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Background: In recent years, different tools have been developed to facilitate

analysis of social determinants of health (SDH) and apply this to health policy.

The possibility of generating predictive models of health outcomes which

combine a wide range of socioeconomic indicators with health problems is an

approach that is receiving increasing attention. Our objectives are twofold: (1)

to predict population health outcomes measured as hospital morbidity, taking

primary care (PC) morbidity adjusted for SDH as predictors; and (2) to analyze
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the geographic variability of the impact of SDH-adjusted PC morbidity on

hospital morbidity, by combining data sourced from electronic health records

and selected operations of the National Statistics Institute (Instituto Nacional

de Estadística/INE).

Methods: The following will be conducted: a qualitative study to select

socio-health indicators using RAND methodology in accordance with SDH

frameworks, based on indicators published by the INE in selected operations;

and a quantitative study combining two large databases drawn from different

Spain’s Autonomous Regions (ARs) to enable hospital morbidity to be

ascertained, i.e., PC electronic health records and the minimum basic data

set (MBDS) for hospital discharges. These will be linked to socioeconomic

indicators, previously selected by geographic unit. The outcome variable will

be hospital morbidity, and the independent variables will be age, sex, PC

morbidity, geographic unit, and socioeconomic indicators.

Analysis: To achieve the first objective, predictive models will be used, with a

test-and-training technique, fitting multiple logistic regression models. In the

analysis of geographic variability, penalized mixed models will be used, with

geographic units considered as random effects and independent predictors

as fixed effects.

Discussion: This study seeks to show the relationship between SDH and

population health, and the geographic differences determined by such

determinants. The main limitations are posed by the collection of data for

healthcare as opposed to research purposes, and the time lag between

collection and publication of data, sampling errors and missing data in

registries and surveys. The main strength lies in the project’s multidisciplinary

nature (family medicine, pediatrics, public health, nursing, psychology,

engineering, geography).

KEYWORDS

social determinants of health (MeSH), socioeconomic factors (MeSH), big data,
electronic health records—HER, morbidity

Introduction

Social determinants and health

Social determinants of health (SDH) are defined by the
World Health Organization as, “the conditions in which people
are born, grow, work, live, and age, and the wider set of forces
and systems shaping the conditions of daily life” (1). Indeed,
references to the influence of social and environmental factors
on health and disease processes are already to be found in the
Hippocratic Corpus, but these relationships did not assume
special importance until the appearance of explanatory models
in the latter part of the twentieth century, notably the model
of health determinants used by the former Canadian Minister
of Health, Marc Lalonde, in 1974 (2). In Spain, the reference

model is the conceptual framework of the Determinants of
Social Inequalities in Health drawn up and issued in 2010 by the
Committee to Reduce Health Inequalities (3).

There is now solid evidence to show the influence of SDH
on people’s health and wellbeing (4–6). Even so, it is important
to ensure that special consideration be given to children, since

Abbreviations: SDH, social determinants of health; INE, Instituto
Nacional de Estadística (National Statistics Institute); WHO, World Health
Organization; SSF, Stiglitz-Sen-Fitoussi; NHS, National Health System;
EHR, electronic health record; PC, primary care; PBRN, practice-based
research networks; BDCAP, Base de Datos Clínicos de Atención Primaria
(Primary Care Clinical Database); ARs, Autonomous Regions; ICPC-2,
International Classification of Primary Care; ROC, Receiver Operating
Characteristic; AUC, area under the ROC curve; RII, Relative Index
of Inequality; SII, Slope Index of Inequality; AIC, Akaike Information
Criterion.
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it is in this period when many capacities are developed and go
to form the basis of wellbeing over the course of a lifetime (7).
Protecting children from adverse economic conditions reduces
morbidity at adult age (8, 9).

The relationship between the COVID-19 pandemic and
socioeconomic status has been reported in many countries.
In Great Britain, persons living in underprivileged areas were
observed to experience COVID-19 mortality rates that were
twice as high as those of persons living in less deprived
areas (10). During the first two waves of the pandemic in
Barcelona, inequalities by age group, gender, geographic area,
and income were clearly identified (11). Restrictive measures
such as confinement, social distancing, restrictions on access
to health centers, while possibly reducing the spread of
infection, specifically impact persons who experience financial
difficulties, limiting their activity and ability to ensure healthy
nutrition, potentially increasing tobacco or alcohol use, or even
hindering care in situations of domestic violence and favoring
overcrowding in the home.

In recent years, different tools have been developed to
facilitate analysis of SDH and apply this to health policy. In
2010, the WHO published the Urban Health Equity Assessment
and Response Tool (Urban HEART), an instrument designed
to assess and respond to health inequalities in urban areas
(12). In 2017, the tool was implemented and adapted in
Barcelona, tailored to the national context and shown to be
of practical use (13). This guideline is based on indicators
of key health outcomes and the main social determinants
grouped into four policy domains (physical and infrastructural
environment, human and social development, economy, and
governance) (12).

A number of initiatives have proposed indicators which
quantify social, wellbeing, and sustainability aspects related with
health and the progress of societies (14). In this respect, one
of the most important landmarks was the Stiglitz-Sen-Fitoussi
(SSF) Report (15), which not only set the lines of subsequent
research, but also laid the foundations for the main European
surveys and statistics on the topic. In Spain, the National
Statistics Institute (Instituto Nacional de Estadística/INE) applies
a methodology similar to that used by EUROSTAT, in surveys
such as the census (16) and the Living Conditions Survey
(17). An experimental statistical exercise that draws directly on
this latter report and seeks to analyze income with a level of
breakdown by census section, is the “Atlas of Distribution of
Household Income,” included in the 2021 Census (18).

