncerus ¢ ERR1533494
Syncerus ¢ ERR1533497
Syncerus ¢ ERR1533503
Syncerus ¢ ERR1533508
Syncerus ¢ ERR1533512
Syncerus ¢ ERR1533517
Syncerus ¢ ERR1533523
Syncerus ¢ ERR1533529
Syncerus ¢ ERR1533533



Syncerus ¢ ERR1533537
Syncerus ¢ ERR1533538
Syncerus ¢ ERR1533547
Syncerus ¢ ERR1533548
Syncerus ¢ ERR1533554
Syncerus ¢ ERR1533556
Syncerus ¢ ERR1533558
Syncerus ¢ ERR1533562
Syncerus ¢ ERR1533568
Syncerus ¢ ERR1533572
Syncerus ¢ ERR1533575
Syncerus ¢ ERR1533582
Syncerus ¢ ERR1533586
Syncerus ¢ ERR1533589
Syncerus ¢ ERR1533590
Syncerus ¢ ERR1533595
Syncerus ¢ ERR1533600
Syncerus ¢ ERR1533609
Syncerus ¢ ERR1533613
Syncerus ¢ ERR1533615
Syncerus ¢ ERR1533618
Syncerus ¢ ERR1533621
Syncerus ¢ ERR1533626
Syncerus ¢ ERR1533631
Syncerus ¢ ERR1533635
Syncerus ¢ ERR1533642
Syncerus ¢ ERR1533646
Syncerus ¢ ERR1533649
Syncerus ¢ ERR1533653
Syncerus ¢ ERR1533662
Syncerus ¢ ERR1533663
Syncerus ¢ ERR1533667
Syncerus ¢ ERR1533672
Syncerus ¢ ERR1533676
Syncerus ¢ ERR1533679
Syncerus ¢ ERR1533682
Syncerus ¢ ERR1533684
Syncerus ¢ ERR1533688
Syncerus ¢ ERR1533689
Syncerus ¢ ERR1533693
Syncerus ¢ ERR1533696
Syncerus ¢ ERR1533699
Syncerus ¢ ERR1533704



Syncerus ¢ ERR1533706
Syncerus ¢ ERR1533710
Syncerus ¢ ERR1533713
Syncerus ¢ ERR1533717
Syncerus ¢ ERR1533720
Syncerus c ERR1533724
Syncerus ¢ ERR1533726
Syncerus ¢ ERR1533730
Syncerus ¢ ERR1533734
Syncerus ¢ ERR1533736
Syncerus ¢ ERR1533740
Syncerus c ERR1533742
Syncerus ¢ ERR1533746
Syncerus ¢ ERR1533751
Syncerus ¢ ERR1533754
Syncerus ¢ ERR1533759
Syncerus ¢ ERR1533763
Syncerus ¢ ERR1533767
Syncerus ¢ ERR1533772
Syncerus ¢ ERR1533777
Syncerus ¢ ERR1533780
Syncerus ¢ ERR1533784
Syncerus ¢ ERR1533793
Syncerus ¢ ERR1533796
Syncerus ¢ ERR1533806
Syncerus ¢ ERR1533808
Syncerus ¢ ERR1533811
Syncerus ¢ ERR1533821
Syncerus ¢ ERR1533824
Syncerus ¢ ERR1533826
Syncerus ¢ ERR1533828
Syncerus ¢ ERR1533832
Syncerus ¢ ERR1533840
Syncerus ¢ ERR1533843
Syncerus ¢ ERR1533847
Syncerus ¢ ERR1533851
Syncerus ¢ ERR1533861
Syncerus ¢ ERR1533863
Syncerus ¢ ERR1533866
Syncerus ¢ ERR1533868
Syncerus ¢ ERR1533870
Syncerus ¢ ERR1533874
Syncerus ¢ ERR1533876



Syncerus ¢ ERR1533880
Syncerus ¢ ERR1533885
Syncerus ¢ ERR1533888
Syncerus ¢ ERR1533891
Syncerus ¢ ERR1533895
Syncerus ¢ ERR1533898
Syncerus ¢ ERR1533902
Syncerus ¢ ERR1533904
Syncerus ¢ ERR1533908
Syncerus ¢ ERR1533911
Syncerus ¢ ERR1533915
Syncerus ¢ ERR1533919
Chiroxiphi: ERR1524023
Chiroxiphic ERR1524026
Chiroxiphi: ERR1524029
Columbina ERR1524031
Columbina ERR1524037
Columbing ERR1524041
Columbina ERR1524046
Columbing ERR1524047
Columbina ERR1524053
Columbing ERR1524057
Columbina ERR1524061
Columbing ERR1524065
Columbina ERR1524069
Columbing ERR1524073
Columbina ERR1524077
Columbina ERR1524085
Columbina ERR1524089
Columbina ERR1524093
Platycichla ERR1524096
Platycichla ERR1524099
Ramphoce ERR1524102
Ramphoce ERR1524105
Saltator m ERR1524111
Saltator m ERR1524114
Saltator m ERR1524117
Saltator m ERR1524120
Thraupis ERR1524123
Thraupis ERR1524127
Thraupis ERR1524129
Thraupis p ERR1524132
Turdus olinERR1524135