In parallel, the health administrations of various countries
are creating sets of basic indicators for the purpose of
having multidimensional executive information, containing
social determinants. This is the case of both Canada (Indicateurs
comparables de la santé) and the United Kingdom (Key Statistics
NHS). In the case of Spain, mention should be made of the
National Health System (NHS) key indicators (19), the MEDEA
project (20), and more recently, the Deprivation Index (21).

Milestones in the analysis of morbidity
with large databases

The MesH term “electronic health record (EHR)” was
introduced in 2010, with an exponential growth in PubMed
entries (currently standing at 26,236), as a consequence of
the obvious advance in information and communication
technologies. Some organizations are notable for having
demonstrated the impact and challenges of its application to the
study of health services and health policies.

In 2007, within the context of its Effective Health Care
Program, the Agency for Health Care Research and Quality
published its first guideline, “Registries for Evaluating Patient
Outcomes: A User’s Guide.” The 4th edition, issued in 2020,
along with a wide-ranging series of reports (22), have since
become reference manuals, providing guidance on best practices
for the design, functioning, analysis, and evaluation of patient
records. A registry that is properly designed, built, implemented
and analyzed, will provide unique scientific information on the
effectiveness, safety and quality of any given medical service
or intervention being studied. While the use of existing data
sources has many advantages, the challenges of interoperability
persist, and the use of these data introduces new considerations
regarding their planning, accessibility, integration, etc. In
conjunction with these technological changes, registries have
been adapted to respond to the surge in research into patient-
centered outcomes and the growing recognition that patients
should be at the center of clinical research studies.

Since 1989, the Manitoba Center for Health Policy and
Evaluation has had -and continues to have- intense academic
activity and constant interaction with the health authorities
and the community. The brunt of its research has focused
on health determinants and health service delivery from a
population perspective. E. Shapiro, N.P. Roos, L. Lix, among
many authors, have published seminal papers on the application
of administrative data to research and decision-making from a
population stance (23).

Recent years have also witnessed a considerable growth,
especially in Europe, in the use of registries as a method
of generating new scientific evidence in primary care (PC).
Practice-based research networks (PBRN) in Holland, USA,
United Kingdom and Israel are an interesting instrument for
changing the research culture and clinical practice of PC health
professionals (24). PBRN are networks of general practitioners
and other health professionals who seek to collaborate on
projects focusing on practical problems and issues, thereby
making for a constant exchange between practice and research.
In Europe, these networks are grouped into the European
General Practice Research Network, which was created in 1971
under the auspices of WONCA Europe, and has facilitated the
systematic development of research on family medicine and PC
across Europe (25).
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The leading source for analyzing PC morbidity in Spain is
the Primary Care Clinical Database (Base de Datos Clínicos de
Atención Primaria/BDCAP), a large database that systematically
collects anonymized and normalized clinical data from a sample
of 4.7 million users assigned to NHS PC teams. The 2018 NHS
Annual Report (26) shows that every person attended at PC
health centers presents with a mean of 7.8 health problems:
the breakdown by sex shows a mean of 6.9 active problems in
the case of men and 8.6 in the case of women. Moreover, the
registered number of health problems per person in PC changes
with income level, employment status, and country of birth.
A social gradient is in evidence, whereby the lower the income
level, the higher the number of health problems, across all age
groups and in both sexes. Unemployed persons register more
health problems than do economically active persons (27).

Health services in Spain’s Autonomous Regions (ARs) have
progressively embarked on an analysis of EHRs in ongoing
projects at different stages of development. Among such
projects, mention should be made of the Information System
for Research in Primary Care (Sistema de información para la
investigación en Atención Primaria/SIDIAP), conceived with the
aim of exploiting EHRs in Catalonia, which contain a certain
amount of anonymized clinical information on each citizen
ascribed to a health center (28), and the BIGAN big data
platform operated by the Aragon Health Service.

In the hospital sphere, the Specialized Care Activity Register
(Registro de Actividad de Atención Especializada/RAE-CMBD),
which pools information pertaining to the Minimum Basic Data
Set (MBDS) for discharges from acute care hospitals, is the
principal database for ascertaining morbidity in these types of
hospitals (27). There are many studies in Spain that analyze the
Specialized Care Activity Register, since it is linked to funding
based on clinical complexity (Diagnosis-Related Groups) and
requires the use of standardized, structured coding in hospitals
(29, 30). There are many other examples, both by medical
specialty and overall (31), including the Ministry of Health
patient safety indicators (19).

The possibility of generating predictive health outcome
models that combine a wide array of socioeconomic indicators
with health problems is an approach to which growing
attention is being paid. In this connection, the Personalized
Medicine Platform was recently launched by the Carlos III
Institute of Health, bringing together the Consortium Centers
for Biomedical Research (Consorcio Centro de Investigación
Biomédica en Red/CIBER) and health services countrywide:
it seeks to identify and follow up a cohort of 200,000
individuals, along with their recorded data, adopting a holistic
view of persons.

In view of the shift in scientific thinking outlined above
and the advances made in health service technology and
communications infrastructures, there are opportunities for
linking real-world data and surveys, with the ensuing possibility
of performing an innovative low-cost analysis by combining

multiple socioeconomic indicators with PC morbidity. At the
same time, the impact on health outcomes, including hospital
morbidity and mortality, could likewise be quantified.

There has been ample coverage of the role of PC in
prophylaxis of infections, prevention or delay of cardiovascular
events and preventable conditions, and early detection and
treatment of diseases that can benefit from this, with the
resulting saving, not only financial, but also in terms of suffering,
harm, hospital admissions, and quality of life. Similarly
noteworthy are analyses of preventable hospitalizations (32) and
studies on the use of hospital emergencies (33). This, coupled
with aspects such as feasibility and comparability, led us to
choose hospital morbidity as the outcome variable in this study.