Turdus olivERR1524138
ZonotrichiiERR1524141
ZonotrichiiERR1524144
Ateles geoc ERR1511817
Ateles geo ERR1511819
Ateles geo ERR1511820
Ateles geoc ERR1511821
Ateles geoc ERR1511822
Ateles geo ERR1511823
Ateles gec ERR1511824
Ateles geo ERR1511825
Ateles geo ERR1511826
Ateles geo ERR1511829
Ateles geo ERR1511830
Ateles geo ERR1511831
Ateles geoc ERR1511833
Ateles geo ERR1511835
Ateles geo ERR1511838
Ateles geo ERR1511840
Ateles gec ERR1511841
Ateles geo ERR1511846
Ateles geo ERR1511847
Ateles geo ERR1511848
Ateles geo ERR1511849
Trachypith ERR1511850
Trachypith ERR1511851
Trachypith ERR1511852
Rhinopithe ERR1511853
Trachypith ERR1511854
Trachypith ERR1511855
Rhinopithe ERR1511856
Rhinopithe ERR1511857
Colobus giERR1511858
Colobus g ERR1511859
Rhinopithe ERR1511860
Rhinopithe ERR1511861
Rhinopithe ERR1511862
Rhinopithe ERR1511864
Rhinopithe ERR1511865
Rhinopithe ERR1511867
Rhinopithe ERR1511870
Rhinopithe ERR1511871
Rhinopithe ERR1511872



Rhinopithe ERR1511874
Rhinopithe ERR1511875
Rhinopithe ERR1511883
Rhinopithe ERR1511889
Ateles geo ERR1511890
Ateles gec ERR1511891
Ateles geo ERR1511892
Ateles gec ERR1511895
Ateles geo ERR1511896
Ateles geo ERR1511897
Ateles geo ERR1511898
Ateles geo ERR1511899
Ateles geo ERR1511900
Ateles gec ERR1511901
Ateles geoc ERR1511902
Ateles gec ERR1511903
Ateles geo ERR1511904
Ateles geo ERR1511906
Ateles geo ERR1511907
Ateles geo ERR1511908
Ateles geo ERR1511909
Ateles gec ERR1511910
Ateles geo ERR1511911
Ateles geoc ERR1511912
Ateles geo ERR1511913
Ateles geoc ERR1511914
Ateles geo ERR1511915
Ateles geo ERR1511916
Ateles geo ERR1511917
Ateles geo ERR1511918
Ateles geo ERR1511919
Ateles geo ERR1511920
Ateles geo ERR1511921
Ateles geoc ERR1511922
Ateles geo ERR1511923
Ateles geo ERR1511924
Ateles gec ERR1511925
Ateles geo ERR1511927
Ateles geo ERR1511928
Ateles geo ERR1511929
Ateles geo ERR1511930
Ateles geo ERR1511931
Ateles gec ERR1511932



Ateles geo ERR1511935
Ateles gec ERR1511936
Ateles geo ERR1511937
Ateles geo ERR1511938
Ateles geo ERR1511939
Ateles geo ERR1511940
Ateles geo ERR1511941
Ateles geoc ERR1511943
Ateles geo ERR1511944
Ateles geo ERR1511945
Ateles geo ERR1511946
Ateles geo ERR1511947
Ateles geo ERR1511948
Ateles geo ERR1511949
Ateles geo ERR1511950
Ateles geoc ERR1511952
Ateles geo ERR1511953
Ateles geoc ERR1511955
Ateles geo ERR1511956
Ateles geo ERR1511957
Ateles geo ERR1511958
Ateles geo ERR1511959
Ateles geo ERR1511960
Ateles geoc ERR1511961
Ateles geo ERR1511962
Ateles geoc ERR1511963
Ateles geo ERR1511964
Ateles geo ERR1511965
Ateles geo ERR1511967
Ateles geo ERR1511968
Ateles geo ERR1511969
Ateles geo ERR1511970
Ateles geo ERR1511971
Ateles geo ERR1511974
Ateles geo ERR1511975
Ateles geo ERR1511976
Ateles geo ERR1511977
Ateles geo ERR1511978
Ateles geo ERR1511979
Ateles geo ERR1511980
Ateles gec ERR1511981
Ateles geoc ERR1511982
Ateles gec ERR1511983