We propose to analyze how social determinants influence
PC morbidity, and this, in turn, influences population health
outcomes such as hospital morbidity, by combining data from
EHRs and INE statistical operations. In addition to predictive
models, analysis by geographic area would doubtless be an
extremely helpful element when it comes to planning activities
and social and health resources. We also seek to analyze the
impact adjusted for large groups of diseases (somatic and mental
diseases, accidents and poisoning, COVID-19, chronic diseases),
adjusted for the adult and pediatric populations, and adjusted
for emergency and non-emergency admissions.

Health-prevention and health-promotion activities and/or
distribution of resources may thus be a joint reflection
of the needs and idiosyncrasies of individuals and their
environment (34).

Qualitative study to select socio-health
indicators

Cross-sectional observational study with RAND
methodology (35), a two-round modified Delphi technique,
which will be carried out electronically. The panel of
experts will consist of 15–20 persons reflecting research
experience, academic experience, gender balance, and a broad
professional spectrum.

In preparation for the meeting of experts, the study protocol
and informed consent document will be circulated. By way
of a framework, the determinants of social inequalities in
health will be furnished (3, 36), taking into account the
structural determinants (socioeconomic and political context,
and axes of inequality) and intermediate determinants of health
inequalities (material resources, psychosocial factors, behavioral
and biologic factors, and health services) for prioritization of
the indicators (37). Indicators will be presented for each of
the domains previously identified from among the following
INE surveys; Atlas of Health Determinants in Spain (38);
Municipal Voters Roll (39); Urban Audit Indicators (40);
Population and Housing Census (16); Deprivation Index
(41); Atlas of Household Income Distribution (18): Atlas of
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Urban Vulnerability (42); Residential Building Atlas (43); and
Statistical Atlas of Urban Areas (44).

The group members will evaluate the indicators twice. In
the first round, the experts will score each of the indicators,
by rating their degree of agreement on a Likert scale scored
from 1 (strongly disagree) through 9 (strongly agree), along
with the indicator’s suitability for measuring the dimension in
question. A comments section will be included so as to allow
the experts to add suggestions or observations. In the second
round, the members’ own results, together with the aggregated
results of the group, and their comments in a free text field,
will be circulated. The indicators will then be scored again,
and those whose median is above 7, without disagreement, will
be selected. The process will be managed using the eDelphi
software program (45).

Quantitative study combining large
databases

Health service EHRs, made up of all clinical data sets
containing information relevant for healthcare purposes, will
be used on an individualized basis. Any person who has been
attended at least once in the NHS has an electronic record
containing a note of any action (s) taken. For study purposes,
it will be necessary to combine two large databases, drawn from
different settings, to enable hospital morbidity to be ascertained,
i.e., PC EHRs and the MBDS for hospital discharges.

This information will be aggregated and linked with various
socioeconomic indicators, selected in the previous stage and
sourced from microdata published by the INE. Every individual
with an active PC episode will thus be linked to indicators
selected from his/her own geographic unit.

Study period: In the case of PC morbidity, active episodes
from 01/01/2016 through 31/12/2019 will be included. In the
case of hospital morbidity, the following will be considered:
general hospital morbidity, discharges from 01/01/2017 through
31/12/2019; hospital morbidity due to COVID 19, discharges
from 01/01/2020 through 31/12/2020. The availability of
socioeconomic indicators tends to vary, depending upon their
publication by the INE.

Study scope and population
According to the 2018 Voters Roll, the participating ARs

(Aragon and the Balearic Isles) have 2,491,478 inhabitants.

Inclusion/Exclusion criteria
The following will be included: for analysis of morbidity,

all patients, pediatric and adult, having an active PC EHR at
baseline; for analysis of determinants, indicators furnished as
microdata by the INE and selected by the panel of experts.

Sample size
In the participating ARs, clinical data have been registered in

the PC EHRs of their respective health services for a minimum

of ten years. A total of 93.31% of the population has a NHS
digital clinical history and is assigned to a given health center
in accordance with the NHS service portfolio.

Variables and measuring instruments
Outcome variable: Hospital morbidity (somatic and mental

diseases, accidents and poisoning, COVID-19, chronic diseases).
We will consider the principal diagnosis at discharge, as
shown in the MBDS with ICD-9-CM or ICD-10 coding,
by Autonomous Region. Somatic diseases will be categorized
differently by age group. In the adult population (over 14 years
of age): Infections, Neoplasms, Digestive, Blood, Immune
System, Cardiovascular, Locomotor, Nervous, Respiratory, Skin
and Skin Appendages, Endocrine, Urinary, Genital/Breast. In
the pediatric population (ages 0 through 14 years): Infections,
Congenital Anomalies, Neoplasms, Digestive, Blood, Immune
System, Eyes, Locomotor, Nervous, Respiratory, Skin and Skin
Appendages, Endocrine, Urinary, Genital/Breast. In the case of
chronic diseases, O’Halloran’s classification will be applied (46).

Independent variables: sex (women/men) in 5-year groups,
age, nationality, copayment, geographic unit (Autonomous
Region, province, town, basic health area, census section), PC
morbidity, and indicators selected in the previous stage related
with the dimensions identified by the Determinants of Social
Inequalities in Health. All active episodes in PC EHRs will
be selected. The International Classification of Primary Care
(ICPC-2) will be used, excluding the R codes (symptoms, signs
and abnormal clinical and laboratory findings, not elsewhere
classified). The ICPC-2 coding was designed by selecting
diseases and disorders having a prevalence of over 5% in PC,
and has a much higher degree of aggregation than does the ICD-
10. To be able to exploit morbidity as a whole, it is necessary to
use a single classification on which the remaining classifications
converge. Given that the ICD-9-CM (like the ICD-10) is, on
the whole, a far more comprehensive and detailed classification
than the ICPC-2, it follows that the base classification for a joint
exploitation must necessarily be the latter. Accordingly, this calls
for a unidirectional conversion from the fullest (ICD-9-CM or
ICD-10) to the most condensed classification (ICPC). These
equivalents have been published by the Ministry of Health.

Statistical analysis
Predictive models will be used for the impact on hospital

morbidity. In this type of model, the initial sample will be
divided into a random training sample (70%), with which
the models used will be fitted, and the rest of the data
(30%), which will be used as a test sample for validation of
such models. In particular, multiple logistic regression models
with penalizations (least absolute shrinkage and selection
operator/LASSO) will be used, which will allow us to choose
the most important variables in the studies undertaken. This
study seeks to obtain an estimator of the probability of
hospital admission or death, based on “relevant” information
yielded by all the abovedescribed predictors. At this point, it
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will be essential to use the penalizations mentioned above,
in order to prevent possible overfitting and obtain “simple”
models based on the really important variables. The outcome
variable is of the categorical type (yes/no). For greater ease
of interpretation of results, well-known measures, such as
the odds ratio and its corresponding confidence interval,
will be used for detection of significant effects. To test
the goodness-of-fit of models, we will use Nagelkerke’s R2,
which measures the proportion of the variance in health
outcomes explained by the selected predictors. In addition,
aspects of the model’s performance, including calibration and
discrimination, will also be studied. Calibration will be assessed
using Brier’s score and plotting the non-parametric estimate
of the association between observed outcome frequencies and
predicted probabilities. To validate the model’s predictive
capacity, the Receiver Operating Characteristic (ROC) curve
and corresponding area under the ROC curve (AUC) will be
used. To correct for possible optimism in the AUC values
obtained, a training sample will be used to fit the models,
along with another test sample, independent of the former,
in which the AUC-test will be calculated on the basis of the
relevant predictions.

To estimate the extent of inequalities across social class, two
indices of socioeconomic inequality in health will be computed,
i.e., the Relative Index of Inequality (RII) and the Slope Index
of Inequality (SII) (47–49). A log-binomial regression model
will be applied with the log link function for calculating the RII
and the identity link function for the SII between the health
outcomes and social variables identified in the consensus stage.

For analysis of geographic variability, penalized mixed
models will be used, taking geographic unit as random effects
(with subanalyses for each of the possible classifications,
such as census section, town, AR). The following will be
considered as fixed effects: Age, sex, PC morbidity, and
socioeconomic indicators. The response variable of interest,
hospital morbidity (with Poisson distribution), will be included
in the model. Variables will be selected using the Backward
Stepwise Regression method based on the Akaike Information
Criterion (AIC). The parsimony of the different models
obtained will be compared with the anova function, and
will be validated by examining the pertinent diagnostic plots
obtained with the residuals, to ascertain whether there are
deviations from the hypotheses assumed by these types of
models, such as normality, homoscedasticity, and absence of
atypical values.

All the statistical analyses will be performed with the R
statistical software package using the BayesX, rms, lme4 and
epiDisplay packages. These packages are available free of charge
from http://cran.r-project.org. The free software qgis1 will be
used for spatial representation.

1 https://www.qgis.org/

Discussion of the study

The main limitations of collecting data on the basis of
EHR pertain to the fact that the data have been collected for
healthcare as opposed to research purposes (50). In line with
the paper by Verheij et al. (50), we can contend that, in Spain,
the use of such data in research is well founded. The use of
EHRs is not only widespread, but the public health system
covers almost the entire population (51). Although there is
some variability between the records in the various ARs, the
differences are not substantial, in that their systematization is
regulated by law and that much of the information is unified by
means of the NHS Health Information System (52). Despite this
inter-regional variability, it should be noted that, within each
AR, the processes are highly systematized through the use of
software that unifies the records of all health professionals in the
system. Furthermore, the extensive use in Spain of standardized
classifications for many records (e.g., ICD-10 or ICPC), clinical
practice guidelines, and protocols that seek to unify and update
the clinical practice of all professionals on the basis of scientific
evidence, greatly enhances comparability (50). It should also be
stressed here that EHR systems have been implemented in Spain
for over 10 years (52) and that training and refresher courses are
held for health professionals.

The main limitations of the INE’s statistical operations
are: the time lag between collection and publication of
data; sampling or non-response errors (both controlled and
analyzed); interviewer bias (in the case of the census, this is
controlled for by having group coordinators who supervise the
work); and underrepresentation in surveys of people who prove
difficult to locate at a permanent place of abode. Despite these
limitations, the data made publicly available by the INE offer
great advantages, such as their high degree of comparability
at both a national and European level, and their homogeneity
across time, since the concepts and basic methodology remain
unaltered over long periods. Age and geographic unit at baseline
will be considered, something that will introduce a bias due to
measurement error.

By way of strengths, special mention should be made of
the integration of data sourced from two health services with
several INE surveys. This aspect renders the multidisciplinary
nature of the project obligatory, i.e., clinicians, epidemiologists,
experts in operations research, geography, and information
and communication technologies. Furthermore, it will enable
comparison of different machine learning models, such as
regression models, random forest or deep learning (53), and
geographic regressions.