Carollia so ERR1535755
Carollia ca ERR1535757
Carollia pe ERR1535759
Carollia pe ERR1535762
Artibeus ir ERR1535773
Carollia pe ERR1535776
Carollia ca ERR1535779
Carollia so ERR1535785
Carollia so ERR1535786
Carollia ca ERR1535787
Carollia pe ERR1535789
Dermanur: ERR1535799
Carollia ca ERR1535809
Carollia ca ERR1535811
Carollia so ERR1535819
Carollia pe ERR1535821
Carollia so ERR1535823
Carollia pe ERR1535825
Carollia ca ERR1535830
Carollia ca ERR1535832
Carollia ca ERR1535842
Artibeus jaERR1535864
Carollia pe ERR1535871
Carollia pe ERR1535889
Carollia pe ERR1535893
Carollia pe ERR1535900
Carollia pe ERR1535901
Carollia pe ERR1535904
Carollia pe ERR1535906
Sus scrofa SRR6109350
Sus scrofa SRR6109351
Sus scrofa SRR6109352
Sus scrofa SRR6109353
Sus scrofa SRR6109354
Sus scrofa SRR6109355
Sus scrofa SRR6109356
Sus scrofa SRR6109357
Sus scrofa SRR6109358
Sus scrofa SRR6109359
Sus scrofa SRR6109360
Sus scrofa SRR6109361
Sus scrofa SRR6109362
Sus scrofa SRR6109363



Sus scrofa SRR6109364
Sus scrofa SRR6109365
Sus scrofa SRR6109366
Sus scrofa SRR6109367
Sus scrofa SRR6109368
Sus scrofa SRR6109369
Sus scrofa SRR6109370
Sus scrofa SRR6109371
Sus scrofa SRR6109372
Sus scrofa SRR6109373
Sus scrofa SRR6109374
Sus scrofa SRR6109375
Sus scrofa SRR6109376
Sus scrofa SRR6109377
Sus scrofa SRR6109378
Sus scrofa SRR6109379
Sus scrofa SRR6109380
Sus scrofa SRR6109381
Sus scrofa SRR6109382
Sus scrofa SRR6109383
Sus scrofa SRR6109384
Sus scrofa SRR6109385
Sus scrofa SRR6109386
Sus scrofa SRR6109387
Sus scrofa SRR6109388
Sus scrofa SRR6109389
Sus scrofa SRR6109390
Sus scrofa SRR6109391
Sus scrofa SRR6109392
Sus scrofa SRR6109393
Sus scrofa SRR6109394
Sus scrofa SRR6109395
Sus scrofa SRR6109396
Sus scrofa SRR6109397
Sus scrofa SRR6109398
Sus scrofa SRR6109399
Sus scrofa SRR6109400
Sus scrofa SRR6109401
Sus scrofa SRR6109402
Sus scrofa SRR6109403
Sus scrofa SRR6109404
Sus scrofa SRR6109405
Sus scrofa SRR6109406



Sus scrofa SRR6109407
Sus scrofa SRR6109408
Sus scrofa SRR6109409
Sus scrofa SRR6109410
Sus scrofa SRR6109411
Sus scrofa SRR6109412
Sus scrofa SRR6109413
Sus scrofa SRR6109414
Sus scrofa SRR6109415
Sus scrofa SRR6109416
Sus scrofa SRR6109417
Sus scrofa SRR6109418
Sus scrofa SRR6109419
Sus scrofa SRR6109420
Sus scrofa SRR6109421
Sus scrofa SRR6109422
Sus scrofa SRR6109423
Sus scrofa SRR6109424
Sus scrofa SRR6109425
Sus scrofa SRR6109426
Sus scrofa SRR6109427
Sus scrofa SRR6109428
Sus scrofa SRR6109429
Sus scrofa SRR6109430
Sus scrofa SRR6109431
Sus scrofa SRR6109432
Sus scrofa SRR6109433
Sus scrofa SRR6109434
Sus scrofa SRR6109435
Sus scrofa SRR6109436
Sus scrofa SRR6109437
Sus scrofa SRR6109438
Sus scrofa SRR6109439
Sus scrofa SRR6109440
Sus scrofa SRR6109441
Sus scrofa SRR6109442
Sus scrofa SRR6109443
Sus scrofa SRR6109444
Sus scrofa SRR6109445
Sus scrofa SRR6109446
Sus scrofa SRR6109447
Sus scrofa SRR6109448
Sus scrofa SRR6109449



Sus scrofa SRR6109450
Sus scrofa SRR6109451
Sus scrofa SRR6109452
Sus scrofa SRR6109453
Sus scrofa SRR6109454
Sus scrofa SRR7428202
Sus scrofa SRR7428203
Sus scrofa SRR7428204
Sus scrofa SRR7428205
Sus scrofa SRR7428206
Sus scrofa SRR7428207
Sus scrofa SRR7428208
Sus scrofa SRR7428209
Sus scrofa SRR7428210
Sus scrofa SRR7428211
Sus scrofa SRR7428212
Sus scrofa SRR7428213
Sus scrofa SRR7428214
Sus scrofa SRR7428215
Sus scrofa SRR7428216
Sus scrofa SRR7428217
Sus scrofa SRR7428218
Sus scrofa SRR7428219
Sus scrofa SRR7428220
Sus scrofa SRR7428221
Sus scrofa SRR7428222
Sus scrofa SRR7428223
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