The panel of experts will be made up by 15-20 experts. In
their review about consensus methods, (54), Murphy et al. state
that when combining individual judgments, more is generally
better. As the number of judges increases the reliability of a
composite judgment increases. In a theoretical study which
assumed errors of judgment around a “true” value, it was found

Frontiers in Medicine 06 frontiersin.org

https://doi.org/10.3389/fmed.2022.1012437
http://cran.r-project.org
https://www.qgis.org/
https://www.frontiersin.org/journals/medicine
https://www.frontiersin.org/


fmed-09-1012437 December 13, 2022 Time: 12:31 # 7

Couso-Viana et al. 10.3389/fmed.2022.1012437

that under most sets of assumptions, there was little advantage
in terms of “group validity” in increasing numbers much above
ten. Recently (55), the average number of experts included was
usually in the low to medium double-digit range (e.g., ID1:
median = 17 invited experts; ID11: mean = 40 experts in the first
Delphi round). However, it is not the number of participants but
the whole reporting of the method what matters most (56).

Insofar as the RAND methodology is concerned, the
appropriateness criteria and quality indicators designed with its
application would seem to possess both construct and predictive
validity (57). Moreover, it is recognized by leading institutes,
such as the NICE (National Institute for Health and Care
Excellence) in the United Kingdom or the HAS (Haute Autorité
de Santé) in France, as an appropriate consensus method for
comparison of complex processes.

Lastly, the extraction of data from the various web platforms
will be performed by technical staff specifically engaged to
manage such platforms in each AR, and will be brought into
line with a data-management plan. To analyze the information,
a specific platform will be developed, with a single server and
shared desktop for researchers, and access to the database in line
with standardized procedures.

The results of this evaluation are relevant, not only
for professionals who manage social, educational or health
service data systems, but also for scientists who explore high
dimensional social data.

Data availability statement

The original contributions presented in this study are
included in the article/supplementary material, further inquiries
can be directed to the corresponding author.

Author contributions

SC-V, CB-M, EC-I, MD-M, and AC contributed to the
conception and design of the study and participated in the
drafting of the manuscript. ML-L, AC-G, MR-Á, MZ-A, AG-F,
PP-P, RS-R, BG-Á, IG-G, EM, JJ-M, and IR contributed to
the conception and design of the study, and participated

in the critical review of the manuscript. AC-G and MD-M
consisted the pediatrics team. AC, SC-V, and MD-M were in
charge of project implementation and follow-up: this included,
inter alia, the engagement of professionals, translation of
project documentation, submission to the ethics committee,
and identification of training needs. MZ-A and AC maintained
international collaboration. JR-P, MR-Á, SR-P, and AC were
responsible for the statistical analysis. All agreed to assume
responsibility for all aspects of the study. All authors read and
approved the final manuscript.

Funding

This project received the support of a research grant
(PI21/01470) from the Carlos III Institute of Health, Ministry
of Health, Spain, cofunded by the EU European Regional
Development Fund (ERDF), in a peer-reviewed public call.
This project received a research grant from the Carlos III
Institute of Health, Ministry of Economy and Competitiveness
(Spain), awarded in the call for the creation of Network for
Research on Chronicity, Primary Care, and Health Promotion
(Red de Investigación en Cronicidad, PC y Promoción de la
Salud/RICAPPS) under reference no. RD21/0016/0022, and co-
funded with European Union - NextGenerationEU funds.

Conflict of interest

The authors declare that the research was conducted in the
absence of any commercial or financial relationships that could
be construed as a potential conflict of interest.

Publisher’s note

All claims expressed in this article are solely those of the
authors and do not necessarily represent those of their affiliated
organizations, or those of the publisher, the editors and the
reviewers. Any product that may be evaluated in this article, or
claim that may be made by its manufacturer, is not guaranteed
or endorsed by the publisher.

References

1. Organización Mundial de la Salud. Social determinants of health - global.
Geneva: WHO (2009).

2. Cofiño R, Pasarín M, Segura A. ¿Cómo abordar la dimensión colectiva de
la salud de las personas? Informe SESPAS 2012. Gac Sanit. (2012) 26:88–93. doi:
10.1016/j.gaceta.2011.07.030

3. Ministerio de Sanidad, Consumo y Bienestar Social. Comisión para Reducir las
Desigualdades Sociales en Salud en España. Avanzando hacia la equidad: propuesta

de políticas e intervenciones para reducir las desigualdades sociales en salud en
España. Madrid: Ministerio de Sanidad, Consumo y Bienestar Social (2010).

4. Salgado M, Madureira J, Mendes AS, Torres A, Teixeira JP, Oliveira MD.
Environmental determinants of population health in urban settings. A systematic
review. BMC Public Health. (2020) 20:853. doi: 10.1186/s12889-020-08905-0

5. Lund C, Brooke-Sumner C, Baingana F, Baron EC, Breuer E, Chandra P, et al.
Social determinants of mental disorders and the Sustainable Development Goals:

Frontiers in Medicine 07 frontiersin.org

https://doi.org/10.3389/fmed.2022.1012437
https://doi.org/10.1016/j.gaceta.2011.07.030
https://doi.org/10.1016/j.gaceta.2011.07.030
https://doi.org/10.1186/s12889-020-08905-0
https://www.frontiersin.org/journals/medicine
https://www.frontiersin.org/


fmed-09-1012437 December 13, 2022 Time: 12:31 # 8

Couso-Viana et al. 10.3389/fmed.2022.1012437

a systematic review of reviews. Lancet Psychiatry. (2018) 5:357–69. doi: 10.1016/
S2215-0366(18)30060-9

6. Moor I, Spallek J, Richter M. Explaining socioeconomic inequalities in
self-rated health: a systematic review of the relative contribution of material,
psychosocial and behavioural factors. J Epidemiol Community Health. (2017)
71:565–75. doi: 10.1136/jech-2016-207589

7. Sokol R, Austin A, Chandler C, Byrum E, Bousquette J, Lancaster C, et al.
Screening children for social determinants of health: a systematic review. Pediatrics.
(2019) 144:e20191622. doi: 10.1542/peds.2019-1622

8. Poulton R, Caspi A, Milne B, Thomson W, Taylor A, Sears M, et al. Association
between children’s experience of socioeconomic disadvantage and adult health: a
life-course study. Lancet. (2002) 360:1640–5. doi: 10.1016/S0140-6736(02)11602-3

9. Marmot M, Wilkinson R. Los determinantes sociales de la Salud: “los hechos
probados”. Madrid: Ministerio de Sanidad y Consumo (2008).

10. Office for National Statistics. Deaths involving COVID-19 by local area and
socioeconomic deprivation: deaths occurring between 1/03-31/07 2020 in England
and Wales. Newport: Office for National Statistics (2020).

11. Marí-Dell’Olmo M, Gotsens M, Pasarín M, Rodríguez-Sanz M, Artazcoz L,
Garcia de Olalla P, et al. Socioeconomic inequalities in COVID-19 in a European
urban area: two waves, two patterns. Int J Environ Res Public Health. (2021) 18:1256.
doi: 10.3390/ijerph18031256

12. Organización Mundial de la Salud. Centro OMS para el desarrollo sanitario
(Kobe, Japón). urban HEART: instrumento de evaluación y respuesta en materia de
equidad sanitaria en los medios urbanos. Geneva: Organización Mundial de la Salud
(2010).

13. Novoa AM, Pérez G, Espelt A, Echave C, de Olalla P, Calvo M, et al. The
experience of implementing urban HEART Barcelona: a tool for action. J Urban
Health. (2018) 95:647–61. doi: 10.1007/s11524-017-0194-6

14. Instituto Nacional de Estadística. Metodología de indicadores de calidad de
vida 2020. Paseo de la Castellana: Instituto Nacional de Estadística (2022).

15. Stiglitz, J, Sen A, Fitoussi J. Report by the commission on the measurement
of economic performance and social progress. (2009). Available online at:
https://www.researchgate.net/publication/258260767_Report_of_the_Commission
_on_the_Measurement_of_Economic_Performance_and_Social_Progress_CME
PSP (accessed January 15, 2021).

16. Instituto Nacional de Estadística. Censo de población y viviendas. informes
metodológicos estandarizados. Madrid: Instituto Nacional de Estadística (2011).

17. Instituto Nacional de Estadística. Encuesta de condiciones de vida (ECV).
Informes metodológicos estandarizados. Madrid: Instituto Nacional de Estadística
(2020).

18. Instituto Nacional de Estadística. Atlas de distribución de renta de los hogares
(ADRH) proyecto técnico. Madrid: Instituto Nacional de Estadística (2020).

19. Ministerio de Sanidad, Consumo y Bienestar Social. Indicadores clave del
sistema nacional de salud. Madrid: Ministerio de Sanidad, Consumo y Bienestar
Social (2007).

20. Martínez M, Alberich C, Botella P, Corpas F, Estarlich M. Atlas de Mortalidad
del Proyecto MEDEA3 (MEDEAPP). Available online at: https://www.uv.es/medea/
medeapp.html (accessed January 28, 2021).

21. Coma E, Ferran M, Méndez L, Iglesias B, Fina F, Medina M. Creation of a
synthetic indicator of quality of care as a clinical management standard in primary
care. Springerplus. (2013) 2:51. doi: 10.1186/2193-1801-2-51

22. Gliklich R, Leavy M, Dreyer N. Registries for evaluating patient outcomes: a
user’s guide. 4th ed. Rockville, MD: AHRQ (2007).

23. University of Manitoba, Faculty of Medicine, Community Health
Sciences, Manitoba Centre for Health Policy, Publications and Presentations.
Department of Community Health Sciences. (n.d.). Available online at
https://umanitoba.ca/faculties/health_sciences/medicine/units/chs/departmental_
units/mchp/resources/protocol/Publications_and_Presentations.html (accessed
February 21, 2021).

24. Violán Fors C, Odriozola GG, Zabaleta-del-Olmo E, Moral EG. La
investigación en atención primaria como área de conocimiento. Informe SESPAS
2012. Gac Sanit. (2012) 26:76–81. doi: 10.1016/j.gaceta.2011.05.018

25. Hummers-Pradier E, Beyer M, Chevallier P, Eilat-Tsanani S, Lionis C,
Peremans L, et al. Research agenda for general practice/family medicine and primary
health care in Europe. Maastricht: EGPRN (2009). doi: 10.3109/138147809034
52184

26. Ministerio de Sanidad, Consumo y Bienestar Social. Informe anual del sistema
nacional de salud 2018 resumen ejecutivo. Madrid: Ministerio de Sanidad, Consumo
y Bienestar Social (2018).

27. Ministerio de Sanidad, Consumo y Bienestar Social. Recursos físicos, actividad
y calidad de los servicios sanitarios informe anual del sistema nacional de salud 2018.
Madrid: Ministerio de Sanidad, Consumo y Bienestar Social (2018).

28. Red de Investigación en Atención Primaria [REDIAPP]. Sistema de
información para la investigación en atención primaria (SIDIAP). Available online
at: https://www.rediapp.org/index.php/la-red/plataformas (accessed February 17,
2021).

29. García-Lacalle J, Martín Vallespín E, Royo Montañés R. La financiación de la
sanidad pública. Efecto de los sistemas de pago prospectivos en el rendimiento de
los hospitales. Presupuesto y Gasto Público. (2009) 4:99–115.

30. Inoriza José M, Coderch J, Carreras M, Vall-llosera L, García-Goñi M,
Lisbona J, et al. La medida de la morbilidad atendida en una organización sanitaria
integrada. Gac Sanit. (2009) 23:29–37. doi: 10.1016/j.gaceta.2008.02.003

31. Hita JMC. La financiación del gasto sanitario desde la perspectiva de la
experiencia comparada. Bilbao: Fundacion BBVA 2006.

32. Gérvas J, Homar J. Las hospitalizaciones por ambulatory care sensitive
conditions (ACSC) desde el punto de vista del médico de atención primaria. Rev.
Esp. Salud Publica. (2007) 81:7–13. doi: 10.1590/S1135-57272007000100002

33. Weeks L, Macdonald M, Martin-Misener R, Helwig M, Bishop A, Iduye
D, et al. The impact of transitional care programs on health services utilization
in community-dwelling older adults: a systematic review. JBI Evid Synth. (2018)
16:345–84. doi: 10.11124/JBISRIR-2017-003486

34. Ministerio de Sanidad, Consumo y Bienestar Social. Equidad en salud
y Covid19. Análisis y propuestas para abordar la vulnerabilidad epidemiológica
vinculada a las desigualdades sociales. Madrid: Ministerio de Sanidad, Consumo
y Bienestar Social (2020).

35. Fitch K, Bernstein S, Aguilar M, Burnand B, Lacalle JR. The RAND/UCLA
appropriateness method user’s manual. Santa Monica, CA: RAND (2001).

36. Comisión para Reducir las Desigualdades Sociales en Salud en España.
Propuesta de políticas e intervenciones para reducir las desigualdades sociales en
salud en España. Gac Sanit. (2012) 26:182–9. doi: 10.1016/j.gaceta.2011.07.024

37. Espelt A, Continente X, Domingo-Salvany A, Domínguez-Berjón M,
Fernández-Villa T, Monge S, et al. La vigilancia de los determinantes sociales de
la salud. Gac Sanit. (2016) 30:38–44. doi: 10.1016/j.gaceta.2016.05.011

38. Daponte Codina A, Cabrera León A, Mateo Rodríguez I, Espinosa de
los Monteros E, Arroyo B, Sáez Z, et al. Atlas de los determinantes sociales
de la salud en España 2019: evolución y variabilidad entre las Comunidades
Autónomas. (2019). Available online at: https://dugi-doc.udg.edu/handle/10256/
18507 (accessed January 25, 2021).

39. Instituto Nacional de Estadística. Demografía y población / Padrón. Población
por municipios. Madrid: Instituto Nacional de Estadística (2011).

40. Instituto Nacional de Estadística. (National Statistics Institute). indicadores
urbanos. Madrid: Instituto Nacional de Estadística (2021).

41. Duque I, Domínguez-Berjón M, Cebrecos A, Prieto-Salceda M, Esnaola S,
Calvo Sánchez M, et al. Deprivation index by enumeration district in Spain, 2011.
Gac Sanit. (2021) 35:113–22. doi: 10.1016/j.gaceta.2019.10.008

42. Ministerio de transportes, movilidad y agenda urbana. Atlas de la
vulnerabilidad urbana en españa. Madrid: Ministerio de transportes, movilidad y
agenda urbana (2012).

43. Ministerio de Transportes, Movilidad y Agenda Urbana. Atlas de la
edificación residencial. Madrid: Ministerio de Transportes, Movilidad y Agenda
Urbana (2013).

44. Ministerio de Transportes, Movilidad y Agenda Urbana. Atlas Estadístico de
las Áreas Urbanas. Madrid: Ministerio de Transportes, Movilidad y Agenda Urbana
(2022).

45. eDelphi. Delphi method software. London: eDelphi (2022).

46. O’Halloran J, Miller GC, Britt H. Defining chronic conditions for primary
care with ICPC-2. Fam Pract. (2004) 21:381–6. doi: 10.1093/fampra/cmh407

47. Barros A, Hirakata V. Alternatives for logistic regression in cross-sectional
studies: an empirical comparison of models that directly estimate the prevalence
ratio. BMC Med Res Methodol. (2003) 3:21. doi: 10.1186/1471-2288-3-21

48. Khang Y, Yun S, Lynch J. Monitoring trends in socioeconomic health
inequalities: it matters how you measure. BMC Public Health. (2008) 8:66. doi:
10.1186/1471-2458-8-66

49. Spiegelman D, Hertzmark E. Easy SAS calculations for risk or prevalence
ratios and differences. Am J Epidemiol. (2005) 162:199–200. doi: 10.1093/aje/
kwi188

50. Verheij RA, Curcin V, Delaney BC, McGilchrist MM. Possible sources of bias
in primary care electronic health record data use and reuse. J Med Internet Res.
(2018) 20:e185. doi: 10.2196/jmir.9134

51. Ministerio de Sanidad. Consumo y Bienestar Social - Portal Estadístico
del SNS - Población de 0 y más años, en porcentaje, cubierta por el sistema
sanitario público, según la Encuesta Nacional de Salud de España 2017. (n.d.).
Available online at: https://www.mscbs.gob.es/estadEstudios/sanidadDatos/tablas/
tabla6.htm (accessed February 6, 2021).

Frontiers in Medicine 08 frontiersin.org

https://doi.org/10.3389/fmed.2022.1012437
https://doi.org/10.1016/S2215-0366(18)30060-9
https://doi.org/10.1016/S2215-0366(18)30060-9
https://doi.org/10.1136/jech-2016-207589
https://doi.org/10.1542/peds.2019-1622
https://doi.org/10.1016/S0140-6736(02)11602-3
https://doi.org/10.3390/ijerph18031256
https://doi.org/10.1007/s11524-017-0194-6
https://www.researchgate.net/publication/258260767_Report_of_the_Commission_on_the_Measurement_of_Economic_Performance_and_Social_Progress_CMEPSP
https://www.researchgate.net/publication/258260767_Report_of_the_Commission_on_the_Measurement_of_Economic_Performance_and_Social_Progress_CMEPSP
https://www.researchgate.net/publication/258260767_Report_of_the_Commission_on_the_Measurement_of_Economic_Performance_and_Social_Progress_CMEPSP
https://www.uv.es/medea/medeapp.html
https://www.uv.es/medea/medeapp.html
https://doi.org/10.1186/2193-1801-2-51
https://umanitoba.ca/faculties/health_sciences/medicine/units/chs/departmental_units/mchp/resources/protocol/Publications_and_Presentations.html
https://umanitoba.ca/faculties/health_sciences/medicine/units/chs/departmental_units/mchp/resources/protocol/Publications_and_Presentations.html
https://doi.org/10.1016/j.gaceta.2011.05.018
https://doi.org/10.3109/13814780903452184
https://doi.org/10.3109/13814780903452184
https://www.rediapp.org/index.php/la-red/plataformas
https://doi.org/10.1016/j.gaceta.2008.02.003
https://doi.org/10.1590/S1135-57272007000100002
https://doi.org/10.11124/JBISRIR-2017-003486
https://doi.org/10.1016/j.gaceta.2011.07.024
https://doi.org/10.1016/j.gaceta.2016.05.011
https://dugi-doc.udg.edu/handle/10256/18507
https://dugi-doc.udg.edu/handle/10256/18507
https://doi.org/10.1016/j.gaceta.2019.10.008
https://doi.org/10.1093/fampra/cmh407
https://doi.org/10.1186/1471-2288-3-21
https://doi.org/10.1186/1471-2458-8-66
https://doi.org/10.1186/1471-2458-8-66
https://doi.org/10.1093/aje/kwi188
https://doi.org/10.1093/aje/kwi188
https://doi.org/10.2196/jmir.9134
https://www.mscbs.gob.es/estadEstudios/sanidadDatos/tablas/tabla6.htm
https://www.mscbs.gob.es/estadEstudios/sanidadDatos/tablas/tabla6.htm
https://www.frontiersin.org/journals/medicine
https://www.frontiersin.org/


fmed-09-1012437 December 13, 2022 Time: 12:31 # 9

Couso-Viana et al. 10.3389/fmed.2022.1012437

52. Cuenca G, Oliván J. Del CMBD al big data en salud: un sistema de
información hospitalaria para el siglo XXI. Scire. (2018) 24:77–89.

53. Engchuan W, Dimopoulos AC, Tyrovolas S, Caballero F, Sanchez-Niubo A,
Arndt H, et al. Sociodemographic indicators of health status using a machine
learning approach and data from the english longitudinal study of aging (ELSA).
Med Sci Moni. (2029) 25:1994–2001. doi: 10.12659/MSM.913283

54. Murphy M, Black N, Lamping D, McKee C, Sanderson C, Askham J, et al.
Consensus development methods, and their use in clinical guideline development.
Health Technol Assess. (1998) 2:i–iv, 1–88. doi: 10.3310/hta2030

55. Niederberger M, Spranger J. Delphi technique in health sciences: a map. Front
Public Health. (2020) 8:457. doi: 10.3389/fpubh.2020.00457

56. Jünger S, Payne S, Brine J, Radbruch L, Brearley S. Guidance on conducting
and REporting DElphi studies (CREDES) in palliative care: recommendations
based on a methodological systematic review. Palliat Med. (2017) 31:684–706.
doi: 10.1177/0269216317690685

57. Naylor D. What is appropriate care? N Engl J Med. (1998) 338:1918–20.
doi: 10.1056/NEJM199806253382612

COPYRIGHT

© 2022 Couso-Viana, Bentué-Martínez, Delgado-Martín, Cabeza-
Irigoyen, León-Latre, Concheiro-Guisán, Rodríguez-Álvarez, Román-
Rodríguez, Roca-Pardiñas, Zúñiga-Antón, García-Flaquer, Pericàs-Pulido,
Sánchez-Recio, González-Álvarez, Rodríguez-Pastoriza, Gómez-Gómez,
Motrico, Jiménez-Murillo, Rabanaque and Clavería. This is an open-
access article distributed under the terms of the Creative Commons
Attribution License (CC BY). The use, distribution or reproduction in other
forums is permitted, provided the original author(s) and the copyright
owner(s) are credited and that the original publication in this journal
is cited, in accordance with accepted academic practice. No use,
distribution or reproduction is permitted which does not comply with
these terms.

Frontiers in Medicine 09 frontiersin.org

https://doi.org/10.3389/fmed.2022.1012437
https://doi.org/10.12659/MSM.913283
https://doi.org/10.3310/hta2030
https://doi.org/10.3389/fpubh.2020.00457
https://doi.org/10.1177/0269216317690685
https://doi.org/10.1056/NEJM199806253382612
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
https://www.frontiersin.org/journals/medicine
https://www.frontiersin.org/

	Analysis of the impact of social determinants and primary care morbidity on population health outcomes by combining big data: A research protocol
	Introduction
	Social determinants and health
	Milestones in the analysis of morbidity with large databases
	Qualitative study to select socio-health indicators
	Quantitative study combining large databases
	Study scope and population
	Inclusion/Exclusion criteria
	Sample size
	Variables and measuring instruments
	Statistical analysis


	Discussion of the study
	Data availability statement
	Author contributions
	Funding
	Conflict of interest
	Publisher's note
	References


